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Abstract: Generation Z spends much time on mobile Internet and less time accessing Internet services
using desktop computers. These traits make them an important niche that can be targeted by retailers.
The objective of the present study is to analyze the impact of online advertising, social influence, and
usage motivation on the behavioral intention related to m-commerce use among Romanian young
adults. The research methodology is based on applying partial least square equation modelling
(PLS-SEM), using data collected through a questionnaire. The proposed structural model includes
four constructs that are first order reflective. The results reveal that among the influencing factors that
determine Generation Z to use m-commerce, the usage motivation factor is the most important one,
followed by social influence and online advertising. The research is useful for marketing professionals
and retailers in establishing marketing strategies in accordance with the factors that influence the
buying decision of young adults, representing Generation Z.

Keywords: mobile commerce; generation Z; e-commerce; usage motivation; behavioral intention;
online advertising; social influence; m-commerce

1. Introduction

M-commerce has gained more popularity in recent years compared to e-commerce [1–3],
because of technology development, use of smartphones on a large scale, and recent
trends in consumer behavior. M-commerce refers to transactions made online using mobile
devices, while e-commerce incorporates both this type of commerce and also the one in
which consumers use their computer.

The share of mobile commerce in e-commerce increased from 52.4% in 2016 to 70.4% in
2020, with an estimation of 72.9% for 2021, at a global level [1,2]. The value has more than
doubled in 2020 (2.91 trillion dollars) compared to 2017 (1.36 trillion dollars), in absolute
value [2]. Many people use multiple devices to complete their buying decision, from the
stage of gathering information about the product to the stage of finally paying for the
product. The tendency is that mobile devices will be much more used, both at the beginning
and at the end of the transaction, compared to the use of computers [2].

Even if the general understanding of the term m-commerce refers to the online pur-
chase of goods using mobile devices, m-commerce also includes mobile banking and
mobile payments [4]. According to the World Payments Report [5], 46.1% of those who buy
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online prefer mobile banking. The report also emphasizes that the percentage of people
buying goods and services online before the COVID-19 pandemic (24%) almost doubled
during the pandemic (47%).

Other changes, highlighted in the report [5], show that all the generations’ represen-
tatives used more the mobile payments (digital wallets and payments with QR codes),
the overall increase being 53% during the pandemic. The change in their behavior will
probably remain stable, if we consider the length of the pandemic and the psychology of
habits, according to which a learning phase takes about 2–3 months [6].

The changes in the way people prefer to buy nowadays or to use their banking
accounts represent an important challenge for businesses and a great opportunity for them
to sell more. In order to succeed, companies should invest in their mobile website, develop
mobile apps and have a responsive platform [7], because younger generations prefer fast
transactions and dislike a website or an app that has loading issues [8].

Companies should target consumers who use their mobile devices in each stage of the
buying process [9], considering the importance played by these devices in everyone’s lives
nowadays. The abandonment rate of the selling cart is one of the frequent issues that raises
for the companies selling online is. The results of a study conducted by Barilliance [10]
show a higher abandonment rate for those that buy online using their smartphones (80.79%)
than for those that buy online using their computer (73.93%), the global abandonment rate
of the online shopping cart being 77.73% in 2019.

Many factors influence the magnitude of mobile transactions and these are: “age,
social class, and behavior patterns” [11] (p. 193) but also region [12] and culture. The
present research highlights the consumer habits of young adults of Generation Z in relation
to mobile commerce.

A research conducted by Episerver [13] revealed some differences between generations
in terms of their preference for using smartphones when buying online. Thus, Generation Y
and Generation Z show a higher inclination towards m-commerce: 58% for the Generation
Y and 49% for the Generation Z.

The report [13] also analyzes the differences between generations regarding the mobile
device (phones, smartwatches or tablet) they mostly use when buying online: 65% of the
Generation Y’s representatives use mobile devices; 55% of Generation Z’s representatives
use mobile devices and 33% of Baby Boomers use mobile devices.

The factors that are presented in the relevant literature as having an influence on the
online shopping behavior are: behavioral intention [14] or online shopping intention [15]
as independent variables and, dependent variables, such as perceived usefulness and
perceived ease of use [14–17], enjoyment [14,15,17], trust [14,16–18], innovativeness, anxiety,
skillfulness, relationship with the brand [14], convenience [18], social influence/social
networks [17,18], and advertising [18].

The current paper investigates the key factors that impact the mobile commerce
behavioral intention from the perspective of the young adults (19–25 years old) in Romania.
Thus, the behavioral intention of these youngsters will be analyzed through the lens of
three variables: online advertising, social influence, and usage motivation.

Other studies also analyze the influence of several variables on Generation Z’s behav-
ioral intention. However, these studies do not focus on Romanian young adults, part of
Generation Z, who represent a dynamic segment of the market, taking into account their
inclination for m-commerce.

This research is highly important, due to the fact that Generation Z represent a
valuable niche for companies’ representatives, who can better focus on their needs, while
designing the marketing campaigns, if there is advanced knowledge regarding the factors
that influence the buying decisions of this generation.

2. Literature Review and Hypothesis Development

Generation Z’s representatives are born between 1995 and 2010, defining the genera-
tion of people aged roughly 10 to 25 years old (teenagers and young adults). Generation Z
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spends much time on mobile Internet and less time accessing the Internet services using
desktop computers. Most of the 25-year-olds have already their first salary or their own
place to live.

According to AdColony report, this generation represents “a main target for brands” [19]
(p. 3), at least after they start working and gaining much money. The report shows that
97% of Generation Z own a smartphone, but only 69% own a computer. At the same time,
their perception is that the role played by phones in the last years increased, while the
importance of laptops and desktop PC decreased [19,20]. They also spend more hours on
their mobile devices than on their computers, and 61% of them prefer buying online using
their mobiles [19].

Generations are different in terms of the importance associated to their smartphones [20]:
78% of Generation Z appreciate that phones are the most important devices, but this
percentage decreases for Generation Y (74%), Generation X (61%), and Baby Boomers (37%),
this being an indicator of their online shopping behavior.

Mobile payments are also an important part of m-commerce and there are differences
between generations also [21]: 31% of people aged between 16 and 24 years old made a
mobile payment in the last month, 35% of people aged between 25 and 34 made a mobile
payment in the last month, while after the age of 35 this percentage decreases gradually
reaching the level of only 13% for those above 55 years old. Another important trend refers
to the use of QR codes on their smartphones [22]: 41% of youngsters aged between 16 and
24 years old used this technology in the previous month, this percentage being higher in
Asian countries.

These statistics are useful for building a better image on the consumption and behavior
patterns of young adults. There is an increased interest in knowing and understanding this
generation by the companies, in order to influence these youngsters to buy products and to
become loyal to the brands.

For analyzing the m-commerce level of use among Romanian young adults, the present
study starts from developing three hypotheses in which factors like online advertising,
social influence, and usage motivation have a positive impact on behavioral intention.

2.1. Behavioral Intention

Several authors analyzed behavioral intention [23], using it as an endogenous latent
variable in the proposed Partial Least Squares Structural Equation Modeling (PLS-SEM).

Behavioral intention is a variable analyzed in many papers [24–31] in relation to
different behaviors. Even though this term is specific to psychology, it has multiple
applications in other fields. Thus, it is important to know what the factors that influence
the intention to buy a product are, in order to tailor the marketing strategies to the needs of
a specific niche of consumers, within the online retail industry. If we only refer to buying
online, this behavioral intention might be replaced also by online purchase intention or
online shopping intention. Behavioral intention is influenced by various risks perceived
when shopping online: desire, “attitudes, subjective norms, and perceived behavioral
control” [25] (p. 6), perceived usefulness [26,27], the country’s culture and its economic
development [27], trust and commitment [29], perceived ease of use, enjoyment, variety,
and innovation [31].

In our research, we analyze three factors with a positive impact on the behavioral
intention of Generation Z’s young adults: online advertising influence, social influence
and usage motivation. However, there are other studies in the literature that follow other
influencing factors, such as “price, trust, reputation of retailers, education and age” [28]
(p. 128), we have chosen the presented variables based on recent findings in this field,
moreover in the current context of COVID-19 pandemic.

2.2. Online Advertising Influence

Online advertising influence is used as an exogenous latent variable in PLS path
modeling. This factor is also presented in other studies as “online marketing communica-
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tion” [32], “social media advertising” [33] or “online viral marketing” [34]. Thus, it was
noticed that there is a “direct and positive” connection between the “attitudes towards
online communication” [32] (p. 245) and the intention of users to buy a product or at least
search for more information.

Advertising through social media is of utmost importance, especially for targeting
younger generations who spend much time on their phones and on social media channels.
Zhang and Mao [33] explain the complex psychologic path from the motivation to click on
an ad (enjoyment or curiosity) to the users’ intention and, finally, to the buying act. Haryani
and Motwani [34] highlight the consistent impact of viral marketing on the behavioral
intention of those targeted through these types of campaigns.

Starting from the connection between these two variables, we developed the follow-
ing hypothesis:

Hypothesis 1 (H1). Online advertising has a positive impact on behavioral intention.

2.3. Social Influence

Social influence is used as an exogenous latent variable in PLS path modeling.
This variable refers to the influence exerted on the individual by family, friends,

influencers, celebrities or by what the individual thinks in relation to these people that
are important to him. Khatimah et al. [35] (p. 1) point out that social influence has “a
significant effect on behavioral intention”. Ryan [36] and Bonfield [37] also analyze the
impact of social influence in conjunction with behavioral intention and, finally, the decision
to buy.

In a report of Global Web Index [38] (p. 8), it is shown that 42% of the respondents
“use social networks to research products”, 24% of the respondents access social networks
to “discover brands via recommendations/comments on social media” and 21% of the
respondents are “motivated to purchase by a buy button on a social network”. These
numbers show the impact of social media on the intention to buy a product, on which
individuals first do research, after being influenced by other people’s opinions.

Yin et al. [39] analyze different dimensions of social interaction, one of them being
intimacy. They reached the conclusion that intimacy between people (users on a platform,
friends, peers) had an important impact on the purchase intention, but this connection was
mediated differently, depending on the cultural background.

The following hypothesis was developed in order to analyze the connection between
social influence and behavioral intention of Generation Z, while using mobile commerce:

Hypothesis 2 (H2). Social influence positively impacts behavioral intention.

2.4. Usage Motivation

Usage motivation is employed as an exogenous latent variable in PLS path model-
ing. Usage motivation covers factors such as perceived usefulness and ease of use, but
also enjoyment [26,27,31]. Fard et al. [40] analyze the impact of utilitarian and hedonic
motivation on the purchase intention, considering variables like performance and effort
expectancy, facilitating conditions, price value and, conclude that both the utilitarian and
hedonic motivation have a strong influence on the intention to buy online. Topaloglu [41]
also presents the impact of hedonic and utilitarian factors on the intention to shop online.

Kim [42] uses motivational factors such as time and cost to analyze the impact on
online purchasing intention, but also the perceived ease of use. The author also analyzes
the factors that represent a barrier to e-commerce like those related to privacy and the
associated risks. Stefany [43] includes in the motivational factor leading to the intention
to buy online the following factors: perceived value people expect to receive, perceived
performance and effort implied, enjoyment and customization.

The following hypothesis was considered for analysis:

Hypothesis 3 (H3). Usage motivation has a positive impact on behavioral intention.
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3. Materials and Methods
3.1. Research Method

The research method is based on applying partial least square equation modelling
(PLS-SEM), using data collected through a questionnaire. This method was chosen based on
the fact that the recent research has moved towards PLS-SEM, in order to analyze composite-
based path models. Hair et al. [44] provided a list to check if PLS is recommended for a
research using SEM, from which we underline: “when the structural model is complex
and includes many constructs, indicators and/or model relationships”; “when research
requires latent variable scores for follow-up analyses”.

The hypotheses are developed beginning from the latest theoretical findings on m-
commerce that take into consideration: behavioral intention, social influence, usage motiva-
tion. We considered the latest research in the field, because the characteristics of Generation
Z are in a continuous evolution, due to their connection to technology and the high level of
Internet usage.

3.2. Data Collection

The data used is our analysis were collected through a primary research, using the
questionnaire as a gathering tool. The questionnaire was composed of two sections: con-
structs of the model (1) and demographic questions (2). Thus, the questions in the ques-
tionnaire covered the following constructs (Appendix A—Table A1):

(1) Behavioral intention, items previously used [45–47].
(2) Online advertising influence, items added by authors, not previously used.
(3) Social influence, items previously used [23,47].
(4) Usage motivation, items previously used [46–48].

Each item was measured with a 5-point Likert scale, ranging from 1 (“Totally disagree”)
to 5 (“Totally agree”).

3.3. Sample Description

The questionnaire was distributed online to over 1000 young adults, part of the Gener-
ation Z, and, after removing the incomplete responses, we got 217 valid questionnaires.
The respondents are aged between 19–25 years old, accounting for 75.6% females and 24.4%
males. Most participants have their bachelor’s degree (64.5%) and are unemployed (63.6%)
(Table 1).

Table 1. Descriptive statistics of the demographic information of the sample.

Variable Items Frequency Percent Valid Percent Cumulative Percent

Age

19 23 10.6 10.6 10.6
20 85 39.2 39.2 49.8
21 67 30.9 30.9 80.6
22 29 13.4 13.4 94.0
23 7 3.2 3.2 97.2
24 4 1.8 1.8 99.1
25 2 0.9 0.9 100.0

Gender
Female 164 75.6 75.6 75.6
Male 53 24.4 24.4 100.0

Education
High school 65 30.0 30.0 30.0

Bachelor’s degree 140 64.5 64.5 94.5
Master’s degree 12 5.5 5.5 100.0

Employment
Full time employment 46 21.2 21.2 21.2
Part time employment 33 15.2 15.2 36.4

Unemployed 138 63.6 63.6 100.0

Source: Authors’ own analysis, using SPSS 22.00 for Windows.
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3.4. Structural Model

In order to assess the proposed model, partial least square equation modelling (PLS-
SEM) was employed, using SmartPLS v3 software. The proposed structural model includes
four constructs that are first order reflective (Figure 1).

Figure 1. Conceptual structural model. Source: Authors’ own analysis using SmartPLS v3.

Items’ validity required that each indicator loading is over 0.7 or above, based on
the correlations between the latent variable and the indicators. Four items for Online
advertising and two items from usage motivation, in seven iterations, were removed
within the structural model (Figure 2).
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Figure 2. Conceptual structural model. Source: Authors’ own analysis using SmartPLS v3.

4. Results
4.1. Measurement Reliability and Validity

It is important to establish the reliability and the validity of the latent variables in order
to complete the examination of the model. All Cronbach’s Alphas exceed 0.8, underlining a
high internal consistency of indicators measuring each construct. All the average variance
extracted (AVE) values are higher than 0.6, so convergent validity is confirmed (Table 2).

Table 2. Construct Reliability and Validity.

Construct Cronbach’s Alpha Rho_A Composite Reliability Average Variance
Extracted (AVE)

Behavioral intention 0.900 0.904 0.922 0.628
Online advertising 0.872 0.873 0.907 0.661

Social influence 0.913 0.919 0.930 0.655
Usage motivation 0.945 0.949 0.953 0.647

Source: Authors’ own analysis using SmartPLS v3.

Discriminant validity is assessed. There can be observed that the square roots of AVE
(in bold on the matrix diagonal) are above the absolute correlations between constructs.
(Table 3)
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Table 3. Fornell-Larcker Criterion Analysis for checking Discriminant Validity.

Construct Behavioral Intention Online Advertising Social Influence Usage Motivation

Behavioral intention 0.792
Online advertising 0.477 0.813

Social influence 0.504 0.232 0.809
Usage motivation 0.673 0.407 0.381 0.805

Source: Authors’ own analysis using SmartPLS v3.

We also analyzed Bootstrap t- statistics for significance of the model. Using the two-
tailed t-test with a significance level of 5%, the path coefficient will be significant if the
T-statistics are larger than 1.96. All the path coefficients are statistically significant (Table 4).

Table 4. T-Statistics of Path Coefficients.

Construct T- Statistics p-Values

Online advertising -> Behavioral intention 3.208 0.001
Social influence -> Behavioral intention 4.394 0.000

Usage motivation -> Behavioral intention 6.293 0.000

Source: Authors’ own analysis using SmartPLS v3.

4.2. Assessing Structural Model

Standard assessment criteria include collinearity statistics (VIF), the coefficient of
determination (R2), the predictive relevance through the blindfolding-based cross-validated
redundancy measure (Q2), the statistical significance and relevance of path coefficients.
Before testing the structural model, the fit adjustment with SRMR value was 0.086, which
indicates a good fit adjustment.

VIF values should be lower than 5, which was verified in the model. The next step
was the analysis of R2 of the endogenous constructs. Three constructs Usage motivation,
Behavioral intention and Online advertising can jointly explain 56.5% of the variance of the
endogenous construct Behavioral intention. Q2 value is 0.326, depicting medium predictive
relevance of the structural model.

Thus, it can be seen that the proposed structural model presents the estimations of
path coefficients and respective significances. All the hypothesized paths are statistically
significant (H1. Online advertising has a positive impact on behavioral intention; H2. Social
influence positively impacts behavioral intention; H3. Usage motivation has a positive
impact on behavioral intention). Online advertising influence, social influence, and usage
motivation show significant positive impacts on behavioral intention.

Means and standard deviations of the retained items are presented in Table 5. Means
vary from 2.585 (I have bought products/services though mobile commerce, because sports
people advertised them) to 3.907 (I will continue to use the mobile commerce to shop for
new products) (Table 5).
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Table 5. Descriptive statistics of the retained items.

Construct Code Item Mean Std. Deviation Loading

Behavioral
intention

B_i_1 I will continue to use the mobile commerce to shop
for new products 3.907 0.989 0.725

B_i_2 If a need to purchase a product online, the mobile
commerce would be my first choice 3.579 1.018 0.762

B_i_3 The use of mobile commerce has become a habit
for me 3.396 1.069 0.818

B_i_4 I am addicted to using mobile commerce 2.815 1.169 0.713
B_i_5 I intend to continue using mobile commerce 3.777 0.894 0.826

B_i_6 I will always try to use mobile commerce in my
daily life 3.184 1.017 0.825

B_i_7 Using mobile commerce has become natural to me 3.401 1.078 0.865

Online
advertising
influence

O_a_1 In the past 4 weeks I came across social media
advertising for the mobile commerce 3.700 1.055 0.778

O_a_3 In the past 4 weeks I came across in apps advertising
for the mobile commerce 3.465 1.115 0.824

O_a_4 In the past 4 weeks I came across advertising on
search engines for the mobile commerce 3.392 1.163 0.796

O_a_5 In the past 4 weeks I came across banner ads for the
mobile commerce on websites 3.304 1.111 0.833

O_a_6 In the past 4 weeks I came across videos for the
mobile commerce advertising 3.530 1.120 0.832

Social
influence

S_i_1 My friends, family and colleagues encourage me to
buy through mobile commerce 3.032 1.071 0.771

S_i_2 People that are important to me think that I should
purchase by mobile commerce 2.959 1.053 0.789

S_i_3 I have bought products/services though mobile
commerce, because musicians advertised them 2.613 1.081 0.835

S_i_4 I have bought products/services though mobile
commerce, because influencers advertised them 2.853 1.167 0.780

S_i_5
I have bought products/services though mobile
commerce, because TV stars (film stars, comedy,

reality TV stars) advertised them
2.700 1.102 0.849

S_i_6 I have bought products/services though mobile
commerce, because sports people advertised them 2.585 1.092 0.787

S_i_7
I have bought products/services though mobile

commerce, because models/fashion icons advertised
them

2.797 1.126 0.850

Usage
motivation

U_m_2 Using mobile commerce keeps me well informed
about products/services at any time 3.825 0.934 0.750

U_m_3 Mobile commerce allows me to find the needed
information at any time 3.871 0.946 0.765

U_m_4 Using mobile commerce is fun 3.585 0.907 0.850
U_m_5 Using mobile commerce is enjoyable 3.650 0.873 0.869
U_m_6 I find using mobile commerce very entertaining 3.525 0.906 0.839

U_m_7 I use mobile commerce to enjoy the variety of
promotional offers 3.742 0.899 0.787

U_m_8 I feel a sense of adventure while using
mobile commerce 3.249 1.031 0.770

U_m_10 Using mobile commerce is rewarding 3.198 0.961 0.736

U_m_11 Mobile commerce provides me with many features
that I can benefit from 3.507 0.951 0.835

U_m_12 I use mobile commerce to fulfill different tasks and
functions in an efficient way 3.456 0.925 0.837

U_m_13 I use mobile commerce because it is helpful in
buying or searching what I want online 3.705 0.953 0.798

Source: Authors’ own analysis using SmartPLS v3.
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5. Discussion

Several factors, including but not limited to online advertising, social influence, and
usage motivation, influence behavioral intention. Resources have to be allocated in these
directions. Out of these three factors, usage motivation is the most important one (0.482),
followed by social influence (0.270) and online advertising (0.219). This means the company
should emphasize usage motivation, in case there are no available resources to manage all
three areas simultaneously. However, this variable is very important due to the fact that it is
situated as one of the “starting points of purchase decisions” [49]. Usage motivation is not
a single-dimension factor, being influenced by the following elements: information about
products/services at any time; needed information at any time; fun of using m-commerce;
the enjoyable feeling of using m-commerce; entertainment in using m-commerce; a sense
of adventure while using mobile commerce; rewarding part of using m-commerce; many
features provided by m-commerce; fulfillment of different tasks and functions in an efficient
way; helpfulness in buying and searching online. Our proposal is that the companies should
allocate resources in this way, if these are limited.

In terms of implications for marketing theory, we can state that the novelty of our
research consists in adding a new variable, online advertising influence, to the developed
model. Comparing our results to past research, we can underline the similarities and the
differences with our results. Thus, following the work of Dakduk et al. [23], social influence
did not have an impact on behavioral intention. However, our results are in accordance to
the results obtained by Sivathanu [50] and Savita Panwar [51] that confirm a significant
positive impact of social influence on behavioral intention. According to Zhang et al. [52],
this result is more appropriate in cultures with “high scores in power distance and mas-
culinity”. In accordance to the results of Dakduk et al. [23], usage motivation, also named
“hedonic motivation” has a significant positive impact on behavioral intention. Moreover,
information value, convenience value, and performance have a significant positive effect
on hedonic motivation [46]. From the findings of Omar et al. [45], customer satisfaction
has a significant positive impact on usage motivation, also named “customer loyalty”.

In terms of implications for marketing practice, the paper offers valuable results, in
order to improve m-commerce practices. Companies should consider online advertising
when establishing their budgets, as Generation Z’s representatives can be targeted by
online promotional actions. However, the marketing decision makers can use the results of
our research in order to compare the influence on behavioral intention of other alternative
activities, that were already implemented within the company, such as, media advertising,
direct marketing, loyalty programs, membership cards etc.

On the other hand, even if Generation Z is an online generation, with its represen-
tatives being born in the digital age, there are several factors that we need to consider in
analyzing the results. The income is lower for younger generations, most of them being
unemployed or at the beginning of their career. However, the evolution of the standard of
living is different at the level of the European Union member states, being impacted by the
following variables: “population, density of the population and inflation rate” [53].

The approached topic is of importance for the concerned parties: researchers, practi-
tioners and companies, moreover in the current context generated by global COVID-19
crisis. This pandemic revealed to all the experts in this field that the companies need
fast decisions and actions in this turbulent environment. The current reality proves that
the customers, regardless their age, avoid physical stores, an opportunity that has to be
considered by the companies selling online, in order to allocate resources in this regard,
especially towards the use of mobile commerce and mobile apps.

6. Conclusions

The results of the current paper revealed the key factors that impact the mobile com-
merce behavioral intention of Romanian young adults, part of Generation Z. Thus, our
results validated three hypotheses, from the perspective of m-commerce use among Roma-
nian young adults: H1. Online advertising has a positive impact on behavioral intention;
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H2. Social influence positively impacts behavioral intention; H3. Usage motivation has a
positive impact on behavioral intention.

The current study has several theoretical and methodological limitations. In terms
of theoretical limitations, the proposed model was validated on the young adults from
Romania that have skills to use Internet connected devices. However, in Romania there is
an important part of Generation Z’s representatives, mainly from rural areas and part of
disadvantaged groups, that does not meet these skills, although the number of internet
users had an ascendent trend in our country during the recent years (70% of Internet users
in 2017; 77% of Internet users in 2018; 80% of Internet users in 2019; 85% of Internet users
in 2020) [54].

Regarding the methodological limitations, partial least square equation modelling
(PLS-SEM) was used as the research method using data collected through a questionnaire.
The questionnaire was composed of two sections (constructs of the model and demographic
questions), it was distributed online to the over 1000 young adults, part of the Generation
Z, and, after removing the incomplete responses, we got 217 valid questionnaires. Due
to the fact that our chosen method is seen as having “numerous typically very restrictive
assumptions” [44], the analysis can also be done using the software AMOS developed by
IBM, which can help us to estimate the model parameters, “by only considering common
variance” [44].

Additionally, we propose further research on a panel sample in order to test the
main influences on the behavioral intention on the long run. Another option for further
research will be to test the model on different market segments in order to be able to make
comparisons between these, following the steps towards “a digital society at the level of
the European Union’s countries” [55], from the perspective of the Digital Single Market
Strategy for Europe. The research model can also be developed by including other key
marketing constructs, such as “customer engagement and experience” [45] and sustainable
choices, in a tight connection to the age and the cultural background.
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Appendix A

Table A1. Questionnaire design (constructs and items).

Construct Code Item Previously used

Behavioral
intention

B_i_1 I will continue to use the mobile commerce to shop for new
products Omar et al., 2021 [45]

B_i_2 If a need to purchase a product online, the mobile commerce would
be my first choice Omar et al., 2021 [45]

B_i_3 The use of mobile commerce has become a habit for me Dakduk, 2020 [23]; Ashraf
et al., 2014 [46]

B_i_4 I am addicted to using mobile commerce Dakduk, 2020 [23]
B_i_5 I intend to continue using mobile commerce Venkatesh et al., 2012 [47]
B_i_6 I will always try to use mobile commerce in my daily life Dakduk, 2020 [23]
B_i_7 Using mobile commerce has become natural to me Ashraf et al., 2014 [46]
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Table A1. Cont.

Construct Code Item Previously used

Online
advertising
influence

O_a_1 In the past 4 weeks I came across social media advertising for the
mobile commerce

O_a_2 In the past 4 weeks I came across YouTube videos advertising for
the mobile commerce Authors’ own contribution

O_a_3 In the past 4 weeks I came across in apps advertising for the mobile
commerce

O_a_4 In the past 4 weeks I came across advertising on search engines for
the mobile commerce

O_a_5 In the past 4 weeks I came across banner ads for the mobile
commerce on websites

O_a_6 In the past 4 weeks I came across videos for the mobile commerce
advertising

O_a_7 I use ad blocking software not to come across mobile advertising
O_a_8 I am often annoyed by advertising on mobile devices

O_a_9 I am often annoyed by the online ads based on my search history
on mobile devices

Social
influence

S_i_1 My friends, family and colleagues encourage me to buy through
mobile commerce Dakduk et al., 2020 [23]

S_i_2 People that are important to me think that I should purchase by
mobile commerce Venkatesh et al., 2012 [47]

S_i_3 I have bought products/services though mobile commerce, because
musicians advertised them

S_i_4 I have bought products/services though mobile commerce, because
influencers advertised them

S_i_5 I have bought products/services though mobile commerce, because
TV stars (film stars, comedy, reality TV stars) advertised them

S_i_6 I have bought products/services though mobile commerce, because
sports people advertised them

S_i_7 I have bought products/services though mobile commerce, because
models/fashion icons advertised them

Usage
motivation

U_m_1 Mobile commerce allows me to access product/service information
at any time Ashraf et al., 2014 [46]

U_m_2 Using mobile commerce keeps me well informed about
products/services at any time Ashraf et al., 2014 [46]

entry 4

U_m_3 Mobile commerce allows me to find the needed information at any
time Ashraf et al., 2014 [46]

U_m_4 Using mobile commerce is fun Venkatesh et al., 2012 [47]

U_m_5 Using mobile commerce is enjoyable Dakduk et al., 2020 [23];
Ashraf et al., 2014 [46]

U_m_6 I find using mobile commerce very entertaining Ashraf et al., 2014 [46]
U_m_7 I use mobile commerce to enjoy the variety of promotional offers
U_m_8 I feel a sense of adventure while using mobile commerce Ashraf et al., 2014 [46]
U_m_9 Using mobile commerce is stress relief

U_m_10 Using mobile commerce is rewarding

U_m_11 Mobile commerce provides me with many features that I can
benefit from

Ashraf et al., 2014 [46]; Kim
et al. 2009 [48]

U_m_12 I use mobile commerce to fulfill different tasks and functions in an
efficient way

Ashraf et al., 2014 [46]; Kim
et al. 2009 [48]

U_m_13 I use mobile commerce because it is helpful in buying or searching
what I want online

Ashraf et al., 2014 [46]; Kim
et al. 2009 [48]

Source: Authors’ own analysis.
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