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Abstract: This paper presents a novel experimental design for complex structural health monitoring
(SHM) studies achieved by integrating 3D printing technologies, high-resolution laser displacement
sensors, and multiscale entropy SHM theory. A seven-story structure with a variety of composite
bracing systems was constructed using a dual-material 3D printer. A wireless Bluetooth vibration
speaker was used to excite the ground floor of the structure, and high-resolution laser displacement
sensors (1-µm resolution) were used to monitor the displacement history on different floors.
Our results showed that the multiscale entropy SHM method could detect damage on the 3D-printed
structures. The results of this study demonstrate that integrating 3D printing technologies and
high-resolution laser displacement sensors enables the design of cheap, fast processing, complex,
small-scale civil structures for future SHM studies. The novel experimental design proposed in this
study provides a suitable platform for investigating the validity and sensitivity of SHM in different
composite structures and damage conditions for real life applications in the future.
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1. Introduction

In recent years, 3D printing technologies have emerged as a promising method for creating
complex materials and structures. Such technologies not only provide an affordable means of
creating complex models, but they also enable the design and construction of complex geometric
objects [1–3]. Therefore, 3D printing can serve as a highly suitable manufacturing process for creating
structures with complex geometries that are often difficult to fabricate in structural health monitoring
(SHM) experiments.

Scholars have shown that 3D printing technologies enable the fabrication of complicated 3D
microstructures with a broad range of materials. For example, polylactide (PLA), acrylonitrile
butadiene styrene, and a wide range of polymer materials have been used extensively in low-cost
3D printers. Furthermore, an innovative selective laser sintering approach has been reported to
have enabled the production of ceramics and metals with a resolution of less than 30 µm [4–6].
Another crucial feature of 3D printing technologies is the availability of 3D printers with multiple
printing heads that can fabricate complicated composite structures [7,8]. In addition, bioinspired
composite structures can be achieved by using a dual print head; for example, such structures
can be realized by printing the main structure with a stiffer material and using a softer material,
such as a cohesive or adhesive bond [9].
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Despite recent developments in 3D printing technologies, controlling the geometry
of objects is usually simple, whereas controlling their mechanical properties is difficult.
However, recent studies have shown that the elastic properties of materials can be controlled by
designing microstructures [10–12]. When the microstructures of a printed object are well designed,
the elastic properties of a printed object of the same material can be controlled. This microstructural
design approach provides an opportunity to fabricate a single structure with various mechanical
properties by using the same material, and enables the easy fabrication of structures with desired
properties by using currently available 3D printers.

The standard process of SHM can be categorized into four levels: detection of the presence
of damage, assessment of the damage location, quantification of the damage, and prediction of
service life [13]. Many recent studies have been devoted to SHM, which can be broadly divided into
global health monitoring and local health monitoring. Visual inspection, the use of a strain gauge
and an inclinometer are some typical ways applied for local health monitoring [14,15]. Over the
past decades, a vibration-based SHM concept for assessing the condition of structures has emerged
for global health monitoring [16], and diverse methods have been prosperously developed [17–20].
For example, the mode shape curvature and the natural frequency were utilized as an index to detect
the possible damage [21,22]. In recent years, entropy analysis has been increasingly utilized in the
field of SHM. In 2015, Lin and Liang proposed an SHM system based on multiscale cross-sample
entropy (MSCE) [23]. Rojas et al. detected artificial damage on a plate-like structure by using short
time wavelet entropy [24]. In 2017, Lin et al. developed an entropy-based damage detection method
for 3D structures [25]. Considering the recent successful results, the entropy-based method was
adopted in this study. Aerospace, civil, and marine structures are usually complex in terms of not
only their geometries but also the design of their mechanical properties. However, most experiments
consider simplified structures because of the high cost and difficulties of fabricating complex real
structures. High-accuracy structural monitoring sensors are usually large and not applicable on
3D-printed structural models. Because of the light weight of 3D-printed structural models, the weights
of commonly used structural monitoring sensors would significantly alter the dynamic responses of
the original structures. Therefore, high-resolution non-contact monitoring sensors are required for
monitoring 3D-printed structural models. High-resolution laser displacement sensors (1 µm) have
been used extensively in the industry and are suitable monitoring sensors for small specimens such as
3D-printed small-scale specimens.

Although many damage detection algorithms based on measured vibration data are developed to
detect possible damages in lab structures, the issue of how to conduct complex damage conditions in
the experiments has always been a tough challenge. In this study, the idea is to utilize the advantage of
high-resolution laser displacement sensors and precise 3D printing technology in damage simulation
to demonstrate that a novel structural health monitoring system can be developed for studying
complex damage conditions in SHM. We used 3D printing technologies to create a seven-story
specimen and a variety of composite bracing systems to demonstrate the capability of realizing
high-resolution complex structural models. A Bluetooth wireless vibration speaker was attached to
the base of the 3D-printed structure to excite the structure. High-resolution laser displacement sensors
(1-µm resolution) were used to monitor the displacement history of the different floors. A multiscale
entropy SHM method was used to demonstrate that the novel experimental approach provides
an effective platform for SHM studies for complex structures and composite materials under various
damage conditions. This platform also serves as a systematic method of studying novel composite
materials for civil engineering applications (e.g., novel lightweight composite materials for engineering
applications) and investigating their damage.
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2. Materials and Methods

2.1. The 3D-Printed Structural Model and Composite Bracing Systems

A seven-story structure was designed based on an experimental model in a previous study [17].
The dimensions of the structure were based on a 1/30 model of the published model. The 3D
structure was created using SketchUp 2016 (Trimble Inc., Sunnyvale, CA, USA). The dimensions of the
scaled-down specimen are shown in Figure 1a. The height, length, and width of each story were 39, 49,
and 36 mm, respectively. The thickness of the floor was 1.5 mm and the cross section of each column
was 5 mm × 5 mm.
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using polyvinyl alcohol (PVA). CURA 2.5 (Ultimaker B.V.) was used to slice the model. The structure 
of the supporting material and the slicing results are shown in Figure 1b. The primary settings for the 
printing process are presented in Table 1. After printing, the supporting material, namely PVA, was 
removed by submerging the structure in water. The adopted bracing system is shown in Figure 1c. 
A total of 14 PLA removable bracing systems were designed, as shown in Figure 1c. The cross section 
of each bracing was 6.5 mm × 5 mm. The bracing systems were installed symmetrically in the weak 
axis direction. In other words, each floor was installed with two bracing systems, as illustrated in 
Figure 1c, to represent the healthy condition of the structure. 
  

Figure 1. Dimension of the specimen and bracing systems. (a) 3D-printed seven-story specimen;
(b) Design of the supporting material and slicing results; (c) Installation of the bracing systems.

A dual-material 3D printer, Ultimaker 3 Extended (Ultimaker B.V., Geldermalsen, The Netherlands),
with two 0.4 mm nozzles was used to print the seven-story structure and the bracing systems.
The structure was printed using PLA. Supporting materials between floors were printed using polyvinyl
alcohol (PVA). CURA 2.5 (Ultimaker B.V.) was used to slice the model. The structure of the supporting
material and the slicing results are shown in Figure 1b. The primary settings for the printing process
are presented in Table 1. After printing, the supporting material, namely PVA, was removed by
submerging the structure in water. The adopted bracing system is shown in Figure 1c. A total of 14 PLA
removable bracing systems were designed, as shown in Figure 1c. The cross section of each bracing was
6.5 mm × 5 mm. The bracing systems were installed symmetrically in the weak axis direction. In other
words, each floor was installed with two bracing systems, as illustrated in Figure 1c, to represent the
healthy condition of the structure.
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Table 1. Primary settings for 3D printing.

Materials
Model Bracing Composite Bracing

Polylactide (PLA) (Model) Polyvinyl Alcohol (PVA) (Support) PLA PLA PVA

Printing temperature (◦C) 200 215 200 200 215
Bed temperature (◦C) 60 60 60 60 60

Printing speed (mm/s) 45 32 50 50 15
Infill rate (%) 100 25 20 20 100

Layer thickness (mm) 0.1 0.1 0.1 0.1 0.1

As shown in Figure 2, the following four composite bracing systems were designed:
(a) a honeycomb infill bracing; (b) a honeycomb sandwich bracing; (c) a damaged honeycomb infill
bracing; and (d) a honeycomb bracing. Figure 2a presents the design of the honeycomb infill bracing,
indicating that it comprised a PVA honeycomb infill structure covered with PLA layers. Figure 2b
shows the honeycomb sandwich bracing. The damaged honeycomb infill bracing was designed
to simulate a loss of stiffness caused by breaking the outer PLA layer, as illustrated in Figure 2c.
The final bracing was constructed by removing the outer PLA layer of the honeycomb infill bracing,
as shown in Figure 2d.
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2.2. Experimental Setup

A Bluetooth vibration speaker (Newadin Technology Co. Ltd., Shenzhen, China) was used to
excite the specimen. Two high-resolution laser displacement sensors (Optex Co. Ltd., Ogoto, Japan)
were used to monitor the displacement history. The measuring range was 30± 5 mm, and the resolution
was 1 µm. The data were transferred to a computer via an amplifier (Optex Co. Ltd., Ogoto, Japan)
and a data acquisition (DAQ) system (LabJack Corporation, Lakewood, CO, USA), and they were
collected using LabVIEW (National Instruments Corporation, Austin, TX, USA), as shown in Figure 3.
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Figure 3. The experimental setup. The specimen was printed by the 3D printer. A Bluetooth vibration
speaker was used to excite the specimen, and two laser displacement sensors were used to monitor
the floor displacements. Various composite bracing systems were fabricated to simulate the various
damage conditions of the specimen.

A 3D-printed foundation was designed to connect the structure and the vibration speaker.
The seven-story structure was fixed on top of the foundation, with the vibration speaker attached to
the left side of the foundation for the input of horizontal displacements. A mass of 202 g (±2.17 g) was
placed on each floor to simulate the actual structural characteristics. Structural damage was simulated
by removing the installed bracing systems from selected floors or by replacing the bracing on the
first floor with composite bracing systems. In all experiments, white noise was the input to simulate
the ambient vibration in the horizontal direction. In the experiments, 60 s of data were collected
1–2 min after the input of white noise. The displacement of the monitoring floor was determined with
a sampling rate of 500 Hz. The measuring point of each floor was set on one column of the structure,
at the height of the floor, as shown in the Figure 3.

2.3. The Entropy-Based SHM Algorithm

As the entropy-based method has been demonstrated to be more sensitive in detecting minor
damage, compared to the traditional SHM method, it is adopted in this study. The multiscale concept
was applied to convert an original vibration time history into signals at different time scales. First, a new
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time series
{

y(τ)
j

}
can be established from the measured time series x1, x2, . . . , xN of length N where τ

is the scale factor as follows:

y(τ)
j =

1
τ

jτ

∑
i = (j−1)τ+1

xi, 1 ≤ j ≤ N
τ

(1)

The similarity of a system can be quantified by calculating the entropy value of a measured
time series. For the time series y(τ)

j , a vector of m data points can be defined as the template.
The template space T of the signal represents the combination of all templates with length m.
The time series may be composed of various N − m + 1 templates. Let dij be the distance
between two templates defined as dij = max{|x(i− k)− x(i + k)| : 0 ≤ k ≤ m− 1}, and r be
a predetermined threshold, the number of similarities nm

i (r) between templates um(i) and um(j)
where um(i) = {xi, xi+1, . . . , xi+m−1, 1 ≤ i ≤ N −m + 1} can be calculated as follows:

nm
i (r) =

N−m

∑
j = 1

d[um(i), um(j)] (2)

where

d[um(i), um(j)] =

{
1 dij ≤ r

0 dij > r
(3)

Other templates can be substituted for similarity comparisons with template i, and the average
degree of similarity can be further calculated as follows:

Um(r) =
1

(N−m) ∑N−m
i = 1 Um

i (r) (4)

These steps are repeated to obtain the average degree of similarity Um+1(r) of the new template
space, and the sample entropy values of the time series can be subsequently obtained as follows:

SE(m, r, N) = − ln
Um+1(r)

Um(r)
(5)

SE is the multiscale sample entropy (MSE) of the time series.
Cross-sample entropy (Cross-SampEn) is utilized to evaluate the degree of asynchrony

or dissimilarity between two sensors from the same system. The similarity degree between
templates um(i) and vm(j) from different sensors is defined as nm

i (r) and is calculated under the
following criterion:

d[um(i), vm(j)] ≤ r, 1 ≤ j ≤ N−m (6)

The average similarity probability of the template of length m can be calculated using the
following equation:

Um(r)(v‖u) =
1

(N−m) ∑N−m
i = 1 Um

i (r)(v‖u) (7)

where Um(r)(v‖u) is the dissimilarity degree between the two time series with m points segmented.
By assembling templates with length m + 1, the average similarity probability Um+1(r)(v‖u) is

used to derive the Cross-SampEn values as follows:

CSE(m, r, N) = − ln

{
Um+1(r)(v‖u)

Um(r)(v‖u)

}
(8)
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A damage index (DI) is proposed, and the location of damage in a structure can be determined.
For a structure with N stories, the MSCE of each story is expressed as the Cross-SampEn curve
of the adjacent upper story to each story at a different scale. The MSCE curves for the healthy
and damaged conditions of the structure are represented as H and D, respectively, and the
subscripts depict the floor numbers; for example, H1 is the MSCE between the ground and first
floors of the healthy structure. The vertical characteristics of the first floor can be expressed as
H1 =

{
CSE

1
H1

, CSE
2

H1
, CSE

3
H1

, · · · , CSE
τ

H1

}
, where CSE is the Cross-SampEn value, the superscript

τ is the scale factor, and the subscript number indicates the evaluated floor. The MSCE of each floor of
the damaged structure can then be expressed as follows:

DF =
{

CSE
1

DF
, CSE

2
DF

CSE
3

DF
, · · · , CSE

τ
DF

}
(9)

The DI can be calculated as follows:

DIF =
τ

∑
q = 1

(
CSE

q
DF
−CSE

q
DF

)
(10)

where F is the number of the floor for damage detection.
A positive DI value indicates the existence of damage on the floor as the involved structural

damage causes an increase in dissimilarity in the individual structural responses, and a negative value
indicates no damage on the floor.

3. Damage Condition by Removing Bracing

The proposed algorithm was first applied to detect the damage condition of the scaled-down
specimen by removing sold bracing which was the same damage scenario induced in the previous
experimental study [19]. Ten damage cases, including single-story, two-story, three-story, and four-story
damage, were examined on the 3D-printed model. In this study, the damage location was simulated as
the loss of stiffness on a specific floor level. For example, the damage on the second floor is defined as
the loss of stiffness between the second and third floor. The details are listed in Table 2. The vibration
signal measured from the roof by using the high-resolution laser displacement sensor was processed
through MSE analysis. The MSE distribution of each category is illustrated in Figure 4.

Table 2. Damage cases.

Case Number Damage Category Damage Floors

1 Undamaged None
2 Single-story 1F
3 4F
4 7F
5 Two-story 1 and 2F
6 3 and 4F
7 6 and 7F
8 Three-story 1, 2, and 3F
9 5, 6, and 7F

10 Four-story 1, 2, 3 and 4F
11 4, 5, 6 and 7F

3.1. Single-Story Damage

As shown in Figure 4a, the distributions of the MSE curves for cases with damage on the first
floor (1F), the fourth floor (4F), and the seventh floor (7F) are shown to be significantly higher than
that of the curve for the healthy condition, which correlates strongly with the theoretical expectation.
The curve for the 1F damage case is close to that for the 7F damage case, and the curve for the 4F
damage case occupies the highest SampEn value. Because of the relatively slight impact of removing
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the bracing from a single story, the damage level is approximately reflected. However, the structure
could still be reliably identified as damaged through MSE analysis.Sensors 2018, 18, 19  8 of 13 
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3.2. Two-Story Damage

In the case of two-story damage, a similar trend to that of the single-story damage case was
observed. The three damage curves (for the cases with damage on the first and second floors (1&2F),
the third and fourth floors (3&4F), and the sixth and seventh floors (6&7F)) are shown to be higher,
reflecting an increase in complexity from the vibration signal. It demonstrates that the structure was
prone to instability due to the removal of the bracing. The 3&4F and 6&7F damage case curves are
shown to deviate considerably from the reference healthy curve, thereby providing an easy method of
detecting possible damage to the structure.

3.3. Three-Story Damage

A notable phenomenon can be observed in Figure 4c. The 1&2&3F and the 5&6&7F MSE curves
for cases with damage on the first, second, and third floors (1&2&3F) and the fifth, sixth, and seventh
floors (5&6&7F) are higher than for the healthy curve, indicating that the specimen exhibited a larger
reduction in stiffness when compared with the healthy structure. Moreover, in contrast to the
MSE values of the first two cases (single-story and second-story), the sequence of the MSE curves
followed the physical condition with a higher distribution, indicating a more severe damage condition.
The damage condition could be inferred based on the results.
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3.4. Four-Story Damage

In the case of four-story damage, the MSE curve for cases with damage on the first, second, third,
and fourth floors (1&2&3&4F) exhibits the highest peak, indicating that the corresponding four floors
had the highest damage levels. The gap between the two curves (1&2&3&4F and 4&5&6&7F damage
cases) is enlarged, indicating a major difference between damage occurring on the superstructure and
on the substructure.

4. Damage Location

The 10 damage cases were further used to verify the feasibility of replicating the complicated
laboratory or on-site experiments through the proposed SHM method.

4.1. Single-Story Damage

In the case of single-story damage, as shown in Figure 5a, the time history of the displacement
response of the sensors on the fourth floor (4F) and the seventh floor (7F) under white noise excitation
was processed to detect whether the damage was located on the upper structure (above the 4F).
The MSCE curves (4F/7F), illustrating the dissimilarity of the upper structure, are compared with
the healthy case in Figure 5a, and the corresponding DI values are shown at the bottom of the
figure. The MSCE curves are shown to deviate significantly from the blue reference curve. Moreover,
the damage location can be indicated by the proposed DI. Compared with the DI value of 6.23 for
the 1F damage case, the DI values for the 4F and the 7F damage cases are shown to be 10.90 and
10.24, respectively, both of which show the significant possibility of the damage being located in the
upper structure.
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4.2. Two-Story Damage

Three damage cases were simulated by removing the bracing from the two stories;
thus, the damage was located on the 1&2F, 3&4F, and 6&7F. The MSCE diagrams for 4F/7F and
the corresponding DI values are shown in Figure 5b. Due to the sensors being installed to monitor
the response on the upper structure, the curves for the 3&4F and 6&7F damage cases are shown to
fluctuate drastically, and the curve for 1&2F is distributed similarly to the curve for the healthy case.
The DI value is revealed to have increased from 4.53 (1&2F damage case) to 12.09 (3&4F damage case),
and then to 17.69 (6&7F damage case) as the damage location shifts closer to the sensor on the upper
structure. Hence, the damage location can be reliably reflected by the DI.

4.3. Three-Story Damage

To thoroughly examine the proposed method, two damage cases were further simulated by
removing the bracing from three stories; thus, the damage was located on the 1&2&3F and the 5&6&7F.
The MSCE diagrams for 4F/7F and the corresponding DI values are illustrated in Figure 6a. The two
curves are shown to fluctuate drastically above that of the healthy case, indicating serious damage to
the structure. The DI values for the 1&2&3F and the 5&6&7F damage cases are shown to be 35.55 and
38.03, demonstrating that the structure has been severely damaged.
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4.4. Four-Story Damage

The most severe damage cases were simulated by removing the bracing from four stories;
thus, the damage was located on 1&2&3&4F and 4&5&6&7F. The MSCE diagrams for 4F/7F and the
corresponding DI values are depicted in Figure 6b. In contrast to Figure 6a, in which both curves
fluctuate drastically above that of the healthy case, the MSCE curves are located slightly above the
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healthy curve. Similarly, the DI values for the 1&2&3&4F and 4&5&6&7F damage cases are shown to
be 13.05 and 4.43, respectively. A possible reason for this phenomenon may be that the introduction of
damage on four separate stories completely changed the global structural behavior.

5. Damage Degree (Composite)

The degree of damage was examined using the composite material as the bracing element.
Four composite structures were introduced: the honeycomb infill bracing, the honeycomb sandwich
bracing, the damaged honeycomb infill bracing, and the honeycomb bracing. In contrast to the cases
described in the previous section, sensors were deployed on the ground and fourth floors. The damage
was simulated by replacing the two bracing systems on the first story with composite bracings, and the
case of the honeycomb infill bracing was treated as the reference case for damage degree detection.
The MSCE curve (G/4F) and the corresponding DI values are shown in Figure 7. The MSCE curve of
honeycomb infill bracing is shown to be distributed at the bottom. With an increase in the damage
degree, the curves deviate to the upper part of the figure. Regarding the damage degree, the DI values
for the cases involving the honeycomb sandwich, the damaged honeycomb infill bracing, and the
honeycomb bracing are shown to be 5.00, 14.40, and 19.98, respectively. The results demonstrate that
the degree of damage could be estimated by the proposed DI.
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6. Discussion and Conclusions

In this paper, 3D printing technologies are demonstrated to provide a fast and low-cost fabrication
method for creating complicated composite structures. A seven-story specimen with various types
of composite bracing was printed for SHM experiments in this study. High-resolution (1 µm) laser
displacement sensors enabled the monitoring of the dynamics of the specimen under white noise
excitation from a Bluetooth vibration speaker. The results reveal that the MSE derived from single
laser displacement monitoring on the uppermost story could distinguish the damage of the specimen.
Furthermore, the MSCE derived from the fourth story and the ground floor could specify the damage
in the substructure of the specimen. This experimental setup provides a novel platform for future
fundamental SHM studies using 3D printing technologies. We believe that the integration of 3D
printing technologies into SHM studies could advance the understanding of existing SHM theories.
For example, it is possible to reconstruct a 3D image of a real damaged structure in real life applications
and fabricate the reconstructed model by using 3D printing technologies in order to investigate the
accuracy and performance of existing SHM theories.

Acknowledgments: This work is supported by the Ministry of Science and Technology (MOST)
(106-2221-E-002-136, 104-2218-E-002-035) at Taipei, Taiwan.

Author Contributions: Shu-Wei Chang and Tzu-Kang Lin conceived and designed the experiments; Shih-Yu Kuo
performed the experiments; Shih-Yu Kuo and Ting-Hsuan Huang analyzed the data; Shu-Wei Chang and
Tzu-Kang Lin wrote the paper.

Conflicts of Interest: The authors declare no conflict of interest.

References

1. Bose, S.; Vahabzadeh, S.; Bandyopadhyay, A. Bone tissue engineering using 3D printing. Mater. Today 2013,
16, 496–504. [CrossRef]

2. Compton, B.G.; Lewis, J.A. 3D-printing of lightweight cellular composites. Adv. Mater. 2014, 26, 5930–5935.
[CrossRef] [PubMed]

3. Sobral, J.M.; Caridade, S.G.; Sousa, R.A.; Mano, J.F.; Reis, R.L. Three-dimensional plotted scaffolds with
controlled pore size gradients: Effect of scaffold geometry on mechanical performance and cell seeding
efficiency. Acta Biomater. 2011, 7, 1009–1018. [CrossRef] [PubMed]

4. Ebert, R.; Regenfuss, P.; Kloetzer, S.; Hartwig, L.; Exner, H. Process assembly for µm-scale SLS,
reaction sintering, and CVD. In Proceedings of the Fourth International Symposium on Laser Precision
Microfabrication, Munich, Germany, 18 November 2003; p. 6.

5. Exner, H.; Regenfuss, P.; Hartwig, L.; Kloetzer, S.; Ebert, R. Selective laser micro sintering with a novel
process. In Proceedings of the Fourth International Symposium on Laser Precision Microfabrication,
Munich, Germany, 18 November 2003; p. 7.

6. Regenfuss, P.; Hartwig, L.; Klötzer, S.; Ebert, R.; Brabant, Th.; Petsch, T.; Exner, H. Industrial freeform
generation of microtools by laser micro sintering. Rapid Prototyp. J. 2005, 11, 18–25. [CrossRef]

7. Dimas, L.S.; Bratzel, G.H.; Eylon, I.; Buehler, M.J. Tough Composites Inspired by Mineralized Natural
Materials: Computation, 3D printing, and Testing. Adv. Funct. Mater. 2013, 23, 4629–4638. [CrossRef]

8. Lee, J.-S.; Hong, J.M.; Jung, J.W.; Shim, J.H.; Oh, J.-H.; Cho, D.-W. 3D printing of composite tissue with
complex shape applied to ear regeneration. Biofabrication 2014, 6, 1–12. [CrossRef] [PubMed]

9. Tran, P.; Ngo, T.D.; Ghazlan, A.; Hui, D. Bimaterial 3D printing and numerical analysis of bio-inspired
composite structures under in-plane and transverse loadings. Compos. Part B Eng. 2017, 108, 210–223.
[CrossRef]

10. Schumacher, C.; Bickel, B.; Rys, J.; Marschner, S.; Daraio, C.; Gross, M. Microstructures to control elasticity in
3D printing. ACM Trans. Graph. 2015, 34, 1–13. [CrossRef]

11. Kang, H.; Hollister, S.J.; La Marca, F.; Park, P.; Lin, C.-Y. Porous Biodegradable Lumbar Interbody Fusion
Cage Design and Fabrication Using Integrated Global-Local Topology Optimization With Laser Sintering.
J. Biomech. Eng. 2013, 135, 1010131–1010138. [CrossRef] [PubMed]

http://dx.doi.org/10.1016/j.mattod.2013.11.017
http://dx.doi.org/10.1002/adma.201401804
http://www.ncbi.nlm.nih.gov/pubmed/24942232
http://dx.doi.org/10.1016/j.actbio.2010.11.003
http://www.ncbi.nlm.nih.gov/pubmed/21056125
http://dx.doi.org/10.1108/13552540510573356
http://dx.doi.org/10.1002/adfm.201300215
http://dx.doi.org/10.1088/1758-5082/6/2/024103
http://www.ncbi.nlm.nih.gov/pubmed/24464765
http://dx.doi.org/10.1016/j.compositesb.2016.09.083
http://dx.doi.org/10.1145/2766926
http://dx.doi.org/10.1115/1.4025102
http://www.ncbi.nlm.nih.gov/pubmed/23897113


Sensors 2018, 18, 19 13 of 13

12. Egan, P.F.; Gonella, V.C.; Engensperger, M.; Ferguson, S.J.; Shea, K. Computationally designed lattices
with tuned properties for tissue engineering using 3D printing. PLoS ONE 2017, 12, e0182902. [CrossRef]
[PubMed]

13. Farrar, C.R.; Worden, K. An introduction to structural health monitoring. Philos. Trans. A Math. Phys. Eng. Sci.
2007, 365, 303–315. [CrossRef] [PubMed]

14. Jang, S.A.; Sim, S.-H.; Spencer Jr, B.F. Structural damage detection using static strain data. In Proceedings of
the World Forum on Smart Materials and Smart Structures Technology (SMSST’07), Chongqing & Nanjing,
China, 22–27 May 2007; p. 286.

15. Pehlivan, H.; Bayata, H. Usability of inclinometers as a complementary measurement tool in structural
monitoring. Struct. Eng. Mech. 2016, 58, 1077–1085. [CrossRef]

16. Feng, M.; Fukuda, Y.; Mizuta, M.; Ozer, E. Citizen Sensors for SHM: Use of Accelerometer Data from
Smartphones. Sensors 2015, 15, 2980–2998. [CrossRef] [PubMed]

17. Ying, Y.; Garrett, J.H., Jr.; Oppenheim, I.J.; Soibelman, L.; Harley, J.B.; Shi, J.; Jin, Y. Toward Data-Driven
Structural Health Monitoring: Application of Machine Learning and Signal Processing to Damage Detection.
J. Comput. Civ. Eng. 2013, 27, 667–680. [CrossRef]

18. Jung, H.-Y.; Sung, S.-H.; Jung, H.-J. Experimental Validation of Normalized Uniform Load Surface Curvature
Method for Damage Localization. Sensors 2015, 15, 26315–26330. [CrossRef] [PubMed]

19. Sun, H.; Büyüköztürk, O. Probabilistic updating of building models using incomplete modal data. Mech. Syst.
Signal Process. 2016, 75, 27–40. [CrossRef]

20. Sun, H.; Mordret, A.; Prieto, G.A.; Toksöz, M.N.; Büyüköztürk, O. Bayesian characterization of buildings
using seismic interferometry on ambient vibrations. Mech. Syst. Signal Process. 2017, 85, 468–486. [CrossRef]

21. Pandey, A.K.; Biswas, M.; Samman, M.M. Damage detection from changes in curvature mode shapes.
J. Sound Vibr. 1991, 145, 321–332. [CrossRef]

22. Fan, W.; Qiao, P. Vibration-based Damage Identification Methods: A Review and Comparative Study.
Struct. Health Monit. 2011, 10, 83–111. [CrossRef]

23. Lin, T.-K.; Liang, J.-C. Application of multi-scale (cross-) sample entropy for structural health monitoring.
Smart Mater. Struct. 2015, 24, 085003. [CrossRef]

24. Rojas, E.; Baltazar, A.; Loh, K.J. Damage detection using the signal entropy of an ultrasonic sensor network.
Smart Mater. Struct. 2015, 24, 075008. [CrossRef]

25. Lin, T.-K.; Tseng, T.C.; Laínez, A.G. Three-dimensional structural health monitoring based on multiscale
cross-sample entropy. Earthq. Struct. 2017, 12, 673–687. [CrossRef]

© 2017 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1371/journal.pone.0182902
http://www.ncbi.nlm.nih.gov/pubmed/28797066
http://dx.doi.org/10.1098/rsta.2006.1928
http://www.ncbi.nlm.nih.gov/pubmed/17255041
http://dx.doi.org/10.12989/sem.2016.58.6.1077
http://dx.doi.org/10.3390/s150202980
http://www.ncbi.nlm.nih.gov/pubmed/25643056
http://dx.doi.org/10.1061/(ASCE)CP.1943-5487.0000258
http://dx.doi.org/10.3390/s151026315
http://www.ncbi.nlm.nih.gov/pubmed/26501286
http://dx.doi.org/10.1016/j.ymssp.2015.12.024
http://dx.doi.org/10.1016/j.ymssp.2016.08.038
http://dx.doi.org/10.1016/0022-460X(91)90595-B
http://dx.doi.org/10.1177/1475921710365419
http://dx.doi.org/10.1088/0964-1726/24/8/085003
http://dx.doi.org/10.1088/0964-1726/24/7/075008
http://dx.doi.org/10.12989/eas.2017.12.6.673
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Materials and Methods 
	The 3D-Printed Structural Model and Composite Bracing Systems 
	Experimental Setup 
	The Entropy-Based SHM Algorithm 

	Damage Condition by Removing Bracing 
	Single-Story Damage 
	Two-Story Damage 
	Three-Story Damage 
	Four-Story Damage 

	Damage Location 
	Single-Story Damage 
	Two-Story Damage 
	Three-Story Damage 
	Four-Story Damage 

	Damage Degree (Composite) 
	Discussion and Conclusions 
	References

