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Abstract: The spatial distribution and temporal variation of land surface sensible heat (SH) flux on
the Tibetan Plateau (TP) for the period of 1981–2018 were studied using the simulation results from
the Noah-MP land surface model. The simulated SH fluxes were also compared with the simulation
results from the SEBS model and the results derived from 80 meteorological stations. It is found
that, much larger annual mean SH fluxes occurred on the western and central TP compared with the
eastern TP. Meanwhile, the inter-annual variations of SH fluxes on the central and western TP were
larger than that on the eastern TP. The SEBS simulation showed much larger inter-annual variations
than did the Noah-MP simulation across most of the TP. There was a trend of decrease in SH flux
from the mid-1980s to the beginning of the 21st century in the Noah-MP simulations. Both Noah-MP
and SEBS showed an increasing SH flux trend after this period of decrease. The increasing trend
appeared on the eastern TP later than on the western and central TP. In the Noah-MP simulation,
the western and central TP showed larger values of temperature difference between the ground
surface and air (Ts–Ta) than did the eastern TP. Both mean Ts–Ta and wind speed decreased from the
mid-1980s to approximately 2000, and then increased slightly. However, the Ts–Ta transition occurred
later than that of wind speed. Changes in mean ground surface temperature (Ts) were the main cause
of the decreasing and increasing trends in SH flux on the TP. Meanwhile, changes in wind speed
contributed substantially to the decreasing trend in SH flux before 1998.

Keywords: Tibetan Plateau; sensible heat flux; Noah-MP; SEBS

1. Introduction

As the Earth’s third pole, the Tibetan Plateau (TP) plays a critical role in influencing
regional and global climate. Over the past few decades, the TP has experienced evi-
dent climate change, which has contributed to amplifying environmental changes on the
global scale. The large heat source in the mid-troposphere provided by the TP is per-
ceived as an important factor contributing to the formation and variation of the Asian
summer monsoon [1–3]. Land surface sensible heat (SH) flux is a major component of this
heat source, and plays a considerable role in modulating large scale atmospheric circu-
lation and the summer monsoon precipitation patterns [4–9]. Hence, many studies have
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attempted to estimate the spatiotemporal changes in SH flux over the TP using meteo-
rological data [10–13], reanalysis data [14–16], remote sensing products [17–19] or model
simulations [20,21].

Duan and Wu [10] calculated the SH flux on the TP for the period 1980–2003 using data
from meteorological stations and satellites. They found that the SH flux on the TP exhibited
a large diurnal range, but much smaller annual range. The SH flux also showed a significant
decreasing trend from the mid-1980s to the beginning of the 21st century, with a subdued
surface wind speed contributing highly to the decreasing trend. Further, Duan et al. [11]
reexamined the SH flux trend during 1980–2008, and confirmed the weakening trend. They
found that the trend was induced mainly by a reduction in surface wind speed, despite a
sharp increase in the ground-air temperature difference in 2004–2008. They also considered
the trend to be a primary response to the spatial nonuniformity of large scale warming over
the East Asian continent. Yang et al. [13] investigated the differences between different
methods in estimating SH flux trends on the TP using meteorological station data for the
period 1984–2006. Their results showed that different schemes produced different trends,
and they claimed that the SH flux on the TP weakened by 2% per decade using their own
newly developed method. They suggested that a decrease in wind speed and increase in
ground–air temperature difference may moderate the trend of the heat transfer coefficient,
which in turn may influence the SH flux trend. Wang and Ma [21] performed several
simulation experiments on the TP using the Noah-MP land surface model. Their results
showed that the SH flux is very sensitive to the thermal roughness length parameterization
scheme, and also supported the SH flux weakening trend from the mid-1980s onwards.

However, the SH flux weakening trend did not continue during the last decade [22–25].
Zhang et al. [23] calculated the SH flux over the TP from 1970 to 2015 using meteorological
station data, and analyzed the temporal characteristics of SH flux. They pointed out that
there was an increasing trend in SH flux during the period 2001–2015. Chen et al. [25]
investigated the spatiotemporal variability in SH over the TP from 1980 to 2015 using
data from meteorological station and reanalysis products. They also confirmed that an
increasing trend followed the earlier decreasing trend, and stated that the declines in SH
prior to 2000 resulted from changes in wind speed, while the subsequent recovery can be
attributed to increases in both wind speed and air–surface temperature gradient.

Most previous studies estimated the SH flux on the TP using reanalysis datasets or
meteorological station data from the China Meteorological Administration (CMA), and
bulk transfer algorithms. There are many uncertainties in estimating the SH flux on the TP
using data from unevenly distributed meteorological stations and/or diverse reanalysis
datasets. Hence, the decadal SH flux trends, especially when and how the trends changed,
remain controversial. This study presents high resolution simulations of SH flux using
the Noah-MP land surface model and SEBS (surface energy balance system) model, and
compares these with the results from CMA meteorological stations. The climatic features of
SH flux on the TP and possible causes of the annual variation trends are then analyzed. In
the next section, observations and the experimental design will be described.

2. Materials and Methods

To evaluate the simulation results from the Noah-MP model, SH flux datasets collected
from the eddy covariance (EC) systems at three observation stations were used. The QOMS
station is situated at the bottom of the lower Rongbuk Valley, to the north of Mt. Everest;
here, the EC system was installed at a height of 3.25 m above ground level. The Nam
Co station is located on the southeast shore of the Nam Co Lake on the central TP; here,
the EC system was installed at a height of 3.06 m above ground level. The Ali station is
located within a flat and open mountain valley on the northwestern TP, where the Indian
monsoon and westerly wind interact intensively; here, the EC system was installed at a
height of 2.75 m above ground level. Figure 1 shows the locations of the stations (yellow
dots), and Table 1 gives the observation periods and EC system information. The details
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of the stations and data have been introduced in previous studies [26,27]. All the datasets
were quality-controlled using the TK3 software [28].
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Figure 1. Locations of the three EC stations (yellow dots) and 80 CMA stations (red dots) on the TP.

Table 1. Details of the three EC systems and observation periods.

Station Location Land Use Sonic
Anemometer Period (yr)

QOMS 28.21◦N, 86.95◦E Bare soil CSAT3 2011–2015
Nam Co 30.77◦N, 90.98◦E Alpine steppe CSAT3 2011–2015

Ali 33.39◦N, 79.70◦E Desert CSAT3 2011–2015

The Noah-MP land surface model was developed from the Noah land surface model
(version 3.0) with multiple parameterization options [29,30]. This model is suitable for
land surface process simulation over the TP according to previous studies [31,32]. In our
simulation, the SIMGM runoff scheme, Noah β-factor scheme, and BATS snow surface
albedo scheme were selected. Table 2 gives the schemes for the key processes.

Table 2. Parameterization schemes for the key processes in the Noah-MP model.

Process Scheme

Runoff SIMGM
β-factor Noah
Snow surface albedo BATS
Stomatal resistance Ball-Berry
Frozen soil permeability Koren99

The thermal roughness length scheme proposed by Zeng and Dickinson [33] was
selected for our simulation experiment, because this scheme provided the best estimation
of monthly mean SH flux in terms of squared correlation coefficients [21]. The simulation
experiment was conducted at a spatial resolution of 0.1◦ and temporal resolution of 3 h
using the CMFD (China meteorological forcing dataset) data [34] as the atmospheric forcing
dataset for the TP area. The Noah-MP model was run continuously for the period from
1 January 1981 to 31 December 2018. The 38-yr simulation results were calculated and
analyzed in this study.

We also used the 18-yr dataset produced by the SEBS model, which was developed by
Su [35] and updated by Chen et al. [36] and Han et al. [37,38]. In the process of calculating
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the turbulent flux, the sub-grid scale topography drag parameterization scheme was
introduced to improve the simulation of SH flux [39]. The simulation was conducted for the
period 2001–2018 based on satellite remote sensing data (MODIS) and meteorological data
(CMFD). The MODIS monthly land surface products, including land surface temperature
and emissivity, land surface albedo, and vegetation index, provides the land surface
conditions for the SEBS model. The SH flux was computed using the Monin-Obukhov
similarity theory. The values of land surface variables in the MODIS monthly products
were derived by compositing and averaging the values from the corresponding month of
MODIS daily files. Detailed information on the MODIS land surface variables is listed in
Table 3.

Table 3. Input datasets for the SEBS model. MOD11C3 is the short name of the MODIS/Terra land
surface temperature and emissivity monthly L3 global products, MOD09CMG is the short name of
the MODIS/Terra surface reflectance daily L3 global products, MOD13C2 is the short name of the
MODIS/Terra vegetation indices’ monthly L3 global products, GLAS stands for the Geoscience Laser
Altimeter System, and SPOT stands for the Systeme pour l’Observation de la Terre sensor.

Variables Data Source Data Period Temporal
Resolution

Spatial
Resolution

Downward shortwave CMFD 2001–2018 3 h 0.1◦

Downward longwave CMFD 2001–2018 3 h 0.1◦

Air temperature CMFD 2001–2018 3 h 0.1◦

Specific humidity CMFD 2001–2018 3 h 0.1◦

Wind speed CMFD 2001–2018 3 h 0.1◦

Land surface temperature MOD11C3 2001–2018 Monthly 0.05◦

Land surface emissivity MOD11C3 2001–2018 Monthly 0.05◦

Height of canopy GLAS and SPOT 2001–2018 Monthly 0.01◦

Albedo MOD09CMG 2001–2018 Daily 0.05◦

NDVI MOD13C2 2001–2018 Monthly 0.05◦

The simulated SH fluxes from the two models were also compared with the SH flux
dataset estimated using routine meteorological data from CMA stations. This CMA station-
based dataset was provided by Duan et al. [40], and was derived from 80 CMA stations
(Figure 1) using a physical method developed by Yang et al. [41]. The daily mean heat flux
is calculated by

SH = ρcpCHu(Ts − Ta) (1)

where ρ is air density, cp is the specific heat at a constant pressure, u is the wind speed at a
reference level, Ts is the ground surface temperature, Ta is the air temperature at a reference
level, and CH is the heat transfer coefficient. CH is not a given constant value, and its value
can be obtained by different parameterization schemes [42].

In this method, CH is determined from micro-meteorological theory and experimental
analysis. It exhibits clear diurnal variations, which significantly affect the estimation of
SH flux [41]. This method (hereafter, the Yang method) produces higher SH fluxes than
conventional empirical methods that are widely used in climatological studies [25,43,44].

To assess the simulations, we used statistical methods including the correlation co-
efficient, squared correlation coefficient (R2), linear least-squares regression, and Mann–
Kendall trend test.

3. Results
3.1. Assessment of the Simulation

Before analyzing the trends in simulated SH flux, a validation was performed using
the in-situ observation data at the 3 stations. The linear regression method was applied
here. Figure 2a shows the comparison between simulated and observed monthly mean
SH fluxes at the QOMS station for 5 yrs (2011–2015). The blue dots represent the monthly
mean values, and the blue line is the best-fit line. The squared correlation coefficient (R2)
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was 0.81, with a root-mean-square error (RMSE) of 8.27 Wm−2. Overall, the simulated
SH fluxes were higher than the corresponding observations. At the Nam Co station, there
were many missing observations in the dataset during the observation period (2011–2015).
Hence, the mean values of SH flux in 5 months were not obtained. The R2 was 0.68, with
a RMSE of 9.65 Wm−2. The simulated mean SH fluxes fit well with observations during
the equivalent period (Figure 2b). Figure 2c show the comparison between simulated and
observed monthly mean SH fluxes at the Ali station for 5 yrs (2011–2015). As there were
many missing values in the dataset, only 36 monthly mean values were obtained here. The
R2 was 0.72, and the RMSE was larger those at the other two stations.
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Figure 2. Comparison of simulated and observed monthly mean SH fluxes (Wm−2) at the QOMS
station (a), Nam CO station (b), and Ali station (c). The green line is the best-fit line.

Han et al. [38,39] previously evaluated the dataset produced by SEBS during the
period 2007–2012. The SH flux was underestimated, with a mean bias of 4.7 Wm−2 at the
QOMS station, and 7.8 Wm−2 at the Nam Co station. The correlation coefficients between
the SEBS simulation and EC observations were 0.41 at the QOMS station, and 0.63 at the
Nam Co station, respectively.

3.2. Simulated SH Flux and Its Trends

From the analysis performed in the section above, the simulations of SH flux were
deemed to be suitable overall. The spatial distribution of annual mean SH flux (2001–2018)
based on Noah-MP is shown in Figure 3a, and the corresponding SEBS-based annual mean
SH flux is shown in Figure 3b. In Figure 3a, it can be seen that the eastern TP received
much weaker mean SH fluxes than the central and western TP during the period 2001–2018.
The areas with mean SH fluxes greater than 50 Wm−2 were mainly in the southwestern
TP region. In the SEBS simulation (Figure 3b), most areas of the western TP received more
than 60 Wm−2 SH fluxes. Overall, SEBS gave larger SH flux values in the northwestern TP
region, but smaller SH flux values in the southeastern TP region than did Noah-MP.
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Figure 3. Annual mean SH fluxes (Wm−2) simulated by (a) Noah-MP and (b) SEBS on the TP during
the period 2001–2018.

Figure 4 shows the variations in the annual mean SH flux during the period 2001–2018.
A large standard deviation (STD) value indicates large inter-annual variation in the SH
flux, and vice versa. In the Noah-MP simulation (Figure 4a), large STD values were mainly
observed over the central and western TP, while small STD values were mainly observed
over areas to the east of 92◦E. This means that the central and western TP recorded larger
inter-annual variations in SH flux than did the eastern TP. The SEBS simulation (Figure 4b)
showed much larger inter-annual variation in SH flux than did the Noah-MP simulation
(Figure 4a) in most areas of the TP.
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and (b) SEBS on the TP during the period 2001–2018.

We also analyzed the annual variation trends in the SH flux over the whole TP. We
divided the TP into 3 climate zones: dry western TP (west of 85◦E), transitional central
TP (85◦E–95◦E), and wet eastern TP (east of 95◦E). The weather stations established by
the CMA are unevenly distributed on the TP, with most located in the eastern and central
regions of the TP. Figure 5 shows the annual variations in SH flux from Noah-MP, SEBS,
and CMA station data for the western, central, eastern and entire TP. In the Noah-MP
simulation, the SH fluxes among the 3 sub-regions and over the entire TP all exhibited
significant decreasing trends beginning in the mid-1980s, as was also reported in previous
studies [11,13]. These decreasing trends were more obvious on the western and central TP
than on the eastern TP. However, all regions showed an increasing trend from the beginning
of the 21st century, with the eastern TP experiencing the increasing trend later than the
western and central TP. Overall, the decreasing trend was approximately 0.31 W m−2 per yr,
while the increasing trend was 0.64 W m−2 per yr. Both the decreasing and increasing
trends were more significant than those obtained from CAM station-based results. In the
SEBS simulation on the western TP (Figure 5a), the annual mean SH fluxes were much
stronger than those in the Noah-MP simulation, and the trend was not significant during
the period 2001–2018. There was a big difference between the two simulation results during
the period 2001–2004. The SH flux from SEBS showed an upward trend beginning in 2001,
while Noah-MP gave an increasing trend only after a decrease in 2002. On the central TP
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(Figure 5b), both Noah-MP and SEBS gave an increasing trend in the annual mean SH flux.
The CAM station-based SH fluxes were larger than those from the Noah-MP and SEBS
simulations. On the eastern TP (Figure 5c), trends obtained from the two models were
relatively consistent. Meanwhile, the annual mean SH fluxes from SEBS became weaker
than those from Noah-MP from 2008 onwards. However, both Noah-MP and SEBS gave
smaller values of SH flux compared with the CAM station-based results. Moreover, the
CAM station-based SH fluxes began to increase earlier than those of Noah-MP and SEBS.
Figure 5d shows the variations in annual mean TP-averaged SH fluxes from Noah-MP,
SEBS, and CMA station data. The changes in CAM station-based SH flux were similar to the
simulated results on the eastern TP (Figure 5c), because 54 of the 80 stations were installed
on the eastern TP. Overall, simulated TP-averaged SH fluxes began to increase later than
the CAM station-based results. Chen et al. [25] also reported similar results, showing that
the reversal of trends derived from reanalysis products (ER-Interim and NCEP) happened
later than for those derived from CAM station data.
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3.3. Causes of the Trends

The bulk transfer coefficient method is typically used to calculate the surface SH flux.
The surface wind speed, temperature difference between the ground surface and air (Ts–Ta),
and heat transfer coefficient (CH) are key determinants of SH flux. Hence, Ts–Ta, wind
speed, and CH were analyzed to determine the main causes of the increasing and decreasing
trends in the Noah-MP simulations.

Figure 6 shows the variations in annual mean Ts–Ta in the Noah-MP simulations
on the TP during the period 1981–2018. There was an obvious decreasing trend from
the mid-1980s to the beginning of the 21st century on the western TP (Figure 6a). Then,
the trendline turned sharply upwards. This phenomenon also existed on the central TP
(Figure 6b). Figure 6c shows the annual mean values of Ts–Ta and the corresponding trends
on the eastern TP. The values of Ts–Ta were smaller than those of the western and central TP.
Meanwhile, both the decreasing and increasing trends were not as significant as those of the
western and central TP. The TP-average trends are shown in Figure 6d. Both the decreasing
trend and increasing trend were significant, similar to the trends based on Noah-MP shown
in Figure 5d. The correlation coefficient between annual mean SH flux and Ts–Ta was 0.74.
This conflicts with the results of Yang et al. [9], who reported an increase in Ts–Ta from
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approximately 1970 to 2006. However, the Ts–Ta trends reported herein agree with the
results based on reanalysis products (ERA-Interim and NCEP) reported by Chen et al. [25].
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For the whole TP, the variations in Ts and Ta in the Noah-MP simulation were also
calculated, and are shown in Figure 7. We found that, Ta showed an increase during
the period 1981–2018. This increasing trend was also reported in previous studies [9,11].
However, Ts experienced a period of decrease before 2002; from then on, Ts also showed an
increase. This shift resulted in the transition of Ts–Ta in approximately 2002. In the Noah-
MP and SEBS simulations, SH fluxes began to increase later than in the CAM station-based
results. The annual Ts variation trends of correlate well with those of Ts–Ta and SH flux on
the TP.

Figure 8 shows the annual variation in wind speed (10 m above the ground), which
was derived from the atmospheric forcing data (CMFD). The central and western TP
experienced greater wind speeds than did the eastern TP during the 38-yr study period.
The values of annual mean wind speed in all the 3 sub-regions declined from the mid-1980s,
and then increased from approximately 1998. However, these changes were not very clear,
especially on the eastern TP. Overall, the wind speed over the TP decreased from 1981 to
1998, and then increased after 1998 (Figure 8d). The changes in wind speed contributed
substantially to the SH flux before 1998. Duan et al. [11] also considered this reduction
in surface wind speed was also considered to be the cause of the decrease in SH flux.
Yang et al. [9] attributed the changes in surface wind speed to the downward momentum
transport of upper-air wind modulated by the upper-air pressure gradient.

Nevertheless, the heat transfer coefficient CH in the Noah-MP simulations was also
analyzed to determine its annual variations. However, this showed were no clear trends
across the whole TP. The changes in surface wind speed and ground-air temperature
gradient were the two major factors that contributed to the changes in the SH flux, as
reported in previous studies [9,11]. From the analysis above, we found that surface wind
speed began to increase from approximately 1998, while Ts–Ta increased sharply after 2002.
During the period 1998–2002, Ts–Ta retained a decreasing trend, and this contributed to the
decreasing trend in SH flux during this period. This was caused by Ts retaining a decreasing
trend during this period. Overall, Ts–Ta trends were similar to those of annual mean SH flux
in both Noah-MP and SEBS. Both Ts–Ta and SH flux showed a transition at the beginning
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of the 21st century in the Noah-MP and SEBS simulations and in the reanalysis products
(ERA-Interim and NCEP) reported by Chen et al. [25].

Table 3 

 

Figure 7 

 

Variables  Data Source  DataPeriod 
Temporal 

resolution 

Spatial 

resolution 

Downward shortwave  CMFD  2001–2018  3h  0.1° 

Downward longwave  CMFD  2001–2018  3h  0.1° 

Air temperature  CMFD  2001–2018  3h  0.1° 

Specific humidity  CMFD  2001–2018  3h  0.1° 

Wind speed  CMFD  2001–2018  3h  0.1° 

Land surface temperature  MOD11C3  2001–2018  Monthly  0.05° 

Land surface emissivity  MOD11C3  2001–2018  Monthly  0.05° 

Height of canopy  GLAS and SPOT  2001–2018  Monthly  0.01° 

Albedo  MOD09CMG  2001–2018  Daily  0.05° 

NDVI  MOD13C2  2001–2018  Monthly  0.05° 

Figure 7. Variations in annual Ts (◦C) and Ta (◦C) in the Noah-MP simulation for the entire TP during
the period 1981–2018. All of the trends are derived from linear least–squares regressions and are
significant at the 95% confidence level using the Mann–Kendall trend test.
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using the Mann–Kendall trend test.
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4. Conclusions and Discussion

Decadal trends in SH flux on the TP, especially when and how the trends changed,
remain controversial. Here, we analyzed the climatic features of the SH flux on the TP
using the high-resolution Noah-MP and SEBS simulations, and compared these results
with the CMA station-based results.

The western and central TP witnessed much larger mean SH fluxes than did the
eastern TP in both the Noah-MP and SEBS simulations. Meanwhile, the inter-annual
variations in SH fluxes on the central and western TP were larger than that on the eastern
TP. The SEBS simulation showed much larger inter-annual variations than did the Noah-MP
simulation in most areas of the TP. The Yang method [41] applied to CMA station data
here produced higher SH fluxes compared with the Noah-MP and SEBS simulations. We
confirmed the decreasing trend in SH flux on the TP from the mid-1980s to the beginning
of the 21st century, as also reported in previous studies [11,13]. Overall, the subsequent
increasing trend in SH flux began in approximately 2002. The SEBS simulation showed
much stronger SH fluxes on the western TP, but weaker SH fluxes on the eastern TP
during 2001–2018 compared with the Noah-MP simulation. Both the Noah-MP and SEBS
simulations showed an increasing trend in the TP-averaged SH flux from the beginning of
the 21st century. The CAM station-based results showed an increasing trend before 2000,
earlier than that recorded by both Noah-MP and SEBS. The model-based results showed
consistent trends with those obtained from reanalysis products (ERA-Interim and NCEP)
reported by Chen et al. [25].

Overall, there was a close relationship between changes in mean Ts–Ta and trends in
the SH flux. Annual mean Ts experienced a period of decrease period before 2002, and then
increased significantly. This shift in Ts resulted in the Ts–Ta transition in approximately
2002. Hence, the changes in Ts were the main cause of the changing trends in SH flux on
the TP. The central and western TP experienced greater wind speeds than did the eastern
TP during the 38-yr study period. Overall, the wind speed over the TP decreased from 1981
to 1998, and then increased after 1998. This explains why SH fluxes derived from CMA
station data using conventional methods showed an early transition before 2000 in previous
studies [13,25,43]. The changes in wind speed after 1998 were not as important as Ts–Ta in
terms of modulating the SH flux trends. During the period 1998–2002, Ts–Ta continued to
decrease, and this contributed to the decreasing trend in SH flux during this period.

It should be pointed out that the wind speed derived from reanalysis products was
recorded at a height of 10 m above the ground. Wind speed at 10 m has been widely used
to calculate CH and SH flux based on the bulk transfer coefficient method. This may result
in larger SH fluxes than compared with using the EC system. From the analysis of the
Noah-MP simulation, the SH flux on the TP showed a decreasing trend from the mid-1980s,
but an increasing trend since approximately 2002. The changes in mean Ts–Ta are here
credited as the main cause of the decreasing and increasing trends in SH flux on the TP.
The nonconformity of changes in surface wind speed and ground-air temperature gradient
may result in disagreements as to the cause of SH flux trends on the TP, as highlighted by
some previous studies. Additional in situ and remote sensing-based datasets are needed to
clarify this issue.
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