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Abstract: The monitoring of surface waters is of fundamental importance for their preservation
under good quantitative and qualitative conditions, as it can facilitate the understanding of the
actual status of water and indicate suitable management actions. Taking advantage of the experience
gained from the coordination of the national water monitoring program in Greece and the available
funding from two ongoing infrastructure projects, the Institute of Inland Waters of the Hellenic Centre
for Marine Research has developed the first homogeneous real-time network of automatic water
monitoring across many Greek rivers. In this paper, its installation and maintenance procedures
are presented with emphasis on the data quality checks, based on values range and variability tests,
before their online publication and dissemination to end-users. Preliminary analyses revealed that
the water pH and dissolved oxygen (DO) sensors and produced data need increased maintenance
and quality checks respectively, compared to the more reliably recorded water stage, temperature
(T) and electrical conductivity (EC). Moreover, the data dissemination platform and selected data
visualization options are demonstrated and the need for both this platform and the monitoring
network to be maintained and potentially expanded after the termination of the funding projects
is highlighted.

Keywords: automatic monitoring; data quality control; data publication; real-time data; surface
waters; telemetric stations; water quality

1. Introduction

Automatic telemetric monitoring stations in surface water bodies can provide now-
casting and early warning services, essential for pollution mitigation and preparation
against extreme events [1–5]. Automatic monitoring provides very large volumes of data
in high temporal and spatial resolution, allowing the detection of both short-term events
and long-term changes, thus contributing significantly to environmental research [6–8].
Wireless technologies make it possible to connect to remote areas, enabling very fast data
transmission from local metering stations to data processing centers. Moreover, the latest
technological developments of in situ sensors and telecommunication protocols provide
continuous data flows at low operational and maintenance costs, increasing the feasibility
of establishing permanent, large-scale monitoring networks [9–11].

Despite the global development of water monitoring programs based on seasonal
sampling, real-time water quality monitoring networks at a relatively large scale (regional
and national) are not widespread. Many automatic networks are small and are deployed at
the local level, usually in basin areas with high management needs. The largest example of
continuous monitoring is the national US network, which is comprised of >2000 stations
that provide real-time measurements of the common water parameters of pH, temperature
(T), electrical conductivity (EC) and dissolved oxygen (DO) [12]. As far as the European
Union (EU) monitoring program is concerned, the EU Water Framework Directive (WFD)
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requires that all member countries monitor their water bodies on a seasonal basis towards
the achievement of “good status” [13], with water information from the pan-European
network of “sampling-sites” being stored in databases [14]. Continuous monitoring of
water that allows for immediate water-quality information available in real-time is not part
of the EU legislation and any efforts to install and operate automatic stations or networks
of stations arise from individual interest in each country.

The Institute of Marine Biological Resources and Inland Waters (IMBRIW) of the Hel-
lenic Centre for Marine Research (HCMR) is in charge of coordinating the national surface
water monitoring program in Greece, under the supervision of the General Secretariat
of Water of the Ministry of Environment, Energy and Climate Change [15]. Systematic
water sampling is carried out on a seasonal basis from hundreds of river sites across the
country to evaluate their water status with respect to physicochemical and biological
conditions [15]. However, seasonal monitoring cannot guarantee the early identification
of sudden water deterioration in rivers that can disturb the aquatic life and degrade the
quality of the water distributed to users from downstream nodes. This service can only
be provided with automatic monitoring instruments measuring water parameters in real
time. A network of stations with automatic instruments is still missing from the Greek
territory, as its development has not been centrally coordinated so far. Only few sparse
efforts have been carried out by educational and research institutes or local water manage-
ment authorities, with limited geographical and temporal application. Thus, many existing
automatic monitoring stations with valuable data have been abandoned, others do not
operate appropriately due to inadequate maintenance or the use of outdated measuring
technologies, while in most of them data are fragmented and remain undisclosed [16].

Automatic monitoring networks offer important services but are also vulnerable to
malfunctions, mostly due to inevitable damage of sensors, which can cause data loss or
degradation. Nevertheless, measures can be taken to ensure the appropriate operation
of the instruments, and improve the quality of data provided to end users through data
checks and evaluations. Quality assurance and quality control (QA/QC) is in practice a set
of automated methods for the identification and correction of problematic measurements,
including graphs and statistics useful for evaluation [17]. More precisely, a QA is defined
as a set of procedures that minimize inaccuracies in the data generated due to factors
like natural phenomena or malicious human activity, such as theft or vandalism, data
corruption during transmission, etc. [18], while QC refers to the actual procedures that are
implemented as part of the QA plan after data collection, where the incorrect data are iden-
tified, labeled and potentially excluded or corrected before their public availability [19,20].
In fact, the need for automated and standardized approaches to QA/QC has increased
since the monitoring systems have now entered the era of “big data” [21–24].

The appropriate design and operation of an automatic monitoring network relies on
a number of factors including, among others, the environmental and research objectives
and the development and dissemination of relevant products, the representativeness of the
monitoring locations and water variables, and the effectiveness and efficiency of QA/QC
procedures [25,26]. The network should also be planned within the current institutional
setting and budgetary and logistical constraints. Within this context, in the design of a
monitoring network in Greece one has to consider the need to comply with the environ-
mental legislation in Europe in a cost-effective manner, covering first the geographical
areas of high and medium priority. Such areas can be defined as the landscapes where river
water bodies do not yet meet the “good status” required by the WFD [13] or the ones of
particular environmental and socioeconomic importance, which could benefit more from
an intense monitoring.

Recently, the HCMR has surveyed the existing network of automatic water quality
stations in Greek rivers and, by applying a GIS-based multicriteria decision analysis ap-
proach, it has identified the existing monitoring needs along with the priority areas for
the installation and operation of automatic, telemetric stations [16]. Taking advantage of
the financial support under two relevant research projects, HIMIOFoTS [27] and OpenE-
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LIoT [28], 15 stations have been established across Greece in 2019 and 2020. These stations
were added to the three sparsely established stations from 2014 to 2016, funded from
previous projects, raising the total number of HCMR stations, up to now, to 18, located
in 11 rivers. The HIMIOFoTs project aims to create an integrated infrastructure for the
management of the Greek national water resources, which is expected to provide important
services both to the scientific community and to the society by providing open access
to data from marine and inland waters monitoring networks, and to related forecasting
products that may lead to the development of added value products and services [27]. The
OpenELIoT project aims to implement an integrated and economically viable Internet of
Things solution for monitoring and analyzing surface water parameters, in an economically
efficient way [28]. In both projects, data quality checks and visualization are integrated in
online platforms, being freely available to end users and the public.

Both projects that support the development of the automatic monitoring network
are still ongoing, with a few more stations being planned to be installed in the coming
years. Ideally, a few more years of operation would be needed for an integrated as-
sessment of the network, including optimized procedures of data quality control and
publication/visualization. However, the current progress allows a preliminary evalua-
tion, which can offer the opportunity to receive constructive feedback. Hence, this article
presents the development of the first centrally coordinated effort to establish a national
network for real-time monitoring of surface water bodies in Greece, along with the neces-
sary maintenance procedures and the quality checks on data before their transfer to the
publication platforms.

2. Methodology
2.1. The HCMR Network: Stations Selection, Locations and Technical Specifications

The 18 established automatic monitoring stations in rivers of Greece measure water
stage and four physicochemical parameters of water: pH, T, EC and DO. Stage is practically
the basis for determining river discharge and thus is important for evaluating the water
quantity conditions in the river, especially with a focus on low flow (drought) and high
flow (flood) conditions. The other four physicochemical parameters give a general but
instructive overview of the river’s water quality and are all important for assessing and
understanding the biogeochemical processes of surface water ecosystems [29]. All these
parameters are directly measurable through a single instrument with all the respective
sensors adapted on it. In particular, the main component of the HCMR stations is the
sonde In-Situ Aqua TROLL 400 (AT400), which is described in terms of the manufacturer’s
specifications in Table 1.

Table 1. In-Situ AT400 manufacturer specifications [30].

Parameter Accuraccy Range Resolution

Water level Typical ± 0.1% FS @ 15 ◦C; ±0.3% FS max. from 0 to 50 ◦C 76 m ±0.01% FS or better

Electrical Conductivity (EC) Typical ± 0.5% + 1 µS/cm; ±1% max. 5 to 100,000 µS/cm 0.1 µS/cm

Dissolved Oxygen (DO) ±0.1 mg/L from 0 to 20 mg/L; ±2% of reading from 20–60 mg/L 0–60 mg/L 0.01 mg/L

pH ±0.1 pH unit from 0 to 12 pH units 0 to 14 pH units 0.01 pH unit

Temperature (T) ±0.1 ◦C −5 to 50 ◦C (23 to 122 ◦F)’ 0.01 ◦C or better

The HCMR stations are installed under bridges as shown in Figure 1. The solar panel
used for the power supply of the water station was placed at a high point with abundant
sunlight on the vertical abutment (pier column), while the instrument with the sensors was
placed in the water in a safe position near the pier’s bottom.

If economically and technically feasible, it is preferred to deploy at least two stations
per river catchment, one in its upper part, even close to its headwaters, and the second
downstream close to the mouth. In this way, having as a reference the expected good water
quality conditions at the upper part, a comparison of water quality parameters for the same
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time period between the two stations will allow the identification of pollution sources in
the intermediate catchment. Another important benefit is the opportunity to assess the
time needed for severe hydrometeorological events, which are usually more intense in
the upstream (and mountainous) part of a catchment, to affect the downstream lowland
catchment where economic activities are mostly developed. Figure 2 depicts the 18 sites
and the 11 smaller or larger rivers where HCMR stations have already been deployed,
while Table 2 summarizes useful information related to their location and operation.

Figure 1. A typical installation of an Hellenic Centre for Marine Research (HCMR) automatic station
for water monitoring: the solar panel on the pier column (left) and the instrument with the sensors in
the pier’s bottom (right).

Figure 2. Cont.
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Figure 2. Spatial distribution of HCMR water quality monitoring network in selected Greek rivers up to December 2020:
(a) the station in Ag. Germanos stream, (b) the stations in Acheloos, Lithaios, Pinios and Spercheios rivers, (c) the stations in
Asopos and Kifissos rivers and in Pikrodafni stream and (d) the stations in Alfeios, Evrotas and Pamisos rivers.

Table 2. The HCMR automatic water quality monitoring stations up to December 2020.

Water District River Site Name Coordinates (ϕ, λ) Started from Research Project

Eastern Central Greece Spercheios Alamana 38.81250, 22.49520 3/7/2014 HIMIOFoTS
Eastern Central Greece Spercheios Anthili 38.85611, 22.46685 4/7/2014 HIMIOFoTS
Eastern Central Greece Spercheios Loutra Ypatis 38.907822, 22.283958 27/11/2019 OpenELIoT

Western Central Greece Acheloos Mesochora 39.42010, 21.26261 29/7/2016 HIMIOFoTS

Thessaly Pinios Giannouli 39.65246, 22.40780 25/8/2019 HIMIOFoTS
Thessaly Pinios Nomi 39.52657, 21.93833 26/8/2019 HIMIOFoTS
Thessaly Pinios Tempi 39.89675, 22.61520 25/8/2019 HIMIOFoTS

Western Peloponnese Alfeios Aspra Spitia 37.58641, 21.79087 1/8/2019 HIMIOFoTS
Western Peloponnese Alfeios Epitalio 37.64256, 21.47648 1/8/2019 HIMIOFoTS

Western Peloponnese Pamisos Agios Floros 37.168887, 22.024621 25/9/2020 OpenELIoT

Eastern Peloponnese Evrotas Vrontamas 36.973848, 22.580371 21/7/2020 OpenELIoT
Eastern Peloponnese Evrotas Leimonas 36.828865, 22.691026 21/7/2020 OpenELIoT

Attica Kifissos Kifissos MD 38.091799, 23.781160 8/7/2020 OpenELIoT
Attica Kifissos Kifissos EKV 37.947538, 23.672446 15/7/2020 OpenELIoT

Attica Pikrodafni Pikrodafni 37.922411, 23.700816 1/10/2019 OpenELIoT

Eastern Central Greece Asopos Chalkoutsi 38.324726, 23.753182 3/7/2020 OpenELIoT

Thessaly Lithaios Trikala 39.552411, 21.770816 21/11/2019 OpenELIoT

Western Macedonia Ag. Germanos (Prespa Lake) Ag. Germanos 40.836957, 21.140266 13/7/2020 OpenELIoT

Note: Water Districts are large River Basin Areas including several smaller watersheds. Greece is divided into 14 Water Districts. The
“Alamana”, “Anthili” and “Mesochora” stations were installed a few years before 2019 within the framework of previous funding projects
but they are assigned to the “HIMIOFoTS” project on the table due to their recent upgrade with economic sources from this project.

2.2. Stations Maintenance and Data Checks

So far, there is no universal QA/QC procedure for examining data validity and optimiz-
ing data quality, but only common automatic practices, especially for data errors detection.
The development of the HCMR network of automatic stations follows common data quality
checks that have been proposed in the literature [17,31,32], after extensive testing.
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The main sources of errors in the water physicochemical data are the deposition of
biological or other material on the sensors (sensors biofouling/fouling) and the deviation
of the sensors (sensors drift). Drift is the natural tendency of a sensor to change its
characteristics over time, due to aging of materials and/or due to environmental changes (in
temperature and humidity), resulting in changes of the output signal, while the measured
physical quantity remains stable. Other sources of error are damage to sensors, recorders
and/or data transmission systems, and unpredictable environmental conditions that can
affect the operation of measuring instruments [19,29].

As a result, a station can provide erroneous data such as: (a) measurements out of the
permissible range of values for the recording parameter, (b) persisting values of a measured
parameter, usually because of a damage causing the datalogger to record continuously
the last measurement, and (c) no measurements or measurements equal to zero due to a
failure of the sensor or datalogger or due to a power outage or battery damage resulting in
abnormal data recording. It should be also noted that incorrect measurements at a constant
value could also be attributed to an erroneous calibration [19].

Regular inspection and maintenance of the monitoring stations is taking place by
experienced HCMR personnel in frequencies that fluctuate from monthly to quarterly. All
sondes are subject to routine cleaning, so that their sensors will not become coated with
biofilm, sediment and other debris, and calibration process against standards. Quality
checks are performed during each site visit through comparison readings with a HANNA
98194 field reference sonde, temporarily deployed to determine sensors’ drift. The field
reference sonde is carefully maintained and checked before use against laboratory standards
and calibrated as needed. The deviations of the stations recordings from the respective
in situ measurements are calculated and statistically elaborated. Box-plots and frequency
histograms are used to present the level of deviation occurring per water quality parameter
and season, and to investigate if any relation exists between the magnitude of deviation
and the calibration frequency of the sensors.

Every site station incorporates sensors and recording systems for the measurement of
the parameters at regular intervals, ensuring almost continuous recording of the state of
the water, which can be processed and published directly on the internet. The data from
the sensors are transferred telemetrically (via GPRS) to a server at time intervals ranging
from 10 min to 1 h (usually 30 min and 1 h are preferred), they are stored in databases
and are published both as raw and quality checked data on the HIMIOFoTS [27] and
OpenELIoT [28] projects platforms and on an HCMR central visualization platform [33],
which combines all stations from both projects. It is worth mentioning that data logger’s
clock is set to standard time (UTC) to avoid confusion during the transition to or from
daylight saving time.

For the needs of the data quality checks of the HCMR network a two-stage procedure
is followed. As a first step, algorithms apply plausibility tests to observations with a
pass/fail criterion based on predetermined allowable data ranges and variability to detect
possibly erroneous values [17,32]. In a second stage suspicious values are labeled using
specific flags and examined through graphs by qualified scientists, who judge whether
these measurements represent extreme natural phenomena and should be integrated in
the entire data series without labeling or whether they are of poor quality and have to
remain flagged.

Prior to all data checks, a date/time test is performed to ensure that the data corre-
spond to successive recorded values based on the selected time step (e.g., hourly). This
is immediately followed by a check of zero measurements and/or empty values, which
leave all these records empty before the next tests are applied. Incorrect records in the raw
data transmitted from a network station usually have the word “null” or a high negative
value (e.g., −9999) or even a zero, when it cannot be referred to a real measurement. In the
present network, for whatever reason and for any duration an instrument does not record
the variable, the respective raw data are left blank, but even sporadic normal values within
an extended empty period are not excluded and pass a further quality check.
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Then, for the remaining values, a range test is first performed in order to identify
values outside the expected natural limits of each variable, considering the instruments
limits and the physical ranges of the corresponding variable. A test of extreme values
(extreme value test) follows by simply marking the greatest and smallest values within the
entire data set, and a test of extreme differences of successive values within the data set
(extreme difference test), which indicates for further observation the largest and smallest
absolute changes of consecutive observations. Finally, the data quality check includes a
persistence test, which examines whether or not a variable has stopped varying with time,
indicating a non-response of the sensor to changes in the values of the variable (stuck value
test). The tests implemented in the water quality data recorded by the automatic stations
of HCMR were further analyzed.

The range test ensures that the measurements are within allowable limits. Table 3
gives the upper and lower bound of each parameter used in our range quality check, which
did not coincide to the absolute natural variability but represent smaller, expected ranges
that are practically not exceeded in the aquatic environment of Greek rivers.

Table 3. Physiochemical parameters recorded in Greek rivers and their permissible limits.

Water Parameter Unit Min Max

Temperature (T) (◦C) 0 30
Electrical Conductivity (EC) (µS/cm) 30 5000

pH (-) 5 10
Dissolved Oxygen (DO) (mg/L) 4 11

The priority here is that labeling correct data due to the strictest limits and confirm
them as acceptable in the second stage (graph observation) is preferable than not labeling
poor quality data due to wider allowable ranges and passing them through the first stage
tests, unflagged.

Checking for possible erroneous extreme values that do not necessarily lie outside the
above limits is further done by marking the 2.5% highest and the 2.5% lowest recorded
values of the data set, excluding those values that have already been marked according to
the “out-of-range” criterion. This further draws our attention to the 5% of the remaining
values for inspection and in combination with the already “out-of-range” labeled values
is expected to represent the vast majority of possible errors. Therefore, the criterion of
labeling a fixed percentage of 5% of the “within-the-permissible-range” recorded values
helps in the cases that even the acceptable limits of Table 3 represent rather wide ranges that
can allow the non-flagging of extreme values or outliers that should be flagged. Therefore,
this extreme value check flags a standard 5% of the values of the data set (with out-of-range
values excluded), comprised of its 2.5% lower values and 2.5% higher values. For example,
in a data set with 100,000 hourly or subhourly values after the range test, the 5000 most
extreme values (5%) will be highlighted.

With a similar approach, the variability of the data was examined. We calculated the
absolute differences of the consecutive recorded values (after excluding the out-of-range
ones) and indicated the 2.5% lowest values and the 2.5% highest values. The flagged 5% of
absolute differences allows one to graphically examine if the highest and lowest consecutive
(1 h or 30 min) changes correspond to abnormal patterns of unnatural fluctuations. In both
the above tests, the number of flagged values that represent the 5% subset of the “within-the
permissible-range” data, increases as the database is populated with new measurements
and the corresponding limits change dynamically by recalculating the corresponding
percentiles every time new data gets into the database.

The last check of the data is done to see if there is a so-called “freeze” in the mea-
surement data or otherwise if a value is stuck and does not change for many consecutive
recordings. As far as the water quality parameters: pH and DO are concerned, the fluc-
tuations in each time step can be almost zero for quite a long time (hours) and, thus,
such a criterion may lead to long flagging, without necessarily indicating problematic
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measurements. After experimentation, a complete absence of change (absolutely zero) for
a two-days duration was selected for both pH and DO and was extended to the other two
water quality parameters of T and EC. In practice, the sum of the absolute differences of the
last two days (48 measurements for hourly values or 96 for half-hourly values) is checked
against zero. This test is called a “stuck value test” or “persistent value test”.

Table 4 summarizes the quality control checks implemented for the monitoring net-
work of HCMR.

Table 4. The quality tests applied in the data recorded by the automatic stations of HCMR.

Problem Reliability Check Type of Data Definition

Empty record
Multiple empty records

Null test
Gap test

Missing data or long time period
with missing data Leave empty records

Implausible values Range test Extreme values Min and Max limits of Table 3

Extreme values
(within plausible range of observations) Extreme value test Extreme values 2.5% smallest and 2.5%

largest observations

Extreme value differences
(within plausible range of observations) Extreme difference test Differences (absolute) of

consecutive pairs of values
2.5% smallest and 2.5% largest absolute
consecutive differences of the observations

Persistent values
(within plausible range of observations) Stuck value test Consecutive differences (absolute)

of consecutive pairs of values
Zero change of the last 48 1 h or
96 half-hour recorded values

It has to be noted that data can be flagged from more than one test. For example, a raw
observation may be out of the 95% range of the observations, but its absolute difference from
the previous observation may be out of the 95% difference range too. Actually, sometimes
flagged values due to the stuck value test may have been flagged already from the previous
test since the zero changed values also belong to the 2.5% least changed values (smallest
differences). The stuck value test however has to predominate as the zero change implies a
more serious malfunction (shown next).

Graphs are an important and easy tool for evaluating data. Values that are identified
by the quality checks as suspicious should be marked on the graph (parameter vs. time)
with a different color or symbol, while the blank entries will leave corresponding gaps in
the graph. For flagged data in the graphs, it will be judged whether these measurements
should be removed due to poor quality or if they are rather normal values and must
be maintained.

3. Results
3.1. Application of Quality Checks on Real-Time Data and Flagging

The automatic station “Mesochora” (Acheloos River) (see Figure 2 and Table 2) was
chosen for presenting representative graphs of the HCMR stations network and of the
followed data quality check procedures. The station measures continuously the water
parameters: stage, pH, T, EC and DO and transmits its instantaneous measurements to the
data center every hour. For visualization purposes a shorter than the whole operation pe-
riod is selected for display here, starting from 01/08/2018 and lasting 20 months. Actually,
the Mesochora site is from the oldest HCMR monitoring sites (see Table 2), but the selected
time-period covers a representative range of data recording malfunctions to present herein.

3.1.1. Evaluation Based on pH Data Quality Checks

Figure 3 depicts the pH graph at an hourly time step from August 2018 until April
2020 including flagged data as they were marked by the automatic checks applied. For
the 20-month period selected, a 0.6% of the total expected 1 h observations of pH are
empty records.

The measurements that passed the quality checks without being indicated with any
possible error were 43.59%. Almost 84% of the recorded values were within the allowable
limits of this parameter (5 < pH < 10, see Table 3), while when checking for possible
persistent values for an extended period, possible errors were detected in about 37% of the
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measurements, which makes this type of error the most important and most common in the
pH data set. At the left part of the graph the orange color results from the implementation
of the range test. The test found that for a long period of more than two months all
the recorded values were out of range, specifically pH was less than 5 (lower allowable
bound), which did not allow further examination with one of the other tests. Then, a period
with more acceptable values of pH began that lasted until early 2019. For the remaining
“within-the-permissible-limits” raw data, the selected tests detected the 5% of the values,
which lay below the 2.5% and above 97.5% percentiles (green), and outside the respective
percentiles of the value differences (yellow). For the former and specifically for the above
97.5% values, which were found in late 2019 and were all close to pH = 7, there did
not seem to be any suspicious recording. The 2.5% lowest pH values appeared at the
end of 2018 and were slightly greater than five succeeding the period with out-of-range
values. These “green” values are however suspicious and should not be uncolored. The
yellow symbols are interchanged with normal blue values, indicating fluctuations for
further observation. In fact, all yellow symbols in Figure 3 corresponded to the 2.5% larger
sequential (1 h) differences and should be carefully observed for potential unexpected
hourly pH increases/decreases. On the other hand, the rest of the 2.5% of “yellow” data,
representing the minimum hourly changes, are “lost” under the persistent values that are
marked with the stuck value test. Indeed, measurements that persist at specific values for a
long time (red color) are observed in several parts of the graph indicating that the sensor
was probably not working properly and was stuck many times within the 20-month period.
Obviously, the 2.5% lowest changes were zero changes that coincided with persistent values
checked with red. As shown in Figure 3, the zero changes in pH values for long periods
were met more in 2019 but continued in 2020, sometimes for shorter periods and sometimes
for longer ones. The sensor returned to normal function mostly after a calibration and/or
a maintenance visit to the station. Overall, the pH graph of Figure 3 for the Mesochora
station shows problematic behavior that needs to be further interpreted through station
and sensor checks.

Figure 3. Change of water pH (blue line) on an hourly basis at Mesochora station and marking of values, which are out of
the allowable range (orange color), outside the 2.5% and 97.5% percentiles of observations (green color), outside the 2.5%
and 97.5% percentiles of absolute differences of consecutive observations (yellow color) and unchangeable for more than
two days of continuous recording (red color).
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3.1.2. Evaluation Based on Temperature (T) Data Quality Checks

The vast majority of T measurements passed the quality checks without being indi-
cated with any possible error. In fact, only the extreme value test and the extreme difference
test marked values of this data set, as expected. Figure 4 illustrates the change in T on
an hourly time step over the study period. The graph at first glance refers to normal T
fluctuations, with values above 15 ◦C in the summer months that fell even below 5 ◦C in
the winter months. The tests did not indicate any values outside the allowable range of
Table 3 for T (0–30 ◦C) or “frozen” (persistent) values. So, only the small percentage of 5%
of observations were highlighted representing the 2.5% higher and 2.5% lower observations
and higher/lower absolute differences respectively. Attention in this graph is required
more for the latter than for the former. Possible large hourly changes in summer 2018 have
to be evaluated by experienced staff to determine if they are consistent with changes in
ambient temperature. The highest temperatures over the 20-month period are indicated
with green color on the same part of the graph being overlapped with the greatest fluctua-
tions in consecutive differences. The highest actual temperatures did not however seem
to be abnormal since they were slightly above 20 ◦C, a level that was normally reached
during a hot summer in Mediterranean river systems. It is generally believed that water
temperature is measured very reliably and it is rather rare to detect systematic or even
sparse errors. It is also important to notice that no gaps were observed in the T diagram, a
sign that the sensor could work without problems for long periods.

Figure 4. Change of water temperature (T) (blue line) on an hourly basis at Mesochora station and marking of values
that are outside the 2.5% and 97.5% percentiles of observations (green color) and outside the 2.5% and 97.5% percentiles
of absolute differences of consecutive observations (yellow color). No out of allowable range T values (orange color) or
unchangeable T values for more than two days of continuous recording (red color) have been indicated.

3.1.3. Evaluation Based on Electrical Conductivity (EC) Data Quality Check

Similarly with T, the vast majority of EC measurements passed the quality checks
without being indicated with any possible error, with only the extreme value and extreme
difference value tests, as normally expected, leading to marked values of this data set.
Figure 5 illustrates the change in EC on an hourly time step over the study period. The
values of the parameter and the differences of its successive values that are outside the
2.5–97.5% percentiles have been labeled. There are no out-of-range or persistent values as
mentioned above. The most notable in the graph is the yellow area at the beginning where
rather high hourly changes (increases/decreases) occur repeatedly and indicate either a
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sensor problem or a recurring episode of pollution. In general, the EC appears from the
graph to be measured quite reliably for a long time.

Figure 5. Change of electrical conductivity (EC) (blue line) on an hourly basis at Mesochora station and flagging of values,
which are outside the 2.5% and 97.5% percentiles of observations (green color) and outside the 2.5% and 97.5% percentiles
of absolute differences of consecutive observations (yellow color). No out of allowable range EC values (orange color) or
unchangeable EC values for more than two days of continuous recording (red color) have been indicated.

3.1.4. Evaluation Based on Dissolved Oxygen (DO) Quality Check

On the contrary, the majority of DO hourly records within the 20-month period of
interest did not pass any quality check as records from May 2019 and onwards were empty.
Moreover, a significant percentage of the recorded values before May 2019 are possibly
in error. As shown in Figure 6, there are significant parts of the time series outside the
allowable range (orange color). These erroneous data are systematically observed in the
graph where many values lie below the lower limit, even reaching zero. However, the
measurements return within the allowable limits, which means that the sensor works,
implying that a phenomenon (probably pollution) causes the DO high fluctuations. There
is a period at the end of 2018 characterized by the largest fluctuations in successive value
differences (yellow color), which though, based on the general behavior of the parameter,
may be reasonable. The biggest problem of the data set is the long period with empty values
(non-recording), which essentially indicates the shutdown of the sensor. This happened as
shown in the graph in May 2019 and can be attributed either to a problem with the sensor
itself or with a station damage/removal. However, as other parameters have been recorded
during the same period, it is obvious that the station suffers from a DO sensor failure that
was not repaired until the end of the 20-month study period. Overall, the graph of Figure 6
for the Mesochora station reveals a rather suspicious operation of the DO sensor with no
recording for almost a year and with high fluctuations lying out of allowable limits when
recording. The DO sensor is characterized by low durability and needs more frequent
maintenance/calibration or even replacement.

3.1.5. Evaluation of Water Level Measurements

To enhance the interpretation of the water quality graphs above, the stage of water in
Mesochora station is presented in Figure 7, where the water level fluctuations are shown
for the same 20-month period. The graph at Mesochora station was complete (no gaps)
and represents a typical stage graph with high flow peaks (high water levels) alternating
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systematically with lower flows (low water levels). Only the 5% greatest/lowest values
and 5% greatest/lowest differences were identified. An extra quality check that an expert
could do with this graph is to inspect the occurrence of peaks by comparing them with
local precipitation measurements to confirm their validity. Persistent values are absent as
expected when the water level monitoring instrument works properly, while out-of-range
values could only be detected at a higher level than 4–5 m, which however cannot be
defined homogenously across the monitoring network as in the case of the water quality
parameters. There is confidence that no errors are present at the water level graph.

Figure 6. Change of dissolved oxygen (DO) (blue line) on an hourly basis at Mesochora station and flagging of values that
are outside the allowable range (orange color), outside the 2.5% and 97.5% percentiles of observations (green color) and
outside the 2.5% and 97.5% percentiles of absolute differences of consecutive observations (yellow color). No unchangeable
DO values for more than two days of continuous recording (red color) have been indicated.

Figure 7. Change of water level with time (hourly values) at Mesochora station and flagging of the 5% greatest/lowest
hourly observations and differences of successive ones. No erroneous values are suspected in this typical graph of the water
level fluctuation.
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3.2. Statistical Analyses of the Deviations of Stations Recordings from in Situ Measurements

During each site visit, readings with a field reference sonde are compared with the
respective records of the automatic station. The percentage deviations between in situ
measurements and stations records have been statistically analyzed and presented in
Table 5 and Figure 8 based on data from site visits in 2019 and 2020 all across the automatic
monitoring network. The sample size of the parameter comparisons is appropriate since it
ranges in number between 43 and 53 for the four water quality parameters (N in Table 5).

Table 5. Analysis of percentage deviations of water quality parameters recorded by the automatic
stations from in situ measurements carried out with a portable instrument during site visits.

Deviations (%)

Parameter N Mean Minimum Q1 Median Q3 Maximum

EC 47 −3.4 −89.7 −12.4 −2.3 9.1 133.09
DO 43 −20.3 −100 −69.8 −8.8 11.5 172
pH 53 −0.2 −26.8 −7.2 −1.2 6.2 43.58
T 52 −3.1 −36.5 −4 −1.2 0.9 29.93

Figure 8. Percentage deviations of automatic station measurements from in situ measurements: (a) per water quality
parameter: EC (electrical conductivity), DO (dissolved oxygen), pH and T (temperature), (b) per season, (c) per parameter
showing the frequency of each deviation level and (d) per parameter and time period (in days) elapsed from the previous
on site sensor calibration.

The mean and median values of the deviations for all parameters indicate that the
stations tended to slightly underestimate the actual parameter values in the rivers. Both
mean and median deviations were negative fluctuating from only −0.2% to −20.3% for
mean values and from −1.2% to −8.8% for median values (Table 5). The lowest deviation
values were observed for water T followed by pH, EC and DO. For DO in particular, the
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highest deviations were also indicated from the box-plots of Figure 8a. On the other hand,
Figure 8b helped us to identify possible high deviations between automatic and in situ
measurements on a seasonal basis regardless the water quality parameter. The box-plots
show that the variability of percentage deviations among the four seasons did not differ
considerably. There were slightly higher fluctuations of deviations in winter and spring,
probably due to the higher variability of river and sediment discharges in these periods,
however, the largest number of deviation outliers was observed during the summer visits
to the stations.

From the histogram of deviations for each parameter, shown in Figure 8c, pH and T
illustrated a frequency distribution close to normal with the highest number of deviations
fluctuating symmetrically around zero, while EC and DO presented a much wider range of
calculated deviations with the majority of them being lower than zero. Especially for DO,
this can indicate significant malfunctions of the sensor.

The calculated deviations were also correlated to the respective numbers of elapsed
days from the previous calibration of sensors to identify a potential impact of the calibration
frequency on the performance of the sensors. Figure 8d presents the deviations variability
with respect to the time period passed from the last maintenance/calibration of the sensor.
The time period is categorized into four classes starting from a maximum of only 35 passed
days from the last calibration until a period longer than four months (>127 days). From
the illustrated results, there was no clear trend of deviations increase for any parameter
apart from water T that shows a small increase in the deviations as intercalibration periods
increase (from <35 days to >127 days). It should be mentioned that the T sensor is not
calibrated during the in-situ maintenance efforts and therefore the aforementioned trend is
due to sedimentation and biofouling impacts that are counteracted by cleaning the sensor.
For DO on the other hand, deviations were the largest, even relatively early after the last
calibration of the sensors (<69 days) and became only a bit higher when a quite longer
period without calibration had passed (>127 days). The very high DO deviations in the
last three classes of calibration periods did not reveal a clear deviation trend against the
elapsed time from the latest calibration.

3.3. Data Publication

The data recorded by the automatic stations are automatically registered in an elec-
tronic database through Python scripts. These scripts are connected on a daily basis to an
ftp server from which the measurements of the automatic stations are taken and stored as
text (“txt”) files. The data are disseminated through three different platforms, two platforms
being the official portals of the funding projects HIMIOFoTS [27] and OpenELIoT [28] and
one being the HCMR platform, where all stations associated with both these and previous
projects are integrated to form the national network of automatic monitoring of surface
waters in Greece. The data from all stations (see Table 2) were imported into the HCMR
central online platform [33] and were visualized with Grafana, an open source visualization
and analytics software (Grafana version 7.0.3).

The quality checks presented above are shown here as well through informative
graphs, with different symbols (flagged data) that label the time-series of each parameter.
Moreover, a number of useful and interesting functionalities is available, including various
visualization options of the data themselves, aggregation at larger time steps, statistical
analyses, alerts, maps summarizing the variability of the parameters in the long-term, etc.

Figure 9 depicts a continuous data set of DO from a monitoring station, with labels
assigned to the flagged data according to the quality checks applied. In the platform,
missing values are indicated on the graph with purple color, red color indicates out-of-
range values (range test), orange color indicates outliers (extreme value test), yellow color
indicates the lowest and highest fluctuations (extreme difference test) and the blue color
indicates persistent values (stuck value test), according to the data checks listed in Table 4.
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Figure 9. Graph showing the fluctuations of water dissolved oxygen (DO) over time with flagged data based on the
quality checks of range, extreme value, extreme difference value and stack value tests, as shown in the HCMR online
platform. Symbols: “e” for empty values, “r” for out-of-range values, “o” for outliers (the 5% highest and lowest values of
the time-series), “f” for high and low fluctuations (5% of highest and lowest changes of consecutive values) and “p” for
persistent values (no change of the parameter value for at least 48 hourly measurements).

An additional visualization product available in the platform is the “heat map”, a
data visualization technique that shows the magnitude of a phenomenon as color in two
dimensions. The heat map provides a rapid overview of the fluctuation of a parameter’s
values for long periods of time (months, years). As shown in Figure 10, the number of
measurements existing in each rectangle of the diagram is indicated in the lower left corner
(few measurements—green, many measurements—red). So, in the example heat map of
the figure, referring to the monthly observations at the small Pikrodafni stream in Attica,
most low DO measurements (0–2 mg/L) occurred in May and June (red rectangles) and
only a few measurements reached the levels of 4 mg/L and 6 mg/L (green and dark green
rectangles). Then, DO values began to fluctuate throughout the natural value range (up to
11 mg/L) in summer, with the majority of values being below 4 mg/L though. This wider
variability continues with a rather more uniform distribution of measurements in the last
two autumn months.

Figure 10. A heat map showing the frequency and variability of dissolved oxygen (DO) values in each month of 2020 at
Pikrodafni station.
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Another interesting functionality in order to ensure the smooth and uninterrupted
operation of the network of the automatic monitoring stations is the alerting service
provided within the online grafana platform and is presented in Figure 11. For each
parameter and station if the value exceeds the upper/lower acceptable limits, the system
transmits (via e-mail) an alert message. Bar charts of the minimum daily values of each
parameter recorded across the entire monitoring network of stations were also calculated
and displayed on a daily basis for a better network’s overview.

Figure 11. Bar charts of the minimum daily values for the physicochemical parameters of water
dissolved oxygen (DO) and water temperature (T) measured from the monitoring network of stations
(along with the active alerts for every station and parameter, as presented in the HCMR central
visualization platform).

4. Discussion and Conclusions

In this paper, we demonstrated the installation of the automatic monitoring stations
across rivers of Greece from the Institute of Inland Waters of HCMR, followed by the
data quality checks applied and a brief but representative presentation of graphs and
functionalities offered within its central visualization platform. It has to be noted that this
is a very recently started and still ongoing effort, which needs additional time of stations
operation to ensure the best data quality and the maximum reliability of services provided
to end-users.

As the quality of data has to begin well before the data are recorded, it is important
that this new monitoring network is based on proper station siting, proper and routine
site maintenance and proper and routine calibration of sensors. Other good practices that
are also followed are the use of similar instruments and instrument configurations at all
the 18 stations installed so far that facilitates objective comparisons of data values from
sensor to sensor allowing for efficient troubleshooting, and the archiving of the original
observations (raw data), which offers the opportunity to reprocess and re-evaluate them at
any time. All data including flagged time-series are also available for download.
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For even more reliable characterization of flagged values as incorrect, apart from the
range and variability checks applied, they can either be compared with values of other
parameters of the same measuring station occurring at the same time (internal consistency
check) or with values of the same parameter recorded at another nearby measuring station
(spatial consistency check). For example, an abrupt change in DO can intersect with a
possible large change in the EC or T of the same station, while an abrupt change in a
parameter can intersect with a corresponding change in the same parameter in an upstream
or downstream observation site of the same river. The latter cannot be as informative as
it could be in a meteorological monitoring network with comparisons of precipitation or
air temperature between nearby stations [34] because: (a) the physicochemical parameters
of surface waters examined here do not necessarily follow similar trends, even at nearby
sites of the same river and (b) there are not at least two nearby stations in all rivers of the
HCMR network.

In the case of the Mesochora station, the single station along Acheloos river, used
for the visualization of the quality checks, significant malfunctions were observed due
to the persistent pH values for a long time period (Figure 3) and the abrupt changes of
DO from the end of 2018 until spring 2019 (Figure 6) that were not accompanied by a
significant change in EC (Figure 5) or the T of water (Figure 4). The flow in the river
was continuous as shown by the uninterrupted recording of the water level (Figure 7),
while its normal fluctuations did not show any extreme hydrometeorological event. The
flow peaks in November 2018 and November-December 2019 were certainly connected
with the reasonable reduction in EC and pH due to the redistribution of ions, but none of
those peaks could be connected with the abnormal behavior of pH and EC. Therefore, for
the monitoring period examined at Mesochora station, it is suggested that, after detailed
inspection, most of the “green” and “yellow” labels of the T, EC and stage graphs could be
removed while the quality check flags in the pH and DO graphs should be maintained.

From the experience with the stations operation and data received so far, there is
evidence that in most of the installed instruments the water pH and DO sensors need
increased maintenance and quality checks compared to the more reliably recorded water
stage, T and EC. Deviations of the stations measurements from onsite measurements
during site visits were the lowest for T and the highest for DO, as generally expected,
since T is measured by simple and very stable sensors with accurate recording under any
type of environment while DO sensors are strongly affected by biofouling and suspended
sediment deposition.

From the above, it seems that for periods up to several months without calibration of
sensors the specific conditions of the installation spots, the sedimentation regime of the river
and local biofouling processes play the most important role in the level of their deviation
from actual conditions. This is more evident for the DO parameter that is measured with the
most sensitive sensor from the examined ones. Within the rather short total operation period
of the majority of the HCMR stations, very few consecutive calibration tasks with a time
difference of many months have occurred already and therefore for longer non-calibration
periods the impacts on the deviations might differ substantially for all parameters.

The preliminary data quality checks and labeling presented here can reduce the
amount of human intervention required, compared to an exclusively manual approach,
as they limit the length of the data set that has to be carefully inspected. However, it
seems improbable that even further improved data quality checks in the future can ensure
a completely automated procedure and replace human intervention required to make
appropriate decisions about how to treat flagged data.

Corrections of flagged data are not applied yet in our data series as the most typical
problem causing this need is the error of the measuring instrument, resulting in incorrect
data of long duration or long data gaps that are not easy to manage. The decision on
whether to fill those records and by which method, depends on their duration, the level of
confidence in the filled records and how the data will be used. Applying value corrections
by adding or subtracting a fixed value to/from a sequence of measurements is rarely used
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in water quality data but can be applicable in the case of a deviation of measurements by a
fixed, known value, usually after calibration.

It has to be noted here that the continuous measurement of only the four common
water quality parameters: pH, T, EC and DO may raise concerns regarding the capacity of
the HCMR automatic monitoring network to support water quality evaluation. Normally,
for a complete and accurate evaluation of surface water quality several other common water
parameters are needed including nutrients, organic matter, heavy metals, etc. [25,35], which,
after manual collection of discrete samples on a seasonal basis followed by laboratory
analyses, can feed water evaluation studies [36–38]. For advancing its real-time monitoring,
the HCMR has just purchased three new multiparameter sondes with nitrate sensors
to be installed at key sites. Nitrate sensors are actually the most mature of the nutrient
sensor technologies [39]. However, as these instruments are quite more expensive [39,40],
it is not very likely that real-time nitrate monitoring can soon cover large parts of the
Greek territory.

The use of the simpler instruments however, measuring water stage and the four
physicochemical parameters, are still considered to be significant for real-time water
monitoring. First, the continuous recording of water stage in rivers can inform about a
flood episode when a maximum threshold is exceeded. In particular, for several of the
rivers with more than one installed station (see Figure 2, Table 2) a rapid increase of water
stage upstream can give the necessary time to react downstream, providing useful services
for flood mitigation.

As far as water quality is concerned, water temperature that controls the rate of all
chemical reactions may severely affect fish growth and reproduction when drastic changes
occur [41]. On the other hand, there are safe ranges of pH for drinking water [42], while
modifications out of the allowable range due to pollution can damage animals and plants
that live in water. The EC of water is a key parameter to determine the suitability of water
for irrigation, while DO is important for the survival of aquatic organisms, bacterial activity,
photosynthesis and availability of nutrients [29].

Although the purpose of this paper is neither to evaluate the water quality of the mon-
itored rivers, nor to present water evaluation methodologies, it is important to highlight the
capabilities of the currently used automatic water monitoring instruments of tolerable cost
to provide the basis for determining other parameters. Indeed, the common parameters
measured here can be used as surrogates for many other constituents in water including,
salinity, sediment, bacteria and nutrients or can be associated with them through regression
analyses [29,43]. Therefore, a long pH, EC or DO time-series of high temporal resolution
can reveal the starting point of a pollution event, informing water management authorities
and, if necessary, stimulating them to collect water samples for further analysis before
its termination. Hence, our continuous real-time water quality data can inform decisions
regarding drinking and irrigation water, adjustments of water treatment strategies and
public safety, and they may be important when considering recreational use of a water body
and determining allowable parameter thresholds to prevent adverse effects on aquatic life.

The above actions can be supported by the online platform of the present automatic
monitoring network, which offers plenty of data management and visualization options.
The platform was developed in 2019 and is continuously updated and improved in terms
of services provision to users, data visualization and user-friendliness as experience is
gained from its population with data in real time from the monitoring stations. However,
more active involvement of end users and the public has to be pursued. The promotion
of the already established and operated online platform to interested parties (companies,
ministries, water managers, local stakeholders and other end-users) can result to user
feedback that will certainly improve its functionality and the network’s final products.

In conclusion, the present work highlights the need to secure the operation of the
existing network and gradually expand it to areas with environmental and socioeconomic
interest according to the financial sources available, and further improve the dissemination
tools of its products, which are the valuable real-time data of the Greek rivers.
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