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Table S1. Accuracy, sensitivity, specificity and classification error obtained for calibration and prediction
on paired PLS-DA models for set 1, 2 and 3 according to the geographical production region.

Class LVs Calibration Prediction
Accuracy | Sensiti | Speci | Classification | Accuracy | Sensiti | Speci | Classification
(%) vity ficity Error (%) (%) vity ficity Error (%)
(%) (%) (%) (%)
Set 1
Ethiopia 2 100 100 94.7 2.6 100 100 84 8
Brazil 2 100 100 98.6 0.7 94.7 66.7 87.5 229
Central 2 100 100 93.1 3.4 100 100 90.6 4.7
and South
America
India 2 100 100 100 0 94.7 66.7 100 16.7
Uganda 2 100 100 100 0 100 100 100 0
Set 2
Colombia 2 89.2 84.6 90 12.7 97.2 83.3 100 8.3
Ethiopia 2 98.7 92.9 98.6 4.3 94.4 100 90 5
India 2 95.2 92.9 95.7 5.7 94.6 100 93.3 3.3
Indonesia 2 94.3 92.9 92.8 7.2 86.1 50 73.3 38.3
Nicaragua 3 90.2 92.9 89.9 8.6 69.4 16.7 80 51.7
Set 3
Cambodia 2 100 100 100 0 100 100 100 0
Vietnam 2 100 100 100 0 100 100 100 0
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Table S2. Accuracy, sensitivity, specificity and classification error obtained for calibration and prediction
on paired PLS-DA models for set 1 and 2 according to the roasting degree.

Class LVs Calibration Prediction
Accuracy | Sensi | Speci | Classification | Accuracy | Sensi | Speci | Classification
(%) tivity | ficity Error (%) (%) tivity | ficity Error (%)
(%) (%) (%) (%)
Coffee geographical production region
1/5 3 100 100 94.7 2.6 100 100 92 4
2/5 3 97.6 929 97.3 4.9 100 100 93.8 3.1
4/5 2 100 100 97.7 1.1 89.7 78.9 100 42.1
Coffee variety
2/5 3 90 89.3 90.9 9.9 75 91.7 62.5 229
3/5 3 98.2 100 98 1 91.7 66.7 96.7 18.3
4/5 3 96.1 96.4 94.5 4.5 63.9 58.3 75 333
5/5 3 97.6 91.7 98.6 4.9 83.3 66.7 80 26.7
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Figure S1. Paired PLS-DA plots of Y predicted vs. samples for set 1: (1.a) Uganda vs. Others, (1.b) India vs.
Others, (1.c) Brazil vs. Others, (1.d) Ethiopia vs. Others, (1.e) Central and South America vs. Others, for set 2:
(2.a) Colombia vs. Others, (2.b) Ethiopia vs. Others, (2.c) India vs. Others, (2.d) Indonesia vs. Others, (2.e)
Nicaragua vs. Others, and for set 3: (3.a) Cambodia vs. Vietnam. Filled and empty symbols correspond to
calibration and prediction sets, respectively. Red lines represent the threshold between classes.



ALL SAMPL
(Uganda, Ethiopia, India, Brazil, Central and South America)

d Nicaragua)

Figure S2. Classification scheme based on the geographical production region of coffee in tree structure for
(a) set 1 and (b) set 2.



{1.a)

m Ethiopia = Others

1.2

0.8+ " "

Y Predicted

06520 30 40 50 60 70 80
Sample
‘Lc)1 4 . #Indonesia = Others
1.2 +
. . *
1 ¢ * o o
8 08" LN N
o086""° ¢ ¢
sl . < e a
&£ 04 . - o
> ool
0r - . =, u
-0.2- " =
B *
04 10 20 30 40 50
Sample

(1.b)
1.2

0.8p

E 0.6
3]

'}E 0.4f

o
> 0.2

0

-0.2f

-0.4

(1.d)
1.2

1

0.8/
E 0.6f

Q
D 0.4

pust
o

> 0.2r
0_
-0.2}

-0.4

1,

@ India e Others

e T i v

10 20 30 40 5.0 60 70
Sample

4 Colombia vNicaragua

5 10 15 20 25 30 35
Sample

Figure S3. Paired PLS-DA plots of Y predicted vs. samples for set 2 within the tree classification framework:
(1.a) Ethiopia vs. Others, (1.b) India vs. Others, (1.c) Indonesia vs. Others, and (1.d) Colombia vs. Nicaragua.
Filled and empty symbols correspond to calibration and prediction sets, respectively. Red lines represent

the threshold between classes.
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Figure S4. Paired PLS-DA plots of Y predicted vs. samples for set 1: (1.a) 1/5 vs. Others, (1.b) 2/5 vs. Others,
and (1.c) 4/5 vs. Others, for set 2: (2.a) 2/5 vs. Others, (2.b) 3/5 vs. Others, (2.c) 4/5 vs. Others and, (2.d) 5/5 vs.
Others. Filled and empty symbols correspond to calibration and prediction sets, respectively. Red lines
represent the threshold between classes.
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Figure S5. Classification scheme based on the roasting degree of coffee in tree structure for (a) set 1 and (b)
set 2.
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Figure S6. Paired PLS-DA plots of Y predicted vs. samples for set 2 within the tree classification framework:
(a) 5/5 vs. Others, (b) 3/5 vs. Others and, (c) 2/5 vs. 4/5. Filled and empty symbols correspond to calibration
and prediction sets, respectively. Red lines represent the threshold between classes.



