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Abstract: There is an increased risk of future fire disturbances due to climate change and anthropogenic
activity. These disturbances can impact soil moisture content and infiltration, which are important
antecedent conditions for predicting rainfall–runoff processes in semi-arid regions. Yet these conditions
are not well documented. This case study provides critical field measurements and information, which
are needed to improve our understanding of mechanisms such as precipitation and temperature that
lead to the variability of soil properties and processes in urban and burned landscapes. In June 2018,
a fire burned a portion of the riparian zone in Alvarado Creek, an urban tributary of the San Diego
River in California, United States. This fire provided an opportunity to observe soil moisture content
and infiltration for one year after the fire. Three transects (one burned and two unburned) were
monitored periodically to evaluate the complex spatial and temporal dynamics of soil moisture and
infiltration patterns. Average dry season soil moisture content was less than five percent volume
water content (%VWC) for all transects, and the burned transect exhibited the lowest %VWC during
the wet season. Infiltration rates displayed a high degree of spatial and temporal variability. However,
the location with the highest burn severity had the lowest average infiltration rate. The observed
differences between the burned and unburned transects indicate that the fire altered hydrologic
processes of the landscape and reduced the ability of the soil to retain water during the wet season.
This research provides the first high-resolution soil moisture and infiltration field analysis of an
urban fire-disturbed stream in southern California and a method to characterize post-fire hydrologic
conditions for rainfall–runoff processes.
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1. Introduction

Climate variation and anthropogenic activity are increasing the risk of future fire disturbances
in wildland and urban areas in California, United States [1–3]. Studies have observed that fires in
California have increased in size and severity throughout the last several decades since the 1980s [4,5].
The two largest fires in California’s recorded history were the 2018 Mendocino Complex and 2017
Thomas Fire that burned 1858 km2 and 1141 km2 [6] and the most destructive wildfires were the 2018
Camp Fire and 2017 Tubbs Fire that damaged 18,804 structures and 5636 structures [7]. These changes
in wildfire regimes driven by climate change and anthropogenic activity are likely to impact ecosystem
services in California, including hydrologic properties that can alter rainfall–runoff processes [8–10].
Since 2002, the number of small urban fires (under 5 km2) has increased in southern California [11].
Fire-disturbed catchments in semi-arid southern California often drain to water bodies that support
sensitive riparian or estuarine resources and are at an elevated risk for post-fire degraded water
quality [12]. The risk of fire and spread can be enhanced by dry fuel such as non-native vegetation
filling the interspaces between native vegetation in southern California [13,14].
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Heavily populated areas can also contribute to altered rainfall–runoff processes, increase flood
risk, and undermine public safety and ecosystem health [15]. Studies have focused on the specific
hydrologic effects of wildfires [16–18], wildland–urban interface fires [12,19,20], and urbanization
of landscapes [3,15,21], but the hydrologic impacts of fires in urban areas of southern California are
less understood. Infiltration and soil moisture are important hydrologic variables that influence
rainfall–runoff relationships [22,23]. Characterizing these parameters is crucial for developing accurate
post-fire rainfall–runoff models [24,25]. Studies have found that the integration of in situ soil
moisture observations into rainfall–runoff models significantly improve the prediction of runoff

volume and timing [25,26]. However, these soil water processes exhibit high spatial (location
dependent) and temporal (i.e., seasonal) variability and require frequent measurement [27–34].
Regular monitoring of catchments is challenging, yet essential for representing varying conditions
for different landscapes. Some studies have incorporated the use of satellite images to acquire soil
moisture information [25,35–37], but are often unreliable at smaller scales and only provide relative
patterns. Further, datasets of field measurements in urban areas that have been burned in southern
California remain unavailable. Therefore, field investigations that increase the number and diversity
of observations available for post-fire rainfall–runoff models are necessary to advance hydrologic
predictions in urban catchments after disturbance [38,39].

The highest priority for future post-wildfire runoff and erosion research is to understand the
relations between burn severity and soil properties including soil water content that affect meso-scale
rainfall, and soil hydraulic properties like infiltration [40]. The possible impact of fire on soil moisture
and infiltration varies from negligible to very severe depending on factors such as the natural variability
between study sites, soil type, vegetation type, and the scale of measurement [41–45]. Laboratory
studies have characterized the possible impacts of fire to soil moisture and infiltration [17,46]. However,
under natural conditions, high-frequency measurements are needed to capture variability. The need
for field hydrological observations in small catchments to contribute high-density and frequent
measurements has also been recognized by many studies [47]. Field studies provide invaluable
observations and data for understanding water demand, rapid changes in land uses, and projected
climate change [48,49]. This case study presents critical post-fire soil moisture and infiltration field
measurements and observations with potential application to other areas of southern California.

The objectives of this study were to (1) characterize hydrologic processes by evaluating spatial and
temporal post-fire soil moisture and infiltration patterns and dynamics using direct in situ measurements
under various climate and vegetative conditions and (2) develop an empirical multi-variable regression
model that represents post-fire soil moisture conditions in a semi-arid climate.

2. Materials and Methods

2.1. Study Area

Alvarado Creek is an urbanized and perennial stream channel that is a tributary of the San Diego
River in California, United States (Figure 1a), and is approximately 15 kilometers (km) from the Pacific
Ocean. Alvarado Creek conveys water to the San Diego River through naturalized and concrete
channels and culverts for both dry weather and storm event flows. The stream channel mostly runs
parallel to the heavily trafficked Interstate 8. The creek is approximately 10 km in length and vegetation
consists mostly of chaparral and mixed native (Salix lasiolepis, Artemisia californica, and Platanus racemosa,
commonly known as willow trees, sagebrush and sycamore trees) and non-native plants (Arundo donax
and Washingtonia filifera, commonly known as giant reeds and palm trees). The palm trees and giant
reeds are typically overgrown and crowd the riparian zone of Alvarado Creek and other waterways in
San Diego. In early 2016, W. filifera, A. donax, and large quantities of trash and debris were removed from
a section of Alvarado Creek with the goal to improve creek health, reduce flooding in the surrounding
area, and encourage the regrowth of native vegetation.
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Figure 1. Location of transects at Alvarado Creek in San Diego, California, and the Citizen Weather 
Program Station DW3640 (a). Aerial overviews of the unburned culvert (CUL, b), unburned 
pedestrian bridge (PB, c), and Del Cerro (DC, d) transects. The infiltration, soil moisture, and soil 
sample locations are noted, and the Del Cerro fire perimeter is delineated in orange.  

Figure 1. Location of transects at Alvarado Creek in San Diego, California, and the Citizen Weather
Program Station DW3640 (a). Aerial overviews of the unburned culvert (CUL, b), unburned pedestrian
bridge (PB, c), and Del Cerro (DC, d) transects. The infiltration, soil moisture, and soil sample locations
are noted, and the Del Cerro fire perimeter is delineated in orange.
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The watershed area is 36.25 km2, and generally consists of developed land classifications including
residential, commercial, industrial, civic, and institutional. The climatology is characterized as semi-arid
Mediterranean with warm, dry summers and cool, mild winters, where 85 percent of precipitation falls
between November and March [50]. Alvarado Creek responds quickly during precipitation events
with large streamflows that recede rapidly thereafter. The highest temperatures are generally recorded
in September and October and are usually accompanied with a drop in relative humidity of 10 to
20 percent. Warm and dry foehn winds (Santa Ana winds) typically blow from east or northeast into
San Diego and greatly increase the risk of fire from June through October [50].

On 3 June 2018, a 0.15 km2 brush fire (Del Cerro Fire) burned an unrestored downstream portion
of the riparian zone of Alvarado Creek, Del Cerro (DC). The Del Cerro Fire source of ignition was
human and largely fueled by non-native A. donax and W. filifera. The fire forced the evacuations of
approximately 80 homes and caused California Highway Patrol to close the Interstate 8 to all traffic.
The fire also removed native vegetation and greatly enhanced the conditions for giant reeds to dominate
the recovering landscape [51]. The first A. donax growth was observed one week after the fire and
considerable non-native vegetation regrowth was observed throughout the first post-fire wet season.

Three transects (Figure 1b–d) were selected to generally represent unburned (two transects) and
burned (one transect) conditions in natural sections of the creek. Transects were also safely accessible,
which facilitated monthly monitoring for the first year after the fire. The upstream unburned areas,
pedestrian bridge (PB) and culvert (CUL), were characterized by steep hillslopes, narrow channel
cross-sections, and sand and fine sandy loam soil types [52]. PB is at the beginning of the natural
section of Alvarado Creek and is approximately 0.4 km upstream of CUL. These transects were first
installed in late 2016 after vegetation restoration and provided baseline or undisturbed conditions
for this study. The downstream burned area, Del Cerro (DC_B), was in a larger canyon with a wider
cross-section (Figure 1d), contained large berms of A. donax., and was characterized by cobbly loam
and riverwash material [52]. The location of the DC transect is approximately 1.2 km downstream of
CUL before the stream transitions from a natural to concrete bottom. The established transect in DC
also included an unburned section (DC_UB) used for comparison to the burned portion of the same
transect. DC_UB was characterized by hard and compacted soil mixed with riverwash material.

Sewer infrastructure [53] in the area includes an underground 0.69 meter (m) diameter sewer
main made of vitrified clay, which intersects the CUL transect at location 4m (Figure 2b). A concrete
encasement surrounds the sewer main section at the CUL. A 0.91 m diameter sewer main made of
polyvinylchloride (PVC) intersects the DC transect around location 50 m (Figure 2c). The sewer main
section at the DC transect is covered with earth fill.
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Figure 2. Average soil moisture (%VWC) and standard deviation for each transect position (m) along 
the unburned pedestrian bridge (PB) transect (a), the unburned culvert (CUL) transect (b), and Del 
Cerro (DC) transect from June 30, 2018 to September 21, 2019 (c). All transects start from the 
downstream-facing left bank and end at the downstream-facing right bank. The gray line with black 
closed circles represents average soil moisture content during the dry season. The gray line with black 
open circles represents average soil moisture content during the wet season. The vertical grey shading 
represents the location of the creek, where the width varies between the dry and wet season. The 
locations of infiltration measurements (solid gray triangle) and approximate location of the sewer 
main (S) are denoted. The burned and unburned sections of the transect are highlighted for Del Cerro. 

Figure 2. Average soil moisture (%VWC) and standard deviation for each transect position (m)
along the unburned pedestrian bridge (PB) transect (a), the unburned culvert (CUL) transect (b),
and Del Cerro (DC) transect from 30 June 2018 to 21 September 2019 (c). All transects start from the
downstream-facing left bank and end at the downstream-facing right bank. The gray line with black
closed circles represents average soil moisture content during the dry season. The gray line with
black open circles represents average soil moisture content during the wet season. The vertical grey
shading represents the location of the creek, where the width varies between the dry and wet season.
The locations of infiltration measurements (solid gray triangle) and approximate location of the sewer
main (S) are denoted. The burned and unburned sections of the transect are highlighted for Del Cerro.

2.2. Field Observations and Meterological Data

Soil moisture was measured for 21 dates at PB, 19 at CUL, and 14 at DC between May 2018
and September 2019. The measurements were collected every 0.61 m at the PB and CUL transects
(unburned), and every 1 m at the DC (burned (DC_B) and unburned (DC_UB)) with a 12 cm or 15 cm
C659 probe attached to a Campbell Scientific Hydrosense II. While, relative soil moisture can be
estimated using modeling or remote sensing [33]; our method directly measured soil moisture and
provided a high-resolution, accurate, and reliable ground-based range of values and statistical averages.
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The measured percent volume water content (%VWC) ranges from 0% to 50% with an accuracy of ±3%,
and a precision of less than 0.5% [54]. Soil moisture was not measured in sediment at the water surface
or in the stream; these locations were assumed to be fully saturated with water. The wet and dry season
average at each transect position were estimated. The dry season measurements included 26 May 2018
to 20 October 2018 and 1 September 2019 and 21 September 2019. The wet season measurements
included 2 December 2018 to 16 March 2019.

Infiltration was measured on the same dates as the soil moisture measurements from May 2018
to September 2019 using a mini disk infiltrometer [55]. Tension infiltrometers such as the mini disk
infiltrometer have been used in other studies to determine the spatial and temporal variability of in
situ hydraulic conductivity and infiltration rates [32,56]. The amount of water infiltrated was divided
by the time between measurements to obtain a rate in centimeters per second (cm/s). The calculated
infiltration rate was then averaged for all time steps and converted to centimeters per hour (cm/h) for
each location on all dates that measurements were performed. Table 1 summarizes the infiltration
measurement locations. Multiple locations were chosen for each transect to represent inherent spatial
differences across the various landscapes, and at least one location was on the left and right banks of
the stream channel for PB, CUL, and DC.

Table 1. Description of infiltration locations for the unburned pedestrian bridge (PB), unburned culvert
(CUL), burned Del Cerro (DC), and unburned (DC_UB) sites. The names are defined as the sampling
position along the transect, which is located a specific distance in meters from the start of the transect.

Transect Location Name Description

PB

L6.1 Bottom of the left bank upland section under a tree near the streambed,
located at 6.1 m

L18.3 Riparian zone near the stream bed on top of heavily compacted soil and
cobble, located at 18.3 m

CUL

L3.1 Declining upland zone, located at 3.1 m

L12.8 Flat riparian zone surrounded by vegetation near the stream, located
at 12.8 m

L24.4 Top of the upland downstream-facing right bank on a stable horizontal
slope, located at 24.4 m

DC_B

L0 Burned upland left bank slope, located at 0 m

L16 Burned left bank riparian zone surrounded by burned
Washingtonia spp., located at 16 m

L29 Burned riparian zone in between the right bank of Alvarado Creek and
an Arundo donax berm, located at 29 m

DC_UB L63 Stable horizontal slope with riverwash, located at 63 m

Daily temperature and precipitation data were gathered and compiled from MesoWest [57]. Station
DW3640 is part of the Citizen Weather Program in San Diego, California, which is near Alvarado Creek
and has an elevation of 114 m (Figure 1). Station DW3640 was assumed representative of the climate of
Alvarado Creek due to the proximity (less than 2 km away) and minimal elevation difference.

2.3. Statistical Analysis

The minimum, maximum, median, average, and standard deviation were estimated for soil
moisture and infiltration rates for each site (PB, CUL, DC_B, DC_UB) and burned and unburned
conditions. P-values were derived by conducting unpaired t-tests with a 95% confidence interval (CI)
to test the null hypothesis that there was no observed or significant difference between the means
of two dataset populations. If the two-tailed p-values were less than 0.05, the null hypothesis was
rejected. Single linear regression analysis was performed to obtain R2 values based on accumulation of
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precipitation for observations from water year 2019 (1 October 2018 to 30 September 2019). A model to
predict soil moisture content based on temperature and accumulation of precipitation was created
using an empirical multi-variable regression method. All statistical and regression analyses were
performed using the Data Analysis tool provided by Microsoft Excel, Version 1908.

3. Results

3.1. Burned and Unburned Soil Moisture

Soil moisture was analyzed during the dry and wet season at each transect, revealing spatial
and temporal variability along each transect (Figure 2). Many soil moisture content values were
lower in burned locations when compared to unburned areas due to changes in landscape and soil
characteristics. Four different points along the burned transect, DC_B, were less than 10 %VWC during
the wet season, and most of the measured transect positions were below 25 %VWC along the burned
left side of the transect (Figure 2c). Many of the %VWC values at the DC_UB measurement locations
resembled the values obtained at the unburned PB and CUL transects and were above 15 %VWC.
The lowest average %VWC for the wet season was DC_B (19.3 ± 11.6 %VWC, 95% CI, 16.7–21.8)
and DC_UB (17.0 ± 7.6, 95% CI, 12.2–21.8), when compared to the wet season populations for PB
(22.6 ± 8.7 %VWC, 95% CI, 19.5–25.6) and CUL (28.0 ± 6.7 %VWC, 95% CI, 25.0–30.3). The highest
average %VWC of any transect position during the wet season, not within 4 m of the stream, was
approximately 45.2 %VWC nearby the underground sewer main at transect position 50 m of DC_UB.

The dry season average volume water content percent at each measurement was less than
approximately 5 %VWC at PB and CUL for the entire transects. However, average %VWC began to
increase exponentially above 5 %VWC within 4 m of approaching either bank of the stream (Figure 2).
The average %VWC at PB was consistently higher than any other transect during the dry season for
almost all dates measured (Figure 3). In Del Cerro, DC_B, the average %VWC during the dry season
was less than 5 %VWC at most of the locations along the burned transect. However, in Del Cerro,
the highest average soil moisture content was approximately 23 %VWC at transect position 51 m,
which coincides with the sewer main.

Precipitation greatly affects soil moisture content in semi-arid landscapes [58,59], and there was
evidence (p < 0.05) that multiple precipitation events increased the soil moisture during the wet season.
High-frequency measurements showed that precipitation increased soil moisture values in the stream
channel for both burned and unburned areas. Soil moisture consistently increased at each date during
the wet season and peaked for all transects on March 16, 2020. CUL exhibited the highest average
and median %VWC for every date during the wet season (Figure 3). The wet season average %VWC
increased significantly compared to the dry season at every point along PB and CUL, excluding only
two points that were both within 2 m of the water surface of the stream (Figure 2). The average of
every point in the wet season were above 10 %VWC at PB and above 15 %VWC at CUL. Most of the
points that did not increase above 5 %VWC during the dry season were above 20 %VWC at PB and
above 25 %VWC at CUL. CUL exhibited the highest average and median %VWC for every date during
the wet season (Figure 3).
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Figure 3. Daily precipitation (mm) (a), daily maximum temperature (°C) (b), and average soil moisture
(%VWC) for PB, CUL, DC_B, and DC_UB transects (c) at Alvarado Creek. Standard deviation bars
are shown.

3.2. A Tool to Predict Soil Moisture

A single linear regression analysis was performed for all months during water year 2019 (Figure 4).
The R2 value was 0.91 (p = 0.05 × 10−1) for average %VWC and accumulation of daily precipitation per
month from the beginning of the water year until the peak date of 16 March 2019. The R2 value was
0.87 (p = 1.01 × 10−42) for average %VWC and accumulation of daily precipitation per month from the
peak date of 16 March 2019 until the end of water year 2019 (Figure 4). The multi-variable regression
analysis (R2 = 0.86 and p = 2.09 × 10−13) resulted in the empirical equation:

y = 0.01x1 − 1.86x2 + 52.99 (1)

where x1 is total precipitation to date in the water year in millimeters (mm), x2 is the average monthly
maximum daily temperature (◦C), and y is average monthly soil moisture content (%VWC). The x1, x2,
and y variables are associated with changes in the soil moisture content response variable and can
be confidently used as predictors. Generally, an increase in x1 and a decrease in x2 will result in an
increase in soil moisture content. However, an increase in x2 with no increase or decrease in x1 will
result in decreased soil moisture content.



Fire 2020, 3, 22 9 of 16

Fire 2020, 3, x FOR PEER REVIEW 9 of 16 

 

 
Figure 4. Linear regression analysis of all sites during water year 2019 for average soil moisture 
(%VWC) and total precipitation to date (mm). The open black circles represent measurements from 0 
mm of precipitation until the average soil moisture peaked in March 2019 at 465 mm of total 
precipitation in water year 2019 (wet season). The brown squares represent measurements from the 
peak average soil moisture until the end of the water year 2019 where the total precipitation was 548 
mm (dry season). 

3.3. Burned and Unburned Infiltration 

Infiltration rates ranged from 3 to 73 cm/hr and exhibited significant spatial and temporal 
variability throughout the study period (Table 2). Every date produced a wide range of infiltration 
rates, regardless of wet or dry season. Some measurements were recorded within one week of each 
other and differed by ± 20 cm/hr at the same location. The total average and median infiltration rate 
at Alvarado Creek were 26 ± 16 and 22 cm/hr, respectively. The total dry season average was 26 ± 16 
cm/hr and the total wet season average was 29 ± 15 cm/hr. Generally, the unburned locations at the 
PB, CUL, and DC transects exhibited similar ranges, averages, and medians for the duration of the 
study. Five of the nine locations had a higher average infiltration rate in the wet season than in the 
dry season, three had a lower average infiltration rate (CUL L24.4, D_B L0, DC_B L29), and one was 
nearly the same for both (DC_B L16) (Figure 5). The lowest average wet season infiltration rate (14 
cm/hr ± 6) was observed at the burned upland slope location (DC_B L0). The highest average wet 
season infiltration rates were observed at DC_B L16 and DC_B L29. There was no evidence (p > 0.05) 
that infiltration rates decreased or increased during the wet season for every location, except for the 
decrease at DC_B L0 (p < 0.05).  

Table 2. Range, mean, and median infiltration rates (cm/hr) for the unburned pedestrian bridge (PB), 
unburned culvert (CUL), burned Del Cerro (DC_B), and unburned Del Cerro (DC_UB) transect 
locations. 

Location Range (cm/hr) Mean (cm/hr) Median (cm/hr) 
PB L6.1 4–64 22 ± 17 15 

PB L18.3 5–41 22 ± 10 20 
CUL L3.1 3–39 21 ± 10 20 

CUL L12.8 8–44 26 ± 14 19 
CUL L24.4 5–58 26 ± 17 21 
DC_B L0 4–42 19 ± 12 15 
DC_B L16 12–46 34 ± 9 34 
DC_B L29 7–73 45 ± 22 49 

DC_UB L63 9–46 22 ± 9 18 
 

 

Figure 4. Linear regression analysis of all sites during water year 2019 for average soil moisture (%VWC)
and total precipitation to date (mm). The open black circles represent measurements from 0 mm of
precipitation until the average soil moisture peaked in March 2019 at 465 mm of total precipitation in
water year 2019 (wet season). The brown squares represent measurements from the peak average soil
moisture until the end of the water year 2019 where the total precipitation was 548 mm (dry season).

3.3. Burned and Unburned Infiltration

Infiltration rates ranged from 3 to 73 cm/h and exhibited significant spatial and temporal variability
throughout the study period (Table 2). Every date produced a wide range of infiltration rates, regardless
of wet or dry season. Some measurements were recorded within one week of each other and differed
by ± 20 cm/h at the same location. The total average and median infiltration rate at Alvarado Creek
were 26 ± 16 and 22 cm/h, respectively. The total dry season average was 26 ± 16 cm/h and the total
wet season average was 29 ± 15 cm/h. Generally, the unburned locations at the PB, CUL, and DC
transects exhibited similar ranges, averages, and medians for the duration of the study. Five of the
nine locations had a higher average infiltration rate in the wet season than in the dry season, three had
a lower average infiltration rate (CUL L24.4, D_B L0, DC_B L29), and one was nearly the same for both
(DC_B L16) (Figure 5). The lowest average wet season infiltration rate (14 cm/h ± 6) was observed at
the burned upland slope location (DC_B L0). The highest average wet season infiltration rates were
observed at DC_B L16 and DC_B L29. There was no evidence (p > 0.05) that infiltration rates decreased
or increased during the wet season for every location, except for the decrease at DC_B L0 (p < 0.05).

Table 2. Range, mean, and median infiltration rates (cm/h) for the unburned pedestrian bridge (PB),
unburned culvert (CUL), burned Del Cerro (DC_B), and unburned Del Cerro (DC_UB) transect locations.

Location Range (cm/h) Mean (cm/h) Median (cm/h)

PB L6.1 4–64 22 ± 17 15
PB L18.3 5–41 22 ± 10 20
CUL L3.1 3–39 21 ± 10 20

CUL L12.8 8–44 26 ± 14 19
CUL L24.4 5–58 26 ± 17 21
DC_B L0 4–42 19 ± 12 15

DC_B L16 12–46 34 ± 9 34
DC_B L29 7–73 45 ± 22 49

DC_UB L63 9–46 22 ± 9 18
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4. Discussion

4.1. Soil Moisture

Previous literature has found that the variability of soil moisture values across a landscape is
larger for extreme wet and dry conditions, with less variation and similar values across an area of
intermediate wetness [60–63]. In this study, we observed different distinct trends and patterns due
to seasonality and fire. There were minimal differences in average soil moisture along most transect
points during the dry season, suggesting that soil moisture can be monitored less during the dry
season. The average %VWC for all transects was also similar to observations for other southern
California chaparral landscapes [64] and supports a threshold of approximately 10 %VWC for all
transects during the dry season (Figure 3). Additionally, the PB transect is characterized by dense
vegetation and substantial canopy cover, thus contributing to reduced evapotranspiration and higher
soil moisture at this site through the dry season. The ground surface of the Alvarado Creek channel
was significantly desiccated during the dry season but appears representative of other urban areas of
southern California.

This study also highlights the differences between the burned and unburned transects during
the wet season. As expected, the stream width increased during the winter from approximately 2–3
m during the dry season to approximately 4–5 m for all sites during the wet season. This variable
area growth and contraction is often localized around stream networks in urban areas and during the
generation of saturation excess runoff [65]. The burned area exhibited low soil moisture content during
the wet season and is likely based on characteristics such as soil type, topography, canopy cover and
density, local infrastructure, and proximity to the streambed [66]. The reduced soil moisture content
in the burned area may also be attributed post-fire soil hydrophobicity, a waxy coating created after
vegetation volatizes and resettles on the surface, which is often observed in burned watersheds [67].
Overall, this suggests a potential to increase runoff at the DC transect due to enhanced water repellency
impacting the ability of burned soils to retain water during post-fire precipitation events. While data
collection is limited to only three transects, this study provides the first high-resolution dataset of soil
moisture content in a southern California urban stream that can be used to validate field or remote
sensing techniques. This study will benefit from future research that augments our work with multiple
transects in burned areas.

Korres et al. [33] estimated that soil moisture content varied less across the landscape at higher
values in grassland and forests, whereas the soil moisture content varied more at higher values in
our study areas. The wet season notably increased the variability between each position and each
transect, indicating that higher frequency monitoring during the wet season is needed to increase
the accuracy and reliability for rainfall–runoff predictions in urban areas. The observed increase in
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temporal and spatial variability is driven by precipitation and temperature during the wet season. CUL
likely exhibited the highest average %VWC for most dates during the wet season due to less vegetation
density and sandy loam soil. This could increase ground penetration of rainfall and retention of water,
thus resulting in an increased soil moisture content for the CUL transect. Exfiltration potentially
saturated the ground near the sewer main along DC_UB, which contributed to the consistently higher
dry season soil moisture at this location. This is similar to other studies, in which wastewater from
sewer mains exfiltrated and contaminated ground and surface water in urban areas [68–70].

4.2. Multi-Variable Empirical Model

Studies have investigated the interaction of precipitation on various landscapes to predict soil
moisture [71,72]. These studies produced soil moisture prediction models using various meteorological
inputs such as daily precipitation, relative humidity, and temperature. Many land surface models also
require soil moisture estimates as a fundamental requirement to predict runoff volume and stream
flowrates during precipitation events [73]. This research builds on previous studies and introduced a
multi-variable empirical regression model based on accumulation of rainfall and temperature that
estimates soil moisture content throughout a water year in burned and unburned semi-arid urban areas.
Although this empirical model is limited to data from one water year, it is the first to provide a method
to estimate soil moisture content without relying on rainfall intensity. The results presented here
suggest that a large storm event may not produce high soil moisture content early in the wet season
unless preceded by consecutive precipitation events. The model also indicated that small consecutive
storms can sufficiently increase the soil moisture content through the wet season for both the burned
and unburned areas. While this model can be improved further with more field measurements of
semi-arid stream channels during the wet season, the data from this case study can be integrated into
other studies [48], for example, to validate field or remote sensing techniques. We also encourage the
use of this study as a framework for future research that creates and calibrates rainfall–runoff models
and evaluates other hydrologic processes in undisturbed and fire-disturbed semi-arid landscapes.

4.3. Infiltration

The infiltration rates observed at Alvarado Creek are within the clean gravel and sand mixture
range [74] and correspond with rates reported in other urban area studies [21,75]. However, factors
such as soil types, grain size, soil texture, pore geometry, vegetation cover, burn severity, slope aspect,
and proximity to the stream water surface affect infiltration [76–82] and are difficult to isolate in the
field. The DC_B L0 location was approximately 20 m from the water surface and did not experience a
high amount of vegetation recovery or landscape alteration. The infiltration rate at DC_B L0 decreased
and exhibited a lower value than the unburned locations during the wet season, a typical characteristic
in areas disturbed by fire due to hydrophobicity and water repellency [28,83]. These studies similarly
found that the top layer of fire-disturbed areas exhibited hydrophobic characteristics and smaller
infiltration rates during the wet season. However, in this study, there was no indication of reduced
infiltration near the stream in the burned area. The highest average and median infiltration rates for
the study period were at DC_B L16 and DC_B L29, which are directly adjacent to the stream water’s
edge and were characterized by substantial amounts of large soil particles such as sand and gravel.
Radinja et al. [56] observed increased water repellency during the dry season, and diminished water
repellency during the wet season in an urban area. However, our results indicate that there is no clear
seasonal difference between the wet and dry season for the observed infiltration rates at all of the sites
studied in Alvarado Creek.

The high infiltration rates observed in Alvarado Creek may be attributed to the depths at which the
measurements were taken. The current study only measured infiltration at the surface of the soil and at
no other depths. The uppermost soil layer was normally desiccated during the dry season, and water
could infiltrate in a radial direction as opposed to vertically through the ground. While infiltration rates
typically decrease with time during precipitation events [21], our measurements were only performed
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for approximately five minutes and none were taken during precipitation events. Many of the wet
season measurements were performed a week after a storm, which allowed time for the surface layer
to dry, particularly in sandy areas. Research to characterize the inherent variability of post-wildfire
soils is ongoing [77]. Generalizing infiltration requires a large amount of measurements to establish
and extrapolate any scale larger than 1 m. Infiltration rates can be overgeneralized for small and large
waterways and require more discrete observations for local stream phenomena [47,49].

5. Conclusions

This case study is the first to perform a high-resolution assessment of post-fire hydrologic soil
moisture and infiltration conditions in an urban semi-arid southern California creek. Variability
increased during the wet season between each position and transect, and the lowest average and
median soil moisture content was the burned transect. Soil moisture was found to be dependent
on the accumulation of rainfall as opposed to intensity. Urban infrastructure such as sewers also
influenced soil moisture measurements during the study. A multi-variable regression model based
on empirical data that can predict soil moisture content was presented and can be used to assist
rainfall–runoff modeling efforts in southern California. The average infiltration rate of the surface layer
was 26 ± 16 cm/h and each measurement varied significantly by date and location. The lowest observed
average wet season infiltration rate (14 cm/h) was at the burned location, and the locations near the
water surface in the burned riparian zone produced the highest infiltration rates throughout the study
period. Surface infiltration rates in the riparian zone of the urban creek were not significantly affected
by temperature and precipitation. Location, landscape factors, bank erosion, sediment deposition, and
soil type differences contributed to the complexity of spatial and temporal analyses of soil hydrologic
properties. This case study contributes valuable field data that are needed for understanding the
mechanisms of precipitation and temperature on the variability in fire effects on soil properties and
processes. Our findings have broad implications for post-fire stormwater and flood modeling and the
impacts on downstream communities and ecosystems. The characterizations presented in this study
can be applied to other urbanized streams in southern California and contribute to the improvement of
rainfall–runoff simulations and flood inundation predictions in other semi-arid coastal watersheds.
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