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Abstract: In this paper we review the theoretical and practical principles of the broadcast approach
to communication over state-dependent channels and networks in which the transmitters have access
to only the probabilistic description of the time-varying states while remaining oblivious to their
instantaneous realizations. When the temporal variations are frequent enough, an effective long-term
strategy is adapting the transmission strategies to the system’s ergodic behavior. However, when
the variations are infrequent, their temporal average can deviate significantly from the channel’s
ergodic mode, rendering a lack of instantaneous performance guarantees. To circumvent a lack
of short-term guarantees, the broadcast approach provides principles for designing transmission
schemes that benefit from both short- and long-term performance guarantees. This paper provides
an overview of how to apply the broadcast approach to various channels and network models under

various operational constraints.
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1. Motivation and Overview
1.1. What is the Broadcast Approach?

The information- and communication-theoretic models of a communication channel
are generally specified by the probabilistic description of the channel’s input and output re-
lationship. The output, subsequently, depends on the channel input and the state process of
the channel. The channel’s probabilistic description changes over time in various domains,
rendering a time-varying channel state process. These, for instance, include mobile wireless
communications, storage systems, and digital fingerprinting, where all have time-varying
communication mediums. Reliable communication generally necessitates transmitting an
encoded message over multiple channel uses. Therefore, temporal fluctuations in channel
states can cause a significant impediment to sustaining reliable communications. When
channel states are known to the transmitters, the encoders can be guided to adjust the
transmission rates in response to the changes in the channel’s actual states. When a trans-
mitter is informed of the channel state (e.g., via side information or feedback), it can
adopt variable-length channel coding, the fundamental performance limits of which are
well-investigated [1-5].

While desirable, informing the transmitters of the time-varying state process can
be practically prohibitive in a wide range of existing or emerging communications tech-
nologies. In such circumstances, while the encoders cannot adapt their transmissions to
channel states, there is still the possibility of adapting the decoders to the channel states.
The information-theoretic limits of communication over such state-dependent channels
when the transmitters have only access to the statistical description of the channel state
process is studied broadly under the notion of variable-rate channel coding [6]. When the
temporal variations are frequent enough, an effective long-term strategy is adapting the
transmission strategies to the system’s ergodic behavior. However, when these variations
are infrequent, their temporal average can deviate significantly from the channel’s ergodic
mode, rendering the ergodic metrics (e.g., ergodic capacity) unreliable performance targets.

State-dependent channels appear in various forms in communication systems. A preva-
lent example is mobile wireless channels, which undergo fading processes. Fading induces
time-varying states for the channel, resulting in uncertainty about the network’s state at
all transmitter and receiver sites [7]. Other examples include opportunistic scheduling,
in which the transmitter adjusts encoding and transmission based on a quality-of-service
metric that depends on the state of the channel [8-10], e.g., signal-to-noise ratio, latency;,
and throughput; opportunistic spectrum access (across time, space, and frequency); and cog-
nitive radio communication, in which the quality of communication relies on the access to
the spectrum resources [11,12]. This survey paper focuses primarily on the fading process
in different network models and the mechanisms for circumventing transmitters” lack of
information about random fading processes. Nevertheless, most techniques that we will
review can be adjusted to cater to other forms of state-dependent channels as well.

When wireless channels undergo fading, a useful convention to circumvent uncer-
tainties about the fading process is establishing training sessions to estimate channel
states. Such sessions should repeat periodically commensurate to how frequently the states
vary. Depending on the multiplexing mode in a communication channel, the training
sessions are either bidirectional (e.g., in frequency-division multiplexing systems) or they
are unidirectional and ensued by feedback sessions (e.g., in time-division multiplexing
systems). While effective in delivering the channel state to the receiver sites, both mech-
anisms face various challenges for delivering the same information to the transmitters.
For instance, establishing channels in both directions is not always feasible, and even when
it is, feedback communication incurs additional costs and imposes additional latency. Such
impediments are further exacerbated as the size of a network grows.

When the probabilistic model of the process is known, an alternative approach to
channel training and estimation is hedging against the random fluctuations. When the
fluctuations are rapid enough, an effective long-term strategy is adapting the transmission
strategies to the system’s ergodic behavior. A widely-used instance of this is the ergodic
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capacity as a reliable transmission rate for a channel that undergoes a fast-fading process.
On the other hand, when the fluctuations occur in time blocks, which is often the case, an ef-
fective strategy is the outage strategy, aiming to meet target reliability with a pre-specific
probabilistic guarantee. An example of an outage strategy is adopting the notion of outage
capacity, which evaluates the likelihood of reliable communication at a fixed transmission
rate [13]. When the actual channel realization can sustain the rate, the transmission is car-
ried out successfully; otherwise, it fails, and no message is decoded [7,13]. The notions of
outage and delay-limited capacities are studied extensively for various networks, including
the multiple access channel (c.f. [14-19] and references therein).

While the ergodic and outage approaches provide long-term probabilistic performance
guarantees, they lack instantaneous guarantees. That is, each communication session faces
a chance of complete failure. For instance, when the channel’s instantaneous realization
does not sustain a rate equal to the ergodic or outage capacity, the entire communication
session over that channel will be lost. To circumvent a lack of short-term guarantees,
the broadcast approach provides principles for designing transmission schemes that benefit
from both short- and long-term performance guarantees. In information-theoretic terms,
the broadcast approach is called variable-to-fixed channel coding [6].

1.2. Degradedness and Superposition Coding

The broadcast approach ensures a minimum level of successful communication,
even when the channels are in their weakest states. In this approach, any channel re-
alization is viewed as a broadcast receiver, rendering an equivalent network consisting
of several receivers. Each receiver is designated to a specific channel realization, and it is
degraded with respect to a subset of other channels. Designing a broadcast approach for a
channel model has the following two pivotal elements.

1. Degradedness in channel realizations: The first step in specifying a broadcast ap-
proach for a given channel pertains to designating a notion of degradedness that
facilitates rank-ordering different realizations of a channel based on their relative
strengths. The premise for assigning such degradedness is that if communication is
successful in a specific realization, it will also be successful in all realizations con-
sidered stronger. For instance, in a single-user single-antenna wireless channel that
undergoes a flat-fading process, the fading gain can be a natural degradedness metric.
In this channel, as the channel gain increases, the channel becomes stronger. Adopting
a proper degradedness metric hinges on the channel model. While it can emerge
naturally for some channels (e.g., single-user flat-fading), in general, selecting a de-
gradedness metric is rather heuristic, if possible at all. For instance, in the multiple
access channel, the sum-rate capacity can be used as a metric to designate degraded-
ness, while in the interference channel, comparing different network realizations, in
general, is not well-defined.

2. Degradedness in message sets: Parallel to degradedness in channel realization, in
some systems, we might have a natural notion of degradedness in the message sets
as well. Specifically, in some communication scenarios (e.g., video communication),
the messages can be naturally divided into multiple ordered layers that incrementally
specify the entire message. In such systems, the first layer conveys the baseline
information (e.g., the lowest quality version of a video); the second layer provides
additional information that incrementally refines the baseline information (e.g., re-
fining video quality), and so on. Such a message structure specifies a natural way of
ordering the information layers, which should also be used by the receiver to retrieve
the messages successfully. Specifically, the receiver starts by decoding the baseline
(lowest-ranked) layer, followed by the second layer, and so on. While some messages
have inherent degradedness structures (e.g., audio/video signals), that is not the case
in general. When facing messages without an inherent degradedness structure, a
transmitter can still split a message into multiple, independently generated informa-
tion layers. The decoders, which are not constrained by decoding the layers in any
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specific order, will decode as many layers as they afford based on the actual channel
realization.

In a communication system, in general, the states of degradedness in channel realiza-
tions and degradedness in message sets can vary independently. Subsequently, designing
a broadcast approach for a communication system hinges on its channel and message de-
gradedness status. By leveraging the intuitions from the known theories on the broadcast
channel, we briefly comment on different combinations of the degradedness states.

¢  Degraded message sets. A message set with an inherent degradedness structure
enforces a prescribed decoding order for the receiver.

- Degraded channels. When there is a natural notion of degradedness among channel
realizations (e.g., in the single-user single-antenna flat-fading channel), we can
designate one message to each channel realization such that the messages are
rank-ordered in the same way that their associated channels are ordered. At the
receiver side, based on the actual realization of the channel, the receiver decodes
the messages designated to the weaker channels, e.g., in the weakest channel
realization, the receiver decodes only the lowest-ranked message, and in the
second weakest realization, it decodes the two lowest-ranked messages, and so
on. Communication over a parallel Gaussian channel is an example in which one
might face degradedness both in the channel and the message [20].

- General channels. When lacking a natural notion of channel degradedness (e.g., in the
single-user multi-antenna channel or the interference channel), we generally
adopt an effective (even though imperfect) approach to rank order channel
realizations. These orders will be used to prescribe an order according to which
the messages will be decoded. The broadcast approach in such settings mimics
the Korner-Marton coding approach for broadcast transmission with degraded
message sets [21]. This approach is known to be optimal for a two-user broadcast
channel with a degraded set of messages, while the optimal strategy for the
general broadcast approach is an open problem despite the significant recent
advances, e.g., [22].

*  General message sets. Without an inherent degradedness structure in the message,
we have more freedom to generate the message set and associate the messages to
different channel realizations. In general, each receiver has the freedom to decode any
desired set of messages in any desired order. The single-user multi-antenna channel
is an important example in which such an approach works effectively [23]. In this
setting, while the channel is not degraded in general, different channel realizations are
ordered based on the singular values of the channel matrix’s norm, which implies an
order in channel capacities. In this setting, it is noteworthy that the specific choice of
ordering the channels and assigning the set of messages decoded in each realization
induces degradedness in the message set.

Built based on these two principles, and following the broadcast approach to com-
pound channels [24], the notion of broadcast strategy for slowly fading single-user channel
was initially introduced for effective single-user communication [25].

1.3. Application to Multimedia Communication

The broadcast approach has a wide range of applications that involve successive and
incremental retrieval of information sources. Representative examples include image com-
pression and video coding systems, which can be naturally integrated with the successive
refinement techniques [26,27]. Specifically, the broadcast approach’s underlying premise
is to allow the receivers to decode the messages only partially, as much as the channels’
actual instantaneous realizations allow. This is especially relevant in audio/video broadcast
systems, in which even partially decoding the messages still renders signals that are aurally
or visually interpretable or recognizable. In these systems, a transmitter is often oblivious
to the instantaneous realization of the channels, and the quality of its channel shapes the
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quality of the audio or video signal recovered. This is also the principle widely used in
communication with successive refinement, in which a message is split into multiple layers.
A baseline layer carries the minimal content that allows decoding an acceptable message.
The subsequent layers successively and progressively add more details to the message,
refining its content and quality. This approach enables digitally achieving a key feature of
analog audio and video transmission: the quality of communication is a direct function of
the channel quality, while there is no channel state information at the transmitter.

In this review paper, we start by reviewing the core ideas in designing a broadcast
approach in the single-user wireless channel in Section 2. In this section, we address
both single-antenna and multi-antenna systems under various transmission constraints.
Next, we provide an overview of the applications to the multiple access channel in Section 3.
This section discusses settings in which transmitters are either entirely or partially oblivious
to the channel states. Sections 4 and 5 will be focused on the interference channel and the
relay channel, respectively. A wide range of network settings will be discussed in Section 6,
and finally, Section 7 provides a perspective on the possible directions for extending the
theory and applications of the broadcast approach.

2. Variable-to-Fixed Channel Coding

As pointed out earlier, the broadcast approach is, in essence, a variable-to-fixed
channel coding [6] for a state-dependent channel, where the state realization is known
only at the receiver. While being oblivious to the channel realizations, the transmitter
has access to the probabilistic description of the channel. The key idea underpinning the
broadcast approach is splitting the transmitted message into multiple independent layers
and providing the receiver with the flexibility to decode as many layers as it affords,
depending on the channel’s actual state. While the concept is general and can be applied to
a wide range of state-dependent channels, in this paper we focus on wireless channels.

2.1. Broadcast Approach in Wireless Channels

In wireless communications, the channels undergo random fading processes. In these
systems, the channel state corresponds to a fading gain, and the channel state statistical
description is characterized by the probability model of the fading process [7,23,25,28].
The relative duration of the channel’s coherence time to the system’s latency requirement
specifies the channel’s fading condition. Specifically, slow (fast) fading arises when the
channel’s coherence time is large (small) relative to the system’s latency requirement.
In particular, slowly fading channels are commonly when a mobile front-end moves
slowly relative to the data transmission rate. Such a model is especially apt in modern
communication systems with high spectral efficiency and data rates.

In systems with slowly-fading channels, a receiver can estimate the channel fading
coefficients with high accuracy. This motivates considering the instantaneous and perfect
availability of the channel state information (CSI) at the receiver sites. On the other hand,
acquiring such CSI at the transmitter sites (CSIT) can be either impossible, due to the lack
of a backward channel from a receiver to its respective transmitter; prohibitive, due to the
extensive costs associated with backward communication; or unhelpful, due to a mismatch
between the stringent latency constraints and the frequency of backward communication.
Hence, in these circumstances, properly circumventing the lack of perfect CSIT plays a
pivotal role in designing effective communication schemes.

Capitalizing on the system’s ergodic behavior (e.g., setting the transmission rate to the
ergodic capacity of a channel) effectively addresses the lack of CSIT [7]. However, this is
viable only when the transmission is not facing any delay constraints, and the system is
allowed to have sufficiently long transmission blocks (relative to the fading dynamics).
In particular, in a highly dynamic channel environment, stringent delay constraints imply
that a transmission block, in spite of still being large enough for having reliable communica-
tion [13]), is considerably shorter than the dynamics of the slow fading process. To quantify
the quality of communication in such circumstances, the notion of capacity versus outage
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was introduced and discussed in [7,13] (and references therein). A fundamental assumption
in these systems is that the fading process variations throughout the transmission block
are negligible. In an outage strategy, the transmission rate is fixed, and the information
is reliably retrieved by the receiver when the instantaneous channel realizations allow.
Otherwise, communication fails (an outage event). In such systems, the term outage ca-
pacity refers to the maximal achievable average rate. It can also be cast as the capacity
of an appropriately defined compound channel [7]. The main shortcoming of the outage
approach to designing transmission is the possibility of outage events, which translates to
possibly a significant loss in spectral efficiency.

The broadcast approach aims to avoid outage events while the transmitters remain
oblivious to the state of their channels. In this approach, reliable transmission rates are
adapted to the actual channel conditions without providing feedback from the receiver
to the transmitter. This approach’s origins are discussed in Cover’s original paper [24],
which suggests using a broadcast approach for the compound channel. Since the slowly-
fading channel can be viewed as a compound channel with the channel realization as the
parameter of the compound channel, transmission over these channels can be naturally
viewed and analyzed from the perspective of the broadcast approach. This strategy is useful
in various applications, and in particular, it is in line with the successive refinement source
coding approach of [29] and the subsequent studies in [30-34]. Specifically, the underlying
premise is that the more the provided information rate, the less average distortion evident
in the reconstructed source.

An example of successive refinement of source coding is image compression, in which
a gross description exists at first, and gradually with successive improvements of the
description, the image quality is further refined. An application example is progressive
JPEG encoding, where additional coded layers serve to refine the image quality. In the
broadcast approach, the transmitter sends layered coded information, and in view of the
receiver as a continuum of ordered users, the maximum number of layers successively de-
coded is dictated by the fading channel realization. Thus, the channel realization influences
the received quality of the data. The broadcast approach has a practical appeal in voice
communication cellular systems, where a layered voice coding is possible. Service quality,
subsequently, depends on the channel realization. This facilitates using coding to achieve
the basic features of analog communications, that is, the better the channel, the better
the performance, e.g., the measured signal-to-noise ratio (SNR) or the received minimum
mean-squared error (MMSE). All of this is viable while the transmitters are unaware of
channel realizations. Other applications can be found in [35]. The problem of layered
coding suggests unequal error protection on the transmitted data, which was studied
in ([36], and references therein). A related subject is the priority encoding transmission
(PET). The study in [37] shows that sending hierarchically-organized messages over lossy
packet-based networks can be analyzed using the broadcast erasure channel with degraded
message set, using the information spectrum approach [38]. Finally, we remark [39] extends
the notion to settings in which the probabilistic model is unknown to the transmitter.

2.2. Relevance to the Broadcast Channel

Since the broadcast approach’s foundations hinge on those of the broadcast channel,
we provide a brief overview of the pertinent literature on the broadcast channel, which was
first explored by Cover [24,40]. In a broadcast channel, a single transmission is directed to a
number of receivers, each enjoying possibly different channel conditions, reflected in their
received SNRs. The Gaussian broadcast channel with a single transmit antenna coincides
with the classical physically degraded Gaussian broadcast channel, whose capacity region
is well known (see [40] for the deterministic case and [41-43] for the composite or ergodic
cases). For multiple transmit antennas, the Gaussian broadcast channel is, in general,
a non-degraded broadcast channel, for which the capacity region with a general message
set is not fully known [44-48], and it cannot be reduced to an equivalent set of parallel
degraded broadcast channels, as studied in [41-43,49]. In the special case of individual
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messages without common broadcasting, the capacity region in the multi-antenna setting
was characterized in [50].

Broadcasting a single user essentially means broadcasting common information.
Information-theoretic results and challenges for broadcasting a common source are dis-
cussed in [51], and in light of endless information, data transmission is termed streaming
in [52]. The interpretation of single-user broadcasting is the hierarchical broadcasting using
multi-level coding (MLC) [53-55]. The study in [54] demonstrates the spectral efficiency
of MLC with hierarchical demodulation in an additive white Gaussian noise (AWGN)
channel and a fading channel. Authors in [56] examine the fading interleaved channel with
one bit of side information about the fading process. The broadcast approach is adapted to
decode different rates for channels taking these two distinct states (determined by whether
the SNR is above or below a threshold value). Since the channel is memoryless, the average
rate, given by the mutual information we have I(y, §; x) (where x is the channel input, y is
the channel output, and § is the partial state information), is achievable. This is not the
case with the broadcast approach, which seems to be unfit here, where channel states are
assumed to be independent and identically distributed (i.i.d.).

Finally, the study in [57] considers a superposition coding scheme to achieve higher
transmission rates in the slowly-fading channel. This study adopts the broadcast ap-
proach for the single-input single-output (SISO) channel with a finite number of receivers.
The number of receivers is the number of coded layers. It is evident from [57] that for the
SISO channel, a few levels of coded layering closely approximates the optimal strategy
employing transmission of infinite code layers.

2.3. The SISO Broadcast Approach—DPreliminaries

In this section, we elaborate on the original broadcast approach, first presented in [25],
and we provide the derivation of the expressions related to the broadcast approach concept,
an optimal power distribution, and the associated average achievable rates under different
system constraints. We start by providing a canonical channel model for the single-user
single-antenna system. The fading parameter realization can be interpreted as an index
(possibly continuous), which designates the SNR at the receiver of interest. This model also
serves as the basis for other channel models discussed in the rest of the paper. Specifically,
consider the channel model:

y = hx + n, €))

where x is the transmitted complex symbol, y is the received symbol, and n accounts for the
AWGN with zero mean and unit variance denoted by CN(0,1). Constant & represents the
fading coefficient. For each realization of k, there is an achievable rate. We are interested in
the average achievable rate for various independent transmission blocks. Thus, we present
the results in terms of average performance, averaged over the distribution of .
Information-theoretic considerations for this simple model were discussed in ([13], and
references therein), as a special case of the multi-path setting. With the & value known to
the transmitter, and with a short-term power constrain (excluding power optimization in
different blocks), the reliable rate averaged over many block realizations is given by

Cerg = Es[log(1+sP)], (2)

where s £ |h|? is the random fading power. The normalized SNR, following the channel
model definition (1), is denoted by P = [E[|x|?], where E stands for the expectation operator
(when a subscript is added, it specifies the random variable with respect to which the
expectation is taken).

The SISO channel defined in (1) is illustrated in Figure 1a, and its associated broad-
cast channel is depicted in Figure 1b. This figure also illustrates the broadcast approach,
according to which the transmitter sends an infinite number of coded information layers.
The receiver is equivalent to a continuum of ordered users, each decoding a coded layer if
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channel realization allows. In general, the number of coded layers (and respectively, re-
ceivers) depends on the cardinality of the fading power random variable (RV). Specifically,
in a Gaussian fading channel, a continuum of coded layers is required. Predetermined
ordering is achieved due to the degraded nature of the Gaussian SISO channel [40]. Each of
the users has to decode a fractional rate, denoted by dR in Figure 1b. The fractional rates
dR of the different users are not equal but depend on their receiver index. For some
fading realization 1), only the continuum of receivers up to receiver j can decode their
fractional rates dR. The first receiver decodes only its own dR, the second decode initially
the interference dR (information intended to the first user) and then decodes its own dR.
Finally, receiver j decodes all fractional interferences up to layer j — 1, and then decodes its
information layer dR. Hence, the total achievable rate for a realization (/) is the integral of
dR over all receivers up to j. This model is the general case of coded layering. The broadcast
approach in [25] with a finite number of code layers, also termed superposition coding,
is presented in [57]. In finite level code layering, only a finite set of ordered receivers is
required. This approach has a lower decoding complexity. However, it is a broadcast
sub-optimal approach.

h
Encoder j —= 1 Receiver

dR

s|qepooapun

Receiver j+2 4

Receiver j+1

h® _________________—_/___
Encoder j —= —
Receiver |

dR

Y
Buipodag
a|qelay

Receiver j-1
dR

b.

Figure 1. (a) A single-input single-output (SISO) channel with a fading parameter k. (b) The equiva-
lent SISO broadcast channel model. For a channel realization h(/), only receivers indexed up to j can

decode their fractional rate dR.

Next, assume that the fading power RV S is continuous. Then for some channel
realization h/) of Figure 1b, with a fading power s(/), the designated reliably conveyed
information rate is denoted by R(s1)). We now drop the superscript j, and refer to s as
the realization of the fading power RV S. As illustrated, the transmitter views the fading
channel as a degraded Gaussian broadcast channel [40] with a continuum of receivers,
each experiencing a different effective receive SNR specified by s - P. The total transmitted
power P is also the SNR as the fading and additive noise are normalized according to (1).



Entropy 2021, 23, 120

11 of 137

The term s is, therefore, interpreted as a continuous index. By noting that for small enough
x > 0log(1 + x) = x, the incremental differential rate is given by

B sp(s)ds \ _ sp(s)ds
dR(s)—log(1+1+SI(s)> = Trs(s) 3)

where p(s)ds is the transmit power associated with a layer parameterized by s, intended
for receiver s, which also designates the transmit power distribution. The right-hand-
side equality is justified in [58]. Information streams intended for receivers indexed by
u > s are undetectable and are treated as additional interfering noise, denoted by I(s).
The interference for a fading power s is

I(s) = /p(u)du , (4)

which is also a monotonically decreasing function of s. The total transmitted power is the
overall collected power assigned to all layers, i.e.,

o)

p= /p(u)du — 1(0). )

0

As mentioned earlier, the total achievable rate for a fading realization s is an integration
of the fractional rates over all receivers with successful layer decoding capability, rendering

5 up(u)du
R(s) _/o T+ul(u) ©)

The average rate is achieved with sufficiently many transmission blocks, each viewing
an independent fading realization. Therefore, the total rate averaged over all fading
realizations is

o)

B e up(u)
Rps = O/duf(u)R(u) -/ du(l— F) g o @)

where f(u) is the probability distribution function (PDF) of the fading power, and

F(u) = [ daf(a), ®)
0

is the corresponding cumulative distribution function (CDEF).

Optimizing Ry, with respect to the power distribution p(s) (or equivalently with
respect to I(u), where u > 0) under the power constraint P (5) is of interest and can in
certain cases be found by solving the associated constrained Eiiler equation [59]. We turn
back to the expression in (7), corresponding to sy, = 0, and explicitly write the optimization
problem posed

e up(u)
Rpsmax = 1}}%(/0 du(1 - F(“))m , )

where we maximize Ry, (7) over the residual interference function I(u). For an extremum
function I(x), the variation of the functional (9) is zero [59], corresponding to a proper Eiiler
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equation, which yields the extremal solution for I(x). Let us first present the functional
of (9) subject to maximization

—xI'(x)

T x0(x) " (10)

S(x, I(x), I'(x)) = (1 - F(x))

The necessary condition for a maximum of the integral of S(x, I(x), I'(x)) over x is a

zero variation of the functional ([59], Theorem 2, Section 3.2). Correspondingly, the Eiiler
Equation is given by

S;— %sl, =0, (11)
where
271/
1= (1= F(0)) oy 12)
Sp = (1= )10y (13)
g, = X0 g pw) eI 1 (14)

dx 14 xI(x) (1+xI(x))?"

These relationships simplify from a differential Equation (11) to a linear equation by
I(x), providing the following closed-form solution

1-F(x)-x-f(x)
I(x) = { af . 0 sYsa (15)

0 else

where x is determined by I(xyp) = P, and xj by I(x1) = 0. All the analyses are also
valid for the single-input multiple-output (SIMO) and multiple-input single-output (MISO)
channels as long as the channels are degraded regardless of the number of receive antennas
in SIMO or transmit antennas in MISO. The number of transmit or receive antennas only
affects the fading power distribution CDFE. As an example, consider a SISO Rayleigh flat
fading channel for which the fading power S has an exponential distribution with pdf

flu)y=e", and Fu)=1—-e¢" u>0. (16)

The optimal transmitter power distribution that maximizes Ry, in (9) is specified by
substituting f(u) and F(u) from (16) into (15), resulting in

d S% - S% ;S0 <s< 51
p(s) =~ 1(s) = a7
s
0, else
Constant sy is determined by solving I(sy) = P, and it is given by
0= 18)

14++/1+4P°
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Similarly, s; can be found by solving I(s;) = 0, which indicates s; = 1. The corre-
sponding rate R(s) using (6) is

0 ,0<s<sp
R(s) = 2In($) —(s—s0) ,s0<s<1, (19)
—2In(sg) — (1 —sp) ,s>1
and following (7), the associated total average rate is
Rps = 2Ei(s0) = 2Ei(1) = (™0 —¢7"), (20)

where
(e}

—t
Ei(x) = %f&,xzo 1)

X

is the exponential integral function. The limiting behavior of Ry, is found to be

P
In g5 + P —
Rys =~ . (22)

ip ,P—o0

The ergodic capacity in this case is given by [13],

P

1
P ,P—0

(23)

The average achievable rate of the standard outage approach, depends on the outage
probability Poyt = P{s < sy,} =1 — e~ *. Thus, the achievable outage rate is given by

Ro(sg) = e *thlog(1l + sy P), (24)

where R, (sy,) is the average achievable rate of a single layered code for a parameter sy,.
That is, a rate of log(1 + sy, P) is achieved when the fading power realization is greater
than sy,, with probability e~*th. The outage capacity is the product of maximizing the
achievable outage average rate (24) with respect to the outage probability (or the fading
power threshold sy,). This yields an outage capacity

Romax = € “hertlog(1 + Sth,optP) / (25)
where sy, opt SOlVes the equation

P
10g<1 + Sth,optp) = 1+ s tiP ’ (26)
,0p

and it can be expressed in closed-form as

P —WL(P)

Sth,Opt = WL(p) P ’ (27)
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where Wi (P) is the Lambert-W function, also known as the Omega function, which is the
inverse of the function f(W) = We"V. Subsequently, the outage capacity is given by [60]

ln%(lj) , P — Q0
Romax = ¢~ (P=WLPD/WLP)/P o6 (P /W, (P)) & . (28)
ip ,P—>o0

The study in [61] provides an interesting interpretation for the basics of the broadcast
approach [25] from the I-MMSE perspective.

When a transmitter has full CSI and transmits at a fixed power P, the transmission
rate can be adapted to channel state, and single-layer transmission can achieve the ergodic
capacity. When variability in transmission power is allowed, and we face an average power
constraint, a water-filling approach can be used. This facilitates adapting the transmission
power and rate to the fading state, which is advantageous in terms of the expected rate.
However, when lacking the perfect CSIT, the SISO broadcast approach can be optimized as
studied in [62]. In this approach, the CSI is quantized by the receiver and fed back to the
transmitter. This allows for short latency, and the optimized achievable expected rate can
be characterized as a function of the CSI accuracy.

The studies in [63,64] investigate various multi-layer encoding hybrid automatic re-
peat request (HARQ) schemes [65]. The motivation for extending the conventional HARQ
schemes to multi-layer coding is to achieve high throughput efficiency with low latency.
The study in [63] focuses on finite-level coding with incremental redundancy HARQ,
where every coded layer supports incremental redundancy coding. The multi-layer bounds
were investigated through continuous broadcasting by defining different broadcasting pro-
tocols that coherently combine HARQ and broadcasting incremental redundancy HARQ.
Optimal power distribution cannot be obtained for continuous broadcasting. However,
it was observed that even with a sub-optimal broadcasting power distribution, significantly
high gains of ~3 dB over an outage approach could be achieved for low and moderate
SNRs in the long-term static channel model, with latency as short as two blocks. In the
long-term static channel model, the channel is assumed to remain in the same fading state
within the HARQ session. This is especially interesting as the conventional broadcast
approach (without HARQ), has only marginal gains over the outage approach for low
SNRs. The retransmission protocol of [63] is also an interesting approach, which uses
retransmissions for sending new information at a rate matched to the broadcasting feed-
back from the first transmission. The optimal broadcasting power distribution for outage
approach retransmission was fully characterized in [63], and numerical results showed that
it is the most efficient scheme for high SNRs, and at the same time, it closely approximates
the broadcasting incremental redundancy-HARQ for low SNRs. However, in broadcasting
incremental redundancy HARQ, only sub-optimal power distributions were used and
finding the broadcasting optimal power distribution is still an open problem. It may also
turn out that the broadcasting incremental redundancy HARQ with an optimal power
distribution has more gains over the outage approach retransmission scheme.

Next, we present the results on the achievable rates for the single-user SISO Rayleigh
flat fading channel under the broadcast approach. Figure 2 demonstrates the SISO broadcast
achievable average rate Ry (20), outage capacity R, (25), the ergodic capacity Cerg (23)
upper bound, and the Gaussian capacity Cg = log(1 + P) as a reference. Clearly, R,,s > R,
as the latter is achieved by substituting p(s) with Pé(s — sg, opt) in lieu of the optimized
p(s) in (6). Outage capacity is equivalent to optimized single-layer coding rather than
the optimized continuum of code layers in the broadcast approach. This difference is
more pronounced in the high SNRs. Such a comparison of the single- level code layer and
two-level achievable rates is presented in [57]. This comparison shows that two-level code
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layering is already very close to the optimum Ry,. The ergodic capacity in the general
SIMO case, with N receive antennas, is given by ([66], Equation (9)):

1 °° N-1,—x
Cerg_iF(N),/O dxlog(l1+P-x)x™ ‘e ¥, (29)

where I" denotes the Gamma function. The probability density of the total fading power
for N receive antennas, is given by [66]

f(A) = const(N) - AN"1e=2 | (30)

where const(N) is a normalization constant.

12

Rate [Nats/Channel use]
[e2] [ee]
T T

IS
T

S0 0 10 20 30 40 50
SNR [dB]
Figure 2. SISO broadcast achievable average rate Ry, outage capacity Ro, ergodic capacity Cerg,
and Gaussian channel upper bound C¢ versus SNR.

2.4. The MIMO Broadcast Approach

Next, we review the multiple-input multiple-output (MIMO) channel. MIMO chan-
nels, in general, are non-degraded broadcast channels. The MIMO capacity region is known
for multiple users with private messages [50], and for two users with a common mes-
sage [67]. A complete characterization of the broadcast approach requires the full solution
of the most general MIMO broadcast channel with a general degraded message set, which is
not yet available. Hence, suboptimal ranking procedures are studied. Broadcasting with
degraded message sets is not only unknown in general channels, but also, it is unknown
for MIMO channels [68,69]. Various approaches to transmitting degraded message set
with sub-optimal ranking at the receiver are studied in [23,70,71]. The ranking of channel
matrices (as opposed to a vector in a SIMO case) can be achieved via supermajorization
ranking of the singular values of HH". The variational problem for deriving the optimal
power distribution for the MIMO broadcast strategy is characterized in [23], but seems not
to lend itself to closed-form expressions. Thus, a sub-optimal solution using majorization
is considered and demonstrated for the Rayleigh fading channel.

We adopt the broadcast approach described earlier for the SISO and SIMO channels,
in which the receivers opt to detect the highest possible rate based on the actual realization
of the propagation matrix H not available to the transmitter. In short, as H improves, it
sustains higher reliable rates. This is because the MIMO setting is equivalent to the general
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broadcast channel (from the perspective of infinite layer coding), rather than a degraded
broadcast channel as in the single-input case. In the sequel, we demonstrate a broadcast
approach suited for this MIMO scenario. The approach suggests an ordering of the receivers
based on supermajorization of singular values of the channel norm matrix. Consider the
following flat fading MIMO channel with M transmit antennas and N receive antennas:

y = Hx + n, (31)

where x is the input (M x 1) vector, n is the (N X 1) noise vector with complex Gaussian
iid. CN(0,1) elements. The propagation matrix (N x M) is designated by H and also
possesses complex Gaussian i.i.d. CN(0,1) elements. The received (N x 1) vector is
denoted by y. We adhere to the non-ergodic case, where H is fixed throughout the code
word transmission. We assume that the receiver is aware of H while the transmitter is not.
The total transmit power constraint is P, i.e., E[tr{xx"}] < P.

2.4.1. Weak Supermajorization

First, we introduce some partial ordering relations based on classical theory of ma-
jorization [72]. Let « = {a;}, B = {B;} be two sequences of length K. Let {a;}, {B;} be
the increasing ordered permutations of the sequences, i.e.,

wyy S ap) o S Ky, (32)
By < B - =Bw- (33)

Let & be weakly supermajorized by B, « < B, that is

k k
Then, the relation « <“ B implies that [72]
K K
L 9le) < )2 9(Bi), (35)
i=1 i=1

for all continuous decreasing convex functions ¢(-).

2.4.2. Relation to Capacity

Next, consider the received signal in (31), where the undetectable code layers are
explicitly stated as

y = H(xs +x) +n, (36)

where x5 and x; are decodable information and residual interference Gaussian vectors,
respectively. Their average norms are denoted by Ps and Py, respectively, and the total
transmit power P = P; 4 Ps. n is an i.i.d. Gaussian complex vector with unit variance per
component. The mutual information between xs and y is given by

I(y;xs) = I(y; xs,x1) — I(y; x1]xs) (37)
_ Ps+Prpppm Pty pgH
= log det <I + i HH > log det (I + i HH (38)
I PsA
_ Pshk
~ Y o (1+1+P1Ak) (39)

k=1
£ C(A, Ps, P[) (40)



Entropy 2021, 23, 120

17 of 137

Parameters {A;} fork =1 ... J, where ] £ min(N, M), designate the singular values
(or eigenvalues) of the matrix % HHH for M < N, or ﬁ HH" for N < M [66]. Finally,
if A <% §, we have

C(A,‘ Ps, PI) Z C(&,’ Ps, P]) . (41)

2.4.3. The MIMO Broadcast Approach Derivation

We discuss the MIMO channel broadcast approach via supermajorization layering for
the simple case of M = N = 2. The signal x is composed of a layered double indexed data
stream with indices denoted by u and v. We refer to layer ordering by columns bottom-up,
where 1 and v are described as a pair of indices taking integer values within the prescribed
region. This is only for demonstration purposes, as indices u and v are continuous singular
values of § HH". Say u and v are associated with the minimal eigenvalue A, and the sum
of eigenvalues Ay + A1, respectively. Evidently, u > 0, v > 2u. Say that A», A; take on the
set of integer values {O, 1,2,3, 4}, then the layered system is described by (u,v) in the order:
(0,0), (0,1), (0,2), (0,3), (0,4), (1,2), (1,3), (1,4), (2,4). The actual ordering of the layers
is in fact immaterial, as will be shown, decoding is not done successively as in the SISO
case [25], but rather according to what is decodable adhering to partial ordering.

We envisage all possible realizations of H and order them by u = Ay, v = Ay + A4
where A and A are, respectively, the minimal and maximal eigenvalues of % HH" (a2 x2
matrix in our case). Supermajorization ordering dictates that all streams decodable for
realization H will be decodable for realization H' as long as

Ay > Ay, Ay+A] > Ap+ A (42)

Thus, we visualize all possible realizations of H as channels referring to different users
in a broadcast setting, and we investigate the associated rates of the users, which we have
ranked as in Section 2.4.1, via a degraded ordering. It is evident that the current approach
specifies an achievable rate region, but by no means is it claimed to be optimal. In fact,
it even has some inherent limitations.

Let u = A, and v = A; be the eigenvalues of s HH" for some channel realization such
that v > u > 0. Let p(u,v) dudv be the power associated with the information stream
indexed by (u,v) where v > u, and featuring the incremental rate d>R(u,v). Again, for a
given 1 and v, all rates associated with the indices (a,b), a < u, b < v can be decoded, as
(A2, A1) is supermajorized by (A, = a, A1 = b). A natural optimization problem, in parallel
to that posed and solved for the single dimensional case, is to optimize the power density
p(u,v), or the related interference pattern I(u, v) maximizing the average rate, under the
power constraint I(0,0) = P. Let I(u, v) designate the residual interference at (1, v). Hence,

u v
I(,0) =P — /da/ dbp(a,b) . 43)
0 a
The associated incremental rate d?R(u, v), based on (3) and (37), is then given by
5 B up(u,v) dudo vp(u,v) dudo
d“R(u,v) =log (1+1+u1(u,0) +log 1+71+01(u10) (44)

_up(u,v)dudv | vp(u,v)dudo

1+ ul(u,v) 1+vl(u,v) 45

The power density is the second order derivative of the residual interference
Function (43), i.e.,

2
p(urv) = 7%“’/1/ v) £ Ly, (46)
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and the incremental rate may be expressed as

_ Ul (u,v)dudo B vl (1, v)dudo

2
R, v, 1, Luw) = 14 ul(u,v) 1+ 0l(u,v) (47)

The accumulated reliable rate decoded at (1, v) is

u

R(u,0) = / / &R(a,b) . (48)
0 a

The expected rate, averaged over various channel realizations, is then given by
Rave = / / f(u,v) R(u,v)dudo, (49)
00

where f(u,v) designates the joint PDF of the ordered eigenvalues of %H HY, random vari-
ables u and v. For a Gaussian H with i.i.d. components, the joint density function of
A2, A1 is given by [66]

fAz,Al(u,v) = 16 202 (v— u)z,v >u>0. (50)

The optimal expected rate is a product of an optimal selection of the power distribution
p(u,v). Specifying the power distribution uniquely specifies the residual interference
function I(u,v) (43) and (46). Hence, optimizing Raye can instead be carried out with
respect to the I(u,v), i.e.,

00 oo a b
Ry = max / da / dbf(a,b) / du / doRp(u,0,1, o) , (51)
I(u,0
0 0 0 u

where f(a, b) is defined in (50), and we have set Rr(u,v,1,I,,) £ W from (47),

which depends on the interference function I(#,v) and the power density I, (u,v)
from (43) and (46), respectively. Maximizing Raye with respect to the functional I(u,v) is a
variational problem ([23], Appendix A). Consequently, the optimization problem may be
stated in the form of a partial differential equation (PDE),

82
S] + %Sluv - 0 ’ (52)
where
S(a,b,1,1) = (1+ F(a,b) — F(a) — F(b)) - Rp(a,b, 1, 1), (53)

and Sj is the partial derivative with respect to the function I(u,v), Sy, is the partial
derivative with respect to the function I,,;, and I, is the second-order partial derivative
of I(u,v) with respect to u and v. The necessary condition for the extremum is given
in ([23], Appendix A) in terms of a non-linear second order PDE and does not appear to
have a straightforward analytical solution. Therefore, we demonstrate a single-dimension
approximation to the optimal solution. This approximation approach is called the 1-D
approximation, and it is developed for the 2 x 2 channel, i.e., two transmit and two receive
antennas. It suggests breaking the mutual dependency of the optimal power distribution
p(a,b) by requiring p(a,b) = p(a)p(b). Such a representation bears two independent
solutions, obtained from solving the optimal SISO broadcast strategy. Another sub-optimal
solution could be obtained based on a finite-level code layering, as suggested in [57] for
the SISO scheme. Accordingly, a single layer (outage) coding with and without employing
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majorization ranking at the receiver is suggested by [23]. A two-layer coded scheme for
the 2 x 2 channel is also studied and compared with the outage approach in [23]. Another
sub-optimal approach to the MIMO channel involves modeling the MIMO channel as a
multiple-access channel (MAC), where each antenna transmits an independent stream [23].
In an MAC approach for the MIMO channel, instead of performing joint encoding for
all transmit antennas, each antenna has an independent encoder. Thus, the receiver
views an MAC. When each encoder performs layered coding, we essentially get an MAC-
broadcast strategy. This approach was first presented in [73] for the multiple-access channel,
employing the broadcast approach at the receiver. The advantage of this approach is that
each transmitter views an equivalent degraded broadcast channel, and the results of the
SISO broadcast strategy may be directly used.

2.4.4. Degraded Message Sets

Next, we briefly outline the formulation of the general MIMO broadcasting with
degraded message sets. The key step for addressing the continuous broadcast approach
for MIMO channels with degraded message sets involves decoupling the layering index
and the channel state. In many previous studies on the continuous broadcast approach
(e.g., [23,32,74]) the layering index is associated with the channel fading gain. However,
for the MIMO case with degraded message set, it is proposed that the continuous layering
indices are associated with only the power allocation and layer rates.

Consider the MIMO channel model in (31). The source transmits layered messages
with a power density distribution function p(s), where s € [0, c0). The first transmitted
message is associated with s = 0, and can be considered as a common message for all
receivers. The next layer indexed by ds, cannot be decoded by the first user, but it is a
common message for all other users. The capacity of the channel in (31) for a given channel
state is the mutual information given by

I(y;x) = log det([ + ;HHH> , (54)

which can also be expressed using the eigenvalues of ﬁH H" [66],

K

I(y;x) =} log(1+PAy), (55)
k=1

where K = min(M, N) is the degree of freedom of the MIMO channel, and {A;}X | are
the eigenvalues of %H HY. The singular value decomposition (SVD) of ﬁH HH = uaAvH
where U and V are unitary matrices and A is a [KxK]| diagonal matrix of singular values
of 4HHM. The equivalent receive signal of (31) multiplied by H is y/ = UAVHx +n’,
and multiplying the received signal by U™ creates a parallel channel UMy’ = Ax' +n”,
where X' = Vx. This makes the channel of (31) an effective parallel channel when x’ is
transmitted. However V is known at the receiver, and therefore the transmitter does not
have to perform any precoding, and layering can be performed with respect to singular
values distribution of %H HY. The fractional achievable rate for a power allocation p(s)ds,
and under successive decoding, is given by

K Ap(s)ds \ & Agp(s)ds
k_zllog<1 1 +/\k1(s)> ook (6)
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where I(s) is the residual layering power. I(s) serves as interference for decoding layer
s. The relationship between power density distribution and the residual interference is

p(s) = dl( ) It is achievable for the set of eigenvalues {A;}X | such that
dR(s) < f MO & 41 A As) (57)
T4+ AL(s) kM, AR S)

Feasibility of successive decoding here results from the fact that the function
dIx(Aq, ..., Ak, s) is an increasing function of Ay, V k € {1,...,K}. Define a fractional rate
allocation function r(s), such that r(s)p(s) = dR(s). The cumulative rate achievable for a
layer index s is simply

R(s) = /r(u)p(u)du. (58)
The probability of achieving R(s) is given by

€(s) = r(s 3 7/\](
F(s)—]P’<()§k_211+/\kl(s)>, (59)

where F¢(s) is the complementary CDF of the layering index s, i.e., F°(s) = 1 — F(s).
The expected broadcasting rate is then

[e9)

Rps = /d (1— F(s /ds]P’( ) < 2 1Jrﬁkl()r(s)p(s). (60)

0

We focus now on the case of K = 2, i.e., min(M, N) = 2. In this case, the fractional
rate r(s) is decipherable if

’s) < — Ay

S TEAIG) T 1Al 61)

An alternative formulation is for a given Aj, the eigenvalues A, for which r(s) can be
reliably decoded are given by

r(s) +r(s)Ml(s) — M

"2 T )G) oA et ©

where the inequality holds only for G(Ay,s, I,r) > 0. An alternative representation of the
decoding probability of layer s is thus

Fo(s) =P(Ay > G(Aqy,s,L1)) (63)
= /du / dvfa, r,(w,0) -1[G(u,s,1,7) > 0] (64)
0 G(us,Lr)
- / u(f, () — Quny (1, G 1,5, 1,7))) - 1[G(u,5,1,7) > 0], (65)
0

where 1(x) is the indicator function, and

9%Fy, 1, (u,0)
Faga, (w,0) = 751%50 , (66)
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is the joint PDF of (A1,A;), and

oF A A\ U, 0
Qo (1,0) 2 71,82( ) . (67)
u
The expected rate for a general layering function r(s) and a layering power allocation

function I(s) is given by

Rps = / dsr(s)p(s) - / du[fa, (u) — Qan, (0, G(u,s,1,7))] - 1[G(u,s,1,r) > 0] . (68)
0 0

Clearly, the optimization problem for expected broadcasting rate maximization is
given by

R / ds (s, LI, 7) 69
bsopt = 0 e, T o 20 sJ(s r) (69)

where the integrand functional J(s, I, I, r) is given by

J(s,LI',v) =r(s)p(s) /du [fa, () — Q0. (1, G(u,s,1,7))] - 1[G(u,s,1,7) > 0] . (70)
0

The necessary conditions for extremum are given by the Euler equations [59]
] r= 0 7 (71)
0
— 27, = 72
] I Js ] I 0, ( )

where J, is the partial derivative of | with respect to r(s). The extremum condition for r(s)
in (71) can be expressed as follows:
T 1
[ an{ (7,00 = Qw61 - (516 2 01+ 5(6))
5 r(s) (73)

0
_f/\l,/\z(ur G)gG . 1[G Z 0]} = 0,

where for brevity, G(u,s, I, r) is replaced by G, and d(x) is the Dirac delta function. The ex-
tremum conditions, as stated in (71) and (72), do not lend themselves into closed-form
analytical solutions even though K = 2, and characterizing them remains an open problem
for future research.

2.5. On Queuing and Multilayer Coding

Classical information theory generally assumes an infinitely long queue of data ready
for transmission, which is motivated by maximizing communication throughput (Shan-
non capacity). In network theory, on the other hand, the input data is usually a random
process that controls writing to a buffer (serving as a queue), and the readout from this
buffer is another random process. In these settings, the design goal of transmission con-
centrates on minimizing the queue delay for the input data. However, designing the
data queue and transmission algorithm cannot be decoupled in the presence of stringent
delay constraints on input data transmission. This is because the objective is no longer
only maximizing the throughput. This conceptual difference between network theory and
information theory can be overcome by posing a common optimization problem and jointly
minimizing the delay of a random input process under a power (rate) control constraint.
This becomes a cross-layer optimization problem involving the joint optimization of two
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Higher Layer
Application

Bu

ffer

layers of the seven-layer open systems interconnection (OSI) model. Other fundamental
gaps between network theory and information theory are covered in detail in [75-78].

Queuing and channel coding for a block fading channel with transmit CSI only, for a
single user, is discussed in [79]. In this section, we first consider optimizing rate and power
allocation for a single layer code transmission. For this scheme, the outage capacity [13]
maximizes the achievable throughput. Rate and power are optimized jointly to minimize
the overall delay. The delay is measured from the arrival of a packet at the queue until
successfully decoded, including, if needed, retransmission due to outage events.

The study in [80] considers a cross-layer system optimization approach for a single-
server queue followed by a multi-layer wireless channel encoder, as depicted in Figure 3.
The main focus is on minimizing the average delay of a packet measured from entering the
queue until successful service completion.

Higher Layer
Application

Encoder &
Transmitter

Fading Channel Receiver

Figure 3. A schematic communication system with a queue buffer followed by a wireless transmitter.

2.5.1. Queue Model—Zero-Padding Queue

Next, we consider the zero-padding queue model described in [80]. It is assumed that
the transmission is performed every time the queue is not empty. If the available queue
data are less than a packet size, a frame can be generated with zero-padding to have a
valid frame for the channel encoder. We define the queuing time as the time from arrival
to completion of service, and the waiting time as the time measured from arrival until
initially being served. The queue’s waiting time analysis can be done at embedded points:
the beginning of every time slot. The random process of packet arrival random at each slot
is a deterministic process denoted by A (bits/channel use).

The queue waiting time can be measured directly based on the queue size, as stated
on Little’s theorem [81], by normalizing the queue size by the inverse of the input rate A.
Notice that Little’s theorem does not consider the instantaneous quantities to the average
waiting time and average queue size. The following equation defines the queue size:

N)\n+1 +Qn — NR;, N)\n+1 +Qn —NR, 20

Qui1 = , (74)
0 otherwise

where N is the number of channel uses between slots, which is also the block length,
and A, is a deterministic queue input rate A. It is noteworthy that in a single-layer
coding, Ry, is a fixed R with probability p, and it is 0 with probability 1 — p. This waiting
time equation is also analyzed in ([82], Chapter 5) for a single-layer coding approach
and a deterministic arrival process, where tight bounds on the expected waiting time
are obtained. For simplicity, by normalization of the queue size by the block-length N,
the Lindley equation is obtained [83]:

Gn+Ans1— Ry Gu+Auj1 — Ry 20
qn-i—l = 7 (75)
0 /qvn + An+1 - Rn < 0

where g, is now the queue size in units of blocks of data corresponding to N arrivals to
the queue. In an outage approach, we have R, = R with probability p, and R, = 0 with a
complementary probability 1 — p, which is also the outage probability. For the rest of the
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analysis, the queue equations will be normalized following (75). We specify the queuing
time equation for completeness of the definitions, which is the overall system delay for the
zero-padding queue. The overall delay must always take into account the additional delay
of service time beyond the queue’s waiting time. The normalized queue size is the waiting
time equivalent, i.e.,

anf%*%/ qn*%zo
In+1 = ’ (76)

% , otherwise
where g, is a normalized queue size at a renewal slot n. In a single-layer coding approach,
it is possible to analyze the queue delay by adopting the standard M/G/1 queue model.
The input random process of an M/G/1 model follows a Poisson process, and its service
distribution is another general random process. In an outage approach, a geometrically
distributed random variable characterizes the time between services. For using the M/G/1
model, an important assumption on the system model is made: input arrives in blocks
that have the same length as the coded transmission blocks. That is, the queue equation is
normalized to the data block size of its corresponding transmission. The number of arrivals
is measured in block units, and the input process has a rate of Anorm.

Having the arrival blocks are equal in size to transmitted blocks is a limiting con-
straint since a change of transmission rate means a change in input block size. Therefore,
the M/G/1 queue model is not adopted in [80], and in the following, we use the zero-
padding queue model as described earlier.

2.5.2. Delay Bounds for a Finite Level Code Layering

We consider here K multi-layer coding, and describe the Lindley equation [81].
The queue update equation is given by

Wy +xp  wyp+x, >0
Wp41 =

0 Wy +x, <0’ 77)

where x;, is the update random variable, which depends on the number of code layers.
Its value represents the difference between the queue input A and the number of layers
successfully decoded, i.e.,

K
Xn Z2A=Y viaR;. (78)
i=1

Random variables {v; ,}X | are associated with the outage probability as function
of layer index. The corresponding fading power thresholds are denoted by {sy,;}X ;.
Random variables {v; , }X , are related to the fading thresholds as follows

1 s < sp < Swhjit1
Vin = , (79)
0 otherwise

where s, is the fading power realization at the nth time-slot, and sy, x 11 = 0. Every ran-
dom variable v;,, has a probability of being 1, denoted by px_;1. Note that outage
probability is

K
p=1-) pi, (80)
i=1
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in which p represents the probability that all layers cannot be decoded. The CDF of the
queue size at these embedding points requires computing the CDF at every time instant.
In this setting, the probability density dFx () of X (78) is given by

K—i+1

K
dFx(x) = Zpi5<x— A=) R,-)) +P8(x—A), (81)
i=1 j=1

where p; = P{sy; < sy < s} fori € {1,...,K} and sy, g1 = co. The next theorem,
discussed in detail in ([80], Appendix B), establishes upper and lower bounds on E[Wk].

Theorem 1 ([80]). For a K-layer coding, the expected queue size is upper and lower bounded by

K K
(R — A)( L piRi_it1 —A) — (Rx —A)? + ;1 pi(Rx — Rx_i41)> + PRE

Elwg] > l - , (82)
2( L piRk—iz1—A)

1

and

K K
2(Rk — )\)(421 piRi—it1 —A) — (Rx —A)* + le pi(Ri — Ri—i11)? +PRY
1= 1=

Flend = X . ®
2(,21 piRk—iz1—A)
i=
1%
where Ry = L R;.
The variance of the achievable rate random variable (TI%KL is given by
2 A K 2 2
R ‘21 piRy i1 — (Rxvav)”, (84)
1=
where
LS
RKL,av = Z Pi%Kﬂ#l . (85)

i=1
Corollary 1. Queue expected size and expected delay for K-layer coding are upper bounded by
2 2

Bl < 5 — (1 - - ) R
= 2(Rkpav — A) Rx1,av " 2Rk1av

, (86)

and the expected delay is upper bounded by

2 2
TRk A TRk

< —/—— - (1- ,
2A(Rkr,av — A) Rxt,av * 2Rk, avA

E[w) k] (87)

where UI%KL and Rky,ay are given by (84) and (85) respectively.

2.5.3. Delay Bounds for Continuum Broadcasting

A continuous broadcasting approach is considered in this section. In this approach,
the transmitter also sends multi-layer coded data. Unlike K-layer coding, the layering is a
continuous function of the channel fading gain parameter. The number of layers is not lim-
ited, and an incremental rate with a differential power allocation is associated with every

— sp(s)ds
T 14sI(s)
layer s. This also determines the transmission power distribution per layer [58]. The resid-

layer. The differential per layer rate is dR(s) and p(s)ds is the transmit power of a
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ual interference for a fading power s is I(s f p(u)du (4). The total achievable rate for a
fading gain realization s is R(s) = OS ;ﬁu T (6). It is possible to extend the K-layer coding

bounds shown above to this continuous broadcast setting. The bounds in (82) and (83)
could be used for broadcasting after performing the following modifications:

1. The number of layers is unlimited, that is K — oo.

2. Since the layering is continuous, every layer i is associated with a fading gain parame-
ter s. Every rate R; is associated with a differential rate dR(s) specified in (3).

3. The cumulative rate R should be replaced by

[00]

Ry = / dR(s) . (88)

0

K
4. Thesum ) p;Rg_;;1 is actually the average rate and it turns to be Ry (7) for the
i=1
continuum case.

K
5. Finally, in finite-level coding the expression Y p;(Rx — Rx_i41)* + ?%R% turns out
i=1

to be

© i u 2

REps & / duf(u) | Rr */ dR(S)] (89)
00o - 0

:/duf(u) /dR(s)] (90)

0 LU
=2 [ duF(u)dR(u) [ dR(s (91)
/ /

in the continuous case, where dR (u) and R(u) are specified in (3) and (6), respectively.
Corollary 2. The queue average size for a continuous code layering is upper and lower bounded by

Rr—A  Ri —(Rr—A)?

>
E[wbs] = 2 2(Rbs _ )\) ’ (92)
R3,. — (Rr — A)?
d,bs
< . 7/
and the average delay is lower and upper bounded by
Rp—A  Rip = (Rr—A)2
> 7/
Elwaps] 2 =23 2A(Rpe — A)’ 64
~A R3 Rr —A)?
Elw)ps] < Rr—A, Raps — (Rr = 4) (95)

A 2A(Rps — A) ’

where Ry, Rt, and Rﬁ bs Are specified in (7), (88), and (89) respectively.
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The variance of the achievable rate random variable O'I%b is given by

ok, 2 [ duf(w[R(w) - RE, (96)
OOO ) ,
— [duf(u)| [dr(s)| - R, ©7)
0 0
=2 [du(1 - F(u))dR(u) [ dR(s) — R2, (98)
s o
:Z/du(l—F(u))dR(u)R(u) ~ R, (99)
0

Corollary 3. The queue average size for a continuous code layering is upper bounded by

2 2

Eftes] < g s — (1= )R (100
2(Rbs - )\) Rps” 2Rps
and the average delay is upper bounded by
2 2
URbs A URbs (101)

E <P (1- =
[wA’bS] o 2/\(Rbs - A) (1 Rbs ) 2Rbs/\ ’
where Ry and U%{bs are given by (7) and (96), respectively.

For minimizing the expected delay in the continuous layering case, it is required to
obtain the optimal p(s) (4) which minimizes the average queue size upper bound. As in
multi-layer coding, an analytic solution is not available and remains an open problem for
further research. However, numerical optimization is impossible here. The constraint of
optimization is a continuous function. The target functional in the optimization problem for
continuous layering does not have a localization property [59]. A functional with localiza-
tion property can be written as an integral of some target function. Our functional contains
a ratio of integrals and further multiplication of integrals, which cannot be converted to
an integral over a single target function. Such functional is also denoted as a nonlocal
functional in [59]. In such cases, it is preferable to look for an approximate representation
of the nonlocal functional, which has the localization property. Alternatively, approximate
target functions with reduced degrees of freedom may be optimized.

An interesting observation from the numerical results of [80] is that when con-
sidering delay as a performance measure, code layering could give noticeable perfor-
mance gains in terms of delay, which are more impressive than those associated with
throughput. This makes layering more attractive when communicating under stringent
delay constraints.

Analytic resource allocation optimization for delay minimization, under the simple
queue model in [80], remains an open problem for further research. In general, when layer-
ing is adopted at the transmitter, in conjunction with successive decoding at the receiver,
the first layer is decoded earlier than other layers, and it has the shortest service time.
Accounting for a different service delay per layer, the basic queue size update equation
(the Lindley equation) should be modified accordingly. The analysis of the broadcast
approach with a per layer queue is a subject for further research. The queue model which
was used in [80] is a zero-padding queue. In this model, the frame size is kept fixed every
transmission, and if the queue is nearly empty, the transmission includes zero-padded bits
on top of queue data. Optimizing the transmission strategy as a function of the queue
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size, such that no zero-padding is required, can further increase layering efficiency and
minimize the expected delay. This is a possible direction for further research.

2.6. Delay Constraints

There are various aspects in which delay constraints in communications may impact
the system design. Stringent delay constraints might not allow to capture the channel er-
godic distribution, and may benefit from a broadcast approach. This is while relaxed delay
constraints may allow transmission of long codewords that capture the channel ergodicity.
When there is a mixture of delay requirements on data using the same physical transmis-
sion resources, interesting coded transmission schemes can be considered. This is studied
in [84] as discussed in next subsections and also widely covered in [85,86]. Another aspect
is decoding multiple independent blocks, as considered in [87], and studied by its equiva-
lent channel setting, which is the MIMO parallel channel [20] and discussed in detail in the
next subsections.

2.6.1. Mixed Delay Constraints

The work in [84] considers the problem of transmission with delay-constrained (DC)
and non-delay-constrained (NDC) streams are transmitted over an SISO channel, with no
CSIT adhering to the broadcast approach for the DC stream. The DC stream comprises lay-
ers that have to be decoded within a short period of a single transmission block. The NDC
stream comprises layers that may be encoded over multiple blocks and decoded after the
complete codeword is received, potentially observing the channel ergodicity. Three overall
approaches are suggested in [84], trying to maximize the expected sum rate. Their achiev-
able rate regions over DC and NDC are examined. A DC stream is always decoded in the
presence of an NDC stream, which is treated as interference. However, before decoding
an NDC stream, the decodable DC layers can be removed, allowing NDC decoding at
the highest signal-to-interference-plus-noise ratio (SINR). A closed-form solution of the
sum-rate maximization problem can be derived for the outage and broadcast DC stream in
parallel to a single NDC layer. When NDC transmission is also composed of multi-layers,
the optimization problem of the expected sum-rate becomes much more complicated.

The joint strategy of accessing both DC and NDC parts on a single channel uses a
two-level block nesting. Every L samples define a block for the DC stream, while the
NDC stream is encoded over K such blocks, consisting of L - K samples. The NDC block
is called a super block. L is large enough for reliable communication for the DC part,
but it is much shorter than the dynamics of the slow fading process. K is large enough
to enable the empirical distribution of the fading coefficient to be similar to the real one.
Two independent streams of information are encoded. The DC stream is decoded at the
completion of each block at the decoder, at a rate dependent upon the realization of the
channel fading coefficient for that block. The NDC stream is decoded only at the completion
of the super block. All of the following proposed schemes assume superposition coding,
equivalent to symbol-wise additivity of the DC and NDC code letters. Denote by w’ the
L-length codeword for the DC code for each block, and zK! the KL-length codeword for
the NDC code for each super block. Define one super block as

ykzi:\/a'(wk,i“'zk,i)“‘”k,i , for i=1,2,...,L, k=1,2,...,K, (102)

where the double sub-index {k, i} is equivalent to the time index (k — 1) - L + i. Note that
slow fading channel nature was used by defining sy ; = si. This scheme reflects a power

constraint of the form E[’wki + Zg i ‘2] < P. Define Rpc(s) as the achievable rate for a fading
power realization s per block. The total expected DC rate over all fading power realizations is
given by

Rpc — /Ooo Fo(u)Rpe ()du . (103)
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Let Rnpc designate the rate of the NDC part, which experiences enough such realiza-
tions throughout communication. When relaxing the stringent delay constraint, coding
over sufficient large blocks achieves ergodic capacity, denoted by Cerg = Es[log(1 + SP)].
Clearly, for any coding scheme Rpc + Rnpe < Cerg-

2.6.2. Broadcasting with Mixed Delay Constraints

The superposition of DC and NDC is employed by allocating a fixed amount of power
per stream. Define the DC relative power portion as p € [0,1], that is B - P is the power
allocated for the DC stream and the rest (1 — ) - P for the NDC stream. The DC part
uses the broadcast approach. During decoding of the DC part, the NDC is treated as
additional interference since during the decoding of each DC block the NDC codeword
cannot be completely received, and thus cannot be decoded nor reconstructed to assist the
DC decoding. The NDC decoder is informed of all DC decoded layers per DC codeword,
and it cancels out the decoded part from the corresponding NDC block, maximizing its
SINR for NDC decoding. By designing the two encoders like described earlier, we can
justify that both DC and NDC parts communicate over a flat fading channel with additive
Gaussian noise. The imposed noise for each part consists of the white channel noise along
with undecodable codewords of those that are undecoded yet from both parts.

The DC encoder uses superposition of an infinite number of layers, ordered using
channel fading realization s in a manner that forms a degraded broadcast channel. Per DC
message, the transmitted codeword of length L is given by

()
wh(my, my, ..., meo) = Y w]L(m]) . (104)
=1

Designate p(s) to be the DC layering power distribution, which will be optimized later
on, and each layer communication scheme will try to overcome a Gaussian channel where
the fading is known to both sides. The NDC encoder sends a single message through a
block of length L - K. By random coding over a Gaussian channel, the codewords can be
generated. A total of elK-Rape codewords can be used, where the channel rate Rypc relies
on the optimized channel power p(s) as well.

The decoders are activated by order. First, the DC decoder works on every L-block
and by successive decoding can reveal as many layers as the channel permits. It is similar to
the classic broadcast approach, except all layers suffer from an undecodable (at this stage)
interference. All DC decoders’ outputs are fed to the NDC decoder, which works after K
such blocks. After removal of the decodable DC codewords of all blocks, the NDC part
is decoded with a minimal residual interference, where the interference includes only the
undecoded DC layers. Calculating the DC rate in the presence of NDC is a direct extension
of [23], which is a special case for B = 1. Define the DC interference for a fading power s as

I(s), implying
I(s):/soop(u)du, and p(s):—%l(s). (105)

It associates the undecodable layers upon a channel fading realization s as noise to the
transmission. It is restricted to the total DC allocated power

10) = [ p(wdu = pP,

with0 < B < 1.
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Lemma 1 (Achievable Expected DC Rate [84]). Any total expected DC rate Rpc, which is
averaged over all fading realizations, that satisfies

° up(u)
Roc< | (= Fs () 7t + @ pypa™ (106)

is achievable.

Lemma 2 (Achievable Expected NDC Rate [84]). Any total expected NDC rate Rnpc, which is
averaged over all fading realizations, that satisfies

Rnpe < /Ooo fs(u)log (1 + m>du , (107)

is achievable.

It is possible to derive the optimal power allocation for DC layering that maximizes
the sum rate (Rpc + Rnpc as stated in (106) and (107), respectively. It is a function that
depends on I(s) according to (105). Specifically, the optimization problem is

I"(s) = argmax{Rpc + Rnpc } st. I(0)=pBP, and I(c)=0. (108)
I(s)

The outage approach is a simple special case of layering, where a single DC coded
layer is used. In this case, the power distribution I(s) is explicitly given by
P if0<s<
I(s) = | PP HO=s=om (109)
0 ifs > sy

p(s) = BP-6(s —swm), (110)

where § is the Dirac function and sy, is a parameter set prior to the communication.
Constant sy, may be interpreted as the fading gain threshold for single layer coding.
The advantages of this approach are low implementation complexity and ease of analysis.
The disadvantage is its sub-optimality. The outage approach is designed for a channel with
fixed fading of sy,. On the one hand, if s > sy,, the message can be transmitted error-free at
a rate adjusted for sy,. On the other hand, if s < sy,, the specific transmission is useless.

Proposition 1 (Joint Optimality by Outage DC [84]). The maximizer I,(s) of (108) subject
that satisfies the form in (109) is specified by sj;, , which can be found as the solution to

fs(s;kh) 10g<1 + ABPS:h) = (1 - FS(S:h)) (l + PS:(h)(lllf:)(l — IB)PS:(h) . (111)

The optimal expected DC outage rate and the optimal expected NDC outage rate, which
together maximize the sum rate are

P *
Rpc,o = (1 - FS(S:h)) log (1 + l—i—(lf—St/?)PS*h) ’ (112)
tl

Rnpeo = /Osth fs(u)log (1 + q;gyy)du + /Sjo fs(u)log(1+ (1 — B)Pu)du . (113)

Maximizing (108) can be derived analytically by developing an Eiiler Equation in
a similar way to [23]. This is done by enlarging the class of admissible functions I(s)
(as opposed to the outage approach) to be continuously differentiable and to satisfy the
boundary conditions I(0) = P and I(o0) = 0.
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Proposition 2 (Joint Optimality by Broadcast DC ). The maximizer Is(s) of (108) when con-
BP

sidering all continuously differentiable boundary conditioned functions is Ips(s) = [I(s)]y , where
=1 =b(x)+ /D2(x) — da(x)c(x)

I(x) = 2 ( e - 1) ) (114)

a(x) = xfs(x), (115)

b(x) =2(1 — B)Pfs(x)x* — (1 - Fs(x)), (116)

c(x) = (1= p)*Pfs(x)x* . (117)

The associated rates Rpc ps and RNpc s can be achieved by substituting it in (106) and (107).

The square root in (114) can impose a finite-length domain for I(s), that can result
in discontinuity at I(s). This situation is addressed by assigning a Dirac function at p(s),
which can be interpreted as a superposition of single-layer coding and continuous layering.
Figure 4 shows the relation of Rpc + Rnpc for the joint outage approach and the joint
broadcast approach, for selected values of B. The total expected sum-rate is the sum of the
DC rate and the NDC rate. As may be observed, if § < 0.9, then the ergodic capacity can
be nearly achieved in high SNRs.

Total Rate RDC+RNDC

10 T T T
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Figure 4. Total rate for several B values and the ergodic capacity vs. the SNR P, for the flat
Rayleigh channel.

2.6.3. Parallel MIMO Two-State Fading Channel

Broadcasting over MIMO channels is still an open problem, and only sub-optimal
achievable schemes are known [23]. The work in [20] considers a two-state parallel MIMO
channel, which is equivalent to a SISO two-state channel, where decoding can be done
over multiple consecutive blocks, as studied in [87]. The work in [20] considers the slow
(block) fading parallel MIMO channel [66], where channel state is known at the receiver
only. Under this channel model, the transmitter may adopt a broadcast approach [23],
which can optimize the expected transmission rate under no transmission CSI, which is
essentially characterized by the variable-to-fixed coding [6].
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The study in [49] composes two degraded broadcast channels [24,88] into a three-
user setup: an encoder with two outputs, each driving a dual-output broadcast channel;
two decoders, where each is fed by one less-noisy broadcast channel output and one
more-noisy output of the other channel (called unmatched). This channel is referred to as
degraded broadcast product channel. For the AWGN case, the capacity region (private and
common rates) of this channel was derived [49]. In [20], the MIMO setting for the broadcast
approach is revisited, with new tools that differ from those in [23,74]. This is by analyzing
the finite-state parallel MIMO channel, where the capacity region in [49] is used to address
the multi-layering optimization problem for maximizing the expected rate of a two-state
fading [87,89,90] parallel MIMO channel.

2.6.4. Capacity of Degraded Gaussian Broadcast Product Channels

Consider the model introduced in [49], which is a two-receiver discrete memory-
less degraded product broadcast channel. The Gaussian case was addressed as a spe-
cial case. A single transmitter encodes two n-length codewords consisting of a com-
mon message wp € {1, ...,2"R0} to be decoded by both users, and two private messages
wpa € {1,...,2"8AY and wap € {1, ...,2"RaB}, one for each of the two decoding users. A sin-
gle function encodes these three messages into two codewords, where each undergoes
parallel degraded broadcast sub-channels

Y1 =x1+nn

z1 = y1 +
where 111,197 ~ CN (0, v;l) , a1, 120 ~ CN(0,v; 1 — v;l). As depicted in the bold
and red parts of Figure 5, two users (namely AB and BA) receive both common and
private messages from the transmitter and independently decode the messages. This is an
unmatched setting, as y; is less noisy than z;, and z; is less noisy than y,. Hence, each of the
users has one less-noisy channel output alongside another, which is the noisier output of
the other sub-channel. Following ([49], Theorem 2), which shows this case, and exploiting
symmetry for equal power allocation to both sub-channels, optimal allocation is expected

to be achieved by equal common rate allocation to every user (state). Denotinga =1 — «,
the capacity region (Ro, Rpa, Rap) is

Zp =Xp+n
and { 2 2 (118)

7
Y2 =22 +np

2 P
"Ry < log(1+ 485 ) +log(1+ by ) , (119)
Ro+ Rpa = Ro+ Rap < 1og(1 n #Vo;gp)ﬂog(l +y,P), (120)
Ro + Rpa + Rap < log(1 + 1,P) + log (1 + 13;;21,) +log(1+vaP).  (121)
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Figure 5. Encoding-decoding scheme of the 2 receiver Gaussian degraded product broadcast channel with users: AA, AB,

BA, BB.
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2.6.5. Extended Degraded Gaussian Broadcast Product Channels

The classical product channel is extended by introducing two dual-input receivers
in addition to the original two. The first gets the two more noisy channel outputs
(z1,y2), whereas the second receives the two less noisy outputs (zz,1). To support
this, two messages waa and wpp are added. The total two n-length codewords are
the superposition of three codewords by independent encoders as follows (Xq,Xp) =
faa(wan) + for(wo, wea, wap) + fes(wps), where subscript cr stands for crossed states
((A,B) or (B, A)). See Figure 5 for an illustration.

Stream AA is decoded first, regardless of whether the others can be decoded (this is
done by treating all the other streams as interference). Then, both streams AB and BA,
including their common stream subscripted 0 can be decoded after removing the AA impact
from their decoder inputs (treating the BB stream as interference). Finally, removing all the
above decoded streams allows decoding stream BB. From (121), we have

Raa < 2log <1 + %) 4 (122)
Raa +Rp < 210g<1 + %)
aner P  awgP
+ log<1 + WM%)P) + log(l + v;1+(ﬁcacr+ocBB)P) / (123)

Raa + Ro+ Rga = Raa + Rog+ Rap
ﬂéAAP oaxch vcch
< 2log(1+ 2282 ) +log (14 el paab 5) +log (1 = Fre P) . (124)

Raa + Ro+ Rga + Rap

< 210g<1 4+ %aalP ) + log (1 + —MaP )

R N v, ' +appP
+ 1og(1 + %) +1log (1 + ]%) ) (125)
Raa + Ro + Rpa + Rap + Rpp
< 2log<1 + %) —i—log(l + %) +1og(1 + %)
—l—log(l—i—%) +2log(1+"‘23f>, (126)

where apa, &cr, app € [0,1] are the relative power allocations for the subscripted letters
apA + aer +apg =1, and a € [0,1] is the single user private power allocation within the
unmatched channel.

2.6.6. Broadcast Encoding Scheme

Adding a message splitter at the transmitter and channel state-dependent message
multiplexer at the receiver enriches the domain. Figure 6 illustrates the encoding and
decoding schemes. During decoding, the four possible channel states S = (51, Sy) impose
different decoding capabilities. If S = (A, A), then gaa (+) can reconstruct waa to achieve
a total rate of Raa. For S = (B, A), gpa(-) is capable of reconstructing three messages
(waa, wo, wpa ) with sum rate of Raa + R + Rpa. Similarly for S = (A, B), ga(+) recon-
structs (waa, wo, wap) with sum rate Ras + Ro + Rap. When both channels are permissive
S = (B, B), all five messages (waa, Wo, Wpa, WaB, wpp) are reconstructed at ¢pp(-) under
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Encoder

the rate Rya + Ro + Rpa + Rap + Rpp. Recall that a single user transmission is of interest
here, thus the expected rate of the parallel channel underhand can be expressed by

Rave = P3RaA + PaPg(Raa + Ro + Rap)
+ PgP4(Raa + Ro + Rpa)

+ P3(Raa + Ro + Rpa + Rap + Rgp) - (127)

Using (126), and since both channels have identical statistics leading to Rag = Rpa,
the achievable average rate is

Rave = 2(P4 4 Pg)?log(1 4 v,P) 4+ Ro(1 — aan)

+ Ry (1 —app — aer) + Ro(1 —appn — aer) (128)

where the new notations are

Ro(wg) = [(Pa + Pp)? — P3]log(1 + vyagP) — [(Pa + Pg)? + P3]log(1 + vaaoP) , (129)
Ry(ay) = P3log(1+ vyay P) — [(Pa + Pg)? — P3]log(1 + veaiP), (130)
Ry(ap) = —2P4Pp log(l + 1/;,0(2P) . (131)
and the arguments satisfy ag = 1 —aap, 01 = 1 —app — ane, and ap = 1 — app —

ae = app. Note that Ro(ag) and Rj(aq) are not obliged to be positive, as they can be
negative for some scenarios, and Ry (a7 ) is non-positive by definition. Denoting the domain
D’ of valid power allocations vector o = [a,aan, &cr, apg]’ € [0,1]* and the operator
[x]+ = max{0, x} yield the following proposition.

Parallel Channel Decoder

_________________________________________________________

_________________________________
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Figure 6. Encoding and decoding scheme of the two receiver Gaussian degraded product broadcast channel broadcast approach.

Proposition 3. The maximal sum rate of the symmetric two parallel two state channel over all
power allocations is

max Rave(a') = 2(Ps + Py)*log(1+ vaP) + max {Ro(1~aaa) +Ra(ai™ (aan))f ,  (132)
where

a(l)pt(aAA) = max{0, min{1 — app,aj}}, (133)

wl = Pgvy — [(Pa + Pg)* — P3]va (134)

[(Pa + Pg)? — P3 — P2lvaup P’

and the latter solves a?TlRl (a) =0.

Corollary 4. The optimal power allocation for the state (B, B) is zxggt =0.
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This is true for any set of parameters v,, vy, P4, Pg, even if Pg — 1 and v, > v,.
Inherently, a penalty occurs when trying to exploit the double permissive state.

Pf(

Corollary 5. Under the optimal power allocation, a®Pt(aps) = 1 — occl) aapn)/ (1 —apn).

This removes a degree of freedom in the optimization problem.
Using these corollaries, and the notation o’ = [&, aaa, &cr, ) T instead of a = [@o, a1, a7 T
we have the following theorem.

Theorem 2. The maximal sum rate of the symmetric two-parallel two-state channel over all
allocations o’ € D' is

RePe = 2(Pa + Pp)?log(1 + v, P) + max {{Ro(l_“AA)+R1((1_“AA)'(1_"‘Opt(“AA)))} , (135)

<aaa<

where

. P2y, —[(Pa+Pg)?—P3]va
rCLa% (apn) = [mm{l,l— et }L (136)

Denoting the arqument of the maximization as aOA}X, the optimal power allocation vector is

/Pt = [Pt (wpp), aOAIX, 1— ocOA}X,O}T

From Proposition 3 and by setting a1 = 1 — aan — ater = (1 —aan) (1 — @), it can be
observed that the optimal allocation for state BB is agg = 0. For evaluation of the advantage
of the joint xp and a, the following sub-optimal schemes are compared: (a) independent
broadcasting; (b) privately broadcasting; and (c) only common broadcasting. A scheme
for which the encoder disjointly encodes different messages into each single channel of
the parallel channel using the broadcast approach over the fading channel is denoted
by independent broadcasting. The broadcast approach for fading SISO channel relies on
two main operations: superposition coding by layering at the transmitter; and successive
interference cancellation at the receiver. The maximal expected sum rate of the symmetric
two parallel two state channel under independent broadcasting is

Rave "% = 2(Pg + Pp) 10g (1 Htbecamryp ) + 2P log (1 + vy (1 — a™+beopt) ),

1 _lxind—bc,opt )P

aPoP = [min{1,1 - Aoy e ] (137)

A scheme for which no power is allocated for the common stream in the (B, A) and
(A, B) states (message wy) is called privately broadcasting. This scheme is equivalent to
setting &« = 0 in Theorem 2, thus allocating encoding power from the common stream
(Ro = 0) to the other streams Raa, Rap, Rpa and Rpp, which achieves optimality for

~bc,opt . Pp—P, —|[Pg+Palva
txng C,Oopt _ {mm{l,l — B é}ll’/,Zva[vﬁ;r ale H-i- (138)

A scheme for which all of the crossed state power is allocated only to the common
stream (message wp) and no power is allocated to the private messages (no allocation
for messages wap and wgy ) is called only common broadcasting. This scheme is equivalent
to setting &« = 1 in Theorem 2, thus allocating encoding power from the private streams
(Rap = Rpa = 0) to the other streams Raa, Rg and Rgp, which achieves optimality for

2_p27, 2. p2
acAnAn-bc,opt _ [min{l,l— [(Pa+Pg) Pgl];%bvﬂ[ff;-i-PB) +PA]Va}] . (139)
+
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The result in Theorem 2 differs from the one presented in [87] for the two-parallel
two state channel. In [87] it is chosen to transmit only common information to the pairs
(A,B) and (B, A). (Ref. [87], Equation (39)) clearly states that for the crossed states (A, B)
and (B, A) only common rate is used without justification. It is further claimed that this is
an expected rate upper bound for some power allocation. The result in (137) proves that
broadcasting common information only, i.e., # = 1 is sub-optimal, and does not yield the
maximal average rate.

2.7. Broadcast Approach via Dirty Paper Coding

We conclude this section by noting the relevance of dirty paper coding (DPC) to
the broadcast approaches discussed. Even though the central focus of the broadcast
approaches discussed is superposition coding, all these approaches can be revisited by
instead adopting dirty paper coding. Information layers generated by a broadcast approach
interfere with one another with the key property that the interference is known to the
transmitter. DPC enables effective transmission when the transmitted signal is corrupted by
interference (and noise in general) terms that are known to the transmitter. This is facilitated
via precoding the transmitted signal by accounting for and canceling the interference.

DPC plays a pivotal role in the broadcast channel. It is an optimal (capacity-achieving)
scheme for the multi-antenna Gaussian broadcast channel [47,50] with general message
sets and effective, in the form of binning, for the general broadcast channel with degraded
message sets [22]. To discuss the application of the DPC in the broadcast approach, consider
the single-user channel with a two-state fading process, that is for the model in (1) we have
h € {hy, hs} where |hy| < |hs|, rendering the following two models in these two states:

Yw = hpx + 1y, (140)
Ys = hsx + ng, (141)

which can be also considered a broadcast channel with two receivers with channels #;, and
hs. The broadcast region for this channel can be achieved by both superposition coding
and DPC. When the noise terms have standard Gaussian distribution, the capacity region
is characterized by all pairs

1 aP|hy|?
< =
Ry < 210g<1+ 15— a)Plial )’ (142)
Rs leg %log(l +( —zx)P|hs|2) . (143)

over all « € [0,1]. This capacity region is achievable by superposition coding of two
information layers x;, and x; with rates Ry, and R to transmit x = x;, + x;. The same region
can be achieved by DPC, where x;, is generated and decoded as done in superposition
coding, and x; is designed by treating x;, as the interference known to the transmitter
non-causally. It is noteworthy that the original design of DPC in [91] the non-causally
known interference term is modeled as additive Gaussian noise. However, as shown in [92],
the interference term can be any sequence, like a Gaussian codeword, and still achieve the
same capacity region.

The operational difference of superposition coding and DPC at the receiver side is
that when using superposition coding, at the stronger receiver, the layers x;, and x5 have to
be decoded sequentially, while when using DPC, the two layers can be decoded in parallel.
This observation alludes to an operational advantage of DPC over superposition coding:
while both achieving the capacity region, DPC imposes shorter decoding latency.

3. The Multiple Access Channel
3.1. Overview

As discussed in detail in Section 2, CSI uncertainties result in degradation in com-
munication reliability. Such degradations can be further exacerbated as we transition
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to multiuser networks consisting of a larger number of simultaneously communicating
users. Irrespective of multiuser channel models, a common realistic assumption is that
slowly varying channels can be estimated by the receivers with high fidelity, providing
the receivers with the CSI. Acquiring the CSI by the transmitters can be further facilitated
via feedback from the receivers. However, feedback communication is often infeasible
or incurs additional communication and delay costs, which increase significantly as the
number of transmitters and receivers grows in the network.

This section focuses on the multi-access channel, consisting of multiple users with
independent messages communicating with a common receiver. The channels undergo
slow fading processes. Similar to the setting considered in Section 2, it is assumed that the
receivers can acquire the CSI with high fidelity (e.g., through training sessions). While the
receiver has perfect and instantaneous access to the states of all channels, the transmitters
are either entirely or partially oblivious to the CSI, rendering settings in which the trans-
mitters face CSI uncertainty. The information-theoretic limits of the MAC when all the
transmitters and receivers have complete CSI are well-investigated [7,93,94]. Furthermore,
there is a rich literature on the MAC’s information-theoretic limits under varying degrees of
availability of instantaneous CSIT. Representative studies on the capacity region include the
impact of degraded CSIT [95], quantized and asymmetric CSIT [96], asymmetric delayed
CSIT [97], non-causal asymmetric partial CSIT [98], and symmetric noisy CSIT [99]. Bounds
on the capacity region of the memoryless MAC in which the CSIT is made available to
a different encoder in a causal manner are characterized in [100]. Counterpart results
are characterized for the case of common CSI at all transmitters in [101], which are also
extended in [102] to address the case in which the encoder compresses previously trans-
mitted symbols and the previous states. The study in [103] provides an inner bound on
the capacity region of the discrete and Gaussian memoryless two-user MAC in which the
CSl is made available to one of the encoders non-causally. An inner bound on the capacity
of the Gaussian MAC is derived in [104] when both encoders are aware of the CSI in a
strictly causal manner. The capacity region of a cooperative MAC with partial CSIT is
characterized in [105]. The capacity region of the multiuser Gaussian MAC in which each
interference state is known to only one transmitter is characterized within a constant gap
in [106]. A two-user generalized MAC with correlated states and non-causally known CSIT
is studied in [107]. In [108], a two-user Gaussian double-dirty compound MAC with partial
CSIT is studied. The capacity regions of a MAC with full and distributed CSIT are analyzed
in [109]. A two-user cooperative MAC with correlated states and partial CSIT is analyzed
in [110]. The study in [111] characterizes inner and upper bounds on the capacity region of
a finite-state MAC with feedback.

Despite the rich literature on the MAC with full CSIT, when the transmitters can
acquire only the probability distribution of the fading channel state, without any instan-
taneous CSIT, the performance limits are not fully known. The broadcast approach is
investigated for the two-user MAC with no CSIT in [73,89,90,112-114]. The multiple access
channel is primarily studied in [73,89,90,112-114]. Specifically, the effectiveness of a broad-
cast strategy for multiuser channels is investigated in [73,90,112] for the settings in which
the transmitters are oblivious to all channels, and in [89,114] for the settings in which each
transmitter is oblivious to only channels linking other users to the receiver. Specifically,
when the transmitters are oblivious to all channels, the approaches in [73] and [112] adopt
the broadcast strategy designed for single-user channels and directly apply it to the MAC.
As a result, each transmitter generates a number of information streams, each adapted to a
specific realization of the direct channel linking the transmitter to the receiver. The study
in [90] takes a different approach based on the premise that the contribution of each user
to the overall performance of the multiple access channel not only depends on the direct
channel linking this user to the receiver, but it is also influenced by the relative qualities of
the other users’ channels. Hence, it proposes a strategy in which the information streams
are generated and adapted to the channel’s combined state resulting from incorporating all
individual channel states. The setting in which the transmitters have only local CSIT, that is,
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each transmitter has the CSI of its direct channel to the receiver while being unaware of the
states of other users’ channels, is studied in [89,114]. Medium access without transmitter
coordination is studied in [115].

The remainder of this section is organized as follows. This section focuses primarily
on the two-user MAC, for which we provide a model in Section 3.2. We start by discussing
the settings in which the transmitters have access to only the statistical model of the
channel, and they are oblivious to the channel model in Section 3.4 with an emphasis
on continuous channel models. Next, we focus on the setting in which the receiver has
full CSI, and the transmitters have only the statistical model of the CSI and review two
broadcast approaches in Sections 3.5 and 3.6. The focus of these two subsections is two-state
discrete channel models. Their generalization to multi-state channels will be discussed
in Section 3.7. Finally, we will review two broadcast approach solutions for settings with
local (partial) CSIT in Sections 3.8 and 3.9. The focus of these two subsections are on the
two-state discrete channel models, and their generalization to the multi-state models is
discussed in Section 3.10.
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Figure 7. Equivalent degraded broadcast channel corresponding to a two-user four state multiple
access channel with channel gains s; and s;.

3.2. Network Model

Consider a two-user multiple access channel, in which two independent users transmit
independent messages to a common receiver via a discrete-time Gaussian multiple-access
fading channel. All the users are equipped with one antenna, and the random channel coef-
ficients are statistically independent. The fading process is assumed to remain unchanged
during each transmission cycle and can change to independent states afterward. The users
are subject to an average transmission power constraint P. By defining x; as the signal of
transmitter i € {1,2} and h; as the coefficient of the channel linking transmitter i € {1,2}
to the receiver, the received signal is

y=hxy+hyxo+n, (144)

where 1 accounts for the AWGN with mean 0 and variance 1. We consider both continuous
and discrete models for the channel.

3.2.1. Discrete Channel Model

Each of the channels, independently of the other one, can be in one of the finite distinct
states. We denote the number of states by ¢/ € N and denote the distinct values that /;
and hy can take by {\/s,, : m € {1,...,¢}}. Hence the multiple access channel can be
in one of the combined ¢? states. By leveraging the broadcast approach (c.f. [23,25,112]),
the communication model in (144) can be equivalently presented by a broadcast network
that has two inputs x; and x, and ¢? outputs, each corresponding to one channel state
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combination. Each output corresponds to one possible combinations of channels /; and h;.
We denote the output corresponding to the combination h; = /s, and hy = /s, by

Ymn = /SmX1 + \/5352 + Mn (145)

where 71, is a standard Gaussian random variable for all m,n € {1, ..., ¢}. Figure 7 depicts
this network for the case of the two-state channels (¢ = 2). Without loss of generality and
for the convenience in notations, we assume that channel gains {s,, : m € {1,...,¢}} take
real positive values and are ordered in the ascending order, i.e., 0 < 53 < s < -+ < 5.
We define py,, as the probability of the state (hy,h2) = (Sm,Sn). Accordingly, we also
define g, = Zﬁ:l Pmn and p, = an:1 Pmn. We will focus throughout the section on the
case of symmetric average transmission power constraints, i.e., P = P, = P, whereas the
generalization to the case of asymmetric power constraints is straightforward.

3.2.2. Continuous Channel Model

In the continuous channel model, the fading coefficients /; and h; take a continuous
of values that follow known statistical models. These statistical models are known to
the transmitter and receiver. We denote the fading powers by s; = |h|? and s, = |hy|?.
Depending on channel realizations, denote the channel output when the channel gains are
s and s; by

]/5152 = \/ﬁxl + \/5x2 + nS]SZ . (146)

Throughout this section, we use the notation C(x,y) = % log, (1+ w%)
P

We review settings in which the transmitters are either fully oblivious to all channels or
have local CSIT. That is, each transmitter 1 (2) knows channel /1; () while being unaware
of channel ;, (h1). We refer to this model by L-CSIT, and similarly to the N-CSIT setting,
we characterize an achievable rate region for it.

3.3. Degradedness and Optimal Rate Spitting

The broadcast approach’s hallmark is a designating an order of degradedness among
different network realizations based on their qualities. Designating degradedness in the
single-user single-antenna channel arises naturally, as discussed in Section 2. However,
for the multiuser networks, there is no natural notion of degradedness, and any ordering
approach will at least bear some level of heuristics. In the broadcast approaches that we
discuss in this section for the MAC, we use the capacity region of the multiple access
channels under different network states. Based on this notion of degradedness, once one
of the channels improves, the associated capacity region expands, alluding the to the
possibility of sustaining higher reliable rates.

3.4. MAC without CSIT—Continuous Channels

We start by discussing the canonical Gaussian multiple-access channel in which the
channels undergo a continuous fading model in (146). This is the setting that is primarily
investigated in [73]. To formalize this approach, we define R;(s) as the reliability communi-
cated information rate of transmitter i at fading level s. Similarly to the single-user channel,
we define p;(s) as the power assigned to the infinitesimal information layer of transmitter i
corresponding to fading power s. Accordingly, we define the interference terms

L) = [ piw) du. (147)
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when the channels fading powers are s; and s, we define SNR;(s1, sp) as the effective SNR
of transmitter i. These SNR terms satisfy

51
NR =
SNRq(s1,82) = 7 + 551> (SNRx(s1,52)) 7 148
SNRy(s1,52) = N -
2\°1,92) — 1+5211<SNR1<51/52)) .

Hence, corresponding to this channel combination, the rate that transmitter i can
sustain reliability is

SNRi(s1,82) —udI;(u)
Ri(s1,82) = /0 1+ uli(u)’ -

and subsequently, the expected rate of transmitter i is

R = B[R (sy52)] = [ (1= R e (150
where F; denotes the CDF of SNR;(s1, s2). Any resource allocation or optimization problem
over the average rates Ry and R; consists in determining the power allocation functions
pi(s). For instance, finding the transmission policy that yields the maximum average rate
Ry + R; boils down to designing functions p; and p;. The same formulation can be readily
generalized to the K-user MAC, in which we designate a power allocation function to each
transmitter, accordingly define the interference functions, the achievable rates for each

specific channel realization, and the average rate of each user.

3.5. MAC without CSIT—Two-State Channels: Adapting Streams to the Single-User Channels

We continue by reviewing finite-state multi-access channels. This setting is first inves-
tigated in [112] for the two-state discrete channel model. As suggested in [112], one can
readily adopt the single-user strategy of [25] and split the information stream of a transmit-
ter into two streams, each corresponding to one fading state, and encodes them indepen-
dently. Recalling the canonical model in (146), let us refer to the channel with the fading
gains s and s, as weak and strong channels, respectively (We will use this strong versus
weak dichotomous model throughout Section 3).The two encoded information streams
are subsequently superimposed and transmitted over the channel. One of the streams,
denoted by Wi, is always decoded by the receiver, while the second stream, denoted by
W, is decoded only when the channel is strong.

This strategy is adopted and directly applied to the multiple access channel in [112].
Specifically, it generates two coded information streams per transmitter, where the streams
of user i € {1,2} are denoted by {Wi, Wi}. Based on the channels’ actual realizations, a
combination of these streams is successively decoded by the receiver. In the first stage, the
baseline streams W{ and W?, which constitute the minimum amount of guaranteed infor-
mation, are decoded. Additionally, when the channel between transmitter i and the receiver,
i.e., h; is strong, in the second stage information stream W} is also decoded. Table 1 depicts
the decoding sequence corresponding to each of the four possible channel combinations.

Table 1. Successive decoding order when adapting the layers to the single-user channels.

(3, h3) Decoding Stage 1 Decoding Stage 2
(s1,51) Wi, w2

(s2,51) Wi, w2 W}

(s1,52) Wi, Wi W3

(s2,52) W}, W? Wy, W2
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Based on the codebook assignment and decoding specified in Table 1, the equivalent
multiuser network is depicted in Figure 8. The performance limits on the rates are character-
ized by delineating the interplay among the rates of the four codebooks {W}, W2, W}, W2}.

We denote the rate of codebook W{ by R(W{ ). There are two ways of grouping these rates
and assessing the interplay among different groups. One approach would be analyzing
the interplay between the rate of the codebooks adapted to the weak channels and the
codebooks’ rate adapted to the strong channels. The second approach would be analyzing
the interplay between the rates of the two users. In a symmetric case and in the face of
CSIT uncertainty, a natural choice will be the former approach. For this purpose, define
Ry = R% + R% and Ry = R; + R% as the rate of the codebooks adapted to the weak and
strong channels, respectively. The study in [112] characterizes the capacity region of the
pair (Ry, Rs) achievable in the Gaussian channel, where it is shown that superposition
coding is the optimal coding strategy. The capacity region of this channel is specified in the
following theorem.
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Figure 8. Equivalent network when adapting the layers to the single-user channels (no CSIT).

Theorem 3 ([112]). The (Rw, Rs) capacity region for the channel depicted in Figure 8 is given by
the set of all rates satisfying

Ry <C(251(1-B), 251B), (151)
Rs < C(2sp,0), (152)

forall B € [0,1].

3.6. MAC without CSIT—Two-State Channels: State-Dependent Layering

In the approach of Section 3.5, each transmitter adapts its transmission to its direct
link to the receiver without regards for the channel linking the other transmission to the
receiver. However, the contribution of user i € {1,2} to a network-wide performance
metric (e.g., sum-rate capacity) depends not only on the quality of the channel #;, but also
on the quality of the channel of the other user. This motivates adapting the transmission
scheme of each transmitter to the MAC’s combined state instead of the individual channels.
As investigated in [90,113] adapting to the network state can be facilitated by assigning
more information streams to each transmitter and adapting them to the combined effect
of both channels. Designing and assigning more than two information streams to each
transmitter allows for a finer resolution in successive decoding, which in turn expands the
capacity region characterized in [112].

To review the encoding and decoding scheme as well as the attendant rate regions,
we start by focusing on the two-state discrete channel model. This setting furnishes the
context to highlight the differences between streaming and successive decoding strategy
in this section and those investigated in Section 3.5. By leveraging the intuition gained,
the general multi-state discrete channel model will be discussed in Section 3.6.
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In the approach that adapts the transmissions to the combined network states, each trans-
mitter splits its message into four streams corresponding to the four possible combina-
tions of the two channels. These codebooks for transmitter i € {1,2} are denoted by
{Wi,, Wi,, Wi, Wi,}, where the information stream W/, is associated with the channel
realization in which the channel gain of user i is s,, and the channel gain of the other user is
sy. These stream assignments are demonstrated in Figure 9. The initial streams {W},, W2}
account for the minimum amount of guaranteed information, which are adapted to the
channel combination (h%,43) = (s1,51) and they should be decoded by all four possible
channel combinations. When at least one of the channels is strong, the remaining codebooks
are grouped and adapted to different channel realizations according to the assignments
described in Figure 9. Specifically:

e The second group of streams {WL,, W2, } are reserved to be decoded in addition to
{W{;, W2} when h is strong, while /; is still weak.

e Alternatively, when F; is weak and h; is strong, instead the third group of streams,
ie., {W211, lez}r are decoded.

¢  Finally, when both channels are strong, in addition to all the previous streams, the
fourth group {W3,, W3,} is also decoded.

The order in which the codebooks are successively decoded in different network states
is presented in Table 2. Based on this successive decoding order, channel gain state (s1,s1) is
degraded with respect to all other states (i.e., the capacity region of the MAC corresponding
to receiver yq; is strictly smaller than those of the other three receivers), while (s1,s7)
and (s, s1) are degraded with respect to (sp,s7). Clearly, the codebook assignment and
successive decoding approach presented in Table 2 subsumes the one proposed in [112]
presented in Table 1. In particular, Table 1 can be recovered as a special case of Table 2 by
setting the rates of the streams {Wzll, W;-l, Wzlz, Wi22} to zero. The codebook assignment
and decoding order discussed leads to the equivalent multiuser network with two inputs
{x1,x2} and four outputs {y11,y12, Y21, Y22}, as depicted in Figure 10. Each receiver is
designated to decode a pre-specified set of codebooks.

2 2
hl S S2 h2 S
12 L TSI 2
2 1 1 1 2 2
S1| Wh Wiy S1| Wi Wiy
1 1 2 2
so| Wa Wi S Wi W
User 1 User 2
Figure 9. Streaming and codebook assignments by user 1 and user 2.
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Figure 10. Equivalent network when adapting the layers to the multiple-access channel (no CSIT).
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Table 2. Successive decoding order of the streams adapted to the MAC.
(h3, h3) Stage 1 Stage 2 Stage 3
(s1,51) Wi, W2
(52151) WH/W le,W
(s1,52) Wi, W3 W, Wi,
1 2 1 2
(s2,82) an W11 Wiy, W12f W21f Wy Wa,, Wa,

Next, we delineate the region of all achievable rates Ri, for i,u,v € {1,2}, where R,
accounts for the rate of codebook W', Define B, € [0,1] as the fraction of the power that
transmitter i allocates to stream Wi, for u € {1,2} and v € {1,2}, where we clearly have

Y2 Y2, Bi, = 1. For the simplicity in notations, and in order to place the emphasis on
the 1nterplay among the rates of different information streams, we focus on a symmetric
setting in which relevant streams in different users have identical rates, i.e., rates of
information streams W, and W2,, denoted by R, and R?, respectively, are the same,
and it is denoted by Ry, i.e., Ryp = RL, = R2,.

Theorem 4 ([90]). The achievable rate region of the rates (Rq1, R12, Ro1, Rop) for the channel
depicted in Figure 10 is the set of all rates satisfying:

Ry < m (153)
Ry < 2 (154)
Ry < 1y (155)
Rip+Ry <1 (156)
2R;p+ Ry < (157)
Rip + 2Ry < rél (158)
Ry <y, (159)

over all possible power allocation factors Bi,, € [0,1] such that »2_x2 B, = 1, where by
setting Buy = 1 — Bup we have defined

r11 = min {% C(2s1B11,251B11), C(s1B11, (51 + 52) B11) } ,C(s2B12,51(B12 + B2) +s2(Ba1 + ﬁzz)))} . (160)
12 = min {% C (20212, 20222) , C (w212, 01 (P12 + P22) + a2 (Bo1 + 522)))} , (161)
r21 = min {% C(252B21,252B22) , C(51B21,51 (B2 + B2) + 52(B21 + B22)) } , (162)
ry = min {% C(252(Br2 + 1), 252P22), C(s1B21 + 5212, 91(B12 + B2) + 52(B1 + B2)) } ,

2= C(s2(2Br2 + Bn) , 252B22) , (163)

151 = C(sa(Br2 +2B21) , 252B22) , (164)

= 3C(252pn, 0) (165)

Proof. The proof follows from the structure of the rate-splitting approach presented in
Figure 9 and the decoding strategy presented in Table 2. The detailed proof is provided
in ([90], Appendix B). O

In order to compare the achievable rate region in Theorem 4 and the capacity region
presented in Theorem 3, we group the information streams in the way that they are ordered
and decoded in [112]. Specifically, the streams {W211, szl, Wzlz, szz} are allocated zero
power. Information streams W{; and W2, are adapted to the weak channels, and the
information streams W2, and W7, are reserved to be decoded when one or both channels
are strong. Information streams adapted to the strong channels are grouped, and their rates



Entropy 2021, 23, 120

43 of 137

are aggregated, and those adapted to the weak channels are also groups, and their rates
are aggregated. Based on this, the region presented in Theorem 4 can be used to form the
sum-rates Ry, = (Ri; + R3;) and R = (R}, + R%)).

Theorem 5 ([90]). By setting the power allocated to streams {W}, W3, W), W2, } to zero,
the achievable rate region characterized by Theorem 4 reduces to the following region, which coincides
with the capacity region characterized in [112].

Ry < min{as,ag,a9,a4 +ag}, (166)
and Ry < c(szﬁ%2 + 5282, o) , (167)
where we have defined

(Sl(ﬁn +Bi1)s1(Biy + 511)) (168)

ag = (Slﬁn , s1p1p + 52511) (169)

(51f511 +s52p71, s1B1y + 52/311) (170)

(51511 , s2Pi1 + 51/311) (171)

(Szﬁn +s1871 , 2Bty + 51511) (172)

Proof. See ([90], Appendix D). O

Figure 11 quantifies and compares the achievable rate region characterized in Theo-
rems 4 and 5 with the capacity region characterized in Theorem 3. The regions presented in
Theorems 4 and 5 capture the interplay among the rates of the individual codebooks and
the capacity region of Theorem 3 characterize the trade-off between the sum-rates of the
information streams adapted to the weak and strong channels. To have a common ground
for comparisons, the result of Theorems 4 and 5 can be presented to signify the codebooks
of the weak and strong channel states. Recall that earlier we defined the sum-rates

Ry =Rl; +R};, and Rs=Rl,+R3, (173)
Accordingly, for the coding scheme (Table 2) we define

Ry =R}y + R} + Ry + R3; + Rj, + R, (174)
and R =R, +R3,. (175)

Based on these definitions, Figure 11 demonstrates the regions described by (R, Rs)
and (Ry, R,), in which the transmission SNR is 10, the channel coefficients are (,/51, \/52) =
(0.5,1), and the regions are optimized over all possible power allocation ratios. The
numerical evaluation in Figure 11 depict that the achievable rate region in Theorem 4
subsumes that of Theorem 5 (and subsequently, that of 3), and the gap between the two
regions diminishes as the rates of the information layers adapted to the strong channels
increases, i.e., Rs and R; increase. Next, in order to assess the tightness of the achievable
rate regions, we present an outer bound on the capacity region of the network in Figure 10.

Theorem 6 ([90]). An outer bound for the capacity region of the rates (R11, R12, Ro1, Rop) for the
channel depicted in Figure 10 is the set of all rates satisfying:

1 1 1
Rqy1 < 53 Ry < 524, Ry < 527, Ry <1y,
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where we have defined

g4 = C(Szﬁ%z +52B72 , S2B3 + Szﬁ%z) , (176)

a7 = C(Szﬁ% 52631, 5283 + Szﬁ%z) , (177)

rp = %C(Zszﬁzz , 0). (178)

Figure 12 compares the outer bound specified in Theorem 6 and the achievable rate re-
gion presented in Theorem 4 for SNR values 1 and 5, and the choice of (1/51, \/52) = (0.5,1).
Corresponding to each SNR, this figure illustrates the capacity region obtained in Theorem 3,
as well as the achievable rate region and the outer bound reviewed in this section.

To evaluate the average rate as a long-term relevant proper measure capturing
the expected rate over a large number of transmission cycles, where each cycle under-
goes an independent fading realization. Consider a symmetric channel, in which the
corresponding information streams are allocated identical power and have the same
rate, and set R,, = R, = R2, for u,v € {1,2}. In addition, consider a symmetric dis-
tribution for hy and hy such that P(h? = 5;) = P(h3 = s;) for i € {1,2}, and define
p = P(h? = s1) = P(h3 = s1). By leveraging the stochastic model of the fading process,
the average rate is

Rave = 2[R11 + (1 — p)(R12 + Ra1) + (1 — p)*Roo] . (179)

Figure 13 depicts the variations of the average sum-rate versus p for different values
of s1. The observations from this figure also confirm that higher gain levels are exhibited
as p decreases. It is noteworthy that the results from Figure 11 validates the observations
from Figure 13 that improvement in average rate is significant when the probability of
encountering a weak channel state is low since the rate distribution considered in the
achievable rate region comparison will correspond to average rate if the probability of
observing sy is zero.

2 T T T T
\— - Two Information layers per transmitter (Section 3.4)
—— Four information layers per transmitter (Section 3.5)
1.5F i
o 1r 1
0.5r i
O 1 1 1 1
0 0.5 1 1.5 2 2.5

Figure 11. Comparison of the capacity region in Section 3.5 and achievable rate region in Section 3.6
demonstrating the trade-off between Rs and Ry, and Rs and Ry,. Transmission SNR is 10, and the

channel gains are (,/51,+/52) = (0.5,1).
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——2 layers per transmitter — Section 3.4 (SNR = 1)
—»—4 layers per transmitter — Section 3.5 (SNR = 1)
-------- Outer bound (SNR = 1)
—&—2 layers per transmitter — Section 3.4 (SNR = 5)
—8—4 layers per transmitter — Section 3.5 (SNR = 5)
—— Outer bound (SNR = 5)

0 |
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0.4 0.6 0.8 1 1.2 1.4 1.6

Figure 12. Comparison of the capacity region in Section 3.5 and achievable rate region and outer

bounds in Section 3.6.
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1.6 -» 2 codebook per TX, o = 0.64 (Section 3.4) |
) fox e ——4 codebook per TX, a; = 0.64 (Section 3.5)
= Aoy "
o] o g g
=15
&L
=
0
) 14 [
&0
<
S
> 13r
= 3
121
0 0.1 0.2 0.3 0.4
p

Figure 13. Average sum-rate versus p for different values of s; (s = 1 and SNR =5).

3.7. MAC without CSIT—Multi-State Channels: State-Dependent Layering

The idea of adapting the transmission to the combined network states can be ex-
tended to devise codebook assignment and decoding strategy schemes for the general
multiple-state channel. Similarly to the two-state channel, in the ¢/-state channel model,
% codebooks are assigned to each transmitter. Hence, corresponding to the combined
channel state (13,h3) = (sy,sp) codebook W;q is assigned to transmitter 1 and codebook

ng is assigned to transmitter 2. By following the same line of analysis as in the two-state
channel, the network state (hZ, h3) = (s1,51) can be readily verified to be degraded with
respect to states (s1,s2), (s2,51), and (sp,s2) when s, > s1. Additionally, channel combina-
tions (s1,s5) and (s, s1) are also degraded with respect to state (s, s;). When a particular
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transmitter’s channel becomes stronger while the interfering channel remains constant,
the transmitter affords to decode additional codebooks. Similarly, when a transmitter’s
own channel remains constant while the interfering channel becomes stronger, the trans-
mitter can decode additional layers. This can be facilitated by decoding and removing
the interfering transmitter’s message, based on which the transmitter experiences reduced
interference. Based on these observations, by ordering the different realizations of /11 and hy
in the ascending order and determining their relative degradedness, a successive decoding
strategy is illustrated in Table 3. In this table, A, ,; denotes the cell in the pth row and the
gth column, and it specifies the set of codebooks U, to be decoded when the combined
channel state is (h2,h3) = (s, sp). In this table, the codebooks set to be decoded in each
possible combined state is recursively related to the codebooks decoded in the weaker
channels. Specifically, the state corresponding to A, 1,1 is degraded with respect to
states A, 1 and Ay, 4. Therefore, in the state Ay 4, the receiver decodes all streams from
states Ap_14-1 (included inU,_15-1), Ap4-1 (included in U, ; 1), and A, 1,4 (included
inU,_1,). Subsequently, these are followed by decoding one additional stream from each
user denoted by W;q and ng. When both channel coefficients have the strongest possible
realizations, all the streams from both users will be decoded at the receiver.

Table 3. Successive decoding order for the ¢-state MAC.

h2
2 1 s1 s2 .. sq .. )

51 L 1“11 , . . . Us(e-1
Wiy, Wiy Wiz, Wi Wi, Wi

s2 ]Un , Un r1u12 /21/121 o . iy Uno—1y » Upge—ry ,» U
Wo1, Wi, Wap , Wy Wy, Wh

Sp : : - u(pfl)(qfl)'lup(qul)'u(pfl)w

pg s WVap

St Z/f1<1;>1)12 u(l’—l)lrllf{élrlzfi(é’—l)b . . - Ue—1)e-1) /1144(19721) s Uy

Wi Wi Wi Wy, Wie . Wiy

Next, the rate region achieved is presented in Theorem 7 for the general multi-state
channel. It can be verified that the region characterized by Theorem 4 is subsumed by this
general rate region. Similarly to the two-state channel settings, define R/, as the rate of
codebook Wi, fori € {1,2} and u,v € {1,...,¢}. Furthermore, define B, € [0, 1] as the
fraction of the power allocated to the codebook W', where Zﬁzl 25:1 Buv = 1. For the
simplicity in notations and for emphasizing the interplay among the rates, we focus on the
symmetric case in which Ry, = RL, = RZ,.

Theorem 7 ([90]). A region of simultaneously achievable rates

{Ryp:u<v and u,ve{l,...,0}}
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for an {-state two-user multiple access channel is characterized as the set of all rates satisfying:

Ry < min{bl (”r v), bZ(”z U)/ 173(124,0)} (180)

Row < min{b4<u, ), W} (181)

Ruo + Rou < min{bé(u, 0),by(,v), B } (182)
2Ryp + Ryy < b9(u/ "U) (183)
Ruv + 2Ry < bl()(u/ ZJ) (184)
Ry, < min{ bu (1), blzz(”) } ) (185)

where constants {b; : i € {1,...,12}} are specified in Appendix A.

3.8. MAC with Local CSIT—Two-State Channels: Fixed Layering

Next, we turn to the setting in which the transmitters have local CSI. Specifically,
each channel randomly takes one of a finite number of states, and each transmitter only
knows the state of its direct channel to the receiver perfectly, along with the probability
distribution of the state of the other transmitter’s channel. This model was first studied
in [114], in which a single-user broadcast approach is directly applied to the MAC. In this
approach, each transmitter generates two coded layers, where each layer is adapted to one
of the states of the channel linking the other transmitter to its receiver. This transmission
approach is followed by successive decoding at the receiver in which there exists a pre-
specified order of decoding of the information layers.

This scheme assigns codebooks based on channels’ strengths such that it reserves one
additional information layer as the channel state gets stronger. In this scheme, the number
of transmitted layers and the decoding order are fixed and independent of the actual
channel state. In the two-state channel model, when a transmitter i experiences the channel
state sy, it splits its message to two information layers via two independent codebooks
denoted by T;ﬁl and T! ,. The rate of layer Tfnl is adapted to the weak channel state of
the other user while the rate of layer T} , is adapted to the strong channel state. Thus,
each transmitter encodes its information stream by two layers and adapts the power
distribution between them according to its channel state. Subsequently, the receiver
implements a successive decoding scheme according to which it decodes one layer from
transmitter 1 followed by one layer from transmitter 2, and then the remaining layer of
transmitter 1, and finally the remaining layer of transmitter 2. This order is pre-fixed and is
used in all channel states. This scheme is summarized in Table 4.

Table 4. Successive decoding scheme in [114].

(h1, h2) Stage 1 Stage 2 Stage 3 Stage 4
(s1,51) T}y T} Ti T?
(s1,52) T T T 5
(s2,51) T T? Ty T?
(s2,52) T T Ty 3

The following theorem characterizes an outer bound on the average rate region.
For this purpose, define R;(hy,hy) as the rate of transmitter i for the state pair (hy, hy).
Accordingly, define R; = Ej, 5, [R;(h1,h2)] as the average rate of transmitter i, where the
expected value is with respect to the distributions of /; and h;.
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Theorem 8 ([114]). When the transmitters have local CSIT, an outer bound on the expected
capacity region contains rates (Ry, Ry) satisfying

Ry < q1C(s1,0) + (1 — 41)C(s2,0) (186)
Ry < 2C(s1,0) + (1 — g2)C(s2,0) (187)
Ry + Ry < q192C(251,0) + (91 + 92 — 20192)C(s1 +52,0) + (1 — 91)(1 — 72)C(252,0) . (188)

3.9. MAC with Local CSIT—Two-State Channels: State-Dependent Layering

Next, we present another scheme for the MAC with local CSIT that generalizes the
scheme of Section 3.8 via adapting information layering to the combined states of the
channel. The underlying motivation guiding this generalization is that we need to account
for both the direct and interfering roles that each transmitter plays. Hence, the transmission
rates of different layers should be adapted to the combined state of the entire network.
The major difference between this approach and that in Section 3.8 is that this scheme
relies on the available local CSIT available to the individual transmitters such that each
transmitter adapts its layers and their associated raters to the instantaneous state of the
channel. This facilitates opportunistically sustaining higher rates.

State-dependent Layering. In this approach, each transmitter, depending on the
instantaneous state of the local CSI available to it, splits its message into independent
information layers. Formally, when transmitter i € {1,2} is in the weak state, it en-
codes its message by only one layer, which we denote by U!,. On the other contrary,
when transmitter i € {1,2} is in the strong state, it divides its message into two
information layers, which we denote by U{z, and Uéz. Hence, transmitter i adapts the
codebook U{Z (or Uéz) to the state in which the other transmitter experiences a weak
(or strong) channel. A summary of the layering scheme and the assignment of the
codebooks to different network states is provided in Figure 14. In this table, the cell
associated with the state (s, s,) for m,n € {1,2} specifies the codebook adapted to
this state.

Decoding Scheme. A successive decoding scheme is designed based on the premise
that as the combined channel state becomes stronger, more layers are decoded. Based
on this, the total number of codebooks decoded increases as one of the two channels
becomes stronger. In this decoding scheme, the combination of codebooks decoded
in different states is as follows (and it is summarizes in Table 5):

e State (s1,51): In this state, both transmitters experience weak states, and they generate
codebooks {U};, U } according to Figure 14. In this state, the receiver jointly decodes
the baseline layers U], and U%,.

e State (sp,51): When the channel of transmitter 1 is strong and the channel of trans-
mitter 2 is weak, three codebooks {U],, U},, U?,} are generated and transmitted.
As specified by Table 5, the receiver jointly decodes {U},, U% }. This is followed by
decoding the remaining codebook, i.e., UJ,.

e State (s1,52): In this state, codebook generation and decoding are similar to those in
the state (sp,51), except that the roles of transmitters 1 and 2 are interchanged.

e State (sp, sp): Finally, when both transmitters experience strong channels, the receiver
decodes four codebooks in the order specified by the last row of Table 5. Specifically,
the receiver first jointly decodes the baseline layers {U{,, U2,}, followed by jointly
decoding the remaining codebooks {U3,, U3, }.

Compared to the setting without any CSIT at the transmitter (i.e., the setting dis-
cussed in Section 3.6), the key difference is that the transmitters have distinct transmission
strategies when they are experiencing different channel states. Specifically, each transmitter
dynamically chooses its layering scheme based on the instantaneous channel state known
to it. Furthermore, the major difference with the scheme of Section 3.8 is that this scheme
adapts the number of encoded layers proportionately to the strength of the combined
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channel state. Such adaptation of the number of encoded layers results in two advantages.
The first one is that adapting the number of layers leads to overall fewer information
layers to be generated and transmitted. This, in turn, results in decoding overall fewer
codebooks and reduced decoding complexity. The second advantage pertains to providing
the receiver with the flexibility to vary the decoding order according to the combined
channel state. This allows for a higher degree of freedom in optimizing power allocation,
and subsequently, larger achievable rate regions. In support of these observations, the nu-
merical evaluations in Figure 15, the achievable rate region subsumes that of Section 3.8.
Furthermore, as the number of channel states increases, the sum-rate gap between these
two schemes becomes more significant. Finally, depending on the actual channel state,
the scheme in this section decodes between 2 and W; 1) codebooks, whereas the scheme of
Section 3.8 always decodes ¢? codebooks.

& 5 &

h2 S1 2 h2 S1 S9

2 S1 Ul Ul 1 S1 U2 U2

11 12 11 12

1 2

S52 U22 S9 U22
User 1 User 2

Figure 14. Layering and codebook assignments.

Table 5. Decoding scheme.

(h3,h3) Stage 1 Stage 2
(s1,51) Uiy, Uy

(52,51) Uiy, U, Uy,
(s1,52) Uy, U, Uz
(s2,52) U112r u%z Up,, u%z

1.4 T
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Ry

Figure 15. Average rate regions for £ = 2.

It is noteworthy that when in the two-state channel model of Figure 16 the channel
states are s; = 0 and s, = 1, this model simplifies to the two-user random access channel
investigated in Section 3.5. In this special case, reserving one codebook to be decoded exclu-
sively in each of the interference-free states, i.e., (s1,52) and (sp, s1), enlarges the achievable
rate region. Hence, it is beneficial in this special case to treat codebooks (LI%Z, U%z) as inter-
ference whenever both users are active, i.e., when the channel state is (s3, ;). In general,
however, when the channel gain s; is non-zero, i.e., s; > 0, reserving two codebooks to be
decoded exclusively in these two channel states limits the average achievable rate region.
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Achievable Rate Region. Next, we provide an inner bound on the average capacity
region. Recall that the average rate of transmitter i is denoted by R; = Ej, j,, [R;(h1,h2)],
where the expectation is with respect to the random variables iy and hy. Hence,
the average capacity region is the convex hull of all simultaneously achievable average
rates (Rq, Ry). Furthermore, we define ,Bi‘] € [0,1] as the ratio of the total power P

assigned to information layer Uf‘j, where we have

J k
Z Bij =1
i=1
forall j,k € {1,2}. The next theorem characterizes an average achievable rate region.

Theorem 9 ([89]). For the codebook assignment in Figure 14, and the decoding scheme in Table 5,
for any given set of power allocation factors {,B’i‘j}, the average achievable rate region {Rq1, Ry} is
the set of all rates that satisfy

Ry <giC (51/ Szﬁ%z) +q2 <C (Szﬁ%z/ 52 + Szﬁ%z) +C (Szﬂ%zr 0) ) , (189)

Ry < p1C(s1,52B%) + p2 (C (Szﬁ%z/ s2By + Szﬁ%z) +C (Szﬁ%z/ 0) ) , (190)
Rl —+ Rz < q1p1C(251,0)

+q1p2C (51 + 52,3%2 + 52,5%2/ 0)
+q2p1C (51 + 5213%2 + 52,3%2, 0)

+0202C (5281 + 5280 + 528k + 5255, 0). (191)

Achieving the average rate region specified in this theorem requires decoding the
codebooks in the order specified by Table 5. Specifically, the receiver adopts a multi-state
decoding scheme where in each state it decodes at most two codebooks. This decoding
scheme continues until all the codebooks from both transmitters are decoded. Even though
limiting the number of codebooks to be decoded at each stage is expected to result in a
reduced rate region, it can be readily verified that the rate region that is achieved by em-
ploying a fully joint decoding scheme can be recovered via time-sharing among the average
achievable rates corresponding to all possible decoding orders in each channel state.

Outer Bound. Next, we provide outer bounds on the average capacity region, and we
compare them with the achievable rate region specified by Theorem 9.

Outer bound 1: The first outer bound is the average capacity region corresponding
to the two-user MAC in which the transmitters have complete access to the CSI [116].
This region is specified by 0Tvyz0 in Figure 17.

Outer bound 2: The second outer bound is the average capacity region of the two-
user MAC with local CSI at transmitter 1 and full CSI at transmitter 2. Outer bound 2
is formally characterized in the following theorem.

Theorem 10 ([89]). For the two-user MAC with local CSI at transmitter 1 and full CSI at
transmitter 2, the average capacity region is the set of all average rates enclosed by the region
OTUWYZO shown in Figure 17, where the corner points are specified in Appendix B.

For the case of available local CSI at transmitter 1 and full CSI at transmitter 2,
it can be shown that deploying the discussed layering scheme at transmitter 1 (with local
CSIT) achieves the average sum-rate capacity of Outer bound 1. This is formalized in the
following theorem.
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Theorem 11 ([89]). With local CSI at transmitter 1 and full CSI at transmitter 2, an average
achievable rate region is the region OTUXYZO shown in Fiqure 17. The average capacity region
is achieved along TU and YZ, and the sum-rate capacity is achieved on XY. The corner points are
specified in Appendix B.

Figure 17 illustrates the relative representations of the inner and outer bounds on the
average capacity region. Specifically, the region specified by 0TVYZO is the average capacity
region of a two-user MAC with full CSI at each transmitter, which serves as Outer Bound 1
specified earlier. This region encompasses Outer Bound 2 denoted by 0TUWYZ. Segments
TU and XYZ of the boundary of Outer Bound 1 coincide with the average capacity region
of the case of the two-user MAC with full CSIT.

Figure 15 demonstrates the average rate region for the two-state channel. For this
region we have P = P; = P, = 10 dB, and select the channel gains as s; = 0.25and s, = 1.
Accordingly, the channel probability parameters are set to 4; = p; = 0.5. The main observa-
tion is that the average achievable rate region coincides with average rate region achieved
when the receiver adopts joint decoding. It can be shown that when the transmitters have
local CSIT, it is possible to achieve an average sum-rate that is close to outer bound 1, and
that the average the sum-rate capacity can be achieved asymptotically in the low and high
power regimes. This observation is formalized in the next theorem.

Theorem 12 ([89]). By adopting the codebook assignment presented and setting B3, = B3, = %
the sum-rate capacity of a two-user MAC with full CSIT is achievable asymptotically as P — 0 or
P — co.
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Figure 16. Equivalent network for the two-user MAC (local CSIT).
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Figure 17. Outer bounds on the average achievable rate region.

3.10. MAC with Local CSIT—Multi-State Channels: State-Dependent Layering

In this section, we generalize the encoding and decoding strategy of Section 3.9 to
the general /-state channel. When the channels have ¢ possible states, each transmitter is



Entropy 2021, 23, 120

52 of 137

allocated ¢ different sets of codebooks, one corresponding to each channel state. Specifically,
corresponding to channel state s, for m € {1,..., ¢}, transmitter i encodes its message via
m information layers generated according to independent codebooks. This set of codebooks
is denoted by Wi, = {Ui ..., U}

Table 6 specifies the designation of the codebooks to different combined channel states.
In this table, the channels are ordered in the ascending order. In particular, varying channels
for transmitter 1, the combined channel state (s;, 5,) precedes all channel states (s, s,) for
all k > g. Similarly, for transmitter 2 channel state (s, sp) precedes the channel state (sg, s¢),
for every k > p. Furthermore, according to this approach, when user i’s channel becomes
stronger, it decodes additional codebooks. The sequence of decoding the codebooks,
as shown in Table 6, is specified in three steps:

1. State (s1,51): Start with the weakest channel combination (s1,s1), and reserve the
baseline codebooks U}, U to be the only codebooks to be decoded in this state.
Define Vj; = {Uj;} as the set of codebooks that the receiver decodes from transmitter
i when the channel state is (s1,51).

2. States (sq,54) and (sg,51): Next, construct the first row of the table. For this purpose,

define V%q as the set of the codebooks that the receiver decodes from transmitter 2,

when the channel state is (s1,5;). Based on this, the set of codebooks in each state
can be specified recursively. Specifically, in the state (s1,s;), decode what has been
decoded in the preceding state (s1,s;-1), i-e., the set of codebooks Vlz( -1y plus new
codebooks {U%q, e, U,}q} Then, construct the first column of the table in a similar
fashion, except that the roles of transmitter 1 and 2 are swapped.

3. States (sy,s,) for p,q > 1: By defining the set of codebooks that the receiver decodes

from transmitter i in the state (sq,s,) by Vép, the codebooks decoded in this state
are related to the ones decoded in two preceding states. Specifically, in state (s, sp)
decode codebooks V(lpfl) g and V; (g-1)° For example, for ¢ = 3, the codebooks decoded
in (s2,s3) include those decoded for transmitter 1 in state (s, s,) along with those

decoded for transmitter 2 in channel state (s1,53).

Table 6. Successive decoding stages for ¢-state MAC with local CSIT.

h
h2 1 Sl SZ DY Sq LR SE
s Ulll U}Z,ZU%Z U1lwz U
Uy, Vi (t-1)1
52 2V111 ) V1§2 zvllé
Us,, Uz, Vo V-
1
Sp V(p—l)q
VZ
p(g-1)
1 1 1
5¢ ZV(zfm , V(za1)z e : e V&eq)z
Uiy, - -, Ugy Vi Vie—1ye

The decoding order in the general case is similar the one used for £ = 2 in Table 5.
In particular, in channel state (s;,s,) the receiver successively decodes g codebooks from
transmitter 1 along with p codebooks from transmitter 2. The set of decodable codebooks
in channel state (s;, sp) is related to set of codebooks decoded for transmitter 2 in state
(s4-1,8p) and those decoded for transmitter 1 (s4,5,-1). The average achievable rate region
for the codebook assignment and decoding strategy presented in this section is summarized
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in Theorem 13. Similar to the two-state channel case, define Bin € [0,1] as the fraction of
power allocated to the codebook U;,, such that Y _; B}, =1, Vn € {1,....0}.

Theorem 13 ([89]). For the codebook assignment in this section and the decoding scheme in Table 6,
for any given set of power allocation factors { B, }, the average achievable rate region {Rq, Ry} for
the 0-state channel is the set of all rates that satisfy

Ry < E[ri(n,m)], (192)
Ry < Elra(n,m)], (193)
Ry 4+ Ry < E[min{rs3(n,m),rs(n,m)}], (194)

where the functions {r1(n,m),...,ra(n,m)}, forallm,n € {1,..., L} are defined as follows.

{
r1(n,m) :n}ninZ:cl(j,m) +c3(j,n,m), (195)
j=1
ro(n, m) :rr}gn]; co(j,m) +ca(j,n,m), (196)
r3(n,m) = Z cs(m) + cy(m,n) + cg(k,m,n), (197)
Vk<m
ra(n,m) =) cs(m) +ce(m,n) +cs(k,m,n), (198)
Vk<m
where
1) = ClsiBlysuCaliim)), ¥j € (L., thym e . 0}, (199)
c2(j,i) = C(sjB5, smCi(j,m)), Vi€ {l,... 0}, (200)
c3(j,n,m) = C(snﬁ]n,sncl( in) +5iCa(j, 7)), Vne{j+1,... . },me{j... (}, (201)
ca(j,n,m) = C(suBiy siC1(j,m) +suCa(jyn)), Vn e {j+1,...,0}, (202)
cs5(m) = C(smPBlom + snPom), Yme{1,...,0}, (203)
ce(1m,1) = C(smBhum + SnBou,snCa(m,n)), ¥m <n¥Nnec{m+1,...,0}, (204)
cr(m,n) = CspBli + smPom,suCi(m,n)), VYm <n,¥ne{m+1,...,0}, (205)
cg(k,m,n) = (smﬁ,{m + 5482, 5mC1 (k, m) +an2(k,n)>, Vk < m,n € {m,..., 0}, (206)
co(k, m,n) = (snﬁin + 5P, a,C1(k, n) +smC2(k,m)>, Vk<mVne{m.. 0}, (207)

and we have defined C1(m,n) =1 — Y7L, Bl and Co(m,n) =1 — 1", B3, forallm < n and
ne{m+1,...,0}.

Figure 18 demonstrates the average rate region for the three-state channel, in which
the channel gains are s; = 0.04, s; = 0.25, s3 = 1, and channel probability parameters
q1 = 0.3,92, = 0.4 for transmitter 1, and p; = 0.6, p, = 0.1 for transmitter 2. Furthermore,
the region in Theorem 11 is evaluated in Figure 19. Specifically, the average achievable rate
region OTUXYZ specified in Figure 17 is evaluated for three scenarios Sl, S,,S3. In all three
scenarios, the average power constraint is set to 10 dB, i.e., P = P, = P = 10 dB, and the
channel states are (s1,s;) = (0.3,1). Evaluations are carried out for the symmetric setting
S with the probability distribution g; = p; = 0.5, and the asymmetric cases S1, S, with
probability distributions g; = 0.2, p; = 0.8 and q; = 0.4, p; = 0.5. This figures illustrate
that the average capacity region of the two-user MAC with full CSIT can be partially
achieved when only one user has full CSIT.
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4. The Interference Channel
4.1. Overview

In this section, we turn the focus to the interference channel as a key building block in
interference-limited wireless networks. In this channel, multiple transmitters communicate
with their designated receivers, imposing interference on one another. Designing and
analyzing interference management schemes has a rich literature. Irrespective of their
discrepancies, the existing approaches often rely on the accurate availability of the CSIT and
CSIR. We discuss how the broadcast approach can be viewed as a distributed interference
management scheme, rendering a practical approach to have effective communication in

the interference channel in the face of unknown CSIT.

While the literature on assessing the communication reliability limits of the interfer-
ence channel and the attendant interference management schemes is rich, a significant focus
is on the channels with perfect availability of the CSIT at all transmitters. Representative
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known results in the asymptote of high SNR regime include the degrees-of-freedom (DoF)
region achievable by interference alignment [117,118]. In the non-asymptotic SNR regime
of particular note is the achievable rate region due to Han-Kobayashi (HK) [119,120],
which is shown to achieve rates within one bit of the capacity region for the Gaussian inter-
ference channel [121]. While unknown in its general form, the capacity region is known
in special cases, including the strong interference channel [122,123], the discrete additive
degraded interference channel [124], certain classes of the deterministic interference chan-
nel [125-128], and opportunistic communication under bursty interference, which is a form
of the broadcast approach and is studied under different assumptions on the non-causal
availability of the CSI at the transmitters and receivers [129]. some other examples of
interference channel and broadcast approach are found in [130,131]. There are extensive
studies on circumventing the challenges associated with analyzing and optimal resource
allocation over the HK region [130,132-138]. A more detailed and thorough overview of
these can be found in [94].

Interference management without CSIT has also been the subject of intense studies
more recently, with more focus on the high SNR regime. Representative studies in the
high SNR regime include characterizing the DoF region for the two-user multi-antenna
interference channel in [139-145]; blind interference alignment in [146—155]; interference
management via leveraging network topologies in [156,157]; and ergodic interference
channels in [158-160]. In the non-asymptotic SNR regime, the studies are more limited, and
they include analysis on the capacity region of the erasure interference channel in [161,162];
the compound interference channel in [163]; ergodic capacity for the Z-interference channel
in [164]; ergodic capacity of the strong and very strong interference channels in [165,166];
and approximate capacity region for the fast-fading channels [167,168].

In this section, conductive to relieving dependency on full CSIT, we discuss how
the broadcast approach can be viewed as a distributed interference management solution
for circumventing the lack of CSIT in the multiuser interference channel. One significant
intuition provided by the HK scheme is that even with full CSIT, layering and superposition
coding is necessary. Built upon this intuition, the broadcast approach is a natural evolution
of the HK scheme. We focus on the two-user and finite-state Gaussian interference channel
to convey the key ideas in rate-splitting, codebook assignments, and decoding schemes.
The remainder of this section is organized as follows. This section focuses primarily on
the two-user Gaussian interference channel, for which we provide a model in Section 4.2.
We start by discussing the setting in which the receiver has full CSI, and the transmitters
have only the statistical model of the CSI and review the application of the broadcast
approach in this setting in Section 4.3 for the two-user channel and in Section 4.4 for
the multiuser channel. Finally, we will review the interference channel with local CSIT
in Sections 4.5. Under the setting with local CSIT, we consider two scenarios in which
each transmitter either knows the level of the interference that their respective receiver
experiences, or the level of interference they impose on the unintended receiver. We discuss
how the broadcast approach can be designed for each of these two scenarios.

4.2. Broadcast Approach in the Interference Channel—Preliminaries

Consider the two-user slowly-fading Gaussian interference channel, in which the coef-
ficient of the channel connecting transmitter 7 to receiver j is denoted by h;-“j fori,j € {1,2}.
We refer to hj; and hj; as the direct and cross channel coefficients, respectively, V i £ j.
The signal received by receiver i is denoted by

yi =hi;x; + hl’-‘]- x]’-k + nj, (208)

where x}* denotes the signal transmitted by transmitter i, and n; accounts for the AWGN
distributed according to A (0, N;). The transmitted symbol x; is subject to the average
power constraint P}, i.e., E[|x}|?] < Pf. Each channel is assumed to follow a block fading
model in which the channel coefficients remain constant for the duration of a transmission
block of length 7, and randomly change to another state afterward. We consider an ¢-state
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channel model in which each channel coefficient h:‘} randomly and independently of the
rest of the channels takes one of the ¢ possible states {,/5; : i € {1,...,¢}}. Without
loss of generality, we assume that 0 < s; < .-+ < sy < +oco. The {-state interference
channel in (208) gives rise to an interference channel with ¢? different states. The entire
channel states are assumed to be fully known to the receivers while being unknown to the
transmitters. A statistically equivalent form of the /-state interference channel in (208) is
the standard interference channel model given by [169,170]

yi=2x1 + aixo + ny, and  yp = \/axy + x2 + ny, (209)

and the inputs satisfy E[|x}|?] < P¥, where we have defined

5\ Na 5\ N (h3)?
_ : _ () d p =il px 21
41 (h§2> N, <h{l) N’ PTON, (210)

and the terms 77 and 7, are the additive noise terms distributed according to A/ (0,1). The
equivalence between (208) and (209) can be established by setting

vi Mi s "

_ . oxi= xH, on = ) 211

VSV RTUNT ()

Channel gains a1 and a, are statistically independent, inheriting their independence

from that of the channel coefficients. By invoking the normalization in (210), it can be

readily verified that the cross channel gains a; take one of K = ¢(¢ — 1) + 1 possible states,

which we denote by {81, ..., Bx}. Without loss of generality we assume they are in the

ascending order. For the two-state channel, the cross channel gain takes one of the three

states 1 = 2—;, B2 =1,and B3 = ﬁ Hence, the state of the network is specified by two

cross links, rendering K? states for the network. We say that the network is in the state
(Bs, Bt) when (a1, a2) = (Bs, Bt). To distinguish different states, in the network state (s, Bt),
we denote the outputs by

yi=x1 + Bsx2 + ny, and  yh=+/Bix1 + xo + na. (212)

Hence, this interference channel can be equivalently presented as a network with two
transmitters and K? receiver pairs, where each receiver pair corresponds to one possible
channel state. In the case of the symmetric interference channel, we have a; = a3, and the
number of possible channel combinations reduces to K, rending an equivalent network
with two transmitters and 2K receivers. Figure 20 depicts such a symmetric network for
the two-state channel. Finally, we define

q; = P(a; = Bs) and ¢ =P(ay =Bs) . (213)

4.3. Two-User Interference Channel without CSIT

Effective interference management in the interference channel hinges on how a trans-
mitter can balance the two opposing roles that it has as both an information source and an
interferer. Striking such a balance requires designating a proper notion of degradedness
according to which different realizations of the network can be distinguished and ordered.
Hence, specifying an order of degradedness plays a central role in assigning codebooks
and designing the decoding schemes. We adopt the same notion of degradedness that was
used for the MAC with proper modifications.

When each channel has ¢ possible states, the cross channels take one of the
K = ¢(¢ —1) + 1. Hence, by adopting the broadcast approach, this two-user interference
channel becomes equivalent to a multiuser network consisting of two transmitters and
K2 receivers. The transmitters and each of these receivers form a MAC, in which the
receiver is interested in decoding as many information layers as possible. To this end and
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by following the same line of arguments we had for the MAC, we use the capacity region
of the individual MACs to designate degradedness among distinct network states.

Figure 20. Equivalent network for the symmetric Gaussian interference channel (¢ = 2).

The network model in (212) is equivalent to a collection of MACs. The MAC asso-
ciated with receiver y;, for s < k, is degraded with respect to the MAC associated with
the receiver yf. Hence, receiver yi? can successfully decode all the information layers
that are decoded by the receivers {y},...,y¢}. Driven by this approach to designating
degradedness, each transmitter splits its message into multiple independent codebooks,
where each is adapted to one combined state of the network and intended to be decoded
by specific receivers.

At receiver y¥, decoding every additional layer form transmitter i directly increases
the achievable rate. In parallel, decoding each additional layer from the interfering other
transmitter indirectly increases the achievable rate by canceling a part of the interfering
signal. Driven by these two observations, transmitter i breaks its message into 2K layers
denoted by {Vik, Ulk}f:l, each serving a specific purpose. Recall that in the canonical model
in (212), the direct channels remain unchanged and only the cross channels have varying
states. Hence, each of the 2K layers of each transmitter is designated to a specific cross
channel state and receiver.

e  Transmitter 1 (or 2) reserves the information layer Vlk (or Vzk) for adapting it to the
channel from transmitter 1 (or 2) to the unintended receiver y’z‘ (or y’{). Based on this
designation, the intended receivers {y5}X | (or {y5}X ,) will decode all codebooks
{VF}K | (or {VK}K ), and the non-intended receivers {y5}X | (or {y5}X ) will be
decoding a subset of these codebooks. The selection of the subsets depends on on
channel strengths of the receivers, such that the non-intended receiver y5 (or y’l‘)
decodes only codebooks {V} ’S‘:1 (or {V5 ’S‘Zl).

e Transmitter 1 (or 2) reserves the layer U (or U5) for adapting it to the channel from
transmitter 2 (or 1) to the intended receiver y'{ (or yé). Based on this designation,
the unintended receivers {y5}X | (or {yA}X ) will not decode any of the codebooks
{UKYK | (or {U£}K ), and the intended receivers {y5}X_ (or {y5}K_,) will be decod-
ing a subset of these codebooks. The selection of these subsets depends on channel
strengths of the receives such that the intended receiver y% (or y5) decodes only the
codebooks {U5}X_; (or {Us}*_)).

Figure 21 specifies how the codebooks are assigned to transmitter 1 as we as the set of
codebooks decoded by each of the three receivers {y’l‘ }2:1 associated with transmitter 1.

4.3.1. Successive Decoding: Two-State Channel

We review a successive decoding scheme for the two-state channel. This scheme
will be then generalized in Section 4.3.2. In this decoding scheme, each codebook will be
decoded by a number of receivers. Therefore, the rate of each codebook will be limited
by the its most degraded channel state. The codebooks that are not decoded by a receiver
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will be treated as Gaussian noise. These codebooks impose interference on the receiver,
which compromises the achievable rate at the receiver. This observation guides designing
a successive decoding scheme that dynamically identifies (i) the set of the receivers that
decode a given codebook, and (ii) the order by which the codebooks are successively
decoded by each receiver.
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Figure 21. Codebook assignments at transmitter 1 in the two-state channel.

For formalizing this decoding strategy, denote the set of receivers that decode code-
book VF by VK, and denote the set of the receivers that decode UF by U¥. Therefore,
we have

i={iauinli,  M=ihulis,  and  uf={}l. @14
The order of successively decoding the codebooks at receiver yf.‘ is specified in Table 7.

Table 7. Successive decoding order at the receivers.

Receiver Stage 1 Stage 2 Stage 3 Stage 4 Stage 5 Stage 6 Stage 7 Stage 8 Stage 9
v v v G v? uf
7 v v G G G ut U
T v! v} V2 V2 V3 VP u} u? u;

i j i ] !

4.3.2. Successive Decoding: ¢/-State Channel

In this section, we generalize the successive decoding scheme to the general multi-state
channels. Similarly to (214), we define

Vi =i Ui,

Each of the two receivers decodes a set of the codebooks. The choice of the set depends
on the channel states. Specifically, when the network state is ( Bq, B p), receiver 1 decodes
K + g codebooks from transmitter 1 and q codebooks from transmitters 2. These codebooks
are decoded successively in two stages in the following order:

VE={phaU{nitie, and Uf={y}L,. (15

*  Receiver 1—stage 1 (Codebooks {Vis}zzl): Receiver 1 decodes one information layer
from each transmitter in an alternating manner until all codebooks {V; Z:l and
{V5 }Zzl are decoded. The first layer to be decoded in this stage depends on the state
By- If By < 1, the receiver starts by decoding codebook V! from transmitter 1, then it
decodes the respective layer V' from transmitter 2, and continues alternating between
the two transmitters. Otherwise, if B; > 1, receiver 1 first decodes V21 from the
interfering transmitter 2, followed by V! from transmitter 1, and continues alternating.
By the end of stage 1, receiver 1 has decoded g codebooks from each transmitter.
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*  Receiver 1—stage 2 (Codebooks { V5 } K g+1and {U5}7_)): In stage 2, receiver 1 carries

K
s=q+1

Finally, receiver 1 decodes layers {U; }!_, specially adapted to receivers {y;}!_;,inan
ascending order of index s. Throughout stage 2, receiver 1 has additionally decoded
K codebooks from its intended transmitter 1.

on decoding layers {V}'} from transmitter 1, in an ascending order of the index s.

The decoding scheme at receiver 2 follows the same structure by swapping the roles of
the two transmitters. The set of codebooks decoded by receiver i in channel state (B4, Bp) is
partly defined by the set of codebooks decoded by receiver i and the set decoded by receiver
jin state (B;-1,Bp—1)- The decoding scheme is summarized in Table 8. In this table, the
channels are ordered in the ascending order such that at receiver 1, state (B, B,) precedes
all channel states (B, Bp) for all k > g. Similarly, at receiver 2, state (B,, By) precedes
network state (B4, Bx), for every k > p. Furthermore, according to this approach, when the
cross channel of receiver i becomes stronger, receiver i decodes additional codebooks from
both transmitters. In particular, in Table 8, every cell contains the codebooks decoded in
the combined channel state (B,, 8,) where we mark the codebooks decoded by receiver
1 in blue color, while those decoded by receiver 2 in red color. To further highlight the
relationship between the decodable codebooks in different states, we denote by Clk the set
of codebooks decoded by the receiver i when a; = .

Table 8. Successive decoding for ¢-state channel.

ai
5 B1 B2 Bq Bk
N T G LT AC I - SR A
{VZS s:l’u2’V1 CZ CZ
B2 ¢l U, vy e : e LU v
17172 172 2 172 1772 172
Cy, Us, Vi C%,LIZ,V1 Gy, Us, Vi
9=1 1019 4
,Bp . . ] 1,U1,V2
chub, vf
B cl cLup vz : LUk e

1
K-1 77K /K K-1 717K /K K-1 17K /K
CZ ’UZ’VI CZ ’u2’V1 CZ ’UZ’Vl

4.3.3. Average Achievable Rate Region

In this section, we provide an overview on the average achievable rate region. The av-
erage rates of the users are specified by the rates of codebooks { V¥, UF}K_  fori € {1,2}.
These rates should satisfy all the constraints imposes by different receivers in order for
them to successfully decode all their designated codebooks. Hence, the rates are bounded
by the smallest achievable rates by the receivers Vlk and L{l-k . To formalize the rate regions,
define R(A) as the rate of codebook A € {V¥, U¥ : Vi, k}, and define (A) as the fraction of
the power P; allocated to the codebook A € {VF, UF : Vi, k}. Accordingly, define R;(s, t) as
the total achievable rate of user i, when the network is in the state (s, B¢). Finally, denote
the average achievable rate at receiver i by R; = E[R;(Bs, Bt)], where the expectation is
taken with respect to the probabilistic model of the channel. Note that the transmitters
collectively have 4K codebooks. Corresponding to the set S C R*K, define the rate region
Rin(S) as the set of all average rate combinations (Ry, Ry) such that R(A) € S for all
Ae{vkuk:vik},ie,

Rin(S) = {(Rl,Rz)  R(A) €S, VAe{VKuk: Vi,k}. (216)
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Furthermore, corresponding to each receiver yi.‘ and codebook A € {Ul’.‘, Vik : Vi k}
that should be decoded by yi-‘, define Rf (A) as the maximum rate that we can sustain for
codebook A, while being decodable by yi-‘ . Accordingly, for user i, and corresponding to
s,t € {1,...,K} define the rates

K s t
ri(s, )= Y RI(V/)+ Y RE(UF) + min Y RE(VE), (217)
k=t+1 k=1 —

where the rates R;(A) are defined as follows. First, define y(A) as the fraction of P,
allocated to A € {LIZZ‘, Vl-k : Vk}, and set

k . k .
L(ik) =Y ~(V)), and (i k) =Y ~U). (218)
j=1

j=1
Based on these definitions, if the codebook V¥ is decoded by the receiver y3, then we have

<1, RA(VF)=C(vy(VAIP, (1= Ll k)P +B(1-L(is —1)P),  (219)

16 >1,  RI(VF) = C(v(VFP, (1= L6, k)P, + Bl = Tu(js)) By ) - (220)
Similarly, if the codebook Vik is decoded by the receiver y;, then we have

g <1, R(V) = C(B(VAIR A1~ LK)+ (1~ T(is)P), (@2

6 >1,  R(VF) = C(Br (VAP Bl = (i, )P+ (1= (s = 1)) . (222)
Finally, when codebook Ulk is decoded by the receiver yf, then we have
Ri(UF) = C(v(UDP i1~ Lo(1,9))P + (1= (LK) ~ Lu(Ls)B) . (223)

Theorem 14 ([171]). The average achievable rate region via sequential decoding is specified by

RiT={(R,Rp) : Ri(s,t) <rils,t), Viel2,ste{l,...,K}}. (224)

The average achievable rate region characterized in Theorem 14 is illustrated in
Figures 22 and 23. Figure 22 shows a general asymmetric setting for the following set of
parameters P; = P, = 10dB, (q,43,43) = (0.5,0.3,0.2), (4}, 43, 43) = (0.3,0.3,0.4), and the
weak channel state at each receiver is given by f; = 0.5. Similarly, for £ = 3, Figure 23
evaluates the average rate region for an asymmetric channel with (g}, 42, qf’, 7t q?, q?, q/) =
(0.1,0.1,0.1,0.2,0.1,0.1,0.3), where the weak channel states at receivers 1 and 2 are set as
(B1,B2,B3) = (0.1,0.2,0.9) and (B1, B2, B3) = (0.1,0.4,0.7), respectively. Comparing these
figures indicates that increasing the number of states reduces the gap between the two
regions (broadcast approach and HK).

4.3.4. Sum-Rate Gap Analysis

Next, we provide an upper bound on the gap of the average achievable sum-rate to
the average sum-rate capacity of the interference channel in which the transmitters have
full CSI. To this end, we use the existing results on the gap between the sum-rate achievable
by the HK scheme and the sum-rate capacity. to present the main ideas and for simplicity
in notations, we present the results for the symmetric setting, i.e., when a; = a, = g,
symmetric average power constraints, i.e.,, when P; = P, = P, and symmetric probabilistic
models for the channels, i.e., when g} = g5 = 4° = 1. Generalization of the results to the
non-symmetric settings is straightforward.
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Figure 23. Average rate region (¢ = 3).

In the symmetric settings, the channel in (212) simplifies to either a weak interference
channel (when a = B1), or to a strong interference channel (when a € {B,, B3}). To assess
the average sum-rate gap, we start by analyzing the gap in the weak and strong interfer-
ence regimes separately. The average of these gaps provides the average sum-rate gap.
Throughout this discussions we set § = B3 = /317

¢ Weak interference: In the weak interference regime, the capacity with full CSIT is in
unknown. In this regime, in order to quantify the gap of interest, we first evaluate the
gap of the sum-rate achieved by the scheme of Section 4.3.2 to the sum-rate achieved
by the HK scheme. By using this gap in conjunction with the known results on the
gap between the sum-rate of HK and the sum-rate capacity, we provide an upper
bound on the average sum-rate gap of interest.
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e  Strong interference: In the strong interference regime, the sum-rate capacity with full
CSIT is known. It can be characterized by evaluating the sum-rate of the intersection
of two capacity regions corresponding to two multiple access channels formed by the
transmitters and each of the receivers [123].

By quantifying the two gaps above, and then aggregating them based on the proba-
bilistic model of the channel, the following theorem establishes upper bounds on the gap
between the average sum-rate achieved by the approach in Section 4.3.1 and the sum-rate
capacity. The gap is characterized in two distinct regimes of transmission power, denoted
by G; and G;. Define Rgum (G;) as the minimum average sum-rate achievable under region
G;, and denote the average sum-rate capacity with full CSIT by Csum (G;). Finally, define the
gap A(G) = Coum(Gi) — Reum (Gi).

Theorem 15 ([171]). The average sum-rate achievable by the broadcast approach in Figure 21 and
Table 7 has the following gap with the sum-rate capacity of the symmetric Gaussian interference
channel with full CSIT:

(i)  ForP € Gy =(0,)U (B(B*>+B—1),+00) we have

1 1+ P(1+p) 1
(i) For P € Gy = [B,B(B* + B —1)] we have
1 4 1+ P(1+B) (2+B)?

Further analyzing the result in this theorem shows that the gap in the high SNR regime
is upper bounded by a constant (for fixed channel gains).

Theorem 16 ([171]). For any fixed network model (i.e., fixed p), when P is sufficiently large,
the gap between the sum-rate capacity of the symmetric Gaussian interference channel with full
CSIT and the average sum-rate achievable by the broadcast approach in Figure 21 and Table 7 is
upper bounded by

1 2
A< 6log<8[32 : gj:l) . (227)

Figures 24 and 25 compare the maximum average sum-rate with that of the sum-rate
of the HK scheme. In both schemes, the average sum-rate is maximized over all possible
power allocation schemes over different codebooks. Figure 24 depicts the gap between
the two methods normalized by the sum-rate of HK. This signifies the relative sum-rate
loss that can be attributed, for the most part, to the lack of the CSI at the transmitters. It is
observed that the relative loss with respect to the HK peaks for moderate power regimes,
while in the small and large power regimes, it is diminishing. For the evaluations in
Figure 24, a two-state channel with a symmetric channel probability model (4] = g5 = ¢°)
is considered, in which (g, 4%, ¢%) = (0.3,0.6,0.1). The results follow the same trend for
different values of 1. Figure 25 evaluates the bounds on the sum-rate gaps presented in
Theorem 15. The three plots in this figure correspond to those in Figure 24. Specifically,
the plots in Figure 25 depict the A(G;) normalized by the HK sum-rate. This figure shows
that the bound on the gap becomes tighter as the power increases.
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4.4. N-User Interference Channel without CSIT

Finally, we provide a brief overview of a representative approach to generalizing
the approaches discussed thus far to the general N user channel. To this end, consider a
generalization of (209) to the N-user channel, in which for user m € {1, ...,N } we have

Ym = Xm + Z VAmiXi = My (228)
i#m

Each of the channel coefficients a;,, takes one of the L possible states {B1,...,B.},
order in the ascending order. The state of the network will be specified by the cross-links
states, rendering a network with N transmitters and NLN~! receivers. In the case of the
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symmetric interference channel, i.e., a,,; = a, the number of network states reduces to N
transmitters and NL receivers.

Each transmitter, to balance its impacts on the intended and unintended receivers,
performs rate-splitting and adapts each information layer to one combined state of the
network designated to be decoded by a specific group of receivers. In the equivalent
network, each transmitter and its associated S = LN~ receivers form a MAC. The critical
stage in specifying the broadcast approach is adopting a notion of degradedness among
different such MAC. Facing a lack of a natural choice, we define an aggregate strength for
receiver y™ as

i#m

This metric is used to sort the 5 receivers associated with y™ in the equivalent network.
Denote these receivers by {y),,...,y5,}, which are sorted in the ascending order such that
for s < k receivers the 6, value associated with the states in the channel receiver y; is
smaller than that of receiver yf . Hence, for s < k, the multiple access channel at receiver
y; is degraded with respect to the channel at y¥. Therefore, receiver y¥ can successfully
decode all the layers adapted to the channels with the designated receivers {y},...,y}.
At receiver y¥, every layer decoded form transmitter i directly increases the achievable rate,
whereas every layer decoded from the other transmitter indirectly increases the achievable
rate by canceling a part of the interfering signal. Hence, similarly to the two-user channel,
transmitter 7 splits its message into 25 layers denoted by {Vik, Ulk} 5_, with the following
designations and objectives:

e Transmitter m adapts layer V¥ to the state of the channels linking all other trans-
mitters to the unintended receivers {y/%, ... ,yII‘\IL,l N\ {y%,}: while the intended re-
ceivers {yX }?_, will be decoding all codebooks {VX}?_,, the non-intended receivers
{v5, .., yEI\{¥k,} decode a subset of these codebooks depending on their channel
strengths. More specifically, a non-intended receiver yi»‘ decodes only the codebooks
(Vi

e Transmitter m adapts the layer U¥, to the state of the channels linking all other trans-
mitters to the intended receiver y¥: while the unintended receivers {y%, ..., y5}\{y%,}
will not be decoding any of the codebooks {U¥,} ?_,, the intended receivers {yk} S
decode a subset of these codebooks depending on their channel strengths. More specif-
ically, the intended receiver y¥, decodes only the codebooks {U;, }¥_,.

As the number of users N increases, the total number of codebooks per transmitter
2S = 2LN~1 grows exponentially with the number of users. This renders joint decoding to
have a prohibitive decoding complexity. A viable remedy is adopting the opportunistic
successive decoding schemes (e.g., [138,172]), which are low-complexity schemes in which
each receiver can dynamically identify an optimal set of codebooks to decode.

4.5. Two-User Interference Channel with Partial CSIT

We now turn the attention to how the transmitters have partial information about the
overall network state. Specifically, based on the model in (209), we consider two separate
scenarios in which each transmitter either knows the interference that it causes to the unin-
tended receiver, or the interference that its intended receiver experiences. More specifically,
in Scenario 1, transmitter i knows the channel state a; for j # i, while being unaware of a;.
In contrast, in Scenario 2, transmitter i knows the channel state a; while being unaware of a i
for j # i. These two scenarios and their associated broadcast approaches are discussed next.

4.5.1. Two-User Interference Channel with Partial CSIT—Scenario 1
State-dependent adaptive layering. In this setting, each transmitter controls the
interference that it imposes by leveraging the partially known CSI. Concurrently,
each transmitter adapts one layer to every possible channel state at its intended
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receiver, overcoming the partial uncertainty about the other transmitter’s interfering
link. Based on these observations, transmitter 7 splits its information stream into a
certain set of codebooks depending on the state of its outgoing cross channel. We
denote the set of codebooks transmitted by user i when a; = /By by CZI‘ . Each set Cf‘
consists of K 4 1 codebooks given by

cf = {V5Ur(1),... Uf(K)} . (230)

The layers denoted by Vik are adapted to be successfully decoded by both receivers in
all network states. Additionally, layers U¥(s), Vs € {1,..., K} are specifically adapted to be
opportunistically decoded by the intended receiver y; only. In particular, when transmitter
i knows the state of its outgoing channel to be fy, it splits its information stream into K + 1
layers specified in (230) where

e layer Vlk (V2k) is adapted to the cross channel state at the unintended receiver y’l‘ (y’é) ;
and

e layer US(s) (Uk(s)) is adapted to the cross channel state at the intended receiver v
5), fors € {1,...,K}.

Note that the sets {C lk} i k contain the same number of codebooks corresponding to each
user i and outgoing channel state §;. However, the motivation behind using K different sets
is that the power allocation among the layers in each set is distinct. Given that transmitter i
adapts the layers Vik to each cross channel state at the unintended receiver, it directly imposes
a constraint on the fraction of power allocated to the remaining layers {U¥(s)}.

Successive decoding. Each codebook will be decoded by multiple receivers in the
equivalent network formed by different receivers associated with different network
states. Hence, each codebook rate will be constrained by its associated most degraded
channel state. Furthermore, any undecoded layer at a particular receiver imposes
interference, which degrades the achievable rate at that receiver. Motivated by
these premises, a simple successive decoding scheme can be designed that specifies
(i) the set of receivers at which each layer is decoded, and (ii) the order of successive
decoding order at each receiver.

In network state (Bs, B¢), user 1 transmits the superposition of all the layers in
the set C§ = {V5,U;(1),...,U;(K)}, while user 2 transmits the layers in the set C} =
{Vi,Ui(1),...,U5(K)}. Accordingly, layers V5 and V; are decoded by both receivers 5
and y5. Further, a subset of the layers {U; (t)} from user i are opportunistically decoded by
the intended receiver only depending of the interfering channel state §; from transmitter
j # i. For state (Bs, Bt), we summarize the decoding order at each receiver y; as follows:

*  Receiver yj: First, it decodes one layer from the unintended transmitter V and remove
it from the received signal. Secondly, it decodes the baseline layer from its intended
transmitter V7. Finally, depending on the network state (s, B;), it successively de-
codes all the layers {Uj(1),..., U;(t)}.

e  Receiver yh: First, it decodes one layer from the unintended transmitter V; and remove
it from the received signal. Secondly, it decodes the baseline layer from its intended
transmitter V.. Finally, depending on the network state (s, Bt), it successively de-
codes all the layers {U!(1),...,U}(s)}.

4.5.2. Two-User Interference Channel with Partial CSIT—Scenario 2

State-dependent adaptive layering. In contrast to Scenario 1, in this scenario, trans-
mitter i knows a;, and it is oblivious to the other channel. Lacking the extent of
interference that each transmitter causes, transmitter i adapts multiple layers with dif-
ferent rates such that the unintended receiver opportunistically decodes and removes
a part of the interfering according to the actual state of the channel. Simultaneously,
transmitter i/ adapts the encoding rate of a single layer to be decoded only by its
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intended receiver based on the actual state of channel a,. Based on this vision, trans-
mitter i splits its information stream into a distinct set of codebooks corresponding to
each state of the cross channel at its intended receiver. We denote the set of codebooks
transmitted by user i when a; = /By by Df.‘. Each set Dg‘ consists of K + 1 codebooks
given by

Df = {V(1),..., VE(K), Uf} . (231)

The layers denoted by {V¥(s)}X_, are adapted to be fully decoded by transmitter i and
partially decoded by receiver j, depending on the actual network state. Contrarily, layers
UZZ‘ are specifically adapted to be decoded by the intended receiver y; only. In particular,
when transmitter i knows the state of the interfering link to its intended receiver to be By,
it splits its information stream into K + 1 encoded layers specified in (231) where

e layer VF(s) (VX(s)) is adapted to the cross channel state at the unintended receiver v
(y5), fors € {1,...,K}; and
e layer U (U}) is adapted to the cross channel state at the intended receiver y% (y5).

Similarly to the layering approach in Scenario 11, sets fo contain an equal number of
codebooks for each i € {1,2} and k € {1,...,K}. Nevertheless, power allocation schemes
among the layers in each set are distinct.

Successive decoding. Given that each codebook will opportunistically be decoded by
multiple receivers, its maximum achievable rate is constrained by the most degraded
network state in which it is decoded. Similarly to that of Scenario 1, a successive
decoding scheme is devised that specifies (i) the set of receivers at which each layer
is decoded, and (ii) the order of successive decoding order at each receiver.

In network state (Bs, B¢), user 1 transmits the superposition of all the layers in
the set D = {V¥(1),..., Vi (K), U;}, while user 2 transmits the layers in the set D} =
{Vi(1),...,VI(K), U}. Layers U; and U} are decoded by both receivers i} and y5. On the
other hand, a subset of the layers {V?(k)} from user i are opportunistically decoded by the
unintended receiver j depending on the interfering channel state. In network state (Bs, Bt),
we summarize the decoding order at each receiver y; as follows:

*  Receiver yj: First, it decodes one layer from the interfering signal V}(1). Afterwards,
it decodes one layer from the intended signal V7 (1). This receiver continues the decod-
ing process in an alternating manner until codebooks { VA (j) };?:1 from transmitter 2

and codebooks { V7] (j) ]K:l} are decoded from the intended receiver 1 are successfully
decoded. Finally, the last remaining layer from the intended message Uj is decoded.
o Receiver yh: First, it decodes one layer from the interfering signal V$(1). Afterwards,
it decodes one layer from the intended signal V}(1). This receiver continues the decod-
ing process in an alternating manner until codebooks { V7' (j) j—1 from transmitter 1

and codebooks { Vi (j) }]I-<:1} are decoded from the intended receiver 2 are successfully
decoded. Lastly, the last remaining layer from the intended message U} is decoded.

5. Relay Channels
5.1. Overview

In this section, we extend the discussions to two-hop networks, in which a source
and a destination communicate while being assisted by relay nodes. In line with the
key assumption throughout this paper (i.e., no CSIT), we assume that the transmitter
and the relay(s) are oblivious to instantaneous realizations of their outgoing channels.
Such settings are especially relevant when a source communicates with a remote destina-
tion, and a relay terminal is occasionally present near the source but without the source’s
knowledge [173-176].
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We start the discussion with a two-hop network model in Section 5.2, where the
source and destination communicated through a relay node (no direct source-destination
communication). In this section, we review various decode-and-forward (DF), amplify-
and-forward (AF), quantize-and-forward (QF), and amplify-and-quantize-and-forward
(AQF) relaying schemes and characterize their attendant average communication rates,
based on the results in [177]. The work in [178] considers the problem of communication
between a single remote transmitter and a destined user while being helped by co-located
users. This problem is discussed in more detail in Section 5.3. In a dynamic wireless
network where a source terminal communicates with a destination, it is worth considering
oblivious relaying strategies of a relay near the source transmitter in the presence of other
users in the network [179], as discussed in Section 5.4. In Section 5.5, we review the
broadcast transmission schemes of the diamond channel investigated in [180]. Motivated
by addressing the distributed nature and delay sensitivity of modern communication
systems, the study in [181] investigates a network consisting of a source-destination pair,
the communication between which is assisted by multiple relays. This setting is reviewed
in Section 5.6. Finally, motivated by the fact that in practical wireless networks, it is often
difficult for each user to keep track of the relay nodes, in Section 5.7, we review the settings
in which the relays are available only occasionally.

5.2. A Two-Hop Network

Let us consider a two-hop relay fading channel [177], where the transmitter and
receiver communicate through an intermediate network node that serves as a relay. Various
relaying protocols and broadcasting strategies are considered. For example, DF relaying, a
simple relay with a single packet buffer, which cannot reschedule retransmissions, is first
studied. DF relaying limitations in various cases give rise to consideration of other relaying
techniques, such as AF, where a maximal broadcasting achievable rate is analytically
derived. A QF relay, coupled with a single-level code at the source, uses codebooks matched
to the received signal power and performs optimal quantization. This is simplified by
an AQF relay, which performs scaling, and single codebook quantization on the input.
As discussed later in this section, it is observed that the latter may be throughput-optimal
on the relay-destination link while maintaining a lower coding complexity compared with
the QF setting.

The work in [182] concerns two-hop transmissions over relay-assisted block fading
channels, assuming there is no direct link between the transmission ends and the commu-
nication is carried out by a relay. Various relaying strategies are considered in combination
with the multi-layer coded transmission. The study in [183] optimizes the power allocation
for relaying strategies in a similar two-way relay setting. The work in [184] considers a
two-layer transmission and optimizes the power allocation for a DF relay.

In a DF [185] scheme, the relay decodes the received source message, re-encodes it, and
forwards the resulting signal to the destination. Note that, since the relay must perfectly
decode the source message, the achievable rates are bounded by the capacity of the channel
between the source and the relay. A non-regenerative relay has a different coding scheme
than the source, and it can improve, for example, the reliability of the relay-destination
transmission. The work in [186] compares two DF protocols assuming knowledge of
channel gains at the transmitter and adhering to delay-limited capacity. Further work
on user cooperation to increase diversity gains, using DF cooperation techniques over a
Rayleigh fading channel is found in [187].

In [188], different types of AF relay settings are studied and general expressions for
the aggregate SNR at the destination are derived for a varying number of relaying nodes.
This study is motivated by previous observations that AF relays can sometimes approach
or exceed the performance of their DF counterparts [185].

A QF relay implementation is considered in [174] and it is shown to be superior to
the DF and AF, in terms of average throughput in the presence of a direct link and a
known channel gain on the relay-destination link, which models a two co-located user
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cooperation. Practical compress-and-forward (CF) code design was presented in [189]
for the half-duplex relay channel. The quantization in [174,189] is of Wyner—Ziv (WZ)
quantization type [190], which refers to the relay quantizing its received observation of the
source symbol while relying on the side information that is available at the destination
receiver, from the direct link. In a two-hop relay setting, the receiver has no additional side
information, and thus the quantization applied at the relay is a standard quantization of a
noisy Gaussian source [191]. Consider the following SISO channel:

y, = hsxs + ng, (232)

where y, is a received vector of length N at the relay, which is also the transmission block
length, x; is the transmitted vector, and ns is the additive noise vector, with elements that
are complex Gaussian i.i.d. with zero mean and unit variance denoted CN (0, 1). ks is the
(scalar) fading coefficient, assumed to be perfectly known at the relay and the destination
receivers only. The source transmitter has no CSI. The power constraint at the source is
given by P; = E[|xs|?]. The channel between the relay and the destination is described by

Yy, = hrxr + n,, (233)

where y, is a received vector of length N at the destination receiver, and x; is the relay
transmitted vector. n, is the additive noise vector, with elements that are complex Gaussian
i.i.d. with zero mean and unit variance denoted by CN (0,1), and ; is the (scalar) fading
coefficient. The fading coefficients hs and h, are assumed to be perfectly known at the
destination receivers only. The relay transmitter does not possess k. The power constraint
at the relay is given by P, = E[|x,|2].

It is assumed that the relay operates in a full-duplex mode by receiving and transmit-
ting on different frequency bands, realizing a two-hop network. Furthermore, the relay
is not capable of buffering data. In the DF protocols, the relay has to forward all the data
successfully decoded immediately. Layers that were not decoded on the path from source
to destination must be rescheduled for retransmission at the source. If the relay had packet
scheduling capabilities, the DF protocols could be improved by letting the relay perform
retransmission of layers that are not decoded at the destination. However, this calls for
distributed scheduling control, which highly complicates the system and is beyond the
scope of this subsection.

5.2.1. Upper Bounds

A full CSI (FCSI) upper bound is derived for a hypothetical case that both source
and relay have perfect CSI of all links, and the source always transmits in the maximal
achievable rate over this relay channel. This achievable rate is the minimal rate determined
by the fading gain realizations on both links. It is generally expressed by

Crcst = Es, s, [log(1 + min(Psss, Prsy))] , (234)
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where s; = |hs|?, and s, = |h,|%. By explicitly extracting the expectation in (234) we get

Crest = [ dv [ dyuf(v)f (1) log(1 + min(Pev, Py)
0

Psv

:/dv/dyf( )f (1) log(1 + Psv) —i—/dvf /dyf )log(1+ Pry)
0 B (235)

= [ava - F(%v)) log(1+ Pv)
0

i /d (1-F ( V) log(1 + Pyv)

where f(x) and F(x) are the PDF and CDF of the fading gain, respectively. For a Rayleigh
fading channel, the FCSI upper bound is given by

P [ agn
Cresi = (1+ ) / dve” B log (1 + Pov) (236)
r
Ps+Pr PS + Pr
= ¢ PrPs
e E < B.P, ) , (237)
where E(x) is the exponential integral function E; (x f dte~ " for x > 0[192]. The er-

godic cut-set upper bound is the minimum of the average achlevable rates on the two links
(source-relay and relay-destination). This is specified by

Cerg = min{Es, [log(1+ Psss)] , Es,[log(1 + Prs,)]} . (238)

For Rayleigh fading channels, and similar fading gain distribution functions f(x) for
the two links, the ergodic upper bound simplifies to

Corg = / dve'log(1+Pv), st. P=min(P, D), (239)
0

which is justified by the monotonicity of the ergodic capacity as function of P. A tighter
upper bound on the broadcast strategy is the broadcasting cut-set bound. This is the
minimum average broadcasting rate achievable on each of the links separately. It is
specified by

Rbs cutset — mln{/du fﬂ RH /du fl/ RI/( )} ’ (240)

where f, (1) and f,(u) are the PDFs of the source-relay and relay destination fading gains,
respectively, and R(u) is the broadcasting achievable rate for a fading gain u. For a
Rayleigh fading channel with similar distribution on both links, the cut-set bound is given
by ([23], Equation (18))

Rps—cuset = 2E1(s0) — 2E1(1) — (e™*0 —e 1), (241)
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where

2
1+ /1+4min(P, D)

S0 (242)

The broadcasting cut-set bound (241) may be achieved if the relay is allowed to delay
its data and reschedule retransmissions independently. Furthermore, the relay has to
inform the source how many layers were decoded for every block. We do not assume such
feedback is available. The only feedback, in our channel model, is from destination to
source indicating the number of successfully decoded layers.

5.2.2. DF Strategies

Consider first the simple DF relaying for an outage approach with single-level coding
at source and relay. In single-level coding, the code rate from the source transmitter to
the relay is determined by the fading gain threshold selected. For a power threshold s;,
the code rate is R = log(1 + Psss), and this same rate is transmitted from the relay to the
destination with power P, thus R = log(1 + P;s;), and s, = %ss. Hence, the average
achievable rate from the source to the destination is

Ry ave = P(v > s5)P(t > s,) log(1 + Psss) (243)
= (1= F(s5))(1 = Fu(sr)) log(1 + Psss) , (244)

where v, i are the fading gain random variables, F, (x), F,(x) are the corresponding CDFs,
and P; is the source transmission power. For a Rayleigh fading channel, with F,(x) =
F,(x) =1—e %, the average rate is given by

Ps
Riave = € e Pr*log(1+ Psss), (245)
and the maximal achievable rate is thus

Ry = maxe %e % log(1 + Pysy) . (246)
Ss

Let the source perform two-level coding, and the relay has to decode as many layers
as possible, depending on the fading realization. If successful in decoding both layers,
it transmits a single-level code at a rate that is the sum of source rates. If only one layer
was decoded successfully at the relay, it encodes it into a different single-level code, which
is equal in rate to the first level of the source channel code. This gives higher flexibility in
decoding of a single layer at the destination receiver when the channel conditions on the
source-relay link allow only one layer detection at the relay. The channel code rate at the
source is given by

Ry =log(1 + Psss1) —log(1+ (1 —as)Psss 1), (247)
R =log(1+ (1 —as)Psss2) , (248)

where 0 < a5 < 1, 551 and s, are the fading gain thresholds implicitly specifying the
layering rates. The rates of the single-level code at the relay are then given by

Rl =log(1+ Pys,1), st R =RS, (249)
Ry, =log(1+ Pssy2), st. R, =Rj+R5, (250)
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where s, 1 and s, > are determined from the rate equalities on the right hand side of (249).
The overall average rate is then

RZ—l,ave = maX IEJ)(Ss,l <v< Ss,Z)P(V > Sr,l)Rsl’

S5,1/55,2/%s

+P(v > s52)P(u > s,2)(R] + R3) (251)
= {g?;fas(Fv(ssa) - FV(Ss,l))(l - F},(sr,l))R‘;’
T (1= Fo(502))(1 — Fu(s02)) (RS +RS) , (252)

where v is the fading gain RV on the source-relay link, and y is the RV on the relay
destination link. This approach outperforms single-level coding at the source and two-
level coding at the relay, described in the previous subsection. The main reason for this
difference is that the outage approach described here adapts to the source-relay channel
conditions. That is, the outage rate from the relay to the destination is equal to the decoded
rate and depends on the number of successfully decoded layers (249). However, when
considering the opposite approach (source: outage, relay: two-level), the outage rate is
fixed for all channel conditions, and if the relay fails in its decoding, nothing is transmitted
to the destination.

5.2.3. Continuous Broadcasting DF Strategies

Coding Scheme I—Source: Outage and Relay: Continuum Broadcasting. In this
coding scheme, the source transmitter performs single-level coding. Whenever
channel conditions allow decoding at the relay, it performs continuum broadcasting,
as described in the previous subsection. Thus, the received rate at the destination
depends on the instantaneous channel fading gain realization on the relay-destination
link. Clearly, a necessary condition for receiving something at the destination is
that channel conditions on the source-relay link will allow decoding. The source
transmission rate is given by

R} =log(1+ Psss) , (253)
and the corresponding achievable rate at the destination is given by

roon [V upr(u)du
RW)_A T+ ul, ()’ (254)

where I, (v) is the residual interference distribution function and its boundary conditions
are stated in (4) and (5). The total rate transmitted in the broadcasting link is equal to the
single-level code rate of the source-relay link, that is

[e9)
s up, (u)du
= [ —. 255
1 1+ uly(u) (255
0
The above condition in (255) states a constraint on the optimization of the average
rate. The average rate expression, considering the transmission scheme on the two links is

Rave = P(v > s5) /dxfy(x) m (256)
0 0
= (1_1:1/(55))/(135(1_1:;4(95))%/ (257)

0
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where we have used partial integration rule. The average rate maximization problem can
now be posed as

R s [ et — By 22
max (1= F(s)) [ xRl
lebs,ave = 00 0 (258)

up,(u)du

.t _—
s J T ul(u)

= log(1+ Psss)

As a first step in solving the maximal average rate, the residual interference distribu-
tion I, (v) is found for every s;. That is

_ xPr( X)
Tex /ﬂxl BT 5o

Ry_ps(sr) = % upr(u)du (259)

max /del x, I (x), I;(x))

- ) (260)
sit. m:/wgmbmﬁu»
0

where I}(x) = dlégcx) . The necessary condition for extremum in (259) subject to the sub-
sidiary condition, is in generally stated [59]

d
Gr, +AGy — o (Gw n AGM) — 0, (261)

where Gy j, is the derivative of Gy with respect to I;, and G; j is the derivative of G; with
respect to I;. The scalar A is also known as a Lagrange multiplier, and it is determined
from the subsidiary condition in (259). The substitution of S;, = Gy + AG,;,, and
Sp £ Gy, + AGy,p by using (259) results in

X2I(1—F,+A)

= 262
I, (1+x17)2 s ( 6 )
B —x(1-F,+A)
Sp= 113l L , (263)
dx (1+ xI,)? '

Substituting the expressions in (262) into the extremum condition in (261) yields a
general solution for the residual interference, as function of the Lagrange multiplier A.
This is summarized in the following proposition.

Proposition 4. The relay broadcasting residual power distribution function I,(x) that maximizes
the expected rate over the two-hop wireless fading channel (232) and (233) is given by

P 0<x<x

I(x) = 1By () +A—xfu(x)

= o : (265)
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where xo and x1 are determined from the boundary conditions I,(xg) = P and I,(x;) = 0,
respectively. The scalar A is determined from the subsidiary condition in (259).

When considering a Rayleigh flat fading channel for the relay destination link, i.e.,
Fy(x) = 1 —exp(—x), the residual interference distribution gets the following form

A 1 1
Ir(x):m+?_;, for XOSXSX‘l, (266)

and the condition I,(x;) = 0 provides
X1 = 1-— WL(—/\E) ’ (267)

where Wy (x) is the Lambert W-function, also called the omega function, and it is the
inverse of the function f(W) = We'V. Interestingly, the subsidiary condition with (266) as
the solution for I, (x) yields a simplified expression

X1
up, (u)du

Rr= |17 uly (1) (268)
= 2log(x1) — X1 — (2 log(xo) — XO) (269)
= 2log(1 — Wi(—Ae)) — 1+ Wi (—2Ae) (270)
—2log(xp) + xo0, (271)

where (267) is used for substitution of x1. Using the subsidiary condition (259),i.e., R = Rj,
the solution of x( as function of A is

xXo = — 2W; (70‘5€log(1—WL(—Ae))—0.5+O.5WL(—)Le)—O.5R§) ) 272)

Finally, A can be found by solving I,(xo) = P. Thus, all initial conditions are satisfied,
the solution for A is obtained by numerically solving the nonlinear equation specified by
I:(x9) = P. The maximal rate Ry _pyg aye is then obtained by searching numerically over s,
and evaluating R;_pg ave for all s in the search.

Coding Scheme II—Source: Continuum Broadcasting and Relay: Outage.In this
coding scheme, the source transmitter performs continuum broadcasting, as de-
scribed in the previous subsection. The relay encodes the successfully decoded layers
into a single-level block code. Thus, the rate of each transmission from the relay
depends on the number of layers decoded. For a fading gain realization v on the
source-relay link, the decodable rate at the relay is

sin [V ups(u)du
R(v) = /O Tul (273)

This is also the rate to be transmitted in a single-level coding approach, yielding

Ri(v) = log(1+ Bs: (1)) , 74)
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where s, (v) is the fading gain threshold for decoding at the destination. In order to ensure
equal source and relay transmission rates, it is required that R} (v) = R*(v). The average
rate is then given by

Hos-tave _max/dxp i 5r(2)) fu(1)R () (275)
o) N s d
- max O/ dx(1 = Fu(s:(x)ful) [ m 276)
— i —x ,—s(x) * M
= max/dxe e /0 T+ ul,(w) ’ (277)

I5(x) 5

where a Rayleigh fading distribution is assumed on the last equality, and

sr(v) = Pl, (exp (O/ dxlf);g(lc)) - 1) : (278)

As may be noticed from (278), the functional subject to optimization in (275) does not
have a localization property [59], and thus, it does not have a standard Euler-Lagrange
equation for an extremum condition.

Coding Scheme III—Source and Relay: Continuous Broadcasting. In this scheme,
both source and relay perform the optimal continuum broadcasting. The source
transmitter encodes a continuum of layered codes. The relay decodes up to the
maximal decodable layer. Then it retransmits the data in a continuum multi-layer
code matched to the rate that has been decoded last. In this scheme, the source
encoder has a single power distribution function, which depends only on a single
fading gain parameter. The relay uses a power distribution that depends on the two
fading gains on the source-relay and the relay-destination links.

In general, the source channel code rate as a function of the fading gain is the same
one specified in (273). The rate achievable at the destination is then given by

s ~(* up,(v,u)du
Rv,p) = /0 1+ul(v,u)’ @79

The maximal average rate is then specified by

77 / upy(x, u)du
r 7
Is (ml?)j/ ) / dx / dyfv 1+ ul(x,u)
Rbs—bs,ave = 0oo O( )d ’ (280)
upy(x, u)du s
.t —— <
st 0/1+ulr(x,u) = R(v)
which may be simplified into
[ yer(x,y)
max dx/d x)(1—F —_
L max O/ [ a0~ RN
Rbs—bs,ave = 0 ( )d (281)
upy(x, u)du s
.t —— <
st O/1+ulr(x,u) < R(v)



Entropy 2021, 23, 120

75 of 137

In order to present an Euler-Lagrange equation here, the subsidiary condition in (281)
still has to be brought to a functional form, and then it could be solved with the aid of the
Lagrange multipliers.

5.2.4. AF Relaying

Consider a relay that cannot decode and encode the data, but rather it can only amplify
the input signal. The channel model to consider here is the same one specified in (232)
and (233). However, it may be assumed that the relay can estimate the input signal power
and amplify the signal (without distortion) by a factor that ensures maximal transmission
P, from the relay. In such a case, the amplification coefficient is given by

by
== 282
The equivalent received signal at the destination can be specified by
aihs  inl (283)

/
Yo & Y
VA2 +1

where n), ~ CN(0,1) and the original source signal is multiplied by a factor, which repre-
sents an equivalent fading coefficient with power

2
Y5485 P,s;ss
Sy = = P 284
b Y25, +1  Prsp+ Psss +1 (284)

where s, = |h,|? and s; = |hs|?, and we have used the amplification factor definition
from (282) for explicitly stating the equivalent fading gain. The CDF of the equivalent
fading gain s, is then given by

Fo(x) =P(sy <x) = [ / dxedi, fo, () o (7)., (285)

where

P,
R = {xr,xs € (0,00 rXr s < x} .

)‘ Pxy + Psxg+1 —

when assuming a Rayleigh fading channel, i.e., f;, (x;) = e~ and f;,(xs) = e~ s, we have

Fy(x)=1- / dx, / dxge Yoo (286)
Ps X xl,lpt Pyxxlgb
o x(14Prxr)
—1_ / dx,e " %rh | (287)
Psx

which does not lend itself to a closed-form expression. In a broadcast approach, the trans-
mitter performs continuous code layering, matched to the equivalent single fading gain
RV. Using the equivalent channel model (283) and using the results of [23], the average
received rate is given by

—xI'(x)

T x(x) (288)

Rbs,AF,ave = max /(1 - FSb (x))
I(x)
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where the optimal residual interference distribution Iopt(x) is given by [23]

P 0<x<xg
1-F;s —xfs

() = § —ETR 0 <y <, (289)
0 x> x

where xj and x; are determined from the boundary conditions I,(xg) = Ps and I,(x1) =0,
respectively. The maximal achievable rate is provided by the following proposition.

Proposition 5. The maximal achievable expected rate of a two-hop AF-relay network is explicitly
given by

Rps, ARave = / dx [2(1 _fsb(x)) A st';f)(ci;f () , (290)

where the CDF Fy, (x) is specified in (286), and thus the corresponding PDF is given by

Prxe(1+ Prxy) _y, _ x(L4Prar)

F dx, " % Pr—xPs | 291

fsb( ) sb P/ Psx — Prxr) - € ( )
i X

Finally, Rpg aARave (290) can be obtained via a numerical integration.

5.2.5. AQF Relay and Continuum Broadcasting

Now, let the source encoder perform continuum layering, and the relay, as before,
amplifies its input signal, quantizes it with average distortion D, optimally in an MSE
sense. The destination tries to first decode the quantized signal u;. Upon successful
decoding, it decodes the multi-level code up to the highest layer possible, depending on the
fading gain on the source relay link. In this setting, we consider single-level quantization.
In broadcasting, it may be assumed that part of the original signal cannot be decoded.
Therefore, it is modeled as additive Gaussian noise. The quantized signal, after suitable
amplification and forward channel conversion, as a function of the source data, is given by

g = PyhsXss + Brhsxs + Pyns +ng (292)

where n; is the equivalent quantization noise distributed according to CA/(0, D), p = 1 — PQ,"

T=1\/7 12 g with vs = |hg 2, and x,  represents the residual interference in the decoded

signal. Consider a power distribution p(vs) which is the source power distribution as
function of the fading gain. Then the incremental rate associated with a fading v; is

2 2
Y vsp(vs) Bdvs
dR(vs) = , 293
W) D 2P )
which simplifies after substituting -y and some algebra
dR(vs) = vsp(vs)dvs (294)

1+ Dg+ vs(I(vs) + PsDﬁ) !
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where the Dg = I D 51/)’137. Thus, the average rate attainable, when u, is successfully de-
coded, is
oo Vg
Rave = / dvsf (vs) / dR(u) (295)
0 0
vsp(vs)dv,
= [ (1—F(vs)) sp(vs)dvs (296)

1 +D;B +Vs(1(1/s> ‘.‘PsDﬁ;)

‘ vspn (Vs)dvs
A= Fws)) 1 7o TN (297)

where the first equality is obtained by solving the integral in parts. The following relation-
ships follow from the definitions of the normalized power distribution and residual interference:

s p(vs)
pN(vs) = 1+ Dy’ (298)
I £ 2
N(US) 1+ D/5 ’ ( 99)
that satisfy pn(vs) = —Iy(vs). For a given average distortion D, Dg is also explicitly

determined, and the maximal average rate Raye is achieved for

2 1

== -, 300

pN(VS) Vg Vs2 ( )
1 1

In(vs) = — — — 1

N(VS) VSZ Ve s (30 )

on the range of v; € [vp, 1], where the boundary conditions are Iy (vy) = Ps and Iy (v1) = 0.
Thus, the range of the optimal solution is

2
vp=——">-,
0T 14 /11 an

2

v = .
! P.Dg
L4y /1 +4mp;

This rate is attainable only when the compressed signal may be decoded at the
destination. Otherwise, an outage event occurs, and nothing can be restored from the
original signal. Evidently, the event of outage depends only on the relay-destination link.
Hence, the average achievable rate for the broadcast-amplify-quantize (BAQ) approach is
formalized in the next proposition.

(302)

(303)

Proposition 6. In the system model described by (232) and (233), with vs known to relay and
destination, and v, known to destination only, the maximal average attainable rate in a BAQ scheme

is specified by
— i v vs)dv.
Roaqave = mgx Pou - [ (1 F(u) ;2N (304
S S
0

where the complementary outage probability is

By = p(logg <log(1 + v,p,)> . (305)
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The complementary outage probability for a Rayleigh fading channel reduces (305)

into Poyt = eI Computing Rpagave can be directly pursued, while optimizing the
selection of the average distortion D, and directly computing the average rate for every D.

Figure 26 demonstrates the maximal attainable expected rates for the various relaying
protocols. The numerical results correspond to Rayleigh fading channels on both source-
relay and relay-destination links. A comparison of all relaying protocols (DF, AF, QF, AQF)
is provided for equal SNR on both links, i.e., P, = P;. As may be noticed, the broadcasting
for AF relay has the highest throughput gains for high SNRs. The AQF scheme with two
levels of refinement at the relay, shows only a small gain in the overall expected throughput.
This questions the possible benefits of higher levels of successive refinement at the relay,
when the source performs only single-level coding.

8 . . . . . . .
Amplify—Forward, Outage ; ;

7| —+— Amplify-Forward, Broadcast

—A— Qutage At Relay, 2-Level Coding At Source

—=%— Quantize-Forward

—#*— Amplify—Quantize

——b— Broadcasting Cut-Set Bound
Broadcast—-Amplify—Quantize

—b— Amplify—2Level Quantize

»
T

(6)]
T

Rate [Nats per Channel use]
N

o w
T T
VaEE
“\v\\:‘\\
1

Ps (=Pr) [dB]
Figure 26. Achievable average rates, for P, = Ps, and for various relaying protocols and broadcast-
ing strategies.

5.3. Cooperation Techniques of Two Co-Located Users

The work in [178] considers the problem of communication between a single remote
transmitter and a destination while being helped by co-located users, over an independent
block Rayleigh-fading channel, as depicted in Figure 27. The users’ co-location nature
allows cooperation, enabling a higher communication rate from the transmitter to the des-
tination. The transmitter has no CSI, while receivers have access to perfect CSI. Under this
channel model, cooperation between co-located users for a transmitter using a broadcast
approach achieves higher expected rates. This is directly explained by the fundamentals
of the broadcast approach, where the better the channel quality, the more layers that can
be successfully decoded. The cooperation between the users is performed over AWGN
channels, under a relay power constraint with unlimited bandwidth. Three cooperation
techniques are considered: AF, CF, and DEF. For the case of a relaxed decoding delay con-
straint, these techniques are extended by the broadcast approach. The high efficiency
is obtained from multi-session cooperation as each session allows decoding more lay-
ers. Interestingly, closed-form expressions for infinitely many AF sessions and recursive
expressions for the more complex CF can be derived.
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destination
node

h1 ® Y1

i
cooperation
ho ilnk
Y2
Figure 27. A schematic diagram of a source transmitter and two co-located users—destination and a
helping node, performing multi-session cooperation.

The first cooperation strategy is based on the AF relaying by a network user to the
destination user over the cooperation with the following variations.

1.  Naive AF—A helping node scales its input and relays it to the destined user, who jointly
decodes the relay signal and the direct link signal.

2. Separate preprocessing AF—A more efficient form of single-session AF is a separate
preprocessing approach in which the co-located users exchange the values of the
estimated fading gains, and each individually decodes the layers up to the smallest
fading gain. The helping user removes the decoded common information from its
received signal and performs AF on the residual signal to the destined user.

3. Multi-session AF—Repeatedly separate preprocessing is followed by a transmitting
cooperation information at both helper and destination nodes (on orthogonal chan-
nels). The preprocessing stage includes individual decoding of the received informa-
tion from the direct link and previous cooperation sessions. Along the cooperation
sessions, transmission of the next block already takes place. It means that multi-
session cooperation introduces additional decoding delays without any impact on
the throughput. For this purpose, multiple parallel cooperation channels are assumed.
For incorporating practical constraints on the multi-session approach, the total power
of multi-session cooperation is restricted to P;. This is identical to the power constraint
in single-session cooperation.

In the limit of infinitely many sessions, the multi-session cooperation channel capacity
is Ccoop = Pr. The other cooperation schemes (naive AF, and separate preprocessing
AF) cannot efficiently use unlimited bandwidth. Single-session wide-band AF means
duplicating the AF signal while proportionally reducing its power. This has no gain over
narrow-band cooperation. Therefore a narrow-band cooperation channel is used for these
two schemes, with Ceoop = log(1+ P,). Another set of cooperative strategies based on the
WZ [190] CF relaying are:

1. Naive CF—A helping node performs WZ-CF over the cooperation link. The destination
informs the relay of its fading gain realization prior to the WZ compression. The desti-
nation performs optimal joint decoding of the WZ compressed signal forwarded over
the cooperation link, and its own copy of the signal from the direct link.

2. Separate preprocessing CF—Each user decodes independently up to the highest common
decodable layer. Then WZ-CF cooperation takes place on the residual signal by
WZ coding.

3. Multi-session CF— Multi-session cooperation, as described for AF, is carried out in
conjunction with successive refinement WZ [193] CF relaying.

To analyze these models, consider the following SIMO channel
Yy = hixS +n;, i€ {1/2} ’ (306)

where y; is a received vector by user i, with length L, which is the transmission block
length. The length L is assumed to be sufficiently large that transmission rates close to the
mutual information are reliably decoded. x; is the original source transmitted vector, and
n; is the additive noise vector, with complex Gaussian i.i.d. zero-mean and unit variance
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CN (0,1), and h; is the (scalar) fading coefficient, which is perfectly known at the ith receiver.
The fading ; is distributed according to the Rayleigh distribution h; ~ CN(0,1), and it
remains constant for the duration of every transmission block (adhering to a block fading
channel). It means that the two users have equal average SNR, which is realistic due to
their co-location. Nevertheless, the results may be extended to the case of unequal average
SNRs in a straightforward way. Receivers being co-located may also suggest channel
realization correlation (71 and k7). In the case of such correlation, the cooperation gains are
expected to be smaller since even the joint decoding channel capacity decreases. We assume,
for simplicity of analysis, fully independent fading channel realizations. The cooperation
link between the users are modeled by AWGN channels as follows:

yo) =xP oy Wl (307)
v =+ Wi, (308)

where yékl) is the length L helper’s received cooperation vector from the destination (i = 1),

(k) (k)

on the kth cooperation link, and vise-versa for y; ,. x;  is the cooperation signal from user

i, on the kth cooperation link, and w; is the noise vector with i.i.d. elements distributed
(1)

according to CA(0,1). On a single-session cooperation k = 1, and the power of x;

is limited by E[(|x§l) |2>] < P, (for i = 1,2). On a K-session cooperation there are K
orthogonal cooperation channels available for each user with a total power constraint P;.

The power constraint here is specified by

K
|xi(k) |2>
(&

Hence, K is also the bandwidth expansion that results from the multi-session coop-
eration. It is assumed that the next block’s receive can be performed while transmitting
a cooperation message of previous blocks, that is, a full-duplex receiver. Cooperation is
without interference, as orthogonal channels are assumed for this purpose. Naturally, the
link capacity of a single-session narrow-band cooperation over the AWGN channel defined
in (307) is given by Ceoopn = log(1 + ).

In the limit of K — co with a power constraint for multi-session cooperation, the coop-
eration link capacity is given by

E <P. (309)

CeoopWB = /dR(s) - /log(1+p(s)ds) _ /p(s)ds —p, (310)
0 0 0

where the fractional rate of a session s is dR(s) and dR(s) = log(1 + p(s)ds). The fractional
power at the sth session is p(s). The multi-session power constraint implies

/p(s)ds =D,
0

which justifies the last equality in (310).

5.3.1. Lower and Upper Bounds

To evaluate the benefit of cooperation among receivers in a fading channel following
the model described in (306) and (307), we provide upper and lower bounds on relevant
figures of merit. There are three types of bounds relevant to our channel model. The first
is the outage capacity, which is the ultimate average rate achievable using a single-level
code (without multi-layer coding). The second one is the achievable broadcasting rate,
which refers to a scheme using a continuous broadcast approach. The last one is the ergodic
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capacity, which gives the ultimate upper bound on average rates by averaging maximal
rates obtained with full transmitter CSL

The lower bounds are obtained by considering no-cooperation. That is a single
transmitter-receiver pair with no cooperating user. Therefore, all lower bounds are simple
SISO fading channel capacities. Upper bounds refer to the case where a co-located helping
node is available, and the two users can perform optimal joint decoding of their received
signals. In all cases, the bounds relate to a Gaussian block fading channel, adhering to (306)
and (307).

Outage lower bound. The single-layer coding expected rate is

Routage LB — Ll;né;)é{(l - (uth)) log(l + uthPS)} (311)
th
where the optimal threshold uy, that maximizes (311) is given by uy, opt = %qgﬁz)

The function W(x) is the Lambert-W function.
Broadcasting lower bound. This bound is based on an SISO block fading channel,
with receive CSI. The maximal expected broadcasting rate [23], for a Rayleigh fading
channel is
Rpsip = €' = e™ + 2y (s0) = 2E1 (1), (312)
where so) = 2/(1 + /1 +4Ps), and E;(x) is the exponential integral function.

Ergodic lower bound. Ergodic capacity of a general SIMO channel with m receiver
antennas is [66]

Corg(m) = [ w" e~ log(1+ Pau)du, m €N, (313)
0

which simplifies for an SISO channel into
Cerg 1B = Cerg(1) = e/ E{(1/Ps) . (314)

Outage upper bound. Fully cooperating user bound is derived similarly to (311),
with Fiyg(u) as the fading gain distribution function.

Broadcasting upper bound. The broadcasting upper bound is a two receive an-
tenna block fading channel. The expected broadcasting rate for a Rayleigh fading
channel [23] is

Rps,up =s1e” "' — e = 3E1(s1) — (soe™™ — e™% — 3Ey(s0)) , (315)

where sy and s; are determined by the boundary conditions Iyg(sp) = Ps and Iyg(s1) =0,
respectively. The residual interference Iyg(x) is given by Iyg(x) = (1 4+ x — x2)/x5.

Ergodic upper bound. Ergodic bound for two receive antennas SIMO fading chan-
nel is Cerg(2) in (313),

Cerg U = Cerg(2) = 14 ¢"/PE{(1/P) —1/Pse’’ *E1(1/P) . (316)

Figure 28 exemplifies the upper and lower bounds for two cooperating users.
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Single-session cut-set upper bound. Another upper bound considered is the clas-
sical cut-set bound of the relay channel [40]. This bound may be useful for single-
session cooperation, where the capacity of the cooperation link is rather small. Using
the relay channel definitions in (306) and (307), and assuming a single cooperation
session K = 1, the cut-set bound for a Rayleigh fading channel is given by

Ceut—set =  sup min{l(xs;y1|h1) + I(x2;y12) , I(xs;y1,yz|h1,hz)} (317)
p(xs),p(x2)

- min {Cerg(l) + Ccoop 7 Cerg (2)} 7 (318)

where the ergodic capacity Cerg () is given by (313), and the terms Cerg(1) and Cerg(2) are
specified in (314) and (316), respectively. The cut-set bound is tight only when Cerg(l) +
Ceoop < Cerg (2), since otherwise the cut-set bound coincides with the ergodic upper bound
Cerg,UB in (316).

1 0 T T T T T T T

9t - Outage LB o N P
—©— Outage UB
8 - | === Broadcasting LB | -
== Broadcasting UB
71 | =—w=— Ergodic LB

—@— Ergodic UB

Rate [Nats per channel use]
(&)}

4 N
3 A WY S
2 A M A
107 W M
A
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SNR [dB]

Figure 28. Ranges of the average rates for both outage and broadcast approaches, over the cooperation
channel, which were calculated using these approaches for either single antenna user (LB) or two
antennas user (UB). The corresponding rate-range for an ergodic channel from (314) and (316) is also
given for comparison.

5.3.2. Naive AF Cooperation

In this AF strategy, the helping node scales its input signal to the relaying power

P,, and relays the signal to the destination user. The destination received signal at the
destination, after AF relaying is

v, = glz) _ [ ahyXs + any + Wy ] _ [ (\/BXS+W2)~\/1+uc2 (319)

b V1 hixs +ny hixs +nyq ’
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where y, is the signal to be decoded at the destination, and « scales the relay output to P;.
Hence, & = ,/ HPT’SSZ, and s; = |h;|>. The normalized noise vector w, has i.i.d. elements
distributed CA(0,1). Hence, the normalized signal gain after the scaling of user i = 2 is

PrSZ

. 320
1+P552+Py ( )

B =

The achievable rate as a function of the channel fading gains is given by the following
mutual information
I(xs;yy|h1, ho) = log(1 4+ Pssp) = log| 14 P. s+¢ (321)
s Yplim ) =108\ L+ Lssp) = 10g S\ ' 15 P 1P ) )’

where s, = 51 + 8, and therefore, the equivalent fading s; is the broadcasting variable. The
CDF of s;, [23] is

max(O,X— H[Zrill{%»l)y)

Fo(x) = P(sy < %) = [ dufi, (1) [ @), (322)
0 0
where f;. (1) is the PDF of s;. The CDF of s, for a Rayleigh fading channel, is
0 x <0
(1+Pr)x
aepe
1— e Pitx — —Uu—xt s < Py
F,(x) = e J du-e il 0 < x < . (323)
1—/du-37”*x+1+1§r++1’r xE%
0

The corresponding PDF f;, (x) is given by

0x <0

(14Pp)x
Pr—Psx

Pru
dy-e " TrEen 0<x< &
fo (x) = 0/ =7 R (324)

[e9)
gy L
/du .e u x+l+P5u+Pr X

0

IV
Rk

This provides the single-layer and broadcasting expected rates for the naive AF.
The transmitter performs broadcasting optimized on fading gain random variable s;
from (322). The maximal expected rate is expressed as follows

p(u)u
bsave - I}‘i;‘/du Fsb )1 +I( ) (325)

where F, (u) is the fading gain CDF.
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Proposition 7. The optimal power distribution, which maximizes the broadcasting achievable
expected rate for naive AF cooperation is given by

Py u < up
1-Fs —U-Js

InaF(u) = %u{b(u) up<u<u , (326)
0 u>u

where ug and uy are obtained from the boundary conditions Iopt(ug) = Ps and Iopt(u1) = 0O,
respectively. The equivalent fading gain distribution Fs (x) and fs (x) are specified in (323)
and (324), respectively.

The broadcasting gain is compared to the single-layer coding under the same fading
gain distribution. Using the equivalent SISO channel model, which is governed by sy,
with CDF F; (u) in (323), the optimal power allocation for naive-AF can be specified
following (326). Note that Iyap(#) is non-increasing, starting from Ps at u = 0. The average
rate is explicitly given by

(327)

R = [ [zu ~Ea@) , (1 Pj?;(?iiﬂb ]
0 b

The first derivative of the PDF of s, is denoted by f; (x).

5.3.3. AF with Separate Preprocessing

In this section, every node tries to decode independently as many layers as possible.
Then both users exchange the index of the highest layer successfully decoded. Every node
re-encodes the decoded data of each layer up to the lowest common index and removes
it from the original received signal. The helping node scales the result to power P, and
relays it over the cooperation link to the destination. This improves on the naive AF, as the
cooperation is more efficient, though it requires the helping node to be aware of the source
codebook and be able to decode its transmission. Like the naive AF, this is a single-session
K =1 cooperation. The received signal at the helping node can be expressed as

Yy, = hy (xs,D + xs,l) + ny, (328)

where x; p is the part of the source data successfully independently decoded by helping
node i = 2. The coded layers not decoded independently x; ; are actually the residual
interference signal.

When 51 > s, the decoded data in x; p include layers up to s,. This reflects in the
residual interference power I(s), where s is the fading gain equivalent. The residual signals
at both sides (before a cooperation session) are

Y= hlxs,](sz) +ny, (329)
Yo1 = hsz,I(SZ) +ny. (330)

It may be shown, similarly to AF derivation, that the equivalent fading gain, after AF
relaying v 1, is (331). Generally speaking, the helping node removes only common in-
formation from its input signal and relays the scaled residual signal to the destination.
The destination user receives a relayed residual signal, containing only its undecoded
layers when s, > s;. Otherwise, the helping node transmits its scaled residual inter-
ference, including some layers that could be independently decoded by the destination.
The equivalent fading gain observed by the destination and its distribution are stated in
the following proposition.



Entropy 2021, 23, 120

85 of 137

Proposition 8. In an AF with separate preprocessing cooperation strategy, with a single coop-
eration session K = 1 with a limited power P,, the highest decodable layer is associated with an
equivalent fading gain determined by

o Pysy
S0 =S T T (151, 1(52)) £ B,/ (331)
with the following CDF for a Rayleigh fading channel
91 (%)
Fo(x) = [ lexp (~2u) —exp(—u = ga(u)) —exp(—u — gs(u))]du,  (332)
0
where
uP,
¢1(u):=zz+-11;;;faqu;f§, (333)
uP,
¢20”'_I“ax<”'x“1_%u1@0<+;;)' (334)
¢3(u) = max(u, ps(x —u)), (335)
(1+P)(x—u) P —1 —
palx —u) = § Bttty P [ >0 (336)
oo P —I(u)(x—u) <0

Additional details are available in [178].

5.3.4. Multi-Session AF with Separate Preprocessing

Next, we discuss K multi-session AF with separate preprocessing per session. The total
power allocation per transmitted codeword for all sessions corresponding to its decoding is
P, in the limit of K = co. In this approach, common layers are subtracted before every AF
session by both users. After every AF relaying, each node attempts to decode more layers
using all received AF signals so far and its own received signal. It should be emphasized
that the multi-session is performed over parallel orthogonal channels in such a way that
the source transmission is block-wise continuous. For example, during the kth cooperation
session of the 1st transmitted block (from the source), the first cooperation session for the
k — 1 transmitted block takes place. As the overall multi-session power is limited to P,
at every block epoch, the total power of P; is used.

As parallel channels are used for cooperation, with infinitesimal power p(s) allocated
per channel, this wide-band cooperation link’s capacity is the capacity of the corresponding
parallel channel. The power allocation is fooo p(s)ds = P, under the constraint of P;.
The fractional rate per sub-band is then dR(s) = log(1 + p(s)ds) = p(s)ds, [58]. Therefore,
the average capacity of this wide-band cooperation link, regardless of the actual power
allocation density, is Ccoop = Pr (310). Notice that we use AF, which cannot effectively
use such capacity increase in single-session cooperation (Pr > log(1 + Pr)). This capacity
is available in two directions: relay-destination and destination-relay. It is required that
information is exchanged in both directions. Otherwise, multi-session cooperation becomes
inefficient, and unidirectional transmission, of only the relay to the destination, will not
gain from multi-session relaying. In the case of unlimited sessions, the scalar equivalent
fading gain can be derived for a given broadcasting power allocation I(s).

Proposition 9. In a multi-session AF (K — oo, cooperation power constraint P,) with separate
preprocessing cooperation strategy, the highest decodable layer is associated with an equivalent
fading gain determined by

s¥ s1>s
smz{i t=o (337)
S, 81 <82
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where s}, is the solution of

*

"Sb S1

Azaqig;:ﬁﬂ1+ﬂIWHmh:R, (338)

and by using s,

sh =91 —i—sz-ﬂ, (339)
? 1+Z(s})
where ) o)
S 1+s1I(0 S1
Z(s) = / do . 340
&)= ), Trel@) Grrs =™ (340

Similarly, achievable rates are obtained for naive CF and CF with separate preprocess-
ing [178].

5.3.5. Multi-Session Wyner-Ziv CF

In this cooperation scheme, both nodes can quantize and compress their received
signals and exchange the result via a cooperation session. The compression is performed
by the WZ [190] algorithm using side information at the decoder. For this to be per-
formed, several definitions are required. Notice that each WZ compression step can use all
information collected in the previous sessions in the form of side information. Define

)

k
=y + ”((:,

i v
where ngkl) is independent of y,, as the compressed signal that is transmitted from i = 1
to the co-located user i = 2. We refer the reader to [193], for successive Wyner—Ziv
overview. Here, we deal with the case where the message that is transmitted in each
session has better side information than the previous session since more layers are decoded.
Furthermore, the second session can use the information sent by all the previous sessions
in order to improve performance. Since the power that is used by each session is a control
parameter, rather than a fixed parameter, the use of an auxiliary variable that is transmitted
during a session, but decoded only at the next session is superfluous (due to the better
side information, declared as V in [193]). Next, using [193], the following Markov chain
is defined, where unlike [193], we are interested in independent averaged distortion,
rather than plain averaged distortion. The main feature here is that the compression noise
ng? should decrease from iteration to iteration, ending up with a sequence of degraded

(k)

channels §;"’, following the Markov chain:

A(k A(k—1 A(1

yy—xs—y — 91 — g g (341)
A(k A(k— A

yp—xs— 1, — 9 gy — gl (342)

The equivalent fading gains after every iteration of the multi-session cooperation are
stated in the following proposition.

Proposition 10. The achievable rate in the multi-session with separate preprocessing and successive
refinement WZ is given in a recursive form for the kth session,

Ry, = Ew [log(1+stdP) |, (343)

where

(k)
sﬁz{%>”2”, (344)
Sp 51 < S2
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and
s
st =51+ —2—, (345)
1+ (0y7)?
(k) 51
5, =84+ ———, (346)
’ 1+ (019)2
and
1 (s(k=1) 1 (k—1)
(Uj(k>>2 _ <0-j(k71) 2 +S] (S )+53 j (S ) ’ (347)

_ 2
+ 55 ;I (stk= B 1+ (o + s;I(stk= +6;
(14 s3I 1>>>[1+5;>(1 (o) )} (s D) (1 +61)

where a].(k) is specified in (347) for j = 1,2, and (5](’() is the fractional power assigned to user j for

the kth cooperation session.

Figure 29 compares the variation of the average rates versus the cooperation link
quality (Pr/Ps) achieved by the naive AF, separate preprocessing AF, multi-session AF,
and narrow-band naive CF. It is observed that the gains of separate preprocessing AF
over the naive approach increase with decreasing P,/ Ps. For Ps; = 20 dB, both approaches
achieve gains over the outage upper bound for P,/ Ps; > 0 dB. For moderate to high Ps; and
P,, the multi-session AF approximates the broadcasting upper bound. Again, the naive CF
outperforms all other approaches and approximates the broadcasting upper bound even
on a wider range of P, values.

5 T T
— — — Broadcasting LB
=+ Naive AF
—&— Separate Preprocessing AF
451 —O— Multi-Session AF 4
_ —=fk— Narrow-band Naive CF
b — © — Outage UB
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Figure 29. Broadcast approach: average rates of Naive amplify-and-forward (AF), AF with separate
preprocessing, multi sessions AF, and narrow-band (NB) naive compress-and-forward (CF) compared
to upper and lower bounds, as function of the channels quality ratio % (Ps =20 dB).

5.4. Transmit Cooperation Techniques

Relaying strategies of a relay close to the source transmitter are considered in [179].
The source-relay channel is assumed to be a fixed gain AWGN due to their colocation,
while the source-destination and the relay-destination channels are subject to a block flat
Rayleigh fading. A perfect CSI is assumed only at the respective receivers. With the
expected throughput as a performance measure, [179] incorporates a two-layer broadcast
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approach into a cooperative strategy based on the DF scheme, referred to as SDF. The SDF
strategy’s achievable rate expressions are derived under the broadcast approach for mul-
tiple settings, including single-user MISO and the general relay setting using successive
decoding technique, both numerically and analytically.

The system consists of a source terminal s communicating with a destination receiver,
denoted by d. The multi-terminal network may consist of a helping terminal 7. The help-
ing terminal is occasionally present, and when available, it is near the source. However,
the source is not aware of the relay’s existence or availability. This model is motivated by the
nature of wireless sensor networks. In such networks, numerous sensors intended to gather
some information from the environment are deployed over a limited area. The sensors usu-
ally transmit information to a control point, which may have high processing capabilities.
The dense deployment, along with autonomous functionality required from each sensor,
leads to the concepts of collocation and obliviousness of cooperation among sensors.

The information is transmitted over a shared wireless medium where transmission
received by the destination is subject to block flat Rayleigh fading. The fading coefficients
between the source and the destination denoted by /s, and between the relay and the
destination denoted by #,, are modeled by two independent zero-mean unit variance
complex Gaussian RVs and are assumed to remain constant over a transmission block of
N symbols, with N large enough to allow Shannon theoretic arguments to hold. Since
the source and the relay are physically collocated, the channel gain between the two is
assumed to be /Qe/?, where Q is a fixed power gain (known to all), and 6 is a random phase
uniformly distributed RV over [—7, 77), which is assumed fixed during a transmission
block of N symbols and independent from one block to the next.

During the transmission period of one fading block, the relay (if one exists) can assist
the source in relaying the message to the destination. Unaware of the relay’s presence,
the source assumes that in the worst case, it is the only active transmitter, optimizing its
transmission for the SISO channel. When the relay exists, the received signals at the relay
and the destination at timen,n =1,..., N, are modeled by

yr(n) = V/Qxs(n) +nr(n), (348)
]/d(n) = hsxs(n) + hrxr(n) =+ nd(n) ’ (349)

where y,(n) and y;(n) are the received signals at the relay and destination, respectively.
The signals xs(n) and x,(n) designate the source and relay transmitted signals, respectively.
The AWGN samples are denoted by n,(n),n;(n) and they are distributed as CA(0,1).
Without a helping relay, the received signal at the destination is given by

ya(n) = hsxs(n) +ng(n). (350)

For brevity, the fading gains are denoted by vs = |h; |2 and v, = |hr|2 each of which is
exponentially distributed with unit mean.

5.4.1. Single-Layer Sequential Decode-and-Forward (SDF)

In the SDF strategy [173,176], the source transmits a single layer coded signal at the
rate R. The relay (if present) remains silent while trying to decode the single-layer message.
Once it can decode the message (after accumulating enough mutual information), it starts
transmitting the message, acting as a second transmit antenna. If it is unable to decode
the message before the block ends, it remains silent throughout the block, and no further
cooperation occurs. The term sequential decode-and-forward emphasizes that the relay
first decodes the entire message and only then starts sending its codeword. The mutual
information at the relay is log(1 + PsQ), which means that a relay will decode a rate R
message for R < log(1 + P;Q). Define ¢ as the fractional time within the transmission

block which the relay uses to decode the message, i.e., 4 min(l, m) ,E=1—¢.
The expected throughput for a Rayleigh fading channel is expressed by
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R, (ER—slogflﬂfPs) 1 VP )
_eR_ “h € —1—=vls
e B +/ " exp| — P exp(—v)dv R <log(1+ P:Q)

0 r .

(351)

e P R > log(1+ PsQ)

The expected throughput RSDF for R > log(1 + P;Q) is also equal to the achievable
rate without a relay, which serves as the oblivious cooperation lower bound.

5.4.2. Continuous Broadcasting

Consider the problem of oblivious relaying where the transmitter performs continuous
layering. It is assumed that when the relay exists, it first decodes the entire message from
the source and then starts its transmission. Under a collocation assumption, the relay
decoding time may be negligible compared to the transmission block duration. This setting
of negligible relay decoding delay is called informed SDFE. The informed SDF protocol
assumes that the helping relay, when available, is informed of the transmitted packets in
advance. Thus, when a relay is available, it helps throughout the transmission block.

Denote the power density at the transmitter by ps(s) and its corresponding residual
interference function by I;(s), where I;(sg) = Ps and Is(s1) = 0. The layering power density
at the relay is denoted by p:(s). The relay residual interference function I (s) maximizing
the expected throughput in presence of a helping relay is the subject for optimization.
The relay power constraint is I;(sg) = P,. As the optimization problem does not lend
itself to a closed-form solution for a general power distribution I,(s), a suboptimal I,(s) is
proposed. Consider a relay power distribution of the form

I(s) = Z1(s). (352)

The selection of such a power distribution (352) may be analytically analyzed using
a single-variable function as a subject for optimization via the calculus of variations.
Any general selection of I;(s) and I,(s) requires optimizing two functionals, and does not
seem to have a closed-form analytical solution. This general problem remains a subject
for further research. Under the power allocation in (352) the equivalent fading gain of the
combined source and relay signals takes the form of seq 2+ %vr. The CDF of seq is thus

F(s)=1—e®—se® a=1
Fseq (S) = ’ (353)

s _s .
1+ 5+ % otherwise

where a = %; It is clear that the expected throughput may be directly computed, as Is(s) is

the source optimal power allocation [23], and the relay uses the mentioned I, (s) = %Is(s).
We call this setting relay broadcasting. In order to evaluate the oblivious cooperation gain, the
achievable expected throughput can be compared to the 2 x 1 MISO setting, where a single
source with two antennas transmits using a continuous layering coded signal. This serves
as a tight upper bound and is termed MISO broadcasting.

5.4.3. Two Layer SDF—Successive Decoding

Previous subsections presented achievable rates for the single-layer and for the contin-
uous broadcasting approaches. This subsection focuses on a practical layering approach,
involving only two coded layers. Two coded layers are incorporated within the SDF
schemes, and achievable rates are studied. Lower and upper bounds are derived first,
and then achievable rates are formulated. More details are available in [179]. The general
problem can be formulated by considering a transmitter using a two-layer coding approach
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with a power per layer defined by aP; and &P; , where & 2 1 — a. Accordingly, the rate per
layer is defined by

. n1aPs
R; =log (1 + T4 ab. 7715€Ps> , (354)
Ry = log(1+1,aPs) , (355)

where 71 < 772 can be interpreted as equivalent fading gains for reliable decoding of the
ith layer. In oblivious relaying, the source power allocation per layer, defined by «, is set
such that the expected throughput is maximized without a relay. When a helping relay is
available, the source keeps using the power allocation &, while the relay allocates P, and
BP; for the first and second layer, respectively. Under SDF relaying, the relay has to decode
the message before transmitting it. The relay fractional decoding time, €. of the ith layer, is

Rq
log(1+ 18k ) )

28 1 Ry
e = mm(l,max (er, log (1 + ORPy) , (357)

where ¢, specifies the fractional time for the relay to gain sufficient mutual information
to decode the ith layer. Note that due to successive decoding, the second layer decoding
cannot be shorter than its preceding layer. Using the fractional decoding times, it is required
to derive the mutual information at the destination for each of the layers. When the relay
requires more time to decode the second layer, it may begin allocating all its power P,
for the first layer. Only once the second layer decoding is complete does the relay begin
transmitting using P, and BP; allocated power per layer. The mutual information for
decoding the first layer is given by

A .
s} =min| 1,

(356)

SDF1 _ 1 _vskBs (2 g vsaPs + vr by
[SPE1 — s,log(l +3 +vsacPs> + (e, er) log(l T3l (358)
vsaPs + v, BP,
1— 2 1 1 sitl's P , 359
+( sr) 0g( T vt iE (359)

where v5 and v, are the fading gain realizations of the source-destination and the relay-
destination links, respectively. The coefficients ¢}, 2 are the relative time for the relay to
gain sufficient mutual information to decode the first layer and second layer, respectively.

The mutual information associated with the second layer is
ISPE2 = 2log(1 + vsaPy) + (1 - sﬁ) log(1 + vsaPs + v,BP;) . (360)

The expected throughput achievable at the destination, with a helping relay, can be
computed by using (354) and (360), to obtain

REPF = Ry P (PP > Ry ) 0 (1°PF2 < R, )|

+ (R + Ry) .P[(ISD“ > Rl) N (ISDF'Z > Rz)] . (361)

which can be maximized over a, 8,71, 172. We assume that ¢! = &2, implying simplex relay.
This means the relay transmits only after completing the decoding of both layers.

A lower bound for the achievable rate of oblivious relaying is considered here. In an
oblivious setting, the maximal expected throughput without a helping relay is called a
direct transmission rate. This rate serves as the lower bound to achievable rates for the
relay channel.
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Proposition 11. The oblivious relaying lower bound, i.e., single user direct transmission expected
throughput is

REY = RiP(i1 < vs < 12) + (R1 + Ro)P[(vs > 111) N (vs > 112)], (362)

where Ry, Ry are the two-layers’ rate allocation, and 11, 11o are the fading gain threshold for decoding
the first layer and second layer, respectively.

The expected rate RESY can be optimized over a, 771, 77, to maximize (362), and provide
a tight lower bound. In an oblivious setting, it remains to optimize the relay layering power
allocation, i.e., B, to maximize RESDF in (361).

The MISO achievable rates serve as upper bounds, reflecting full cooperation among
transmitters. As the relay and source might have different power allocations, it is required
to study the problem of MISO layering with individual power constraints per antenna.
Consider first a sub-optimal approach where the same fractional power allocation per layer
is used per antenna. In our setting this means &« = § in (358) and (360), i.e., the first layer
power allocation of the source and the relay is aPs and a P, respectively. The expected rate
then, similarly to (361), becomes

1+ay
+ (R + Rﬂﬂ”[(log(

REMISO :Rl]P’Klog< L+ X ) > R1) N (log(1 +aY) < Rz)}

1+Y
1+aYy

> > R1> N (log(1+aY) > Ry)|, (363)

where Y £ P;vg + P,v,. For a Rayleigh fading channel the CDF of Y is given by

1 _u _u
o—N Pe Pr _Pe Ps P #P
Fe(uy=4¢ 7 PS( o ) T (364)
(1+4)e * P, =P
2 S s — Iy

Now, consider the more general setting for the MISO layering problem, where source
and relay layering power distribution are not necessarily equal, i.e., « # B. The following
result derived via explicit evaluation of the decoding probabilities quantifies the average
throughput achievable by letting the relay use an independent power allocation.

Proposition 12 ([179]). Fora 2 x 1 MISO, a channel model described by (348) and independent
predetermined power allocation coefficients w, B, the average throughput is given by

R BT+ Ry {“%2 ) | gt rlns) } 1—efMp<0
RE‘YQMISO = _ —k —s —k(v —vs. ) ki - —vs —11(;1 —vs ) 4 (365)
Ry k= +Rz{f L e pneoe R } 1—eRB>0
A aPbs A aLs
wheren = AP k= BEm P (5=a) P’ and where
L2/} any
0 =YX =y
vs, 2 , (366)
—067_71,3 (B4 B __“)) otherwise
x(B+mbPs(p—a)) —ap
AL _0071:3 + E‘T]Z(IB +771P5(ﬁ B 06)) . (367)

Vs,

a(B+mPs(p—a)) —ap

It is evident from the above proposition that the relay’s power allocation has a crucial
effect on the achievable rate, and a powerful relay does not guarantee a high achievable
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rate unless equipped with appropriate power allocation. For an equal layering power
allocation, i.e., & = B, (365) reduces to (363) as vs, = 0. A step in determining an optimal
power allocation for the MISO is taken in the following proposition, which establishes the
optimal power allocation for an asymptotic source power and a constant ratio of source to
relay powers.

Proposition 13 ([179]). For a 2 x 1 MISO setting satisfying P; — oo, P, — oo, and % =c
under the channel model described by (348), the equal power allocation is optimal.

5.5. Digmond Channel

Next, we review the two-hop transmission from a source to destination via two parallel
full-duplex relay channel, which is investigated in [180]. Similarly to the general theme of
this paper, the transmitter and the relays are oblivious to their forward links to their next
hops, while being aware of their backward channel from the previous one.

As shown in Figure 30, the transmitter sends a signal x, and it is received by both
relay nodes. The signal received by relay i € {1,2} is given by

]/ri - hrix + ni/ (368)

where h;, follows a Rayleigh fading process and n; accounts for the AWGN. The signal
received by the receiver from the concurrent transmissions by the relays is

y = hx, + hyxy, + 1, (369)
where h; follows a Rayleigh fading process and n is the AWGN. The relays can be in the
half- or full-duplex modes. Accordingly, the channel gains are defined as s; = |h;|2 and
51 = |hri|2-

A relevant metric to assess the broadcast approach’s performance is the average rate
that can be sustained reliably between the source and the destination, maximized over all
possible allocations of power across different information layers at the transmitter and the
relays. Each overall channel realization is the combination of the realizations of four distinct
and independently varying channels. A relevant notion of degradedness in the channel can
be specified based on the source-destination rate that the channel can support. Based on
this, channel realizations are rank-ordered based on the aggregate rate they support.
The transmitter designates one layer per realization, and the receiver at each channel
realization decodes all the layers designated to that realization and those designated to the
weaker ones. This strategy is next reviewed under different relaying strategies.

yT’1 377’1

y'r'2 xr T2
Figure 30. The diamond channel.
5.5.1. Decode-and-Forward

In this scheme, a transmitter generates K information layers denoted by {xy,...,xx},
which are adapted to K discrete channel gains. The first baseline layer is designed to be
decoded by the relays when the gain of the channels linking the source to the relays is at
least 51, i.e., relay i decodes x; when s,, > ay. Similarly, in general, layer k is designed to be
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decoded by the relays when s,, > a;. Hence, the fraction of the power allocation to layer
k € {1,...,K} is denoted by 7. The incremental rate allocated to layer k is

YAk
Rp=log( 14+ — 1% )} (370)
( 1+ Z]K:kH ’Yz'ﬂk)

Each relay starts decoding the information layers from the baseline layer 1 up to the
layer that its actual channel realization affords. This results in the two relay nodes decoding
a different number of information layers. Denote the number of layers decoded by relay
1 and relay 2 by M; and M, respectively. Relay i then superimposes all the M; information
layers and allocates a;; fraction of its power to layer j € {1,..., M;}, with the rest being
allocated power 0, i.e., a;; = 0 for j € {M; +1,...,K}. Hence, the message transmitted by
relay i is

K

Xrp = ) i (371)

j=1

Since each relay is oblivious to the channel and power distribution of the other relay,
due to the symmetry involved, it is assumed that power distributions are the same in both
schemes. It is shown in ([180], Theorem 2) that if power distribution across the layers is
identical in both relays, then the relay signals must be uncorrelated in order to achieve the
maximum expected rate. Hence, each relay’s code construction is based on assuming a
similar power distribution for the other relay. The two relays adopt a transmission scheme
that mimics the space-time block codes, implemented in a distributed way. Specifically,
consider the time-slotted transmission in which the signal transmitted by relay i € {1,2}
at time ¢t is denoted by X; (). At time ¢, transmitter 1 transmits Z]K:l /#1;%;(t) and trans-
mitter 2 transmits Z]K:1 /%2jxj(t 4+ 1). Subsequently, at time f + 1, transmitter 1 transmits
- le txl]-x;-k(t + 1) and transmitter 2 transmits 2};1 @;x; (t). Hence, the received

]
signal at the destination is

[N D o ISR v | N R N P

i=1
By capitalizing on the structure, the destination decouples the received signal into
two parallel streams of signals by post-multiplying the received vector on the left side
of (372) by

[ hivaii  —hay/a; } ' (373)
hyy/aoi b/

Based on this approach, the interference power imposed when decoding layer i by the
destination is

K

I; = (s1mi + s2027) Y, (s101 + o) - (374)
j=it1

Therefore, the probability of successfully decoding layer k at the destination is

P, = P ;10611(1’ + sapk > Zk“k _ (375)
L+ Yy (s1 + somop) — T+ 2y q itk
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Hence, the expected achievable rate is

i i Yk
Rave = PiR) = Pelog| 1+ —————— | . (376)
k=1 k=1 1+ Dk vtk

An optimal allocation of power across different layers can be found by maximizing the
average sum-rate. A toy example showing the details and some steps involved is available
in [180].

5.5.2. Amplify-and-Forward

In this relaying mode, only the destination node decodes the information layers
and the relay nodes only amplify what they receive. To coherently decode the signals,
the destination deploys a distributed space-time code permutation along with the threshold-
based ON/OFF power scheme, which is known to improve the performance of AF relaying.
In this scheme, relay i will remain silent if the channel gain s,, is smaller than a pre-specified
threshold ay,. Otherwise, each relay completes its transmission in two consecutive time
slots. In time ¢, relay 1 transmits 1y, (f) and relay 2 transmits cpyr, (f +1). In time slot £ + 1,
relay 1 transmits —cyy;, (f + 1) and relay 2 transmits coyy, (t), where coefficients ¢1 and c;
are selected properly to satisfy the power constraints. At the destination, the received vector

] 7

is multiplied by
hyier  hyhacy 17

rift1t1 103 378
[ —hizhﬁcz h;‘lhi‘cl } (378)

transforming the channel into two parallel channel, yielding the following mutual informa-
tion between the transmitter and the receiver

(379)

2 2
58164 + 51,5263,
1+ 5102 + 5003

I(x;y) = log (1 +

Hence, the average rate of this channel can be found by averaging I(x;y) over the
distributions of all the channel gains involved. Subsequently, the maximum average
rate can be found by averaging the mutual information across different realizations of
the channels.

5.6. Multi-Relay Networks

Motivated by addressing the distributed nature and delay sensitivity of modern
communication systems, the study in [181] investigates a network consisting of a source-
destination pair, the communication between which is assisted by My relays. The source is
connected to the relays via a broadcast channel, and the relays have orthogonal channels to
the destination. There is no direct link between the transmitter and the receiver. The signal
received by relay i € {1,..., Mt} during timeslott € {1,...,n} is given by

Yr(t) = x(t) +ni(t), (380)

where x(f) and n;(t) represent the transmitted signal by the source and the AWGN.
The channel between each relay and the destination has a finite capacity denoted by
C. Furthermore, the relays will have a non-ergodic failure profile, and it is assumed that at
any given time, a random number of relays denoted by M & {MO, ., MT} are functioning,
while communication by the rest is erased for the entire duration of a transmission. My de-
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notes the minimum number of relays that are functioning at any given time, and define
p = [PMy, - - -, PM;] as the probability mass function of M.

The success/erasure model of the relay-destination links provides a context for defin-
ing degradedness among different realizations. Specifically, a realization that has m func-
tioning relay-destination links will be considered degraded with respect to the one with
n > m functioning links. Based on this, the transmitter splits its messages into Mt — My + 1
independently generated information layers { Wy, ..., Wa, } with rates { R, - - ., Rp, }-
When there are M = m active relay-destination links, the destination decodes information
layers {WMO, el WMT}, rendering a total rate of R};l = f"zl R;. Subsequently, the average
rate in the channel is

Mr
Rave = Z PmR;];q . (381)
m:MO

Two distinct settings will be discussed next: the oblivious relays setting, in which which
the relays are oblivious to the codebooks used by the source, and the non-oblivious relays
settings in which the relays are informed about the codebooks used by the source.

5.6.1. Oblivious Relays

In this setting, a relay performs a stochastic mapping from the message set to a
codeword. This stochastic mapping depends on a random key F € F that is revealed to the
destination, but it is unknown to the relays. By appropriately choosing a probabilistic model
for F, it is possible to model a scenario in which the signal transmitted by the source is i.i.d.
over the codeword elements. At each relay, being oblivious to the codebook F, the relay
maps its received sequence to an index in the set {1,...,2"C}. Finally, the destination uses
the relays’ indexes, the knowledge of the codebook F, and the actual number of active relay-
destination links, decode the layers associated with the number of active relay-destination
links. By restricting the input to be Gaussian, it is shown in [181] that the average capacity
of the channel is upper bounded by

My m
Cave <max Y pm Y_R;, (382)
m=My  i=1
where
1 P
Ry = = log 1+ M - : (383)
2 1+mog +mPy”" . Bi

The maximization in (382) is taken with respect to parameters ,, > 0, which satisfy

Mr
Y, =1, (384)
m:MO
and o2 is defined as
1 -1
2 _ (1 2mC _
02 = (m +p> (22mc-1) . (385)

Motivated by the structure of this upper bound, [181] proposes a broadcast approach
and single-description compression at the relays. In this approach, each relay sends over
the relay-destination link a single index (description), which is a function of its received
signal. The compression/decompression scheme is inspired by the technique used in [194]
for robust distributed source coding in a CEO problem. The technique works by performing
random binning at the agents, as is standard in distributed compression. Moreover, the test
channel (i.e., equivalent compression noise) and binning rate are selected so that the receiver
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can recover with high probability the compressed signals on the M active links irrespective
of the realized value of M as long as itis M > M (as guaranteed by assumption). In other
words, the design of the compression scheme targets the worst-case scenario of M = M.
Notice that, should more than Mj links be active M > M, the corresponding compressed
signals would also be recoverable at the receiver, since, by the design of the binning
rate, any subset of My descriptions can be decompressed [194]. After decompression is
performed, the receiver uses all the M signals obtained from the relays to decode the
codewords up to the Mth layer (that is, the layers with rates R;;, with My < m < M).
Under this transmission scheme, the achievable average rate is

1 P
R < Llog(1+ mpnP , (386)
2 1+02+mPy" o Br

where 02 satisfies

1
MyP \ Mo 1

<1+1+02) (14—02) <C. (387)

This broadcast approach can be further developed to couple the broadcast coding
approach with multi-description, rather than single-description, compression at the relays.
The idea follows the work in [195], which focused on the CEO problem. Accordingly,
each relay shares the nC bits it can convey to the destination between multiple descriptions
of the received signal to the decoder. The basic idea is that different descriptions are
designed to be recoverable only if certain connectivity conditions are met (that is, if the
number of functioning links M is sufficiently large). This adds flexibility and robustness
to the compression strategy. To simplify the presentation, the analysis is focused on the
two-agent case (Mt = 2). In this approach, the two relays send two descriptions: a basic
one to be used at the destination in case the number of active links turns out to be M =1
and a refined one that will be used only if M = 2. In this setting, the achievable average

rate is
1 P
Ry < -log|1 , 388
1—2°g< +1+(1—ﬁ)P—|—012+(722> (388)
1 2(1-pB)P
Ry < zlog|14+——=—|, 389
with any power allocation factor g and ¢? and 02 that satisfy
2 2\2(op 241 211
Liog(14 DAL} Liog( (@) @PEAEDR D) ) o 5g)
2 ot oy ) 4 (2P + 02 4 03 + 1) (0% + 05 + 1)0y)

5.6.2. Oblivious Agents

Next, we briefly review the model in which the agents are informed about the code-
book used at the source. As shown in [181], the average capacity for this setting is upper
bounded by

Mr
Cave < Y. Pm min{;log(l +mP), mC} : (391)
m:MO

This result follows directly from cut-set arguments, where the first term in the min
follows by considering the cut between source and relays, and the second depends on the
cut from relays to the destination.
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As for an achievable strategy, a generalization of the single-description approach
for the setting of the oblivious relay can be constructed in a straightforward way. In this
scheme, the source uses broadcast coding with Gaussian codebooks. However, on top of
the Mt — My + 1 layers considered earlier, the source superimposes a further layer carrying
a common message, denoted by Wy, with rate Ry, to be decoded by all relays and then
forwarded to the destination. The destination is considered to recover such a message at all
times, that is, as long as the number of active links M satisfies M > M. For this purpose,
each agent reserves a rate of R/ M on its outgoing links to send an index computed as a
random function of the decoded Wj. It can be easily seen that, even though the agents are
unaware of which links are currently active, the receiver will be able to recover Wy with
vanishing probability of error as n — oo. The extra layer carrying Wy is decoded first by
the agents and canceled, and the rest of coding/decoding takes place as for the broadcast
approach with a single-description scheme with the caveat that now the remaining link
capacity to forward compression indices is C — R/ Mjy. Under this scheme, the average rate
that can be achieved is given by

Rumy < Rmy +Ro (392)
Ry < ~log(1+ mﬁmPM for Mo+1,...,Mr. (393)
2 1+02+mPYy" | Br
where
1 BoP
Ry=-log(1+—F" 4
o= 31081 ) o5

and o2 satisfies
1
MyP(1 — Bo) \ Mo 1

5.7. Occasionally Available Relays

1
5 log

Finally, we consider the impact of uncertainty in the network topology on transmission.
This is motivated by the fact that in practical wireless networks, it is often difficult for each
user to keep track of neighboring terminals, potentially assisting in the transmission of its
information. This is especially pronounced in high-mobility networks. One immediate
implication of this setting is in the IEEE 802.11 WLAN protocol using occasional relay
terminals is explored. Mobile users that are far away from an access point can suffer from
low uplink rates. Occasional relaying terminals between the mobile users and the access
point receive the transmitted packets and relay them to the access point. When relays do
not exist, then the direct links are used, albeit at a lower rate.

This setting is studied in [176], which considers communication between a source
and a destination where occasionally there might be a relay node in close proximity of the
source, and assisting it without its knowledge (i.e., the source is oblivious to the existence
of the relay node). The destination, on the other hand, is aware of the existence of the relay
node. When the relay exists, the source-relay channel is considered to be of a constant
quality (due to the proximity), and the source-destination and relay-destination channels
undergo block fading. All channels are known only to their associated receivers, and they
are otherwise unknown to other nodes.

Hence, in this setting, the transmitter’s uncertainty is due to a combination of channel
uncertainty and relay existence uncertainty. Furthermore, the combination of these factors
can be used for adopting a natural notion of channel degradedness. Specifically, we can use
the throughput of the channel as a metric based on which different channel realizations and
relay existence scenarios can be rank-ordered. By leveraging this notion of degradedness,
the transmitter generates the codebooks, one corresponding to each possible realization,
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ensued by superposition coding for transmission. At the destination node, the receiver uses
the information about the actual realization of the channel and the relay’s existence and
decodes all the codebooks assigned to this realization and all the weaker ones, treating the
rest as noise.

6. Communications Networks
6.1. Querview

Previous sections discussed point-to-point communication, the MAC, the interference
channel, and the relay channel. This section considers a broader span of communication
networks with multiple communicating nodes and different cooperation levels. Only a
limited number of examples are covered in detail, and an outlook of additional relevant
problems is provided in Section 7.

We review the application of the broadcast approach to four different aspects of mod-
ern communication networks. First, we focus on cellular communication. Specifically,
the case of uplink communications is studied in [196] where the broadcast approach is
studied in conjunction with multiuser detection for randomly spread direct sequence (DS)
code-division multiple access (CDMA). This is discussed in more detail on Section 6.2.
In networks, it may be commonly required to minimize the distortion of the source in-
formation rather than maximize the expected rate. For fading channels combining the
broadcast approach with successive refinement source coding allows minimization of
expected distortion. This aspect is discussed in Section 6.3. Successive refinement as com-
bined with the broadcast approach gives idea beyond the basic setting, and was recently
used for a multiuser downlink with layered cooperation among users [197]. The broadcast
approach for the information bottleneck channel is studied in [198-200], and it is discussed
on Section 6.4. Finally, the design of the broadcast approach for transmitters with harvested
energy is discussed in Section 6.5. There are indeed many additional network related works
which are worth noting but cannot be reviewed in details in this section, such as those
in [201-213].

6.2. Multi-User MAC Broadcasting with Linear Detection

A cellular system where macrocells are overlaid with femtocells is studied in [214].
Each femtocell is served by a home base station that is connected to the macrocell base
station via an unreliable network access link, such as a digital subscriber line (DSL) followed
by the Internet. A scenario with a single macrocell and a single femtocell is considered first,
and it is then extended to include multiple macrocells and femtocells, both with standard
single-cell processing and multicell processing (or network MIMO). Two main issues
are addressed for the uplink channel: (i) interference management between femto and
macrocells; and (ii) robustness to uncertainties on the quality of the femtocell access link.
The problem is formulated in information-theoretic terms, and inner and outer bounds are
derived to achievable per-cell sum-rates for outdoor and home users. Overall, the analysis
lends evidence to the performance advantages of sophisticated interference management
techniques, based on joint decoding and relaying, and of robust coding strategies via the
broadcast approach.

The work in [196] considers the problem of multiuser detection for randomly spread
DS-CDMA over flat fading channels. The analysis focuses on the case of many users
and large spreading sequences such that their ratio, which is the system load, is kept
fixed. Spectral efficiency of practical linear detectors such as match-filter and decorrelator
employing successive interference cancellation (SIC) at the receiver is derived. This is used
to extend the notion of the strongest users detectors for SIC receivers. The strongest users
detectors system design relies on an outage approach where each user transmits in a single
layer (fixed rate), and only users experiencing good channel conditions may be reliably
decoded, while the other users are not decoded. In [196], iterative SIC decoding is studied,
and it is shown that for equal power users, the optimal rate allocation, for maximizing the
expected spectral efficiency, is equal rates for all users. This outage approach analysis is
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extended for a multi-layer coding broadcast approach per user. The expected sum-rate,
under iterative decoding with linear multiuser detectors, is optimized, and the optimal
layering power distribution is obtained. For small system loads, the achievable spectral
efficiency with the continuous broadcast approach and a linear matched filter detector
exhibits significant gains over the single-layer coding approach.

Multiuser wireless communication systems using CDMA have been studied and
implemented in recent years. The results on the asymptotic distribution of singular values
of certain random matrices allowed the analysis of randomly spread direct sequence
CDMA [215-217]. In those multiple access channels, random and independent signature
waveforms are assigned to the network subscribers.

In [216], the sum-rate capacity per chip was analyzed for a non-fading channel,
the number of users K is taken to the limit (K — o0), and the spreading sequence length N
is also large (N — o). The system load, which is also the number of users per chip is kept
fixed, i.e.,

B= % . (396)

The main conclusions from the results in [216] are that for low $, the linear multiuser
detectors (e.g., decorrelator and linear MMSE detectors) have near-optimal spectral ef-
ficiency. For any B and Ej, /Ny, the match-filter multiuser detector is far from optimal.
The spectral efficiency of the linear detectors, except for the matched filter, grows un-
bounded with Ej, /Ny, for a given . The work in [217] extended these results to the case
where every user experiences a flat fading channel. The sum-rate capacity is an ergodic
capacity, which is achievable for fast fading channels, where every transmitted block expe-
riences sufficiently many fading realizations to approximate ergodicity. Otherwise, a frame-
work of outage capacity may better characterize the expected performance. The channel
model with slow fading, where a fading remains fixed throughout a transmission block,
is considered in [218], where an outage probability is equivalent to the fraction of un-
decoded users, providing a framework for strongest users detection. In this work, it is
assumed that all users transmit at equal rates and equal power, regardless of their indi-
vidual fading realizations. In such a case, the receiver can no longer guarantee reliable
decoding for all active users. In this case, the receiver ranks all active users by their received
powers and decodes the transmissions of the largest number of users, for which decoding
is successful. The system design can be done such that a fraction of undecodable users
(FUU) is defined, and this dictates the fixed rate to be used by all active users. The total
achievable sum-rate is referred to as the outage capacity. The FUU can be optimized such
that the average sum rate is maximized.

In [196], the sum-rate capacity of linear detectors with SIC receivers is studied for
different types of detectors. Different approaches to rate allocation and multi-stage de-
coders with SIC are considered. Interestingly, it turns out that with iterative SIC decoding,
equal rate allocation achieves the highest average spectral efficiency. In iterative decoding,
the receiver decodes as many users as possible and performs SIC every iteration. The ef-
fective system load is reduced after every SIC iteration, increasing the multiuser detector
efficiency. Thus, more users with worse channel conditions can be decoded. Moreover,
by letting every user employ multi-layer coding, the expected spectral efficiency may
increase further.

The multi-access channel combined with the broadcast approach [23] in its continuous
layering form was first analyzed in [73]. Some MAC outage approaches and MIMO multi-
layering schemes were studied in [74]. In [112], a simple two state multi-access channel
with two users is studied, where it is shown that superposition coding is optimal, and the
sum-rate capacity per layer is derived. A random-access (non-fading) channel is also a
special case of the MAC. Achievable rates over this channel are studied with superposition
coding in [112,219]. An alternative practical approach is to use variable-rate coding over
the MAC [220].
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The main results of [196] may be summarized as follows:

1. formulation of ergodic bounds for systems with random spreading DS-CDMA over
fading channels, employing SIC receivers;

2. derivation of the expected spectral efficiency achievable with equal rate allocation per
user, and iterative SIC decoding. It is also shown that equal rate allocation maximizes
the expected spectral efficiency;

3. derivation of the expected spectral efficiency for the case of multi-layer coding taken
to the limit of many layers (continuous broadcast approach);

4. analysis of a multi-layer coding where parallel decoders are used, without employ-
ing SIC;

5. analysis of a more complicated setting, including a multi-layer coded transmission
with iterative SIC decoding. It is shown that, like in the single-layer case, the expected
spectral efficiency is maximized for equal rate allocation per user. Furthermore, the
optimal layering power allocation function, which maximizes the expected spectral
efficiency, is obtained for the matched-filter and decorrelator detectors. The case of
broadcasting with MMSE and optimal detectors under iterative SIC decoding remains
an open problem.

6.2.1. Channel Model

We describe the channel model and the basic assumptions. Consider the following
system model

y =VHx+n, (397)

where x = [x1,...,xg] is a vector of length K. An individual term x; is a sample of a
layered coded signal of the kth user, and {x;} are i.i.d. and distributed according to
CN(0,P), where P sets the power constraint per user. V is an [N x K] signature matrix
with elements i.i.d. distributed according to jj ~ CN (0, %), and n is, without loss of
generality, a normalized AWGN vector n ~ CN (0, Iy). The channel matrix H is a diagonal
matrix H = diag(hy, ha, ..., hx) of fading gains. The empirical distribution of {s;} = {|/|?}
converges almost surely to a distribution Q(s) such that Eg[s] = 1. The channel matrix
H remains fixed throughout a transmission block, which corresponds to a slowly fading
channel model. Note that, since the additive noise is normalized we have SNR = P.

The energy per bit to noise spectral density ratio is used for evaluating the spectral
efficiency and for comparing different strategies, and it is defined as

Ey B
— = SNR, 398
NO Rsum ( )

where Rsum is the total spectral efficiency, i.e., the sum-rate in bits per second per Hertz.
The system load S is defined in (396).

6.2.2. Strongest Users Detection—Overview and Bounds

Motivated by practical considerations, the decoding of strongest users on block fading
channels is studied in [218]. This study assumes that all users transmit at equal rates and
equal powers, regardless of their individual fading realizations. In such a case, the receiver
can no longer guarantee the reliable decoding of all active users. Thus, the receiver ranks
all active users by their received powers and decodes the transmissions of the largest
number of users, for which decoding is successful. The system design can be optimized to
a fixed FUU, which dictates the rate to be used by all active users. The maximal achievable
sum-rate is referred to as the outage capacity. It is obtained by optimizing the FUU such
that the average sum rate is maximized.
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The ergodic spectral efficiency for the fading CDMA channel model in (397) is given
by [217]

Cerg(ﬁ/ SNR) = :BES [log(l + SU(IB)SNR)] ’ (399)

where 7(B) is the multiuser detector efficiency, which depends on the detector type
(e.g, matched filer, decorrelator, MMSE), and is a function of the system load , and the
SNR. The expectation is taken with respect to the fading gain distribution Q(s). For the
completeness of this presentation, the multiuser detector efficiency is specified for each
relevant detector. The detector efficiency of a matched filter is [217]

1

Mmt(B) = T4 BSNR (400)

The detector efficiency of a decorrelator receiver is

Udec(ﬁ) = max{O,l - :B} 4 (401)

and for an MMSE detector, #mmse (B) satisfies the following equation

Smmse (B)SNR } _q
1+ S#mmse (B)SNR )

Hmmse (B) + BEs [ (402)

The expectation here is taken with respect to the fading gain distribution Q(s). For a
Rayleigh fading channel, the expectation is explicitly expressed as

1
SﬂmmseSNR o El ( UmmseSNR)
ES —— = | = ]. —

ex , 403
1+ SﬂmmseSNR HmmseSNR P (UmmseSNR> ( )

where Ej (x) is the exponent integral function.

Upper bound. It is well-known that the optimum multiuser detector capacity is also
equal to the ergodic successive decoding sum-rate capacity with an MMSE detector,
according to the mutual information chain rule [40]. Thus the ergodic capacity,
obtained with an optimum detector, can be expressed by the ergodic SIC MMSE
detection capacity [217]

B
Copt(B,SNR) = E, / 10g(1 + § - fjmmse(z) - SNR) dz | . (404)
0

Strongest users detection. It refers to the practical case where all users transmit at
a fixed rate, via single-layer coding. The adequate channel model here is the block
fading channel, where a fixed fading realization throughout the block for each user
is observed. Thus, all users experiencing fading gains smaller than a threshold sy,
will not be reliably decoded. This is demonstrated in Figure 31, where a fraction
of users, corresponding to Q(sy,), is in an outage, and all other users are reliably
decoded. The average achievable sum-rate for outage decoding is given by [218]

Cout(B,SNR) = B(1 — Q(sn))log(1 + s (B)SNR) , (405)

where Q(sy,) is the probability of outage corresponding to the fraction of users that cannot
be reliably decoded. The multiuser detector efficiency #(B) is specified in equations (400)
and (402) for the underlying linear detectors.

In parallel decoding schemes, the decoding latency may be small. However, there is an
inherent spectral efficiency loss due to decoding every user in the presence of interference
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from all other users. An SIC decoder attempts decoding the users one by one, where after
every successful decoding, a reconstructed signal associated with the decoded user is
subtracted from the input signal. The procedure continues until the last user is decoded.
Consider the case that each user transmits over a fading channel. Such a channel model
was studied in [217], where the detectors considered were an optimal detector, MMSE,
decorrelator, and MF. The derivations in [196] extend the results for the SIC receiver strategy.

For a given system load j, the ergodic sum-rate is specified in (399). This sum-rate is
an upper bound since its achievability requires fast feedback from the receiver to all users.
With SIC decoding, the ergodic sum-rate is given by

5
Coic,erg (B, SNR) = E, / dzlog(1+s-4(2)SNR) | . (406)
0

The ergodic sum-rate for an MF-SIC detector is derived in the same lines as for the
non-fading case, yielding

CSIC,MF(ﬁ/ SNR) = Es |:<S + ,B + SliIR) log(l + SNR(S + ,B))

1

— (L +5)log(1+ sSNR) — <ﬁ + SNR

SNR )IOg(H ﬁSNR)}. (407)

The sum-rate capacity, for an SIC decorrelator detector, is also available as a function
of the fading gain distribution

1
Csic,pec (B, SNR) = Es Kl + sSNR) log(1 + sSNR)

B <1 ' 5511\1R> log(1+sSNR(1—B8)) | . (408)

For an MMSE detector, the sum-capacity cannot be given in a closed-form, and it is
computed using #(z) given in (403), plugged into the ergodic capacity expression in (406).

=>
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> 0(s,)-K Users in outage

Decoder (K) X k)

Figure 31. Schematic description of a parallel multiuser decoder, without SIC.

6.2.3. Broadcast Approach with Strongest Users Detection—(NO SIC)

If we let every user transmit a continuously layered coded signal, then the number of
decodable layers per user directly depends on the experienced fading level. Consider here
parallel decoding, where the receiver decodes all users in parallel up to the highest reliably
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decoded layer. Thus, the achievable rate, averaged over all possible fading realizations,
is given by

Cunp(u)
Rp.(B,SNR) = lim / EAC / du 409
os(P ) KN, J—o0, X5, J(s)/K—q(s) 1+ “’71 (#09)

where ] (s) is the number of decoded users at fading level s, and where the broadcasting
rate, derived in (6), is modified here by the detector efficiency 7. The expected sum rate is
simplified into

unp _snp(s)
Rye (B, SNR) /dsq /du1+mﬂ /ds N @O

It can be shown that the optimal power distribution, which maximizes Ry (8, SNR),
is like in (15), where the detector efficiency # scales the power distribution

SNR x < X
I(x) = ¢ B0 g <x<y (411)
0 else

where xg is determined by I(xp) = SNR, and x; by I(x1) = 0.

6.2.4. SIC Broadcast Approach Upper Bound

In order to characterize an achievable rate via layering, the power distribution for
layering should be optimized for every subset of users, and their corresponding residual
interference must be accounted for in the stages of the SIC, as described above for the
outage case. Such an analytical analysis for the broadcast approach seems to be intractable.
Therefore, an upper bound significantly tighter than the ergodic upper bound is provided.

The upper bound of the broadcast approach is simply the broadcast approach com-
bined with SIC, where optimal layering is performed for every subset of users. It is
assumed that at any decoding stage, there is no residual interference from previous SIC
stages. Although interference from undecoded layers of early stages does exist, this as-
sumption allows full derivation and optimization of a continuous broadcast approach.
Under this simplified setting, the layering sum-rate with SIC is given by

B )
CWMM%W—!MZ@a—qmﬁﬂ%ﬁ@, (412)

where the inner integral is the average achievable rate for a given system load z. The maxi-
mization of this average rate is given in (410), with an optimal power distribution specified
in (411). For a Rayleigh fading channel, this maximal average rate can be expressed more
explicitly as

B
Csic,ps(B,SNR) = p(e ™" —2E1(1)) + /dz (2151(50(2)) - 6750(2)) , (413)
0

where Sy(z) =2/ (1 + /1 +4SNRy (z)) Since this broadcasting upper bound does not

provide an achievable expected rate, the analysis of continuous broadcasting, which follows
assumes equal rates with iterative decoding.
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6.2.5. Broadcast Approach with Iterative SIC

A broadcast approach is employed by all transmitting users, where all users trans-
mit with the same rate and layering power distribution. The decoder applies iterative
SIC decoding. The main idea in the decoding scheme is to apply an iterative SIC per
layer. The decoding process is illustrated in Figure 32. Every iteration includes M stages
of iterative SIC decoding, where M is the number of coded layers. The first stage at-
tempts iterative SIC decoding of the first layer of all users. Then the next stage performs
iterative SIC decoding for the group of users for which decoding of the first layer was
successful. This continues until the last layer decoding is done. Then the second iteration
continues similarly.

y Iterative SIC ‘0’ lerative SIC | lterative SIC |
erative erative . erative H lteration 0
Layer-1 —» Layer2 | " g ~(0) Layer-M —m

5 > Y- N
B ~
Yu
e > g
Iterative SIC H Iterative SIC [ Ilterative SIC H Iteration 1
—»

...(0

Layer-1 - ’—> Layer-2 [ ~) Layer-M
. Y-
S S0 ~a
N Y2 Yu
. ;
! H
H . .
Iterative SIC H Iterative SIC H Iterative SIC H i
H | J—— H Iterati
Layer-1  ——m ’—V Layer-2 —»N( ‘ Layer-M eration n
[ Yum= ~(,',)
> () ~(n) y
N Y2 M

Figure 32. Schematic description of an iterative successive interference cancellation multiuser decoder
for multi-layer coded transmission with M layers. Every iteration includes multiple sub-iterations of
iterative-SIC decoding per code layer.

The continuous layering characterizes the highest achievable sum-rate for the broad-
cast approach, i.e., the number of layers is unlimited. Every layer is associated with a
fractional rate and power allocation, as described in the broadcast approach overview.
The achievable rates and overall performance strongly depend on the transmission scheme
and the decoding strategy. The decoding strategy which is adopted here is the multi-round
iterative decoding. The maximal achievable average rate can be expressed by the following
optimization problem

Rsum,bs = mlax Rsum,bs(l) ’ (414)

where the achievable continuous layering rate Rgym ps(I) is given by

Raumas(1) = B [ (1= Qo)) TATE) / ds](s, 1,1 @1)
0

where G corresponds to the remaining layers per user, which induce the mutual interference

G2 SNLR/Q(s)p(s)ds £ / dsZ(s,II'), (416)
0 0

where I(s) = [ du p(u).

The optlmlzatlon of (415) with respect to the residual interference constraint in (416)
can be solved by fixing the interference parameter G to an arbitrary value such that
0 < G < B. For such G, the optimization in (415) is a standard variational problem with a
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residual interference constraint on top of the power constraint I(0) = SNR. The optimiza-
tion problem is, therefore

max /ds](s,],l’) s.t. Gz/dsz(s,l,l’). (417)
0 0

We can write the Lagrangian form

L= O/ds](s,I,I’) + A(G—O/dsZ(S,I,I’)) . (418)

The Euler-Lagrange condition for extremum can be derived, and the optimal layering
power distribution can be expressed in a closed-form, as summarized in the next proposition.

Proposition 14 ([196]). The optimal power distribution, which maximizes the expected sum-rate
of a continuous broadcast approach (417), with matched-filter multiuser detection and iterative SIC
decoding, is achieved from

SNR s < sg
) . 4AB(1—Q(5))SNR
I(s) =4 “ONRAF \/SNR 020 (s) ! BTENCD
2B Tay(G) ==
0 s> 51

where sy is the smallest fading gain for which 1(s1) = 0, and the left boundary condition on s
satisfies 1(sp) = SNR. The Lagrangian multiplier A is obtained by an equality for the residual
interference constraint (416), as specified by

/Q(s)l’(s) ds = —GSIER . (420)

The decoding algorithm for a decorrelator multiuser detector is similar. In the contin-
uous setting, the detector efficiency is updated according to the number of users for which
all layers are decoded. This is the reason the upper boundary of the power distribution is a
subject for optimization. The solution is obtained by solving the corresponding variable
endpoint variational optimization problem.

It is assumed here that the optimal solution for the power distribution lies on a single
continuous interval [sg, s1]. The extension to multiple continuous intervals may be done as
in [32]. The average achievable rate with a decorrelator detector, in its general form, is

Rbs,decorr = ﬁ/ ds(l - Q(S))

Sa

sp(s)n(BQ(sv))
1+451(s)(BQ(sp)) (421)

+ (1= Q(sa))Ro(sa) + (1 — Q(sp)) Ra(sp) ,
where 7(x) =1 —x, I(sp) = SNR, I(s1) = 0, and the rate of the first layer is

5a7(BQ(51))(SNR — I(57))
1+ 547 (BQ(so) 1G4 > / “2)

Ro(sq) = Blog <1 +
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where I(s; ) = SNR, and I(s;") is the remaining power allocation for the continuous and
last layers. The last layer is allocated

Ry(sp) = Blog(1 + sy (BQ(sy)) (I(s, ) = I(sy))) (423)

where I(s; ) = 0. Thus, the discontinuity in I(s) can be in s, and s. Define the functional
subject for optimization, from (421), by

—sI'(s)(BQ(s,))
T+ s1(s) (BQ(sp)) “24)

The following variable end point variational optimization problem is solved following

G(sb,s, I, 1/) = ﬁ(l - Q(S>)

max fbdsG(sh,S, LI+ (1—Q(sa))Ro(sa) + (1 — Q(sp))R1(sp)

ar ,I
Reps,decorr = st B . (425)
s.t. I(s;) = SNR
I(sf)=0

The optimal power distribution is formulated in the next proposition.

Proposition 15. The expected sum-rate for continuous layering per user, with a decorrelator
multiuser detector and iterative SIC decoding, is given by

54 (5)7(BQ(s0))

T5 sl ()1 (BQsy)) (1~ Q) Rolsa) + (1= Qlso)Rase) - (426)

5p
Rbs/decorr = ﬁ/ dS(l - Q(S))

Sa

where n(x) = 1 — x, and the optimal layering power distribution is given by

SNR s <s,
Lopt(s) = % sy <s<s, , (427)
0 else
and the interval for continuous layering satisfies
) 9G(sp, s, Lopt, Lipt) .
/ds aSb + G(Sb,Sb, Iopt/ Iopt)
sa
0
t 55 (1~ Qlse))Ra(sp) + (1= Qlsa))Ro(sa)] = 0, (428)
and
]
—G(sp,s = Sa, lopt, I(I)pt) + g((l —Q(sa))Ro(sa)) =0. (429)
a

From the numerical results in [196], and Figure 33, the broadcast approach with multi-
round iterative SIC decoding offers a significant spectral efficiency gain over the single-layer
coding strategies. The gain is especially noticeable for the lower system loads. Interestingly,
for B < 0.2, it can be noticed that the spectral efficiency of the broadcast approach exceeds
the MF single-layer ergodic bound at high E, /Ny (Figure 33). For a single user setting,
the ergodic bound is always an upper bound which cannot be exceeded. However, in our
multiuser setting, an MF detector is used for the ergodic bound, and the MF detection is
information lossy. In the broadcast approach, the MF detection is performed over and over
for every layer according to the iterative decoding scheme. Hence, the broadcast approach



Entropy 2021, 23, 120

107 of 137

with iterative decoding may outperform the optimum single-layer coding with transmitter
channel side information (ergodic bound). Generally speaking, this result should not be
limited to small system loads. Any non-zero slope of the broadcast approach is sufficient
for exceeding the MF single-layer ergodic bound. However, the crossing level will be at
very high Ej, /Ny values. Figure 34 demonstrates the achievable rates for a Rayleigh fading
channel with a decorrelator based multiuser detection, with different transmission and
decoding strategies.

Achievable Rates with Matched Filter Detector (3=0.2)
2.5 T T T T T T T T

—f— Equal Rates, No-SIC

Equal Rates iterative

—O— Variable Rates 1-iter

—&— Equal Rates, 2-Layers, iterative

1.5}| == Single layer ergodic bound

—&€— Equal rates, broadcast approach, iterative
Ergodic bound - Optimal detection

Spectral Efficiency [Bits/Sec/Hz]

-5 0 5 10 15 20 25 30 35 40
E_/N, [dB]

Figure 33. Expected sum-rate for a Rayleigh fading channel, with different transmission and decoding
strategies, based on a matched filter multiuser detector (8 = 0.2).
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Figure 34. Expected sum-rate throughput for a Rayleigh fading channel, with different transmission
and decoding strategies, based on a decorrelator multiuser detector (8 = 0.2).

It can be concluded that unequal transmission rate assignment is a practical strategy,
as the base-station, aware of all its users, can take care of rate allocation. This is in contrast
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to ergodic bounds, where the users must transmit at rates matching their experienced
fading realizations (which is an impractical assumption). In SIC with the strongest users
and single-iteration detection, the subsets are ordered regardless of the instantaneous
channel realizations. Therefore, such an assignment can be done once for every new
subscriber. It was shown in this work that for single-iteration decoding, unequal rate
allocation maximizes the spectral efficiency since the decoding order is fixed. However,
for iterative SIC decoding, the decoding order is no longer fixed, and it is shown that equal
rate allocation maximizes the expected sum-rate.

It is worth noting that systems employing decorrelator detection can significantly
gain from using SIC at system loads close to B = 1. For such system loads, single-user
detection is interference-limited, and therefore, the achievable rate can be infinitesimally
small. While with SIC, only the users decoded first transmit at low rates. Gradually,
the effective system load for decoding is reduced, and higher spectral efficiency can be
achieved for other users, resulting in higher sum-rates.

The single-layer analysis was extended to a multi-layer coding broadcast approach
per user. The expected sum-rate, under iterative decoding with linear multiuser detectors,
is optimized, and the optimal power distribution is obtained (for a decorrelator and
an MF detector). The achievable spectral efficiency for a linear matched filter detector
shows significant gains over the single-layer coding approach. The interesting observation
here is that the expected spectral efficiency exceeds the single-layer ergodic sum-capacity.
The ergodic bound assumes that every user transmits at a rate matched to its decoding
stage and channel realization. For a single-user setting, the ergodic bound is always
an upper bound for the broadcast approach. However, in our multiuser setting, an MF
detector is used for the ergodic bound, and the MF detection is information lossy. In the
broadcast approach, the MF detection is performed over and over for every layer according
to the iterative decoding scheme. Therefore, the broadcast approach can provide spectral
efficiencies exceeding those of a single layer coding with channel side information, when an
MF detector is used.

6.3. The Broadcast Approach for Source-Channel Coding

In networks, it may be commonly required to minimize the distortion of the source
information rather than maximize the expected rate. This broadcast approach is useful
in a variety of applications, and it matches the successive refinement (SR) source coding
approach [29,30,221] and later works [30-34]. That is, the more information rate is provided,
the less average distortion is evident in the reconstructed source. On a wireless fading
channel, in order to minimize the expected distortion at the receiver, it is essential to find
the optimal power allocation in the broadcast strategy and this is indeed our focus in this
section. This cross-layer design approach was, in fact, already suggested in [23].

The broadcast-SR approach facilitates to achieve via coding the basic features of analog
communications, that is the better the channel, the better the performance (say measured
by received SNR (MMSE)). Furthermore, that is without the transmitter knowing the state
channel realization, see applications as referenced in the book [35].

The initial effort on this problem was made in [222], where the broadcast strategy cou-
pled with SR source coding was compared with several other schemes. The optimization
problem was formulated by discretizing the continuous fading states, and an algorithm was
devised when the source coding layers are assumed to have the same rate. This algorithm,
however, does not directly yield the optimal power allocation when the fading states are
discrete and pre-specified, nor does it give a closed-form solution for the continuous case.
This problem is also considered in [223], which provides an iterative algorithm by separat-
ing the optimization problem into two sub-problems. The study in [33] provides a recursive
algorithm to compute the optimal power allocation for M fading states, with worst-case
complexity of O(2M). Furthermore, by directly taking the limit of the optimal solution for
the discrete case, a solution was given for the continuous case optimal power allocation,
under the assumption that the optimal power allocation is concentrated in a single interval.
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Similar problems were considered in [224,225] in the high SNR regime from the perspective
of distortion exponent. Successive refinement, as combined with the broadcast approach,
gives idea beyond the basic setting and was used in [197].

The work in [32] proposes a new algorithm that can compute in linear time, i.e.,
of O(M) complexity, the optimal power allocation for the case with M discrete fading
states. Furthermore, it provides a derivation of the continuous case optimal power al-
location solution by the classical variational method [59]. Both the algorithm and the
derivation rely on an alternative representation of the Gaussian broadcast channel capacity,
which appeared in [41]. The dual problem of minimizing power consumption subject to a
given expected distortion constraint is also discussed.

6.3.1. SR with Finite Layer Coding

Finite-layer coding can be matched to a finite number of fading states, the M possible
power gains in an increasing order s; < sy < ... < sp are distributed according to a
probability mass function p; such that Zfﬁ 1 pi = 1. The transmitter has an average power
constraint P, and if power P; is allocated to the ith layer in the broadcast strategy, the ith
layer channel rate R; is given by

1 siP; 1 P
R:fbg1+——————f:fbg1+———4——— ) (430)
b2 ( 1+SZM1+1 ]) : < 1/51+ZM1+1 j

From the second expression in (430), the equivalence to broadcast on a set of channels
with different noise variances is clear. Let n; £ 1/s;, which implies n1 > ny > ... > ny are
the equivalent noise power on the channels. The layers corresponding to smaller values of
s; (and larger values of n;) will be referred to as the lower layers, which is consistent with
the intuition that they are used to transmit the more protected base layers of the SR source
coding. Since the Gaussian source is successively refinable [29], the receiver with power
gain s; can thus reconstruct the source within distortion

= exp< 2b 2 R; ) (431)

where b is the bandwidth expansion coefficient. Combining (430) and (431), the problem
we wish to solve is essentially the following minimization over the power allocation

(Pl, Pz, ceey PM):

b
. M . i Pj
min - o pl< j=1 <1 s Pk>)

st. P>0, i=1,...,M . (432)
M

Y p<P

i=1

when the fading state is continuous, the density of the power gain distribution is then given
by f(s), which is assumed to be continuous and differentiable almost everywhere. In this
case, the goal is then to find a power allocation density function P(s), or its cumulative
function, which minimizes the expected distortion, see more details in [32].

6.3.2. The Continuous SR-Broadcasting

We next turn our attention to the case of a continuum of layers, which is, in fact,
the case considered in [23]. To facilitate understanding, we first provide a less technical
derivation under the assumption that the optimal power allocation concentrates on a single
interval of the power gain range, and show that this is indeed true for some probability
density function f(s). This simple derivation provides important intuitions for the general
case, based on which a more general derivation is then given and some properties of the
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solution are subsequently discussed. For simplicity, we first assume f(s) has support on the
entire non-negative real line [0, o). Later it is shown that this assumption can be relaxed.
The optimization problem can be reformulated as follows. Define

I(i) = exp (Zl: 2R]-> . (433)

j=1

We take the number of layers to infinity and the constraint becomes an integral
equation, where we convert back to the power gain s instead of noise power 7, and it is
clear we can replace the inequality by equality without loss of optimality

71 /wds —p, (434)
0

52

where R(s) is the cumulative rate associated with a fading gain s. The term to be optimized
is given by

D(I) :/f(s)exp( —2bR(s /{((Ss))b (435)
0 0

Note the additional condition that I(s) has to be monotonically non-decreasing, and it
should satisfy the boundary conditions I(0) = 1. Ignoring the positivity constraint
I'(s) > 0 for now, take

I(s)
)= 1 LIy ==, 4
Hence the optimization problem can be written as
min / J(s,I,I')ds s.t. / G(s,I,I')ds = P. (437)
0 0

Next, we assume there is a unique interval [s1,s;] for which power allocation is
non-zero. Under this assumption, the objective function reduces to

1—F(s2)

T (438)

5(1):/0001(5 1,1)d / f(s) Tepds HEGD +

where F(s) is the CDF of the fading gain random variable, i.e., F(s) = [ f(r)dr, and the
constraint becomes
I (Sz) 1

P(I):/OOOG(S,I,I’)ds=/:Z ()Szd st - =P (439)

Then we can write the Lagrangian form L(I) = D(I) + A(P(I) — P). To find the
extremal solution, we consider an increment 4(s), and the increment of the Lagrangian func-
tional is given by A(g) = L(I +¢) — L(I). By taking an increment q(s) with g(s1) = g(s2) =0
aswellas q(s) = 0 fors ¢ [s1,sp], then the Euler-Lagrange equation ([59], pp. 42-50) requires

d
1 +AGp — E[]1/ +AGp] =0, (440)
with

—bf(s) 1
Ji= (s) ’ GI:S—Z, Jy=Gp=0, (441)
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which further simplifies to

o123 Y (+1)
I(s) = (bf()f) . (442)

At this point, it is clear that for I'(s) > 0 to be true, which is necessary for I(s) to be a
valid solution, f(s)s? should have non-negative derivative in any interval such that (442)
holds. In fact, for any interval that a positive rate is allocated to, f(s)s? should have strictly
positive derivative such that I(s) is strictly increasing. If there is only one interval over
the support of f(s) where f(s)s? has strictly positive derivative, then the single interval
solution assumption is indeed true. Now, since g(sy) can be arbitrary, at this variable
end ([59], pp. 25-29) a necessary condition for an extremum is

b1 F(s2) | 1
—_—>+A—=0, 443

I(Sz)b+1 + So ( )
which gives

_ bsy(1— F(s))

A
I(Sz)h+1

(444)

Since I(s1) = 1, A = bf(s1)s?, with the expression of I(s) gives one boundary condition
1-—- F(Sz) = f(Sz)Sz . (445)

The lower bound s; is determined by the power constraint, from which we have

/w@ds:/& f(s) 1/(b+1)s_2b/(b+l)ds+l f(Sz)S% ey
5 82 s\ f(s1)s? s2\ f(s1)s7 (446)

1
:P+—/
51

where in the second equation we split the integral into two parts partitioned by s = s5.
Hence, the unique extremal solution is

o f(s)52 1/(b+1)
I(s) = <f(sl)s%> , (447)

with the boundary conditions specified by (445) and (446). To find the corresponding power
allocation, define T(s) = [ P(r)dr. We derive from (447) that

TIr) . 1 ANV e\ Ve
Tte) = /Igsidr s (J;((SSZ))SS22> 5 +/s (;Es;s2> adr—< . (448)

Through some basic calculation, it can be shown that this is the same solution as that
in [33]. Thus, the limit of the optimal solution of the discrete case in [33] indeed converges
to the extremal solution derived through the classical variational method. Furthermore,
the variational method derivation directly asserts that f(s)s? has a non-negative derivative
for any positive power allocation interval. This condition was, however, lacking in the
derivation in [33].

We consider the average achievable distortion for a SISO Rayleigh fading channel,
with CDF F(s) = 1 —exp(—2%), where § is the expected fading gain power. For this

s
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distribution, the optimal power allocation is single interval continuous, and zero outside the
interval [sq, 5o]. That can be immediately observed from f(s)s? by taking its first derivative

d 2
a4 (s)s? = (2: — zz> exp(—%) , (449)

where % f(s)s> > 0 on a single interval s € [0,25]. Then the upper bound s, € [0,23] is
determined by (445), which reduces to

2y - %2 _52
eXp<7?) 3 eXp( 5 ) ' (450)
yielding s, = 5. Solving (446) gives the other boundary value s1, denoted by s1 opt; the con-

dition (446) does not lead to an analytical expression, but can be solved numerically. Then,
the general expression for I(s) for the Rayleigh fading channel is given by

1 § < 51,0pt
S2 S—S51 opt 1/(b+1) —
I(s) = <s%,opf exp (- )) Slopt <SS (451)
N _ 1/(b+1)
<525 exp (—7;"’” )) s>3
1,0pt

In Figure 35, the average distortion bounds for Rayleigh fading channels are demon-
strated for three different values of bandwidth expansion values (b = 0.5, 1, 2). For every
bandwidth expansion, the minimal average distortion of the outage approach and broad-
cast approach are compared. It can be noticed that the smaller b is, the larger is the
broadcast gain, which can be defined as the SNR gain of the broadcast approach over the
outage approach for the same average distortion value. Thus, the benefit of the broadcast
approach compared to the outage directly depends on the system design parameter b.

Continuous Broadcasting, b=0.5} - O
—#— Continuous Broadcasting, b=1 | =~ W&
—©— Continuous Broadcasting, b=2
10 "p+ | —e=— Outage Approach, b=0.5 SEEEEEEEE AT

—8— Outage Approach, b=1 A

—A— QOutage Approach, b=2

Average Distortion

10_ 1 1 1 I 1 1 I
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SNR [dB]

Figure 35. Minimal average distortion, a comparison of outage approach and broadcast approach,
for bandwidth expansions b = 0.5,1, 2.
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6.4. The Information Bottleneck Channel

An interesting setting is the information bottleneck channel, the objective of which is
the efficient transmission of data over a wireless block fading channel that is connected
to a limited capacity reliable link. This setting is known as the bottleneck channel [198].
Two main broadcast approaches are considered for the bottleneck channel in [198]. The first
is an oblivious approach, where the sampled noisy observations are compressed and
transmitted over the bottleneck channel without having any knowledge of the original
information codebook. This is compared to a decode-forward (non-oblivious) approach,
where the sampled noisy data is decoded, and whatever is successfully decoded is reliably
transmitted over the bottleneck channel. This work is extended for an uncertain bottleneck
channel capacity setting in [199], where the transmitter is not aware of the available
backhaul capacity per transmission and knows only its distribution. In both settings, it is
possible to analytically describe the optimal continuous layering power distribution that
maximizes the average achievable rate in closed-form expressions. The topic is covered in
more details [200].

The Gaussian bottleneck problem is depicted in Figure 36. Consider a Markov chain
of a random variable triplet x — y — z, related according to

y=h-x+mn, (452)

where x and # are i.i.d, with n ~ A/(0,1). The fading gain is s = |h|? fixed per transmission
block. The SNR is P - s, where P is the transmission power E[X?] = P. The fading gain s
distribution is known to transmitter and receiver as the broadcast approach [23] discussed
earlier. The output z of the bottleneck channel is a compressed version of the received
signal iy under the bottleneck channel capacity C constraint. The optimization problem can
be formalized as
max I(x;z) . (453)
P(zly),P(x) s.t.I(y;z)<C
If x is Gaussian, then it is clear [226,227] that y — z is also a Gaussian channel. Therefore,
the maximization result of (453) is

1+ P|h|? ) sa)

1
CObliv - I(X,Z) - ZIOg(l T P|h|2 . exp(—ZC)

which is a direct result of the rate-distortion approach. The output of the relay y may be
represented by quantizing its input

z=y+m, (455)

where P|h|? + 1 is the variance of y of the channel model (452). The quantization noise
variance, denoted by m, is obtained by I(z;y) = C, i.e.,

o Plh2+1
E[m?] = 20 -1 (456)
The problem underhand is the reliable transmission rate from x to destination with an
oblivious relay that uses the bottleneck channel to send compressed versions of its input,
without knowledge of the transmitter codebook.
For a DF non-oblivious relay, the relay can decode its input and then send the decoded
data under bandwidth limitation C over the bottleneck channel y — z. Hence, the minimum
of two capacities provides the achievable transmission rate

Cbr :min{ilog(1+P|h|z),C}. (457)
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An alternative setting that generalizes the current model is a variable availability of the
bottleneck capacity, which is common in cellular uplink transmission. This can be due to
changing traffic loads over time on the network [212]. This means that the relay-destination
bottleneck channel capacity C is a random variable. The source transmitter knows its
distribution; however, like in the wireless fading channel, feedback to the transmitter is not
available due to the capacity variability dynamics. If the relay perfectly knows, per received
codeword, the bottleneck currently available capacity, it can adapt its data rate. However,
if the relay has no access to the capacity per codeword, it may use successive refinement
source coding [32] matched to the capacity distribution.

x A Y N7
S ——R) "D
wireless fading fixed capacity link C

Figure 36. Information bottleneck fading channel system model block diagram.

Consider a fading wireless link to y, where s = |h|? is a unit variance block fading
gain. It is assumed to change independently between codewords and remains fixed over a
single codeword. The channel model of z is expressed by its block fading gain as

z = (/FPReqx + 1, (458)

where 7 is a unit variance Gaussian noise. The equivalent fading gain FPReq is given by

s(1 —exp(—2C))
1+4s-P-exp(—2C) "

FPReq = (459)

which is directly obtained from (456). It may be observed that FPReq is finite for s > 0,
and at the limit of s — oo becomes

lim FPReq = (exp(2C) —1)/P, (460)

S—00

and the ergodic capacity of the bottleneck fading channel is

1
Covtsrg = s 3 10g(1+ P FPRy)| (a61)
B 1 s-P-(1—exp(—2C))
—]Es[zlog<1+ 145 P-exp(—2C) )} . (462)

The continuous broadcasting approach solution is rather straightforward here. The chan-
nel model here can be expressed by equivalent fading gain v = FPReq from (459), which de-
pends on the bottleneck channel capacity C and the distribution of the channel fading gain s.
In this bottleneck channel with oblivious relaying, the broadcast approach is optimized for
a fading distribution F, (1) of (459). Obtaining optimal power distribution can be derived
directly. Clearly for high bottleneck channel capacity C — oo, then FPReq — s.

A DF relay (non-oblivious approach) can decode the received signal y, and reliably
convey to the destination the decoded data under capacity limit C. An ergodic upper
bound of the bottleneck fading channel Cpggyg, is not achievable for a block fading channel,
as the transmitter has no CSI. It is beneficial to transmit a multi-layer coded signal for this
channel model. The DF non-oblivious ergodic capacity is expressed as

CpgErg = Es [min{C, %log(l +sP) H , (463)

where a single fading realization is assumed per transmission and decoding of a single
codeword, for the slowly fading channel.
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The continuous broadcasting approach for the non-oblivious DF approach can be
optimized in the following way. A transmitted signal x is multi-layer coded in a continuum
of layers. The received signal y is decoded layer-by-layer in a successive decoding manner.
All the successfully decoded layers with a total rate up to C, the bottleneck channel
capacity, can be reliably conveyed over the bottleneck channel. The optimization goal is
to maximize the average transmitted rate over the bottleneck channel in this block fading
channel model. We formulate here the optimization of power density distribution function
Popt (1) so that the average transmission rate is maximized under the bottleneck channel
capacity constraint.

Proposition 16. For the non-oblivious block fading bottleneck channel, the total expected av-
erage achievable rate of the broadcast approach is obtained by the following residual power
distribution function

L[ p(uw)u
argn&i;( E/du(l—Fs(u))1+I(u)u
Iopt(u) _ O ) , (464)
p(u)u

0

where Fs(u) is the CDF of the fading gain random variable, and C is the bottleneck channel capacity.
The optimal power allocation Iopt(u) is given by

p u < Uy
lopi () = GRS (465)
0 u>u

where Aopt > 0 is a Lagrange multiplier specified by
Aopt = —Uq -fs(ul) -1+ Fs(ul) , (466)

and for any Aopt > 0,

ui - fs(uy) = exp(2C) - uf - fs(ug) - (467)

Figure 37 demonstrates the achievable rates with a non-oblivious approach as com-
pared to an oblivious approach for a bottleneck channel capacity C = 4 (Nats/Channel use).
It can be observed here that in the high SNR region, the gain of the broadcast approach
compared to single-layer coding is higher with a non-oblivious approach.

6.4.1. Uncertainty of Bottleneck Capacity

A common case in cellular uplink is a variable availability of backhaul capacity.
This may be the result of variable loads on the network over time. Traffic congestion of
internet data may lead to changing the availability levels of the backhaul [212]. On the
bottleneck channel, this means that the relay-destination link capacity C is a random
variable. It may be assumed that the transmitter is aware of the average capacity and its
distribution. However, like the wireless fading channel, the capacity variability dynamics
may not allow time for feedback to the transmitter. The following subsection considers
the case that the relay is fully aware of the current bottleneck available capacity for each
received codeword.
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Figure 37. Oblivious vs. non-oblivious single layer coding and broadcast approach compared to the
ergodic capacity, for bottleneck channel capacity of C = 4 [Nats/Channel Use].

Consider a bottleneck channel with discrete capacity levels represented by N random
capacity values {C;} ;Y ;, such that C; < C; < --- < Cy with corresponding probabilities
{ Pb,i}fi 1- such that p,; > 0 and Zfil ppi = 1. The average capacity of the bottleneck
channel is

Py,iCi - (468)

Cave =

M=

Il
-

The broadcast approach can be derived here for an oblivious relay setting and under
an equivalent fading gain distribution. Since the transmitter is not aware of the bottleneck
capacity per codeword, and only knows its distribution, the following optimization flow
is used for the continuous broadcast approach optimization. The combined equivalent
channel viewed by the transmitter is

s(1 —exp(—2GCy))

_ _ 12
FPReq(s, Cp) = 145 P oxp(—2Cy) and s = |h|". (469)

The continuous broadcast approach is optimized for a fading distribution F,(u),
where y = FPReq(s, Cp) is the equivalent channel gain depending on the fading gain
realization s, and bottleneck channel capacity C, available per codeword. The CDF of this
fading gain is

N u
Fu(u) = i_zlpb,iFs<l —(1+DPu) eXp(—ZCQ) . (470)

The main result here is expressed in the following proposition:

Proposition 17. The power distribution, which maximizes the expected rate over the oblivious
bottleneck channel, is

I(x) = 2 fu(x) ) (471)

1_FV(X)_x'fﬂ(x) xO < X < xl
0 , else
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where xg is determined by 1(xg) = P, and x1 by I(x1) = 0. Furthermore, the broadcasting rate is
expressed as function of the FPReq distribution Fy(u)

: s < X
S

log(n1/x0)+ g (35) 5>

Xosssx (472)

The derivation of this optimization is based on the analysis in [23] for characterizing
the power distribution under an equivalent channel model that includes the relayed signal
after compression to a rate which matches the bottleneck channel capacity. The channel
model for the relayed signal z can be expressed by its block fading gain, under an oblivious

approach. Specifically,
z=4/FPReq-x+n, (473)

where 7 is a unit variance Gaussian noise, and FPReq(s, Cp) is specified in (469). More de-
tails can be found in [200]. It is interesting to note here that although the relay can perform
successive refinement source coding matched to backhaul capacity distribution, it does
not help and cannot increase the expected achievable rate if the relay is informed with the
available capacity per codeword.

An interesting problem arises when the wireless channel is fast fading, and bottleneck
channel capacity is random. That is, the fading h (452) changes independently (i.i.d.)
for every channel use. For long codewords, the ergodic nature of the channel can be
utilized per transmitted codeword. Evidently, under a non-oblivious DF relay, the relay
decodes the transmission, and then whatever possible is conveyed through the backhaul.
The interesting part is the oblivious processing. Here, the relay should also convey the
fading realizations /1 and received signal y to the destination, the best possible way. Hence,
h plays the role of the source to be conveyed with successive refinement. Furthermore,
note that even if all y is provided to the destination, unavailable fading realization vector &
makes the capacity behave as loglog(SNR), as in the i.i.d. channel with unavailable fading
at the transmitter and receiver. This problem is analyzed for a known bottleneck capacity
in [228].

6.5. Transmitters with Enerqy Harvesting

As the last model in this section, we review the channel model of [229] in which the
transmitter relies on an exogenous energy harvesting unit as its only source of energy.
Energy harvesting has been evolving rapidly as a promising alternative to systems with
lifetime-limited batteries. Communication systems empowered by energy harvesting units
rely on ambient sources, which facilitate potentially perpetual sources of power [230-233].
Specifically, the recent advances in both the theory and implementation of energy har-
vesting circuitry has facilitated the growth in various wireless domains, e.g., ad-hoc net-
works [234], wireless body networks [235], wireless sensor networks [236], and radio
frequency identification systems [237], which constitute the main technologies that IoT
relies on.

By relying on harvested energy, the transmitter faces two sources of randomness
due to the fading and energy arrival processes. The transmitter knows only the statistical
descriptions of these processes while remaining oblivious to the actual realizations of
both. We review the optimal distribution of power across information layers and over
time in order to maximize the average rate that can be reliably sustained. An interesting
observation is that allocation of power across layers and over time can be decoupled
into two independent power allocation tasks, one specifying the allocation over time,
and the second one optimizing the available power at any given time across different layers.
Furthermore, both sub-problems can be solved optimally (under proper assumptions on
the fading process).
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To lay the context, consider transmission over a slowly-fading Gaussian channel.
The channel undergoes block fading, where the fading gain is constant over a block of n
channel uses and changes independently across blocks. The block length 7 is assumed to be
sufficiently long such that under the given delay constraints (finite transmission duration),
one codeword can be reliably transmitted to the receiver. The input-output relationship
across B fading blocks is given by

v =hy-x+n,Vie{l,...,n},be{1,...,B}, (474)

where xé and yfj are the transmitted and received symbols at time i in block b, 5, is the
fading coefficient in block b, and né accounts for the AWGN distributed according to
N¢(0,1). Denote the channel gains by s, = |h|?, for b € {1,..., B}, and denote the CDF of
sy, known to the transmitter, by F, : Ry — [0, 1]. Accordingly, denote the associated PDF
by fy : R4 — Ry Finally, set p| = E[|x!|?] as the transmission power at time i in block b,
and define pj, as the aggregate power used in block b, i.e.,

n . noo
po=Y Elx 1 =Y p}. (475)
i=1 i=1

Let ¢! denote the amount of energy harvested during time slot i of block b. Accordingly,
corresponding to each block b define the vectors p, = [p},...,p}]" and g, = [g}, ..., g/]".
The transmitter is equipped with a battery whose capacity order dominates that of the
amount of harvested energy. This induces a set of power consumption constraints according
to which the amount of energy consumption up to each time instant cannot exceed the
harvested energy up to that point. Specifically, by defining

1,=10,...,1,0,...,07, vie{1,...,n}, (476)
\W—J\—Vd

i n—i
corresponding to each pairb € {1,...,B}andi € {1,...,n}
b—1 T T b—1 T T
Lliop+1p < Ylig 1 g (477)
j=1 j=1

Based on this approach, when the aggregate transmission power over any transmission
block is p and the actual channel gain during that block is s = |k|?, define p(p, s) as the
density of the power allocated to the information layer indexed by s. Hence, the amount of
power allocated to realization s is p(p, s)ds, and the amount of interference power imposed
on the receiver designated to the channel realization with gain s is

I(p,s) = ./:op(p,u)du . (478)

To satisfy the power constraint for the aggregate power split across different layers,
the following condition must be satisfied.

I(p,0) =p. (479)

Based on such power allocation and interference terms, the average rate over all
possible fading realizations within one transmission block is

Rol) = [ Re)) T2 s, (480)

Sum-rate optimization is constrained with the energy availability constraints in (477)
and the aggregate power allocation constraint I, (py, 0) = pp. Hence, the optimal allocation
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of power across information layers and over time is the solution to the following problem,
which involves a stochastic guarantee on meeting the power constraints.

B
max ¥ Ry(ps)
{ptAov(pos)}  b=1 P
b—1 b—1
R= s.t. P(Z Lip+ 1] py < Zl%-gj+1f~gb>zq, Vb,i . (481)

j=1 =1

Iy(pp,0) = pyp., Vb

Py =0, Vb

6.5.1. Optimal Power Allocation Densities

Based on (481), for any given set of power allocation terms {p, : b € {1,...,B}},
the set of optimal densities can be found as the solution to

B
max Y R
P(p1,--- pp) = {{Pb(l”brs)} b=1 (o) - (482)
st. I(pp,0)=pyp, VO

By noting the expansions of I(p, s) and R, (p) in (478) and (480), respectively, we have

00 S- aIbE()p/S)
Ry(p) = —/0 [1—Fy(s)] - T+s 1,(p,5) ds. (483)

Based on this characterization, for a given power allocation over time {p, : b € {1,...,B}},

we have L F .
;71,(5) —=, L <s<u
Li(p,s) =14 s°fu(s) s , (484)
0, otherwise

where ¢}, and u;, can be determined uniquely by solving

I(pp,ty) = pp and  Iy(ppup) = 0. (485)

The analysis directly follows the same line of arguments as in the setting without
an energy harvesting transmitter. Based on the characterization of interference residual
functions {I, : b € {1,..., B}}, the optimal rate over the fading block b € {1,..., B} at the
fading state s is

0 for s< ¥,
2
Ry(pps) = In %J{;b((gs; for £, <s<u , (486)
u? fy (1) for un < s
&1y (Ly) b=

Subsequently, the average transmission rate over the fading block b with aggregate
power py, is

2R w2 £
Ro(pe) = Inghs = |, ] e, 487)

which can be used to show the interesting property that for any continuous CDF, R, (py),
it is non-decreasing and strictly concave in pj [229].

6.5.2. Optimal Power Allocation over Time

Next, based on the given allocation of power across information layers and leveraging
the key properties of R;(p;), i.e., concavity and being non-decreasing, optimal power
distribution over time can be delineated. For this purpose, we present the solution to the
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following problem studied in [238], which is a more general problem that subsumes both
problems R its special case.

B
max Y. wy(py)

{m} =1
= b 4
o) st.  YLpi<y Vb (488)
i=1
Py >0 Vb

where v = [71,...,vp] and wy, : Ry — Ry is strictly concave and non-decreasing in py,.
Based on the expressions for R, (p), the sum-rate over block b depends on the power vector
pp, only through its sum py, defined in (475). This implies that instead of enforcing the
energy availability constraints in (477), we can equivalently enforce a constraint only on
the aggregate power in each block. Hence, by defining

b
To=3 1n 8, (489)
i=1

the linear constraints in R can be equivalently stated as the linear constraint in Q. The de-
tailed steps of solving the problem (488) analytically and the attendant performance guar-
antees are discussed in details in [238], a summary of which is provided next.

In order to facilitate different steps in the analysis, define the following auxiliary
problem, solving which is instrumental to characterizing the properties of interest.
Corresponding to each pair i and j such that 1 <i < j < B define

j
max Y wy(pp)
{po}  b=i

Q1) = , (90

j
s.t. bE,Pb = =i

=i

prO, VbE{i,...,]}

which has a unique globally optimal solution since the utility function is strictly concave.

6.5.3. Grouping the Constraints

The auxiliary term p has a pivotal role in establishing the properties of p. Correspond-
ing to p we define the auxiliary vector p by slightly modifying Algorithm 1. Specifically,
by modifying line 1 to initiate the values of 7, according to 7, = 2221 pe. This modified
version of Algorithm 1 successively partitions the set of constraints {22:1 pe < 7p}intod
disjoint subsets of constraints. Specifically, it returns time indices uy < u; < --- < uy < B,
and partitions the set {1, ..., B} into d disjoint sets

Di={uj1+1,...,u5}, for ie{l,...d}. (491)

Furthermore, this algorithm computes the metrics {v; : i € {1,...,d}} and assigns
v; to the set D;. Once these sets are known, solving Q reduces to solving a collection of
smaller problems in the form of Qy; , () defined in (490). The properties of p are
formalized next.

Theorem 17. Given p as the optimal solution to Q, vector p satisfies all the constraints of Q.
Furthermore, the vector p satisfies Zle wy(Pp) > 2521 wy,(pyp) and the equality holds if and only

ifp=p.

This establishes the optimality of p generated by modifying Algorithm 1.
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Theorem 18. If p is the optimal solution to the problem Q, then p generated by modifying
Algorithm 1 is also optimal. Unigueness of p indicates p = p.

Algorithm 1. Computing p.

1: set 7y, according to (489) Vb € {1,...,B}.
2: initialize d = 0 and ug =0,

3:whileuy < B—-1

4: d<+d+1

5 setA;={uy_1+1,...,B}

6: forbe Ay

7: set y*? as the solution to Q,, ia—b(7)

set gt = min{ ‘;“y’f (yf’b) cie{ug+1,.. .,b}}
end for
0: uy=arg inix g*? (if not unique select the smallest)
€A4

=% *®

11:  ©v; = max g%t
d be A, q

12: 2% =yt

13: end while

14: fori e {1,...,d}

15: forbeD;={u; 1+1,...,u;}
16: Py = zfj

17: end for

18 : end for

6.5.4. Dominant Constraints

By leveraging the results in the previous subsection, which partition the set of con-
straints into a collection of d disjoint constraint sets, additional properties for these sets of
constraints can be concluded. Specifically, in each of the given d sets, it can be shown that
one constraint holds with equality, which we refer to as the dominant constraint. These d
dominant constraints are the only constraints needed to characterize the optimal solution
p. This property is formalized in the following theorem.

Theorem 19. Under the optimal solution p, all the inequality constraints with indices included in
{um :m € {1,...,d}} hold with equality. Furthermore, the sequence {v1,vy,...,v4} is strictly
decreasing.

We remark that the set of indices {u; : i € {1,...,d}} and measures {v; : i €
{1,...,d}} have significant physical meanings in power allocation. The elements of
{u;:i€{1,...,d}} specify the time instances at which all the resources arrived by that
time instance are entirely consumed. Furthermore, the second part of Lemma 19 establishes
a connection among the derivative measures g% and v, defined in Algorithm 1. In par-
ticular, the measures {v; : i € {1,...,d}} are the derivatives of the utility functions at the
optimal solution p over time.

6.5.5. Optimality of Algorithm 1

So far we have shown that if we modify Algorithm 1 such that instead of initializ-
ing the terms 7} as defined in (489) we initialize them based on p, then the output will
be in fact the optimal solution p. Next we show that initiating Algorithm 1 with either
Y = 22:1 p¢ or according to (489) yields the same output. The underlying insight is
that closer scrutiny of Algorithm 1 shows that this algorithm depends on p primarily
for determining the metrics {v; : i € {1,...,d}} and their associated constraint indices
{u; :i € {1,...,d}}. By invoking the result of Lemma 19, we next show that for determin-
ing thesets {v; :i € {1,...,d}}and {u; : i € {1,...,d}}, alternatively, we can also initial-
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ize 7}, according to (489), based on which we can show that the outcome of Algorithm 1 will
be, in fact, the optimal solution p. This observation is formalized in the following theorem.

Theorem 20. By setting vy, according to (489), Algorithm 1 generates the optimal solution of Q.

7. Outlook

We conclude this survey by providing an outlook for some of the key open or unin-
vestigated research directions.

Single-user MIMO channel. Designing an optimal broadcast approach for the gen-
eral MIMO channel is still an open problem since the MIMO channel is a non-
degraded broadcast channel [68,69]. Its capacity region is known for multiple users
with private messages [50], and for two users with a common message [67]. However,
a complete characterization of the broadcast approach requires the full solution of the
most general MIMO broadcast channel with a degraded message set [21], which is
not yet available (infinite number of realizations, for H with Gaussian components),
and hence suboptimal ranking procedures were considered. Various degraded mes-
sage sets and transmission schemes with sub-optimal ranking at the receiver are
studied in [23,70,71]. Formulation of the general MIMO broadcasting with degraded
message sets and the optimization of the layering power distribution, which maxi-
mizes the expected rate, is stated in (71) and (73). This optimization problem does not
lend itself to a closed-form solution and remains an open problem for future research.
The framework analyzed in [239], which uses rate-splitting and binning, may be
useful for the general broadcast problem with degraded message sets. It is shown
in [240] that a tight upper bound might be obtained for the two users broadcast
channel by adding an auxiliary receiver. Generalizing this work for multiple users
may provide an efficient tool for obtaining outer bounds in general and on the MIMO
broadcast approach.

The capacity region of a compound multiple-antenna broadcast channel is character-
ized under a particular degradedness order of users in [241]. The channel considered there
has two users, where each user has a finite set of possible realizations. This again suggests
that there is much room for further research to fully characterize the broadcast approach for
the general MIMO channel. The majority of contributions discussed so far have considered
Gaussian distribution for transmitted signals. It may be of interest to apply the broadcast
approach to finite-input signals [242], or even binary-input channels [243]. This facilitates
analyzing more practical settings and, in turn, obtaining tighter achievable bounds with
the broadcast approach.

Binary-dirty paper coding. DPC has a pivotal role in Gaussian broadcast transmis-
sions. Owing to its optimality for some settings (e.g., MIMO broadcast channel [50]),
an interesting research direction is investigating the performance or operation gains
(e.g., rate and latency) of using DPC instead of superposition coding in the settings
discussed in Sections 2 and 6. From a broader perspective, binning techniques
facilitate DPC to be effective beyond Gaussian channels. In particular, Marton’s
general capacity region relies on the basic elements of binning [244], in the con-
text of which the classical Gelfand-Pinsker [245] strategy can be interpreted as a
vertex point [245]. The Gelfand-Pinsker strategy in the Gaussian domain becomes
DPC [91,245]. The study in [246] addresses both binning and superposition coding
aspects in a unified framework. Furthermore, this study also investigates mismatched
decoding, which can account for the imperfect availability of the CSI at the receivers.
It is also noteworthy that throughout the paper, we primarily focused on the notion of
physically degraded channels and rank-ordering them based on their degradedness.
Nevertheless, it is important to investigate less restrictive settings, such as less-noisy
channels [94,247,248].
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Secrecy. When considering the broadcast approach, it is natural to look also at secrecy
in communications. Such an approach not only involves determining which decoded
messages depend on the channel state, but it also involves determining those that
are required to be kept secret [201,202,209,249]. This can be designed as part of the
multi-layer broadcast approach.

Latency. There are various aspects in which delay constraints in communications may
impact the system design, some of which were discussed in Section 2. There exists
significant room for incorporating fixed-to-variable channel coding and variable-to-
variable channel coding in the broadcast approach. In a way, this is a combination of
variable-to-fixed coding (broadcast approach) and fixed-to-variable coding (that is,
Fountain-like schemes). For example, some applications allow decoding following
multiple independent transmission blocks, as considered in [87], and studied by its
equivalent channel setting, which is the MIMO parallel channel [20]. Queuing theory
can be used to analyze the expected achievable latency, as in [80]. An interesting
observation is that layering often offers higher latency gains than throughput gains.
The problem of resource allocation for delay minimization, even under a simple
queue model as in [80], remains an open problem for further research. Similarly,
a generalization of the queue model with parallel queues associated with multiple
streams, each with a different arrival random process and a different delay constraint,
is an important direction to investigate.

Connection to I-MMSE. It is well-known that the scalar additive Gaussian noise
channel has the single crossing point property between the MMSE in the estimate
of the input given the channel output. This property also provides an alternative
proof to the capacity region of the scalar two-user Gaussian broadcast channel [250].
This observation is extended to the vector Gaussian channel [71] via information-
theoretic properties on the mutual information, using the I-MMSE relationship, a
fundamental connection between estimation theory and information theory shown
in [250]. An interesting future direction is investigating the impact of -MMSE relation
on the broadcast approach.

Information bottleneck. Another interesting setting is the information bottleneck
channel. In this channel model, a wireless block fading channel is connected to a
reliable channel with limited capacity, referred to as the bottleneck channel [198,199].
In these studies, it is assumed that the transmitted signal is Gaussian, which made it
possible to describe the optimal continuous layering power distribution in closed-
form expressions. Extensions beyond Gaussian have both practical and theoretical
significance.

One may consider the bottleneck channel setting, as depicted in Figure 36, where the
transmitted signal is not necessarily Gaussian. Define the random variable triplet x —t — z
that form a Markov chain, and are related according to (452), i.e., y = x 4+ n, where x and n
are independent random variables, with n ~ N(0, 1) being real Gaussian with a unit vari-
ance. The transmitted signal x distribution is subject to optimization, and SNR= P -s, and P
are the transmission power E[x?] = P. The bottleneck channel output z is a compressed
version of y adhering to a limited capacity of the bottleneck channel C, i.e., I(y;z) < C.
It is of interest to maximize I(x;z), with a maximizing probability that is not necessarily
Gaussian, see for example [251]. It is conjectured in [252] that the optimal distribution max-
imizing I(x; z) is discrete. The bottleneck channel may also consist of multiple independent
relays connected through digital links to the destination, creating a distributed bottleneck.
This setting is the CEO problem with logarithmic loss [253,254], and under this setting,
the broadcast approach for multi-access channels [90] becomes very beneficial. With other
loss functions, e.g., MMSE, the problem falls within source quality via broadcasting. Hence,
the distributed bottleneck can also be viewed as source-channel coding problems with
a distortion performance measure, as discussed in Section 6.3. A model with two relays,
known as the diamond channel, is also interesting and relevant. In the oblivious non-fading
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case, the optimal transmission and relay compression, together with joint decompression at
the receiver, are known and characterized in [255]. For the non-oblivious diamond channel,
only upper bounds [256], and achievable rates of the type discussed in [257] are available.
It may also be interesting to consider the setting of recent work [258] and extend it to the
case that no CSIT is available and consider a broadcast approach strategy for each user.
Another possible direction is extending [211] to scenarios in which the variable backhaul
links capacities {C;} are available only at the destination. Adapting the broadcast MIMO
approach for the vector bottleneck channel [23,259] is another important direction.

Implementation. The actual implementation of the broadcast approach, in general,
is a rich topic for further research. Evidently, as it is mainly associated with lay-
ered decoding, this can be done by a variety of advanced coding and modulation
techniques such as the low-density parity-check (LDPC) codes and turbo codes.
The work in [260] considers LDPC implementation in conjunction with rate-splitting
(no CSIT) in the interference channel, and [261] provides bounds on LDPC codes
over an erasure channel with variable erasures. Polar codes can be directly adopted
for implementing the broadcast approach as their decoding is based on successive
cancellations, and hence they naturally fit in the broadcast approach. Its efficiency has
been demonstrated in the general broadcast channel [262,263], and further its ability
to work on general channels without adapting the transmitter to the actual chan-
nel [264] demonstrates the special features that are central to the broadcast approach.
Furthermore, its applicability to multiple description [265] make it a natural candi-
date that can be used for implementing joint source-channel coding via a broadcast
approach. Polar codes may also be used to practically address the variable-to-variable
rate channel coding, as it is suitable for variable-to-fixed channel coding as well as
fixed-to-variable channel coding, as demonstrated in [266] for rateless codes. Power
allocation across different information layers in special cases is investigated in [267],
and there is room for further generalizing the results.

Finite blocklength. This paper focuses primarily on the asymptotically long trans-
mission blocks. It is also essential to analyze the broadcast approach in the non-
asymptotic block length regime. In such regimes, one could compromise the distribu-
tion of rates (asymptotic regime) with second-order descriptions, or even random
coding error exponents, as there is a tradeoff between the error exponent rate of a
finite block and the maximum rate. The practical aspects of communication under
stringent finite blocklength constraints are discussed in [268].

Identification via channels. The identification problem introduced in [269] is another
case of a state-dependent channel. Its objective is communicating messages over a
channel to select a group of messages at the receiver. This is in contrast to Shannon’s
formulation in which the objective is selecting one message. Many of the challenges
pertinent to state-dependent channels and the lack of CSIT that appear in Shannon’s
formulation are relevant for the identification problem as well. Recent studies on the
identification via channels without the CSIT include [270].

Mixed-delay constraints. One major challenge in modern communication systems
is heterogeneity in data type and their different attendant constraints. One such
constraint pertains to latency, where different data types and streams can face various
delay constraints. The broadcast approach investigated for addressing mixed-delay
constraints in the single-user channel [84], can be further extended to address this
problem in more complex settings (e.g., soft handoff in cellular systems [86] and C-
RAN uplink [85]) while facing the lack of CSIT and in the context of fixed-to-variable
channel coding [6] and fountain codes [271].

Source coding. Another application is source coding with successive refinement
where side information at the receiver (Wyner-Ziv) can be different, e.g., another
communications link that might provide information and its quality is not known at
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the transmitter [272]. Another possible extension is the combination of successive
refinements and broadcast approach [32].

Caching. In cooperative communication, it is common that relay stations perform
data caching [273,274], and the transmitter has no information about what is being
cached. This random aspect of the amount and location (for multi-users) of cashing
might play an interesting role in a broadcast approach for such a system.

Algebraic structured codes. The information-theoretic analyses of the networks
reviewed in this paper generally are based on unstructured code design. In parallel
to unstructured codes, there is rich literature on the structured design of codes with a
wide range of applications to multi-terminal communication (e.g., multiple access and
interference channels) and distributed source coding. A thorough recent overview of
algebraic codes is available in [275].

Networking. All different settings and scenarios discussed in this article play impor-
tant roles in communication networks. As a network’s size and complexity grow,
the users cannot be all provided with the complete and instantaneous state of the
networks. Specifically, in the future wireless systems (e.g., 6G), cell-based hierarchical
network architectures will be dispensed with [276]. In such networks, acquiring the
CSI at the transmitters will be impossible, in which case the broadcast approach will
be effective in circumventing the lack of CSIT. Furthermore, network coding can be
incorporated in the broadcast approach, as it can account for latency, general wireless
impediments (e.g., fading), and various network models, e.g., the relay, broadcast,
interference, and multiple-access channels [277].

Finally, we highlight that the broadcast approach’s hallmark is that it enables com-
munication systems to adapt their key communication performance metrics (e.g.,
data rate, service latency, and message distortion) to the actual realizations of the
communication channels. Such a feature is especially important as the size, scale,
and complexity of the communication systems grow, rendering the instantaneous
acquisition of channel realizations at the transmitters costly, if not prohibitive alto-
gether. Adapting communication to unknown channels is an inherent property of
communication systems in the pre-digital (analog) era, facilitating the mainstream
adoption of broadcasting technologies for distributing audio and video contents. The
broadcast technology instates this property in digital communication systems as well.
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The following abbreviations are used in this manuscript:

AF
AQF

amplify-and-forward
hybrid amplify-quantize-and-forward

AWGN additive white Gaussian noise

BCC
BIR
CC
CDF

broadcasting coherent combining
broadcasting incremental redundancy
coherent combining

cumulative distribution function

CDMA  code-division multiple access

CF

compress-and-forward
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CsI
CSIT
DC
DF
DoF
DS
DSL
FCSI
FUU
HARQ
HK
IR
LTSC
MAC
MF
MIMO
MISO
MLC
MMSE
NDC
OAR
PDF
PET
QF
RV
SDF
SIC
SINR
SISO
SIMO
SNR
SR

channel state information

channels state information at the transmitter sites
delay constrained
decode-and-forward
Degrees-of-freedom
direct-sequence

digital subscriber line

full CSI

fraction of undecodable users
hybrid automatic retransmission request
Han-Kobayashi

incremental redundancy
Long-term static channel
multi-access channel

matched filter

multiple input multiple output
multiple input single output
multi-level coding

minimum mean squared-error
non-delay constrained

outage approach retransmission
probability distribution function
priority encoding transmission
quantize-and-forward

random variable

sequential decode and forward
successive interference cancellation
signal to interference and noise ratio
single input single output

single input multiple output
signal-to-noise ratio

successive refinement

Appendix A. Constants of Theorem 7

and

bi(u,v) = r]rém{C(svﬁm, , 5iB1(j,u,v) + 5B (j, u,v)) } ,
1

ba(1,v) = C(soPuo , (S0 +5¢)Bs(u,0)),

b3(u,0) = C(250Buo , 250B3(1,0)),

bs(u,v) = C(suPou , $¢Bs(u,v) + s4Bs(u,v)) ,

bs(u,v) = C(250Bou , 250B3(u,v)) ,

bs(u,0) = min {C(s;Bou + sxBuv , 5;Bs(k,u,v) + s¢By(k,u,0))},

(k)€
b7(u,v) = C(so(Buv + Bou), (50 +5¢)B3(1,0)) ,
bg(u,v) = (zsv(ﬁuv + ﬁvu) 25,B3(u, ?J))

bo(u,v) = (n‘l)lél {C(s5i(Buv + Bou) + skPuv » (sj+sk)Ba(u,0))},

blo(u, ?)) = ]I}CIEIIE{C(S](,BLW + ﬁvu) + SkPou (S] + Sk)B3(u’ T))))} ’

bll (u) = C<Suﬁuu ’ (Su + Sg)Bg(M,M)) ’
bia(u) = C<25u,3uu ’ 2514B8(”/”)> ’

(A1)
(A2)
(A3)
(A4)

(A5)

(A6)

(A7)
(A8)
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Bl(j,u,v):l—nil:lzlﬁmn—;ﬁm, (A9)
2(j, u,0) —1—HZ)1mZ) ﬁmn_ni:lﬁnv, (A10)
Ba(u,0 _1_g;ﬁmn ;ﬁ—;ﬁ (A11)
Ba( M_l_zlzﬁmn—il/sm, (A12)
Bs(u,0) 1-ﬁlzﬁmn Zlﬁ (A13)
Be(j, u, ) —1—;”12 ,an_n;lﬁvnr (A14)
By (j, u, ) —1—7121}”2 Bum — nf_lﬁm; (A15)
Bg( uv—l—;Zﬁmn. (A16)

Appendix B. Corner Points in Figure 16

The coordinates of the corner points of Figure 17 are specified as follows

T: (O,bl), uU: (bz,bl), V: (b7,b1), W : (b3,b4),
X:(fi f2), Y:(bs,bg), Z:(bs,0), (A17)

where we have defined

b1 = p1 C(s1,0) + p2 C(s2,0), (A18)
by = q1 C(s1,52) + g2 C(s2,52), (A19)
b3 = q1 pi+ + 4205+, (A20)
by = p1pir + p2fije, (A21)
bs = g1 C(s1,0) + g2 C(s2,0), (A22)
be = p11 C(s1,51) + p12 C(s2,51) + p21 C(s1,52) + pa2 C(s2,82), (A23)
by = p11 C(s1,51) + p21 C(s2,51) + p12 C(51,52) + p22 C(s2,52), (A24)
fi =qC(s1,0) + 92 {C (Szﬁ%z/ﬁ + 52/352) + C(Szﬁézfo)} , (A25)

f2 = p11C(251,0) + (p12 + p21)C(s1 +52,0) + p22C(252,0) — f1, (A26)
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and we have defined i* = argmax; y; and j* = arg max; fi; for

1= p1 C(s1,0) + p2[C(s1 + s2,251) + C(s1,0)], (A27)
Ho = P1 [C(251,51 + Sz) + C(Sz, 0)] + po(Sz,O) , (A28)
1 = p1 C(s1,0) + p2[C(2sp,51 +52) + C(s1,0)], (A29)
flo = p1 [C(s1 +52,252) + C(s2,0)] + p2C(s2,0), (A30)
p1 = C(s1,51), (A31)
p2 = C(s1,52),

p1 = C(s2,51), (A32)
ﬁ2 = C(Sz, 82) (A33)
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