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Abstract: To identify genetic diversity, genetic structure and the relationship among accessions, and
further establish a core collection for the long-term breeding of cypress (Cupressus funebris Endl.),
the genealogy of breeding parents was reconstructed using simple sequence repeat (SSR) molecular
markers. Seventeen SSR markers were used to detect molecular polymorphisms among 290 cypress
accessions from five provinces and 53 accessions with unknown origin in China. A total of 92 alleles
(Na) were detected with 5.412 alleles per locus and an average polymorphism information content
(PIC) of 0.593. The haplotype diversity (H) ranged from 0.021 to 0.832, with an average of 0.406.
The number of alleles (Na) and the effective number of alleles (Ne) ranged from 4.294 to 5.176 and
from 2.488 to 2.817 among five populations, respectively. The pairwise population matrix of Nei’s
genetic distance ranged from 0.008 to 0.023. Based on the results of unweighted pair group method
average (UPGMA) cluster and population structure analyses, 343 breeding parents were divided
into two major groups. Lower genetic differentiation coefficients and closer genetic relationships
were observed among cypress breeding parents, suggesting that the genetic basis was narrow, and
the genetic relationship was confused by frequent introduction and wide cultivation. Moreover, we
reconstructed the genealogy between breeding parents and 30 accessions of breeding parents from
an identified core collection. According to the present study, not only geographic origin but also the
relationship of the individuals should be considered in future crossbreeding work.
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1. Introduction

Cupressus funebris Endl. (cypress) is an endemic conifer tree species in southern China and
exists in a wide range of habitats ranging from relatively fertile sites to nutrient-deficient bogs up to
an altitude of approximately 2000 m [1,2]. This species is beautiful in gross morphology and of extreme
importance in horticulture ecology and economic profit (for example, wood and incense) [3]. The field
survey shows that the long cultivation history of cypress is blurred in the boundary between wild and
cultivated accessions [1]. The large proportion of artificial forests that have emerged in the distribution
regions in southern China could complicate genealogy and further limit breeding work [2].

The genetic diversity and evolutionary relationship can be evaluated through morphological,
cytological, biochemical and DNA molecular markers [4]. However, morphological analysis is
labor-intensive and lacking in definition and objectives [5]. In addition, an analysis based on allozyme
cannot be applied because of the limited polymorphisms of these variants [6]. The development of
DNA-based markers has facilitated the monitoring and manipulation of genetic variation, and the

Forests 2016, 7, 160; doi:10.3390/f7080160 www.mdpi.com/journal/forests

http://www.mdpi.com/journal/forests
http://www.mdpi.com
http://www.mdpi.com/journal/forests


Forests 2016, 7, 160 2 of 14

results have been less affected by environment [7]. The intraspecific or interspecific genealogies
can also be accurately inferred through DNA markers, although the field observation data are
unavailable [8–10]. In woody perennial species, high management costs and high vulnerability to
environmental conditions exist in the conservation and utilization of breeding resources. Moreover, the
population structure in most cultivated woody perennial species differs from that of annual species [11].
The advantages of developing core collections could resolve these problems [12], and DNA markers
can also be used to successfully construct core collections in crops and woody species [11], such as rice,
olive, soybean, tea, etc. [13–16].

Simple sequence repeat (SSR), a type of microsatellite marker, is particularly useful for spectrum
reconstruction and genetic diversity and phylogenic analyses of plants because of the high polymorphism
and codominance of these markers [17]. In Cupressus species, including Cupressus sempervirens L.,
Cupressus sempervirens var. horizontalis, Cupressus chengiana S. Y. Hu, Cupressus duclouxiana Hickel,
Cupressus gigantea Cheng et L. K. Fu and Cupressus funebris Endl. [2,6,18,19], previous studies have been
conducted using SSR markers to examine genetic diversity and population structure. Shahroodian et al.
used SSR markers to determine the genetic variation of C.sempervirens var. horizontalis at three sites,
which provided 81.41% of total variance in this species [19]. Bagnoli et al. provided an interpretation
of the history of Cupressus distribution, characterized by ancient eastern populations (Turkey and
Greek islands) and depauperate populations in the central Mediterranean age using SSR markers [18].
Overall, these previous studies confirm that SSR markers are a powerful tool for elucidating genetic
diversity and revealing the phylogenetic relationships of Cupressus species. The lack of information
for the basic population genetics of cypress represents a serious impediment for establishing genetic
management plans. The objectives of this study were to: (i) examine the level of genetic diversity;
(ii) reconstruct the genealogy; and (iii) establish a core collection of cypress. This study will enable the
calculation of genetic diversity within various species of cypress and establish a core collection that
has not been previously reported.

2. Materials and Methods

2.1. Plant Materials

The breeding parents of cypress were derived from five provinces of China (50 accessions
from Sichuan Province, 35 accessions from Guizhou Province, 53 accessions from Hubei Province,
86 accessions from Zhejiang Province, and 66 accessions from Chongqing Province). Moreover,
additional accessions (53) were initially acquired from other collections around these provinces, and
their original geographic origins and populations are unknown. All 343 breeding parents were
cultivated at Laoshan Forestry Farm of Chun’an (29˝321 N, 119˝031 E) in 1981, 2010, 2011, 2012 and
2014 (Table 1). Young needles were collected from 343 individual breeding parents, immediately frozen
in liquid nitrogen and subsequently stored at ´80 ˝C prior to DNA isolation.

Table 1. The origin areas of cypress breeding parents.

Origin Numbers Latitude Longitude Collection Time

unknown 53 - - 1981
Chongqing Province, China 66 28˝881 N 106˝681 E 2012

Zhejiang Province, China 86 30˝261 N 120˝221 E 2011
Hubei Province, China 53 32˝571 N 111˝191 E 2014

Guizhou Province, China 35 26˝471 N 107˝621 E 2014
Sichuan Province, China 50 30˝371 N 102˝901 E 2010

Total 343

2.2. DNA Isolation and PCR Amplification

DNA was extracted from young leaves using a standard CTAB protocol [20]. The DNA
concentration was measured using a NanoDrop 2000 (Thermo Scientific, Wilmington, DE, USA),
and the samples were diluted with TE buffer to 15 ng/µL for PCR amplification.
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The sequences of seven primer pairs for cypress (Cupressaceae) were obtained from Li et al. [21],
nine primer pairs for Cupressus chengiana S. Y. Hu (Cupressaceae) were obtained from Xu et al. [22] and
one primer pair for Cupressus sempervirens L. (Cupressaceae) was obtained from Sebastiani et al. [23]
(Table S1). The PCR reaction included 15 ng DNA, 10ˆ PCR buffer (Takara), 0.3 mM dNTPs, 0.8 U Taq
DNA polymerase (Takara), and 0.3 µM primers. The PCR reactions were performed on a Takara PCR
Thermal Cycler Dice® Touch (Takara, Dalian, China) under the following conditions: denaturation at
94 ˝C for 5 min, 36 amplification cycles at 94 ˝C for 40 s, 45–60 ˝C for 40 s and 72 ˝C for 80 s, with a final
elongation step at 72 ˝C for 7 min. The amplified products were separated on 10% polyacrylamide gel
and visualized through silver staining. According to the band migration, the alleles were numbered as
A, B, C, D . . . based on size.

2.3. Statistical Analysis of Genetic Diversity

Cervus version 2.0 [24] was used to calculate the polymorphism information content (PIC)
and detect the presence of null alleles. The observed and expected heterozygosity (Ho and He),
haplotype diversity (H), Shannon’s information index (I), inbreeding coefficient (Fis), fixation index
(Fst), the observed number of alleles (Na), and effective number of alleles (Ne) were estimated, and
the Hardy–Weinberg equilibrium was tested in GenAlEx 6.5 [25]. The probability of identity (PI) was
computed according to Paetkau et al. [26], PI = 2(

ř

pi
2)2 ´

ř

pi
4, where Pi is the frequency of the ith

allele, using GenAlEx 6.5. The genetic diversity parameters of each population were also calculated,
separately. The average value of 17 SSR markers served as the parameter for the genetic diversity of
the population. To validate the genetic variation among and within populations, a hierarchical analysis
of molecular variance (AMOVA) using ARLEQUIN v.3.1 was performed [27].

2.4. Clustering Analysis

The collected data were organized in a square matrix in which the codes “0” and “1” were used for
the absence and presence of alleles, respectively (the code for missing data was 9). The genetic distance
between breeding parents was subsequently calculated using the DICE coefficient [28] through the
SimQual Procedure of NTSYSpc 2.0 [29]. A dendrogram was constructed using unweighted pair group
method average (UPGMA) clustering and drawn using NTSYSpc 2.0 [29].

2.5. Population Structure

The software program Structure 2.0 [30] was utilized to infer the population structure and assign
individuals to populations based on SSR genotypes. The population structure using model-based
clustering through a Bayesian approach was used to identify clusters based on Hardy–Weinberg
equilibrium and linkage equilibrium. Multiple runs of population structure were performed, and K
(the number of populations) ranged from 1 to 20. The burn-in time and replication number were set to
10,000 for each run, and each run was replicated ten times. An ad hoc statistic ∆K based on the rate of
change in the log probability of data between successive K values, according to Evanno et al. [31], was
calculated using the Structure Harvester v.0.9.93 website [32], and this value was used to estimate the
most likely number of clusters (K). The software CLUMPP v.1.1.2 [33] was used to account for label
switching and compute the symmetric similarity coefficient between pairs of runs using the Greedy
algorithm to identify potential distinct modes among the results of independent replicate runs and
compute the average individual Q values over replicated runs showing a similar mode. The output of
CLUMPP v.1.1.2 was used directly as the input for the program DISTRUCT for cluster visualization [34].
For this approach, the ∆K method was used in adjudication for the best K, and the individuals with
a proportional membership Q > 0.8 in the primary population were considered in subsequent analyses.
To examine the effect of geographic distance on genetic structure, correlations between the pairwise
genetic distances among five breeding parent populations were calculated according to the latitude
and longitude of each site, and these distances were evaluated using the Mantel test implemented
through GenAlEx 6.5.
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2.6. Construction of Genetic Core Collection

Patterns of linkage disequilibrium (LD) were investigated among SSR loci. The squared correlation
of allele frequencies R2 [35] was used to test the LD between pairs of SSR markers with 105 permutations
using the software package TASSEL version 2.0.1 (http://www.maizegenetics.net/). To construct
the genetic core collection, we used the “M” (maximization) method, according to Schoen et al. [36],
implemented through Core Finder software [37]. The M strategy uses a specific combination of
accessions to maximize the number of observed alleles at each marker locus and the cofinder through
iterative procedures to select samples with the highest allelic diversity. The efficiency of the strategy
was assessed after comparing the parameter of genetic diversity using the cofinder to select the
parameters of genetic diversity in initial collections.

3. Results

3.1. Subsection

3.1.1. SSR Markers

The total number of alleles in breeding parents (290 cultivars from five provinces in China) was
92 with a mean number of alleles per locus of 5.412, ranging between a minimum of 2 (CF02) and
a maximum of 10 different alleles (CF11, Table 2). Only 69 alleles were detected in the 53 accessions
of unknown origin. The mean effective number of alleles (Ne) was 2.698 (range from 1.021 to 6.298).
The highest PI value (0.96) was at CF02 and the lowest PI (0.04) was at CF01. The cumulative PI
was 2.37 ˆ 10´11, indicating the unlikelihood of two randomly selected individuals having the same
SSR profile. The haplotype diversity (H) ranged between 0.021 and 0.832, with an average of 0.406.
In general, allele frequencies were unevenly (either low or high) distributed within the investigated
loci and most were present at low frequencies, as approximately 55.43% alleles were present at
frequencies of less than 0.10 (Figure S1). The percentage of heterozygotes per marker detected for
the breeding parents in the present study ranged from 0.7% for marker CF02 to 96.2% for marker
CYP101. The unbiased expected heterozygosity (uHe) ranged from 0.021 (CF02) to 0.843 (CF01) with
an average of 0.528. The Shannon’s information index (I) ranged from 0.058 (CF02) to 1.977 (CF01)
with an average of 1.035. The Fis value was negative for 290 cultivars (´0.037), indicating a slight
excess of heterozygosity. The PIC values for the 17 markers ranged from 0.370 (CYP84) to 0.802 (CF04),
with a mean value of 0.593.

3.1.2. Genetic Relationship Analysis

The unweighted pair group method average (UPGMA) tree clustered the majority of the breeding
parents into two major groups at a DICE coefficient of 0.65 (Figure S2). Group 1 was the largest cluster
with two subgroups (pink and blue). One subgroup (pink) contained 93 breeding parents, comprising
breeding parents (54.8%) from accessions with unknown origin (51), 13.2% (12) breeding parents from
Sichuan, 5.4% (5) breeding parents from Guizhou, 18.3% (17) breeding parents from Zhejiang, 3.2%
(3) breeding parents from Chongqing, and 5.4% (5) breeding parents from Hubei. Another subgroup
(blue) comprised 32, 17, 23, 10 and 15 breeding parents from Chongqing, Zhejiang, Hubei, Guizhou
and Sichuan, respectively. Group 2 (light blue) predominantly (150) comprised 31 (47.0%) breeding
parents from Chongqing, 50 (58.1%) breeding parents from Zhejiang, 24 (45.3%) breeding parents from
Hubei, 20 (57.1%) breeding parents from Guizhou, 23 (46.0%) breeding parents from Sichuan, and
only two accessions from groups with unknown origin. Three accessions (Hubei 44, Zjejiang 21 and
Zhejiang 49) were not grouped into separate clusters and had a relatively far genetic relationship with
the other accessions in the two major groups.
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Table 2. Genetic diversity for 17 microsatellite loci analyzed in breeding parents.

Locus Na Ne PIC H I He Ho uHe Fis PI

Breeding parents from the
five provinces (n = 290)

CF01 a 9 6.298 0.689 0.832 1.977 0.841 0.407 0.843 0.513 *** 0.04
CF02 a 2 1.021 0.682 0.021 0.058 0.021 0.007 0.021 0.702 *** 0.96
CF03 9 4.191 0.64 0.682 1.685 0.761 0.719 0.763 0.048 ns 0.09
CF04 8 4.679 0.802 0.693 1.740 0.786 0.781 0.788 ´0.014 ns 0.07
CF09 7 3.947 0.772 0.618 1.544 0.747 0.736 0.748 0.002 ns 0.11
CF11 10 3.007 0.722 0.614 1.506 0.667 0.866 0.669 ´0.293 ** 0.14

CF12 a 4 1.479 0.59 0.308 0.639 0.324 0.194 0.324 0.369 *** 0.48
CUC1 3 1.575 0.572 0.275 0.608 0.365 0.431 0.366 ´0.202 ** 0.46
CUC2 4 1.285 0.393 0.210 0.478 0.222 0.236 0.222 ´0.073 ns 0.62

CUC3 a 4 1.843 0.424 0.246 0.707 0.457 0.664 0.458 ´0.474 *** 0.39
CUC4 6 2.732 0.547 0.382 1.235 0.634 0.853 0.635 ´0.363 ** 0.19

CUC6 a 6 1.428 0.48 0.292 0.636 0.300 0.172 0.300 0.414 *** 0.51
CUC7 a 4 2.064 0.575 0.149 0.784 0.515 0.885 0.516 ´0.730 *** 0.35
CUC8 5 2.995 0.61 0.609 1.207 0.666 0.591 0.667 0.118 ns 0.18
CYP52 4 3.554 0.739 0.527 1.322 0.719 0.951 0.720 ´0.321 ** 0.13

CYP84 a 4 1.688 0.37 0.392 0.701 0.407 0.192 0.408 0.530 *** 0.41
CYP101 a 3 2.075 0.471 0.057 0.774 0.518 0.962 0.519 ´0.856 *** 0.35

Mean 5.412 2.698 0.593 0.406 1.035 0.527 0.568 0.528 ´0.037 -
SD 0.582 0.350 0.133 0.046 0.129 0.056 0.076 0.056 0.108 -

Total 92 45.859 - - - - - - - 2.37 ˆ 10´11

Breeding parents with
unknown origin (n = 53)

CF01 a 7 4.886 0.674 0.788 1.731 0.795 0.286 0.805 0.641 *** 0.07
CF02 a 1 1.000 0.65 0.000 0.000 0.000 0.000 0.000 - 1.00
CF03 a 5 2.136 0.594 0.501 0.955 0.532 0.368 0.546 0.307 *** 0.29
CF04 8 4.723 0.786 0.699 1.770 0.788 0.913 0.806 ´0.158 ** 0.07
CF09 3 2.504 0.733 0.382 0.982 0.601 0.778 0.609 ´0.295 ** 0.24
CF11 6 2.658 0.667 0.583 1.292 0.624 0.642 0.630 ´0.029 ns 0.17

CF12 a 2 1.328 0.565 0.205 0.413 0.247 0.288 0.249 ´0.169 ** 0.60
CUC1 3 1.286 0.496 0.214 0.457 0.223 0.132 0.225 0.407 *** 0.62

CUC2 a 4 2.509 0.304 0.391 1.075 0.601 0.943 0.607 ´0.569 *** 0.23
CUC3 a 3 2.091 0.514 0.168 0.797 0.522 0.925 0.527 ´0.772 *** 0.34
CUC4 6 2.301 0.641 0.560 1.135 0.565 0.160 0.571 0.717 *** 0.23

CUC6 a 5 2.445 0.584 0.247 1.041 0.591 0.925 0.597 ´0.564 *** 0.25
CUC7 a 2 2.000 0.428 0.000 0.693 0.500 1.000 0.505 ´1.000 *** 0.38
CUC8 5 2.351 0.516 0.499 0.981 0.575 0.528 0.580 0.081 ns 0.27

CYP52 a 4 3.756 0.731 0.577 1.352 0.734 0.962 0.741 ´0.310 *** 0.12
CYP84 a 2 1.168 0.336 0.144 0.274 0.144 0.031 0.146 0.783 *** 0.74

CYP101 a 3 2.038 0.419 0.019 0.740 0.509 1.000 0.514 ´0.964 *** 0.36
Mean 4.059 2.422 0.567 0.352 0.923 0.503 0.581 0.509 ´0.118 -

SD 0.473 0.270 0.14 0.045 0.116 0.054 0.091 0.055 0.140 -
Total 69 41.180 - - - - - - - 3.29 ˆ 10´10

Na, number of different alleles; Ne, effective number of alleles; H, haplotype diversity index; I, Shannon’s information index; Ho, observed heterozygosity; He, expected heterozygosity;
uHe, unbiased expected heterozygosity; PIC, polymorphic information content; PI, probability of identity; Fis, inbreeding coefficient; SD, standard deviation; a, Loci with null alleles
and deviating from Hardy–Weinberg equilibrium with significant p < 0.001; ns, not significant; **, p < 0.01; ***, p < 0.001.
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3.1.3. Population Diversity and Structure

The population genetic parameters used in the present study are summarized in Table 3.
The highest degree of genetic diversity was observed in the Zhejiang population (Ne = 2.817, I = 1.055,
and He = 0.538), and the genetic diversity was lowest in the Chongqing population (Ne = 2.488,
I = 0.943, and He = 0.495). The haplotype diversity (H) ranged from 0.365 (Guizhou population) to
0.418 (Zhejiang population). All results showed that there was no significant difference among the five
populations in the level of genetic diversity, and these populations had a close genetic relationship.
The Fis values were negative in all five populations, indicating a slight excess of heterozygosity among
the five populations. Five population-specific alleles (alleles detected in only one population) produced
from 5 of the 17 SSR markers were identified (Figure 1). The five population-specific alleles were
distributed in the Zhejiang, Chongqing and Hubei populations, and the allele frequencies ranged
from 0.7% to 17.0%. The Nei’s genetic distance ranged from 0.008 (Hubei vs. Chongqing) to 0.023
(Guizhou vs. Hubei) (Table 4). The greatest geographic distance (1925.9 km) was between Zhejiang
and Sichuan; however, this pairing did not reveal the largest genetic distance (0.023). The Mantel
test (Figure 2) showed that genetic distance was not correlated with geographic distance (r = 0.02
and p = 0.530). A hierarchical analysis of molecular variance (AMOVA) indicated that the proportion
of genetic differentiation within the five populations accounted for most of the molecular variance
(99.668%), and only 0.332% of the molecular variance was accounted for in the variation among
populations (Table 5). The Fst value between populations was also low, and the greatest Fst values
were observed between populations from Guizhou, Hubei, Chongqing and Zhejiang.
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Figure 1. Five private alleles of 17 microsatellite loci in five populations.
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Table 3. Polymorphic information among populations. 1

Population Na Ne H I Ho He uHe Fis Na Freq. ě 5% No. Private Alleles

Sichuan 4.765 2.674 0.415 1.035 0.562 0.531 0.538 ´0.025 3.412 0.000
(0.546) (0.323) (0.045) (0.126) (0.070) (0.054) (0.054) (0.097) (0.438) (0.000)

Guizhou 4.294 2.628 0.400 1.004 0.553 0.525 0.534 ´0.067 3.353 0.000
(0.567) (0.317) (0.047) (0.129) (0.079) (0.056) (0.057) (0.115) (0.420) (0.000)

Hubei 4.882 2.552 0.385 0.998 0.588 0.511 0.517 ´0.070 3.235 0.059
(0.562) (0.302) (0.045) (0.126) (0.079) (0.056) (0.056) (0.112) (0.369) (0.059)

Zhejiang 5.176 2.817 0.418 1.055 0.570 0.538 0.542 ´0.058 3.176 0.176
(0.577) (0.391) (0.046) (0.131) (0.076) (0.055) (0.056) (0.103) (0.413) (0.095)

Chongqing 4.529 2.488 0.365 0.943 0.557 0.495 0.500 ´0.095 2.941 0.059
(0.595) (0.307) (0.046) (0.127) (0.084) (0.059) (0.059) (0.110) (0.337) (0.059)

1 Brackets for standard deviation (SD); Na, number of different alleles; Ne, effective number of alleles; H, haplotype diversity index; I, Shannon’s information index; Ho, observed
heterozygosity; He, expected heterozygosity; uHe, unbiased expected heterozygosity; Fis, inbreeding coefficient; Na freq. ě 5%, No. of different alleles with a frequency ě 5%.
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Table 4. Nei’s standard genetic distances (lower diagonal) and pairwise Fst values (upper diagonal)
between populations.

Population Sichuan Guizhou Hubei Zhejiang Chongqing

Sichuan 0.008 0.005 0.005 0.008
Guizhou 0.017 0.009 0.006 0.008

Hubei 0.010 0.023 0.007 0.004
Zhejiang 0.011 0.017 0.017 0.009

Chongqing 0.013 0.017 0.008 0.020
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Figure 2. Correlation between genetic distance and geographic distance for cypress populations.

Table 5. Analysis of molecular variance (AMOVA) within and among populations.

Source of Variation d.f. Sum of Squares Variance Components Percentage Variation (%)

Among populations 4 22.589 0.015 0.332
Within populations 575 2226.637 4.473 99.668

Total 579 2249.226 4.488

These results showed a clear maximum ∆K at K = 2 (Figure 3), in which all individuals were
classified into two different clusters (Figure 4). Approximately 90% of the individuals belonged to each
genetic cluster, indicating strong ancestry values (Q value) with an average greater than 0.9. Regarding
genetic cluster 1 (green), including the Guizhou (44.7%), Hubei (46%), Zhejiang (56.7%), Chongqing
(41.6%), and Sichuan (39.6%) populations and an unknown (only 7.8%) group, only one individual
(0.7%) showed ancestry values (Q value) < 0.6. Most of the breeding parents in the unknown group
(92.2%) belonged to genetic cluster 2 (red), with ancestry values > 0.8. The average distance (expected
heterozygosity) between the individuals in clusters 1 and 2 was 0.5028 and 0.5214, respectively.Forests 2016, 7, 160  10 of 16 
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3.1.4. Construction of Genetic Core Collection

Figure 5 shows SSRs with significant linkage equilibrium (R2 < 0.3; p < 0.01), and no SSRs
showed linkage disequilibrium (LD). A core collection containing 30 genotypes retaining all 93 alleles
identified from breeding parents was defined. The core collection contained six (11.3%) breeding
parents from Hubei, seven (14.0%) breeding parents from Sichuan, seven (8.1%) breeding parents
from Zhejiang, three (8.6%) breeding parents from Guizhou, three (4.5%) breeding parents from
Chongqing, and four (7.5%) breeding parents from an unknown population. The observed and
expected heterozygosity (Ho and He) values calculated for the core collection were close to those values
for the overall genotypes (Table 6). Regarding the allele frequency, the chi-square test showed that
the core collection had a similar allelic distribution for all 17 SSR markers (p > 0.05). Moreover, the
frequency of alleles between this core collection and the overall breeding parents was highly correlated:
not only were the same alleles detected but these alleles were also represented at a nearly identical
frequency (r = 0.98, Figure 6).Forests 2016, 7, 160  11 of 16 
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Figure 5. Pairwise linkage disequilibrium (LD) (R2) between simple sequence repeats (SSRs) in cypress.
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Table 6. SSR diversity within the core collection compared with the overall breeding parents.

Population Size Na Ne I Ho He Correlation of Allele Frequency

Overall breeding parents 343 93 2.7 1.06 0.57 0.54
0.96Core collection 30 93 3.0 1.16 0.57 0.57

Na, number of different alleles; Ne, effective number of alleles; I, Shannon’s information index; Ho, observed
heterozygosity; He, expected heterozygosity.
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Figure 6. Correlation between the allele frequencies of 93 SSR alleles in the core collection
(30 individuals) and the breeding parents (343 individuals).

4. Discussion

Most conifers have high genetic diversity and low differentiation among populations [38].
The present study represents the first large-scale analysis using molecular markers to assess genetic
diversity and the relationships among cultivated cypress breeding parents throughout China. In the
present study, the cypress breeding parents had low genetic diversity (H = 0.406), and low haplotype
diversity (H) in each geographic population, reflecting a long history of cuttage cultivation or asexual
reproduction. The positive values for Fis reflect the presence of null alleles [39]. In the present
study, eight loci were detected as containing null alleles using the Cervus software; for CYP84, the
previously reported null alleles [6] significantly (p < 0.001) deviated from Hardy–Weinberg equilibrium.
However, the average Fis (´0.037) was close to zero, suggesting that the cypress breeding parents in
the present study were comparable to a random mating unit [40]. Allelic diversity (Na, Ne), expected
heterozygosity (He), and Shannon’s information index (I) are three important and commonly used
parameters to study genetic diversity in populations [41,42]. The allelic variation (Na), expected
heterozygosity (He) and Shannon’s information index (I) among the breeding parents examined in the
present study (Ne = 2.698, He = 0.527, and I = 1.035) were lower than those values observed in wild
populations (Ne = 3.42, He = 0.706, and I = 1.333) and comparable to putatively cultivated populations
(Ne = 3.23, He = 0.620, and I = 1.149) [2]. These findings also supported the conclusion that the average
genetic diversity indices of wild populations were higher than those indices of putatively cultivated
populations [2]. Compared with other Cupressus species, the Shannon’s information index (I = 1.035)
was comparable to that observed in C. duclouxiana Hickel (I = 1.169) and C. gigantea Cheng et L. K. Fu
(I = 1.022) [2]. However, a reduced set of C. sempervirens var. Horizontalis (I = 0.410) [43] displayed
a lower I value, while a higher I value (1.377) was observed in C. chengiana S. Y. Hu [2]. This low
I value likely reflects a less diverse genetic background within these breeding parents. Reflecting
the long history of exploitation and cultivation of cypress, cultivated or mosaic populations are
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widespread [44]. Although these five cypress populations might experience different demographic
histories, the observed level of microsatellite genetic diversity was similar, and Nei’s genetic distance
was low (Tables 3 and 4). These results showed that the genetic relationship of breeding parents
from different geographic origins was close. These results are consistent with a long history of
cultivation and increased selection pressure by humans for cypress. In populations grouped according
to geographical origin, an extremely low percentage of variation (0.332%) and reduced FST values
could reflect geographic factors, as expected in a woody perennial breeding species [45]. Five alleles
were identified as population-private alleles. Some of these alleles differed in size from the most
frequent population alleles and likely originated through a direct mutation, indicating that some
individuals were particular to the geographic population [40].

The UPGMA tree clustered the majority of breeding parents into two major groups. The breeding
parents with unknown origin were clustered closely together with short branches between accessions,
and these breeding parents were clustered into a single subgroup (pink), suggesting that they could be
a single male or female parent population in crossbreeding work. The clustering analysis showed that
the genetic basis of these varieties was relatively narrow, and the genetic diversity of these varieties
was not completely related to geographic distribution. In addition, the three breeding parents were
not clustered into two major groups, and they had a higher genetic distance with other breeding
parents, implying that rare spontaneous somatic mutations likely occurred in long-cultivated trees
propagated through grafting [46]. A Bayesian clustering approach probabilistically assigns individuals
to a single population or to multiple populations when their genotype indicates admixture [30]. The ∆K
statistics provided the highest value at K = 2 (∆K = 82.59). As the ad hoc statistic ∆K preferentially
detects the uppermost level of structure [47,48], K = 2 was considered as the starting point for the
first ground clustering in all 343 individuals. Structure analysis identified two subgroups among
the breeding parents. This analysis is consistent with the results of previous UPGMA clustering
analyses, showing that the genetic subdivision of clusters is not consistent with geographic origin.
This phenomenon in the breeding parents of cypress was also observed in other annual and perennial
plants, such as sorghum and poplar [49,50], suggesting that there was no obvious differentiation in the
population structure of cypress from different geographic origins. The relationship and geographic
origin of the parents play an important role in maintaining a high level of genetic diversity and the
generation of heterotic progenies through crossbreeding [51,52]. The analysis based on the Mantel test
(Figure 2) showed that the genetic distance was not correlated with the geographic distance (r = 0.02
and p = 0.530), suggesting that the geographic distance is not the principal factor influencing genetic
differentiation among the breeding parents of cypress. Therefore, based on the results of the present
study and previous experiences in crossbreeding, both distant geography and evolutionary relationship
should be considered when selecting the crossbreeding parents of cypress. Moreover, we understood
the genetic relationship between individuals from 343 breeding parents and five populations with
different geographic origins through SSR markers, and in-depth research on the genetic diversity and
population structure of breeding parents. This information would be helpful to shorten the period in
crossbreeding and accelerate the utilization of cypress breeding materials. Based on the above findings
concerning the genetic diversity of cypress breeding parents, we should strengthen the protective
measures for natural populations of cypress to maintain a high level of genetic diversity, collect more
breeding materials of cypress to broaden the genetic background, and lay a foundation for long-term
breeding goals.

The advanced “M” (maximization) strategy employed in the present study, however, is considered
the most appropriate approach for selecting the most diverse alleles and eliminating redundancy [53].
A core collection of 30 genotypes sufficient to retain all 93 alleles identified from the analyzed breeding
parent genotypes was defined (Table 6, Figure 6). This core collection thus guarantees the preservation
of all alleles, which is critical for maintaining the genetic diversity of a population and is likely involved
in plant adaption to environmental shift [54,55]. Overall, the 30 genotypes selected for the collection
constitute a representative sample of the diversity retained from the breeding parents. Furthermore,
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the 30 genotypes for core collection should be extensively evaluated for morphology traits to identify
accessions with desirable characteristics in wood improvement research and genomic studies.

5. Conclusions

We hereby reported the first molecular characterization of a collection of 343 breeding parents
belonging to five provinces and an unknown population using a set of 17 polymorphic SSR markers. We
clarified the genetic relationships between breeding parents through clustering analysis. The pattern
detection methods of neighbor joining and Bayesian models similarly clustered these breeding parents.
The breeding parents in unknown populations were clustered into one subgroup, whereas the breeding
parents from the five populations were clustered into two groups. There was no obvious geographic
context of the genetic relationship and diversity in the breeding parents. A manageable core collection
with 30 genotypes was selected to maintain the highest variability in the lowest number of plants.
This collection represents the genetic variability of the breeding parents of cypress, as all 93 SSR alleles
detected were retained among the 343 breeding parents.
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