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Abstract: Small food businesses have difficulty accessing banks for financing. The growth of the
sharing economy through financial technology (FinTech) makes it possible for small enterprises
to receive access for credit. However, not all small business owners want to receive financing
from FinTech companies. This study aims to analyze factors affecting FinTech adoption in small
enterprises and its impact on business sustainability. The modified UTAUT 2 model was applied in
this study. There were 184 small food business owners participating as respondents. To analyze the
causal relationship between variables, Structural Equation Modeling (SEM) was implemented. The
results of the research found that knowledge, safety perceptions, performance expectations, social
influence, facilitation conditions and price values affect FinTech adoption by small food business
owners. Moreover, FinTech adoption influences small food business sustainability. Several important
recommendations for researchers, the FinTech industry and policy makers are formulated.

Keywords: FinTech; adoption; small food businesses; business sustainability; financing; Indonesia

1. Introduction

Small businesses have become an important part of economic activity in devel-
oping countries, especially in creating jobs and reducing poverty [1,2]. According to
Abadli et al. [3], governments in developing countries recognize the important role of
small and medium enterprises in national economic development. Moreover, small food
businesses can contribute more for achieving Sustainable Development Goals (SDGs),
namely zero hunger, environmental protection and providing safety in food [4,5]. However,
small food businesses still face unfinished obstacles to growing and expanding their roles
and contributions. Several problems that still exist in small business are financial limitation,
a lack of technology and human capital [6]. In addition, small business owners still have
limitations to access financing from the bank or other formal financial institutions [7–9].

Small and Medium Enterprises (SMEs) are estimated to contribute 55 percent of GDP to
countries that are members of economic cooperation and development organizations, while
employment opportunities provide 60 percent worldwide [9]. Therefore, the economic
benefits of increasing SMEs’ access to the financial sector can be very important [10]. The
growth of financial technology (FinTech) business provides an opportunity for small food
business owners to access financing and develop their business capacity [11]. One of
the FinTech services that is currently growing rapidly is peer-to-peer (P2P) lending. In
2019, the global P2P lending market size will be $67.93, and by 2027 it is projected to
reach $558.91 billion with a compound annual growth rate (CAGR) of 29.7% from 2020
to 2027 [12]. In Indonesia, the growth of FinTech lending loans is projected at 214% over
2018–2020 [13].
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P2P lending platforms can eliminate the need for banks to act as intermediaries, as
they provide an online marketplace suitable for investors willing to lend with borrow-
ers looking for loans [14]. Basically, P2P lending is not a new business model, since in
traditional ways people were commonly implementing lending and borrowing without
an intermediary [15,16]. However, in the era of the industrial revolution 4.0, P2P lending
companies acted as intermediaries to facilitate investor interests with the desire to be
borrowed to become feasible with FinTech. P2P lending in the industrial era 4.0 has taken
advantage of digital technology, which allows simpler processes to reduce costs, enabling
the use of electronic contracts; the diversification of investors to reduce credit risk; and the
use of further information in credit scoring so that the credit disbursement process is also
faster [16].

P2P lending as part of financial innovation has a positive impact on the operation and
productivity of small business [16–18]. The most important role of FinTech is that FinTech
can improve financial access for small businesses that cannot be covered by banks or other
formal financial institutions [19,20]. FinTech is suitable for small businesses because it does
not need to provide collateral to access funding [21–23]. In addition, P2P lending has the
advantage of providing loans with lower interest rates and without collateral to borrowers,
while lenders get high returns on investment [23–25].

Although the existence of FinTech can be beneficial for small business owners, not all
small business owners are willing to use FinTech financing [26]. The reasons for this are still
controversial, such as insufficient knowledge about FinTech, miss perception and feeling
insecure or having no confidence to use FinTech [6]. Overall, the barriers for small business
owners to adopt FinTech are almost the same as those of other innovation adoptions,
namely their resistance to change, so they are reluctant to adopt new technologies including
financial innovation such as FinTech [27,28]. In short, although FinTech has the potential
to improve financial access for small entrepreneurs, there is not much knowledge about
the FinTech adoption process by small business owners, especially in P2P lending [28].
Therefore, the research question is: what factors influence the adoption of FinTech in
small businesses?

The Unified Theory of Acceptance and Use of Technology (UTAUT2) is a popular
contemporary adoption theory that is useful for analyzing the determinants of intention to
use new technology [29]. Although it is useful to explain the technology adoption model at
the individual level, UTAUT 2 has many deficiencies in explaining the technology adoption
factors at the enterprise level [30,31]. As mentioned by many previous studies [32,33], SMEs
have limitations in adopting new innovations due to a lack of human capital, insufficient
knowledge and the mindset of owners who resist change. Therefore, the modified UTAUT2
should recognize such variables to improve the explanatory power of the model. Our
second research question is: can modified UTAUT 2 increase the predictive power of small
business adoption of FinTech?

This study identifies and analyzes the determinants of small business owners to adopt
FinTech P2P lending by applying the updated UTAUT2 model. In addition, because the
purpose of FinTech adoption is to increase financial and business capacity, this study
also identifies the role of FinTech adoption on the sustainability of small businesses. The
third research question in this study is: can FinTech adoption affect the sustainability of
small businesses? As mentioned by Pizzi et al. [20], that the limitations of the existing
literature are not sufficient to prove the relationship between FinTech and sustainable
business, especially for small business actors, what is new in this study is finding the
impact of FinTech P2P lending on the sustainability of small food business. Overall, this
study will propose a comprehensive model of FinTech P2P lending adoption by small food
business owners.
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2. Literature Review
2.1. FinTech and P2P Lending

The industrial revolution 4.0 has had an impact on many sectors in business. Financial
service is one of the sectors that support the progress of industry 4.0, namely the emergence
of FinTech [20]. FinTech is developing rapidly in a variety of different contexts, delivering
new innovations in products and services using contemporary technology [34,35]. FinTech
consists of applications that have large-scale machines that use the internet of things (IoT)
for financial convenience [36]. Meanwhile, Haddad and Hornuf [37] define FinTech as a
financial facility that uses digital technology in providing its products and services. The
existence of FinTech can reduce the financing gap for small enterprises by introducing
new business models based on information technology, as well as improving services from
existing financial institutions [25,37]. In addition, the emergence of FinTech has led to the
disintermediation of financial services, and the need for risk protection for consumers and
investors [36,38].

P2P lending is one of the FinTech services that is currently growing rapidly [39,40].
P2P lending is often referred to as marketplace lending or crowd lending, which is one of
the main forms of crowd funding [41,42]. Due to the rapid advancement of information
technology and the difficulty of small businesses in receiving credit from banks, P2P
lending platforms received a positive response in the SMEs’ financing market [39,42]. P2P
lending itself includes financing sourced from crowd funding and financial institutions,
which can be channeled to small businesses or consumers. So, P2P lending can be said to
be a financing model, namely a multi-sided platform that can facilitate financial institutions
and small investors to fund startups and small businesses. P2P platforms have brought
together individual investors with small business firms, and usually offer credit on a variety
of systems other than the interest system [43,44].

2.2. Factor Affecting FinTech Adoption by Small Business

When someone is offered a technological innovation product and learns to use that
technology, it has an impact on their performance. Then they will adopt the new technology
in the future, with the hope that its performance will increase [31]. Najib and Fahma [6] also
found that performance expectations were a key factor influencing small food processing
businesses to adopt digital payment systems. In terms of FinTech adoption, expectations of
better performance from small businesses will also affect FinTech adoption. Therefore, the
hypothesis proposed in this study is:

Hypothesis 1 (H1). Performance expectations have a positive effect on FinTech adoption.

Consumers can accept new technology if it is perceived as user-friendly and easy to
use, so that they can easily adopt it quickly. Najib and Fahma [6] also found that among
small business owners, the ease in using digital payment systems makes it easier for them
to adopt. Several previous studies [31,45,46] have shown that when consumers choose to
compare the latest technology options with the latest technology and find that the latest
technology has advantages in its use, their interest in adopting the technology increases.
Previous research has also shown that perceived use directly affects adoption rates [31,47].
Referring to the empirical findings, the research hypothesis is:

Hypothesis 2 (H2). Effort expectancy positively influences FinTech adoption.

Social influence is a person’s response to receiving approval to do certain things by
the immediate environment [31]. The influence of social factors actually comes from the
behavioral attitude theories developed by Fishbein and Ajzen [48]. Given the importance
of this variable in influencing the adoption process, it is included as a predictor in the
UTAUT model and re-validated in the UTAUT2 model [31]. In addition, research related to
the use of FinTech in the context of private banking customers in India found that social
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influence has a positive effect on FinTech adoption [49]. In the context of Indonesia, the
adoption of new technology by consumers was affected by social factors [6]. We argue
that this also applies to the adoption behavior of small business owners in Indonesia in the
context of FinTech adoption. Therefore, the hypothesis proposed in the study is:

Hypothesis 3 (H3). Social factors have a positive effect on FinTech adoption.

Facilitation conditions are part of consumer perceptions in the form of support and
available resources to carry out an activity [46,50]. Facilitating conditions also explain
the extent to which users or consumers believe that providers, with the support of their
own technical and organizational infrastructure, can assist in the use of new technologies,
products and services [51,52]. In the context of developing countries, the availability of
adequate facilitation conditions has an influence on the new technology adoption. Research
by Khan et al. [53] in Pakistan provides empirical evidence that facilitation conditions have
a positive effect on online banking adoption. In the case of P2P lending through FinTech,
we argue that consumers in Indonesia still consider the condition of facilitation as a
determinant variable in its adoption. The hypotheses proposed in this study are:

Hypothesis 4 (H4). Facilitation conditions have a positive effect on FinTech adoption.

Hedonic motivation is the preferred desire in the use of technology, and this has
proven to be a determining factor in the process of recognizing and adopting new technol-
ogy [47,54]. Research by Zeba et al. [55] proved that hedonic motivation was able to adopt
consumers towards the online purchasing process in the case of the airline industry. In
addition, hedonic motivation is also an intrinsic factor that makes technology users like
FinTech cognitively attached to a platform [51]. The hypotheses proposed in this study are:

Hypothesis 5 (H5). Hedonic motivation positively influences FinTech adoption.

The value of price is related to the cognitive characteristics of consumers, where
consumers always calculate rationally between the costs incurred and the benefits they
feel [51]. In the adoption process of P2P lending channeled through FinTech, consumers
will calculate and consider the cost of funds that arise [21], as this will have a direct impact
on their company’s finances. Empirical research conducted by Khan et al. [53], noted that
in the context of online banking adoption in Pakistan as a developing country, the price
value has a positive effect on adoption. We argue that in the Indonesian context, FinTech
adoption is also influenced by price value. Therefore, the hypothesis proposed in this
study is:

Hypothesis 6 (H6). The price value positively influences FinTech adoption.

In the UTAUT2 model, Venkatesh et al. [31] explained that habits reflect how con-
sumers tend to act in a structured manner, which results from repeated learning; this means
that behavior is influenced by repetitive activities that become habits. Previous research
has shown that habit influences adoption behavior [55]. Moreover, research conducted
by Chang et al. [54] mentioned that a consumer’s habit has an impact on use behavior
significantly. Hence, the hypothesis of this study is as follows:

Hypothesis 7 (H7). Habit behavior has positive impact on FinTech adoption.

The knowledge variable is closely related to one’s technology adoption behavior, as the
process of adopting new technology generally requires special knowledge and skills [56].
In order to adopt P2P lending through FinTech, knowledge and ability to use a computer
or smartphone connected to the internet is required [57]. Good knowledge of FinTech and
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P2P lending will make it easier for consumers to adopt FinTech P2P lending as a source of
financing [57,58]. Hence, the hypothesis of this study is as follows:

Hypothesis 8 (H8). Knowledge has positive impact on FinTech adoption.

In the context of business related to finance, security perceptions reflect consumers’
perceptions of the uncertainty that the system can carry out transactions safely [59,60].
FinTech is a relatively new thing in Indonesia, especially for small entrepreneurs [6].
Concerns about the use of FinTech arise due to news about financial crimes committed
through FinTech—this increases the perceived risk involved in using FinTech. Perceived
risk has a negative impact on technology adoption [61,62], so that many consumers fall
into the late adopter category in terms of adopting new technology as they perceive this
risk [63,64]. Conversely, perceptions about the security of the transaction system through
the FinTech platform will have a positive influence on adoption [65]. Based on the existing
literature, the hypothesis proposed in this study is:

Hypothesis 9 (H9). Perceived security has a positive influence on FinTech adoption.

2.3. FinTech Adoption and Business Sustainability

In competitive situations, small businesses often find it difficult to survive [66]. This
is partly due to the weakness of small businesses in terms of innovation, and a lack of
capacity in developing their organizations [32]. Several previous studies noted that the
factor of limited capital is the main inhibiting factor for small businesses to innovate
and increase their capacity, which thus has a negative impact on the continuity of their
business [13,34]. The existence of FinTech provides a friendlier alternative financing model
for small business actors [67]. Therefore, the adoption of FinTech by small businesses
should be able to increase the organizational capacity, enabling them to compete and
survive in competition so that their business can be sustainable. Therefore, in this study
we propose the following hypothesis:

Hypothesis 10 (H10). FinTech adoption influences business sustainability.

Based on the literature and the development of hypotheses as previously described, an
initial model of the factors that influence FinTech adoption and their influence on business
sustainability is compiled (see Figure 1).

Figure 1. Initial model for FinTech adoption by small business.
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3. Methods

The purpose of this study is to identify and analyze the determinants of small business
owners to adopt FinTech P2P lending by applying the updated UTAUT2 model. In addition,
because the purpose of FinTech adoption is to increase financial and business capacity,
this study also wants to identify the role of FinTech adoption in the sustainability of small
businesses. We formulated the following research questions: (1) what factors affect FinTech
adoption in small business?; (2) can modified UTAUT 2 improve the predictive power of
FinTech adoption by small business?; and (3) does FinTech adoption affect small business
sustainability? To answer these questions, we adopted a survey method. As mentioned
by Chin and Newsted [68], the survey method is suitable for estimating behavior and
relationships between variables. In addition, according to Huang and Benyoucef [69], there
have been many studies using survey methods to measure behavior changes in social and
e-commerce studies.

3.1. Survey Instrument

The measurement tools in this research were adopted from Venkatesh et al. [31], with
several developments. From the UTAUT2 model we adopted eight latent variables: effort
expectancy; facilitating condition; social influence; price value; habit behavior; performance
expectancy; and hedonic motivation FinTech adoption. Several new latent variables have
been added, namely knowledge, perceived security and business sustainability, so that
the total indicator variables in the questionnaires is 35. A five-point Likert scale (strongly
disagree = 1, strongly agree = 5) was applied for all items. To ensure the validity of the
contents of the measurement scale, we conducted an extensive literature review and con-
sulted several experts in the field. The consultation in the formulation of the questionnaire
involved five experts, namely two FinTech experts, two small business experts and one
consumer behavior expert.

3.2. Data Collection

Sampling was done by using purposive technique with the criteria: 1. Owner of a
small food business; 2. Having had interaction with FinTech; and 3. Located in Jakarta and
surrounding area. Questionnaires are distributed to owners of small businesses through
online surveys with the help of Google Form. In the context of FinTech adoption research,
using online surveys to collect the data is relevant. Moreover, due to their ease of formation
and wide reach, online surveys are more advantageous [70].

Regarding the number of samples, this study follows the rule of thumb of the SEM tool,
where the sample size is 5–10 times the number of indicators. [71,72]. Since the number
of indicators in this study was 35, the minimum sample must be 175. We distributed
questionnaires to 200 participants. Then, the incoming questionnaire was checked again,
cleaned, and incomplete questionnaire entries were not included in data processing. There
are 184 samples that can be processed further after the cleaning process.

3.3. Data Analysis

The Structural Equation Modeling (SEM) was applied in research for testing between
latent variables. SEM is a data analysis technique that can test a series of relatively complex
relationships that are built simultaneously between the independent and the dependent
variable, where each variable can be built from several indicators [72]. SEM aims to
estimate the relationship between variables contained in a model, both between indicators
in a variable, and the relationship between latent variables [71]. SEM is an approach that
integrates two analyses, namely factor analysis and regression analysis. For two-stage
SEM analysis, we first test the measurement model in the form of construct validity and
reliability of each indicator; and second, test the structural model to determine whether
there is influence between variables or correlation between constructs [73].
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4. Research Findings
4.1. Respondent Profile

The dominant male gender were respondents in the study (68.5%). This is in accor-
dance with the characteristics of small businesses in Indonesia, where the majority of
entrepreneurs are dominated by men [6]. Furthermore, small food businesses are domi-
nated by entrepreneurs who are less than 40 years old (66.9%), with the highest education
levels being senior high school (42.9%) and junior high school (33.7%). 87% of respondents
have been in business for fewer than five years.

In terms of business size, the majority of respondents (53.3%) in this study (see Table 1)
had a sales value of less than 25 million rupiah per month, or less than 300 million rupiah
per year. Overall, the respondents in this study met the micro and small business category,
based on Indonesian regulations. The majority of respondents in this study (60.9%) had
received financing from P2P lending through FinTech. Meanwhile, the three main reasons
they proposed financing from FinTech were for the purchase of raw materials (89.1%), for
operational costs (77.7%) and for increased production capacity (71.7%).

Table 1. Characteristic of respondent.

Characteristic Criteria Frequency
(n = 184) Percentage (%)

Gender
Male 126 68.5

Female 58 31.5

Age

<30 54 29.4

30–40 69 37.5

41–50 42 22.8

>50 19 10.3

Education

Junior high school 62 33.7

Senior high school 79 42.9

Bachelor 43 23.4

Length of business

<2 years 82 44.6

2–5 years 78 42.4

>5 years 24 13.0

Sales value

<25 million IDR/month 98 53.3

25–50 million IDR/month 56 30.4

>50 million IDR/month 30 16.3

Experience using
FinTech P2P lending

One times 112 60.9

2 times 49 26.6

>2 times 23 12.5

Reason to use FinTech
P2P Lending (*)

- to increase
production capacity

- to purchase equipment
- to purchase raw material
- to increase operational cost
- to increase marketing cost
- Others

132
67
164
143
55
49

71.7
36.4
89.1
77.7
29.9
26.6

(*) Respondent may answer more than one option.

4.2. Measurement Model

The research instruments were tested for the reliability of the AMOS application in
the form of composite reliability and Cronbach’s alpha, while the instrument validity was
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tested with convergent validity and discriminant validity. For all items, the loading factor
has a value greater than 0.70, which means a good indicator. The Cronbach alpha value
of composite reliability for all scales is greater than the smallest threshold of 0.70, which
means that all scales are reliable (see Table 2). The square root value of the extract of mean
variation (AVE) of convergent validity was obtained at a number higher than the cut-off
level (0.70), which means that all scales are reliable (see Table 2). The discriminant validity
by Fornell and Larcker’s test shows that the extracted variance is relatively high for each
factor, compared to the inter-scale correlation, indicating that the nine constructs are valid
(see Table 3).

Table 2. Loading factor.

Variables Loading Factor AVE Comp.
Reliability Cronbach’s α

Performance expectancy 0.757 0.798 0.911

• Service process of FinTech is faster 0.840

• FinTech service make it easy to connect
with investor 0.853

• FinTech platform make it easy to
connect with lender 0.863

• FinTech platform make it easy to
monitor transaction 0.862

Effort expectancy (EE) 0.823 0.776 0.907

• Learning how to use a FinTech platform
is easy for me 0.851

• Financing procedures is clear and
understandable 0.842

• I find it easy to propose financing in
FinTech company 0.861

• FinTech platform is easy to be used 0.835

Social influence (SI) 0.811 0.823 0.921

• People who are important to me think I
must use FinTech 0.813

• People who influence my behavior think
I should use FinTech 0.821

• People whose opinions that I value
prefer I use FinTech 0.811

Facilitation condition (FC) 0.740 0.725 0.843

• I have the resources necessary to use a
FinTech platform 0.772

• FinTech system is compatible with our
business model 0.761

• I can get help from others when I have
difficulties 0.733

Hedonic motivation (HM) 0.797 0.732 0.876

• Using FinTech platform is fun 0.782

• Using FinTech platform is enjoyable 0.784
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Table 2. Cont.

Variables Loading Factor AVE Comp.
Reliability Cronbach’s α

• Using FinTech platform is pleasant 0.773

Price value (PV) 0.814 0.777 0.887

• I feel the benefit is higher than cost
when I use FinTech 0.911

• I think the interest rate/fee is lower 0.894

• I think the cost of fund of FinTech P2P
lending is lower 0.899

Habit behavior (HB) 0.799 0.758 0.869

• Using smart phones to access FinTech
has become a habit 0.888

• Using smart phones for payment has
become natural to me 0.867

• I must use smart phones for accessing
financial service 0.873

Knowledge (K) 0.841 0.841 0.917

• I know product of FinTech P2P
lending well 0.921

• I know the procedures to access a
FinTech platform 0.914

• I know requirement to get financing
from FinTech 0.917

Perceive security (PS) 0.804 0.792 0.914

• FinTech systems are secure systems 0.877

• I feel secure providing information
when using FinTech 0.887

• I am not worried that information I
provide when using a FinTech platform
could be used by other people

0.884

FinTech adoption (FA) 0.867 0.831 0.941

• I have downloaded a FinTech platform
for P2P lending 0.912

• I have proposed financing from a
FinTech company 0.899

• I used financing from a
FinTech company 0.903

Business sustainability (BS) 0.832 0.825 0.937

• Financing from FinTech increases
business capability 0.892

• By financing from FinTech, our business
increases sustainably 0.876

• Financing from FinTech improves
business competitiveness 0.889
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Table 3. Discriminant validity.

Variables Mean SD PE EE SI FC HM PV HB K PS FA BS

PE 4.525 1.341 0.934

EE 4.432 1.524 0.635 0.921

SI 4.751 1.276 0.588 0.526 0.873

FC 4.612 1.365 0.623 0.611 0.638 0.824

HM 4.211 1.352 0.737 0.475 0.536 0.604 0.833

PV 4.525 1.341 0.635 0.526 0.526 0.635 0.635 0.853

HB 4.432 1.524 0.588 0.611 0.611 0.588 0.588 0.588 0.822

K 4.751 1.276 0.623 0.475 0.475 0.623 0.623 0.623 0.623 0.911

PS 4.612 1.365 0.737 0.526 0.526 0.737 0.737 0.737 0.737 0.737 0.916

FA 4.211 1.352 0.588 0.611 0.611 0.588 0.588 0.588 0.588 0.588 0.588 0.831

BS 4.612 1.276 0.623 0.475 0.475 0.623 0.623 0.623 0.623 0.623 0.623 0.623 0.899

Note: n = 184, squared roots of extract of mean variation (AVE) extracted are shown in italics on the diagonal, and variable correlations
are below the diagonal. Performance expectancy (PE), Effort expectancy (EE), Social influence (SI), Facilitating condition (FC), Hedonic
motivation (HM), Price value (PV), Habit behavior (HB), Knowledge (K), Perceive security (PS), FinTech adoption (FA) and Business
sustainability (BS).

4.3. Structural Model

The results of the study found the following fit indexes: CMIN/DF = 1.428, CFI = 0.942;
TLI = 0.925; RMSEA = 0.064. Such indexes were above the minimum recommended cut-off
value, thus indicating an appropriate model fit [73]. The detail of goodness of fit can be
seen in Table 4.

Table 4. Goodness of fit.

Indicators Value Standard Category

RMSEA 0.064 0.05 ≤ RMSEA ≤ 0.08 Good Fit

CMIN/DF 1.428 ≤2.00 Good Fit

NFI 0.915 NFI ≥ 0.9 Good Fit

IFI 0.931 IFI ≥ 0.9 Good Fit

TLI 0.925 TLI ≥ 0.9 Good Fit

CFI 0.942 CFI ≥ 0.9 Good Fit

The structural model is evaluated to test ten research hypotheses. Table 5 shows the
test results. This study found that performance expectations (β = 0.513, p-value = 0.006), so-
cial influence (β = 0.611, p-value = 0.000), facilitating conditions (β = 0.201, p-value = 0.018),
price value (β = 0.634, p = 0.001) and knowledge (β = 0.535, p-value = 0.000) have posi-
tive impacts on FinTech adoption. Therefore, hypotheses 1, 3, 4, 6, 8 and 9 are accepted.
Meanwhile, variables of effort expectancy (β = 0.012, p-value = 0.071), hedonic motivation
(β = 0.034, p-value = 0.110) and habit behavior (β = 0.020, p-value = 0.110) have no signifi-
cant effect on FinTech adoption. Therefore, hypotheses 2, 5 and 7 are rejected. Furthermore,
this study found that FinTech adoption (β = 0.476, p-value = 0.004) influences the business
sustainability of small business, meaning hypothesis 10 is accepted.
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Table 5. Hypothesis testing.

Hypotheses β p-Values Decision

H1: Performance expectancy
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FinTech adoption 0.201 0.018 ** Supported
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sustainability change (R2 = 0.45), which indicates that the FinTech adoption variable 
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FinTech adoption 0.034 0.090 Not Supported

H6: Price value

J. Open Innov. Technol. Mark. Complex. 2021, 7, x FOR PEER REVIEW 9 of 15 
 

 

value (PV), Habit behavior (HB), Knowledge (K), Perceive security (PS), FinTech adoption (FA) and 
Business sustainability (BS). 

4.3. Structural Model 
The results of the study found the following fit indexes: CMIN/DF = 1.428, CFI = 

0.942; TLI = 0.925; RMSEA = 0.064. Such indexes were above the minimum recommended 
cut-off value, thus indicating an appropriate model fit [73]. The detail of goodness of fit 
can be seen in Table 4. 

Table 4. Goodness of fit. 

Indicators Value Standard Category 
RMSEA 0.064 0.05 ≤ RMSEA ≤ 0.08 Good Fit 

CMIN/DF 1.428 ≤2.00  Good Fit 
NFI 0.915 NFI ≥ 0.9  Good Fit 
IFI 0.931 IFI ≥ 0.9  Good Fit 
TLI 0.925 TLI ≥ 0.9  Good Fit 
CFI 0.942 CFI ≥ 0.9  Good Fit 

The structural model is evaluated to test ten research hypotheses. Table 5 shows the 
test results. This study found that performance expectations (β = 0.513, p-value = 0.006), 
social influence (β = 0.611, p-value = 0.000), facilitating conditions (β = 0.201, p-value = 
0.018), price value (β = 0.634, p = 0.001) and knowledge (β = 0.535, p-value = 0.000) have 
positive impacts on FinTech adoption. Therefore, hypotheses 1, 3, 4, 6, 8 and 9 are 
accepted. Meanwhile, variables of effort expectancy (β = 0.012, p-value = 0.071), hedonic 
motivation (β = 0.034, p-value = 0.110) and habit behavior (β = 0.020, p-value = 0.110) have 
no significant effect on FinTech adoption. Therefore, hypotheses 2, 5 and 7 are rejected. 
Furthermore, this study found that FinTech adoption (β = 0.476, p-value = 0.004) influences 
the business sustainability of small business, meaning hypothesis 10 is accepted. 

Table 5. Hypothesis testing 

Hypotheses β p-Values Decision 
➔H1: Performance expectancy   FinTech adoption 0.513 0.006 *** Supported  

➔H2: Effort expectancy   FinTech adoption 0.012 0.071 Not Supported 
➔H3: Social influence   FinTech adoption 0.611 0.000 *** Supported 

➔H4: Facilitation condition   FinTech adoption 0.201 0.018 ** Supported 
➔H5: Hedonic motivation   FinTech adoption 0.034 0.090 Not Supported 

➔H6: Price value   FinTech adoption 0.634 0.001 *** Supported 
➔H7: Habit behavior   FinTech adoption 0.020 0.110 Not Supported 

➔H8: Knowledge   FinTech adoption 0.535 0.000 *** Supported 
➔H9: Perceive security   FinTech adoption 0.492 0.000 *** Supported 
➔H10: FinTech adoption   Business sustainability 0.476 0.004 *** Supported 

** p < 0.05. *** p < 0.01. R2 for business sustainability: 0.45, R2 for FinTech adoption 0.64. 

4.4. Coefficient Determination (R2) 
The R2 shows the ability of the research model to explain the contribution of the 

determinants to explain changes that occur in FinTech adoption, and can also assess how 
well the model is expected to explain and predict future outcomes. Thus, a high R2 value 
can produce correct predictions [68]. The test results in the research model explain a 
substantial variant of FinTech adoption (R2 = 0.64), which means that the variables of 
performance expectancy, effort expectancy, social influence, facilitation conditions, 
hedonic motivation, price values and habits explain 64% of the variation in changes in the 
adoption of FinTech. In addition, the model explains the moderate variations in business 
sustainability change (R2 = 0.45), which indicates that the FinTech adoption variable 
accounts for 45% of variation in business sustainability. 

  

FinTech adoption 0.634 0.001 *** Supported
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H8: Knowledge
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4.4. Coefficient Determination (R2)

The R2 shows the ability of the research model to explain the contribution of the
determinants to explain changes that occur in FinTech adoption, and can also assess how
well the model is expected to explain and predict future outcomes. Thus, a high R2 value can
produce correct predictions [68]. The test results in the research model explain a substantial
variant of FinTech adoption (R2 = 0.64), which means that the variables of performance
expectancy, effort expectancy, social influence, facilitation conditions, hedonic motivation,
price values and habits explain 64% of the variation in changes in the adoption of FinTech.
In addition, the model explains the moderate variations in business sustainability change
(R2 = 0.45), which indicates that the FinTech adoption variable accounts for 45% of variation
in business sustainability.

5. Discussion: FinTech, Small Food Business and Open Innovation
5.1. FinTech and Small Food Business

Research on the behavior of adopting new technologies using the UTAUT2 approach
has been widely discussed by researchers [47,51,53]. However, research on the adoption
of FinTech as a channel in P2P lending has not been widely carried out, especially in
developing countries such as Indonesia. The adoption of FinTech is different from the
adoption of other technologies such as the adoption of computers, smartphones or others.
FinTech adoption in the context of P2P lending is the adoption of a financing system using
digital technology and the internet as a channel [23,34,37], in which not all small business
owners are familiar with this type of financing. Therefore, analysis of FinTech adoption by
small food businesses owners requires a different approach, which is not sufficient if it is
only explained by the UTAUT2 model.

In this study, the business context, namely financial business, and the environmental
context, namely developing countries, are strong reasons for adding variables of perceived
security and knowledge to the model. Moreover, because FinTech for small businesses
is a more accessible alternative to financing [14], FinTech adoption should increase the
sustainability of small businesses [20,34]. With FinTech, the capacity of small businesses
increases and allows them to be more competitive and survive in the market. Therefore,
explaining the relationship between FinTech adoption and small business sustainability is
an important novelty in this study.

In the context of small food enterprises in Indonesia, not all exogenous variables in
the original UTAUT2 model can be significant predictors of influencing FinTech adoption.
The empirical findings show that the variable performance expectations, social influence,
facility conditions and price value influence FinTech adoption. This is in line with several
studies on technology adoption in different contexts [31]. The variables in the original
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UTAUT2 model which in this study did not affect adoption were business expectations,
hedonic motivation and habitual behavior. This finding differs from previous studies by
Palau-Saumell et al. [48], which stated that business expectations and hedonic motivation
have a positive effect on adoption in the context of online purchases. However, these
results support the findings of several previous researchers [52,66], who stated that the
business expectancy variable has no effect on adoption.

This study proposes a modified UTAUT2 model by adding knowledge and perceived
security variables. The results showed that these two variables had a significant effect on
FinTech adoption by small food business owners in Indonesia. The variable of knowledge
in the context of FinTech adoption in Indonesia is a strong predictor (β = 0.535). Good
knowledge of FinTech as a new technology and P2P lending as an alternative financing
system that are suitable for small businesses have a big impact on adoption. This is in accor-
dance with several previous studies [56,57], which found that a complete knowledge about
how a new technology product works will influence someone to try and use the product.

The perceived safety variable was also added as a predictor of adoption that enhanced
the original UTAUT2 model in this study. The results showed that the perception of security
had a significant effect on adoption. This result is in line with the findings of Morosan and
DeFranco [66], which stated the importance of perceptions of security in implementing
online payments. In an Indonesian context, financial transactions through digital systems
are perceived by consumers as something risky [6], and therefore security becomes the
significant predictor that influences FinTech adoption. The security expected by users in
this case is security in the transaction process and security in safeguarding certain personal
information. Data confidentiality is an important factor that consumers consider when
applying for financing from FinTech.

The modification of the original UTAUT2 model with the addition of knowledge
and perceived security variables was proven to strengthen the predictive power of the
new technology adoption model. This can be seen from the high R2 value of 0.64, which
means that the predictive power of the model is 64%, or is in the strong category. When
compared with the original model, which is generally below 0.3 for the predictive power
of the adoption variable [52], this research has contributed to refining the UTAUT2 model
in the context of FinTech adoption by small business owners in developing countries.

The next important thing that resulted from this study is that this study succeeded
in proving a positive relationship between P2P lending adoption through FinTech and
the sustainability of small food businesses. To date, business sustainability has been
an important issue for small businesses–especially small businesses that are still in the
startup stage [34]. Lack of capital is a critical problem besides market and competition
problems [33]. This research provides an empirical solution to the problem of small
business sustainability by increasing its operational capacity through funding from FinTech
P2P lending.

The empirical findings prove that the variables of social influence and price value are
the strongest determinants of FinTech adoption by small food business owners in Indonesia.
The strength of social influence variable in this study is closely related to the context of
Indonesian society, where socially and culturally, Indonesian people have a fairly high
power distance [65]. In this case, the role of opinion leaders and patrons greatly affects
consumers’ decision-making behavior. Therefore, FinTech P2P lending managers need to
socialize and approach influential people or opinion leaders in society, and make them
supporters to convince small business owners about the benefit of FinTech P2P lending. In
addition, positive news about FinTech needs to be disseminated massively. Positive news is
part of the social influence that can influence small business managers in adopting FinTech.

FinTech managers need to use social media and increase the involvement of competent
and influential figures in public conversations on social media about FinTech. This will
have a strong social influence on small business actors in adopting FinTech, as they will
feel that many other entrepreneurs in their environment have already benefited a lot from
FinTech adoption. Socialization of FinTech P2P lending through social media can also
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increase the knowledge of small business owners on what FinTech is and how it works.
The results of this study found that the knowledge variables also have a strong influence
on adoption. Therefore, complete information is needed about FinTech itself, as well as the
types of financing available and the procedures for obtaining financing from FinTech P2P
lending through social media and other socialization tools.

Regarding price value, small food business owners are quite rational in choosing
financing. They do not choose financing only because of the ease of applying for financing,
but also think about how to get the best price from all available financing offers. Therefore,
FinTech managers need to establish a competitive pricing strategy to be able to penetrate
the small food businesses segment. In this case, interest subsidies from the government,
such as those channeled through banks, can also be channeled through FinTech, so that
small food businesses can enjoy even better prices.

Low financing costs will greatly help small businesses in maintaining their business
sustainability, as their income does not run out to pay debts, but can be used to increase the
business and operational capacity of the company. This will improve the performance of
small food businesses, which in turn can increase the ability of small businesses to survive,
and even grow and develop properly. The consequence of the increase in price value for
small businesses is that FinTech managers are required to be able to operate efficiently
and find “angle” investors who want to invest in small businesses without expecting large
profit margins. With good technology-based data management, FinTech will be able to
achieve efficiency.

5.2. FinTech in Small Food Business and Its Relation with Open Innovation

The use of resources from outside the organization in terms of innovation is commonly
referred to as open innovation [71]. For small and medium enterprises where they have
limited resources to innovate [67], open innovation is a solution that means small and
medium enterprises can remain competitive. Previously, open innovation was generally
conducted in technology-intensive industry tries such as the information technology or
pharmaceutical sectors [72]. The food industry is considered a relatively mature and slow-
growing business, in which the level of investment in R&D activity is relatively low [73].
Therefore, the food industry is considered to rarely use open innovation in its business.

The trend of consumers towards food products is currently experiencing a shift, where
they are increasingly interested in issues of health and food safety. Consumers also demand
high-quality food products that are able to meet their satisfaction [74]. In order to meet
changing consumer demands, some food companies are innovating with their internal
R&D [75]. However, many companies do not have the capacity to meet the challenges
of changing consumer demand with their own resources; they need collaboration with
various external parties such as universities, research institutions and the government to
develop innovation. In this context, the idea of Open Innovation is also very relevant for
the food industry. Particularly for small food businesses, open innovation is very helpful.

The literature clearly shows that although open innovation was initially adopted by
companies engaged in the high-tech sector, nowadays it has also been adopted by food
companies that have been considered low-tech sectors [75]. The results of this study provide
empirical evidence that the food industry, especially small food businesses, have benefited
from FinTech adoption. FinTech helps the sustainability of the small food business, where
FinTech itself is not only made by the large banking industry, but is an open innovation
product from start-up companies that can become competitors for banks [76]. Therefore,
from the perspective of open innovation, the food industry can currently be said to have
adopted open innovation in its business.

6. Conclusions

This study uses a modified version of the updated UTAUT2 model in the case of
small businesses to examine the factors affecting the adoption of FinTech P2P lending.
Related to the purpose of FinTech adoption to increase financial and business capacity,
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this study also identifies the effect of FinTech adoption on the sustainability of small
businesses. The survey was conducted on 184 small food business owners who participated
as respondents, and SEM-PLS was used to examine the research model and its appropriate
hypotheses. The main determinants are identified and tested empirically against small
business actors in using the FinTech P2P Lending application and their implications for
business sustainability.

The results of the study found that performance expectations, social influence, facilita-
tion conditions, price value, knowledge and security perceptions influenced the adoption of
FinTech by small food business owners. The variable of price value and social influence is
the strongest determinant of FinTech adoption by small food business owners in Indonesia.
The variables of business expectations, hedonic motivation and habitual behavior do not
determine whether small business actors adopt FinTech applications. Another important
finding from this study was to prove a positive relationship between P2P lending adoption
through FinTech and the sustainability of small food businesses. Business sustainability has
been an important issue for small businesses, especially those who are still in the startup
stage. Lack of capital is the main problem faced so far, and this study provides an empirical
solution to the problem of small business sustainability by increasing their operational
capacity through funding from FinTech P2P lending.

This research is part of a preliminary study in developing countries, especially in
Indonesia, which empirically tested the adoption of FinTech applications for small busi-
nesses and the implications for business sustainability. Although this research can bring
up some contributions, there are still limitations, especially because the survey data were
collected online from small business owners in limited locations, namely Jakarta and its
surroundings, which do not represent Indonesia as a whole, as many small business own-
ers are scattered outside Jakarta. Therefore, the generalizability of the research is limited,
especially when it is related to the determinants of FinTech adoption, such as different
social and social behaviors. In addition, the limitations of the variables used cannot be
considered to represent a determining factor for small business owners to adopt the FinTech
P2P Lending application. It is recommended that for further research, besides increasing
the number of respondents who can reach more small business owners from many areas,
other factors are also added, such as; open innovation; trust; and the role of government
regulation in FinTech adoption.
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