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Abstract: Public cloud service providers provide an infrastructure that gives businesses and
individuals access to computing power and storage space on a pay-as-you-go basis. This allows these
entities to bypass the usual costs associated with having their own data centre such as: hardware,
construction, air conditioning and security costs, for example, making this a cost-effective solution
for data storage. If the data being stored is of a sensitive nature, encrypting it prior to outsourcing
it to a public cloud is a good method of ensuring the confidentiality of the data. With the data
being encrypted, however, searching over it becomes unfeasible. In this paper, we examine different
architectures for supporting search over encrypted data and discuss some of the challenges that need
to be overcome if these techniques are to be engineered into practical systems.
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1. Introduction

Nowadays, almost all data is stored digitally. Public cloud service providers provide an
infrastructure that gives businesses and individuals access to computing power and storage space
to support this digital data on a flexible pay-as-you-go basis. This allows them to bypass the costs
associated with having their own data centres such as hardware, construction, air conditioning and
security costs. This makes cloud computing a very cost-effective solution for both bulk data processing
and data storage.

According to a government survey on information security and data breaches relating to digital
data in 2015 [1], 90 percent of large organisations were attacked by an unauthorised outsider and
suffered a data breach that year (up from 81 percent the previous year). Small businesses, which were
previously not a major target, were also reporting increased attacks, with the number of these
businesses attacked in 2015 rising by 14 percent from the previous year. As well as the increase
in number of data breaches occurring, the financial costs to companies of these breaches, for example,
due to business disruption, loss of sales and compensation, was also shown to have risen.

This demonstrates a clear need for secure data storage in order to ensure the confidentiality of
data. However, encrypting data is just one part of the solution. Encrypting data ensures that, in the
event of a compromise, no meaningful information should leak about the data itself if the data is
compromised, yet it also reduces the possibility of performing computations on the ciphertexts, such as
searching for keywords or specific items within the data.

Suppose that, just as in a typical cloud storage environment, your data is stored in encrypted form
on a remote server due to local data storage constraints. To locate a piece of data, we could download
the entirety of the encrypted data, decrypt it, and search over the unencrypted data. Alternatively,
perhaps we could create an index for the encrypted data that is stored locally and used to navigate
the encrypted files. Both of these methods provide adequate solutions in theory, yet, in practice, they
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present several problems. Firstly, the size of the encrypted data may not be known a priori, or be known
in advance to be very large, both of which deem the process of downloading all of the encrypted data
highly inefficient and costly. Furthermore, the reason for storing the data remotely in the first place is
due to the unavailability of local storage, so downloading all the data in this case would not be an option.
Creating an index would require locally storing a file which may be of a size in the order of the number
of encrypted files, which again is not feasible due to local storage restrictions. In addition, the index
itself could potentially leak information about the encrypted data, compromising confidentiality.

Searchable encryption (SE) provides a solution to this problem by supporting the outsourcing
of encrypted data to a remote server, whilst maintaining the ability to search for specific keywords
within the encrypted data.

The literature regarding SE is extensive; however, SE is not widely deployed in practice.
This chapter identifies and analyses different scenarios to which SE can be applied in the real world and
investigates the suitability of certain types of SE schemes to each scenario. We also explore the reasons
as to why SE schemes are not widely implemented and look at the security issues and functionality of
protocols that are currently being implemented that achieve some form of search over encrypted data.

In this work, we analyze practical scenarios involving access to encrypted data and look at
ways that SE could be used to solve problems within these scenarios. When analyzing the scenarios,
we looked at features such as the number of users, the adversarial threat, sensitivity of the data
involved and whether static or dynamic data is used, and assessed the suitability of particular SE
schemes to each scenario. We used this research to define four basic scenarios to which SE could be
applied based on the number of users and the capabilities of each user. Within each of these basic
scenarios, we identify varying features of the scenarios that occur in the real world. We then map
specific SE schemes into the different instances of the scenario depending on the varying features.

There is a comprehensive survey of provably secure searchable encryption schemes that post
dates our initial research that can be found here [2]. They follow a similar categorization of SE schemes;
however, this survey takes a theoretical approach and does not consider the practical reasons behind
the categorisation of the SE schemes. We do not intend to provide a comprehensive survey of every
SE scheme to date, and the intention here is to explore what features of an SE scheme might make it
more suitable for use in a particular scenario in order to facilitate the design of protocols that use SE to
provide solutions to real-world problems.

The rest of this article is organised as follows: in Section 2, we define the system and adversarial
models for SE. Section 3 defines the four scenarios and analyzes the SE schemes in the literature,
mapping them into these four scenarios according to various features of the schemes. Section 4 looks at
SE schemes that are designed specifically to be deployed in the real world and discusses their various
strengths and weaknesses. Section 5 looks at several factors that are preventing the deployment of SE.
The article concludes with Section 6.

2. Searchable Encryption

In this section, we describe the generic system and adversarial models for SE.

2.1. System Model

Searchable Encryption allows an entity to search over encrypted data that they have outsourced
to a remote server. In its simplest form, this involves locating encrypted data items on the server that
contain a specified keyword. A searchable encryption scheme generally involves three entities:

• Server: A remote server (such as a pay-as-you-go cloud server) on which encrypted data is stored.
We assume that the data stored on the server is of a sensitive nature, so it is undesirable to reveal
it to any third parties, especially the server. Note that, in some cases, for example medical records,
it may be illegal to reveal the records. We thus assume that the data items remain encrypted at all
times when on the server.
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• Data Owner: This entity initiates the scheme and holds the master secret key which is used to
generate search queries in the single user case or user secret keys in the multi-user case (in the
multi-user setting, the data owner is enrolled as the user and generates a user secret key in order
to produce search queries). The data owner is always able to submit search queries to the server
(referred to as reading data), as well as encrypting data to be stored on the server (referred to as
writing data). The data owner is able to control which additional users (if any) are able to read or
write data in the scheme.

• User(s): SE schemes contain a varying numbers of users that have the capability to either write
data, read data, or do both of these tasks, as determined by the data owner.

The data owner associates metadata with each data item to be encrypted, usually consisting of
keywords contained within the data item or keywords describing the data item’s contents, and then
creates an encrypted index using this metadata. The set of data items is encrypted separately using
a standard encryption scheme, so the focus of searchable encryption is how the encrypted index is
created. In this work, we do not consider the retrieval of the encrypted data items from the server.
The encrypted index and encrypted data items are outsourced to the server and, in order to search
for a keyword in the encrypted index, the data owner (or a user) produces a search query which the
server uses to locate the relevant data items.

Figure 1 depicts the basic architecture of an SE scheme, which consists of the following five steps:

1. Data encryption. The data to be outsourced to the server is encrypted by the data owner (or a
user, depending on the scenario) and sent to the server. In general, the encrypted data will consist
of two parts:

(a) Encrypted data items: The data items the data owner wishes to outsource to the server
are typically encrypted using symmetric key cryptography. Each encrypted data item is
identified by a unique identifier (ID).

(b) Secure index: A secure index is created which enables the server to use a search token to learn
the IDs of the relevant encrypted data items and locate them on the server.

2. User’s secret key transfer. The data owner generates a secret key for a user and transfers it to
them. The user is able generate search queries using their secret key.

3. Search query. A user (or data owner) generates a search query for a keyword ω and sends it to
the server, allowing it to ascertain which encrypted data items satisfy their query.

4. Search results. The search results returned to the user can take two forms:

(a) IDs of the encrypted data items that satisfy the query associated with the search token;
(b) Encrypted data items that satisfy the query associated with the search token.

The former response is advantageous over the latter in situations where the user does not require
access to the actual data item (during statistical analysis of the encrypted data, for example),
since it involves lower communication costs. The latter response involves the server locating the
encrypted data items satisfying the query by locating them using the set of IDs, which increases
the search time. In this paper, we consider schemes that generate search results consisting of IDs
of encrypted data items that satisfy the query associated with the search token only; the retrieval
of the actual data items is beyond the scope of this paper.
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Figure 1. Searchable encryption model.

2.2. Adversarial Model

The server in a typical SE scheme is modelled as an ‘honest-but-curious’, meaning it will follow the
designed protocol but might try to learn information that it is not authorised to know. It is also assumed
that the server does not collude with users in order to gain access to encrypted data that is beyond their
privileges. Furthermore, any data transferred between entities is visible to an external adversary.

The information that is leaked by an SE encryption scheme can be categorised as follows:

• Access patterns: This is the set of encrypted data items (or relevant IDs) that satisfy the search query.
Hiding the access pattern requires that a set of search results for one search query be indistinguishable
from that of another from the perspective of the server and/or an external adversary.

• Search patterns: These are the search queries that are made to the server. Hiding the search
pattern requires that the search queries be indistinguishable from one another from the perspective
of the server and/or an external adversary.

• Secure index information: This is information regarding keywords that are used to index the data
items in the secure index. Hiding this information requires that two indexes be indistinguishable
from one another from the perspective of the server and/or an external adversary. The typical
security requirements of an SE scheme are that no information is leaked to the server or an external
adversary from the secure index without a search query. it is assumed that no information is
leaked from the encrypted data items. The data items are typically encrypted using a symmetric
key encryption scheme, hence it is assumed that a suitable scheme is chosen so as to ensure no
leakage from these ciphertexts occurs. Whereas leakage of the access and search patterns to the
server and an external adversary are usually acceptable. We note that access pattern privacy can
be achieved using private information retrieval (PIR) techniques [3]; however, as this increases
the communication complexity of the search results, SE schemes do not usually employ these
methods to conceal the access pattern.

3. Application of Searchable Encryption to Provide Solutions in Practical Scenarios

In this section, four basic scenarios for searching encrypted data in the cloud are described along
with general methods of achieving SE that are potentially suitable for these environments. This section
analyses SE schemes that achieve a single keyword equality search over encrypted data. The four basic
scenarios are as follows:

1. Scenario 1: Only the data owner reads and writes all the data.
2. Scenario 2: Only the data owner can read the data, all users can write data.
3. Scenario 3: Only the data owner can write the data, many users can read the data.
4. Scenario 4: Many users (including the data owner) can both read and write data.
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In Section 3, we describe each of these scenarios in detail, give a practical example of each scenario
and present a generic method of SE that can be applied to each scenario, if applicable. In the real world,
each scenario will present a number of variables that can affect which SE scheme would be best to use
in each case. We consider the following variables:

• Size and type of data (static or dynamic),
• Frequency of queries,
• Number of additional users (if any),
• Sensitivity of data,
• Type of search query (equality, conjunctive etc.),
• Available local storage.

For each of these variables, we identify the most suitable SE scheme according to its construction
and features.

3.1. Scenario 1: Only the Data Owner Reads and Writes All the Data

The simplest scenario is where only the data owner is involved in reading and writing data and
there are no additional users in the system (Figure 2). The data owner sets up the system and generates
the secret key. They create an encrypted index for the data items using the secret key and outsource
it to the remote server along with the set of encrypted data items. The data owner generates search
queries for the server using their secret key, which the server then uses to compute the search results
satisfying the search query. The search results are then transferred to the user.

Figure 2. The data owner reads and writes all the data.

In practice, the data owner in this scenario could be the owner of a small business who wishes
to outsource their confidential client data to a public cloud server due to an inadequate local
storage capacity.

As there is only one entity reading and writing the data in this scenario, public-key encryption
(PKE) does not offer advantages over more efficient symmetric-key encryption (SKE), as no secret key
distribution is required. A generic method for performing SE in this scenario is symmetric searchable
encryption (SSE) (see Definition A1). There are many different SSE schemes defined in the literature
that support static data [4–10] and dynamic data [11–17], to provide a few notable examples.

• Size and type of data. If the dataset is very large, it will be beneficial to choose an SE scheme
whose search time does not increase linearly with the size of the data set. SSE schemes that
achieve a sublinear search time using a static dataset are [6,7]. The schemes of [6,11] only require
D(ω) symmetric decryptions per search, where D(ω) is the number of data items satisfying the
search query. Examples of schemes that support a dynamic data set and sublinear (with respect to
the number of data items) search are that of [9,11,13,14]. The scheme of [14] is also parallellizable
so it can achieve a search complexity of O(D(ω)

p log n) where n is the number of encrypted data
items, and p is the number of processors. The work of [12] has been designed specifically to
support search over ‘very large’ databases.
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• Frequency of queries. If a vast amount of search queries will need to be evaluated on the encrypted
data, then choosing a scheme with efficient Query and Search algorithms will be beneficial.
Fast search times can be produced using deterministic and order preserving encryption [18,19].
Searchable encryption schemes deterministic encryption can produce very fast (logarithmic)
search times; however, in order to achieve this, some security is sacrificed. The index consists
of deterministically encrypted keywords, hence repetitions in these keywords will be revealed
to the server. Deterministic encryption in the symmetric-key setting is more secure against
keyword guessing attacks than in the public-key setting. When the ciphertexts are created using
a public key, an adversary is able to create arbitrary plaintexts of their choosing. Hence, if an
adversary obtains a ciphertext, they can compare it to any of their arbitrarily created ciphertexts
in order to determine the associated plaintext. In the symmetric-key setting, an adversary is
unable to mount an attack like this as they do not have the secret key to generate any ciphertexts.
For more expressive queries, such as range queries, order-preserving encryption can be used to
achieve a fast search time. The security sacrifices for the faster search time using order preserving
encryption is similar to those when using deterministic encryption. If the data owner just wishes
to minimize their computation requirements, it will be beneficial to have a Query algorithm that
is not so computationally intensive. The schemes of [4,9,14] only require the evaluation of one
pseudo-random function (PRF) per search query, which makes their Query algorithm very efficient.

• Number of additional users. Not applicable to this scenario.
• Sensitivity of data. As outlined in Definition A4, ORAM can be used to perform searches over

encryption without leaking the access pattern, a downfall of most SE schemes. However, these
types of schemes can be very computationally expensive so they will not be suitable for very
large datasets. Several schemes have been presented that improve the efficiency of the ORAM
technique [20–24]. TWORAM, presented in [24], is the most promising ORAM-type searchable
encryption scheme that can conceal the search pattern; however, it requires that the data items are
stored in oblivious access memory in order to conceal the access pattern. This scheme achieves a
sub-linear search time.

• Type of search query. The searchable encryption scheme suitable for this scenario with the most
expressive queries is that of [25], which supports the following types of queries: conjunctive,
disjunctive, polynomial and conjunctive/disjunctive normal formulae. This scheme uses bilinear
maps in the construction of the index and the search queries, which are fairly computationally
intensive for the user. Recent SSE schemes [12,26] can support arbitrary disjunctive and Boolean
queries; however, the scheme of [26] is slightly more efficient in terms of search time, as, in the
worst case, its searches are sublinear, whereas, for arbitrary disjunctive and Boolean queries,
using [12] these types of searches are performed in linear time.

• Available local storage. In this setting, where only the data owner is reading and writing data to
the remote server, if the data owner has local storage available, then an index for the encrypted
data could be stored locally, un-encrypted. This would achieve the fastest possible search, as the
data owner is searching un-encrypted data.

3.2. Scenario 2: Data Owner Can Read Data, All Users Can Write Data

In this scenario, both the data owner and a number of arbitrary other users are able to write data
(Figure 3). The data owner, however, is the only party that can read the data.

This scenario is well illustrated by an email routing system. Users send encrypted emails to the
data owner. To allow relevant routing of these emails, the server receives all the incoming emails
and routes them according to the data owner’s preferences. In order to ascertain how to route the
encrypted emails, they will be securely indexed with keywords (these could be all words in the subject
of the email, for example). The data owner supplies the server with search queries to enable it to
detect which emails contain a specific keyword and then route them according to the data owner’s
instructions without revealing the plaintext email to the server.
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Figure 3. Data owner can read data, all users can write data.

As there is more than one party that can write data, SE schemes for this scenario need to be
able to support dynamic data, as encrypted data will most likely be added to the server at different
times by different parties. In terms of encryption, public-key searchable encryption (PKSE or PEKS)
schemes are well suited here (see Definition A2). Using PKSE allows simple key distribution to the
users, as encryption can be done using the data owner’s public key. The secret key is used by the data
owner to generate search queries. This also ensures that only the data owner is able to produce search
queries and decrypt the data items.

• Size and type of data. As encrypted data items in this scenario are uploaded by different users,
the index is necessarily a forward index, having an entry per data item. Subsequently, the search
times are linear in the number of encrypted data items, which might not be suitable for practical
systems. In addition, most of the public-key schemes suitable for this scenario use pairings
and computationally intensive group operations in the Search and BuildIndex algorithms, which,
for large datasets, may not be feasible for a practical system. The scheme of [27] does not use
pairings in the BuildIndex or Search, which may make it a more practical choice.

• Frequency of queries. Due to the computationally intensive primitives used in the algorithms in
public-key searchable encryption schemes, they might not be suitable for use in scenarios where
a high frequency of queries are issued to the server. The schemes of [27–29] do not use group
operations or pairings in their Query algorithms. They use hash functions [28,29] and polynomial
evaluation [27].

• Number of additional users. As the data is encrypted using a public key, no secure channel
is needed for key distribution; hence, a large number of additional users does not impact the
efficiency of the scheme in this sense. However, more users may imply more encrypted data being
stored on the server so it could indirectly affect the efficiency of the scheme due to the issues arising
from searching over very large datasets (see previous point regarding size and type of data).

• Sensitivity of data. Public-key searchable encryption schemes are vulnerable to the offline
keyword guessing attack. In this attack, an adversary is able to uncover the keyword(s) that
were used to generate the search query. As the search queries are generated using a public key,
the adversary is able to generate arbitrary search queries for any keyword(s) of their choosing and
evaluate them on the encrypted data. By comparing the search results generated by their target
search query and their arbitrarily generated search queries, they are able to break the security of
the search query by seeing which search queries produce identical search results. The schemes
of [30,31] are not susceptible to this attack; however, Ref. [30] involves a user registering a keyword
prior to encrypting data, so there is an extra round of communication between the user and the
data owner prior to encryption. The scheme of [31] requires an extra server in order to prevent
offline keyword guessing attacks, with the assumption that the two servers do not collude.

• Type of search query. The most expressive searchable encryption schemes for this scenario are
that of [32,33]. The scheme presented in [32] supports conjunctive, subset and range queries,
whereas Ref. [33] supports the following types of queries: conjunctive, disjunctive, polynomial
and conjunctive/disjunctive normal formulae.
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• Available local storage. As the encrypted data is sent straight to the server by the users, in order
to index the data locally, the data owner will need to download the encrypted data in order to
index it. This will need to be repeated every time an encrypted data owner is added by a user.
Due to the large communication costs associated with this method, we do not consider this a
feasible option.

3.3. Scenario 3: Data Owner Can Write Data, Many Users Can Read Data

In this scenario, all the encrypted data stored on the server is written by the data owner,
who wishes to provide read capabilities to other users, whilst not allowing them the ability to write
data (Figure 4). As only the data owner is writing data, SKE is a good choice for constructing SE
schemes for this scenario and the data could be either static or dynamic.

Figure 4. Data owner can write data, many users can read data.

In practice, a corporation may want to outsource some encrypted data to a remote cloud server.
In order to allow employees to read the data, an SE scheme that supports multiple readers is required.
This group of users could also be dynamic, meaning that users may get their read capabilities revoked,
when an employee is fired for example, or new users may be enrolled into the system when the
corporation hires new employees.

Although this scenario seems to reflect many real-world instances of searching on encrypted data,
the literature is not very vast.

• Size and type of data. Using broadcast encryption (BE) (see Definition A3), as a method for
read-only user addition and revocation was put forward in [7]. Using this method, a single user
SSE scheme can be converted to a multi-user one, inheriting the properties of the underlying
single-user scheme. Choosing a suitable single-user SSE scheme (see Section 3.1) and applying a
broadcast encryption scheme to it would provide a good solution here.

• Frequency of queries. The solution described in the point above also applies here.
• Number of additional users. If there is a dynamic user group searching the encrypted data,

then the user addition and revocation mechanisms will need to be efficient. The scheme of [34]
stores a unique key per user on the server, which is used together with a search query to search
the encrypted data. To revoke a user, the user’s key is deleted from the server, which prevents the
server from being able to execute the user’s search queries. The revocation in this scheme does
not effect the other authorised users.

• Sensitivity of data. There are no ORAM solutions specifically for this scenario. One could use a
broadcast encryption scheme along with the single user ORAM in order to allow multi-users to
query the encrypted data.

• Type of search query. Using broadcast encryption extends a single-user SSE scheme to multi-user
one, hence the single- user schemes detailed in Section 3.1 are also applicable here when combined
with a broadcast encryption scheme to handle user revocation and addition.
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• Available local storage. If users have available local storage, then each one could store an index
locally, if trusted by the data owner. This would work most efficiently when using a static dataset,
as any updates to the data would require the data owner to update all the user indexes. If the
additional users do not have equal access rights, then it would be possible using this method to
have a different index for each user, so the user can only learn information regarding data items
they are authorized to search.

3.4. Scenario 4: Many users can read and write data

In this scenario, many users including the data owner have read and write capabilities (Figure 5).

Figure 5. Many users can read and write data.

An example of this scenario in the real world is the management of encrypted electronic health
records (EHRs). If you take just one hospital, there are numerous doctors, nurses and other staff (which
represent the users and data owners) that write information to the EHRs. Due to the sensitive nature
of the data, access will be restricted to certain users only. For example, a general practitioner may be
authorised to read the records of their patients only, whereas a heart specialist may be authorised to
read all records relating to heart conditions. All medical staff may need to write data to the records.

As there is more than one entity writing data, as in Section 3.2, we need to support dynamic data.
Both SKE and PKE are possible in this scenario but produce a subtle difference in the SE schemes
functionality. In a scheme that uses SKE, a revoked user will no longer be able to read or write data,
whereas, when using PKE, a revoked user will no longer have read capabilities; however, they will still
be able to write data to the server as this is done using the public key. We shall look at PKE and SKE
based methods of SE in this scenario.

• Size and type of data. For large datasets, deterministic encryption [18] could be used along
with a proxy server that uses proxy re-encryption to transform user’s queries to the correct form.
Each user could encrypt data using their own public key. In order to search other user’s encrypted
data, the proxy server can convert search queries to the correct form depending on which user
encrypted the data. This could involve the proxy server computing many different search queries
in order for a user to search many different user’s data, so this method might not scale well to a
large number of users.

• Frequency of queries. A scheme by Bao et al. [3] allows multiple readers as well as writers
using SKE. It employs a trusted authority to generate keys and enroll/revoke users in the system.
The method used to add and revoke users is similar to that using BE; however, generating a
search query and writing a data item to the server requires a valid value that varies from user to
user. The server stores information regarding these values and authorized users in a dynamic list.
Using SKE makes the Query and Search algorithms more efficient, hence this method might be
suitable for a system with a high volume of queries.

• Number of additional users. Multi-receiver public key encryption with keyword search
(multi-receiver PEKS) [28] extends the PEKS scheme to a setting that allows multiple readers
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as well as writers. Each user in the scheme has their own public key. For a large number of
additional users, this scheme is suitable as user keys can be transferred to the users publicly.

• Sensitivity of data. If the data is very sensitive, the ORAM techniques may be applicable.
A multi-user ORAM scheme is presented in [35], which uses a chain of proxy servers to protect the
data access pattern of each user. Another multi-user ORAM scheme is presented in [20]; however,
this involves an ORAM construction per user and only supports a user reading data from their
own ORAM construction, whereas they can write data to other user’s ORAM constructions.

• Type of search query. Wang et al. [36] present a conjunctive scheme suitable for this scenario.
No other schemes supporting more expressive search queries are detailed in the literature.

• Available local storage. As the encrypted data is sent straight to the server by the users, in order
to index the data locally, the data owner will need to download the encrypted data in order to
index it. This will need to be repeated every time an encrypted data owner is added by a user.
Due to the large communication costs associated with this method, we do not consider this a
feasible option.

4. Searchable Encryption in the Real World

In this section, we give a brief analysis of some products that claim to support searching
outsourced encrypted data. We try to detail the type of encryption used and the setup and search
leakages, although, as some of these products are proprietary, full details of the encryption method
may not be available.

• CipherLocker: A product named CipherLocker which has been created by a company called
Private Machines Inc. claims to be ‘the first platform that lets you securely search through files
that are stored encrypted on the server, without having to download the files’ [37]. The model
used is different to that of standard SE (Section 2.1), as the index is not kept on the server. The data
items themselves are encrypted using a semantically secure authenticated encryption scheme
before they are transferred to the server for storage. The searches are performed locally by the
user, hence there is no related leakage from the searches to the server. CipherLocker provides a
secure way to locate and retrieve encrypted data items from a server, the model is very different
to that of SE that is discussed in this paper. We can say that if every SE scheme stored an index
and performed the search locally, then all schemes would achieve this high level security. In the
literature, a standard assumption is made that a data owner wishes to outsource sensitive data to
a remote server due to local storage restraints, hence CipherLocker may not be a suitable solution
to searching on encrypted data for everyone.

• CryptDB: CryptDB [38] was developed by Popa et al. and is one of the most well-known and
documented solutions to searching on encrypted data. The authors are very transparent about the
types of encryption used in CryptDB along with the associated leakages, unlike other products
discussed in this section. This scheme works on data in SQL databases and allows the evaluation
of SQL queries over the encrypted data. Using CryptDB, it is possible to encrypt different parts
of the database using different types of encryption, depending on what types of queries will be
evaluated on that part of the database. This scheme is a good example of the relationship between
functionality and security that is often considered when designing an SE scheme.

– Random (RND): This is the strongest form of encryption used in CryptDB and produces
ciphertexts that are indistinguishable under a chosen plaintext attack (IND-CPA secure).
It does not allow any computation on parts of the database encrypted with this form of
encryption.

– Deterministic (DET): Deterministic encryption [18] leaks what values are equal in the
encrypted data i.e., equal plaintexts produce equal ciphertexts. Using this type of encryption,
one can perform equality checks on the encrypted data, which enables the user to locate
encrypted that matches a target value.
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– Order preserving encryption (OPE): OPE [39] leaks the order relations between ciphertexts.
If we have that a plaintext x is less than that of a plaintext y, then, if using OPE, the resulting
ciphertexts cx, cy will retain this order relation i.e., cx is less than cy. Using OPE to encrypt
the data, one can perform order queries and determine the maximum and minimum values
within the encrypted data.

– Homomorphic encryption (HOM): Homomorphic encryption [40] produces ciphertexts
that are IND-CPA secure and allow add queries to be performed over the encrypted data.
The leakage is limited to size of the ciphertexts. The security for this form of encryption is
similar to that of RND.

– Word Search (SEARCH): The scheme that is used to perform text search is that of [10].
The text is split into individual keywords and the repetitions are removed and the words
permuted. Each keyword is encrypted using the scheme as defined in [10]. The ciphertexts
are then padded to ensure they are all the same size. The leakage is limited to which data
matches the search query. If there are RND encryptions of the same data, then an adversary
may be able to detect the number of distinct keywords in the data by comparing the size of
the SEARCH ciphertexts with the RND ciphertext.

CryptDB performs much more than keyword search, as we have detailed. It also provides flexibility
for the user to assess what kind of security they need on their data and whether they would like
to sacrifice leaking some information to the server in exchange for being able to evaluate more
expressive queries. It requires a proxy between the user and the server in order to translate the
SQL queries to be compatible with the encrypted data, as well as decrypt the query results before
transferring them to the user. CryptDB has been used by several companies including Google
(Mountain View, CA, USA), SAP (Newtown Square, PA, USA), Lincoln Laboratory (Lexington,
MA, USA), Skyhigh (Campbell, CA, USA) and Microsoft (Redmond, WA, USA) [41]. Recently,
the security claims of CryptDB have been called into question. Work by Naveed et al. [42]
present attacks on DET and OPE used in CryptDB where a plaintext can be fully recovered
when using these forms of encryption, given only the encrypted column and publicly available
auxiliary information.

• CipherCloud: Ciphercloud market a type of encryption called Searchable Strong Encryption,
which is not the same as the notion of ‘SSE’ discussed in this paper. It involves a local index
being stored by the user in order to support searching, similarly to Cipherlocker. They also use
tokenization to support search on encrypted data. They claim that in some countries that have
strict data residency laws, such as Singapore and Luxembourg, companies are not allowed to
encrypt their data, hence tokenization is used instead of encryption for clients in these countries
to comply with regulations whilst still somewhat protecting their data.

Although any form of encryption on the data is more secure than nothing at all, it is obvious that
the claims of some companies that supply products that support searchable encryption are slightly
misleading for prospective clients.

5. Deployment Challenges

Despite the existence of seemingly practical searchable encryption schemes, there is still scarce
existence of their deployment Some companies claim that they can achieve searchable encryption,
but, with further investigation into their systems, they are usually built using a technology called
tokenization. Tokenization works by replacing a plaintext string (a keyword for example) by a
completely random string (token) before uploading it to the server and storing a map of these
replacements locally. Although the tokens are chosen randomly, identical plaintext strings are mapped
to the same token, meaning equality between plaintexts will be leaked. This will provide a fast search
(same as searching a plaintext) but requires a lot of data (the mapping) to be stored locally, meaning,
if the entirety of the data is tokenized, then there will be just as much data locally stored (excluding
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repeated keywords) as there is on the server. This method of data confidentiality seems to be more
suited to scenarios where only parts of the outsourced data needs to be protected. For example,
in a database of customer details, only the very sensitive portions of the data such as social security
numbers might need protecting. The level of security provided by tokenization is roughly equivalent to
that of DE, yet it also has the requirement of local storage space, as the user needs to store a dictionary
for all the tokenized values. SSE, although only achieving a fairly course grained search, is still able to
achieve sublinear search times and a high level of security, so why are companies and consumers not
adopting these methods to achieve data confidentiality in the cloud environment? We discuss several
reasons that we believe form barriers to the adoption of the cryptographic techniques for searching
encrypted data detailed in this work.

Usability. Searching over data in the clear is an everyday task for most people. Users are
accustomed to the efficient and highly functional search facilities found with search engines such
as Google. As a result, they expect the same levels of usability from an encrypted search. Unfortunately,
the SE schemes in the literature do not obtain this combination of functionality with efficiency;
they cannot compete with the search tools that users are accustomed to in this respect. This ties
in with the point regarding user education, if users understood the security benefits of using SE
compared with other methods, such as tokenization, then it might make SE a more appealing choice.

Lack of prototypes. SE is a relatively new technology, and there exists few prototypes or
demonstrations to illustrate the successful adoption of SE in the real world. This makes the implementation
of SE into new products or systems over established methods highly risky for the user. Alongside this
is the issue of the lack of standardised algorithms and protocols relating to SE, which make it harder
to implement without specialised knowledge in the area of SE. There are a wide variety of SE schemes
available that are well suited to different scenarios; however, without any evidence demonstrating the
suitability of a scheme to a particular scenario, there is no motivation for the user to choose this new
technology over established methods. This ties into the next point regarding user education.

User education. Users may not understand how SE can be used to solve their problem or the
security benefits it provides over existing methods. Furthermore, users may not understand the
security issues associated with using an alternative method such as tokenization. Educating users on
these issues will help them make a more informed choice and prevent the implementation of a method
that is not fit for their purpose.

Legal issues. The Investigatory Powers Bill [43], which, if passed, would give new powers to law
enforcement allowing them to issue subpoenas to cloud providers storing encrypted data requiring
them to break the encryption and release the plaintext data. In the case of SE where the encrypted data
stored on the company’s server is encrypted and outsourced by a third party and not by the cloud
provider itself, they would be unable to provide the plaintext data in this case. This could prevent
the deployment of SE as the cloud providers would be unable to store third party encrypted data, as,
if requested by law enforcement, they would be unable to provide the plaintext data.

Compliance. It is obvious that SE would be of great benefit to users or institutions that handle a
lot of sensitive data, such as banks. However, new technologies such as SE are effectively prevented
from being deployed, as they do not comply with these institution’s regulations, which usually require
the use of legacy systems. Institutions also have policies in place regarding how data is to be handled
and how their systems are used. Failure to comply with these regulations by an employee would
result in disciplinary or legal action against the employee. It is believed that this provides enough of a
deterrent to a potential inside adversary and provides a means for keeping sensitive data confidential
without the use of encryption. However, data breaches are becoming more frequent and severe [1],
which motivates the need for provably secure methods of data protection as opposed to ones that
rely on trust and user compliance. There are laws in place dictating that access to particular types of
sensitive data, such as medical records, should be restricted. The laws do not dictate how to enforce
such a restriction however. These laws should be updated to specify how the data should be protected,
in order to eliminate the reliance on compliance for data security.
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Lack of communication between academia and industry. In researching for this work,
we encountered firsthand experience of this issue. There is a distinct lack of dialogue between the
academics that conduct research in the area of SE and the practitioners that would like to implement
the technology. Without a conversation between these two parties, academic researchers do not know
which features of SE are most desirable for a practitioner and hence may not focus on these features in
their research. In order to facilitate the development of SE schemes that meet the needs of practitioners,
there needs to be a more open dialogue between academia and industry. Some companies (Sky High,
for example) have started to address this issue by appointing a cryptographic advisory board consisting
of five leading academic researchers. This gives the company access to information regarding cutting
edge technologies and specialised advice, and, on the other hand, gives the academic researchers
problems and areas of research to focus their work on.

6. Conclusions

In this work, we defined four scenarios in the real world in which searchable encryption can
be applied. We discuss various features of SE schemes and map suitable SE schemes into the four
scenarios. In addition, we discuss some issues that are preventing the adoption of SE in the real world.
We hope that this work will help practitioners design products that implement SE over less secure
methods such as tokenization, by highlighting suitable SE solutions and discussing the trade-offs
between security and efficiency within these scenarios.
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Abbreviations

The following abbreviations are used in this manuscript:

SE Searchable encryption
SSE Symmetric Searchable Encryption
SKE Symmetric-Key Encryption
PKE Public-Key Encryption
BE Broadcast Encryption

Appendix A. Definitions

Definition A1 (Symmetric Searchable Encryption (SSE)). A searchable symmetric encryption scheme
typically consists of the following four algorithms (we assume the data items themselves are encrypted separately
using a secure encryption scheme):

• SK $← KeyGen(1κ): A probabilistic algorithm run by the data owner that takes as input the security
parameter 1κ ∈ N and outputs a secret key, SK ∈ K.

• ID
$← BuildIndex(D, SK): This algorithm can be probabilistic or deterministic as required and it is run

by the data owner. It takes as input the set of metadata D associated with each data item along with the
secret key SK and outputs a secure index ID .

• Tω ← Query(ω, SK): A deterministic algorithm run by the data owner to produce a search query. It takes
as input a keyword ω ∈ ∆ along with SK and outputs a search query Tω.

• Rω ← Search(ID, Tω): A deterministic algorithm run by the server to produce the search results. It takes
as input the secure index ID and a search query Tω and outputs the search results Rω.
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Definition A2 (Public Key Searchable Encryption (PKSE)). A public key searchable encryption scheme
typically consists of the following four algorithms (we assume the data items themselves are encrypted separately
using a secure encryption scheme):

• (PK, SK) $← KeyGen(1κ): A probabilistic algorithm run by the data owner that takes as input the security
parameter 1κ ∈ N and outputs a public and secret key pair, (PK, SK) ∈ K.

• ID
$← BuildIndex(D, PK): This algorithm can be probabilistic or deterministic as required and is run by

either the data owner or an additional user. It takes as input the set of metadata D associated with each data
item along with the secret key SK and outputs a secure index ID .

• Tω ← Query(ω, SK): A probabilistic algorithm run by the data owner to produce a search query. It takes
as input a keyword ω ∈ ∆ that the data owner or user wishes to search for along with SK and outputs a
search query Tω.

• Rω ← Search(PK, ID, Tω): A deterministic algorithm run by the server to produce the search results.
It takes as input the secure index ID and a search query Tω and outputs the search results Rω.

Definition A3 (Broadcast Encryption (BE)). A Broadcast encryption (BE) consists of the following
four algorithms:

• (PK, SK) $← Keygen(1κ , h): A probabilistic algorithm that takes a security parameter κ ∈ N (and
possibly a value h, which determines the maximum number of users that can be revoked from the system),
and outputs a public and secret key pair (PK, SK) ∈ K.

• SKu
$← Add(SK, u): A probabilistic algorithm that takes a user identity u ∈ U and the secret key SK,

and outputs a secret key SKu ∈ K.
• c $← Encrypt(m,G, PK): A probabilistic algorithm that takes a plaintext m, a set of users G ⊆ U that are

authorized to decrypt the resulting ciphertext and the public key PK. It outputs a ciphertext c.
• (m or ⊥)← Decrypt(SKu, c): A deterministic algorithm run by a user that takes a ciphertext c and the

user’s secret key SKu. The algorithm outputs either a plaintext m that was encrypted in c if the user is
authorised to decrypt c (i.e., if u ∈ G), or the failure symbol ⊥ otherwise.

Definition A4. Oblivious RAM (ORAM), introduced by Goldreich and Ostrovsky [44], allows a user to
retrieve data items from a server without revealing to the server which data items were retrieved (access pattern).
In order to mask the access pattern, each access to the data is designed to be indistinguishable to an adversary.
Supposing the user stores n data items on the server, in order to achieve the masking of the access patterns the
user is required to store an extra

√
n dummy data items and a shelter storing another

√
n data items. First off,

a random permutation π is applied to the data items at position (1, ..., n +
√

n), i.e., everything but the shelter.
In order to access the ith data item, the shelter is scanned to check whether to check whether the ith data item is
in the shelter (this will not be the case on the first access; however, after each access, the contents of the access are
stored in the shelter). The items in the shelter are accessed in a predetermined order, regardless of whether the
desired data item has been located. If i is not found in the shelter, then it is retrieved by calculating π(i), which
is the location of the desired data item. If i was located in the shelter, then the next dummy data item in the
permuted memory is accessed at π(n + j), where j is the current step in the access). In either case, the retrieved
data item, the dummy one or the actual one is written to the shelter, by scanning all of the items in the shelter
again. The contents of the shelter are returned to the user. This ORAM solution is called the quadratic solution.
Many other methods for achieving ORAM have been put forward in order to enhance its efficiency [20–24].
Using ORAM to achieve searchable encryption completely conceals the access pattern, making it the most secure
method for searchable encryption. However, due to the high computational costs incurred by the multiple accesses
per search, it does not scale well to encrypted search over a large database.
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