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Abstract: This paper studies the stochastic pantograph model, which is considered a subcategory of
stochastic delay differential equations. A more general jump process, which is called the Lévy process,
is added to the model for better performance and modeling situations, having sudden changes and
extreme events such as market crashes in finance. By utilizing the truncation technique, we propose
the diffused split-step truncated Euler-Maruyama method, which is considered as an explicit scheme,
and apply it to the addressed model. By applying the Khasminskii-type condition, the convergence
rate of the proposed scheme is attained in L (p > 2) sense where the non-jump coefficients grow
super-linearly while the jump coefficient acts linearly. Also, the rate of convergence of the proposed
scheme in LP(0 < p < 2) sense is addressed where all the three coefficients grow beyond linearly.
Finally, theoretical findings are manifested via some numerical examples.

Keywords: stochastic pantograph differential equations; Lévy jumps; diffused split-step truncated
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1. Introduction

Stochastic differential models are very important, and many researchers have focused
their attention on them because they have been widely used in many fields, such as physics,
chemistry, engineering, biology, and mathematical finance, to describe dynamical systems
affected by uncertain factors. In order to gain more realistic simulations for stochastic
systems, it is more desirable and efficient to study stochastic models with delay. Stochastic
pantograph models are special kinds of stochastic delay differential equations with un-
limited storage and are used in many fields of pure and applied mathematics, such as
probability and quantum mechanics. Ockendon and Tayler [1] studied the collection of the
electric current via the pantograph of an electric locomotive, from which the name origi-
nates.

On the other hand, the Weiner process is not a convenient approach for modeling
situations, having sudden changes and extreme events. Therefore, jump models are better
for tackling these situations because they play a vital role in describing a sudden change in
the system [2,3]. Merton [4] was the first to propose a jump-diffusion model to update the
black and Scholes model [5], which did not take into account the jumps that can occur at any
time and randomly. Stochastic models interspersed with Poisson jumps have been studied
by many scholars [6-8]. However, if the fluctuations are a random process, then the number
of points where jumps happen and the magnitude of these jumps are also stochastic. For
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modeling such a kind of these fluctuations, it is more powerful to use a general jump
process, arising from Poisson random measures and generated by the Poisson point process
instead of using the Poisson process. Furthermore, studying stochastic models with delay
and jumps is also preferable for better performance and accuracy. Accordingly, this paper
will focus on the stochastic pantograph model with Lévy jumps.

Most of stochastic pantograph models do not have analytical solutions, and numerical
algorithms are needed to tackle this problem. However, most of these numerical algorithms
have been applied under the classical global Lipschitz condition and the linear growth
condition [9,10]. In many applications, these conditions are not common to be satisfied,
and this in turn leads to violation in the convergence properties of these methods. When
the coefficients grow beyond linearly, Hutzenthaler et al. [11] have manifested that the pth
moments of the Euler-Maruyama method blow up to infinity for all p > 1. To tackle this
problem, Hutzenthaler et al. [12] presented the tamed Euler-Maruyama method, which
was a recent approach to deal with this kind of problem. The tamed Euler-Maruyama for
stochastic delay models with Lévy bursts whose drift coefficients grow super linearly was
investigated in [13]. However, it was mentioned in [14] that the tamed methods can cause
significant inaccurate results for even step sizes that are not very small, and this is because
of the disorder of the flow caused by modifying the coefficients of the stochastic model.

Recently, Mao [15] introduced the truncated Euler-Maruyama technique for highly
nonlinear stochastic models and studied the convergence properties in the presence of local
Lipschitz and Khasminskii-type conditions. In 2016, he [16] studied its convergence rate
and stability. Guo et al. [17] applied Mao’s scheme [15] on stochastic delay differential
models. Geng et al. [18] studied the convergence of the truncated Euler-Maruyama method
for stochastic differential equations with piecewise continuous arguments. He et al. [19]
studied the truncated Euler-Maruyama method for stochastic differential equations driven
by fractional Brownian motion with super-linear drift coefficient. An original contribution
was made in [20] by introducing the implicit split-step version of the Euler-Maruyama
technique for stochastic models. However, the core limitation regarding implicit schemes is
the requirement of more computations than explicit ones.

Additionally, as we know, there are not many studies on split-step schemes for stochas-
tic pantograph models with Lévy jumps where coefficients might act super-linearly. There-
fore, motivated by the idea of truncation technique [15], we propose the diffused split-step truncated
Euler—Maruyama method which is explicit for highly nonlinear stochastic pantograph models inter-
spersed with Lévy jumps where all coefficients might exceed linearity and study the convergence
rate in LP(p > 0) sense.

The following depicts how this paper is sorted. A collection of notations and model
description will be given in Section 2. Section 3 will put the light on the convergence
rate in LP(p > 2) sense. Convergence rate in £7(0 < p < 2) sense will be depicted in
Section 4. Numerical examples will be provided in Section 5. Finally, some conclusions will
be mentioned in Section 6.

2. Preliminaries and Model Description
In this section, we are going to present some preliminaries that will help the readers

have the necessary background knowledge to understand the subsequent sections of this
paper and follow the research methodology, analysis, and results effectively.

Definition 1 ([21]). A stochastic process {v(t) }+>¢ is a collection of random variables on a given
probability space (Q, F,P) indexed by time t, where

*  Forevery t > 0, the function w — v(t; w) is a measurable function defined on the probability
space (Q, F,P).
e Foreach w € Q, the function t — v(t; w) is named the sample path of the process.
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Definition 2 ([22]). A stochastic process {v(t)}i>o, defined on probability space (Q), F,PP)
equipped with filtration {Fi};>o), has the Markov property if for any t > 0,¢ > 0and Y € B,
where B is the set of all Borel sets,

Po(t+¢) €Y | F) =Pv(t+¢) € Y| v(t))

Definition 3 ([23]). The non-anticipating stochastic process W (t) satisfies the following attributes:

e W(0) = 0and the sample path t — W(t; w) is continuous a.s.

e Theincrement W(gy) — W(g2) ~ N(0,61 — G2), where 0 < ¢ < g1.

e The increments W(¢1) — W(¢1) and W($2) — W(ga) are independent for 0 < g1 < &1 <
G2 < G2

is called Brownian motion.

Definition 4 ([24]). The non-anticipating stochastic process N (t) satisfies the following attributes

e N(0)=0as.,

e Theincrement N(g1) — N(g2) ~ Po(A*(g1 —¢2)), where 0 < ¢p < g1 and A* > 0.

*  The increments N(¢1) — N(g1) and N(&2) — N(g2) are independent for 0 < ¢1 < ¢ <
62 < G2

is called Poisson process with intensity A*.

Definition 5 ([23]). A right-continuous with left limits and adapted stochastic process L(t),
t € [0, T}, defined on probability space (Q0, F,IP) equipped with filtration { Fi} {;>0y, satisfies the
following attributes

e L[(0)=0as,

e L(t) has independent and stationary increments.

. L(t) is stochastically continuous, which means ¥g > 0 and Vg > 0.

lim P(| L(t) = L(¢) ||> ¢) =0
is called the Lévy process.

Definition 6 ([25]). A stochastic differential equation (SDE) is a differential equation where one or
more of its terms are stochastic processes and therefore the solution of it will be a stochastic process.
A typical form is

du(t) = @(v(t))dt + p(v(t))dW(t),

where W (t) is a Brownian motion.

The functions ¢ and i are called the drift and diffusion coefficients, respectively.
Stochastic pantograph differential equations [26] are considered special subcategory of
stochastic delay differential equations with the form

du(t) = @(v(t), v(nt))dt +p(v(t), v(nt) ) AW (), ey

with initial data v(07) = vp and 0 < 7 < 1. Most stochastic pantograph models do not
have analytical solutions or are difficult to obtain, and numerical algorithms are needed to
tackle this problem. However the classical existence and uniqueness theorems requires the
coefficients of the stochastic model to satisfy

*  Global Lipschitz condition: There exists a constant C > 0 such that for all g1, 62,1, € R,

lp(c1,61) — 9(62,2)1* V [#(c1,61) — ¥(62,62)|* < Clg1 — 62> + |61 — &2 ).
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e Linear growth condition: There exists a constant C > 0 such that for all 1,6, € R™,

lp(c1,62)1* V [9(c1,62)[* < C(1 + |g1|* + [g2]?).

However, these conditions are very restrictive, and there are many stochastic panto-
graph models that do not satisfy the linear growth condition, and this in turn leads to some
violations in the convergence properties of these numerical algorithms. This is considered
one of the motivations behind this paper, where we try to perform some relaxation and
replace the linear growth condition with what is known as the Khasminskii-type condition
(to be discussed later).

There exist two kinds of convergence of the numerical solutions of stochastic mod-
els [25]. The first kind of convergence is strong convergence.

Definition 7. Suppose x(t) is a continuous-time approximation of the solution v(t) of Equation (1)
with step size A > 0. Then, x converges to v(t) in the strong sense with order € € (0, 00) if there
exist positive constants C and A* such that

Elv(t) — x(#)[< CAS,
where A € (0, A%).
The other kind of convergence is weak convergence.

Definition 8. Suppose x(t) is a continuous-time approximation of the solution v(t) of Equation (1)
with step size A > 0. Then, x converges to v(t) in the weak sense with order € € (0, ) if for any
function f : R™ — R, there exist positive constants C and A* such that

[Ef(v(t)) —Ef(x(t))|< CAT,

where A € (0, A).

Throughout this paper, let (QO, F, {7} }{;>0},P) be a complete probability space with
right-continuous and non-decreasing filtration { F;},-, with Fy encompassing all P-null
sets. Let LP = LP(Q), F,P) indicate the space of random variables ¥ with expectation
E|¥|? < o for p > 0. Furthermore, if Z is a vector or matrix, its transpose is repre-
sented by ZT. Let | - | denote the Euclidean vector norm in R™, and let (g, ¢) be the inner
product of ¢, ¢ in R™ and ¢ € R, [g] refer to the non-fractional part of g. Also, ¢V ¢
and ¢ A ¢ refer to picking up the bigger and smaller between them, respectively. Let
W(t) = (Wy(t), Wa(t),...,Wy(t))T be d-dimensional Brownian motion and U € R™\ {0}
be the scope of abrupt leaps. Let N (-, -) defined on Ry x R™\{0} be a F;-adapted Poisson
random measure and N(dt,du) = N(dt,du) — 7t(du)dt be its compensated version with
Lévy measure 7 defined on U with 7r(U) = A. It is assumed that W(t) is independent
of N(t,-).

Let our analysis be focused on m-dimensional stochastic pantograph model inter-
spersed with Lévy jumps of the form

du(t) = @(u(t™),v(nt™))dt + (u(t), v(nt™))dW(H)

: B 2

+ [ @), 00t), 0Nt du), @
Ju

defined on 0 < t < T with 0 < n < 1 and initial data v(0~) = vy, where vy is Fo-
measurable, right-continuous, and E|vg|7 < oo for § > 0. Here v(t™) := lim,_,;-v(s),
v(nt™) = limg_,-v(s), ¢ : R" x R™ — R™, ¢ : R" x R™ — R™* and @ : R™ x R™ x
U— R"™,m,deNt.
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Remark 1. In this paper, v(t) and v(nt) are used to express v(t~) and v(nt—), respectively, and
C is used to denote a general real positive constant (independent of A, | later) changing at different
positions.

3. Convergence Rate in L? (p > 2)

In some applications, we need to approximate the variance or the higher moment
of the solution. In these situations, we need to have the convergence in the LF(p > 2)
sense. Therefore, in this section, the convergence rate of the diffused split-step truncated
Euler-Maruyama method for Equation (2) is attained in the L7 (p > 2) sense, where non-
jump coefficients behave beyond linearly while the jump coefficient grows linearly. At first,
some assumptions and lemmas will be presented as helping tools for proving our main
convergence theorem.

Assumption 1. Let ky > 0, > 0 such that

lp(61,61) — @(62,62)| V [9(51,61) — ¥(52,62)]
<ki(1+11° + 1Sl + g2l + 12215 (Ig1 — 62| + |61 — &)

and
/u |@(¢1,¢1,u) — @(62, G2, u)|(du) < ki(lg1 — G| + |61 — G2|)-

forall g1,62,61,62 € R"and u € U.

By utilizing Assumption 1, it can be concluded that

9(6, IV I9(e, 0 < C(L+ g + g ®)

and .
J, lo(e & w)l(du) < 1+ ¢l + ) @

forall¢, ¢ € R"and u € U.

Assumption 2. Let ky > 0, § > 2 such that

-1
(1) (9ler 1) — 9lc2, @) + S5 (1, 61) — ¥lea )P
<ka(lo1 — 62> + 161 — &2%)
forall g1,62,61,¢62 € R™.

Assumption 3. (Khasminskii-type condition) Let k3 > 0, p > ¢ such that

69(6,6) + 5 I9(6, O <ks(1+ ¢ +1¢I*)
forallg,¢ € R™.
Lemma 1. Under Assumptions 1 and 3, for any q € [2, p)

sup Elv()|7<C, VT >0 (5)
0<t<T

Proof. Proving this Lemma can be attained by following the same approach as in [27]. To
define the diffused split-step truncated Euler-Maruyama scheme, a strictly non-decreasing
continuous function p : Ry — R is selected, where p(1) — oo as: — oo and

sup (lp(c, OV [¢(g,O)) < B), (6)

lslvigl<:
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lp(c1.61) — ¢(52,62) |, [¥(51,61) — ¥(62,62) .
s Oei—clFla—al " (o —cal Fla -l =P ?

forall: > 1and i = 1,2. Moreover, a strictly non-increasing function vy : (0,1] — (0, 0) is
chosen such that

lim y(A) = o and (AVP v AV (A) <1, VA € (0,1]. 8)
—

For a given A € (0, 1], a truncated mapping v from R™ to the closed ball {¢c € R™ :
6| < B~ (7(A))} is defined by

vale) = (gl Aﬁ*(v(A)))ﬁ, )

where we set ¢/ |g| = 0if ¢ = 0. Then, the truncated functions are defined as follows:

YA(Q! g_) = Y(VA(Q)/VA(G_))/ (10)

forany ¢, ¢ € R", where Y = ¢ or . It is also obvious that

lpals, 6)V wals,6) < BB~ (v(A))) = (D), Vg,GeR" (11)

which indicates that ¢, s are bounded even though ¢, ¢ may not. Additionally, it can be
concluded

va(e)l < lgl, vale) —va(@) <l¢ =&l Vg &eR™ (12)
Upon utilizing (12) and Assumption 1, it can be concluded that

loa(61,61) — @als2,62)| V [Pals1,61) — ¥als2, 62)l

) B} L (13)
<k (1+ 61 + Gl + le2l® +1e2%) (le1 — g2l + 161 — c2l)
forall ¢1,62,¢1,6 € R™. O
Lemma 2. Under Assumption 3, for any A € (0,1],
_ p—1 _ _ _
¢"oalc, )+ pT|¢A(€/€)|2 <C(1+g+1gP), Ve ceR" (14)

Proof. The verification follows the one discussed in [28]. Now, the diffused split-step
truncated Euler-Maruyama scheme for Equation (2) is defined by Yy = vg and Y},41 is
computed by

Zy=Yy+ II)A(YH/ Y[qn])AWn (15)

Fpt1 : ~
Yo = Zn+Aq)A(Zn,Z[,]n])+/t ' /uw(Zn,Z[,m},u)N(dt,du), (16)

for n = 0,1,..., where Y, approximates v(t,) at t, = nA, AW, = W(t,41) — W(ty).
Wang and Li [29] introduced the fully explicit split-step forward methods for solving It6
stochastic differential models. However, the main limitation of these schemes is that the
derivatives of the drift and diffusion coefficients must be calculated at each iteration that is
considered computationally intensive. Our proposed scheme is considered as an explicit
and derivative-free scheme that does not require the calculation of the derivative at each
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step with good properties in terms of convergence rate and accuracy. For all t € [t t,11)
and A € (0,1], we define

xalt): =Y, + (t— tn)(PA(Zn/ Z[r]n]) + lpA(Yn,Y[,]n])(W(f) —Wi(ty))

t N 17)
+ /t /u @(Zn, Zpyy, w)N(dt, du)

and denote - -
k() =Y Vel e (), k2(8) = ) Yl ey (),

r=0 r=0

and - -
() =Y Zelyr (), k5 () =Y Zp g ) (B,

r=0 r=0

where I7(¥) = 1if ¥ € Z. Accordingly, Equation (17) can be rewritten in integral form as

t t
xa(t) = Yo+ [ @alei(s)x3(&))ds + [ pari(s),mals) dW(s)

; - (18)
+/O /uco(;q(s),x; (s), u)N(ds, du).
O
Lemma 3. Under Assumption 1,
E|xa(t) —x1(t)|2 VE[xa(t) — 7 ()| 19)
< C((7(8))2Y2 + A1 +Elxf ()]0 + Elx3(1)]9), =2,
Elxa(t) =1 (t) |V E|xa(t) — i ()| 20)

< C((7(8)28%2 + A2 (L4 Elxi (1) ° + Elx3 (1)), 0<06<2.

Proof. Select any A € (0,1], ¢ > 2. Then, 3 a unique r where rA < t < (r 4+ 1)A. From
Equation (18), we have the following;:

Elxa(t) —x1(1)|% = Elxa(t) — xa(rd)[?

—E /r; @ (K5 (s), 15 (s))ds + /r; Pa(x1(s),12(5) ) AW (s)

(21)

+ [ ] @i, 53(5), )N, du)

Once utilizing (11), Assumption 1 and the properties of the It6 integral [21], we obtain
R N t N
Elxa(t) = x1(5)]? < CAT'E /A [pa(x1(s), x5 (s))|%ds
JT
N t N
+cale-2/2g / 1 (1 (5), K2(5)) | s
rA
; 0/2
+ CE (/ / (i} (s), k3 (s), 1) |27t(du)ds> (22)
rA JU

t o
+CE/M/U|(o(;q(s),x;(s),u)|@n(du)ds
< C((7(8)2A%2 + A1+ E|xj (5)[2 + Bz (5)[2)).
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Therefore
Elxa(t) = x1(£)]2 < C((7(8))202 + A(1 + E[ ()2 + Elx3 (5)]%)). (23)
By utilizing (11) and (15), it can be concluded that
Bl (1) — i ()% < CACD12E, [ g (k1(5), o (5)) (s) < Clv(a) 22 (24
By utilizing (23) and (24), we obtain

Elxa(t) = x5 (£)|¢ < C(Elxa(t) — w1 (8)]° +Elier (1) — x5 (£)]°)

- A X (25)
< C((7(8)28%2 + AL +Elxi (5)[° + El3 (5)[%)).

By utilizing the Holder inequality, (23), and (25), we have for any 0 < ¢ < 2 the
following:

Elxa(t) —x1(£)|% < (Elxa(t) —xi(£)]*)%2

< C((7(8))*A+ A +El (s) > + Elics (5)[2)) /2 (26)
< C((7(A))2AY2 + AY2(1+ Elxf (5) |2 + Elic3 (5)|2)),
and
Elxa(t) — €5 ()2 < (Elxa(t) — x5 (£)]*)??
< C((7(8)*A+ A1 +Ex (s)|* + Elz (5)[*)) /2 (27)
< C((7(8))2A%2 + AV2(1 4 Elici (5)|2 + Elx3 (s)[2)).
O

Corollary 1. Under Assumption 1,

Elxa(nt) = x2() VE|xa(nt) — x3(t)[°

S i i (28)
< C((1(A)°82 + AQ+Elxf ([ + Elx3()]9), 6>2,

E|xa(nt) —x2(5)[° VE|xa(yt) — 15 ()|

o ) A ) (29)
< C((7(A)°AY2 + AY2(1+ E|if ()2 + E[x5(£)[2), 0<6<2

Proof. The proof of this corollary can be attained by proceeding the same approach as in
Lemma3. [

Lemma 4. Under Assumptions 1 and 3, for q € 2, p)

sup sup Elxa(t)]<C, VT >O0. (30)
0<A<10<t<T

Proof. For fixed A € (0,1], we obtain via the It formula [30] and (18)
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a1 < ool + [ alxa T2 (< 6)ga (i (s) ms) + 15 (s (5) k()2 s
+ [ a2 (Geas) = 1) T ga(r(s) mafs)) ) ds
+ [ a2 (K6 @a (6 ()13 6)) — o (a (5) () ) s
+ [ a6 gatxa 5) a(s)aw(s) @1
] s @20 (5), w5(5), )N (as, )
4[] s+t @600 = a1

- ‘7|XA(S>|q72X£(S)‘D(KT(S>/K§(S)ru)} N(ds, du,).

Applying Assumption 3, using the Taylor formula [30] and the Young inequality, and
then taking the expectation will lead to

E[xa()|" < |vo|?+ L1 + Lo + Lg + Ly, (32)
where ,
L= CB [ a0 201+ I (5) + ea(s) P, @)
Lo = CE [ a2 (00a(5) — :1(5) g (k1 (5), 2 (5)) ) s, (34)
Lo = €8 [ Ixa(o) 72 (x56) (0alki (51,15 (5)) — oa(is () ma(s)) ) s, (39
and

Li=CE | t [ (1xa ()72l (5), 13 5), ) P+ [@(ic (), 3 (5), ) |7) (s, (36)

From (8), (11) and (15), we obtain
EJx} (1)]7 < 21U (Elxy ()] + (7(8))TE|JAW, |7) < C + CEly (1) 37)
By the same analogy, we obtain
Elx; (£)]1 < C+ CE|xa(t)]7. (38)

Utilizing the Young inequality a7—2b < %aq + %b’? /2 leads to

t t
Lt < CE [ [xa(o)l7ds + CE [ (14 [x(5)[9 + [ra(s)[1)ds
<C+C [ Era®) + Bl (5)1 + Elwa()]7)ds )

t
<C+C [ sup Elxa(r)|7ds
0 0<r<s
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By applying the Young inequality, Lemma 3, (10), (11), (37), and (38), we obtain

t t
Ly < C+CE [ xa(s)/%ds +CE [ [xas) = 1 (5)|7lga(x1(5), a(s)) s
t
< C+CE [ [xa(s) /s

+C(r(8)) /Ot((“r(A))W/2 +AM+E[xg (5|7 + Elry (£)]7))ds

t ] (40)
< C+CE/O [xa(s)|"ds
FCMNT [ (A1 -+ A+ By (0] + Blea(6) 7))
t
< C+C/o OSSI:ESE‘XA(Y)‘qu
By the Young inequality, (7), (10), (11), (12), and (24), we have
t T
Ly < CE/O |XA(S)|qu+CE/O [pa(ig(s),x3(s)) — @alra(s), xa(s))|7ds
t
< CE [ [xa(s) s
T
+CE/O [p(va(xq(s)), va(kz(s))) — @(valri(s)), va(ra(s))) | ds
t
< CE [ [xals) s (41)

4Oy [ Bl (s 5)) — a1 (6D + Elva(3(5) —va i) )
< CE [/ Ixa(s) s+ [ ((a)21a1/2as

t
< C+C/ sup E|xa(r)|%ds.
0

0<r<s
By utilizing the Young inequality and Assumption 1, then proceeding the same as
before, we obtain
t
Ly <C+ C/O sup E|xa(r)|%ds. (42)

0<r<s

By plugging (39), (40), (41), and (42) into (32), we obtain

t
Elxa(t)7 < C+C [ sup Elya(r)|'ds, 3

0<r<s

where the R.H.S of (43) is increasing in t. Then,

t
sup E|xa(r)| < c+c/ sup E|xa(r)|ds. (44)
0<r<t 0 o<r<s

By the Gronwall inequality,

sup E[xa(r)|7 < C. (45)

0<r<t

Because this is valid regardless, the value of A, (30) is obtained. [
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Lemma 5. Under Assumptions 1 and 3,

Elxa(t) = (D)]” VExa(t) = xf (57 < C((v(A)¥AT2+4), 2<¢"<p,  (40)

Elxa(t) = x1(1)] VE[xa(t) = x5 (£)]7 < C((v(8))7 A2 +877%),0< 0" <2 (47)

Proof. By utilizing Lemma 4, (19), and (37), the required assertion (46) is directly attained.
For any 0 < ¢* < 2, by utilizing Holder’s inequality, we obtain

Elxa(t) —x (1) < (Elxa(t) —m(5)})? 2

(
(C((r(a)*A+na))2 2
C(7()) A% /2 4 A0 /2),

IN A

Similarly,
Elxa(t) —xi(H)]® < C((1(A))% A%/2+a272).

The proof is complete. [

Lemma 6. Suppose that Assumptions 1 and 3 hold. Then, for any real number 1 > |v(0)| and
A € (0,1], we define the stopping time p; = inf{t > 0 : |v(t)| > I} such that

P(py<T) < l% (48)
Proof. By utilizing (5), we have
sup Elv(uAp)|? <C.
0<u<T
Then, by applying Chebyshev’s inequality, we have
MP(o; < T) < C. (49)

The proof is complete. [

Lemma 7. Suppose that Assumptions 1 and 3 hold. Then, for any real number 1 > |v(0)| and
A € (0,1], we define stopping times 95; = inf{t > 0 : |xa(t)| > I} and 85, = inf{t > 0 :
x5 (£)| > 1} such that

P(8y) < T)VP(8y, < T) < (50)

=0

Proof. Upon proceeding in the same manner as in in Lemma 4, it can be shown that

sup E[xa(uAda)|? <C.
0<u<T

Then, by applying Chebyshev’s inequality, we obtain
ITP(05, < T) < C. (51)
Then, by utilizing (37) and Chebyshev’s inequality, we can obtain

MP(By, < T) < C. (52)
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Theorem 1. Let Assumptions 1-3 hold, q € (2, p) such that q > (14 ¢)&. Then, for p € [2,¢)
and A € (0,1]

Elea(T Ata )P < C((B1(7(A)PEHP=1+ (y(A))PAP/2 + AG-P0/1), (53)
where ex () = v(t) — xa(t) and Ta; = p; A Op; A Op .

Proof. Let 7p; = T be a sort of simplicity, and note that g > (1 + {)w if w € (p,¢). Upon
applying the Itd formula, using the Taylor formula, and taking the expectation, we have

Eles(t A T)|?
< ]E/Ot/\f plea(s)|P2 (eg(s)[(p(U(S),U(}ys)) — (K5 (s),65(5))]
+ P2 Lg(0(5), v55)) — palia(s) mals)) P s 54)

—I—CE/O”\T/U\eA(S)\P—2|a)(v(s),v(115),u)—a)(;{ik(s),,(;(s),u)‘zn(du)ds
+CE/Ot/\T/u\cD(v(s),v(1ys),u)—a)(;q(s),K;(S),uﬂpn(du)d&

Applying the Young inequality leads to

P2 lp(0(s), 0015)) — pa(ra(5), mals))?

< B (14 S=2) 9 0(e), 0(9) = s (s), xa )

p—1
w—=p

+(1+ £ ) 19 (ca(s), xa (19)) — 9a (1 (5), k2(s)) ) (55)

= O 9(0(5), 0(15) — $lxa(s), xal15) P

(w-1)(p—1)
T 2wy

Plugging (55) into (54) yields

[9(xals), xa(ns)) — pa(xi(s), x2(s))*.

E|eA(t/\T)‘p <h+Lh+]3 (56)

where .
Ji= E/o plea(s)|P—2 (eZ(s)[‘P(U(S),U(ns)) —o(xal(s), xa(ns))] )

+ I (05),0055)) — $(xa(), xa 7s)) ) s,
= [ ples)lP 2 (Ao lals) xa )  9alxi () K5()]
w—1)(p— (58)
+ WW(XA(S)IXA(US)) — tpA(xl(s),Kz(s))F)ds,
and

J3 =CE /OfAT/u lea(s)|P~2|@(v(s), v(ns), u) — @(x(s),x5(s), u) |*rt(du)ds -

tAT
+CE [ [ @(v(s),0015), 1) = @ (ki (5), 13 (5), ) [ (du)ds.
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By utilizing Assumption 2, it can be directly concluded that

1 < C/OtE|eA(s A T)|Pds. (60)

p<E [ " plea(s)12(e5()p0ra(s) s (15)) = 9 (xa ), xa 75)]
(w—1)(p—1)
T w-p)
+E [ plea(o) (ch(s)lgalxa(s) xa (1) — @a (i (5), w3(s)
(w—1)(p—1)
T w-p)
= o1 + ).

By utilizing the Young inequality, Holder’s inequality, (10), and Assumption 1 and
(12), we obtain

[$(xa(s), xa(15)) = $a(xa(s), xa(5))1? ) ds
(61)

90 (xa(s), xa75)) = (i (5), ka(s)) P ) s

t T
Jor < CE [ Jea(s A7)|Vds +CE [ (Io(ta (), xa(75) = (s (5), xa (75))|”
+ 19 (xa(s), xa (1)) = $a(xa(s), xa(ns)) P ) ds
< ["Blea(s A)Pds + CB [ [0+ xa o)l + xa(rs) ¥ + lua(ca(s)) P

(62)
+ [va(ra(79))17€) x (Ixa(s) = va(xa(s)I” + xa(s) —Va(Xa(’?S))l”)}dS

< [‘Bleasnr)pds +C [ [EO+a@)lr + atrs))]

—pg)/
)}(q pg) qu_

X [E|XA(5) —va(xa(s)) P70 L B|xa(ns) — va(xa(ys))|Pa/ =

Utilizing Lemma 4 leads to

t T
Jar < C [ Elea(s A7)|Vds +C [ [Elxals) = va(xa(s)|P7/ 070010 s
(63)

t T
/(q— -pg)/
< C [ Blea(s A)Pds +C [ (B 01y [xa (910791009 s,

By exploiting the fundamental bridge and Chebyshev’s inequality, we reach

T
J1 < C/OtEleA(S/\T)|pds+C/O ([P(IXA(S)I > B 1(y(A)))) @ Pep)/(a=p0)
X [E|XA(S)Hp/(qug))(q*r’é)/qu

(64)

t T/ E|xa(s)|? \@-ré-p)/q
gc/o E|eA(sAT)|pds+C/O <(/s—1(fAyW> d

< C [ Blea(s A )lPds + C(B (2(8))PE
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Applying the Young inequality and (13) yields

2 < C [ Bleals n)Pds + CB [ len(s) P21+ hxa(s) P -+ Lxa rs) 2
DG (5) P 5 (9)P)  (La(s) = K5 (5) P+ xa(s) — w5 () P)ds
+CE [ ea P20+ a6 P + luals) + I 6) P + o)) (69)
% (1xa(s) = 119 + als) — xa(s)P)ds

t
= C/O Elea(s A T)|Pds + Jao1 + Jaz2,

where

AT
Jo1 = CE/O lea(s)P72(1+ [xa(s)* + [xa(s) [P + x5 ()% + i3 (s) )

* (Ixa(s) =13 (s)* + Ixa(s) = x3(s) ) ds,

(66)

and

oz = CE [ Jealo)lP 21+ [xa(s) P + ea () P+ ey () + ()
x (|xa(s) = x1(s) > + [xa(ns) — xa(s)|*)ds.

Upon applying the Young inequality, Holder’s inequality, and Lemmas 4 and 5, and
utilizing Inequalities (37) and (38) and pq/(q — p{) > 2, we obtain

(67)

Jo < CE [ lea(s A ) Pds +CB [ (1 a(6) P+ [xa )l
13 ()P + (13 (5)17) % (xa (5) = x5 )17 + [xa () = 3(5)P ) ds

t
< C/ Elea(s A T)|Pds

]Pé/q

+ C/ (T4 [xa ()7 + [xa(ys)? + 61 ()7 + [k3(s)17) (68)

—p0)/
)}(q pg) qu

x [Elxa(s) — ()P40 1+ Elxa(ns) — 3 (s) |/ 0¥

t T
< C/ Elea(s A T)|Pds + C/ ((V(A))W/(q—pé)Aw/Z(q—pG) +A ds
0 0

) (-p0)/q
t
< c/ Eles(s AT)[Pds + C((7(A))PAP/2 4 AT-P0/4),
0
By following the same approach as for [y, it can be concluded that

t
Joz2 < C/O Elea(s A T)[Pds + C((7(8))P A% 4+ Al0=P0/7), (69)

Therefore by plugging (68) and (69) into (65) and substituting with (64) and (65) into
(61), we obtain

J < C/Ot]EleA(s AT)|Pds + C((BH (7(A))PEHP=1 4 (y(8))P AP/ AZP/0) - (70)
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By applying Assumption 1, the Young inequality, and Lemmas 4 and 5,

Js<C /Ot]E|eA(S AT)|Pds + C/OTE(IU(S) —x1(5)|P + [v(ns) — x3(s))[P)ds
< CE [[feals A)lPds +C [ Blxals) ~ i) + lalrs) ~ mi(s)P)ds D)
< CE /Ot lea(s A T)|7ds + C((7(A))PAP/2 + A).

Then, by plugging (60), (70) and (71) into (56), we reach

Elea(tAT)P < C/OtEIEA(SAT)\”ds+C((ﬁ_1(’7(A)))”g+”_"+ (7(8))P P72

(72)
+ A(W—PC)/Z)_
Then, the Gronwall inequality leads to
Elea(TAT)P < C((B™ (7(8))F771 4 (7(A)7 A2 4 AlTF/0). - (73)

O

Corollary 2. Let Assumptions 1 and 2 hold and Assumption 3 holds for all p € (&, c0). Define

B(x)=Cx'*e, x>0, and (A=A, ec(0,1/4A1/q). (74)
Then, for any
pel28), qe((1+QpVvip) and ec(0,1/4N1/4], (75)
we have
Elex(T)|P < CA~ 40P/ (140N a=Cp)/q, (76)

Proof. By utilizing (75), it can be concluded that

£§1<P(1+€)

q 2q
which implies
e(q—(1+8)p)/(1+8) < p(1l—2¢)/2.
O

Then, by applying Theorem 1 and (74), the required assertion (76) can be easily
obtained.

4. Convergence Rate in L7 (0 < p < 2)

In some applications, we need to approximate the mean value of the solution or
the European call option value. In these situations, we need to have the convergence
in LP(0 < p < 2) sense. Therefore, in this section the convergence rate of the diffused
split-step truncated Euler-Maruyama method for Equation (2) is attained in £7(0 < p < 2)
sense where all the coefficients behave beyond linearly. Also, we first will present some
assumptions and lemmas for helping us in proving the convergence theorem.

Assumption 4. Let kg > 0 such that

l9(61,61) — ¢(62,62)| V [9(51,61) — P52, 62)| < kr(lg1 — G2l + I61 — ¢2l)
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and
/u lo(g1,¢1,u) — @(62, 62, u)|(du) < kr(lg1 — 62| +[¢1 — ¢21),

forall 1,62,61, 62 € R™ with [61| V |¢2] V |€1| V|2 < Rand u € U.

Assumption 5. Let k > 0 such that

206,9(6,8) + | @(c,&wm(dw) + (s, O + [ (¢ Pr(dn) < k(1 +[c +1¢I) 77

forallg,¢ € R"and u € U.

By following the same approach and procedures as for proving Lemma 1, we have the
following lemma.

Lemma 8. Under Assumptions 4 and 5,

sup Elv(t)|*> < oo, VT >0. (78)
0<t<T

In Section 3, the jump term was acting linearly, but in this section, according to
Assumptions 4 and 5, the jump term is permitted to grow super-linearly; therefore drift,
diffusion, and jump coefficients will be truncated. By proceeding the same as in in Section 3,
B is selected such that (1) — oo ast — oo and

sup ([o(, S)|VIg(g o)Vl g u)l) <), Vex1. (79)
lsIvIgl<:

Moreover, a strictly non-increasing function 7 : (0,1] — (0, o0) is chosen such that

lim 7(A) =0 and AV4y(A) <1, VA€ (0,1]. (80)
-

For a given A € (0,1], v, is the same as (9) and
¢a(6,6) = @(val),va(§)) and  @a(g & u) = @(vals), va(G), u) (81)
forallg,¢ € R™ and u € U where ¢ = f or g. It is also obvious that
9a(6, )V [¥alc, IV |@als, & u)l < BB (1()) = 7(A) (82)

forall g,¢ € R™ and u € U. Additionally, by utilizing (12), (82), and Assumption 5, it can
be concluded that for any ¢, § € R™,

2<€/ (PA(QI C) + /U(DA(Q/ g‘,u)n(du)) + |¢A(€/ g_>|2 + /U |(DA(€1 (_j,u)|27r(du)
< C(1+ g +1c).

(83)
Now, the diffused split-step truncated Euler-Maruyama scheme for Equation (2) is

established by the initial value Y = vy, and Y;,4; is computed by

Zyn=Y,+ lpA(an Y[iyn])AWn (84)

tn 1 ~
Yn+1 =7y +A§0A(Zn/z[;7n]) +/t B /u L’DA(ZH,Z[ﬂn],M)N(dt,dM) (85)
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forn =0,1,...and xa(t) is defined by

t t
xa()) = Yo+ [ @alii (), x3(s)ds + [ galia(s), xa(s))dW(s)
+ /O /u @ (K5 (5), K5 (), u)N(ds, du),
where x1(t), x2(t), k5 (t) and «; (t) are the same as defined before.
Lemma 9. Under Assumptions 4 and 5,
E|xa(t) = x1(5)] VE[xa(t) = 5 (1)]7 < C(1(8))¥8, ¢ 22 (87)

Elxa(t) —xi ()7 VE[xa(t) — i (0] < C(y(A)AT72, 0<g' <2  (88)
Proof. By utilizing [@a (¢, G, u)| < v(A) for all u € U and following the same approach

and procedures performed in Lemma 3, the required assertions (87) and (88) can be easily
attained. [J

Lemma 10. Under Assumptions 4 and 5, we have

sup sup E[xa(H)>? <C, VT >0 (89)
0<A<10<t<T

Proof. For fixed A € (0,1], we obtain via the It formula and Equation (86)

Bl () < Elxol + E [ (28] (5)ga (1), 12(5)) + [9a (k1 (5), a(5)) )
B [ 20080~ 11(6)) pa (5) mals))s
+E [ 205(6) (a 65 (5) 5(5)) = @ (1 (5) m2(9)s
-HE/Ot/u2K1T(S)LDA(K1(S),K2(S),u)n(du)ds
B [ [ 200a(8) = 51() T @n (0 (5) mals), ) () ds

+]E/O /uZXK(S)(cDA(KT(S),Ki(S),u)—a)A(Kl(s),xz(s),u))n(du)ds

(90)

Applying (81), (82), and (83), Assumption 4 leads to
ot
Elxa () < C+CE [ (@) + ra(s) + fea(s) P)ds
t
+Cr(8) [ Elxals) —ra(s)lds o

e /ot E(|x} (s) = x1()[? + [13 () — 2(s)[*)ds.
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Then, by using Lemma 9 and noting from (80) that ((y(A))?A!/? < 1), we could obtain

Elxa () < c<1 + [ Elxa@)P + (o) +E|K2(S)|Z>d5

(92)
t
<C (1 + [ sup E|)(A(r)2ds>.
0 0<r<s
Upon proceeding in a similar fashion as for Lemma 4, (89) is obtained. 0
The following Lemma can be obtained by the same approach in Lemmas 6 and 7.
Lemma 11. Under Assumptions 4 and 5, for any real number | > |v(0)| and A € (0,1],
C 3 C
Plor<T) = 5 and P01 <T)VE(@Ba1 = T) < 55, (93)

where p;, 95, and O, ; are the same as defined before.

Assumption 6. Let ¢ > 0 such that

2(c1—62, (9(61,61) — ¢(62,62)) + /LI(‘D(GLQ_L”) — @(g2, 62, u))7t(du))
+19(e1,61) — sz )P + /u @ (¢1,¢1,1) — @62, G ) Pre(du) O
<a(ler =2l + g1 — )
forall g1,62,¢1,¢2 € R" and u € U.

Assumption 7. Let c; > 0, { > 0 such that

l9(61,61) — ¢(62,62)| V/u |@(61,61,u) — @(g2, G2, u) |7 (du) 5)
<c(1+ailf +16 s+ le2l® + 1) (61 — g2l + 161 — &)

forall g1,62,¢1,¢2 € R" and u € U.

Lemma 12. Under Assumptions 4,5, 6, and 7, let | > |vg| be a real number and A be small enough
such that B~ (y(A)) > L. Then,

Elea(T Atag)* < C(v(4))%A, (96)
where ex(t), Ta; = p; A O A Op, are the same as defined before.

Proof. For simplification, we denote 75 ; = 7. By the It6 formula,
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Blea(t A )P
<& [ 2(0(9) = 11 (5) T (p(0(), 0(1) ~ @1 (5), ()
IR 500 el s
B [ [ 20065) = () @(0(6), vlrs) 1) — @a(x(5), (o), 1)) et s
+E[ [ ot — @ (s),mals), ) Pr(du)ds
+EAMFKﬂ@—KM@V@@@LW%D—@MM@%@@DMS 7
+Eﬂf”%ww—xaﬂﬂwmwm@mxm»—¢Mﬁ@»@@»Ms
+E/“i/ (1(5) = X ()T (@(0(s), 0(15), 1) — @ (11 (5),Ka(s)), ) () s
vE [ [ 20 " (@al(5) a(15), 1) — @5 (5), 3 ), ) () ds

vE [ /u @ (51(5), Ka (7)) — @ (65 5), 3(5), 1) ().
It is observable that for s € [0, A 7],
[o(s)| V Jo(rs)] v i1 (5)] V [ia(8)] v 15 (8)] V i3 (5)] < L.
But due to B~ (y(A)) > 1,
o)V [0015) |V [ ()] V [ka(s)] V K5 ($)] V K3 (5)] < B (2(A)):
Due to (81), we have for s € [0, ¢ A 7]
Paii) = 9ij),  @alij,u) = @lijou), Vuel, 98)

where ¢ = ¢ or i) whereas i = «;(s) or k] (s) and j = x,(s) or «; (s). Therefore, applying
(98), Assumptions 6 and 7 to (97) yields

Elea(tAT)P
< CE [ (lo(s) = k()P + fotrs) — xa(s) P)ds
+CE [ 00(6) = xa ()T + oI + 009 + () -+ a(s) )
 (05) = (5)| + o) = wa(s) s
+CE [ (0() = xa(6) T+ IO + ) + G+ 56)10)
< (s >—x1< )|+ Ira(s) = w5 5) s
4 CE [0+ Ik 6) P+ )+ I (5) P+ w5 5) )
x ((5) = K (5) P + als) = k3 (5) )

(99)
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Utilizing the Young inequality, Holder’s inequality, Lemmas 8, 9, and 10 cause
Elea(t A T)[?
< [ Blea(s A)Pds +C [ E(xa(s) ~ 1) + xalrs) — ma(s) P
¢ [ (14 B+ Elotys)? + Bl () + Blea(o) )
< (Elxa(s) — 1(6) /00 + Elxa (1) — rals) P/0-0) " Vs (100
€ [ (1B (s) + Elras) + Bl 5)P FE6)R)
< (Elia(s) = ki ()10 + Elxa(rs) — w3(6) 2 0-0) g
< C/OtE\eA(s AT)|ds + C((A))2A.
By the Gronwall inequality,
Elea(T AT)|? < C(y(A))3A. (101)
The proof is complete. [
Theorem 2. Under Assumptions 4,5, 6 and 7. Let p € (0,2) and constant ¢ > 0 such that
Y(8) 2 Bl ((r(8))rar2) @) (102)
holds for small values of A € (0,1]. Then, for these small values of A
Elea(T)|? < C(y(A))PAP/2. (103)

Proof. Leten(t), p, 95, 9a;, and T be the same as defined before. By [20], for any ¢ > 0
and p € (0,2),

Elea(T)[P = E(lea(T) P Lirsy) + E(lea(T) P Lir<ry)

2— 104
< E(le(T)Plirsry) + B2Blea(T) P + =L R(r < 7). (10
2077
By Lemmas 8 and 10,
Elea(T)[* < 2E(|o(T)]” + [xa(T)P*) < C. (105)
By Lemma 11, we obtain
P(r<T) <P(pr < T)+B(6a < T) +P(Bpy <T) < (106)
By plugging (105) and (106) into (104), we obtain
C C(2
Elea(T)P' < Blea(T A ) + 52+ S 107
21292

holds for any A € (0,1),1 > |xo| and ¢ > 0. Then, by selecting

0= (Y(8)P8P2, 1= 1D,
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and substituting in (107), we obtain
Elea(T)|” < Elea(T AT)|P + C((8))PAP"2. (108)
Furthermore, by Condition (102), we obtain
B (v(8)) = HO((y(8))PAr/2) 7V Emp) =, (109)
Therefore, by applying Lemma 12, we obtain
Elea(T)|” < (Elea(T)[)P"? < C((7(8))?8)P"2 = C(v(A))7 AP, (110)
O

Corollary 3. Under Assumptions 4, 5, 6 and 7. Define

Bx)=cx'™C, x>0, and y(A)=A"F, ec [m, ﬂ, (111)

where 0 < p < 2/(2+ ). Assume also that (102) holds for small values of A € (0,1]. Then, for
these small values of A

Elea(T)|P < CAP(1-28)/2, (112)

Proof. By utilizing Theorem 2 and (111), the required assertion (112) can be easily obtained.
O

5. Numerical Examples

In this section, we will present two examples to verify our theoretical results that were
obtained in the previous sections, and to open up new avenues as a future objective (to be
taken into consideration) in our upcoming papers to mention that stochastic pantograph
models with Lévy jumps can be applied in real-life applications, such as financial markets,
where the proposed diffused split-step truncated Euler-Maruyama method can be applied
for capturing the stock price behavior with nonlinear drift, diffusion, and Lévy jumps,
allowing for better pricing and risk management in financial markets. Also, stochastic
pantograph models can be employed to study the spread of infectious diseases and analyze
the effectiveness of control strategies where the applicability of the proposed scheme can
be utilized for simulating the epidemic’s progression accurately, capturing the impact
of delays and sudden changes in the infection rate, and aiding in designing effective
intervention strategies.

Example 1. Consider a stochastic pantograph model for modeling stock prices with Lévy jumps

dv(t) = =2(0°(t) + v° (yt))dt + (V*(t) + v(yt) ) dW (t) +/u(v2(t) + v*(yt))u>N(dt, du), (113)

with initial data v(0) = 1, y = 0.5 and the compensator given by m(du)dt = A f(u)dudt, where
A = 1and f(u) is the pdf of the standard normal random variable

1 llz
flu)=——=e" 2, —oco<u<oo.

Therefore, we deduce that ¢(v(t),v(nt)) = —2(v°(t) + v°(t)), Y(v(t),v(yt)) = vV*(t) +
v(nt) and @(v(t),v(yt),u) = (V*(t) + v2(yt))u?. Then, it can be easily noticed that Assump-
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tions 4 and 7 are satisfied. For Assumption 6, by utilizing 2¢¢ < ¢% + &2 and noting that
—(6%6 + 676 +68%) < 0.5(¢* + &%), we have
2(¢1— 62, (f(61,61) — f(62,€2)))
=2(c1 - 62)(=2(¢7 +61°) +2(63 + &)
= —4(61 - 62)(¢] — 63) —4(61 — 62)(61° — &°)
= —4(c1—¢2)(61 — @) (6] + 612 +aja3 + G143 + ¢3)
—4(g1- )G - )@t +a’a+ 6’0" +a&’ + &)
< [=2(s1+¢3) —2(a* + @M (le1 — 62 + g1 — 2 ).

(
5
! (114)

Also,
2061~ 2, [ (@(61,61,1) — @ (2, o)) ()
=2(¢1—62) /u(g% +61° = 63 — @7l f (u)du (115)
<2(61+62) (61— 62)* +2(61 — 62) (61 + €2) (61 — ¢2)
< 2(67 +63) +2(1* + &)(lg1 — c2* + 161 — &2l
91,6~ Y2+ [ @(1,¢i,u) — @(ca, ¢ ) Prelan)
=lsi+a-¢G-al+ /u 61 +617 — 63 — 2 [Putf (u)du (116)
<2l¢t - 3> +2I61 — & +6lct — i3 +6l6i* — &P
< [16(c7 +63) +12(61° + &2°) + 2] (lg1 — 62/ + 61 — 2.
Then, combining (114), (115), and (116) and utilizing the inequality ¢¢ < ¢* + &% /4 yield
212 (9(61,61) = ple2,2)) + [ (@(c1,61,u) — @ (g, o)) (dm)

196, 6) — plea @+ [ |@(61,61,1) — @(ca o) Pre(an)

) ) o (117)
< [-2(¢t+63) —2(a* + &%) +2(c7 + 63) +2(61% + 2%) +16(¢7 + ¢3)
+12(a% + &%) +2(Jg1 — 2P + |61 — &)
<allgr —g* + g1 — &)
Therefore, Assumption 6 is satisfied. Furthermore,
2<9fp(€,€)+/uc@(€,§,u)7r(du)>+|¢(€,€)|2+/uIw(gréfu)\zﬂ(du)
= —4c® —4+ [ 26+ 26 fw)du+ |2+ ¢P + [ |6+ Putf ()
14 10
STrf 3C6+2g + 2+t +2¢* +282 + 6¢t + 68
—14 14 10
< Tg6+8g +2¢% — gg6 3 =Tty + 2 (118)
—14 5, , 24, 1, 10,4, 21,
< - 1— - 2¢2
< —G(¢" — 7@) ok 3g(g 1Og)+ F+c
—14 5|/, 12N2 144| 1, 10,7/, 21 441
< = _ ) 27 e o) I
=76 ¢ [(9 7) 9| 6% 3 [( 20) 400]+1—|—g +2¢7

<c(1+g)*+1g?).
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Hence, Assumption 5 is also satisfied. It can be noticed that

sup (lo(c,0)|V [¢(c, )| V|o(g, g u)) <2°, Vi>1.
lgIVIgl<:

Therefore, we can select B : Ry — Ry by B(1) = 2°,r > Owithc = 2and { = 4.

- > ) - 1+
B~1(1) = (5)V5,1> 0. Also, let 0 < p < 2/(2+ ) and define y(A) = A%, e € [’;(Jr;p?,ﬂ,
then all conditions in (80) and (102) are satisfied for all A € (0, 1]. Therefore, with these selected
functions B and vy, the diffused split-step truncated Euler-Maruyama scheme (85) can be utilized to

gain the numerical solution of Equation (113), and by utilizing Corollary 3, we obtain

Elea(T)|P < CAP(=29/2, (119)

Example 2. Consider a stochastic pantograph model for modeling the transmission dynamics of a
viral outbreak with delays and Lévy jumps.

dv(t) = —20°(t)dt + (v*(t) + v(t) sin®(v(yt)))dW(t) + /u(v(t) + v(nt)uN(dt,du), (120)
with initial data v(0) = 2, § = 0.7 and compensator given by m(du)dt = Af(u)dudt, where
A =2and f(u)
fu) = ! e_anzu)2 0<u<oo
V2mu ’ - '

Here, it is noticed that ¢(v(t), v(yt)) = —205(t), p(v(t), v(yt)) = v?(t) +v(t) sin®(v(yt))
and @(v(t),v(nt),u) = (v(t) + v(yt))u. Then, it can be easily checked that Assumption 1 is
satisfied. For Assumption 2, it can be seen that

_ - -1 - _
(c1=62)(@(c1,61) — ¢(g2,62)) + §T|4’(G1,61) — (62, ¢)I?

—1 .o .0
= (61— 6)(-2(e} ~ ) + G+ arsin 61— G- qasin’ Qo
< (61— 62)(=2(c1 — 62) (61 + 62 + 6163 + 6163 +63))

+ (= 1)(I6i = 3> + (61 — 62) sin® 61 + Ga(sin® 61 — sin” ¢2) ).
Then, by performing a little bit of simplification and utilizing the elementary inequalities
66 < ¢®+¢*/4and —(6i62 + 6765 +6163) < 0.5(¢T +63), we obtain
B Ny _ ¢—1 -y _ -2
(61-62)(9(c1,61) — 9(62,62)) + 5~ ¥(61,61) — ¢(62,62)|
< [—(g‘% +62) +2(E ~ (e +63) + (€ - 1A+t +¢3)
% (g1 = 2 + l61 — ¢2I?)
1
<[ +e(~ (61 — 62> + 61 — 2*)

< k(g1 — 62* + g1 — &%)
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Therefore, Assumption 2 is satisfied. Furthermore,
o~ -1 _ p—1 L2
69(6,0) + Fo—I9(e, )P = —26° + Fo=|? + gsin? o ?
< =2+ (p = 1)(Ig|* + [¢l)
p—1 e 1 ’
< —2¢? (gz - ’7;) - (”;) +(p—DleP (121)

Hence, Assumption 3 is also satisfied for all p € (&, o). It should be also noted that

sup (lo(c, Q)| V[p(g,0)) <2°, Vix>1.
lglvIgl<t

Therefore, we select B(1) = 25,1 > 0withC = 2 and ¢ = 4. Then, by selecting ¢ > 2,
letting 2 < p < &, choosing p € (&, o0) large enough such that g € (14 ¢)p V ¢, p) and defining
v(A) = A% & € (0,5 A 1/q] such that all conditions in (8) hold for all A € (0,1], it can be
concluded by utilizing Corollary 2 that

Elea(T)|P < CAS~(48)p)/ A+ -Ep)/q (122)

6. Conclusions

This paper studied the stochastic pantograph model with Lévy jumps, which can be
applied in real-life applications such as financial markets and biology. This paper also
contributed to the field of stochastic modeling by providing a robust and efficient numerical
method, which is called the diffused split-step truncated Euler-Maruyama method, for
analyzing stochastic pantograph models with Lévy jumps. The finite time LP(p > 2)
convergence rate was obtained where non-jump coefficients behaved beyond linearly,
while the jump coefficient increased linearly and this can be utilized to approximate the
variance or the higher moment of the solution. Also, when 0 < p < 2, the L convergence
rate was addressed with drift, diffusion, and jump coefficients exceeding linearity, and this
can be used to approximate the mean value of the solution or the European call option
value in financial mathematics. The obtained convergence rates and numerical examples
demonstrated the effectiveness and practical relevance of the proposed approach, which in
turn opened up new avenues for studying and understanding complex dynamical systems
influenced by random factors.
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