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Abstract: Ergonomic risks critically impact workers’ occupational health, safety, and productivity,
and thereby the sustainability of a workforce. In the construction industry, the physical demands
and dynamic environment exposes workers to various ergonomic hazards. While previous research
has mainly focused on postural risks, there is a need to broaden the scope to include more relevant
factors and assess them systematically. This study introduces a multi-criteria decision framework
integrating the Spherical Fuzzy Sets (SFSs) and Alternative Queuing Method (AQM) to evaluate
and prioritize ergonomic hazards. First, SFSs are employed to quantify the linguistic expressions
of experts, addressing the inherent vagueness and uncertainty. Then, an entropy-based objective
weighting method is adopted to determine the criteria weights. Finally, AQM is utilized to generate
the risk priority. The proposed method has been implemented in a real-life construction project,
where “overexertion due to unreasonable task organization”, “hypertension and heart diseases”,
and “existing WMSD record” are identified as the top three ergonomic hazards. Then, a thorough
discussion of intervention strategies regarding different risk categories is presented to facilitate
ergonomic interventions. This proposed decision support system can promote effective ergonomic
risk management, benefiting workers’ health and well-being and contributing to the sustainable
workforce development of the construction industry.

Keywords: ergonomic risk; construction workers; multi-criteria decision making (MCDM); Spherical
Fuzzy Set; risk prioritization; sustainable workforce development; occupational health and safety;
decision support systems

1. Introduction

Ergonomic risks extensively exist among workers in labor-intensive and physically
demanding industries, posing a substantial threat to their occupational health and safety
(OHS) and negatively affecting the sustainable workforce development. Especially in the
construction industry, the execution of daily tasks often requires prolonged working time,
fast working pace, awkward working posture (e.g., bending, stooping, kneeling, etc.), and
working in crowded spaces and uncomfortable environments [1–3]. Thus, construction
workers are more prone to work-related injuries and safety accidents compared with other
industries, and work-related musculoskeletal disorders (WMSDs) are the primary cause of
non-fatal injuries with very high prevalence [4–6]. Instances of WMSD prevalence include
76% (12-month prevalence) in Malaysia [7], 41% (3-month prevalence) in Hong Kong [8],
and 36% (12-month prevalence) in Ethiopia [9]. Notably, the figures likely underrepresent
the actual incidence, as highlighted by Pransky et al. [10]. Poor ergonomics in the workplace
can lead to a range of detrimental outcomes. These include, but are not limited to, physical
discomfort, diminished productivity, absenteeism, unexpected project disruptions, delays,
safety accidents, and, in severe cases, human casualties. Specifically, physical fatigue or
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WMSDs increase the susceptibility to mistakes and have become important root causes
of accidents [11,12]. From a cost perspective, ergonomic risks are responsible for 30%
of construction delays [13]. They also contribute to escalating indirect costs, including
higher insurance premiums, training, and turnover expenses, adversely affecting project
delivery and, potentially, the company’s market competitiveness [14]. Therefore, given the
widespread prevalence and significant impact of ergonomic risks, effective management
of these risks is crucial for enhancing both worker occupational health and safety and
effective project management. As the field of ergonomics remains a relatively new topic
in the construction industry [15], comprehensive risk identification and assessment can
form a critical foundation for advancing effective risk management, benefiting workers’
well-being and safety, as well as overall project management efficiency.

Significant research progress has been made in ergonomic risk assessment, focusing on
physical-related factors such as awkward posture, vibration, and lifting heavy objects [6].
Moreover, the rapid development of digital technologies, including computers and wear-
able sensors, has enabled the automated extraction of postural or behavioral information.
The integration of different technologies and advanced algorithms has been extensively
studied in recent years [2,16–18]. Unlike the significant progress of postural risk analysis, a
variety of non-postural factors, from demographic characteristics to work and health habits,
and environmental conditions, are also influential. Though various factors have been
identified and discussed in interdisciplinary studies [19–21], there is still a lack of sufficient
investigation in the construction sector with high risk exposure [22]. Recently, individual
and environmental factors have been integrated with the postural evaluation to establish a
comprehensive ergonomic risk assessment for construction workers and projects, while
an in-depth analysis of risk factors is still insufficient [23]. In addition, considering the
interdisciplinary nature and complexity of OHS risk analysis, risk ranking or prioritization
can be a primary and critical step to understand the various risk factors [24–26]. Specific
attention to ergonomic risks remains limited in existing research. On the other hand,
OHS considerations in the construction industry of developing countries like Pakistan
often receive insufficient attention due to the additional costs associated with personal
protective equipment, safety training, and related activities, and a deeper understanding of
the different risk factors becomes even more crucial in such contexts. Moreover, though
the research progress has accelerated ergonomic risk management in construction, most
studies focusing on the identification and evaluation of ergonomic risk factors have been
conducted in a controlled laboratory environment, thereby lacking practicability to some
extent [15]. Thus, involving practitioners could be beneficial to take the research a step
further. Given the complexity and uncertainty of ergonomic risk assessment, the evaluation
process is often fuzzy and imprecise in the context of real-life construction projects, and
thus a scientific decision-support system is necessary.

In this context, a research gap has been identified regarding comprehensive ergonomic
risk analysis and prioritization. Thus, this study aims to establish a holistic ergonomic
hazard ranking system that considers a variety of risk factors and multiple risk criteria. To
achieve this, an integration of Spherical Fuzzy Sets (SFS) and Alternative Queuing Method
(AQM) under the Multi-Criteria Decision-Making (MCDM) framework has been proposed.
The recently developed SFS is powerful and effective in dealing with significant obstacles of
expert evaluation systems, including uncertainty, fuzziness, and randomness. Then, AQM
is employed to determine the risk priority. AQM excels in simplifying the computation
process and enhancing result intuitiveness through the use of a 0–1 precedence relation-
ship matrix and directed graphs, thereby making it a robust tool for the MCDM method.
The novelty of the approach lies in developing a customized MCDM integrated with the
appropriate techniques, tailored specifically to address the complexities of construction
environments. The proposed framework is expected to be implemented in a realistic case
study to demonstrate its practical applicability. Compared with the existing ergonomic risk
analysis in the construction sector, which predominantly focused on postural risks [17,18],
the proposed approach provides a comprehensive examination of risk factors from individ-
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ual, work, and environmental perspectives. In addition, by integrating SFS and AQM, the
framework effectively incorporates the knowledge and judgments of practitioners, thereby
enhancing its practical significance. This complements the current instrument-based meth-
ods, which are somewhat limited in practicability [2]. Furthermore, this study aims to not
only assist in decision-making regarding risk assessment and prioritization, but also to
offer guidance for controlling ergonomic risks. This, in turn, is expected to enhance the
health, safety, and overall well-being of construction workers.

2. Related Work
2.1. Ergonomics Risk Analysis for Construction Workers
2.1.1. Postural Ergonomic Assessment

Ergonomic risk assessment has received increasing research focus in construction
management. In particular, physical factors have received the most attention, especially
due to the prevalence of poor working postures in construction tasks, such as bending,
squatting, and other strenuous activities [2,17,18].

In the field of ergonomics, a variety of evaluation methods have been established
to assess working posture, such as the rapid upper limb assessment (RULA) [27], the
Ovako working posture analysis system (OWAS) [28], and the rapid entire body assess-
ment (REBA) [29]. The ergonomic standard and task-specific predefined awkward postures
have also been adopted as the criteria of ergonomic assessment [2,30]. The integration of
ergonomic rules and digital technologies has been extensively investigated (summarized in
Table 1). In recent years, the feasibility of posture detection for construction activities has
been significantly enhanced by the increased availability of vision-based and sensor-based
technologies. Specifically, inertial measurement units (IMUs) are the most widely used
wearable sensor systems that are attached to construction workers’ key joints to extract the
real-time working posture based on the location and acceleration of the key points [31].
Considering the complexity of construction operations and environments, the wearable
insole pressure system was developed to predict predefined awkward working postures to
reduce the intrusiveness of construction workers [2]. Given the inevitable impact of the
attached sensors on workers’ work, vision-based methods have higher applicability and en-
joy higher popularity in recent studies. For example, Yu, Yang, Li, Luo, Guo and Fang [16]
developed a joint-level ergonomic assessment tool by integrating vision-based 3D pose
estimation algorithms and REBA rules for different trades, including bricklayer, concreter,
pipelayer, bar fixer, scaffolder, and formwork erector. Also, based on REBA and convolu-
tional pose machine algorithm, Wang, Chen, Zhu and Sun [18] proposed an ergonomic risk
assessment system with modules including a posture detector, risk evaluator, and task risk
predictor. Palikhe et al. [32] examined awkward postures for the formwork process based
on the ergonomic simulation tool, software-JACK. Wang et al. [33] adopted a 3D visual-
ization method and ergonomic tools (REBA and RULA) to quantify the ergonomic risks
of continuous motions and to achieve proactive workplace design. The research progress
reviewed above has provided an applicable ergonomic assessment scheme and generated
valuable insights into the ergonomic characteristics of construction tasks, thereby enriching
both academic research and practical application. However, it is important to note that
most existing studies do not sufficiently consider non-postural factors, especially the char-
acteristics of the construction workforce and the dynamic construction environment. This
limitation can affect the accuracy of risk assessments and the effectiveness of interventions.
Additionally, many instrument-based methods have primarily been tested in a controlled
laboratory or field settings, limiting their practical application in real-world construction
sites. These gaps highlight the need for more comprehensive research that includes a wider
range of risk factors and develops methods suitable for actual workplace environments.
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Table 1. Selected publications on postural ergonomic risk assessment in construction.

Digital Applications Ergonomic Assessment Methods References

IMUs and personalized warning
thresholds algorithm

Trunk inclination angle and Maximum
holding time (MHT) in ISO 11226:2000 [34] Yan, Li, Zhang and Rose [30]

IMU and deep neural networks OWAS Zhao and Obonyo [35]
Wearable insole pressure system and
deep learning networks Predefined awkward working postures Antwi-Afari, Qarout, Herzallah,

Anwer, Umer, Zhang and Manu [2]
Vision-based 3D pose estimation
algorithms REBA Yu, Yang, Li, Luo, Guo and Fang [16]

Convolutional pose machine algorithm
and probabilistic neural network REBA Wang, Chen, Zhu and Sun [18]

Ergonomic simulation tool, JACK RULA, OWAS, and Energy Expenditure Rate
(EER) Palikhe, Lee, Kim, Yirong and Lee [32]

3D human model simulation system REBA and RULA Wang, Li, Han and Al-Hussein [33]

2.1.2. Non-Postural Ergonomic Factors

Notably, non-postural factors, such as individual factors and environmental hazards,
also contribute to the WMSDs [22,23], while they have not been extensively investigated
among construction workers. Various non-postural ergonomic risk factors have been iden-
tified and examined within or beyond the context of construction. For example, researchers
in the manufacturing industry emphasized the importance of individual factor considera-
tions [36], especially human body characteristics such as height, weight, and age, and have
incorporated related factors into the ergonomic assessment and feedback systems [37]. Ac-
cording to the review across various industries, in addition to demographic characteristics,
health-related factors, such as sedentary lifestyle, high BMI, comorbidities, and smoking,
were also identified as key ergonomic risk factors from individual perspectives [19]. Re-
garding construction workers, age has been recognized as a significant influential factor,
given that physical fatigue accumulates over time, making middle-aged and older workers
more susceptible to ergonomic hazards [38]. Other health-related factors, including heart
diseases, elevated blood pressure and sugar levels, and unhealthy habits, have also been
identified as relevant factors in ergonomic analysis for construction workers [39]. In par-
ticular, the relationship between psychosocial or mental stressors and WMSDs has been
supported by existing studies [40,41]. Recently, the measurement of mental fatigue based
on electroencephalogram (EEG) signals has been explored through experimental studies
and opened up new possibilities [42,43], while the current limitation on the practicability
of EEG in real construction environment may hinder the consideration of psychosocial
factors to some extent. In addition, as construction workers often perform tasks in a dy-
namic outdoor environment, environmental factors can result in increased WMSD risks or
aggravated symptoms, such as extreme temperature and poor weather [33,44].

Building on this, Tao, Hu, Xu and Zhang [23] recently established an ergonomic risk
assessment framework tailored for construction workers considering risk factors from task,
individual, and environment perspectives, which extends the current ergonomics assess-
ment methods focusing on posture-based analysis. However, the importance or priority of
the risk factors has not been investigated in a systematic way. Wang et al. [22] highlighted
the inadequacies in existing research regarding the investigation of non-postural factors
and the necessity for further investigation in their review study. The potential reasons may
include but are not limited to, less developed risk measurement techniques compared to
those for postural ergonomic evaluation and the limited data availability in the dynamic
construction environment. To be more specific, although various non-postural risk factors
have been examined to different extents in the abovementioned studies, there remains a
lack of a holistic view that comparatively assesses the importance of these risks focusing on
construction projects. This comprehensive perspective is crucial for effective ergonomic risk
management, particularly in such complex environments. Given the varying occurrence,
severity, and impacts of these risk factors on individual workers and project management,
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evaluating and prioritizing them based on practical criteria becomes crucial. Such an
investigation will deepen the understanding of ergonomic risks in real-world projects,
which is beneficial to guide the proper design of ergonomic intervention strategy.

2.2. Applicability of MCDM and Fuzzy Set Theory in Risk Assessment
2.2.1. MCDM Methods in Risk Assessment

Multi-criteria decision-making (MCDM) methods provide a structured decision-
making framework addressing various criteria. The general steps of MCDM include
problem definition, objectives and criteria setting, alternatives design, criteria weighting,
alternatives performance quantification, weights and performance integration, and final
decision [45]. MCDM has been widely applied in the area of safety risk management to
support well-informed priority decisions across different industries, mainly including the
prioritization of risk factors [46–48] and risk mitigation strategies [49,50]. With a specific
focus on OHS-related risk analysis, MCDM has been successfully adopted to provide risk
ranking or priority, as OHS management involves multidisciplinary activity. For example,
Liu and Tsai [51] proposed the risk assessment approach to assess the occupational hazard
in the construction industry with the integration of Quality Function Deployment (QFD),
fuzzy Analytic Network Process (ANP) method, and Failure Modes and Effect Analysis
(FMEA). Khan et al. [52] developed a fuzzy-TOPSIS (Technique for Order Preference by Sim-
ilarity to Ideal Solution) MCDM model to identify and prioritize the critical OHS hazards
of the construction industry. Liu et al. [53] adopted the TODIM method under a linguistic
fuzzy environment to provide an OHS risk ranking of medical staff in a hospital. Liu, Liu,
Liu and Shi [24] developed a novel risk assessment model by combining the picture fuzzy
sets and AQM, focusing on occupational hazards in the construction industry. Similarly,
Mohandes and Zhang [25] developed a holistic risk assessment to identify and analyze
OHS risks for construction projects by integrating logarithmic fuzzy ANP, interval-valued
Pythagorean fuzzy TOPSIS, and grey relational analysis. Though the risk prioritization
of general OHS factors in construction projects has been extensively studied, the specific
focus on ergonomic factors is still necessary for effectively designing and implementing
targeted preventive strategies in the future [15]. The applicability and effectiveness of
MCDM methods have been proven by the existing literature, indicating their suitability to
address the research problem in this study. In particular, the AQM surpasses traditional
methods like TOPSIS [25,52] and TODIM [53] by employing a simplified computational
process using a 0–1 precedence relationship matrix and providing intuitive results through
directed graphs, making it especially effective in uncertain and fuzzy decision environ-
ments [24,54]. This approach reduces complexity and enhances the clarity and efficiency of
decision-making, distinguishing it from other MCDM tools. Moreover, based on the recent
application [53], more advanced fuzzy techniques could be considered to better represent
the experts’ judgment.

2.2.2. Fuzzy Set Theory in Risk Assessment

Fuzzy set theory (FST), introduced by Zadeh [55], aims to deal with the uncertainty in-
herent in multidisciplinary OHS risk assessment due to imprecision and vagueness [56,57].
The MCDM methods combined with FST have significantly contributed to risk analy-
sis [46,58], particularly in construction projects where expert knowledge often compensates
for the lack of precise information, sufficient data, and complete knowledge [59,60]. The
FST can be employed to represent diverse expert judgments in a quantitative and scientific
way [61], and a variety of fuzzy sets can reflect varying risk preferences or attitudes of
experts [62]. Specifically, Triangular Fuzzy Sets (TFS) have three parameters, including
lower boundary, upper boundary, and possible maximum value, and have been widely
adopted in risk analysis with the advantage of simplicity and intuitiveness [47,63]. Then, in
an Intuitionistic Fuzzy Set (IFS), the sum of the membership degree and non-membership
degree should range from 0 to 1, with the indeterminacy or degree of hesitancy derived by
subtracting this sum from 1 [64]. This feature renders IFS more precise than both type-1 and
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type-2 fuzzy sets, leading to its significant use in engineering applications. Pythagorean
fuzzy sets (PFS) extend the space of IFS and allow the sum of the degrees of membership
and non-membership to exceed 1, while ensuring that the sum of their squares remains
less than or equal to 1. This expansion permits a broader range of non-standard member-
ship grades compared to IFS [65]. In Spherical Fuzzy Sets (SFS), the sum of the degree of
membership, non-membership degree, and indeterminacy/degree of hesitancy can exceed
one, while the square sum of these three parameters is constrained to fall between 0 and 1,
consequently making it nonlinear [66]. Compared with IFS and PFS, SFS offers enhanced
capabilities for defining decision-making criteria with more comprehensive information
and increased flexibility. This provides a significant advantage when integrated into the
MCDM framework for ergonomic risk analysis. As one of the most recent advancements
in fuzzy set theory, SFSs can deliver superior intelligence and accuracy in the MCDM
process [67,68]. Recently, the applications of SFS in the MCDM process have varied from
optimal construction method evaluation [59] and safety performance quantification [69] to
OHS risk ranking [24,53]. Therefore, the combination of SFS and AQM presents a promising
and novel approach for assessing ergonomic risks in construction, leveraging the strengths
of both methods to achieve more precise and effective outcomes.

3. Materials and Methods
3.1. Proposed MCDM Framework

As illustrated in Figure 1, the framework is proposed based on a typical MCDM
process, which integrates SFSs, entropy measure, and AQM to evaluate and prioritize
ergonomic hazards. In the first stage, ergonomic hazards and criteria are predefined with
careful consideration of the existing literature and engineering practices. As discussed in
the literature review, it can be derived that both postural and non-postural factors need to
be considered. Therefore, this study adopted the framework proposed by Tao, Hu, Xu and
Zhang [23] to collect the alternatives of ergonomic risks from individual, work-related, and
environment aspects, as listed in Table 2. To be specific, individual risks include previous
WMSDs, hypertension, unhealthy personal habits such as excessive alcohol consumption
and insufficient sleep, and obesity, all of which are prevalent among construction workers
and can compromise a worker’s physical ability and resilience. Work-related factors en-
compass psychosocial stress from demanding deadlines and tasks, repetitive or prolonged
awkward postures during tasks such as rebar tying or brick laying, exposure to vibrations
from heavy machinery, heavy lifting, and overexertion due to poorly organized tasks,
which are common in dynamic construction environments. Environmental risks involve
working under extreme temperatures or adverse weather conditions that can exacerbate
physical strain and affect performance.

To evaluate the ergonomic hazard comprehensively, six risk criteria were considered,
including occurrence (C1), severity (C2), impact on workers’ productivity (C3), impact on
workers’ occupational health (C4), impact on labor costs (C5), impact on project schedule
(C6). Notably, the C1 and C2 are classic and widely-used criteria in OHS-related risk
assessments [24,25,53], while the C3 to C6 are specifically designed for construction projects,
taking into account both individual and project management perspectives, which have
been initiated by the authors in the previous study [23].

In the risk ranking stage, the practitioners involved in the construction projects are
selected to be the expert panel. In order to ensure both scientific accuracy and practical
relevance, both construction management experience and professional understanding of
ergonomic risks are required. Also, experts should ideally possess a higher education level
(at least a B.Sc.) and extensive work experience (more than three years). The diversity in
the experts’ roles within the project is also crucial to provide a comprehensive range of
perspectives. Regarding the proper number of experts, Clemen and Winkler [70] noted the
diminishing marginal returns with larger groups. Their findings, supported by Ferrell [71],
suggested a panel of three to five experts, and therefore, five experts will be involved in this
study. Then, SFSs are employed to express the fuzzy risk evaluation according to linguistic
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terms provided by experts, and then the performance of alternatives can be quantified and
aggregated. On this basis, the weights of risk criteria can be obtained using the objective
method based on an entropy measure for SFSs. Finally, the risk ranking of ergonomic
hazards can be determined by integrating weights and performance using the AQM.
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Figure 1. The framework of the proposed ergonomic risk ranking method.

Table 2. Identified ergonomic hazards.

Type No. Ergonomic Hazards Reference

Individual

E1 Existing WMSD record [20,23]
E2 Hypertension and heart diseases [25]

E3 Unhealthy habits outside of work time (e.g., alcohol
consumption, lack of sleep, etc.) [19]

E4 Overweight (BMI > 24) [19,23]

Work-related

E5 Perceived psychosocial stress caused by time or
task pressure [22,72]

E6 Repetitive or prolonged awkward postures [2,6]
E7 Vibration [6,17]
E8 Heavy load lifting [73]
E9 Overexertion due to unreasonable task organization [33,74]

Environment
E10 Extreme cold or hot temperature [23,25]
E11 Poor weather [23,44]

3.2. Ergonomic Hazard Evaluation Based on SFS

SFS is one of the latest developments in the area of MCDM with fuzzy logic [75].
Specifically, decision makers’ hesitancy can be represented extensively to better deal with
the uncertainty and vagueness of experts’ opinions. In addition, integrating linguistic
term sets and Spherical Fuzzy Sets can externalize the ambiguity of human cognition and
the complex uncertain environment [53]. The basic concept of linguistic SFS is defined
as follows.
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Definition 1. When X is a universe of discourse, SFSs S is defined by Equation (1)

S = {x, αS(x), βS(x), γS(x)|x ∈ X} (1)

whereαS(x), βS(x), γS(x) ∈ [0, 1] represent the linguistic membership degree, linguistic absti-
nence degree, and linguistic nonmembership degree, respectively, satisfying the following formula.

0 ≤ αS(x)2 + βS(x)2 + γS(x)2 ≤ 1 (2)

The numerical operations can be defined accordingly; the detailed functions are de-
picted in previous studies [76]. On this basis, the step-by-step procedures can be presented
as follows.

Step 0: Linguistic input from the expert. l decision makers DMk(k = 1, 2, . . . l) are
involved in providing a linguistic evaluation of m predetermined ergonomic hazards
Ei(i = 1, 2, . . . m) respecting n criteria Cj(j = 1, 2, . . . n). The weight of expert DMk can be
denoted as λk. The weight can be determined using various methods in existing studies
or assigned by a moderator directly. The raw evaluation matrix of each expert can be

established accordingly, denoted as
∼
Sk =

[
∼
s

k
ij

]
,where

∼
s

k
ij =

(
αk

ij, βk
ij, γk

ij

)
.

Step 1: Assessment results aggregation. Evaluation results of different experts can
be aggregated using the Spherical Weighted Arithmetic Mean (SWAM) operator [76] to

obtain collective SFS ergonomic risk assessment matrix S =
[∼

s
ij

]
. The aggragation rules

are as follows.
∼
S = SWAM

(
∼
s

1
ij,

∼
s

2
ij, . . .

∼
s

l
ij

)
=< αij, βij, γij > (3)

αij =

[
1 − ∏l

k=1

(
1 −

(
αk

ij

)2
)λk

] 1
2

(4)

βij = ∏l
k=1

(
βk

ij

)λk
(5)

γij =

[
∏l

k=1

(
1 −

(
αk

ij

)2
)λk

− ∏l
k=1

(
1 −

(
αk

ij

)2
−

(
γk

ij

)2
)λk

] 1
2

(6)

3.3. Criteria Weighting Based on Entropy Measure

The objective weighting method extracted the information only from alternative
scores, which can avoid the drawbacks of subjective weighting. In particular, entropy has
been widely recognized as an efficient mathematical tool to obtain objective weighting by
quantifying uncertain information. The basic logic behind this is that the greater dispersion
in the evaluation results of specific criteria indicates the higher importance of these criteria.
This study adopted the concept of entropy measure of SFS proposed by [76] as presented
below, and detailed proof can be found in the original research.

E
(∼

S
)
=

1
n∑n

i=1

(
1 − 4

5

[∣∣∣∣α2
∼
S
(xi)− β2

∼
S
(xi)

∣∣∣∣+ ∣∣∣∣γ2
∼
S
(xi)− 0.25

∣∣∣∣]) (7)

On this basis, the criteria weights can be computed as described in the following step.
Step 2: Objective weight determination of risk criteria. The entropy measure of

criteria j can be calculated using Equation (8). Then, the weight of each criterion can be
obtained accordingly in Equation (9), as the intrinsic information of criteria reflected by the
divergence 1 − Ej.

Ej =
1
n∑n

i=1

(
1 − 4

5

[∣∣∣α2
j − β2

j

∣∣∣+ ∣∣∣∣γ2
∼
S
− 0.25

∣∣∣∣]) (8)



Sustainability 2024, 16, 3950 9 of 20

wj =
1 − Ej

∑m
j=1

(
1 − Ej

) (9)

3.4. Risk Ranking Based on AQM

As a new and powerful tool for MCDM problems, AQM was initiated by Gou, Xu
and Liao [54] to create the ranking results by using the information of the 0–1 precedence
relationship. AQM has been successfully adopted in OHS hazard evaluation problems
and could provide credible and reasonable ranking results [24]. This study employed the
AQM based on the linguistic evaluation under a fuzzy environment expressed by SFS. The
step-by-step procedure is introduced below.

Step 3: Precedence relationship matrix construction. For each risk criterion, a 0–1
precedence relationship matrix ∆j =

[
δ

j
ti

]
m×m

can be obtained based on the collective SFS

assessment matrix according to the following rules.

δ
j
ti =


i f sij > stj, then δ

j
it = 1 δ

j
ti = 0 and Ei > Et, Et < Ei

i f sij < stj, then δ
j
it = 0 δ

j
ti = 1 and Ei < Et, Et > Ei

i f sij = stj, then δ
j
it = δ

j
ti = 1 and Et ≈ Ei

(10)

Step 4: Integrated weights calculation for each pair of ergonomic hazards. The overall
score of all criteria with different weights can be calculated according to the following rules
based on the weight of each criterion obtained in the previous section.

w =


w(Ei > Et) = ∑j∈(Ei>Et)j

wj

w(Ei < Et) = ∑j∈(Ei<Et)j
wj

w(Ei ≈ Et) = ∑j∈(Ei≈Et)j
wj

(11)

Step 5: Overall pros and cons indicated value calculations for each pair of ergonomic
hazards. For ergonomic hazard pairs, the overall pros and cons indicated values H can be
computed as below.

H(Ei, Et) =
w(Ei > Et) + ρ · w(Ei ≈ Et)

w(Ei < Et) + ρ · w(Ei ≈ Et)
(12)

where ρ ∈ [0, 1] indicates the importance level of w(Ei ≈ Et). For the case that w(Ei < Et) = 0
and w(Ei ≈ Et) = 0, H(Ei, Et) = +∞.

Step 6: Precedence relationship establishment among ergonomic hazards. Based on the
overall pros and cons indicated values for each pair of ergonomic hazards, the comparative
relationship can be determined by the following rules.

Ei > Et, H(Ei, Et) ≥ θ

Ei ≈ Et, 1
θ < H(Ei, Et) ≤ θ

Ei > Et, 0 < H(Ei, Et) ≤ 1
θ

(13)

Then, the final precedence relationship can be obtained accordingly, and the final
precedence relationship matrix U = [uit m×m

]
can be obtained.

uit =


i f Ei > Et, then uit = 1, uti = 0
i f Ei ≈ Et, then uit = uti = 1

i f Ei < Et, then uit = 1, uti = 0
(14)

Step 7: Risk ranking of ergonomic hazards. The final risk ranking of ergonomic
hazards can be determined based on the precedence relationship matrix U

Ri = pi − qi (15)
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where pi = ∑t uit and qi = ∑i uit indicate the overall arcs outgoing from and incoming to
the directed graph representing the precedence relationship matrix U. A smaller Ri means
higher importance of the risk ranking.

4. Case Study
4.1. Implementation and Results

To testify the proposed ergonomic framework for the transportation infrastructure
construction process, a real case of prefab construction systems for part of a viaduct in
Shanghai currently under construction has been selected as a case study. There are two
box girder production lines, a bent cap production line, and a column production line
on the selected construction sites. Different trades of workers, such as rebar workers,
formwork workers, concrete workers, and component decorators, are involved in the
construction process. They execute demanding manual tasks and are exposed to ergonomic
risks. Ergonomic hazards listed in Table 2 are the alternatives for further analysis.

A panel of five experts, including the project manager, site superintendent, safety
engineer, quality engineer, and administration manager, were invited to conduct the assess-
ment. All of the experts have expertise in the construction management of transportation
infrastructure, with more than three years of professional experience. The importance
weights are assigned based on their knowledge and profession related to ergonomic risk
management, i.e., λ = (0.30, 0.25, 0.25, 0.10, 0.10). The seven-grade linguistic spherical fuzzy
assessments were employed in this study, which have also been adopted in the recent
OHS-related study [53], and corresponding spherical fuzzy numbers are shown in Table 3.

Table 3. Seven-grade linguistic terms and spherical fuzzy numbers.

Linguistic Term Abb. α 1 β 2 γ 3

Very low importance VLI 0.1 0.1 0.9
Low importance LI 0.25 0.25 0.75

Moderately low importance MLI 0.4 0.4 0.6
Fair F 0.5 0.5 0.5

Moderately high importance MHI 0.6 0.4 0.4
High importance HI 0.75 0.25 0.25

Very high importance VHI 0.9 0.1 0.1
1 Linguistic membership degree; 2 linguistic abstinence degree; and 3 linguistic nonmembership degree.

Step 0: Assessment of 11 ergonomic hazards from the five experts was collected, and
the results of the expert one are shown in Table 4 as an example, given the limitation of
space. Then, the linguistic terms were converted to SFNs.

Table 4. Linguistic assessment result provided by Expert 1.

C1 C2 C3 C4 C5 C6

E1 MHI VLI VLI LI LI LI
E2 MLI LI LI MLI LI F
E3 VLI LI MLI F MLI LI
E4 MLI LI MLI LI MLI LI
E5 MLI LI F VLI VLI LI
E6 LI MLI HI LI LI MLI
E7 LI LI F LI LI LI
E8 F LI MLI LI MLI MLI
E9 F LI F F LI MLI
E10 MLI LI LI MLI VLI VLI
E11 MLI LI LI VLI VLI VLI

Step 1: To fuse the evaluation results of five experts, the SWAM operator (i.e.,
Equations (3)–(6)) was employed for the evaluation results of each attribute. The aggrega-
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tion results of membership, nonmembership, and hesitancy degrees are given in Table 5,
where

∼
s ij =

(
αij, βij, γij

)
represents the aggregated evaluation of ergonomic hazard Ei with

respect to the criteria Cj.

Table 5. Aggregated evaluation results.

C1 C2 C3 C4 C5 C6

E1 (0.59, 0.40, 0.41) (0.50, 0.49, 0.43) (0.53, 0.47, 0.45) (0.49, 0.50, 0.47) (0.30, 0.70, 0.31) (0.37, 0.62, 0.38)
E2 (0.30, 0.70, 0.31) (0.67, 0.33, 0.34) (0.62, 0.38, 0.39) (0.66, 0.33, 0.33) (0.38, 0.61, 0.39) (0.37, 0.62, 0.38)
E3 (0.29, 0.73, 0.31) (0.26, 0.76, 0.27) (0.27, 0.74, 0.29) (0.38, 0.62, 0.40) (0.27, 0.76, 0.30) (0.20, 0.83, 0.22)
E4 (0.60, 0.40, 0.40) (0.32, 0.69, 0.33) (0.30, 0.70, 0.31) (0.46, 0.53, 0.46) (0.23, 0.79, 0.24) (0.17, 0.84, 0.18)
E5 (0.44, 0.55, 0.45) (0.34, 0.66, 0.35) (0.38, 0.62, 0.40) (0.49, 0.50, 0.44) (0.30, 0.74, 0.28) (0.26, 0.77, 0.27)
E6 (0.68, 0.32, 0.33) (0.34, 0.66, 0.35) (0.45, 0.54, 0.45) (0.51, 0.48, 0.45) (0.36, 0.63, 0.37) (0.26, 0.75, 0.26)
E7 (0.46, 0.53, 0.47) (0.32, 0.67, 0.33) (0.42, 0.58, 0.43) (0.33, 0.67, 0.35) (0.29, 0.70, 0.30) (0.27, 0.73, 0.28)
E8 (0.55, 0.44, 0.45) (0.37, 0.64, 0.38) (0.48, 0.51, 0.43) (0.41, 0.60, 0.34) (0.30, 0.70, 0.30) (0.40, 0.59, 0.41)
E9 (0.62, 0.38, 0.39) (0.41, 0.59, 0.43) (0.62, 0.38, 0.39) (0.60, 0.39, 0.41) (0.36, 0.64, 0.36) (0.47, 0.52, 0.47)
E10 (0.48, 0.51, 0.43) (0.33, 0.67, 0.34) (0.33, 0.67, 0.34) (0.45, 0.54, 0.45) (0.19, 0.82, 0.19) (0.18, 0.82, 0.18)
E11 (0.4, 0.6, 0.4) (0.22, 0.78, 0.22) (0.19, 0.81, 0.19) (0.19, 0.82, 0.19) (0.15, 0.85, 0.15) (0.14, 0.86, 0.14)

Step 2: With the input of aggregated results, the criteria weights were then calculated
using the aforementioned objective entropy-based method. Specifically, the entropy mea-
sure of each criterion was calculated using Equation (8). Then, the objective weights were
obtained using Equation (9). The calculated entropy measure Ej and final weight wj were
exhibited in Table 6.

Table 6. Results of entropy-based criteria weighting.

C1 C2 C3 C4 C5 C6

Weight (w) 0.097 0.176 0.131 0.090 0.252 0.254
Entropy measure (E) 0.835 0.700 0.777 0.848 0.570 0.567

Step 3: Based on the hazard evaluation results by criteria, the 0–1 precedence relation-
ship can be obtained based on the pairwise comparison rule presented in Equation (10).
For example, the matrix for C1 is presented below.

∆1 =



1 1 1 0 1 0 1 1 0 1 1
0 1 1 0 0 0 0 0 0 0 0
0 0 1 0 0 0 0 0 0 0 0
1 1 1 1 1 0 1 1 0 1 1
0 1 1 0 1 0 1 0 0 0 1
1 1 1 1 1 1 1 1 1 1 1
0 1 1 0 1 0 1 0 0 0 1
0 1 1 0 1 0 1 1 0 1 1
1 1 1 1 1 0 1 1 1 1 1
0 1 1 0 1 0 1 0 0 1 1
0 1 1 0 0 0 0 0 0 0 1


Step 4: By adopting the calculated weights, the overall score of each hazard pair can be

obtained via Equation (11). The pros scores w(Ei > Et) are shown in Table 7 as an example.
The overall cons scores w(Ei < Et) and the overall indifference scores w(Ei ≈ Et) were
calculated similarly.
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Table 7. Overall pros score of each hazard pair.

w(Ei>Et) t = 1 t = 2 t = 3 t = 4 t = 5 t = 6 t = 7 t = 8 t = 9 t = 10 t = 11

i = 1 0.00 0.10 1.00 0.90 0.91 0.56 1.00 0.75 0.18 1.00 1.00
i = 2 0.65 0.00 1.00 0.90 0.90 0.90 0.90 0.65 0.52 0.90 0.90
i = 3 0.00 0.00 0.00 0.51 0.00 0.00 0.09 0.00 0.00 0.51 0.90
i = 4 0.10 0.10 0.49 0.00 0.10 0.00 0.19 0.19 0.00 0.44 1.00
i = 5 0.09 0.10 1.00 0.90 0.00 0.25 0.52 0.34 0.00 0.90 1.00
i = 6 0.44 0.10 1.00 1.00 0.57 0.00 0.75 0.44 0.35 1.00 1.00
i = 7 0.00 0.10 0.91 0.81 0.48 0.25 0.00 0.00 0.00 0.64 1.00
i = 8 0.25 0.35 1.00 0.81 0.66 0.56 1.00 0.00 0.00 0.91 1.00
i = 9 0.82 0.48 1.00 1.00 1.00 0.65 1.00 1.00 0.00 1.00 1.00

i = 10 0.00 0.10 0.49 0.56 0.10 0.00 0.36 0.09 0.00 0.00 1.00
i = 11 0.00 0.10 0.10 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00

Step 5: By applying ρ = 0.5, the overall pros and cons indicated values were computed,
as provided in Table 8.

Table 8. Overall pros and cons indicated values of each hazard pair.

H(Ei>Et) t = 1 t = 2 t = 3 t = 4 t = 5 t = 6 t = 7 t = 8 t = 9 t = 10 t = 11

i = 1 0.66 0.43 3.96 2.59 2.66 3.01 3.96 1.47 0.31 3.96 3.96
i = 2 1.63 1.00 3.96 2.59 2.59 9.31 2.59 1.07 1.07 2.59 2.59
i = 3 0.00 0.00 0.66 0.68 0.00 0.00 0.10 0.00 0.00 0.68 2.59
i = 4 0.11 0.15 0.97 0.66 0.11 0.00 0.23 0.23 0.00 0.54 3.96
i = 5 0.10 0.15 3.96 2.59 0.66 0.84 0.70 0.38 0.00 2.59 3.96
i = 6 0.54 0.15 3.96 3.96 1.11 1.00 1.47 0.54 0.54 3.96 3.96
i = 7 0.00 0.15 2.66 1.85 0.93 0.52 0.66 0.00 0.00 1.04 3.96
i = 8 0.34 0.89 3.96 1.85 1.93 3.01 3.96 0.66 0.00 2.66 3.96
i = 9 1.92 1.82 3.96 3.96 3.96 6.71 3.96 3.96 1.00 3.96 3.96

i = 10 0.00 0.15 0.97 1.28 0.11 0.00 0.57 0.10 0.00 0.66 3.96
i = 11 0.00 0.15 0.11 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.66

Step 6: Based on the results of the overall pros and cons indicated values, the final
comparative relationship can be determined using Equation (13) with the threshold value
θ = 1.5 [24]. Then, the final precedence relationship matrix U was obtained accordingly
through Equation (14), as presented below.

U =



0 0 1 1 1 1 1 1 0 1 1
1 1 1 1 1 1 1 1 1 1 1
0 0 0 1 0 0 0 0 0 1 1
0 0 1 0 0 0 1 0 0 0 1
0 0 1 1 0 1 1 0 0 1 1
0 0 1 1 1 1 1 0 0 1 1
0 0 1 1 1 0 0 0 0 1 1
0 1 1 1 1 1 1 0 0 1 1
1 1 1 1 1 1 1 1 1 1 1
0 0 1 1 0 0 0 0 0 0 1
0 0 0 0 0 0 0 0 0 0 0


Step 7: With the final precedence relationship matrix, the ranking results can be

obtained via Equation (15). Table 9 outlines the calculated parameters and final risk
ranking. Thus, the ergonomic hazard with a higher ranking indicates higher prioritization
and a greater need for preventative measures. It was found that E9 (overexertion due
to unreasonable task organization) ranked highest primarily due to the tight schedule
demands of this transportation infrastructure project. E2 (hypertension and heart diseases)
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and E1 (existing WMSD record) also reflect significant concerns, mainly indicative of the
characteristics of the workforce involved, suggesting a higher risk profile. Moreover, while
other work-related factors did not rank as highly, this can be attributed to the high degree
of industrialization at the prefabrication plant used in this project, which replaces some of
the strenuous manual tasks in traditional construction settings. Additionally, the project’s
mix of indoor and outdoor work, combined with the absence of extreme weather conditions
due to its geographical and temporal context, means that environmental factors were less
critical, ranking at 9.5 on average. These findings highlight the need for more attention
on workload and schedule management to effectively mitigate work-related ergonomic
risks and prevent adverse outcomes. A more detailed discussion regarding ergonomic
intervention is presented in the following section.

Table 9. Final ranking results based on AQM.

Hazards Ranking Ri pi qi

E1 3 6 8 2
E2 2 8 11 3
E3 9 −6 3 9
E4 10 −7 2 9
E5 6 0 6 6
E6 5 1 7 6
E7 7 −1 5 6
E8 4 5 8 3
E9 1 9 11 2

E10 8 −5 3 8
E11 11 −10 0 10

4.2. Sensitivity Analysis

The selection and weighting of risk criteria significantly influences the perception
of risk, necessitating an exploration of ranking results under varying criteria. Figure 2
illustrates the results of different scenarios: Case 0 is the original weighting setup obtained
in the case study; Case j represents considering the jth evaluation criterion separately, i.e.,
wj = 1, wt = 0 ( f or all t ̸= j). The sensitivity analysis indicates that the relative weights
of risk criteria substantially affect the final risk ranking results of ergonomic hazards. It
can be found that E9 has the highest risk priority in four out of the six cases, implying the
importance of proper task organization to avoid this ergonomic hazard. E2 ranks first in
two of the five cases, while its ranking for Case 1 is significantly low. That is because E2 has
a significant impact on both individual workers and construction projects, while the occur-
rence rate is relatively low under the current situation. The risk priority of this ergonomic
hazard has the potential to increase, facing the workforce with an aging population and a
declining health status, indicating the need for attention in the long run. In general, Cases 1
and 2 align with the widely applied criteria of occurrence and severity in previous stud-
ies [24,25]. Criteria 2–6, as emphasized in the author’s previous work [23], are tailored for
construction projects to better reflect the project-specific requirement. In practice, subjective
weighting methods reflecting specific preferences in project management are also worth
conducting for comparison to obtain a more comprehensive ergonomic risk perception.
The scientific and practical determination of risk criteria weights for risk prioritization
can benefit the development of intervention strategies. The results of sensitivity analysis
can also serve as a risk dashboard, offering decision makers a comprehensive view of risk
perceptions for each criterion, as a complement to risk ranking results. Future studies are
encouraged to explore diverse combinations and methods for criteria setting, backed by
objective evidence, to further refine our understanding of ergonomic risk assessment in
construction projects.
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5. Discussion

Systematic identification and prioritization of risks can enhance the understanding of
ergonomic hazards and promote effective risk interventions, which are vital for the long-
term sustainability of construction workforces. Ergonomic interventions can be generally
categorized into engineering control and managerial control [3], which are vital for the
long-term sustainability of construction workforces. Each category has specific applications
and adaptability, making the selection and implementation of the proper strategy for a
particular construction project crucial and requiring careful risk prioritization to ensure
effectiveness. As highlighted by Chan, et al. [77] in their review study, effective ergonomic
interventions should be based on previously identified risk factors and underlying mech-
anisms. The strategies should align with the specific needs of construction workers and
adapt to construction site dynamics to ensure immediate and sustained reductions in
ergonomic risks.

Specifically, the higher risk priority in individual factors indicates the need for per-
sonalized ergonomic monitoring and management, and personalization has also been
increasingly emphasized in the OHS area in recent years [3,78,79]. Although existing
systems have achieved high accuracies, personalized models are needed to provide instruc-
tive indicators such as exposure level, strength capacity, and injury risk indices for risk
prevention. On this basis, personalized training programs can be developed with content
including risk awareness of ergonomics and fatigue, safety culture education, healthy
habits development, and more [80], and virtual reality technologies can be utilized to
improve training effectiveness and efficiency [81]. In addition, the rapid development of
real-time personalized mobile health systems and Personal Protective Equipment (PPE)
have enabled the self-management of ergonomic hazards [30]. Due to the additional costs
associated with equipment and systems, the consideration of risk prioritization is necessary
under the resource constraints. Implementing personalized management for relatively
vulnerable workers can effectively mitigate safety hazards and injury risks [23]. In addition,
the identified individual ergonomic risks, such as increasing WMSD records, aging trends,
and deteriorating health conditions, can provide instructions on recruitment and retention
strategies to benefit long-term workforce development. Going forward, with a deeper un-
derstanding of personalized risk factors and advancements in objective risk measurement,
human-centric personalized health management is expected to promote workers’ safety,
health, and well-being significantly.

As to the work-related ergonomic risks, higher risk ranking indicates potential issues
with unreasonable workload management or task organization, which extensively occurs
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in construction tasks [18]. Removing or replacing overly demanding tasks is acknowl-
edged as the most effective way to mitigate such risks [80]. Furthermore, solutions tailored
to specific trades that lessen physical strain and discomfort should be broadly adopted,
especially when they are cost-efficient and simple to implement. For example, Umer,
et al. [82] developed a squatting stool to reduce the ergonomic risks of rebar-tying tasks.
Moreover, human-robot collaboration has been widely recognized in the literature as a
promising method to boost ergonomics and productivity [83]. For instance, exoskeleton
systems have been developed to reduce the risks of back disorders of concrete work [84]
and manual repetitive handling tasks [85], while the high cost can be one of the primary
concerns for large-scale adoption. Another category of inexpensive solutions is manage-
rial or administrative interventions [3,80]. In particular, the work–rest schedule can be
optimized considering the workload and workers’ fatigue to avoid overexertion and miti-
gate ergonomic risks [74,86]. The schedule optimization with ergonomic factors has been
extensively explored in the field of manufacturing that also faces the aging workforce
problem, and strategies included job rotation [87], rest allowance optimization [88], and
ergonomic risks leveling [36], given the higher level of standardization of assembly lines.
Going forward, with the trend of construction industrialization, strategies from the manu-
facturing industry are worth learning to promote managerial ergonomic risk control for the
construction industry.

Although specific strategies targeting environmental risk factors are limited, they can
be integrated into the aforementioned interventions based on their priority. For example,
minimizing the exposure of high-risk workers to harsh weather conditions may reduce
the risks of injuries or accidents, which may result in more severe consequences in harsh
environments. In summary, with the increasing data availability and digital penetration,
the integrated analysis of individual, work-related, and environmental risk would be
more accurate and feasible, and can therefore support the decision process of intervention
selection and implementation.

The often insufficient attention paid to OHS is typically linked to the need for cost
control and profit margin improvement [52], which is also the case for ergonomic risk man-
agement. Given the constrained resources of construction projects, a proper understanding
of project-specific ergonomic risk exposure may aid in prioritizing alternative risk control
measures, thereby yielding feasible and cost-effective intervention plans. Thus, a deeper
understanding of various risk factors can facilitate the integration and advancement of
different ergonomic intervention strategies. Moreover, it is important to emphasize the
long-term economic benefits of addressing ergonomic risks in the construction industry. By
reducing health-related costs and absences due to injuries, decreasing compensation claims,
and enhancing both productivity and employee retention, these measures can substan-
tially contribute to the economic sustainability of the construction sector. Further in-depth
exploration into the cost-effectiveness of various risk control measures is welcomed.

As for the implications for policy and practice, it is crucial to integrate findings into
existing policy frameworks within the construction industry. Policymakers could develop
guidelines that promote personalized ergonomic interventions and advanced technologies
such as virtual reality and mobile health systems. Regulatory frameworks should encour-
age the adoption of innovative solutions like human-robot collaboration and exoskeletons
to reduce physical strain. Moreover, economic incentives should be clearly outlined, em-
phasizing long-term benefits such as reduced healthcare costs, decreased absenteeism,
and improved productivity. More importantly, policies need to be adaptable to various
geographical contexts to accommodate local variations in construction practices, regulatory
environments, and cultural norms. For example, while advanced technologies such as
virtual reality training are effective in some regions, they may not be feasible in areas with
limited technological infrastructure or prohibitive costs. Therefore, simpler, cost-effective
managerial strategies such as optimized work-rest schedules or job rotation may be more
suitable. Notably, the implementation plan for these interventions should be customized to
local conditions, taking into account existing work schedules, local climate and environ-
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mental characteristics, and worker demographics like age and health status. In addition, in
cultures with high respect for authority, top-down changes like the introduction of new
safety equipment may be readily adopted, whereas in cultures valuing individual choice,
personalized risk management strategies aligning with individual preferences might be
necessary. Thus, while our systematic approach to identifying and prioritizing risks offers
a universal framework, specific strategies should be tailored to fit the technological, regu-
latory, and cultural realities of each region to ensure effective and sustainable ergonomic
risk management.

6. Conclusions

Given the significant ergonomic risks faced by construction workers and their im-
pact on occupational health and safety, a comprehensive understanding of ergonomic
risk factors is crucial for sustainable workforce development. Thus, this study proposes a
risk assessment method based on the MCDM framework to consider diverse ergonomic
hazards regarding multiple practical criteria for construction projects, and SFSs and AQM
are integrated to rank the risk factors effectively. The practicability has been demonstrated
given the implementation of a real-life viaduct project. Eleven ergonomic hazards and
six risk criteria were recognized based on the existing literature in the field of applied
ergonomics and characteristics of construction projects. The results identified that “overex-
ertion due to unreasonable task organization”, “hypertension and heart diseases”, and
“existing WMSD record” are the top three ergonomic hazards for this project, which can
support the design of further risk assessment and intervention strategy. Moreover, an
in-depth discussion on intervention strategies for various risk categories is provided aimed
at enhancing the development and effective implementation of ergonomic interventions,
which also highlights the importance of risk prioritization.

The contribution of this study can be summarized below. First, this study contributes
to the state of knowledge by developing an applicable decision-making framework to
analyze ergonomic risk priority by leveraging the knowledge from practitioners as a
complement to measured data. The obtained risk priority can provide a project-specific
risk perception, which is instrumental in guiding both the design and implementation of
targeted intervention strategies. Second, this study provides a comprehensive and broader
view of ergonomic risk hazard analysis, especially bridging the gap in current research
regarding non-postural risk factors. Third, the proposed method is capable of fusing
the linguistic assessments of multiple experts, capturing their hesitance, and effectively
navigating the challenges of subjective evaluations, such as uncertainty, fuzziness, and
randomness. This study also contributes to exploring the integration of fuzzy theory with
the ranking method, which is an effective and efficient decision-making tool and can be
generalized to risk ranking problems of different industries. The proposed framework and
findings may contribute to the occupational health and safety management of construction
workers and potentially benefit the sustainable development of the industry.

Admittedly, there are still several limitations to be addressed in future studies. First,
considering the complexity of the ergonomic assessment and obstacles in collecting data in
actual construction sites, this study relies on the engineering and management experience
of domain experts and may lack objectivity to some extent. Future studies, with increased
data availability on construction sites, could integrate subjective judgment and objective
input and are anticipated to establish a more informed decision-making framework. In
addition, while this study initiates a discussion on intervention strategies, it does not ex-
plicitly formulate a detailed and practicable intervention plan. A valuable follow-up study
would be to develop a systematic framework for evaluating and prioritizing ergonomic
interventions based on the ergonomic hazard investigation conducted in this study.

Author Contributions: Conceptualization, Y.T. and H.H.; data curation, Y.T. and J.X.; formal analysis,
Y.T.; methodology, Y.T. and H.H.; project administration, F.X.; supervision, H.H.; visualization, Z.Z.;
writing—original draft, Y.T.; writing—review and editing, J.X., Z.Z. and F.X. All authors have read
and agreed to the published version of the manuscript.



Sustainability 2024, 16, 3950 17 of 20

Funding: This research received no external funding.

Data Availability Statement: The data presented in this study are available on request from the
corresponding author subject to reasonable request.

Conflicts of Interest: The authors declare no conflicts of interest.

References
1. Palikhe, S.; Yirong, M.; Choi, B.Y.; Lee, D.E. Analysis of Musculoskeletal Disorders and Muscle Stresses on Construction Workers’

Awkward Postures Using Simulation. Sustainability 2020, 12, 5693. [CrossRef]
2. Antwi-Afari, M.F.; Qarout, Y.; Herzallah, R.; Anwer, S.; Umer, W.; Zhang, Y.C.; Manu, P. Deep learning-based networks for

automated recognition and classification of awkward working postures in construction using wearable insole sensor data. Autom.
Constr. 2022, 136, 104181. [CrossRef]

3. Zhang, H.; Lin, Y.L. Modeling and evaluation of ergonomic risks and controlling plans through discrete-event simulation. Autom.
Constr. 2023, 152, 104920. [CrossRef]

4. Sousa, V.; Almeida, N.M.; Dias, L.A. Risk-based management of occupational safety and health in the construction industry—Part
1: Background knowledge. Saf. Sci. 2014, 66, 75–86. [CrossRef]

5. Seo, J.O.; Lee, S.H. Automated postural ergonomic risk assessment using vision-based posture classification. Autom. Constr. 2021,
128, 103725. [CrossRef]

6. Anwer, S.; Li, H.; Antwi-Afari, M.F.; Wong, A.Y.L. Associations between physical or psychosocial risk factors and work-related
musculoskeletal disorders in construction workers based on literature in the last 20 years: A systematic review. Int. J. Ind. Ergon.
2021, 83, 103113. [CrossRef]

7. Deros, B.M.; Daruis, D.D.I.; Khamis, N.K.; Mohamad, D.; Daud, S.F.M.; Amdan, S.M.; Abd Aziz, R.; Jamal, N. Prevalence of Work
Related Musculoskeletal Disorders Symptoms among Construction Workers: A Case Study in Malaysia. Iran. J. Public Health
2014, 43, 53–57.

8. Yi, W.; Chan, A. Health Profile of Construction Workers in Hong Kong. Int. J. Environ. Res. Public Health 2016, 13, 1232. [CrossRef]
9. Lette, A.; Ambelu, A.; Getahun, T.; Mekonen, S. A survey of work-related injuries among building construction workers in

southwestern Ethiopia. Int. J. Ind. Ergon. 2018, 68, 57–64. [CrossRef]
10. Pransky, G.; Snyder, T.; Dembe, A.; Himmelstein, J. Under-reporting of work-related disorders in the workplace: A case study

and review of the literature. Ergonomics 1999, 42, 171–182. [CrossRef]
11. Yu, Y.T.; Li, H.; Umer, W.; Dong, C.; Yang, X.C.; Skitmore, M.; Wong, A.Y.L. Automatic Biomechanical Workload Estimation for

Construction Workers by Computer Vision and Smart Insoles. J. Comput. Civ. Eng. 2019, 33, 04019010. [CrossRef]
12. Chiang, Y.H.; Wong, F.K.W.; Liang, S. Fatal Construction Accidents in Hong Kong. J. Constr. Eng. Manag. 2018, 144, 04017121.

[CrossRef]
13. Harari, Y.; Bechar, A.; Riemer, R. Simulation-Based Optimization Methodology for a Manual Material Handling Task Design That

Maximizes Productivity While Considering Ergonomic Constraints. IEEE Trans. Hum. Mach. Syst. 2019, 49, 440–448. [CrossRef]
14. Inyang, N.; Al-Hussein, M.; El-Rich, M.; Al-Jibouri, S. Ergonomic analysis and the need for its integration for planning and

assessing construction tasks. J. Constr. Eng. Manag. 2012, 138, 1370–1376. [CrossRef]
15. Liao, L.H.; Liao, K.A.; Wei, N.A.; Ye, Y.H.; Li, L.H.; Wu, Z.Z. A holistic evaluation of ergonomics application in health, safety, and

environment management research for construction workers. Saf. Sci. 2023, 165, 106198. [CrossRef]
16. Yu, Y.; Yang, X.; Li, H.; Luo, X.; Guo, H.; Fang, Q. Joint-level vision-based ergonomic assessment tool for construction workers. J.

Constr. Eng. Manag. 2019, 145, 04019025. [CrossRef]
17. Subedi, S.; Pradhananga, N. Sensor-based computational approach to preventing back injuries in construction workers. Autom.

Constr. 2021, 131, 103920. [CrossRef]
18. Wang, J.; Chen, D.; Zhu, M.; Sun, Y. Risk assessment for musculoskeletal disorders based on the characteristics of work posture.

Autom. Constr. 2021, 131, 103921. [CrossRef]
19. Costa, B.R.d.; Vieira, E.R. Risk factors for work-related musculoskeletal disorders: A systematic review of recent longitudinal

studies. Am. J. Ind. Med. 2010, 53, 285–323. [CrossRef]
20. Kolus, A.; Wells, R.P.; Neumann, W.P. Examining the relationship between human factors related quality risk factors and work

related musculoskeletal disorder risk factors in manufacturing. Ergonomics 2022, 66, 954–975. [CrossRef]
21. Jaffar, N.; Abdul-Tharim, A.H.; Mohd-Kamar, I.F.; Lop, N.S. A literature review of ergonomics risk factors in construction industry.

Procedia Eng. 2011, 20, 89–97. [CrossRef]
22. Wang, D.; Dai, F.; Ning, X. Risk assessment of work-related musculoskeletal disorders in construction: State-of-the-art review. J.

Constr. Eng. Manag. 2015, 141, 04015008. [CrossRef]
23. Tao, Y.; Hu, H.; Xu, F.; Zhang, Z.P. Ergonomic Risk Assessment of Construction Workers and Projects Based on Fuzzy Bayesian

Network and D-S Evidence Theory. J. Constr. Eng. Manag. 2023, 149, 04023034. [CrossRef]
24. Liu, R.; Liu, Z.; Liu, H.C.; Shi, H. An improved alternative queuing method for occupational health and safety risk assessment

and its application to construction excavation. Autom. Constr. 2021, 126, 103672. [CrossRef]
25. Mohandes, S.R.; Zhang, X. Developing a Holistic Occupational Health and Safety risk assessment model: An application to a case

of sustainable construction project. J. Clean. Prod. 2021, 291, 125934. [CrossRef]

https://doi.org/10.3390/su12145693
https://doi.org/10.1016/j.autcon.2022.104181
https://doi.org/10.1016/j.autcon.2023.104920
https://doi.org/10.1016/j.ssci.2014.02.008
https://doi.org/10.1016/j.autcon.2021.103725
https://doi.org/10.1016/j.ergon.2021.103113
https://doi.org/10.3390/ijerph13121232
https://doi.org/10.1016/j.ergon.2018.06.010
https://doi.org/10.1080/001401399185874
https://doi.org/10.1061/(Asce)Cp.1943-5487.0000827
https://doi.org/10.1061/(Asce)Co.1943-7862.0001433
https://doi.org/10.1109/Thms.2019.2900294
https://doi.org/10.1061/(ASCE)Co.1943-7862.0000556
https://doi.org/10.1016/j.ssci.2023.106198
https://doi.org/10.1061/(ASCE)co.1943-7862.0001647
https://doi.org/10.1016/j.autcon.2021.103920
https://doi.org/10.1016/j.autcon.2021.103921
https://doi.org/10.1002/ajim.20750
https://doi.org/10.1080/00140139.2022.2119285
https://doi.org/10.1016/j.proeng.2011.11.142
https://doi.org/10.1061/(ASCE)co.1943-7862.0000979
https://doi.org/10.1061/Jcemd4.Coeng-12821
https://doi.org/10.1016/j.autcon.2021.103672
https://doi.org/10.1016/j.jclepro.2021.125934


Sustainability 2024, 16, 3950 18 of 20

26. Kose, Y.; Civan, H.N.; Ayyildiz, E.; Cevikcan, E. An Interval Valued Pythagorean Fuzzy AHP-TOPSIS Integrated Model for
Ergonomic Assessment of Setup Process under SMED. Sustainability 2022, 14, 13804. [CrossRef]

27. McAtamney, L.; Corlett, E.N. RULA: A survey method for the investigation of work-related upper limb disorders. Appl. Ergon.
1993, 24, 91–99. [CrossRef] [PubMed]

28. Karhu, O.; Kansi, P.; Kuorinka, I. Correcting working postures in industry: A practical method for analysis. Appl. Ergon. 1977, 8,
199–201. [CrossRef] [PubMed]

29. Hignett, S.; McAtamney, L. Rapid Entire Body Assessment (REBA). Appl. Ergon. 2000, 31, 201–205. [CrossRef]
30. Yan, X.Z.; Li, H.; Zhang, H.; Rose, T.M. Personalized method for self-management of trunk postural ergonomic hazards in

construction rebar ironwork. Adv. Eng. Inform. 2018, 37, 31–41. [CrossRef]
31. Yu, Y.; Umer, W.; Yang, X.; Antwi-Afari, M.F. Posture-related data collection methods for construction workers: A review. Autom.

Constr. 2021, 124, 103538. [CrossRef]
32. Palikhe, S.; Lee, J.Y.; Kim, B.; Yirong, M.; Lee, D.E. Ergonomic Risk Assessment of Aluminum Form Workers’ Musculoskeletal

Disorder at Construction Workstations Using Simulation. Sustainability 2022, 14, 4356. [CrossRef]
33. Wang, J.W.; Li, X.M.; Han, S.; Al-Hussein, M. 3D standard motion time-based ergonomic risk analysis for workplace design in

modular construction. Autom. Constr. 2023, 147, 104738. [CrossRef]
34. ISO. Ergonomics-Evaluation of Static Postures; ISO: Cham, Switzerland, 2000.
35. Zhao, J.; Obonyo, E. Applying incremental Deep Neural Networks-based posture recognition model for ergonomics risk

assessment in construction. Adv. Eng. Inform. 2021, 50, 101374. [CrossRef]
36. Mokhtarzadeh, M.; Rabbani, M.; Manavizadeh, N. A novel two-stage framework for reducing ergonomic risks of a mixed-model

parallel U-shaped assembly-line. Appl. Math. Model. 2021, 93, 597–617. [CrossRef]
37. Battini, D.; Berti, N.; Finco, S.; Guidolin, M.; Reggiani, M.; Tagliapietra, L. WEM-Platform: A real-time platform for full-body

ergonomic assessment and feedback in manufacturing and logistics systems. Comput. Ind. Eng. 2022, 164, 107881. [CrossRef]
38. Wong, F.K.W.; Chiang, Y.H.; Abidoye, F.A.; Liang, S.L. Interrelation between Human Factor-Related Accidents and Work Patterns

in Construction Industry. J. Constr. Eng. Manag. 2019, 145, 04019021. [CrossRef]
39. Abinaya Ishwarya, G.K.; Rajkumar, D. Analysis of ergonomic risk factors in construction industry. Mater. Today-Proc. 2021, 37,

2415–2418. [CrossRef]
40. Kaneda, K.; Shirai, Y.; Miyamoto, M. An epidemiological study on occupational low back pain among people who work in

construction. J. Nippon. Med. Sch. 2001, 68, 310–317. [CrossRef]
41. Engholm, G.; Holmström, E. Dose-response associations between musculoskeletal disorders and physical and psychosocial

factors among construction workers. Scand. J. Work Environ. Health 2005, 31, 57–67.
42. Wang, Y.; Huang, Y.C.; Gu, B.T.; Cao, S.H.; Fang, D.P. Identifying mental fatigue of construction workers using EEG and deep

learning. Autom. Constr. 2023, 151, 104887. [CrossRef]
43. Mehmood, I.; Li, H.; Qarout, Y.; Umer, W.; Anwer, S.; Wu, H.T.; Hussain, M.; Antwi-Afari, M.F. Deep learning-based construction

equipment operators’ mental fatigue classification using wearable EEG sensor data. Adv. Eng. Inform. 2023, 56, 101978. [CrossRef]
44. Rwamamara, R.A.; Lagerqvist, O.; Olofsson, T.; Johansson, B.M.; Kaminskas, K.A. Evidence-Based Prevention of Work-Related

Musculoskeletal Injuries in Construction Industry. J. Civ. Eng. Manag. 2010, 16, 499–509. [CrossRef]
45. Amorocho, J.A.P.; Hartmann, T. A multi-criteria decision-making framework for residential building renovation using pairwise

comparison and TOPSIS methods. J. Build. Eng. 2022, 53, 104596. [CrossRef]
46. Wang, W.Z.; Liu, X.W.; Qin, Y.; Fu, Y. A risk evaluation and prioritization method for FMEA with prospect theory and Choquet

integral. Saf. Sci. 2018, 110, 152–163. [CrossRef]
47. Xue, J.; Van Gelder, P.H.A.J.M.; Reniers, G.; Papadimitriou, E.; Wu, C.Z. Multi-attribute decision-making method for prioritizing

maritime traffic safety influencing factors of autonomous ships’ maneuvering decisions using grey and fuzzy theories. Saf. Sci.
2019, 120, 323–340. [CrossRef]

48. Mehak, A.; Mu, Y.T.; Mohsin, M.; Zhang, X.C. MCDM-Based Ranking and Prioritization of Fisheries’ Risks: A Case Study of
Sindh, Pakistan. Sustainability 2023, 15, 8519. [CrossRef]

49. Kuzucuoglu, D.; Koc, K.; Kazar, G.; Tokdemir, O.B. Prioritization of risk mitigation strategies for contact with sharp object
accidents using hybrid bow-tie approach. Saf. Sci. 2023, 166, 106248. [CrossRef]

50. Cimino, A.; Gnoni, M.G.; Longo, F.; Nicoletti, L. A risk assessment framework based on ergonomic methods and AHP for
prioritizing interventions to prevent container terminal operator’s musculoskeletal disorders. Saf. Sci. 2023, 159, 106017.
[CrossRef]

51. Liu, H.T.; Tsai, Y.I. A fuzzy risk assessment approach for occupational hazards in the construction industry. Saf. Sci. 2012, 50,
1067–1078. [CrossRef]

52. Khan, M.W.; Ali, Y.; De Felice, F.; Petrillo, A. Occupational health and safety in construction industry in Pakistan using modified-
SIRA method. Saf. Sci. 2019, 118, 109–118. [CrossRef]

53. Liu, R.; Zhu, Y.J.; Chen, Y.; Liu, H.C. Occupational health and safety risk assessment using an integrated TODIM-PROMETHEE
model under linguistic spherical fuzzy environment. Int. J. Intell. Syst. 2021, 36, 6814–6836. [CrossRef]

54. Gou, X.J.; Xu, Z.S.; Liao, H.C. Alternative queuing method for multiple criteria decision making with hybrid fuzzy and ranking
information. Inf. Sci. 2016, 357, 144–160. [CrossRef]

https://doi.org/10.3390/su142113804
https://doi.org/10.1016/0003-6870(93)90080-s
https://www.ncbi.nlm.nih.gov/pubmed/15676903
https://doi.org/10.1016/0003-6870(77)90164-8
https://www.ncbi.nlm.nih.gov/pubmed/15677243
https://doi.org/10.1016/S0003-6870(99)00039-3
https://doi.org/10.1016/j.aei.2018.04.013
https://doi.org/10.1016/j.autcon.2020.103538
https://doi.org/10.3390/su14074356
https://doi.org/10.1016/j.autcon.2022.104738
https://doi.org/10.1016/j.aei.2021.101374
https://doi.org/10.1016/j.apm.2020.12.027
https://doi.org/10.1016/j.cie.2021.107881
https://doi.org/10.1061/(Asce)Co.1943-7862.0001642
https://doi.org/10.1016/j.matpr.2020.08.269
https://doi.org/10.1272/jnms.68.310
https://doi.org/10.1016/j.autcon.2023.104887
https://doi.org/10.1016/j.aei.2023.101978
https://doi.org/10.3846/jcem.2010.56
https://doi.org/10.1016/j.jobe.2022.104596
https://doi.org/10.1016/j.ssci.2018.08.009
https://doi.org/10.1016/j.ssci.2019.07.019
https://doi.org/10.3390/su15118519
https://doi.org/10.1016/j.ssci.2023.106248
https://doi.org/10.1016/j.ssci.2022.106017
https://doi.org/10.1016/j.ssci.2011.11.021
https://doi.org/10.1016/j.ssci.2019.05.001
https://doi.org/10.1002/int.22570
https://doi.org/10.1016/j.ins.2016.03.046


Sustainability 2024, 16, 3950 19 of 20

55. Zadeh, L.A. Fuzzy sets. In Fuzzy Sets, Fuzzy Logic, and Fuzzy Systems: Selected Papers by Lotfi A Zadeh; World Scientific: Singapore,
1996; pp. 394–432.

56. Dabbagh, R.; Yousefi, S. A hybrid decision-making approach based on FCM and MOORA for occupational health and safety risk
analysis. J. Saf. Res. 2019, 71, 111–123. [CrossRef]

57. Ping, Y.J.; Liu, R.; Lin, W.L.; Liu, H.C. A new integrated approach for engineering characteristic prioritization in quality function
deployment. Adv. Eng. Inform. 2020, 45, 101099. [CrossRef]

58. Fattahi, R.; Khalilzadeh, M. Risk evaluation using a novel hybrid method based on FMEA, extended MULTIMOORA, and AHP
methods under fuzzy environment. Saf. Sci. 2018, 102, 290–300. [CrossRef]

59. Lin, S.S.; Zhou, A.N.; Shen, S.L. Optimal construction method evaluation for underground infrastructure construction. Autom.
Constr. 2023, 152, 104921. [CrossRef]

60. Pan, Y.; Zhang, L.M.; Li, Z.W.; Ding, L.Y. Improved fuzzy bayesian network-based risk analysis with interval-valued fuzzy sets
and D-S evidence theory. IEEE Trans. Fuzzy Syst. 2020, 28, 2063–2077. [CrossRef]

61. Zhang, L.M.; Chettupuzha, A.J.A.; Chen, H.Y.; Wu, X.G.; AbouRizk, S.M. Fuzzy cognitive maps enabled root cause analysis in
complex projects. Appl. Soft Comput. 2017, 57, 235–249. [CrossRef]

62. Duman, G.M.; El-Sayed, A.; Kongar, E.; Gupta, S.M. An Intelligent Multiattribute Group Decision-Making Approach with
Preference Elicitation for Performance Evaluation. IEEE Trans. Eng. Manag. 2020, 67, 885–901. [CrossRef]

63. Hatami-Marbini, A.; Tavana, M.; Moradi, M.; Kangi, F. A fuzzy group Electre method for safety and health assessment in
hazardous waste recycling facilities. Saf. Sci. 2013, 51, 414–426. [CrossRef]

64. Atanassov, K.T. More on Intuitionistic Fuzzy-Sets. Fuzzy Sets Syst. 1989, 33, 37–45. [CrossRef]
65. Yager, R.R. Pythagorean Fuzzy Subsets. In Proceedings of the 2013 Joint IFSA World Congress and NAFIPS Annual Meeting

(IFSA/NAFIPS), Edmonton, AB, Canada, 24–28 June 2013; pp. 57–61.
66. Gundogdu, F.K.; Kahraman, C. Spherical fuzzy sets and spherical fuzzy TOPSIS method. J. Intell. Fuzzy Syst. 2019, 36, 337–352.

[CrossRef]
67. Mathew, M.; Chakrabortty, R.K.; Ryan, M.J. A novel approach integrating AHP and TOPSIS under spherical fuzzy sets for

advanced manufacturing system selection. Eng. Appl. Artif. Intell. 2020, 96, 103988. [CrossRef]
68. Ghoushchi, S.J.; Ab Rahman, M.N.; Soltanzadeh, M.; Rafique, M.Z.; Hernadewita; Marangalo, F.Y.; Ismail, A.R. Assessing Sustain-

able Passenger Transportation Systems to Address Climate Change Based on MCDM Methods in an Uncertain Environment.
Sustainability 2023, 15, 3558. [CrossRef]

69. Zarei, E.; Khan, F.; Abbassi, R. An advanced approach to the system safety in sociotechnical systems. Saf. Sci. 2023, 158, 105961.
[CrossRef]

70. Clemen, R.T.; Winkler, R.L. Limits for the precision and value of information from dependent sources. Oper. Res. 1985, 33, 427–442.
[CrossRef]

71. Ferrell, W.R. Combining individual judgments. In Behavioral Decision Making; Springer: Berlin/Heidelberg, Germany, 1985;
pp. 111–145.

72. Umer, W.; Yu, Y.T.; Afari, M.F.A. Quantifying the Effect of Mental Stress on Physical Stress for Construction Tasks. J. Constr. Eng.
Manag. 2022, 148, 04021204. [CrossRef]

73. Antwi-Afari, M.F.; Li, H.; Edwards, D.J.; Parn, E.A.; Seo, J.; Wong, A.Y.L. Biomechanical analysis of risk factors for work-related
musculoskeletal disorders during repetitive lifting task in construction workers. Autom. Constr. 2017, 83, 41–47. [CrossRef]

74. Hsie, M.; Hsiao, W.T.; Cheng, T.M.; Chen, H.C. A model used in creating a work-rest schedule for laborers. Autom. Constr. 2009,
18, 762–769. [CrossRef]

75. Mahmood, T.; Ullah, K.; Khan, Q.; Jan, N. An approach toward decision-making and medical diagnosis problems using the
concept of spherical fuzzy sets. Neural Comput. Appl. 2019, 31, 7041–7053. [CrossRef]

76. Aydogdu, A.; Gul, S. A novel entropy proposition for spherical fuzzy sets and its application in multiple attribute decision-making.
Int. J. Intell. Syst. 2020, 35, 1354–1374. [CrossRef]

77. Chan, V.C.H.; Ross, G.B.; Clouthier, A.L.; Fischer, S.L.; Graham, R.B. The role of machine learning in the primary prevention of
work-related musculoskeletal disorders: A scoping review. Appl. Ergon. 2022, 98, 103574. [CrossRef]

78. Tang, N.; Hu, H.; Xu, F.; Zhu, F.F. Personalized safety instruction system for construction site based on internet technology. Saf.
Sci. 2019, 116, 161–169. [CrossRef]

79. Huang, H.; Hu, H.; Xu, F.; Zhang, Z.P.; Tao, Y. Skeleton-based automatic assessment and prediction of intrusion risk in construction
hazardous areas. Saf. Sci. 2023, 164, 106150. [CrossRef]

80. Namian, M.; Taherpour, F.; Ghiasvand, E.; Turkan, Y. Insidious Safety Threat of Fatigue: Investigating Construction Workers’ Risk
of Accident Due to Fatigue. J. Constr. Eng. Manag. 2021, 147, 04021162. [CrossRef]

81. Barkokebas, R.D.; Al-Hussein, M.; Li, X.M. VR-MOCAP-Enabled Ergonomic Risk Assessment of Workstation Prototypes in
Offsite Construction. J. Constr. Eng. Manag. 2022, 148, 04022064. [CrossRef]

82. Umer, W.; Li, H.; Szeto, G.P.Y.; Wong, A.Y.L. Low-Cost Ergonomic Intervention for Mitigating Physical and Subjective Discomfort
during Manual Rebar Tying. J. Constr. Eng. Manag. 2017, 143, 04017075. [CrossRef]

83. Yu, H.; Kamat, V.R.; Menassa, C.C.; McGee, W.; Guo, Y.; Lee, H. Mutual physical state-aware object handover in full-contact
collaborative human-robot construction work. Autom. Constr. 2023, 150, 104829. [CrossRef]

https://doi.org/10.1016/j.jsr.2019.09.021
https://doi.org/10.1016/j.aei.2020.101099
https://doi.org/10.1016/j.ssci.2017.10.018
https://doi.org/10.1016/j.autcon.2023.104921
https://doi.org/10.1109/Tfuzz.2019.2929024
https://doi.org/10.1016/j.asoc.2017.04.020
https://doi.org/10.1109/Tem.2019.2900936
https://doi.org/10.1016/j.ssci.2012.08.015
https://doi.org/10.1016/0165-0114(89)90215-7
https://doi.org/10.3233/Jifs-181401
https://doi.org/10.1016/j.engappai.2020.103988
https://doi.org/10.3390/su15043558
https://doi.org/10.1016/j.ssci.2022.105961
https://doi.org/10.1287/opre.33.2.427
https://doi.org/10.1061/(Asce)Co.1943-7862.0002243
https://doi.org/10.1016/j.autcon.2017.07.007
https://doi.org/10.1016/j.autcon.2009.02.010
https://doi.org/10.1007/s00521-018-3521-2
https://doi.org/10.1002/int.22256
https://doi.org/10.1016/j.apergo.2021.103574
https://doi.org/10.1016/j.ssci.2019.03.001
https://doi.org/10.1016/j.ssci.2023.106150
https://doi.org/10.1061/(Asce)Co.1943-7862.0002180
https://doi.org/10.1061/(Asce)Co.1943-7862.0002319
https://doi.org/10.1061/(asce)co.1943-7862.0001383
https://doi.org/10.1016/j.autcon.2023.104829


Sustainability 2024, 16, 3950 20 of 20

84. Gonsalves, N.J.; Yusuf, A.; Ogunseiju, O.; Akanmu, A. Evaluation of concrete workers’ interaction with a passive back-support
exoskeleton. Eng. Constr. Archit. Manag. 2023, ahead of print. [CrossRef]

85. Antwi-Afari, M.F.; Li, H.; Anwer, S.; Li, D.W.; Yu, Y.; Mi, H.Y.; Wuni, I.Y. Assessment of a passive exoskeleton system on spinal
biomechanics and subjective responses during manual repetitive handling tasks among construction workers. Saf. Sci. 2021,
142, 105382. [CrossRef]

86. Yi, W.; Wang, S.A. Multi-Objective Mathematical Programming Approach to Construction Laborer Assignment with Equity
Consideration. Comput. Aided Civ. Infrastruct. Eng. 2016, 31, 954–965. [CrossRef]

87. Botti, L.; Calzavara, M.; Mora, C. Modelling job rotation in manufacturing systems with aged workers. Int. J. Prod. Res. 2021, 59,
2522–2536. [CrossRef]

88. Finco, S.; Battini, D.; Delorme, X.; Persona, A.; Sgarbossa, F. Workers’ rest allowance and smoothing of the workload in assembly
lines. Int. J. Prod. Res. 2020, 58, 1255–1270. [CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

https://doi.org/10.1108/Ecam-12-2022-1156
https://doi.org/10.1016/j.ssci.2021.105382
https://doi.org/10.1111/mice.12239
https://doi.org/10.1080/00207543.2020.1735659
https://doi.org/10.1080/00207543.2019.1616847

	Introduction 
	Related Work 
	Ergonomics Risk Analysis for Construction Workers 
	Postural Ergonomic Assessment 
	Non-Postural Ergonomic Factors 

	Applicability of MCDM and Fuzzy Set Theory in Risk Assessment 
	MCDM Methods in Risk Assessment 
	Fuzzy Set Theory in Risk Assessment 


	Materials and Methods 
	Proposed MCDM Framework 
	Ergonomic Hazard Evaluation Based on SFS 
	Criteria Weighting Based on Entropy Measure 
	Risk Ranking Based on AQM 

	Case Study 
	Implementation and Results 
	Sensitivity Analysis 

	Discussion 
	Conclusions 
	References

