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Table S1. Classification features for extracting RCFs using RGB image.
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Table S2. Accuracy assessment about classification results derived by using images with

different spectral bands.

Image with Three Bands (R, G, B) Image with Four Bands (R, G, B, NIR)

Producer’s Accuracy = User’s Accuracy  Producer’s Accuracy  User’s Accuracy

RCF 75.59% 84.96% 90.32% 93.33%
Non-RCF 85.71% 76.69% 93.28% 93.33%
Overall

80.49% 91.77%
Accuracy




Table S3. Accuracy assessment about classification results derived by using images in

different phases.
Flooding Phase Rice Growth Phase
Producer’s Accuracy  User’s Accuracy  Producer’s Accuracy User’s Accuracy
RCF 83.64% 89.32% 90.32% 93.33%
Non-RCF 88.42% 82.35% 93.28% 93.33%
Overall
e 85.85% 91.77%
Accuracy
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