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Abstract: The Internet of things (IoT) continues to “smartify” human life while influencing areas such
as industry, education, economy, business, medicine, and psychology. The introduction of the IoT in
psychology has resulted in various intelligent systems that aim to help people—particularly those
with special needs, such as the elderly, disabled, and children. This paper proposes a framework
to investigate the role and impact of the IoT in psychology from two perspectives: (1) the goals of
using the IoT in this area, and (2) the computational technologies used towards this purpose. To this
end, existing studies are reviewed from these viewpoints. The results show that the goals of using
the IoT can be identified as morale improvement, diagnosis, and monitoring. Moreover, the main
technical contributions of the related papers are system design, data mining, or hardware invention
and signal processing. Subsequently, unique features of state-of-the-art research in this area are
discussed, including the type and diversity of sensors, crowdsourcing, context awareness, fog and
cloud platforms, and inference. Our concluding remarks indicate that this area is in its infancy and,
consequently, the next steps of this research are discussed.
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1. Introduction

With developments and advances in sensors, communication technologies, and em-
bedded computers, smart objects (e.g., smartphones and smart devices) have become
popular [1]. There has been an increase in the interactions between smart objects and hu-
mans, which has resulted in the emergence of the Internet of things (IoT) [2]. The Internet of
things (IoT) is a network of smart things that can interact without human intervention [3].

The IoT has affected different aspects of human life and led to the Fourth Indus-
trial Revolution [4,5]. It has had different effects on various areas, such as industry [6–9],
transportation [10–12], smart homes [13–16], smart cities [17–20], the military [21–23],
business [24–26], tourism [27,28], education [29–31], art [32–34], healthcare [35,36], eco-
nomics [37,38], and psychology [39–41].

Psychology is an important area of human life affected by the IoT. Inner peace has
always been a human concern, for which the principles of psychology must be analyzed and
practiced [42]. Since there is a direct correlation between physical and mental health, many
mental problems—such as depression, neurological disorders, and stress—negatively affect
people’s physical health [43]. These problems also increase the chance of experiencing heart
disease, strokes, and cancers. “Psychology is the scientific study of behavior, experience,
and mental processes in all living creatures” [44]. According to statistics, people spend
a considerable time on smart devices such as smartphones; hence, numerous IoT-related
studies have been conducted in psychology. Indeed, IoT technology has come to the aid
of psychologists in analyzing and resolving prominent psychological problems. A few
review studies have addressed the IoT and psychology by focusing on equipment [45] and
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applications [2]. To further investigate this interdisciplinary area, the goals of using the IoT
in psychology, as well as the specific computing techniques used in the existing studies,
must be taken into account. Hence, this paper investigates and classifies research on the
IoT in psychology, with a focus on goals and computing methods. This review addresses
the following questions:

- What is the purpose of using the IoT in psychology-related papers?
- What is the technical computing contribution of the papers?

For this purpose, “psychology + IoT”, “mental + IoT”, “emotion + IoT”, and “psy-
chiatry + IoT” were used as keywords to search for papers in the Web of Science, Scopus,
and IEEE databases. The retrieved articles were then refined semantically, and each paper
was assessed by two reviewers. Since the keyword search could result in non-relevant
papers, the articles were reviewed semantically, and those not relevant to the topic were
rejected. Figure 1 shows the procedure of selecting and reviewing the papers. After that,
the confirmed papers were investigated from two perspectives: the goals of using the IoT,
and the technical computing methods used.

Figure 1. Procedure for selecting the papers.

Regarding the first aspect, previous studies were classified as focused on morale
improvement, diagnosis, and monitoring. The computing contributions included system
design, data mining, and hardware design and signal processing. Subsequently, the key
features of papers were investigated and discussed, including the diversity of sensors,
crowdsourcing, context awareness, fog and cloud platforms, and inference. Finally, con-
cluding remarks as well as the next steps for this research are provided. Although the
use of the IoT to resolve common issues in psychology is in infancy, it could be valuable
in addressing many traditional and new problems in this area. The contributions and
novelties of the paper can be summarized as follows:

- This is the first paper to investigate IoT-based systems in the domain of psychology
from the perspectives of goals and technical computing methods.

- It proposes and discusses the key features and challenging issues of using the IoT in
psychology.

The rest of this paper consists of the following sections: Section 2 discusses the goals
of exploiting IoT technologies in the existing papers. Technical and computing methods
are investigated in Section 3, whereas Section 4 addresses new features of these studies.
Finally, Section 5 presents the conclusions and next steps of this research.
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2. Purpose

The introduction of the IoT in psychology can help promote mental health by pro-
viding certain advantages such as accelerating treatment procedures, reducing healthcare
expenditure, and improving quality of life [46]. Previous studies have sought to use the
IoT for different purposes, such as morale improvement, diagnosis, and mental healthcare.
Each of these goals plays a key role in ensuring a healthy society that is free of all forms
of stress and mental–emotional disorders. In the following text, the goals are discussed in
detail, and a summary is provided in Table 1.

Morale improvement: The modern world has caused many stressors in people’s lives.
If individuals fail to manage stress and anxiety, they will soon lose the necessary concentra-
tion and energy for their daily routines, and will experience long-term difficulties in terms
of both mental and physical health [47]. The pressure from education [48], work [49], and
even driving [50] can deprive humans of peace. Different studies have been conducted
to improve people’s moods through IoT mechanisms in order to help them to cope with
mental tensions.

Homework assignments and exams can stress students out, which might result in
academic failure. Conversely, studying and doing homework regularly can increase their
peace of mind. Virtual Tutor [51] is a mobile application developed to alleviate students’
stress and anxiety during exams and homework. Planning a curriculum, this application
regularizes the academic affairs of students. It also makes some suggestions to prepare
students to follow the planned curriculum, encourages them to continue on the path, and
applauds them after they achieve specific goals.

In commuting by car, tardiness and the inability to inform others can stress passengers
out. Traeddy [52] is a service that informs those waiting for a driver about possible delays
on routes in order to relieve the driver’s anxiety. This approach can increase the driver’s
peace of mind because those waiting will not be worried anymore. The Pen-Pen [53] project
sends some notifications to passengers a few minutes before their arrival at a destination
to prevent them from passing it for various reasons (e.g., oversleeping or distraction).
This approach is useful and relaxing for passengers with low consciousness and who are
susceptible to mental pressure.

Smart green space has now gained importance as a component of smart homes. In
this regard, Smart Home 2 [54] aims to turn people’s houses into relaxing environments by
growing plants. The necessary care for the green space with respect to environmental factors
(e.g., temperature, humidity, and illumination) is provided automatically and remotely. As
a result, there is no worry about taking care of plants when the residents are resting or
staying outside.

In today’s complicated world, the majority of people neglect happiness and life satis-
faction. The IAMHAPPY [55] project identifies people’s current feelings and recommends
a plan for their happiness and satisfaction. These recommendations are made in relation to
people’s feelings (for instance, if they are unhappy, they are advised to listen to music or
eat chocolate). This can help people to live happily by boosting their happiness.

Autism spectrum disorder (ASD) is among the mental disorders with no definitive
treatments [56]. People with ASD are usually susceptible to sensory overload [57]. In
other words, one or more of their senses are overstimulated by the environment. The
ACHI [58] project was developed to identify and control sensory overload stimulants,
pacify patients with ASD, and guide caregivers and physicians. Special sensors (such as
smelling sensors, cameras, and microphones) are used in a smart toy bag to collect data
on a patient’s environment. These data can help caregivers to become aware of a patient’s
environmental conditions. In the event of uncontrollable conditions or the absence of
caregivers, automated pacification measures (such as playing music and showing videos)
are carried out by the smart devices. The data can also be analyzed to help physicians make
decisions on dedicated treatment procedures.

Diagnosis: The IoT has become significant in psychology through the use of various
physiological and environmental devices and sensors to identify different parameters,
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such as feelings, personality traits, and mental disorders. “Emotion is the name used to
comprehend all that is understood by feelings, states of feeling, pleasures, pains, passions,
sentiments, and affections” [59]. The Web of Objects (WoO) [60] collects data on users’
emotions—including physiological feelings (e.g., different kinds of gestures), textual feel-
ings (e.g., Facebook posts, tweets, and messages), and social media messages (e.g., voices,
images, and videos)—to detect emotions. After these data elements are analyzed, users’
emotions are detected, and relevant services are activated. For instance, the TV plays family
movies for a person away from their family.

Music is a universal language that positively affects stress alleviation, pacification,
pain management, and cardiac function [61]. While listening to music via the Smoodsically
app [62], users’ physiological responses such as muscular tension, skin temperature, and
cardiorespiratory acceleration are recorded by biosensors (i.e., devices that measure users’
physiological parameters) such as electrodermal activity (EDA) sensors and skin tempera-
ture sensors. These data elements are then stored and processed to determine the effects of
music on the users’ feelings.

“Personality is the set of psychological traits and mechanisms within the individual
that are organized and relatively enduring and that influence his or her interactions with,
and adaptations to, the intrapsychic, physical, and social environments” [63]. Personality
psychology [64] uses the messages and stickers sent by people on social networks (e.g.,
Facebook) and their online activities to detect their personality type. According to the
results of the analysis, a person’s character remains the same over time. In other words, an
introvert will still be an introvert after 10 years.

Depression is prevalent and dangerous in the elderly, and can cause other diseases
such as cancer if it is not treated promptly. In this regard, the authors of [65] proposed a
depression monitoring system to diagnose depression in the elderly. Recording the daily
activity patterns of the elderly, this system measures their depression level changes and
identifies those in danger. This system has been able to identify more than 80% of cases
correctly. Postpartum depression is also a prevalent mental disorder that can negatively
affect mothers’ and their children’s behavioral, emotional, and cognitive development [66].
The authors of [67] diagnosed postpartum depression by analyzing biomedical and so-
ciodemographic data.

Evidently, mental health has significant effects on all aspects of work, education, and
life. According to the World Health Organization, “Mental health is defined as a state
of well-being in which every individual realizes his or her potential, can cope with the
normal stresses of life, can work productively and fruitfully, and can contribute to her
or his community” (https://www.who.int/mental_health/who_urges_investment/en/)
(accessed date 15 February 2021). In this regard, the Social Sensing [68] project uses a
wearable bracelet to evaluate users’ mental health by collecting auditory, behavioral, and
environmental data from morning to night over the course of a month. According to the
results of the data analysis, there is a significant correlation between a person’s physical
state and their mental state. For instance, heart rate, tone of voice, and body temperature
increase at times of anger. Data analysis can also help determine people’s autism-spectrum
quotient (AQ), referring to a person’s intelligence in dealing with difficulties and problems,
and producing positive outputs from negative inputs.

Autism spectrum disorder (ASD) is a neurological–developmental disorder affecting
people’s behavior and relationships. This condition is characterized by symptoms such as
learning disability, bipolar disorder, anxiety disorder, and sensory problems. The IoT-BRB
system [69] diagnoses the severity of ASD in children by analyzing the data collected from
heart rate, electromyography (EMG), and microphone sensors.

Monitoring: It has always been important to monitor and take care of human health,
on which various studies have been conducted, such as looking after patients [70], the
elderly [71], and children [72]. Given the effects of mental health on physical health,
monitoring is important in psychology [73,74]. Due to their daily hardships, people might
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not have the time to continuously attend to those who need mental health care. As a result,
the IoT has been used to monitor and care for those in need.

In many educational institutions, senior students bully and harass junior ones, which
can sometimes discourage newly admitted students. The term “ragging” refers to a series
of coercive acts, including abusing, humiliating, or harassing the new students, on the part
of the senior students [75]. Anti-Ragging The mobile app [76] protects new and younger
students from being bullied. When a student feels in danger, they can press the volume
button. An online message containing the victim’s position and identity will then be sent
to the committee members. The victim’s phone will also start recording audio. After that,
the application identifies and asks the nearest committee member to come to the scene and
save the victim.

Although many of the elderly suffer from mental and physical disorders, they often
live alone [77]. The SAHHc (Smart Architecture for In-Home Health Care) [78] monitors
the elderly through cameras installed in different spots at their homes. Image processing
is employed to detect different facial expressions, which are then used along with data
collected from heart rate sensors and body temperature sensors to detect an individual’s
status. If the system determines that the individual is experiencing severe pain, their nurses
or relatives will be notified.

Obstructive sleep apnea syndrome (OSAS) is one of the most dangerous and prevalent
respiratory disorders, which can stop a person from breathing or reduce their breathing
levels during sleep [79]. This obstruction can emerge at any age; however, it is much
more concerning for the elderly, who often have breathing complications at night [80].
SA-IoTBigSys [81] was developed to monitor and help treat OSAS. For this purpose, data
on the elderly’s physical activities (i.e., daily routines such as walking duration or trips),
sleep environment (i.e., bedroom temperature and humidity), sleep status (i.e., snoring and
heart rate during sleep), and contextual information (e.g., weight, height, and body mass
index (BMI)) are collected. After data processing, emergency conditions are identified. If
these conditions (lack of oxygen, heart attack, etc.) are met, the patient’s status information
is sent to emergency wards, their family, and their physician.

Table 1. Summary of IoT-based psychological projects from the perspective of purpose.

Purpose
Project References Morale Improvement Diagnosis Monitoring

Virtual Tutor [51] X
Traeddy [52] X
Pen-Pen [53] X

Smart Home 2 [54] X
IAMHAPPY [55] X

ACHI [58] X
WoO [60] X

Smoodsically [62] X
Personality
Psychology [64] X

Depression [65] X
Postpartum

Depression (PPD) [67] X

Social Sensing [68] X
IoT-BRB [69] X

Anti-Ragging [76] X
SAHHc [78] X

SA-IoTBigSys [81] X
LoRa [82,83] X

People with mental disorders often fail to recognize their surrounding conditions in
public places. This can increase their chances of having accidents in the street or cause
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them to lose themselves [82,83]. Using a tracking device attached to a patient with a mental
disorder, LoRa [82,83] monitors and records their accurate positions. Moreover, when the
patient leaves the monitored area, a notification is sent to their physician or caregiver so
that the patient can be guided to a safe place.

3. IoT Technologies Used

Technically, the IoT includes a wide range of computational methods, such as data
sensing, acquisition, and processing, system design, service provision, and network man-
agement. After reviewing the IoT-based studies in psychology, their technical contributions
were classified into system design, data mining, and hardware categories. In this section,
these technologies are reviewed in detail, and a summary is provided in Table 2.

Table 2. Summary of IoT-based psychological projects from the perspective of technology.

Technique
Project References System Design Data Mining Hardware and Signaling

Virtual Tutor [51] X
Pen-Pen [53] X

IAMHAPPY [55] X
WoO [60] X

Anti-Ragging [76] X
Smoodsically [62] X

LoRa [82,83] X
SAHHc [78] X

SA-IoTBigSys [81] X
Smart Home 2 [54] X

Personality
Psychology [64] X

Depression [65] X
Postpartum

Depression (PPD) [67] X

IoT-BRB [69] X
Traeddy [52] X

ACHI [58] X
Social Sensing [68] X

System design: “A system is a set of interconnected components that has an expected
behavior observed at the interface with its environment [84]”. A system design is intended
to propose an architectural model for the system. “Architectural models describe a system
in terms of the computational and communication tasks performed by its computational
elements; the computational elements are individual computers or aggregates of them
supported by appropriate network interconnections [85]”.

To analyze the system architecture, we should determine the system components,
their relationships and interaction patterns, and their mapping to physical infrastructure.
Technically, most of the previous IoT-based studies in psychology are classified in this
category. In this regard, Virtual Tutor [51] and Pen-Pen [53] present standalone applications.
IAMHAPPY [55] and WoO [60] have designed knowledge bases to identify and improve
users’ moods, respectively, through knowledge engineering. Other studies have designed
systems with more than one tier.

In the Anti-Ragging app [76], a client–server system with a shared data architecture
is proposed with two tiers (mobile and server) to help the victim student. The mobile tier
includes an Android application installed on students’ smartphones. The students enter
their identity and other information when registering with the application. The data are
then sent to the server and stored in the database. When a student pushes the volume button
on their smartphone, their current location is tracked via GPS. Then, a message containing
the victim’s current location and identity information is sent to the server. Finally, the
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server sends a message to the cellphones of all committee members via the Firebase Cloud
Messaging (FCM) (https://www.javatpoint.com/firebase-cloud-messaging) (accessed on
15 February 2021) service. The committee members will then be able to see the route to the
victim on Google Maps [86].

Smoodsically [62] proposes a model–view–controller architecture consisting of sensors,
a web application, and a server to detect people’s feelings while listening to music. When
the music is played, physiological parameters such as muscular tension, electrodermal
activity, and skin temperature are recorded through sensors. Muscular tension is measured
to record the contraction and expansion activities of muscles through an EMG sensor,
whereas electrodermal activity is measured to record the body’s perspiration through
an EDA sensor. The collected data are then sent to the server for storage via the MQTT
(http://mqtt.org/) protocol over a Wi-Fi connection. Users can then see their information
in graphs via the web application.

Designed with a modular model, the LoRa [82,83] system proposes an architecture
consisting of the tracking device, gateway, server, and application to track and monitor
patients with mental disorders. The wearable tracking device uses an embedded GPS
sensor to track the patient. The gateway is installed at hospitals and public places to cover
a nearby monitoring area, where the data generated by the tracking device are sent to
the server via gateways. The server is responsible for storing, processing, and visualizing
information. Finally, the server sends the information to a physician’s application in real
time. There is also a map that shows the patient’s last location. If the patient moves to a
hazardous area or escapes, the physician can inform the authorities, such as the police. The
physician can also access the patient’s identity information and medical records via the
application.

Using a layered model, SAHHc [78] proposes an architecture consisting of sensors,
a local server, and a cloud to monitor and take care of the elderly at home. The sen-
sor layer includes a camera, presence sensor, incident-aware sensors (INCASs), and
some other sensors embedded in the elderly’s smartwatches, including an accelerom-
eter, gyroscope, and body temperature and heart rate sensors. A FaceTracker (https:
//keentools.io/products/facetracker (accessed on 28 July 2022)) sensor is also employed to
detect the elderly’s faces. After the patient is identified, the resultant information is given
to the local server, which processes the data according to the elderly healthcare protocol.
If the server decides that the elderly require help, it sends relevant information on their
health status to the smartphone of a nurse or a relative. The local server also monitors the
house via motion, gas, humidity, and temperature sensors to detect potential accidents
(e.g., fires). Finally, the cloud server is used to support the local server.

SA-IoTBigSys [81] was designed by leveraging a layered model to treat obstructive
sleep apnea syndrome (OSAS). This system consists of data collection, fog, and cloud layers.
In the data collection layer, data are collected from four different sources to monitor the
patient’s status. These sources are physical activity sensors (i.e., a gyroscope, accelerometer,
GPS, actinometrical sensor, and step-counter sensor embedded in a wearable bracelet for
measuring the elderly’s physical activity), bedroom sensors (temperature and humidity),
sleep status sensors (embedded in the bracelet to measure heart rate in sleep), and contex-
tual information (i.e., weight, height, and BMI). In the fog computing layer, heterogeneous
devices can cooperate (receiving data from sensors, exchanging data, and processing infor-
mation). The fog is used for data processing to detect emergency conditions (e.g., lack of
oxygen) with the shortest delay. In emergency conditions, the MQTT protocol is used to
inform emergency wards and family members of the emergency. After that, the processed
data are encrypted and sent to the cloud. In the cloud layer, the received data can be
recorded and distributed between the authorized users. There is also a web application on
the physician’s side to access the patient’s information in the cloud.

Smart Home 2 [54] proposes a multitier architecture consisting of smart home infras-
tructure and a cloud to manage the green spaces inside smart homes. The Smart Home
2 [54] infrastructure includes different sensors (e.g., temperature, humidity, soil moisture,

https://www.javatpoint.com/firebase-cloud-messaging
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and illumination sensors), equipment (e.g., illumination intensity modifier), and a micro-
processor that records all of the information about sensors and equipment in the cloud.
Finally, users register on the cloud via their smartphones or the web interface to manually
or automatically control and manage the equipment in their smart homes.

Data mining: The field of data mining—also known as knowledge discovery via
databases, machine learning, and advanced data analysis [87]—has been extensively used
in different branches of science, including psychology. With the expansion of the IoT, a
plethora of data is generated today, and data mining techniques are widely employed to
extract information. The resultant information is used to make predictions, make decisions,
and smartify systems [88]. In the following paragraphs, the IoT-based studies in psychology
that have leveraged data mining are investigated.

Using data mining, Personality Psychology [64] predicts and identifies users’ person-
alities on social media (e.g., introverted, extroverted, nervous, and calm). This is achieved
using users’ Facebook information, including messages, stickers, and activities in different
groups.

Depression is a highly prevalent disorder that causes considerable complications and
has a substantial mortality rate [89]. In the Depression [65] project, the elderly’s daily
activities and behavior are collected via sensors to diagnose depression. The changes in
depression levels are then extracted to analyze the effects of different behavior features on
depression and identify the individuals prone to depression. For this purpose, machine
learning algorithms (e.g., k-nearest neighbor, random forests, and logistic regression) are
used. Finally, the elderly are divided into two groups: those who are prone to depression,
and those who are not prone to depression. Likewise, pregnancy depression and postpar-
tum depression can cause some problems for mothers and children. In the Postpartum
Depression (PPD) [67] project, the pregnancy data are analyzed through decision tree,
support-vector machine, nearest neighbor, and ensemble classifier algorithms to predict
the risk of postpartum depression in women with hypertension. The individuals are then
classified into two categories: those with a high risk of depression, and those with a low
risk of depression.

Autism spectrum disorder (ASD) is a mental disorder in which patients have difficulty
establishing social relationships and interactions, and might have limited or repeated behav-
ioral patterns and activities. IoT-BRB [69] collects physiological and behavioral data from
patients via ear-clip heartbeat, electromyography (EMG), and microphone sensors. Finally,
the severity of ASD is determined by analyzing data through data mining techniques.

Hardware and signaling: Hardware advances have now resulted in the invention
and improvement of various sensors installed on different systems. A hardware system
includes electronic components such as boards on which other hardware pieces are installed
and interconnected for a particular purpose [90]. Most of the investigated studies of this
category used Raspberry Pi and Arduino Uno boards. The Raspberry Pi is a mini-computer
with a processor, memory, and a graphical accelerator, and supports different operating
systems and various programming languages, such as Python, C, and C++. The Arduino
Uno is a microcontroller used to fetch and control sensor signals.

In the Traeddy [52] project, a hardware solution is offered to decrease the negative
outcomes of using communication devices such as cellphones while driving. For this
purpose, a Raspberry Pi board is connected to a speaker, buttons, and batteries, and
embedded in a toy. For user interaction, the input information is received via two buttons
(yes/no) embedded in the toy’s feet, and the output information is broadcasted as audio
via the speaker. The toy interacts with the mobile application via Bluetooth.

Since patients with autism spectrum disorder (ASD) are very much interested in
toys [91–93], the ACHI [58] project proposes a toy bag consisting of electronic and hardware
components, including an Arduino Uno board to fetch and control signals of sensors (e.g.,
attached gas and three-axis accelerometer sensors) and a Raspberry Pi board (equipped
with a microphone, a VGA camera, and a TFT display speaker) for data processing. The
Raspberry Pi board processes and sends the data to the server via a Wi-Fi connection for
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storing, further processing, and monitoring the patient’s status. The status of each patient
with ASD can be observed and analyzed via a graphical interface dedicated to caregivers.
If an emergency condition arises, the system sends a notification to caregivers or to the
doctor. If there is no response, an auditory or visual response is delivered automatically to
calm the patient down.

The Social Sensing [68] project employs an electronic bracelet to collect auditory, be-
havioral, and environmental information from users. This electronic bracelet consists of an
STM32F405 microcontroller with an ARM-Cortex4 core equipped with an integrated digital
signal processor (DSP) module. The STM32F405 microcontroller uses accelerometer and
gyroscope sensors to collect the human bodily motion information, as well as temperature,
humidity, and illumination sensors to collect environmental contextual information. The
outputs of the sensors are then processed by the DSP to obtain the audio social features.
An OLED monitor is used to show data as well as battery voltage values to users. An SD
card module is also employed for local data storage, and data are transferred to the mobile
via Bluetooth.

4. Unique Features

IoT-based psychology systems are based on a variety of features and technologies.
After investigating the reviewed papers, the following features were recognized: as the
variety of sensors, crowdsourcing, context awareness, fog and cloud infrastructure, and
inference and intelligence. Furthermore, challenging questions emerge around each feature
that is discussed. In this section, these features and technologies are described.

Type and variety of sensors: Sensors are responsible for collecting information from
users and the environment. A wide range of sensors have now been invented in general and
specialized areas. Most of the reviewed papers were based on sensors for data acquisition.
Indeed, a wide range of sensors have been used in IoT-based psychological studies. In
this regard, GPS is the most common sensor employed in many projects for tracking users’
locations for different purposes. In the Depression project [65] and SAHHc [78], a presence
sensor is used for tracking users. Moreover, accelerometer and gyroscope sensors are
utilized to collect information on users’ movements in Social Sensing [68], SAHHc [78], and
SA-IoTBigSys [81].

Environmental sensors include temperature, noise, soil moisture, and illumination
sensors, which have been used in such projects as Smart Home 2 [54], SA-IoTBigSys [81],
and Social Sensing [68] to determine the environmental status. For instance, Smart Home
2 [54] benefits from the above sensors to control the plants’ environment. Finally, WoO [60],
SAHHc [78], Smoodsically [62], IoT-BRB [69], Social Sensing [68], Postpartum Depression
(PPD) [67], and SA-IoTBigSys [81] utilize specialized medical sensors such as body temper-
ature and heart rate sensors to collect physiological information. It should be noted that
almost none of the used sensors are specific to psychology, but are general, environmental,
or medical sensors. As sensors are a prominent enabling technology for the IoT, we face the
question of what types of psychology-specific sensors might be invented and used in the
future.

Crowdsourcing: With the development of smart mobile devices (e.g., smartphones,
tablets, and smartwatches) equipped with a collection of sensors (e.g., camera, GPS, ac-
celerometer, and heart rate sensors), along with the prevalence of Internet Wi-Fi connections,
there is now the opportunity for crowdsourcing (also known as crowdsensing) [94]. By
employing these devices, users can sense and share a variety of necessary information about
a population or an environment with minimal infrastructure investment. In psychology,
crowdsourcing can be employed to collect and analyze cumulative data on the personali-
ties, mental states, and mental disorders of people in a society. For instance, Personality
Psychology [64] benefits from a user’s texts, stickers, and activities in different Facebook
groups to detect their personality type. Additionally, crowdsourcing could be leveraged to
analyze and predict personality types of different communities. Assessing and comparing
different genders’ personalities in a community is also possible. Likewise, crowdsourcing
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can be added to the WoO [60] (detecting people’s emotions) to determine and analyze
the emotions of people of different ages in various communities. It is also possible to
investigate the effects of environmental and geographical parameters on the personality
types and emotions of community members. This paradigm can also be employed in the
IoT-BRB system [69] to evaluate the severity of autism in different communities based on
genetic factors, environmental conditions, and social parameters. Nevertheless, before
using this paradigm, we should solve the privacy issue for people to participate in this
process. Otherwise, as psychological information is confidential, people would not be able
to contribute to this process.

Context Awareness: In new computing models (e.g., pervasive computing), smart
applications collect information about users and the environment through different sources,
such as sensors and smart infrastructure [95]. By being aware of this information, called con-
text, applications can provide users with smart and context-aware services [96]. Amongst
the reviewed papers, WoO [60] and SA-IoTBigSys [81] use context-aware systems for differ-
ent purposes. Indeed, WoO [60] benefits from users’ contextual information—including
physiological data (e.g., body temperature, GPS, and electrocardiography sensors), textual
data (e.g., weblog data, Facebook posts, and tweets), and multimedia data (e.g., data of
audio, video, and image recording devices)—to accurately perceive a person’s current
emotional state. As a result of this in-depth perception, more intelligent services can be
provided for users. For instance, if a person’s emotions show that they intend to commit
suicide, the system activates social care services. SA-IoTBigSys [81] uses the contextual
information collected from the elderly and smart cities to better perceive user status to
provide OSAS treatment services. For instance, data on the urban environment, including
levels of pollutants and weather conditions, can help select an appropriate location with
lower pollution levels for the activities of the elderly. In addition, health specialists can
formulate OSAS treatment plans for recovering elderly patients based on their BMI and
heart rate variability. Generally, contextual information helps to better perceive current
events in relation to an individual and their surrounding environment. This can increase
the system’s efficiency, intelligence, and user satisfaction. However, to realize the full
potential of context awareness, two scientific issues should be resolved: (a) the contextual
information should be obtained implicitly (without users’ intervention), and (b) the system
should be able to explain the reason for its action upon a user’s request (explainability).

Fog and cloud platforms: As a huge computational and storage resource, the cloud
is able to support applications and systems. In general, the cloud is employed to execute
massive computing applications (which are impossible to run on users’ mobile phones),
store big data, and share data. Among the reviewed papers, SAHHc [78] has a massive
image processing component (to identify the faces of the elderly), which is hard to run
on smartphones. As a result, it is offloaded and executed on the cloud. Moreover, in the
Postpartum Depression (PPD) project [67], hospitals and medical centers use a private
cloud to store pregnant women’s medical records. Therefore, gynecologists can access the
files of their patients if necessary. In Smart Home 2 [54], the cloud platform is employed to
store information on the equipment and sensors of smart homes. Users and applications
can access the cloud to meet their needs through smartphones and web browsers.

Security and privacy should be considered when a cloud is used for storing users’
data. Many solutions have been provided for this problem [97,98]. For instance, images
are transferred from a local server to the cloud via the SSH file transfer protocol (SFTP)
in SAHHc [78]. This protocol allows for the safe transfer of information. At the same
time, since the clouds are far from users in a network view, they are not appropriate for
supporting real-time and interactive applications. The solution is to use fog computing,
which extends the cloud computing model to the network edge. In this regard, since SA-
IoTBigSys [81] needs to quickly access the elderly’s information and analyze it to support
the decisions made by medical specialists, the fog infrastructure is used to store their data.
In general, fog and cloud benefit from the same resources (e.g., network, processing, and
memory), and many of their mechanisms (such as virtualization and multi-tenancy) are
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common. Using cloud or fog for processing and storage requires partitioning the system
into sensitive and non-sensitive parts. Only secure fog and cloud platforms should be
used for hosting the sensitive part. Finding the optimal ridge for this partitioning may be
challenging in many scenarios.

Inference: Inference is an artificial-intelligence-based approach to data analysis for
acquiring high-level information. Sensors can only measure simple data [94], and are
unable to measure high-level information directly. Under such conditions, an inference
component is used to extract high-level information from low-level elements. For instance,
the daily behavior of the elderly is collected through sensors in the Depression project [65].
Using these data elements, the changes in depression levels are inferred to identify the
individuals who are prone to depression. In SAHHc [78], the recorded images of the elderly
are processed to infer their emotions and provide appropriate services accordingly. For
instance, when a feeling of pain is inferred from an old person’s face, the system informs
their physician or caregiver. Finally, IoT-BRB [69] evaluates the severity of autism by
collecting physiological and behavioral data from patients via microphone, heart rate, and
EMG sensors, and analyzing the data.

5. Conclusions

This paper investigated the role of the IoT in psychology from two perspectives: In
the first perspective, the goals of using the IoT in psychology were identified as morale
improvement, diagnosing diseases and mental states, and monitoring and taking care of
patients with mental disorders. In the second perspective, the computing technologies
used were identified as designing modern systems, data mining, and hardware and signal
processing. Afterwards, the unique features of the state-of-the-art research in this area
were investigated, and several features were identified, including the variety of sensors,
crowdsourcing, context awareness, fog and cloud platforms, and inference. Although by
exploiting the IoT, several intelligent systems have been proposed to resolve psychology-
related issues, this subject is in its infancy. In fact, in spite of the maturity of services
provided by these papers compared with conventional methods, their number is not
satisfactory with respect to the wider area of psychology. Furthermore, privacy protection
and avoiding the misuse of sensitive information have not been noticeably discussed.

As the outbreak of COVID-19 in 2020 and 2021 has caused many psychology-related
issues, IoT technology can be used to tackle them. In this regard, we investigated and
analyzed millions of tweets from users worldwide regarding COVID-19 to extract implicit
information regarding several parameters of psychology (e.g., hope, depression, fear,
etc.) per country. In the future, these information features can be exploited in designing
IoT-based systems for resolving mental issues caused by the outbreak of COVID-19 and
improving people’s morale in similar situations.

Author Contributions: Conceptualization, H.V.-N.; methodology, H.V.-N., W.M., S.A., M.H., F.A.
and M.J.; validation, H.V.-N., S.A., F.S. and R.M.; investigation, H.V.-N., W.M. and H.K.-F.; resources,
S.A., M.H., F.S., F.A. and R.M.; writing—original draft preparation, H.V.-N., S.A., M.H., F.S., F.A., R.M.
and M.J.; writing—review and editing, H.V.-N., W.M. and H.K.-F.; supervision, H.V.-N. All authors
have read and agreed to the published version of the manuscript.

Funding: This research received no external funding.

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.

Data Availability Statement: Not applicable.

Conflicts of Interest: The authors declare no conflict of interest.



Smart Cities 2022, 5 1204

References
1. Ensworth, J.F.; Reynolds, M.S. BLE-backscatter: Ultralow-power IoT nodes compatible with Bluetooth 4.0 low energy (BLE)

smartphones and tablets. IEEE Trans. Microw. Theory Tech. 2017, 65, 3360–3368. [CrossRef]
2. De la Torre Díez, I.; Alonso, S.G.; Hamrioui, S.; Cruz, E.M.; Nozaleda, L.M.; Franco, M.A. IoT-based services and applications for

mental health in the literature. J. Med. Syst. 2019, 43, 11. [CrossRef]
3. Li, S.; Da Xu, L.; Zhao, S. The internet of things: A survey. Inf. Syst. Front. 2015, 17, 243–259. [CrossRef]
4. Li, G.; Hou, Y.; Wu, A. Fourth Industrial Revolution: Technological drivers, impacts and coping methods. Chin. Geogr. Sci. 2017,

27, 626–637. [CrossRef]
5. Wollschlaeger, M.; Sauter, T.; Jasperneite, J. The future of industrial communication: Automation networks in the era of the

internet of things and industry 4.0. IEEE Ind. Electron. Mag. 2017, 11, 17–27. [CrossRef]
6. Borkar, P.S.; Chanana, P.U.; Atwal, S.K.; Londe, T.G.; Dalal, Y.D. The Replacement of HMI (Human-Machine Interface) in Industry

Using Single Interface Through IoT. In Examining the Impact of Deep Learning and IoT on Multi-Industry Applications; IGI Global:
Hershey, PA, USA, 2021; pp. 195–208.

7. Da Xu, L.; He, W.; Li, S. Internet of things in industries: A survey. IEEE Trans. Ind. Inform. 2014, 10, 2233–2243.
8. Machorro-Cano, I.; Alor-Hernández, G.; Cruz-Ramos, N.A.; Sánchez-Ramírez, C.; Segura-Ozuna, M.G. A brief review of IoT

platforms and applications in industry. In New Perspectives on Applied Industrial Tools and Techniques; Springer: Berlin/Heidelberg,
Germany, 2018; pp. 293–324.

9. Zawra, L.M.; Mansour, H.A.; Eldin, A.T.; Messiha, N.W. Utilizing the internet of things (IoT) technologies in the implementation
of industry 4.0. In Proceedings of the International Conference on Advanced Intelligent Systems and Informatics, Cairo, Egypt,
9–11 September 2017; pp. 798–808.

10. Bojan, T.M.; Kumar, U.R.; Bojan, V.M. An internet of things based intelligent transportation system. In Proceedings of the IEEE
International Conference on Vehicular Electronics and Safety, Hyderabad, India, 16–17 December 2014; pp. 174–179.

11. Kyriazis, D.; Varvarigou, T.; White, D.; Rossi, A.; Cooper, J. Sustainable smart city IoT applications: Heat and electricity
management & Eco-conscious cruise control for public transportation. In Proceedings of the IEEE 14th International Symposium
on “A World of Wireless, Mobile and Multimedia Networks”, Madrid, Spain, 4–7 June 2013; pp. 1–5.

12. Sutar, S.H.; Koul, R.; Suryavanshi, R. Integration of Smart Phone and IOT for development of smart public transportation system.
In Proceedings of the International Conference on Internet of Things and Applications, Pune, India, 22–24 January 2016; pp. 73–78.

13. Khan, M.; Silva, B.N.; Han, K. Internet of things based energy aware smart home control system. IEEE Access 2016, 4, 7556–7566.
[CrossRef]

14. Malche, T.; Maheshwary, P. Internet of Things (IoT) for building smart home system. In Proceedings of the International
Conference on I-SMAC (IoT in Social, Mobile, Analytics and Cloud), Palladam, India, 10–11 February 2017; pp. 65–70.

15. Nobakht, M.; Sivaraman, V.; Boreli, R. A host-based intrusion detection and mitigation framework for smart home IoT using
OpenFlow. In Proceedings of the 11th International conference on availability, reliability and security, Salzburg, Austria, 31
August 2016–2 September 2016; pp. 147–156.

16. Yang, Q.; Wang, H. Privacy-Preserving Transactive Energy Management for IoT-aided Smart Homes via Blockchain. IEEE Internet
Things J. 2021, 8, 11463–11475. [CrossRef]

17. Arasteh, H.; Hosseinnezhad, V.; Loia, V.; Tommasetti, A.; Troisi, O.; Shafie-khah, M.; Siano, P. Iot-based smart cities: A survey. In
Proceedings of the IEEE 16th International Conference on Environment and Electrical Engineering, Florence, Italy, 7–10 June 2016;
pp. 1–6.

18. Latre, S.; Leroux, P.; Coenen, T.; Braem, B.; Ballon, P.; Demeester, P. City of things: An integrated and multi-technology testbed for
IoT smart city experiments. In Proceedings of the IEEE International Smart Cities Conference, Trento, Italy, 12–15 September 2016;
pp. 1–8.

19. Rubí, J.N.S.; de Lira Gondim, P.R. IoT-based platform for environment data sharing in smart cities. Int. J. Commun. Syst. 2021, 34,
e4515. [CrossRef]

20. Silva, B.N.; Khan, M.; Han, K. Towards sustainable smart cities: A review of trends, architectures, components, and open
challenges in smart cities. Sustain. Cities Soc. 2018, 38, 697–713. [CrossRef]

21. Kott, A.; Swami, A.; West, B.J. The internet of battle things. Computer 2016, 49, 70–75. [CrossRef]
22. Suri, N.; Tortonesi, M.; Michaelis, J.; Budulas, P.; Benincasa, G.; Russell, S.; Stefanelli, C.; Winkler, R. Analyzing the applicability of

internet of things to the battlefield environment. In Proceedings of the International Conference on Military Communications and
Information Systems, Brussels, Belgium, 23–24 May 2016; pp. 1–8.

23. Tortonesi, M.; Morelli, A.; Govoni, M.; Michaelis, J.; Suri, N.; Stefanelli, C.; Russell, S. Leveraging Internet of Things within the
military network environment—Challenges and solutions. In Proceedings of the IEEE 3rd World Forum on Internet of Things,
Reston, VA, USA, 12–14 December 2016; pp. 111–116.

24. Krotov, V. The Internet of Things and new business opportunities. Bus. Horiz. 2017, 60, 831–841. [CrossRef]
25. Zhang, Y.; Wen, J. An IoT electric business model based on the protocol of bitcoin. In Proceedings of the 18th International

Conference on Intelligence in Next Generation Networks, Paris, France, 17–19 February 2015; pp. 184–191.
26. Zhang, Y.; Wen, J. The IoT electric business model: Using blockchain technology for the internet of things. Peer Peer Netw. Appl.

2017, 10, 983–994. [CrossRef]

http://doi.org/10.1109/TMTT.2017.2687866
http://doi.org/10.1007/s10916-018-1130-3
http://doi.org/10.1007/s10796-014-9492-7
http://doi.org/10.1007/s11769-017-0890-x
http://doi.org/10.1109/MIE.2017.2649104
http://doi.org/10.1109/ACCESS.2016.2621752
http://doi.org/10.1109/JIOT.2021.3051323
http://doi.org/10.1002/dac.4515
http://doi.org/10.1016/j.scs.2018.01.053
http://doi.org/10.1109/MC.2016.355
http://doi.org/10.1016/j.bushor.2017.07.009
http://doi.org/10.1007/s12083-016-0456-1


Smart Cities 2022, 5 1205

27. Kaur, K.; Kaur, R. Internet of things to promote tourism: An insight into smart tourism. Int. J. Recent Trends Eng. Res. 2016, 2,
357–361.

28. Tripathy, A.K.; Tripathy, P.K.; Ray, N.K.; Mohanty, S.P. iTour: The future of smart tourism: An IoT framework for the independent
mobility of tourists in smart cities. IEEE Consum. Electron. Mag. 2018, 7, 32–37. [CrossRef]

29. Al-Emran, M.; Malik, S.I.; Al-Kabi, M.N. A Survey of Internet of Things (IoT) in Education: Opportunities and Challenges. In
Toward Social Internet of Things (SIoT): Enabling Technologies, Architectures and Applications; Springer: Berlin/Heidelberg, Germany,
2020; pp. 197–209.

30. Chin, J.; Callaghan, V. Educational living labs: A novel internet-of-things based approach to teaching and research. In Proceedings
of the 9th International Conference on Intelligent Environments, Athens, Greece, 16–17 July 2013; pp. 92–99.

31. Pruet, P.; Ang, C.S.; Farzin, D.; Chaiwut, N. Exploring the Internet of “Educational Things”(IoET) in rural underprivileged areas.
In Proceedings of the 12th International Conference on Electrical Engineering/Electronics, Computer, Telecommunications and
Information Technology, Hua Hin, Thailand, 24–27 June 2015; pp. 1–5.

32. Alletto, S.; Cucchiara, R.; Del Fiore, G.; Mainetti, L.; Mighali, V.; Patrono, L.; Serra, G. An indoor location-aware system for an
IoT-based smart museum. IEEE Internet Things J. 2015, 3, 244–253. [CrossRef]

33. Nijholt, A.; Minuto, A. Smart material interfaces: Playful and artistic applications. In Proceedings of the IEEE International
Conference on Imaging, Vision & Pattern Recognition, Dhaka, Bangladesh, 13–14 February 2017; pp. 1–6.

34. Sornalatha, K.; Kavitha, V. IoT based smart museum using Bluetooth Low Energy. In Proceedings of the Third International
Conference on Advances in Electrical, Electronics, Information, Communication and Bio-Informatics, Chennai, India, 27–28
February 2017; pp. 520–523.

35. Laplante, P.A.; Laplante, N. The internet of things in healthcare: Potential applications and challenges. It Prof. 2016, 18, 2–4.
[CrossRef]

36. Tyagi, S.; Agarwal, A.; Maheshwari, P. A conceptual framework for IoT-based healthcare system using cloud computing. In
Proceedings of the 6th International Conference-Cloud System and Big Data Engineering, Noida, India, 14–15 January 2016;
pp. 503–507.

37. De Giovanni, P. Digital Supply Chain Through IoT, Design Quality, and Circular Economy. In Dynamic Quality Models and Games
in Digital Supply Chains; Springer: Berlin/Heidelberg, Germany, 2021; pp. 57–89.

38. Ma, Y. Blue Economy Symbiosis Mechanism Based on 5G Network and Internet of Things. Microprocess. Microsyst. Elsevier BV
2021, 80, 103561. [CrossRef]

39. Afzal, M.J.; Tayyaba, S.; Ashraf, M.W.; Javaid, F.; Balas, V.E. A case study: Impact of Internet of Things devices and pharma
on the improvements of a child in autism. In Emergence of Pharmaceutical Industry Growth with Industrial IoT Approach; Elsevier:
Amsterdam, The Netherlands, 2020; pp. 49–83.

40. Fujiwara, C.S.; Aderaldo, C.M.; Raimir Filho, H.; Chaves, D.A. The Internet of Things as a Helping Tool in the Daily Life of Adult
Patients with ADHD. In Proceedings of the Globecom 2017 IEEE Global Communications Conference, Singapore, 4–8 December
2017; pp. 1–6.

41. Kang, D.; Seo, S. Personalized smart home audio system with automatic music selection based on emotion. Multimed. Tools Appl.
2019, 78, 3267–3276. [CrossRef]

42. Southwick, S.M.; Satodiya, R.; Pietrzak, R.H. Disaster mental health and positive psychology: An afterward to the special issue. J.
Clin. Psychol. 2016, 72, 1364–1368. [CrossRef]

43. Perris, C.; McGorry, P.; Alford, B. Psychology and Severe Mental Illness. Psyccritiques 2000, 45, 535–536.
44. Fernald, D. Psychology: Six Perspectives; Sage Publications: Thousand Oaks, CA, USA, 2007.
45. Yeole, A.S.; Kalbande, D.R. Use of Internet of Things (IoT) in healthcare: A survey. In Proceedings of the ACM Symposium on

Women in Research, Indore, India, 21–22 March 2016; pp. 71–76.
46. Miori, V.; Russo, D. Improving life quality for the elderly through the Social Internet of Things (SIoT). In Proceedings of the 2017

Global Internet of Things Summit, Geneva, Switzerland, 6–9 June 2017; pp. 1–6.
47. Morris, T.; Moore, M.; Morris, F. Stress and chronic illness: The case of diabetes. J. Adult Dev. 2011, 18, 70–80. [CrossRef]
48. Robotham, D. Stress among higher education students: Towards a research agenda. High. Educ. 2008, 56, 735–746. [CrossRef]
49. Cartwright, S.; Cooper, C.L. Managing Workplace Stress; Sage: Thousand Oaks, CA, USA, 1997; Volume 1.
50. Gulian, E.; Glendon, A.; Matthews, G.; Davies, D.; Debney, L. The stress of driving: A diary study. Work. Stress 1990, 4, 7–16.

[CrossRef]
51. Baras, K.; Soares, L.; Lucas, C.V.; Oliveira, F.; Paulo, N.P.; Barros, R. Supporting Students’ Mental Health and Academic Success

Through Mobile App and IoT. Int. J. E-Health Med. Commun. 2018, 9, 50–64. [CrossRef]
52. Martin, M.; Geiger, F.; Götz, M.; Beeh, T.; Sosnowski, M.; Keppner, M.; Aslan, I.; Bittner, B.; André, E. Traeddy: A stress sensitive

traffic jam companion for car commuters. In Proceedings of the Workshop on Human-Habitat for Health (H3): Human-Habitat
Multimodal Interaction for Promoting Health and Well-Being in the Internet of Things Era, Boulder, CO, USA, 16 October 2018;
pp. 1–9.

53. Pichlmair, M.; Brandt, C.; Henrich, M.; Biederer, A.; Aslan, I.; Bittner, B.; André, E. Pen-pen: A wellbeing design to help commuters
rest and relax. In Proceedings of the Workshop on Human-Habitat for Health (H3): Human-Habitat Multimodal Interaction for
Promoting Health and Well-Being in the Internet of Things Era, Boulder, CO, USA, 16 October 2018; pp. 1–9.

http://doi.org/10.1109/MCE.2018.2797758
http://doi.org/10.1109/JIOT.2015.2506258
http://doi.org/10.1109/MITP.2016.42
http://doi.org/10.1016/j.micpro.2020.103561
http://doi.org/10.1007/s11042-018-6733-7
http://doi.org/10.1002/jclp.22418
http://doi.org/10.1007/s10804-010-9118-3
http://doi.org/10.1007/s10734-008-9137-1
http://doi.org/10.1080/02678379008256960
http://doi.org/10.4018/IJEHMC.2018010104


Smart Cities 2022, 5 1206

54. Chen, M.; Yang, J.; Zhu, X.; Wang, X.; Liu, M.; Song, J. Smart home 2.0: Innovative smart home system powered by botanical IoT
and emotion detection. Mob. Netw. Appl. 2017, 22, 1159–1169. [CrossRef]

55. Gyrard, A.; Sheth, A. IAMHAPPY: Towards an IoT knowledge-based cross-domain well-being recommendation system for
everyday happiness. Smart Health 2020, 15, 100083. [CrossRef]

56. Myers, S.M.; Johnson, C.P. Management of children with autism spectrum disorders. Pediatrics 2007, 120, 1162–1182. [CrossRef]
57. Marco, E.J.; Hinkley, L.B.; Hill, S.S.; Nagarajan, S.S. Sensory processing in autism: A review of neurophysiologic findings. Pediatric

Res. 2011, 69, 48–54. [CrossRef]
58. Khullar, V.; Singh, H.P.; Bala, M. IoT based assistive companion for hypersensitive individuals (ACHI) with autism spectrum

disorder. Asian J. Psychiatry 2019, 46, 92–102. [CrossRef]
59. Dixon, T. “Emotion”: The history of a keyword in crisis. Emot. Rev. 2012, 4, 338–344. [CrossRef] [PubMed]
60. Jarwar, M.A.; Chong, I. Exploiting IoT services by integrating emotion recognition in Web of Objects. In Proceedings of the 31st

International Conference on Information Networking, Da Nang, Vietnam, 11–13 January 2017; pp. 54–56.
61. Yamasaki, A.; Booker, A.; Kapur, V.; Tilt, A.; Niess, H.; Lillemoe, K.D.; Warshaw, A.L.; Conrad, C. The impact of music on

metabolism. Nutrition 2012, 28, 1075–1080. [CrossRef] [PubMed]
62. Alcántara-Garrote, M.; Gil-González, A.B.; de Luis Reboredo, A.; Moreno, M.N.; Pérez-Lancho, B. Framework for the Detection

of Physiological Parameters with Musical Stimuli Based on IoT. In Proceedings of the 14th International Workshop on Soft
Computing Models in Industrial and Environmental Applications, Seville, Spain, 13–15 May 2019; pp. 111–120.

63. Larsen, R.; Buss, D.M. Personality Psychology, 4th ed.; McGraw-Hill Publishing: New York, NY, USA, 2009.
64. Montag, C.; Elhai, J.D. A new agenda for personality psychology in the digital age? Personal. Individ. Differ. 2019, 147, 128–134.

[CrossRef]
65. Ou, J.; Liang, H.; Tan, H.X. Identifying Elderlies at Risk of Becoming More Depressed with Internet-of-Things. In Proceedings

of the 4th International Conference on Human Aspects of IT for the Aged Population, Las Vegas, NV, USA, 15–20 July 2018;
pp. 348–361.

66. Payne, J.L.; Maguire, J. Pathophysiological mechanisms implicated in postpartum depression. Front. Neuroendocrinol. 2019, 52,
165–180. [CrossRef]

67. Moreira, M.W.; Rodrigues, J.J.; Kumar, N.; Saleem, K.; Illin, I.V. Postpartum depression prediction through pregnancy data
analysis for emotion-aware smart systems. Inf. Fusion 2019, 47, 23–31. [CrossRef]

68. Yang, S.; Gao, B.; Jiang, L.; Jin, J.; Gao, Z.; Ma, X.; Woo, W.L. IoT structured long-term wearable social sensing for mental wellbeing.
IEEE Internet Things J. 2018, 6, 3652–3662. [CrossRef]

69. Alam, M.E.; Kaiser, M.S.; Hossain, M.S.; Andersson, K. An IoT-Belief Rule Base Smart System to Assess Autism. In Proceedings
of the 4th International Conference on Electrical Engineering and Information & Communication Technology, Dhaka, Bangladesh,
13–15 September 2018; pp. 672–676.

70. Miller, P.; Gill, C.; Mazza, K.; Pilon, C.; Hill, M. Learning What is Important: A Quality Improvement Initiative to Enhance
Patient-Centred Care in Home Care. Phys. Occup. Ther. Geriatr. 2019, 37, 3–15. [CrossRef]

71. Jones, D.A.; Vetter, N.J. A survey of those who care for the elderly at home: Their problems and their needs. Soc. Sci. Med. 1984,
19, 511–514. [CrossRef]

72. Radgohar, H.; Vahdat-Nejad, H.; Rezaie, S.M. Infant’s growth and nutrition monitoring system. SN Appl. Sci. 2020, 2, 1–23.
[CrossRef]

73. Backer, T.E.; Richardson, D. Building bridges: Psychologists and families of the mentally ill. Am. Psychol. 1989, 44, 546. [CrossRef]
74. Cohen, R.A.; Poppas, A.; Forman, D.E.; Hoth, K.F.; Haley, A.P.; Gunstad, J.; Jefferson, A.L.; Tate, D.F.; Paul, R.H.; Sweet, L.H.

Vascular and cognitive functions associated with cardiovascular disease in the elderly. J. Clin. Exp. Neuropsychol. 2009, 31, 96–110.
[CrossRef] [PubMed]

75. Call, C.T.; Cousens, E.M. Ending wars and building peace: International responses to war-torn societies. Int. Stud. Perspect. 2008,
9, 1–21. [CrossRef]

76. Mohalder, R.D.; Rahman, M.A.; Saha, A. An IoT Based Approach against Physical and Mental Assault in Educational Institution.
In Proceedings of the 10th International Conference on Computing, Communication and Networking Technologies, Kanpur,
India, 6–8 July 2019; pp. 1–5.

77. Ohta, S.; Nakamoto, H.; Shinagawa, Y.; Tanikawa, T. A health monitoring system for elderly people living alone. J. Telemed.
Telecare 2002, 8, 151–156. [CrossRef] [PubMed]

78. Mano, L.Y.; Faiçal, B.S.; Nakamura, L.H.; Gomes, P.H.; Libralon, G.L.; Meneguete, R.I.; Geraldo Filho, P.R.; Giancristofaro, G.T.;
Pessin, G.; Krishnamachari, B. Exploiting IoT technologies for enhancing Health Smart Homes through patient identification and
emotion recognition. Comput. Commun. 2016, 89, 178–190. [CrossRef]

79. Partinen, M.; Jamieson, A.; Guilleminault, C. Long-term outcome for obstructive sleep apnea syndrome patients: Mortality. Chest
1988, 94, 1200–1204. [CrossRef]

80. Chung, S.; Yoon, I.-Y.; Shin, Y.-K.; Lee, C.H.; Kim, J.-W.; Ahn, H.J. Endothelial dysfunction and inflammatory reactions of elderly
and middle-aged men with obstructive sleep apnea syndrome. Sleep Breath. 2009, 13, 11–17. [CrossRef]

81. Yacchirema, D.; Sarabia-Jácome, D.; Palau, C.E.; Esteve, M. System for monitoring and supporting the treatment of sleep apnea
using IoT and big data. Pervasive Mob. Comput. 2018, 50, 25–40. [CrossRef]

http://doi.org/10.1007/s11036-017-0866-1
http://doi.org/10.1016/j.smhl.2019.100083
http://doi.org/10.1542/peds.2007-2362
http://doi.org/10.1203/PDR.0b013e3182130c54
http://doi.org/10.1016/j.ajp.2019.09.030
http://doi.org/10.1177/1754073912445814
http://www.ncbi.nlm.nih.gov/pubmed/23459790
http://doi.org/10.1016/j.nut.2012.01.020
http://www.ncbi.nlm.nih.gov/pubmed/22858194
http://doi.org/10.1016/j.paid.2019.03.045
http://doi.org/10.1016/j.yfrne.2018.12.001
http://doi.org/10.1016/j.inffus.2018.07.001
http://doi.org/10.1109/JIOT.2018.2889966
http://doi.org/10.1080/02703181.2019.1567643
http://doi.org/10.1016/0277-9536(84)90046-7
http://doi.org/10.1007/s42452-020-03264-2
http://doi.org/10.1037/0003-066X.44.3.546
http://doi.org/10.1080/13803390802014594
http://www.ncbi.nlm.nih.gov/pubmed/18608677
http://doi.org/10.1111/j.1528-3585.2007.00313.x
http://doi.org/10.1177/1357633X0200800305
http://www.ncbi.nlm.nih.gov/pubmed/12097176
http://doi.org/10.1016/j.comcom.2016.03.010
http://doi.org/10.1378/chest.94.6.1200
http://doi.org/10.1007/s11325-008-0210-x
http://doi.org/10.1016/j.pmcj.2018.07.007


Smart Cities 2022, 5 1207

82. Hayati, N.; Suryanegara, M. The IoT LoRa system design for tracking and monitoring patient with mental disorder. In Proceedings
of the IEEE International Conference on Communication, Networks and Satellite, Semarang, Indonesia, 5–7 October 2017; pp. 135–
139.

83. Nugraha, A.T.; Hayati, N.; Suryanegara, M. The experimental trial of LoRa system for tracking and monitoring patient with mental
disorder. In Proceedings of the International Conference on Signals and Systems, Bali, Indonesia, 1–3 May 2018; pp. 191–196.

84. Saltzer, J.H.; Kaashoek, M.F. Principles of Computer System Design: An Introduction; Morgan Kaufmann: Burlington, MA, USA, 2009.
85. Coulouris, G.F. Distributed Systems: Concepts and Design, 5th ed.; Addison-Wesley: Boston, MA, USA, 2012.
86. Google Maps. Available online: https://www.google.com/maps (accessed on 15 February 2021).
87. Mitchell, T.M. Machine learning and data mining. Commun. ACM 1999, 42, 30–36. [CrossRef]
88. Tsai, C.-W.; Lai, C.-F.; Chiang, M.-C.; Yang, L.T. Data mining for internet of things: A survey. IEEE Commun. Surv. Tutor. 2013, 16,

77–97. [CrossRef]
89. Akhondzadeh, S.; Fallah-Pour, H.; Afkham, K.; Jamshidi, A.-H.; Khalighi-Cigaroudi, F. Comparison of Crocus sativus L. and

imipramine in the treatment of mild to moderate depression: A pilot double-blind randomized trial. BMC Complementary Altern.
Med. 2004, 4, 12. [CrossRef]

90. Ramakrishnan, M. Integration of functional reliability analysis and system hardware reliability through Monte Carlo simulation.
Ann. Nucl. Energy 2016, 95, 54–63. [CrossRef]

91. Charman, T.; Swettenham, J.; Baron-Cohen, S.; Cox, A.; Baird, G.; Drew, A. Infants with autism: An investigation of empathy,
pretend play, joint attention, and imitation. Dev. Psychol. 1997, 33, 781. [CrossRef] [PubMed]

92. Ingersoll, B.; Schreibman, L.; Tran, Q.H. Effect of sensory feedback on immediate object imitation in children with autism. J.
Autism Dev. Disord. 2003, 33, 673–683. [CrossRef] [PubMed]

93. Westeyn, T.L.; Abowd, G.D.; Starner, T.E.; Johnson, J.M.; Presti, P.W.; Weaver, K.A. Monitoring children’s developmental progress
using augmented toys and activity recognition. Pers. Ubiquitous Comput. 2012, 16, 169–191. [CrossRef]

94. Vahdat-Nejad, H.; Asani, E.; Mahmoodian, Z.; Mohseni, M.H. Context-aware computing for mobile crowd sensing: A survey.
Future Gener. Comput. Syst. 2019, 99, 321–332. [CrossRef]

95. Vahdat-Nejad, H.; Eilaki, S.O.; Izadpanah, S. Towards a better understanding of ubiquitous cloud computing. Int. J. Cloud Appl.
Comput. 2018, 8, 1–20. [CrossRef]

96. Vahdat-Nejad, H. Context-aware middleware: A review. In Context in Computing; Springer: Berlin/Heidelberg, Germany, 2014;
pp. 83–96.

97. Kumar, P.; Kumar, R.; Srivastava, G.; Gupta, G.P.; Tripathi, R.; Gadekallu, T.R.; Xiong, N.N. PPSF: A privacy-preserving and
secure framework using blockchain-based machine-learning for IoT-driven smart cities. IEEE Trans. Netw. Sci. Eng. 2021, 8,
2326–2341. [CrossRef]

98. Kumar, P.; Kumar, R.; Gupta, G.P.; Tripathi, R.; Srivastava, G. P2tif: A blockchain and deep learning framework for privacy-
preserved threat intelligence in industrial iot. IEEE Trans. Ind. Inform. 2022, 18, 6358–6367. [CrossRef]

https://www.google.com/maps
http://doi.org/10.1145/319382.319388
http://doi.org/10.1109/SURV.2013.103013.00206
http://doi.org/10.1186/1472-6882-4-12
http://doi.org/10.1016/j.anucene.2016.04.032
http://doi.org/10.1037/0012-1649.33.5.781
http://www.ncbi.nlm.nih.gov/pubmed/9300211
http://doi.org/10.1023/B:JADD.0000006003.26667.f8
http://www.ncbi.nlm.nih.gov/pubmed/14714935
http://doi.org/10.1007/s00779-011-0386-0
http://doi.org/10.1016/j.future.2019.04.052
http://doi.org/10.4018/IJCAC.2018010101
http://doi.org/10.1109/TNSE.2021.3089435
http://doi.org/10.1109/TII.2022.3142030

	Introduction 
	Purpose 
	IoT Technologies Used 
	Unique Features 
	Conclusions 
	References

