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Abstract: This article aims to highlight the influencing factors on omni-channel consumer attitudes
towards virtual shopping channels, providing the literature with a new conceptual model that
studies the use of technology by omni-channel consumers. The research hypotheses were established
based on the literature review, and a conceptual model was defined. Quantitative research was
carried out on an emerging market through the survey technique to verify the relations between
the investigated concepts. In total, 307 responses from Millennials and Generation Z members were
analyzed using structural equations modeling in SmartPLS. The results show that both channel and
consumer characteristics, alongside their media contexts, influence the attitude and willingness to
access and use retail channels. To keep up with constantly changing consumer needs, companies
are advised to continually analyze the target market and implement any necessary measures. The
paper expands the studies investigating the behavior of technology users, enhancing the UTAUT2
model-based literature.

Keywords: omni-channel retail; technology; consumers; omni-channel retailers; UTAUT2 model;
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1. Introduction

Omni-channel retail is constantly developing in international markets. Humankind
has witnessed the transition of companies from the physical to the virtual environment,
offering a wide range of possibilities and benefits, such as streamlining communication and
organization and increasing productivity and profitability [1]. The literature tackles omni-
channel retail to explain and understand the relationships that are established between
stakeholders [2–6]. Omni-channel retail was first identified by Rigby [7], while subsequent
papers broadened and complemented his ideas. Omni-channel retail is defined as the
effective management of multiple communication channels with consumers aimed at
providing a superior consumer experience and optimizing company performance [1,8,9].

Experiential marketing in the context of omni-channel retail is a topical theme in
the literature [3,6,9]. Implementing effective strategies creates appropriate experiences
for the target audience, encouraging them to return, thus influencing their loyalty and
fidelity [10,11]. Attracting new consumers and creating mutually beneficial relationships
are advantages offered to the omni-channel retailer [12].

Customer receptivity is key to creating stable connections between consumers and
retail companies. To be successful, omni-channel strategies should be adapted to the target
audience and should be suitable for the clients they are addressing [13,14]. In this respect,
the target audience’s characteristics must be known, depending mainly on the generation
to which they belong [15]. The ideal experience is perceived differently by each generation
of consumers, who have distinct expectations from retail companies. The Generational
Theory states that age influences consumer behavior [16]. It is relevant in the context of
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omni-channel retail because each of the five generations—Baby Boomers, Generation X,
Millennials or Generation Y, Generation Z, and Generation Alpha—are different consumer
segments that need to be addressed separately [15,17,18].

The omni-channel market in Romania has significant potential due to the high level of
broadband connectivity of the country, which has surpassed countries such as Bulgaria,
Turkey, and Italy, reaching 78% of the population (over 15 million inhabitants) in 2022 [19].
Companies have developed multiple electronic shopping channels in this context, thus
implementing omni-channel retail that interests consumers [20]. The literature [18,21]
presents few studies on this subject, the lack of which this research aims to cover. Thus, the
purpose of the article is to identify and integrate into a conceptual model the factors that
influenced consumers’ use of omni-channel retail technology during the COVID-19 pan-
demic: channel synchronization, omni-channel behavior, consumer effort, social influence,
channel performance, omni-channel experience, hedonic motivation, and purchasing habits.
To fulfill this research purpose, quantitative, online empirical research was implemented
among Romanian consumers. The collected data were subsequently systematized and ana-
lyzed using SmartPLS software version 4.0 [22]. modeling, highlighting consumer attitudes
towards omni-channel retailers and the distribution channels used to reach customers.

This article contributes in terms of adding value to the literature through the concep-
tual model outlined and an extension of the studies focusing on Generational Theory and
the UTAUT2 model. Moreover, the insights on Eastern European omni-channel consumers
and the perspective of an emerging market should be considered relevant to the existing
knowledge on developed omni-channel markets. The continuous transformational behav-
iors among different generations of consumers might continue to intrigue researchers in
the field for years to come.

From a theoretical perspective, this paper extends the studies focusing on both the
Generational Theory and the Technology Acceptance Model, as omni-channel retail de-
pends on the existence and use of technology in sales management. Among the theories
studying the behavior of technology users, the UTAUT2 model [23] accurately captures the
intention of using the technology and can be applied to various fields. According to liter-
ature [23], the expectation of performance, effort, social influence, facilitating conditions,
hedonic motivations, the value–price ratio, and consumer habits are the most relevant
factors influencing the behavior of tech consumers.

The article is structured as follows: Section 1 includes the theoretical framework and
literature review, followed by the research hypotheses and conceptual model presentation.
The second section contains the research methodology, including all the information on the
quantitative research carried out, followed by the third section which presents the results,
and the discussion in Section 4. The conclusion covers the theoretical and managerial
implications of the investigation, along with the limitations and research perspectives.

2. Literature Review
2.1. Theoretical Framework

Generational Theory emphasizes that each generation of consumers exhibits similar
characteristics, attitudes, preferences, and behaviors, marked by the events witnessed
over time. The members of a generation share common values that dictate their behavior,
lifestyle, and thinking. That is why it is imperative that marketers approach each generation
of consumers differently [15,24]. Omni-channel retail strategies are mainly addressed at
Generations Y and Z as they possess the knowledge, skills, resources, and willingness to
accept and use electronic means of acquisition [15,25,26]. Previous generations, on the other
hand, show reluctance and lack of knowledge concerning the use of technology [9,15].

Theories and models studying technology acceptance behavior aim to provide research
possibilities and contribute to companies’ improved efficiency (Table 1). This research aims
to create a new conceptual model designed to analyze the behavior of individuals toward
the development of technology based on the factors that influence them.
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Table 1. Theories and models studying consumer behavior towards technology.

Theory/Model Authors Year

Diffusion of Innovation (DOI) Roger 1962

Theory of Reasoned Action (TRA) Ajzen & Fishbein 1975

Theory of Planned Behavior (TPB) Ajzen 1985

Social Cognitive Theory (SCT) Bandura 1986

Technology Acceptance Model (TAM) Davis 1986

Model of PC Utilization (MPCU) Thompson et al. 1991

Motivation Model (MM) Davis et al. 1992

The Combined TAM-TPB Model (C-TAM-TPB) Taylor & Todd 1995

Extended Technology Acceptance Model (TAM2) Davis & Venkatesh 2000

Unified Theory of Acceptance and Use of Technology 1 (UTAUT1) Venkatesh et al. 2003

Unified Theory of Acceptance and Use of Technology 2 (UTAUT2) Venkatesh et al. 2012
Source: [27].

The behavior of technology users has been studied since 1962 when the Diffusion of
Innovation model (DOI) was developed, which stated that consumer willingness to use a
particular technology goes through several phases: understanding, persuasion, decision,
implementation, and confirmation that it is indeed a correct and appropriate decision.
Reasoned Action Theory (TRA) is one of the most popular theories in this field, claiming
that the intention to use is influenced by people’s attitudes and subjective norms. Ajzen’s
Theory of Planned Behavior [28] introduced the perception of behavioral control and
refers to the degree to which a person can control their behavior. Davis [29] developed
the Technology Acceptance Theory (TAM), arguing that perceived utility and ease of
use influence consumers’ attitudes and intentions to use. Davis and Venkatesh [30] later
extended this model, adding subjective norm, image, job relevance, output quality, and
result demonstrability as factors influencing perceived usefulness.

The Unified Theory of Acceptance and Use of Technology 1 (UTAUT1) aims to expand
previous theories by presenting six variables that determine the intention to use and
influence the behavior of technology users. Performance, effort, and social influence
impact the behavioral intention to use, which, together with the facilitating conditions,
further impacts usage behavior. UTAUT1 was subsequently modified by the authors of
the UTAUT2 model [23] to extend and capture more accurately the intention of technology
use, aiming to deepen the study of consumer behavior regarding technological innovations
and their willingness to use them. The UTAUT2 model enjoyed a booming success in
the literature, proving its effectiveness in various fields, including health [31], human
resources [32], e-commerce [33], customer relationship management [34], etc.

One of the earliest and most popular theories in the specialized literature for the study
of technology use is the Theory of Acceptance Model (TAM). The goal of Fred Davis’s
TAM [29] was to elucidate how employees either embrace or reject technology. The author’s
goal was to identify the variables influencing acceptance by demographics and to explain
the behavior of PC users [27]. TAM is built on two factors that affect how employees
behave: the first is perceived usefulness, which measures how much employees value a
technology’s ability to increase their personal productivity and efficiency, which in turn
helps them reach their goals. The way in which people perceive ease of use is reflected
in the perceived ease of usage. People are more likely to adopt a technology when they
perceive it to be user-friendly. The model’s developers believed that these two factors are
the most crucial in predicting a person’s inclination to adopt technology. In other words,
if someone thinks a technical tool is helpful and simple to use, they will have a positive
attitude towards it [29]. TAM can be used in a variety of domains to explore the use of
technology in different contexts. These have a great positive impact on testing hypotheses
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relating to technology users’ behavior. Among the domains using TAM1, we highlight
e-commerce [35], online education [36], tele-medicine [37], IT [38], etc.

Through its application, the model was altered to create the extended technology
acceptance model (TAM2) [27], which provides a more intricate and in-depth analysis
of the variables affecting how technology is used in businesses. Initiated by Davis and
Venkatesh [30], the model is based on nine main components. Perceived usefulness is the
common component encountered in both models, referring to how a technological mean is
perceived by individuals as being useful for solving tasks and achieving objectives. Ease
of usage refers to the degree to which individuals consider a technology easy to use and
are drawn to use it to solve job tasks. Applications of TAM2 have shown success in fields
including education [39], health [6], and finance [40]. Even with the creation of new models
serving similar functions, TAM 1 and TAM 2 continue to be employed in current studies as
useful models [27].

The Unified Theory of Acceptance and Use of Technology (UTAUT) brings into discussion
a theoretical background aiming to study the use of technology for the purpose of explaining
consumer behavior based on technology usage. Developed by Venkatesh et al. [41], the
model is based on previous theories such as the Theory of Rational Action, the Theory of
Planned Action [42] and the Technology Acceptance Theory [29]. The model consists of six
variables: performance expectancy, effort expectancy, social influence, facilitating conditions,
behavioral intention, and actual use [41]. UTAUT1 is still being explored by researchers, being
adopted in several domains, such as online education [43] and management of customer
relations [44]. UTAUT was modified by the authors of the model, Venkatesh et al. [23], with a
clear objective to expand and capture more precisely the intention of using technology and
is more suitable in a variety of domains. The authors aimed to analyze more profoundly
consumer behavior towards technological innovations and the willingness to use them. The
validity of the model was supported by research carried out in two stages, among 1512 Internet
users. Performance expectancy, effort expectancy, social influence, facilitating conditions,
hedonist motivations, value–price ratio, and individual habits represent the seven factors
influencing consumer behavior. Age, gender, and experience represent the moderating factors
on facilitating conditions, hedonist motivations, value–price ratio, and habit [23,41].

The main differences between UTAUT1 and UTAUT2 consist of the variables added
in the second model: Hedonic Motivation, Price Value, and Habit. The UTAUT2 model
proved to be more successful compared to the previous one and is used in domains such as
health [31], manufactyuring [45], human resources [32], commerce [33], and management
of customer relations [34].

2.2. Research Hypothesis and Conceptual Model Development

Retail everywhere was strongly affected by the COVID-19 pandemic that broke out in
China at the end of 2019 and was officially recognized by the World Health Organization in
2020 [46]. It significantly changed how the retail market works, with companies accelerating
the digital shift at the request of consumers scared by the effects of the new virus [1,47].
Striving to comply with preventive measures such as social distancing, wearing protective
masks, and handwashing, consumers turned to the safest options for shopping by self-
protective behavior [48]. Therefore, online shopping became a habit for consumers, who
felt safe shopping at home and using electronic means of payment [49]. These trends
increased the willingness of consumers to use digital shopping methods, making additional
effort to use them. In this context, and in relation to the UTAUT2 model [33], we state the
following hypothesis:

H1. The COVID-19 pandemic had a positive influence on the effort the consumer was willing to make
in the use of technology.

Making purchases through electronic channels was the safest method during the
COVID-19 pandemic, as they reduced physical interaction while allowing for effective and
informed communication [50]. Tending to imitate the behavior of important people closest
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to them [23], consumers showed a proven interest in copying not only their purchasing
habits, but also how they protected themselves from the new virus, feeling safe when
imitating behavior that was considered appropriate [50]. Peer pressure in social contexts
is linked to the Theory of Reasoned Action (TRA) and has received research attention in
connection to human decision processing [51] and omni-channel retailing [52]. Thus, we
deduce the following hypothesis:

H2. The COVID-19 pandemic had a positive impact on consumer social influence.

The entire retail market was forced to use digital channels due to the COVID-19
pandemic [46]. Retail companies invested significantly in adapting to the new situation,
findings new ways of approaching customers, developing apps, and enhancing the con-
sumer experience [50,53,54]. Shopping channels have been developed to replace physical
stores, providing comprehensive information, and better still, more effective communica-
tion [47]. The following hypothesis is stated:

H3. The COVID-19 pandemic positively influenced the performance of retail channels.

Consumer behavior changed with the COVID-19 pandemic, with consumers prefer-
ring to use channels [55] where face-to-face interaction was minimal. Consumers also
dropped physical channels in favor of digital methods, including making payments [56].
However, the COVID-19 pandemic also led to panic behavior among the population, which
was also reflected in omni-channel retail. The fearmongering was fueled by government
restrictions and information available online. By storing cherished products, individuals
felt safe against an unknown virus whose consequences were unknown [57]. Thus, this
hypothesis is stated:

H4. The COVID-19 pandemic exerted a positive influence on omni-channel consumer behavior.

For the experiences offered to consumers to be unique and superior, they need to
be integrated, and channels need to synchronize perfectly [58], improving retail channel
performance [9]. The satisfaction felt is thus enhanced, and consumer loyalty is positively
impacted. When the information provided is integrated, the experience felt is unique,
positively impacting the behavior of omni-channel consumers [6]. The uniqueness of
organizational culture, prices, information, communication, and logistics is a key factor
that generates favorable behavior and positively influences companies’ success [59]. It has
been found that customers’ integrated omni-channel experiences mediate the perfectly
coordinated system of omni-channel retail [60] and the relationship between channel
collaboration and channel relationship performance [61]. High levels of synchronization
and cooperation both offline and online can improve the trust experience for customers
and boost business performance [62]. Customer loyalty is directly dependent on how
well retailers can manage the different channels [63]. Thus, the following hypotheses
are deduced:

H5. Channel synchronization has a positive influence on omni-channel consumer behavior.

H6. Channel synchronization has a positive influence on the performance of retail channels.

Consumers expect low effort when using a technology channel. We will thus examine
the effects of in-store and out-of-store technologies on consumer perception that may result
in purchase intention through an omni-channel system, in connection with the TAM [35]
and UTAUT2 models [34]. The greater the effort, the higher their expectations for channel
characteristics and lived experience [64]. An easy-to-use and user-friendly interface that
presents accurate and consistent information creates a favorable, enjoyable experience,
which affects how the channel is perceived [65]. Omni-channel consumers expect smart,
friendly, easy-to-use automated electronic channels. If one of these features is missing,
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the experience becomes unpleasant and customer loyalty drops sharply [66]. Thus, the
following hypotheses are stated:

H7. Consumer effort influences respective hedonic motivation.

H8. Consumer effort exerts a positive influence on omni-channel experience.

The social context of consumers significantly influences how they perceive the omni-
channel experience. Social influence has hence been integrated into the TRA models [35,48].
The recommendations and opinions of peers in the social environment impact consumer
decisions and the trust they have in omni-channel retailers [3,14]. Various comments,
photos, and reviews they find online influence the perceptions of potential buyers [67]
to such an extent that they tend to think that their lived experiences are similar to those
they have heard or read about [68]. Social networking platforms are known to influence
consumer behavior and foster purchase intention in omni-channel retail [69,70]. Social
influence is largely responsible for consumers’ preference for omni-channel retail [71],
favoring consumer behavior. Therefore, the following hypotheses are postulated:

H9. Social influence has a positive influence on the hedonic motivation of consumers.

H10. Social influence has a positive influence on the omni-channel experience of consumers.

Consumers often have expectations that affect their omni-channel behavior and per-
ception of experience. The channels considered useful, effective, or pleasant contribute to
the perception of a positive experience, with the hedonistic motivation increasing consid-
erably [72]. Consumer behavior in the context of omni-channel retail depends on habits,
knowledge, and perceived comfort in the use of channels, all of which affect the image
they create about retail companies [73]. It has been consistently shown that performance
expectancy is the most effective predictor of both purchase intention [74] and behavioral
intention [75]. Omni-channel behavior and an integrated customer experience [76] improve
the effectiveness and performance of channels [63,77]. Researchers have also focused on
aspects relating to consumer experience (e.g., flow and perceived privacy risk) and cus-
tomer loyalty that impact the service integration in omni-channel retailing, namely service
consistency and service transparency [76]. We presume that:

H11. Omni-channel behavior has a positive influence on the hedonic motivation of consumers.

Hedonic motivation influences consumers’ perception of the image of retail channels,
which implicitly leads to the expectation of a superior experience [73]. A positive image
increases trust among consumers [78], making them more comfortable using shopping
channels they trust. Low motivation drives consumers to avoid some retail channels, un-
derestimating their usefulness, thus affecting their perception of the whole experience [73].
Hedonic motivations were included as a separate construct in the UTAUT2 model [34].
Omni-channel retail powered by technology can be viewed as a two-edged sword that
affects customer experience and marketers’ success in both positive and negative ways [79].
Data show [80] that projected effort, channel performance, and retailer innovation affect
consumers’ intentions to make purchases in omni-channel environments. Previous re-
search [13] highlights that personal innovativeness, effort expectancy, and performance
expectancy all have an impact on a consumer’s desire to make purchases in an omni-channel
business. Habit, hedonic incentive, social influence, and perceived security do not influence
omni-channel purchase intention. In an omni-channel setting, performance expectancy
was discovered to be the third-best predictor of behavioral intention [13]. Therefore, the
following hypothesis is stated:

H12. Hedonic motivation exerts a positive influence on omni-channel experience.
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One of the main objectives of omni-channel retail is to effectively manage the channels
used in such a way as to foster consumers’ purchasing habits and provide an integrated
consumer experience [9]. Improving the performance of channels leads to the development
of consumer preference [81], thus helping to generate purchasing habits and leading to
higher satisfaction [1]. Therefore, we assume that:

H13. The performance of omni-channel retail influences consumers’ purchasing habits.

Personalizing experiences is the core of omni-channel strategies, as consumers expect
to have experiences that suit them [82]. Analyzing consumer purchasing habits is the key
to offering personalized offers that implicitly impact hedonic motivations. When a segment
of consumers regularly uses a specific channel while feeling satisfied with the experience,
the segment forms a positive image of the channel [3,67]. This approach was connected to
the UTAUT2 model [83]. The following hypothesis is stated:

H14. Consumer purchasing habits influence consumer hedonic motivations.

The experience that omni-channels offer to consumers influences their perception of
a retail company [84,85]. The use of retail channels involves the emotional involvement
of consumers in addition to their proper use for certain pre-established purposes. Con-
sumer habits are dynamic and influence their interests and expectations regarding felt
experience [73]. Thus, the following hypothesis is postulated:

H15. Purchasing habits influence the omni-channel experience of consumers.

The conceptual model is presented in Figure 1.
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3. Research Methodology
3.1. Research Context

The research was implemented in an emerging market, Romania, which is developing
from the omni-channel retail perspective, with a high potential for future growth. Romania
has experienced an impressive evolution of retail in general and omni-channel retail in
particular, facilitated by the recent COVID-19 pandemic that caused consumers to migrate
from physical stores to online stores to protect themselves against the new virus [86].
Compared to developed countries with a rich retail tradition, modern forms of commerce
appeared relatively late, and are pinpointed to 2000 [87]. However, online sales have seen
spectacular growth in recent years, with Romania estimated to have shown the highest
growth of this sector in the EU [88]. This trend is expected to continue in the future. The
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omni-channel market in Romania has increased development potential compared to many
other European countries and beyond due to its fast broadband internet speed, which ranks
the country in 11th place worldwide [89], ahead of some highly developed states.

3.2. Research Design

This article aims to analyze the factors influencing consumers’ use of shopping channels
in omni-channel retail. To achieve this goal, a quantitative study was conducted among
307 respondents. The research tool used was the questionnaire, as it is the most effective
method to provide relevant, consistent, and appropriate information for such an analysis,
and can be applied to many people [90]. Initially, the authors pursued quota sampling
according to age and gender (the quotas were determined based on the last available version
of the Romanian Statistical Annuary). As it was rather difficult to approach and gather
responses from a face-to-face survey, the authors implemented an online approach with the
help of Google Forms. The research was carried out between January and March 2023. The
questionnaire included several filter questions: only respondents who had made both online
and offline acquisitions from a retailer over the last 12 months were kept in the final sample.
Another filter question concerned the use of an app of their preferred retailer. In this way, it
was ensured that only those consumers who had a good or recent experience with a retail
store were retained in the final sample. From a total of more than 800 consumers who began
the survey, only 307 were kept, as other respondents were either excluded based on the filter
questions, or they had not answered all the questions. To be retained in the final sample,
respondents had to belong to either Generation Z or Generation Y (Millennials).

The analyzed population had an average age of 25 years and 3 months. The sample
comprised 68.1% females and 31.6% males (Table 2). All participants had at least completed
high school studies, of whom 65.1% had completed their undergraduate studies and 7.2%
had their postgraduate studies. As for their background, 82.7% of respondents came from
urban areas and 16.9% from rural areas in Romania. Romanians who fell into all income
categories were proven to be users of omni-channel commerce and came from a variety
of job landscapes, where the majority were employed full-time (49.5%) with an income
between RON 1400 (EUR 281) and RON 3500 (EUR 704), namely 46.3%.

Table 2. Socio-demographic characteristics.

Analyzed Characteristic Multiple Choice Options Frequency Absolute (Relative)

Gender
Male 97 (31.6%)

Female 209 (68.1%)

Education level

High school studies 84 (27.4%)

University studies 200 (65.1%)

Postgraduate studies 22 (7.2%)

Background
Urban 254 (82.7%)

Rural 52 (16.9%)

Net income/month

Under EUR 280 62 (20.2%)

Between EUR 281 and EUR 704 142 (46.3%)

Over EUR 704 100 (32.6%)

Job

Full-time employee 152 (49.5%)

Part-time employee 13 (4.2%)

Freelancer 17 (5.5%)

Business owner 10 (3.3%)

Student 112 (36.5%)

Unemployed or on sabbatical 3 (1%)

The questionnaire was based on the conceptual model, depicted in Figure 1. Respon-
dents had to assess on a five-point Likert scale their agreement towards the statements
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presented in Table 3. All concepts and scales were extracted from the literature [41,91–93]
and adapted to the research topic. The reliability and validity of the constructs were an-
alyzed using the Cronbach Alpha coefficient (Table 3). This test is used to establish the
confidence level of a construct, using its component items to analyze it. To be considered
valid, the value of the coefficients of the constructs must exceed 0.7 [94]. The constructs
exceed the value of 0.7 for Cronbach Alpha coefficients and trust level, which means that
they are valid, and the items are well chosen to obtain relevant and conclusive results; the
items can therefore be used in this study.

Table 3. Operationalization of items used.

Construct and
Source Item Item Measurement Item Loading α/CR/AVE

COVID-19 pandemic
(COV) (adapted from

[56])

COV1 I shop more often due to the COVID-19 pandemic. 0.905

0.753/0.890/0.801
COV2

People closest to me (family, friends) use online
commerce more often due to the COVID-19

pandemic.
0.885

Channel
synchronization (CS)

[41]

CS1 Products and information about them are perfectly
synchronized in all the purchasing channels I use. 0.808

0.783/0.858/0.602

CS2
I often use a purchasing channel (e.g., online stores)
to find out the availability of products in another

channel (e.g., physical stores).
0.757

CS3 The loyalty card is valid within all retailer
purchase channels. 0.811

CS4 All retailer purchase channels use the same brand
image/identification elements. 0.724

Omni-channel
behavior (OCB) [92]

OCB1
I usually inform myself about

products/brands/companies through several
channels (apps, online stores, physical stores, etc.).

0.825

0.717/0.839/0.636OCB2 I usually shop through several channels (apps,
online stores, physical stores, etc.). 0.839

OCB3
I usually communicate with retail stores through

several channels (applications, online stores,
physical stores, etc.).

0.723

Consumer effort (CE)
[41,92]

CE1 The shopping channels from this retailer help me
manage my time while shopping efficiently. 0.796

0.792/0.866/0.617
CE2 The shopping channels from this retailer make my

life easier. 0.847

CE3 The shopping channels from this retailer match my
daily schedule. 0.766

CE4 The shopping channels from this retailer are easy
to use. 0.729

Social influence (SI)
[23]

SI1 The shopping channels from this retailer are used
by people who are important to me. 0.858

0.873/0.914/0.726
SI2 The shopping channels from this retailer are used

by people whose opinions I regularly consider. 0.898

SI3 The shopping channels from this retailer are used
by people I appreciate. 0.884

SI4 The shopping channels from this retailer are used
by my friends. 0.762



J. Theor. Appl. Electron. Commer. Res. 2024, 19 806

Table 3. Cont.

Construct and
Source Item Item Measurement Item Loading α/CR/AVE

Omni-channel
experience (OCE)

[41,91,92].

OCE1 I will probably use the shopping channels of this
retailer again. 0.853

0.841/0.904/0.759OCE2 I would resort to the shopping channels from this
retailer anytime due to the pleasant felt experience. 0.892

OCE3 The shopping channels from this retailer will be the
first ones I use when making purchases. 0.867

Channel performance
(CP) [92].

CP1 The shopping channels from this retailer are ideal
for me. 0.845

0.800/0.882/0.713CP2 The shopping channels from this retailer make me
consider it my first option when making purchases. 0.837

CP3 The shopping channels this retailer uses help me
improve the speed of my purchases. 0.852

Hedonic motivation
(HED) [41,92].

HED1 I enjoy using the shopping channels from this
retailer to make purchases. 0.732

0.764/0.849/0.585
HED2 The shopping channels from this retailer give me a

pleasant experience. 0.819

HED3 The shopping channels used by this retailer are fun. 0.712

HED4 The shopping channels used by this retailer
captivate me. 0.790

Purchasing habits
(PH) [93]. PH1 I’m used to using the shopping channels of this

retailer to make purchases. 1.000 1.000/1.000/1.000

Note: item loading > 0.7; Cronbach’s Alpha > 0.7; average variance extracted (AVE) > 0.5; composite reliability >
0.7 [77,95,96].

The discriminant validity of the constructs was tested with the help of the Fornell–Larcker
and the Hetertrait–Monotrait criterion, presented in Table 4 [95].

The condition imposed by the Fornell–Larcker technique is that the square root of the
average variance extracted by a construct must be greater than the correlation between it
and any other construct, and the values below the diagonal are lower than the diagonal
values [97]. For the Hetertrait–Monotrait criterion, the values must be under 0.9. In such a
case, the literature [96] considers the concepts to be not similar. As the discriminant validity
has been established, the model is valid.

Next, the level of collinearity was measured, and an analysis found that all variance
inflation factor (VIF) values are below the recommended threshold of 3.3, the highest value
being 3269 for the item IS2 [98].

The conceptual model developed (Figure 1) and verified with the help of modeling
analyses using the Smart PLS software [22] contains identified factors and subsequently
established relations. This check has the utility of mitigating the risk of possible measure-
ment errors [95]. The correctness of the model is supported by the SRMR value of 0.074,
a value below the threshold of 0.08. R-square values recorded indicate that consumer
effort [CE], social influence [SI], omni-channel behavior [OCB], and purchasing habits
[PH] account for 54.7% of the construct variance ‘hedonic motivation’ [HED]. Channel
performance [CP] explains 29.4% of the construct variance ‘purchasing habits’ [PH]. Con-
sumer effort, hedonic motivation, and purchasing habits account for 65.6% of the construct
variance ‘omni-channel experience’ [OCE]. The COVID-19 virus [COVID] and channel
synchronization [CS] account for 27.6% of the construct variance ‘omni-channel behavior’.
The VIF values for the inner model were also tested. The highest VIF value of 2.168 < 3.3
between HED and OCE pinpoints that there is no problem of multicollinearity between the
constructs [99]. These results confirm the correctness of the conceptual model.



J. Theor. Appl. Electron. Commer. Res. 2024, 19 807

Table 4. Discriminant validity.

COVID CP CS CE HED OCB OCE PH SI

Fornell–Larcker criterion

COVID 0.895
CP 0.194 0.844
CS 0.079 0.584 0.776
CE 0.169 0.760 0.535 0.786

HED 0.169 0.577 0.518 0.635 0.765
OCB 0.247 0.396 0.482 0.378 0.389 0.797
OCE 0.110 0.601 0.522 0.661 0.724 0.351 0.871
PH 0.176 0.543 0.499 0.590 0.627 0.354 0.704 1.000
SI 0.246 0.470 0.281 0.489 0.530 0.474 0.474 0.426 0.852

Hetertrait–Monotrait criterion

COVID
CP 0.252
CS 0.103 0.711
CE 0.216 0.855 0.682

HED 0.233 0.727 0.646 0.799
OCB 0.336 0.510 0.605 0.487 0.524
OCE 0.138 0.729 0.645 0.810 0.824 0.437
PH 0.200 0.603 0.560 0.661 0.709 0.406 0.768
SI 0.305 0.562 0.327 0.583 0.657 0.357 0.548 0.453

Note: COVID = COVID-19 virus; CS = channel synchronization; OCB = omni-channel behavior; CE = consumer
effort; SI = social influence; OCE = omni-channel experience; CP = channel performance; HED = hedonic
motivation; PH = purchasing habits.

4. Results

The hypotheses were analyzed using link coefficients, standard deviation, and T and p
test values (Table 5, Figure 2).

J. Theor. Appl. Electron. Commer. Res. 2024, 19, FOR PEER REVIEW  12 
 

 

effort, hedonic motivation, and purchasing habits account for 65.6% of the construct vari-

ance ‘omni-channel experience’ [OCE]. The COVID-19 virus [COVID] and channel syn-

chronization  [CS] account  for 27.6% of  the construct variance  ‘omni-channel behavior’. 

The VIF values for the inner model were also tested. The highest VIF value of 2.168 < 3.3 

between HED and OCE pinpoints that there is no problem of multicollinearity between 

the constructs [99]. These results confirm the correctness of the conceptual model. 

4. Results 

The hypotheses were analyzed using link coefficients, standard deviation, and T and 

p test values (Table 5, Figure 2). 

H1 supports the existence of a positive influence between the COVID-19 virus and 

consumer effort. The values obtained (β: 0.169; T: 2.794; p = 0.005) indicate this influence, 

thus confirming the first hypothesis. H2 refers to the impact of the COVID-19 virus on 

social influence, an idea confirmed by the values obtained from the analysis (β: 0.246; T: 

3.906; p = 0.000). H3 discusses  the  influence of  the COVID-19 virus on channel perfor-

mance. The obtained values (β: 0.149; T: 3.019; p = 0.003) confirm the established hypoth-

esis. H4 emphasizes the influence of the COVID-19 virus on the omni-channel behavior of 

consumers. This hypothesis  is  confirmed by  the values obtained  from  the analysis  (β: 

0.211; T: 3.980; p = 0.000). H5  is also confirmed, proving an  influence on omni-channel 

behavior due  to shopping channel synchronization (β: 0.465; T: 8.678; p = 0.000). In the 

case of H6, a positive  influence between  channel  synchronization  and  channel perfor-

mance can be pinpointed (see Figure 2). The results confirm the hypothesis (β: 0.573; T: 

12.047; p = 0.000). 

 

Figure 2. The structural model. 

H7 presumes that the consumer effort exerts a positive influence on consumers’ he-

donic motivation. The analysis confirms the hypothesis (β: 0.299; T: 4.059; p = 0.000). H8 

argues that consumer effort  influences the omni-channel experience. This hypothesis  is 

Figure 2. The structural model.



J. Theor. Appl. Electron. Commer. Res. 2024, 19 808

Table 5. Path analysis of hypotheses.

Paths
Path

Coefficient (β)
Standard
Deviation T-Value p-Value f2-

Value
Significance Interval Hypotheses

2.5% 97.5%

COVID→CE 0.169 0.059 2.840 0.005 0.129 0.062 0.281 H1—confirmed

COVID→SI 0.246 0.063 3.906 0.000 0.164 0.116 0.367 H2—confirmed

COVID→CP 0.149 0.049 3.019 0.003 0.135 0.086 0.315 H3—confirmed

COVID→OCB 0.211 0.053 3.980 0.000 0.161 0.098 0.306 H4—confirmed

CS→OCB 0.465 0.054 8.678 0.000 0.512 0.339 0.554 H5—confirmed

CS→CP 0.573 0.048 12.047 0.000 0.297 0.466 0.653 H6—confirmed

CE→HED 0.299 0.074 4.059 0.000 0.211 0.160 0.444 H7—confirmed

CE→OCE 0.220 0.062 3.529 0.000 0.173 0.119 0.342 H8—confirmed

SI→HED 0.219 0.050 4.410 0.000 0.176 0.135 0.324 H9—confirmed

SI→OCE 0.034 0.037 0.923 0.923 0.102 -0.040 0.121 H10—rejected

OCB→HED 0.102 0.040 2.536 0.012 0.219 0.016 0.181 H11—confirmed

HED→OCE 0.366 0.057 6.244 0.000 0.270 0.256 0.476 H12—confirmed

CP→PH 0.543 0.048 11.229 0.000 0.418 0.432 0.629 H13—confirmed

PH→HED 0.321 0.076 4.238 0.000 0.139 0.171 0.460 H14—confirmed

PH→OCE 0.336 0.072 4.662 0.000 0.177 0.196 0.460 H15—confirmed

Note: COVID = COVID-19 virus; CS = channel synchronization; OCB = omni-channel behavior; CE = consumer
effort; SI = social influence; OCE = omni-channel experience; CP = channel performance; HED = hedonic
motivation; PH = purchasing habits.

H1 supports the existence of a positive influence between the COVID-19 virus and
consumer effort. The values obtained (β: 0.169; T: 2.794; p = 0.005) indicate this influence,
thus confirming the first hypothesis. H2 refers to the impact of the COVID-19 virus on social
influence, an idea confirmed by the values obtained from the analysis (β: 0.246; T: 3.906;
p = 0.000). H3 discusses the influence of the COVID-19 virus on channel performance.
The obtained values (β: 0.149; T: 3.019; p = 0.003) confirm the established hypothesis.
H4 emphasizes the influence of the COVID-19 virus on the omni-channel behavior of
consumers. This hypothesis is confirmed by the values obtained from the analysis (β: 0.211;
T: 3.980; p = 0.000). H5 is also confirmed, proving an influence on omni-channel behavior
due to shopping channel synchronization (β: 0.465; T: 8.678; p = 0.000). In the case of H6,
a positive influence between channel synchronization and channel performance can be
pinpointed (see Figure 2). The results confirm the hypothesis (β: 0.573; T: 12.047; p = 0.000).

H7 presumes that the consumer effort exerts a positive influence on consumers’ he-
donic motivation. The analysis confirms the hypothesis (β: 0.299; T: 4.059; p = 0.000). H8
argues that consumer effort influences the omni-channel experience. This hypothesis is con-
firmed (β: 0.220; T: 3.259 p = 0.000). H9 assumes that social influence positively influences
the hedonic motivation of consumers, which is confirmed by the analysis (β: 0.219; T: 4.410;
p = 0.000). H10 refers to the influence exerted by the social influence on consumers’ omni-
channel experience. The results show that the relation is not significant (β: 0.034; T: 0.923;
p = 0.923); thus, the hypothesis is rejected. H11 presumes the positive influence between
omni-channel behavior and hedonic motivation; this hypothesis is confirmed (β: 0.102; T:
2.536; p = 0.012). H12 states that hedonic motivation influences the omni-channel experi-
ence; the obtained values confirm the hypothesis (β: 0.366; T: 6.248; p = 0.000). H13 confirms
the influence between channel performance and purchasing habits (β: 0.543; T: 11.229;
p = 0.000). H14 refers to the positive impact between purchasing habits and hedonic mo-
tivation. The obtained results (β: 0.321; T: 4.238; p = 0.000) confirm the hypothesis. H15
assumes the positive influence between purchasing habits and omni-channel experience
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is confirmed (β: 0.336; T: 4.662; p = 0.000), which means that H15 can be accepted (see
Figure 2).

5. Discussion

Omni-channel retail combines online and offline environments, allowing consumers to
opt for the channel best suited to their shopping needs [100]. Thus, the hybrid retail created
has found real success among young consumers, part of the Millennials, characterized by
openness to experience and novelty [9,15].

Based on the importance-performance map, the results indicate that all considered
constructs exert a rather high performance to the omni-channel experience (see Table 6).
The results also depict that, according to the importance-performance matrix [101], none
of the constructs qualifies in the third quadrant (slightly important–fair performance) and
fourth quadrant (extremely important–fair performance). The analysis shows (Table 6)
that the highest level of importance is found for the construct hedonic motivation (0.375)
with a performance of 77.070, purchasing habits (0.369) with a performance of 78.664,
and consumer effort (0.344) with a higher performance of 80.819. These constructs are
to be found in the first quadrant, namely that considered extremely important-excellent
performance [101]. Their positioning indicates that in this area they constitute continuity
benchmarks due to the bund ratio between performance and importance.

Table 6. IMPA Results.

Latent Variable Omni-Channel Experience

Total Effect
(Importance)

Index Value
(Performance)

COVID-19 pandemic 0.083 65.388

Channel performance 0.251 80.671

Channel synchronization 0.181 82.891

Consumer effort 0.344 80.819

Hedonic motivation 0.375 77.070

Omni-channel behavior 0.035 79.772

Purchasing habits 0.369 78.664

Social influence 0.090 67.804

However, the correlation of the data with the level of importance indicates that two of
the three constructs, namely channel synchronization (0.181) with the highest performance
(82.891), and channel performance (0.251) with a performance of 80.671, are positioned
in the second quadrant of the importance-performance matrix, namely that of slightly
important–excellent performance (see [101]), along with three other constructs of less im-
portance towards omni-channel experience: omni-channel behavior (0.085), social influence
(0.090), and COVID-19 pandemic (0.083). However, these three constructs depict moderate
to high performance (see Table 6). They are under-ranked compared to the first three, with
the COVID-19 pandemic at 65.388 and social influence at 67.804, registering the lowest
importance and performance scores out of all eight analyzed constructs.

It is imperative that omni-channel retail is applied everywhere since employing multi-
ple, perfectly synchronized channels that provide a unique experience attracts new gen-
erations of consumers. It offers an important advantage: choosing the most convenient
channel according to customer preferences [9,102]. A single consumer can combine mul-
tiple channels into a single purchasing process, engendering satisfaction and a positive
experience if properly synchronized. Of course, customers may prefer a mix between online
orders and collection of ordered products from physical stores or other pick-up points, thus
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offering freedom in choosing the order collection method to avoid courier services, but also
in browsing or testing the item in a physical store before purchase [20,103].

COVID-19 is one of the reasons the population opted for electronic channels and were
willing to make additional efforts to learn how to use them [50]. The retail market has thus
witnessed a change in consumer behavior generated by the pandemic and enhanced by
social influences [46]. These changes prompted companies to make major investments in
the channels employed, optimizing their performance to meet the expectations of the target
audience [53].

The pleasure and fun that the use of channels offers to consumers are aspects that
influence their choices and attitudes, as well as the way they perceive their experiences [65].
All this results in favorable behavior, additional effort to use channels, and repeat shopping
habits [67]. The experience is the result of the impact of these factors, and the key that
determines whether the consumer uses a certain channel or not [1]. The views on omni-
channel strategy have shifted dramatically due to rapid technological developments such as
Artificial Intelligence. The mobile app, physical stores, and social media platforms broaden
customers’ shopping experiences and expectations and influence market trends. They also
modify, adapt, and combine the marketing mix techniques in various ways, sometimes
changing the way in which they are leveraged in terms of intensity, priority, and importance.

When it comes to the behavioral differences and the perspectives of generations [48],
we can observe that decisions are influenced by convenience. Older Millennials tend to
be more traditionalist in their behavior, preferring to shop in physical locations, whereas
younger members of the same demographic tend to shop online (besides convenience,
Millennials are also focused on speed and personalized online shopping). In their case,
there is frequently an online search for information and on-site engagement. Although
Generation Z and the Millennials [104] may seem alike, companies should be aware of
their different shopping patterns, and the fact that Gen Z acts mostly on brand promise,
is continuously linked to social engagement on mobile devices and an online lifestyle,
and value convenience and quick delivery [105]. Gen Z, due to their natural openness to
digital technology, is more likely to adhere to omni-channel trends and to quickly transition
between digital and physical channels [106].

Developing viable omni-channel strategies and enhancing customers’ propensity to
make in-store purchases by emphasizing the depth of the channels and channel consis-
tencies (content and process) is a must [107]. Customers in fashion retail feel that the
omni-channel integration quality matters and that it affects their perceived fluency [104]
and purchase intention. In an omni-channel environment, successful channel integration
should allow customers to interact, explore, investigate, buy, and receive post-purchase
assistance via any channel. This means that Buy Online Pick-up In-store, Buy Online
Curbside Pickup, or Buy In-store Home Delivery (BIHD) are the calling cards for any brand
or retailer that competes in the omni-channel retailing space. They are very likely to grow
in significance over time [83].

Furthermore, prior studies give new insights into the existing research by providing
empirical validation and theoretical analysis of the effects of channel integration quality and
mobile identity on the three dynamic characteristics: omni-channel satisfaction, self-efficacy,
and habit. Additionally, the results show that omni-channel self-efficacy and omni-channel
satisfaction both promote the development of omni-channel and habit [108].

Customers may now explore products online or via mobile apps where the syn-
chronization of the channels is enhanced since the apps are able to respond to the main
additional value attributes such as convenience, rapid access to products and information,
trust, and rapid delivery. This is complemented by the recommendation that organizations
create diverse choice options for consumers in order to access, persuade, and maintain their
clients’ attention in an intensely competitive environment by favoring the following: access
to the availability of in-store confirmation, online reservation, and in-store pickup, online
purchase, in-store items collection, in-store scanning of items to obtain feedback, access to
evaluations, tutorials, interactive virtual augmented reality try-on tools, fast home-delivery
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and loyalty programs that create important databases and track shopping habits as well as
tastes manifested through all the integrated channels, enabling the organization to provide
them with exclusive, adapted incentives and benefits. The policy recommendations also
refer to how companies understand the way to properly define the goals they want to
achieve through the channel strategies, to understand, anticipate, and predict consumer
behavior, identify gaps in the omni-channel strategy to implement more personalized
actions and monitor and evaluate channel performance.

As defined by characteristics such as accessibility, ease of use, convenience, and correct
information, the utility of channels thus influences the experience perception, an important
aspect emphasized by Gerea et al. [109]. Furthermore, literature [73] argue that this is not the
only factor influenced by the relevance of purchasing channels, as they indicate that the image
of channels is also affected by the level of consumer perceived value. The need to adapt to
changing market characteristics and provide tailored information and offers is a significant
consideration in how audiences perceive the experience they are having [65], shaping their
image of the channels they use. It is thus appreciated that the perception of superior shopping
channel utility is associated with a superior experience and favorable image.

Consumers’ social context represents an important influential factor that has a strong
impact on their behavior, influencing the choices they make and the way in which they
perceive their experience. The literature reviewed states this idea, underlining the fact
that people whom the consumers consider important exert an influence on their channel
choices [20]. The pressure to conform to the societal norms in which they live persuades
individuals to make certain decisions and act in a particular manner, leading to the creation
of real consumption patterns corresponding to those of consumers with similar consump-
tion experiences, thus influencing their final perceived satisfaction [67]. These aspects are
confirmed by the quantitative research conducted. The social environment represents a
significant pillar influencing the omni-channel consumer experience.

Literature [73] argue that it is important that the image of a retail channel fits the
intended target audience, in that it meets all the characteristics that suit its target audience.
Also, all the information provided through a channel influences how its image is perceived.
The research shows a strong impact on the omni-channel image of consumer behavior. It is
therefore important for retailers to take this into account and to project favorable images of
the channels they use.

6. Theoretical and Managerial Implications

From a theoretical standpoint, the research carried out adds value to the specialized
literature through the conceptual model outlined and the extension of the studies focusing
on Generational Theory and the UTAUT2 model. It offers the chance to effectively analyze
the behavior of using technology in omni-channel retail. Channel performance is an aspect
that depends on retail companies and influences the omni-channel experience along with
the effort that consumers are willing to make, their hedonic motivations, and purchasing
habits. The experience felt thus depends not only on the company offering, but also on the
consumers themselves. The creation of efficient, integrated channels is the key that leads to
favorable behavior and the creation of positive motivations that persuade consumers to
use omni-channel retail. The channels are orchestrated by the social environment in which
individuals live and form their values and by the COVID-19 virus, which has also been a
factor in consumer choice.

In the near future, researchers might focus on the role of AI technologies in consumer
behavior transformational changes, as these technologies are evolving in an unprecedented
manner. In discussing technological change, we have witnessed both perspectives relating
to positive motivational factors based on convenience, access to broader informational sets,
supportive and flexible customer relations programs, etc., as well as some limiting factors,
namely selective criteria for data generation, fear of technology, inadequate technological
skills, etc.
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The market of omni-shoppers is predominantly made up of consumers from different
generations. Technology is most preferred by younger generations such as Millennials and
Generation Z. Nonetheless, even when referring to generations exhibiting similar behaviors,
at the foundation of technology use and online shopping lie consumer motivations that
stem from different initial factors, such as rational choice, purpose-driven use of technology
by Millennials, and choices rooted in pleasure, exploration, and learning, as well as the
sheer passion of digital Gen Z natives for digital technology [25]. The research confirms
the relevance of the Generational Theory, adding value through the fact that people of the
same generation have similar shopping and consumer habits, dictated, of course, by the
values and principles for which they advocate. The paper also pinpoints the importance of
the UTAUT2 model in understanding the technology-based behavior of modern consumers
in an ever-changing world.

From a managerial perspective, it is evident that this type of technology-based distri-
bution renders retail companies more attractive to consumers. To cope with the rapid tech-
nological evolution, with pandemic-led trends, and with the consumer habits of younger
generations, omni-channel retail organizations must frequently analyze target consumers
and invest in technology to keep up with the changes taking place in the market. The cre-
ation of efficient channels also implies a desire to achieve an optimal level of performance
due to the balance between the expected level of consumer satisfaction and the financial
efficiency and effort involved in management. The motivations that mobilize consumers
when opting for these channels include the wider range of products available and the
comparison and optimization of choice. In this respect, from a managerial perspective, it is
essential to manage operating and storage costs efficiently, and, at the same time, enable the
provision of attractiveness factors through options and diversity available to consumers,
all while anticipating and planning future market dynamics. Omni-channel distribution
management must capitalize on opportunities derived from the increased possibility of
covering more geographically extensive markets while being able to respond to derived
risks from the rate of sales returns. At the same time, the evolution of AI contributes to
collecting relevant consumer data, facilitating the development of personalized offers that
can increase consumer loyalty. Therefore, investing in support systems and platforms will
become a priority for managers.

As for future research perspectives, to significantly contribute to the relevant literature
in the field, several topics covering experiential marketing in omni-channel retail might
be explored. This research focused on Romanian omni-channel consumers, bringing
new insights into Eastern European omni-channel consumers from an emerging market.
An in-depth analysis of Romanian omni-channel consumer behavior relating to specific
domains relevant to the domestic economy could be of high interest to both researchers
and retail companies. Another interesting area could be related to the barriers encountered
by Romanian consumers while interacting with omni-channel retailers. It is worth also
exploring the preservation of such preference for omni-channel retail in the post-pandemic
context, as well as the contagion effect enforced by Generation Z on other generations when
it comes to choosing electronic shopping channels. Moreover, studies concentrating on
different categories of products and services (or their mix) could highlight certain trends in
consumer shopping behaviors, and serve as support in developing sales strategies among
retailers, prioritizing better budgeting for online commerce.
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