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Abstract: Rapid urbanisation, economic growth, and urban spatial development in developing
countries, such as Iran, have resulted in tremendous loss of green cover and associated ecological
problems. Any effort to achieve sustainable urban development should be supported by recognising
and evaluating the ecological health of vegetation cover. This study investigates vegetation cover
reduction and changes in the Tehran Metropolis, Iran and identifies the most important factors
influencing the observed changes. The aim of this study is two-fold: first, to assess the spatio-
temporal changes in vegetation cover in Tehran between 1990 and 2020, and second, to identify the
factors contributing to the changes. The Normalised Difference Vegetation Index (NDVI) is used as an
indicator of green cover. The spatial and statistical data used in this study were extracted from Landsat
satellite imagery and the last approved Master Plan of Tehran (2006). Geographically Weighted
Regression (GWR) and geographical modelling methods were employed to analyse vegetation cover
in all municipal districts of the Tehran metropolis. The results show that the vegetation density in the
Tehran metropolis decreased significantly (from 38,936.80 hectares to 4663.23 hectares) between 1990
and 2020. The expansion of construction lands and the increase of population density were the most
significant factors affecting the reduction in vegetation cover in Tehran. In contrast, the growth of
industrial units in the urban areas of Tehran had no significant relationship with vegetation cover.
The results of this study can help urban planners understand the significant drivers of vegetation loss
and identify appropriate interventions to prevent it.

Keywords: vegetation index; NDVI; urban development; green cover; Tehran metropolis; Iran

1. Introduction
1.1. Background

Vegetation cover is essential to urban ecosystem services [1] and has significant en-
vironmental, aesthetic, recreational, health and economic values in cities [2,3]. It plays a
vital role in biosphere activities and terrestrial ecosystem operations by affecting hydrology,
climate, and nitrogen and carbon cycles [4].

In urban areas, vegetation cover is considered a part of land use development and
planning [5] and can contribute to heat island mitigation [6–8], air pollution reduction [9,10],
and enhanced quality of human life. However, urban development in different ecosystems
affects vegetation cover [11]. Urbanisation often replaces natural features such as green
spaces and vegetation cover with dense built-up areas and roads [12,13]. This conversion
of natural or semi-natural ecosystems to urban built-up or artificial ecosystems leads to
a reduction in biodiversity and natural resources [14,15], an increase in environmental
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damages [16–18], and a disruption of ecosystem processes and structures [19,20]. Rapid
urban growth and immense land-use alteration, particularly green space, can also pose
significant challenges to sustainable urban development. In this context, it is important to
pay attention to the relation between an increase in urban construction and a reduction in
open and green spaces.

1.2. Urban Development and Green Spaces

Understanding the spatial patterns of vegetation cover changes is a fundamental
aspect of urban sustainability [21] and can help urban planners and decision-makers
identify drivers of land cover changes and take necessary actions to prevent the changes. A
strong correlation between urban land use planning and ecological issues was recognised
as early as the 1970s via the commencement of the environmental movement [22].

Over the past few decades, researchers around the world have monitored the im-
pact of urban development on vegetation and ecosystems using different techniques and
methods [11,21,23,24], and concluded that the relation between urban development and
urban vegetation cover is complicated [23,25]. A study on the spatio-temporal patterns of
Normalised Difference Vegetation Index (NDVI) in Delhi indicated a significant decline in
vegetation with the recent expansion of built-up areas [26]. Interestingly, Li et al. (2020)
found that the vegetation cover in the central parts of Beijing increased with rapid ur-
banisation, while the green cover in the suburbs degraded significantly. A study on the
spatio-temporal changes (over 33 years) of NDVI in Mongolia shows that a decrease in
vegetation cover is almost equal to an increase in area. Climate change and changes in
livestock numbers were found to be the major factors [24].

Several studies also suggest that urban development and population growth can
have significant negative impacts on ecosystems and replace pristine forests, pastures,
and agricultural lands with built-up areas [27,28]. According to Emberson et al., (2001),
increasing pollutants from industrial activities in cities of industrialised countries are
adversely affecting the health and productivity of urban vegetation cover. However, the
ecological effects of the spatial development of human settlements vary across different
spatial scales (e.g., city, region and nation) [29,30], and depend on different site-specific
factors (e.g., climate, topography, landscape, demography, and economy) [11,31]. Assessing
and monitoring ecological sustainability at different spatial scales is a challenge for most
societies [29,30].

1.3. Remote Sensing of Vegetation Cover

Cities around the world are now seeking integrated solutions to address fundamental
environmental problems and create more sustainable societies [32]. Realistic knowledge
of urban land cover is important for optimising urban vegetation planning, urban man-
agement, improving air quality, and mitigating the effects of global climate change [33].
Accurate mapping of urban land cover can also provide the data necessary to understand
urban ecosystems in the best possible way and help improve the urban environment and
the human quality of life [34].

A combination of Remote Sensing (RS) and Geographic Information System (GIS) tools
are some of the commonly used monitoring and mapping methods for analysing changes
in vegetation cover and urban green spaces [35]. These tools have benefitted different
urban planning and development research domains interested in the evolution of urban
areas, exploring changes in vegetation cover and identifying interventions to mitigate
the changes [36–38]. In particular, RS is an ideal tool for studying the spatio-temporaral
dynamics of large-scale vegetation [38].

Satellite systems with high-resolution and multispectral sensors can provide valuable
data for monitoring and mapping vegetation cover changes in urban areas. Satellite systems
provide multispectral image data with high radiometric resolutions (1.65 m–4 m spatial
resolutions) [39]. Satellite imagery methods have been applied to investigate issues such as



Atmosphere 2022, 13, 2010 3 of 18

urban forms, economic development, and vegetation cover (index) on regional to global
scales [40,41].

Vegetation indices are based on two or more spectral bands [42] and are valuable tools
for extracting vegetation eco-physiological, biochemical, and physical characteristics [43].
NDVI is one of the most widely used vegetation indices [44,45]. Its application in evalu-
ating and monitoring vegetation changes has been well documented over the past two
decades [46–49].

1.4. Current Study

As the first manifestation of modern urban planning in Iran, the city of Tehran has
undergone extensive ecological and green infrastructure changes under the influence of
capitalism, mass migration and industrial development. In recent years, the city has
experienced increasing environmental problems due to rapid physical development and
massive changes in land-use (conversion of green and agricultural lands to build-up
lands). Therefore, studying land-use changes and the underlying drivers can support
urban management and planning, improve the vegetation index and renew ecological
resources. This study is guided by two research questions: (i) What changes have occurred
in the vegetation index in the Tehran metropolis from 1990 to 2020? and (ii) Which factors
are effective in the process of changes in the vegetation index in Tehran? One of the main
contributions of this research is that it combines descriptive (Landsat satellite imagery
and Tehran Master Plan) and spatial analysis methods (Geographical Weighted Regression
(GWR) model) to achieve the research objectives.

2. Methodology
2.1. Study Area

Tehran province has a population of about 13 million and an area of 18,814 square
kilometres (km2). The city of Tehran is geographically located at 51◦17′ to 51◦23′ east longitude
and 35◦36′ to 35◦44′ north latitude in the Tehran province. It is the administrative and political
capital of Iran and has a population of about 8 million. The metropolis stretches between the
Alborz Mountains range in the north and desert valleys in the south of Iran (Figure 1). It is
the 38th most populous city in the world and has an area of 612 km2 [50,51];

The city of Tehran has a population density of about 10,700 to 11,000 people per km2

and is divided into 22 municipality districts [52]. Approximately, 11.5% of the country’s
total population, 24% of the country’s population with higher education, 26% of the Gross
Domestic Product (GDP), 14% of the country’s development budget, 26.5% of the current
government budget, 38% of the cultural and educational facilities, and 26% of the medical
facilities are concentrated in the city of Tehran [53].

A review of the Tehran metropolis’ urban land use map shows that residential land use
(28.8%) accounts for the highest proportion of the city land use. Roads, green space, and urban
services account for 18.6%, 11.4% and 8.1% of the total urban land use, respectively [54].

2.2. Research Methods

This study is conducted in three stages (Figure 2). All stages contribute to the aim of
this study, which is to investigate changes in the vegetation cover between 1990 and 2020
and the underlying factors influencing the physical expansion of the Tehran metropolis. In
this study, two data sources (satellite and geospatial data) and documents related to Tehran
metropolis planning programs, (including Master Plan) were used.
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• Stage 1

To discover changes in vegetation cover over the period 1990–2020, satellite imagery
is required. Therefore, the Landsat Satellite multispectral images (TM sensor) from 22
June 1990, and the OLI/TIRSS multispectral images from 14 May 2020, were used. The
features of the extracted images are shown in Table 1. All satellite images were extracted
from the United States Geological Survey (USGS) website (https://earthexplorer.usgs.
gov/, accessed on 10 March 2022). Raw satellite images were pre-processed to fix any
common errors (e.g., geometric and radiometric correction errors) [55] that would prevent
them from being used directly as flattened maps [56]. Geometric corrections of satellite
imagery can remove deviations, improve image quality, and make the extracted images
usable [57]. Topographic map (scale of 1:50,000) [58] and Google Earth map 2020 were
used for geometric correction of satellite imagery. Using the Google Earth map, several
ground control points were selected from the study area. After eliminating the points
with large errors, 11 points in 1990 and 15 points in 2020 with a proper distribution were
selected. The final selected points are mostly from street intersections, main roads, and
waterways [59,60].

Table 1. Landsat 5 and 8 satellite images between the years 1990 and 2020.

No Shooting Date Satellite Sensor Bands Number Format

1 22 June 1990 L5 TM 8 TIFF

2 14 May 2020 L8 OIL/TIRSS 11 TIFF

A first-order transformation equation was used to convert the coordinates of the cor-
rected image (1990 image) to the uncorrected image (2020 image). The Nearest Neighbour
method was used to resample the values of uncorrected image pixels. Finally, the TM sensor
(1990 image) was georeferenced with an RMSE error of 0.34, while the OLI sensor image
(2020 image) was georeferenced with an RMSE error of 0.36. Radiometric Calibration in
ENVI software was used to fix radiometric and atmospheric errors, resulting in a significant
increase in image resolution.

To determine the study area, the corrected satellite images were separated from the
selected images in the ENVI software environment in dimensions of 700 × 700 pixels
(approx. 21 × 21 km).

The first step in the research process was dedicated to the calculation of the vegetation
index, which was performed using the NDVI tool in ENVI software. The vegetation index
is one of the RS spectral indices [61], and is calculated using the formula [62,63]:

NDVI =
(NIR− R)
(NIR + R)

(1)

where, NIR is the near-infrared band, and R is the red band [64]. The higher the chlorophyll
amount in the plant, the higher the index [65]. The values of the NDVI index are in the
range between −1 and +1. Different values of the index represent different coverage. For
example, values between 0.1 and 0.2 represent areas with low vegetation, values between
0.2 and 0.5 represent areas with medium vegetation, and values above 0.5 represent areas
with rich and abundant vegetation. Water, snow, and ice have negative NDVI values, while
soils have values less than 0.05 and clouds have values around zero [55].

Based on the values obtained in this study, the vegetation index classes were classified
into six categories: no vegetation, very low to low vegetation, low to medium vegetation,
medium to high vegetation, high to very high vegetation and abundance of vegetation.
The vegetation cover index was calculated for both 1990 and 2020, and the changes in
these two years were considered as the basis for evaluating the green space situation in the
Tehran metropolitan area.

https://earthexplorer.usgs.gov/
https://earthexplorer.usgs.gov/
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• Stage 2

In this stage, the status of built-up lands in 22 districts of the Tehran metropolis was
analysed. After pre-processing the satellite imagery, appropriate colour combinations
were selected to classify the land cover types in the study area for the two study periods
(1990 and 2020). The composite tool in the Idrisi software was used to test different colour
combinations. Finally, the colour combinations (R-7, G-4, B-2) and (R-4, G-3, B-2) were
selected as appropriate colour combinations for display.

After finalising the colour combinations, the land cover types in the study area were
classified using supervised classification and maximum likelihood methods in Idrisi soft-
ware. Training samples were first collected in the form of polygons with a proper distri-
bution of about 100 polygons per image, using the Tehran land use map, Google Earth,
and processed images. In the end, four similar training samples (green lands, barren lands,
built-up lands and water areas) were selected for two images (1990 and 2020), respectively,
out of which the built-up lands were investigated in this study. The images were then
classified using supervised classification method. Then, Maximum Likelihood Method in
the Idrisi software was used to classify the images and generalise the samples to the entire
study area. The Maximum Likelihood Method is one of the widely used remote sensing
image classification methods [66].

• Stage 3

After determining the vegetation cover index (Stage 1) and built-up land growth trend
(Stage 2), the influence of three variables (built-up, the population density and the extent
and distribution of industrial units in urban areas) on the vegetation index was studied
using a Geographically Weighted Regression (GWR) model. Data related to industrial units
and population density were collected from the Tehran Municipality website (2020), while
information related to industrial units was collected from the Tehran Master Plan.

Geographically Weighted Regression (GWR) model examines the spatial relationship
of variables. GWR model is used in geographic sciences and other disciplines that use
spatial data [67] and is more efficient than global regression methods. It can describe the
information and relation between variables more precisely [68]. In this study, a GWR model
was used to investigate the influence of variables on the change process of vegetation index.
The main reason for using a GWR model in this study is to study the spatial nature of the
variables, which influence each other spatially.

Equation (2) shows the diagonal weight matrix.

Wi =

 Wi1 · · · 0
...

. . .
...

0 · · ·Win

, (2)

A GWR model forms for each i weight matrix. These weights vary for each i. The
closer positions gain more weight. The relationship between two variables (positive or
negative and strong or weak) can be reflected in space by the GWR technique [69]

3. Results
3.1. The Trend of Vegetation Index Changes in Tehran Metropolis (1990–2020)

In this study, the vegetation index classes of the Tehran metropolis over the past three
decades (1990–2020) were analysed (Table 2). The factors influencing the trends were
obtained through a GWR model. The total number of cells in the vegetation index map is
690,878. The commonly used vegetation classifications were used to show changes and
coefficients of the vegetation cover (Figure 3).
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Table 2. The portion and percentage of vegetation index classes in the Tehran metropolis, 1990 and 2020.

SI.No Vegetation Classes
1990 2020

Percentage Number of Cells Percentage Number of Cells

1 No vegetation cover 1.77 12,437 28.22 13,364

2 Very low to low vegetation cover 4.57 31,778 36.95 33,624

3 Low to medium vegetation cover 9.84 68,413 17.70 65,640

4 Medium to high vegetation cover 21.18 147,916 9.61 147,916

5 High to very high vegetation cover 34.46 235,558 5.00 235,558

6 Abundance of vegetation cover 28.17 194,776 2.49 194,776

Total 100.00 690,878 100.00 690,878

Atmosphere 2022, 13, x FOR PEER REVIEW 8 of 20 
 

 

Table 2. The portion and percentage of vegetation index classes in the Tehran metropolis, 1990 and 
2020. 

  1990 2020 
SI.No Vegetation Classes Percentage Number of Cells Percentage Number of Cells 

1 No vegetation cover 1.77 12,437 28.22 13,364 
2 Very low to low vegetation cover 4.57 31,778 36.95 33,624 
3 Low to medium vegetation cover 9.84 68,413 17.70 65,640 
4 Medium to high vegetation cover 21.18 147,916 9.61 147,916 
5 High to very high vegetation cover 34.46 235,558 5.00 235,558 
6 Abundance of vegetation cover 28.17 194,776 2.49 194,776 
 Total 100.00 690,878 100.00 690,878 

High to very high vegetation cover (34.46%) accounted for the highest share of cells, 
followed by abundance of vegetation cover (28.17%). The lowest share was occupied by 
no vegetation cover (with 1.77%), followed by very low to low vegetation cover (4.57%). 
The abundance of vegetation cover class was mainly concentrated in the northern and 
north-western parts of the Tehran metropolis. 

 
Figure 3. Vegetation index map of Tehran metropolis in 1990 and 2020. 

Over the past three decades, the study area has shifted from green lands to lands 
without green cover. In other words, the expansion of the built environment has 

Figure 3. Vegetation index map of Tehran metropolis in 1990 and 2020.

High to very high vegetation cover (34.46%) accounted for the highest share of cells,
followed by abundance of vegetation cover (28.17%). The lowest share was occupied by
no vegetation cover (with 1.77%), followed by very low to low vegetation cover (4.57%).
The abundance of vegetation cover class was mainly concentrated in the northern and
north-western parts of the Tehran metropolis.

Over the past three decades, the study area has shifted from green lands to lands
without green cover. In other words, the expansion of the built environment has intensified.
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From 1990 and 2020, the categories of no vegetation cover, abundance of vegetation cover
and medium to high vegetation cover showed an inverse growth pattern (Table 3).

Table 3. Change of vegetation index classes in the metropolis of Tehran between 1990 and 2020.

Vegetation Classes Area in 1990 (Hectares) Area in 2020 (Hectares) Area Changes (Hectares)

No vegetation cover 1102.81 17,545.7 16,442.89

Very low to low vegetation cover 2841.73 22,971.45 20,129.72

Low to medium vegetation cover 6121.43 11,009.18 4887.75

Medium to high vegetation cover 13,167.79 5976.21 −7191.58

High to very high vegetation cover 21,424.1 3113.26 −183,108

Abundance of vegetation cover 17,511.98 1549.97 −15,962

In the 1990s, the percentage of the area without vegetation cover was less than 2%. By
2020, the area without vegetation cover increased to more than 28%. An opposite trend was
observed in the abundance of vegetation cover class. The most prevalent type of vegetation
cover in the 1990s was high to very high vegetation cover (34%). However, in 2020, very
low to low vegetation cover (37%) was the dominant type of vegetation class.

Furthermore, an analysis of the spatial variation of vegetation classes in 22 districts of
the Tehran metropolis revealed significant fluctuations in the area and number of vegetation
parcels over the past 30 years. For example, the northern and western parts of the metropolis
had comprehensive vegetation cover at the beginning of the period. However, by the end
of 2020, a significant portion of those lands had disappeared.

On the one hand, the vegetation index changes in the western, northern, and southern
peripheries of the Tehran metropolis were more significant than in other areas. In central
Tehran, vegetation cover had decreased intensely. This is indicated by changes in districts 1,
2, 3, 5, 21 and 22. In 2020, three vegetation types namely medium-high, high-very high and
abundant) experienced negative growth in these districts. In general, this situation indicates
a reduction in vegetation cover and non-ecological development patterns throughout the
Tehran metropolis.

3.2. Factors Influencing the Reduction of Vegetation Cover in Tehran Metropolis, 1990–2020

This section analyses the factors affecting the vegetation cover changes in the Tehran
metropolis based on three variables: construction land, population density, and extent of
industrial units.

The results of construction land are presented in Table 4 and Figure 4. Data for this
variable were obtained through land cover maps extracted from Landsat satellite imagery
(1990 and 2020). Between 1990 and 2020, the spatial changes in districts 21 and 22 were
complex and the development of construction land was the most significant. About 1520
and 2.318 hectares of constructed land were added to the two districts, respectively.

Most of the changes in construction land occurred in the northern, north-western, western,
southwestern, and southern parts of the Tehran metropolis. It is worth noting that the central
districts (7, 8, 9, 11 and 12) experienced negative construction growth, indicating that Tehran
metropolis has shifted from endogenous to exogenous growth over the past 30 years.

Another independent variable examined in this study is population density. Demo-
graphic data (2006–2018) related to the Tehran metropolitan area were obtained from the
websites of the 22 district municipalities and the Statistics Center of Iran (Table 5). Due to data
availability issues, this study considered population density data from 2006–2018 (Table 6).
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Table 4. The area of constructed lands and its difference in the districts of Tehran metropolis in the
period of 1990–2020.

Districts Area in 1990 Area in 2020 Difference (Hectare) Districts Area in 1990 Area in 2020 Difference (Hectare)

1 364.3 1206.5 842.2 12 1502.3 1437.26 −65.04
2 1720.3 2698.4 978.1 13 1050.2 1137.14 86.94
3 925.3 1275.6 350.3 14 1474.6 1697.7 223.1
4 2498.5 3478.14 978.54 15 1903.4 2098.7 195.3
5 1389.15 3031.15 1642 16 1177.5 1222.2 44.7
6 1564.3 1561.8 −2.5 17 713.3 710.43 −2.87
7 1343.9 1267.6 −76.3 18 1624.8 2524.4 899.6
8 1210.4 1127.5 −82.9 19 654.8 1307.46 652.66
9 1518.5 1382.4 −136.1 20 1019.3 1681.6 662.3
10 769.6 767.9 −1.7 21 2258.19 3778.7 1520.61
11 1116.5 1081.61 −34.89 22 309.2 2627.7 2318.5
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Table 5. Demographic indices/population of 22 municipality districts of Tehran metropolis.

District Population of
2018

Population of
2006

Districts’ Areas
(Hectare) District Population of

2018
Population of

2006
Districts’ Areas

(Hectare)

1 522,526 249,676 4.36 12 24,143 189,625 197.59
2 721,964 458,089 41.36 13 244,516 245,142 132.88
3 327,275 259,019 128.84 14 507,783 394,611 62.32
4 946,728 663,166 39.11 15 670,574 622,517 46.17
5 884,278 427,955 81.93 16 260,178 298,410 189.91
6 259,868 220,331 135.19 17 289,334 287,367 327.62
7 312,996 300,212 169.16 18 431,276 296,243 233.02
8 445,554 336,474 507.13 19 262,316 227,389 453.74
9 180,818 173,482 260.29 20 378,741 356,079 143.74

10 336,962 282,308 302.84 21 196,998 188,890 139.31
11 316,492 225,840 19.99 22 19,897 56,020 89.4

Source: [70].

Table 6. Demographic indices/density of 22 municipality districts of Tehran metropolis.

District

Population
Density

(Hectare) Year
2006

Population
Density

(Hectare) Year
2018

Population
Density

Difference
District

Population
Density

(Hectare) Year
2006

Population
Density

(Hectare) Year
2018

Population
Density

Difference

1 57,265.1 119,845.6 62,580.5 12 959.7 122.1 −837.6
2 11,075.6 17,455.6 6380 13 1844.8 1840.1 −4.7
3 2010.4 2540.16 529.7 14 6332.01 8147.8 1815.8
4 16,956.4 24,206.8 7250.4 15 13,483.1 14,524.01 1040.9
5 5223.4 10,793.07 5569.6 16 1571.3 1370 −201.3
6 1629.8 1922.2 292.4 17 877.1 883.1 6
7 1774.7 1850.3 75.6 18 1271.3 1850.8 579.5
8 663.5 878.8 215.3 19 501.14 578.1 76.96
9 6665 694.7 −5970.3 20 2477.2 2634.3 157.1

10 932.2 1112.7 180.5 21 13,559 1414.09 −12,144.9
11 11,297.6 15,832.5 4534.9 22 626.6 222.6 −404

Source: [70].

In 2018, districts 1, 2, and 5—located in the recently developed parts of the Tehran
metropolis—had a high-density urban texture. Low-density areas were mainly concen-
trated in the western and southwestern parts of the metropolis (including districts 9, 22,
and 19). Low-density clusters can also be seen in the central parts of districts 10 and 12 and
the eastern parts of district 8, while high-density clusters appear in districts 22, 21, 5, 1 and
11. Statistical blocks located in the central and southern parts form the densest parts of the
metropolis. Overall, population density appears to be increasing across the city.

Finally, the status of industrial land use was analysed. The inclusion of this variable
is critical because its existence and extent can cause severe damage to the quantity and
quality of green spaces and vegetation cover.

Table 7 shows the frequency, percentage, and per capita industrial use in different
municipality districts of the Tehran metropolis. Data for this variable were extracted from
the Master Plan of the Tehran metropolis. The areas with the most expansion of industrial
units are located in the central and southern districts of the Tehran metropolis. Due to
the economic and commercial nature of district 12 (the central part of Tehran), most of the
small and medium industry activities (e.g., bags, shoes, clothing production and various
accessories) were developed in this area.

A wide range of industrial activities such as the automotive industry, household
appliances, activities related to the oil industry and refineries were concentrated in the
southern districts of Tehran (Figure 5). These areas are known for their concentration of
heavy industrial activity. In addition, industrial activities, such as pharmaceuticals and
several automobile industries, were located along the Tehran-Karaj highway axis in district
21. In contrast, the central and northern districts of Tehran, including districts 1, 2, 3, 7, 11
and 19, had the lowest rates of industrial land use.
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Table 7. Frequency and percentage of industrial units in Tehran municipality district.

District Frequency of Industrial Units Percentage District Frequency of Industrial Units Percentage

1 121 0.98 12 3712 30.19
2 119 0.97 13 244 1.98
3 57 0.46 14 540 4.39
4 247 2.01 15 1587 12.91
5 162 1.32 16 1291 10.50
6 181 1.47 17 183 1.49
7 88 0.72 18 1091 8.87
8 1073 8.73 19 7 0.06
9 74 0.60 20 412 3.35

10 306 2.49 21 779 6.34
11 1 0.01 22 20 0.16
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3.3. Analysing the Effects of Constructed Lands, Population Density and Industrial Units on
Vegetation Cover

The interaction between different variables was studied assuming that all factors in
an urban system are interdependent and that changes in each factor affect the function of
the other factors. GWR model was used to study the spatial dependence of the dependent
variable (changes in vegetation cover area between 1990 and 2020) on the independent
variables (constructed lands, population density, and the extent of industrial units). The
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most important values in this model are R2 and adjusted R2, which indicate the accuracy of
the model used. The closer the value is to 1, the better the descriptive variable can explain
the changes in the dependent variable.

The calculated value of Local R2 for the construction land is between 0.576 and 0.757.
The values of Local R2 for population density and industrial units are between 0.489 to
0.549 and 0.005 to 0.040, respectively. The values of construction land and population
density show that these variables can clarify and explain the changes in the dependent
variable. However, the value of industrial units indicates that this variable does not justify
the changes in the dependent variable. Thus, there is no relationship between the extent of
the industrial units and differences in vegetation cover in the Tehran metropolis.

Figure 6 shows the output layer of the GWR model with respect to residual values
(ranging from −2.5> to <2.5). The value of the index is closer to or greater than 2.5,
indicating an unusual distribution of residual values and a high spatial autocorrelation.
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According to the construction land variable, the districts with the highest reduction in
vegetation cover also have a standard residual value (StdResid > 3). Districts 1, 20, 18, 9,
and 22 experienced the highest reduction in vegetation cover. In other words, construction
activities in these districts have expanded into vegetation cover and green spaces. For
the population density variable, districts 21, 9, 3, 4, 1, 18, 22 and 20 experienced the most
changes over the last 30 years.
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Figure 7 shows the estimated coefficients for the independent variables. Spatial
analysis of local coefficients indicates that the influence of independent variables in the
GWR model varies greatly in different districts of Tehran and has a specific direction.
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The regression coefficients for the construction land are mainly positive, indicating
that the proportion of vegetation cover decreases with the increase in construction activities
(mainly land allocated for residential developments). The expansion of construction land in
Districts 1, 4, 8, 13, 15 and 20 had a higher impact on the reduction of vegetation cover than
in other districts. Similarly, the estimated population density coefficients are positive for all
districts of Tehran. Especially, the vegetation cover in districts 1, 8, 14 and 13 decreased
with the increase in population density.

4. Discussion

Vegetation cover and green lands are often the first victims of rapid urbanisation all
around the world [12,13]. The reduction of green spaces due to the expansion of built-up areas
impacts urban ecosystems [14,15], and creates socioenvironmental challenges [16–18]. This is
strongly visible in developing countries, where the physical development of cities often
leads to the loss of valuable ecological resources, including urban vegetation cover [12–15].

Over the last two decades, many scholars have monitored the impact of urban de-
velopment on vegetation using different techniques and methods [11,21,23,24]. However,
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there is little literature focusing on the metropolis of Tehran [71,72]. In this context, this
study looked at identifying the vegetation cover changes in the Tehran metropolitan area
and the underlying drivers within three main phenomena including, population density,
the extent of industrial units, and built-up land development.

The findings indicate that high population density, increased migration, and housing
needs have significantly contributed to the destruction of vegetation cover in the Tehran
metropolis in recent years. Interestingly, the expansion of industrial units appeared to have
the least effect on reducing the vegetation cover.

Five major conclusions can be drawn from this study. First, as the saying goes, the
development in the third world is summarised in the capital cities; the same is true in
Iran and the city of Tehran. Similar to Deyong et al. (2009) and Shao et al. (2020), this
study also found that the urban development pattern in Tehran has been based on the high
demand for housing. Lack of proper planning policies, imbalance in the housing supply
and demand, lack of urban public services and job opportunities, and disparities in quality
of life between Tehran and other cities in Iran are the key drivers behind the unprecedented
migration to the Tehran metropolis in recent years [73,74]. In 2006, the population density
of Tehran was 829 people per hectare (ha), of which 61 people per ha were added in
the recent decade [52]. Population density led to increased housing demand [75], while
land scarcity and construction beyond environmental capacity contributed to uneven
growth, environmental problems, and a decline in vegetation cover in Tehran [73,76].
More specifically, the development and rapid expansion of the city, driven by the housing
demand, have been leading to the destruction of green spaces and vegetation cover.

Second, the reduction in vegetation cover in Tehran over the past 30 years has not been
the same in different parts and districts. The extent of construction land development in the
peripheral areas of Tehran, including the western, southwestern, northern, north-eastern,
and eastern parts, is more significant than in other areas. On the other hand, although the
loss of vegetation cover in the central districts is less, the green space area is already low
due to industrial and administrative centralisation. The central parts of Tehran have been
the economic and commercial nuclei of the city since its formation [77]. Therefore, a high
density of industrial and administrative units and low green areas can be seen in the central
part of the Tehran metropolis.

Third, the density of industrial units in Tehran is negatively correlated with vegetation
cover. Therefore, the common notion that expanding industrial activities negatively impacts
green spaces [78,79], does not apply to the city of Tehran.

Fourth, the key factors responsible for the positive correlation between the construction
land, population density and reduction of vegetation cover are the intensification of demand
for more construction and the inability of urban development plans to achieve balanced
development. In Tehran, the growing need for new municipal financial resources often
paves the way for green space changes. In Iran, Article 5 and Article 100 commissions (In
Iranian cities, assessment and approval of any land use changes are typically done through
the Article 5 Commission. The Article 100 Commission in Iran’s urban management system
deals with the issuance of construction and land division permission. Every citizen must
obtain permission from the municipality and the Article 100 Commission before starting
construction or land use changes) allow municipalities to change land use by issuing
building permits to generate revenue. This mostly happens for conversion of the land use
from green space to housing.

Finally, the physical development in the Tehran metropolis is not in harmony with the
city’s ecological and social issues. Existing research in political ecology highlights that the built
environment, spatial distribution and socio-economic activities in cities and metropolitan areas
originate from political systems [80]. More specifically, the formation of all urban phenomena
is linked to political ideologies and socio-economic conditions [81]. This perspective supports
the findings of this study and justifies the relationship between urban construction, population
density and vegetation cover reduction in the Tehran metropolis.
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5. Conclusions

Vegetation is essential for ecosystem services [1], biosphere action [4] and sustainabil-
ity [82]. This study analysed the changes in vegetation cover in the Tehran metropolitan
area over the past two decades and the underlying drivers.

The results of this study show that the vegetation cover in Tehran has been decreasing
over the past 30 years (1990–2020). However, the vegetation loss trends varied across
municipal districts. Due to the rapid increase in population density, changes in land use
and the growth of construction land, some districts (1, 4, 8, 13, 14, 15, 20 and 22) had a
greater decline in vegetation cover than others. In general, the average green space per
capita in Iranian cities is between 7–12 square meters (m2) [83]. According to the 2021
statistics of the Tehran Municipality Information Technology Center, the average green
space per capita in Tehran is 8–9 square m2 per person. This is far below the United Nations
(UN) standards of 20–25 square m2 per person [83].

This study has several research and policy implications. First, it is not only limited
to the description and classification of vegetation cover but also attempts to explore the
determinants of the process based on objective methods and practical applications, adding
a new dimension to the literature on the vegetation cover index. Second, it sheds light
on changes in vegetation cover at the metropolis scale and highlights the human and
managerial dimensions of the issue. Third, by revealing the influencing factors of vegetation
cover reduction, the results can positively change the current situation of vegetation cover
in Tehran. Fourth, since other cities in Iran follow Tehran’s planning policies, the results
can be used to identify factors affecting changes in land use and vegetation cover across the
country. Fifth, the findings suggest that housing demand and human activities have played
major roles in reducing and destroying the vegetation cover in the Tehran metropolis over
the past 30 years. Considering this situation, it is necessary to carefully review and revise
the current principles of urban planning and construction rules and apply new rules to limit
changes in vegetation and protect urban green spaces in the urban development process.
Finally, vegetation cover (both quality and quantity) in urban areas should be considered
as part of urban planning to control the impact of urbanisation on vegetation loss and
improve urban quality of life.

The results of this study and the variables considered (construction lands, popula-
tion density and industrial units) can explain and elucidate about 60% of the vegetation
cover changes in the Tehran metropolis. The remaining 40% of vegetation cover changes
depend on natural and geographical variables. The results of the Geographically Weighted
Regression (GWR) model show that 60% of the changes in the vegetation index in Tehran
were associated with the growth of construction land area and the increase of population
density. The remaining 40% of vegetation changes occurred under the influence of other
variables not included in this study. Further research is required to determine the political
and economic impacts on the vegetation cover index, as their results can effectively alter
the current vegetation degradation patterns in Tehran and other Iranian cities.

Author Contributions: Conceptualization, S.A.Z. and R.T.; Data curation, S.A.Z.; Formal analysis,
S.A.Z.; Investigation, S.A.Z.; Methodology, S.A.Z.; Project administration, K.Y.; Resources, K.Y.;
Supervision, K.Y.; Visualization, S.A.Z.; Writing—original draft, S.A.Z., K.Y., R.T., F.A. and M.P.;
Writing—review and editing, S.A.Z., K.Y., R.T., F.A. and M.P. All authors have read and agreed to the
published version of the manuscript.

Funding: This research received no external funding.

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.

Data Availability Statement: The data presented in this study are available on request from the
corresponding author.

Conflicts of Interest: The authors declare no conflict of interest.



Atmosphere 2022, 13, 2010 16 of 18

References
1. Tian, Y.; Jim, C.; Wang, H. Assessing the landscape and ecological quality of urban green spaces in a compact city. Landsc. Urban

Plan. 2014, 121, 97–108. [CrossRef]
2. Xu, X.; Duan, X.; Sun, H.; Sun, Q. Green space changes and planning in the capital region of China. Environ. Manag. 2011, 47,

456–467. [CrossRef] [PubMed]
3. Gupta, K.; Kumar, P.; Pathan, S.K.; Sharma, K.P. Urban Neighborhood Green Index—A measure of green spaces in urban areas.

Landsc. Urban Plan. 2012, 105, 325–335. [CrossRef]
4. Nesbitt, L.; Hotte, N.; Barron, S.; Cowan, J.; Sheppard, S.R. The social and economic value of cultural ecosystem services provided

by urban forests in North America: A review and suggestions for future research. Urban For. Urban Green. 2017, 25, 103–111.
[CrossRef]

5. Bondarenko, N.; Lyubimova, T.; Reshetnikova, Y. Application of the vegetation index to urban planning. E3S Web Conf. 2021, 6, 02021.
[CrossRef]

6. Smithers, R.J.; Doick, K.J.; Burton, A.; Sibille, R.; Steinbach, D.; Harris, R.; Groves, L.; Blicharska, M. Comparing the relative
abilities of tree species to cool the urban environment. Urban Ecosyst. 2018, 21, 851–862. [CrossRef]

7. Ecosystems, U.; Zafiriadis, K. The impact of park trees on microclimate in urban areas. Urban Ecosyst. 2006, 9, 195–209.
8. Weber, N.; Haase, D.; Franck, U. Zooming into temperature conditions in the city of Leipzig: How do urban built and green

structures influence earth surface temperatures in the city? Sci. Total Environ. 2014, 496, 289–298. [CrossRef]
9. Nowak, D.J.; Hirabayashi, S.; Doyle, M.; McGovern, M.; Pasher, J. Air pollution removal by urban forests in Canada and its effect

on air quality and human health. Urban For. Urban Green. 2018, 29, 40–48. [CrossRef]
10. Baró, F.; Chaparro, L.; Gómez-Baggethun, E.; Langemeyer, J.; Nowak, D.J.; Terradas, J. Contribution of ecosystem services to air

quality and climate change mitigation policies: The case of urban forests in Barcelona, Spain. Ambio 2014, 43, 466–479. [CrossRef]
11. Wu, S.; Liang, Z.; Li, S. Relationships between urban development level and urban vegetation states: A global perspective.

Urban For. Urban Green. 2019, 38, 215–222. [CrossRef]
12. Thaiutsa, B.; Puangchit, L.; Kjelgren, R.; Arunpraparut, W. Urban green space, street tree and heritage large tree assessment in

Bangkok, Thailand. Urban For. Urban Green. 2008, 7, 219–229. [CrossRef]
13. Kabisch, N.; Qureshi, S.; Haase, D. Human–environment interactions in urban green spaces—A systematic review of contemporary

issues and prospects for future research. Environ. Impact Assess. Rev. 2015, 50, 25–34. [CrossRef]
14. Cheng, J.; Masser, I. Urban growth pattern modeling: A case study of Wuhan city, PR China. Landsc. Urban Plan. 2003, 62, 199–217.

[CrossRef]
15. Kim, K.-H.; Pauleit, S. Landscape character, biodiversity and land use planning: The case of Kwangju City Region, South Korea.

Land Use Policy 2007, 24, 264–274. [CrossRef]
16. Briber, B.M.; Hutyra, L.R.; Reinmann, A.B.; Raciti, S.M.; Dearborn, V.K.; Holden, C.E.; Dunn, A.L. Tree productivity enhanced

with conversion from forest to urban land covers. PLoS ONE 2015, 10, e0136237. [CrossRef]
17. Ziska, L.H.; Bunce, J.A.; Goins, E.W. Characterization of an urban-rural CO2/temperature gradient and associated changes in

initial plant productivity during secondary succession. Oecologia 2004, 139, 454–458. [CrossRef]
18. Gregg, J.W.; Jones, C.G.; Dawson, T.E. Urbanization effects on tree growth in the vicinity of New York City. Nature 2003, 424,

183–187. [CrossRef]
19. He, Y.; Xie, H. Exploring the spatiotemporal changes of ecological carrying capacity for regional sustainable development based

on GIS: A case study of Nanchang City. Technol. Forecast. Soc. Chang. 2019, 148, 119720. [CrossRef]
20. Li, T.; Jiang, H.; Jing, P.; Yu, Y.; Zhang, M.; Sang, H. Mengmeng and Sang, Huiyun, A Data-Driven Study on the Impact of Land

Use on Traffic Congestion Based on GWR Model. In Proceedings of the 20th COTA International Conference of Transportation
Professionals, Xi’an, China, 14–16 August 2020; pp. 3051–3060.

21. Nguyen, T.T.; Barber, P.; Harper, R.; Linh, T.V.; Dell, B. Vegetation trends associated with urban development: The role of golf
courses. PLoS ONE 2020, 15, e0228090. [CrossRef]

22. Meadows, D.H.; Dennis, L.; Randers, J.; Behrens, W.W. The Limits to Growth: A Report for the Club of Rome’s Project on the
Predicament of Mankind. J. Politics 1973, 35, 2.

23. Quigley, M.F. Franklin Park: 150 years of changing design, disturbance, and impact on tree growth. Urban Ecosyst. 2002, 6,
223–235. [CrossRef]

24. Meng, X.; Gao, X.; Li, S.; Lei, J. Spatial and temporal characteristics of vegetation NDVI changes and the driving forces in
Mongolia during 1982–2015. Remote Sens. 2020, 12, 603. [CrossRef]

25. Syphard, A.D.; Clarke, K.C.; Franklin, J.; Regan, H.M.; Mcginnis, M. Forecasts of habitat loss and fragmentation due to urban
growth are sensitive to source of input data. J. Environ. Manag. 2011, 92, 1882–1893. [CrossRef]

26. Dutta, D.; Rahman, A.; Paul, S.K.; Kundu, A. Spatial and temporal trends of urban green spaces: An assessment using hyper-
temporal NDVI datasets. Geocarto Int. 2021, 1–21. [CrossRef]

27. Shao, Z.; Sumari, N.S.; Portnov, A.; Ujoh, F.; Musakwa, W.; Mandela, P.J. Urban sprawl and its impact on sustainable urban
development: A combination of remote sensing and social media data. Geo-Spat. Inf. Sci. 2021, 24, 241–255. [CrossRef]

28. Deyong, Y.; Hongbo, S.; Peijun, S.; Wenquan, Z.; Yaozhong, P. How does the conversion of land cover to urban use affect net
primary productivity? A case study in Shenzhen city, China. Agric. For. Meteorol. 2009, 149, 2054–2060. [CrossRef]

http://doi.org/10.1016/j.landurbplan.2013.10.001
http://doi.org/10.1007/s00267-011-9626-3
http://www.ncbi.nlm.nih.gov/pubmed/21327560
http://doi.org/10.1016/j.landurbplan.2012.01.003
http://doi.org/10.1016/j.ufug.2017.05.005
http://doi.org/10.1051/e3sconf/202129102021
http://doi.org/10.1007/s11252-018-0761-y
http://doi.org/10.1016/j.scitotenv.2014.06.144
http://doi.org/10.1016/j.ufug.2017.10.019
http://doi.org/10.1007/s13280-014-0507-x
http://doi.org/10.1016/j.ufug.2018.12.010
http://doi.org/10.1016/j.ufug.2008.03.002
http://doi.org/10.1016/j.eiar.2014.08.007
http://doi.org/10.1016/S0169-2046(02)00150-0
http://doi.org/10.1016/j.landusepol.2005.12.001
http://doi.org/10.1371/journal.pone.0136237
http://doi.org/10.1007/s00442-004-1526-2
http://doi.org/10.1038/nature01728
http://doi.org/10.1016/j.techfore.2019.119720
http://doi.org/10.1371/journal.pone.0228090
http://doi.org/10.1023/A:1026157629609
http://doi.org/10.3390/rs12040603
http://doi.org/10.1016/j.jenvman.2011.03.014
http://doi.org/10.1080/10106049.2021.1989499
http://doi.org/10.1080/10095020.2020.1787800
http://doi.org/10.1016/j.agrformet.2009.07.012


Atmosphere 2022, 13, 2010 17 of 18

29. Bruckner, M.; Fischer, G.; Tramberend, S.; Giljum, S. Measuring telecouplings in the global land system: A review and comparative
evaluation of land footprint accounting methods. Ecol. Econ. 2015, 114, 11–21. [CrossRef]

30. Amundsen, H.; Hovelsrud, G.K.; Aall, C.; Karlsson, M.; Westskog, H. Local governments as drivers for societal transformation:
Towards the 1.5 C ambition. Curr. Opin. Environ. Sustain. 2018, 31, 23–29. [CrossRef]

31. Savé, R.; de Herralde, F.; Aranda, X.; Biel, C. Potential effects of global change to urban vegetation: Vulnerability and adaptations.
J. Life Sci. 2012, 6, 443–450. [CrossRef]

32. Dizdaroglu, D.; Yigitcanlar, T.; Dawes, L. Sustainable urban futures: An ecological approach to sustainable urban development. In
Conference Proceedings of the Second Infrastructure Theme Postgraduate Conference 2009: Rethinking Sustainable Development-Planning,
Infrastructure Engineering, Design and Managing Urban Infrastructure; Queensland University of Technology: Brisbane City, QLD,
Australia, 2009; pp. 187–195.

33. Villa, P. Mapping urban growth using Soil and Vegetation Index and Landsat data: The Milan (Italy) city area case study.
Landsc. Urban Plan. 2012, 107, 245–254. [CrossRef]

34. Myeong, S.; Nowak, D.J.; Hopkins, P.F.; Brock, R.H. Urban cover mapping using digital, high-spatial resolution aerial imagery.
Urban Ecosyst. 2001, 5, 243–256. [CrossRef]

35. Himan, S.; Baharin, B.A.; Mohammad, H.M.; Mohsen, A.Z. Detection of urban irregular development and green space destruction
using normalized difference vegetation index (NDVI), principal component analysis (PCA) and post classification methods: A
case study of Saqqez city. Int. J. Phys. Sci. 2012, 7, 2587–2595.

36. Coppin, P.; Jonckheere, I.; Nackaerts, K.; Muys, B.; Lambin, E. Review ArticleDigital change detection methods in ecosystem
monitoring: A review. Int. J. Remote Sens. 2004, 25, 1565–1596. [CrossRef]

37. Gao, L.; Wang, X.; Johnson, B.A.; Tian, Q.; Wang, Y.; Verrelst, J.; Mu, X.; Gu, X. Remote sensing algorithms for estimation of
fractional vegetation cover using pure vegetation index values: A review. ISPRS J. Photogramm. Remote Sens. 2020, 159, 364–377.
[CrossRef]

38. Harris, A.; Carr, A.; Dash, J. Remote sensing of vegetation cover dynamics and resilience across southern Africa. Int. J. Appl. Earth
Obs. Geoinf. 2014, 28, 131–139. [CrossRef]

39. Stow, D.A.; Weeks, J.R.; Toure, S.; Coulter, L.L.; Lippitt, C.D.; Ashcroft, E. Urban vegetation cover and vegetation change in Accra,
Ghana: Connection to housing quality. Prof. Geogr. 2013, 65, 451–465. [CrossRef]

40. Huete, A.; Didan, K.; Miura, T.; Rodriguez, E.P.; Gao, X.; Ferreira, L.G. Overview of the radiometric and biophysical performance
of the MODIS vegetation indices. Remote Sens. Environ. 2002, 83, 195–213. [CrossRef]

41. Shi, K.; Yu, B.; Huang, Y.; Hu, Y.; Yin, B.; Chen, Z.; Chen, L.; Wu, J. Evaluating the ability of NPP-VIIRS nighttime light data
to estimate the gross domestic product and the electric power consumption of China at multiple scales: A comparison with
DMSP-OLS data. Remote Sens. 2014, 6, 1705–1724. [CrossRef]

42. Binh, T.N.; Vromant, N.; Hung, N.T.; Hens, L.; Boon, E.K. Land cover changes between 1968 and 2003 in Cai Nuoc, Ca Mau
peninsula, Vietnam. Environ. Dev. Sustain. 2005, 7, 519–536. [CrossRef]

43. Cârlan, I.; Haase, D.; Große-Stoltenberg, A.; Sandric, I. Mapping heat and traffic stress of urban park vegetation based on satellite
imagery-A comparison of Bucharest, Romania and Leipzig, Germany. Urban Ecosyst. 2020, 20, 363–377. [CrossRef]

44. Karnieli, A.; Bayarjargal, Y.; Bayasgalan, M.; Mandakh, B.; Dugarjav, C.; Burgheimer, J.; Khudulmur, S.; Bazha, S.N.; Gunin, P.D.
Do vegetation indices provide a reliable indication of vegetation degradation? A case study in the Mongolian pastures. Int. J.
Remote Sens. 2013, 34, 6243–6262. [CrossRef]

45. Rashed, T.; Jürgens, C. Remote Sensing of Urban and Suburban Areas; Springer Science & Business Media: Berlin, Germany, 2010.
46. Alavipanah, S.K. Fundamentals of Modern Remote Sensing and Interpretation of Satellite Images and Aerial Photos; University of Tehran

Press: Tehran, Iran, 2016.
47. Fensholt, R.; Rasmussen, K.; Nielsen, T.T.; Mbow, C. Evaluation of earth observation based long term vegetation trends—

Intercomparing NDVI time series trend analysis consistency of Sahel from AVHRR GIMMS, Terra MODIS and SPOT VGT data.
Remote Sens. Environ. 2009, 113, 1886–1898. [CrossRef]

48. Luo, N.; Mao, D.; Wen, B.; Liu, X. Climate change affected vegetation dynamics in the northern Xinjiang of China: Evaluation by
SPEI and NDVI. Land 2020, 9, 90. [CrossRef]

49. Bento, V.A.; Gouveia, C.M.; DaCamara, C.C.; Libonati, R.; Trigo, I.F. The roles of NDVI and Land Surface Temperature when
using the Vegetation Health Index over dry regions. Glob. Planet. Chang. 2020, 190, 103198. [CrossRef]

50. UN. World Urbanization Prospects The 2018 Revision; Department of Economic and Social Affairs Population Division, UN: San
Francisco, CA, USA, 2019.

51. Studies and Planning Center of Tehran Municipality. 2006. Available online: http://rpc.tehran.ir/en (accessed on 10 March 2022).
52. Statistical Center of Iran. 2019. Available online: www.amar.org.ir (accessed on 5 March 2022).
53. Statistical Center of Iran. 2016. Available online: www.amar.org.ir (accessed on 5 March 2022).
54. Tehran Metropolis Atlas. 2006. Available online: http://atlas.tehran.ir (accessed on 15 March 2022).
55. Chander, G.; Markham, B.L.; Helder, D.L. Summary of current radiometric calibration coefficients for Landsat MSS, TM, ETM+,

and EO-1 ALI sensors. Remote Sens. Environ. 2009, 113, 893–903. [CrossRef]
56. San, B.T.; Suzen, M.L. Evaluation of Different Atmospheric Correction Algorithms for EO-1 Hyperion Imagery. 2010. Available

online: https://www.isprs.org/proceedings/xxxviii/part8/pdf/W03C05_20100306205904.pdf (accessed on 5 March 2022).

http://doi.org/10.1016/j.ecolecon.2015.03.008
http://doi.org/10.1016/j.cosust.2017.12.004
http://doi.org/10.17660/ActaHortic.2010.881.71
http://doi.org/10.1016/j.landurbplan.2012.06.014
http://doi.org/10.1023/A:1025687711588
http://doi.org/10.1080/0143116031000101675
http://doi.org/10.1016/j.isprsjprs.2019.11.018
http://doi.org/10.1016/j.jag.2013.11.014
http://doi.org/10.1080/00330124.2012.697856
http://doi.org/10.1016/S0034-4257(02)00096-2
http://doi.org/10.3390/rs6021705
http://doi.org/10.1007/s10668-004-6001-z
http://doi.org/10.1007/s11252-019-00916-z
http://doi.org/10.1080/01431161.2013.793865
http://doi.org/10.1016/j.rse.2009.04.004
http://doi.org/10.3390/land9030090
http://doi.org/10.1016/j.gloplacha.2020.103198
http://rpc.tehran.ir/en
www.amar.org.ir
www.amar.org.ir
http://atlas.tehran.ir
http://doi.org/10.1016/j.rse.2009.01.007
https://www.isprs.org/proceedings/xxxviii/part8/pdf/W03C05_20100306205904.pdf


Atmosphere 2022, 13, 2010 18 of 18

57. Adamchuk, V.I.; Perk, R.L.; Schepers, J.S. EC03-702 Precision Agriculture: Applications of Remote Sensing in Site-Specific
Management. 2003. Available online: https://digitalcommons.unl.edu/extensionhist/705/ (accessed on 5 March 2022).

58. Mapping Organization of Iran. 2016. Available online: https://www.scirp.org/%28S%28vtj3fa45qm1ean45vvffcz55%29%29/
reference/referencespapers.aspx?referenceid=2143674 (accessed on 5 March 2022).

59. Zhang, J.; Goodchild, M.F. Uncertainty in Geographical Information; CRC Press: Boca Raton, FL, USA, 2002.
60. Richards, D.R.; Passy, P.; Oh, R.R. Impacts of population density and wealth on the quantity and structure of urban green space in

tropical Southeast Asia. Landsc. Urban Plan. 2017, 157, 553–560. [CrossRef]
61. Wardlow, B.D.; Egbert, S.L.; Kastens, J.H. Analysis of time-series MODIS 250 m vegetation index data for crop classification in the

US Central Great Plains. Remote Sens. Environ. 2007, 108, 290–310. [CrossRef]
62. Gao, J.; Liu, Y. Mapping of land degradation from space: A comparative study of Landsat ETM+ and ASTER data. Int. J. Remote

Sens. 2008, 29, 4029–4043. [CrossRef]
63. Kogan, F.N. Application of vegetation index and brightness temperature for drougt detection. Adv. Space Res. 1995, 15, 91–100.

[CrossRef]
64. Pandey, A.; Sahu, A.K. Generation of Curve Number Using Remote Sensing and Geographic Information System. 2002. Avail-

able online: https://www.geospatialworld.net/article/generation-of-curve-number-using-remote-sensing-and-geographic-
information-system/ (accessed on 5 March 2022).

65. Jiménez-Muñoz, J.C.; Sobrino, J.A. A generalized single-channel method for retrieving land surface temperature from remote
sensing data. J. Geophys. Res. Atmos. 2003, 108, 4688. [CrossRef]

66. Aci, M.; Inan, C.; Avci, M. A hybrid classification method of k nearest neighbor, Bayesian methods and genetic algorithm. Expert
Syst. Appl. 2010, 37, 5061–5067. [CrossRef]

67. Fotheringham, A.S.; Brunsdon, C.; Charlton, M. Geographically Weighted Regression: The Analysis of Spatially Varying Relationships;
John Wiley & Sons: Hoboken, NJ, USA, 2003.

68. Tu, J.; Xia, Z.G. Examining spatially varying relationships between land use and water quality using geographically weighted
regression I: Model design and evaluation. Sci. Total Environ. 2008, 407, 358–378. [CrossRef]
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