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Abstract: Strain measurements have a significant role in evaluating the condition of various structural
types and have become an essential component in the area of structural health monitoring. However,
there are some limitations in the current means of strain measurement, and this study aims to improve
these methods. We have designed a novel strain measurement method based on template matching
algorithms and microscopic vision techniques, developed a new sliding strain sensor, and paired it
with a new microscope to realize strain measurement. The method has the function of remote wireless
acquisition with a cell phone, which is more widely applicable. In the laboratory performance testing,
the zero drift of the sensor is mainly concentrated in the fluctuation range of 2 ¢, and the effective
range reaches nearly 40,000 pe. In the comparison experiments with the linear variable differential
transformer, the maximum error of the static loading is only 5 pue, and the maximum error rate of
the dynamic loading is less than 1%, which proves that it has a relatively high accuracy. Finally, the
short-term real-time monitoring of the local structure of the footbridge was accomplished, and the
strain changes on the surface of the structure were captured instantly, stably, and efficiently in the
actual measurements. The proposed strain measurement system has the advantages of high accuracy,
a low cost, convenient measurement, and wide applicability, and it provides a novel alternative
means for strain measurement in the field of structural health monitoring.

Keywords: strain measurement method; sliding strain sensor; template matching; microscopic vision;

structural health monitoring; design and validation

1. Introduction

Civil structures and infrastructures, such as buildings, airframes, wind turbines, tun-
nels, and bridges, occupy an important place in the economy and play a vital role in
improving the standard of living of the world’s population. These structures are experienc-
ing premature damage and may reach the end of their lifespan sooner than expected [1].
Ensuring life safety and reducing inspection costs have become top priorities for engineers
and researchers in recent decades. Automating the condition assessment process of civil
structures is the only practicable solution for the efficient management of aging infrastruc-
ture networks. This task can be pursued by structural health monitoring (SHM) systems
that link the experimental observation (e.g., by sensors) of the in-service response of a
structure to its structural integrity (e.g., damage diagnosis and health prognosis) [2]. As a
data processing method, SHM employs techniques to provide early signals of disruption
and damage progression in order to avoid potentially hazardous outcomes for a given
structure [3]. Moreover, the establishment of a proper monitoring system can effectively
reduce the cost of necessary measures, such as structural inspection and maintenance [4].
Therefore, many platforms have emphasized the importance of cost-effective SHM to ensure
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long-term structural integrity and safety levels [5-8]. Current SHM mainly includes tasks
such as displacement monitoring [9,10], damage detection and assessment [11,12], strain
monitoring [13], and local structural identification [14], where structure-specific strain
monitoring plays a crucial role in assessing the condition of various structure types [15-19].
The strain data measured against a structure can be used to assess the structural proper-
ties, failure behavior, crack extension, and residual stresses in the stressed components
of the structure [20-22]. Therefore, strain monitoring has become an integral part of the
SHM field.

In order to effectively monitor the stresses and strains imposed on structural com-
ponents, researchers have worked on developing a variety of strain sensors that employ
different sensing mechanisms. These include resistance strain gauges [23], fiber optic
sensors [24], and vibrating wire strain gauges [25]. Although these sensors are well known
for their excellent accuracy and stability and have been widely used in important structures,
such as bridges [26-28], tunnels [29], and high-rise buildings [30,31], they have certain prob-
lems in practical strain measurement applications in the field. For example, conventional
strain gauges are limited in their ability to realize large-area sensing due to their limited
size and time-consuming and laborious surface preparation process. In addition to this,
they require periodic calibration to collect an accurate response, and they are very sensitive
and can be damaged by overloading and/or extreme temperatures [32]. Vibrating wire
strain gauges, while robust, are difficult to replace in the event of failure because they need
to be embedded in concrete for measurements. They also need to be used in conjunction
with data acquisition equipment, and complex preparation and wiring procedures limit
their application to common structures. Fiber Bragg grating strain sensors are widely
used for strain measurement in different disciplines [33-36]. They have the advantages
of a light weight, non-conductivity, and resistance to electromagnetic noise, but they are
prone to zero drift. They show vulnerability during long-term measurements and need
to be paired with a costly demodulator, which is also not favorable for wide-range strain
measurements. Distributed fiber-optic sensors have good prospects for measuring strain
distribution as well as concrete crack detection. However, they have not yet been widely
used in practice due to their overly complex installation process, low installation survival
rate, and over-reliance on the professional interpretation of measurement results [37].

The improvement of camera pixel technology has led to the rapid development of op-
tical measurement techniques based on image processing, which promotes the application
of non-destructive testing techniques. The main representative is digital image correlation
(DIC) technology, which has significant advantages, such as non-contact, non-destructive,
and full-field measurement [38,39]. However, the accuracy is often low due to the influence
of measurement equipment, image noise, and algorithms. Meanwhile, the high cost of
measurement equipment limits its application in practical measurement. In contrast, with
the development of calculator vision technology, machine vision-based strain measurement
methods are popular due to their accuracy and independence from light [40-42]. In addi-
tion, vision-based methods offer advantages in terms of installation and speed compared
to conventional DIC techniques. Some results have been achieved in industrial production
and SHM [43-47].

On the basis of our previous research, a micrograph strain sensing method based on
machine vision algorithms has been introduced for strain measurements using cellular
phones. Sleeve-type strain sensors have been designed [48-51], and the possibility of replac-
ing a cell phone with a digital microscope for long-term monitoring has been explored [52],
and these studies have been subjected to preliminary laboratory validation. The system
demonstrated the advantages of machine vision-based strain measurement due to its low
cost, ease of measurement operation, and high accuracy. However, since the production of
the sensors relies on manual labor, the production process lacks standardization and is sus-
ceptible to interference; at the same time, the selected microscope has limited functionality
and relies on a circle detection algorithm that is sensitive to image quality, so the stability
of the measurements is challenged when encountering variations in lighting conditions
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and shooting angles, and these problems will hinder the application of the sensors for
real-world measurements. Therefore, the main objective of this study is to improve the
existing strain measurement means based on previous research to address the problems of
a high cost, complicated operation, and over-reliance on specialized personnel.

The major contribution of this research is the successful development of a more
convenient strain measurement system based on the template matching algorithm and
microscope vision techniques. The new multifunctional microscope employed for the
sensors has the function of remote wireless acquisition via a cell phone, which has a wider
scope of application. In the meantime, on-site monitoring does not need to be coupled
with specialized instruments. The cost is relatively low, the operation is more convenient,
even non-professionals can be quickly engaged in the strain measurement work, and it is
universally applicable to the structure. In particular, short-term on-site measurements of
the local structure of the footbridge were completed, and the performance of the sensor was
tested in practice. In conclusion, this study has designed and validated a high-precision,
low-cost, convenient, and widely applicable structural strain measurement method that
provides a novel and universally applicable alternative means of strain measurement in
the field of SHM.

This paper is organized as follows: At first, the strain measurement system developed
in this research is described, including an overview of the sensors, the computational
principles, and the algorithms used. Then, the results of the laboratory performance tests of
the sensors and the comparison experiments with a linear variable differential transformer
(LVDT) are presented, and the results are discussed to analyze the performance of the
sensors. In addition, the results of strain measurements on a real structure are presented to
further demonstrate the actual measurement performance of the sensor. Finally, the whole
paper is summarized.

2. Strain Measurement System

The strain measurement system is mainly composed of two parts, hardware and
software, where the hardware mainly includes sliding strain sensors, a new multifunctional
microscope, data transmission lines, and cell phones or laptops, while the software will
mainly introduce the principle of the method to calculate strain and the algorithms used in
this method.

2.1. Sensor Querview

The overall structure of the new sliding sensor is shown in Figure 1, which includes
four main parts: a sliding measurement device, a vision module, an adjustable clamping
mechanism, and a multifunctional microscope. The sliding measurement device is bolted
and fixed to the measurement points on the surface of the structure to be measured by
two supports (shown as support 1 and support 2 in Figure 2), which are used to capture
the strain changes at the measurement points. The vision module (shown as a red rectangle
in Figure 1) consists of two photolithographic targets located at the vision platform (shown
as a yellow area in Figure 2) of the sliding measurement device, and the strain information
captured by the sliding measurement mechanism will be transmitted to the vision module.
The information changes in the vision module are then captured by the new multifunctional
microscope above, where the multifunctional microscope can be adjusted to a specified
angle and fixed to the sliding measurement mechanism by means of an adjustable clamping
device. Ultimately, the information collected by the microscope is calculated using an
algorithm to obtain the final strain data. Each part of the sensor structure is described in
detail below, and the measurement procedure, efficiency, and production cost of the sensor
are given at the end.
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Figure 1. The general structure of the sensor.
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Figure 2. Physical drawing of the sliding measuring device.

2.1.1. Sliding Measurement Device

The slide measurement device is made of stainless steel and consists of a slide rail, a
slider, two limit blocks, and two supports, as shown in Figure 2. The slider is mounted
under the slide rail, with internal ball bearings designed to move smoothly along the slide
rail. At the same time, the height of the slider and the upper surface of the slide rail are the
same, forming a horizontal vision platform (yellow rectangular area in Figure 2) for the
installation of the vision module. The through holes are reserved at an equal spacing in
the center of the slide rail, and four bolt holes are left at the bottom of the slider to provide
convenient installation of the support. In addition, the length of the slide can be adjusted
according to the measurement requirements of the target structure to meet the different
spacing requirements of strain measurement. The sensor is provided with two supports:
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support 1 is bolted to the bottom of the slider, support 2 is bolted to the end of the slide
rail, and the bottom of the support is designed with bolt holes for the installation and
fixation of the sensor measurement. The limiting device is mounted on both sides of the
slider, and the braking of the slider is realized by adjusting the tightness of the screws,
thus realizing the control of the sensor switch. When structural strain measurement is
carried out, two supports are fixed at two measuring points on the surface of the structure,
and the distance between the measuring points is the measuring distance of the sensor.
When the structure generates strain, the standoffs undergo a corresponding movement,
which is then equivalently transferred to the relative movement between the slider and
the slider at the vision platform (as shown by the blue and red arrows in Figure 2), and
ultimately the structural strain capture is realized by recording the relative displacement
pattern occurring in the vision module.

2.1.2. Vision Module

The vision module consists of two targets mounted on the vision platform, whose
identifiers are black circles printed by thin-film lithography with micrometer accuracy, as
shown in Figure 3. Target 1 (the blue area in Figure 3) contains a solid circle with a radius
of 1 mm, and Target 2 (the red area in Figure 3) contains two solid circles with a radius of
0. 5 mm, and their centroid distance is 5 mm. In this case, Target 1 is fixed on the surface
of the slider at the vision platform and responds to the displacement change of support 1
(shown by the blue arrow in Figure 3), while Target 2 is fixed on the surface of the slide rail
at the vision platform and responds to the displacement change of support 2 (shown by the
red arrow in Figure 3). Since the vision platform is close to horizontal, theoretically the two
targets are located in the same plane, thus ensuring that the multifunctional microscope
achieves the best observation effect, and ultimately the strain change on the surface of the
structure will be reflected as the relative displacement change between the two targets.

Figure 3. The physical picture of the vision module.

2.1.3. Adjustable Clamping Device

As shown in Figure 4, the adjustable clamping device is assembled from four com-
ponents. At the bottom is a magnetic support that can be fixed directly to the surface of
the slider rail, and, for a more stable fixation, a disc-shaped clamping device was further
developed that can be bolted tightly to the slider rail (as shown in Figure 1). Attached to
the bottom is a leveling mechanism for adjusting the length of the stretch, and the tension
adjustment knob is fixed after determining the angle. The top is fitted with a universal ball
joint that can be rotated in any direction and is fixed with a knob after the angle has been
determined. Finally, attached to the ball joint is a microscope mounting clip that holds the
microscope firmly in place. This adjustable clamping device can accurately adjust the posi-
tion and observation angle of the microscope according to the measurement requirements
and fix it firmly on the slide rail, making the fixing and adjustment of the microscope more
stable and convenient.
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Figure 4. The physical picture of the adjustable clamping device.

2.1.4. Multifunctional Microscope Overview

This sensing uses a new multifunctional WIFI microscope as shown in Figure 5, and
its detailed parameters are shown in Table 1. Its multifunctionality is highlighted in that
it supports both USB connection to the computer and direct remote connection to the
cell phone through the WIFI hotspot, which improves the convenience and diversity of
measurements. The remote connection function with a smartphone is suitable for short-term
spot-check inspections of structures, while the computer connection is ideal for the long-
term stable monitoring of structures, and this versatility is more favorable for structural
measurements in complex environments. In addition, the microscope has the functions
of taking pictures, video recording, and file storage. There is a circle of fill light designed
at the mouth of the mirror, and the intensity of the fill light is graded and adjustable so
that it can fully avoid the influence of different external lighting environments on the
measurement. It is more suitable for the application of micro-vision technology, and it can
make timely and accurate records of changes in the displacement information generated by
the vision module.

Figure 5. The physical picture of the multifunctional microscope.
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Table 1. Detailed parameters of the multifunctional microscope.
Parameter Type Parameter Information
Pixel 5 million pixels
Magnification 50-1000x
Photo resolution 1920 % 1080 P
Video resolution 1280 * 720 P
Focus distance Manual focus (2-60 mm)
WIFI connection distance 10 m (open condition)
Photo format JPG
Video Format MP4/AVI
Dynamic frame rate 20-30£/s
System compatibility Android 6.0+, i0S 9.0+, Windows 7-11, Mac OS X 11.0+
Battery Capacity 800 MA

2.1.5. Sensor Usage, Efficiency, and Production Costs

The sensor can be used as follows: First, before the measurement, the sensor is as-
sembled and connected to a cell phone or computer. Then, after the locations of the
measurement points on the surface of the structure to be measured are determined, the
sensor can be installed by fixing the two supports to the two measurement points, re-
spectively. Then, the relative positions of the measurement points are used to determine
the measurement distance of the sensor, and a microscope is used to record the informa-
tion of the vision module when the sensor is not unlocked, i.e., the initial displacement
of the sensor is recorded. Finally, the limit device of the sensor is opened to start the
strain measurement.

From the above measurement steps, it is easy to realize that the sensor had been
debugged before the measurement. In use, it is only necessary to adjust the measurement
distance according to the measurement point, install and fix the support, and then im-
mediately carry out strain measurement after connecting to the computer or cell phone.
The sensor is highly efficient because it eliminates the need for cumbersome wiring and
instrument commissioning. At the same time, because the new microscope selected by the
sensor has multifunctionality when regular strain spot-check inspection tasks are required,
with a cell phone for remote wireless acquisition, the measurement work is more efficient
and convenient; when long-term monitoring tasks need to be carried out, the computer can
be used wired to collect the data in a way that ensures the stability of the strain measure-
ment. The high adaptability of this sensor makes it more widely used and more efficient
for measurement.

The main cost of the sensor comes from the production of the sliding measuring
device and the purchase of the multifunctional microscope. The market price of a single
microscope is about USD 30. Due to the standardized production parameters of the sliding
measurement device and its mature processing, the production cost is less than USD 20. In
summary, the total cost of the sensor is about USD 50, which is relatively low.

2.2. Principle and Algorithm

In the previous section, the structure of each part of the sensor and the use of the
method were introduced. It is not difficult to find that the core of the sensor’s ability to
effectively capture the structural strain information lies in the accuracy of the microscope’s
recording of the visual module information, and the core of the strain calculation depends
on the algorithm’s processing ability. The following is an introduction to the principles of
computation and algorithms used in this measurement method.

2.2.1. Calculation Principle

This method uses three circles in the micro-image as a recognition tool. The detection of
circular objects in digital images is an important and recurring problem in image processing
and computer vision [53]. This study selects the circular target as the recognition object
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based on the advantages that it is easier to find the center of the circle compared to other
complex shapes, the algorithmic recognition effect is relatively better, and the production
of the target is relatively easy.

Figure 6a shows the picture of the target taken by the microscope; the large circle
selected in blue is from Target 1, and the two circles selected in red are from Target 2. We
know that the two small circles are relatively static, and when the strain changes, the large
circle will move relative to the two small circles. The main principle of the calculation is to
accurately capture the changes in the coordinates of the three circles through the algorithm
and calculate the relative displacement of the large circle relative to the two small circles
through the change in the coordinates of the center of the circle, so as to obtain the relative
displacement L between the two targets and ultimately calculate the strain size.

(a) (b)

Figure 6. Physical picture of the vision module and the corresponding schematic of the calculation
principle: (a) image of the vision module acquired through a microscope; (b) schematic diagram of
the calculation principle.

Figure 6b shows the main calculation process, in which the three circles correspond to
the three circular targets in the target. A, B, and C represent the centers of the three circles,
and the coordinates of the centers can be accurately determined by the algorithm. In the
ideal case, the moving trajectory of the large circle is noted as CC'. Theoretically, CC’ is
parallel to AB, so L can be calculated by calculating the length of the line segment CC’. The
specific calculation process is as follows:

- ABCC',CHLAB,C'H' LAB

Suppose that
BH =Ly, BH' =L,
..AL=CC'=HH' =BH'—BH =L, — L 1)

In AABC:
BH = BC x cosb

|AB|* + |BC|* — |CA[?
2 x |AB| x |BC]|

cosb = 2)

The relative displacement AL can be obtained from Equation (1), and the center
coordinates of the circle are known. The lengths of AB, BC, and AC can be calculated
according to the distance formula, and then the value can be calculated using the cosine
theorem, as shown in Equation (2), i.e., if the center coordinates of the circle of the three
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points of ABC are known, the length of L can be found out, and the difference between the
different L and L can be found out.

However, due to inherent uncertainties during target fabrication, absolute parallelism
between the two small circle centerlines AB and the larger circle’s trajectory CC’ cannot be
ensured. In practice, a slight angle 6 surfaces between CC’ and AB, as illustrated in Figure 7.
Consequently, the practical relative displacement adopts the following form:

Template
Selection

Stepl:

Step2:

Accurate

Step3: Match

Pixel

Step4 : Calibration

Calculation
Parameter

Step5:

AL = AL x cosb

®)

Two regions of interest from the image sequence are
selected as matching templates for labeling the position
of the large circle and the two small circles

The normalized cross-correlation method is used to
roughly match the selected template with the image
sequence to locate the initial position of the template

Utilizing sub-pixel template matching technology for
accurate matching, extracting the matching curve
within the matching window, finding the maximum
value point of the curve through quadratic curve fitting,
and finding the precise location of the target template

Conversion of pixel coordinates to physical coordinates
through known calibration relationships

According to the relative position relationship between
the large circle and the two small circles, the moving
distance of the target is calculated, and then the strain
data corresponding to different pictures are calculated
by the actual scale distance of the sensor

Step6:

Finally, the strain variation law of the structure is
output, and the calculation is completed

Figure 7. Schematic depiction of the algorithm’s calculation process.

In order to make the calculation accurate, a pre-experimental correction is carried out:
under the premise of reducing other disturbing factors, the sensor is loaded at full scale, the
pictures of the initial position and the end position are recorded, and the algorithm is used
to accurately identify the position of each center of the circle in the initial and end states:

A(xa,Ya), B(xp, Y1), C(xc, Ye); A(Xar, Yar), B(xy, yp), C(xe, Yor)

kap =

Xp — Xg X — Xc
s RCCr =
~Ya Yer —Ye

)
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kap —kcer

tanf = | -8 “CCL
an@ ’ 1+ kapkeo %)
1
0= — 6
cos 1+ tan?6 ©)

Using Equation (4) to find the slopes of the lines AB and CC/, calculate the cosine of
the angle 6 from Equations (5) and (6).

To summarize, the initial displacement L is obtained by calculating the data image at
the initial moment of the sensor, then a series of L; at different moments in the data image
are calculated, and the difference between the different L; and L is calculated to arrive at
the displacement change L at each moment. Since the scale distance of the sensor is known
to be L, the final displacement change L’ is calculated by Equation (7).

AL
=T @)

2.2.2. Template Matching Algorithm

It is obvious from the introduction of the principle that the accuracy of strain calcu-
lation mainly depends on the accuracy of the algorithm in recognizing and locating the
target object. In this study, we use the template matching algorithm. Template matching
is the process of determining the position of a pattern or template in an image according
to specific criteria. It is one of the most commonly used techniques in signal and image
processing [54] and is widely used in many fields related to computer vision and image
processing, such as defect detection [55], image recognition [56], image alignment [57], and
image inspection [58].

It is worth mentioning that an ideal circle detection algorithm should be able to operate
with a fixed set of internal parameters across all images, i.e., without the need to tune the
parameters for different images, be very fast; be able to detect multiple sizes of circles; be
able to deal with synthesized, natural, and noisy images; have a high detection rate and
good accuracy; and be able to produce few or no false detections. The circle detection
algorithms proposed in the current research have several problems; for example, the most
classical circle detection algorithm based on Hough'’s circle transform [59] is slow, has a
high memory requirement, and is prone to producing many false detections. The improved
CHT-based algorithm [60] has improved in terms of computational accuracy, but it still
consumes a lot of memory and is slow in real-time applications. In addition, although
other optimized circle detection algorithms have been proposed [61,62], they still cannot
solve the constraints between computational accuracy and efficiency better. In practical
applications, we note that most circle detection algorithms require high-quality circular
targets; particularly, in the presence of noise the circumference of the circle often becomes
less clear, which reduces the recognition quality of the algorithm. The existence of these
problems limits the feasibility of current circle detection algorithms in practical applications,
especially in complex environments where accurate measurements need to be made in real
time in scenarios where current circle detection algorithms are clearly less applicable.

In contrast, the template matching algorithm chosen in this study is more suitable for
scenarios requiring real-time computation due to its simpler structure, higher computa-
tional efficiency, and stable recognition. It is more effective in recognizing and matching
fixed-size targets, and the clever design of the sensor has avoided changes in the lighting
environment and shooting angle as much as possible, thus weakening the sensitivity of the
algorithm to rotation, scaling, and lighting conditions. In addition, in sub-pixel template
matching, various interpolation techniques or curve fitting methods are used to achieve
sub-pixel accuracy matching, and the accuracy of the algorithm can fully meet the measure-
ment requirements. For comprehensive consideration, the template matching algorithm is
selected for target identification and localization, and the algorithm is developed for the
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target used in this study. The main calculation process of the program is shown in Figure 7.
The algorithm can achieve sub-pixel-level calculation accuracy, show better identification
and localization effects, and ensure the accuracy of strain calculation.

3. Laboratory Performance Evaluation
3.1. Experimental Details

In order to verify the accuracy of this strain measurement method, we conducted
experimental tests for the new slide-type strain sensor and focused on various parameter
indicators of the sensor, including zero drift, range, repeatability, stability, accuracy, and
static and dynamic measurement performance. The experimental setup includes an optical
platform, a control platform, a counterweight block, a sensor, a cell phone, a computer, a
control loading instrument, and a data acquisition instrument. The experimental arrange-
ment and the corresponding equipment are shown in Figure 8. Equally spaced bolt holes
are provided on the optical platform to provide a precision mounting platform for the
experiment. The control platform involved in the experiment consists of a fixed platform
mounted on the optical platform and a moving platform connected to the stepper motor.
Both platforms have the same height and are equipped with equally spaced bolt holes for
mounting fixed sensors.

Fixed
platform

SINOCERA

Stepper motor ‘, - LVDT Data et D075
controller B E adapter unit

" Optical 8 ' e
pl:ﬁform I AN RS

Figure 8. Schematic diagram of experimental setup.

A single-axis stepping motor was chosen for the loading device of this experiment,
which was mounted on the optical platform and used to control the movement of the
moving platform along the axial direction to realize the loading of the working conditions.
When the experimental loading task is executed, the stepper motor controller needs to input
the corresponding commands according to the specified conditions. The loading conditions
in this experiment mainly involve static loading and unloading at equal distances, as well as
dynamic loading by applying periodic reciprocating motion at a fixed speed. The detailed
conditions are specified in the corresponding tests below. The two supports of the sensor are
mounted on the two control platforms by bolts; the left support remains stationary on the
fixed platform, and the right support is mounted on the moving platform of the stepping
motor and follows the moving platform. It can be seen that this experiment is to realize the
loading of different working conditions by way of a stepping motor controlling the right
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support of the sensor to move along the sensor axis relative to the left support. The LVDT
was chosen for the experimental comparison device, and its data were acquired through a
data acquisition unit. The LVDT is placed on the right side of the moving platform in the
experiment, and the accurate displacement measurement is realized by ensuring that it is
parallel to the axis of movement of the stepping motor. Since the LVDT is a robust absolute
linear displacement sensor with high measurement accuracy and a sufficient measurement
frequency, the measurement accuracy of this sensor can be effectively demonstrated.

The sensor scale distance used in the experiment is 150 mm, and the angle correction
value is 0.9996. For the convenience of the experiment, we chose the microscope with a
wired connection to the computer for data acquisition, and, whether you use a cell phone
for remote wireless measurement or a computer for wired connection measurement, only
the applicable measurement object and the environment are not quite the same, so the actual
measurement of the accuracy does not have an impact. The following section describes the
specific experimental process of each performance test in turn then describes the process of
static and dynamic comparison experiments and analyzes the experimental results.

3.2. Performance Testing
3.2.1. Zero Drift

The size of zero drift is mainly affected by many factors, such as ambient temperature,
pressure, humidity, light, the sensor production, the acquisition method, the stability of
the algorithm, etc. If the value of zero drift is too large, it may cause the signal output
from the sensor to deviate from the true value, affecting the accuracy and reliability of
the measurement. Therefore, in order to test the zero-drift performance of this sensor in
the static state, we chose to collect data from the sensor for up to 10 min in the laboratory
without external load input, using the two recording modes of taking pictures and recording
videos for the two acquisition modes of remote cell phone acquisition and wired computer
acquisition, respectively.

As shown in Figure 9, the strain value of the sensor under remote acquisition via cell
phone varies in the range of £3 pe, in which the zero drift in both photo and video modes
mainly focuses on the fluctuation in the range of £2 pe. As shown in Figure 10, the strain
value of the sensor under wired computer acquisition varies within the range of +2 pe, in
which the zero drift mainly focuses on the fluctuation within the range of £1 pe in both
photo and video modes.
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Figure 9. Zero drift data collected remotely via cell phone: (a) photographic mode; (b) video mode.

Strain(ue)

0 100 200 300 400 500 600 0 100 200 300 400 500 600
Time(s) Time(s)

() (b)

Figure 10. Zero drift data collected through wired computer acquisition: (a) photographic mode;
(b) video mode.
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In comparison, the zero-drift fluctuation of the wired computer acquisition is smaller
than that of the remote cell phone acquisition, which is because the stability of the wired
control acquisition is better. At the same time, it is easy to see from the figure that for both
acquisition modes the data recorded with the camera recording mode will be relatively
volatile compared to the data recorded with the photo mode. This is because the camera
recording mode is more continuous and less prone to perturbation, while the photo mode
requires a single photo recording each time the microscope is controlled, which is relatively
more perturbing.

Among the main causes of data fluctuation, regardless of which mode is used, is the er-
ror in the detection of the matching process by the template matching algorithm. Although
the fluctuation patterns of the data recorded by the two shooting modes corresponding to
the two acquisition methods are slightly different, they all meet the requirement of mainly
focusing on the fluctuation in the range of £2 pe, and the data as a whole basically conform
to the normal distribution, which proves that the zero drift of the sensors is relatively small
and the measurement process is relatively stable.

3.2.2. Measurement Range

The range of the sensor is mainly determined by the size of the target, the field of
view of the microscope, the algorithm of recognition, and the limitations of the sensor’s
mechanical structure. The microscope used in this sensor has a function of manual focusing,
and the change in focal length will affect the size of the observation field of view, so the
observation equipment has the ability to increase the range to a certain extent compared
with the fixed-focus microscope, and, at the same time, the aberration around the field of
view of the microscope is small, which is beneficial to the assurance of the range. In order
to accurately test the actual measuring range of the sensor, we used a stepper motor to
load the sensor at full scale at 200 microns per step to test the effective observed range of
the sensor.

The results of the full-scale experiment are shown in Figure 11, and we observe that
the effective measuring range of the sensor can reach 39,490 pe, so the effective tensile
range of the sensor can be considered to be £19,745 pe. It is worth noting that, because the
observing field of view and the target can be adjusted, the range of the sensor can actually
be expanded; however, the current range is already sufficient to meet the needs of various
types of actual engineering structural strain measurements.
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Figure 11. Experimental data from the full-scale experiment.
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3.2.3. Reproducibility Assessment

The repeatability of a sensor refers to the degree of difference between the output
values obtained from repeated measurements under the same measurement conditions,
which directly affects the accuracy and reliability of the measurement results. In order
to evaluate the repeatability performance of the sensor, we used a stepper motor to carry
out repeatability loading experiments. The single-step loading—unloading process was
repeated more than 30 times for each set of experiments in steps of 10 um and 20 pum,
respectively, and the changes in the sensor data were recorded.

The experimental results are shown in Figure 12, in which the data after unloading
are uniformly zeroed in order to more intuitively show the volatility of the repetitive
experimental data, and the figure focuses only on the volatility of the strain measurements
during the loading process. It is calculated that under a 10 pm loading condition the strain
data of the repeatability experiment fluctuates from —0.099 pe to 0.104 pe, and the standard
deviation of the measured data is 0.352 pe under 30 loadings; under a 20 pm condition,
the strain fluctuates from —0.607 pe to 0.901 pe, and the standard deviation of the data
is 0.456 pe. From the results, it can be found that the fluctuation of the strain data of the
sensor under repeated loading in a single step under the working condition is very small,
and, at the same time, the repeatability of the sensor is not affected by the different loading

steps, which fully proves that the sensor has good repeatability, and the measurement
results are stable and reliable.
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Figure 12. Experimental data from repetitive loading experiments: (a) 10 pm step; (b) 20 pm step.

3.3. Comparative Experiment: Static and Dynamic Evaluation

In order to observe the measurement performance of the developed sensor, this
paper uses stepper motors to simulate the actual measurement process of the sensor via
static and dynamic loading, respectively, and compares the data collected by the sensor
and LVDT to further verify the stability and accuracy of the measurement process of the
developed sensor.

3.3.1. Preloaded Experimental

In the experimental arrangement, we try our best to ensure that the sensor, LVDT, and
stepper motor are on the same axis, but due to the existence of installation errors, there
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may be a certain angular difference between the sensor and the LVDT trajectory. This
phenomenon will lead to a certain proportional error in the data of the two measurement
methods under the same displacement loaded by the stepper motor. In order to eliminate
the effect of the resulting error, we conducted a preloading experiment using a stepper
motor for 5 pm equidistant loading for a total of 50 steps and measured by both means.
The two pairs of data are compared to determine the scaling factor of the difference, which
in turn is used to correct subsequent experiments involving comparisons.

As shown in Figure 13, the error of the two measurement methods increases linearly
with the number of loading steps, which is caused by the fact that the sensor is not on
the same axis as the LVDT. In order to correct this error, we compared the change rules
of the two types of data in each loading step and obtained a correction factor of 1.01042.
After correction, the maximum absolute error (MAXE) of the sensor measurement was
only 2.44 pe, and the mean absolute error (MAE) was only 0.916 pe. The above results
prove that the correction according to this correction coefficient can effectively eliminate the
errors caused by the non-parallel axes of the sensor and the LVDT during the installation of
the instrument. In the subsequent comparison experiments, the experimental data will be
corrected according to this correction coefficient before comparison.

18 £

—e—Error

—a&— Error correction
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Figure 13. Original error data from preloading experiments and error data corrected using the
correction factor.

3.3.2. Evaluation of Static Measurement Performance

In order to fully verify the static test performance of the sensor, we used a stepper
motor to carry out 10 um and 20 pm equidistant loading experiments. Each group of
experiments loaded 10 steps, for a total of five groups of experiments. In each group
of experiments, when loading is completed the stepper motor immediately returns to
the initial position and continues to carry out the next group of experiments, so as to
maintain the continuity of the loading process, the use of sensors and LVDT for continuous
measurement, and the data obtained from the static loading comparison experiments.

From the data change rule, we found the phenomenon of unequal spacing between
adjacent loading steps, which is due to the working principle of the stepper motor. Because
we are more concerned about the results and errors of the comparison of the two means
of measurement, this phenomenon has no effect on the results of the comparison experi-
ment. From Figure 14a,b, it can be clearly observed that the strain data measured by the
microscope combined with the sensor are in good agreement with the data measured by
the LVDT, while the change in the sensor measurement error during the loading process
has been obtained by calculating the difference between the sensor and the five sets of
experimental data measured by the LVDT, as shown in Figure 14c,d, and the comparative
data have been corrected. Compared with the LVDT, the MAXE of the strain data is 3.89 pe
and the MAE is 1.21 e for the 10 um loading condition, and the MAXE of the data is 4.87 pe
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and the MAE is 1.89 pe for the 20 um loading condition. The above results show that,
in the five groups of comparative experiments conducted consecutively, the differences
between the sensor measurement data and the LVDT measurement data are very small, and
at the same time, the sensor measurement data of each group of experiments are relatively
close to the LVDT measurement data. The groups of experimental measurement data are
close to each other, which proves that the static measurement of the sensor under different

loading conditions has high stability and accuracy and meets the requirements of strain
measurement in SEM.
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Figure 14. Cont.
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Figure 14. Experimental data and error data of static loading comparison experiments: (a) 10 um

loading experimental data; (b) 20 um loading experimental data; (c¢) 10 um loading error data;
(d) 20 pm loading error data.

3.3.3. Evaluation of Dynamic Measurement Performance

In order to study the dynamic characteristics of the sensor, we use a stepper motor
to simulate the reciprocating motion of the sensor and carry out dynamic reciprocating
loading. The loading frequency is fixed at 30 Hz, and the peak value of loading is 200 pm.
In the experiment, the sensor is acquired at a frequency of 30 Hz, and in order to ensure the
validity of the comparison, the LVDT is acquired at a frequency of 50 Hz as a comparison.

The results of the data collected by the sensor and the LVDT are shown in Figure 15a,
and the high degree of overlap between the two curves indicates that the dynamic acqui-
sition of the sensor is in good agreement with that of the LVDT. This indicates that this
sensor can accurately capture the dynamic strain response of the structure. It should be
noted that the dynamic sampling frequency of the sensor is mainly limited by the frame
rate of the video recorded by the microscope, except that the current sampling frequency of
the sensor of 30 Hz is sufficient for the measurement of typical structures.

For the comparison of the dynamic peak data, we are mainly concerned with the peak
error, so by subtracting the peak strain value obtained by the sensor from the corresponding
peak value measured by the LVDT, the change in peak error between the two sensors
is calculated as shown in Figure 15b. The corrected MAXE between the dynamically
measured strain peak of the sensor and the LVDT strain peak is calculated to be 7.73 pe,
and the MAE is 3.68 pe. The dynamic measurement of the sensor is performed using video
segmentation, which results in a slight decrease in accuracy compared to the measurement
method of taking high-pixel images in the static measurements. This is mainly due to the
higher frequency of motion in the dynamic measurements, which leads to larger image
interference in the video frame. However, the sensor’s dynamic measurements are still
highly consistent compared to the LVDT, and the maximum error rate of the peak dynamic
strain measurement of the developed sensor is less than 1%, which meets the dynamic
measurement requirements of common structures.
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Figure 15. Resulting data and error data from the dynamic loading with LVDT comparison experi-
ment: (a) comparison experiment data; (b) peak error data.

In summary, a series of experimental tests have fully proved that the newly developed
slide-type strain sensor has a good measurement performance. The sensor has a small zero
drift, a wide range, high repeatability, good accuracy, and can stably measure both static
and dynamic strain responses. These results provide solid support for the application of
this sensor in the field of structural health monitoring.

4. Actual Structure Measurement

After verifying the good performance of the sensor in the laboratory, we tested the
performance of an assembled steel footbridge (Figure 16a) located in the dormitory area of
the Dalian University of Technology for practical application. In order to ensure the feasi-
bility and convenience of the measurement, based on the topography of the investigation,
the target measurement section was finally set as the end span of the bridge (Figure 16b).
Because the deformation of the bridge deck panel in the middle of the span is the largest,
the measurement point was finally selected at the bottom of the bridge deck panel in the
middle of the span, as shown in Figure 16¢. Finally, the sensor was installed and fixed using
a magnet and a strong adhesive, and the sensor after installation is shown in Figure 16d.
Since the footbridge is mainly subjected to the dynamic load generated when pedestrians
pass through, pedestrians stepping on the panel will lead to tensile strain at the bottom,
so this test focuses on the dynamic measurement performance of the sensor at the same
time. Considering that the purpose of this actual measurement is to validate the sensor’s
performance, we only continued to collect data for a few hours to validate.
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Figure 16. Schematic representation of the footbridge at the measurement point and physical demon-
stration of the sensor installation: (a) partial display of the footbridge in the monitoring section;
(b) front view of target point; (c) elevation view of target measurement point; (d) physical drawing of
the sensor after field installation.

4.1. Data Acquisition and Analysis

This measurement was started at noon on 7 July 2023, with a sensor measurement scale
of 150 mm, and the acquisition method of a wired computer connection to the microscope
was used to continuously monitor the measurement point for six hours through the mode
of recording video, and the corresponding real-time monitoring results were obtained.
Figure 17 demonstrates the data variation of the sensor in the initial state (switch not
turned on) lasting about one minute. The curve in the figure demonstrates the magnitude
of the zero drift of the sensor during the actual measurement, and eventually the strain
fluctuation was found to be in the range of +4 pe, mainly concentrated in the range of
+2 pe. Compared with the laboratory environment, the sensor data fluctuation in the
actual measurement is slightly elevated due to the influence of the presence of temperature,
pedestrian dynamic loads, and other factors on the sensor in the complex environment of
the field. Nevertheless, the zero drift of the sensor in the actual measurement is still very
small, which proves that the method still has good stability in the actual measurement.

0 200 400 600 800 1000 1200 1400 1600
Image (frame)

Figure 17. Zero drift data in the field for about one minute with the sensor switched off.
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Figure 18 shows the strain real-time monitoring data at the measurement points
taken from the monitoring process for two consecutive hours, from which it can be clearly
observed that the developed sensors are able to accurately and in real time capture the
strain changes at the measurement points of the bridge deck due to the dynamic loads
generated by the pedestrians passing through. The figure shows that when there is no
pedestrian passing the sensor data remain near the initial value and the strain curve remains
horizontal. When there are pedestrians passing, the sensor can instantly capture the local
strain changes at the bottom of the bridge deck caused by the dynamic load, and the strain
curve fluctuates and peaks. The change rule of the monitoring data is consistent with
the actual situation, the maximum strain on the surface of the measurement point is less
than 400 pe, and the dynamic measurement performance of the sensor has been tested in
practical applications.
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Figure 18. Real-time monitoring of strain data at structural measurement points by means of sensors
(on-site time: 12.01-14.01).

4.2. Comparative Analysis with Pedestrian Traffic

The change in strain at the measurement point mainly comes from the dynamic load
generated by the pedestrians passing through. Theoretically, the closer the moment when
the strain curve measured by the sensor reaches the peak value and the moment when the
pedestrians pass through the measurement point, the lower the hysteresis of the sensor in
measuring the strain and the better the effect of the strain measurement. In order to verify
the dynamic measurement performance of the sensor more comprehensively, we also set
up monitoring equipment near the footbridge while the sensor was monitoring the strain.
Two 10-minute-long recordings were made of the footage of pedestrians passing through
the measurement point, and the start and end times were accurately recorded. Figure 19
shows the pedestrian passing at the measurement point in the filmed clip.

@) (b)

Figure 19. Screenshots of pedestrians passing above the measurement point: (a) the first monitoring

screenshot; (b) the second monitoring screenshot.
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Then, the algorithm was used to recognize the two videos separately, and two curves
of pedestrian flow over time were obtained, i.e., they reflect the change rule of the number
of pedestrians passing over the measurement point over time, as shown by the red curve
in Figure 20. When the curve is in a horizontal state, it indicates that no one passes the
measurement point; when the curve begins to fluctuate upward, it indicates that there
are pedestrians approaching the measurement point; when the curve reaches the peak,
it is considered that there are pedestrians passing right above the measurement point at
this time, and the peak of the curve represents the size of the flow of pedestrians passing
through. In order to compare more intuitively, the two pedestrian flow change curves
were placed in the corresponding time period of the sensor strain monitoring data, as
shown in Figure 20, where the blue curve represents the strain monitoring data. It is
worth mentioning that the actual significance of the vertical coordinates of the red curve
in Figure 20 is ignored, and only the height of the peak and the moment of the peak are
emphasized. The comparison shows that in the two extracted monitoring clips the moments
at which the two curves reach their peaks are exactly the same, i.e., it means that the strain
data monitored by the sensor reach their peak when the pedestrian passes right above the
measurement point. The comparison is representative due to the random selection of the
time of shooting the clips. The above results show that the sensors developed in this study
can indeed capture the strain fluctuations caused by the dynamic load excitation due to
pedestrians passing through the bridge deck in a timely manner. It further demonstrates
that the sensor developed in this study has sufficient sensitivity for measurements on real
structures with relatively low measurement hysteresis.
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Figure 20. Comparison of strain data at the measurement points with data from the corresponding
human flow excess change curves: (a) first monitoring segment; (b) second monitoring segment.
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5. Conclusions

In this research, we have developed a strain measurement method based on template
matching algorithms and microscopic vision techniques, designed and fabricated a sliding
strain sensor, and selected a new multifunctional microscope that can be paired with a
cell phone or a computer for strain measurement. The performance of the sensor has been
tested in the laboratory, and the static and dynamic measurement capabilities of the sensor
were verified by comparison with an LVDT. In addition, short-term field measurements on
localized structures of pedestrian bridges have been completed to test the performance of
the sensors in real-world applications. The conclusions are as follows:

(1) The sensors are made of stainless steel in accordance with a standardized process,
making them more stable and durable. Among them, the new multifunctional micro-
scope is chosen to effectively utilize the advantages of microscopic vision technology.
Strain monitoring through a wired connection with a computer can ensure the stability
of the sensor in long-term monitoring work. In particular, the sensor is equipped
with the function of remote wireless acquisition by connecting with a cell phone,
which makes the regular random inspection of structural strain more convenient and
efficient.

(2) The sensor requires only simple installation and fixation for actual measurement.
After successfully connecting with the cell phone or computer, strain measurement
can be carried out, and the sensor does not need to be equipped with professional
instruments. Therefore, the cost is relatively low, the operation is more convenient,
even non-professionals can be quickly put into the strain measurement work, and the
structure has universal applicability.

(3) In the laboratory performance test, the sensor shows good results: the zero drift is
small, mainly concentrated in the range of -2 pe fluctuations; the effective tensile
range is £19,745 pe, which can meet the range requirements of strain measurement in
most engineering structures; and the standard deviation of the data with a single step
repeated loading is only 0.456 ie. In the comparison experiment with an LVDT, the
maximum error of static loading is only 5 pe, and the maximum error rate of dynamic
loading is less than 1%, which proves that the sensor has high accuracy.

(4) In the measurement of the footbridge structure, the sensor is able to stably and
effectively capture the strain changes on the surface of the structure, which shows a
good dynamic measurement capability. Meanwhile, in the two randomly selected
monitoring segments the time-dependent change curves of the pedestrian passage at
the measurement points were exactly the same as the corresponding moments when
the strain data reached the peak, which further proved that the sensors had sufficient
sensitivity and relatively low hysteresis in the actual structural measurements.

In conclusion, the strain measurement system that has been developed in this study
has the advantages of high accuracy, a low cost, convenient measurement, and wide
applicability. It has been optimized for the problems of the current strain measurement
means and provides a novel alternative means for strain measurement in the field of
structural health monitoring, which is conducive to the promotion of large-scale universal
structural strain measurement. However, under the complex environment in the field,
the strain measurement is often interfered with by temperature, humidity, and other
noise changes, which puts higher requirements on the service life of the sensor and anti-
interference. In future work, it is necessary to further explore how to better reduce the
impact of field noises on sensor measurements, and further optimization work for sensors
will be of practical significance.
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