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Abstract: In this study, we considered a model for novel COVID-19 consisting on five classes,
namely S , susceptible; E , exposed; I , infected; V , vaccinated; and R, recovered. We derived
the expression for the basic reproductive rate R0 and studied disease-free and endemic equilib-
rium as well as local and global stability. In addition, we extended the nonstandard finite dif-
ference scheme to simulate our model using some real data. Moreover, keeping in mind the im-
portance of fractional order derivatives, we also attempted to extend our numerical results for
the fractional order model. In this regard, we considered the proposed model under the con-
cept of a fractional order derivative using the Caputo concept. We extended the nonstandard
finite difference scheme for fractional order and simulated our results. Moreover, we also com-
pared the numerical scheme with the traditional RK4 both in CPU time as well as graphically.
Our results have close resemblance to those of the RK4 method. Also, in the case of the infected class,
we compared our simulated results with the real data.

Keywords: SEIVR model; reproduction number; stability, local and global; vaccination of COVID-19;
nonstandard finite difference scheme; numerical analysis

1. Introduction

The most effective technique for comprehending real-world dynamics is mathematical
modeling. When dealing with pandemic like COVID-19, it aids our understanding of
transmissible diseases. Scientists have developed control plans based on the dynamic
analysis of mathematical models. Mathematical modeling is utilized to comprehend the
fundamental structure and underlying pattern that lead to an outbreak [1,2]. A powerful
way to verify many theories and investigate the control of infection for both long and
short periods of time is to use the simplest model possible that includes the essential
components and infection rate. A stability study will demonstrate how new infections lead
to an outbreak by using a disease-free equilibrium (see [3]).

In the final month of 2019, China reported COVID-19 for the first time. COVID-19
initially propagated in intricate and quick patterns, causing severe difficulties. Lockdown
was one of the first tools used to address such a significant problem [4]. Following that, face
masks and social distancing were adopted worldwide with the aim of protecting global
health (we refer to [5–7]). In [1], the authors expanded SEIR, the conventional model that
stresses the importance of social distancing in lowering infection and reproduction rates.
Although vaccinations provide immunity, social isolation is a public health practice that is
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advised. In the past two years, a variety of models have been utilized to learn more about
COVID-19 (see some references such as [8–11]). To lessen or defeat this lethal infection,
various models and techniques have been used [7,12]. Some models for immunizations have
recently been created in [13–15]. With this knowledge in mind, we formulated a vaccination
model after realizing that those who are infected, exposed, or even susceptible are already
immunized. The aim of this research study is given bellow:

• To develop a mathematical model, SEVIR, to understand the infection rate of COVID-
19 with asymptotic classes and vaccination person.

• To investigate the real case of Saudi Arabia with a study of the dynamics of diseases
in the presence of vaccination.

• To analyze the stability analysis and existence of equilibrium, both disease-free
and endemic.

• To discuss numerical analysis of the model (1).

2. Related Work

In the 18th century, Bernoulli began mathematical modeling for the first time.
He labored to assess the mortality of smallpox. Following this research, Mekandrick
and his co-author formulated a mathematical model for infectious diseases. Since then,
numerous epidemically based models have been introduced; we refer to some well-known
work such as [16–18]. In this section, we describe some current mathematical models that
have been impacted by recent epidemics, including Zakia, Ebola and SARS (see [19,20]).
The researchers believe that throughout time, population-wide immune system acquisition
from infection reduced. Basic reproduction number (R0) and immunity loss rates are used
to examine stability. Epidemiological guidelines or implications are derived from the theo-
retical research and findings to limit the spread of infectious illnesses. Similar researchers
have studied the SIRS models and used non-monotone generalized event rates (see [21]).
The incident rate, which measures the pressure of psychiatric disorders, is the force of
infection of sensitive populations. Lockdowns are generally used by the government as
a preventative measure when infection rates are extremely high. Quarantine is another
preventative method that is employed and is effective in lowering the rate of COVID-19.

For proper cure, recently various organizations of health departments are working
on vaccine. In addition, social isolation, immunization and hospitalization have already
achieved effective results all over the world, but this is not a permanent solution. For
investigation of COVID-19, various mathematical models have been used by applying
numerous theoretical and numerical methods; for instance, see [22]. Researchers have
used available real data to determine the model variables. For some important results,
we refer to [23–25]. To simulate the model results, various numerical schemes have been
used in literature. By roughly approximating the derivatives with finite difference quo-
tients, finite difference methods are important numerical approaches increasingly used
for solving differential equations. Along with quantitative characteristics like continuity
and stability, qualitative traits like positivity are also important. In biological systems,
where it is important to preserve the positive sign of the number of individuals in each
compartment, preservation and correct asymptotic long-term behavior are also vital. The
nonstandard finite difference scheme is utilized to meet these requirements. A numer-
ical scheme for a system of first-order differential equations is known as an nonstan-
dard finite difference scheme if at least one of the requirements given in [26] is satisfied.
We developed a useful nonstandard finite difference strategy to implement our model
and examine its complex characteristics. Results from simulations in the time domain and
phase plane reveal that the new system works very well. Here, we remark that COVID-19
epidemic models with an emphasis on prevention measures, management and targeted
population immunization have been used to understand the transmission and management
of the infection. Researchers have also computed the reproduction number, analysis and
model description for future prediction.
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In addition, recently, fractional calculus has gained much popularity among re-
searchers because derivatives and integrals of fractional orders are considered as global
operators. On the other hand, classical integer order operators are considered local. Also,
the operators with fractional order have a greater degree of freedom and therefore are
increasingly used to describe various real world problems. Some important work recently
published using fractional order derivatives include [27–30].

Keeping in mind the importance of fractional calculus, researchers have also extended
the concept of fractional calculus to epidemiology. Plenty of research work has been
focused on studying various infectious disease by using fractional order mathematical
models; for instance, see such references as [31–34]. Therefore, we also extend our proposed
model under the concept of a fractional order derivative and applying the fractional order
nonstandard finite difference scheme to simulate the results.

3. Model Formulation

Our aim was to develop a mathematical model to present the best dynamics of novel
COVID-19. The whole populations were divided into five classes: S(t), susceptible com-
partment; E(t), exposed compartment; I(t), infected compartment; V(t), vaccinated com-
partment; and R(t), recovered compartment. We formulated our proposed system by
updating the model studied in [35] as follows

dS
dt

= α− ηSI − (c + d0)S − γVS
dE
dt

= cS − d0E − a1ηIE − a2γVE
dI
dt

= ηSI + a1ηIE + ΨV − (b1 + d0)I
dV
dt

= γVS − (Ψ + d0 + b2)V + a2γVE
dR
dt

= b1I + b2V − d0R.

(1)

The symbols involved in the model (1) are described in Table 1.

Table 1. The parameters and the manner in which they differ in the model (1).

Variable Physical Representation

S Susceptible compartment
E Exposed compartment
I Infected compartment
V Vaccinated compartment
R Recovered compartment
α New emergent population
d0 Natural death rate
c Exposed rate
a1 Infection constant
a2 Vaccination constant
b1 Recovery rate from infection
b2 Recovery rate from vaccination
η Infection rate
Ψ Lose of immunity
γ Vaccination rate

The model flowchart is shown in Figure 1.
By adding all equations of the model (1) such that the total population N = S + E +

I + V +R, one has
dN
dt

= α− d0N . (2)
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and hence
N → α

d0
ast→ ∞.

Here the feasible region of the model is defined as

χ = {(S , E , I ,V ,R) : 0 ≤ S , E , I ,V ,V ,R,S + E + I + V + V +R ≤ α

d0
}.

Therefore, we checked only the solution in feasible region χ under initial conditions,
from which the uniqueness, usual existence and results can be obtained.

S

R

E

V
I

✁
c

d0

d0

d0

d0

d0

Figure 1. Diagrammatical presentation of the model (1).

4. Mathematical Analysis

Here, we present some results regarding global and local stability equilibrium points
computation and the calculation of R0.

4.1. Disease-Free Equilibrium Points

We analyzed whether the system is in an equilibrium (1). The model’s disease-free
equilibrium (1) is represented by P0 = (S0, 0, 0,V0, 0)

S0 =
α

d0 + c

V0 =
cα

(d0 + c)d0

N 0 =
α

d0
.

4.2. Endemic Equilibrium

Also, the endemic equilibrium is computed as
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S∗(t) = (d0 + Ψ + b2)(d0 + a1ηI + a2γV)
γ(d0 + a1ηI + a2γV + ca2)

E∗(t) = c(d0 + Ψ + b2)

γ(d0 + a1ηI + a2γV + ca2)

V∗(t) =
(

d0 + b1

Ψ
− η(d0 + Ψ + b2)

γΨ

)
I

I∗(t) = (b1 + d0)(d0 + a1ηI + a2V)(ηI + c + d0 + γV)− ηα(d0 + a1ηI + a2V)− a1ηcα

(ηI + c + d0 + γV)(d0 + a1ηI) + a2V

R∗(t) = b1I∗ + b2V∗
d0

.

5. Expression forR0

The basic reproduction number, or R0, is a concept used in epidemiology to describe
how diseases spread and are managed. We may infer from R0 how the sickness is spreading
across the population and the most effective measures to safeguard the local population
against this dangerous virus. The next-generation approach is utilized to find R0 as shown
below. let χ = (E , I); then, from system (1), we have

d�
dt

= F − V

where

F =


ηSI + a1ηVI
γVS + a2γEV

0
0
0


and

V =


(d0 + b1)I −ΨV
(d0 + Ψ + b2)V

d0E − cS + a1ηIE + a2γEV
d0R− b1I − b2V

−α + (d0 + c)S + ηSI + γVS


The Jacobian of F for the disease-free equilibrium is

DF (Q0) =


F 0 0 0
0 0 0 0
0 0 0 0
0 0 0 0

,

and for the disease-free equilibrium, the Jacobian of V is given

DN (Q0) =


N 0 0 0 0

a1ηV0 a2γV0 d0 0 −c
−b1 −b2 −β d0 0
ηS0 γS0 0 0 d0 + c

.

Hence
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F =

(
ηS0 + a1ηE0 0

0 γS0 + a2γE0

)
.

We have

V =

(
d0 + b1 −Ψ

0 d0 + Ψ + b2

)
.

Our constructed model behaves like [36] a double-strain model along with the infection
and exposed compartments. From FN−1, the above system has the following two values

R1 =
ηα(d0 + a1c)

(d0 + b1)(d0 + c)d0
,

and

R2 =
γα(d0 + a2c)

(d0 + b2 + Ψ)(d0 + c)(d0 + β)
.

The productive reproduction number is the maximum value of R1 or R2 for the
model (1). Given the basic reproduction number R0, we established the following result.

Theorem 1. (i) There does not exist a positive equilibrium E0 for the model (1) if R1 < 1
and/or R2 < 1.
(ii) There exists a distinct positive (unique) equilibrium E∗ = (S∗, E∗, I∗,V∗,R∗), which is also
called an endemic equilibrium, if R1 ≤ 1 and/or R2 ≤ 1.

Proof. (i) The Jacobian matrix at E0 is given below

M0 =


−(d0 + b1) + η(S0) Ψ 0 0 0

0 −(d0 + Ψ + b2) + γ(S0 + a2E) 0 0 0
−a1ηE0 −a2γE0 −d0 0 0

b1 b2 0 −d0 0
−ηS0 −γS0 0 0 −(d0 + c)

,

and
|λ−M0(Q)| = 0.

Hence
λ1 = −d0

λ2 = −d0

λ3 = −(d0 + c)

λ4 = (d0 + b1)(R1 − 1)

λ5 = −(d0 + Ψ + b2) + γ(S0 + a2E0) = (d0 + Ψ + b2)(R2 − 1).

λ1, λ2 and λ3 are strictly negative. The signs of λ4 andλ5 depend on (R1− 1) and (R2− 1),
which follow the conclusion.
(ii) See Theorem 3.

6. Mathematical Stability Analysis

This section examines the equilibrium point’s characteristics along with the system’s
local and overall stability (1). Additionally, the system’s overall analysis and the equilib-
rium’s characteristics are outlined (1).
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6.1. Local Stability

In this part of our work, we discuss the local stability of the system (1). By using the
Jacobian matrix, the next theorem is presented to obtain the required results.

Theorem 2. If R1 < 1 and/or R2 < 1, the disease-free equilibrium E0 is locally asymptotically
stable, and vice versa.

Proof. The Jacobian matrix at E0 is given below

M0 =


−(d0 + b1) + η(S0) Ψ 0 0 0

0 −(d0 + Ψ + b2) + γ(S0 + a2E) 0 0 0
−a1ηE0 −a2γE0 −d0 0 0

b1 b2 0 −d0 0
−ηS0 −γS0 0 0 −(d0 + c)

,

and
|λ−M0(Q)| = 0.

Hence
λ1 = −d0

λ2 = −d0

λ3 = −(d0 + c)

λ4 = −(d0 + b1)(R1 − 1)

λ5 = −(d0 + Ψ + b2) + γ(S0 + a2E0) = (d0 + Ψ + b2)(R2 − 1).

λ1, λ2 and λ3 are strictly negative. The signs of λ4 andλ5 depend on (R1− 1) and (R2− 1).
Disease-free stability shows the dynamical behavior of an individual population whenever
a very small emergent proportion of the infected migrate. Note that ifR1 < 1 andR2 < 1,
then λ4 andλ5 are strictly negative. Hence, the system is asymptotically stable locally.

Given the existence of an endemic equilibrium, we take the positive solution of

P(I) = k1I2 + k2I + k3 = 0,

where

k1 =

(
a1η + a2γ

(
d0 + b1

Ψ
− (d0 + Ψ + b2)

γΨ

))(
γ

(
d0 + b1

Ψ
− (d0 + Ψ + b2)

γΨ

))
k2 =

[
(d0 + η)

(
γ

(
d0 + b1

Ψ
− (d0 + Ψ + b2)

γΨ

))
+ (d0 + c)

(
a1η + a2γ

(
d0 + b1

Ψ
− η(d0 + Ψ + b2)

γΨ

))

− αγ
a1η + a2γ( d0+b1

Ψ − η(d0+Ψ+b2)
γΨ )

d0 + Ψ + b2

]
k3 = (d0 + η)(d0 + c)− αγ

d0a2c
d0 + Ψ + b2

or

k3 = (d0 + β)(d0 + c)(1−R2).

(3)

6.2. Global Stability

Global stability is investigated through a function called the Lyapnuov function. We
constructed a Lyapnuov function to investigate the global stability of the model (1).

Theorem 3. If R1 ≤ 1 and/or R2 ≤ 1, then the endemic equilibrium E∗ of the model (1) is
globally stable in χ.
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Proof. To prove this theorem result, we constructed a function called a Lyapnuov function.

W = C1(S − S0) + C2(E − E0) + C3(V − V0) + C4I . (4)

Here, C1, C2, C3 and C4 are constants. Now, w.r.t t takes the derivative of the above equation.

Ẇ = C1Ṡ + C2Ė + C3V̇ + C4I .

After, some basic calculation

Ẇ = C1

[
α− ηSI − (c + d0)S − γVS

]
+ C2

[
cS − (β + d0)E − a1ηIE − a2γVE

]
+ C3

[
ηSI + a1ηIE + ΨV − (b1 + d0)I

]
+ C4

[
γVS − (Ψ + d0 + b2)V + a2γVE

]
.

Ẇ = ηSI(C3 − C1) + c(C2 − C1) + γVS(C3 − C1) + a1ηIE(C3 − C1)

+ a2γEV(C4 − C2) + ΨV(C3 + C1)− C2βE − C2d0E
− C3b1I − C3d0I − C4d0V − C4d0V − C4b2V .

Let C1 = C2 = C3 = 1; we obtain

Ẇ = −(C2βE + C2d0E + C3b1I + C3d0I + C4d0V + C4d0V + C4b2V) < 0.

IfR1 and/orR2 > 1, the system is globally asymptotically stable.

7. Numerical Results and Discussion

In this section of our paper, we will discuss the results of a vaccine study conducted
in Pakistan. The currently running simulation offers information and outcomes that are
of a general nature and can be generalized to any kind of place. It is divided into the fol-
lowing five sections: susceptible, exposed, infected, vaccinated and recovered. Lockdown,
quarantine and evacuation from affected areas are some of the major measures that can be
taken to combat the disease. It is estimated that there are 3.9 deaths for every thousand
people living in Saudi Arabia, while there are 14.56 births for every thousand people. The
vaccination program began in the middle of Saudi Arabia in December 2020 with the aim
of reaching 65 percent of the adult population by November 2021. The vaccination rate in
2021 was 0.00127. We sought to investigate whether this would be sufficient to completely
eradicate the disease.

Here, the nonstandard finite difference scheme was used [12,26] to rewrite the system
in differential equation form as for first equation of system (1) as

dS(t)
dt

= α− ηSI + (c + d0)S − γSV . (5)

Which is decomposed in the proposed scheme as

Sj+1 − Sj

h
= α− ηSjIj + (c + d0)Sj − γSjVj. (6)

Like (6), using the nonstandard finite difference scheme, we decomposed the system (1)
as follows
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Sj+1 = Sj+h

(
α− ηSjIj + (c + d0)Sj − γSjVj

)
Ej+1 = Ej+h

(
cSj − d0Ej − a1ηIjEj − a2γVjEj

)
Ij+1 = Ij+h

(
ηSjIj + a1ηIjEj + ΨVj − (b1 + d0)Ij

)
(7)

Vj+1 = Vj+h

(
γSjVj − (Ψ + d0 + b2)V| + a2γVjEj

)
Rj+1 = Rj+h

(
b1Ij + b2Vj − d0Rj

)
.

We use nonstandard finite difference scheme (7) for graphical presentation of our
model (1) by using Table 2. To understand the dynamics of the system, we used real data of
Saudi Arabia for the simulation.

We provide the dynamical behaviors of different classes of the suggested model in
Figures 2–6 for a period of two hundred days by utilizing the reference Table 2. These
behaviors reveal that there is a decrease in the sensitive and exposed compartments, while
there is an increase in the infection class. However, vaccination causes the infection class to
decline, which results in an increase in the recovered class. Therefore, vaccination brings a
reduction in the prevalence of disease and helps maintain its status. This demonstrates that
our current model is a valid one.

Table 2. Description and specification of the system’s parameters approximate real values (1).

Parameter Physical Description Approximate Value

S Susceptible class 217.342565 in millions [37]
E Exposed class 100 in million (assumed)
I Infected class 1.386348 in million [37]
V Vaccination class 0.271087 in million [37]
R Recovered class 1.271087 in million [37]
α Immigrant to susceptible compartment 1.35 (assumed)
d0 Natural death 0.000065 [37]
β Recovery rate from exposed 1.43 (assumed)
c Exposed rate 0.00019 (assumed)
a1 Infection constant 0.0008601 (assumed)
a2 Vaccination constant 0.0008601 (assumed)
b1 Recovery from infection compartment 0.10 (assumed)
b2 Recovery from vaccination 0.98 (assumed)
η Infection rate 0.020 (assumed)
Ψ Loss of immunity 0.020 (assumed)
γ Vaccination rate 0.020 (assumed)

Time (Days)

0 20 40 60 80 100 120 140 160 180 200

P
o
p
u
la

ti
o
n
 D

e
n
s
it
y
 o

f 
S

u
s
c
e
p
ti
b
le

0

1

2

3

4

5

6

7

Figure 2. Dynamical behavior of susceptible class for the classical order model.
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Figure 3. Dynamical behavior of exposed class for the classical order model.
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Figure 4. Dynamical behavior of infected class for the classical order model.
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Figure 6. Dynamical behavior of recovered class for the classical order model.



Fractal Fract. 2023, 7, 552 11 of 18

8. Numerical Treatment via Fractional Calculus

We investigated our model in the form of fractional calculus. For this purpose, we
used the Caputo-type fractional derivative and Riemann–Liouville-type integral defined
as below:

Definition 1 ([27]). Integral of non-integer order β > 0 of a function S : [0, ∞)→ R is defined as

Iϕ
t S(t) =

1
χ(α)

∫ t

0

S(η)
(t− η)1−α

dη,

provided the integral exists at the right sides.
Moreover, by definition of Caputo, we have

Dα
0+S(t) =


1

χ(1− α)

∫ t

0
(t− η)−αS ′(η)dη, 0 < α ≤ 1,

dS
dt

, α = 1.

For fractional order

Dα
t = F(t, X),

X(0) = X0 (8)

where
X = (S , E , I ,V ,R), X0 = (S0, E0, I ,V0,R0).

Then, the generalized form of the Taylor series is used, as follows

X(t + h) = X(t) +
hα

χ(α + 1)
Dα

t X(t) +
h2α

χ(2α + 1)
D2α

t X(t) + ... (9)

By using fractional calculus results, we have D2α
t X = Dα

t E(t, Y) + E(t, Y)Dα
YE(t, Y).

Using (9), we obtained the general form after some rearranging of terms as follows,

Y(t + h) = Y(t) +
hα

χ(α + 1)
E(t, Y(t)) +

hα

2χ(α + 1)

[
K1 + K2

]
, (10)

where

K1 = E(tj, Yj(tj)), K2 = E
(

tj +
2hαχ(α + 1)

χ(2α + 1)
, Y(tj) +

2hαχ(α + 1)
χ(2α + 1)

E(tj, Yj(tj))

)
.

Let assume α = 1; then, we obtain the classical required scheme (6) by using the
Caputo fractional derivative order for different fractional order Figure 3.

The numerical findings of the various compartments are shown for a variety of
fractional orders in the figures referenced from Figures 7–16. When compared to the
dynamical behaviors of distinct classes at greater fractional order values, we observe
that these behaviors change when the fractional order is reduced to a smaller number.
In the same manner, in order to validate the validity of the numerical scheme for the
fractional order, we compared the numerical outcomes of the given fractional order with
the well-established RK4 approach in Figures 17–21 for the various compartments. This
was performed in order to check the authenticity of the numerical scheme. We can see
that the answer suggested by the proposed method and the one produced by RK4 have
a lot in common with one another. In addition, the amount of time spent by the CPU for
each approach was measured and compared using an HP Cori-5 computer of the seventh
generation. From the Table 3, we can observe that the proposed solution has a lower
compilation time.
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Figure 7. Dynamical behavior of susceptible class for the fractional order model, when 0 < α ≤ 0.6.
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Figure 8. Dynamical behavior of exposed class for the fractional order model, when 0 < α ≤ 0.6.
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Figure 9. Dynamical behavior of infected class for the fractional order model, when 0 < α ≤ 0.6.
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Figure 10. Dynamical behavior of vaccinated class for the fractional order model, when 0 < α ≤ 0.6.
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Figure 11. Dynamical behavior of recovered class for the fractional order model, when 0 < α ≤ 0.6.
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Figure 12. Dynamical behavior of susceptible class for the fractional order model, when 0.65 ≤ α ≤ 0.95.
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Figure 13. Dynamical behavior of exposed class for the fractional order model, when 0.65 ≤ α ≤ 0.95.
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Figure 14. Dynamical behavior of infected class for the fractional order model, when 0.65 ≤ α ≤ 0.95.
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Figure 15. Dynamical behavior of vaccinated class for the fractional order model, when 0.65 ≤ α ≤ 0.95.
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Figure 16. Dynamical behavior of recovered class for the fractional order model, when 0.65 ≤ α ≤ 0.95.
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Figure 17. Comparison between the solution of susceptible class of proposed method and that of
RK4 method for α = 0.98.
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Figure 18. Comparison between the solution of exposed class of proposed method and that of RK4
method for α = 0.98.

reported confirmed infected cases for 200 days of Pakistan [38] with the simulated result
for the infected cases using the classical as well as fractional orders in figure 22. This was
done in order to determine whether or not there was a correlation between the two sets of
data. We can observe that the results of the fractional order are much closer to the results of
the real data than the results of the integer order.

9. Conclusion

The behavior of the virus serves as the foundation for the mathematical SEIVR model
for novel COVID-19 that we develop in this paper. Our primary focus is on developing
a method to estimate the reaction of the population after vaccination. In the absence of
a visible illness or symptoms, the major factor that differentiates this virus from other
infectious diseases that may present themselves similarly is a loss of immunity to the
disease. In order to provide support for this claim, an analytical equation forR∞ or/and
R∈ is utilized. This expression is a crucial component in the process of identifying the
necessary and sufficient conditions for disease-free and endemic equilibrium. As proof

Figure 17. Comparison between the solution of susceptible class of proposed method and that of the
RK4 method for α = 0.98.
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Figure 18. Comparison between the solution of exposed class of proposed method and that of the
RK4 method for α = 0.98.
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Figure 19. Comparison between the solution of infected class of proposed method and that of the
RK4 method for α = 0.98.
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Figure 20. Comparison between the solution of vaccinated class of proposed method and that of the
RK4 method for α = 0.98.
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Figure 21. Comparison between the solution of recovered class of proposed method and that of the
RK4 method for α = 0.98.

Table 3. Comparison between CPU time for proposed method with the RK4 method at fractional
order α = 0.99.

Range of t CPU Time of RK4 Method in Seconds CPU Time of Nonstandard Finite
Difference Scheme in Seconds

50 5.00 4.50
100 6.8 5.55
150 8.70 6.82
200 12.67 10.67
250 20.99 18.69
300 26.77 20.60

In addition, we compared the reported confirmed infected cases for 200 days in
Pakistan [38] with the simulated result for the infected cases using the classical as well
as fractional orders in Figure 22. This was performed in order to determine whether or
not there was a correlation between the two sets of data. We can observe that the results
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of the fractional order are much closer to the results of the real data than the results of
the integer order.

Time (Days)

0 20 40 60 80 100 120 140 160 180 200

C
o

n
fi
rm

e
d

 c
a

s
e

s
 p

e
rd

a
y
 

0

1000

2000

3000

4000

5000

6000

7000 0.98

1.0

Real Data

Figure 22. Comparison between the simulated and real data results at the given classical and
fractional orders.

9. Conclusions

The behavior of the virus serves as the foundation for the mathematical SEIVR model
for novel COVID-19 that we developed in this paper. Our primary focus is on developing
a method to estimate the reaction of the population after vaccination. In the absence
of a visible illness or symptoms, the major factor that differentiates this virus from other
infectious diseases that may present themselves similarly is a loss of immunity to the disease.
In order to provide support for this claim, an analytical equation for R∞ and/or R∈ is
utilized. This expression is a crucial component in the process of identifying the necessary
and sufficient conditions for disease-free and endemic equilibrium. As proof for the
conclusions we have drawn based on theory, we present actual statistics for Saudi Arabia.

The key findings and results are as follows:
We give a mathematical demonstration that shows how vaccination helps minimize

the rate of disease transmission, which is an important factor in the overall fight against
the illness. We use mathematics to illustrate that the vaccination effort in Saudi Arabia
was a response to the increased number of diseases that were occurring in that country.
On the basis of the data obtained from the model’s parameter values, we provide evidence
to show that the rate of vaccination for COVID-19 influences the spread of the disease.
According to specialists working in relevant fields, this virus has recently exhibited a variety
of behavioral shifts in relatively recent times. We outline how the virus can occasionally
acts differently, as expected. We are working on developing a new model in an effort to
provide an explanation for the patterns that have only lately been discovered, such as Beta
and Omicron. In addition to this, we contrasted our findings with those obtained by the
RK4 approach. We made the observation that the numerical strategy that was proposed
uses less CPU time than the RK4 technique that was mentioned. The numerical findings
that were provided by our studied numerical scheme have a close relationship with those
of the RK4 approach.
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