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Abstract

:

She-donkey’s milk (DM) and goat’s milk (GM) are commonly used in newborn and infant feeding because they are less allergenic than other milk types. It is, therefore, mandatory to avoid adulteration and contamination by other milk allergens, developing fast and efficient analytical methods to assess the authenticity of these precious nutrients. In this experimental work, a sensitive and robust matrix-assisted laser desorption/ionization time-of-flight mass spectrometry (MALDI-TOF MS) profiling was designed to assess the genuineness of DM and GM milks. This workflow allows the identification of DM and GM adulteration at levels of 0.5%, thus, representing a sensitive tool for milk adulteration analysis, if compared with other laborious and time-consuming analytical procedures.
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1. Introduction


Milk is the most important nutrient for young mammals and is traditionally considered an ideal source of proteins and microelements for adult people. Confirming the popular tradition, recent clinical studies have clearly demonstrated that the she-donkey’s milk (DM) represents the best mother’s milk substitute for newborns, which are allergic to cow’s milk (CM) proteins, because of its low allergenic properties together with its high nutritional value [1].



Goat’s milk (GM) has also become popular in infant feeding because it is less allergenic than CM [2]; indeed, for infants suffering of CM-induced gastrointestinal allergy and chronic enteropathy, GM feeding has been reported [3].



Unfortunately, the intolerance based on the immunological response to CM proteins is the most common form of food allergy in the pediatric population (from 0.3% to 7.5% of affected children) [4].



For this reason, revealing adulterations of DM and GM is of fundamental importance for both economic and clinical reasons. To this aim, effective analytical methods to assess the genuineness of these milks are desirable. Currently, both immunological and chemical methods are used to detect milk and dairy product adulteration. The immunological methods are based on the recognition of antigens (i.e., whole casein, β-casein and β-lactoglobulin) by specific antibodies [5,6,7]. However, even well-validated analytical techniques, such as the enzyme-linked immunosorbent assay (ELISA) and immunoblotting, are affected by false-positive results. On the other hand, chemical methods that are based on the detection of distinctive fatty acid and proteins, are very laborious and time-consuming. In fact, they rely on gas chromatography (GC) analyses for fatty acid characterization [8] and on gel or capillary electrophoresis, high-performance liquid chromatography (HPLC), and mass spectrometry (MS) for protein separation, identification and quantification [9,10]. Many MS methods have been developed for investigating protein profiles and structures in milk [11,12,13,14,15,16,17,18]. Matrix-assisted laser desorption/ionization time-of-flight MS (MALDI-TOF MS), owing to its simplicity of use and to the high reproducibility of the mass spectra, has become a powerful technique to obtain informative fingerprints of milk proteins. Moreover, as the MALDI-TOF MS analysis of a milk sample is able to reveal the characteristic peaks of the most abundant proteins, milk adulteration can be, therefore, assessed by identifying the additional protein peaks in the mass spectrum of the analyzed milk. In the last few years, the identification of whey proteins, such as α-lactalbumin and β-lactoglobulins, by MALDI-TOF MS have been employed by: (i) Cozzolino et al. [8] to reveal CM and ewe milk (EM) addition to fresh water buffalo mozzarella cheese with a limit of detection (LOD) below 5% and up to 2% respectively; (ii) Cozzolino et al. [19] to discover CM in EM and buffalo milk (BM) with a LOD below 5% and Consulo et al. [20] to identify CM or GM in DM with a LOD up to 2% and 0.5% respectively. Moreover, with the aim to identify possible fraudulent addition of CM to EM, employed for the production of commercial ewe cheese (Pecorino), Fanton et al. [21] described a MALDI-TOF MS method, able to assess the adulteration of ewe cheese by CM (LOD 10%), by detecting the presence of the γ2-casein mass peak. Following a bottom-up proteomic strategy (MS analysis of enzymatic digests of milk proteins), Chen et al. [10], and Calvano et al. [22], analyzed CM adulteration in GM by assessing β-lactoglobulin whey protein as the molecular marker, employing on-line HPLC electrospray MS (HPLC/ESI-MS) and MALDI-TOF MS, respectively (LOD 5%).



In this experimental work, we evaluated the performance of the total MALDI-TOF MS profiles, in the mass range 2000–25,000 Da, for the identification of DM and GM adulteration by CM, EM and BM. We have demonstrated that MALDI-TOF MS coupled to unsupervised hierarchical clustering, principal component (PCA) and Pearson’s correlation analyses represent a rapid, robust and very sensitive method, to reveal CM, EM, and BM adulteration in DM and GM at very low levels (down to 0.5%). Considering the high sensitivity that we obtained following this approach (more sensitive than the analytical method proposed by Consulo et al. [20]), we envisage that our analytical method could be successfully applied also for the evaluation of water buffalo mozzarella cheese, buffalo milk and ewe cheese (Pecorino) adulterations with a higher precision than that reported by Cozzolino et al. [8,19] and Fanton et al. [21].




2. Results and Discussion


2.1. Assessing the Performance of the MALDI-TOF MS Profiles in Discriminating Milk Species


After acquisition of six independent MALDI-TOF MS samples from she-donkey’s, goat’s, cow’s, ewe’s, and buffalo’s crude milks, spectra were visually inspected (Figure 1) and the resulting flattened profiles were compared by gel-like representations, analyzed by unsupervised hierarchical clustering (Figure 2a) and PCA (Figure 2b) using the integrated software Biotyper 3.1 (Bruker Daltonics, Bremen, Germany), and finally by bootstrapped (n = 1000) clustering (Figure 2c) and correlation matrices (Figure 2d) with external statistical software (R Bioconductor, Fred Hutchinson Cancer Research Center, Seattle, WA, USA).



According to the dendrogram (Figure 2a) obtained by clustering the replicated profiles of the five milks and the PCA representation (Figure 2b), we found that the six mass spectra for each milk closely clustered together, whereas the different types of milk resulted well separated from each other. GM and EM displayed the lowest distance (D = 0.39) and clustered in the same clade, proximate to CM. BM and DM (D = 1.18) generated a second clade which in turn clustered with the larger clade formed by GM, EM and CM (D = 1.16). The bootstrapping procedure performed on external software (Figure 2c) confirmed the reliability of the Biotyper elaboration. The Pearson’s correlation matrix obtained from all the profiles displayed a high intra-group similarity and a low inter-group correlation (Figure 2d). GM and EM samples correlated quite well, and this result is in agreement also with clustering analysis that locates these two milks in the same clade.



All together these data indicate that the high reproducibility and discriminating power of MALDI-TOF MS analysis, coupled to a set of robust data analysis tools, allows a straightforward identification of the five types of milk and that the different types can be easily distinguished from each other.
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Figure 1. Pseudo-gel like and mass spectrometry (MS) proteomic profiling of crude milk from six she-donkey, goat, cow, ewe and buffalo animals. The mass values (m/z) are reported on the X axis, while the color bar on the Y axis indicates the peak intensity. 
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2.2. Assessing the Performance of the MALDI-TOF MS Profiles in Discriminating She-Donkey’s Milk (DM) and Goat’s Milk (GM) Adulteration with Cow’s Milk (CM)


To track milk adulteration, eight mixtures were prepared by adding CM at different percentages (0.2%, 0.5%, 1%, 2%, 5%, 10%, 30%, and 50% v/v) to DM (Figure 3) and GM (Figure 4). Six replicas for each sample were collected and analyzed.



In this set-up the discriminant region of the MALDI-TOF MS profiles between 2000 and 25,000 kDa (Figure 3 and Figure 4) was very reproducible among the technical replicates and to gain further information about the correlation between the various mass profiles, we decided to perform a correlation analysis (Pearson’s coefficients) and represent the obtained results in a graphical representation. The Pearson’s correlation matrix representation for DM and GM adulteration with CM (Figure 5 and Table 1) displayed a high intra-class similarity as shown by the replicas in the diagonal, whereas the inter-class correlation appeared variable, as expected, owing to the different percentages of adulteration.
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Figure 2. Data analysis of six independent matrix-assisted laser desorption/ionization time-of-flight mass spectrometry (MALDI-TOF MS)profiles of crude she-donkey’s milk (DM), goat’s milk (GM), cow’s milk (CM), ewe milk (EM) and buffalo milk (BM). (a) Hierarchical clustering dendrogram; (b) Principal component (PCA) analysis with corresponding 3D scatter plot image obtained by Biotyper; (c) Bootstrapped (n = 1000) hierarchical clustering tree generated via pvclust. Values on the edges of the clustering are p-values (%). Red values are AU (Approximately Unbiased) p-values, and green values are BP (Bootstrap Probability) values as explained in methods section. Clusters with AU larger than 95% are highlighted by red boxes and indicate reliable clades; (d) Pearson’s correlation coefficients represented as a correlation matrix. The correlation coefficients have been colored according to a scale ranging from 0 to 1, where blue corresponds to 0 and yellow to 1. 






Figure 2. Data analysis of six independent matrix-assisted laser desorption/ionization time-of-flight mass spectrometry (MALDI-TOF MS)profiles of crude she-donkey’s milk (DM), goat’s milk (GM), cow’s milk (CM), ewe milk (EM) and buffalo milk (BM). (a) Hierarchical clustering dendrogram; (b) Principal component (PCA) analysis with corresponding 3D scatter plot image obtained by Biotyper; (c) Bootstrapped (n = 1000) hierarchical clustering tree generated via pvclust. Values on the edges of the clustering are p-values (%). Red values are AU (Approximately Unbiased) p-values, and green values are BP (Bootstrap Probability) values as explained in methods section. Clusters with AU larger than 95% are highlighted by red boxes and indicate reliable clades; (d) Pearson’s correlation coefficients represented as a correlation matrix. The correlation coefficients have been colored according to a scale ranging from 0 to 1, where blue corresponds to 0 and yellow to 1.



[image: Ijms 15 13697 g002]





In particular, the native and the 50%-adulterated milks displayed a modest mean correlation value (0.720 for CM/DM and 0.782 for CM/GM), which gradually increased as the percentage of adulteration decreased (up to 0.2%–0.5%) (Table 1). The mean correlation coefficients that we obtained indicate that this simple analysis is not feasible to discern milk adulterations even at high percentages (10%–30%) as the correlation is rather good (0.961 for DM adulterated with CM at 10% v/v).
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Figure 3. Pseudo-gel like image and MALDI-TOF MS spectra of the simulated adulteration of DM by CM. 
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Table 1. The identification ability (expressed by the symbol √ = Yes, × = No) of different percentages of DM and GM adulteration obtained by our combined analytical and statistical approach; the correspondent correlation coefficients are also reported.
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Adulteration

	
50/50 (v/v)

	
30/70 (v/v)

	
10/90 (v/v)

	
5/95 (v/v)

	
2/98 (v/v)

	
1/99 (v/v)

	
0.5/99.5 (v/v)

	
0.2/99.8 (v/v)






	
CM/DM

	
√ 0.720

	
√ 0.907

	
√ 0.961

	
√ 0.921

	
√ 0.902

	
√ 0.954

	
√ 0.885

	
× 0.946




	
CM/GM

	
√ 0.782

	
√ 0.854

	
√ 0.908

	
√ 0.967

	
√ 0.961

	
√ 0.968

	
√ 0.974

	
× 0.961
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Figure 4. Pseudo-gel like image and MALDI-TOF MS spectra of the simulated adulteration of GM by CM. 
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Figure 5. Pearson’s correlation matrices of all spectral replicates for the eight mixtures (from 50% to 0.2%) of simulated adulterations of (a) DM with CM and (b) GM with CM. Correlation coefficients are represented with decreasing blue and yellow colors according to a scale ranging from 0 to 1, respectively. 
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In order to increase the ability to discern milk adulterations up to a very low limit (0.2% of CM addition), we grouped all spectra within consistent clades and PCA clusters (Figure 6 and Figure 7).
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Figure 6. Hierarchical clustering dendrograms and principal component (PCA) 3D scatter plots of the first three principle components for the four mixtures (50%, 10%, 2%, and 0.2%) of the simulated adulteration of DM by CM (Panels a–d). All milk adulteration grouped inside the correct clade and cluster. 
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Both hierarchical clustering and PCA analysis obtained with Biotyper outlined the good separation between the spectra belonging to the different percentages of adulteration in DM and GM, although with some differences.



In particular, hierarchical clustering is a 2D representation of the euclidean distance between the various spectra, whereas PCA is a 3D representation where suitable principal components can be properly selected to group similar samples. The advantage of PCA is the possibility to visually rotate the principal components graph for a better inspection of the acquired samples.
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Figure 7. Hierarchical clustering dendrograms and PCA 3D scatter plots of the first three principle components for the four mixtures (50%, 10%, 2%, and0.2%) of the simulated adulteration of GM by CM (Panels a–d). All milk adulteration grouped inside the correct clade and cluster. 
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However, although Biotyper was able to discriminate adulterations up to a limit of 0.2%, the external clustering validation limited the recognition ability of our systems to a percentage of 0.5% for both DM (Figure 8a) and GM (Figure 8b).
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Figure 8. Bootstrapped (n = 1000) hierarchical clustering tree of (a) adulterated DM and (b) GM with CM (0.5% adulteration) generated via pvclust. Values on the edges of the clustering are p-values (%). Red values are AU (Approximately Unbiased) p-values, and green values are BP (Bootstrap Probability) values as explained in methods section. Clusters with AU larger than 95% are highlighted by red boxes and indicate reliable clades. 






Figure 8. Bootstrapped (n = 1000) hierarchical clustering tree of (a) adulterated DM and (b) GM with CM (0.5% adulteration) generated via pvclust. Values on the edges of the clustering are p-values (%). Red values are AU (Approximately Unbiased) p-values, and green values are BP (Bootstrap Probability) values as explained in methods section. Clusters with AU larger than 95% are highlighted by red boxes and indicate reliable clades.
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To validate further the robustness of our analytical method, we prepared other seven DM samples added with different amounts (v/v) of CM (CM/DM mixtures: 0.3/99.7, 0.4/99.6, 0.7/99.3, 1.5/98.5, 9/91, 15/85, 40/60) and another investigator analyzed them (independent blind analysis). Again, although the researcher was able to identify all the adulteration levels by means of Biotyper software (Figure S1–S3) the in-depth statistical analysis revealed that the limit of detection is a little bit higher, as the 0.3% adulterated samples were not recognized correctly (Figure 9a) compared to 0.4% adulterated samples (Figure 9b).
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Figure 9. Hierarchical clustering tree of (a) adulterated DM with CM (0.3% v/v) and (b) DM with CM (0.4% v/v). Red circle indicates that the classification did not allow to obtain separate clades, whereas the green circle indicates that a good separation of the clades is obtained at an adulteration level of 0.4%. 
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This analytical method (using Biotyper 3.1 software) was also tested by using DM and GM samples treated by high (pasteurization) and ultra-high temperature (UHT) method. CM/DM and CM/GM mixtures (0.2/99.8, 10/90, and 50/50 volume ratios) were prepared and subsequently analyzed. Supplementary Figure S4 and S5 show that the method allowed the identification of adulterated milk as previously done with raw milk, suggesting that the proposed workflow is well-suited also for the analysis of commercial/market milks.




2.3. Assessing the Performance of the MALDI-TOF MS Profiles in Discriminating DM and GM Adulteration with EM and BM


We performed the same analysis also for DM and GM adulterated with other types of milk (EM and BM) obtaining similar results, briefly described here and illustrated in more details in the Supplementary section (Supplementary Figure S6–S8).



Briefly, correlation analysis (Pearson’s coefficients) emphasized once more that this kind of analysis is not useful to discriminate low percentage of adulteration. In fact, similarly to what obtained for DM and GM adulterated with CM, adulteration of DM and GM with EM and BM follows a similar behavior.



In particular, the native and the 50%-adulterated milks displayed a modest correlation value (from 0.583 for BM/GM to 0.846 for EM/GM), which gradually increased as the percentage of adulteration decreased (up to 0.2%–0.5%) (Table 2). Again, at adulteration percentages of about 10%–30% the values of the correlation coefficients are quite high (up to 0.959 for a 10% adulteration of DM with EM) indicating that the spectra are overall very well correlated. These results confirm that correlation analysis alone is not sufficient to discriminate efficiently milk adulteration.



Of note, from hierarchical clustering analysis (Biotyper software) of GM adulteration by EM at a percentage of 0.2% we found that the MALDI-TOF MS profiles grouped outside the correct clade and the PCA cluster, limiting the correct identification of adulteration of GM with EM at 0.5% mixtures. This is however a good results if we consider that the limit of detection generally obtained with other electrophoretic analyses is about 10%.
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Table 2. The identification ability (expressed by the symbol √ = Yes, × = No) of different percentages of DM and GM adulteration obtained by the Biotyper analysis; the correspondent correlation coefficients are also reported.
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Adulteration

	
50/50 (v/v)

	
30/70 (v/v)

	
10/90 (v/v)

	
5/95 (v/v)

	
2/98 (v/v)

	
1/99 (v/v)

	
0.5/99.5 (v/v)

	
0.2/99.8 (v/v)






	
EM/DM

	
√ 0.664

	
√ 0.804

	
√ 0.959

	
√ 0.974

	
√ 0.984

	
√ 0.967

	
√ 0.888

	
√ 0.895




	
EM/GM

	
√ 0.846

	
√ 0.902

	
√ 0.891

	
√ 0.823

	
√ 0.871

	
√ 0.790

	
√ 0.878

	
× 0.964




	
BM/DM

	
√ 0.644

	
√ 0.813

	
√ 0.948

	
√ 0.969

	
√ 0.954

	
√ 0.983

	
√ 0.978

	
√ 0.957




	
BM/GM

	
√ 0.583

	
√ 0.754

	
√ 0.822

	
√ 0.876

	
√ 0.873

	
√ 0.805

	
√ 0.828

	
√ 0.778











3. Experimental Section


3.1. Milk Sampling and Preparation


The following samples were analyzed: (i) raw GM, DM, CM, EM, and BM collected from Italian farms (Lazio and Puglia); and (ii) adulterated samples made of CM/GM, EM/GM, BM/GM, CM/DM, EM/DM, and BM/DM mixtures, in volume ratios 0.2/99.8, 0.5/99.5, 1/99, 2/98, 5/95, 10/90, 30/70, and 50/50. Raw GM (from six goats belonging to Maltese breed), DM (from six she-donkeys belonging to Amiata, Viterbese and Martina Franca breeds), CM (from six cows belonging to Frisona breed), EM (from six ewes belonging to Tuscolania breed), and BM (from six buffalos belonging to Mediterranean Italian breed) samples were collected at middle lactation stage (125 ± 20 days), from two Italian herds located in Lazio and Puglia. Raw milk samples were mechanically collected into sterile polystyrene containers, immediately frozen, and stored at −80 °C until use, to prevent undesired proteolysis. After thawing, raw milk samples were defatted by centrifugation (using the Eppendorf Centrifuge 5417 R) and analyzed by linear MALDI-TOF MS for the generation of proteomic phenotyping profiles. The milk was defatted by two-step centrifugation (3000× g, 10 min) at 4 °C and the skimmed milk was centrifuged (20,000× g, 20 min) at 4 °C to remove bacteria and cell debris. The skimmed milk’s fractions were subsequently diluted 1:100 with ultrapure water (Milli-Q Millipore) and analyzed by linear MALDI-TOF MS as reported in the next paragraph.




3.2. MALDI-TOF MS Spectra Acquisition


One microliter of diluted skim milk was placed onto an MSP 96 polished steel target (Bruker Daltonics, Bremen, Germany) and allowed to dry at room temperature. Each sample was overlaid with 1 µL of matrix, which consisted of a solution of 10 mg/mL of sinapinic acid (Sigma–Aldrich, St. Louis, MO, USA) in 50% acetonitrile-0.1% trifluoroacetic acid (Sigma–Aldrich). Measurements were performed with a Microflex LT linear mass spectrometer (Bruker Daltonics), using FlexControl software package (version 3.0 Bruker Daltonics) [23]. Spectra were recorded in the positive linear mode (laser frequency, 20 Hz; ion source 1 voltage, 20 kV; ion source 2 voltage, 18.4 kV; lens voltage, 9.1 kV; mass range, 2000 to 25,000 Da). Six independent spectra (500 shots one step from different positions of the target spot, for spectrum) for each skimmed milk’s fraction were manually collected, externally calibrated by using Bacterial Test Standard (Bruker Daltonics) and subsequently analyzed.




3.3. MALDI-TOF MS Spectra Analysis


The entire set of data considered in this work consists in a collection of 468 MS spectra (six animals for 5 milk species for six spectra replicas and, 8 different percentage of adulteration for each adulterated sample’s mixture for six spectra replicas). MS spectra were manually acquired, and visually inspected before statistical analysis.



Spectra were loaded into FlexAnalysis software, version 3.0, (Bruker Daltonics) and preprocessed for: (i) mass adjustment, spectra were compressed by a factor of 10 in the total mass range; (ii) smoothing, mass data were adjusted by the Savitsky–Golay algorithm with a frame size of 25 Da; (iii) baseline subtraction, was applied the minimum value for finding the baseline; (iv) normalization, was applied the maximum morm to normalize the baseline subtracted data; and (v) peak picking, was applied spectra differentiation algorithm for finding the peaks, maximum peaks 100, threshold 0.1, method peak fitting. The entire preprocessed raw datasets of the 180 spectra replicas from the milk samples and 288 spectra replicas from the simulated fraudulent addition of DM and GM by CM, EM and BM were imported in R Bioconductor [24] for correlation matrices calculation (Pearson’s correlation) and hierarchical clustering. To gain confidence on the structure of the tree, we used the resampling package pvclust. For each cluster in hierarchical clustering, p-values (between 0 and 1) are calculated via multiscale bootstrap resampling. The package pvclust provides two types of p-values: AU (Approximately Unbiased) and BP (Bootstrap Probability). AU, which is computed by multiscale bootstrap resampling, is a better approximation to unbiased p-value than BP value computed by normal bootstrap resampling. The same set of spectra, were imported in Biotyper 3.1 software and converted into a virtual gel (pseudo-gel-like) format. The mass values (m/z) were reported on the X axis, while the color bar, reported on the Y axis, showed the relationship between the color and the pick intensity.



To visualize differences between milk and milk-adulterated populations, hierarchical clustering analysis was performed by principal component analysis (PCA) and dendrogram creation, via the external MATLAB (Matrix Laboratory) tool integrated in the MALDI Biotyper (Bruker Daltonik GmbH, Bremen, Germany).



In order to the PCA clustering method, we used the following parameters: Method, hierarchical; distance measure, correlation; linkage algorithm, average.





4. Conclusions


The detection of fraudulent adulterations and unintended contaminations of DM and GM by fast and efficient analytical methods is a matter of fundamental importance because many allergic children are fed with these fundamental nutrients. To this purpose, in this work we presented a suitable analytical method based on MALDI-TOF MS coupled to a robust statistical analysis (hierarchical clustering and PCA analysis) that provides substantial advances in the typing of milk and allows the investigation of the commonest types of adulterations in a straightforward, accurate and sensitive way.



This approach does not involve laborious pre-analytical sample separation steps and represents a fast reliable and robust method for routine analyses also for dairy industry. We would like to emphasize that although the Biotyper analysis allows to recognize adulterated milks (when compared with other types of milk) made by low percentage (even below 0.5%) of adulterant, a post hoc refinement of the analysis (bootstrapping analysis) indicated that the method is reliable for recognition of samples adulterated up to 0.5%. Overall, these results suggest that MALDI-TOF spectra of milk samples preliminarily analyzed by the integrated Biotyper software, allows a rapid determination of specimens adulterated even at low percentage of adulterant. Of note, the suggested workflow is far from being a quantitative analytical method, as the discrimination of classes of samples at different percentages of adulteration is still not possible with the analytical and statistical methods employed in this work.



Finally, the analytical strategy herein described is highly sensitive and robust compared to the techniques employed and reported so far in the literature and allows the qualitative identification of adulterated DM and GM milks obtained by the fraudulent addition of other types of milk up to a limit of 0.5%.








Supplementary Files

Supplementary File 1



Acknowledgments


This work was supported by San Camillo Hospital, Treviso, Italy Fellowship Program to Maurizio Muraca; Ministry of Health, Ricerca Corrente (RC201402G003251) to Lorenza Putignani.




Author Contributions


Francesco Di Girolamo conceived and designed the study, recruited samples, acquired mass spectra, interpreted the data and drafted the manuscript; Andrea Masotti performed the statistical analysis of the data and participated in drafting the manuscript; Margherita Scapaticci performed all pre-analytical procedures and contributed to data generation; Maurizio Muraca made substantial contributions to the interpretation of data and gave his valuable support in the critical revision of the manuscript and conceptual content; Lorenza Putignani contributed to conceive and designed the study and to draft the manuscript. All the authors read and approved the final manuscript.




Conflicts of Interest


The authors declare no conflict of interest.




References


	



Salimei, E.; Fantuz, F. Equid milk for human consumption. Int. Dairy J. 2012, 24, 130–142. [Google Scholar] [CrossRef]

	



Roncada, P.; Gaviraghi, A.; Liberatori, S.; Canas, B.; Bini, L.; Greppi, G.F. Identification of caseins in goat milk. Proteomics 2002, 2, 723–726. [Google Scholar] [CrossRef]

	



Park, Y.W. Hypo-allergenic & therapeutic significance of goat milk. Small Rumin. Res. 1994, 14, 151–159. [Google Scholar] [CrossRef]

	



Iacono, G.; Carroccio, A.; Cavataio, F.; Montalto, G.; Soresi, M.; Balsamo, V. Use of ass’s milk in multiple food allergy. JPGN 1992, 14, 177–181. [Google Scholar]

	



Addeo, F.; Pizzano, R.; Nicolai, M.A.; Caira, S.; Chianese, L. Fast isoelectric focusing and antipeptide antibodies for detecting bovine casein in adulterated water buffalo milk and derived mozzarella cheese. J. Agric. Food Chem. 2009, 57, 10063–10066. [Google Scholar]

	



Enne, G.; Elez, D.; Fondrini, F.; Bonizzi, I.; Feligini, M.; Aleandri, R. High performance liquid chromatography of governing liquid to detect illegal bovine milk’s addition in water buffalo mozzarella: Comparison with results from raw milk and cheese matrix. J. Chromatogr. A 2005, 1094, 169–174. [Google Scholar] [CrossRef]

	



Cunsolo, V.; Muccilli, V.; Saletti, R.; Foti, S. Applications of mass spectrometry techniques in the investigation of milk proteome. Eur. J. Mass Spectrom. 2011, 17, 305–320. [Google Scholar] [CrossRef]

	



Cozzolino, R.; Passalacqua, S.; Salemi, S.; Garozzo, D. Identification of adulteration in water buffalo mozzarella and in ewe cheese by using whey proteins as biomarkers and matrix-assisted laser desorption/ionization mass spectrometry. J. Mass Spectrom. 2002, 37, 985–991. [Google Scholar] [CrossRef]

	



Czerwenka, C.; Muller, L.; Lindner, W. Detection of the adulteration of water buffalo milk and mozzarella with cow’s milk by liquid chromatography–mass spectrometry analysis of β-lactoglobulin variants. Food Chem. 2010, 122, 901–908. [Google Scholar]

	



Chen, R.K.; Chang, L.W.; Chung, Y.Y.; Lee, M.H.; Ling, Y.C. Quantification of cow milk adulteration in goat milk using high-performance liquid chromatography with electrospray ionization mass spectrometry. Rapid Commun. Mass Spectrom. 2004, 18, 1167–1171. [Google Scholar] [CrossRef]

	



Cunsolo, V.; Cairone, E.; Muccilli, V.; Saletti, R.; Foti, S. Sequence and phosphorylation level determination of two donkey β-caseins by mass spectrometry. Rapid Commun. Mass Spectrom. 2009, 13, 1907–1916. [Google Scholar]

	



Cunsolo, V.; Cairone, E.; Fontanini, D.; Criscione, A.; Muccilli, V.; Saletti, R.; Foti, S. Sequence determination of αs1-casein isoforms from donkey by mass spectrometry methods. J. Mass Spectrom. 2009, 44, 1742–1753. [Google Scholar]

	



Cunsolo, V.; Muccilli, V.; Fasoli, E.; Saletti, R.; Righetti, P.G.; Foti, S. Poppea’s bath liquor: The secret proteome of she-donkey’s milk. J. Proteomics 2011, 74, 2083–2099. [Google Scholar] [CrossRef]

	



Saletti, R.; Muccilli, V.; Cunsolo, V.; Fontanini, D.; Capocchi, A.; Foti, S. MS-based characterization of αs2-casein isoforms in donkey’s milk. J. Mass Spectrom. 2012, 47, 1150. [Google Scholar] [CrossRef]

	



Giuffrida, M.G.; Cantisani, A.; Napolitano, L.; Conti, A.; Godovac-Zimmermann, J. The amino acid sequence of two isoforms of α-lactalbumin from donkey (Equus asinus) milk is identical. Biol. Chem. Hoppe-Seyler 1992, 373, 931–935. [Google Scholar]

	



Godovac-Zimmermann, J.; Conti, A.; Napolitano, L. The primary structure of donkey (Equus asinus) lysozyme contains the Ca(II) binding site of α-lactalbumin. Biol. Chem. 1988, 369, 1109–1115. [Google Scholar]

	



Herrouin, M.; Mollé, D.; Fauquant, J.; Ballestra, F.; Maubois, J.L.; Leonil, J. New genetic variants identified in donkey’s milk whey proteins. J. Protein Chem. 2000, 19, 105–115. [Google Scholar] [CrossRef]

	



Godovac-Zimmermann, J.; Conti, A.; James, L.; Napolitano, L. Microanalysis of the amino-acid sequence of monomeric β-lactoglobulin I from Donkey (Equus asinus) milk. Biol. Chem. 1988, 369, 171–179. [Google Scholar]

	



Cozzolino, R.; Passalacqua, S.; Salemi, S.; Malvagna, P.; Spina, E.; Garozzo, D. Identification of adulteration in milk by matrix-assisted laser desorption/ionization time-of-flight mass spectrometry. J. Mass Spectrom. 2001, 36, 1031–1037. [Google Scholar] [CrossRef]

	



Cunsolo, V.; Muccilli, V.; Saletti, R.; Foti, S. MALDI-TOF mass spectrometry for the monitoring of she-donkey’s milk contamination or adulteration. J. Mass Spectrom. 2013, 48, 148–153. [Google Scholar] [CrossRef]

	



Fanton, C.; Delogu, G.; Maccioni, E.; Podda, G.; Seraglia, R.; Traldi, P. Matrix-assisted laser desorption/ionization mass spectrometry in the dairy industry 2. The protein fingerprint of ewe cheese and its application to detection of adulteration by bovine milk. Rapid Commun. Mass Spectrom. 1998, 12, 1569–1573. [Google Scholar]

	



Calvano, C.D.; de Ceglie, C.; Monopolia, A.; Zambonina, C.G. Detection of sheep and goat milk adulterations by direct MALDI-TOF MS analysis of milk tryptic digests. J. Mass Spectrom. 2012, 47, 1141–1149. [Google Scholar] [CrossRef]

	



Putignani, L.; del Chierico, F.; Onori, M.; Mancinelli, L.; Argentieri, M.; Bernaschi, P.; Coltella, L.; Lucignano, B.; Pansani, L.; Ranno, S.; et al. MALDI-TOF mass spectrometry proteomic phenotyping of clinically relevant fungi. Mol. Biosyst. 2011, 7, 620–629. [Google Scholar] [CrossRef]

	



Gentleman, R.C.; Carey, V.J.; Bates, D.M.; Bolstad, B.; Dettling, M.; Dudoit, S.; Ellis, B.; Gautier, L.; Ge, Y.; Gentry, J.; et al. Bioconductor: Open software development for computational biology and bioinformatics. Genome Biol. 2004, 5, R80. [Google Scholar] [CrossRef][Green Version]





© 2014 by the authors; licensee MDPI, Basel, Switzerland. This article is an open access article distributed under the terms and conditions of the Creative Commons Attribution license (http://creativecommons.org/licenses/by/3.0/).







media/file4.png
Wamo
() 05105

W

o

e _LI:LIZLJ

enoadg

i





nav.xhtml


  ijms-15-13697


  
    		
      ijms-15-13697
    


  




  





media/file11.png
PCA Dendrogram

14
°

%

H
ki

3

[

g

s
2
o

04 [

fant > Iy S T b e Py
™ GM EM BM 50/50 (v/v) DM
Spectra “M/DM

e So/sp

(¢
CM/DIZ")

£

-3 -4

(a)
PCA Dendrogram

16 [
g
(]
a
@
Q
]
]
2 L
a
0.4
T 1 ! )
2223182119 20 6 10 7 11 8 9 1216 14 15 17 13 1 3 2 5 4 24 28 29 2526 27 32 34 38 33 37 39
M GM EM M 10/90 (v/v)
Spectra CM/DM
4_
1 o™
09
)
8 R @STD,
a ““\

(b)
PCA Dendrogram

15 [
°
s
o
-
@
S
<
z
a
0.5
0
BM GM EM e 2/98 (v/v) DM
CcM/DM
4
o™ 208
£
Gz
T & —
0 T )
0 — T PC1
pC2 -3 -4
PCA Dendrogram
16 |
°
3
s
o
3
c
g |
2
a
02
2223182119 21 6 10 7 11 8 9 121614 15 17 13 1 3 2 5 4 24 28 29 25 26 27 30 33 36 34 35 39
oM GM EM BM DM 0.2/99.8(v/v)
“M/DM
4

0.29
CM/‘I‘; ()






media/file18.png
Height

Height

0.8

0.6

0.4

0.2

0.0

0.8

0.6

0.4

0.2

0.0

Cluster dendrogram with AU/BP values (%)

au_bp

100 | 100

~
s’ \\
y 100 | 100 N

100 l, 100 | 100 \\
100 | 100 Y 100 | 100 100 {100 100 100 1
-l

]
i I
o o
||‘ I Q| (&)
\

DC03_3
DCO03_1
DC03_2

\ \V /
AN pm/cm ¢
\ V4
~ DM 0.3% »

\~ I’

4
y -
~--—————

(a)

100 | 100

100

100 | 100
100 [ 100 490 499 ’jlﬁ
F|| Nl ml F|| Nl
o o o " L

CM EM

Cluster dendrogram with AU/BP values (%)

~
N o =

100 | 100

=)
©

GM

au_bp
100 | 100
100 | 100
100 | 100
"
,f
,/
" 100 | 100 100 | 100
. 100100 Y/ 1001100 490 4 ’7@% I—
‘ | | /]
' (o] L] o
~N o l NI HI |.|.|I |.|.|I |.|.|I N|
m @ ] 3 3 ©
| 2 o
\ a a
BM \ EM GM
. DM/CM
~_ 0.4%
\\ »

100 ] 100

100 {100

o
\UJ

™M
O





media/file1.png
BM

)\

GM

DM

(\o
W

60

50

40

30

20 7

10






media/file16.png
Height

Height

0.8

0.6

0.4

0.2

0.0

0.8

0.6

0.4

0.2

0.0

Cluster dendrogram with AU/BP values (%)

au bp
100 ] 100
100 | 100
100 | 100
100 |1 100 | 1
%JM_FW 100 [1 100 | 100 10011039, 100 |__J?|LTI1TW |_-J?|°—?|1—°°‘
BM DM/CM DM M EM GM
0.5%
(a)
Cluster dendrogram with AU/BP values (%)
au bp
100 | 100
100 | 100
TP e e e T
GM/CM
DM GM EM
BM cM 0.5%






media/file2.png
Distance Level

0.4

Height

PCA Dendrogram

e

—

R EEE R
Y M
Spectra

9 10 8 12 7 om o1 2
BM

%

R EEE R
EM c™m

values (%)

Cluster 4 /

1001400

100100

EM

BM






media/file13.png
14 PCA Dendrogram
°
s
@
a |
@
g
-
g
£
a |
0.4 -
TSN B e P B Y ST
8 10 9 127 111 23 6 4 5 131715 16 18 14 1922 20 21 23 24 25 27 28 26 29 3031 33 34 35 2 36
BM DM EM "M GM 50/50 (v/v)
Spectra CM/DM
-
o
50/50 (v/v)
38 CM/GM
o
o-| @ "
I =
o~
R -
H -
(a)
PCA Dendrogram
14
T
3
@
S L
c
b
2
[=]
0.2
ol 1 T 1 1 TIPS Pl D
810 9 12 7 111 2 6 3 4 5 13 17 15 16 18 14 25 27 28 26 29 30 34 31 35 33 32 3619 22 20 21 23 24
BM DM EM GM 10/90 (v/ e}
Spectra CM/GM
- ©)
o™

1090 (viv)
CM/GM

(b)
PCA Dendrogram

15
s -
H
)
@
8
c
s
2
a
05 -
35 36 2534 33 27 28 29 30 31 32 13 15 17 16 18 14 1923 22 24 2021 1 2 6 3 4 5 7 11 8 10 9 1
2/98 (vIv) GM ™ DM
CM/GM Spectra
-
o™
— 10/90 (v1v)
CM/GM ‘
3 DM
o 01
GM
-
- El <0
S e e Sl
& : - e —— et
0 ——
PC2 - 4 Pct
()
15 PCA Dendrogram
05
0 I L1 \/— \!\/_ D
26 30 25 29 28 27 31 33 35 32 34 36 19 22 23 20 21 24 1316 17 18 14 15 1 2 3 4 6 5 7 11 8 9 10 12
GM 0.2/99.8(v/v) el EM DM BM
CM/GM Spectra
“
0|
0.2/99.8 (v/v) M
CM/GM
M )
) GM
T EM






media/file7.png
2 g B s = e
WOND  WOMD  WOMD WO WOND WD WOND  WOMD
WOFGOTO WSSO (O6HT  (WSET  (WSeS  (oogol  (WOLE  (wosws WO wo

e L L L e W W W W

-— e &





media/file9.png
@)

DM
50/50 (v/v)
CM/DM
30/70 (v/v)
CM/DM
10/90 (v/v)
CM/DM
5/95 (v/v)
CM/DM
2/98 (vv)
CM/DM

0.2/99.8 (v}
CM/DM

0.5/99.5 (v/v) CM/DM

(b)

GM

50/50 (v/v)
CM/GM

30/70 (v/v)
CM/GM

10/90 (v/v)
CM/GM
5/95 (v/v)
CM/GM
2/98 (v/v)
CM/GM
1/99 (vv)
CM/GM

0.5/99.5 (v/v)
CM/GM

2/99.8 (v/v
CM/GM

=
<]
=
3]

0.2/99.8





media/file10.png
(2)

DM

50/50 (v/v)
CM/DM
30/70 (v/v)
CM/DM
10/90 (v/v)
CM/DM
5/95 (v/v)
CM/DM
2/98 (v/v)
CM/DM

1/99 (v/v)
CM/DM

0.5/99.5 (v/v)

CM/DM

0.2/99.8 (v/v)

CM/DM

50/50 (v/v) CM/DM
30/70 (v/v) CM)DM

DM

3

0.5/99.5 (v/v) CM/DM
0.2/99.8 (v/v) CM/DM

10/90 (v/v) CM/DM
5/95 (v/v) CM/DM
2/98 (v/v) CM/DM
1/99 (v/v) CM/DM

A o

(b)

GM

50/50 (v/v)
CM/GM
30/70 (v/v)
CM/GM
10/90 (v/v)
CM/GM
5/95 (v/v)
CM/GM
2/98 (v/v)
CM/GM

1/99 (v/v)
CM/GM

0.5/99.5 (v/v)

CM/GM

0.2/99.8 (v/v)

CM/GM

50/50 (v/v) CM/GM
30/70 (v/v) CM)GM

GM

;

} 10/90 (v/v) CM/GM

;

5/95 (v/v) CM/GM
2/98 (v/v) CM/GM
1/99 (v/v) CM/GM
0.5/99.5 (v/v) CM/GM
0.2/99.8 (v/v) CM/GM

0.8 -

0.6 ~

0.4 -

0.2

0.0





media/file5.png
T ——————— ~1
s . 1 . —t—t Y
g @ S a S =
NA/ND NA/ND NA/ND NA/ND NA/ND NA/ND NA/ND NA/ND
(/) 8'66/7°0 (1/4)5°66/S0 (/1) 66/1  (4/4) 86/T (W) se/s  (ya) 0601 (W) OLI0E  (4/4) 0S/0S D Na
} A ) A A A A A } }
[ || |V I I A | B | A O D

N T I N R AR RN T l EEEE B TTITTT TR
(=
N

SR ] | EE—_— T I I ! [ —-— -
| , | | | | ! ] , I

—— - ——— — =] ] = — et E—— - —=
&
=]
=
N
S
o

| | — ] — —— == E—
I

- [ ]

o

©N0adg





media/file15.png
Height

Height

Cluster

/BP values (%)

au bop
100 J1¢ 100 | 1¢
BM DM/CM DM
0.5%
(a)
Cluster /BP values (%)
au bp
1001100
’_W_‘LI
;i 0] 1
BM DM ™M






media/file12.png
1.6

Distance Level

0.4

1.5

Distance Level

1.4

Distance Level

0.4

0

PCA Dendrogram

\—/
22 23 19 20 18 21 6

T | e s |
v v
35 30 32 34 33 31 24 28 29 25 26 27

50/50 (v/v) DM
CM/DM

| | | |
\/
2 3 5 4

BM

I I [ o s |
\—/
10 7 11 8 9

GM

12 16 14 15 17 13 1
EM
Spectra

CM

-3 -4

(a)

PCA Dendrogram

| % I I | | | I I | | I I

22 23 18 21 19 20 6

10 7 11

GM

8 9 12 16 14 15 17 13 1

EM

3 4 24 28 29 25 26 27 32 34 38 33 37 39

DM 10/90 (v/v)
CM/DM

CM

PC2

(b)

PCA Dendrogram

N L LN

P e

PC3

1.6

Distance Level

0.2

11 9 12 16 17 13 18 21 22 23 39 30 38 36 24 27

2/98 (vlv)
CM/DM

25 26

EM CM DM

PCA Dendrogram

PC3

22 23 18 21 19 21 6
CM

10 7 11

GM

8 9 12 16 14 15 17 13 1

EM

4 24 28 29 25 26 27 30 33 36 34 35 39

DM 0.2/99.8(v/v)
CM/DM

0.2/99-8(1, S

o

PC2





media/file3.png
Height

0.6

0.4

0.2

0.0

Distance Level

0.8

0.6

0.4

0.2

0.0

PCA Dendrogram

| | | | \(ﬁ% ll | |I_|_h ll II_I_I__IZI—|ﬁ | | | \
BM DM GM EM CM
Spectra
(a)
e
\ DM
E
oM @ M \V
ol | G

-3 -4 PC1

(b)
Cluster dendrogram with AU/BP values (%)

au bp

1001100

100 [ 100

100

(d)






media/file0.png
m/z (10%)

. GM

T
BM

T
EM

JL

L
o p—
M

DM

50






media/file17.png
Height

Height

100f10

10l 100

LTINS og





media/file14.png
14 I PCA Dendrogram

o
>
Q
- -
Q
O
-
©
i
1)
o L

04 -

0T L L TN o~ T TN

\___/\AMA__/

8 10 9 12 7 11 1 2 3 6 4 5 13 17 15 16 18 14 19 22 20 21 23 24 25 27 28 26 29 30 31 33 34 35 32
BM DM EM CM GM 50/50 (v/v)
Spectra CM/DM

(a)

PCA Dendrogram

1.4

Distance Level
|

0.2 -

|

ﬂ
0L 1 1l 1 YT | | |1,—l—mm Ll

36

8 10 9 12 7 1 1 2 6 3 4 5 13 17 15 16 18 14 25 27 28 26 29 30 34 31 35 33 32 36 19 22 20 21 23 24

BM DM EM GM 10/90 (v/v) CM

Spectra CM/GM

10/90 (v/y)
CM/GM

DM

PC3

PC2

(b)
PCA Dendrogram
1.5 -

Distance Level

Orll|llY|.!!'__||llll||||||1

26 35 36 25 34 33 27 28 29 30 31 32 13 15 17 16 18 14 19 23 22 24 20 21 1 2 6 3 4 5 7 11 8 10 9

2/98 (v/v) GM EM CM DM BM
CM/GM Spectra

1090 01v)

PC3

PC2 s 4  PC1

15 PCA Dendrogram

0 I I S —— "] e T L1l | I R T N | et Y L |

26 30 25 29 28 27 31 33 35 32 34 36 19 22 23 20 21 24 13 16 17 18 14 15 1 2 3 4 6 5 7 11 8 9 10 12

GM 0.2/99.8(v/v) CM EM DM BM
CM/GM Spectra

A






media/file8.png
.

=
. .
S 7 S & & 2
WO/ND WO/ND NWO/IND WO/ND NWO/IND IWD/ND NWO/IND WO/ND
(4/1) 8°66/7°0 (/1) S°66/S0  (4/4) 66/1 (1/4) 86/ (1/4) S6/S (4ya) 06/01 (/1) 0L/OE (4/4) 0S/0S
] i |\ | | | \ ]
| K| 11 | [ | | N | |l | \ | | |
— —_— T RN RNT - I TITTTT
L |
- | R g
L |
- — - — ——— I — — = I | —— ]
- - - = — | — — e — - —

D D

e

| L e YO
N

20

15

miz (103)

10






