
Citation: Laanaoui, M.; Raghay, S.

Enhancing OLSR Protocol by an

Advanced Greedy Forwarding

Mechanism for VANET in Smart

Cities. Smart Cities 2022, 5, 650–667.

https://doi.org/10.3390/

smartcities5020034

Academic Editor: Pierluigi Siano

Received: 19 April 2022

Accepted: 10 May 2022

Published: 17 May 2022

Publisher’s Note: MDPI stays neutral

with regard to jurisdictional claims in

published maps and institutional affil-

iations.

Copyright: © 2022 by the authors.

Licensee MDPI, Basel, Switzerland.

This article is an open access article

distributed under the terms and

conditions of the Creative Commons

Attribution (CC BY) license (https://

creativecommons.org/licenses/by/

4.0/).

smart cities

Article

Enhancing OLSR Protocol by an Advanced Greedy Forwarding
Mechanism for VANET in Smart Cities
MyDriss Laanaoui 1,* and Said Raghay 2

1 Ecole Normale Superieure, Department of Computer Science, University of Cadi Ayyad,
Marrakech 40000, Morocco

2 Faculté Science and Technique, Department of Mathematics, University of Cadi Ayyad,
Marrakech 40000, Morocco; s.raghay@uca.ma

* Correspondence: d.laanaoui@uca.ma

Abstract: The future Intelligent Transport System "ITS" is one of the major challenges of the smart
city. It requires fast and efficient communication between vehicles (vehicle-to-vehicle “V2V”), to
ensure information exchange in order to improve safety, which reduces accidents and consequently
save lives, hence the need of the Vehicular Ad Hoc Network “VANET”, which makes possible
the inter-vehicle communication. This network is characterized by a variable topology. Therefore,
MANET (Mobile Adhoc NETwork) routing protocols need a few tweaks to be available for the vehicle
environment. In this paper, we start by exposing some works related to the evaluation of the most
well-known protocols. After a comparative study, we deduce that the OLSR (Optimized Link State
Routing) protocol outperforms other routing protocols in terms of End-to-End Delay (EED) and
Packet Delivery Ratio (PDR). In addition, we note that the Greedy forwarding “GF” mechanism
is suited for the VANET environment, which has been improved and called Greedy forwarding
Advanced “GFA”, to overcome the stationary node problem. Our approach improves the OLSR
protocol to be more suitable and efficient for VANET by introducing the GFA mechanism. Moreover,
we compare our approach to the OLSR classic version. In this work, we use a realistic scenario
from Open Street Map (OSM), and simulations are performed using SUMO (Simulation of Urban
MObility). The trace files generated from SUMO are used for further simulation in NS-3 (Network
Simulator) to validate our proposition. The simulation results are analyzed and discussed. Our
approach performs best compared to OLSR in terms of EED and PDR, especially for dense traffic.

Keywords: VANET; OLSR; routing; greedy forwarding; NS3; end-to-end delay; packet delivery ratio

1. Introduction

The ITS enhanced the well-being and driving surroundings with the integration
of information technology in transport systems. Thus, it would be a great opportunity
if vehicles could communicate directly with each other, provided that they are within
range. On the other hand, they must react as a relay to reach far destinations, hence the
VANET network.

Today, many research works have taken interest in Ad Hoc wireless networks due
to their low cost when there is a need to communicate in the absence of infrastructure.
To improve road safety [1] or ensure internet access for passengers, road safety systems
have emerged to ensure exchange inter-vehicle and fixed vehicle infrastructure information
in a wireless network. Thousands of researchers [2–4] have been interested in this area
and have tried to adapt the routing protocol for MANET to the VANET network because
most traditional routing protocols of MANETs cannot directly apply to VANET. To reach
this goal, we must improve the communication between vehicles to ensure information
transmission by taking into account the VANET features. In other words, we must improve
the routing process.
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Routing protocols must ensure low control overhead [5], low complexity, and must
enhance broadcast capability. Following the criteria of the urban environment, the design
of a routing protocol in VANET to ensure vehicle-to-vehicle (V2V) communication meets
other challenges [6]. In particular, the high mobility of vehicles in this network requires
adapting routing information to frequent changes in the topology. Therefore, we must
reduce the convergence time for routing algorithms to find the path from the source to
the destination that can enhance the end-to-end delay and minimize the latency time to
discover neighbors.

It is required to ensure communication integrity owing to the nature of information,
which can reduce accidents and save lives, hence the importance of the packet delivery
ratio. In addition, the end-to-end delay constraint of real-time applications and the retrans-
missions used for error control should be delay-constrained. The aim of this research is to
improve the end-to-end delay of our network and its packet delivery ratio. Otherwise, the
information will become obsolete.

Thus, this paper contributes to the following areas:

• We start by presenting the theoretical framework that includes a literature review
of the routing protocol in the VANET environment, which is part of the smart
cities challenges.

• We present an efficient implementation of the Advanced Greedy Forwarding algorithm
“GFA”, which overcomes the problem of stationary vehicles. The source node forwards
incoming messages to a selected node according to a score based on its position
and speed.

• We study the benefits of GFA compared to GF in terms of the end-to-end delay and
packet delivery ratio using the NS3 simulator.

• We improve the OLSR protocol by introducing a GFA mechanism to collect information
that is used in the proposed score to select the best way to the destination.

• We compare our proposed Greedy-OLSR (G-OLSR) to OLSR and we note that our
protocol outperforms OLSR in terms of the end-to-end delay and packet delivery ratio.

The rest of this paper is organized as follows. In the next section, we discuss the
taxonomy of routing protocols for the VANET environment, their advantages, and their
limitations, and related work is briefly presented. This is followed by the proposed routing
strategy in the following section. The experimental results are presented in the next section.
Finally, we conclude with a perspective.

2. Routing Protocols in VANET

The routing mechanism is a process that finds a way by selecting the intermediate
node to reach the destination and allows the source to send a packet to the destination. The
routing protocols for VANET can be divided into two principal categories (Figure 1) [7].
The first category of protocols is the flat routing, which can be divided in two subsets:
proactive protocols in which the route already exists and periodically updated, and reactive
protocols in which the route is only searched on demand.

The second category of routing protocols provides routing in large networks, covering
a large geographic area, called geographic or hierarchical routing.

For hierarchical routing, the network is divided into small groups called clusters [8].
The communication is performed on the same group level if the destination is at the same
cluster, which decreases the load on the network and optimizes broadcasting. The packet is
sent only between clusters if the destination exists in another. Geographic routing is based
on the geographic location of each vehicle.

Proactive protocols already have the path between nodes and maintain it by sending a
periodic message; OLSR (Optimized Link State Routing Protocol) is one of the protocols
that use this approach [9]. OLSR selects a node called MultiPoint Relays (MPRs) that
allow each node in the network to reach its two-hop neighbors. This routing mechanism
reduces the overload due to the control routing messages sent, by ensuring a selective
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sending to form a route. Only nodes elected as MPRs can forward broadcast messages
during communication.
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Figure 1. Routing protocols in VANET environment.

Advantages:

• The route discovery is not necessary
• Low end-to-end delay.

Disadvantages:

• The unused paths take up an important part of the available bandwidth.

FSR (Fisheye State Routing) [10] is a proactive protocol. For this protocol, the update
is based on distance; the next node receives fewer local topology updates; it adopts the
fisheye mechanism; the object distinction deteriorates while moving away from the central
point. FSR uses this feature to maintain precise routes for the neighborhood near the node
(Figure 2).
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Advantages:

• FSR reduces the bandwidth consumption, because it exchanges routing information
for partial update with neighbors only.

• Reduces routing overheads.

Disadvantages:

• No modification of the routing table, even if there is a link failure, because it does not
trigger a control message for the failure link.

• Poor performance in small ad hoc networks.
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• Poor information for far nodes.
• When the size of the network increases, the complexity of storage and the processing

overhead of the routing table increase and become more complex.
• Lack of information for established route.

As for the reactive protocol, there is no route in the memory. It is defined only on
demand, and this mechanism is adopted in the AODV protocol [11] (Ad-hoc On-demand
Distance Vector) DSR [12] (Dynamic Source Routing). The procedure of route research is
invoked on demand. The advantage of this category of routing protocols is the minimization
of the network traffic, based on the query and reply message. AODV uses as an algorithm
of the basic on-demand mechanism of DSR Route Discovery and Route Maintenance, and
DSDV (Destination-Sequenced Distance Vector) [13] uses hop-by-hop routing, sequence
numbers, and periodic beacons.

Advantages:

• The update can be performed using the sequence number assigned to each destination.
• The need for memory and route redundancy can be reduced.
• The protocol can be applied to large networks.

Disadvantages:

• It allows more time to configure the connection and to initialize communication to
establish a route compared to other approaches.

• It can cause inconsistencies in the route if the intermediate nodes contain the old entries.
• There may be various response packets, which causes network overload, for a single

route request.
• It has an excessive consumption of bandwidth.

Hybrid protocols combine and use the advantage of the reactive and proactive protocol.
As with the ZRP protocol (Zone Routing Protocol) [14], the principle is to divide the network
into two areas, to minimize the number of re-broadcast nodes in each area. Information is
exchanged proactively inside the area and reactively outside.

Advantages:

• No hierarchies eliminates definitively the congestion.

Disadvantages:

• Delay increases proportionally to the network size.
• Difficult to define zones.

As for the geographic protocol, the principal mechanism is the Greedy Perimeter
Stateless Routing (GPSR) [15], which is a routing protocol based on the position node, so
we assume that each node already knows its neighbors in a table saving all positions. Each
node sends a "beacon" message containing its ID with the actual position. The node is
deleted from the table if we do not receive any beacon message after a while. The GPSR
protocol uses greedy forwarding or the perimeter forwarding mechanism, according to the
traffic density, to transmit the packet to the destination.

Advantages:

• The source node needs only to save the position of one neighbor node to send a packet
to the destination.

• The decision to send a packet is made dynamically.

Disadvantages:

• Fake routes can exist in the neighborhood table if mobility is high due to latency.
• The packet header is never updated by the intermediate nodes in the transfer process,

hence the risk of the packet being lost due to mobility.

In Table 1, we summarize the comparison between the protocols described previously:
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Table 1. Comparison of routing protocols.

Protocols Features Routing Type Metrics Transmission Type PROS CONS

AODV Route discovery on demand
“Topology-based” Reactive Fast and short path

(Number of hops) Multihop Reduce the need for memory.
Can be used for large network.

Excessive consumption
of bandwidth

Important end-to-end delay

DSR
Route discovery a,d
maintenance route
“Topology-based”

Reactive Position, number
of nodes Multihop

No need for memory.
DSR creates multiple routes

to destination

Higher end-to-end delay.
Overhead is directly

proportional to the number
of hops

OLSR
Proactive link-state

routing protocol
“Topology-based”

Proactive Status of the link Multihop
Reduces the overload.
The best delivery ratio.
Low end-to-end delay.

Unused paths take up an
important part of the
available bandwidth

FSR
It adopts the

fisheye mechanism
“Topology-based”

Proactive Distance Multihop
Reduces the bandwidth

consumption and
routing overhead

No control for failure link.
The complexity of storage

increases proportionally to the
size of network

ZRP

Divide the network in two
areas. Information exchanged
proactively inside the area and

reactively outside.
“Position-based”

Hybrid Short path Multihop No hierarchies eliminates
definitively the congestion

End-to-end Delay “EED”
increases proportionally to the

network size

GPSR

Uses greedy forwarding or
perimeter forwarding

mechanism, according to the
traffic density.

“Position-based”

Reactive position Greedy Transmission decision is
made dynamically

End-to-end delay is higher.
Low delivery ratio
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3. Literature Review

There is a lot of work in the literature comparing routing protocols in VANET, and the
need of this comparative study is very interesting to enhance the communication between
vehicles and to avoid the risky situations for drivers and passengers.

SALLUM et al. [9] discussed and compared OLSR, AODV, and DSDV. They concluded
that OLSR is the best protocol, which gives the best performance in the VANET scenario in
the case of the packet delivery ratio and end-to-end delay, especially when the density of
vehicles and speed increase. The simulation is performed under the NS3 simulator, and the
mobility and movement nodes are created by BonnMotion.

The paper [16] compared between OLSR, AODV, GPSR, and GPCR using SUMO to
extract mobility on a real map and NS3 as a network simulator, varying the number of
vehicles. Their results prove that the OLSR is better in the case of packet delivery ratio,
whereas, in the case of the end-to-end delay, GPSR presents the best performance due to
the use of the greedy forwarding method.

The authors in [17] compared the AODV, DSDV, DSR, and GPSR routing protocols in
the VANET environment, using NS2.35. The best performance is obtained for the GPSR
protocol in the case of end-to-end delay, whereas the AODV protocol is better in the case of
the packet delivery ratio.

Alnabhan et al. (2020) [18] presented the improvement of the GPSR protocol called
AGPSR. This improvement is based on the greedy forwarding mechanism that makes the
GPSR protocol more efficient in the event of a delay in E2E and the packet delivery ratio,
hence the importance of the greedy forwarding mechanism.

Kumar et al. (2020) [19] compared OLSR and GPSR, and they concluded that OLSR
outperforms GPSR in terms of PDR and throughput.

All works previously presented prove that the OLSR presents the high and best
performance in the case of end-to-end delay and packet delivery ratio. In addition, the
integration of the greedy forwarding mechanism makes the routing protocol more efficient
than the classic version.

4. Proposed Work

The amelioration proposed will make the OLSR routing protocol suitable for vehicle
networks in an urban environment. The objective is to route the data step-by-step by taking
into account the urban structure streets. Our proposition has two features:

(i) An improved greedy approach “GFA” to route packets between two junctions in order to
collect the information of this segment delimited by source and candidate intersections,
as shown in Figure 3 composed of several intersections A, B, C, D, and E.

(ii) Select the intersection to reach the destination.
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Therefore, the protocol starts by collecting information of two segments delimited
by source intersection and the two candidate intersections A and C. Using this collected
information, the vehicle determines all candidate intersections to select the right one. Then,
owing to the collected information using GFA, we provide a score for each intersection.
Therefore, we apply Dijkstra’s algorithm in order to identify the way in which to reach
the destination.

Contrary to other protocols, the source vehicle elects the right intersection sequence to
reach the destination.

4.1. Optimization of OLSR for VANET Communication

Given the results of the last analysis, the OLSR protocol presents the best performance.
The integration of the “greedy forwarding” will enhance the protocol because it reduces
the end-to-end delay [20].

Greedy forwarding is based on proximity metrics by distance calculation. This greedy
mode refers to the selection of the nearest neighbor to the destination as the next hop for
the transfer of a packet.

In this work, we improve the greedy forwarding mechanism [21] to choose the
best vehicle and quickly reach the destination. We add a score to make it more efficient
and precise.

We start by presenting the communication in the vehicular system, as shown in the
following Figure 4:
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To adapt the OLSR protocol to the VANET environment and to be more efficient, we
add the advanced greedy forwarding mechanism in selecting the step by a score explained
in the following paragraph.

The advanced Greedy Forwarding Mechanism "GFA" [22] takes into account the
distance between the source vehicle and the intermediate vehicle, which is a candidate to
be considered as a relay, the candidates’ speed of the vehicles of the candidates, and their
geographical positions. The concept of score is attributed to each node in Figure 5:
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The source selects the node with the smaller score tp:

tp =
xp − xi

vi
+ ti (1)

where tp is the time to reach the range xp of the vehicle source “S”, and ti is the moment
when the vehicle "Vhi" is in xi position with the speed vi at time ti.

The classic greedy forwarding does not take into account whether the vehicle is
moving or not, so to accelerate the communication, we add the speed of the vehicle in our
amelioration, using the rule that the furthest node will not necessarily be the fastest and
best for the transfer.

The algorithm using the previous score tp is as follows:

1. The node Ni receives the packet,
2. If a node or group of nodes are within the reach of node Ni,
3. Then select the node that has the smallest T score,
4. Otherwise, save the package to find a node in its scope and select the one with the

lowest score tp,
5. Repeat these steps until to reach D (destination).

Analyzing this algorithm, we note that GFA reacts better than the GF because of the
score tp. If the difference between the speeds of candidate nodes does not influence the
score tp in such a way that the score of the furthest node is lower than that of another closer
node, GFA and GF have the same result.

To validate our proposition compared to the classic greedy forwarding method, we
choose the following model:

The study, performed in the following Section 5, treats the particular case as shown
in Figure 6 when the elected vehicle by the Greedy forwarding mechanism is not efficient,
because of its speed. Therefore, our proposition reacts positively in this case to improve
the performance such as EED (End-to-End Delay) and PDR (Packet Delivery Ratio) of the
network by verifying the speed of each node participating in the communication.

We execute GF and GFA to evaluate their performances in the case of end-to-end time
for different distances and speeds between the candidate nodes.

In the following, the parameters are not chosen randomly but by considering the
particular case from which our approach will be able to react better than the classic version.
In another case, the two approaches give the same results.
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4.2. Results and Analysis of GFA
4.2.1. Case 1

Table 2 shows the simulation parameters:

Table 2. Simulation parameters in the case of end-to-end delay for various Xa.

Simulation Parameters Values

The range of vehicle A 200 m
Va 30 km/h
Vb 65 km/h
Xb 150 m

We vary Xa, the distance between A and S, from 50 m to Xb,
The simulation is performed in the NS3 simulator, and the result is shown in Figure 7:
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In this figure, we note that our approach gives a lower end-to-end delay, especially
for high density. Therefore, the probability to find a faster and more appropriate node for
data exchange is high because GFA finds a lot of possibilities and chooses the fastest node
by using the score tp, which is not considered in the GF. In addition, GFA maintains the
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advantage of the GF mechanism for low density. Therefore, our "GF Ameliorated" acts
positively compared to the classic version.

4.2.2. Case 2

We keep the same parameters used in the previous simulation but set Xa to 200 m and
vary Xb from 130 m to Xa.

In Figure 8, we summarize the simulation results:
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In this case, we note that GFA gives a better performance than the GF mechanism until
equalization when the distance between A and B increases to more than 60 m.

4.2.3. Case 3

In this case, we vary the speed of node B “Vb”. Therefore, we fix Xa = 150 m,
Xb = 200 m, and Va = 60 km/h.

The results are shown in Figure 9:
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The end-to-end delay for the GF mechanism is very important for low speed. However,
for GFA, the end-to-end delay remains practically stable and gives the best performance
especially for low speed.

4.2.4. Case 4

In this case, we vary the speed of node B “Va”. Thus, we fix Xa = 150 m, Xb = 200 m,
and Vb = 60 km/h.

The results are shown in Figure 10:
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Both GFA and GF give the same performance until the speed of nodes A increases
to more than 50 km/h, so it can reach the destination as soon as possible. Therefore, our
proposition switches to the node that has the highest speed.

4.2.5. Discussion

In all steps of the previous simulation, the GFA mechanism retains the advantages of
GF and solves the problem of end-to-end delay divergence noted in the GF mechanism.
The divergence is caused by a stationary vehicle. GFA considers the speed of each vehicle
and prioritizes the mobile vehicles compared to stationary ones.

The reaction of GFA is noted when candidate vehicles are close and the speed of the
one that is selected by GF is less than the speed of the closer vehicle to the source.

We note that GFA reacts better than GF because of the score tp, especially when the
score of the closer vehicle is less than that of the further one.

GFA and GF have the same result, if the difference between the speeds of candidate
nodes does not influence the score tp in such a way that the score of the furthest node is
lower than that of another closer node.

This mechanism is used in the next section to collect information related to the segment
delimited by the source junction and delimited junction.

In the following paragraph, we present the simulation between the classic OLSR and
the new version that integrates the GFA mechanism.

4.3. Injection of the GFA Mechanism into the OLSR Protocol

Our proposal amelioration called G-OLSR as a Greedy-OLSR divides each section
of the road into several groups defined by the range of vehicles equal to 250 m. Within
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each section, we adopt the GFA method previously proposed to collect information in the
section delimited by two junctions (the source junction and the candidate junction).

The information collected is used to calculate the score of each segment delimited
by the source and candidate junctions. We start by checking if this road has a forbidden
direction or not by testing N1 traffic density in a segment using the following algorithm:

Si N1 = 0, so score(j) = 0 (prohibited way).
Otherwise calculation of the candidate junction score.
The score of the section for the road delimited by the source and candidate junctions

is the following:
score(Ni) = α(1−Dp) + β(1−D) + γNd (2)

where Ni and C are the next candidate junction and the current one, respectively, and
Dn and Dc are the curvilinear distance from the candidate junction Ni and the current
junction to the destination, respectively. The degree of the proximity “Dp” between the
candidate intersections compared to the destination is the ratio between Dn and Dc. We
note also that Dnc is the curvilinear distance between the candidate junction and the source
junction, and D is the distance, between the source and candidate junction, compared to
the source junction.

From this score, we define the cost of the section as follows:

co
∧
ut(Ni) =

1
score(Ni)

(3)

Then, the best section is the one with the lowest cost.
We apply the Dijkstra algorithm to positive scores in order to elect the fastest path

with the lowest cost.

4.4. Simulation and Results
4.4.1. Simulation Architecture

The architecture of the simulation is shown in Figure 11:
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Figure 11. Architecture of the simulation.

We start the simulation by creating the traffic simulation using SUMO.
We use SUMO “Simulation of Urban Mobility” as a traffic simulator because it is close

to the reality conditions.
We start the simulation by extracting the map of the Gueliz (Figure 12) district in

Marrakech city from Morocco.
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Figure 12. Simulation zone ”Gueliz district in Marrakech city of Morocco”.

Using the SUMO simulator, we create vehicle traffic and then extract the trace file for
the map of the chosen area in order to integrate it into the simulation under NS3.

Table 3 shows the simulation parameters:

Table 3. Parameters of simulation in NS3.

Parameter Value

PC Simulator Intel® CoreTM i5 6th generation 2.4 GHz, 8 GB
Simulator NS3 (3.29)
Number of Nodes 200, 300, 400 and 500
Node Speed 20 km/h to 60 km/h
Simulation Time 200
Wi-Fi mode Ad-hoc
Wi-Fi Rate 2 MB
No. of Source/Sink 10
Sent Data Rate 2.048 Kbps
Packet Size 64 Bytes
Number of packets send 4
Connection Type TCP
Node Speed 20 to 60 km/h
Pause Time 0
Network size Carte of Gueliz Marrakech

4.4.2. Packet Delivery Ratio

To calculate the delivery rate for the two protocols OLSR and G-OLSR, we extract the
information using the following “awk” code:
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BEGIN
{

nSentPackets = 0;
nReceivedPackets = 0;
strEvent = $1;
strAgt = $4;
idPacket = $6;
strType = $7;
if (strAgt == “AGT” && strType = = «CBR»)
if (strEvent == «s»)

nSentPackets += 1;
if (strEvent == “r”)

nReceivedPackets += 1;
rPacketDeliveryRatio = nReceivedPackets / nSentPackets * 100;
printf (“Taux de distribution: % 10.2fn», rPacketDeliveryRatio);

}
END

The simulation results are shown in Figure 13:
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Figure 13. Comparison between PDR and traffic density for OLSR and G-OLSR.

The simulation results show that our proposal gives the best performance in terms of
packet delivery ratio. The PDR of G-OLSR increases more and more as the traffic increases;
this is due to the use of the GFA approach, which gives better results compared to the
GF in the case of low mobility or when the difference between the speeds of the vehicles
is important. Thus, the difference is in the elected vehicles, and the use of the Dijkstra
algorithm offers a high rate of convergence.

4.4.3. End-to-End Delay

We use the end-to-end delay to compare the two protocols OLSR and G-OLSR.
For different traffic densities, we calculate the end-to-end time using the following

“awk” code:
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BEGIN
{

rTotalDelay=0.0;
strEvent = $1;
rtime = $2;
strAgt = $4;
idPacket = $6;
strType = $7;
if (strAgt == “AGT” && strType = = «CBR»)
if (strEvent == “s”)

{
rSentTime[idPacket] = rTime;

}
if (strEvent == “r”)

{
rReceivedTime[idPacket] = rTime;
rTotalDelay += rReceivedTime[idPacket] - rSentTime[idPacket];

}
rTime = rEndTime - rStartTime;
printf(“le temps de bout en bout est: %10.2f\n”,rTime );

}
END

The simulation results are summarized in Figure 14:
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Figure 14. EED vs. traffic density for OLSR and G-OLSR.

The simulation results show that our approach has the best performance in terms of
end-to-end delay. The EED of G-OLSR decreases more and more as the traffic increases,
and this is due to the use of the GFA approach, which gives better results when the mobility
and the traffic density increase. In addition, the use of the Dijkstra algorithm presents a
high convergence rate and therefore a lower EED for a network for high traffic.

When the traffic density situates between 200 and 400 vehicles, the EED increases
for OLSR but remains stable for G-OLSR. This sudden change is made because the nodes
are abundant within the network. The traffic density increases progressively, and the
probability to find nodes also increases, so the EED decreases beyond 400 vehicles.
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5. Discussion

In this section, the most important features of the proposed protocol G-OLSR are
discussed and compared to the classic version of the OLSR protocol.

First, some works related to evaluate and compare the routing protocols are exposed.
Secondly, the four studied routing protocols are presented. Next, the system used to
evaluate the protocols is described. Then, simulation results are analyzed and discussed.

Based on the comparative study, we classify the protocols according to their trans-
mission type, metrics, advantages, and disadvantages. This analysis allows us to choose
OLSR, because it outperforms other protocols according to its End-to-End Delay and Packet
Delivery Ratio, especially in the case of high mobility.

In addition, we note that the Greedy forwarding mechanism (GF) is more adapted to
the VANET environment and gives a success rate nearly close to wired networks in the
case of low mobility, and we note that GF is not efficient in the case of the stationary node.
If the GF selects as a relay the node where the speed is less than other candidate node, then
it can be suitable to reach the destination as quickly as possible. Therefore, we propose the
Advanced Greedy Forwarding, which is an amelioration of the GF in order to overcome
the problems previously cited, especially in the case of high mobility. The GFA mechanism
is used to collect the information of topology for the current segment (delimited by the
source and destination intersections). This information is used to compute the score that
can help overcome the problem of end-to-end delay in the case of high mobility. Therefore,
we choose the right segment to reach the destination as fast as possible.

The classic greedy forwarding does not take into account if the vehicle is moving or
not. Knowing that the furthest node will not necessarily be the fastest and best for the
transfer, to accelerate the communication, we add the speed of the vehicle as a parameter
to compute the score in our amelioration. In order to validate GFA, we compare it with GF
in several possible cases. We consider a simple network where we have just four nodes, the
source S, the destination D, and two candidates nodes A and B, in the range of the source.
We vary the distances between source and candidate nodes (xa and xb) and then we vary
the speed of candidate nodes (Va and Vb).

In all simulation cases, the GFA mechanism keeps the advantages of GF and solves
the problem of end-to-end delay divergence noted in the GF mechanism. This divergence
is caused by the stationary vehicle, because GFA considers the speed of each vehicle and
prioritizes the mobile vehicles instead of stationary ones. We also note that, when the
distance between candidate nodes exceeds a threshold, the speed of candidate nodes has a
significant influence and GFA can choose the closer node instead of the farthest because
it can be the fastest to reach destination according to the score tp calculated based on the
speeds and positions of candidates nodes.

Therefore, we note that GFA reacts better than GF because of the score tp, especially
when the score of the closer vehicle is less than that of the further one.

GFA and GF have the same result, if the difference between the speeds of candidate
nodes does not influence the score tp in such a way that the score of the furthest node is
lower than that of another closer node.

In G-OLSR, we suppose that the road delimited by two junctions, source and candidate,
is divided into several zones defined by the range of vehicles that is equal to 250 m. In each
zone, we adopt the GFA method previously proposed to collect information such as density,
direction, and all information that is used in the OLSR score. Therefore, we compute the
cost of the segment and we apply the Dijkstra algorithm to reach the destination.

The simulation results show that our proposal gives the best performance in terms of
packet delivery ratio. The PDR of G-OLSR increases more and more as the traffic increases.
This is due to the use of the GFA approach, which gives better results compared to the GF
in the case of low mobility, and when the difference between the speeds of the vehicles is
important. Therefore, the difference in the process used to elect vehicles and the use of the
Dijkstra algorithm offer a high rate of convergence.
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The simulation results show that our approach has the best performance in terms of
end-to-end delay. The EED of G-OLSR decreases more and more as the traffic increases,
and this is due to the use of the GFA approach, which gives better results when the mobility
and the traffic density increase. In addition, the use of the Dijkstra algorithm presents a
high convergence rate and therefore a lower EED for high traffic.

When the traffic density is situated between 200 and 400 vehicles, the EED increases
for OLSR but remains stable for G-OLSR, and this sudden change is made because the
nodes are abundant within the network. The traffic density increases progressively, and
the probability to find nodes also increases, so the EED decreases beyond 400 vehicles.
Therefore, G-OLSR protects the efficiency of the information transmitted in the vehicular
Ad hoc Network as we reduce the EED and we increase the PDR.

However, our approach presents some limits. When the traffic density is low or
the nodes are abundant within the network, we note that G-OLSR becomes passive and
behaves nearly as OLSR.

6. Conclusions

In this paper, we start with a comparative study of different routing protocols
using several comparison metrics. We deduce that the OLSR protocol provides the
best performance.

After this, we present the Ameliorated Greedy Forwarding method to enhance the
efficiency of data transfer in the case of low mobility, which can cause the divergence of
time to reach the destination. This divergence appears progressively when the difference
between the speeds of the vehicles participating in the communication increases. The GFA
mechanism takes into account the speed of each vehicle and prioritizes mobile vehicles
compared to stationary ones. Using the new score, GFA compares the efficiency of candidate
vehicles to reach the destination as quickly as possible. GFA is integrated on the G-OLSR
protocol to prove the performance of our approach compared to the OLSR protocol. We use
the SUMO traffic simulator to exact the map of Gueliz situated in the center of Marrakech
city. The traffic trace file is integrated into the NS3 simulator. The results of the simulation
prove that G-OLSR performs best compared to OLSR in terms of EED and PDR, especially
for dense traffic.

We note the limitation of G-OLSR when the traffic density is low or the nodes are
abundant within the network. In this case, G-OLSR behaves nearly as OLSR.

As a perspective, we will deal with this limitation and secure our new protocol to be
safer and to secure the routing process more and more.

Author Contributions: Conceptualization, M.L.; Methodology, M.L. and S.R.; Data curation, S.R.;
Validation, S.R.; Writing—Original Draft Preparation, M.L.; Writing—Review and Editing, M.L and
S.R. All authors have read and agreed to the published version of the manuscript.

Funding: This research received no external funding.

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.

Data Availability Statement: Not applicable.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Tantaoui, M.; Laanaoui, M.D.; Kabil, M. Big Data Accident Prediction System in Green Networks and Intelligent Transportation

Systems. In Emerging Trends in ICT for Sustainable Development; Springer: Berlin/Heidelberg, Germany, 2021; pp. 121–127.
2. Yogarayan, S. Wireless Ad Hoc Network of MANET, VANET, FANET and SANET: A Review. J. Telecommun. Electron. Comput.

Eng. 2021, 13, 13–18.
3. Azzoug, Y.; Boukra, A. Bio-inspired VANET routing optimization: An overview. Artif. Intell. Rev. 2020, 54, 1005–1062. [CrossRef]
4. Chandren Muniyandi, R.; Hasan, M.K.; Hammoodi, M.R.; Maroosi, A. An improved harmony search algorithm for proactive

routing protocol in VANET. J. Adv. Transp. 2021, 2021, 6641857. [CrossRef]

http://doi.org/10.1007/s10462-020-09868-9
http://doi.org/10.1155/2021/6641857


Smart Cities 2022, 5 667

5. Goudarzi, F.; Asgari, H.; Al-Raweshidy, H.S. Traffic-aware VANET routing for city environments—A protocol based on ant colony
optimization. IEEE Syst. J. 2018, 13, 571–581. [CrossRef]

6. Kumareshan, N.; Prakash, N.; Vignesh, N.A.; Kumaran, G. Performance analysis of various routing protocols for VANET
environments. Int. J. Innov. Technol. Explor. Eng. 2019, 8, 4381–4384.

7. Srivastava, A.; Prakash, A.; Tripathi, R. Location based routing protocols in VANET: Issues and existing solutions. Veh. Commun.
2020, 23, 100231. [CrossRef]

8. Bengag, A.; Bengag, A.; Elboukhari, M. Routing Protocols for VANETs: Taxonomy, evaluation, and analysis. Adv. Sci. Technol.
Eng. Syst. J. 2020, 5, 77–85. [CrossRef]

9. Sallum, E.E.A.; dos Santos, G.; Alves, M.; Santos, M.M. Performance analysis and comparison of the DSDV, AODV and OLSR
routing protocols under VANETs. In Proceedings of the 2018 16th International Conference on Intelligent Transportation Systems
Telecommunications (ITST), Lisboa, Portugal, 15–17 October 2018; IEEE: Piscataway, NJ, USA, 2018; pp. 1–7.

10. Akbar, R.Z. Performance Analysis FSR and DSR Routing Protocol in VANET with V2V and V2I Models. In Proceedings of the
2020 3rd International Seminar on Research of Information Technology and Intelligent Systems (ISRITI), Yogyakarta, Indonesia,
10 December 2020; IEEE: Piscataway, NJ, USA, 2020; pp. 158–163.

11. Upadhyaya, N.; Shah, D.J. AODV routing protocol implementation in VANET. Int. J. Adv. Res. Eng. Technol. 2019, 10, 585–595.
[CrossRef]

12. Prasath, N.; Sreemathy, J. Optimized dynamic source routing protocol for MANETs. Clust. Comput. 2019, 22, 12397–12409.
[CrossRef]

13. Fengjie, Y.; Hui, Y.; Ying, Z. Research on DSDV routing protocol based on wireless Mesh network. In Proceedings of the
2018 Chinese Control and Decision Conference (CCDC), Shenyang, China, 9–11 June 2018; IEEE: Piscataway, NJ, USA, 2018;
pp. 4292–4297.

14. Nurwarsito, H.; Umam, M.Y. Performance Analysis of Temporally Ordered Routing Algorithm Protocol and Zone Routing
Protocol on Vehicular Ad-Hoc Network in Urban Environment. In Proceedings of the 2020 3rd International Seminar on Research
of Information Technology and Intelligent Systems (ISRITI), Yogyakarta, Indonesia, 10 December 2020; IEEE: Piscataway, NJ,
USA, 2020; pp. 176–181.

15. Silva, A.; Reza, K.N.; Oliveira, A. An adaptive GPSR routing protocol for VANETs. In Proceedings of the 2018 15th International
Symposium on Wireless Communication Systems (ISWCS), Lisbon, Portugal, 28–31 August 2018; IEEE: Piscataway, NJ, USA,
2018; pp. 1–6.

16. Amina, B.; Mohamed, E. Performance evaluation of VANETs routing protocols using SUMO and NS3. In Proceedings of the 2018
IEEE 5th International Congress on Information Science and Technology (CiSt), Marrakech, Morocco, 21–27 October 2018; IEEE:
Piscataway, NJ, USA, 2018; pp. 525–530.

17. Taha, H.H.; Alhassan, A.M. Performance evaluation of AODV, OLSR and GRP routing protocols in vehicular highway envi-
ronment. In Proceedings of the 2018 International Conference on Computer, Control, Electrical, and Electronics Engineering,
Khartoum, Sudan, 12–14 August 2018; IEEE: Piscataway, NJ, USA, 2018; pp. 1–5.

18. Alnabhan, M.M. Advanced GPSR in Mobile Ad-hoc Networks (MANETs). Int. J. Interact. Mob. Technol. 2020, 14, 107. [CrossRef]
19. Kumar, P.; Verma, S. Analysis of OLSR and GPSR Routing Protocols in Airborne Networks for UDP and TCP Environment. In Soft

Computing: Theories and Applications; Springer: Singapore, 2020; pp. 205–215.
20. Abbasi, I.A.; Khan, A.S.; Ali, S. A Reliable Path Selection and Packet Forwarding Routing Protocol for Vehicular Ad hoc Networks.

EURASIP J. Wirel. Commun. Netw. 2018, 2018, 236. [CrossRef]
21. Kaur, H.; Singh, H.; Sharma, A. Geographic routing protocol: A review. Int. J. Grid Distrib. Comput. 2016, 9, 245–254. [CrossRef]
22. Laanaoui, D.; Raghay, S. A new advanced stateless Greedy perimeter routing for Ad Hoc Vehicular Networks. In Journal of

Physics: Conference Series; IOP Publishing: Bristol, UK, 2021; p. 012022.

http://doi.org/10.1109/JSYST.2018.2806996
http://doi.org/10.1016/j.vehcom.2020.100231
http://doi.org/10.25046/aj050110
http://doi.org/10.34218/IJARET.10.2.2019.055
http://doi.org/10.1007/s10586-017-1638-1
http://doi.org/10.3991/ijim.v14i18.16661
http://doi.org/10.1186/s13638-018-1233-z
http://doi.org/10.14257/ijgdc.2016.9.2.21

	Introduction 
	Routing Protocols in VANET 
	Literature Review 
	Proposed Work 
	Optimization of OLSR for VANET Communication 
	Results and Analysis of GFA 
	Case 1 
	Case 2 
	Case 3 
	Case 4 
	Discussion 

	Injection of the GFA Mechanism into the OLSR Protocol 
	Simulation and Results 
	Simulation Architecture 
	Packet Delivery Ratio 
	End-to-End Delay 


	Discussion 
	Conclusions 
	References

