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Abstract: Sustainable intensification practices (SIPs) involve a process to produce high yields for
existing land without affecting the environment. The significance and relevance of SIPs in a Pakistani
context demands an investigation. Hence, this study takes the initiative to investigate the determinants
regarding the adoption of these practices. Based on the evidence, we selected five SIPs, namely,
improved seeds, organic manure, crop rotation, intercropping, and low tillage. Furthermore, this study
analyzes the adoption of SIPs with randomly collected data from 612 farmers through multistage
sampling. A multivariate probit model (MVP) is employed to analyze the mutually dependent
adoption decisions and identify the factors associated with them. The results revealed that education,
the area under cultivation, access to information, extension access, social participation, rainfall
variability, and temperature increase significantly predict the adoption of SIPs. The adoption of
organic manure and crop rotation was highest between all the ecological zones, whereas low tillage
was the least adopted practice. Adoption intensity in mixed cropping zones was slightly higher than
the other ecological zones. Moreover, the findings also reveal the important synergies amid natural
resource management and input-based SIPs. Hence, the study highlights the perseverance and
importance of social groups and recommends the government to formulate comprehensive policies
to facilitate institutional access and elevate the adoption level amongst the farming community.
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1. Introduction

Asian agriculture is going through a tough period, as attaining an optimum level of production
has become a difficult task. Ever-increasing population, urbanization, and climatic uncertainties are
continuously posing threats to regional food security. Moreover, agriculture is a mainstay of people’s
livelihoods, as the majority of the working class are associated with agriculture.

The same is true in Pakistan’s case, with a 19% contribution to the GDP and the engagement of
38.5% of the labor force working in agriculture, occupying a pivotal position in Pakistan’s economy [1,2].
Besides farming, most of the farmers are also engaged in livestock ventures, which make Pakistan one
of the top global milk producers. Despite being a vital part of Pakistan’s economy, agriculture remains
a backward sector, and a continuous slump in its performance is an open fact. The country’s population
is expected to surpass 229 million by 2022, and to feed the continually increasing population looks
like a difficult task. Apart from the population pressure, the climate and land-use change continue
to stress the fragile agriculture production system of Pakistan [3–5]. Corresponding to the emerging
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countries benchmark of 4%, the current agriculture growth rate of Pakistan is 2.8%, which is way
below the baseline. This gap will continue to widen unless the country does not respond to the
challenges [6,7]. A plethora of literature suggests the adoption of sustainable agriculture as a measure
to combat environment adversaries and improve production [8–12]. The sustainable intensification
of agriculture involves the enhancement of the agricultural production of existing farmland without
leading to environmental damage [13]. This notion has received considerable attention since the
late 1990s [11,12,14–17]. Sustainability assures high yields, even in the presence of climatic shocks,
and promotes environmentally friendly practices. Sustainability requires the integration of multiple
practices on a long-term basis, although there are no clear outlines on how the different activities should
be combined in sustainable intensification to achieve desired environmental and agricultural outcomes.

Sustainable intensification contains natural resource management and the input of intensive
practices. Natural resource management consists of reduced tillage, organic manure, intercropping,
and crop rotation, and the input consists of improved seeds here. The rationale behind the adoption of
these practices is to ensure sustainable soil fertility through an improvement in soil structure [18]. These
benefits come with the promise of a substantial reduction in production costs [19]. The existing literature
reports that sustainable intensification practices (SIPs) have supported many communities in refining
their resources and enhancing production [20]. The diffusion and adoption of modern sustainable
agriculture practices among developing countries still stay lower than the desired levels [8,21–25].
Multiple authors have conducted studies to investigate the underlying reasons for the low adoptions.
Those studies associate the low adoption with multiple factors such as demographic variables,
farm-location characteristics, financial resources, information access, and the occurrence of climate
shocks [26–29]; certainly, the results from previous studies are inconstant and vary from location to
location [30–32]. Consequently, it becomes necessary to design a specific location-based study to have
a better understanding of the impediments and factors that hinder the technology adoption decisions
of the farming community. Considering this, further empirical evidence is still required to understand
what stimulates the farmers to adopt certain agricultural practices. Evidence shows the presence of
different SIP components in Pakistan’s cereal-based farming system [33–35]. However, the extent of
SIP integration and the factors behind SIP adoption are an unexplored phenomenon. Apart from this
phenomenon, agriculture in this region is diverse and characterized by multifaceted problems, such as
a lack of infrastructure, a poor financial system, lack of access to modern agricultural technologies, low
productivity per hectare, and land degradation, which demands a study to address these issues.

Cereal production holds considerable importance due to its potential in offering food security to
the whole country, but the current production level is quite far from what the potential level is [33,36].
Factors such as the non-availability of seeds, climate change, inefficient fertilizer use, water shortages,
and weed infestation are considered to be responsible for this yield gap [36]. The Punjab region is
considered to be the “breadbasket” for the whole country and is responsible for the majority of cereal
production, but even this region suffers from food shortages [36]. Nearly 40% of the districts in Punjab
produce surplus food, which was 61% five years ago. The situation is much worse if we look at
the other provinces, as the food sufficiency level is 26% in Sindh and, horrifyingly, is 4% in Khyber
Pakhtunkhwa (KPK) and Baluchistan. These statistics put an enormous amount of pressure on Punjab
to feed the whole country [36,37]. As the availability of cultivatable land is almost zero, the adoption
of the latest technologies and conservation methods provides an answer to low productivity.

Consequently, it is necessary to understand the adoption intensity of SIPs and elements, inducing
their adoption for the sake of reaching a viable way to intensify cereal production in Pakistan in
a sustainable manner. Keeping the local context and problems in mind, following the mentioned
interconnected SIPs, such as crop rotation, intercropping, organic manure, improved varieties, and low
tillage, are considered here [38]. To date, the literature on the conservation of agriculture in Pakistan is
completely limited. Certainly, no study has been conducted on the factors related to SIP adoption.
Hence, this study takes the initiative to fill the existing research gap in Pakistan by investigating the
determinants of SIP adoption. The research aims to identify the main determinants of SIP adoption
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with the adoption intensity between multiple ecological zones in the Punjab region and further explore
the synergies and substitutability among the adopted SIPs. This study seeks to answer the following
questions: (i) What is the extent of SIP adoption among different ecological zones of Pakistan’s Punjab
province? (ii) What are the determinants of SIP adoption? (iii) Do any of these SIPs substitute or
complement each other?

2. Theoretical and Conceptual Frameworks

2.1. Sustainable Intensification Practices Selected for the Study

This study is based on the data collected from the recent survey and contains 612 responses.
As Pakistan’s crop production has remained static since the last decade and pressure on land is
increasing day by day, the intensification practices promise more productivity with less land usage.

Keeping this background in mind, we selected specific SIPs in our study. Selection for these
practices was made cautiously, and a comprehensive literature review was carried out to avoid any
bias [33,34,37–41]. Based on prevalence and necessity, we selected five SIPs for our study, namely,
intercropping, crop rotation, organic manure, low tillage, and improved varieties. All of these practices
were taken as dummy variables, and data were collected as 0 or 1, where if a farmer adopted any of these
practices, then the variable would be equal to 1, otherwise 0. Intercropping involves sowing two crops
in the same field, and in our study, 28% (Table 1) of farmers were found to practice intercropping [42].
Researchers have reported multiple cereal-based intercropping patterns, such as rice with mung beans,
maize with mash, and wheat with mash and brassica plants [40,43–45]. Crop rotation involves the
cultivation of any two crops in sequence over the year in the same field. Intercropping and rotation
generate higher yields, with the addition of building soil resilience, which benefits both the people and
the environment.

Table 1. Description and descriptive statistics of surveyed farmers (n = 612).

Sustainable Intensification
Practices (SIPs) Description Percentage

Crop rotation Farmer is practicing crop rotation (1 = yes; 0 = no) 0.74
Intercropping Farmer is practicing intercropping (1 = yes; 0 = no) 0.28

improved seeds Farmers using improved seeds (1 = yes; 0 = no) 0.34
Low tillage Farmers using low tillage practices (1 = yes; 0 = no) 0.20

Organic manure Farmers using organic manure (1 = yes; 0 = no) 0.69

Organic fertilizer consists of animal manure, crop residues, and household wastes. The application
of organic manure improves soil structure and quality by giving organic matter back to the soil, which,
as a consequence, enhances land fertility and productivity [46]. Improved plant varieties possess high
yield capabilities while bearing weather-related extremities such as salinity tolerance, high-temperature
tolerance, drought tolerance, and flood tolerance. Consequently, Singh et al. (2015) suggested that
varieties with stress tolerance attributes can provide a sustainable answer to weather-related shocks [47].
Further, it has been stated that a considerable level of improved plant variety adoption exists in all the
provinces of Pakistan [39].

The practices, as mentioned earlier, are expected to boost income and provide sustainability
to farm households, even in the presence of climatic uncertainties. Low tillage practices contain
tillage operations without unsettling the top layer of soil. These tillage practices come with some
shortcomings, such as overdependence on herbicides and expensive nature of applicability. However,
such methods are often described as an option to enhance yield sustainably [35]. Low tillage practices
are prevalent among Pakistani farmers but on a smaller extent [33]. Similarly, in our study, low tillage
was the least adopted practice, as only 20% (Table 1) of farmers were associated with it.
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2.2. Explanatory Variables for Multivariate Probit Model

The study has employed a multivariable probit model with a dependent variable (SIPs adoption)
against the explanatory variables consisting of household characteristics, assets endowment,
and environmental characteristics to assess their effects on the adoption decisions. The data set
used in the study includes both the continuous and categorical variables. Apart from education, most
of the categorical variables were binary. Household characteristics were used in the model, controlling
for the level of education, household size, farming experience, household type, and risk willingness.
All of these demographic variables have also been used in earlier studies to define decision making in
the adoption of agricultural technologies [26,48,49].

On the part of education, the factor was categorized into five categories and each category
was assigned a distinct value such as 0 = illiterate, 1 = primary, 2 = eighth standard, 3 = matric,
4 = intermediate, whereas, the farming experience was defined as the number of years working as
a farmer. The family size count is the number of adult members in a household, while the family
type indicates the nature of the household, which can be either joint or nuclear. Risk attitude deals
with the farmer’s willingness to adopt technology after evaluating the positive and negative sides of a
certain practice.

Land ownership, the area under cultivation, and livestock ownership were taken as household
asset endowments in our study. The area under cultivation counts for the number of acres currently
being cultivated by the farmer. Land tenure deals with the ownership rights of the farmer and the
responses on the land tenure consist of if a farmer owns the land or not. Livestock holdings elevate the
incomes of farmers, which increase the chances of adopting SIPs. Livestock ownership was defined as
having single cattle.

Adequate social networking has always been an essential factor in determining the adoption of the
latest innovations. Social capital enables farmers to gain information regarding the latest happenings
in the field of agriculture, which facilitate farmers to access inputs and credit [26]. This study has
taken social participation, access to credit, access to information, urban linkage, and extension access
as institutional variables. In our case, social capital was defined as a household’s participation in a
farmer’s group or village committee. The responses on the variable of access to credit consist of whether
the farmer had received any credit in the past 12 months or not, whereas access to extension was defined
as the farmer having received any advisories in the past 12 months from agriculture department or not.
The environmental characteristics were defined as whether or not, in the past five years, the farmers
had experienced the rainfall variability, increase in pest attacks, and temperature increase.

2.3. Empirical Model

A multivariate probit (MVP) model was used here to analyze the decision-making process of
farmers regarding the adoption of SIPs. This initiative was taken to understand the farmer’s choices
to adopt multiple SIPs rather than a single practice. The MVP model eases the understanding of
the interconnectedness of multiple SIPs via correlations, whereas a univariate model tends to ignore
the possible correlation of error terms in adoption equations [26]. This weakness of univariate
models may lead to biased estimates [50]. Relevant factors were chosen to observe their influence on
adoption-related decisions.

A multivariate model of our study contains four interrelated equations. Each equation is linked to
one of the five SIPs mentioned earlier. To elaborate on the MVP model, we let each SIP represent a
random variable, having values of 1, ..., 5 for a positive integer.

It was supposed in our study that each farmer may adopt a group of SIPs. Moreover, it was
also assumed that the decision would depend on factors such as the demographic, socio-economic,
and institutional characteristics, besides other factors (X). The MVP model for this study can be
described as follows:

SIP∗i j = β′jxi j + Ii j ( j = 1, . . . , 5) (1)
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This equation represents all of the SIPs in our case, as X is taken as a set of conditioning variables.
Thus, the SIP*ij is a latent variable linked with an individual I-value and technology (SIP).

SIP∗i j =

{
1 i f SIPi j > 0
0 otherwise

(2)

where SIP*ij is a latent variable, while β′j is the vector of a parameter to be assessed. It assumes that
a rational household has a latent variable, SIP*ij, which captures the disregarded inclinations with
multiple SIPs. The latent variable is supposed to have a linear combination with the institutional
and household characteristics (xij) that are perceived to influence the simultaneous selection of SIPs,
besides unobserved characteristics. The stochastic error is termed as Iij here.

3. Materials and Methods

3.1. Study Area

The study was conducted in the Punjab province Figure 1, which is the largest province in terms
of population [37]. The total geographical area of Punjab is 20.63 million hectares, out of which 59%
is used for cultivation. The rationale behind the selection of Punjab includes its share in the GDP
and agricultural yield of Pakistan. It contributes to 54% of the GDP, while it represents 62% of the
agriculture sector [51–53]. Cereal cultivation is an essential part of Punjab’s farming system, as a
major portion of farmers are associated with it. Besides agriculture, Punjab holds the largest livestock
population and represents nearly 67% of the milk production in Pakistan [2]. The average temperature
in Punjab varies from a minimum of 16.52 ◦C to a maximum of 32.75 ◦C. The monsoon season is
responsible for nearly 75% of rainfall in Punjab, which continues from June to September. The average
rainfall varies between districts, for instance, the average rainfall in the Vehari district fluctuates from
72.5 to 462.1 mm annually. The second district from the mixed cropping zone receives a minimum
rainfall of 219 mm to a maximum of 718 mm annually. The rainfall in the Gujrat district varies from 697
to 1401 mm annually [54]. Based on the rainfall variability and geographic diversity, three ecological
zones were selected from the whole province.
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Figure 1. Map of the study area.

3.2. Data Collection

In contrast with previous studies, our quantitative study used a survey approach and employed
multi-stage stratified random sampling to collect the primary data from a sample of 612 farmers,
determined through Cochran’s formula [37,55–57]. A well-designed structured questionnaire was
used to collect the data through interviews with the farmers. As shown in Figure 2, due to agriculture
significance and ecological diversity, the Punjab region was selected at the first stage.

n0 =
z2pq

e2 666 =
(2.58)2(0.5)(0.5)

(0.05)2 (3)

Based on Pinckney’s categorization, the Punjab region consists of five agro-ecological zones,
i.e., the rain-fed zone, mixed cropping zone, low-intensity zone, cotton-wheat zone, and rice-wheat
zone [58].
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Figure 2. Sampling framework.

Considering the climatic variability and cropping patterns, three regional agro-ecological zones
were selected randomly in the second stage. At the third stage, we selected one district from each
zone. Then, at the fourth stage, two cities (tehsils) were chosen randomly from each of the districts.
In the next stage, six union councils were selected from each of the tehsils for the research purpose
here. According to the administrative set-up of the Punjab province, each union council consists of
multiple villages. Consequently, in the sixth stage, three to four villages were selected from each union
council, and, at the seventh stage, nine to ten farmers were chosen randomly from the chosen villages.
As mentioned in Table 1, a combined number of 612 farmers were selected, with equal distribution
of 204 farmers for each district (Note: initially, 222 farmers were allocated to each district but during
survey, due to incomplete responses at the initial stage, the sample size was restricted to 204 farmers).

3.3. Socioeconomic and Demographic Profile of Respondent

Appendix A presents the descriptive statistics of explanatory variables. Most of the farmers had
primary-level education (primary education), with an average of 1.28, which indicates that most of the
farmers could read and write. As shown in Table A1, the average farming experience in this study was
20.57, ranging from 2 to 65 years. Moreover, the average family size was 5.4 people per household,
with 86% of people living in a joint family system. About 45% of farmers were inclined to avoid risk by
not adopting new technology.

In our study, 80%, farmers had ownership status, and the area under cultivation was of medium
size as the average plot size was 11 acres. Moreover, 86% of farmers had at least one livestock animal.
Coming to institutional characteristics, nearly 58% of the farmers had received credits in the past
12 months, whereas 58% of the farmers did not receive any agricultural advisory during the past
year. About 54% of farmers reported an urban linkage with having at least one relative or friend in a
metropolitan area. The average distance from the village to town was 6.3 kilometer. Moreover, 55% of
farmers participated in agricultural-related social activities.

In our study, 41% of the farmers experienced an increase in the temperature, and 39% of the
farmers reported a rainfall variability in recent years. Besides that, 59% of the farmers have noticed a
rise in pest attacks in past years.

4. Results

4.1. The Extent of the Adoption and Intensities

Adoption intensity consists of the number of intensification practices adopted jointly by farm
households, ranging from one to five. Legends represent the number of practices adopted together,
such as one SIP counts for a single practice, two SIPs count for double practices, three SIPs counts for
three practices adopted together, and the same pattern continues for all the legends. The overall results
(Figure 3) indicate that the adoption of two practices together was highest among others, and this trend
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was the same in all the studied zones. Nearly 15% to 17% of farmers combined two practices in all
three zones, followed by three practices, representing almost 9% in all zones. At most, 3% to 4% of
farmers from each zone practiced four SIPs, whereas only the smallest proportion of farmers adopted
all five SIPs across all zones.
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Figure 3. The number of sustainable intensification practices (SIPs) adopted in each zone.

Adoption intensities in the mixed cropping zone were slightly higher than in other zones, which
indicates that cereal production in this zone is done through SIPs more than the different zones.
A mixed cropping zone exists in the heart of Punjab and contains major urban centers of Pakistan.
Apart from infrastructure, the mixed cropping zone features the most fertile land of the region, which
gives this zone a central position in all of the agricultural policies of this province. Hence, as a result,
farmers from this zone are more privileged than other zones.

4.2. Complementarities and Substitutability

The alternative hypothesis of mutual interdependence among SIPs was statistically significant.
The likelihood ratio test (Table 2) shows that the independence of SIPs as alternative hypotheses of
mutual independence is significant (χ2 (10) = 25.0091, prob > chi-squared value = 0.005). These results
support the selection of the multivariate probit model in this research study.

Table 2. Correlation coefficients of the adoption of SIPs.

Organic Manure Intercropping Low Tillage Crop Rotation

Intercropping 0.1864 **
Low Tillage 0.0621 0.1059 **
Crop Rotation 0.0743 * 0.0784 * 0.0406
Improved Seeds 0.0765 0.2786 ** 0.0344 0.0785 *
(χ2 (10) = 25.0091 prob > chi-squared value = 0.005)

** and * indicate significance at p ≤ 0.05 and p ≤ 0.1, respectively.

The literature suggests that more than one technology can be adopted simultaneously as they are
not mutually exclusive. The strengths and associations between the dependent variables are presented
in Table 2. Furthermore, six out of eight correlation coefficients were significantly correlated, reflecting
that most SIPs complement or substitute each other. Low tillage practice did not feature any significant
relationship with organic manure and improved seeds. The relationship between crop rotation and
organic manure was substantial. Similarly, there was a significant relationship between improved
varieties, organic manure, and crop rotation.
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4.3. Drivers and Barriers of Adoption of SIPs

The results of the multivariate probit model are displayed in Table 3. The results indicate that
the data of the model fit well, as the statistically significant chi-square test asserts that the four types
of explanatory variables had a different effect on the adoption decisions of SIPs. Moreover, these
variables significantly explained the variability in the adoption of the five SIPs taken in our study
(Wald χ2 (100) = 286.44, p = 0.000). Concerning household characteristics, households with a lower
number of members were more likely to exercise and invest in SIPs, as the findings revealed a negative
relationship between family size and SIP adoption [27]. Meanwhile, as expected, the experience of
farmers was significantly associated with organic manure. Moreover, a household’s education level
was an important determinant of intercropping and low tillage [59]. Farmers’ willingness to take risks
affected the adoption of intercropping significantly and positively. Plot size remained an essential
factor. It significantly affected the approval of most SIPs. Hence, the increase in the size of the plot
increased the chance of SIP adoption. In our case, it significantly predicted the adoption of improved
seeds and intercropping. These results are consistent with previous studies [26,60].

Table 3. Parameter estimates from the multivariate probit (MVP) model for estimating determinants of
the adoption of SIPs.

Explanatory
Variables Improved Seed Low Tillage Organic Manure Intercropping Crop Rotation

Coef. SD Coef. SD Coef. SD Coef. SD Coef. SD

Household
Characteristics
Farming Experience 0.001 0.003 0.005 0.004 0.010 ** 0.004 0.006 0.004 0.005 0.004
Education 0.109 0.100 0.254 ** 0.108 −0.068 0.106 0.413 *** 0.113 −0.078 0.106
Family size −0.09 *** 0.025 −0.001 0.028 −0.012 * 0.026 0.018 0.028 0.072 ** 0.027
Family type −0.197 0.194 −0.479 ** 0.198 −0.375 0.206 −0.444 ** 0.199 0.563 *** 0.193
Risk willingness 0.111 0.114 0.180 0.124 −0.144 0.114 0.56 *** 0.131 0.192 0.117
Assets Endowment
Area under
cultivation 0.226 *** 0.062 0.041 0.067 0.048 0.063 0.099 0.066 0.120 * 0.066

Land tenure −0.142 0.143 0.062 0.159 −0.074 0.148 0.228 0.160 −0.216 0.157
Livestock
Ownership −0.244 0.162 −0.056 0.179 −0.015 0.167 −0.534 ** 0.178 0.221 0.169

Institutional Characteristics
Access to credit 0.109 0.232 0.370 0.239 −0.098 0.280 −0.239 0.243 −0.115 0.261
Social participation 0.278 * 0.146 0.179 0.159 0.132 0.149 0.293 * 0.162 0.265 * 0.152
Urban linkage 0.001 0.153 0.176 0.168 0.239 0.158 0.036 0.170 −0.077 0.162
Access to
information 0.332 *** 0.118 −0.011 0.128 0.317 ** 0.115 0.380 *** 0.133 0.141 0.121

Extension access 0.247 ** 0.114 0.261 * 0.123 0.058 0.115 0.141 0.129 0.119 0.119
Distance to market −0.012 0.032 −0.017 0.035 −0.000 0.033 −0.003 0.036 0.021 0.033

Environmental
Characteristics
Rainfall Variability 0.011 0.118 −0.012 0.127 0.250 ** 0.120 0.229 * 0.130 −0.269 ** 0.123
Crop pest attack −0.010 0.222 −0.159 0.227 0.001 0.270 −0.253 0.232 0.094 0.252
Increase in
temperature 0.316 ** 0.114 0.134 0.124 0.35 *** 0.

117 0.76 *** 0.127 0.364 *** 0.121

Location Dummies
Cotton wheat Zone 0.081 0.135 −0.259 ** 0.149 −0.004 0.132 0.013 0.155 −0.099 0.139
Mixed crop zone 0.220 0.141 −0.055 0.151 0.059 0.141 0.61 *** 0.156 0.006 0.146

Constants −0.801 * 0.423 −1.32 *** 0.460 0.259 0.438 −0.54 ** 0.178 0.221 0.169
Number of
observations 612

Log
pseudo–likelihood −1283.60

286.4 ***Wald chi–square
(100)

***, **, and * indicate significance at p ≤ 0.005, p ≤ 0.05, and p ≤ 0.1, respectively.
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Likewise, access to information and farmers’ groups on the latest agriculture technologies
significantly determined the adoption of improved seeds. Besides, farmers’ groups had a strong
influence on intercropping and crop rotation, while access to information significantly predicted organic
manure and intercropping. These findings were consistent with earlier studies, such as [61], which
suggested that farmers organized in a group are more likely to adopt organic fertilizer. Meanwhile,
extension access emerged as a strong predictor and predicted low tillage and improved seeds positively
and significantly. Our results suggest a significant and robust correlation between rainfall variability
and SIPs, but with mixed signs. For instance, unusual rainfall increased the likelihood of organic
manure and intercropping, whereas it decreased the probability of crop rotation. These results highlight
the importance of temporal dynamics in technology adoption [62,63]. Expectedly high temperatures
significantly predicted improved seeds, organic manure, intercropping, and crop rotation [49,64,65].
On the part of the location, the results showed a positive and significant relationship between the
mixed cropping zones and intercropping.

5. Discussion

Based on the large sample size across the Punjab region in Pakistan, from the perspective of
household socioeconomics, institutional, environmental characteristics, and SIP adoption, the current
research has constructed multivariate probit models to identify the determinants related to the approval
of SIPs. Moreover, adoption intensity among different ecological zones and synergies among these
practices was also part of the investigation. The findings of the study are aligned with the empirical
evidence here.

5.1. Synergies and Adoption Intensities of SIPs

The findings disclose the synergies between SIPs. Specifically, the results have identified some vital
synergies between natural resource management (reduced tillage, organic manure) and input-based
(improved seed) SIPs. The findings are consistent with recent studies, which also report a homogenous
result [66,67]. Hence, based on the earlier evidence, our research has taken the initiative to contest
against the widespread confusion that both types of practices are not compatible. Indeed, farmers
apply both methods concerning their needs and experience. Consequently, the findings here have
highlighted positive correlations among the two types of SIPs among Pakistani farmers. The results
entail that a mix of input-intensive and conservation agriculture practices can yield beneficial synergies.
In addition to synergies, the study has also explored the adoption intensities among agro-ecological
zones of the region considered here. The mixed crop zone was the highest adopter among the other
ecological zones. The differences in adoption intensities are attributed to numerous factors, such as
access to information, access to credit, and better infrastructure. Having the most fertile land of the
region makes this zone a center of attraction for agriculture policymakers. Apart from government
agencies, the private sector could design many products specifically for the farmers of this zone. Hence,
due to all these factors, the farmers of this area may receive many farm inputs at subsidized rates.

5.2. Determinants of SIPs Adoption

Household characteristics have always been a significant influencer of technology adoption.
Our findings also support this notion and report a significant association between household
characteristics and SIP adoption (Table 3).

With growing years of experience, a person deals with several shocks and climatic variations,
which helps them to choose the right combination of technologies [27,68]. Hence, the farming experience
can be termed as a knowledge index, which keeps the records of past misadventures and allows
farmers to search for sustainable solutions. In contrast with previous studies, i.e., [69,70], our results
have revealed a positive and significant relationship between farming experience and the adoption of
organic manure.
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On account of family size and family type, both variables negatively influenced the adoption
decisions of low tillage, improved seeds, and intercropping. The findings disclose that households
with a smaller number of people are more likely to adopt SIPs. Hence, the capital-intensive nature of
SIPs seems to influence the adoption decisions of households. Numerous studies [10,27,71] support
this finding and report the negative relationship between household size and SIP adoption.

The results indicate that farmers with higher education tend to adopt these SIPs more than
lower education farmers. Hence, awareness plays a crucial role in stimulating adoption-related
decisions. Based on risk aversion, mostly farmers value benefits over cost when accepting a specific
technology [71]. In our case, risk willingness significantly predicted intercropping, which entails the
riskiness and implication associated with the adoption of intercropping due to its higher cost. Similarly,
a study conducted by Kurgat et al. [71] also found a positive relationship between risk willingness
and SIP adoption. Thus, farmers who seek higher economic benefits are more likely to invest in
intercropping who seek higher economic benefits.

Land size also plays a crucial part when it comes to taking up a modern practice. The results have
revealed the significance of land size, as it predicted most of the SIP adoption here. A larger plot size
seems to be convenient in day-to-day operations. For example, smaller plots pose difficulty in using a
tractor for plowing [26,27,60]. However, livestock ownership discourages adoption decisions. Looking
through an entrepreneurial view may communicate this point more comprehensively. The Punjab
province produces almost 36.23 million liters of milk per year and is responsible for 67% of Pakistan’s
milk production [2].

Multiple studies have also supported this finding and reported the negative impact of livestock
ownership on technology adoption decisions. So, it appears that most of the farmers keep livestock for
a business point of view as livestock promises high incentives. Thus, they allocate more resources to
animals than investing in intensification practices.

Access to information, extension access, and the social networks of farmers cohesively shape the
acceptance of the latest innovations in farming systems [72–74]. All of these factors have a positive
impact on the adoption of improved seeds (Table 3).

Farmers with a big social sphere are more likely to adopt the latest agriculture practices, as social
connections work as an information source and improve the knowledge regarding the newest agriculture
innovations. A farmer cooperative is a viable option when it comes to disseminating information
related to key changes and the latest agricultural technologies [61]. Therefore, it suggests that active
involvement in social networking may improve the knowledge of farmers regarding choices for the
adoption of different SIPs in combination rather than separately.

Climate uncertainty is a reality in Pakistan’s farming system and is responsible for most of the
natural disasters that concern agriculture [39]. The adoption of SIPs works as a defensive measure,
which is also reflected in our findings. Environmental factors were found to have a positive relationship
with the approval of SIPs, as rainfall variability and temperature increase significantly predicted
organic manure and intercropping. The results reveal that environmental characteristics emerged
as the strongest predictor of SIP adoption, which mirrors farmers’ apprehension about natural
catastrophes [71,75]. The findings are in contrast to numerous reports which cite Pakistan as one of the
most disaster-prone countries of South Asia.

The location serves as an essential determinant in SIPs adoption, and logically so. The results
show that the cotton-wheat zone hurts the adoption of low tillage. The findings seem rational, as the
cotton–wheat zone lies in the southern part of the province, which is the least developed part of
the Punjab province and lacks many aspects, such as education and infrastructure. Hence, these
shortcomings seem to hinder SIP adoption. Contrary to that, the mixed crop zone significantly
influenced intercropping adoption (Table 3). The mixed cropping zone is located on the central part of
Punjab province, which carries the best education and infrastructure facilities compared to the rest of
the region.
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Hence, the above discussion links the role of socioeconomic and institutional characteristics in
creating the awareness of climatic uncertainties and technological solutions. Moreover, it concludes with
the non-negotiable role of climatic factors in shaping the adoption of the latest agricultural technologies.

6. Conclusions

This research employes an MVP model and descriptive statistical analysis to identify the main
determinants of SIPs adoption among Pakistani farmers. The results discovered that education, the area
under cultivation, access to information, extension access, social participation, rainfall variability,
and temperature increase significantly predict the adoption of SIPs. Apart from the determinants, this
research further discusses the integration of SIPs among Pakistani farmers. The findings have revealed
that crop rotation and organic manure are the most adopted practices across the Punjab province,
whereas intercropping and low tillage were among the least adopted practices. The study found
positive signs for trade-offs and synergies between SIPs. Specifically, the research highlighted positive
synergies between natural resource management practices and modern inputs amid Pakistani farmers.
Hence, our findings certainly add to the evolving evidence [65] that challenges the misperception
about the incompatibility of both practices. The results embrace the fact that farmers do exercise the
combination of both practices to achieve sustainable outcomes. The extent of integration depends
on the skill and experience level of farmers. Hence, it is proposed that when SIPs complement each
other, farmers should be stimulated to adopt SIPs. It is assumed that a variety of SIPs may work more
efficiently together and elevate production levels, simultaneously avoiding environmental hazards.
The results also emphasize the promotion of these policies through native institutions, such as farmer
groups or cooperatives. Farmers groups or associations can undoubtedly enhance the adoption of SIPs.
Furthermore, there is an urgent need to establish extension services and research institutes to depict
farm trials based on modern agriculture technologies as a means to create awareness regarding SIPs.
The findings recommend that SIPs need to be promoted in a well-planned manner with a target to
improve the financial base of households. This research provides support for future studies as it has
explored the factors of SIP adoption in a Pakistani context. In contrast, the potential economic and
environmental advantages of these practices demand attention in order to formulate comprehensive
policies and set guidelines for the Pakistani farming community.

Author Contributions: Data curation, J.P.; Validation, A.I. and L.Y.; Visualization, A.I. and L.Y.; Writing—original
draft, A.J.; Writing—review & editing, Q.W. and J.Z. All authors have read and agreed to the published version of
the manuscript.

Funding: This study was funded by the National Social Science Foundation of China, grant number 17ZDA076.

Acknowledgments: We are deeply grateful to the National Social Science Foundation of China (grant number
17ZDA076) for sponsoring our study. The authors are extremely grateful to the reviewers and editors for their
precious comments and reviews.

Conflicts of Interest: The authors declare no conflict of interest.

Appendix A

Table A1. Description and descriptive statistics of the surveyed farmers (n = 612). SD: standard deviation.

Variables Description Mean SD

Household
Characteristics
Farming Experience Farming experience of household head in years 20.57 14.39
Family Size Total adult members of family 5.40 2.37
Family Type 0 = single family, 1 = joint family 0.86 0.33
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Table A1. Cont.

Variables Description Mean SD

Education
The education level of the household head,
0 = illiterate, 1 = primary, 2 = 8th standard,

3 = 10th standard, 4 = intermediate
1.28 0.56

Risk Willingness Household head is willing to take risk, 1 = yes,
0 = otherwise 0.55 0.49

Assets Endowment
Plot Size Area size under cultivation in acres 11.04 14.99
Land Tenure Households ownership status, 0 = tenant, 1 = owner 0.80 0.39
Livestock Ownership 1 = farmer owns livestock, 0 = otherwise 0.86 0.47
Institutional
Characteristics
Access to Credit 1 = household has access to credit, 0 = otherwise 0.58 0.48
Access to Information on
New Agriculture
Technologies

1 = household has access to information on new
agricultural technologies, 0 = otherwise 0.58 0.50

Urban Linkage 1 = household has friends or relatives living in urban
areas, 0 = otherwise 0.54 0.49

Extension Access 1 = household has access to extension services,
0 = otherwise 0.42 0.47

Social Participation 1 = household head is a member of any farmer
cooperative or village committee, 0 = otherwise 0.55 0.48

Distance to Market Distance to nearest market in kilometers 6.34 1.91
Environmental
Characteristics

Increase in Temperature 1 = farmer has experienced a change in temperature in
recent years, 0 = otherwise 0.41 0.46

Rainfall Variability 1 = farmer has experienced unusual rain in recent years,
0 = otherwise 0.39 0.45

Crop Pest Attack 1 = farmers has experienced an increase in crop pest
attack in recent years, 0 = otherwise 0.59 0.49

Locational Dummies
Mixed Crop Zone 1 = If household is from mixed crop zone, 0 = otherwise 0.33 0.47
Wheat Cotton Zone 1 = If household is from wheat cotton zone, 0 = otherwise 0.33 0.47

References

1. Farooq, O. Chapter Agriculture, in Pakistan Economic survey 2012–13; Ministry of Finance, Government of
Pakistan: Islamabad, Pakistan, 2013.

2. Government of Pakistan. Economic Survey of Pakistan 2018–19; Government of Pakistan: Islamabad, Pakistan,
2019.

3. Kreft, S.; Eckstein, D. Global Climate Risk Index 2014: Who Suffers Most from Extreme Weather Events?
Weather-Related Loss Events in 2012 and 1993 to 2012; Germanwatch e.V.: Bonn, Germany, 2014.

4. Parry, M. The implications of climate change for crop yields, global food supply and risk of hunger. J. Sat
Agric. Res. 2007, 4, 1–44.

5. Waqas, A.H.C.; Maroof, A.M.; Rana, R.M.; Saima, A.; Ali, A. Comparison of Organic Farming and
Conventional Farming In the Punjab, Pakistan. Int. J. Sci. Eng. Res. 2017, 8, 29–38.

6. Peng, S.; Buresh, R.J.; Huang, J.; Zhong, X.; Zou, Y.; Yang, J.; Wang, G.; Liu, Y.; Hu, R.; Tang, Q.; et al.
Improving nitrogen fertilization in rice by sitespecific N management. A review. Agron. Sustain. Dev. 2010,
30, 649–656. [CrossRef]

7. Pingali, P.; Hossain, M.; Gerpacio, R.V. Asian Rice Bowls: The Returning Crisis? International Rice Research
Institute: Los Baños, Philippines, 1997.

8. Mango, N.; Makate, C.; Tamene, L.; Mponela, P.; Ndengu, G. Awareness and adoption of land, soil and
water conservation practices in the Chinyanja Triangle, Southern Africa. Int. Soil Water Conserv. Res. 2017, 5,
122–129. [CrossRef]

http://dx.doi.org/10.1051/agro/2010002
http://dx.doi.org/10.1016/j.iswcr.2017.04.003


Land 2020, 9, 110 14 of 16

9. Myeni, L.; Moeletsi, M.; Thavhana, M.; Randela, M.; Mokoena, L. Barriers Affecting Sustainable Agricultural
Productivity of Smallholder Farmers in the Eastern Free State of South Africa. Sustainability 2019, 11, 3003.
[CrossRef]

10. Oumer, A.M.; Burton, M. Drivers and Synergies in the Adoption of Sustainable Agricultural Intensification
Practices: A Dynamic Perspective. In Proceedings of the 2018 Annual Meeting, Washington, DC, USA, 5–7
August 2018.

11. Pretty, J.; Bharucha, Z.P. Integrated Pest Management for Sustainable Intensification of Agriculture in Asia
and Africa. Insects 2015, 6, 152–182. [CrossRef]

12. Pretty, J.; Toulmin, C.; Williams, S. Sustainable intensification in African agriculture. Int. J. Agric. Sustain.
2011, 9, 5–24. [CrossRef]

13. Lee, D.R.; Barrett, C.B.; McPeak, J.G. Policy, technology, and management strategies for achieving sustainable
agricultural intensification. Agric. Econ. 2006, 34, 123–127. [CrossRef]

14. Tilman, D.; Cassman, K.G.; Matson, P.A.; Naylor, R.; Polasky, S. Agricultural sustainability and intensive
production practices. Nature 2002, 671–677. [CrossRef]

15. Chan, C.; Sipes, B.; Ayman, A.; Zhang, X.; LaPorte, P.; Fernandes, F.; Pradhan, A.; Chan-Dentoni, J.; Roul, P.
Efficiency of Conservation Agriculture Production Systems for Smallholders in Rain-Fed Uplands of India:
A Transformative Approach to Food Security. Land 2017, 6, 58. [CrossRef]

16. Stevenson, J.R.; Serraj, R.; Cassman, K.G. Evaluating conservation agriculture for small-scale farmers in
Sub-Saharan Africa and South Asia. Agric. Ecosyst. Environ. 2014, 187, 1–10. [CrossRef]

17. Tilman, D.; Balzer, C.; Hill, J.; Befort, B.L. Global food demand and the sustainable intensification of
agriculture. Proc. Natl. Acad. Sci. USA 2011, 108, 20260–20264. [CrossRef] [PubMed]

18. FAO. The State Of Food and Agriculture; Food and Agriculture Organization of The United Nations: Rome,
Italy, 2009.

19. Dalton, T.J.; Yahaya, I.; Naab, J. Perceptions and performance of conservation agriculture practices in
northwestern Ghana. Agric. Ecosyst. Environ. 2014, 187, 65–71. [CrossRef]

20. Tappan, G.; McGahuey, M. Tracking environmental dynamics and agricultural intensification in southern
Mali. Agric. Syst. 2005, 94, 38–51. [CrossRef]

21. Baumgart-Getz, A.; Prokopy, L.S.; Floress, K. Why farmers adopt best management practice in the United
States: A meta-analysis of the adoption literature. J. Environ. Manag. 2012, 96, 17–25. [CrossRef]

22. Jat, H.S.; Kumar, P.; Sutaliya, J.M.; Kumar, S.; Choudhary, M.; Singh, Y.; Jat, M.L. Conservation agriculture
based sustainable intensification of basmati rice-wheat system in North-West India. Arch. Agron. Soil Sci.
2019, 65, 1370–1386. [CrossRef]

23. Kaweesa, S.; Mkomwa, S.; Loiskandl, W. Adoption of Conservation Agriculture in Uganda: A Case Study of
the Lango Subregion. Sustainability 2018, 10, 3375. [CrossRef]

24. Mekuriaw, A.; Heinimann, A.; Zeleke, G.; Hurni, H. Factors influencing the adoption of physical soil
and water conservation practices in the Ethiopian highlands. Int. Soil Water Conserv. Res. 2018, 6, 23–30.
[CrossRef]

25. Teshager Abeje, M.; Tsunekawa, A.; Adgo, E.; Haregeweyn, N.; Nigussie, Z.; Ayalew, Z.; Elias, A.; Molla, D.;
Berihun, D. Exploring Drivers of Livelihood Diversification and Its Effect on Adoption of Sustainable Land
Management Practices in the Upper Blue Nile Basin, Ethiopia. Sustainability 2019, 11, 2991. [CrossRef]

26. Kassie, M.; Jaleta, M.; Shiferaw, B.; Mmbando, F.; Mekuria, M. Adoption of interrelated sustainable agricultural
practices in smallholder systems: Evidence from rural Tanzania. Technol. Forecast. Soc. Chang. 2013, 80,
525–540. [CrossRef]

27. Kotu, B.H.; Alene, A.; Manyong, V.; Hoeschle-Zeledon, I.; Larbi, A. Adoption and impacts of sustainable
intensification practices in Ghana. Int. J. Agric. Sustain. 2017, 15, 539–554. [CrossRef]

28. Ngwira, A.R.; Aune, J.B.; Mkwinda, S. On-farm evaluation of yield and economic benefit of short term maize
legume intercropping systems under conservation agriculture in Malawi. Field Crop. Res. 2012, 132, 149–157.
[CrossRef]

29. Teklewold, H.; Kassie, M.; Shiferaw, B. Adoption of Multiple Sustainable Agricultural Practices in Rural
Ethiopia. J. Agric. Econ. 2013, 64, 597–623. [CrossRef]

30. Mungai, L.M.; Snapp, S.; Messina, J.P.; Chikowo, R.; Smith, A.; Anders, E.; Richardson, R.B.; Li, G. Smallholder
Farms and the Potential for Sustainable Intensification. Front. Plant Sci. 2016, 7, 1720. [CrossRef] [PubMed]

http://dx.doi.org/10.3390/su11113003
http://dx.doi.org/10.3390/insects6010152
http://dx.doi.org/10.3763/ijas.2010.0583
http://dx.doi.org/10.1111/j.1574-0864.2006.00112.x
http://dx.doi.org/10.1038/nature01014
http://dx.doi.org/10.3390/land6030058
http://dx.doi.org/10.1016/j.agee.2014.01.018
http://dx.doi.org/10.1073/pnas.1116437108
http://www.ncbi.nlm.nih.gov/pubmed/22106295
http://dx.doi.org/10.1016/j.agee.2013.11.015
http://dx.doi.org/10.1016/j.agsy.2005.07.011
http://dx.doi.org/10.1016/j.jenvman.2011.10.006
http://dx.doi.org/10.1080/03650340.2019.1566708
http://dx.doi.org/10.3390/su10103375
http://dx.doi.org/10.1016/j.iswcr.2017.12.006
http://dx.doi.org/10.3390/su11102991
http://dx.doi.org/10.1016/j.techfore.2012.08.007
http://dx.doi.org/10.1080/14735903.2017.1369619
http://dx.doi.org/10.1016/j.fcr.2011.12.014
http://dx.doi.org/10.1111/1477-9552.12011
http://dx.doi.org/10.3389/fpls.2016.01720
http://www.ncbi.nlm.nih.gov/pubmed/27909444


Land 2020, 9, 110 15 of 16

31. Parry, M.L.; Rosenzweig, C.; Iglesias, A.; Livermore, M.; Fischer, G. Effects of climate change on global food
production under SRES emissions and socio-economic scenarios. Glob. Environ. Chang. 2004, 14, 53–67.
[CrossRef]

32. Sumberg, J. Constraints to the adoption of agricultural innovations Is it time for a re-think? Out Look Agric.
2005, 34, 7–10. [CrossRef]

33. Baig, M.B.; Shahid, S.A.; Straquadine, G.S. Making rainfed agriculture sustainable through environmental
friendly technologies in Pakistan: A review. Int. Soil Water Conserv. Res. 2013, 1, 36–52. [CrossRef]

34. Aziz, M.; Mahmood, A.; Asif, M.; Ali, A. Wheat-Based Intercropping: A Review. J. Anim. Plant Sci. 2015, 25,
896–907.

35. Shahzad, M.; Hussain, M.; Farooq, M.; Farooq, S.; Jabran, K.; Nawaz, A. Economic assessment of conventional
and conservation tillage practices in different wheat-based cropping systems of Punjab, Pakistan. Environ.
Sci. Pollut. Res. Int. 2017, 24, 24634–24643. [CrossRef]

36. The Sustainable Development Policy Institute. Food Insecurity in Pakistan Report; Vulnerability Analysis and
Mapping (VAM) Unit: Islamabad, Pakistan, 2009.

37. Abid, M.; Scheffran, J.; Schneider, U.A.; Ashfaq, M. Farmers’ perceptions of and adaptation strategies to
climate change and their determinants: The case of Punjab province, Pakistan. Earth Syst. Dyn. 2015, 6,
225–243. [CrossRef]

38. International Center for Tropical Agriculture (CIAT); The World Bank. Climate-Smart Agriculture in Pakistan;
CSA Country Profiles for Asia Series; The World Bank: Washington, DC, USA, 2017; pp. 1–28.

39. Ali, A.; Erenstein, O. Assessing farmer use of climate change adaptation practices and impacts on food
security and poverty in Pakistan. Clim. Risk Manag. 2017, 16, 183–194. [CrossRef]

40. Jabbar, A.; Ahmad, R.; Bhatti, I.H.; Ur Rehman, A.; Virk, Z.A.; Vains, S.N. Effect of different rice based
intercropping systems on rice grain yield and residual soil fertility. Pak. J. Bot. 2010, 42, 2339–2348.

41. Ahmed, S.; Khan, M.A.; Qasam, M. Effect of Intercropping of Maize In Citrus Orchards on Citrus Leaf Miner
Infestation and Population of Its Natural Enemies. Pak. J. Agric. Sci. 2013, 50, 91–93.

42. Katyayan, A. Fundamentals of Agriculture; Kushal Publications & Distributors: Varanasi, India, 2005; pp. 10–11.
43. Ehsanullah, M.J.; Ahmad, R.; Tariq, A. Bioeconomic assessment of maize-mash intercropping system. Crop

Environ. 2011, 2, 41–46.
44. Khaliq, A.; Khan, M.B.; Saleem, M.F.; Zamir, S.I. Lentil yield as influenced by density of wheat intercropping.

J. Res. (Sci.) 2001, 12, 159–162.
45. Khan, S.; Khan, M.A.; Akmal, M.; Ahmad, M.; Zafar, M.; Jabeen, A. Efficiency of wheat brassica mixtures

with different seed rates in rainfed areas of potohar-pakistan. Pak. J. Bot. 2014, 46, 759–766.
46. The Montpellier Panel. Sustainable Intensification: A New Paradigm for African Agriculture; Imperial College

London: London, UK, 2013; pp. 1–40.
47. Singh, R.P.; Prasad, P.V.V.; Reddy, K.R. Climate Change: Implications for Stakeholders in Genetic Resources

and Seed Sector. Adv. Agron. 2015, 129, 117–180. [CrossRef]
48. Shiferaw, B.A.; Okello, J.; Reddy, R.V. Adoption and adaptation of natural resource management innovations

in smallholder agriculture: Reflections on key lessons and best practices. Environ. Dev. Sustain. 2007, 11,
601–619. [CrossRef]

49. Teklewold, H.; Kassie, M.; Shiferaw, B.; Köhlin, G. Cropping system diversification, conservation tillage and
modern seed adoption in Ethiopia: Impacts on household income, agrochemical use and demand for labor.
Ecol. Econ. 2013, 93, 85–93. [CrossRef]

50. Lin, C.-T.J.; Jensen, K.L.; Yen, S.T. Awareness of foodborne pathogens among US consumers. Food Qual.
Prefer. 2005, 16, 401–412. [CrossRef]

51. Ashfaq, M.; Razzaq, A.; Hassan, S.; ul Haq, S. Factors Affecting the Economic Losses Due to Livestock
Diseases: A Case Study Of District Faisalabad. Pak. J. Agri. Sci. 2015, 52, 503–508.

52. Pasha, H.A. Growth of the Provincial Economies; Institute for Policy Reforms (IPR): Islamabad, Pakistan, 2015.
53. Razzaq, A.; Qing, P.; Naseer, M.; Abid, M.; Anwar, M.; Javed, I. Can the informal groundwater markets

improve water use efficiency and equity? Evidence from a semi-arid region of Pakistan. Sci. Total Environ.
2019, 666, 849–857. [CrossRef] [PubMed]

54. Mohammad, S. Supply Response of Major Crops in Different Agro-Ecologic, Zones in Punjab. Ph.D. Thesis,
University of Agriculture, Faisalabad, Pakistan, 2005.

http://dx.doi.org/10.1016/j.gloenvcha.2003.10.008
http://dx.doi.org/10.5367/0000000053295141
http://dx.doi.org/10.1016/S2095-6339(15)30038-1
http://dx.doi.org/10.1007/s11356-017-0136-6
http://dx.doi.org/10.5194/esd-6-225-2015
http://dx.doi.org/10.1016/j.crm.2016.12.001
http://dx.doi.org/10.1016/bs.agron.2014.09.002
http://dx.doi.org/10.1007/s10668-007-9132-1
http://dx.doi.org/10.1016/j.ecolecon.2013.05.002
http://dx.doi.org/10.1016/j.foodqual.2004.07.001
http://dx.doi.org/10.1016/j.scitotenv.2019.02.266
http://www.ncbi.nlm.nih.gov/pubmed/30970498


Land 2020, 9, 110 16 of 16

55. Abbas, Q.; Han, J.; Adeel, A.; Ullah, R. Dairy Production under Climatic Risks: Perception, Perceived Impacts
and Adaptations in Punjab, Pakistan. Int. J. Environ. Res. Public Health 2019, 16, 4036. [CrossRef] [PubMed]

56. Afrakhteh, H.; Armand, M.; Bozayeh, F. Analysis of Factors Affecting Adoption and Application of Sprinkler
Irrigation by Farmers in Famenin County, Iran. Int. J. Agric. Manag. Dev. 2015, 5, 89. [CrossRef]

57. Rezaei, A.; Salmani, M.; Razaghi, F.; Keshavarz, M. An empirical analysis of effective factors on farmers
adaptation behavior in water scarcity conditions in rural communities. Int. Soil Water Conserv. Res. 2017, 5,
265–272. [CrossRef]

58. Pinckney, T.C. The Demand for Public Storage of Wheat in Pakistan, Research Report 77; International Food Policy
Research Institute: Washington, DC, USA, 1989.

59. Dai, X.; Pu, L.; Rao, F. Assessing the Effect of a Crop-Tree Intercropping Program on Smallholders’ Incomes
in Rural Xinjiang, China. Sustainability 2017, 9, 1542. [CrossRef]

60. Clay, D.; Reardon, T.; Kangasniemi, J. Sustainable intensification in the highland tropics: Rwandan farmers’
investments in land conservation and soil fertility. Econ. Dev. Cult. Chang. 1998, 46, 351–377. [CrossRef]

61. Ajayi, O.C.; Akinnifesi, F.K.; Sileshi, G.; Chakeredza, S. Adoption of renewable soil fertility replenishment
technologies in the Southern African region: Lessons learnt and the way forward. Nat. Resour. Forum 2007,
31, 306–317. [CrossRef]

62. Doss, C.R. Analyzing technology adoption using microstudies: Limitations, challenges, and opportunities
for improvement. Agric. Econ. 2006, 34, 207–219. [CrossRef]

63. Feder, G.; Lau, L.; Lin, J.Y.; Luo, X. The relationship between credit and productivity in Chinese agriculture:
A microeconomic model of disequilibrium. Am. J. Agric. Econ. 1990, 72, 1151–1157. [CrossRef]

64. Arslan, A.; McCarthy, N.; Lipper, L.; Asfaw, S.; Cattaneo, A.; Kokwe, M. Climate Smart Agriculture?
Assessing the Adaptation Implications in Zambia. J. Agric. Econ. 2015, 66, 753–780. [CrossRef]

65. Sesmero, J.; Ricker-Gilbert, J.; Cook, A. How Do African Farm Households Respond to Changes in Current
and Past Weather Patterns? A Structural Panel Data Analysis from Malawi. Am. J. Agric. Econ. 2018, 100,
115–144. [CrossRef]

66. Koppmair, S.; Kassie, M.; Qaim, M. The influence of farm input subsidies on the adoption of natural resource
management technologies. Aust. J. Agric. Resour. Econ. 2017, 61, 539–556. [CrossRef]

67. Wainaina, P.; Tongruksawattana, S.; Qaim, M. Tradeoffs and complementarities in the adoption of improved
seeds, fertilizer, and natural resource management technologies in Kenya. Agric. Econ. 2016, 47, 351–362.
[CrossRef]

68. Ndiritu, S.W.; Kassie, M.; Shiferaw, B. Are there systematic gender differences in the adoption of sustainable
agricultural intensification practices? Evidence from Kenya. Food Policy 2014, 49, 117–127. [CrossRef]

69. Aggarwal, P.K.; Sivakumar, M.V.K. Global Climate Change and Food Security in South Asia: An Adaptation and
Mitigation Framework; Springer: Dordrecht, The Netherlands, 2010; pp. 253–275. [CrossRef]

70. Usman, I.S.; Abdullahi, A.; Qasimu, A.I.; Adamu, T. Farmers Perception On Orgainc Manure Usage Among
Arable Crop Farmers In Jalingo local Government Area of Taraba State, Nigeria. Sci. Pap. Ser. Manag. Econ.
Eng. Agric. Rural Dev. 2016, 16, 353–359.

71. Kurgat, B.K.; Ngenoh, E.; Bett, H.K.; Stöber, S.; Mwonga, S.; Lotze-Campen, H.; Rosenstock, T.S. Drivers of
sustainable intensification in Kenyan rural and peri-urban vegetable production. Int. J. Agric. Sustain. 2018,
16, 385–398. [CrossRef]

72. Deressa, T.T.; Hassan, R.M.; Ringler, C.; Alemu, T.; Yesuf, M. Determinants of farmers’ choice of adaptation
methods to climate change in the Nile Basin of Ethiopia. Glob. Environ. Chang. 2009, 19, 248–255. [CrossRef]

73. Nakano, Y.; Tsusaka, T.W.; Aida, T.; Pede, V.O. Is farmer-to-farmer extension effective? The impact of training
on technology adoption and rice farming productivity inTanzania. World Dev. 2018, 105, 336–351. [CrossRef]

74. Rondhi, M.; Fatikhul Khasan, A.; Mori, Y.; Kondo, T. Assessing the Role of the Perceived Impact of Climate
Change on National Adaptation Policy: The Case of Rice Farming in Indonesia. Land 2019, 8, 81. [CrossRef]

75. Stöber, S.; Chepkoech, W.; Neubert, S.; Kurgat, B.; Bett, H.; Lotze Campen, H. Adaptation Pathways for
African Indigenous Vegetables’ Value Chains. In Climate Change Adaptation in Africa; Springer: Cham,
Switzerland, 2017; pp. 413–433. [CrossRef]

© 2020 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.3390/ijerph16204036
http://www.ncbi.nlm.nih.gov/pubmed/31640300
http://dx.doi.org/10.5455/ijamd.158625
http://dx.doi.org/10.1016/j.iswcr.2017.08.002
http://dx.doi.org/10.3390/su9091542
http://dx.doi.org/10.1086/452342
http://dx.doi.org/10.1111/j.1477-8947.2007.00163.x
http://dx.doi.org/10.1111/j.1574-0864.2006.00119.x
http://dx.doi.org/10.2307/1242524
http://dx.doi.org/10.1111/1477-9552.12107
http://dx.doi.org/10.1093/ajae/aax068
http://dx.doi.org/10.1111/1467-8489.12220
http://dx.doi.org/10.1111/agec.12235
http://dx.doi.org/10.1016/j.foodpol.2014.06.010
http://dx.doi.org/10.1007/978-90-481-9516-9_16
http://dx.doi.org/10.1080/14735903.2018.1499842
http://dx.doi.org/10.1016/j.gloenvcha.2009.01.002
http://dx.doi.org/10.1016/j.worlddev.2017.12.013
http://dx.doi.org/10.3390/land8050081
http://dx.doi.org/10.1007/978-3-31949520-0_25
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Theoretical and Conceptual Frameworks 
	Sustainable Intensification Practices Selected for the Study 
	Explanatory Variables for Multivariate Probit Model 
	Empirical Model 

	Materials and Methods 
	Study Area 
	Data Collection 
	Socioeconomic and Demographic Profile of Respondent 

	Results 
	The Extent of the Adoption and Intensities 
	Complementarities and Substitutability 
	Drivers and Barriers of Adoption of SIPs 

	Discussion 
	Synergies and Adoption Intensities of SIPs 
	Determinants of SIPs Adoption 

	Conclusions 
	
	References

