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Abstract: In the future, climate change will challenge food security by threatening crop production.
Humid subtropical regions play an important role in global food security, with crop rotations often
including wheat (winter crop) and soybean and maize (summer crops). Over the last 30 years,
the humid subtropics in the Northern Hemisphere have experienced a stronger warming trend than
in the Southern Hemisphere, and the trend is projected to continue throughout the mid- and end of
century. Past rainfall trends range, from increases up to 4% per decade in Southeast China to −3%
decadal decline in East Australia; a similar trend is projected in the future. Climate change impact
studies suggest that by the middle and end of the century, wheat yields may not change, or they
will increase up to 17%. Soybean yields will increase between 3% and 41%, while maize yields will
increase by 30% or decline by −40%. These wide-ranging climate change impacts are partly due
to the region-specific projections, but also due to different global climate models, climate change
scenarios, single-model uncertainties, and cropping system assumptions, making it difficult to make
conclusions from these impact studies and develop adaptation strategies. Additionally, most of the
crop models used in these studies do not include major common stresses in this environment, such
as heat, frost, excess water, pests, and diseases. Standard protocols and impact assessments across
the humid subtropical regions are needed to understand climate change impacts and prepare for
adaptation strategies.
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1. Introduction

Global food security faces many challenges in the future, including a growing population
expected to reach more than 9 billion by mid-century, and to cause an increased demand for grain-fed,
meat-based food [1,2]. Global crop production has increased over the last decades with advances
in technology, land use intensification, and improvement in cultural practices [3]. Yet, increasing
environmental degradation, such as soil erosion, loss of biodiversity, and pollution of water bodies,
has raised concerns about improving sustainability in crop production systems, while maintaining and
increasing crop production levels [4,5]. In addition, global food security faces the challenge of climate
change, which can potentially cause significant reductions in global food production in the future [6–8].
Currently, anthropogenic greenhouse gas emissions, especially CO2, are the largest contributors to
climate change [9]. Global atmospheric CO2 concentrations have reached 400 ppm by the end of 2015,
which is approximately 40% higher than preindustrial levels [10]. As a direct effect of this process,
combined global land and ocean mean temperature have increased approximately 0.85 ◦C from 1880 to
2012, with the last three decades being the warmest since 1850 [9]. Precipitation has increased, mostly
in the Northern Hemisphere, while other regions show no general trend [11,12]. Climate change will
also affect the occurrence of extreme events, such as increased heat waves, heavy rainfall, and drought
periods [13].
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Climate change and variability pose risks to food production from many perspectives. Heat stress
during anthesis may reduce pollen viability, resulting in fewer grain sets [14–17]. Likewise, generalized
negative effects are observed when crops are subjected to water stress, resulting in reduced dry matter
accumulation and grain yield [18–20]. In future conditions, potential atmospheric CO2 enrichment
could be advantageous for plant growth, as long as temperature and water are not limiting factors [21].
This review aims to synthesize and compare the past trends and future climate projections, as well as
impacts on main agricultural crops in the humid subtropical regions of the world, and also to identify
research gaps.

2. Humid Subtropical Environments

2.1. Importance of Agriculture

Humid subtropical regions are located within the mid-latitudes, between 20◦ and 35◦ N and S,
with the major regions being the southeast U.S., southeast China, South America, and east Australia
(Figure 1 and Table 1). Agriculture in these regions plays an important role in food security and the
regional economies. Winter wheat constitutes the major cereal crop during the winter season in all
humid subtropical regions (Table 1). Summer crops vary among these regions, with maize and soybean
being the most important. In the southeast U.S., the humid subtropical region includes the states from
Missouri to Virginia in the north, and Louisiana to Florida in the south (Figure 1). Approximately 10%
of the U.S. national maize production occurs in this region, followed by soybean at 3% and wheat at 1%
of the U.S. national production [22]. In China, the humid subtropical region is a diverse agricultural
area located in the southeast, extending from the south of Shaanxi to the south of Jiangsu provinces,
and to the southern border of China (Figure 1). Approximately 25% of the Chinese national wheat
and soybean production occurs in this region, whereas maize accounts for approximately 6% of the
Chinese national production [23]. In South America, the humid subtropical region comprises the
Pampas in northeast Argentina, Uruguay, and South Brazil, including the states of Rio Grande do
Sul, Santa Catarina, and Paraná. Northeast Argentina produces more than 75% of Argentina’s wheat,
soybean, and maize. In Uruguay, soybean is the major production crop, contributing to 65% of the
agricultural area for those three crops [24]. More than 90% of the total national wheat is produced in
the southern states of Brazil [25]. In east Australia, the humid subtropical region extends to the Great
Dividing Range in the states of Queensland, New South Wales, and Victoria (Figure 1). Approximately
46% of national wheat production occurs in the eastern region, but little soybean and maize are grown
there [26,27].

Most wheat, soybean, and maize are grown under rain-fed conditions in humid subtropical
regions. Non-tillage systems are commonly used to conserve soil, add organic matter, and improve
soil moisture [28,29].
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U.S., southeast China, South America, and east Australia. Red diamonds indicate reference locations
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Table 1. Reference locations and main characteristics for the main humid subtropical regions of the world.

Region Lat. a Long. b Soil c Season Major Crops Area (ha × 1000) Area (ha × 1000) d

SE U.S. 35.0 −87.3 Ultisol Winter wheat
17,383

1953

Summer maize, soybean,
cotton, peanut 15,430

SE China 28.5 110.0 Ultisol Winter wheat
30,691

5799
Summer rice, corn, soybean 24,892

S America −33.0 −56.0 Mollisol Winter wheat
42,557

5813
Summer soybean, maize 36,744

E Australia −33.0 151.0 Mollisol Winter wheat
8907

6465
Summer canola, sorghum 2442

a Latitude; b Longitude; c Dominant soil type according to [31]; d Cultivated area corresponding to 2013–14
season for Southeast U.S. (SE U.S.) [32], Southeast China (SE China) [23], South America (S America) [24,25,33],
and 2007–2008 season for East Australia (E Australia) [27].

2.2. Climate Characteristics

In this study, we focus on the four main humid subtropical regions of the world, although smaller
regions with such a climate exist elsewhere (e.g., parts of South Africa and Europe). The Köppen
climate classification distinguishes five major climate types, based on regional temperature and rainfall
characteristics [30]. The humid subtropical climate is characterized by high air humidity and hot
summers [34–36]. Humid subtropical regions show mild winters, with a minimum temperature in
the coldest month above −3 ◦C but below 18 ◦C (Figure 2a), and hot summers, a mean maximum
temperature around 30 ◦C in the warmest months (Figure 2b). Mean monthly rainfall is a long-term
average evenly distributed over the year, with annual averages ranging between 795 mm and 1430 mm.
Southeast China is an exception in terms of average rainfall distribution, with higher mean rainfall
during summer months due to a monsoonal influence in this region (Figure 2c). Solar radiation is
similar across the humid subtropical regions, following a seasonal pattern, where summer months
receive higher solar radiation compared to winter months (Figure 2d). The southeast China region
shows a similar pattern in solar radiation, but with approximately 40% less solar radiation in summer
than the other humid subtropical regions, due to atmospheric pollution that significantly reduces
incoming solar radiation [37,38].

The occurrence of hot days during the summer (days with maximum temperature ≥32 ◦C) is
common in the humid subtropical regions. Hot days can impact crop growth and yield if they occur
during the crop reproductive or grain filling stage. From 1981 to 2010, the mean annual number of
hot days ranged from 10 to 60 per year across the humid subtropical regions, with the southeast U.S.
showing the highest cumulative number. During the same period, southeast China showed a lower
frequency of hot days, likely related to lower incoming radiation (Figure 3).

A mostly positive water balance in humid subtropical regions allows for rain-fed production during
winter and summer months. Most of the humid subtropical regions have a >0.7 rainfall/potential
evapotranspiration (ETo) ratio. Southeast U.S. shows a high rainfall/ETo ratio during winter months,
due to high rainfall but low evapotranspiration. However, the ratio tends to be more evenly distributed
moving from north to south within the U.S., due to decreased rainfall during the winter but increased
rainfall during summer months (Figure 4, top left). By contrast, east Australia shows the lowest
rainfall/ETo ratio during most of the year, and tends to be drier than the other humid subtropical
regions (Figure 4).
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Figure 2. Mean climate characteristics of humid subtropical regions for reference locations in the
southeast U.S., southeast China, South America, and east Australia: (a) monthly mean minimum
temperature, (b) monthly mean maximum temperature, (c) monthly mean rainfall, and (d) monthly
mean solar radiation. Means based on 30 years from 1981 to 2010. Months 1 to 12 in the Northern
Hemisphere represent January to December, whereas in the Southern Hemisphere 1 to 6 correspond to
the period from July to December, and 7 to 12 from January to June [39].
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Figure 3. Cumulative frequency of annual number of days with maximum temperature ≥32 ◦C from
1981 to 2010. Temperature for reference locations for humid subtropical regions in the southeast U.S.,
southeast China, South America, and east Australia [39].
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Figure 4. Mean monthly rainfall/potential evapotranspiration (ETo) ratio for reference locations in
the main humid subtropical regions in the southeast U.S., southeast China, South America, and east
Australia. Monthly means based on data from 1981 to 2010. Months 1 to 12 in the Northern Hemisphere
represent January to December, whereas in the Southern Hemisphere 1 to 6 correspond to the period
from July to December and 7 to 12 from January to June [39]. Top left monthly rainfall/ETo ratio for
three locations within the southeast U.S. humid subtropical region, including reference locations: north
Alabama, central Alabama, and north Florida. Inlet figure units are the same as the main figure.

2.3. Climate Drivers

Climate in all humid subtropical regions is predominantly influenced by El Niño Southern
Oscillation (ENSO), ocean air currents, and topography features [35,40–44]. Temperature and rainfall
in the southeast U.S. are mostly influenced by the Bermuda High, which is a high-pressure system
located near the U.S. Atlantic coast. In southeast China, the Southeast Asian monsoon is one of the
key climate drivers; it consists of an air flow system that brings warm temperatures, heavy rainfall,
and high humidity conditions during the summer months [36,45]. During the winter, the East Asian
winter monsoon carries cold air from the polar region into East Asia. In the region of South America,
the movement of mid-latitude cold air causes temperature variability across the region, with increased
fluctuations during the winter [46]. Rainfall in this region is affected by shifts in convection over
the Intertropical Convergence Zone (ITCZ), which brings heavy rainfall from Southern Brazil to
Northern Argentina in the summer [41]. In addition, the South America region lies within a Hadley
circulation cell, where trade winds are an important phenomenon that bring high moisture to this
region [34]. In east Australia, rainfall is mostly affected by ENSO and its interactions with the Indian
Ocean Dipole (IOD) and the Interdecadal Pacific Oscillation (IPO) [43,47–49]. Even though different
phenomena affect humid subtropical regions, these regions share similar climate features, such as
climatic–atmospheric systems that bring high moisture, frequent rainfall, and mild temperatures
during winter.

2.4. Soil Characteristics

Soil types vary around the world depending on parental material, climate, topography, and time
of soil formation [50]. In humid subtropical regions, Ultisols are the most predominant soil type in
the Northern Hemisphere, whereas Mollisols are the main type in the Southern Hemisphere (Table 1).
Ultisols are characterized by low natural fertility due to high leaching and weathering occurring over
time. These soils usually display a low pH and a limited availability of Ca, Mg, and K [51,52]. Ultisols
show a characteristic subsurface horizon with reddish or yellowish clay accumulation, which indicates
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the occurrence of iron oxide [51]. Improving cultural practices, conserving soil, and managing fertilizer
are key to maintaining crop yields and reducing soil degradation due to intensive cropping [53].
By contrast, Mollisols are naturally fertile soils, typical of grass land ecosystems in mid-latitudes [54].
Mollisols display a dark surface layer called mollic pedon, which contains high amounts of organic
material derived from root matter accumulation over time [51]. Although Mollisols are naturally high
in organic matter and fertility, intensive cropping declines the natural fertility over time. Uruguay and
the Pampas region in Argentina are an example of regions with such soils, where fertilizer management
and no-tillage practices attempt to slow down the soil fertility loss [54–56].

3. Global and Regional Climate Trends and Adaptation

3.1. Global Trends

All representative concentration pathway (RCP) scenarios project an increase in global minimum
and maximum temperatures relative to the period from 1986 to 2005, as atmospheric CO2 continues to
increase (Table 2). Minimum temperature shows a steeper increase than maximum temperature [57].
Combined RCPs for the 2035 period show a 0.3 to 0.7 ◦C increase in global mean surface temperature,
and atmospheric CO2 levels reaching up to 449 ppm (Table 2). The warming trend continues to the
end of century, with the RCP 2.6 showing a sustained warming of 1 ◦C, while the RCP 8.5 shows up to
3.7 ◦C temperature increase (Table 2). Temperature and rainfall extremes are also expected to increase
with climate change [9]. As for temperature, models show an increase in magnitude and frequency
of warm daily temperature extremes and decreases in cold temperature extremes. Heat waves are
expected to increase in frequency in most areas of the globe under the highest emission scenarios.
Heavy rainfall will likely increase in frequency in many regions around the globe, especially in high
latitudes, the tropics, and during winter in northern mid-latitudes. Similarly, droughts will likely
increase due to changes in rainfall variability and increased evapotranspiration.

Table 2. Change in global mean surface temperature and atmospheric CO2 concentrations for
mid-century and end of century, relative to the period from 1986 to 2005 [9,58].

Year Scenario Temperature (Mean ± 1SD) (◦C) Atmospheric CO2 (ppm)

2035 RCP a 2.6

0.3 to 0.7 b

431
RCP 4.5 435
RCP 6.0 429
RCP 8.5 449

2065 RCP 2.6 1.0 ± 0.3 442
RCP 4.5 1.4 ± 0.3 509
RCP 6.0 1.3 ± 0.3 511
RCP 8.5 2.0 ± 0.4 604

2100 RCP 2.6 1.0 ± 0.4 421
RCP 4.5 1.8 ± 0.5 538
RCP 6.0 2.2 ± 0.5 670
RCP 8.5 3.7 ± 0.7 936

a RCP: representative concentration pathway; b RCP scenarios are similar by 2035 and therefore combined here.

3.2. Regional Trends

Analysis of past trends from 1981 to 2010 in the humid subtropical regions shows an increase
in minimum and maximum temperature in most of humid subtropical regions, especially in the
Northern Hemisphere (Figure 5a,b). Past studies show cooling trends in minimum and maximum
temperature during the 1960s in the southeast U.S. and southeast China, but it has been followed
by a steady warming trend since that time [59–62]. By contrast, the warming trend in the Southern
Hemisphere is less, with a cooling trend in minimum temperature (Figure 5a,b) consistent with reports
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from Messina et al. [63], Suppiah et al. [64], and Della-Marta et al. [65]. Cooling trends in the humid
subtropical regions over the past are attributed to high humidity in these regions, caused by increased
rainfall, changes in sea surface temperature, and land atmosphere feedback over these regions [66,67].
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Figure 5. Past decadal trend in (a) minimum temperature, (b) maximum temperature, and (c) annual
mean rainfall for humid subtropical regions in the southeast U.S. (SE U.S.), southeast China (SE China),
South America (S America), and east Australia (E Australia) from 1981 to 2010. [39].

Rainfall trends are more variable in the humid subtropics, with Southeast China showing a
3.9% increase per decade. In the Southern Hemisphere, east Australia shows a decline of −2.9%
of annual rainfall per decade (Figure 5c). Previous research shows diverse rainfall trends over
the humid subtropics, which could be related to high temporal and spatial variability over these
regions. Zhai et al. [68], reported a rainfall increase in southeast China for the period from 1951 to
2000. In the Southern Hemisphere, Villalba et al. [69] and Messina [63] reported increases in rainfall
over the Pampas region during the 20th century. Gallant et al. [70] also observed a decrease in
rainfall in east Australia, which has shown a decrease in total annual rainfall since 1950. In contrast,
Ingram et al. [59] and Walthall et al. [61] reported an overall increasing trend in rainfall for the 20th
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century in the southeast U.S., and Hughes [71] reported an increase in rainfall for Queensland, Australia
by approximately 15% during the last century. Although humid subtropical regions share a similar
climate, the different magnitude in changes could be due to the different climate drivers in each region.
Past trends suggest that humid subtropical regions in the Northern Hemisphere are more prone to
increased temperature than the ones in the Southern Hemisphere, whereas rainfall is highly variable
in all regions, with no general patterns.

Concerning the future, regional RCP 2.6 and 8.5 for the humid subtropical regions show a
generalized warming trend in annual mean temperature (Figure 6a). In general, the Northern
Hemisphere shows more pronounced warming trends than the humid subtropical regions in the
Southern Hemisphere, as well as the global average, suggesting these Northern regions are more
susceptible to climatic changes occurring in the future (Figure 6a,b). Future rainfall scenarios are
variable, with most of the humid subtropical regions showing a generalized increase in rainfall for both
RCPs, except for east Australia, which shows between −1% and −3% rainfall declines for the same
time period (Figure 6c,d). Similar to temperature trends, humid subtropical regions in the Northern
Hemisphere show higher increases in rainfall than their counterparts in the Southern Hemisphere,
which are also higher than the global average. These trends suggest that increases in mean temperature
are also accompanied by increases in rainfall in humid subtropical regions around the globe.
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Figure 6. Projected changes in annual mean temperature for the (a) representative concentration
pathway (RCP) 2.6 and (b) RCP 8.5, as well as annual mean rainfall for (c) the RCP 2.6, and (d) RCP 8.5
for humid subtropical regions in the southeast U.S., southeast China, South America, and east Australia,
according to regional projections from the Coupled Model Intercomparison Project Phase 5 (CMIP5),
relative to the period from 1986 to 2005. The mean temperature and rainfall change are averaged over
all projection models for 2016–2035, 2046–2065, and 2081–2100, and compared to 1986 to 2005 period.
Values indicate 50th percentile of mean responses of the model ensemble used for each RCP projection:
RCP 2.6 with 32 models and RCP 8.5 with 39 models [57].
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3.3. Regional Climate Change Impact Studies

Many global climate change impact studies in crop production have been conducted in previous
years; however, climate change assessments for the humid subtropical regions are rather limited
(Table 3 and Figure 7). Since 1990, most of the studies were performed in the southeast U.S., and only
a few studies are available for the other main humid subtropical regions (Table 3). The projected
increase in mean temperature in these studies varied from 0.2 to 6.3 ◦C (Table 3 and Figure 7). Projected
rainfall changes varied from a decrease of −1% to increases of 50% (Table 3). Because the climate
change scenarios have a wide range of variation, simulated crop yield responses have also varied
widely. Wheat yields were projected to not change or increase by 17% by mid-century, and up to 30%
by the end of the century in some regions—except for east Australia, where a potential −45% yield
decline was projected (Table 3). Similarly, soybean yields were projected to increase by up to 42% at
mid-century and 51% at the end of the century (Table 3 and Figure 7). Maize production in some of
these studies was projected to be negatively affected by climate change, regardless of adaptation, with
up to −40% yield decline by mid-century and −50% by the end of century (Table 3 and Figure 7).
However, some studies showed a potential maize yield increase up to 30% by 2050 and up to 50% by
2100 (Table 3 and Figure 7).

The large range in projected crop responses under future climate change in the literature for
the humid subtropical regions makes it difficult to prepare for adaptation strategies. A main reason
for this large range of projected crop response is model uncertainty, as a result of different models,
different assumptions, and different crop and climate models and scenarios. Most of the previous
studies relied on different global climate models (GCM) and one crop simulation model for climate
change assessments. The crop models often differed in structure and parameter values, depending on
the region where they were developed.
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Figure 7. Impact of climate change with adaptation (w/a) and without adaptation (n/a), if available,
for wheat, soybean, and maize yields for humid subtropical regions in the southeast U.S., southeast
China, South America, and east Australia (See Table 3 for details). Note: bars refer to reported ranges
of yield changes, whereas single points refer to mean yield change.
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Table 3. Climate change impact studies for wheat, soybean, and maize in the humid subtropical regions of southeast U.S., southeast China, South America,
and east Australia.

Region GCMz Crop Model CO2
(ppm)

∆ Mean T y

(◦C) ∆ Rainfall (%) Crop Rainfed (R)/
Irrigated (I) Year Yield

Variation (%) Adaptation Reference

Southeast U.S.

HCGS y, OSU x,
and GISS w

maize-wheat:
CERES

550 2.1 to 4 −54 to −0.9

maize I 2020 −15 no

Alexandrov and
Hoogenboom, [21]

soybean I 2020 26.8 no
wheat I 2020 7 no

v. 3.5 soybean:
CROPGRO v. 3.5

maize R 2020 −10 no
soybean R 2020 41.8 no
wheat R 2020 2.7 no

RegCM2 v nested
with the CSIRO u

Mark 2 GCM
EPIC 540 n/a n/a

maize I 2005 −10 to +10 yes

Chhetri et al., [72]

maize I 2025 −20 to +20 yes
maize I 2045 −30 to +30 yes
maize R 2005 10 no
maize R 2025 −30 to +20 no
maize R 2045 −30 to +20 no

RegCM t EPIC 540 0.2 to 6.3 −15 to +15

maize I 2005 −10 to +20 yes

Easterling et al., [73]

maize I 2025 −20 to 20 yes
maize I 2045 −40 to 30 yes
maize R 2005 −10 to 10 no
maize R 2025 −20 to 10 no
maize R 2045 −40 to 10 no

HadCM s PNTPLAN

445 1 +2 to +7

maize I 2030 −4 to 3 no

Hatch et al., [74]

soybean I 2030 +8 to +10 no
wheat I 2030 +1 to +4 no
maize R 2030 +8 to +22 no

soybean R 2030 +3 to +22 no
wheat R 2030 0 to +7 no

680 2 +7 to +17

maize I 2090 −8 to 0 no
soybean I 2090 +12 to +16 no
wheat I 2090 +10 to +13 no
maize R 2090 +8 to +27 no

soybean R 2090 +17 to +51 no
wheat R 2090 +9 to +17 no

Southeast China ICTP RegCM3 r EPIC 780 2.5 −5 to +25
maize R 2086 −20 to +30 no

Chavas et al., [75]wheat R 2086 +10 to +30 no

HadCM3H q CERES v. 3.5 721 3.9 +12.9
maize I 2080 −50 to 0 no Xiong et al., [76]
maize R 2080 −50 to +50 no

South America HadCM2 p CERES v. 3.5 n/a n/a n/a maize R 2055 −2 to −25 no Jones and Thornton, [77]

East Australia CSIRO CropSyst v. 4 700 0.5 to 1.4 −7 wheat R 2070 −29 to −25 no Anwar et al., [78]

9 GCMs I-Wheat 716 n/a n/a wheat R 2070 −45 to +35 no Howden and Jones, [79]

z GCM = Global Climate Model; y GCGS = Hadley Centre Greenhouse and Sulfate; x OSU = Oregon State University; w GISS = Goddard Institute for Space Studies; v regCM2 = Regional Climate Model; u CSIRO =
Commonwealth Scientific and Industrial Research Organization Climate Models; t RegCM = Regional Climate Model; s HadCM = Hadley Centre Climate Model; r ICTP RegCM3 = International Centre for Theoretical
Physics Regional Climate Model 3; q HadCM3H = Hadley Center's Coupled Global Climate Model, version 3; p HadCM2 = Hadley Centre for Climate Prediction and Research’s Climate Model version 2.
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3.4. Adaptation to Climate Change

Most of the climate change impact studies for the humid subtropical regions lack any adaptation
measures, due to mostly simulated positive impacts on crop yields. However, adaptations were
recommended to reduce some of the negative impacts for maize production in the humid subtropical
regions, which some studies suggest may decline due to climate change (Table 3 and Figure 7).
Particularly, technology changes related to crop breeding for heat and drought stress tolerant cultivars
showed the potential to diminish negative climate change effects. Other suggested adaptations in crop
management practices include earlier sowing to avoid summer heat stress during crop reproductive
stages, covering crops to preserve soil water by reducing surface runoff, and promoting infiltration
in soil, crop diversification, and irrigation and fertilizer applications [21,80]. The response of crop
production to adaptation is also affected by model uncertainty, and this may incorrectly estimate its
impact, limiting the exploration of adaptation alternatives [81]. Therefore, adaptation options in the
future should be implemented, taking into account the range of yield responses of climate change
impact assessments, rather than focusing on mean yield response. It is also important to focus on local
and sub-regional studies, as the magnitude of an impact could vary across a region [2,82].

4. Future Research Needs

4.1. Crop Stress Factors

Dynamic crop simulation models started to be developed in the 1960s, and have evolved in their
complexity and potential application [83]. However, in previous studies for humid subtropical regions,
some major factors particularly important for climate change impact studies are poorly considered,
or not included in the crop simulation models. These factors include crop responses to extreme
weather conditions, such as high temperatures stress [84–87]. Recent improvements have been made
for some wheat crop models in simulating temperature [88] and high temperature impacts [89,90].
Such routines should be included in crop simulation models for other crops. Pest and diseases are
another important component in crop production, and can have large impacts on crop yields, but
usually they are not included in crop simulation models [91,92]. A major difficulty of integrating
crop and pest and disease models is their different spatial and temporal scales of operation [93].
Additionally, field research is limited on how pests and diseases and crop interactions may vary in
a wide range of environments [94,95]. Donatelli et al. [94] proposed a framework to improve the
availability and quality of data for pest and disease model improvement and validation, which may be
used as a tool to complement crop model simulations. Future climate change impact studies in the
humid subtropical region will also need to include the impact of frost [96,97] and excess water [98–100],
as climate change projections show changes in minimum temperatures and excess water, due to
changes in rainfall intensity.

4.2. Multi-Model Ensembles

All climate change impact studies in the humid subtropical regions were conducted by using single
crop simulation models. Recent crop model inter-comparisons have shown that these models include
uncertainties from their structure and parameterization, which are not quantifiable when executed as a
single model. Therefore, future climate change impact studies in the humid subtropical regions should
quantify uncertainties through the use of crop model ensembles, to allow a broader understanding of
the climate change impacts on crop production [101,102]. Multi-model ensembles have been shown
to significantly improve crop model simulations when comparing with field measurements under a
diversity of environments [86,102–107].

4.3. Consistency in Methodology

Throughout the last few decades, many assessments have been conducted on the effects of climate
change on crop production. However, the approach in methodology has been diverse, resulting
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in a wide range of model responses. In this study, we showed the diverse range of results for
the climate change impacts on crop yields in the humid subtropical regions. Using standardized
protocols for baseline periods, climate data sources, future scenarios, choice of GCMs, and crop
models and data analysis, as suggested in the Agricultural Model Intercomparison and Improvement
Project (AgMIP) [108] for the humid subtropical regions, will be critical to understand climate change
impacts in these regions, prepare for adaptations, and to allow comparisons with other climate regions
important for agricultural production in the world [109,110].

5. Conclusions

While the climate has been changing already, future scenarios project continuous warming, with
rainfall increases and decreases in some of the humid subtropical regions. Limited climate change
impact assessments in the humid subtropical regions suggest mostly positive effects on wheat and
soybean yields. However, maize production will be mostly negatively affected, even when considering
the use of some adaptation strategies. Yet, estimated impacts are highly variable, mostly due to
uncoordinated studies varying widely in their approaches. Uncertainties in the impact studies are
large, due to missing critical impact routines in crop models used in the humid subtropical regions,
including routines for heat stress, excess water, and frost impacts. Future impact assessments in the
humid subtropical regions must also include pest and disease impacts, which might also change
with climate change. Considering these factors in a coordinated, multi-model ensemble approach
as outlined in the AgMIP project [108] will be critical to better understanding future climate change
impacts, in order to prepare for adaptations in the humid subtropical regions.
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