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The following figures are presented. It is emphasized that is separated from the main manuscrpit
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(a) 3D representation of the Neural Network
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Figure S1. Graphical presentation of the Neural Network that corresponds to Monte Carlo analysis
P-κRF-cRF-kRF−2 − 9 (NN9) for the estimation of the volumetric component of the strain evol.
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Figure S2. Graphical presentation of the Neural Network that corresponds to Monte Carlo analysis
P-κRF-cRF-kRF−2 − 9 (NN9) for the estimation of the deviatoric component of the strain edev.
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Figure S3. Graphical presentation of the Neural Network that corresponds to Monte Carlo analysis
P-κRF-cRF-kRF−4 − 10 (NN10) for the estimation of the volumetric component of the stress pvol in kPa.
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Figure S4. Graphical presentation of the Neural Network that corresponds to Monte Carlo analysis
P-κRF-cRF-kRF−4 − 10 (NN10) for the estimation of the deviatoric component of the stress qdev in kPa.
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(a) 3D representation of the Neural Network
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Figure S5. Graphical presentation of the Neural Network that corresponds to Monte Carlo analysis
S-κL-cR-d3 (NND3) for the estimation of the deviatoric component of the strain edev.
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(a) 3D representation of the Neural Network
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Figure S6. Graphical presentation of the Neural Network that corresponds to Monte Carlo analysis
S-κL-cD-d4 (NND4) for the estimation of the volumetric component of the stress pvol in kPa.
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Figure S7. Graphical presentation of the Neural Network that corresponds to Monte Carlo analysis
S-κL-cD-d4 (NND4) for the estimation of the deviatoric component of the stress qdev in kPa.
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Figure S8. Graphical presentation of the Neural Network that corresponds to Monte Carlo analysis
S-κL-cD-d4 (NND4) for the estimation of the volumetric component of the strain evol.
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