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Abstract: The ability to extract streamflow hydraulic settings using geoinformatic techniques,
especially in high populated territories like urban and peri-urban areas, is an important aspect of any
disaster management plan and flood mitigation effort. 1D and 2D hydraulic models, generated based
on DEMs with high accuracy (e.g., Light Detection and Ranging (LiDAR)) and processed in geographic
information systems (GIS) modeling software (e.g., HEC-RAS), can improve urban flood hazard
maps. In this study, we present a small-scale conceptual approach using HEC-RAS multi-scenario
methodology based on remote sensing (RS), LiDAR data, and 2D hydraulic modeling for the urban
and peri-urban area of Bacău City (Bistriţa River, NE Romania). In order to test the flood mitigation
capacity of Bacău 1 reservoir (rB1) and Bacău 2 reservoir (rB2), four 2D streamflow hydraulic scenarios
(s1–s4) based on average discharge and calculated discharge (s1–s4) data for rB1 spillway gate (Sw1)
and for its hydro-power plant (H-pp) were computed. Compared with the large-scale flood hazard
data provided by regional authorities, the 2D HEC-RAS multi-scenario provided a more realistic
perspective about the possible flood threats in the study area and has shown to be a valuable asset in
the improvement process of the official flood hazard maps.

Keywords: Light Detection and Ranging (LiDAR); HEC-RAS; 2D modeling; flood hazard; urban and
peri-urban area

1. Introduction

1.1. State-of-the-Art

In the last decades, with climate change and global warming, the associated natural disasters have
reached more disastrous and catastrophic scales [1–6]. Many natural disaster patterns have diversified
and modified under the pressure of climate change [7–9]. Among them, the intensification of the
hydrological cycle has made an unprecedented impact on the magnitude, spatial extend, duration and
frequency of hydro-meteorological disaster events [10–12]. Supporting this statement, many scientific
publications support the fact that the occurrence of climate-related disasters (e.g., mainly floods,
severe storms, cyclones, typhoons, droughts) have significantly increased under the abrupt changes in
hydrological climatic conditions, the ecosystems resilience to transitional (wet–dry), and other related
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disturbances [13–15]. According to the Emergency Events Database (EM-DAT), in the last 50 years,
climate related disasters have increased trifold between 1970 and 2017, from an average of 90 events in
the period 1970–1989, to an average of more than 300 events in the period that followed after the year
2000 [16,17]. Among them, flooding phenomena are the most widespread, frequent, and costly natural
disaster for the human societies [18,19], and is the most common natural hazard and the third most
damaging hazard globally after storms and earthquakes [20,21].

In this context, North East of Romania is no exception. Crossed by the Siret and Prut rivers,
which together constitute the biggest river basins in the country according to their surface, this territory
is the most vulnerable area in terms of global climate change and modification of climate patterns.
Modifications in the thermal, pluviometric and hydrological regimes have been noticed [22]. In the
last 30 years, historical flood events were recorded in this area for the entire territory of Romania [23].
Floods have become a constant threat (especially after the year 2000) as, every two years, a major flood
event was documented (e.g., 2004, 2005, 2006, 2008, and 2010) [24–27].

Besides climate change phenomenon implications, the high frequency of floods events is
also determined by a whole range of socio-economic factors such as: Land use practices (e.g.,
changing floodplain functionalities), the development of socio-economic activities in flood-prone areas,
changing living standards (e.g., urbanization—construction in high flood risk areas, urban sprawl),
and poor regulations reflected by the incapacity of the responsible authorities to implement efficient
planning policies [28–32]. The anthropic intervention on land has profoundly modified the natural
standard behavior, and the changes on land use and land management are affecting, in particular,
the river hydrology that determines the flood hazard [33]. This has ended up being a continuous
increased trend in terms of vulnerability and exposure to disasters and flood hazard [34,35]. However,
according to [36], the population has, voluntarily and under the pressure of modern society, exposed the
environment to the possibility of flooding.

In Romania, there is a lack of proper flood defense measures against floods within many river
basins. In general, the current flood defense infrastructure and hydro-technical constructions were
built-up in the 1970s and very few improvements have been made in the years after. In the same time,
over the past decades, the river regularization measures, the intensification of deforestation in the
Carpathian Mountains, and housing development on the floodplains have changed the flood regime in
the Siret and Prut river basins and their sub-basins. This has also the case for one of the most modified
watercourses in the Siret river basin: Bistriţa River. Ten reservoirs, including canals, dams, collectors,
transfer flows, protection works, and banks have been developed on the main course of the Bistriţa
River, in order to mitigate the flood effects, and for the production of electricity using hydro-power
plants [22,26,27]. Although no significant flood event has occurred on the Bistriţa River due to this
considerable protection, the recent changes in pluviometric and hydrological regimes due to climate
change, anthropic intervention on land, and reservoir clogging prove to be real challenges in the future
flood hazard assessment of this area [22].

According to [37], human societies have always tried to reduce flood impact and have always
sought protection from natural disasters by settling in safe areas or by building defense infrastructures.
Throughout human history, there has been a constant preoccupation to understand, assess, and predict
flood events and their impact [38]. Many ways were introduced in order to deal with flooding
phenomena. In this context, aspects like streamflow hydraulic modeling, flood hazard assessment,
and flood risk management have received increasing attention in the second half of the 20th century and
has become a fundamental issue in the beginning of 21st century. Flood risk management can include:
Hazard assessments, exposure assessments, vulnerability assessments, and risk assessments [39,40].
Flood hazard assessment is the most important step in the development of effective flood risk
management; the flood hazard maps are used for danger estimation and for taking preventive
conservation measures for risk mitigation. In this way, valuable information for different decision
makers regarding spatial planning, and the design of infrastructure and emergency response
preparation, become available.
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In order to conduct flood hazard assessments and propose flood risk management measures,
it is important to know what kind of comprehensive tools are available to be used in the analysis of
flood susceptibility [41]. Generally, in flood hazard assessment, field-observed data from gauging
stations are used. The existence of long records of accurate river discharge measurements is requested.
However, these observations can have several uncertainties and the data are not always available [39,42].
Earth Observation (EO) datasets (e.g., space borne, aerial images, and satellite images) together with
geographic information systems (GIS) can be used to determine the extent of flood areas and for the
production of flood hazard and risk maps [43]. Combined with the use of remote sensing (RS) and
GIS, EO datasets provide a favorable environment for relevant information processing in order to
obtain the spatial extent of flood hazard areas and flood mapping [44–47]. Even if the benefits are high,
this technique offers valuable information only for specific flood events, and this aspect is perceived as
a disadvantage because future flood details and impact cannot be investigated [42,45].

Another available tool used in the determination of flood hazard areas is streamflow hydraulic
modeling. The usage of this technique witnessed a considerable development in the recent years.
As flood events have increased significantly over the last decades under the current unpredictable
climate change behavior and human activities, the development of flood inundation models have
become a necessity [39]. Streamflow hydraulic modeling is a useful and efficient tool in the simulation
of flood events, identification of vulnerable areas, and estimation of spatially-distributed variables such
as flow velocity or depth [48]. Since 1970, considerable efforts have been made in order to improve
the capabilities and functionalities of this technique. Recent computational advances in hydraulic
modeling offer new opportunities to support decision-making and adaptation [49]. The applicability
of streamflow models have proved efficient in flood hazard and risk mapping studies [50,51], real time
flood forecasting [52], and in remodeling past flood events [53]. Also, the availability of Digital
Elevation Models (DEMs) [54] based on high-density Light Detection and Ranging (LiDAR) data have
considerably improved the accuracy of flood parameters [47]. Depending on the selected mathematical
method and scale, the complexity of models can be classified in simple interpolation methods (1D) and
spatially detailed models which solve the water equations in 2D [55]. The use of a 1D simple model is
recommended for channels, as long as the water remains in the steep slopes of the channel and no
significant water spread is expected. 1D modeling is the perfect solution in cases of flood propagation
along the main river [56,57]. Two-dimensional models are recommended in cases when the water is
expected to overtop and the flow direction may change, spreading across a large area [42,58]. However,
there are many works which make comparisons between 1D and 2D models [56,58–60].

1.2. Case Study: Aims and Objectives

In this study, we developed a method for flood vulnerability assessment under real (average
discharge) and mathematical (calculated discharge) hydrological data based on HEC-RAS, LiDAR data,
and 2D hydraulic modeling. Different from other studies [23–27,47], which provide flood hazard maps
based on hydrological data calibrated at river basin scale [23,24,26,27], we developed for the first time
in the study area flood hazard maps adapted to local environment settings and calculated discharge.
In this context, four 2D streamflow hydraulic scenarios (s1–s4) were computed in order to test the
flood mitigation capacity of hydro-technical constructions located downstream on the Bistriţa River
(North East Romania) (Figure 1a). The scenarios were based on different discharge releases (average
discharge; calculated discharge: s1–s4) from the Bacău 1 reservoir (rB1), also known as the Lilieci
storage reservoir, and from its hydro-power plant (H-pp) (Figure 1b). The average and calculated
discharges were correlated with the official operating regulations of rB1. The results provided a more
realistic perspective about the possible flood threats located downstream: rB1, an area which overlays
with the urban and peri-urban area of Bacău City; and rB2, with the Bacău 2 reservoir (Figure 1c).
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Figure 1. (a) Geographic location of the study area in North East Romania; (b) Elevation map and,
(c) Digital Elevation Model (DEM)-derived slope map of the urban and peri-urban areas of Bacău
City. Data collected by the National Administration Romanian Waters (NARW) in 2014; DEM derived
from ground point’s elevation data (0.5 point density) collected using Light Detection and Ranging
(LiDAR) techniques from aircraft. The abbreviations within the (b,c) maps show the locations of the
study site boundaries used in the 2D hydraulic modeling for the Bistriţa River, Bacău 1 (rB1) and
Bacău 2 (rB2) reservoirs, Bacău 1 spillway (Sw1) and Bacău 2 spillway (Sw2) gates, and the Bacău
1 hydro-power plant (H-pp). All spatial data was defined and projected in the Romanian national
projection (STEREO 70).

2. Methodology

2.1. Selected Site for 2D Streamflow Modeling

The study area selected for 2D streamflow hydraulic modeling and for urban food hazard
assessment covers 29.73 km2 in the urban and peri-urban area of Bacău City (Bacău County, North East
Romania) (Figure 1a). The town has a population of 196,883 inhabitants according to the 2016 census,
making it the 12th largest city in Romania. The considered Bistriţa River reach extends 2 km upstream
from the confluence of the Bistriţa and Siret rivers (Figure 1b,c). Due to more than 10 large reservoirs
and other complex hydro-technical works (e.g., dams, water gates, hydro-power plants, channels,
headraces, flood protection dikes) which equip the downstream sector of the Bistriţa watershed,
the predictive flood models are difficult to achieve through classical methods. According to [22],
even if the Bacău City was included on the settlements list potentially affected by floods in North East
Romania, the flood hazard maps provided by the authorities would not highlight this state. For this



Water 2019, 11, 1832 5 of 24

reason, in the last 10 years, new neighborhood areas have been built-up in the floodplain of Bistriţa
River or in the proximity of the rB1 and rB2 reservoirs.

2.2. Data Acquisition

Figure 2 summarizes the workflow chart followed in this study with the hydrological, LiDAR,
and built-up data obtaining process, and the key steps for HEC-RAS 2D streamflow and flood modeling.
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Figure 2. Workflow chart of 2D streamflow and flood hydraulic modeling process using hydrological
data (Sw1) and LiDAR ground point elevation (0.5–3 m spatial density) within the urban and peri-urban
area of Bacău City: (a) Generate the LiDAR based DEM with 0.5 m spatial resolution based on LiDAR
ground point elevation; (b) manual digitalization of buildings using a high resolution orthophotos
and built-up data integration in DEM; (c) generate the four 2D multi-scenario (s1–s4) using HEC-RAS
v.5.0.3, where Qavg. was generated based on average discharge at Sw1 for 2D streamflow accuracy,
and s1–s4 was computed using calculated discharge at Sw1 for 2D flood multi-scenario development;
(d) generate the flood pattern for each computed scenario and export the individual layers (e.g., flood
extent, flood velocity, flood depth); (e) flood hazard assessment based on the built-up data and flood
depth classification according to the Ministry of Land Infrastructure and Transport (MLIT) [42].

2.2.1. Development of DEM

The DEM data used in this study comprehends airborne LiDAR technology. LiDAR DEMs
display the terrain with a high degree of horizontal and vertical accuracy, a feature that is essential to
terrain-related applications such as streamflow and flood modeling [54,61,62]. The data was obtained
from the National Administration Romanian Waters (NARW)–Siret Water Basin Administration (SWBA)
and consisted of raw ground point elevation data, at a spatial density between 0.5 and 3 m. More than
7.833 × 106 points covering almost 100 km2 was considered in the DEM computation (Figure 2a).
The final product (DEM) was obtained by means of natural neighbor interpolation technique [63].
The natural neighbor interpolation technique was preferred as it finds the closest subset of input samples
to a query point and applies weights to them based on proportionate areas in order to interpolate a
value [64]. To capture as many topographical details as possible, the DEM was computed at 0.5 m
spatial resolution (Figure 2a).
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As the considered study area overlaps a highly urbanized space, crossed by one of the most
developed hydro-technical rivers in the country, an overview regarding the current situation of the
urban built-up areas was necessary. Initially the open source database offered by OpenStreetMap [65]
was consulted. As the available database proved incomplete, the last step in built-up data acquisition
consisted of the manual digitalization of the missing built-up areas using a high resolution orthophotos
digital image (0.5 m resolution), dating from 2012. In this way, the minimum and maximum
polygonal areas of the improved built-up vector was situated between 10 m2 and 19,534 m2 (Figure 2b).
Furthermore, in order to assure the hydraulic streamflow accuracy, the obtained vector was integrated
into the DEM. The new data was rasterized and then added to the already obtained LiDAR DEM,
taking into consideration an average height of 10 m. The built-up areas affected by the inundation were
identified using the built-up vector obtained in the previous steps. All residential and industrial built-up
areas that intersected or shared a common spatial extend with the inundation extend, were considered
impacted (Figure 2b).

2.2.2. Hydrological Data

The hydrological data used in this study was extracted from the Lilieci reservoir (rB1 and H-pp)
official operating rules dated from 2012 and offered by SWBA (Table 1). According to Romanian
regulations STAS—4273/61 and STAS 4273/82, the Lilieci reservoir (rB1) is classified after the height of
the dam and its storage capacity volume, in the third importance category—having the flow sizing rate
Q2% (50-years recurrence interval) = 510 m3/s, and Q0.5% (500-years recurrence interval) verification
flow rate of 1670 m3/s. Nevertheless, the rB1 spillway gates (Sw1) and levees were designed to transit
flow rates that correspond the second importance category—Q1% (100-years recurrence interval) =

1140 m3/s and Q0.1% (1000-years recurrence interval) = 2100 m3/s. The H-pp is located at approximately
1726 m from the Sw1, on a specially designed channel and it is equipped with two Kaplan turbines
with a 180 m3/s maximum flow rate.

Table 1. The volume of water contained (million m3) in the rB1 reservoir according to specific water
surface elevations (m) and related scenarios (s1–s4) developed in the study.

Water surface elevation (m) 172.14 177.86 178.14 178.64 179.14 179.21 179.64 179.8 180.14
Volume of water contained (million m3) 0 4.8 5.41 6.77 8.18 8.4 9.66 10.1 11.18

Related scenario s1 s2 s3 s4

2.3. 2D Hydraulic Modelling

In relation to watercourses (e.g., streams, rivers, channels), the hydraulic models describe water
movement through space in three directions [66]: A downstream direction along the river channel,
a lateral direction (e.g., whenever the water begins to spill out overland), and a vertical direction which
practically defines the height of the flood. Standard flood modeling practices include 1D modeling
(upstream to downstream direction), 2D modeling (downstream and lateral directions), hybrid 1D–2D
modeling and 3D numerical models, along with hydrograph design, specified ground roughness,
and accurate digital elevation data [39,67]. For the present study, a 2D approach was adopted for a
number of reasons (Figure 2c):

• The main purpose of the study was to develop overtopping multi-scenarios in order to define the
areas with risk of flooding in a complex urban environment; where it cannot be assumed that all
flow will be parallel to the main river and where a higher hydrodynamic accuracy is required [68]
(Figure 2d,e).

• Considering that the water will not propagate in the vertical direction, the vertical water velocities
will be negligible compared to the horizontal velocities and also the kinetic energy losses due to the
vertical movement. That is why this study has considered a 2D model to develop its conclusions.

• The highly accurate representation of the river’s bathymetry and floodplain topography, which is
represented by a high resolution digital elevation’s model.
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• Two-dimensional flood propagation modeling offers additional information regarding some
characteristics of the flood, such as flow velocity and water trend propagation.

The 2D functionality builds flood models in a more accurate way, considering the flow variability
in time, and both spatial dimensions, the x and y, making it more suitable for case studies that consider
wide floodplains, urban environments, dam/levee breach situations, where the water is expected to
spread over an open, unconstrained area, in multiple directions [68]. The release of the HEC-RAS
software (5.0 version), in 2016, integrated 2D unsteady flow capabilities, offering the possibility
to analyse water propagation over a predefined surface, which is found in the form of a digital
elevations model [69,70]. HEC-RAS is a well-known software, capable of modeling a flood inundation
event [39,42]. The scenarios proposed by this study were simulated using the open source HEC-RAS
software (5.0.3 version), developed by U.S. Army Corps of Engineers (USAGE). Starting with HEC-RAS
software version 5.0, two-dimensional unsteady water flow modeling can be performed. The program
2D flow modeling algorithm solves either shallow water equations, also called bidimensional Saint
Venant equations (Equation (1)), or the 2D diffusion wave equations (Equations (2) and (3)).
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where, h is the water depth (m), p and q are the specific flow in the x and y directions (m2s−1), ζ is
the surface elevation (m), g is the acceleration due to gravity (ms−2), n is the Manning’s Roughness
coefficient (m−1/3 s), ρ is the water density (kg m−3), τxx, τyy, and τxy are the components of the
effective shear stress and f is the Coriolis (s−1). When the diffusive wave is selected, the inertial terms
of the momentum equations are neglected: ∂p/∂t + ∂/∂x

(
p2/h

)
+ ∂/∂y (pq/h) = 0 (Equation (2));

∂q/∂t + ∂/∂y
(
q2/h

)
+ ∂/∂x (pq/h) = 0 (Equation (3)) [42,45,71].

Due to their faster computational time and greater stability properties, the 2D diffusion wave
equations were preferred in the present study [70]. In this case, the floodplain flow was approximated
as a two-dimensional diffusion wave where water can flow in any direction based on the defined
topography and the resistance to flow determined by the type of land use [72,73]. A 2D model consists
of a 2D computational grid which groups/discretizes the river and its adjacent areas into a collection
of individual and connected cells, called grid cells (2D flow cells), that are used to characterize the
underlying topography [56,74]. The 2D flow area is the region (the boundary selected by the user)
where the water flow will be modeled.

A close polygonal mesh with a computation point spacing of 5 m was built in order to define
the spacing between the computational grid-cells. This managed to capture all the LiDAR terrain
characteristics. In this way, more than 2,000,000 grid cells were generated; therefore, no break line was
needed to be introduced (e.g., top of the levees, along the main channels). The computational mesh
controlled the water flow throughout the 2D flow designed area and from cell to cell. Considering
the underlying terrain and the generated computational mesh, the software developed detailed
elevation–volume relationships and detailed hydraulic property curves for each cell face (elevation vs.
wetted perimeter, area, and roughness) [70]. In this way, the water elevation values were calculated for
each centroid of the grid. The Manning’s Roughness coefficients, specific to each landcover class was
set according to [75] (Figure 3).
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After the geometric data is created and the roughness coefficient is set, the next step consists of
establishing the boundary conditions. This means that flood data along the boundaries of the 2D flow
area is assigned. Flow hydrographs and normal depth boundary conditions representing the average
riverbed slope are used in order to bring water into the 2D flow area. Four flood scenarios were
simulated and, for each scenario, two hydrographs and two normal depths boundary conditions were
introduced. The hydrographs were 24 h long with values recorded each hour. The upstream boundary
conditions (the hydrographs representing imposed flow condition) were located in two specific
locations downstream of Lilieci dam: At the hydropower plant of Lilieci reservoir (on the controlled
channel), and on the natural river bed (where water from the reservoir is released). The imposed water
level boundary condition was located at the downstream extremes of the channel and at the end of
storage lake control channel (in the limits of DEM). An energy slope of 10−4 mm−1 was used.

In order to ensure the stability of the model, the time steps were estimated according to the
Courant–Friedrichs–Lewy condition [70] (Equation (4)).

C =
V∆T
∆x

≤ 1.0 (with Cmax = 3.0) or ∆T ≤
∆x
V

(with C = 1.0) (4)

where, C is the Courant number, V is the flood wave velocity (m/s), ∆T the computational time step (s),
and ∆x the average cell size (m) [67]. According to Equation (4), a time step of 10 s was selected. To run
a 24 h simulation at a time step of 10 s, the 2D models took between ~3 h (for Qavg. scenario generated
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based on average discharge) and ~12 h (for each s1–s4). The flood inundation (depth), flood velocity,
and other related results were obtained for each hour according to the hydrograph output interval.

2.4. Streamflow and Flood Simulation Accuracy

For accuracy purposes, a 2D water flow test simulation was computed. The data needed for
this flow accuracy assessment test consisted of average discharge values at the Lilieci reservoir (rB1)
for the year 2012 and, respectively, an orthophoto digital image (Figure 4a) and a Landsat 5 satellite
image (Figure 4b) showing the water extend in the area acquired in the same date. The results of this
simulation showed a close agreement between the water extend obtained from the model computation
and the available orthophoto digital image (Figure 4c). The performance assessment was realized
by comparing these three sets of spatial data. A difference of 5% (16 ha) was recorded between the
orthophoto digital image water extend and the 2D average discharge simulation result. A second
comparison was carried out using the Landsat 5 satellite image, acquired on 26 August 2012. The water
extend were extracted according to [23] and compared with the 2D average discharge simulation
result. In this case a difference of 9% (29 ha) was observed. Taking into consideration the presence of
vegetation which could have masked the presence of water in the digital orthophoto images and the
coarse resolution of Landsat scene, the accuracy of the flood extent assessment was judged satisfactory.
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Figure 4. Streamflow 2D accuracy: (a) orthophoto (digital image) for 2012, (b) Landsat 5 (satellite
image) for 2012, and (c) results of 2D average discharge simulation result. In all images was highlighted
the water extend within inflow area (fan-delta) of the rB2 reservoir for comparison.

2.5. Multi-Scenario Development

The flood scenarios were based on hydrological data extracted from the Lilieci reservoir (rB1)
official operating rules. Upstream boundary conditions for all scenarios were developed on a simulation
of water flow over a period of 24 h, at a temporal resolution of 1 h. The average discharge scenario,
spatially displays the main channel at a water release of Q = 34 m3/s located at the Lilieci hydro-power
plant (H-pp) and a Q = 2.8 m3/s flow located at the reservoir main gates (Sw1), where the water is
released directly in the main river bed (in order to assure the river servitude discharge). Scenario 1
(s1) takes into consideration the average discharge at H-pp of the Lilieci reservoir (Q = 34 m3/s) and
the maximum water release in the case of the full opening of one gate (Sw1) of the same storage lake
(Q = 490 m3/s). The maximum values were used in the simulation for a period of 1 h, whereas for
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the remaining 23 h, the flow rates were set to their average values (Q = 2.8 m3/s). Scenario 2 (s2)
considers water flow modeling of Q = 34 m3/s at the H-pp and Q = 980 m3/s at the Sw1 when two
gates are fully opened. The distribution of time periods was the same as for s1. For scenario 3 (s3),
the same parameters were used as for s1 and s2, with the exception that a water flow of Q = 1470 m3/s
is assumed when all 3 gates of the Sw1 are opened. The last scenario 4 (s4) simulated the water flow
when all 4 gates of the Sw1 are fully open at a discharge rate of Q = 1960 m3/s. The other parameters
remained unchanged. In Table 2 are the simulation parameters for the 4 modeled scenarios.

Table 2. Streamflow features and flood multi-scenario developed in this study.

2D Streamflow
Scenario Code

No. of Open Gates
(Sw1 1 and H-pp 2)

No. Hours/Open
Gates (Sw1 1)

No. Hours/2D
Simulation

Q 3 (m3/s) (Sw1
1 + H-pp 2)

Total Q 3

(m3/s)
Q 4 (%)

from Sw1 1

Avg. discharge Servitude discharge
and H-ppavg

24 h 24 h 2.8 + 34 36.8 -

Scenario 1.–s1 1 and H-ppmax 1 h 24 h 490 + 34 524 25
Scenario 2.–s2 2 and H-ppmax 1 h 24 h 980 + 34 1014 50
Scenario 3.–s3 3 and H-ppmax 1 h 24 h 1470 + 34 1504 75
Scenario 4.–s4 4 and H-ppmax 1 h 24 h 1960 + 34 1994 100

1 Sw1: Bacău 1 spillway gates; 2 H-pp: Hydro-power plant; 3 Q: Discharge (m3/s); 4 Q: Percentage of total spillway
gates discharge capacity.

3. Results

3.1. Flood Pattern

The 2D modeling was performed using the HEC-RAS 5.0.3 version which offered various output
possibilities in terms of detailed animation and mapping of flood characteristics within the RAS mapper
feature. Following the calculation of the 4 scenarios given in Table 1, individual layers of the flooded
areas along Bistriţa River and Bacău City regarding the flood extent, velocity, water surface elevation
and depth, were exported.

3.1.1. Flood Extent

The flood extent layer consists of an Inundation Boundary shapefile vector layer capturing the areas
affected by the flood during the whole 24 h simulation period (Figure 5). According to s1, an area of
6.27 km2 within the Bistriţa floodplain, the inflow area (fan-delta) of rB2 and downstream sector of rB2
reservoir, are potentially affected by floods. Also, six buildings located within the s1 flood extent are
potentially affected. In the s2 simulation, the total flood extent occupies 8.66 km2 and 173 buildings
in the peri-urban area of Bacău City which are located in the flood zone. In the third scenario (s3),
the water release from Sw1 and H-pp spills over protection dikes and floods the built-up area of Bacău
City. The total flood extent increases to 11.46 km2 (built-up area—1.09 km2) and 2461 of buildings (e.g.,
block with flats, houses and yards, other residential buildings, industrial units) are potentially affected
by the inundation waters. The last scenario (s4) indicates the most catastrophic situation where total
flood extent is 12.82 km2, from which 1.5 km2 are built-up area, and 3780 residential buildings are
vulnerable to the flood hazard (Table 3). Overall, in the first two scenarios (s1 and s2), the flood extent
affected only the built-up areas within the Bistriţa floodplain, and in the last two scenarios (s3 and s4)
the flood extent occupied the peri-urban and urban areas.

Table 3. Flood extent area, built-up area, and number of buildings potentially affected by floods
computed for each scenario (s1–s4).

Flood Extent s1 s2 s3 s4

Total flood extent (km2) 6.27 8.66 11.46 12.82
Built-up area (km2) 0.001 0.04 1.09 1.5

Number of affected buildings 6 173 2461 3780
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3.1.2. Flood Velocity

Another important result of the 2D modeling process is flood velocity. This is computed by
recording the maximum velocity for each cell in the computational mesh regardless the time when it
was measured in the whole 24 h simulation period (Figure 6). According to all computed scenarios
(s1–s4), the 0.01–1 m/s velocity class has the highest frequency (88.3%), which corresponds with the
average velocity recorded downstream rB2 (0.6 m/s). In the first two scenarios (s1 and s2), all vulnerable
buildings are potentially affected by the 0.01–1 m/s flood velocity class, except three buildings located
in front of Sw1 or along the natural watercourse of Bistriţa River. In the case of s3, only 9% of
total affected buildings are threatened by 2 m/s flood velocity, and in case of s4, only 14% of total
built-up area is potentially affected by high velocity of water (1–5 m/s). However, due to floodplain
roughness and hydro-technical works within study area, the high flood velocities (>5 m/s) are registered
only at the Sw1 and Sw2 gates, and through the narrow sections between rB1 and rB2 river sector
(Table 4). Overall, in each computed scenario, the flood velocity is not the main threat for built-up
area, but the river morphology (e.g., river bed, banks, alluvial deposits), and the hydro-technical
works conservation stage (e.g., dams, channel, bridges) can alter through time. For these reasons,
the maintenance of the flood mitigation equipment within urban and peri-urban areas must be a
priority for the competent authorities.

Table 4. Number of buildings potentially affected by floods vs. flood velocity (m/s) computed for each
scenario (s1–s4).

Flood Velocity (m/s) s1 s2 s3 s4

<1 6 170 2260 3238
1–2 3 184 353
2–3 17 189
3–4
4–5

3.1.3. Flood Depth

The maximum flood depth maps were generated by the 2D model by taking into consideration
the maximum depth for each cell, no matter the time when that maximum depth was registered during
the whole 24 h simulation period (Figure 7). According to s1 and s2, 95.5% of vulnerable buildings
are potentially affected by a flood depth which does not exceed 1 m depth. In case of s3, when water
levels exceed the height of protection dikes and inundates the urban and peri-urban area of Bacău City,
1174 buildings will be affected by floods which do not exceed 1 m in depth; 39.4% of the vulnerable
built-up areas are potentially affected by floods with a depth between 1–2 m, and 12.7% by floods with
a depth between 2–3 m. In the same scenario (s3), only 4 buildings are located in areas with water that
exceeds 3 m. In case of s4, the most catastrophic scenario taken into account in this study, 34.7% of
buildings would be affected by floods with <1 m depth, 30.9% by floods with depths between 1–2 m,
25.9% by floods with depths between 2–3 m, 7.9% by floods with depths between 3–4 m, and the rest
of 0.4% (18 buildings) by floods that exceed >5 m depth (Table 5).

Table 5. Number of buildings potentially affected by floods vs. flood depth (m) computed for each
scenario (s1–s4).

Flood Depth (m) s1 s2 s3 s4

<1.0 6 165 1174 1312
1.0–2.0 8 971 1171
2.0–3.0 312 980
3.0–4.0 4 299
4.0–5.0 18
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3.2. Flood Hazard Assessment

Usually, the flood hazard assessment is based on quantifiable variables like flood extent,
water velocity or water depth, and indicate the vulnerability of built-up areas to hydrological
events with possible destructive impact. In this study, we provided the flood hazard assessment using
only the flood extent and flood depth resulting from the four HEC-RAS 2D scenarios (s1–s4). The flood
velocity was not taken into account because is a constant variable in all four flood scenarios (88.3%
from total built-up area are affected by the 0.01–1 m/s velocity class). To generate the flood hazard
categories, the water depth for each flood extent was classified according to the Japanese criteria of
the Ministry of Land Infrastructure and Transport (MLIT) [42]. The criteria suggest five flood hazard
categories: H1—very low hazard (flood depth < 0.5 m); H2—low hazard (flood depth between 0.5–1 m);
H3—medium hazard (flood depth between 1–2 m); H4—high hazard (flood depth between 2–5 m);
H5—extreme hazard (flood depth > 5 m) (Figure 8). The flood hazard classification methodology and
hazard description based on flood depth is detailed in Table 6.

Table 6. Flood hazard classification based on water depth according to the MLIT [42].

Flood Hazard Flood Depth (m) Hazard Classes Hazard Description

H1 <0.5 Very low Flood does not pose hazard to people and on-foot
evacuation is not difficult.

H2 0.5–1 Low
Flood water poses hazard for infants and on-foot
evacuation of adults becomes difficult; evacuation
becomes more complicated.

H3 1–2 Medium Flood depth can drown people; people may be safe
inside their homes.

H4 2–5 High
People are exposed to flood hazard even inside their
homes and evacuate towards the roof of their homes
is suggested.

H5 >5 Extreme
Built-up structures like homes may get covered by
the flood; people may get drowned even if they
evacuate towards the roof of their homes.

According to s1, even if all 5 hazard classes are encountered, all vulnerable buildings are situated
in the very low class of hazard (H1). In case of s2, 86.7% of total vulnerable buildings are very
low affected by flood (H1), 8.75% are low affected by flood (H2), and the rest of 4.6% are located in
the medium exposed area to flood hazards (H3). In s3 situation, the number of potentially affected
buildings is significantly increased: H1—674 buildings; H2—500 buildings; H3—971 buildings;
and H4—316 buildings. Also, this is the moment when the floods will affect the urban area of Bacău
City. According to s4, more the 34.3% of total flood extent are located in the high (H4) and extreme
(H5) hazard classes, the number of potentially affected buildings exceed the all NARW scenarios based
on recurrence flood interval probabilities: H1—694 buildings; H2—618 buildings; H3—1171 buildings;
H4—1279 buildings; and H5—18 buildings (Table 7; Figure 9a,b).

Table 7. Number of buildings potentially affected by floods vs. flood hazard classes computed for each
scenario (s1–s4).

Flood Hazard Classes 1 s1 s2 s3 s4

H1 (Very low) 6 150 674 694
H2 (Low) 15 500 618

H3 (Medium) 8 971 1171
H4 (High) 316 1279

H5 (Extreme) 18
1 Flood hazard classes according to [42] (see Table 6).
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according to MLIT [42] criteria (see Table 6). The statistics apply for all 2D multi-scenarios (s1–s4) in
each chart.

4. Discussion

Floods can cause a tremendous amount of damage, especially in the highly regulated river sectors
overlaid with highly urbanized areas along the floodplain. For this reason, the multiple viewpoints,
methods, assumptions, and future possibilities adapted to new trends (social, economic, natural)
and determined by different factors, play an important role in the flood hazard management and
establishing flood-vulnerable areas [39]. Even in a highly regulated river system, flood hazards exist;
properties and lives are in danger. A flash flood, dense precipitation, or an error in the discharge
flow at the gates of the reservoirs can turn into a catastrophic flood event. For this reason, a good
preparation regarding this topic is always welcomed. As remote sensing (RS) techniques continue
to improve and the availability of data increases, more RS data will be integrated and used in flood
modeling. In this context, according to [54], 2D LiDAR DEM based flood simulations provide the best
results. The horizontal, vertical accuracy is better on flat terrain (such as wide floodplains) and the
integration of vegetation and building heights offer the perfect support for flood hydraulic simulations
and accurate water flow propagation.

Due to the unavailability of LiDAR surface elevation points, we were not able to perform the
simulation on a Digital Surface Model (DSM with vegetation and building integration). We computed
the DEM and manually integrated the building heights. Manually integration of building heights
(in the case of data unavailability) can be a solution. Prior to this step, we wanted to check if
any open source satellite imagery could be used in order to extract the built-up areas. Initially,
a Landsat 8 satellite image dated 11 August 2018 was downloaded using the US Geological Survey
(USGS) website [76], pre-processed and processed—including radiometric and atmospheric calibration,
maximum likelihood classification (MLC), classification accuracy assessment—in order to extract the
areas containing artificial surfaces, residential, commercial, industrial, and transportation infrastructure.
A full methodology of the previous mentioned steps can be consulted in the works of [77]. In this way
a full perspective regarding the current situation of the urban development throughout the floodplain
can be obtained. However, even though this method is practical and can be used in areas where no
built-up data is available, the results proved to be at a coarse resolution and impracticable for the
level of study we proposed. Therefore we decided to extract the built-up areas at a higher resolution.
We manually digitized the missing built-up areas using an orthophotos digital image, dating from 2012.
The association of open source imagery (Landsat, Sentinel) and LiDAR data offered unsuitable results.

The 2D flow models and LiDAR DEMs prove to be the perfect combination when it comes to
the flood hazard assessment and accurate inundation delineation. Due to its accurate representation
of the complex hydraulic conditions that can be found in floodplains (e.g., channels, confluences,
bridges, water reservoirs, roads, etc.), 2D hydraulic models can capture the hydraulic behavior of the
river in a more accurate way. Water propagation, extent, velocity, and elevation can be reproduced
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under real and hypothetical flow data and boundary conditions input. In this way we can simulate for
different purposes the past flood events, using registered hydrographs at gauging stations, or we can
imagine a theoretical hypothesis and, in this way, improve flood hazard and risk maps. This method
is the best option in case of flood map creation due to possible reservoir dam failure at various dam
discharges. On the other hand, the unavailability of high resolution DEMs can end up underestimating
the flood hazard and its dangers. A precise representation of reality is mandatory for accurate flood
mapping process.

Our study was focused on a highly regulated and well-equipped hydro-technical river sector which
overlays the urban area of Bacău. This proved to be an impediment in the validation process of the 2D
hydraulic modeling, as no notable flood event was recorded here in the recent years. Controlled water
discharges from the reservoirs located upstream protect the areas downstream. For this reason,
a considerable development of built-up areas and urban sprawl was noticed downstream, on both
sides of the riverbed. Having only the average official discharges for the year 2012 available at the
H-pp and Sw1 to model, we still managed to model the flood hazard in the area based on the official
operating rules of the dam Sw1 and taking into consideration the reservoir maximum water retention
capacity (Figure 10a).
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Figure 10. Comparison between flood extent maps within the urban and peri-urban area of Bacău City:
(a) 2D HEC-RAS multi-scenario based on average discharge and calculated discharge (s1–s4) developed
in these study, and (b) official flood extent maps (NARW) [78] based on large-scale hydrological
and spatial data, calculated for 10% (10-year), 5% (20-year), 1% (100-year), and 0.1% (1000-year)
recurrence intervals.

Furthermore, we managed to compare the 2D flood extent results with the official available
hazard and risk maps available in [78], which was realized under the Directive 2007/60/EC of the
European Parliament and Council [79,80] on the assessment and management of flood risks (Figure 10b).
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The comparison results showed similarities even when the input material for their computation were
at different scales and resolution. According to the National Administration “Romanian Waters”,
the hazard and risk maps for Bistriţa River were realized for the entire catchment at a spatial resolution
between 5 and 10 m, while our analysis used a local 0.5 m input DEM where all the topographical
details and hydraulic conditions were taken into consideration. Additionally, in a highly regulated
river sector where several reservoirs are present, such as in our study area, the flood hazard is governed
by their operating rules and management. Any mistake in the manipulation of water discharge can
prove catastrophic for the areas downstream.

5. Conclusions

The 2D hydraulic modeling using HEC-RAS (v 5.0.3) and high-density LiDAR data applied
for streamflow simulation within the urban and peri-urban area of Bacău City (North East
Romania), produced sufficiently accurate information regarding flood hazard vulnerability. Based on
multi-scenario development using different discharge releases from the rB1 (average discharge;
calculated discharge: s1–s4) and its hydro-power plant (H-pp), the following concluding remarks can
be summarized:

• Combining 2D hydraulic modeling with RS LiDAR data and local hydrological parameters proved
to be an efficient method in order to improve the streamflow and spatial distribution of water over
a densely urbanized and well-equipped hydro-technical area, in case of a flood event triggered by
different discharges from the rB1 and its hydro-power plant (H-pp).

• The multi-scenario approach allowed the testing of flow capacity throughout the rB1 downstream
floodplain, determining in this way, the discharge value which can cause a flood event. s1 and s2
scenarios kept the flood extent inside the river levees, meaning that a discharge up to 1160 m3/s
for a period of one hour can be handled by the hydro-technical works downstream. The flood
only starts to spread over the urban and peri-urban areas of Bacău City at a discharge rate over
1160 m3/s (s3 and s4).

• Scenario 2 (s2) allows a discharge of 6,636,960 m3 of water, in a 24 h period (according to the input
hydrograph) and captures the flood extent in the case where almost all the contained water in
rB1 (Lilieci reservoir) is discharged. At a water surface elevation of 178.64 m and taking into
consideration the existing LiDAR DEM, the reservoir stores 6,770,000 m3 of water.

Overall, the 2D hydraulic modeling multi-scenario results can be exported into a set of flood
hazard parameters such as flood depth, flood extent, flood velocity, or water surface elevation; and can
answer real questions regarding the flood hazard threat at local level. Developing streamflow scenarios
on a small-scale level is a very important aspect for any flood mitigation effort, especially in the urban
areas located along main rivers, because large-scale analysis (river basin analysis) understates flood
risk perception. Due to the adaptability of the 2D streamflow hydraulic model proposed in this study,
the method can become a valuable asset in flood mitigation. However, a LiDAR DEM based 2D flood
simulation is essential for every urbanized environment in the context of climate change and modern
society development pressure and trends.
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DEM’s Digital Elevation Models
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H-pp Hydro-power plant
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56. Leandro, J.; Chen, A.S.; Djordjević, S.; Savic, D.A. Comparison of 1D/1D and 1D/2D Coupled (Sewer/Surface)
Hydraulic Models for Urban Flood Simulation. J. Hidraul. Eng. 2009, 135, 495–504. [CrossRef]

57. Manfreda, S.; Samela, C.; Gioia, A.; Consoli, G.G.; Iacobellis, V.; Giuzio, L.; Cantisani, A.; Sole, A. Flood-prone
areas assessment using linear binary classifiers based on flood maps obtained from 1D and 2D hydraulic
models. Nat. Hazards 2015, 79, 735–754. [CrossRef]

58. Horritt, M.S.; Bates, P.D. Evaluation of 1D and 2D numerical models for predicting river flood inundation.
J. Hydrol. 2002, 268, 87–99. [CrossRef]

59. Alho, P.; Aaltonen, J. Comparing a 1D hydraulic model with a 2D hydraulic model for the simulation of
extreme glacial outburst floods. Hydrol. Process. 2008, 22, 1537–1547. [CrossRef]

60. Ghostine, R.; Hoteit, I.; Vazquez, J.; Terfous, A.; Ghenaim, A.; Mose, R. Comparison between a coupled
1D-2D model and a fully 2D model for supercritical flow simulation in crossroads. J. Hydraul. Res. 2014, 53,
274–281. [CrossRef]

61. Brovelli, M.A.; Cannata, M.; Longoni, U.M. LiDAR Data Filtering and DTM Interpolation Within GRASS.
Trans. GIS 2004, 8, 155–174. [CrossRef]

62. Liu, X. Airborne LiDAR for DEM generation: Some critical issues. Progress in Physical Geography.
Earth Environ. 2008, 32, 31–49. [CrossRef]

63. Garnero, G.; Godone, D. Comparisons between different interpolation techniques. Int. Arch. Photogramm.
Remote Sens. Spat. Inf. Sci. 2013, XL-5/W3, 139–144. [CrossRef]

64. Sibson, R. A Brief Description of Natural Neighbor Interpolation. In Interpolating Multivariate Data; Sibson, R.,
Ed.; John Wiley & Sons: New York, NY, USA, 1981; pp. 21–36.

65. OpenStreetMap. Available online: https://www.openstreetmap.org/ (accessed on 16 April 2019).
66. Betsholtz, A.; Nordlöf, B. Potentials and Limitations of 1D, 2D and Coupled 1D-2D Flood Modeling

in HEC-RAS—A Case Study on Höje River. Master’ Thesis, Division of Water Resources Engineering,
Department of Building & Environmental Technology, Lund University, Lund, Sweden, 2017. Available
online: http://lup.lub.lu.se/luur/download?func=download (accessed on 23 April 2019).

67. Smart, G.M. Improving flood hazard prediction models. Int. J. River Basin Manag. 2017, 16, 449–456.
[CrossRef]

68. Alkema, D. Simulating Floods: On the Application of a 2D-hydraulic Model for Flood Hazard and Risk
Assessment. Ph.D. Thesis, International Institute for Geo-information Science and Earth Observation,
ITC Enschede, Enschede, The Netherlands, 2007. Available online: https://dspace.library.uu.nl/handle/1874/

23283 (accessed on 23 April 2019).
69. Brunner, G.W. HEC-RAS 5.0 River Analysis System, Hydraulic Reference Manual. 2016. Available online:

https://www.pdfdrive.com/hec-ras-hydraulic-reference-manual-e60353462.html (accessed on 23 April 2019).
70. Brunner, G.W.; CEIWR-HEC. HEC-RAS River Analysis System, 2D Modeling User’s Manual; Version 5.0. 2016.

Available online: https://www.pdfdrive.com/hec-ras-2d-modeling-users-manual-cpd-68a-e60355017.html
(accessed on 23 April 2019).

71. Environment Agency. What is the Updated Flood Map for Surface Water? Environment Agency: Bristol,
UK, 2013.

72. Bates, P.D.; De Roo, A. A simple raster-based model for flood inundation simulation. J. Hydrol. 2000, 236,
54–77. [CrossRef]

73. Vozinaki, A.-E.K.; Morianou, G.G.; Alexakis, D.D.; Tsanis, I.K. Comparing 1D and combined 1D/2D hydraulic
simulations using high-resolution topographic data: A case study of the Koiliaris basin, Greece. Hydrol. Sci.
J. 2017, 62, 642–656. [CrossRef]

74. Alzahrani, A.S. Application of Two-Dimensional Hydraulic Modeling in Riverine Systems Using HEC-RAS.
Master Thesis, Master of Science in Civil Engineering, University of Dayton, Dayton, OH, USA, 2017.
Available online: https://etd.ohiolink.edu/!etd.send_file?accession=dayton (accessed on 23 April 2019).

75. Gallegos, H.A.; Schubert, J.E.; Sanders, B.F. Two-dimensional, high-resolution modeling of urban dam-break
flooding: A case study of Baldwin Hills, California. Adv. Water Resour. 2009, 32, 1323–1335. [CrossRef]

76. Earth Explorer. Available online: https://earthexplorer.usgs.gov/ (accessed on 16 April 2019).

http://dx.doi.org/10.1016/j.advwatres.2007.02.005
http://dx.doi.org/10.1007/s11069-008-9277-8
http://dx.doi.org/10.1061/(ASCE)HY.1943-7900.0000037
http://dx.doi.org/10.1007/s11069-015-1869-5
http://dx.doi.org/10.1016/S0022-1694(02)00121-X
http://dx.doi.org/10.1002/hyp.6692
http://dx.doi.org/10.1080/00221686.2014.974081
http://dx.doi.org/10.1111/j.1467-9671.2004.00173.x
http://dx.doi.org/10.1177/0309133308089496
http://dx.doi.org/10.5194/isprsarchives-XL-5-W3-139-2013
https://www.openstreetmap.org/
http://lup.lub.lu.se/luur/download?func=download
http://dx.doi.org/10.1080/15715124.2017.1411923
https://dspace.library.uu.nl/handle/1874/23283
https://dspace.library.uu.nl/handle/1874/23283
https://www.pdfdrive.com/hec-ras-hydraulic-reference-manual-e60353462.html
https://www.pdfdrive.com/hec-ras-2d-modeling-users-manual-cpd-68a-e60355017.html
http://dx.doi.org/10.1016/S0022-1694(00)00278-X
http://dx.doi.org/10.1080/02626667.2016.1255746
https://etd.ohiolink.edu/!etd.send_file?accession=dayton
http://dx.doi.org/10.1016/j.advwatres.2009.05.008
https://earthexplorer.usgs.gov/


Water 2019, 11, 1832 24 of 24

77. Hu, S.; Tong, L.; Frazier, A.E.; Liu, Y. Urban boundary extraction and sprawl analysis using Landsat images:
A case study in Wuhan, China. Habitat Int. 2015, 47, 183–195. [CrossRef]

78. INSPIRE Geoportal Access to European Spatial Data. Available online: http://inspire-geoportal.ec.europa.eu
(accessed on 16 April 2019).

79. Cozma, D.G.; Cruceanu, A.; Cojoc, G.M.; Muntele, I.; Mihu-Pintilie, A. The factorial analysis of physic-chemical
indicators in Bistrita’s upper hydrographical basin. In Proceedings of the SGEM GeoConference 2015: SGEM
2015 GeoConference on Water Resources. Forest, Marine and Ocean Ecosystems, Albena, Bulgaria, 16–25
June 2015; Volume 15, pp. 625–632. [CrossRef]

80. Romanescu, G.; Mihu-Pintilie, A.; Ciurte, D.L.; Stoleriu, C.C.; Cojoc, G.M.; Tirnovan, A. Allocation of flood
control capacity for a multireservoir system. Case study of the Bistriţa River (România). Carpath. J. Earth
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