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Abstract

:

Oxidative stress is a common phenomenon and is linked to a wide range of diseases and pathological processes including aging. Tissue-specific variation in redox signaling and cellular responses to oxidative stress may be associated with vulnerability especially to age-related and chronic diseases. In order to provide a basis for tissue-specific difference, we examined the tissue-specific transcriptional features of 101 oxidative stress-associated genes in 10 different tissues and organs of healthy mice under physiological conditions. Microarray analysis results, which were consistent with quantitative polymerase chain reaction (qPCR) results, showed that catalase, Gpx3, and Gpx4 were most highly regulated in the liver, kidney, and testes. We also found the tissue-specific gene expression of SOD1 (liver and kidney), SOD2 (heart and muscle), and SOD3 (lung and kidney). The current results will serve as a reference for animal models and help advance our understanding of tissue-specific variability in oxidative stress-associated pathogenesis.
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1. Introduction


Each organ and tissue is vulnerable to a variety of toxic agents and carcinogenic exposures. The various disease-associated phenomena that occur in different tissues result from their unique biological environments, which are affected by cellular composition, blood circulation, and the chance of exposure to pathogenic factors [1]. The production of reactive oxygen species (ROS) is unavoidable in all aerobic organisms, which derive their energy from the reduction of oxygen. Oxidative stress is therefore considered one of the key mediators in a wide range of pathological processes including inflammation, vascular disorders, cancer, and aging [2,3].



Aerobic organisms have evolved highly efficient and adaptive antioxidant defense mechanisms, and many reports indicate that antioxidant capacity and susceptibility to oxidative stress are highly tissue-specific [4,5]. Tissue-specific reductions in telomere length after treatment with an oxidative stressor (l-buthionine sulfoximine) are associated with the variable antioxidative capacity of each tissue [6]. Therefore, defining the oxidative stress-related characteristics of multiple organs can help elucidate the mechanisms of oxidative stress-associated pathogenesis in each organ or tissue.



On the other hand, it is known that gene expression varies more considerably across organs than across species and that tissue-specific transcriptome profiling tends to be associated with diseases [7]. There are several studies partially reporting tissue-specific gene expression or protein activity after exposure to toxic agents. For example, one group reported the differential expression of glutathione S-transferase (GST) isoenzymes in the liver, kidney, and testis in diabetic rats after treatment with streptozotocin [8]. Another group found that tissue-dependent toxicity was related to oxidative stress in fish exposed to 2,4-dichlorophenoxyacetic acid orazinphosmethyl [9]. In addition, one group reported a tissue-specific transcriptome resource of six different organs in starfish [10]. To date, however, no study has simultaneously compared the oxidative stress-related transcriptome in multiple organs under physiological condition especially in mice.



In order to provide a valuable resource for tissue-specific oxidative stress as an experimental model organism, the present study investigated the genome-wide expression profile of 10 different tissues/organs in healthy mice and identified tissue-specific features of the oxidative stress-associated transcriptome.




2. Results and Discussion


We first verified the internal consistency of 50 data sets (ten different tissues of five different mice) and compared the results from 10 tissues using principal component analysis (PCA), which showed a distinct pattern of clustering by tissue. In total, 9131 genes with SD values <0.3 for all 10 tissues collected from five mice were selected from the initial pool of 28,853 genes. The spleen and thymus, liver and kidney, and heart and muscle were most closely clustered (Supplementary Figure S1A). These transcript patterns were in accordance with the hierarchical clustering (HC) structure, reflecting the known similarity of biological functions between these tissues (Supplementary Figure S1B). In particular, the gene expression profiles of the cerebrum and testes were clearly distinct from those of the remaining tissues in the HC analysis and correlation matrix plot, as well as in PCA. These results are very similar to those of previous studies conducted with human organs [11], which supports the quality of the current transcriptome data and the relevance of these findings to the human context.



Identifying the differential transcriptomic features of various organs, tissues, and cell types is important in elucidating the physiology, pathology, and targets of treatments [12]. In the present study, we aimed to investigate the tissue-specific features of the oxidative stress-related transcriptome. We identified 101 oxidative stress-related genes from 9131 genes using the Gene Ontology (GO) database and the search term ‘response to oxidative stress’ (http://www.geneontology.org/). The GO annotations have proven to be remarkably useful for the mining of functional and biological significance from very large datasets, such as microarray results [13]. All of these selected 101 genes showed a 2-fold change in gene expression at least in one tissue compared to the average values across 10 tissues, which illustrates the diverse activities of oxidative stress-related genes in each organ under normal conditions. The HC structure of these genes was slightly different than with the 9131 genes. For example, the clustering of the heart and muscle, spleen and thymus, liver and kidney, and lung and stomach were similar, but the next highest cluster differed between the two sets. The testes and brain tissues had a unique expression profile across the 101 genes compared to the remaining eight tissues, as shown on the heat-map. On the other hand, the cerebrum would be very close to spleen and thymus in the hierarchical clustering (Figure 1 and Supplementary Figure S1B).



Our data reflects known patterns of gene expression across 10 different tissues. In an analysis of big transcriptomics data from human tissues and organs, the testes and brain tissue had the highest number of tissue-enriched protein-coding genes [14]. However, the testis and cerebrum had the lowest transcriptional activity for oxidative stress-related genes (for example catalase) compared to other tissues as our data showed (Figure 1 and Supplementary Table S1). Brain is known to be particularly susceptible to oxidative damage due to its high energy and oxygen demands, its abundance of highly unsaturated fatty acids and its relatively limited antioxidant capacity relative to other organs [15,16]. Testes are also at risk since both spermatogenesis and Leydig cell steroidogenesis are vulnerable to oxidative stress [17]. To compensate for these features of the microenvironment, these two organs have specific blood–tissue barriers, called the blood–testis barrier (BTB) and the blood–brain barrier (BBB), to protect them from immunological processes [18,19].



The production of reactive oxygen species (ROS) is potentially toxic and can impair cellular or tissue integrity [20]. Animals and humans have therefore evolved highly efficient and adaptive antioxidant defense mechanisms, including enzyme-based antioxidants such as superoxide dismutase (SOD), catalase (CAT), and the glutathione (GSH) oxidation/reduction system, and non-enzyme antioxidant molecules [21]. However, oxidative stress and an excessive generation of ROS exceeding the ability of the cell to remove them often occur, and this is linked to a wide range of diseases and pathological processes [22]. The abilities of normal cells to respond to endogenous and exogenous oxidative stress may be compromised by alterations in the expression of antioxidant enzyme genes [23]. To validate the tissue-specific transcriptional profiles (microarray experiments) of mRNA samples isolated from 10 different tissues in healthy mice, we analyzed several well-known or typical genes including Cat, Gpx3, Gpx4, and Sod1 to 3 using quantitative real-time PCR.



The gene expression patterns from the microarray experiments were mostly consistent with data obtained from quantitative real-time PCR (Figure 2). Moreover, these results reflect available physiological knowledge. The average signal intensities of Gpx3 and Gpx4 were very high in our microarray data, and expression of these genes was specific to the kidney and testes. Gpx3 is known to be synthesized by peroxidase primarily in the kidney and distributed through the bloodstream [24]. Catalase is another important enzyme that catalyzes the removal of hydrogen peroxide from biological tissues, and its gene expression was relatively high in the liver and kidney but low in the testes and brain (Figure 1), which was in accordance with protein activity of catalase (Supplementary Figure S2). This finding correlated with previous analyses of these four organs in rabbit [25] and human tissues [26]. SODs (encoded by the Sod1 to Sod3 genes) catalyze the dismutation of two superoxide radicals into hydrogen peroxide and oxygen [27]. These three isoforms of the SOD family are located in the cytoplasm (Sod1 as Cu/Zn superoxide dismutase), mitochondria (Sod2 as manganese superoxide dismutase), and extracellular space (Sod3), respectively [28]. Sod1 showed the highest gene expression levels in the liver and kidney, whereas Sod2 was most highly expressed in the heart and muscle in both the microarray and qPCR analyses (Figure 2). Mice deficient in Sod1 have an accelerated accumulation of mutations especially in the liver and kidney [29]. The elevated level of ROS is known to contribute considerably to the deterioration of cardiac function [30]. The function of Sod2 was identified based on a lethal cardiomyopathy in Sod2-knockout mice [31] and an association with nonfamilial idiopathic dilated cardiomyopathy in Japanese population [32]. In contrast to intracellular Sod1 and Sod2, the expression of Sod3 was known to be restricted to several tissues, mainly in the lung and kidney [33,34], which is exactly consistent with both our microarray and qPCR results (Figure 2).



These results show a difference in the transcription of these enzyme-based antioxidants across 10 tissues. Analysis of six antioxidation-related genes in two classically immune-related organs, the spleen and thymus, showed the lowest level of gene activity compared to other organs in our study (Figure 2), and these organs are known to have high levels of endogenous melatonin as an antioxidant agent [35]. The testes have a low oxygen tension to minimize the risk of free radical-mediated damage [17], and our study showed the lowest level of gene activity in the testes for the 101 genes (Figure 1 and Supplementary Table S1). In particular, Gpx4 and Cyp11a1 were the most and least highly expressed genes, respectively, in the testes but reversely in cerebrum (Figure 1 and Figure 2). Gpx4 gene serves dual functions in normal sperm development and gonadal development as well as in protection of the cell membrane against lipid peroxidation [36]. Besides involving in corticosteroid synthesis, Cyp11a1 is known to mediate the metabolism of vitamin D2, a membrane antioxidant [37].



It is known that gene expression varies more considerably across organs than across species and that tissue-specifically expressed genes tend to be associated with the tissue-associated diseases [7]. One study presented a similarity in the RNA-seq data-derived transcriptome across tissues using three male mice and three male rats [38]. Furthermore, we compared the pattern of the transcriptome between our data and the RNA-seq platform using enzyme-based antioxidant genes including CAT and isotypes of SOD and GSH peroxidase, respectively. We confirmed the parallel feature of them (Figure S3).



Our data on gene expression of oxidative stress-related genes in healthy mice are consistent with data previously reported in two human databases, TiGER (Tissue-specific Gene Expression and Regulation) [39] and TiSGeD (Tissue-Specific Genes Database) [40]. Genome-wide analyses support the association between tissue-specific gene expression and tissue-restricted protein function, and our data also correlate generally with human protein expression data [41]. However, our data are limited as they are derived from mice, and lack sex-related and age-related information. Nevertheless, our animal-based strategy has the advantage that it allowed us to study the molecular underpinnings of tissue-specific oxidative stress and associated disorders. In addition, we have released our raw dataset to GEO as reference data (https://www.ncbi.nlm.nih.gov/geo/query/acc.cgi?acc=GSE111159) for further analyses.



Taken together, we found that the oxidative stress-related transcriptome in 10 organs and tissues reflects their physiological roles, as a notably tissue/organ-specific manner, most differently in testes. The information obtained from this study will be helpful in advancing our molecular understanding of tissue- and organ-specific oxidative stress-associated effects and disorders. The present study paves way for an animal model of tissue-specific variation in oxidative stress-associated pathogenesis.




3. Materials and Methods


3.1. Mouse Tissue Samples and RNA Extraction


Five male BALB/c mice (six weeks old) were purchased from a commercial animal breeder (OrientBio, Seongnam, Korea). The mice were housed in an auto-controlled pathogen-free animal room at 22 ± 2 °C under a 12:12 h light/dark cycle, and they were provided with commercial pellets and tap water ad libitum for five weeks. The mice were sacrificed by complete blood collection via the inferior vena cava under anesthesia with ether. The spleen, liver, left kidney, left testis, stomach, thymus, lung, heart, brain, and left rectus femorismuscle were removed orderly and then stored in RNAlater solution (Ambion, Austin, TX, USA) at −20 °C. Experiments were designed and performed strictlyin accordance with the Guide for the Care and Use of Laboratory Animals (8th edition, NIH update 2011) and approved by the Institutional Animal Care and Use Committee of Daejeon University (Animal ethical clearance number: DJUARB 2016-034 to 6, 03 March 2016).



Total RNA was extracted using the RNeasy midi kit (Qiagen, Valencia, CA, USA) according to the manufacturer’s instructions. RNA quality and concentration were assessed using an Agilent Bioanalyzer 2100 (Agilent Technologies, Santa Clara, CA, USA) and a NanoDrop ND-1000 spectrophotometer (NanoDrop Technologies, Wilmington, DE, USA), respectively. The absorbance ratio at 260:280 nm for all samples was >1.8 and the RIN value was >8. The integrity of RNA samples was also ascertained by the presence of distinct 28S and 18S ribosomal RNA bands in agarose gels after electrophoretic resolution. Five mouse-derived samples were used for both microarray experiments and verification of gene expression using quantitative real-time PCR (qRT-PCR).




3.2. Microarray Experiments and Data Collection


Microarray analysis was performed for each tissue sample using the GeneChip Mouse gene 1.0 ST array according to the manufacturer’s protocol (Affymetrix, Santa Clara, CA, USA). Briefly, cDNA was synthesized from total RNA (100 ng) using a T7-oligo(dT) primerand Superscript RT II kit (Invitrogen, Carlsbad, CA, USA), and cDNA was purified with a QIAquick PCR Purification Kit. Next, biotin-labeled cRNA was synthesized using an Affymetrix RNA transcription labeling kit (Affymetrix). After cleaning and fragmentation, a total of fifty cDNA samples from each of 10 different tissues collected from the five mice were hybridized using the Mouse gene 1.0 ST array (which contains 28,853 genes) for 16 h. After washing and staining with streptavidin phycoerythrin solution and antibody solution, images were obtained by capturing the fluorescence intensity using a GMS 418 Array Scanner (Affymetrix). Microarray data were uploaded using GenPlexTM v3.0 (Istech Inc., Seoul, Korea) and GeneSpring GX 7.3 software (Agilent Technology) and normalized with RMA [42]. Further statistical analyses were performed primarily using tools included in GenPlex and GeneSpring GX 7.3. Functional annotation of genes was performed per the Gene Ontology™ Consortium (http://www.geneontology.org/index.shtml). Gene classification was based on searches using the GeneCards (http://www.genecards.org/), BioCarta (http://www.biocarta.com/), DAVID (http://david.abcc.ncifcrf.gov/), and Medline (http://www.ncbi.nlm.nih.gov/) databases.




3.3. Confirmation of Tissue Gene Expression Homogeneity


Based on the whole-transcript expression of 28,853 genes, we selected 9131 genes that met two conditions: more than 2-fold change in at least one tissue and SD values <0.3 estimated from the five individual samples for all 10 different tissues. The selected genes were considered to constitute a data set of reliable genes. Principal component analysis (PCA) was used to cluster the signal intensity values of all 50 data sets generated for the 9131 genes using GenPlex software. A hierarchical clustering (HC) algorithm was used to group tissues based on similar expression patterns using the Euclidean distance metric and the same gene lists. The correlation representation was derived from an exploded correlation matrix plot using tools included in GenPlex.




3.4. Selection and Comparative Analysis of Oxidative Stress-Associated Genes in 10 Tissues


Genes related to oxidative stress were selected using the Gene Ontology (GO) database with the search term ‘response to oxidative stress’ (http://www.geneontology.org/). A total of 101 genes met the selection criterion of a 2-fold change in gene expression in at least one tissue compared to average values across 10 tissues (Listed in Supplementary Table S1). The ratio (log base 2) of the signal intensity of each tissue was divided by the mean signal intensity of all 10 tissues. Tissues were ranked according to the HC and genes were ranked based on the relative ratio. The HC was represented using tools provided by GenPlex (the Euclidean distance metric).Next, the mean signal intensity of each gene was determined in all 10 tissues. Finally, the relative ratio of the mean signal intensity was computed for all 10 tissues. The relative ratio was calculated by dividing the mean signal intensities across all the genes (value = 140.1).




3.5. Confirmation Using qRT-PCR


We used qRT-PCR (SYBR green method) to verify and quantify the changes in expression of some of the genes identified by microarray analysis. Briefly, we synthesized cDNA from 1 μg total RNA using reverse transcriptase according to the manufacturer’s instructions (Invitrogen, Carlsbad, CA, USA). PCR was performed for seven genes including β-actin on ABI Prism® 7900HT Sequence Detection System (PE Applied Biosystems, Foster City, CA, USA). Each reaction was performed in triplicate under thermal cycling conditions as follow; 95 °C for 10 min followed by 45 cycles of 95 °C for 10 s, 60 °C for 15 s, and 72 °C for 20 s. The relative transcript levels of genes were determined by comparing to β-actin as the endogenous control. The sequences of the forward and reverse primers (http://bioinfo.ut.ee/primer3-0.4.0/) were as follows: superoxide dismutase 1, soluble (Sod1; NM_011434) (forward) 5′-CAG AAG GCA AGC GGT GAA C-3′ and (reverse) 5′-CAG CCT TGT GTA TTG TCC CCA TA-3′; Sod2 (mitochondrial; NM_013671) (forward) 5′-CCC AGA CCT GCC TTA CGA CTA T-3′ and (reverse) 5′-GGT GGC GTT GAG ATT GTT GA-3′; Sod3 (extracellular; NM_011435) (forward) 5′-AAA GGT TCC CAA ATA CTC TCT CTA AGG-3′ and (reverse) 5′-CCC ACC CCC AAG TTC CAT-3′; catalase (Cat; NM_009804) (forward) 5′-GGA CGC TCA GCT TTT CAT TC-3′ and (reverse) 5′-TTG TCC AGA AGA GCC TGG AT-3′; glutathione peroxidase 3 (Gpx3; NM_001083929) (forward) 5′-GAT GTG AAC GGG GAG AAA GA-3′ and (reverse) 5′-TTC ATG GGT TCC CAA AAG AG-3′; glutathione peroxidase 4 (Gpx4; NM_008164) (forward) 5′-TAA GAA CGG CTG CGT GGT-3′ and (reverse) 5′-GTA GGG GCA CAC ACT TGT AGG-3′; and β-actin (Actb; NM_007393) (forward) 5′-TTG CTG ACA GGA TGC AGA AG-3′ and (reverse) 5′-GTA CTT GCG CTC AGG AGG AG-3′.




3.6. Statistical Analyses


The results obtained from the qRT-PCR and catalase activity analyses were expressed as the mean ± standard deviation (SD). Significant differences between groups were evaluated by one-way analysis of variance (ANOVA) followed by post-hoc multiple comparisons using IBM SPSS statistics software, ver. 20.0 (SPSS Inc., Chicago, IL, USA). Differences with p < 0.05 or p < 0.01 were considered statistically significant.
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	BBB
	blood–brain barrier



	BTB
	blood–testis barrier



	Cat
	catalase



	GO
	gene ontology



	GSH
	glutathione



	Gpx3
	glutathione peroxidase 3



	Gpx4
	glutathione peroxidase 4



	HC
	hierarchical clustering



	PCA
	principal component analysis



	ROS
	reactive oxygen species



	Sod1
	superoxide dismutase 1



	Sod2
	superoxide dismutase 2
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	superoxide dismutase 3







References


	



Kawai, K.; Iwashita, T.; Murakami, H.; Hiraiwa, N.; Yoshiki, A.; Kusakabe, M.; Ono, K.; Iida, K.; Nakayama, A.; Takahashi, M. Tissue-specific carcinogenesis in transgenic mice expressing the RET proto-oncogene with a multiple endocrine neoplasia type 2A mutation. Cancer Res. 2000, 60, 5254–5260. [Google Scholar] [PubMed]

	



Reuter, S.; Gupta, S.C.; Chaturvedi, M.M.; Aggarwal, B.B. Oxidative stress, inflammation, and cancer: How are they linked? Free Radic. Biol. Med. 2010, 49, 1603–1616. [Google Scholar] [CrossRef] [PubMed][Green Version]

	



El Assar, M.; Angulo, J.; Rodriguez-Manas, L. Oxidative stress and vascular inflammation in aging. Free Radic. Biol. Med. 2013, 65, 380–401. [Google Scholar] [CrossRef] [PubMed]

	



Surai, P.F.; Noble, R.C.; Speake, B.K. Tissue-specific differences in antioxidant distribution and susceptibility to lipid peroxidation during development of the chick embryo. Biochim. Biophys. Acta 1996, 1304, 1–10. [Google Scholar] [CrossRef]

	



Leeuwenburgh, C.; Hollander, J.; Leichtweis, S.; Griffiths, M.; Gore, M.; Ji, L.L. Adaptations of glutathione antioxidant system to endurance training are tissue and muscle fiber specific. Am. J. Physiol. 1997, 272 Pt 2, R363–R369. [Google Scholar] [CrossRef]

	



Cattan, V.; Mercier, N.; Gardner, J.P.; Regnault, V.; Labat, C.; Maki-Jouppila, J.; Nzietchueng, R.; Benetos, A.; Kimura, M.; Aviv, A.; et al. Chronic oxidative stress induces a tissue-specific reduction in telomere length in CAST/Ei mice. Free Radic. Biol. Med. 2008, 44, 1592–1598. [Google Scholar] [CrossRef] [PubMed]

	



Breschi, A.; Djebali, S.; Gillis, J.; Pervouchine, D.D.; Dobin, A.; Davis, C.A.; Gingeras, T.R.; Guigo, R. Gene-specific patterns of expression variation across organs and species. Genome Biol. 2016, 17, 151. [Google Scholar] [CrossRef] [PubMed]

	



Raza, H.; Ahmed, I.; John, A. Tissue specific expression and immunohistochemical localization of glutathione S-transferase in streptozotocin induced diabetic rats: Modulation by Momordica charantia (karela) extract. Life Sci. 2004, 74, 1503–1511. [Google Scholar] [CrossRef] [PubMed]

	



Oruc, E.O.; Sevgiler, Y.; Uner, N. Tissue-specific oxidative stress responses in fish exposed to 2,4-D and azinphosmethyl. Comp. Biochem. Physiol. Part C 2004, 137, 43–51. [Google Scholar]

	



Kim, C.H.; Go, HJ.; Oh, H.Y.; Jo, Y.H.; Elphick, M.R.; Park, N.G. Transcriptomics reveals tissue/organ-specific differences in gene expression in the starfish Patiria pectinifera. Mar. Genom. 2018, 37, 92–96. [Google Scholar] [CrossRef] [PubMed]

	



Son, C.G.; Bilke, S.; Davis, S.; Greer, B.T.; Wei, J.S.; Whiteford, C.C.; Chen, Q.R.; Cenacchi, N.; Khan, J. Database of mRNA gene expression profiles of multiple human organs. Genome Res. 2005, 15, 443–450. [Google Scholar] [CrossRef] [PubMed][Green Version]

	



Butler, L.M.; Hallstrom, B.M.; Fagerberg, L.; Ponten, F.; Uhlen, M.; Renne, T.; Odeberg, J. Analysis of Body-wide Unfractionated Tissue Data to Identify a Core Human Endothelial Transcriptome. Cell Syst. 2016, 3, 287–301. [Google Scholar] [CrossRef] [PubMed]

	



Ashburner, M.; Ball, C.A.; Blake, J.A.; Botstein, D.; Butler, H.; Cherry, J.M.; Davis, A.P.; Dolinski, K.; Dwight, S.S.; Eppig, J.T.; et al. Gene ontology: Tool for the unification of biology. The Gene Ontology Consortium. Nat. Genet. 2000, 25, 25–29. [Google Scholar] [CrossRef] [PubMed]

	



Uhlen, M.; Hallstrom, B.M.; Lindskog, C.; Mardinoglu, A.; Ponten, F.; Nielsen, J. Transcriptomics resources of human tissues and organs. Mol. Syst. Biol. 2016, 12, 862. [Google Scholar] [CrossRef] [PubMed]

	



Lovell, M.A.; Markesbery, W.R. Oxidative damage in mild cognitive impairment and early Alzheimer’s disease. J. Neurosci. Res. 2007, 85, 3036–3040. [Google Scholar] [CrossRef] [PubMed]

	



Lovell, M.A.; Markesbery, W.R. Oxidative DNA damage in mild cognitive impairment and late-stage Alzheimer’s disease. Nucleic Acids Res. 2007, 35, 7497–7504. [Google Scholar] [CrossRef] [PubMed]

	



Aitken, R.J.; Roman, S.D. Antioxidant systems and oxidative stress in the testes. Oxid. Med. Cell. Longev. 2008, 1, 15–24. [Google Scholar] [CrossRef] [PubMed]

	



Mital, P.; Hinton, B.T.; Dufour, J.M. The blood-testis and blood-epididymis barriers are more than just their tight junctions. Biol. Reprod. 2011, 84, 851–858. [Google Scholar] [CrossRef] [PubMed]

	



Zhao, Z.; Nelson, A.R.; Betsholtz, C.; Zlokovic, B.V. Establishment and Dysfunction of the Blood-Brain Barrier. Cell 2015, 163, 1064–1078. [Google Scholar] [CrossRef] [PubMed]

	



Halliwell, B. Oxidative stress and cancer: Have we moved forward? Biochem. J. 2007, 401, 1–11. [Google Scholar] [CrossRef] [PubMed]

	



Benzie, I.F. Evolution of antioxidant defence mechanisms. Eur. J. Nutr. 2000, 39, 53–61. [Google Scholar] [CrossRef] [PubMed]

	



Visconti, R.; Grieco, D. New insights on oxidative stress in cancer. Curr. Opin. Drug Discov. Dev. 2009, 12, 240–245. [Google Scholar]

	



Fukagawa, N.K. Aging: Is oxidative stress a marker or is it causal? Proc. Soc. Exp. Biol. Med. 1999, 222, 293–298. [Google Scholar] [CrossRef] [PubMed]

	



Burk, R.F.; Olson, G.E.; Winfrey, V.P.; Hill, K.E.; Yin, D. Glutathione peroxidase-3 produced by the kidney binds to a population of basement membranes in the gastrointestinal tract and in other tissues. Am. J. Physiol.-Gastrointest. Liver Physiol. 2011, 301, G32–G38. [Google Scholar] [CrossRef] [PubMed][Green Version]

	



Shukla, G.S.; Hussain, T.; Srivastava, R.S.; Chandra, S.V. Glutathione peroxidase and catalase in liver, kidney, testis and brain regions of rats following cadmium exposure and subsequent withdrawal. Ind. Health 1989, 27, 59–69. [Google Scholar] [CrossRef] [PubMed]

	



The Human Protein Atlas. Available online: http://www.proteinatlas.org/ENSG00000121691-CAT/tissue (accessed on 5 May 2017).

	



Fontana, L.; Partridge, L.; Longo, V.D. Extending healthy life span--from yeast to humans. Science 2010, 328, 321–326. [Google Scholar] [CrossRef] [PubMed]

	



Zelko, I.N.; Mariani, T.J.; Folz, R.J. Superoxide dismutase multigene family: A comparison of the CuZn-SOD (SOD1), Mn-SOD (SOD2), and EC-SOD (SOD3) gene structures, evolution, and expression. Free Radic. Biol. Med. 2002, 33, 337–349. [Google Scholar] [CrossRef]

	



Busuttil, R.A.; Garcia, A.M.; Cabrera, C.; Rodriguez, A.; Suh, Y.; Kim, W.H.; Huang, T.T.; Vijg, J. Organ-specific increase in mutation accumulation and apoptosis rate in CuZn-superoxide dismutase-deficient mice. Cancer Res. 2005, 65, 11271-5. [Google Scholar] [CrossRef] [PubMed]

	



Takano, H.; Zou, Y.; Hasegawa, H.; Akazawa, H.; Nagai, T.; Komuro, I. Oxidative stress-induced signal transduction pathways in cardiac myocytes: Involvement of ROS in heart diseases. Antioxid. Redox Signal. 2003, 5, 789–794. [Google Scholar] [CrossRef] [PubMed]

	



Lebovitz, R.M.; Zhang, H.; Vogel, H.; Cartwright, J., Jr.; Dionne, L.; Lu, N.; Huang, S.; Matzuk, M.M. Neurodegeneration, myocardial injury, and perinatal death in mitochondrial superoxide dismutase-deficient mice. Proc. Natl. Acad. Sci. USA 1996, 93, 9782–9787. [Google Scholar] [CrossRef] [PubMed]

	



Hiroi, S.; Harada, H.; Nishi, H.; Satoh, M.; Nagai, R.; Kimura, A. Polymorphisms in the SOD2 and HLA-DRB1 genes are associated with nonfamilial idiopathic dilated cardiomyopathy in Japanese. Biochem. Biophys. Res. Commun. 1999, 261, 332–339. [Google Scholar] [CrossRef] [PubMed]

	



Folz, R.J.; Crapo, J.D. Extracellular superoxide dismutase (SOD3): Tissue-specific expression, genomic characterization, and computer-assisted sequence analysis of the human EC SOD gene. Genomics 1994, 22, 162–171. [Google Scholar] [CrossRef] [PubMed]

	



Ookawara, T.; Imazeki, N.; Matsubara, O.; Kizaki, T.; Oh-Ishi, S.; Nakao, C.; Sato, Y.; Ohno, H. Tissue distribution of immunoreactive mouse extracellular superoxide dismutase. Am. J. Physiol. 1998, 275 Pt 1, C840–C847. [Google Scholar] [CrossRef]

	



Lardone, P.J.; Alvarez-Garcia, O.; Carrillo-Vico, A.; Vega-Naredo, I.; Caballero, B.; Guerrero, J.M.; Coto-Montes, A. Inverse correlation between endogenous melatonin levels and oxidative damage in some tissues of SAM P8 mice. J. Pineal Res. 2006, 40, 153–157. [Google Scholar] [CrossRef] [PubMed]

	



Ingold, I.; Aichler, M.; Yefremova, E.; Roveri, A.; Buday, K.; Doll, S.; Tasdemir, A.; Hoffard, N.; Wurst, W.; Walch, A.; et al. Expression of a Catalytically Inactive Mutant Form of Glutathione Peroxidase 4 (Gpx4) Confers a Dominant-negative Effect in Male Fertility. J. Biol. Chem. 2015, 290, 14668–14678. [Google Scholar] [CrossRef] [PubMed]

	



Slominski, A.; Semak, I.; Wortsman, J.; Zjawiony, J.; Li, W.; Zbytek, B.; Tuckey, R.C. An alternative pathway of vitamin D metabolism. Cytochrome P450scc (CYP11A1)-mediated conversion to 20-hydroxyvitamin D2 and 17,20-dihydroxyvitamin D2. FEBS J. 2006, 273, 2891–2901. [Google Scholar] [CrossRef] [PubMed]

	



Söllner, J.F.; Leparc, G.; Hildebrandt, T.; Klein, H.; Thomas, L.; Stupka, E.; Simon, E. An RNA-Seq atlas of gene expression in mouse and rat normal tissues. Sci. Data 2017, 4, 170185. [Google Scholar] [CrossRef] [PubMed]

	



Liu, X.; Yu, X.; Zack, D.J.; Zhu, H.; Qian, J. TiGER: A database for tissue-specific gene expression and regulation. BMC Bioinform. 2008, 9, 271. [Google Scholar] [CrossRef] [PubMed]

	



Xiao, S.J.; Zhang, C.; Zou, Q.; Ji, Z.L. TiSGeD: A database for tissue-specific genes. Bioinformatics 2010, 26, 1273–1275. [Google Scholar] [CrossRef] [PubMed]

	



Fagerberg, L.; Hallstrom, B.M.; Oksvold, P.; Kampf, C.; Djureinovic, D.; Odeberg, J.; Habuka, M.; Tahmasebpoor, S.; Danielsson, A.; Edlund, K.; et al. Analysis of the human tissue-specific expression by genome-wide integration of transcriptomics and antibody-based proteomics. Mol. Cell. Proteom. 2014, 13, 397–406. [Google Scholar] [CrossRef] [PubMed]

	



Irizarry, R.A.; Hobbs, B.; Collin, F.; Beazer-Barclay, Y.D.; Antonellis, K.J.; Scherf, U.; Speed, T.P. Exploration, normalization, and summaries of high density oligonucleotide array probe level data. Biostatistics 2003, 4, 249–264. [Google Scholar] [CrossRef] [PubMed][Green Version]








[image: Ijms 19 03174 g001 550] 





Figure 1. Tissue-specific expression pattern of oxidative stress-related 101 genes. Tissues were ordered according to hierarchical clustering (x-axis), while genes were ordered by the relative ratio. The ratio (log base 2) of the signal intensity of each gene within one tissue was divided by the mean signal intensity of all 10 tissues. The red and green colors represent >2-fold up and downregulated genes, respectively. 
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Figure 2. Confirmation of gene expression levels using qRT-PCR. Five mice-derived samples were used for microarray experiment and for qRT-PCR. The top colored panels show the data from microarray analysis, and the bottom graphs present the gene expression results from qRT-PCR for six genes; catalase, catalase (Cat), glutathione peroxidase 3 (Gpx3), glutathione peroxidase 4 (Gpx4), and superoxide dismutase 1 to 3 (Sod1 to 3), respectively. The numbers in parentheses indicate the relative transcript levels (the mean signal intensity) of the microarray experiment. Each value represents the mean ± SD. ANOVA indicated p < 0.01. The multiple comparisons are not presented; instead, the relative ratio of each tissue gene expression was compared with the mean expression level of rest 10 tissues. The significance was presented as * p < 0.05 or ** p < 0.01 respectively. 
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