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Abstract: The impact of climate change on surface runoff and soil moisture in the source region of
the Yellow River is analyzed, which will provide a scientific basis for the rational use and protection
of water resources in the source area. In this paper, the SWAT hydrological model was coupled
with the Coupled Model Intercomparison Project (CMIP) to predict future changes in surface runoff
and soil moisture in the source region of the Yellow River. The prediction of surface runoff and soil
moisture in the Yellow River Basin was analyzed by a linear regression model. The SWAT model
rate had a calibration period R2 of 0.876 and a validation period R2 of 0.972. The trend of surface
runoff and annual mean temperature in the source region of the Yellow River from 2011 to 2022
showed an overall increasing trend, and soil moisture showed a general decreasing trend. 2011–2022
trends between surface runoff and annual mean temperature in the source region of the Yellow
River showed a highly significant difference, indicating that surface runoff flow was significantly
influenced by temperature. The difference between the trends in soil moisture and the annual mean
temperature was highly significant. The surface runoff fluctuated greatly in different years, and
the surface runoff changed greatly in different scenarios of CMIP5 (RCP2.6, RCP4.5, and RCP8.5).
For all three climate change scenarios, the surface runoff displayed a downward trend. The surface
runoff showed a similar uneven distribution for all scenarios on a yearly cycle. Under the three
climate scenarios, the runoff was highest between May and August, with a slowly increasing trend
from January to April and a slightly decreasing trend from September to December. The interannual
and interannual distribution of soil water was basically consistent with the distribution of surface
runoff, and there was an overall trend in the length of all soil water reduction scenarios. Surface
runoff and soil moisture are and will be greatly affected by climate change (mainly temperature
and precipitation). Under the three climate scenarios, the precipitation increases to some extent,
but the surface runoff and soil moisture will both decrease, which may be attributed to the greater
evaporation than the precipitation.

Keywords: SWAT; CMIP5; current status; future climate scenarios; projection; RCPs

1. Introduction

Since the 21st century, significant changes have taken place in the global climate
due to natural factors and human activities [1]. Impacts such as permafrost degradation,
vegetation destruction, and disruption of biogeochemical cycles caused by climate change
have seriously affected both human quality of life and ecosystem health. Future climate
change and its series of consequences continue to threaten the living environment [2]. At
the end of the 20th century, in order to promote the study of climate change, the World
Climate Research Program (WCRP) organized the Coupled Model Intercomparison Project
(CMIP). The CMIP5 was proposed by the WCRP and is often used to study the trends and
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characteristics of future climate change [3]. The future scenarios of RCP 2.6, RCP 4.5, and
RCP 8.5 in CMIP 5 are widely used climate simulation prediction models at present [4].

Atmospheric circulation models (GCMs) are better able to simulate climate trends
in future periods, but their output information has a low spatial resolution (generally
200 km × 200 km). Moreover, the data provided by various GCMs are grid data with a
large scale, so the prediction of regional future climate scenarios often lacks accuracy [5].
Therefore, the Statistical Down Scaling Model method (SDSM) is needed to obtain more
accurate regional climate scenarios [6]. The SDSM method can reduce the deviation of
space climate data and improve the accuracy of GCM for future climate simulations. SDSM
can improve regional resolution and reduce computational load, which can make up for the
deficiency in the CMIP5 model [7]. By applying the SDSM method to the CMIP5 model, the
simulated temperature data has good consistency with the measured data [8]. The SDSM
uses large-scale meteorological factors and forecasts to establish statistical relationships and
test the statistical relationships with site observations. The tested statistical relationships
are applied to the GCM factors [9], and different future greenhouse gas emission scenarios
are selected to generate future regional climate scenarios. In recent years, more and
more research has been carried out to compare the simulation effects of different SDSM
methods [10]. Extensive studies have been conducted on the simulation of air temperature,
precipitation, runoff, etc. by using SDSM and GCMs [11,12].

The long-term distributed hydrological model SWAT (Soil and Water Assessment
Tool) is applicable to complex watersheds with different soil types and land uses and
is now widely used around the world. [13]. Remote sensing technology can transform
the underlying surface information into pictures for use in combination with geographic
information systems to provide supporting data in the construction of SWAT models [14].
Distributed hydrological models have been widely used to simulate runoff, climate, hydrol-
ogy, soil, and vegetation at home and abroad, and a lot of results have been obtained [15,16].
Climate models and hydrological models are the main methods used to study the re-
sponse of hydrological cycle processes to changing environments. Tomer et al. (2009) [17],
Tolentino et al. (2016) [18] coupled the climate model with the eco-hydrological model to
predict future rainfall, transpiration, and hydrological cycles, respectively, and the results
were satisfactory.

Under the background of global warming, the climate of the Qinghai-Tibet Plateau,
which is known as the “climate regulator” in China, is also changing. The source region
of the Yellow River is located on the Tibetan Plateau. [19]. After the 1980s, because of
global climate change and the impact of human activities, the ecological environment of the
source area underwent significant changes. Lake shrinkage, land desertification, decreased
groundwater storage, and glacial snow melt have been observed, making the ecological
environment more fragile and sensitive [20,21]. In recent years, a number of studies have
shown that temperatures in the source region of the Yellow River have generally increased,
precipitation has decreased slightly, and river runoff has decreased frequently. Various
ecosystems have been destroyed, and environmental problems have become increasingly
prominent [22]. The changes in climate, water resources, and ecological environment in the
Yellow River Basin do not only damage the ecological security of the source region of the
Yellow River. It will also reduce the efficiency of water use in the middle and lower reaches
of the Yellow River Basin and affect its sustainable development.

At present, there is little research on surface runoff and soil moisture in the source
region of the Yellow River. Shi et al. [23] used climate diagnostics to estimate the effects of
climate change on surface runoff and soil moisture. Sun et al. [24] used wavelet analysis and
the surface model CLM4.0 [25] to estimate the impact of climate change on the hydrology
of the Yellow River Basin. However, coupling the SWAT model with the CMIP5 climate
model to study future surface runoff and soil moisture changes in the source region of the
Yellow River has not been reported. In this study, three climate scenarios (RCP2.6, RCP4.5,
and RCP8.5) were coupled with SWAT in the CMIP5 model to predict future surface runoff
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and soil moisture changes in the Yellow River source area and provide a theoretical basis
for surface runoff and soil conservation in the Yellow River source area.

2. Data Sources and Methods
2.1. Study Area

The source region of the Yellow River is located in the range of 32◦09′~36◦34′ N,
95◦54′~103◦24′ E (Figure 1), with an average elevation of more than 4 km [26]. The basin
area of the source region is about 1.22× 105 km2 [27]. The climate is cold and subhumid, and
the dry and wet conditions are obvious. The hot and cold seasons alternate, without obvious
four seasons [28]. The annual average precipitation is 310 mm, the annual evaporation
capacity of the water surface is 1300–1600 mm, and the annual average temperature
is −4◦C [29]. There are 54 main tributaries in the source area, with many tributaries at the
second and lower levels, accounting for about 50% of the drainage area [30]. There are
5300 lakes in the source area, whose sizes vary from a few square meters to several square
kilometers. The total area of the lakes is approximately 1270.77 km2, mostly lactated near
the tributaries or floodplains [31]. The source area belongs to the alpine vegetation area
of the Qinghai-Tibet Plateau. The main vegetation types are swamps, wetlands, alpine
meadows, and aquatic vegetation [32]. There are many species of animals in the source
area, mainly mammals, birds, reptiles, and amphibians [33].
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Figure 1. Location of the source region of the Yellow River.

2.2. Data Sources

The meteorological data (average annual temperature and average annual precipita-
tion) for the historical period (1961–2022) of the source region of the Yellow River were
obtained from the Climate Center of Qinghai Province, China, and the surface runoff
(1961–2022) and soil moisture data (2011–2022) were obtained from the Qinghai Provincial
Hydrological and Water Resources Survey Bureau, China.

2.3. Research Method

Three climate scenarios (RCP2.6, RCP4.5, and RCP8.5) under the CMIP5 climate model
were adopted to predict future changes in surface runoff and soil moisture in the source
region of the Yellow River. RCP2.6 represents the emission quantity and concentration
of greenhouse gases (mainly CO2, CH4, and N2O) at the lowest level. Under this climate
scenario, the types and ways of using energy has changed globally, leading to a significant
reduction in greenhouse gas emissions. RCP4.5 represents the climate change scenario
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under the intervention of climate policies. In this scenario, the utilization rate of coal and
other non-renewable fossil energy decreases, and clean energy is used in large quantities,
which significantly reduces greenhouse gas emissions. RCP8.5 represents that without
the intervention of climate policy, the highest concentrations of greenhouse gas emissions
occur and population increases substantially, which makes the emission concentration of
greenhouse gases continuously intensified.

In this paper, the “Future Scenario Prediction Data Set” made by the China Climate
Center was used. The data set is the simulation results of 21 CMIP5 global climate model.
After interpolation calculation, the data were uniformly scaled down to the same resolution,
and a set of monthly mean data under the discharge scenarios of RCP2.6, RCP4.5, and
RCP8.5 in the source region of the Yellow River from 1901 to 2005 and from 2006 to 2100
was made by using the simple average method for multi-pattern collection. (The basic
information about the 21 CMIP5 global climate model is in the Supplementary Materials,
Table S1).

2.3.1. Database Construction, Calibration, and Validation of SWAT Model

(1) Establishment of source region database of Yellow River.

The soil database, meteorological database, and runoff database were established,
respectively, in the source region of the Yellow River from 1961 to 2020. Projected the
cropped soil type map of the source region of the Yellow River, read the corresponding
values in the attribute table of the soil type map and the values in the reference table of soil
data, and found out the soil types contained in the source region of the Yellow River. SPAW
software was used to calculate the values, and three data sets including soil volume density
(Sol-BD), available soil moisture (Sol-AWC), and saturated soil water conductivity (Sol-K),
were obtained. The above three soil processed data sets were imported into SWAT model
to build user soil and complete the construction of soil database. Data such as precipitation,
air temperature, solar radiation, air pressure, relative humidity, evapotranspiration, and
wind speed from eight meteorological stations in the source region of the Yellow River were
collected, and corresponding index files were established. MATLAB and other software
were used to calculate the data for each site and obtain the monthly average. The multi-year
mean value of the data is used to fill in the missing data, and the obtained data was input
into the SWAT model to complete the construction of the meteorological database.

(2) Establishment of SWAT model.

The preprocessed Digital Elevation Model of the source region of the Yellow River
was used to extract the runoff network, and the total outlet of the Yellow River was defined
as Tang Naihai Hydrological Station. The location coordinates of the cover hydrographic
station were input into the model to divide the sub-basins of the water system. Then, the
overall parameters of the basin were calculated, and the soil data, land use/land cover
data, and surface runoff data were overlaid, and threshold values of the three thresholds to
divide the hydrological response unit (HRU). In this paper, the water system is divided
into 80 subbasins and 286 hydrological response units in the source region of the Yellow
River (Figure 2). The measured runoff data from each hydrographic station can be used for
parameter calibration and verification of the model after processing. The simulation time
of the model is 1961–2013, in which 1961–1965 is the warm-up period of the model, and the
verification time of the model is 2014–2019.

(3) Parameter sensitivity Analysis and Calibration of SWAT Model.

In this study, the parameter of runoff was analyzed using the self-contained module of
the model, and the method of the module was the LH-OAT method. The optimal parameter
values were obtained by using SWAT to rate the relevant sensitivity parameters (Table S2),
such as soil bulk density (SOL-BD) and SCS runoff curve number (CN2). According to
the value range of the parameter rate, the parameter range is continuously reduced by
iterative analysis, and the optimal solution is finally obtained as the rate value of the input
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model (Table 1). According to the results of the rate values of the sensitivity parameters,
the simulation of the model is better.
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Table 1. SWAT model parameter calibration range and result.

Parameters of the Project The Final Range Rate Constant Value

SOL-BD 1.2–1.5 1.9
CN2 35–90 73

ESCO 0.76–0.78 0.76
CH-K2 110–125 121
SOL-K 10–80 39

SOL-AWC 0–0.25 0.23
ALPHA-BF 0.2–1 0.84
GWQMN 0–5000 1337.5

EPCO 0–0.8 0.37
REVAPMN 0–500 438

(4) Verification of SWAT Model

The model has a rate period of 1961–2013 and a validation period of 2014–2019. The
deviation between the simulated values and the actual surface runoff observation data in
the calibration periods and validation was controlled within ±20%.

2.3.2. Coupling of CMIP5 Climate Model and SWAT Hydrological Model

By using the Future Scenario Forecast Data Set produced by China Climate Center, the
monthly average data of the Yellow River under the emission scenarios of RCP2.6, RCP4.5,
and RCP8.5 from 2023 to 2100 in the Future Scenario Forecast Data Set made by China
Climate Center are introduced into the SWAT model to drive the standardized and verified
SWAT model. The statistical downscaling method was adopted to downscale the output
results. The meteorological data results after processing and the collected spatial, soil, and
hydrological data of the source region of the Yellow River were taken as the initial data
of the calibrated SWAT hydrological model and imported into the model for calculation.
Then the data on surface runoff and soil moisture in the source region of the Yellow River
from 2023 to 2100 were predicted (the flow chart is shown in Figure S1).

3. Results and Analysis
3.1. SWAT Model Rate Determination and Validation

The comparison between the simulated values at the calibration and verification peri-
ods and the actual observation values at the hydrological station is shown in
Figures 3–5. There was a certain deviation between the numerical value simulated by
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the model and the actual observation data of the hydrological station, but the deviation
was within ±20%.
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The simulation and evaluation results of monthly runoff in the source region of the
Yellow River are shown in Table 2. The R2 was 0.876 in the calibration period, and 0.972 in
the verification period, both of which reached good standards, indicating that the model
has high credibility. Although the periodic error values of the rates are within a more
reasonable range, the runoff from the source region of the Yellow River for 2014–2019 (the
validation period) derived from the model simulation is higher than the actual values.

Table 2. Simulation and evaluation results of monthly runoff in the source region of the Yellow River.

Time Frame R2 Simulated Mean Actual Mean

Calibration period
(1961–2013) 0.876 672.63 682.47

Verification period
(2014–2019) 0.972 657.06 632.64

3.2. Analysis of the Situation of Surface Runoff and Soil Moisture in the Source Region of the
Yellow River
3.2.1. Current Status of Surface Runoff and Soil Moisture in the Source Region of the
Yellow River

Figure 6a indicates that the surface runoff in the source region of the Yellow River
shows an overall increasing trend from 2011 to 2022, but the interannual runoff increases or
decreases more, and the runoff distribution is not uniform. It was the lowest in 2015 and
started an increasing trend in 2016 to reach this 7-year high of 45.2 billion m3 in 2021. It
starts to decrease again in 2022, down to 39 billion m3. According to Figure 6b, the soil
moisture in the source region of the Yellow River showed an overall decreasing trend,
reaching the highest soil moisture content in 2016. Soil moisture levels in 2017 and 2018
were the lowest in 12 years. Starting in 2018, the soil moisture content showed an increasing
trend year by year.
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3.2.2. Trend Analysis of Surface Runoff versus Average Annual Precipitation and Average
Annual Temperature from 2011 to 2022

According to Table 3, there is a highly significant difference in the trend between
surface runoff and average annual temperature in the source region of the Yellow River
from 2011–2022, indicating that surface runoff flow is more significantly influenced by
temperature (p < 0.01). The trends between surface runoff and annual precipitation do not
have significant differences, among which only the differences between surface runoff and
annual precipitation are significant in 2017–2018 (p < 0.05).
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Table 3. Trend analysis of surface runoff and annual mean temperature and annual mean precipitation.

Year Surface Runoff
(108 m3)

Annual Mean
Temperature

(◦C)
Ptemperature

Average Annual
Precipitation (mm) Pprecipitation

2011 490 −0.2671 0.032 461.45 0.196
2012 600 −0.1433 433.27
2013 380 0.0171 0.065 401.74 0.309
2014 580 −0.0796 464.48
2015 300 0.1352 0.010 451.55 0.050
2016 320 0.5506 429.81
2017 350 1.1497 0.009 424.21 0.009
2018 370 1.3270 448.98
2019 410 1.4235 0.007 495.01 0.286
2020 428 1.1235 418.28
2021 452 1.1345 0.024 471.78 0.151
2022 390 1.4584 451.53

2011–2022 <0.01 0.198

3.2.3. Trend Analysis of Soil Moisture in Relation to Average Annual Precipitation and
Average Annual Temperature from 2011 to 2022

According to Table 4, the difference in the trend between soil moisture and average
annual temperature in the source region of the Yellow River from 2011 to 2022 is highly
significant, and the effect of the change in mean temperature on soil moisture is highly
significant (p < 0.01) in 2015−2016 and 2021−2022, and only in 2017-the reason may be
that the high temperature throughout the year increased transpiration of alpine grassland
plants, resulting in increased evaporation of soil moisture, which led to a decrease in soil
moisture, and the change was not significant. It can be seen that soil moisture responds to
the changes inf temperature. From 2011 to 2022, the trend of annual average precipitation
and soil moisture is significant, and from 2015 to 2016 and 2019 to 2020, the trend of annual
precipitation and soil moisture is not significant (p > 0.05). With the slow increase in annual
precipitation, the soil moisture content showed an overall decreasing trend.

Table 4. Trend analysis of soil moisture and annual mean temperature and annual mean precipitation.

Year Soil Moisture (%) Annual Mean
Temperature (◦C) Ptemperature

Average Annual
Precipitation (mm) Pprecipitation

2011 340 −0.115 0.016 436.6250 0.049
2012 375 −0.1362 507.2875
2013 270 −0.0087 0.040 416.9375 0.016
2014 349 −0.0125 481.3625
2015 380 −0.0912 0.009 391.1375 0.200
2016 404 0.6312 474.6375
2017 163 0.3125 0.053 524.8125 0.013
2018 151 0.9125 517.4625
2019 280 0.8375 0.016 408.3964 0.054
2020 310 0.9625 400.8529
2021 346 1.1345 0.009 486.4561 0.059
2022 367 0.9845 462.8502

2011–2022 <0.01 0.0002

3.3. Characteristics of Surface Runoff in the Source Region of the Yellow River
3.3.1. Interannual Variation Characteristics of Surface Runoff

The interannual distributions of future (2023–2100) surface runoff in three scenarios
(RCP2.6, RCP4.5, and RCP8.5) were simulated (Figure 7). The results showed that the inter-
annual surface runoff varied greatly under different scenarios, but the annual interannual
runoff under the three scenarios was generally reduced by RCP8.5 > RCP4.5 > RCP2.6.
With the passage of time, the surface runoff decreased gradually. The three scenarios of
RCP2.6, RCP4.5, and RCP8.5 reach their maximums in 2034, 2034 and 2048 respectively.
The maximum values had a certain increase compared with the previous year, but the
increase was not large. The significance tests of the variation trend of surface runoff in
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the three scenarios (RCP2.6, RCP4.5, and RCP8.5) are shown in Table 5. The prediction of
future surface runoff changes under the three scenarios was significant at the significance
level of 0.05, which indicated that there was a 95% possibility that the future (2023–2100)
surface runoff would decline.
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Table 5. Significance test of surface runoff change trend under the RCPs climate model scenario.

RCPs Climate Model Scenarios p Value F Value Degrees of Fredom

RCP 2.6 0.01076 6.829 1
PCP 4.5 0.00948 7.0748 1
RCP 8.5 0.00559 8.1215 1

3.3.2. Characteristics of Annual Variation of Surface Runoff

The annual variation trend of surface runoff is shown in the following figure (Figure 8).
Under the three scenarios, the annual distribution of surface runoff had a certain amount of
volatility. There were certain differences in the monthly runoff for different scenarios. The
monthly runoff increased and decreased in RCP4.5 scenarios and increased the most and
decreased the least in RCP8.5 scenarios. Under the three scenarios, the annual distributions
of surface runoff in different periods were uneven. The net runoff from January to March
showed a gradual increase and accumulation. The maximum runoff occurred in June and
August, while the runoff decreased from September to December, and the minimum runoff
occurred during this period. In January, February, November, and December, the overall
surface runoff was on a downward trend. Compared with the middle of the 21st century,
the reduction in surface runoff was larger than that in late 21st century. In the middle of
the 21st century, the surface runoff from June to December accounted for about 65% of
the annual runoff, while in the late 21st century, the proportion of the surface runoff from
June to December in the annual runoff decreased to 60%. Both the 2040s and 2050s surface
runoff peaks in June and August. And the 2050s surface runoff in June and August has
a decreasing trend compared to the 2040s. The annual surface runoff in the 2050s will be
smaller than that in the 2040s.
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Figure 8. Annual distribution of surface runoff under three scenarios. (a): Annual distribution of
surface runoff under three scenarios (2023–2100); (b): Annual distribution of surface runoff under
three scenarios of the 2040s (2041–2050); (c): Annual distribution of surface runoff under three
scenarios of the 2050s (2051–2060); (d): Annual distribution of surface runoff under three scenarios of
the 2080s (2081–2090).

3.4. Characteristics of Soil Moisture in the Source Region of the Yellow River
3.4.1. Interannual Variation Characteristics of Soil Moisture

The interannual variation characteristics of soil moisture are shown in Figure 9. The
response of soil moisture to climate change was more complicated. The inter-annual
fluctuations of soil moisture were different under the three scenarios. Some years were
more humid, and some years were dry, fluctuating between 100~500 mm and generally
showing a decreasing trend. The reduction of soil moisture was consistent with that of
surface runoff under three scenarios: RCP8.5 > RCP4.5 > RCP2.6. The soil moisture of
RCP2.6, RCP4.5, and RCP8.5 reached their maximums in 2041, 2042, and 2052 respectively.
After that, the soil moisture showed a decreasing trend, and the reduction was smaller than
the surface runoff.

The prediction of future soil moisture changes in the source area under the three
scenarios was significant at the significance level of 0.05 (Table 6). In other words, there
was a 95% possibility that the soil moisture would decrease in the future (2023–2100).

Table 6. Significance test of soil moisture change trend under the RCPs climate scenarios.

RCPs Climate Model Scenarios p Value F Value Degrees of Fredom

RCP 2.6 0.01278 6.4957 1
PCP 4.5 0.03019 4.8748 1
RCP 8.5 0.00535 8.2076 1
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Figure 9. Interannual distribution of soil moisture under three climatic scenarios. (a): Soil mois-
ture in the RCP2.6 scenario; (b): Soil moisture in the RCP4.5 scenario; (c): Soil moisture in the
RCP8.5 scenario.

3.4.2. Characteristics of Soil Moisture during the Year

The annual variation characteristics of soil moisture are shown in Figure 10. Under
the three scenarios, the soil moisture fluctuated greatly in each month and was unevenly
distributed throughout the year, which was similar to the surface runoff, and was affected
by the combined effects of precipitation and temperature. The peak appeared in June and
August, with a gradual decrease from September to December, and the largest decrease
occurred in August and September. The lowest value appeared in January and December,
and the overall trend showed a decreasing trend. At the end of the 21st century, the soil
moisture content was lower than that in the middle of the century. From April to September
in the middle of the 21st century, the soil moisture content accounted for about 65% of the
total soil moisture for the whole year. By the end of 21st, the soil moisture content had
decreased to 60% of the annual total soil moisture from April to September. Over time, soil
moisture would decrease, and the soil would become arid. It is worth mentioning that soil
moisture is generally lower in the 2050s than in the 2040s. The 2050s are a turning point in
soil moisture change. Until the 2050s, the trend of soil moisture changes within the year
was generally consistent.

Water 2023, 15, x FOR PEER REVIEW 13 of 18 
 

 

 

Figure 10. The annual distribution of soil moisture under the three scenarios. (a): The annual distri-

bution of soil moisture under the three scenarios (2023–2100); (b): Soil moisture under three scenar-

ios of 2040s (2041–2050); (c): Soil moisture under three scenarios of 2050s (2051–2060); (d): Soil mois-

ture under three scenarios of 2080s (2081–2090). 

4. Discussion 

4.1. Discussion on Applicability of Downscaling Model 

Compared with CMIP 3, RCPs in CMIP 5, as a concentration scenario, can more truly 

reflect the atmospheric greenhouse gas concentration. The types of GCMs contained in 

the CMIP 5 plan are more diverse, and the models are more advanced, which can better 

fit the regional climate characteristics and geographical characteristics. 

In this paper, we modeled the temperature and precipitation in the Yellow River 

source area based on the emission scenarios under CMIP5. The future climate scenarios 

were s output in the HadCM3 model. The results showed that the SDSM model had a 

better simulation effect on temperature than precipitation, and temperature was more reg-

ular than precipitation, which was consistent with the results of previous findings [34]. 

Liu et al. [35] also showed that the SDSM model had good applicability in the source re-

gion of the Yellow River under RCP4.5. It was also found in this study that the simulation 

value of the SDSM model on precipitation was too high, and the application of the SDSM 

model can be further improved in the source region of the Yellow River. 

4.2. Discussion on Applicability of SWAT Hydrological Model 

In this study, the database construction process and parameter selection of the SWAT 

model were calibrated and verified. Similar research results have also been found in pre-

vious studies [36,37], but they were slightly different from the results of Che et al. [38] in 

terms of parameter selection, error value and fitting value. The reason may be that Che et 

al. only simulated the daily runoff process from 1998 to 2003, and did not consider the 

influence of meteorological and land use factors on precipitation, runoff, evapotranspira-

tion and other environmental factors in the source region of the Yellow River over a long 

Figure 10. Cont.



Water 2023, 15, 2104 12 of 17

Water 2023, 15, x FOR PEER REVIEW 13 of 18 
 

 

 

Figure 10. The annual distribution of soil moisture under the three scenarios. (a): The annual distri-

bution of soil moisture under the three scenarios (2023–2100); (b): Soil moisture under three scenar-

ios of 2040s (2041–2050); (c): Soil moisture under three scenarios of 2050s (2051–2060); (d): Soil mois-

ture under three scenarios of 2080s (2081–2090). 

4. Discussion 

4.1. Discussion on Applicability of Downscaling Model 

Compared with CMIP 3, RCPs in CMIP 5, as a concentration scenario, can more truly 

reflect the atmospheric greenhouse gas concentration. The types of GCMs contained in 

the CMIP 5 plan are more diverse, and the models are more advanced, which can better 

fit the regional climate characteristics and geographical characteristics. 

In this paper, we modeled the temperature and precipitation in the Yellow River 

source area based on the emission scenarios under CMIP5. The future climate scenarios 

were s output in the HadCM3 model. The results showed that the SDSM model had a 

better simulation effect on temperature than precipitation, and temperature was more reg-

ular than precipitation, which was consistent with the results of previous findings [34]. 

Liu et al. [35] also showed that the SDSM model had good applicability in the source re-

gion of the Yellow River under RCP4.5. It was also found in this study that the simulation 

value of the SDSM model on precipitation was too high, and the application of the SDSM 

model can be further improved in the source region of the Yellow River. 

4.2. Discussion on Applicability of SWAT Hydrological Model 

In this study, the database construction process and parameter selection of the SWAT 

model were calibrated and verified. Similar research results have also been found in pre-

vious studies [36,37], but they were slightly different from the results of Che et al. [38] in 

terms of parameter selection, error value and fitting value. The reason may be that Che et 

al. only simulated the daily runoff process from 1998 to 2003, and did not consider the 

influence of meteorological and land use factors on precipitation, runoff, evapotranspira-

tion and other environmental factors in the source region of the Yellow River over a long 

Figure 10. The annual distribution of soil moisture under the three scenarios. (a): The annual
distribution of soil moisture under the three scenarios (2023–2100); (b): Soil moisture under three
scenarios of 2040s (2041–2050); (c): Soil moisture under three scenarios of 2050s (2051–2060); (d): Soil
moisture under three scenarios of 2080s (2081–2090).

4. Discussion
4.1. Discussion on Applicability of Downscaling Model

Compared with CMIP 3, RCPs in CMIP 5, as a concentration scenario, can more truly
reflect the atmospheric greenhouse gas concentration. The types of GCMs contained in the
CMIP 5 plan are more diverse, and the models are more advanced, which can better fit the
regional climate characteristics and geographical characteristics.

In this paper, we modeled the temperature and precipitation in the Yellow River
source area based on the emission scenarios under CMIP5. The future climate scenarios
were s output in the HadCM3 model. The results showed that the SDSM model had a
better simulation effect on temperature than precipitation, and temperature was more
regular than precipitation, which was consistent with the results of previous findings [34].
Liu et al. [35] also showed that the SDSM model had good applicability in the source region
of the Yellow River under RCP4.5. It was also found in this study that the simulation value
of the SDSM model on precipitation was too high, and the application of the SDSM model
can be further improved in the source region of the Yellow River.

4.2. Discussion on Applicability of SWAT Hydrological Model

In this study, the database construction process and parameter selection of the SWAT
model were calibrated and verified. Similar research results have also been found in
previous studies [36,37], but they were slightly different from the results of Che et al. [38]
in terms of parameter selection, error value and fitting value. The reason may be that
Che et al. only simulated the daily runoff process from 1998 to 2003, and did not consider the
influence of meteorological and land use factors on precipitation, runoff, evapotranspiration
and other environmental factors in the source region of the Yellow River over a long period
of time. In this case and the simulation results were more consistent with the actual
measurement results. Some scholars put forward the standard that the relative error of
runoff simulation in the basin using hydrological models was less than 20%. However,
in the actual research process, it was found that the data for most research results were
lower than 10% [37,38]. The relative error in this study was within the range of ±5%,
indicating that the data obtained by model simulation in a longer time scale was more
accurate. Increasing the accuracy of the model by improving the applicability criteria of the
SWAT model is of great importance in future research.

The rivers in the Yellow River source area are recharged by glacial snowmelt. Moreover,
due to the spring flood, the measured value from March to May is smaller than the
simulated value. Wang et al. [39] used the SWAT model to simulate the surface runoff in
the Yellow River source area and found that the SWAT model has glacier and snowmelt
operational modules. However, the module structure is relatively simple and cannot
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accurately simulate the glacier snowmelt process. Moreover, due to the spring flood, the
measured value from March to May is smaller than the simulated value. This is consistent
with the comparison between simulated and observed values in this paper. In future
research, the model can be further improved to carry out spring melt snow and ice runoff
simulations, set different underlying surface change scenarios, and quantitatively evaluate
the impact of underlying surface change on the hydrological process, so as to further
improve the simulation accuracy.

Based on the actual observation of the hydrographic station in the source area and the
simulation of the SWAT model, this study concluded that the runoff showed a fluctuating
rising trend from 1961 to 1975, did not change in a wide range, and showed a stable
trend from 1975 to 1990, but showed a downward trend after 1990. The result of this
study was basically consistent with many previous studies [40,41]. At the same time, the
results of monthly runoff results in the source region of the Yellow River were evaluated.
The difference between the simulated and actual total water amounts in the periodic and
verification periods was −1.4% and 3.9%, respectively. The difference values obtained were
within a reasonable range.

4.3. Discussion on the Change Trend of Surface Runoff in the Source Region of the Yellow River

An analysis of precipitation and temperature data from 1956 to 2010 showed a dis-
tinct historical decrease in runoff, which is consistent with the results of Li et al. [42].
Cheng et al. [43] used the VIC hydrological model to predict future runoff in the source re-
gion of the Yellow River and Yangtze River. They concluded that there is a subtle difference
in the overall trend of runoff reduction and that precipitation will increase in both areas.
However, the Yellow River basin runoff is expected to decrease by 1.98% by 2080–2099.
Several studies suggest that the main drivers of future decreases in surface runoff in the
region are decreases in precipitation and increases in evaporation [44]. Chen et al. [45],
Wei, et al. [46] collected meteorological data from eight representative sites in the source
area, calculated the temperature and precipitation by the Thiessen polygon method, and
studied the relationship between temperature, precipitation, and surface runoff using linear
regression. They predicted that the increase in the runoff of the source region of the Yellow
River would show an increasing trend in the immediate future, which contradicts the re-
sults of this study. This is possible because surface runoff is mainly affected by precipitation
and temperature, and temperature itself mainly affects evaporation [47], so it is possible
that precipitation increases while evaporation decreases. Alternatively, it could be the
result of their model running over a shorter period. This may be attributed to the fact that
from March to May every year, the glacier snowmelt increases the runoff, while the glacier
snowmelt module in the SWAT model is relatively simple, so the simulated result is lower
than the actual runoff. In summer and autumn, from June to October, the rainfall began to
increase, and the simulated value simulated by the model was close to the actual measured
value. However, floods sometimes occurr due to excessive rainfall. As the water volume
was adjusted by Zaling Lake and Ealing Lake in the upstream region of the Yellow River,
the simulated large flood value was high, while the medium flood value was low. From
November to February of the next year, the temperature decreased, the runoff began to
decrease, and the simulated value was not far from the actual value.

4.4. Discussion on the Change Trend of Soil Moisture in the Source Region of the Yellow River

Jin et al. [48] analyzed the trend of local precipitation by the non-parametric test
method and established a VIC model to simulate the runoff and soil in the source region of
the Yellow River in the future using the temperature, runoff, and rainfall data observed by
21 meteorological stations. They also found that soil moisture was predicted to generally
decrease in the future. A pattern of lower soil content in winter and higher water soil
water content in summer was suggested by Liu [49], who studied data from the source
region of the Yellow River from 1992 to 2000. As can be seen from our results, this pattern
was predicted to become less pronounced in the future, which could have implications
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for flood management planning and for wildlife adapted to the current conditions. This
change in pattern and predicted general lowering of flow could have significantly reduced
sediment load in the river. Such a reduction would have significant impacts on a river
that transports high sediment loads, such as the Yellow River. The soil surface moisture
in the whole Yellow River basin is lower in the northwest and higher in the southeast.
Liu et al. [41] analyzed the variation characteristics of the water resources cycle in the Yellow
River Basin by using the Mann-Kendall method. The results found that both runoff and soil
moisture showed a decreasing trend, and the decrease in soil moisture was less significant.
Chen et al. [50] combined the data of soil moisture and meteorological station data and
argued that increasing temperatures in the region would lead to an increase in soil moisture
rather than decrease. This conclusion was contrary to the downward trend of soil moisture
obtained in our study. The apparent contradiction may be related to the complex effects of
climate change on soil moisture, mainly temperature, precipitation [51]. Temperature and
precipitation have significant effects on soil moisture. Increased precipitation increases soil
moisture, and higher temperatures led to increased evaporation in the summer but may
also increase sources of frozen precipitation in the winter. As reported by Shao et al. [52], if
the evaporation of water was greater than the increase in precipitation, the soil moisture
decreased. Further study should be undertaken to clarify some of the interrelationships
between evaporation, sunshine hours, grazing, and other land uses, and their impacts on
both soil moisture and runoff.

A limitation of this paper is that the changes in surface runoff and soil moisture
between scenarios under the CMIP6 climate model were not compared. The multi-model,
integrated CMIP6 could greatly improve the simulation ability of climate and interannual
variability. Based on previous comparisons, CMIP6 was found to enhance the ability to
simulate the spatial distribution of rainfall in humid and semi-humid areas under future
scenarios [53], while there was no significant difference in the prediction and simulation
capabilities between CMIP6 and CMIP5 in the high-altitude cold region [54]. However, the
differences in predictions of the latest and more perfect CMIP6 model for high altitude/cold
regions are yet to be further developed. The CMIP5 model (which has been applied
maturely in China) was adopted to improve the ability to simulate and forecast climate
elements. The understanding of the mechanisms of climate system change has also been
enhanced [55]. However, due to the high altitude and cold region of the study area, the
simulation results were still uncertain. Therefore, the adaptation evaluation of CMIP5
to climate change simulation results in high-altitude cold areas is the focus of further
improvement and application of the current climate models.

5. Conclusions

The SWAT model rate had a regular R2 of 0.876 and a validation period R2 of 0.972,
both of which met the criteria of goodness, which indicated the strong applicability and
credibility of the model in the source region of the Yellow River.

The surface runoff in the source region of the Yellow River from 2011 to 2022 shows an
overall increasing trend, and the soil moisture content shows an increasing trend year by
year. The trends between surface runoff and mean annual temperature from 2011 to 2022
are highly significant, indicating that surface runoff flow is more significantly influenced by
temperature. The trends between surface runoff and average annual precipitation were not
significantly different. The difference in trends between soil moisture and average annual
temperature was highly significant. The trends in average annual precipitation and soil
moisture were not significant.

The Interannual difference of surface runoff from 2021 to 2100 would be large in the
source region of the Yellow River, and the overall distribution showed a downward trend;
and the decrease rate was RCP8.5 > RCP4.5 > RCP2.6. The interannual variation of soil
moisture showed a downward trend, and the interannual variation was relatively large,
with a decreasing range of RCP8.5 > RCP4.5 > RCP2.6. It is urgent to strengthen water
resources and soil protection and management.



Water 2023, 15, 2104 15 of 17

Supplementary Materials: The following supporting information can be downloaded at:
https://www.mdpi.com/article/10.3390/w15112104/s1, Figure S1: Flow Chart; Table S1: The
basic information about 21 CMIP5 global climate model.; Table S2: SWAT model parameters and
their implications.

Author Contributions: Conceptualization, X.Z. (Xiuzhi Zhang) and X.Q.; methodology, X.Z. (Xiaoyan
Zhang). and S.Z.; software X.Z. (Xiaojing Zheng); validation, W.B.; formal analysis, Y.G.; resources,
S.L. and Z.W.; data curation, C.J. and Y.Q.; writing—original draft preparation, S.L. and J.L.; writing—
review and editing, J.S. and J.L.; visualization, L.Q.; project administration, J.S. and S.L.; funding
acquisition, J.S. and S.L. All authors have read and agreed to the published version of the manuscript.

Funding: Supported by the National Natural Science Funds Fund (No. 31760147); The project of the
Qing Hai Science & Technology Department (No. 2023-HZ-802); The project of the Qing Hai Science
& Technology Department (No. 2021-ZJ-926); The project of the Qing Hai Science & Technology
Department (No. 2020-ZJ-763); The project of the Qing Hai Science & Technology Department (No.
2019-HZ-809).

Data Availability Statement: Not applicable.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Smerdon, J. Climate Change: The Science of Global Warming and Our Energy Future; Columbia University Press: New York, NY, USA,

2018.
2. Yue, C. Environmental Impacts of Climate Change. Environ. Dev. 2019, 31, 20–22.
3. Li, K.; Li, X.; Wang, C.; Qiao, Y. Environmental effects of climate change in the source regions of the Yellow River. J. Glaciol.

Geocryol. 2013, 35, 1183–1192.
4. Si, J.; Li, J.; Yang, Y.; Qi, X.; Li, J.; Liu, Z.; Li, M.; Lu, S.; Qi, Y.; Jin, C.; et al. Evaluation and Prediction of Groundwater Quality in

the Source Region of the Yellow River. Water 2022, 14, 3946. [CrossRef]
5. Hagemann, S.; Chen, C.; Haerter, J.O.; Heinke, J.; Gerten, D.; Piani, C. Impact of a Statistical Bias Correction on the Projected

Hydrological Changes Obtained from Three GCMs and Two Hydrology Models. J. Hydrometeorol. 2011, 12, 556–578. [CrossRef]
6. Dehghan, S.; Salehnia, N.; Sayari, N.; Bakhtiari, B. Prediction of meteorological drought in arid and semi-arid regions using PDSI

and SDSM: A case study in Fars Province, Iran. J. Arid. Land 2020, 12, 318–330. [CrossRef]
7. Xu, Z.; Gong, T.; Zhang, F. Analysis of Climate Change Characteristics of Tibetan Plateau in Recent 40 Years. J. Subtrop. Resour.

Environ. 2006, 1, 24–32.
8. Munawar, S.; Rahman, G.; Moazzam, M.F.U.; Miandad, M.; Ullah, K.; Al-Ansari, N.; Linh, N.T.T. Future Climate Projections Using

SDSM and LARS-WG Downscaling Methods for CMIP5 GCMs over the Transboundary Jhelum River Basin of the Himalayas
Region. Atmosphere 2022, 13, 898. [CrossRef]

9. Easterling, D.R.; Wehner, M.F. Is the climate warming or cooling? Geophys. Res. Lett. 2009, 36, L08706. [CrossRef]
10. Santer, B.D.; Bonfils, C.; Painter, J.F.; Zelinka, M.D.; Mears, C.; Solomon, S.; Schmidt, G.A.; Fyfe, J.C.; Cole, J.N.S.; Nazarenko, L.;

et al. Volcanic contribution to decadal changes in tropospheric temperature. Nat. Geosci. 2014, 7, 185–189. [CrossRef]
11. Munawar, S.; Tahir, M.N.; Baig, M.H.A. Twenty-first century hydrologic and climatic changes over the scarcely gauged Jhelum

river basin of Himalayan region using SDSM and RCPs. Environ. Sci. Pollut. Res. 2021, 29, 11196–11208. [CrossRef]
12. Phuong, D.N.D.; Duong, T.Q.; Liem, N.D.; Tram, V.N.Q.; Cuong, D.K.; Loi, N.K. Projections of Future Climate Change in the Vu

Gia Thu Bon River Basin, Vietnam by Using Statistical DownScaling Model (SDSM). Water 2020, 12, 755. [CrossRef]
13. Oo, H.T.; Zin, W.W.; Kyi, C.C.T. Analysis of streamflow response to changing climate conditions using SWAT model. Civ. Eng. J.

2020, 6, 194–209. [CrossRef]
14. Bhatta, B.; Shrestha, S.; Shrestha, P.K.; Talchabhadel, R. Evaluation and application of a SWAT model to assess the climate change

impact on the hydrology of the Himalayan River Basin. Catena 2019, 181, 104082. [CrossRef]
15. Luo, Y.; He, C.; Sophocleous, M.; Yin, Z.; Hongrui, R.; Ouyang, Z. Assessment of crop growth and soil water modules in

SWAT2000 using extensive field experiment data in an irrigation district of the Yellow River Basin. J. Hydrol. 2008, 352, 139–156.
[CrossRef]

16. Aloui, S.; Mazzoni, A.; Elomri, A.; Aouissi, J.; Boufekane, A.; Zghibi, A. A review of Soil and Water Assessment Tool (SWAT)
studies of Mediterranean catchments: Applications, feasibility, and future directions. J. Environ. Manag. 2023, 326, 116799.
[CrossRef]

17. Tomer, M.D.; Schilling, K.E. A simple approach to distinguish land-use and climate-change effects on watershed hydrology.
J. Hydrol. 2009, 376, 24–33. [CrossRef]

18. Tolentino, P.L.M.; Poortinga, A.; Kanamaru, H.; Keesstra, S.; Maroulis, J.; David, C.P.C.; Ritsema, C.J. Projected Impact of Climate
Change on Hydrological Regimes in the Philippines. PLoS ONE 2016, 11, e0163941. [CrossRef]

19. Guo, B.; Wei, C.; Yu, Y.; Liu, Y.; Li, J.; Meng, C.; Cai, Y. The dominant influencing factors of desertification changes in the source
region of Yellow River: Climate change or human activity? Sci. Total Environ. 2022, 813, 152512. [CrossRef] [PubMed]

https://www.mdpi.com/article/10.3390/w15112104/s1
https://doi.org/10.3390/w14233946
https://doi.org/10.1175/2011JHM1336.1
https://doi.org/10.1007/s40333-020-0095-5
https://doi.org/10.3390/atmos13060898
https://doi.org/10.1029/2009GL037810
https://doi.org/10.1038/ngeo2098
https://doi.org/10.1007/s11356-021-16437-2
https://doi.org/10.3390/w12030755
https://doi.org/10.28991/cej-2020-03091464
https://doi.org/10.1016/j.catena.2019.104082
https://doi.org/10.1016/j.jhydrol.2008.01.003
https://doi.org/10.1016/j.jenvman.2022.116799
https://doi.org/10.1016/j.jhydrol.2009.07.029
https://doi.org/10.1371/journal.pone.0163941
https://doi.org/10.1016/j.scitotenv.2021.152512
https://www.ncbi.nlm.nih.gov/pubmed/34968592


Water 2023, 15, 2104 16 of 17

20. Xu, X.; Liu, J.; Shao, Q.; Fan, J. Dynamics of ecosystem pattern and spatial structure of Sanjiangyuan in Qinghai Province in the
past 30 years. Geogr. Res. 2008, 27, 829–838.

21. Song, X.; Yan, C.; Zhu, Y.; Duan, H. Land Use/Cover Change and Its Eco-environmental Effects in the Source Region of the Yellow
River. J. Desert Res. 2009, 29, 1049–1055.

22. Wang, G.; Li, Q.; Cheng, G.; Shen, Y. Characteristics of climate change and its eco-environmental effects in the source regions of
the Yangtze River in 40 years. J. Glaciol. Geocryol. 2001, 23, 346–352.

23. Shi, X.; Qin, N.; Wang, Q.; Qian, Y.; Feng, S. Preliminary analysis of runoff variation characteristics and its influencing factors in
the upper reaches of the Yellow River. J. Res. 2007, 27, 690–697.

24. Sun, W.; Cheng, B.; Li, R. Seasonal Variation of Runoff in the Source Region of the Yellow River and Its Correlation with Regional
Climate. J. Res. 2010, 30, 712–721.

25. He, Y.; Wen, J.; Huang, Y.; Zhang, T.; Lai, X. Simulation of Temporal and Spatial Distribution of Soil Moisture in the Source Region
of the Yellow River. Plateau Meteorol. 2017, 36, 129–137.

26. Liu, Q.; Dong, G.; Jing, H.; Zhou, J.; Dang, S. Trends and Influencing Factors of Vegetation NDVI in the Source Region of the
Yellow River from 2000 to 2016. Soil Water Conserv. Res. 2019, 26, 86–92.

27. Shi, M.; Lan, Y.; Shen, Y.; Tian, H.; Wang, X. Multi-scale characteristics and mutation analysis of evaporating dish evaporation in
the Yellow River source area from 1961 to 2014. J. Res. Glaciol. Geocryol. 2018, 40, 666–675.

28. Ma, S.; Bao, G.; Guo, G.; Yang, L.; Dai, Q. Vegetation Change Trend and Its Response to Climate Change in the Source Region of
the Yellow River from 1982 to 2013. J. Arid Meteorol. 2018, 36, 226–233.

29. Zhang, S.; Jia, S.; Liu, C.; Cao, W.; Hao, F. The law of water cycle change and its influence in the source region of the Yellow River.
Sci. China Ser. E Technol. Sci. 2004, 34, 117–125.

30. Hu, C.; Wang, J.; Chai, X.; Guan, X. Research progress on climate change on runoff change and its possible influence in the Yellow
River basin. Meteorol. Environ. Sci. 2013, 36, 57–65.

31. Hu, Y.; Maskey, S.; Uhlenbrook, S.; Zhao, H. Streamflow trends and climate linkages in the source region of the Yellow River,
China. Hydrol. Process. 2011, 25, 3399–3411. [CrossRef]

32. Huiyan, C. Hydrological Processes and Ecological Function Responses of Alpine Meadow Grassland Cover Change in the Yellow River
Source Area; Lanzhou University: Lanzhou, China, 2007.

33. Hongzhao, F. Evaluation of Service Function Value of Wetland Ecosystem in the Source Region of the Yellow River (I)—Estimation
of Material Production and Teaching and Research Function Value. Anhui Agric. Sci. 2013, 41, 7909–7911.

34. Qi, X.F.; Wen, P.; Hai, T.; Cui, H.Q.; Feng, W. Response characteristics of mountainous runoffs of the inland rivers in arid areas of
China to watershed meteorological elements and global climate indices. Arid. Land Geogr. 2018, 41, 1184–1193.

35. Xin, L.; Xiaoning, S.; Pei, L.; Long, X. Temporal and spatial changes of soil dry and wet conditions in the source region of the
Yellow River based on MODIS data. J. Univ. Chin. Acad. Sci. 2019, 36, 178–187.

36. Hao, Z.; Zhang, Y.; Yang, C.; Li, J.; Thondup, D. Effects of topography and snowmelt on hydrologic simulation in the Yellow
River’s source region. Adv. Water Sci. 2013, 24, 311–318.

37. Qing, L.; Youjing, Z.; Qi, L.; Zhenchun, H.; Yingying, F. Application of parameter regionalization of SWAT model to source region
of Yellow River. J. Hohai Univ. (Nat. Sci.) 2012, 40, 491–497.

38. Che, Q. Distributed Hydrological Simulation of the Source Region of the Yellow River Based on SWAT Model; Lanzhou University:
Lanzhou, China, 2006.

39. Wang, M.; Xie, H.; Zhao, J.; Wu, Y. Runoff simulation of the Yellow River source region based on SWAT model. J. Qinghai Univ.
2019, 37, 39–46.

40. Lan, Y.; Liu, G.; La, C.; Zhu, Y.; Ma, Q.; Shi, M. Study on the Characteristics and Trend of Runoff Change in the Source Region of
the Yellow River and Its Regional Difference. Mt. Res. 2017, 35, 257–265.

41. Liu, C.; Zheng, H. Analysis on the Change Trend of Water Cycle Elements in the Yellow River Basin. J. Nat. Resour. 2003, 18,
129–135.

42. Li, L.; Shen, H.; Dai, S.; Xiao, J.; Shi, X. Response of Runoff in the Yellow River Source Region to Climate Change and Future
Trend Prediction. Acta Geogr. Sin. 2011, 66, 1261–1269.

43. Cheng, Z.; Liu, X.; Fan, G.; Bai, A. Analysis of Runoff Variation in the Yellow River Source Region of the Yangtze River in the 21st
Century. Resour. Environ. Yangtze River Basin 2010, 19, 1333–1339.

44. Wang, H.; Li, D. Research Progress of Runoff Variation Characteristics and Its Influencing Factors in the Source Region of the
Yellow River. Plateau Mt. Meteorol. Res. 2013, 33, 93–99.

45. Chen, L. Study on the Response of Water Resources to Climate Change in the Yellow River Basin; Xi’an University of Technology: Xi’an,
China, 2017.

46. Wei, Z.; Lan, Y.; Wu, J.; Wang, S. Response of Water Resources in the Source Region of the Yellow River to Climate Change.
People’s Yellow River 2006, 28, 36–39.

47. Fang, J.; Pu, W.; Shi, X.; Wang, S.; Niu, H. Runoff variation and its influencing factors in the Yulong Snow Mountain Yigong River
Basin under climate change. Glacier Frozen Soil 2019, 41, 268–274.

48. Jin, J.; Wang, G.; Liu, C.; He, R.; Hu, Q. Response of Hydrology and Water Resources in the Source Region of the Yellow River to
Climate Change. J. Arid Land Resour. Environ. 2013, 27, 137–143.

https://doi.org/10.1002/hyp.8069


Water 2023, 15, 2104 17 of 17

49. Liu, M. Temporal and Spatial Changes of Soil Surface Water in the Yellow River Basin. Master’s Thesis, Northwest A&F University,
Xianyang, China, 2011.

50. Chen, J.; Wen, J.; Liu, R.; Li, D.; Wang, X.; Lu, G.; Lin, J. Analysis of soil temperature and humidity change and related climatic
factors in source region of Yellow River. J. Desert Res. 2016, 12, 235–246.

51. Li, Y.; Shi, L.; Xu, M.; Li, W. Dynamic changes of soil moisture in the perennial permafrost regions of the Qinghai-Tibet Plateau
under short-term warming. Arid Zone Res. 2019, 36, 537–545.

52. Shao, X.; Yan, C. Comparison of Soil Moisture Dynamics in Different Dry Farming Types of the Yellow River Basin Based on
Sufer7. 0. J. Nat. Resour. 2005, 20, 49–56.

53. Almazroui, M.; Islam, M.N.; Saeed, F.; Saeed, S.; Ismail, M.; Ehsan, M.A.; Diallo, I.; O’brien, E.; Ashfaq, M.; Martínez-Castro, D.;
et al. Projected Changes in Temperature and Precipitation Over the United States, Central America, and the Caribbean in CMIP6
GCMs. Earth Syst. Environ. 2021, 5, 1–24. [CrossRef]

54. Almazroui, M.; Saeed, S.; Saeed, F.; Islam, M.N.; Ismail, M. Projections of Precipitation and Temperature over the South Asian
Countries in CMIP6. Earth Syst. Environ. 2020, 4, 297–320. [CrossRef]

55. Jayakrishnan, R.; Srinivasan, R.; Santhi, C.; Arnold, J.G. Advances in the application of the SWAT model for water resources
management. Hydrol. Process. 2005, 19, 749–762. [CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

https://doi.org/10.1007/s41748-021-00199-5
https://doi.org/10.1007/s41748-020-00157-7
https://doi.org/10.1002/hyp.5624

	Introduction 
	Data Sources and Methods 
	Study Area 
	Data Sources 
	Research Method 
	Database Construction, Calibration, and Validation of SWAT Model 
	Coupling of CMIP5 Climate Model and SWAT Hydrological Model 


	Results and Analysis 
	SWAT Model Rate Determination and Validation 
	Analysis of the Situation of Surface Runoff and Soil Moisture in the Source Region of the Yellow River 
	Current Status of Surface Runoff and Soil Moisture in the Source Region of the Yellow River 
	Trend Analysis of Surface Runoff versus Average Annual Precipitation and Average Annual Temperature from 2011 to 2022 
	Trend Analysis of Soil Moisture in Relation to Average Annual Precipitation and Average Annual Temperature from 2011 to 2022 

	Characteristics of Surface Runoff in the Source Region of the Yellow River 
	Interannual Variation Characteristics of Surface Runoff 
	Characteristics of Annual Variation of Surface Runoff 

	Characteristics of Soil Moisture in the Source Region of the Yellow River 
	Interannual Variation Characteristics of Soil Moisture 
	Characteristics of Soil Moisture during the Year 


	Discussion 
	Discussion on Applicability of Downscaling Model 
	Discussion on Applicability of SWAT Hydrological Model 
	Discussion on the Change Trend of Surface Runoff in the Source Region of the Yellow River 
	Discussion on the Change Trend of Soil Moisture in the Source Region of the Yellow River 

	Conclusions 
	References

