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Abstract: As the world’s top energy consumer and carbon emitter, China’s carbon emissions policies,
including the low-carbon pilot initiative (LCPI) implemented in July 2010, have important effects on
global climate change. Therefore, accurately assessing the effect of this policy has become extremely
important for low-carbon development. This article analyses the impact of implementing LCPI on
regional carbon emissions by using Guangdong Province as the study area, which has the largest
economic scale, population size and carbon emissions amongst China’s low-carbon pilot provinces.
The results suggest that for the entire 2010–2015 period, Guangdong’s carbon emissions were reduced
by about 10% due to the implementation of LCPI. This policy produced a significant impact on the
carbon emissions from manufacturing industries but showed minimal impact on the carbon emissions
from energy production. Unlike previous researchers who relied on estimations, the authors of this
work obtained unified carbon emissions data for 1997–2015 from the China Emission Accounts and
Datasets and then constructed comparison groups by using the synthetic control method instead of
performing a subjective selection. The authors also examined the impact of LCPI on carbon emissions
from different sources. This article proposes that policy support and low-carbon action are necessary
for reducing regional carbon emissions and that the policies must be constantly adjusted during
their implementation. The successful experiences in low-carbon pilots are also worth exploring and
promoting in other regions.

Keywords: low-carbon pilot initiative; carbon emissions; policy effect evaluation; synthetic
control method

1. Introduction

Over the past century, the global average temperature increased by 0.4–0.8 ◦C, which is expected to
increase further to 1.4–5.8 ◦C over the next 100 years. Global warming has created many environmental
problems, such as the melting of bipolar glaciers, rising sea levels, increased frequency of extreme
weather and ecological damage, thereby turning this phenomenon into one of the major challenges
being faced by the world today [1–4]. Scientific studies have confirmed a direct relationship between
greenhouse gas emissions (e.g., carbon dioxide) and global climate change [5–8]. In addition,
the amount of global carbon dioxide emissions continues to increase despite the calls of climate scientists
and international organizations, including the United Nations, for cuts in energy consumption [9].
The research of Global Carbon Project reveals that the amount of global CO2 emissions has increased
by 1.6% in 2016–2017 and is expected to increase by 2.7% in 2018 [10].

China is the world’s top energy consumer and CO2 emitter [11]. Since its accession to the WTO in
2001, China’s GDP growth rate has reached an average of 10% a year, thereby turning China into the
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world’s second largest economy. However, the rapid development of China’s economy comes at the
cost of consuming huge amounts of resources. According to the National Bureau of Statistics of China,
the total energy consumption of China increased by nearly three times from 1555 million tce (ton of
standard coal equivalent) in 2001 to 4490 million tce in 2017 [12]. Such large quantification energy
consumption also results in huge amounts of carbon emissions. Previous studies reveal that 27% of
global carbon emissions in 2017 originated from China [10].

China and other countries around the world have reached a consensus that promoting a low-carbon
economy with the goal of reducing greenhouse gas emissions can effectively solve those problems
driven by climate change [13–16]. In 2004, the National Development Reform Commission (NDRC)
promulgated the Medium and Long-Term Special Plan for Energy Conservation (2004) to reduce energy
intensity [17]. Subsequently, China’s top administrative institution, the State Council, promulgated
China’s National Climate Change Program (2007) and White Paper on China’s Actions and Strategy on Climate
Change (2008) to reduce the country’s greenhouse gas emissions [18,19]. In 2009, the State Council
announced its target to reduce the country’s carbon intensity by 40%–45% by 2020 compared to its 2005
level [20], and this target was subsequently included in the National 12th Five Year Plan in 2010 [21].
To achieve such target, in July 2010, the NDRC started implementing its low-carbon pilot initiative
(LCPI) in the five provinces of Liaoning, Hubei, Guangdong, Yunnan, and Shaanxi.

The implementation of LCPI has motivated many researchers to examine the effect of this policy.
For example, Chu (2017), Deng (2017), and Dai (2015) argued that the implementation of LCPI has
significantly inhibited regional carbon emissions and that this effect continues to increase every
year. [22–24]. However, Lu (2017) argued that not all pilot areas were influenced by LCPI, with only
Shaanxi showing significant reductions in its carbon emissions [25]. Similarly, Zhao (2018) argued that
the effect of LCPI varies across different provinces. For instance, this policy effectively reduced the
agricultural carbon emissions in Shaanxi, Hubei, and Liaoning but did not produce any obvious effect
in Guangdong and Yunnan [26].

Previous studies have evaluated the effectiveness of LCPI, but their conclusions greatly vary and
even contradict one another because of the differences in their data and methodologies. For instance,
the most important outcome variable used in these studies (CO2 emissions) was estimated by using
different methods. However, emissions estimates are relatively uncertain in many circumstances
and show large gaps [27]. The methodologies employed in previous research, including the
Differences-in-Differences method, also show some limitations in evaluating policy effects, with
researchers often selecting their comparison groups subjectively [28]. In addition, previous researches
do not study deeply the impact of the LCPI on carbon emissions from different sources.

In this study, the authors obtained annual CO2 emissions data at the provincial level for 1997–2015
from China Emission Accounts and Datasets (CEADs), which was constructed in 2017 and is considered
by far the most authoritative and unified carbon emission dataset for emission-related research in
China. The authors also used Guangdong Province as the study area given that this province has
the largest economic scale, population size and carbon emissions amongst China’s low-carbon pilot
provinces. Data-driven procedures were also employed to construct suitable comparison groups based
on the synthetic control method proposed by Abadie to examine whether LCPI has actually reduced
the regional carbon emissions of China. The impact of this policy on carbon emissions from different
sources has also been investigated.

2. Materials and Methods

2.1. Study Area

Guangdong Province, one of China’s first low-carbon pilot provinces, is located in the southeastern
part of the country (109◦39′~117◦19′ E and 20◦13′~25◦31′ N) facing the South China Sea (Figure 1).
The Guangdong provincial administrative area includes 21 cities with a total population of 117 million,
thereby making this area the most populated province in China. Since 1989, Guangdong’s GDP
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has ranked first in the country, thereby turning Guangdong into China’s largest economic province.
In 2017, the total GDP of Guangdong amounted to 89,705.23 billion yuan or 10.8% of China’s total GDP.
The high amount of economic aggregates and total population also hugely contribute to the carbon
emissions of this province. In fact, Guangdong’s annual CO2 emissions are higher than those of the
other four low-carbon pilot provinces since 2001 (Figure 2a).
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(a) Comparison of annual CO2 emissions between Guangdong and the rest of low-carbon pilot
provinces, and (b) comparison of annual CO2 emissions between Guangdong and non-low-carbon
pilot provinces.

2.2. Policy Background

The main sources of carbon emissions in Guangdong are its energy production and manufacturing
industries, which altogether account for 80.4% of the province’s total emissions (Figure 3).
The Guangdong government divided its implementation of LCPI into four periods, namely, the
start-up period (August 2010–December 2010), the initial period (2011), the crucial period (2012–2013)
and the deepening period (2014–2015), all of which aimed to reduce the CO2 emissions of the province
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by 35% in 2015 from its 2005 level. To achieve this goal, Guangdong focuses on the optimization of its
energy structure and the development of its low-carbon industry.Sustainability 2019, 11, x FOR PEER REVIEW 4 of 14 
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Figure 3. Source of carbon emissions in Guangdong Province.

To optimize an energy structure, the production of thermal power, nuclear power, and wind
power must be promoted, the utilization of solar energy must be enhanced, biomass energy needs
to be developed in moderation, a new type of rural energy must be developed according to the
local conditions and other emerging energy sources, such as geothermal energy, tidal energy, and
hydrogen energy, need to be cultivated. In addition, the government advocates that enterprises should
pay attention to their energy conservation and improve their energy efficiency in their production
processes. To create a low-carbon industry, the development of advanced manufacturing (e.g., nuclear
power equipment, wind power equipment, automobile manufacturing, petrochemicals, shipbuilding
and marine engineering equipment manufacturing) and strategic emerging manufacturing (e.g.,
semiconductor lighting, new energy vehicles, solar photovoltaic energy, energy conservation, and
environmental protection) must be accelerated, whilst the development of modern service industries
(e.g., finance, logistics, information services, technology services, outsourcing services, headquarters
economies, business exhibitions, cultural creativity, and tourism) needs to be optimized. A circular
economy must also be developed, clean production processes and technologies need to be promoted,
waste generation from sources must be reduced and waste recycling must be encouraged.

In addition, Guangdong has also implemented some innovative policies. In institutional reform,
the Guangdong Provincial Leading Group for Climate Change and Energy Conservation and Emission
Reduction was established and directly led by the governor. Meanwhile, the low-carbon targets was
incorporated into the performance evaluation system of government officials. In market mechanism,
Guangdong pioneered the development of an emissions trading scheme (ETS), which could allow
carbon emissions allowances to be traded. Unlike other areas in China, which use the free allocation of
permits to reduce the financial burden on enterprises, Guangdong adopted a tougher approach by
requiring compliance enterprises to buy allowances through auction. For example, the compliance
enterprises in the iron and steel industry could receive a 97% quota for free only if they purchase 3%
of allowances. The government also set a high reserve price of RMB 60/ton for mandatory auction.
This allocation approach is superior to free allocation because it contributes to the identification of the
proper price for carbon emissions, as well as raising money for the provincial low-carbon development
fund [29].

Figure 2b plots the trends in the annual CO2 emissions of Guangdong and the other provinces that
are not covered by LCPI. As can be seen in this figure, before the implementation of LCPI, the trends
in the annual CO2 emissions of Guangdong and the other provinces were all showing a continuous
growth. These trends began to diverge in 2011 when Guangdong’s annual CO2 emissions peaked and
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began to decline whereas those of the other provinces continued to increase. To evaluate the impact of
LCPI on the carbon emissions of Guangdong, the following question needs to be addressed: If the LCPI
was not implemented in 2010, how will Guangdong’s carbon emissions evolve? This counterfactual
can be estimated by using the synthetic control method.

2.3. Synthetic Control Method

The thinking of synthetic control method is to use Guangdong as the treatment group, find the
appropriate weight through the predicted variables, and weight the average of the provinces where the
LCPI has not been implemented. Then we synthesize a virtual Guangdong that has not implemented
the LCPI and use it as a comparison group, and make the characteristics of the predicted variables
in synthetic Guangdong and real Guangdong before the LCPI implementation as similar as possible.
Finally, the difference of carbon emissions between real Guangdong and synthetic Guangdong after
the LCPI implementation can be compared.

Suppose that we observe the carbon emissions of J+1 provinces for T years, and only the first
province, that is Guangdong, implemented LCPI, hence the J remaining regions can be the control
group. Suppose that T0 is the year of the LCPI implementation, YN

it is the carbon emissions that could
be observed for province i at time t in the absence of the LCPI, and YI

it is the carbon emissions that
could be observed for province i at time t if province i is exposed to the implementation of the LCPI in
periods T0+1 to T. Let Yit be the actual carbon emissions that would be observed for province i at time t.
So αit = YI

it −YN
it is the effect of the implementation of LCPI for province i at time t, α1t = YI

1t −YN
1t is

the effect of LCPI on carbon emissions in Guangdong. Because all provinces’ carbon emissions are not
affected by LCPI before T0, when t ≤ T0, YI

it = YN
it ; when T0 < t ≤ T, YI

it = YN
it + αit. We introduce the

dummy variable Dit. The observed actual carbon emissions for province i at time t is Yit = YN
it + Ditαit,

when t ≤ T0, α1t =0; when t > T0, α1t = YI
1t − YN

1t = Y1t − YN
1t, Y1t is the actual carbon emissions

of Guangdong that can be observed after the implementation of the LCPI. We can estimate α1t by
estimating YN

1t. Suppose that:
YN

it = δt + θtZi + λtµi + εit (1)

where δt is an unknown common factor, Zi are observed covariates which not affected by the LCPI, θt

are unknown parameters, λt are unobserved common factors, µi are unknown factor loadings, and
εit are error terms. Suppose that a weights vector W to estimate YN

it , W =
(
w2, w3, · · · , wJ+1

)
, w j ≥ 0,

w2 + · · ·+ wJ+1 = 1. The carbon emissions for each synthetic control indexed by W is

J+1∑
j=2

w jYN
jt = δt + θt

J+1∑
j=2

w jZJ + λt

J+1∑
j=2

w jµ j +

J+1∑
j=2

w jε jt (2)

Suppose that there are
(
w∗2, · · · , w∗J+1

)
such that

J+1∑
j=2

w∗jY j1 = Y11,
J+1∑
j=2

w∗jY j2 = Y12, · · · ,
J+1∑
j=2

w∗jY jT0 = Y1T0 and
J+1∑
j=2

w∗jZ j = Z1 (3)

If
∑T0

t λ′tλt is nonsingular, then

YN
it −

J+1∑
j=2

w∗jY jt =

J+1∑
j=2

w∗j

T0∑
s=1

λt

 T0∑
n=1

λ′nλn


−1

λ′s
(
ε js − ε1s

)
−

J+1∑
j=2

w∗j
(
ε js − ε1s

)
(4)

Abadie proved that, the mean of the right-hand side of Equation (4) will be close to zero under
standard conditions, hence we can use α̂1t = Y1t −

∑J+1
j=2 w∗jY jt for t ∈ {T0 + 1, · · · , T} as an estimator

of α1t.
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2.4. Variables and Data

The annual CO2 emissions at the provincial level were used as the outcome variable and were
collected from CEADs. Following Wang (2010), several variables were used as predictors of carbon
emissions, including economic size, economic structure, economic level, population size, energy
intensity, length of transport routes, and number of vehicles [30]. The details of these variables are
shown in Table 1.

Table 1. Predictors of carbon emissions.

Predictor Index Abbreviation Data Source

Economic size GDP GDP China Statistical Yearbook
Economic structure Secondary industry output/GDP ES China Statistical Yearbook

Economic level Per capita GDP PGDP China Statistical Yearbook
Population size Total population POP China Statistical Yearbook
Energy intensity Energy consumption EC China Energy Statistics Yearbook

Length of transport routes Total mileage of roads and railways TD China Transportation Yearbook
Number of vehicles Number of civil cars VN China Transportation Yearbook

The synthetic control method was used to create a synthetic version of Guangdong that mirrors
the values of the predictors of the real Guangdong before the LCPI implementation. Not all the other
provinces (excluding Guangdong) were placed in the control group. Firstly, Tibet, Xinjiang, and Taiwan
were eliminated from the sample because of missing data. Secondly, Liaoning, Hubei, Yunnan, and
Shaanxi were eliminated as they also implemented LCPI in 2010. Thirdly, Hainan was eliminated
given that this province was named as a low-carbon pilot province in 2012. Fourthly, Zhejiang was
eliminated because LCPI includes not only provinces but also cities. The annual CO2 emissions of
Hangzhou, Ningbo, and Wenzhou, which are included amongst China’s low-carbon pilot cities, are
more than half of that of Zhejiang Province. Therefore, although not a low-carbon pilot province,
Zhejiang is also greatly affected by LCPI.

After creating a synthetic Guangdong, the effect of LCPI on carbon emissions was estimated as
the difference in the annual CO2 emissions levels of the real and synthetic Guangdong in the years
following the implementation of LCPI. Placebo studies and robustness tests were then performed to
confirm the accuracy and robustness of the estimations.

3. Results

3.1. Real and Synthetic Guangdong

3.1.1. Total Effect

The Synth package for STATA provided by Abadie was used for the operation. Table 2 shows the
weights of each province in the control group for synthesizing a virtual Guangdong. The results in
Table 2 reveal that the carbon emissions trends in Guangdong before the implementation of LCPI are
best copied by a combination of Hebei, Heilongjiang and Anhui. All other provinces in the control
group were assigned zero W-weights.

Table 2. Province weights in synthetic Guangdong.

Province Weight Province Weight

Hebei 0.630 Shandong 0
Shanxi 0 Henan 0

Inner Mongolia 0 Hunan 0
Jilin 0 Guangxi 0

Heilongjiang 0.255 Sichuan 0
Jiangsu 0 Guizhou 0
Anhui 0.115 Gansu 0
Fujian 0 Qinghai 0
Jiangxi 0 Ningxia 0
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Table 3 compares the pre-treatment characteristics of real Guangdong with those of synthetic
Guangdong as well as the average values of the 18 provinces in the control group. Based on the computed
average, the other provinces were deemed unsuitable for the control group. Meanwhile, the carbon
emission prediction factors of synthetic Guangdong were very similar to those of real Guangdong.

Table 3. Mean values of carbon emission predictors.

Variables Real Guangdong Synthetic Guangdong Average of 18 Control Provinces

LnGDP 9.707 9.770 8.153
ES 51.14 51.01 46.87

LnPGDP 9.853 9.305 9.125
LnPOP 9.073 8.681 8.235
LnEC 9.523 9.356 8.687
LnTD 11.737 11.386 11.109
LnVN 14.816 14.028 13.281

CE-2000 199.6 193.1 105.3
CE-2005 341.8 347.7 205.9
CE-2009 437.6 444.0 283.7

Figure 4 presents the CO2 emissions of the real and synthetic Guangdong from 1997 to 2015.
Synthetic Guangdong tracks the changing trajectory of annual CO2 emissions in real Guangdong
very closely for the entire pre-LCPI period, thereby suggesting that synthetic Guangdong provides
a sensible approximation of the annual CO2 emissions in real Guangdong between 2010 and 2015
before the implementation of LCPI.
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The effect of LCPI on the carbon emissions of Guangdong was estimated as the difference between
the annual CO2 emissions of the real and synthetic version after the implementation of the policy.
As shown in Figure 4, after the implementation of LCPI, the two lines began to diverge. Whilst the
CO2 emissions of synthetic Guangdong continued to grow steadily, those of real Guangdong began to
shift after reaching its peak in 2011 and then declined for the first time. This figure suggests that the
implementation of LCPI has a negative effect on Guangdong’s carbon emissions. Table 4 shows the
yearly gaps in the CO2 emissions of the real and synthetic Guangdong, which can reflect the yearly
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estimated impacts of LCPI. The gap in the annual CO2 emissions of real and synthetic Guangdong was
maintained between 4 mt and 8 mt in the five years before the implementation of LCPI. However, after
the implementation of this policy in 2010, this gap instantly expanded to 21.2 mt and increased year by
year until reaching its maximum in 2013 (91.8 mt). These trends suggest that LCPI had a significant
effect on carbon emissions, with the carbon emissions of Guangdong decreasing by approximately 10%
during the entire 2010–2015 period with an average annual reduction of approximately 56 mt.

Table 4. Annual CO2 emissions between 2005 and 2015: Real vs. synthetic Guangdong (mt).

Year Real Guangdong Synthetic Guangdong Gap

2005 341.8 347.1 −5.3
2006 376.2 372.0 4.2
2007 410.1 403.3 6.8
2008 416.9 424.9 –8.0
2009 437.6 444.2 −6.6
2010 471.5 492.7 −21.2
2011 520.6 552.4 −31.8
2012 504.7 554.7 −50
2013 496.8 588.6 −91.8
2014 503.8 581.9 −78.1
2015 504.8 569.9 −65

3.1.2. Effects on Different Sources

Chapter 2 identifies energy production and manufacturing industries as the main sources of
carbon emissions in Guangdong and suggests that LCPI mainly focuses on these two aspects. Therefore,
what is the effect of LCPI on these two main sources of carbon emissions?

Figure 5 shows the results obtained by the synthetic control method, with Figure 5a showing the
impact of LCPI on carbon emissions from energy production and Figure 5b showing the impact of LCPI
on carbon emissions from manufacturing industries. These figures suggest that if Guangdong did not
implement LCPI in 2010, the development trend of CO2 emissions from energy production in synthetic
Guangdong would become similar to those in real Guangdong, that is, the CO2 emissions began to
decline after reaching the peak in 2011. However, the role of LCPI in reducing carbon emissions from
manufacturing industries in Guangdong is very obvious. After the implementation of this policy, the
two lines began to diverge noticeably. Whilst the CO2 emissions from the manufacturing industries
of synthetic Guangdong continued to grow steadily, those of real Guangdong began to shift before
declining. In this case, LCPI mainly affected the carbon emissions from the manufacturing industries
of Guangdong yet had minimal effects on the carbon emissions from energy production.Sustainability 2019, 11, x FOR PEER REVIEW 9 of 14 
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3.2. Placebo Studies

Placebo studies were performed to verify whether the difference in the carbon emissions of real
and synthetic Guangdong is indeed caused by the implementation of LCPI instead of other factors,
that is, whether the empirical estimates are statistically significant. In these studies, Guangdong was
transferred to the control group and a province from the existing control group was assumed to have
implemented LCPI in 2010 instead of Guangdong. The synthetic control method was then employed to
construct a synthetic version of the selected province and to estimate the effects of LCPI. All provinces
in the control group were iteratively tested, and then the carbon emission differences generated in the
placebo studies were compared with those obtained from the empirical analysis. If the differences in
carbon emissions from Guangdong in the empirical analysis are much larger than those obtained in
the placebo studies, then the difference in carbon emissions between real and synthetic Guangdong is
driven by the implementation of LCPI, that is, the results of the empirical analysis are credible.

If the synthetic province has a large RMSPE (root-mean-square prediction error) before the
implementation of LCPI, that is, the real carbon emission situation of this province before the LCPI
implementation cannot be easily tracked, then the differences in the carbon emissions of the real
and synthetic provinces post-LCPI are inferred to be caused by factors other than LCPI. Therefore,
these provinces were eliminated in the placebo studies. Following Abadie (2015), those provinces
whose pre-LCPI RMSPE was more than three times larger than that of Guangdong were excluded
from the placebo studies. These provinces included Hebei, Inner Mongolia, Jiangsu, Shandong, and
Qinghai [31].

The results of the placebo studies are presented in Figure 6, where the black line denotes the
differences estimated for Guangdong and the grey line denoting the gap in annual CO2 emissions
between the provinces in the control group and their respective synthetic versions. The estimated
gap in the carbon emissions of Guangdong from 2010 to 2015 was unusually large compared with
those of the provinces in the control group. Given that the placebo studies included 14 provinces, the
probability of the estimation result was computed as 1/14 = 0.071, which is statistically significant.

Sustainability 2019, 11, x FOR PEER REVIEW 10 of 14 

 

Figure 6. Annual CO2 emissions gaps in Guangdong and placebo gaps in the 19 control provinces 

(excluding those provinces with a pre-low-carbon pilot initiative (LCPI) RMSPE that is three times 

larger than that of Guangdong). 

The results of the placebo studies are presented in Figure 6, where the black line denotes the 

differences estimated for Guangdong and the grey line denoting the gap in annual CO2 emissions 

between the provinces in the control group and their respective synthetic versions. The estimated 

gap in the carbon emissions of Guangdong from 2010 to 2015 was unusually large compared with 

those of the provinces in the control group. Given that the placebo studies included 14 provinces, the 

probability of the estimation result was computed as 1/14 = 0.071, which is statistically significant. 

3.3. Robustness Test 

A robustness test was also performed based on an iterative approach, including the iterations of 

regions and the iterations of predictors. In the iterations of regions, a version of Guangdong was 

iteratively reconstructed, and each province that received a positive weight to the synthetic 

Guangdong, including Hebei (0.630), Heilongjiang (0.255), and Anhui (0,115), was deleted. This test 

aims to check whether the impact of LCPI on carbon emissions is influenced by weights and whether 

the results will differ when a province is removed from the control group. In the iterations of 

predictors, a version of Guangdong was iteratively reconstructed and a predictor was deleted at each 

iteration. This test aims to check whether the results will differ when a predictor is removed. 

Figure 6. Annual CO2 emissions gaps in Guangdong and placebo gaps in the 19 control provinces
(excluding those provinces with a pre-low-carbon pilot initiative (LCPI) RMSPE that is three times
larger than that of Guangdong).



Sustainability 2019, 11, 3979 10 of 13

3.3. Robustness Test

A robustness test was also performed based on an iterative approach, including the iterations
of regions and the iterations of predictors. In the iterations of regions, a version of Guangdong was
iteratively reconstructed, and each province that received a positive weight to the synthetic Guangdong,
including Hebei (0.630), Heilongjiang (0.255), and Anhui (0.115), was deleted. This test aims to check
whether the impact of LCPI on carbon emissions is influenced by weights and whether the results will
differ when a province is removed from the control group. In the iterations of predictors, a version of
Guangdong was iteratively reconstructed and a predictor was deleted at each iteration. This test aims
to check whether the results will differ when a predictor is removed.

Figure 7 presents the trajectory of the annual CO2 emissions of real Guangdong (solid line),
synthetic Guangdong (long dashed line) and leave-one-out estimates (short dashed lines). Regardless
of which iterative method was employed, the above figure shows that after removing the province
with the positive weight from the control group or removing a predictor from the variable group,
the CO2 emissions of synthetic Guangdong (leave-one-out) remained much higher than those of real
Guangdong, thereby suggesting that the results for the effects of LCPI on reducing the carbon emissions
of Guangdong do not vary across the provinces in the control group or the changes in the predictors.
In sum, the results of the previous analysis are fairly robust.Sustainability 2019, 11, x FOR PEER REVIEW 11 of 14 
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4. Discussion

As the world’s top energy consumer and carbon emitter, China’s carbon emissions policies,
including LCPI, have important impacts on global climate change. Accurately assessing the effectiveness
of these policies has important policy implications for China and the world in their pursuit to address
global warming. This article selected Guangdong Province as the study area given that this province
has the largest economic scale, population size and carbon emissions amongst China’s low-carbon
pilot provinces. The synthetic control method was applied to determine whether the implementation
of LCPI reduced the carbon emissions of Guangdong. For the entire 2010–2015 period, the carbon
emissions of Guangdong were reduced by approximately 10% as a result of the implementation of
LCPI in July 2010. This policy had the greatest impact on the carbon emissions of manufacturing
industries but had little impact on carbon emissions from energy production. Meanwhile, the placebo
studies and robustness test confirmed that the findings are fairly robust.

This work differs from the previous literature in three ways. Firstly, to make the results closer
to objective facts, instead of estimating carbon emissions, more uniform and authoritative carbon
emissions data at the provincial level were collected from CEADs. Data-driven procedures instead of
subjective selection were also employed to construct suitable comparison groups based on the synthetic
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control method. Secondly, the impact of low-carbon pilots on carbon emissions from different sources
in Guangdong, including energy production and manufacturing industries, was analyzed. Thirdly, the
findings of this work reveal that the impact of LCPI on China’s regional carbon emissions does not
increase every year. The impact of this policy on Guangdong’s carbon emissions reached its maximum
in 2013, after which Guangdong’s carbon emissions began to rise and the impact of low-carbon pilots
began to decline.

These results also offer several policy implications. Firstly, policy support and low-carbon action
are necessary for reducing regional carbon emissions. Given that carbon is mainly produced via
the consumption of fossil energy, a low-carbon development model characterized by low energy
consumption, low pollution and low emissions must be developed to fundamentally solve the problem
of global warming. The transformation of this model is inseparable from the power of the government,
especially for China, which has a high concentration of administrative power.

Secondly, low-carbon policies must be constantly adjusted during their implementation.
These policies must not be static and must keep pace with the times. The government must adjust the
content of its low-carbon policies based on feedback in order to continuously optimize such policies
and ensure their contributions to reducing regional carbon emissions.

Thirdly, the successful low-carbon action experiences in low-carbon pilot areas are worth learning
and promoting in other regions. The significance of LCPI lies not only in its goal to achieve a quantitative
emission reduction but also in its exploration of low-carbon development models through pilots, its
search for effective and sustainable emission reduction methods and the accumulation of relevant
experiences that can be popularized on a larger scale. Since the implementation of LCPI, the low-carbon
pilot areas have accumulated many useful experiences in low-carbon development through practice.
For example, Guangdong explored a low-carbon development model with low-carbon industry
and low-carbon technologies as the core, low-carbon energy as the support and low-carbon energy,
low-carbon transportation, low-carbon buildings and low-carbon lifestyle as the base. A series of
auxiliary systems, including a total carbon emission control system, inclusive low-carbon system and
carbon emissions trading system, was also implemented in the province to reduce its carbon emissions.
Guangdong also launched the ‘nine plus two’ carbon cooperation mechanism in the Pan-Pearl River
Delta region to transform itself into the first low-carbon pilot province in China. These practices can
greatly help the other regions of China in establishing a low-carbon economy.

Social scientists are always looking for ways to accurately evaluate the effectiveness of policies.
This paper uses a quantitative analysis model, namely, the synthetic control method, to evaluate the
impact of low-carbon pilot initiatives on regional carbon emissions as well as builds its comparison
groups through data drivers instead of subjective selection to enhance the objectivity and accuracy of
the estimations. However, the synthetic control method has several limitations. For instance, when
constructing a synthetic object, all objects in the control group must have a positive weight and sum of
1. Therefore, the restrictions on weights must be relaxed and negative weights must be incorporated in
future attempts to improve such method. In addition, LCPI has been implemented for nearly nine
years, and future studies may present a summarization of experiences and popularize such policy to
achieve a comprehensive low-carbon development.
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