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Abstract: The Urban Heat Island (UHI) effect is a significant concern in today’s rapidly urbanising
cities, with exacerbating heatwaves’ impact, urban livelihood, and environmental well-being. This
study aims to assess the cooling effect of blue-green spaces in Bhubaneswar, India, and explore
their implications for mitigating UHI effects. Satellite images were processed with Google Earth
Engine (GEE) to produce information on the blue-green spaces’ land surface temperatures (LST). The
Normalised Difference Vegetation Index (NDVI) and Modified Normalised Difference Water Index
(MNDWI) were employed to quantify the presence and characteristics of these blue-green spaces.
The findings revealed significant spatial variations in the LST, with higher temperatures observed
in bare land and built-up areas and lower temperatures in proximity to the blue-green spaces. In
addition, a correlation analysis indicated the strong influence of the built-up index (NDBI) on the LST,
emphasising the impact of urbanisation on local climate dynamics. The analysis demonstrated the
potential of blue-green spaces in reducing surface temperatures and mitigating UHI effects. Based on
these results, strategic interventions were proposed, such as increasing the coverage of green spaces,
optimising access to water bodies, and integrating water-sensitive design principles into urban
planning to enhance the cooling effects and foster a more sustainable and resilient urban environment.
This study highlighted the importance of leveraging remote sensing and GEE for urban UHI analyses.
It provides valuable insights for policymakers and urban planners to prioritise nature-based solutions
for heat mitigation in Bhubaneswar and other similar cities. Future research could delve deeper into
a quantitative assessment of the cooling benefits of specific blue-green infrastructure interventions
and explore their socio-economic impacts on urban communities.

Keywords: Urban Heat Island; blue-green spaces; mitigation strategies; water-sensitive design;
Google Earth Engine

1. Introduction

All of the world’s major cities are experiencing urban expansion. Moreover, the
urbanisation process contributes to an increase in the thermal stress of an area through local
or global warming [1–3]. The continuous process of urban expansion intensifies the current
urban warming status [3–5]. A phenomenon known as the Urban Heat Island (UHI) effect
has been caused by the impact of urbanisation. The UHI effect is a mesoscale phenomenon
characterised by higher surface and atmospheric temperatures in urban areas compared
to their surrounding peri-urban or rural areas, due to the different heating mechanisms
between artificial surfaces and other natural land surfaces [6–10].

Rising temperatures fuelled by climate change pose one of the significant anthro-
pogenic threats to urban livelihoods, as well as human and environmental well-being.
Thus, understanding the UHI effect is often regarded as a key parameter in urban planning
and management, because the dynamism of land surfaces can increase the variability
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of Land Surface Temperature (LST) distribution in heterogeneous urban settings [11–16].
LST reflects the Earth’s surface temperature, which depends on the different land surface
dynamism [17,18]. The intensity of the LST has recently increased sharply in many cities
across the globe [1,13,19–24]. A higher urban LST has a significant intensity and the impacts
of heatwaves in cities.

Further, heatwaves and high summertime temperatures have become increasingly
common. They are expected to become even more common in the following decades in the
northern hemisphere, especially on the Indian subcontinent, because of rising temperatures
arriving earlier and lingering for longer periods [25,26]. Furthermore, heatwaves will likely
increase in frequency, duration, and intensity under climate change, according to several
studies [27–29] Heatwaves and extreme heat have been identified as a type of disaster that
can cause significant mortality rates. Mortality rates have been linked to extreme heat
events in multiple studies conducted over the years in and outside India [29]. The death
toll from heatwaves across the various Indian states was 25,716 between 1992 and 2016 [30].
Andhra Pradesh, Telangana, and Odisha had the highest number of heat-related deaths.
Around Odisha (in eastern India), severe heatwaves were reported in 1998, leading to
the unfortunate deaths of humans and livestock [31]. In 2015, the southeastern region of
India (including Odisha) resulted in a death toll exceeding 2500 individuals [32]. Summers
in Odisha are becoming harshly hot and humid, and the resulting human suffering is
now nearly unavoidable. Odisha’s largest and capital city, Bhubaneswar, experiences
high diurnal temperatures during the summer months, with extremes exceeding 40 ◦C for
multiple consecutive days [33]. Bhubaneswar has been experiencing rapid urbanisation
and population growth in recent years, resulting in adverse climatic conditions such as
an intensified UHI effect, which poses significant challenges to the liveability and well-
being of the city. In order to achieve resilient and sustainable urban areas offering healthy
living environments for their dwellers, taking steps is required to mitigate UHI effects and
adaption strategies.

Urban areas are primarily attributed to heterogeneous land use land cover (LULC)
classes such as built-up areas, water bodies, and green spaces. However, urban areas have
been suffering from the degradation of water bodies and green spaces (also known as
blue-green spaces) due to the intensity of population growth, urbanisation, industrialisa-
tion, and transportation infrastructure, which cause UHI effects [34]. “Blue-green spaces”
refers to areas characterised by water or vegetation such as ponds, lakes, wetlands, rivers,
cropland, grassland, and urban vegetation [35,36]. Incorporating blue-green spaces is an
effective and economical strategy in mitigating UHI effects, reducing heat stress, and con-
tributing to local ecological environment protection, making them an integral component
of sustainable urban development, thereby providing dwellers with comfortable outdoor
environments [35,37–40]. Therefore, utilising blue-green spaces’ cooling potential and
capacity for urban environments is a promising approach to mitigating UHI effects [35,41].

Though mitigating UHI effects and strengthening the resilience of cities with the
function of blue-green spaces has been widely acknowledged [42], their specific impacts
and interactions in the context of Bhubaneswar city, India, require additional research.
As a rapidly growing “Tier-2” city, Bhubaneswar faces significant urbanisation pressures
and economic growth, making it crucial to address the challenges posed by UHI effects
and ensure the well-being of its dwellers. The city experiences distinct climatic conditions
influenced by its proximity to the coast. Despite the widespread acknowledgement of the
importance of blue-green spaces in mitigating UHI effects and enhancing urban resilience,
these spaces’ specific impacts and interactions in Bhubaneswar remain understudied.
Furthermore, it is imperative to investigate the potential of additional water-sensitive
design interventions essential for developing effective urban planning strategies to create
more climate-resilient cities [43].

Therefore, this study aimed to assess the cooling effect of blue-green spaces in Bhubaneswar,
explore their implications for mitigating UHI effects using satellite imagery and the ca-
pabilities of GEE, which is a powerful geospatial analysis platform for analysing and
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quantifying the cooling effect of these elements, and evaluate their potential implications
for UHI mitigation. The findings of this study will contribute to the existing body of
knowledge on UHI mitigation strategies and provide valuable insights into the specific
context of Bhubaneswar. Specifically, the relationships between the vegetation, water, and
built-up indices with LST variations in the city were analysed. Additionally, the potential
of water-sensitive design interventions such as green roofs and harvesting sites in further
enhancing UHI mitigation efforts was explored. The findings of this study could inform
evidence-based urban planning and design decisions, promoting the integration of blue-
green spaces and water-sensitive design principles to create more sustainable and resilient
urban environments.

The methodology and its application presented here for assessing the UHI effect and
the impact of mitigation approaches on it for any urban development will help environ-
mental professionals and researchers across the globe in conducting similar studies for
creating sustainable and resilient cities, mitigating the adverse impacts of urbanisation and
climate change.

2. Study Area

Bhubaneswar (Figure 1), the largest and capital city of Odisha, situated in eastern
India, serves as the focal point of this study on UHI mitigation. It is one of India’s fastest-
growing cities, an emerging education and information technology (IT) hub. The Extended
Bhubaneswar Development Area (BDA) is an area of study that spans approximately 1110
square km and has a population of over 1.2 million.
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Figure 1. Locational map of study area showing Bhubaneswar city.

The distinctive geographical and climatic characteristics of the eastern coastal plains
make Bhubaneswar highly susceptible to various natural hazards such as floods, cyclones,
heavy winds, earthquakes, and others. An assessment of hazards and vulnerabilities re-
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veals that the city is prone to risks such as waterlogging, flooding, cyclonic winds, and
heatwaves. Over the past years, Odisha, specifically Bhubaneswar, has encountered uncom-
mon and contrasting extreme weather events, encompassing floods, droughts, cyclones,
and heatwaves [33]. With increasing urbanisation and climate change, Bhubaneswar faces
the challenges of heatwaves and UHI effects.

This study investigated the effectiveness of blue-green spaces and water-sensitive
design in mitigating UHI effects in Bhubaneswar. The findings from this research will con-
tribute to the knowledge of urban climate resilience and inform sustainable urban planning
and design strategies for Bhubaneswar and similar cities, in order to support evidence-based
decision making for creating more liveable and sustainable urban environments.

3. Methodology

A methodology for assessing the cooling effects of blue-green spaces on urban heat
island mitigation was developed (Figure 2). The steps involved in the method are described
in the following sections.
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Figure 2. Methodology for the assessment of cooling effect of blue-green spaces on UHI mitigation.

3.1. Data Sources

The following remote sensing datasets from the Earth Engine data catalog were used
in this study by filtering it to the most recent summer months (March, April, and May
(MAM)) of 2023, with cloud masking and for the study area:

1. USGS Landsat 8 Collection 2 Tier 1 TOA Reflectance (LANDSAT/LC08/C02/T1_TOA)
2. USGS Landsat 8 Level 2, Collection 2, Tier 1 (LANDSAT/LC08/C02/T1_L2)
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These datasets were acquired by the USGS (United States Geological Survey) and are
provided as analysis-ready data in GEE.

3.2. Data Processing and Analysis Using GEE

The data processing and analysis for this study were conducted using GEE, a cloud-
based geospatial platform that provides access to a vast collection of satellite imagery and
computational capabilities. GEE offers a range of tools and functions that facilitate the
efficient and scalable processing of remote sensing data. The satellite imagery datasets were
imported into the GEE environment, including Landsat datasets for the LST estimation
and landscape indices calculation. The Landsat datasets were pre-processed to account for
atmospheric effects and filtered to select the relevant periods for analysis.

The advantage of using GEE lay in its ability to handle large-scale geospatial datasets
efficiently, allowing for the seamless processing and analysis of remote sensing data. The
platform’s cloud-based architecture enables collaborative work, reproducibility, and the
easy sharing of codes and results. The data processing and analysis for this study were
conducted using GEE, leveraging its powerful capabilities for remote sensing data pro-
cessing, spectral index calculation, spatial analyses, and map generation. The use of GEE
facilitated efficient and reproducible workflows, enabling us to derive valuable insights
into the urban environment and its thermal characteristics.

3.2.1. Landscape Indices and Land Cover Extraction

Landscape indices are used to represent surface properties and show their relation to
the LST. Green spaces, built-up areas, and water bodies were extracted from the Landsat
8 dataset using remote sensing techniques. A combination of indices and thresholds was
applied to the land cover data to identify and extract the urban blue-green spaces. The
widely used NDVI [44] was used to detect vegetation areas, with a threshold of 0.35, and
the MNDWI [45] was applied to detect water bodies, with a threshold of 0.05. The selection
of the thresholds for the NDVI and MNDWI in this study was based on a combination
of relevant studies [46,47] and a visual examination of the data. The commonly used
NDBI [48] was used to detect impervious layers and urban buildings. The formulae of the
landscape indices are as follows:

NDVI = (NIR − Red)/(NIR + Red) (1)

MNDWI = (Green − SWIR)/(Green + SWIR) (2)

NDBI = (SWIR − NIR)/(SWIR + NIR) (3)

Masking or filtering techniques were also used to remove non-vegetated and non-
water areas from the NDVI and MNDWI. By combining these two masks, the blue-green
spaces were extracted.

3.2.2. Retrieved LST

The LST is derived from thermal bands because they involve some surface emissivity
(ε) estimates [49]. Both ε and LST are the functions of the thermal radiation acquired by
satellites. ε refers to the ability of a material to emit thermal radiation, relative to a black
body at the same temperature. It quantifies the efficiency of a material in emitting thermal
energy and varies between 0 (indicating a highly reflective surface) and 1 (indicating a
surface that absorbs and emits thermal radiation effectively). An accurate estimation of ε is
necessary to obtain the correct LST.

As a first step, the Landsat data were loaded, followed by cloud screening, and then
filtering for time (summer months) and study area. The brightness temperature band
was selected. The NDVI, fractional vegetation, and emissivity were calculated [50–52].
Lastly, the LST was calculated for each pixel by combining the brightness, temperature, and
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emissivity. A simple, single-channel algorithm, a linearised approximation of the radiation
transfer equation, was used for the LST calculation [53].

The retrieved LST values were then analysed and interpreted to gain insights into the
thermal characteristics of the study area. Following these steps, the retrieved LST provided
valuable information for understanding the thermal dynamics and variations across the
study area, which could be used for UHI analyses, environmental monitoring, and climate
change studies.

3.2.3. Correlation Analysis

The “create fishnet” and “extract multi values to point” tools were employed using
ArcGIS to derive correlational data. Subsequently, the data were analysed and visualised
using a scatter plot investigation tool in MS Excel. The utilisation of the ArcGIS software
facilitated an assessment of the correlation and overall condition of the study area.

In the correlation analysis between the LST and landscape indices, namely the NDVI,
MNDWI, and NDBI, significant insights were obtained regarding the thermal dynamics of
the study area. Each land cover class displayed distinct thermal characteristics, with water
bodies demonstrating cooler temperatures, while built-up areas exhibited relatively higher
temperatures than other land uses.

3.2.4. Masking and LST Spatial Analysis

In order to compare the thermal characteristics of the blue-green spaces (e.g., veg-
etation and water bodies) and non-blue-green spaces (e.g., built-up areas), a masking
technique was applied. This masking aimed to isolate and analyse the LST values within
these two land cover types. A blue-green space mask was created to include pixels repre-
senting blue-green spaces by applying a threshold on the NDVI and MNDWI. Conversely,
a non-blue-green space mask was designed to include pixels representing non-blue-green
spaces, primarily bare land and built-up areas. Pixels with NDVI values other than the
specified threshold or MNDWI values other than the specified threshold were classified as
non-blue-green spaces.

The LST values within the blue-green spaces and non-blue-green spaces were sep-
arately analysed to understand their thermal characteristics and potential differences.
Statistical measures, such as mean, standard deviation, and range, were computed for
the LST values within the blue-green spaces and non-blue-green spaces. A comparative
analysis was carried out to evaluate the temperature differences between the blue-green
spaces and non-blue-green spaces. This involved calculating and assessing the statistical
significance of the LST values between the blue-green spaces and non-blue-green spaces.
By employing the masking technique and conducting a spatial analysis, we examined
the thermal characteristics of the blue-green spaces and non-blue-green spaces separately.
This approach provided valuable insights into the temperature variations associated with
the different land cover types, aiding our understanding of UHI effects and the role of
blue-green spaces in moderating temperature.

Further, a threshold value of 36.2 ◦C was used to create a mask for the LST data. This
process involved identifying and isolating LST values equal to or above the threshold value;
36.2 ◦C is the hot day advisory threshold provided by the National Disaster Management
Authority (NDMA) under the heat-health temperature warning for the study area.

3.2.5. Validation of Estimated LST

Instead of field measurements, a cross-validation approach was employed to examine
the Landsat-estimated LST’s reliability using a Moderate Resolution Imaging Spectrora-
diometer (MODIS) MOD11A1 V6.1 LST product [54] available on GEE. MOD11A1 provides
daily LST values with a 1000 m resolution. The MODIS LST product of the date 13 April
2023 was chosen and served as a ground truth for validating the Landsat-estimated LST
of the same date. The selection of MODIS LST products over alternative standard LST
products was primarily based on the temporal alignment of Terra’s equatorial crossing time
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at 10:30 am. This temporal proximity to Landsat’s equatorial crossing time, specifically
between 10 am and 10:25 am, contributed to the preference for MODIS LST products.

For the cross-validation, the spatial resolution and projection system of the standard
and derived LST products had to be identical. Thus, the Landsat-estimated LST was
resampled to 1000 m and reprojected into the GCS WGS 84 coordinate system. LST values
were extracted from both the Landsat and MODIS products at 700 randomly sampled points
within the study area. A correlation analysis was performed, considering the Landsat-
estimated LST as the dependent variable and the MODIS-derived LST as the independent
variable.

4. Results

The results section presents the findings and outcomes of the analysis conducted in
this study, focusing on examining the various factors related to the LST and landscape
indices. This section provides a concise overview of the key findings, highlighting the
relationships between the LST, landscape indices, and their implications for the urban
environment in the study area.

4.1. Landscape Indices

The analysis of the landscape indices provides valuable insights into the vegetation,
water, and built-up characteristics of the study area. In this section, visual representations
(Figure 3) and calculated values (Table 1) of three landscape indices, namely the NDVI,
MNDWI, and NDBI, are presented, which offer important indicators of LULC dynamics.

The statistical summary and visual interpretation of these indices for the study area in
2023 are as follows:

• NDVI: The NDVI values’ range indicated a moderate vegetation cover, with the
northwestern part of Bhubaneswar, which is part of the Chandaka Forest range,
exhibiting a higher vegetation density than others.

• MNDWI: The study area exhibited a predominant presence of non-water features,
resulting in negative mean MNDWI values. Notably, Kuakhai and its distributaries,
the Daya and Bhargavi rivers, gracefully flow through the central–eastern part of
Bhubaneswar, accompanied by sporadic occurrences of smaller water bodies such as
lakes, dams, and ponds scattered throughout the city.

• NDBI: The NDBI values ranged from −0.72 to 0.31, with a mean value of -0.08 and
a standard deviation of 0.11. A previous study suggested that the urban area has
undergone significant growth and intensification over the past two decades, expand-
ing outward from the centre along major transportation routes. Recent years have
witnessed a sprawl of urban development, with an increasing intensity of structures
in already urbanised areas, particularly in close proximity to the city centre [55,56].
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Table 1. Statistical summary of landscape indices (NDVI, MNDWI, and NDBI).

Landscape
Indices Min Max Mean Std Dev.

NDVI −0.21 0.71 0.35 0.10
MNDWI −0.51 0.66 −0.28 0.94
NDBI −0.72 0.31 −0.08 0.11

These statistical values provide an overview of the spectral characteristics of the study
area and can be used to analyse the distribution and variability of its vegetation, water
bodies, and built-up areas. The correlation analysis between these landscape indices and
LST can further provide insights into the relationships between the land cover features and
thermal variations.

4.2. Spatial Distribution of LST

Urbanisation contributes significantly to climate change and the resulting thermal
variations across the Earth’s surface. Consequently, estimating the LST accurately is of the
utmost importance for studying the effects of urbanisation and climate change on urban
environments [34].

The spatial distribution of the LST provides valuable insights into the temperature
patterns and variations across the study area. By analysing the LST data, it was understood
how the thermal conditions varied spatially, allowing us to identify areas of higher or lower
temperatures.

The LST distribution map revealed distinct thermal patterns across the study area.
The area is characterised by vegetation cover, and its water bodies exhibited relatively
lower temperatures, indicating the presence of cooler microclimates. These regions benefit
from the cooling effects of evapotranspiration and shading provided by vegetation and the
presence of water, which acts as a natural heat sink. Such blue-green spaces contribute to
mitigating UHI effects and creating more comfortable living environments.

On the other hand, bare land and impervious surfaces, including sand patches, urban
structures, roads, and pavements, exhibited higher LST values. These areas experience
elevated temperatures due to the absorption and re-emission of solar radiation by artificial
materials, sand patches, and the limited presence of vegetation. The spatial distribution of
the LST in these non-vegetated non-blue-green spaces showed pronounced temperature
gradients, with localised hotspots corresponding to densely built urban areas.

A thermal hotspot map (Figure 4) was generated based on the masked LST data to
further understand the thermal stress of the study area. This map highlights the areas
with the highest temperatures, indicating the presence of intense heat accumulation and
potential thermal stress. The southwestern part of the city stood out as a significant
thermal hotspot due to its distance from the river and low vegetation density. Identifying
thermal hotspots provides valuable information for urban planning and implementing heat
mitigation strategies.

Figure 5 illustrates the MODIS LST product (MOD11A1) for 13 April 2023 and resam-
pled Landsat-estimated LST. The nearest neighbour resampling of the Landsat-derived LST
to the spatial resolution of the MODIS product decreased the maximum temperature from
47.85 to 47.02 ◦C and increased the minimum temperature from 30.38 to 30.95 ◦C. Statistical
summaries of both the MODIS and Landsat LST are shown in Table 2.
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Table 2. Statistical Summary for MODIS LST product and Landsat-estimated LST of 13 April 2023.

MODIS LST Product Resampled
Landsat-Estimated LST

Min 33.97 30.95

Max 43.89 47.02

Mean 39.15 37.44

Std dev. 1.81 2.36

The mean temperature values further reflected the closeness of the LST values in
both datasets. Figure 6 illustrates the positive correlation (R2 = 0.83) and depicts that
both the MODIS and Landsat LST were highly correlated, indicating the high reliability of
the Landsat-estimated LST. Therefore, the Landsat-estimated LST can be used for further
analysis.
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In the following sections, we will delve deeper into comparing the LSTs between the
blue-green and non-blue-green areas and explore the implications of these temperature
variations for the urban environment.

4.3. Comparison of LST between Different Urban Areas

Landscape features significantly impact the LST, as they considerably change the
thermal characteristics of surfaces [57]. A comprehensive masking approach was applied to
investigate the thermal characteristics of the blue-green and non-blue-green spaces within
the study area. The blue-green spaces, encompassing vegetation and water bodies, were
masked from the LST data, allowing for a focused analysis of the contrasting thermal
behaviour between these two land cover types. The masked LST data revealed distinct
temperature variations, providing valuable insights into the cooling effects of blue-green
spaces and the thermal patterns associated with non-blue-green areas.

In Table 3, the statistics reveal notable differences in the temperatures between the
blue-green and non-blue-green spaces. The blue-green spaces exhibited lower LST values,
with a minimum of 23.87 ◦C and maximum of 38.07 ◦C. The mean LST in these areas was
31.97 ◦C, with a standard deviation of 1.53 ◦C. This indicates a relatively cooler thermal
environment, attributed to the presence of vegetation and water bodies, which help to
mitigate UHI effects.

Table 3. Statistical Summary for LST in blue-green spaces and non-blue-green spaces.

Min Max Mean Std Dev.

Blue-green Spaces 23.87 38.07 31.97 1.53
Non-blue-green Spaces 24.62 40.38 34.12 1.34

In contrast, the non-blue-green spaces, characterised by bare land and built-up areas,
demonstrated higher LST values. The minimum LST recorded in these areas was 24.62 ◦C,
while the maximum reached 40.38 ◦C. The mean LST in the non-blue-green spaces was
34.12 ◦C, with a standard deviation of 1.34 ◦C. These higher LST values reflected the
heat-absorbing nature of urban infrastructure, sand patches, and the limited presence of
vegetation.

Two sample locations across the study area were identified as, in particular, two types
of land cover classes: the Bharatpur forest area, which also includes Ekamra Kanan Lake
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(representing a blue-green space) and the airport (representing a non-blue-green space).
Rectangles of 3 km × 1 km were created for both locations for an LST visualisation and
comparison to neighbouring urban areas, as shown in Figure 7.

Figure 7 illustrates the LST distribution in neighbouring areas of the blue-green spaces
and non-blue-green spaces, and Table 4 provides a statistical summary of the LST values
for the respective sample sites.
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Table 4. Statistical Summary for LST in neighbouring urban areas of blue-green spaces and non-blue-
green spaces of the sample sites.

Min Max Mean Std Dev.

Blue-green spaces 27.04 36.00 31.86 1.31
Non-blue-green spaces 28.73 37.26 34.08 1.30

These findings highlight the distinct thermal characteristics of blue-green spaces,
which demonstrate cooler microclimates compared to non-blue-green areas, and demon-
strate the potential cooling effect of blue-green spaces in terms of mitigating UHI effects.
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4.4. Correlation Analysis Using Landscape Indices and LST

A correlation analysis was performed using the R-squared (R2) statistic to assess the
relationship between the LST and landscape indices. R2 measured how well the landscape
indices explained the variability in the LST values. The R2 values, as seen in Figure 8, were
obtained for 2023.
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These results indicate a moderate positive correlation between the LST and NDBI
(R2 = 0.69), suggesting that the built-up index strongly influences the thermal variation
in the urban environment. The correlations between the LST and NDVI (R2 = 0.32) and
MNDWI (R2 = 0.31) were relatively weaker, but still demonstrated some association. This
indicates a higher vegetation cover, and the MNDWI values corresponded to lower land
surface temperatures, suggesting the cooling effect of the blue-green spaces in the study
area.

The observed correlations between the LST and these landscape indices provide
insights into the impact of landscape features, vegetation cover, water content, and built-up
areas on the thermal characteristics of the study area. The findings suggest that the NDBI
had a more pronounced effect on LST variations, highlighting the influence of urbanisation
and human activities on local climate dynamics.

5. Discussion
5.1. Cooling Effect of Blue-Green Spaces

By examining the spatial distribution of the LST, we gained insights into the thermal
characteristics of the different land cover types within the study area. This information
is crucial for urban planning incorporating Water-Sensitive Urban Design (WSUD) ap-
proaches, climate modelling, and implementing strategies for mitigating adverse UHI
effects. Understanding the spatial variability of the LST aids in identifying areas that are
more susceptible to heat stress and guides the prioritisation of interventions for enhancing
the thermal comfort and liveability of urban environments.

The ability of blue-green spaces to mitigate UHI effects may be influenced by unique
attributes of an urban area such as climate, geographical location, built environment, and
land use patterns. In this study, the analysis of the LST in blue-green spaces showcased
lower temperature values, indicating the presence of cooler microclimates compared to
those of non-blue-green spaces. These cooler temperatures could be attributed to the
shading and evapotranspiration provided by vegetation and the cooling effects of water
bodies. The spatial distribution of the LST in the blue-green spaces exhibited a more
uniform pattern with relatively lower temperature ranges. It is high time to understand
that the cooling effects of blue-green spaces have the potential to mitigate the occurrence of
extreme weather patterns, particularly in periods of extreme heat [35].

Unregulated urbanisation has been identified as a leading cause of damage to blue-
green spaces. A study conducted in the greater Kolkata area (India) revealed that the rapid
expansion of urban areas and an increasing population exerted a substantial impact on the
availability and quality of blue-green spaces [58]. Particularly affected were regions that
previously harboured water bodies, vegetation, and agricultural land. The conversion of
these natural areas into built-up environments led to the loss of valuable green and blue



Water 2023, 15, 2983 13 of 18

infrastructure and disrupted the ecological balance and ecosystem services provided by
blue-green spaces. Consequently, the UHI effects intensified, exacerbating the challenges
associated with rising temperatures and compromising urban liveability.

The non-blue-green spaces, predominantly bare land and built-up surfaces, exhibited
higher LST values, indicating the presence of UHI effects. These areas experience elevated
temperatures due to the absorption and retention of solar radiation by sand patches and
artificial materials. The spatial distribution of the LST in the non-blue-green spaces revealed
pronounced temperature gradients.

Overall, the comparison of the LST between the blue-green and non-blue-green spaces
underscored the significant influence of land cover types on local temperature variations.
The findings emphasise the importance of incorporating green and blue infrastructure and
sustainable urban design, incorporating WSUD to mitigate urban heat island effects and
enhance the overall thermal comfort of urban environments.

5.2. Explore Potential Water-Sensitive Design

Addressing urban thermal environment challenges through strategic approaches has
become an imperative need in today’s context [38]. The escalating concerns associated
with heat stress and UHI effects demand scientific strategies for mitigation. Expanding our
understanding and implementing effective measures is crucial to alleviating the adverse
impacts of the urban thermal environment. In the context of Bhubaneswar, several water-
sensitive design interventions can be explored to address the challenges associated with
urbanisation and the mitigation of UHI effects.

One such intervention is the implementation of green and blue infrastructure, which
involves incorporating natural elements and vegetation into urban spaces. The comparison
of the LST between the blue-green and non-blue-green spaces in this study underscored
the importance of green and blue infrastructure in regulating urban temperatures. The
presence of vegetation and water bodies in blue-green spaces contributes to moderating
temperature extremes and the creation of more comfortable microclimates. These findings
highlight the potential of integrating green spaces and sustainable urban design strategies
for mitigating adverse UHI effects and improving the overall thermal comfort within the
study area.

Green spaces such as vegetated areas, grasslands, croplands, urban forests, gardens,
and parks help to regulate temperatures through evapotranspiration and airflow. These
provide greater exposure to nature and shade through the tree canopy and enhance air qual-
ity improvement by absorbing surrounding carbon dioxide through photosynthesis, among
other environmental benefits for urban dwellers, which, in turn, promotes sustainable
urban living [34,35,59,60]. The role of green spaces in promoting a healthy lifestyle [34,61]
and mitigating UHI effects is significant; however, the cooling effects of these spaces are
complex and varied [38]. Larger green areas often have stronger cooling effects [62], and
other studies have found that complex-shaped green spaces cool more effectively than
simple-shaped ones [38,63–65].

Similarly, water bodies, such as lakes, ponds, and rivers, can significantly reduce tem-
peratures through evaporative cooling and create microclimatic conditions that counteract
the heat build-up in urban areas. Water bodies act as heat sinks, absorbing and dissipating
heat energy through evaporation and convection. They can help to moderate temperatures
in their vicinity, providing a cooling effect to surrounding areas. According to a meta-
analysis of data from 27 local meteorological stations, the northern hemisphere’s water
bodies can have a cooling effect of 16.4 ◦C during the hottest months [66]. Additionally,
water bodies contribute to the aesthetic appeal of cities, support biodiversity, and provide
recreational opportunities for their dwellers.

In addition to green and blue infrastructure, integrating water-efficient technolo-
gies can further enhance the water sensitivity in Bhubaneswar. One such technology is
rainwater- and stormwater-harvesting (SWH) systems, which have been proven effective
in evaporating, cooling, and promoting urban sustainability. A study on Melbourne for
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suitable SWH site selection based on a multi-criteria decision analysis (MCDA) evaluation
could be useful for urban planners and water managers [67]. By implementing SWH
systems and embracing water-sensitive design approaches, Bhubaneswar can enhance its
water resilience, reduce its reliance on external water sources, and contribute to sustainable
urban development.

One more promising water-sensitive design solution for urban areas is cool roofs. Stud-
ies conducted in Indian cities such as Ahmedabad and Hyderabad have highlighted their
benefits, including reduced surface temperatures, improved indoor comfort, and energy
savings [68,69]. Implementing cool roofs on a larger scale can mitigate UHI effects, enhance
thermal comfort, and promote sustainability. Raising awareness, providing incentives, and
fostering collaboration among stakeholders is essential for their widespread adoption in
Indian cities like Bhubaneswar. Cool roofs contribute to a more sustainable and resilient
urban environment while conserving water resources.

By adopting these water-sensitive design interventions, Bhubaneswar could mitigate
the impacts of urbanisation on its water resources, improve its water quality, and enhance
its overall water sustainability. These approaches demonstrate the city’s commitment to
creating a more resilient and environmentally conscious urban environment.

5.3. Heat Action Plans (HAPs) as a Strategic Approach for Managing Urban Heat

Better heat preparedness measures and incorporating action plans are essential right
from the nascent stage in “Tier 2” cities like Bhubaneswar, as Tier 2 cities are commonly
regarded as “engines of growth” due to their economic potential. HAPs have emerged
as a vital tool for addressing the challenges posed by urban heat and safeguarding the
well-being of communities. These plans generally encompass a heatwave alert system
to notify vulnerable populations, interdepartmental coordination, initiatives for raising
awareness, training, promoting behaviour changes to minimise heat exposure, and short-
term measures such as healthcare interventions and adjusting work schedules, as well as
long-term strategies such as infrastructure investments (e.g., water-harvesting systems),
agricultural practice changes, and urban planning adjustments (e.g., green corridors) [70].
These comprehensive strategies are designed to proactively manage extreme heat events
and mitigate their adverse impacts.

Ahmedabad (India) city’s devastating heatwave in 2010, claiming more than 1300 lives,
prompted the development of coordinated HAPs to address such risks [71]. The first HAP
in south Asia has successfully prevented over 1100 annual deaths since its implementation
in Ahmedabad [72]. These initiatives highlight the importance of mitigating UHI effects
and safeguarding vulnerable populations. Various factors such as age, disabilities, housing
conditions, and individual behaviours contribute to the risks of heat-related illnesses, and
these risks can vary based on geographic location and the adaptive measures taken by
individuals [73]. Many low-income and marginalised groups already have trouble afford-
ing thermal comfort in their overcrowded, poorly ventilated houses when temperatures
rise [74].

Recent HAPs for Bhubaneswar were released in 2020 [33]. These HAPs acknowledged
the significance of considering all parameters of exposure, sensitivity, and vulnerability
when developing response plans, especially the identification and vulnerability assess-
ments of population and livelihood. However, integrating HAPs with other policies in
Bhubaneswar is crucial to effectively addressing the challenges posed by UHI effects. By
aligning HAPs with existing urban development and environmental and public health
policies, synergistic approaches can be adopted to enhance the city’s resilience to extreme
heat events. This integration can facilitate coordinated efforts, resource allocation, and
implementation strategies, ensuring that the mitigation and adaptation measures outlined
in the HAPs are effectively integrated into broader policy frameworks. By leveraging
existing policies and promoting cross-sectoral collaboration, Bhubaneswar could develop a
comprehensive and holistic approach to combating the adverse impacts of urban heat and
safeguarding the well-being of its dwellers.



Water 2023, 15, 2983 15 of 18

There is discussion about improving urban landscapes with green and blue infras-
tructure in long-term adaption and mitigation measures in Bhubaneswar HAPs. Green
infrastructure such as vertical greenery (green wall), green roofs, wetlands, and urban
forests, and blue infrastructure such as investments in water bodies and fountains are
being discussed in these long-term measures. Expanding the creation of blue-green spaces
remains crucial to mitigating UHI effects, as indicated by the findings from the LST analysis.
Further, there is a need to include long-term measures such as cool roofs and short-term,
nature-based measures such as green roofs, maintaining existing water bodies, reducing
water wastage, banning solid waste burning, preventing forest fires, and shade provision
in Bhubaneswar HAPs.

6. Conclusions

This study investigated the UHI phenomenon in Bhubaneswar using remote sensing
and geospatial analysis techniques. The analysis of the LST and landscape indices provided
insights into the spatial distribution of heat and the relationship between the land cover
characteristics and surface temperature. The Landsat-estimated LST was successfully
validated by the MODIS LST. The results revealed the presence of thermal hotspots (above
36.2 ◦C) in the southwestern part of the city, which were attributed to factors such as low
vegetation density and proximity to water bodies. Additionally, the comparison between
the blue-green and non-blue-green spaces highlighted the cooling effect of blue-green
spaces and their impact on reducing surface temperature. There was a 2.15 ◦C mean
temperature difference between the blue-green spaces and non-blue-green spaces within
the study period.

The implications of UHI mitigation were discussed, emphasising the importance of
integrating strategies such as promoting green and blue infrastructure, water-sensitive
designs, and implementing HAPs. The successful implementation of HAPs in other cities,
as evidenced by reductions in heat-related fatalities, underscores the potential effectiveness
of such measures in Bhubaneswar. Furthermore, water-sensitive designs, such as cool
roofs, rainwater harvesting, and stormwater management systems, can enhance water
sensitivity and contribute to UHI mitigation efforts. There is a need to include short-term,
nature-based adaption and mitigation measures in the existing HAPs of Bhubaneswar, such
as green roofs, maintaining existing water bodies, reducing water wastage, banning solid
waste burning, preventing forest fires, and shade provision, and long-term measures such
as cool roofs.

Overall, this study highlighted the importance of understanding and addressing the
UHI phenomenon in the context of Bhubaneswar. The findings and recommendations
presented here provide valuable insights for policymakers, urban planners, and researchers
across the globe working towards creating sustainable and resilient cities, which prioritise
the well-being and comfort of their inhabitants while mitigating the adverse impacts of
urbanisation and climate change.
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