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Abstract: The Precipitation-Runoff Modeling System (PRMS) was used to develop a simulation of
watershed hydrology on the island of Puerto Rico for the period 1981–2017, concentrating on the Río
Grande de Arecibo, a river with some of the highest streamflows on the island. This development
is part of the U.S. Geological Survey’s (USGS) National Hydrologic Model (NHM) infrastructure
which supports coordinated, comprehensive, and consistent hydrologic modeling at the watershed
scale for the coterminous United States (CONUS). A goal of the NHM program is to expand the
domain outside of CONUS, leading to a PRMS application in Puerto Rico. This model was used to
simulate the effects of Hurricane Maria on daily streamflow and provide information at locations
where streamgages were damaged by the hurricane. Comparisons with streamflow estimates made
by indirect methods in the field, up to ten times higher than simulated values, lends insight into the
uncertainties in both the indirect methods and model simulated values and helps to identify potential
error in the daily streamflow estimates. The PRMS can be applied to look at the effects of changes in
climate and land use, water management, industrial and public water usage, and many other factors
that affect hydrology on the island of Puerto Rico. The model is also designed as a support tool for
the USGS National Water Census which provides comprehensive reporting of national information
on withdrawal, conveyance, consumptive use, and return flow by water-use category.

Keywords: hydrology; Caribbean; watershed; extreme weather

1. Introduction

Hurricanes, including Hugo in 1989 and Georges in 1998, have periodically affected
Puerto Rico [1]. The hurricane season of 2017 was particularly active with the passing of
Hurricane Irma 50 miles to the north of Puerto Rico on 6 September 2017 as a category-
5 hurricane [2], followed by the direct landfall and passage over the island by Hurricane
Maria on 20 September 2017 as a category-4 hurricane with sustained winds of 155 miles
per hour [3,4]. A rainfall-runoff simulation of peak streamflows during the Hurricane
Maria landfall can be used to gain insight into the streamflow estimates made at sites with
hurricane-damaged gaging stations. Using model-simulated streamflows complements
other methods of streamflow estimation.

Previous modeling of the surface hydrology of Puerto Rico concentrated on specific
features and locations on the island (Figure 1). The hydraulic routing model HYDRAUX
was applied to the Lago Loíza reservoir (Figure 2) near the city of San Juan to develop
estimations of water volumes at the reservoir based on rainfall and streamflow data [5].
Discharge into the Lago Loíza reservoir was simulated using an artificial neural network
(ANN) application [6]. The ANN was trained to simulate streamflow based on observed
rainfall and evapotranspiration; the latter being based on observed daily air temperature.

Hydrology 2022, 9, 205. https://doi.org/10.3390/hydrology9110205 https://www.mdpi.com/journal/hydrology

https://doi.org/10.3390/hydrology9110205
https://doi.org/10.3390/hydrology9110205
https://creativecommons.org/
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://www.mdpi.com/journal/hydrology
https://www.mdpi.com
https://orcid.org/0000-0001-9046-9344
https://doi.org/10.3390/hydrology9110205
https://www.mdpi.com/journal/hydrology
https://www.mdpi.com/article/10.3390/hydrology9110205?type=check_update&version=2


Hydrology 2022, 9, 205 2 of 27

Van Beusekom et al. [7] developed Precipitation Runoff Modeling System (PRMS) models
to compare simulations based on five static parameterizations of land cover with those
based on dynamically varying parameters derived from four land cover scenes for the
period 1953–2012. These four regions (Figures 1 and 2) include (1) a moderate rainfall
region north of the Cordillera Central, (2) a dry region south of the Cordillera Central, (3) a
wet region east of the Cordillera Central surrounding Sierra de Luquillo, and (4) a moderate
rainfall region west of the Cordillera Central. Isla de Culebra and Vieques are not included
in this classification. The results of this modeling effort indicated that projected changes in
land cover must be considered in water resource management planning. The input data for
these PRMS simulations provide a starting point for creating a National Hydrologic Model
(NHM)-compatible representation of the rainfall-runoff process in Puerto Rico, described
herein. The Río Grande de Arecibo (Figure 2) has some of the highest observed flows in
Puerto Rico, on the order of 10,000 ft3/s [3], so representing this river and the surrounding
hydrology is the focus of the calibration process in this study. With a drainage area of
170 square miles on the northern slope of the Cordillera Central (Figure 1), Río Grande de
Arecibo flows northerly from a headwater about 960 m in elevation to a coastal outlet near
the town of Arecibo (Figure 2).
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Figure 2. Four hydrogeographic regions in Puerto Rico [7] and location of streamgaging sites. These
four regions are (1) a moderate rainfall region north of the Cordillera Central (Figure 1), (2) a dry
region south of the Cordillera Central, (3) a wet region east of the Cordillera Central surrounding
Sierra de Luquillo (Figure 1), and (4) a moderate rainfall region west of the Cordillera Central.



Hydrology 2022, 9, 205 3 of 27

The purpose of this report is to describe the development, calibration, and application
of a rainfall-runoff model in the Río Grande de Arecibo area of Puerto Rico using PRMS and
examine its application to estimate streamflows during Hurricane Maria. The simulation is
referred to as the PRMS Arecibo model [8].

2. Study Area

The island and Commonwealth of Puerto Rico is approximately 8900 square kilo-
meters (km2) and is located between the northeastern Caribbean Sea and Atlantic Ocean
(Figure 1). Topographically, Puerto Rico is dominated by interior mountain ranges sur-
rounded by flat-lying coastal plains to the north and south. With a maximum elevation
of 1338 m at Cerro de Punta, the Cordillera Central dominates the landscape of the south-
ern two-thirds of Puerto Rico [7]. The northeastern part of the island is dominated by
the Sierra de Luquillo, which has a maximum elevation of 1075 m at El Toro peak [9].
The topography of the island is reflected in the geologic setting which can be general-
ized as carbonate terrain along the north coast, igneous terrain including volcanoclastic
deposits and valley-fill deposits in upland and mountainous areas of the Cordillera Cen-
tral and Sierra de Luquillo, and discontinuous alluvial fans and delta deposits along the
south coast [10].

The Sierra de Luquillo is the wettest region of the island, with annual rainfall of nearly
4.5 m (177 inches) in the upper elevations [11]. Island wide, rainfall has large interannual
variability due to broad-scale storm patterns and hurricanes. Typically, there is an early
rainfall season from May through June and a late rainfall season from August to November,
with an island-wide dry season from January to April [11]. Based on gridded climate
data published by the Puerto Rico AGricultural WATER (PRAGWATER) management
data repository [12], daily temperature in Puerto Rico for 2009–2017 ranged from 15.7 ◦C
(4 December 2010) to 32.7 ◦C (9 September 2016), and annual rainfall ranged from 1.50 m
(59.1 inches) in 2015 to 2.95 m (116.3 inches) in 2017. Large precipitation events can cause
landslide threats to homes and infrastructure in the mountainous interior, and floods that
affect people and infrastructure on the populated coastal plains [13,14]

Hurricane Irma and Maria both affected Puerto Rico in September of 2017. Rainfall
totals in Puerto Rico from Hurricane Irma were between 0.25 and 0.38 m (10 and 15 inches)
for the period 5–7 September 2017 in the higher elevations [2]. Rainfall totals for Hurricane
Maria ranged from 0.13 to 0.64 m (5 to 25 inches) for the period 19–21 September 2017,
with much of the central part of the island estimated to have totals of 0.38 m (15 inches) or
greater [4]. One location in the southeast part of Puerto Rico had a storm-total rainfall of
nearly 0.97 m (38 inches). Precipitation at U.S. Geological Survey (USGS) streamgages for
18–22 September 2017 was as high as 0.74 m (29 inches) at the Bo. Beatriz raingage near
Caguas [3]. Streamflows were at record and near-record levels [4]. As a result of winds or
flooding, 84 streamgages were damaged and did not record flow during the storm [15]. The
north coast of Puerto Rico was struck most heavily by Hurricane Maria. Indirect streamflow
measurements and step-backwater analyses, which utilize high-water marks in conjunction
with estimated relations between stage and flow, were used to estimate peak flow and
reconstruct rating curves at locations where gages were damaged [3]. Given the number
of stations destroyed, alternate estimates of daily streamflow such as estimated by PRMS
could be used to cross-check field estimates of streamflow and to study the contributions of
various components of the water budget during such extreme events.

3. Materials and Methods

The USGS has developed the NHM infrastructure to support coordinated, compre-
hensive, and consistent hydrologic modeling at the watershed scale for the conterminous
United States (CONUS) and allow models to be built for scales ranging from the entirety of
the CONUS to single watersheds [16]. The NHM infrastructure supports rainfall-runoff
modeling with the PRMS which is a physical-process watershed model that runs on a daily
time step and is used to simulate and assess watershed response to hydrologic controls [17].
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Watershed response includes daily streamflow using several user-defined solutions, and
several other water budget metrics such as evapotranspiration. Units of streamflow in this
report are cubic feet per second (ft3/s); otherwise, units are in the SI system.

3.1. PRMS Model

PRMS subdivides a watershed into the smallest homogeneous area, which is referred
to as a hydrologic response unit (HRU). The locations, dimensions, and attributes of
the HRUs in a watershed, and the surface-water routing network are compiled in the
Geospatial Fabric for National Hydrologic Modeling [18]. Each stream segment receives
runoff from the hillslopes of the associated HRU, and streamflow is routed downstream
to the next stream segment. The PRMS model setup includes specifying modules that
simulate key hydrologic processes such as evapotranspiration, runoff, and streamflow [17].
The streamflow module, for example, has three user-specified options: a simple module
that represents streamflow as the sum of runoff, interflow, and groundwater discharge;
the Muskingum module [17]; and a module which simply sets stream-segment outflows
to be equal to inflows. Our study indicated that the Muskingum module did not show
a clear advantage over the simpler module. Other modules allow similar flexibility in
representation of processes. Reservoir releases are estimated and incorporated into the
model as point inflows.

Many model input parameters were calibrated by Van Beusekom et al. [7] for the
time period 1953–2012 using a variety of eight-year calibration periods; therefore, the
model development in this study combines the 1981–2017 Daymet input data [19] with the
parameters from the 1953–2012 study (i.e., topographic, vegetation, and soils characteristics)
as the baseline calibration, followed by the calibration effort that focuses on the Arecibo
basin. The calibration for the Arecibo basin was completed in two overarching steps.
The first involved manual adjustments of parameters and examination of response of
streamflow. Experimentation with input parameters before calibration is a good way to
develop a better understanding of the sensitivity of the model and test alternate solution
modules. The insight gained from the manual adjustment of parameters helped guide
the setup of the second overarching step, the automated calibration using Luca (Let Us
CAlibrate) software version 1 [20] (Reston, VA, USA) which was specifically designed
for calibration of PRMS model applications. Whereas other calibration codes are not
automated for multiple steps or easily interfaced with PRMS, Luca uses a multiple objective,
stepwise, automated calibration strategy. An objective function is defined, usually targeted
at minimizing errors between the simulated and observed values, and a shuffled complex
evolution global search algorithm is used to perturb the model input to satisfy the objective
function. Multiple steps can be defined in Luca, with different parameters, variables, and
objective functions in each step. Solar radiation data from the PRAGWATER management
data repository [12] are available for the 2009–2017 period; therefore, it was decided to make
2009–2017 the Luca calibration period and the 1981–2008 period was used for verification.
A summary of the different model modifications through this development process is
shown in Table 1.

3.2. Baseline Model

The baseline model uses the spatial units and static parameters calibrated by
Van Beusekom et al. [7] (Figure 3). Model region 1 defined by Van Beusekom et al. [7]
(Figure 2) is dominated by the Río Grande de Arecibo and is used for this study. At-
mospheric forcings data compiled for the 1980–2017 period include daily minimum and
maximum air temperature and daily total rainfall derived from the Daymet version 3 data
product [19]. The PRMS standard output commonly assumes the first year of the simulation
as a ‘warmup period’, during which the model’s initial conditions dissipate; therefore, the
simulation period is 1981–2017. The modules chosen for baseline calibration are listed in
Table 2. Daily clear-sky shortwave radiation was computed by PRMS (soltab and ddsolrad
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modules) for comparison with total radiation from the PRAGWATER management data
repository [12].

Table 1. Precipitation-Runoff Modeling System (PRMS) model development sequence; ET: Evapo-
transpiration; DAYMET [19]; PRAGWATER [12].

Dynamic Data Used Processes Calibrated

Previous Application
Daily climate data

interpolated between stations
by multiple regression

Solar radiation, ET, runoff,
river flow, soil zone flow,

groundwater flow

Baseline Model Daily climate data from
DAYMET and PRAGWATER None

Manual Calibration

Same as baseline model with
solar radiation and ET
parameters manually

calibrated

Solar radiation, ET, detention
storage, reservoir input, river

flow

Luca Automated
Calibration

Same as manually calibrated
model with solar radiation

and ET parameters
automatically calibrated

Solar radiation, ET, infiltration,
runoff, river flow
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Table 2. Precipitation-Runoff Modeling System modules used for setup of the model.

Module Description

climate_hru Precipitation-distribution module using precalculated
input for each HRU.

potet_pt
Evapotranspiration module that computes PET as a
function of the daily mean air temperature, atmospheric
pressure, and solar radiation.

srunoff_carea
Runoff module that computes the surface runoff and
infiltration for each HRU by using a linear
variable-source-area method.

strmflow_in_out Streamflow module that routes water between segments
in the system by setting the outflow to the inflow.

soltab
Extraterrestrial solar radiation module that computes
the potential solar radiation and sunlight hours for each
HRU for each day of the year.

ddsolrad
Solar radiation module that uses a maximum
temperature per degree-day relation to distribute the
solar radiation to each HRU.

gwflow Groundwater module that simulates the storage and
inflows to and outflows from the groundwater reservoir.
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3.3. Manual Adjustment of Parameters

The primary objective for manual adjustment of parameters of the PRMS Arecibo
model was to match the timing and magnitude of observed and modeled streamflow at
selected streamgages. Stations with over 20 years of data are distributed across the island
(Figure 2) and the largest observed streamflows were in the Río Grande de Arecibo; thus, the
manual adjustment of parameters concentrated on matching PRMS daily streamflow with
observed daily streamflow at site number 50029000 (Rio Grande de Arecibo at Cambalache)
and further upstream at site number 50024950 (Rio Grande de Arecibo at Utuado) (Figure 2
and Table 3) [21]. The sensitivity of simulation output to the manually perturbed input
parameters can be used to identify and provide starting parameter values for the automated
calibration. The manual effort lends insight into which input parameters are most important
to the output values most needing adjustment, such as peak river flows. The manual
calibration functions as a first step to identify and test the important variables for the
simulation, leading to the Luca calibration.

Table 3. Streamgaging stations on the Río Grande de Arecibo with discharge data suitable for model
calibration and comparison [21]; NAD27, North American Datum of 1927.

Streamgage
Name

Streamgage
Number

Latitude
NAD27

Longitude
NAD27

Period of
Record

Zone in
Figure 2

Rio Grande
de Arecibo at
Cambalache

50029000 18◦27′19.92” 66◦42′08.83′′ 19 May 1969 to 31
December 2017 1

Rio Grande
de Arecibo at

Utuado
50024950 18◦18′07.53” 66◦42′14.75′′ 16 April 1996 to 31

December 2017 1

3.3.1. Representation of Solar Radiation and Evapotranspiration

The PRMS Arecibo model uses the soltab module to compute daily shortwave radiation
or daily potential solar radiation. The ddsolrad module converts potential solar radiation to
actual solar radiation with the degree-day method [17,22]. The other option to compute
actual solar radiation in PRMS is the Cloud-Cover Solar-Radiation distribution module,
ccsolrad, which uses a relation between sky cover and daily range in air temperature
and a relation between solar radiation and sky cover [17,22]. The ddsolrad module is most
applicable to regions where predominantly clear skies prevail on days without precipitation
whereas the ccsolrad module is for humid areas when cloud cover is prevalent even on days
without precipitation. Even though Puerto Rico is a humid environment, clear skies tend
to prevail on days without precipitation, as seen in the data [12]. The clear sky criterion is
considered important so the ddsolrad module was chosen. The computed solar radiation
was calibrated to measured data regardless of the module used.

The potential solar radiation Re, which is the maximum radiation at the top of the
atmosphere, is calculated based on the latitude and solar declination [17] (p. 78), and
net surface short-wave solar radiation Rn, which is the approximation of the net energy
available, is calculated as:

Rn =
rratRe

cos
(
tan−1(Sz)

) (1)

where Sz is the land slope and rrat is the ratio of surface to extraterrestrial daily solar
radiation from the degree-day curves, based on daily maximum air temperature [17,22].
For days with precipitation greater than a user-defined limit, Rn is adjusted by an empirical
coefficient that varies seasonally. Although the degree-day curves are designed to estimate
only the net short-wave solar radiation, the GOES-PRWEB database provides estimated net
radiation data (including all short-wave and long-wave radiation components) (Jacobs and
others, 2008) and is used as the target for model calibration [23].



Hydrology 2022, 9, 205 7 of 27

Daily potential evapotranspiration (PET) is computed using the potet_pt module which
solves the Priestly-Taylor equation:

PET = α

(
vp/

(
vp + γ

))
(Rn/23.88− G)

25.4λ
(2)

where: α is the Priestly-Taylor coefficient, vp is the slope of the saturation vapor pressure
versus air temperature curve in kilopascals per degrees Celsius, λ is the latent heat of
vaporization in calories/gram, and the psychrometric constant γ is computed as:

γ = −1.6286(
101.3− 0.003215Z

λ
) (3)

where Z is the land elevation above sea level in feet. The parameter α was adjusted and can
account for uncertainty or bias in solar-radiation approximations. G is the heat flux density
to the ground in megajoules per square meter per day, and is computed as:

G = −4.2(Tn−1 − Tn) (4)

where Tn-1 and Tn are the average air temperatures on the previous day and current day in
degrees Celsius. The heat capacity of the soil is considered constant in this formulation,
although it actually varies with soil type and moisture.

The parametrization of the streamflow routing was examined by comparing the
muskinghum module, which uses the Muskingum flow-routing method to compute stream-
flow, and the strmflow_in_out module, which sets the outflow of each stream segment
to the inflow. The parameters of the muskinghum module were also adjusted and the
results examined.

3.3.2. Incorporating the Effects of Reservoir Releases

Reservoirs and lakes were not explicitly represented in the 1953–2012 simulation-
period model, and as such, PRMS simulates only unregulated or natural flows from runoff.
The discharge from reservoir releases can be accounted for in PRMS as specified point
inflows, using the variables npoigages and nobs, and the timeseries is input from the main
data file [17]. The most common and largest reservoir releases occur during high rainfall
events, concurrent with the peak instantaneous streamflow, so neglecting reservoirs could
account for errors and uncertainty in simulating peak daily streamflows as seen in the
following comparisons between streamflows and reservoir flows.

Two regulated reservoirs that substantially effect daily streamflows in Puerto Rico
were identified. Lago Dos Bocas (Figure 4) has a surface area of approximately 1.3 square
kilometers and is controlled by the Dos Bocas Dam. Built in 1942 by the Puerto Rico
Electric Power Authority for a hydroelectric power plant [24], the reservoir discharges to
the Río Grande de Arecibo. Lago Cerrillos has a surface area of approximately 1.5 square
kilometers and discharges to Río Cerrillos through the Lago Cerrillos Dam (Figure 4). This
dam was constructed in 1991 as part of the multipurpose Río Portugues and Bucana Project
to provide flood protection, water supply, and recreation facilities for the municipality of
Ponce (Figure 4) [25]. Continuous records of releases at these reservoirs were not available,
but the volumes released can be determined from the observed rates at which reservoir
water levels drop multiplied by the reservoir area. Increases in reservoir water level are not
included in the determination of reservoir releases as they correspond to surface inflows
or precipitation. ET fluxes from the reservoir surface are assumed to be small relative to
the computed reservoir flows. The relationship between water stage and the reservoir
water-surface area were supplied by sedimentation studies at Lago Dos Bocas [24] and
Lago Cerrillos [25]. Given this information, a time series of estimated reservoir releases
was constructed.
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The record of reservoir levels at Lago Dos Bocas begins 30 March 1999 and at Lago
Cerrillos it begins 1 July 1992. Each of these datasets has some missing data. In order to
estimate missing reservoir release data during the 1981–2017 period, a statistical best-fit
relationship was developed between streamflows and reservoir releases for the measured
values. Releases from Lago Dos Bocas affect flows at Río Grande de Arecibo at Cambalache
(50029000). A least-squares regression equation was developed between observed flows
at Cambalache and the estimated reservoir releases at Lago Dos Bocas (Figure 5). For
the period of time before the reservoir-level record started at Lago Dos Bocas (30 March
1999), the best-fit equation shown in Figure 5 is used to provide reservoir flows based on
total flows at Río Grande de Arecibo at Cambalache. With a Pearson’s R-value of 0.47,
the relationship between Lago Dos Bocas reservoir flow and Río Grande de Arecibo at
Cambalache flows is poor (Figure 5) but the best-fit equation is designed only to estimate
the potential added flow, which is only about 10 percent of the total flow.

Hydrology 2022, 9, x FOR PEER REVIEW  9  of  28 
 

 

 

Figure 5. Regression equations for flows from Lago Dos Bocas. 

Estimated time series of releases from Lago Dos Bocas (Figure 6) are added to the Río 

Grande de Arecibo at the location of Lago Dos Bocas (Figure 4). The reservoir outlet flows 

are input to the model through the npoigages option which defined the location and flow 

into the river network. Average reservoir flows are 9.9 percent of the average Río Grande 

de Arecibo at Cambalache flows. Inspection of the data in Figure 6 indicates that reservoir 

flows are 15% of total flows during Hurricane Irma and as much as 53% of total flows for 

a rainfall event on 29 March 2012. For  the period 15 October 1983–30 September 1996, 

neither the record of reservoir levels at Lago Dos Bocas nor the measurement of flows at 

Río Grande de Arecibo at Cambalache exist. Flows from the reservoir are not simulated 

for this period. 

 

Figure  6. Computed Lago Dos Bocas  reservoir  releases  and  observed  flow  (including  reservoir 

flows) at Río Grande de Arecibo at Cambalache. 

3.3.3. Representation of Depression Storage 

Realistic depression‐storage parameters are needed  for a proper  representation of 

peak streamflow. Depression storage is parameterized in PRMS by the average depression 

storage depth dprst_depth_avg, the depression storage area dprst_area, and the fraction of 

the depression storage area that can generate surface runoff as a function of storage vol‐

ume dprst_frac_open. The parameterization of depression storage not only affects the sur‐

face storage effects in the simulation but also provides a more detailed representation of 

the volume and timing of runoff.   

Figure 5. Regression equations for flows from Lago Dos Bocas.



Hydrology 2022, 9, 205 9 of 27

Estimated time series of releases from Lago Dos Bocas (Figure 6) are added to the Río
Grande de Arecibo at the location of Lago Dos Bocas (Figure 4). The reservoir outlet flows
are input to the model through the npoigages option which defined the location and flow
into the river network. Average reservoir flows are 9.9 percent of the average Río Grande
de Arecibo at Cambalache flows. Inspection of the data in Figure 6 indicates that reservoir
flows are 15% of total flows during Hurricane Irma and as much as 53% of total flows
for a rainfall event on 29 March 2012. For the period 15 October 1983–30 September 1996,
neither the record of reservoir levels at Lago Dos Bocas nor the measurement of flows at
Río Grande de Arecibo at Cambalache exist. Flows from the reservoir are not simulated for
this period.
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Figure 6. Computed Lago Dos Bocas reservoir releases and observed flow (including reservoir flows)
at Río Grande de Arecibo at Cambalache.

3.3.3. Representation of Depression Storage

Realistic depression-storage parameters are needed for a proper representation of
peak streamflow. Depression storage is parameterized in PRMS by the average depression
storage depth dprst_depth_avg, the depression storage area dprst_area, and the fraction of
the depression storage area that can generate surface runoff as a function of storage volume
dprst_frac_open. The parameterization of depression storage not only affects the surface
storage effects in the simulation but also provides a more detailed representation of the
volume and timing of runoff.

Viger et al. [26] used a depression storage representation for a PRMS application in
the Upper Flint River Basin, Georgia. For this application, the largest water bodies, such
a lakes and reservoirs, were not considered part of the depression storage, but smaller
water bodies were included, and the hydraulic connectivity of these smaller bodies were
estimated from the topography. However, most studies of depression storage concentrated
on microtopography rather than small water bodies. Sneddon and Chapman [27] used a
photogrammetric technique to determine the microtopography of areas along a hillslope
and estimated depression storage based on the depth and volume of depressions and a
computer search technique which identifies local minima in the topography. Hu et al. [28]
developed depression storage and outflow curves from an experimental apparatus, with
some numerical confirmation. Rossi and Ares [29] developed a set of plot-scale field
experiments at the semi-arid Patagonian Monte in Argentina to estimate the effect of
depression storage areas and infiltration rates on overland flows and a numerical model
was fitted to the field data. Mwendera and Feyen [30] estimated depression storage from
microtopographic data measured on microcatchments subjected to simulated rainfall. A
relation was developed between depression storage and slope steepness. Elbasit et al. [31]
investigated depression storage through laboratory application for small roughness height
values. A relationship was also shown between depression storage Ds in mm, relative
roughness RR in mm, and land slope SZ:

Ds = 00157
(

RR
Sz

)
(5)
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This equation is designed for microtopography, but if the roughness height is given a
large value of 0.5 m to represent smaller water bodies and a land slope of 0.00005, the de-
pression storage depth from equation 5 is 51 mm or about 2 inches. This is considered a very
approximate but acceptable value for dprst_depth_avg in the manual parameter adjustment.

The relation between depression storage outflow and slope noted in Mwendera and
Feyen [30] and Elbasit et al. [31] indicates that the percentage of depression storage area
open to outflow should be higher in mountainous high slope regions and lower in coastal
flat areas. The parameter dprst_frac_open in the NHM Puerto Rico model, which describes
the fraction of depression storage area open to outflow, is varied according to the elevation.
Given the difference in elevation between the coast and the upper reaches of the Río Grande
de Arecibo, the empirical equation was developed:

dprst_ f rac_open = Z/1700 (6)

where Z is the land elevation in feet above sea level. This allows for the fraction of
depression storage area open to outflow to be very low in the coastal areas and approach
the entire depression storage area in the mountainous upper reaches.

The primary objective of the depression storage parameter adjustment is to improve
the representation of peak streamflows which tend to be underestimated. The effects of the
depression storage parameters on peak flows are investigated in the manual calibration.

3.3.4. Automated Calibration with LUCA

Based on the results and finding of the initial manual adjustment of the parameters,
the PRMS Arecibo model was calibrated using the Luca software version 1 [20] (Reston,
VA, USA). The calibration sequence was based on a multi-step method described by Hay
et al. [32] for a model of the Yampa River basin of Colorado. A number of the parameters
and variables used in the Yampa River model, such as parameters dealing with snow melt,
are not relevant to Puerto Rico. The stepwise method was modified to adjust the input
parameters (Table 4) to provide the best fit with observed data in the PRMS Arecibo model.

Table 4. Parameters of the Precipitation-Runoff Modeling System that were automatically calibrated
using the Let-Us-Calibrate (Luca) program.

Parameter Name Acceptable Parameter Range Parameter Description

dday_slope 0.4–0.7 dday/◦C
Monthly (January to December) slope in

degree-day equation. Used in solar radiation
computation.

dday_intcp −25–−5 dday
Monthly (January to December) intercept in
degree-day equation. Used in solar radiation

computation.

pt_alpha 1.2–1.35
Monthly (January to December) adjustment
factor used in Priestly–Taylor potential ET

computations.

soil2gw_max 0.0–10.0 inches
Maximum amount of the capillary reservoir

excess that is routed directly to the
groundwater.

ssr2gw_exp 1.0–1.5
Non-linear coefficient in equation used to route

water from the gravity reservoirs to the
groundwater.

carea_max 0.0–1.0 Maximum possible area contributing to surface
runoff expressed as a fraction.

pref_flow_den 0.0–0.2 Fraction of the soil zone in which preferential
flow occurs.
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The Luca calibration of the NHM Puerto Rico model was accomplished in four steps
(Table 5). The objective function for each step is to minimize the least-squares fit of the
observed and simulated values listed in Table 5 in the column “calibration target”, without
weighting. Following the examples of several previous applications [7,33], the first Luca
step involves calibrating the simulated solar radiation to the data from the PRAGWATER
GOES-PRWEB management data repository [12], adjusted to net short- and long-wave
radiation using the methodology described by Jacobs et al. [23]. The calibration period is
2009–2017 to coincide with the period of availability of the GOES-PRWEB data.

Table 5. Details of four-step Luca calibration application.

Step Calibration Target Calibration Parameters Target Parameters

1
Daily spatially
averaged solar

radiation

dday_slope
dday_intcp Solar radiation

2
Daily

spatially-average
potential ET

pt_alpha Potential
evapotranspiration

3
Monthly averaged
lower 90 percent of

flows (base)

soil2gw_max
ssr2gw_exp

Low streamflow at
station 50029000

4 Monthly averaged
flows

carea_max
pref_flow_den

Monthly streamflow
at station 50029000

The calibration target for the second step is the potential evapotranspiration (PET) data.
Solar radiation, tmin, tmax, vapor pressure, and wind speed data from the PRAGWATER
GOES-PRWEB management data repository [12] is used to develop this PET target. The
calibration adjusts a (model variable pt_alpha) in the Priestly–Taylor equation (Equation (2))
on a monthly basis as the entire model domain. In the manual calibration, α was already
manually adjusted for fit as a temporally constant value, so the Luca calibration can test if
monthly values produce better results.

The third step in the Luca calibration adjusts the parameters soil2gw_max and ssr2gw_exp,
which control the transfer of water to the groundwater from the capillary reservoirs and the
gravity reservoirs respectively, to match simulated and observed values for only the lower
90 percent of daily flows ranked by magnitude. The choice of using the lower 90th percentile
of observed daily flows is based on examination of the magnitudes of the major peaks in
observed data. The 90th percentile reasonably divides the base flow and smaller peaks from
the isolated high peaks that represent major events (Figure 7); therefore, the third Luca step
adjusts PET by each region based on non-peak flows. The Luca calibration concentrates on
the flow at the Río Grande de Arecibo at Cambalache (Figure 2).

The fourth Luca calibration step (Table 5) adjusts two input parameters, applied to
each hydrogeographic area separately, based on fitting simulated to observed values for
the upper 10th percentile of observed daily flows, the peak flows. These two parameters:
carea_max and pref_flow_den, are described in Table 4 and affect the contributing areas and
the routing of preferential flow, which are factors relevant to the timing and magnitude of
peak flows [7,33]. They are parameters that affect more rapidly varying flows and work for
the calibration of peak flows.
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3.3.5. Applications to the Hydrology of Hurricane Maria

The PRMS Arecibo model, calibrated with Luca, can provide information for a variety
of applications within the limits of the model design. All model input and output files
are available from Swain [8]. Two such applications are examined in this publication. The
first application takes advantage of the fact that the model simulation period includes the
landfall of Hurricane Maria on 20 September 2017, allowing comparison between observed
and simulated storm-induced peak daily streamflows to get insight into both. A total of
84 stations were damaged by the hurricane; therefore, streamflow at these stations were
estimates based on indirect measurements or models of streamflow during this period.
The streamflows simulated by the PRMS Arecibo model can be used to estimate missing
station streamflow but are limited by the accuracy and biases of the model. By using both
‘estimated’ and ‘simulated’ values, an improved estimate of the actual peak flows may be
possible. The second application provides information that can be used to examine the
effects of Hurricane Maria on freshwater outflows for the coastal HRU corresponding to the
western coastal area of the municipality of Barceloneta (Figure 3). The HRU is connected to
a nonresistance channel segment to represent the runoff to the coast. This allows the net
runoff from this HRU to exit without the resistance of a river channel, equivalent to coastal
outflow. This HRU area contains the Caño Tiburones Reserve (Figure 3), established in
1998, the largest wetland area in the Commonwealth (approximately 7000 acres). Prior to
establishment as a Reserve, this area has undergone various manmade changes including
drainage for agricultural uses in the 1940s [34]. Computing hurricane-induced coastal
outflow in this area could support determining the effects on wetland viability and offshore
mixing and salinity.

4. Results

The previous efforts by Van Beusekom et al. [7] to develop and calibrate a PRMS model
for the whole of Puerto Rico for the 1953–2012 period were combined with the updated
time-series data for the 1981–2017 simulation period to create the baseline model. The
calibration efforts include a manual adjustment of parameters followed by an automated
calibration with the Luca software version 1 (Reston, VA, USA).
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4.1. Manual Calibrated Model Fit

Several modules and input parameters were experimentally perturbed to determine
sensitivity and relevance to the calibration objective of accurately simulating peak flow
magnitude and timing. Peak daily-mean streamflows and cumulative daily flows at the
streamflow stations were consistently underestimated by the baseline model and after
manual adjustment of parameters. Increasing model complexity by implementation of
Muskingum streamflow routing (rather than the simpler strmflow_in_out module) did
not improve estimates of peak streamflow, cumulative flow or other model performance
criteria, and the strmflow_in_out module was used for all calibration.

The degree-day solar radiation configuration was examined by adjusting the intercept
in the degree-day equation dday_intcp. A time-invariant dday_intcp value of −14.95 dday
was found to produce a simulated average net solar radiation over the 2009–2017 calibration
period of 315.6 Langleys compared to the PRAGWATER net short- and longwave data value
of 332.4 Langleys, a 5.05 percent difference. Although the degree-day curves are designed to
only estimate the net short-wave solar radiation, this calibration allows simulated values to
match the field-estimated net short- and longwave radiation and better reflect the actual net
radiation affecting ET. The monthly variation of the coefficients in the degree-day equation
is not considered in the manual calibration, as this level of complexity is more appropriate
for the subsequent Luca automated calibration.

The Priestly-Taylor coefficient α was adjusted to calibrate evapotranspiration rates
based on cumulative streamflow. A constant value of α = 1.27 (model parameter pt_alpha)
produced an average PET of 0.146 in/day for the calibration period 2009–2017 and an
average PET of 0.148 in/day for the verification period 1981–2008. The values derived from
PRAGWATER data have an average PET of 0.151 in/day for the calibration period 2009–2017
and 0.143 in/day for the verification period 1981–2008. The simulated to measured difference
is 3.31 percent for the calibration period and 3.50 percent for the verification period. The
monthly variation of α is not considered in the manual adjustment.

With the manually calibrated solar radiation and PET, cumulative flows at Río Grande
de Arecibo at Cambalache are substantially improved over the pre-calibration model
simulation (Figure 8). This is a strong indicator that the proper representation of the ET
process is essential to the representation of cumulative flows in the PRMS Arecibo model.
The flows upstream at Utuado, which was not calibrated, matches well until November
2003, when the manual calibration underestimates cumulative flow until approximately
September 2009 (Figure 8).

The depression storage parameters were varied in the manual calibration process with
the effects on peak flows as the primary calibration criteria. Some experimentation with
values of dprst_depth_avg and dprst_frac_open indicated the chosen value of dprst_depth_avg
equal to 2 in. and dprst_frac_open from Equation (6) produced the highest simulated peak
flow values. The baseline model consistently underpredicted peak flows but calibrating
depression storage allowed peak daily streamflows closer to measured values (Figure 9).
The storage of precipitation in depressions increases the effect that antecedent conditions
have on runoff and streamflows and discharge from the open storage areas increases the
peak flows.

4.2. Automated Calibration with Luca

While manual calibration can provide subjective insights into parameters that can
improve the PRMS model application for Puerto Rico, automatic calibration follows objec-
tive steps that have demonstrated success [7,20,33]. The application of Luca as described
in the ‘Methods’ section required several separate calibration sessions, as only one flow-
calibration site (streamgage data) is used per calibration step. The four steps of the Luca
calibration as outlined in Table 5 were performed with the calibration concentrating on
streamflow fit at station 50029000 Río Grande de Arecibo at Cambalache (Table 3), with
post-calibration checks at other stations.
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The Luca calibration is accomplished in four steps (Table 5). The first step in the
Luca calibration, matching solar radiation, provides a monthly temporal variation in the
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parameters for the degree-day equation dday_slope and dday_intcp (Tables 4 and 5). In the
manual calibration a single value of these parameters was selected for all months, but the
Luca calibration allows separate monthly values, which appear to follow a seasonal trend.
The assumed relationship between air temperature and the ratio of surface to extraterrestrial
solar radiation accounts for a number of atmospheric factors, primarily cloud cover. The
empirical adjustment of the dday_slope and dday_intcp value represents this relationship.
The values of dday_slope have the most distinct seasonal trend, with the highest values in
spring and lowest values in fall (Figure 10). The values of dday_intcp tend to be highest
in the summer but have more variability between months. Temporal variations in these
Luca calibrated parameters could be due to monthly variations in average cloud cover not
accounted for in the assumed relationship between temperature and cloud cover. While
calibrated values varied by month, they were not calibrated to vary spatially.
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calibration step 1.

The solar radiation generated in the Luca calibration fits the GOES-PRWEB data some-
what better than the solar radiation from the manual calibration. For the calibration period
2009–2017, the daily mean manual calibration radiation is 315.6 Langleys, the daily mean
Luca calibration radiation is 330.8 Langleys, and the daily mean measured GOES-PRWEB
radiation is 332.4 Langleys. The manual calibration yielded an error of 5.05 percent and
the Luca calibration an error of 0.48 percent. The Luca calibration substantially improved
the mean daily radiation fit, and the improvement in the highest monthly mean radiation
values is visually apparent (Figure 11).
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Figure 11. Monthly average solar radiation in manual calibration, Luca calibration, and measured data.

The second step in the Luca calibration is calibrating the Priestly-Taylor evapotranspi-
ration coefficient α (pt_alpha) using potential evapotranspiration (PET) data derived from
the PRAGWATER database. The Priestley-Taylor coefficient represents a variety of surface
factors that affect ET, including surface cover and soil moisture, and requires calibration
for a specific environment. Somewhat of a seasonal trend is visible (Figure 12), with the
lowest values occurring in the spring, corresponding to the dry season. The higher values
of α are near the upper limit of the Luca calibration range of 1.35. These high values
indicate that other parameters in equations Equation (1) or Equation (2) may be inducing
underestimation of solar radiation or ET, or the calibration target for ET may be somewhat
high for some months. The average of the Luca-calibrated α values is 1.257, very close to the
standard 1.26 value. Temporal differences in the Luca calibrated Priestley-Taylor coefficient
could be due to monthly changes in surface cover, soil moisture, and other factors. The
seasonal variation of α has been associated with atmospheric humidity [35], and the rainy
season in Puerto Rico begins around April, when the Luca calibration indicates some of the
lowest α values (Figure 12).
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As outlined in Table 5, the third Luca calibration step adjusts the soil2gw_max and
ssr2gw_exp parameters by matching observed and simulated daily streamflow for the
lowest 90% exceedance of monthly flows (low flows) at each individual zone’s flow station.
The fourth step calibrates the carea_max and pref_flow_den parameters (Table 5) based on all
flows, including the peak flows that were not used for calibration in step 3. These steps
are primarily designed to calibrate the distribution and timing of simulated flows, with
the potential to improve peak flow representation compared to the manual calibration.
The adjustment of soil parameters in step 3 and river parameters in step 4 represents the
uncertain infiltration and runoff variables such as maximum infiltration rate, groundwater
storage, overland flow resistance, and riverbank storage.

Comparisons of streamflow at the Río Grande de Arecibo at Cambalache from the
Luca-calibrated simulation to the manually calibrated simulation indicated improvement
in all statistics for the Luca calibration (Table 6). A Root Mean Square Error (RMSE)
is computed as the square-root of the average measured-to-computed flow-difference
squared residual [36]. The improvement in the Luca-calibrated simulation flow RMSE
is similar for both the calibration and verification periods (Table 6). The Nash-Sutcliffe
(N-S) coefficient or efficiency index [37], which quantifies how well a model simulation can
predict the outcome variable, is applied to seasonal streamflow at Río Grande de Arecibo
at Cambalache separately for the calibration and verification periods. The improvement in
the N-S coefficient in the Luca-calibrated flows compared to the manual-calibrated flows is
marginal, 1.8 percent for the calibration period and 1.3 percent for the verification period
(Table 6). The N-S coefficient is biased towards high values, so it is suitable to indicate
peak-flow errors. At the Río Grande de Arecibo at Utuado station, upstream of Río Grande
de Arecibo at Cambalache, most statistics indicate a poorer fit than at Cambalache for the
calibration period. The RMSE values are distinctly better at Utuado than at Cambalache for
the verification period, but the RMSE is not an absolute comparison of accuracy between
different flow stations, because locations with higher magnitude streamflows inherently
have larger RMSE values. As calibration was only implemented at Cambalache, the
calibration fit at Utuado is expected to be somewhat less close, but both sites should have
related flow patterns.

Table 6. Statistics of streamflow for the manual calibration and completed four-step Luca calibration;
N-S: Nash–Sutcliffe; RMSE: root mean square error.

Rio Grande de
Arecibo at

Cambalache

Calibration Period
2009–2017

Verification Period
1981–2008

Manual
Adjustment

Luca
Calibration

Manual
Adjustment

Luca
Calibration

Correlation
coefficient 0.595 0.597 0.714 0.714

RMSE (cubic feet
per second) 227.2 216.1 173.5 167.1

Mean-adj N-S
coefficient 0.612 0.623 0.748 0.758

Rio Grande de
Arecibo at

Utuado

Calibration Period
2009–2017

Verification period
1981–2008

Manual
Adjustment

Luca
Calibration

Manual
Adjustment

Luca
Calibration

Correlation
coefficient 0.287 0.288 0.403 0.650

RMSE (cubic feet
per second) 295.7 269.6 95.5 126.5

Mean-adj N-S
coefficient 0.747 0.748 0.455 0.617
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A comparison of the cumulative observed and simulated flows between the manual
adjustment (Figure 8) and the Luca calibration (Figure 13) gives some insight into the
statistical results in Table 6. The improvement in fit between measured and computed
values for the Luca calibration is visually apparent, albeit subtle. The fluctuations in the
computed cumulative plots are higher than those in the measured data, indicating multiday
periods of higher and lower flows.
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Although the statistics for the Luca calibration are marginally better, a substantial
improvement cannot be shown. This indicates two possible but not mutually exclusive
explanations. Firstly, the manual calibration approximated the chosen parameters closely
enough that Luca could not appreciably improve them. Secondly, the variables that might
be adjusted to create a substantially improved simulation were either not part of the
calibrations or not represented in PRMS. These possible explanations indicate that future
model improvements would depend on additional parameterization for calibration or
applying a model algorithm that better represents the physics of the flow system.

The observed daily streamflow data displayed in Figure 14 indicates the fit of the Luca
calibrated simulations at Río Grande de Arecibo at Cambalache and Río Grande de Arecibo
at Utuado. The multiday periods of higher-than-measured and lower-than-measured flows
noted on Figure 13 can be seen in the daily flows of Figure 14. At the driest times, the model
tends to underestimate flows. There is a considerable number of times at Cambalache when
flows are in the range of 1000 to 2000 ft3/s and the model overestimates flows. In addition,
although the calibration has substantially improved matching of the highest peak flows,
some are still underestimated. One interpretation is that the “flashiness” of the model,
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the tendency to drain rapidly, which allows for better representation of high peak flows,
is causing medium-magnitude flow drainage to happen too quickly, and subsequent low
flows are deficient. The baseline model was less flashy but did not represent peak flows as
well as the Luca calibrated model (Figure 9).
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Figure 14. Modeled daily streamflows at observation stations, with Luca calibration. Horizontal bars
indicate years used for validation and calibration.

The overall water budget for the entire simulation period indicates that about 63 per-
cent of the rainfall is lost to evapotranspiration, about 37 percent is runoff to the ocean,
and a much smaller amount to change in storage (Table 7). The PRMS control volume
includes the watersheds, rivers, and groundwater storage. Flows in and out of this control
volume are designated external and flows within the control volume designated internal
(Table 7). The mass conservation error in the model is 0.00 percent. The surface runoff to
rivers is slightly under two-thirds of the recharge to groundwater, and the sum of these
two quantities equals the coastal outflows minus the change in storage of the entire system
(Table 7). The simulated yearly ET values of 38.1 inches per year correspond to an average
of 0.104 inches per day. Values of ET in the Luquillo experimental forest of Puerto Rico
were estimated at 0.121 ± 0.053 inches per day [38], so the simulated values are somewhat
lower than this forested value. The inclusion of higher elevation, less vegetated areas may
explain lower values.

Table 7. External and internal water budget for entire simulation period; positive values indicate flux
into the model watersheds.

External Water Budget Yearly Average Values in Inches

Rainfall Evapotranspiration Coastal
Outflows

Net Storage
Change Percent Error

60.5 −38.1 −22.1 −0.29 0.00

Internal water budget yearly
average values in inches

Runoff to rivers Recharge to
groundwater

−8.65 −13.2



Hydrology 2022, 9, 205 20 of 27

5. PRMS Arecibo Model Application: Delineating Hydrology of Hurricane Maria

On 20 September 2017, Hurricane Maria made landfall over Puerto Rico. The stream-
flow data was lost at the northern streamgages along the Río Grande de Arecibo at Utuado
and Cambalache (Table 3 and Figure 2). The loss of streamflow data during a hurricane
is common but very detrimental to any attempts to study the hydrologic effects of the
hurricane, and alternate methods to estimate the streamflow are important.

5.1. Comparing Simulated Hurricane Streamflows to Field Estimates

Examining concurrent measured and PRMS Arecibo model simulated peak daily
streamflow events over 6000 ft3/s on the Río Grande de Arecibo during the study period
indicate that, in most of the events, the simulated values underestimate the measured
values by less than 37 percent, and in two cases somewhat overestimate the flows (Table 8).
The simulated peak daily streamflow for Hurricane Maria is the highest simulated peak
in the study period. The PRMS Arecibo model simulation of daily values indicates a
Hurricane Maria peak average daily streamflow of 7598 ft3/s at Cambalache (Table 8) and
2722 ft3/s at Utuado.

At streamgages where data are missing, a standard field procedure is to implement
an indirect method which estimates peak flows based on high-water marks recorded after
a major hydrologic event. Such an indirect method was attempted at Río Grande de
Arecibo at Cambalache after Hurricane Maria. To translate high-water mark elevations to
streamflow, the two-dimensional finite volume hydrodynamic model SToRM [39] was used.
Multiple SToRM runs are performed to reconstruct the 20 September 2017, flood using
a mixture of original surveyed high-water mark data and lidar elevation data [21]. The
instantaneous peak streamflow is the highest flow at any time during a period, whereas the
peak daily mean streamflow is the highest value of the average daily flow during a period.
It is difficult to estimate the ratio of instantaneous to daily mean peak flows, as the ratio
depends on the entire time series of flows over the day. Estimates of instantaneous peak
streamflow at Cambalache from this indirect method are very high, 185,000–188,000 ft3/s,
and the estimation is considered poor, because high water marks are very limited and
vary by about 0.7 m from left to right bank at the downstream boundary. Due to these
factors, there is no approved daily peak flow value in the National Water Information
system database (USGS, 2022) at the time of publication for Río Grande de Arecibo at
Cambalache for 21–22 September 2017 and for Río Grande de Arecibo below Utuado for
21 September 2017. Given the very high estimates of instantaneous flows from the indirect
method, an investigation of other measured peak flow events during the simulation period
could provide insight.

The PRMS Arecibo model simulation, although it is limited by a one-day timestep,
can be a partial alternative to indirect methods, lending insight into storm flows that
are essential in determining urban flooding and storm damage potential. The model-
simulated streamflow is based on mass conservation rather than computations using water
levels, so it provides a time series that indirect methods cannot. The simulation results
have uncertainties and bias, as determined during the calibration process, that must be
considered when using model results for prediction.

It is interesting to note the substantial lower variability in simulated peaks than the
measured peaks; the measured peaks have a standard deviation of 1576 ft3/s and the
simulated peaks a standard deviation of only 524 ft3/s. A simulation variability lower than
measured variability can indicate additional physical processes or details not accounted
for in the simulation. Of the major storm events shown in Table 8, the highest ratio of
measured to simulated peak daily streamflow is 1.587 for Hurricane Otto in 6–8 October
2010. If this is used as a maximum ratio of measured to simulated values, the simulated
value of 7598 ft3/s indicates that the daily peak streamflow at Río Grande de Arecibo
at Cambalache likely did not exceed 12,060 ft3/s. This would indicate that the indirect
estimate of instantaneous peak over an order of magnitude higher than the simulated daily
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peak is unlikely and would not be an accurate guide in making an indirect estimate of the
daily peak streamflow.

Table 8. Peak measured streamflows over 6000 cfs during period of simulation.

Peak Mean-Daily Streamflow at Río Grande
de Arecibo at Cambalache (50029000) in ft3/s

Date Measured Simulated Error, in
Percent Notes

9–10 November 1981 8420 6554 −22.2

14–15 December 1981 10,000 6579 −34.2 Unnamed storm

21 April 1983 7000 5847 −16.5

23 September 1998 9390 6442 −31.4 Hurricane Georges

14 November 2003 8450 6193 −26.7

14–16 November 2004 6930 6818 −1.6

11–13 October 2005 8770 7068 −19.4

11–12 December 2007 9320 5935 −36.3

4 September 2008 6550 7042 7.5

6–8 October 2010 11,600 7310 −37.0 Hurricane Otto

22–23 August 2011 9830 6858 −30.2 Hurricane Irene

13 September 2011 8210 7544 −8.1

22–24 August 2014 6060 7402 22.1

7 September 2017 8810 6524 −22.2 Hurricane Irma

21 September2017 – 7598 – Hurricane Maria

One further comparison also supports the PRMS Arecibo model simulation of peak daily
streamflows. Hurricane Georges had a maximum measured total rainfall of 28.36 inches in
Puerto Rico [40] and a measured peak daily streamflow of 9390 ft3/s at Cambalache (Table 8).
Hurricane Maria had a maximum measured total rainfall of 37.9 inches [1], 9.5 inches more
than the maximum for Georges. It would be expected from this rainfall information that
peak daily streamflows for Hurricane Maria would be somewhat proportionally higher
than peak daily streamflows from Hurricane Georges, as the simulation certainly indicates.
Conservation of mass is an important part of the simulation (Table 7) and provides a constraint
that is often not available in indirect methods. It is possible that the flooding from Hurricane
Maria could have expanded the flow section of the Río Grande de Arecibo and more flow
occurs than PRMS simulates, but this would still be constrained by the total water available.

Model results always depend on the completeness of the input data and missing
and estimated rainfall record during Hurricane Maria can be a factor in the accuracy of
the simulation. The Daymet dataset used to specify rainfall input to the PRMS Arecibo
model utilizes 61 stations to interpolate rainfall for Puerto Rico, but only 23 of these gages
functioned throughout all of Hurricane Maria. The interpolation scheme is then limited
with fewer data points and less spatial coverage, but interpolated values are still applied to
all locations and may still be reasonable approximations of actual rainfall magnitudes.

5.2. Examining Coastal Hurricane Flows

Coastal runoff from the western area of Barceloneta (Figure 3) is simulated with the
Luca calibrated model by allocating the excess water from this HRU to a simulated channel
of no resistance. The simulated flow time series includes the 20 September 2017 landfall of
Hurricane Maria. The total simulated flows along the western coastal area of Barceloneta
have periodic daily peaks similar to channelized streamflows, with most peaks below
3000 ft3/s (Figure 15). The simulated daily peak flow associated with Hurricane Maria is
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4488 ft3/s, not as high as sites on the Río Grande de Arecibo but it is the highest streamflow
in the Barceloneta time series. Coastal flows in Barceloneta tend to be somewhat less than
one-half of the flows at Río Grande de Arecibo at Cambalache (Figures 14 and 15).
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Because this HRU contains several different hydrologic areas, including the Caño
Tiburones Reserve, it could be desirable to split it into smaller HRUs for greater spatial
resolution. This would also allow differentiation between the runoff from the Reserve and
other nearby areas for water-quality concerns. Substantial observed data are needed to
validate the simulation of the Caño Tiburones Reserve and define smaller-scale variations
in coastal flow. The runoff time series simulated in Figure 15, as well as the equivalent
in any other coastal area, can be used to define freshwater outflows for offshore salinity
analyses and other research.

6. Discussion

The PRMS Arecibo model represents the hydrology of a watershed in western Puerto
Rico through simulation of the rainfall-runoff process. Observed streamflow in the model
domain is characterized by low-frequency high-amplitude flows, driven by rainfall events.
Streamflow at Río Grande de Arecibo at Cambalache has additional low frequency, high-
amplitude flows driven by periodic releases of water from the Lago Dos Bocas reservoir.
Calibration of the PRMS model focused largely on improving simulation of these character-
istic peak flows and delineating the processes controlling them. Improvements over the
baseline and manually adjusted models in matching simulated seasonal and cumulative
flows to observed values were seen at the site on the Río Grande de Arecibo at Cambalache
for the Luca calibration. Although the Luca calibration provided the closest match, it was
preceded by a manual calibration that was very useful in parameter development. The
manual calibration aided in examining the effects of depression storage and release, which
were shown to be important in matching peak flows.

The PRMS Arecibo model simulation of Hurricane Maria was applied to estimating
daily streamflow at locations on the Río Grande de Arecibo where streamgage data were
lost during the storm. Comparison of model results and streamflow estimates at Río Grande
de Arecibo during Hurricane Maria’s peak streamflow event indicates that field estimates
from indirect methods can overestimate flow. This conclusion is supported by comparing
measured and computed peak flows from other high flow events in the study time series.

The application of the PRMS Arecibo model to coastal outflows from the western
coastal area of Barceloneta during Hurricane Maria indicates considerable outflows, approx-
imately one-half of those at Río Grande de Arecibo at Cambalache (Figures 14 and 15), so
monitoring streamflows alone does not provide sufficient information on total freshwater
outflow at the coast. This has implications to studies of offshore salinity and ecology where
the effects of freshwater releases are of interest as well as landslides affected by overland
flow. Observations of direct coastal outflows is lacking and would be required to validate
this effort.

The current model is useful in representing multi-daily flows and coastal outflows
and can be used to look at the effects of alternate hydrologic scenarios and major storms.
As is the case with most model development, the simulations are most useful when looking
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at differences in scenarios with specific changes in controlling variables. In this capacity,
the PRMS Arecibo model can be used to look at effects of changes in climate and land use,
water management, industrial and public water usage, and many other factors that affect
hydrology on the island of Puerto Rico.

7. Model Limitations

In order to use any model simulation properly, the capabilities and limitations of the
simulation must be considered. When utilizing model results for the PRMS Arecibo model,
this can be divided into the limitations of (1) the PRMS model code and (2) the simulation
design and input data.

The limitations of the PRMS model code include:

1. The PRMS model code simulates surface infiltration as Hortonian and/or Dunnian
surface runoff [17] with a daily timestep. Surficial runoff is computed as the remainder
after reaching the infiltration capacity. On a particular day in the simulation, the
daily average rainfall might not exceed the daily infiltration capacity, but actual
instantaneous rainfall may exceed infiltration and create runoff. The daily timestep
limits all the processes simulated in the model to daily averages;

2. Flows in streams are represented by a downstream-routing scheme without consider-
ation of momentum or backwater effects. In mountainous areas it is often assumed
that the streamflow slopes are high enough that downstream effects are minimal.
However, at coastal outlets with tidal effects and in other low-slope flow regimes,
the flow rate may be substantially affected by water levels. Additionally, overbank
conditions that can dramatically affect flow area and volume are not represented in
PRMS. Backwater effects could be most severe in extreme events, such as Hurricane
Maria, where coastal storm surge pushes river water back from the shore;

3. Groundwater interactions are approximated, and groundwater flow is not represented.
Accounting for groundwater could be particularly important in the karst terrain along
the north coast (Figure 1). Groundwater storage is computed based on user defined
capacities. The PRMS model has been integrated with the MODFLOW groundwater
model to form GSFLOW [41] to which the PRMS Arecibo model could be adapted
and expanded to the full area of Puerto Rico to account for groundwater flow;

4. One possible factor which may account for difficulties in representing peak flows is
the daily simulation timestep. The PRMS model currently does not support shorter
timesteps than a day. Accounting for phenomena with substantially shorter timescales
than a day may be necessary to simulate runoff and streamflow in this hydrologic
setting. Other model code features that could improve simulation of peak flow include
a more sophisticated formula for river flow, such as a Mannings formulation that
computes flow based on river channel and overbank properties, and more detailed
representation of overland flow and infiltration. The limitations of the simulation
design and input data include:

5. Timeseries inputs of rainfall, solar radiation, and minimum and maximum tempera-
tures are spatially interpolated from station data and averaged to daily values. This
produces both spatial and temporal smoothing of the model forcing functions and
therefore can cause peaks and troughs in simulated flows to be missed or inaccurately
predicted. Rainfall in Puerto Rico largely develops in small convective systems, and
weather stations could miss events or interpolate small events to larger areas. An
applicable Nexrad [42] dataset would be useful in better defining the spatial vari-
ations in rainfall. These data are available for Puerto Rico and would help define
the spatial uncertainty in rainfall that may affect the simulation. Another source of
data, the Weather Research and Forecasting model, was used to downscale select
general-circulation models to a 2-km horizontal resolution for Puerto Rico and the
U.S. Virgin Islands [43];

6. The discretization of the model domain into HRUs aggregates land use, elevation, and
other spatial features into a single value. The runoff from a single HRU is considered
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a single daily value reaching a defined stream segment. The boundaries of HRUs
are assumed to be accurate dividing lines for the surface-water flow direction. Finer
resolution HRUs can be created with sufficient field data to account for heterogeneous
regions of the study area;

7. Calibration to the Río Grande de Arecibo and streamgage Río Grande de Arecibo at
Cambalache emphasizes one of the largest streamflows in Puerto Rico, but it cannot
be assumed the parameters relevant to the Río Grande de Arecibo watershed apply to
the rest of the island. Further calibration of other river basins using additional station
data would be needed for a complete simulation of Puerto Rico;

8. Changes in land use, water use, and other spatial features over the 1981–2017 sim-
ulation period are not accounted for and remain static in the model over this time
period. Previous modeling studies indicate that neglecting multi-decadal land-cover
change can make substantial simulation differences [7], and it would be reasonable to
consider it is a factor in this simulation’s 37-year period.

9. The calibration of infiltration and groundwater parameter does not include PRMS
parameters soil_moist_max and soil_rechr_max which are the maximum available water-
holding capacity of the soil profile and the maximum available water-holding capacity,
respectively. These parameters can have substantial effects on the simulation, and
possibly peak flows

8. Summary

The PRMS modeling code was used to develop a hydrologic simulation on the Arecibo
River watershed on the island of Puerto Rico, referred to as the PRMS Arecibo model.
The simulation is based on a previous simulation [7] which used the Geospatial Fabric for
National Hydrologic Modeling [18] to provide HRU geometries, locations, dimensions,
and features along with the surface-water routing network. Time-series data for rainfall,
solar radiation, and minimum and maximum temperatures were derived from the Daymet
version 3 data product [19] to develop a simulation of the period 1981–2017.

Initial calibration efforts involved adjustments to evapotranspiration, channel routing,
depression storage, and flow connectivity parameters and observation of the simulation
responses at streamflow stations along the Río Grande de Arecibo. It was found that
quantifying reservoir releases helped account for some of the simulation’s underestimation
of streamflows. The depression-storage parameters were found to have a substantial effect
on peak streamflows and were adjusted to better match the previously underestimated
peak flows. A four-step Luca calibration was implemented which calibrated solar radiation,
evapotranspiration, low daily streamflows, and all daily streamflows. This effort produced
better measured-to-simulated fits for both the calibration period of 2009–2017 and the
verification period of 1981–2008.

The PRMS Arecibo model simulated the effects of Hurricane Maria on daily streamflow,
and comparisons at locations on the Río Grande de Arecibo with missing streamflow
data lend insight into the uncertainties in the estimated observed peak flows and model
simulated values. Missing streamflow estimates made with indirect methods on the Río
Grande de Arecibo were compared with simulation results, indicating that the model can
be used to check field estimates and supply streamflow values when measurements are not
available. The use of simulation results must consider the inherent uncertainty and biases
in the model, but simulations can lend important insight into the hydrologic response
during major storms.

Coastal flows are examined during Hurricane Maria in the western area of the mu-
nicipality of Barceloneta. These results indicate that coastal flows are a substantial part
of offshore freshwater discharge during major storm events and monitoring streamflows
alone does not provide sufficient information on total freshwater flow at the coast. This
method can be applied to any of the coastal HRUs to estimate freshwater contribution to
the offshore areas. The other regions included in the model domain that were not examined
can be calibrated in the same fashion as the Arecibo region. Thus, the PRMS Arecibo model
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could be expanded to all of Puerto Rico and applied to look at the effects of changes in
climate and land use, water management, industrial and public water usage, and many
other factors that affect hydrology on the island of Puerto Rico.
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