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Abstract: A damage estimation method based on continuous wavelet transformation (CWT) of
the normalized Lamb wave signals is proposed here. Lamb waves are actuated and sensed using
piezoelectric (lead zirconate titanate, PZT) transducers arranged in the form of square detection cells
on a plate-like structure. Excitation sequences based on pitch–catch and pulse–echo configurations
are tested for the same arrangement of the transducers. The possibilities of the existence of damage
for each actuator–senor pair are formed by using the normalized coefficient of CWT. The size of the
possible damage region is directly controlled through envelopes defined by the coefficients of CWT,
and no additional parameter is required to define its size. The aggregate damage image is constructed
by the fusion of damage possibilities from all actuator–sensor pairs using damage indices based
on conjunctive and compromised fusion schemes. The results indicate that the proposed method
can estimate the location and severity of multiple damage with signals directly from the damaged
plate, without the need of baseline signals from the undamaged plate, and the time-compensated
signals provide better damage imaging than the raw signals. The most accurate and computationally
inexpensive combination is the pulse–echo configuration with damage index based on conjunctive
image fusion scheme. The method is computationally inexpensive and can be applied for multiple
damage estimations in large structures to reduce the evaluation cost and inspection time during
on-line structural health monitoring.

Keywords: structural health monitoring; Lamb wave; continuous wavelet transform; baseline-free;
multiple damage

1. Introduction

The traditional nondestructive testing (NDT) methods are useful, but they are time consuming and
expensive as they require the structures to be off-service and disassembled in components. Alternatively,
on-line structural health monitoring (SHM) provides a continuous assessment of structures and predicts
the remaining lifespan using permanently embedded sensing systems [1]. The SHM techniques based
on Lamb waves (a type of guided wave) have been extensively used for thin plate-like structures
because they can travel a long distance with low attenuation, and their propagation is sensitive to
the presence of small damage. The piezoelectric (lead zirconate titanate, PZT) transducers can both
excite and sense the Lamb wave signals and can be permanently attached to the host structure in the
form of a network of sensors for fast multipoint measurement in situ SHM [2]. These PZT transducers
are small, lightweight, consume low power, and produce response in a wide frequency region [3].
Furthermore, PZT transducers can be used in harsh temperature and radiation environments for SHM
of various types of damage in metallic and composite plates [4].
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There are several damage estimation methods based on the sparse array of PZT transducers,
which have shown a great potential for the identification of local damage. However, the Lamb wave
signals generated by PZT transducers are dispersive and multimodal. An accurate interpretation
of transducer data is important for the extraction of damage features such as location and severity
from complicated Lamb wave signals. Therefore, sophisticated signal processing techniques such as
fast Fourier transform [5], short-time Fourier transform [6], Hilbert transform [7], warped frequency
transform [8], and signal-difference-based correlation coefficient [9,10] have been used to accurately
analyze the dynamic response signals scattered by damage. Among these methods, the continuous
wavelet transformation (CWT) [11,12] has recently gained attention and popularity due to its powerful
time–frequency feature extraction from complicated signals, its ability to detect the signal singularity
for physical damage inspection, and to depress the dispersive characteristics of the Lamb waves [13,14].

In recent years, Lamb-wave-based imaging methods such as phased array [15,16]
and delay-and-sum [17–19] algorithms have been widely used for damage localization in
plate-like structures. The damage imaging methods have been further empowered by probabilistic
approaches such as Probability-Based Diagnostic Imaging (PDI) [20–22], Reconstruction Algorithm
for Probabilistic Inspection of Damage (RAPID) [23,24], Algebraic Reconstruction Techniques (ART),
and Lamb Wave Tomography (LWT) [25,26]. These methods have used different parameters to define
the probability regions for individual sensing paths, which were then used to reconstruct the damage
images. For example, the PDI methods have used the weight distribution functions [20,21,27–30] to
define the probability region between actuator–sensor pairs. These distribution functions depended
on a scale/shape factor, β, which controlled the effective size of the elliptical probability area for
each sensing path. Similarly, the RAPID and LWT methods used the difference between damaged
and undamaged signals to define the signal difference coefficient (SDC) [23,24,31–34]. The SDC
also depended on β, which controlled the effective size of the probability region. In most of these
methods, the probability of finding the damage depended on the intersection of direct paths between
actuator–sensors pairs [20,21,23–25,30,33–36]. The probability of accurately locating the damage
increases if more direct path intersections fall around the damage region. Consequently, the use
of more transducers increases the path intersections and obtains more accurate damage imaging.
That is one of the reasons why these methods faced difficulties locating the multiple damage with
fewer transducers. Furthermore, these methods were based on the signal difference obtained by
the comparison of the damaged signal with the baseline signal, which required additional data to
be recorded and processed [27,29–31,33–36], and the baseline data may not always be available for
practical applications.

In the current research, instead of using any probability distribution function, the possibilities of
damage presence are directly defined by CWT of the normalized damage-scattered signals. No separate
parameter is used to define the size of the possibility region, it is directly defined by the damage-scattered
peak in the normalized CWT signals. The damage possibilities from individual sensing pairs are fused
using conjunctive and compromised fusion schemes to image the damage. The method was tested for
pitch–catch and pulse–echo arrangements of transducers. The damage localization was improved by a
time compensation in all the original output signals. First, the single and multiple damage cases were
tested using the difference signals, and then the results were obtained for the same cases directly from
the damaged signals, without the baseline.

The organization of the article is as follows: Section 2 introduces the background and basic theory
of the proposed method, Section 3 shows the implementation of the proposed method using difference
signals, the baseline-free implementation is shown in Section 4, the influence of the environmental
noise is presented in Section 5, experimental validation of the proposed method is presented in
Section 6, a comprehensive discussion of results is presented in Section 7, and concluding remarks are
summarized in Section 8.
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2. Damage Estimation Method Based on CWT

The proposed damage estimation method describes a color-mapped image for each actuator–sensor
pair, which indicates the possibility of the presence of damage in the discretized monitoring region.
The region of maximum possibilities in the aggregate image of all the pairs represents the
damage features. In time-of-flight (ToF)-based triangulation of a point damage D(x, y), when actuator
A(xi, yi) excites the Lamb waves, sensor S

(
x j, y j

)
receives two signals: a direct signal from A to

S, which travels a distance, LA−S, and a damage-scattered signal, which travels a longer distance,
LA−D + LD−S, as shown in Figure 1.

Figure 1. Time-of-flight (ToF)-based damage triangulation.

The ToF from A to S for the damaged-scattered signal, TD, can be written as,

TD(x, y) =
LA−D + LD−S

V
(1)

where, V is group velocity of the incident Lamb wave and,

LA−D =

√
(x− xi)

2 + (y− yi)
2 ; LD−S =

√(
x− x j

)2
+

(
y− y j

)2

The theoretical solution of Equation (1) represents an elliptical path locus with focal points at A
and S, indicating the possible damage locations on it, as shown in Figure 1. When transducers are
arranged as an active sensor network, the actual damage location falls at the intersection of multiple
elliptical path loci from different actuator–sensor pairs. For damage localization using Equation (1),
the accurate extraction of ToF is important therefore, the CWT is introduced to process the signals due
to its high time–frequency resolution.

2.1. Normalized Coefficient of CWT

The coefficient of CWT for square-integrable function f (t) in the time domain can be written as,

CWT f (a, b) =
1
√

a

∫ +∞

−∞

f (t)ψ
(

t− b
a

)
dt, (2)

where a > 0 and b ∈ R are scale and time-shift parameters of wavelet function ψ(t), respectively.
During the transform, a dynamic signal is represented using these dual parameters. In this research,
the scale is set as the ratio between sampling frequency and central frequency as

a =
Fs

Fc
(3)
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where Fs is the sampling frequency calculated using the sampling period as Fs = 1/∆, and Fc is the
central frequency of the excitation signal. The bar accent represents complex conjugate of the wavelet
function ψ(t). The selection of the mother wavelet function ψ(t) is crucial for CWT applications.
The Gabor wavelet function was chosen in this research for its higher time resolution to capture the
ToF accurately. It has an accurate time–frequency feature extraction capability in ToF-based damage
localization problems [11]. The Gabor wavelet function can be expressed as

ψG(t) =
1

4√π

√
ω0

γ
exp

− (ω0/γ)2

2
t2

 exp(iω0t), (4)

where ω0 and γ are the real constants. ω0 = 2π, so that the value 1/a becomes equal to frequency
f = ω/2π, and γ = π

√
2/ ln 2 was set to satisfy the following admissibility condition:∫

∞

−∞

∣∣∣ψ(ω)∣∣∣2/ωdω < ∞. (5)

For the monitoring region discretized into a number of grid points, the possibility of damage
existence at each grid point is directly defined by the coefficient of CWT for each actuator–sensor pair.
The application of the coefficient of CWT, based on the Gabor wavelet, on damage-scattered signals
constructs a CWT envelope for each pair. The possibilities of damage existence are expressed
within the range from 0 to 1 with the maximum possibility at a grid point with value 1. Therefore,
all damage-scattered signals, fD(t), were normalized by dividing with the maximum absolute value of
amplitude of the corresponding signal as,

ˆfD(t) =
fD(t)

max(abs( fD(t)))
(6)

The Gabor wavelet coefficient modulus of the normalized damaged-scattered signal then extracts
the damage information for further processing of damage image. It is performed as

I(b) = abs
(
CWT ˆfD(t)

(a, b)
)

(7)

2.2. Time Compensation

The value of TD in Equation (1) represents the total ToF of excitation signal from actuator to
damage and then from damage to sensor. This is the time in the dynamic response signal when the
sensor starts receiving the damage-scattered signal [21]. Consider a normalized damage-scattered
signal presented in Figure 2 as an example, the traveling time from actuator to sensor, TD, should be
from the beginning to the point when damage-scattered signal starts to become non-zero as shown
in Figure 2a. However, this non-zero point is very difficult to identify in practice. The envelope of
the coefficient of CWT of this signal, based on Equation (7), is presented with red line in Figure 2b.
The excitation signal used throughout this research was a 5.5-cycle sinusoidal tone burst modulated by
Hann window at central frequency 383 kHz, as shown in Figure 3. For the central frequency of 383 kHz
and sampling time of 0.02 µs, the scale parameter a was calculated as 130.5 using Equation (3). If Te is
the total acting time of the excitation signal as shown in Figure 3a, a good time–frequency analysis
feature of the CWT can depress the dispersion of Lamb wave effectively to make the signal contain the
same duration of time during wave propagation.
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Figure 2. (a) A damage-scattered signal; (b) coefficient of continuous wavelet transformation (CWT)
with and without time compensation.

Figure 3. The 383 kHz excitation signal: (a) time domain; (b) frequency domain.

The maximum value 1 in the CWT envelope in Figure 2b appears at the center of the normalized
damage-scattered peak, which is half of the time Te ahead of the time TD when sensor actually received
the non-zero point of the damage-scattered signal. Therefore, a time lag was introduced in all the CWT
signals by subtracting Te/2 as time-compensation Tc, shown with blue line in Figure 2b. If N is the
total number of cycles and fe is the central frequency of the excitation signal, Tc can be expressed as

Tc =
N
2 fe

. (8)

2.3. Imaging Algorithm

The monitoring region containing the actuator–sensor pairs is divided into a uniform mesh of
N×N grid points. The possibility of damage existence at a grid point (xi, yi) for an actuator–sensor pair
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is represented by the damage index for a sensing pair (DISPP(xi, yi)) where, i = 1, . . . , N, P = 1, . . . , NP,
and NP is the total number of actuator–sensor paths. The solution of Equation (1) on the mesh grid
for any actuator–sensor pair provides an image with an infinite number of path loci. The grid points
that have the same value of TD fall on one path locus. The time-compensated CWT envelope of the
normalized damage-scattered signal fD(t) defined by Equation (7) provides DISPP(xi, yi)) at different
time values, TD. The value of DISPP(xi, yi) can be expressed as

DISPP(xi, yi) =
∣∣∣I(TD(xi, yi))

∣∣∣
P (9)

The image defined by DISPP(xi, yi) provides possible damage locations with the maximum
possibility of damage existence at the time when the peak value 1 appears in the CWT envelope.
An imaging algorithm was designed in MATLAB to implement Equation (9) in three steps: In the
first step, the envelopes provided by the time-compensated coefficient of CWT of the normalized
damage-scattered signals were plotted based on Equation (7). In the second step, the infinite number of
elliptical path loci provided by Equation (1) were plotted on the discretized domain, which provided a
color-mapped image for each sensing pair. Since, Equation (1) represents the ToF of the damage-scattered
signals, in step 3, the field values plotted in step 2 were replaced by the values from the CWT envelopes
at the corresponding times. The image obtained in step 3 represented possible damage locations in the
discretized domain for individual sensing pairs, with the maximum possibility corresponding to the
same time and location as in CWT envelopes.

A damage index, DI(xi, yi), then defines the aggregate image by fusion of DISPP(xi, yi) images for
each actuator–sensor pair. Two different image fusion schemes were tested for the proposed method:
conjunctive fusion scheme based on the multiplication of DISPP(xi, yi) values from all pairs at a grid
point and compromised fusion scheme based on addition of the values. The damage indices for
compromised fusion DIa(xi, yi) and conjunctive fusion DIm(xi, yi) schemes can be written as

DIa(xi, yi) =
1

NP

NP∑
P=1

DISPP(xi, yi) (10)

DIm(xi, yi) =

NP∏
P=1

DISPP(xi, yi) (11)

3. Implementation Using the Difference Signals

3.1. Finite Element Simulation Model

Consider a 1000 × 1000 × 1.5 mm3 aluminum plate with PZT transducers arranged in the form of
two square cells of 250 × 250 mm2 and 270 × 270 mm2, as shown in Figure 4. Numerical simulations
were performed using a commercial finite element software, ABAQUS Explicit, and the material
properties were E = 71 GPa, υ = 0.3, and ρ = 2700 kg/m3. Each PZT transducer had a diameter of 5
mm, and it could excite or sense the Lamb wave signals in radially outward directions. In order to
excite the Lamb wave signals, a uniformly distributed load was applied in cylindrical coordinates with
amplitude as the excitation frequency, as shown at point A in Figure 1.
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Figure 4. Square arrangement of piezoelectric (lead zirconate titanate, PZT) transducers on a
damaged plate.

A circular damage of 10 mm diameter was made as a through-hole located at (45, −45) mm from
center of the plate. The plate was meshed with 3D shell elements S4R with the element size of 1 mm
in all simulation models, and a time step of 0.02 µs was used to accurately simulate the Lamb wave
propagation for a total time of 150 µs.

3.2. Dispersion Curves

The dispersion curves were drawn for Lamb wave propagation in aluminum plate, which had
both symmetric (S) and anti-symmetric (A) modes propagating simultaneously, as shown in Figure 5.

Figure 5. Dispersion curves for Lamb wave propagation in aluminum plate.

In the low-frequency range, only S0 and A0 modes propagated, with the group velocity of S0

mode significantly higher than that of the A0 mode. If a modified signal with narrow frequency band
is excited, both the modes can be identified separately, with the peak of S0 arriving first. In case of
mode conversion after scattering from damage, S0 will still reflect a faster symmetric mode S0 and
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a slower anti-symmetric mode A0. Therefore, the scattered S0 mode is also easy to identify as one
propagating faster, and it was exclusively chosen in the method proposed here.

The frequency–thickness product ( f × d) was calculated as 574.5 Hz·m for the excitation frequency
of 383 kHz and plate thickness of 1.5 mm. This point existed in the low-frequency range of the
dispersion curves, where the S0 mode could be easily separated from the A0 mode, as shown with the
vertical red dashed line in Figure 5. The simulation model was validated first by calculating the group
velocity, V, in Equation (1). The group velocity calculated through simulations was 5.31 × 103 m/s,
which was almost the same as obtained from the dispersion curves. It indicates that the simulation
model had good accuracy to calculate the Lamb wave propagation.

3.3. Excitation Configurations

Two different excitation sequences were chosen to test the proposed method in pitch–catch and
pulse–echo configurations. In the pitch–catch configuration, all the A points in Figure 4 excited the
Lamb wave signals one by one, and other A points acted as receivers with total of 28 actuator–sensor
pairs, i.e., AiA j, i = 1, . . . , 8, j = 1, . . . , 8, i , j. This configuration ensured that damage existed in
the region between the actuator and sensor for each pair. In the pulse–echo configuration, all the A
points excited the Lamb wave signals, and the corresponding B points acted as receivers, i.e., AiBi,
i = 1, . . . , 8, with total of 8 actuator–sensor pairs. The actuator and sensor existed close to each other
on one side and damage on the other side in this configuration. The monitoring region containing the
actuator–sensor pairs was divided into a uniform mesh of 400× 400 grid points with spacing of 1 mm
between the neighboring points. The solution of Equation (1) on the mesh grid for any actuator–sensor
pair without the damage provided an infinite number of path loci. When actuator and sensor were far
from each other in the pitch–catch configuration, the path loci were ellipse-like, as shown in Figure 6a
for pair A2A8. When actuator and sensor were close to each other in the pulse–echo configuration, the
path loci were circle-like, as shown in Figure 6b for pair A8B8.

Figure 6. Set of path loci in the discretized domain for sensing path: (a) A2A8; (b) A8B8.

3.4. Single Damage Scenario

For the single damage scenario shown in Figure 4, if the pitch–catch configuration was utilized,
the signals from A2 to A8 in undamaged and damaged plates are shown in Figure 7a,b, respectively.
The undamaged signal contained the excitation signal S0, which travelled a direct path between
actuator to sensor represented by distance LA−s in Figure 1, and another signal scattered by edge
of the plate. The damaged signal contained the direct excitation S0 and a damage-scattered signal,
which travelled a longer distance LA−D + LD−S. The undamaged and damaged dynamic response
signals were evaluated in the discrete form in the time domain. The subtraction of the undamaged
signal from the damaged signal was called the difference signal, which represented the presence of
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damage in the plate. The difference of the signals in Figure 7a,b is presented in Figure 7c. The first
fluctuation in the difference signal represented the damage-scattered signal whereas, rest of the
scatterings in Figure 7b,c were caused by the plate edges. The ToF for damage-scattered signals in
Figure 7b,c was represented by Equation (1). The coefficient of CWT for the normalized difference signal
was calculated using Equation (7), which provided the possibilities envelope for damage imaging,
presented in Figure 7d. Similarly, the damage possibilities curves for all other actuator–sensor pairs in
pitch–catch configuration were calculated.

Figure 7. Signals for sensing path A2A8: (a) undamaged; (b) damaged; (c) difference; (d) coefficient
of CWT.

In the pulse–echo configuration, when A8 excited the Lamb wave signal and B8 received the
signal, the undamaged and damaged signals are presented in Figure 8a,b, respectively. The first
fluctuation in the difference signal presented in Figure 8c was caused by the scattering from the damage,
and the remaining fluctuations were caused by the scattering from plate edges. The coefficient of
the normalized CWT signal as the damage possibilities curve for A8S8 is presented in Figure 8d.
Similarly, the damage possibility envelopes for all other actuator–sensor pairs were calculated for the
pulse–echo configuration. The envelopes based on the peaks of CWT coefficients in Figures 7d and 8d
defined the possibilities of damage existence as a field value for the set of path loci shown in Figure 6a,b,
respectively, using Equation (9).

The time compensation in CWT signals was not made at this stage. The resulting damage
possibility images for paths A2A8 and A8B8 are shown in Figure 9a,b, respectively. The actual damage
D1 is also presented in these figures, which falls on the first fluctuation in the difference signal,
as explained earlier. Similar damage possibility images were created for each sensing path in both
the configurations. For the pitch–catch configuration, DIa(xi, yi) based on the compromised fusion
scheme and DIm(xi, yi) based on the conjunctive fusion scheme provided the aggregate possibility
for damage estimation in Figure 10a,b, respectively. Similarly, for the pulse–echo configuration,
the aggregate damage images for DIa(xi, yi) and DIm(xi, yi) are shown in Figure 11a,b, respectively.
The results indicate that the pulse–echo configuration provided a better damage estimation in both
the fusion schemes with only eight sensing paths as compared to the pitch–catch configuration with
28 sensing paths. Therefore, the pulse–echo configuration was used for the remaining analyses in
this paper.

3.5. Effect of Time Compensation

The possibilities of damage existence for all eight sensing paths A1B1 to A8B8 in pulse–echo
configuration are presented in Figure 12a–h, respectively. These plots were based on the normalized
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CWT signals without the time compensation, and it can be noticed that the maximum possibility
regions are ahead in time with respect to the actual damage position. The time compensation in all the
CWT signals was made based on the discussion in Section 2.2. As an example, the signals for sensing
pair A8B8 are presented again in Figure 13. The undamaged, damaged, and difference signals are
presented in Figure 13a–c, respectively. The envelopes of normalized coefficient of CWT with time
compensation (blue) and without time compensation (red) are presented in Figure 13d.

The damage possibilities for sensing paths A1B1 to A8B8 are presented again with
time-compensated signals in Figure 14a–h, respectively. It can be seen that the maximum possibility
regions coincide with the actual damage locations in this case. The aggregate damage images for
DIa(xi, yi) and DIm(xi, yi) using the time-compensated signals are shown in Figure 15a,b, respectively.
The results indicate that the time-compensated signals could localize the damage accurately for both the
fusion schemes. However, the damage index based on the conjunctive fusion scheme can provide better
damage imaging than that on compromised fusion scheme. Therefore, the pulse–echo configuration
with damage index based on conjunctive fusion scheme DIm(xi, yi) is proposed in this method, and this
combination was chosen for the remaining analyses in this paper.

Figure 8. Signals for sensing path A8B8: (a) undamaged; (b) damaged; (c) difference; (d) coefficient
of CWT.

Figure 9. Possibilities of damage existence in single damage scenario for sensing path: (a) A2A8;
(b) A8B8.
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Figure 10. Aggregate damage image for single damage scenario in pitch–catch configuration based on
(a) compromised fusion scheme; (b) conjunctive fusion scheme.

Figure 11. Aggregate damage image for single damage scenario in pulse–echo configuration based on
(a) compromised fusion scheme; (b) conjunctive fusion scheme.

Figure 12. Possibilities of damage existence in pulse–echo configuration for sensing paths: (a) A1B1;
(b) A2B2; (c) A3B3; (d) A4B4; (e) A5B5; (f) A6B6; (g) A7B7; (h) A8B8.
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Figure 13. Signals for sensing path A8B8: (a) undamaged; (b) damaged; (c) difference; (d) coefficient of
CWT with and without time compensation.

Figure 14. Possibilities of damage existence with time compensation in pulse–echo configuration for
sensing paths: (a) A1B1; (b) A2B2; (c) A3B3; (d) A4B4; (e) A5B5; (f) A6B6; (g) A7B7; (h) A8B8.
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Figure 15. Time-compensated aggregate damage image for single damage scenario in pulse–echo
configuration based on (a) compromised fusion scheme; (b) conjunctive fusion scheme.

3.6. Multiple Damage Scenario

To test the method for the multiple damage scenario, an additional damage D2 of 12 mm diameter
was formed as a through-hole in the model shown in Figure 4. The damage D2 was located at
(−30, 50) mm from center of the plate, as shown in Figure 16.

Figure 16. Multiple damage scenario.

The dynamic response signals for sensing path A8B8 are presented again in Figure 17 for the
multiple damage scenario. The undamaged signal shown in Figure 17a only contained the direct
excitation signal S0, whereas the damaged signal shown in Figure 17b contained two additional
damage-scattered signals. The damage-scattered peaks are more prominent in the difference signal
shown in Figure 17c. The CWT envelopes of difference signal with and without time compensation are
shown in Figure 17d. The damage possibilities for sensing path A8B8 are presented in Figure 18 along
with the actual size and location of damage D1 and D2. The possibilities of damage existence without
time compensation are presented in Figure 18a and with time-compensation in Figure 18b. Similarly,
the possibilities from the other seven sensing paths were plotted and fused for damage imaging.



Appl. Sci. 2020, 10, 8610 14 of 23

Figure 17. Signals for sensing path A8B8 in multiple damage scenario: (a) undamaged; (b) damaged;
(c) difference; (d) coefficient of CWT with and without time compensation.

Figure 18. Possibilities of damage existence in multiple damage scenario for sensing path A8B8:
(a) without time compensation; (b) with time compensation.

The aggregate images based on damage index, DIm(xi, yi), without time compensation and with
time compensation are shown in Figure 19a,b, respectively. The results show the importance of time
compensation. The time-compensated signals could accurately image both the damage, whereas the
localization of damage without compensation was inaccurate.

Figure 19. Aggregate damage image for the multiple damage scenario in pulse–echo configuration: (a)
without time compensation; (b) with time compensation.
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4. Implementation Using the Damaged Signals

The baseline signals from the undamaged plate may not always be available to calculate the
difference signals in the practical environment. It also increases the computational cost by calculating
two additional signals for each sensing path, i.e., undamaged and difference signals. In addition,
a tiny incorrect baseline can make the whole estimation wrong. Therefore, the proposed method was
implemented using signals directly from the current state of the plate. The baseline-free implementation
presented here is for the multiple damage scenario shown in Figure 16. The damaged signal and
coefficient of CWT for sensing path A8B8 are shown in Figure 20a,b, respectively. The damage-scattered
fluctuations in these signals are too small compared to the excitation fluctuation; therefore, the region
of these plots containing the damage-scattered fluctuations is shown separately in Figure 20c,d,
respectively. The damage-scattered peaks can be clearly seen in Figure 20d.

Figure 20. (a) Damaged signal at A8B8; (b) coefficient of CWT with and without time compensation
at A8B8; (c) damage-focused region of signal (a); (d) damage-focused region of signal (b).

The damage possibilities for sensing path A8B8 using baseline-free estimations are presented in
Figure 21 along with actual D1 and D2. Figure 21a contains the possibilities without time compensation
and Figure 21b with time compensation. Since, the damage-scattered peaks are too small, the damage
possibility values for D1 is hardly visible, whereas for D2 it is so small that it is not even visible.
It is because the possibility values for the excitation peak is very high. Similar to Figure 20c,d,
the damage-focused regions of Figure 21a,b are shown separately in Figure 22a,b, respectively.
The highest damage possibility region near the actuator–sensor locations has been left out of these
images, and the distributions around D1 and D2 are more visible now compared to surrounding regions.

Similarly, the damage possibilities from the other seven sensing paths were plotted and fused for
damage imaging. The high-possibility regions for each sensing pair were near the actuator–sensor
pairs, just as for the case of A8B8. The aggregate images without and with time compensation are
shown in Figure 23a,b, respectively. The time-compensated signals could accurately image both the
damage, whereas the localization of damage without compensation did not work for this case either.
It should be noticed that the high-possibility regions near each actuator–sensor pair disappeared in the
aggregate image. It is because the possibility values from other sensing pairs at these locations were
almost 0, which reduced the aggregate value to 0 using multiplication-based DIm(xi, yi). The individual
damage possibility values from all 8 sensing pairs and the aggregate value at damage locations based
on DIm(xi, yi) are presented in Table 1 for the pulse–echo configuration. Non-zero damage possibility
values from all sensing pairs existed at the damage locations, which made the non-zero aggregate
value appear only at the damage locations.
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Figure 21. Baseline-free damage possibilities in multiple damage scenario for sensing path A8B8:
(a) without time compensation; (b) with time compensation.

Figure 22. Damage-focused region of (a) Figure 21a; (b) Figure 21b.

Figure 23. Baseline-free aggregate damage image for multiple damage scenario in pulse–echo
configuration: (a) without time compensation; (b) with time compensation.
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Table 1. Possibilities of damage existence values at damage locations from all sensing pairs in
pulse–echo configuration.

Pair Location (mm) A1B1 A2B2 A3B3 A4B4 A5B5 A6B6 A7B7 A8B8 DIm
(
xi,yi

)
D1 (45, −45) 0.0073 0.0060 0.0032 0.0070 0.0024 0.0191 0.0155 0.0201 1.41 × 10−17

D2 (−30, 50) 0.0047 0.0325 0.0172 0.0205 0.0047 0.0064 0.0019 0.0073 2.30 × 10−17

5. Influence of Environmental Noise

It is essential to test the noise tolerance of the proposed method for the real-world signals, which
may be noisy and can influence the results when damage-scattered peaks are too small. The white noise
signals in Gaussian distribution were artificially added to the original damaged signals. A high value
of noise, i.e., signal-to-noise ratio (SNR) of 30 dB, was added to all the damaged signals, and envelopes
formed by the coefficient of CWT were reevaluated. The signals shown in Figure 20a,b are presented
again with SNR 30 dB in Figure 24a,b, respectively. A high influence of the noise in the signals can be
observed in damaged-focused region of these plots separately shown in Figure 24c,d, respectively.

Figure 24. (a) Damaged signal at A8B8 with signal-to-noise ratio (SNR) 30 dB; (b) coefficient of CWT
with (blue) and without (red) time compensation A8B8 with SNR 30 dB; (c) damage-focused region of
signal (a); (d) damage-focused region of signal (b).

The possibilities for damage existence for all sensing paths in the pulse–echo configuration were
evaluated with noisy signals and then fused to get the aggregate damage image. The results for
multiple damage scenario with noisy baseline-free signals are shown in Figure 25a,b, respectively,
without and with the time compensation. Although the noise has a little influence on the resolution of
damage imaging, the proposed method could still accurately locate both the damage, and also estimate
the severity of one damage with respect to the other damage.
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Figure 25. Baseline-free aggregate damage image for the multiple damage scenario in pulse–echo
configuration with SNR 30 dB: (a) without time compensation; (b) with time compensation.

6. Experimental Evaluation

The accuracy of the proposed method was further tested through experimental investigation
performed on an 800 × 800 × 1.5 mm3 aluminum plate with PZT wafers arranged in the form of two
square cells of 300 × 300 mm2 and 240 × 240 mm2, as shown in Figure 26a. The minimum size of
the damage that can be estimated using the Lamb wave should be equal to or greater than half of its
wavelength. For 383 kHz frequency excitation and 5.31 × 103 m/s group velocity, the wavelength
was about 14 mm, therefore, a damage was formed as a punch hole of 7 mm diameter located at
(−90, 30) mm. The size of each PZT wafer used in experiments was 5.4 mm diameter, and they
were made up of PSN-33 with a density of 7.70 × 103 kg/m3. The PZT wafers had a resonance
frequency of 383 kHz, and they could excite/sense the Lamb wave signals in radially outward directions.
The real-time laboratory setup of the experiment is shown in Figure 26b. The signal generator (RIGOL,
DG1022) was programmed to generate the excitation signal shown in Figure 3a. The signal was
amplified to 4.2 V using a power amplifier (KROHN-HITE, 7602M). The dynamic response signals
were recorded at each receiving transducer using a four-channel oscilloscope (LeCroy, LC574AL).
The response signals were captured over a sampling time of 200 µs at the sampling rate of 1 GHz.
In order to reduce the noise, each signal was acquired for an average of 500 times.

When A1 excited the Lamb wave signal, the damaged signal recorded at B1 is presented in
Figure 27a, which contains three fluctuations: excitation, damage-scattered, and edge-scattered.
Similarly, when A2 was excited, the recorded signal at B2 is presented in Figure 27b, which contains
two fluctuations: one is excitation fluctuation and another is damage-scattered overlapped with
edge-scattered. The envelopes of the coefficient of CWT for signals at A1B1 and A2B2 are presented
in Figure 27c,d, respectively. The time compensation was already made in the experimental signals
during the data recording as the oscilloscope was set to trigger or start recording when peak of the
voltage signal appears. The damage possibilities for sensing paths A1B1 and A2B2 are presented in
Figure 28a,b, respectively, along with actual size and location of damage D3. The damage-scattered
fluctuation in Figure 28b is overlapped with edge-scattered fluctuation, therefore it does not represent
the correct possibilities of damage existence. In the current experimental evaluation, the baseline
signals from the undamaged plate were not utilized, therefore the damage possibilities from sensing
pair A2B2 were not used in the aggregate damage imaging. Similarly, the damage possibilities for all
useful sensing paths in the pulse–echo configuration were evaluated and fused to get the aggregate
damage image, presented in Figure 29.
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Figure 26. Experimental evaluation: (a) schematic diagram; (b) laboratory setup.

Figure 27. (a) Damaged signal at A1B1; (b) damaged signal at A2B2; (c) coefficient of CWT at A1B1; (d)
coefficient of CWT at A2B2.

Figure 28. Possibilities of damage existence for sensing path: (a) A1B1; (b) A2B2.
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Figure 29. Aggregate damage image in pulse–echo configuration through experiments.

The results validate that the proposed method can locate the damage with relatively good accuracy
also through experimental data. The method proposes the arrangement of PZT transducers as a
network of square detection cells on a large structure. Since, the wave velocity and location of the plate
edges are already known, the total time for wave propagation can be calculated accordingly to avoid
the edge scatterings for all the central cells. For detection cells near the physical boundary, there may
be both the damage-scattered and edge-scattered fluctuations, which can be identified separately as
shown in Figure 27a for sensing pair A1B1.

In a rare case, when distances between damage location and receiver and plate’s edge and receiver
are same for one of the sensing pairs, the damage-scattered and edge-scattered fluctuation may overlap,
as shown in Figure 27b for sensing pair A2B2. The possibilities of damage existence from such sensing
paths where the damage scatterings are weak and overlapped with incident waves or edge scatterings
can be ignored in the aggregate damage imaging. Alternatively, the baseline can be used for cells near
the physical boundary of the plate in practical applications.

7. Discussion of Results

Two different excitation configurations, pitch–catch and pulse–echo, and damage index based on
two different image fusion schemes, compromised fusion DIa(xi, yi) and conjunctive fusion DIm(xi, yi),
were tested in the proposed method. The results presented in Figures 10 and 11 verified that the
pulse–echo configuration with the conjunctive fusion scheme was most suitable for the proposed method.
The pulse–echo configuration was also computationally inexpensive as it provided better accuracy
with only 8 excitations compared to the pitch–catch configuration with 28 excitations.

The comparison of signals presented for pulse–echo configuration in Figures 8, 13, 17 and 20
with pitch–catch configuration signals presented in Figure 7 showed that the damage scatterings
were much stronger than the edge scatterings in case of pulse–echo configuration, whereas the edge
scatterings were stronger in case of pitch–catch configuration, for the same size of damage in both cases.
This made the high-possibilities region appear at the edge location instead of the damage location
during pitch–catch estimation, as shown in Figure 9a. This is one of the reasons why inaccuracies
appeared in damage estimation based on the pitch–catch configuration.

The damage possibilities envelopes defined by the coefficient of CWT were normalized in order to
range the possibility values from minimum 0 to maximum 1. The damage index DIm(xi, yi) produced
better estimation of the damage region because it is based on the multiplication of the possibility values
at grid points from each sensing path. When the damage possibilities for an individual path were
too high at a non-damaged location, it still reduced to zero in the aggregate image when multiplied
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with the values from other sensing paths at the same region. The non-zero values of possibility
in the aggregate image appeared only at the damage location because the values from all sensing
paths were non-zero at that location. For the same reason, DIm(xi, yi) worked well even when the
damage-scattered fluctuations were too small compared to the excitation fluctuation S0 for baseline-free
signals in Figure 20. Although, the damage-scattered peaks and damage possibilities were too small for
an individual sensing path, all the higher-value regions disappeared in the aggregate image because
values from other paths at those locations were 0, leaving behind only the damage region having a
non-zero contribution from all sensing paths, as evident from Figure 23b.

The results presented in Figures 19b and 23b indicated that multiple damage could be accurately
estimated with and without the baseline signals. The method could not only accurately locate the
damage but also provided the severity of each damage with respect to the other. In these imaging
results, the damage D2 of 12 mm diameter appeared to have a higher possibility values than the smaller
damage D1 of 10 mm diameter. It made the damage image for D2 more severe in intensity and extent
than that of D1.

The damage index was based on CWT signals, which have a better signal-to-noise ratio and can
extract the time–frequency characteristics exactly from the noisy real-world signals. That is why CWT
could process the Lamb signals directly from the damaged plate without a baseline signal from an
undamaged plate. In the proposed pulse–echo configuration, the damage-scattered peaks in CWT
envelopes were much more dominant than other peaks, therefore any additional noise in real-world
problems would still ensure that the damage-scattered peaks have the maximum value of 1 in the CWT
envelopes for accurate damage estimation.

Generally, the Lamb waves are dispersive in nature, which causes an error in determining
its characteristics. The time compensation equal to the half period of the excitation signal is valid
when the Lamb waves are not dispersive. In case of a large dispersion, the wave signal will have
more packets than the excitation after a certain propagation distance, and the time compensation
will be larger than the half period of the excitation signal. CWT is also useful as it can suppress the
dispersive nature of the Lamb waves and can also accurately process noisy signals. Furthermore,
a lower frequency of the excitation signal was chosen in this method, and in the lower-frequency range
of dispersion curves shown in Figure 5, the Lamb waves were less dispersive and the S0 mode was
well separated from the A0 mode.

8. Conclusions

A damage estimation method based on coefficient of CWT of the normalized damage-scattered
signals is proposed in this research. The possibilities of damage existence are defined by the envelopes
of coefficient of CWT without the need of any additional parameter, which makes it simple and
easy to implement. In order to avoid the mismatch between actual damage location and maximum
possibility peak in CWT envelopes, a time compensation equal to the half period of the original
excitation signal is required in all the CWT signals. The proposed method can be used to estimate
the multiple damage scenario with difference signals and also with damaged signals without the
baseline. The pulse–echo excitation configuration with the damage index based on the conjunctive
fusion scheme provides the best estimation with fewer excitations. Due to being baseline-free and
accurate with fewer excitations compared to existing methods, the propose method is computationally
inexpensive for on-line monitoring, which can reduce the evaluation cost and time during in situ SHM.
Many large modern structures have PZT transducers already embedded in them for a continuous
SHM during their service life. In the proposed method, the PZT transducers can be arranged as a
network of square detection cells on a large structure, and multiple damage inside each of the cells
can be estimated separately. Each of the actuator–sensor pairs should be in a close vicinity, and the
excitation frequency should in the lower range of the dispersion curves. There may also be additional
fluctuations in the dynamic response signals caused by the geometric discontinuities. However,
the location of the geometric discontinuities, such as a stiffener or plate edges, are already known,
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therefore it is easy to identify the fluctuations caused by the scattering from those discontinuities in the
time domain. The proposed method can be applied for the estimation of corrosion damage in large
metallic plate-like structures.

Author Contributions: Conceptualization, M.S.H., Z.L., and K.Z.; formal analysis, M.S.H.; funding acquisition,
Z.L.; investigation, M.S.H., Z.L., and K.Z.; methodology, M.S.H., Z.L., and K.Z.; project administration, Z.L.;
resources, Z.L.; software, M.S.H.; supervision, Z.L.; validation, M.S.H., Z.L., and K.Z.; writing—original draft,
M.S.H.; writing—review and editing, M.S.H., Z.L., and K.Z. All authors have read and agreed to the published
version of the manuscript.

Funding: This work was funded by the National Natural Science Foundation of China under grant nos. 11672004
and 11521202.

Conflicts of Interest: The authors declare no conflict of interest.

References

1. Qing, X.; Li, W.; Wang, Y.; Sun, H. Piezoelectric transducer-based structural health monitoring for
aircraft applications. Sensors 2019, 19, 545. [CrossRef]

2. Hameed, M.S.; Li, Z.; Chen, J.; Qi, J. Lamb-Wave-Based Multistage Damage Detection Method Using an
Active PZT Sensor Network for Large Structures. Sensors 2019, 19, 2010. [CrossRef] [PubMed]

3. Su, Z.; Ye, L. Identification of Damage Using Lamb Waves; Springer: London, UK, 2009; ISBN 978-90-481-9808-5.
4. Mei, H.; Haider, M.; Joseph, R.; Migot, A.; Giurgiutiu, V. Recent Advances in Piezoelectric Wafer Active

Sensors for Structural Health Monitoring Applications. Sensors 2019, 19, 383. [CrossRef] [PubMed]
5. Plonka, G.; Potts, D.; Steidl, G.; Tasche, M. Numerical Fourier Analysis; Birkhäuser: Basel, Switzerland, 2018.
6. Niethammer, M.J.; Jacobs, L. Time-frequency representations of Lamb waves. J. Acoust. Soc. Am. 2001,

109, 1841–1847. [CrossRef] [PubMed]
7. Chen, B.; Zhao, S.L.; Li, P.Y. Application of hilbert-huang transform in structural health monitoring:

A state-of-the-art review. Math. Probl. Eng. 2014. [CrossRef]
8. De Marchi, L.; Marzani, A.; Caporale, S.; Speciale, N. Ultrasonic guided-waves characterization with warped

frequency transforms. IEEE Trans. Ultrason. Ferroelectr. Freq. Control. 2009. [CrossRef]
9. Hua, J.; Lin, J.; Zeng, L. High-resolution damage detection based on local signal difference coefficient model.

Struct. Health Monit. 2015, 14, 20–34. [CrossRef]
10. Chen, J.; Li, Z.; Gong, K. Nondestructive testing method based on lamb waves for localization and extent

of damage. Acta Mech. Solida Sin. 2017, 30, 65–74. [CrossRef]
11. Liu, Y.; Li, Z.; Zhang, W. Crack detection of fibre reinforced composite beams based on continuous

wavelet transform. Nondestruct. Test. Eval. 2010, 25, 25–44. [CrossRef]
12. Zheng, K.; Li, Z.; Ma, Z.; Chen, J.; Zhou, J.; Su, X. Damage detection method based on Lamb waves for

stiffened composite panels. Compos. Struct. 2019, 111137. [CrossRef]
13. Hameed, M.S.; Li, Z. Transverse Damage Localization and Quantitative Size Estimation for Composite

Laminates Based on Lamb Waves. IEEE Access 2019, 7, 174859–174872. [CrossRef]
14. Sohn, H.; Park, G.; Wait, J.R.; Limback, N.P.; Farrar, C.R. Wavelet-based active sensing for delamination

detection in composite structures. Smart Mater. Struct. 2004. [CrossRef]
15. Leonard, K.R.; Malyarenko, E.V.; Hinders, M.K. Ultrasonic Lamb wave tomography. Inverse Probl. 2002,

18, 1795. [CrossRef]
16. Malinowski, P.; Wandowski, T.; Trendafilova, I.; Ostachowicz, W. A phased array-based method for damage

detection and localization in thin plates. Struct. Health Monit. 2009. [CrossRef]
17. Sharif-Khodaei, Z.; Aliabadi, M.H. Assessment of delay-and-sum algorithms for damage detection in

aluminium and composite plates. Smart Mater. Struct. 2014. [CrossRef]
18. Michaels, J.E. Detection, localization and characterization of damage in plates with an in situ array of spatially

distributed ultrasonic sensors. Smart Mater. Struct. 2008, 17. [CrossRef]
19. Lu, G.; Li, Y.; Wang, T.; Xiao, H.; Huo, L.; Song, G. A multi-delay-and-sum imaging algorithm for damage

detection using piezoceramic transducers. J. Intell. Mater. Syst. Struct. 2017, 28, 1150–1159. [CrossRef]
20. Liu, K.; Ma, S.; Wu, Z.; Zheng, Y.; Qu, X.; Wang, Y.; Wu, W. A novel probability-based diagnostic imaging

with weight compensation for damage localization using guided waves. Struct. Health Monit. 2016,
15, 162–173. [CrossRef]

http://dx.doi.org/10.3390/s19030545
http://dx.doi.org/10.3390/s19092010
http://www.ncbi.nlm.nih.gov/pubmed/31035679
http://dx.doi.org/10.3390/s19020383
http://www.ncbi.nlm.nih.gov/pubmed/30669307
http://dx.doi.org/10.1121/1.1357813
http://www.ncbi.nlm.nih.gov/pubmed/11386539
http://dx.doi.org/10.1155/2014/317954
http://dx.doi.org/10.1109/TUFFC.2009.1305
http://dx.doi.org/10.1177/1475921714546060
http://dx.doi.org/10.1016/j.camss.2016.06.001
http://dx.doi.org/10.1080/10589750902744992
http://dx.doi.org/10.1016/j.compstruct.2019.111137
http://dx.doi.org/10.1109/ACCESS.2019.2957515
http://dx.doi.org/10.1088/0964-1726/13/1/017
http://dx.doi.org/10.1088/0266-5611/18/6/322
http://dx.doi.org/10.1177/1475921708090569
http://dx.doi.org/10.1088/0964-1726/23/7/075007
http://dx.doi.org/10.1088/0964-1726/17/3/035035
http://dx.doi.org/10.1177/1045389X16666184
http://dx.doi.org/10.1177/1475921715627491


Appl. Sci. 2020, 10, 8610 23 of 23

21. Motamed, P.K.; Abedian, A.; Nasiri, M. Optimal sensors layout design based on reference-free damage
localization with lamb wave propagation. Struct. Control. Health Monit. 2020, 27, 1–19. [CrossRef]

22. De Luca, A.; Perfetto, D.; de Fenza, A.; Petrone, G.; Caputo, F. Guided wave SHM system for damage
detection in complex composite structure. Appl. Fract. Mech. 2020, 105, 102408. [CrossRef]

23. Azuara, G.; Barrera, E.; Ruiz, M.; Bekas, D. Damage Detection and Characterization in Composites Using a
Geometric Modification of the RAPID Algorithm. IEEE Sens. J. 2020, 20, 2084–2093. [CrossRef]

24. Wang, S.; Wu, W.; Shen, Y.; Liu, Y.; Jiang, S. Influence of the pzt sensor array configuration on lamb
wave tomography imaging with the rapid algorithm for hole and crack detection. Sensors 2020, 20, 860.
[CrossRef] [PubMed]

25. Liu, Y.; Zhou, S.; Ning, H.; Yan, C.; Hu, N. An inverse approach of damage identification using lamb
wave tomography. Sensors 2019, 19, 2180. [CrossRef] [PubMed]

26. Rao, J.; Ratassepp, M.; Lisevych, D.; Caffoor, M.H.; Fan, Z. On-line corrosion monitoring of plate structures
based on guided wave tomography using piezoelectric sensors. Sensors 2017, 17, 2882. [CrossRef]

27. Liu, G.; Xiao, Y.; Zhang, H.; Ren, G. Elliptical ring distribution probability-based damage imaging method
for complex aircraft structures. J. Vibroeng. 2017, 19, 4936–4952. [CrossRef]

28. Wu, Z.; Liu, K.; Wang, Y.; Zheng, Y. Validation and evaluation of damage identification using probability-based
diagnostic imaging on a stiffened composite panel. J. Intell. Mater. Syst. Struct. 2015, 26, 2181–2195. [CrossRef]

29. Zhou, C.; Su, Z.; Cheng, L. Quantitative evaluation of orientation-specific damage using elastic waves and
probability-based diagnostic imaging. Mech. Syst. Signal. Process. 2011, 25, 2135–2156. [CrossRef]

30. Wang, D.; Ye, L.; Su, Z.; Lu, Y.; Li, F.; Meng, G. Probabilistic damage identification based on correlation
analysis using guided wave signals in aluminum plates. Struct. Health Monit. 2010, 9, 133–144. [CrossRef]

31. Lee, Y.; Cho, Y. An investigation on a quantitative tomographic shm technique for a containment liner plate
in a nuclear power plant with guided wave mode selection. Sensors 2019, 19, 2819. [CrossRef]

32. Sheen, B.; Cho, Y. A study on quantitative lamb wave tomogram via modified RAPID algorithm with shape
factor optimization. Int. J. Precis. Eng. Manuf. 2012, 13, 671–677. [CrossRef]

33. Zhao, X.; Gao, H.; Zhang, G.; Ayhan, B.; Yan, F.; Kwan, C.; Rose, J.L. Active health monitoring of an
aircraft wing with embedded piezoelectric sensor/actuator network: I. Defect detection, localization and
growth monitoring. Smart Mater. Struct. 2007, 16, 1208–1217. [CrossRef]

34. Su, C.; Jiang, M.; Liang, J.; Tian, A.; Sun, L.; Zhang, L.; Zhang, F.; Sui, Q. Damage localization of composites
based on difference signal and lamb wave tomography. Materials 2020, 13, 218. [CrossRef] [PubMed]

35. Hu, B.; Hu, N.; Li, L.; Li, W.; Tang, S.; Li, Y.; Peng, X.; Homma, A.; Liu, Y.; Wu, L.; et al. Tomographic
reconstruction of damage images in hollow cylinders using Lamb waves. Ultrasonics 2014, 54, 2015–2023.
[CrossRef] [PubMed]

36. Dai, W.; Wang, X.; Zhang, M.; Zhang, W.; Wang, R. Corrosion monitoring method of porous aluminum alloy
plate hole edges based on piezoelectric sensors. Sensors 2019, 19, 1106. [CrossRef]

Publisher’s Note: MDPI stays neutral with regard to jurisdictional claims in published maps and institutional
affiliations.

© 2020 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1002/stc.2490
http://dx.doi.org/10.1016/j.tafmec.2019.102408
http://dx.doi.org/10.1109/JSEN.2019.2950748
http://dx.doi.org/10.3390/s20030860
http://www.ncbi.nlm.nih.gov/pubmed/32041159
http://dx.doi.org/10.3390/s19092180
http://www.ncbi.nlm.nih.gov/pubmed/31083470
http://dx.doi.org/10.3390/s17122882
http://dx.doi.org/10.21595/jve.2017.17337
http://dx.doi.org/10.1177/1045389X14549873
http://dx.doi.org/10.1016/j.ymssp.2011.02.001
http://dx.doi.org/10.1177/1475921709352145
http://dx.doi.org/10.3390/s19122819
http://dx.doi.org/10.1007/s12541-012-0087-2
http://dx.doi.org/10.1088/0964-1726/16/4/032
http://dx.doi.org/10.3390/ma13010218
http://www.ncbi.nlm.nih.gov/pubmed/31947940
http://dx.doi.org/10.1016/j.ultras.2014.05.011
http://www.ncbi.nlm.nih.gov/pubmed/24908541
http://dx.doi.org/10.3390/s19051106
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Damage Estimation Method Based on CWT 
	Normalized Coefficient of CWT 
	Time Compensation 
	Imaging Algorithm 

	Implementation Using the Difference Signals 
	Finite Element Simulation Model 
	Dispersion Curves 
	Excitation Configurations 
	Single Damage Scenario 
	Effect of Time Compensation 
	Multiple Damage Scenario 

	Implementation Using the Damaged Signals 
	Influence of Environmental Noise 
	Experimental Evaluation 
	Discussion of Results 
	Conclusions 
	References

