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Abstract:



Precision agriculture is crucial for increasing food output without expanding the cultivable area, which requires sensors to be deployed for controlling the level of nutrients in the soil. In this paper, we report on a microfluidic electronic tongue (e-tongue) based on impedance measurements which is capable of distinguishing soil samples enriched with plant macronutrients. The e-tongue setup consisted of an array of sensing units made with layer-by-layer films deposited onto gold interdigitated electrodes. Significantly, the sensing units could be reused with adequate reproducibility after a simple washing procedure, thus indicating that there is no cross-contamination in three independent sets of measurements. A high performance was achieved by treating the capacitance data with the multidimensional projection techniques Principal Component Analysis (PCA), Interactive Document Map (IDMAP), and Sammon’s Mapping. While an optimized performance was demonstrated with IDMAP and feature selection, during which data of a limited frequency range were used, the distinction of all soil samples was also possible with the well-established PCA analysis for measurements at a single frequency. The successful use of a simple microfluidic e-tongue for soil analysis paves the way for enhanced tools to support precision agriculture.
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1. Introduction


The growing world demand for food without increasing the productive area requires a better use of agricultural and natural resources, which implies that the development of better tools for precision agriculture should avoid an excessive use of pesticides and fertilizers [1,2,3]. Within this context, high-detailed information for soil characterization is important for soil management and crop productivity when dealing with precision agriculture. However, traditional soil chemical analysis is expensive and time-consuming, which motivates the development of alternative approaches for sensing in agricultural practices [4]. Optical spectroscopy has been widely used for this purpose because it requires only one measurement (spectrum) to infer several soil properties [5]; however, this kind of technology presents some limitations due to the non-specific spectral bands related to the concentration of nutrients in the soil, leading to models with a relatively high prediction error. Other methods include soil analysis using a microfluidic chip based on capillary electrophoresis that is sensitive to plant macro-nutrients (NO3, NH4, K, and PO4) in liquid samples [3].



In this work, a microfluidic electronic tongue (e-tongue) device [6] was applied to analyze soil samples using statistical tools, which allows for samples enriched with nitrogen (N), phosphorus (P), potassium (K), calcium (Ca), magnesium (Mg), and sulfur (S) to be discriminated. No pre-processing was required, as the soil samples were simply diluted in water. An e-tongue is a multisensory system that can classify liquid samples using statistical tools [6], and various e-tongues have been reported [7,8] in numerous applications [9,10,11,12]. Recently, an electrochemical e-tongue has been successfully applied in the qualitative and quantitative analysis of distinct soil types based on their extractable components [13]. The microfluidic concept was incorporated in this sort of device, resulting in the benefits of a small size, and reduced volume and waste, in addition to an overall cost reduction [14,15]. Microfluidics, e-tongues, and soil analysis are well-established research lines, but their integration does not appear to have been made in the literature. Here, sensing units were fabricated with Layer-by-layer (LbL) films of organic and inorganic materials [16] with impedance measurements acquired for seven soil samples in different compositions diluted in distilled water. Principal Component Analysis and information visualization methods provided a clear distinction of all samples tested.




2. Materials and Methods


The microfluidic system used here comprises an array of four sensing units made with LbL films deposited onto gold interdigitated electrodes (IDEs) inside a polydimethylsiloxane (PDMS) microchannel, fabricated by the authors at the Brazilian Nanotechnology National Laboratory (LNNano). IDEs with 30 pairs of digits, each having a 3 mm length, 40 μm width, and being separated by a distance of 40 μm from each other, were photolithographically patterned onto glass slides. The adhesion layer for gold on glass was a 20 nm thick chromium layer. A PDMS microchannel which was 490 μm wide, 50 μm high, and 12.5 mm long was sealed onto the IDEs using plasma oxygen, as reported in [16]. Copper phthalocyanine-3,4′,4″,4″′-tetrasulfonic acid tetrasodium salt (CuTsPc), montmorillonite K (MMt-K), poly(3,4-ethylenedioxythiophene)-poly(styrenesulfonate) (PEDOT:PSS), and poly(diallyldimethylammonium chloride) solution (PDDA) were purchased from Sigma-Aldrich and used as received. The e-tongue system was composed by one bare electrode and three IDEs covered with (PDDA/CuTsPc)n, (PDDA/MMt-K)n, and (PDDA/PEDOT:PSS)n LbL films, where n is the number of deposited bilayers, similarly to what was reported in [17]. The average thickness of a deposited layer in an LbL film is ~2 nm. Since each sensing unit had three-bilayers, the film thickness is estimated to be ~12 nm. LbL films were deposited onto the IDEs by alternating aqueous solutions of the materials during 10 min inside the microchannels, as described in [16,18]. All polyelectrolytes were prepared using ultrapure water acquired from an Arium comfort Sartorius system. An aqueous solution of CuTsPc at 0.5 mg/mL, pH 8 was used. For MMt-K, the aqueous solution was comprised of 1 mg/mL at pH = 3, and that for PEDOT:PSS constituted 0.2 mg/mL at pH = 3. PDDA aqueous solutions at 10 μL/mL were used at pH = 8 with CuTsPc and at pH = 3 when alternated with MMt-K and PEDOT:PSS. The LbL technique is based on intermolecular non-covalent interactions of oppositely charged polyelectrolytes to promote surface modification at the nanoscale. It is a robust, simple, and flexible method to fabricate multilayered nanostructures with excellent control over the thickness and morphology using wide-ranging building blocks (polymers, enzymes, proteins, DNA, carbon-based materials, dendrimers, metal nanoparticles, etc) for numerous applications [18].



The e-tongue system was tested for its capability in differentiating soil samples individually enriched with N, P, K, Ca, Mg, and S. These are primary nutrients demanded by plants (macronutrients), which frequently have to be delivered to the soil via chemical fertilizers. The source of these nutrients was chosen for their purity and form of the molecule when interacting with the soil, respectively, NH4NO3, NH4H2PO4, KCl, CaCl2(H2O)2, MgCl2(H2O)6, and (NH4)2SO4. The soil samples were extracted from a single location (Table S1 in Supplementary Materials) and the above mentioned compounds were then separately deposited into six pots with a 1 L capacity (Table S2 in Supplementary Materials). The chemical compounds were mixed with the soil of each pot. The pots were maintained for 40 days in a greenhouse with dairy irrigation to allow chemical reactions between the compounds and the soil. Thus, seven soil samples were obtained, six enriched with the different macronutrients and one without fertilizer, representing the control sample (low fertility levels). A percentage of each sample was sent to a commercial laboratory in order to quantify the amount of nutrients available to the plants through traditional soil chemical analysis (Tables S1 and S2 in Supplementary Materials); the other part was tested with the microfluidic e-tongue system. All soil samples were solubilized in distilled water acquired from the Sartorius system at 1 mg/mL, driven inside the microchannels using a New Era NE-1000 syringe pump (Farmingdale, NY, USA). Impedance measurements were performed with samples injected inside the microchannels at 5000 μL/h.



Electrical measurements were made using 25 mV of amplitude in the frequency range 1–106 Hz using a Solartron 1260 A impedance/gain-phase analyzer coupled to a 1296 A dielectric interface. This frequency region was chosen as it receives contributions from the electrostatic double-layer formed at the electrode/electrolyte interface (<100 Hz), the solution conductance and ultrathin film coating of the electrodes ruling the total impedance response at intermediate frequencies (kHz region), and the geometric capacitance that is most relevant at higher frequencies [19]. The choice of flow instead of static measurements was made to avoid a possible soil decantation inside the microchannel with the contamination of the sensing units, which would compromise the reusability of the device. Three independent sets of measurements were performed for each soil sample at each sensing unit, and the capacitance data was dimensionally reduced by the Fastmap and Principal Component Analysis (PCA) techniques employing Euclidean distances [20]. Interactive Document Map (IDMAP), Sammon’s Mapping (SAMMON), and PCA projection techniques are available in the PEx-Sensors suite of software tools [21], which projects multidimensional data into a 2D space. Moreover, it also contains the Parallel Coordinate technique that allows for a frequency selection to exclude the dimensions hampering the discrimination of the data, leading to an improved quality of the projection. This ability is measured through the Silhouette Coefficient (S) [22], whose values range between −1 to 1. Values below 0 mean that classification is poor or no distinguishing occurred, while coefficients above 0 help in the distinction of different samples. Briefly, the following interpretation has been reported for positive values of S: (i) strong (0.71–1.0); (ii) reasonable (0.51–0.70); (iii) weak (0.26–0.50); and (iv) no substantial classification has been found (≤0.25) [23].




3. Results and Discussion


The impedance spectra for the four sensing units in distilled water displayed the most pronounced differences for (PDDA/MMt-K)3 when compared to the sensing units with the other LbL films (Figure S2 in Supplementary Materials). This can probably be explained by the insulating nature of montmorillonite clays [24], since CuTsPc and PEDOT:PSS exhibit semiconducting behavior [25,26]. Figure 1 shows the relative capacitance spectra, i.e., the ratio between capacitance with (C) and without (C0) added nutrients (N, P, K, Ca, Mg, and S), where larger differences are observed at mid frequency ranges. The electrical response in mid frequencies is dominated by interactions between the film and analyte, without charge transfer or diffusion-driven processes [7]. The sensing units were sensitive to all soil samples, though no clear correlation could be established with the size or ionic mobility of the nutrients. Indeed, one should not expect a simple correlation considering the complex nature of the soil samples that contain inorganic and organic materials.


Figure 1. Relative capacitance (C/C0) versus frequency for the soil samples in aqueous solutions using (a) bare electrode; (b) (PDDA/CuTsPc)3; (c) (PDDA/MMt-K)3 and (d) (PDDA/PEDOT:PSS)3 sensing units. C0 is related to the control sample and C is associated with samples containing N, P, K, Ca, Mg, and S.



[image: Chemosensors 05 00014 g001]






Figure 2 displays the capacitance (C) versus frequency plots for the bare electrode, (PDDA/CuTsPc)3, (PDDA/MMt-K)3, and (PDDA/PEDOT:PSS)3 devices exposed to aliquots from soil samples (control and enriched with N, P, K, Ca, Mg, and S). Since all three independent measurements for each sample at the sensing units have shown similar behavior, only one set is presented in Figure 2. There is a shift in all spectra between 102 and 104 Hz for all sensing units and the response at these mid-frequency is generally attributed to effects from interactions between the thin films deposited onto the IDEs with liquid media [19], with a higher capacitance at lower frequencies. For the (PDDA/MMt-K)3 sensing unit, samples could also be distinguished by the capacitance at low frequencies where double-layer effects dominate, and this can be ascribed to the more insulating nature of the clay [17,27].


Figure 2. Capacitance versus frequency spectra obtained for seven soil samples (control, N, P, K, Ca, Mg, and S) in aqueous solutions using (a) bare electrode; (b) (PDDA/CuTsPc)3; (c) (PDDA/MMt-K)3 and (d) (PDDA/PEDOT:PSS)3 sensing units. Note that the capacitance for the control sample was C0 in Figure 1.
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Distilled water was thoroughly passed through the microchannels between each soil measurement during ca. 15 min to avoid cross-contamination, extending the possibility of reuse of the sensing units [19]. Figure 3 shows the capacitance spectra obtained after the washing procedure for the four sensing units. The absence of significant displacements excludes a possible cross-contamination, which confirms the reusability of the sensor array for other analytes.


Figure 3. Capacitance spectra obtained during washing procedure within the microchannels using distilled water flow after analyzing all the soil samples (control, N, P, K, Ca, Mg, and S) with (a) bare electrode; (b) (PDDA/CuTsPc)3; (c) (PDDA/MMt-K)3 and (d) (PDDA/PEDOT:PSS)3. Since the spectra were not affected by the previous measurements and by the washing procedure, the sensing units can be reused.



[image: Chemosensors 05 00014 g003]






Linear and non-linear statistical techniques were used to analyze the raw data in an attempt to establish a “finger print” for each soil sample tested. The multidimensional projection techniques used are the linear PCA method and the non-linear IDMAP and Sammon’s mapping, with capacitance soil data shown in Figure 4. The normalized capacitance data were used in the frequency range from 1 Hz to 1 MHz, and the black bar helps to measure the distances between data points. A visual inspection may point to a better discrimination of the samples in Figure 4a for IDMAP. However, the quantitative silhouette coefficient S is 0.730, 0.857, and 0.667 for IDMAP, PCA, and SAMMON, respectively. Therefore, PCA provided the most efficient distinguishing ability, which is unexpected because the non-linear methods for complex samples are usually better. A possible explanation may be the relatively small dispersion of the data for distilled water in PCA analysis.


Figure 4. (a) IDMAP; (b) PCA and (c) SAMMON plots of capacitance data using the whole spectra for the detection of soil samples enriched with N, P, K, Ca, Mg, and S. The black scale bar at the bottom is equivalent to 0.1 in Euclidean distance and can be used to measure the distance between the clusters formed.
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One of the most important advantages in the use of information visualization methods to analyze sensing data is the possible optimization of the performance. This can be done by choosing the most appropriate multidimensional projection method or by doing feature selection, in which only part of the data is used for discrimination. Here, we applied the Parallel Coordinates technique to select frequencies from 79 Hz up to 25 kHz as the most useful frequency range to discriminate the samples (Figure S3 in Supplementary Materials). The plots of the new projections considering only the optimized frequency range (i.e., with feature selection) are shown in Figure 5. Clear benefits can be inferred from this feature selection procedure: (i) decrease in the dispersion of the data points; (ii) graphs are in the same scale; (iii) distribution of data points is easier to discriminate; and (iv) enhanced S values, with all correlations indicating a clear distinction among all soil samples. A comparison of S values before and after the feature selection procedure is presented in Table 1. It is worth noting that IDMAP and SAMMON (non-linear techniques) achieved an increment of 25% and 27%, respectively, when compared to the results obtained with no frequency selection, while for PCA (linear technique), there was an improvement of only 3%. From the S values, one infers that an optimized performance was achieved with feature selection and IDMAP, which is consistent with the recent literature, according to which IDMAP has been proven superior for analyzing sensing and biosensing data [28].


Figure 5. (a) IDMAP; (b) PCA and (c) SAMMON plots of capacitance data with selected frequencies for detection of soil samples enriched with N, P, K, Ca, Mg, and S. The black scale bar at the bottom of graph is equivalent to 0.1 in Euclidean metrics and can be used to measure the distance between the clusters formed.
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Table 1. Silhouette coefficient values for all multidimensional projection data.







	

	
Silhouette Coefficient Values




	
All Frequencies

	
Selected Frequencies

	
Increment (%)






	
IDMAP

	
0.730

	
0.910

	
24.65




	
PCA

	
0.857

	
0.884

	
3.15




	
SAMMON

	
0.667

	
0.848

	
27.13










Generally, impedance analysis as a function of frequency allows the identification of potential interactions at the electrode/electrolyte interface through equivalent electrical circuits [7,17,19,29]. However, it is known that interactions between the nanostructured thin films forming the sensing units deposited onto the IDEs with the liquid systems are reflected in the electrical response at the kHz region [7,17,19]. This allows for the construction of simple, inexpensive equipment for on-site measurements. To demonstrate this idea, we show the well-established PCA plot at a fixed frequency (1 kHz) in Figure 6, where the electrical response is dominated by film/liquid interactions [29]. Though the distinguishing ability is not as good as with IDMAP and feature selection in Figure 5, it is indeed possible to distinguish the samples with this much simpler procedure with a measurement at only one frequency. Note that the use of only two Principal Components already led to 99.6% (PC1 + PC2) of the total information collected by the array, with 96.02% being concentrated in the first Principal Component (PC1).


Figure 6. Principal component analysis (PCA) of the microfluidic e-tongue applied to liquid aliquots of soil samples (control, N, P, K, Ca, Mg, and S) under flow conditions.
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4. Conclusions


A microfluidic e-tongue using impedance spectroscopy was successfully applied to identify soil samples enriched with plant macronutrients. A simple rinsing of the sensing units with distilled water brought the sensing units back to their initial conditions, thus indicating an absence of cross-contamination in three independent sets of measurements. This implies that the sensing units may be reused with good reproducibility. IDMAP, PCA, and SAMMON techniques indicated that an adequate choice of frequencies allows for the discrimination of soil samples using raw data without any sort of pre-treatment. Among the three projection techniques, the best result was achieved using IDMAP for the selected frequencies. Nevertheless, we have shown that using just one selected frequency and a simple analysis allowed the distinction of all samples in a complex liquid system. The results presented here indicated a clear distinction of soil samples using this methodology, thus encouraging further investigations on the development of microfluidic e-tongues for soil analysis, paving the way for future precision agriculture developments. Future advances may include the integration of the sensing units in a single monolithic block, the use of emerging technologies such as 3D printing for microfluidic devices, and the possible identification of macronutrients in soil samples during data acquisition.
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The following are available online at http://www.mdpi.com/2227-9040/5/2/14/s1, Figure S1: Scheme of the whole setup used for the soil measurement zooming at one sensing unit; Figure S2: Capacitance spectra for the bare electrode, PDDA/CuTsPc, PDDA/MMt-K, and PDDA/PEDOT:PSS sensing units in distilled water at 5000 μL/h flow; Figure S3: Parallel coordinate visualization of the capacitance data collected with 4 sensing units for the soil samples: (a) all frequencies and (b) with frequency selection, Table S1: The overall characteristics of the original soil collected to be used in the study; Table S2: Nutrients available to the plants according to traditional soil chemical analysis for the seven soil samples used.
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