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Abstract: Tinospora Miers is considered a valuable medicinal herb that is suffering from severe habitat
degradation due to climate change and human activities, but the variations in its suitable habitats
and ecological service values remain unclear, especially in the context of accelerating global warming.
In this study, we employed the MaxEnt model to estimate the suitable habitat changes and ecological
service values of three rare Tinospora (T. craveniana, T. yunnanensis, and T. sinensis) species in China
under four climate change scenarios (SSP126, SSP245, SSP370, and SSP585) from 2041 to 2100. The
results show that the suitable habitats of T. craveniana, T. yunnanensis, and T. sinensis are mainly
distributed in Sichuan, Yunnan, and Guangxi, respectively. Under the future climate scenarios, the
suitable habitat of T. craveniana and T. sinensis is projected to expand toward the northeast and north,
while that of T. yunnanensis will contract toward the northeast. The mean diurnal temperature range
is the main environmental factor affecting T. craveniana and T. yunnanensis, while the annual mean
temperature is a more important factor affecting T. sinensis. In the SSP245 scenario, T. craveniana and
T. yunnanensis are expected to have the highest ecological service values from 2081 to 2100, while they
will be relatively consistent in other climate scenarios and chronologies. The case of water protection
accounts for the highest proportion of the total ecosystem service values, except for the economic
value. This study provides a scientific reference for the diversity conservation of these rare species.

Keywords: medicinal herbs; climate change; MaxEnt model; Green GDP assessment

1. Introduction

The global ecological environment is facing immense pressure due to climate change
and the rapid development of society [1–3]. Changes in vegetation patterns resulting from
climate warming may displace species or lead to biodiversity loss [4,5], impacting the
ecological services provided by plants to the environment [6–8]. Rare medicinal plants
at risk of extinction have received significant attention due to their high ecological value
and potential response to global change [9,10]. Thus, a thorough comprehension of vege-
tation habitat changes and ecological service values may provide a scientific basis for the
preservation of the entire ecosystem and its biodiversity, contributing to the sustainable
development of humans and the planet.

Understanding changes in the distribution and ecological services of threatened plants
is crucial to conserving species distributions. Species distribution modeling (SDM) is a
powerful tool for investigating vegetation distributions and their responses to environmen-
tal factors [11,12]. Among the various species distribution models (SDMs), the maximum
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entropy model (MaxEnt 3.4.4) is notable for its high simulation accuracy compared to other
models [13]. Additionally, it offers the advantages of stable software operation, low sample
size requirements, and flexible variable processing [14,15]. As a result, it has been widely
used to predict changes in the fitness zones of many rare plants [16–20]. This is due to the
fact that the results closely match the distribution patterns of the species in their natural
states [21–23]. At the same time, alterations in the habitat can affect the ecological services it
provides [24]. The ecological assessment method based on Green Gross Domestic Product
(GDP) assessment is the result of economic activity that takes into account the impact of
natural resources and environmental factors, and it is considered more accurate and reliable
than other methods, such as the direct market method and indirect market method, due
to its comprehensiveness, objectivity, comparability, and operability [25]. It can compre-
hensively and accurately assess the value of ecological services, including atmospheric
regulation, soil and water conservation, recreational value, and biodiversity [26]. Therefore,
the combination of the two methods can be used to comprehensively measure and assess
the future distribution dynamics and ecological value of rare vegetation. This serves as
a methodological basis for the conservation and utilization of the resource and provides
recommendations for the sustainable development of the resource.

Tinospora Miers, belonging to the family Menispermaceae, is a genus of valuable
medicinal herbs that are able to provide fever-reducing and detoxifying effects [27], promote
swallowing, and relieve pain, and they also have a certain role in water conservation
and soil retention [28]. Unfortunately, most of these species are currently endangered to
varying degrees, according to the Red List of China’s Biodiversity—Higher Plants Volume
(2020). This is due to slow growth rates, severe growing conditions, and extensive habitat
fragmentation caused by both anthropogenic and natural disturbances [29], particularly
affecting Tinospora sagittata var. craveniana (S. Y. Hu) H. S. Lo (T. craveniana), Tinospora
sagittata var. yunnanensis (S. Y. Hu) H. S. Lo (T. yunnanensis), and Tinospora sinensis. (Lour.)
Merr (T. sinensis). Previous studies on Tinospora have primarily focused on its basic efficacy
and pharmacological effects. However, the distribution and changes in its suitability for
coping with climate change remain unclear, and the value of its ecological services has not
been accurately assessed [30–33]. Therefore, studying these aspects in depth will not only
enhance our understanding of the ecological role of this plant but also generate new ideas
and methods for ecological environmental protection and sustainable development.

In this study, we employed the MaxEnt model to anticipate the geographical dis-
tribution modifications of three rare Tinospora species (T. craveniana, T. yunnanensis, and
T. sinensis) under four climate scenarios over three time periods, as well as their ecological
service values using ecological valuation based on Green GDP accounting. This study
aimed to investigate (1) the current suitable habitats of three species of Tinospora; (2) trends
in the species under the future climate change scenarios and their ranges; (3) the key
environmental factors influencing the changes in the Tinospora genus; and (4) the ecological
service value of each of the three species under the different scenarios using Green GDP
assessment. The results will guide the regional planning of Tinospora species in terms
of their responsible cultivation and protection and provide a scientific basis and reliable
references for decision-making to address their management under climate change.

2. Materials and Methods
2.1. Data Collection and Processing

The database for Tinospora comprises distribution point data, climatic variables, to-
pographic variables, and soil variables corresponding to China. Chinese map data were
selected from the official website of the Ministry of Natural Resources (http://www.mnr.
gov.cn/ (accessed on 14 July 2023)) with the review number GS (2019) 1823. The geographi-
cal distributions of T. craveniana, T. yunnanensis, and T. sinensis in China were obtained by
searching the records of specimens and the records of field surveys. Data were collected
from the Global Biodiversity Information Network (http://www.gbif.org (accessed on
14 July 2023)), the China Virtual Herbarium (http://www.cvh.org.cn (accessed on 14 July
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2023)), the NSII National Herbarium (http://www.nsii.org.cn/ (accessed on 15 July 2023)),
and the China Nature Digital Herbarium (http://cfh.ac.cn (accessed on 15 July 2023)). The
information was subjected to a screening process to remove records of artificial cultivation,
duplicates, and incorrect sample points. This led to a combined total of 55 entries for
T. sinensis, 18 for T. craveniana, and 15 for T. yunnanensis (Figure 1).
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Figure 1. Distribution point data of Tinospora in China.

In this study, we initially selected 19 climatic variables, 3 topographic variables, and
11 soil variables. This study obtained climate data from the World Climate Database (https:
//worldclim.org/ (accessed on 18 July 2023)) for the contemporary period (1970–2000) and
three future periods (2041–2060, 2061–2080, and 2081–2100). The data were collected at
a spatial resolution of 2.5′ (5 km× 5 km). For the upcoming meteorological data, SSP126,
SSP245, SSP370, and SSP585 are based on the four social sharing economy pathways
projected in the BCC-CSM2-BR model from the CIMP6 (Coupled Model Intercomparison
Project Phase 6) program. This was performed to generate four social sharing economy
pathways comprising three different levels of greenhouse gas emissions: low (SSP126),
medium (SSP245 and SSP370), and high (SSP585). Temperatures are expected to increase
from low to high by 2.6 ◦C, 4.5 ◦C, 7.9 ◦C, and 8.5 ◦C [34]. Each scenario corresponds to
19 climate variables.

Topographic data were provided by worldclim 2.1 (https://worldclim.org/ (accessed
on 18 July 2023)) at a 1 km spatial resolution. Soil data were obtained from the global
SoilGrids version 2.0 database (https://soilgrids.org (accessed on 19 July 2023)) at 250 m
spatial resolution. Then, the spatial resolution was standardized to 2.5′ (5 km× 5 km)
using ArcGIS 10.8 software, which served as a basis for further research. In this study,
topographic and soil factors were assumed to remain unchanged in the future time periods
due to their low variability and minimal impact under global climate change scenarios.

To prevent overfitting in the species distribution model, the variables were screened
using the variance inflation factor (VIF) [35] and the Pearson’s correlation test to account for
covariance between environmental factors. When the correlation coefficient between the
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two factors exceeded 0.8, only one factor was selected [36]. Among the remaining factors,
only those with a VIF of less than 10 were selected. This criterion was based on the study
by Ranjitkar [37], who suggested that there was no multicollinearity problem when the VIF
value between factors was less than 10. When screening the variables, we first used the
results from the pre-runs in the maxent model to exclude the environmental variables with
low contributions (percent contribution ≤ 1) [38]. Then, we subjected the environmental
variables at each species site to Pearson’s correlation test (Pearson’s correlation coefficient
r > 0.8, p < 0.05) [39]. When two variables were highly correlated, we selected the one with a
relatively high contribution and high biological relevance [40–42]. The subsequent variance
inflation factor (VIF) test was conducted using the criterion of retaining only environmental
factors with values less than 10. This resulted in the selection of the following variables for
the model (Table 1, Figure 2).

Table 1. The total examined environmental factors. Variables used for each species are also noted.

Category Variable Description Unit Species 1

Climate

Bio1 Annual mean temperature ◦C b; c
Bio2 Mean diurnal temperature range ◦C a; b
Bio3 Isothermality ◦C c
Bio4 Temperature seasonality ◦C a
Bio6 Min temperature of coldest month ◦C a
Bio7 Temperature annual range ◦C a; b; c
Bio8 Mean temperature of wettest quarter ◦C
Bio9 Mean temperature of driest quarter ◦C

Bio10 Mean temperature of warmest quarter ◦C
Bio11 Mean temperature of coldest quarter ◦C b
Bio12 Annual precipitation mm c
Bio13 Precipitation of wettest month mm c
Bio14 Precipitation of driest month mm
Bio15 Precipitation seasonality % a
Bio16 Precipitation of wettest quarter mm c
Bio17 Precipitation of driest quarter mm c
Bio18 Precipitation of warmest quarter mm
Bio19 Precipitation of coldest quarter mm a; b

Topography
ASP Aspect degree
SLO Slope degree a; c
ELE Elevation m

Soil

CEC Cation exchange capacity of the soil mmol/kg a
SOC Soil organic carbon content in the fine earth fraction dg/kg b
OCS Organic carbon stocks t/ha a

CLAY Proportion of clay particles g/kg b
SAND Proportion of sand particles g/kg b

pH.H2O Soil pH pH × 10 a; b; c
BDOD Bulk density of the fine earth fraction cg/cm3

CFVO Volumetric fraction of coarse fragments (>2 mm) cm3/dm3 (vol‰)
NITROGEN Total nitrogen (N) cg/kg

SILT Proportion of silt particles (≥0.002 mm and ≤0.05 mm)
in the fine earth fraction g/kg

OCD Organic carbon density hg/dm3

1 (a) T. craveniana; (b) T. yunnanensis; (c) T. sinensis.
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2.2. Suitable Habitat Prediction and Migration Analysis

The T. craveniana, T. yunnanensis, and T. sinensis distribution points, along with the
aforementioned environmental variables, were imported into MaxEnt 3.4.4 software. We
chose a random selection of 75% of the sample data as the training dataset, while the
remaining 25% were allocated to the test dataset [43]. To ensure the stability of the model,
the model run was repeated ten times using the bootstrap method [44], and the weight of
each environmental factor was measured through the jackknife technique. The findings
were presented in the logistic format [18,45,46]. The outcomes were grouped into four
classifications: highly suitable, moderately suitable, marginally suitable, and unsuitable
habitats based on the natural discontinuity classification [47]. Subsequently, the area and
percentage of each zone were calculated.

Receiver operating characteristic (ROC) curves were utilized to assess the precision
of the MaxEnt model. The area enclosed by the ROC curve and its horizontal coordinate
(AUC) are of constant size regardless of the critical value, thus rendering them useful for
assessing the accuracy of prediction models [48–50]. An AUC value greater than 0.9 is
considered to indicate the most effective simulation.

The time period from 2041 to 2100 was split into three intervals: 2041–2060, 2061–2080,
and 2081–2100. Using the MaxEnt model, the possible geographic ranges of the three rare
species of the genus Tinospora were simulated based on all four shared socioeconomic
pathways: SSP126, SSP245, SSP370, and SSP585 under the future climate scenarios. The
SDMtools plugin was utilized to determine the alterations in the habitats of the three rare
species (expansion, contraction, and no change) in each time period and to determine the
trend and direction of changes in the suitable habitats of the three species by comparing
the different time periods under the same scenario [51]. The suitable habitats in the results
were considered as a unit and condensed into a vector center of mass. The geometric center
point’s position denoted the overall spatial location of the appropriate region for Tinospora.
Additionally, the displacement of the center of mass was applied to signify the species’
overall spatial migration pattern in the suitable habitat [52].

2.3. Ecological Service Value Assessment

The three medical plants belonging to the genus Tinospora offer significant medicinal
benefits as well as valuable contributions to biodiversity and ecological services. Further-
more, the ecological service value of Tinospora as a service varies depending on its future
habitat distribution. Referring to the index system for assessing forest ecosystem service
functions published by the State Forestry Administration [53] (LY/T1721-2008 forestry
industry standard), this article focuses on measuring the value of herbal resources through
Green GDP assessment. Additionally, the methodology below is based on the optimal
habitat, as determined by the area component.
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Atmospheric regulation value: Based on the photosynthesis equation, it is evident
that for every gram of dry matter produced by a plant, 1.63 g of CO2 is absorbed while
1.19 g of O2 is released. The value of fixed CO2 is calculated by taking an average from the
carbon tax method and the silvicultural cost method. Similarly, the value of released O2 is
calculated by taking an average from the industrial oxygen method and the silvicultural
cost method. This value is then used as the basis for determining the value of medicinal
atmospheric regulation using the restoration cost method [54].

Water conservation value: The benefits of water conservation can be categorized
into the advantages of medicinal flood control and the value provided by an increase in
water resources. To determine the total amount of water conserved by medicinal plants,
Equation (1) is utilized, while the total value is assessed using an alternative engineering
method with a water storage cost of CNY 0.67 per tone [55,56].

Q = ρ × H × A (1)

where Q represents the quantity of water that medicinal plants contain, ρ denotes the
density of water, and H denotes the average water holding capacity of the 2 m soil layer,
taking the median value of 890 mm. The distribution area of the genus Tinospora, which
is calculated only within its highly suitable habitat, is represented by the variable A in
this paper.

Soil conservation value: The soil conservation value is determined using the appro-
priate market value and alternative cost methods, taking into account the role of soil
conservation and fertilizer preservation in the cultivation of medicinal plants. Therefore,
the calculation follows Equation (2) [55,57].

E = ∑ A × Ci × P (2)

where the fertilizer retention value of the soil (E), the soil retention amount (A) represented
by farmland in the middle and lower reaches of the Yangtze River, and the pure content
of nitrogen (N), phosphorus (P), and potassium (K) in the soil (Ci) are defined, and the
average price of chemical fertilizers in China (P) is CNY 2279 per tone.

Recreational value and biodiversity value: This study utilized a willingness to pay
survey and the tourism expenditure method to objectively assess the recreational value of
non-market goods and services. Following Wang et al.’s research on the tourism value of
arable land resources, the recreational value of cultivated land for Chinese herbal medicine
was quantified at CNY 225 per hectare [58]. The value of biodiversity was determined
using direct market appraisal and conditional valuation methods. The resulting average
value of maintaining biodiversity per unit area of agricultural ecosystems in China was
quantified at CNY 628 per hectare [59].

3. Results
3.1. Contemporary Suitable Habitats

The MaxEnt results indicate that the suitable habitat for T. craveniana is mainly located
in southeastern Sichuan and western Chongqing, accounting for about 8.89% of China’s
total land area. The main suitable habitat for T. yunnanensis is located in most parts
of Yunnan, with a sporadic distribution in southern Tibet, accounting for about 7.88%
of China’s total land area. Meanwhile, T. sinensis is mainly distributed in Guangdong,
Guangxi, and Hainan, covering approximately 8.36% of the land area (Figure 3, Table 2).
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Table 2. Suitable habitat area (×104 km2) and its ratio (%) for each species under the current climate
scenarios.

Species

Highly
Suitable

Moderately
Suitable

Marginally
Suitable

Total
Suitable Unsuitable

Area Ratio Area Ratio Area Ratio Area Ratio Area Ratio

T. craveniana 11.90 1.24 19.78 2.06 53.66 5.59 85.34 8.89 874.66 91.11
T. yunnanensis 12.86 1.34 17.76 1.85 45.02 4.69 75.64 7.88 884.36 92.12

T. sinensis 10.18 1.06 18.43 1.92 51.65 5.38 80.26 8.36 879.74 91.64

The simulation results additionally showed that the spatial distributions of three
species of Tinospora are influenced by various environmental factors, with temperature
being the most significant contributor. The most dominant factor affecting T. craveniana
(32.1%) and T. yunnanensis (24.0%) is the mean diurnal temperature range (Bio2), while the
annual mean temperature (Bio1) is more important for T. sinensis (47.8%) (Table 3).

Table 3. Contributions of the environmental factors influencing each species.

Category Variable
Percent Contribution/%

T. craveniana T. yunnanensis T. sinensis

Climate

Bio1 - 6.3 47.8
Bio2 32.1 24 -
Bio3 - - 4
Bio4 0.4 - -
Bio6 31.5 - -
Bio7 1.3 13.9 2

Bio11 - 15.6 -
Bio13 - - 0.7
Bio14 - - 4.3
Bio15 1.1 - -
Bio16 - - 15.9
Bio17 15
Bio19 9.1 6.3 -
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Table 3. Cont.

Category Variable
Percent Contribution/%

T. craveniana T. yunnanensis T. sinensis

Topography SLO 0.5 - 3.8

Soil

CEC 16.6 - -

SOC - 7.2 -
OCS 0.6 - -

CLAY - 8.6 -
SAND - 3.7 -

pH.H2O 3.6 5.3 6.5

3.2. Dynamics of Suitable Habitats under Global Climate Change

Under the future climate change scenarios, T. craveniana is expected to expand in a
northeasterly direction. Under the SSP126 scenario, T. craveniana will contract by 3.14%
of China’s land area between 2041 and 2060, but it will also expand in a northeasterly
direction by 3.41% of China’s land area between 2061 and 2080 and by 3.56% between 2081
and 2100 (Figure 4a–c). Under the SSP245 climate scenario, T. craveniana is projected to
expand, reaching a peak expansion area of 16.96% of China’s total area between 2081 and
2100, mainly in the southern region where the species is widely distributed (Figure 4d–f).
Under the SSP370 climate scenario, the distribution area of T. craveniana is expected to
expand from southern Tibet to Liaoning in a northeasterly direction, and the proportion of
the expanded Chinese land area is projected to rise from 17.74% to 43.71% (Figure 4g–i).
Under the SSP585 climate scenario, the expansion trend of T. craveniana will gradually
increase from the southwest to the northeast. The expansion area is expected to reach an
extreme value of 6.40% of China’s total area between 2061 and 2080 (Figures 4j–l and S1,
Table S2).

Under the climate change scenarios, the potential habitat of T. yunnanensis is expected
to shift northeast and contract. Under the SSP126 climate scenario, the territory suitable for
T. yunnanensis is projected to decrease by up to 3.11% of China’s land area between 2061 and
2080, resulting in the loss of suitable areas in Sichuan and Chongqing (Figure 5a–c). Under
the SSP245 climate scenario, the suitable areas for T. yunnanensis are projected to decrease
by 1.63% and 2.36% of China’s territory between 2041 and 2080. However, there could be
an expansion of the species’ distribution in southwestern Xinjiang. The expansion area is
expected to peak at 11.61% of China’s total territory between 2081 and 2100 (Figure 5d–f).
Under the SSP370 climate scenario, the distribution area of T. yunnanensis is projected to
decrease by 2.59%, 2.88%, and 1.71% of China’s land area between 2040 and 2100. However,
there is a projected expansion of the suitable distribution area in southern Xinjiang from
2081 to 2100 (Figure 5g–i). Under the SSP585 climate scenario, the distribution area of
T. yunnanensis is projected to decrease by 1.96%, 3.38%, and 2.38% of China’s land area
between 2040 and 2100. The trend of contraction for T. yunnanensis peaks between 2061
and 2080, regardless of the climate scenario (Figures 5j–l and S2, Table S2).

Under the four different climate scenarios, T. sinensis is expected to migrate northward
and gradually increase in area. As the CO2 concentration increases over time, the area of
expansion will eventually increase to 8.23% of China’s land area from 2081 to 2100 under
the SSP585 scenario. By this time, T. sinensis will have spread over most of the southern
part of the country Figures 6a–l and S3, Table S2).



Diversity 2024, 16, 181 9 of 18

Diversity 2024, 16, x FOR PEER REVIEW 8 of 18 
 

 

Bio19 9.1 6.3 - 
Topography SLO 0.5 - 3.8 

Soil 

CEC 16.6 - - 
SOC - 7.2 - 
OCS 0.6 - - 

CLAY - 8.6 - 
SAND - 3.7 - 

pH.H2O 3.6 5.3 6.5 

3.2. Dynamics of Suitable Habitats under Global Climate Change 
Under the future climate change scenarios, T. craveniana is expected to expand in a 

northeasterly direction. Under the SSP126 scenario, T. craveniana will contract by 3.14% of 
China’s land area between 2041 and 2060, but it will also expand in a northeasterly direc-
tion by 3.41% of China’s land area between 2061 and 2080 and by 3.56% between 2081 and 
2100 (Figure 4a–c). Under the SSP245 climate scenario, T. craveniana is projected to expand, 
reaching a peak expansion area of 16.96% of China’s total area between 2081 and 2100, 
mainly in the southern region where the species is widely distributed (Figure 4d–f). Under 
the SSP370 climate scenario, the distribution area of T. craveniana is expected to expand 
from southern Tibet to Liaoning in a northeasterly direction, and the proportion of the 
expanded Chinese land area is projected to rise from 17.74% to 43.71% (Figure 4g–i). Un-
der the SSP585 climate scenario, the expansion trend of T. craveniana will gradually in-
crease from the southwest to the northeast. The expansion area is expected to reach an 
extreme value of 6.40% of China’s total area between 2061 and 2080 (Figures 4j–l and S1, 
Table S2). 

 
Figure 4. Changes in suitable habitats for T. craveniana under four climate scenarios during three 
time periods. 
Figure 4. Changes in suitable habitats for T. craveniana under four climate scenarios during three time
periods.

Diversity 2024, 16, x FOR PEER REVIEW 9 of 18 
 

 

Under the climate change scenarios, the potential habitat of T. yunnanensis is expected 
to shift northeast and contract. Under the SSP126 climate scenario, the territory suitable 
for T. yunnanensis is projected to decrease by up to 3.11% of China’s land area between 
2061 and 2080, resulting in the loss of suitable areas in Sichuan and Chongqing (Figure 
5a–c). Under the SSP245 climate scenario, the suitable areas for T. yunnanensis are pro-
jected to decrease by 1.63% and 2.36% of China’s territory between 2041 and 2080. How-
ever, there could be an expansion of the species’ distribution in southwestern Xinjiang. 
The expansion area is expected to peak at 11.61% of China’s total territory between 2081 
and 2100 (Figure 5d–f). Under the SSP370 climate scenario, the distribution area of T. yun-
nanensis is projected to decrease by 2.59%, 2.88%, and 1.71% of China’s land area between 
2040 and 2100. However, there is a projected expansion of the suitable distribution area in 
southern Xinjiang from 2081 to 2100 (Figure 5g–i). Under the SSP585 climate scenario, the 
distribution area of T. yunnanensis is projected to decrease by 1.96%, 3.38%, and 2.38% of 
China’s land area between 2040 and 2100. The trend of contraction for T. yunnanensis peaks 
between 2061 and 2080, regardless of the climate scenario (Figures 5j–l and S2, Table S2). 

 
Figure 5. Changes in suitable habitats for T. yunnanensis under four climate scenarios during three 
time periods. 

Under the four different climate scenarios, T. sinensis is expected to migrate north-
ward and gradually increase in area. As the CO2 concentration increases over time, the 
area of expansion will eventually increase to 8.23% of China’s land area from 2081 to 2100 
under the SSP585 scenario. By this time, T. sinensis will have spread over most of the south-
ern part of the country (Figures 6a–l and S3, Table S2). 

Figure 5. Changes in suitable habitats for T. yunnanensis under four climate scenarios during three
time periods.



Diversity 2024, 16, 181 10 of 18Diversity 2024, 16, x FOR PEER REVIEW 10 of 18 
 

 

 
Figure 6. Changes in suitable habitats for T. sinensis under four climate scenarios during three time 
periods. 

3.3. Ecological Service Value Assessments 
The ecological services provided by T. craveniana, T. yunnanensis, and T. sinensis have 

various values, such as market economic value (71.38%), atmospheric maintenance value 
(2.48%), water conservation value (20.27%), soil conservation value (5.59%), recreational 
value (0.07%), and biodiversity value (0.21%). Among these values, the water conservation 
value is particularly noteworthy, alongside the rich medicinal market value (Table S3). 

Under the SSP126 scenario, T. craveniana will show a contraction trend from 2041 to 
2060 compared to the current state, resulting in an overall decrease in various ecological 
service values to 91% of the current values. However, from 2061 to 2100, these will grad-
ually increase. For the remaining scenarios, the values of ecological services will increase 
to varying degrees. Between 2061 and 2080, the SSP245 scenario will result in the lowest 
growth rate of ecological services, which will be 1.01 times the current value. Specifically, 
between 2081 and 2100, under the SSP245 scenario, the value of ecological services will 
increase to 4.61 times the current value, reaching an extreme value (Figure 7, Table S4). 

Figure 6. Changes in suitable habitats for T. sinensis under four climate scenarios during three time
periods.

3.3. Ecological Service Value Assessments

The ecological services provided by T. craveniana, T. yunnanensis, and T. sinensis have
various values, such as market economic value (71.38%), atmospheric maintenance value
(2.48%), water conservation value (20.27%), soil conservation value (5.59%), recreational
value (0.07%), and biodiversity value (0.21%). Among these values, the water conservation
value is particularly noteworthy, alongside the rich medicinal market value (Table S3).

Under the SSP126 scenario, T. craveniana will show a contraction trend from 2041 to
2060 compared to the current state, resulting in an overall decrease in various ecological
service values to 91% of the current values. However, from 2061 to 2100, these will gradually
increase. For the remaining scenarios, the values of ecological services will increase to
varying degrees. Between 2061 and 2080, the SSP245 scenario will result in the lowest
growth rate of ecological services, which will be 1.01 times the current value. Specifically,
between 2081 and 2100, under the SSP245 scenario, the value of ecological services will
increase to 4.61 times the current value, reaching an extreme value (Figure 7, Table S4).

T. yunnanensis will exhibit an overall trend of contraction, except for the SSP245
scenario, where the ecological service value will increase to 2.29 times the current value
during the period of 2081–2100. In the remaining scenarios, the ecosystem service values
of T. yunnanensis will decrease to varying degrees. For example, in the three time periods
of the SSP126 scenario, the values will decrease by 66.09%, 66.52%, and 72.41%. The
most significant reduction will occur in the SSP585 scenario during the period of 2061–
2080, where the value will only be 40.5% of the current ecosystem service value (Figure 8,
Table S4).
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T. sinensis will increase in all scenarios considered. In particular, the SSP126 scenario
shows the lowest rate of increase in T. sinensis, with each ecological service valued at
1.31 times the current value during the period 2041–2060. The greatest growth is projected
to occur between 2081 and 2100 across all scenarios, with the SSP585 scenario showing an
ecological value reaching 2.57 times its current value (Figure 9, Table S4).
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4. Discussion

This study predicts the current and future distributions of three Tinospora species under
four climate scenarios for the period 2041–2100 using a MaxEnt model with distributional
data and environmental factors. The model results indicate that the AUC values for the test
sets of T. craveniana, T. yunnanensis, and T. sinensis are 0.988, 0.989, and 0.983, respectively.
The AUC values for their corresponding training sets are 0.989, 0.989, and 0.988, all of
which exceed 0.98. These results suggest that the model is accurate and reliable [60].

Research has indicated that climatic data and environmental variables can impact
study results. In the present study, we modeled and predicted the habitable areas for three
different rare species. We carried out several rounds of screening and testing of the data
and variables, which allowed us to accurately predict the geographical distribution of each
species. The results show that the suitable habitats of T. craveniana, T. yunnanensis, and
T. sinensis will mainly be distributed in Sichuan, Yunnan, and Guangxi. These predictions
align with the existing distribution locations of Tinospora plants and with the anticipated
range of suitable habitat areas projected by the Global Medicinal Plants Geographic Infor-
mation System (GMPGIS-I) in accordance with this discovery [61]. These data can serve as
a theoretical framework for plant species’ evolutionary processes and the preservation of
rare Tinospora plants.

Trends in species alterations will fluctuate to some degree with the forthcoming climate
warming and humidification situations [62]. T. craveniana is projected to expand its suitable
habitat range in the northeast in different future scenarios. It may gain suitability in
Hebei, Henan, and Shandong but may also lose some areas in Yunnan. This pattern is
consistent with previous studies [63,64], indicating that the temperature has a beneficial
effect on T. craveniana by accelerating the phenological process and prolonging the growing
season. Additionally, the area of increase in suitable habitats is located on the boundary
of suitable areas and is a sensitive area for species to respond to climate change [65,66].
T. yunnanensis struggles to adapt to the high warmth and humidity of its climate, leading to
shrinkage. The suitable habitat will shift northeastward, resulting in unsuitable habitats in
Sichuan, Chongqing, Guangxi, and Guangdong. However, according to some projections,
T. yunnanensis may gain suitable habitats in parts of southwestern Xinjiang. This is due to
the fact that, under the climate change scenarios, the southern border will have a climate
more similar to that of the southern hemisphere and will be less susceptible to warming
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and humidification than the northern border [67,68]. Perhaps due to its narrow ecological
adaptation [64], the growth of T. yunnanensis as a liana may be negatively affected by
the temperature [69]. There is a potential likelihood that, as T. yunnanensis is confined
to the growth of the subtropical trees surrounding it, its suitable habitat may decrease
proportionally with the decline in the population of those trees [70]. However, T. sinensis
appears to be better adapted to climate warming. Based on various scenarios, there will
be an increase in the area of suitable habitat to varying degrees. Additionally, the suitable
habitat will migrate northward, indicating a tendency toward expansion. The expansion
may reach provinces such as Yunnan, Fujian, Guangdong, and Guangxi. The overall trend
of their migration aligns with the movement of flora and fauna to greater altitudes and
latitudes in response to rising temperatures [50,71,72] Furthermore, the SSP245 scenario
will result in a noteworthy expansion of the habitat area for T. craveniana and T. yunnanensis
during the timeframe of 2081–2100. Hence, it is conjectured that the prevailing climate,
temperature, and humidity conditions during this period will be exceedingly conducive to
the thriving of both species.

Species survival depends on the surrounding environmental conditions, and tempera-
ture and humidity affect the physiological activities and biochemical processes of the entire
plant group [73]. Under the different future climate scenarios, the three species of the genus
Tinospora will show different adaptations to their environment. This study found that the
main environmental variable affecting T. craveniana and T. yunnanensis is the mean diurnal
temperature range (bio2), while the main environmental variable affecting T. sinensis is
the annual mean temperature (bio1). The ability of temperature to influence their range is
consistent with the fact that they are mainly distributed in the southern environments of
China, along with two ecological factors, mean annual sunshine and mean annual relative
humidity, that most affect the growth of the genus Tinospora, as found in previous stud-
ies [61]. In the process of global warming, the temperature gradually increases. T. craveniana
and T. sinensis can still grow vigorously, reflecting the biological characteristics of their
high temperature tolerance, but this also shows that the species of the genus Tinospora are
hygrophilous, in accordance with their distribution in the undergrowth, along forest edges,
in bamboo forests, or under the forests along the streams and valleys, and in other dark
and humid places [74].

As three rare species of the genus Tinospora, they have not only a high medicinal market
value but also an ecological service value, consisting of atmospheric regulation, water
conservation, soil conservation, and the maintenance of biodiversity. Overall, their water
retention capability constitutes a significant portion of the ecological services provided.
As medicinal plants with a substantial amount of biomass and luxuriant foliage, these
three species of this genus are recognized for their effective water storage capabilities and
ability to prevent soil erosion [75]. T. craveniana has the widest suitable habitat area and
demonstrates the largest suitable habitat under the SSP245 scenario from 2081 to 2100.
Furthermore, of the three species across the various time periods and scenarios, this species
is expected to exhibit the highest ecosystem service function values. These values are also
related to the environment in which it grows and the species around it [76]. T. yunnanensis
is experiencing a decline in population, and it is advisable to protect it in order to maintain
its high ecological service function. Its optimum growth scenario is also the 2081–2100
period under the SSP245 scenario, and the scenario to be avoided is the 2061–2080 period
under the SSP585 scenario. In contrast to prior research [77], our study indicates that in
Yunnan Province, where it is largely located, the conservation value of water exceeds that
of soil. We postulate that the habitat of T. yunnanensis may have declined in size, and,
further, its restriction in water-stressed regions may have adversely impacted the trees on
which it thrives, subsequently increasing the significance of water conservation [78,79].
However, T. sinensis exhibits strong adaptability to diverse scenarios of climate warming
and humidification and demonstrates a gradual increase in its ecological service value over
time. While its maximum value may not surpass that of T. craveniana in the preceding
situations, it remains steady and progresses at a faster rate. Thus, it is suggested that more
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attention should be paid to the conservation and cultivation of T. sinensis to achieve a high
ecological service value.

As the three species within the genus Tinospora exhibit differing responses to climate
change, their respective areas of required protection and recommended conservation
measures also differ. T. yunnanensis is an endangered species that faces challenges adapting
to future warming scenarios. To address this issue, we recommend the relocation of at-
risk habitats and the establishment of new conservation areas within the highly suitable
range. To achieve this, nature reserves or in situ conservation sites should be established
in eastern Sichuan, Chongqing, and southern Yunnan. We emphasize the importance
of minimizing human disturbance. Furthermore, it is feasible to cultivate T. craveniana
and T. sinensis bladders locally in their highly suitable natural zones, namely Sichuan,
Chongqing, Guangxi, and Guangdong.

5. Conclusions

Tinospora is a genus of medicinal herbs with high value that is currently endangered.
However, the impact of climate change on its habitat distribution and ecological service
value is unclear. To address this issue, we used the maximum entropy model to predict the
distribution of Tinospora under future climate scenarios and assessed its ecological service
value using Green GDP accounting, which can contribute to its conservation and long-term
sustainable development.

This research revealed that the mean diurnal temperature range is the primary envi-
ronmental aspect that influences the suitable habitats of T. craveniana and T. yunnanensis.
Additionally, the main environmental determinant affecting the suitable habitat of T. sinen-
sis is the annual mean temperature. T. craveniana and T. yunnanensis are primarily found in
Sichuan and Yunnan in southern central China, while T. sinensis is mainly distributed in
Guangxi and other regions of southern China.

For T. craveniana, all scenarios except the SSP126 scenario for the 2041–2060 period
show northeastward expansion, with a potential gain in suitable areas in Shandong.
T. yunnanensis shows northeastward contraction in all scenarios, except the SSP245 scenario
for 2081–2100, with loss of suitable habitat in Sichuan and Chongqing. Under warmer
and wetter scenarios, T. sinensis exhibits a northward expansion trend and may gain a
significant amount of suitable habitat in Sichuan, Chongqing, and Anhui. Additionally,
under the SSP245 scenario, between 2081 and 2100, T. craveniana and T. yunnanensis will
reach their maximum area of suitable habitat.

Under the climate change scenarios, the ecosystem service values of T. craveniana
exhibit an overall increasing trend, with the SSP126 scenario showing the fastest growth.
Conversely, T. yunnanensis shows a decreasing trend, with the SSP585 scenario exhibiting
the most severe decline between 2061 and 2080. Under the SSP245 scenario, T. craveniana
and T. yunnanensis were found to have the highest ecological value from 2081 to 2100.
From the SSP126 to the SSP585 scenario, the ecological service value of T. sinensis shows
a general increasing trend over the three time periods. Notably, this study emphasizes
the ecological service value of water conservation, which accounts for 20.27% of the total
ecological service value, making it the highest value component. This suggests that the
three species of Tinospora have a high value for water conservation, in addition to their
economic value. This study provides a scientific reference for implementing conservation
and management strategies.

Supplementary Materials: The following supporting information can be downloaded at: https:
//www.mdpi.com/article/10.3390/d16030181/s1, Table S1: Average AUC values of training and
testing sets for each species; Table S2: Change of Suitable habitat area (×104 km2) and its ratio (%) for
each species; Table S3: Assessment of the ecological service value of genus Tinospora under present
climate scenarios (104 CNY); Table S4: Future ecological service value of species of the Tinospora
(104 CNY). Figure S1, Potential distribution habitats of T. craveniana under the future climate scenario;
Figure S2, Potential distribution habitats of T. yunnanensis under the future climate scenario; Figure
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S3, Potential distribution habitats of T. sinensis under the future climate scenario; Figure S4, Centroid
migration of various species.

Author Contributions: Conceptualization, H.Z. (Huayong Zhang); methodology, H.Z. (Huayong
Zhang); software, Z.L. (Zhe Li); validation, H.Z. (Huayong Zhang), H.Z. (Hengchao Zou), X.Z. and
Y.Z.; formal analysis, Z.L. (Zhe Li); writing—original draft preparation, H.Z (Huayong Zhang).,
Z.L. (Zhe Li) and H.Z. (Hengchao Zou); writing—review and editing, H.Z. (Huayong Zhang), Z.L.
(Zhe Li), H.Z. (Hengchao Zou), Z.W., X.Z., Y.Z. and Z.L. (Zhao Liu); visualization, Z.L. (Zhe Li);
supervision, H.Z. (Huayong Zhang) and H.Z. (Hengchao Zou); funding acquisition, H.Z. (Huayong
Zhang). All authors have read and agreed to the published version of the manuscript.

Funding: This research was funded by National Water Pollution Control and Treatment Science
and Technology Major Project (2017ZX07101) and the Discipline Construction Program of Huayong
Zhang, Distinguished Professor of Shandong University, School of Life Sciences (61200082363001).

Institutional Review Board Statement: Not applicable.

Data Availability Statement: All links to input data are reported in the manuscript and all output.
Data are available upon request to the authors.

Conflicts of Interest: The authors declare no conflicts of interest.

References
1. Malhi, Y.; Franklin, J.; Seddon, N.; Solan, M.; Turner, M.G.; Field, C.B.; Knowlton, N. Climate change and ecosystems: Threats,

opportunities and solutions. Philos. Trans. R. Soc. Lond. B Biol. Sci. 2020, 375, 20190104. [CrossRef]
2. Fedele, G.; Donatti, C.I.; Harvey, C.A.; Hannah, L.; Hole, D.G. Transformative adaptation to climate change for sustainable

social-ecological systems. Environ. Sci. Policy 2019, 101, 116–125. [CrossRef]
3. Weiskopf, S.R.; Rubenstein, M.A.; Crozier, L.G.; Gaichas, S.; Griffis, R.; Halofsky, J.E.; Hyde, K.J.W.; Morelli, T.L.; Morisette, J.T.;

Muñoz, R.C.; et al. Climate change effects on biodiversity, ecosystems, ecosystem services, and natural resource management in
the United States. Sci. Total Environ. 2020, 733, 137782. [CrossRef]

4. Barreto, J.R.; Pardini, R.; Metzger, J.P.; Silva, F.A.B.; Nichols, E.S. When forest loss leads to biodiversity gain: Insights from the
Brazilian Atlantic Forest. Biol. Conserv. 2023, 279, 109957. [CrossRef]

5. Bezeng, B.S.; Morales-Castilla, I.; van der Bank, M.; Yessoufou, K.; Daru, B.H.; Davies, T.J. Climate change may reduce the spread
of non-native species. Ecosphere 2017, 8, e01694. [CrossRef]

6. Bastien-Olvera, B.A.; Moore, F.C. Climate Impacts on Natural Capital: Consequences for the Social Cost of Carbon. Annu. Rev.
Resour. Econ. 2022, 14, 515–532. [CrossRef]

7. Chaalali, A.; Beaugrand, G.; Raybaud, V.; Lassalle, G.; Saint-Béat, B.; Le Loc’h, F.; Bopp, L.; Tecchio, S.; Safi, G.; Chifflet, M.; et al.
From species distributions to ecosystem structure and function: A methodological perspective. Ecol. Model. 2016, 334, 78–90.
[CrossRef]

8. Ansley, R.J.; Rivera-Monroy, V.H.; Griffis-Kyle, K.; Hoagland, B.; Emert, A.; Fagin, T.; Loss, S.R.; McCarthy, H.R.; Smith, N.G.;
Waring, E.F. Assessing impacts of climate change on selected foundation species and ecosystem services in the South-Central
USA. Ecosphere 2023, 14, e4412. [CrossRef]

9. Chi, X.; Zhang, Z.; Xu, X.; Zhang, X.; Zhao, Z.; Liu, Y.; Wang, Q.; Wang, H.; Li, Y.; Yang, G.; et al. Threatened medicinal plants in
China: Distributions and conservation priorities. Biol. Conserv. 2017, 210, 89–95. [CrossRef]

10. Zhang, B.Y.; Zou, H.; Chen, B.R.; Zhang, X.Y.; Kang, X.; Wang, C.; Zhang, X.X. Optimizing the distribution pattern of species
under climate change: The protection and management of Phellodendron amurensein China. Front. Ecol. Evol. 2023, 11, 1186627.
[CrossRef]

11. De Kort, H.; Baguette, M.; Lenoir, J.; Stevens, V.M. Toward reliable habitat suitability and accessibility models in an era of multiple
environmental stressors. Ecol. Evol. 2020, 10, 10937–10952. [CrossRef] [PubMed]

12. Frans, V.F.; Augé, A.A.; Edelhoff, H.; Erasmi, S.; Balkenhol, N.; Engler, J.O. Quantifying apart what belongs together: A multi-state
species distribution modelling framework for species using distinct habitats. Methods Ecol. Evol. 2018, 9, 98–108. [CrossRef]

13. Damaneh, J.M.; Ahmadi, J.; Rahmanian, S.; Sadeghi, S.M.M.; Nasiri, V.; Borz, S.A. Prediction of wild pistachio ecological niche
using machine learning models. Ecol. Inform. 2022, 72, 101907. [CrossRef]

14. Latimer, A.M.; Wu, S.; Gelfand, A.E.; Silander, J.A., Jr. Building Statistical Models to Analyze Species Distributions. Ecol. Appl.
2006, 16, 33–50. [CrossRef] [PubMed]

15. Phillips, S.J.; Anderson, R.P.; Schapire, R.E. Maximum entropy modeling of species geographic distributions. Ecol. Model. 2006,
190, 231–259. [CrossRef]

16. Li, J.J.; Fan, G.; He, Y. Predicting the current and future distribution of three Coptis herbs in China under climate change conditions,
using the MaxEnt model and chemical analysis. Sci. Total Environ. 2020, 698, 134141. [CrossRef]

17. Zhou, R.; Ci, X.; Xiao, J.; Cao, G.; Li, J. Effects and conservation assessment of climate change on the dominant group—The genus
Cinnamomum of subtropical evergreen broad-leaved forests. Biodiv Sci. 2021, 29, 697–711. [CrossRef]

https://doi.org/10.1098/rstb.2019.0104
https://doi.org/10.1016/j.envsci.2019.07.001
https://doi.org/10.1016/j.scitotenv.2020.137782
https://doi.org/10.1016/j.biocon.2023.109957
https://doi.org/10.1002/ecs2.1694
https://doi.org/10.1146/annurev-resource-111820-020204
https://doi.org/10.1016/j.ecolmodel.2016.04.022
https://doi.org/10.1002/ecs2.4412
https://doi.org/10.1016/j.biocon.2017.04.015
https://doi.org/10.3389/fevo.2023.1186627
https://doi.org/10.1002/ece3.6753
https://www.ncbi.nlm.nih.gov/pubmed/33144939
https://doi.org/10.1111/2041-210X.12847
https://doi.org/10.1016/j.ecoinf.2022.101907
https://doi.org/10.1890/04-0609
https://www.ncbi.nlm.nih.gov/pubmed/16705959
https://doi.org/10.1016/j.ecolmodel.2005.03.026
https://doi.org/10.1016/j.scitotenv.2019.134141
https://doi.org/10.17520/biods.2020482


Diversity 2024, 16, 181 16 of 18

18. Huang, Z.C.; Shu, J.P.; Yan, Y.H.; Chen, J.B. Simulation of potential distribution of Paphiopedilum in China based on the MaxEnt
model. J. Trop. Subtrop. Bot. 2023, 32, 17–26.

19. Velázquez-Hernández, J.M.; Ruíz-Corral, J.A.; Durán-Puga, N.; Macías, M.Á.; González-Eguiarte, D.R.; Santacruz-Ruvalcaba, F.;
García-Romero, G.E.; Gallegos-Rodríguez, A. Ecogeography of Dioscorea remotiflora Kunth: An Endemic Species from Mexico.
Plants 2023, 12, 3654. [CrossRef]

20. Chen, Y.; Chen, J.; Yong, Q.-Q.; Yuan, T.-H.; Wang, Q.; Li, M.-J.; Long, S.-W.; Bai, X.-X. Species Diversity and Geographical
Distribution Patterns of Balsaminaceae in China. Diversity 2023, 15, 1012. [CrossRef]

21. Merow, C.; Smith, M.J.; Silander, J.A. A practical guide to MaxEnt for modeling species’ distributions: What it does, and why
inputs and settings matter. Ecography 2013, 36, 1058–1069. [CrossRef]

22. Hernandez, P.A.; Graham, C.H.; Master, L.L.; Albert, D.L. The effect of sample size and species characteristics on performance of
different species distribution modeling methods. Ecography 2006, 29, 773–785. [CrossRef]

23. Ortega-Huerta, M.A.; Peterson, A.T. Modeling ecological niches and predicting geographic distributions: A test of six presence-
only methods. Rev. Mex. Biodivers. 2008, 79, 205–216.

24. Wang, Y.; Dai, E. Spatial-temporal changes in ecosystem services and the trade-off relationship in mountain regions: A case study
of Hengduan Mountain region in Southwest China. J. Clean. Prod. 2020, 264, 121573. [CrossRef]

25. Ying, Z.; Gao, M.X.; Liu, J.C.; Wen, Y.L.; Song, W.M. Green accounting for forest and green policies in China—A pilot national
assessment. For. Policy Econ. 2011, 13, 513–519. [CrossRef]

26. Wang, X.; Lv, Y.; Zhou, C.; Shen, J.Q. Value measurement and case study of development of traditional Chinese medicine resources
and the protection of biodiversity. BIO Web Conf. 2017, 8, 03007. [CrossRef]

27. Sharma, P.; Dwivedee, B.P.; Bisht, D.; Dash, A.K.; Kumar, D.D. The chemical constituents and diverse pharmacological importance
of Tinospora cordifolia. Heliyon 2019, 5, e02437. [CrossRef]

28. Novara, A.; Cerda, A.; Barone, E.; Gristina, L. Cover crop management and water conservation in vineyard and olive orchards.
Soil. Tillage Res. 2021, 208, 104896. [CrossRef]

29. Feng, Y. Research Advances on Production of Tinospora sagittata (Oliv.) Gagnep. or Tinospora capillipes Gagnep. Chin. J. Trop. Agric.
2021, 41, 38–43.

30. Grover, J.K.; Vats, V.; Rathi, S.S. Anti-hyperglycemic effect of Eugenia jambolana and Tinospora cordifolia in experimental diabetes
and their effects on key metabolic enzymes involved in carbohydrate metabolism. J. Ethnopharmacol. 2000, 73, 461–470. [CrossRef]

31. Saha, S.; Ghosh, S. Tinospora cordifolia: One plant, many roles. Anc. Sci. Life 2012, 31, 151–159. [CrossRef]
32. Udayabhanu; Nethravathi, P.C.; Kumar, M.A.P.; Suresh, D.; Lingaraju, K.; Rajanaika, H.; Nagabhushana, H.; Sharma, S.C.

Tinospora cordifolia mediated facile green synthesis of cupric oxide nanoparticles and their photocatalytic, antioxidant and
antibacterial properties. Mater. Sci. Semicond. Process. 2015, 33, 81–88. [CrossRef]

33. Stanely, P.; Prince, M.; Menon, V.P. Hypoglycaemic and other related actions of Tinospora cordifolia roots in alloxan-induced
diabetic rats. J. Ethnopharmacol. 2000, 70, 9–15. [CrossRef] [PubMed]

34. Weng, Y.-W.; CAI, W.-J.; Wang, C. The application and future directions of the Shared Socioeconomic Pathways (SSPs). Adv. Clim.
Chang. Res. 2020, 16, 215–222.

35. Zhang, Q.; Wu, M.-L.; Guo, J.; Zhang, D.-F.; Sun, C.-Z.; Xie, C.-X. Predicting the global areas for potential distribution of Gastrodia
elata based on ecological niche models. Chin. J. Plant Ecol. 2017, 41, 770–778. [CrossRef]

36. Luo, X.; Hu, Q.J.; Zhou, P.P.; Zhang, D.; Wang, Q.; Abbott, R.J.; Liu, J.Q. Chasing ghosts: Allopolyploid origin of Oxyria sinensis
(Polygonaceae) from its only diploid congener and an unknown ancestor. Mol. Ecol. 2017, 26, 3037–3049. [CrossRef] [PubMed]

37. Ranjitkar, S.; Xu, J.; Shrestha, K.K.; Kindt, R. Ensemble forecast of climate suitability for the Trans-Himalayan Nyctaginaceae
species. Ecol. Model. 2014, 282, 18–24. [CrossRef]

38. An, X.; Huang, T.; Zhang, H.; Yue, J.; Zhao, B. Prediction of Potential Distribution Patterns of Three Larix Species on Qinghai-Tibet
Plateau under Future Climate Scenarios. Forests 2023, 14, 1058. [CrossRef]

39. Cao, B.; Bai, C.; Zhang, L.; Li, G.; Mao, M. Modeling habitat distribution of Cornus officinalis with Maxent modeling and fuzzy
logics in China. J. Plant Ecol. 2016, 9, 742–751. [CrossRef]

40. Kumar, D.; Aggarwal, A.K.; Kumar, R. The effect of interrupted 5-day training on Integrated Management of Neonatal and
Childhood Illness on the knowledge and skills of primary health care workers. Health Policy Plan. 2009, 24, 94–100. [CrossRef]

41. Padalia, H.; Srivastava, V.; Kushwaha, S.P.S. Modeling potential invasion range of alien invasive species, Hyptis suaveolens (L.)
Poit. in India: Comparison of MaxEnt and GARP. Ecol. Inform. 2014, 22, 36–43. [CrossRef]

42. Rojas Briceño, N.B.; Cotrina Sánchez, D.A.; Barboza Castillo, E.; Barrena Gurbillón, M.Á.; Sarmiento, F.O.; Sotomayor, D.A.; Oliva,
M.; Salas López, R. Current and Future Distribution of Five Timber Forest Species in Amazonas, Northeast Peru: Contributions
towards a Restoration Strategy. Diversity 2020, 12, 305. [CrossRef]

43. Rathore, P.; Roy, A.; Karnatak, H. Modelling the vulnerability of Taxus wallichiana to climate change scenarios in South East Asia.
Ecol. Indic. 2019, 102, 199–207. [CrossRef]

44. Gao, M.; Sa, R.; Tie, N.; Zhang, L. Distrribution Pattern of Betula platyphlla in China under Climate Change. J. Northeast. For. Univ.
2023, 51, 54–61+69. [CrossRef]

45. Fand, B.B.; Kumar, M.; Kamble, A.L. Predicting the potential geographic distribution of cotton mealybug Phenacoccus solenopsis in
India based on MAXENT ecological niche Model. J. Environ. Biol. 2014, 35, 973–982. [CrossRef] [PubMed]

https://doi.org/10.3390/plants12203654
https://doi.org/10.3390/d15091012
https://doi.org/10.1111/j.1600-0587.2013.07872.x
https://doi.org/10.1111/j.0906-7590.2006.04700.x
https://doi.org/10.1016/j.jclepro.2020.121573
https://doi.org/10.1016/j.forpol.2011.06.005
https://doi.org/10.1051/bioconf/20170803007
https://doi.org/10.1016/j.heliyon.2019.e02437
https://doi.org/10.1016/j.still.2020.104896
https://doi.org/10.1016/S0378-8741(00)00319-6
https://doi.org/10.4103/0257-7941.107344
https://doi.org/10.1016/j.mssp.2015.01.034
https://doi.org/10.1016/S0378-8741(99)00136-1
https://www.ncbi.nlm.nih.gov/pubmed/10720784
https://doi.org/10.17521/cjpe.2016.0380
https://doi.org/10.1111/mec.14097
https://www.ncbi.nlm.nih.gov/pubmed/28295838
https://doi.org/10.1016/j.ecolmodel.2014.03.003
https://doi.org/10.3390/f14051058
https://doi.org/10.1093/jpe/rtw009
https://doi.org/10.1093/heapol/czn051
https://doi.org/10.1016/j.ecoinf.2014.04.002
https://doi.org/10.3390/d12080305
https://doi.org/10.1016/j.ecolind.2019.02.020
https://doi.org/10.13759/j.cnki.dlxb.2023.02.012
https://doi.org/10.1007/s11367-014-0772-8
https://www.ncbi.nlm.nih.gov/pubmed/25204075


Diversity 2024, 16, 181 17 of 18

46. Qin, X.; Li, M. Predicting the Potential Distribution of Oxalis debilis Kunth, an Invasive Species in China with a Maximum
Entropy Model. Plants 2023, 12, 3999. [CrossRef]

47. Jenks, G.F. The Data Model Concept in Statistical Mapping. Int. Yearb. Cartogr. 1967, 7, 186–190.
48. Rong, Z.L.; Zhao, C.Y.; Liu, J.J.; Gao, Y.F.; Zang, F.; Guo, Z.X.; Mao, Y.H.; Wang, L. Modeling the Effect of Climate Change on the

Potential Distribution of Qinghai Spruce (Picea crassifolia Kom.) in Qilian Mountains. Forests 2019, 10, 62. [CrossRef]
49. Deng, F.; LI, X.B.; Wang, H.; Zhang, M.; Li, X.; Li, R.-H. The suitability of geographic distribution and the dominant factors of

alfalfa based on MaxEnt model in Xilin Gol. Pratacultural Sci. 2014, 31, 1840–1847. [CrossRef]
50. Zhang, Y.-B.; Liu, Y.-L.; Qin, H.; Meng, Q.-X. Prediction on spatial migration of suitable distribution of Elaeagnus mollis under

climate change conditions in Shanxi Province, China. Chin. J. Appl. Ecol. 2019, 30, 496–502. [CrossRef]
51. Wisz, M.S.; Pottier, J.; Kissling, W.D.; Pellissier, L.; Lenoir, J.; Damgaard, C.F.; Dormann, C.F.; Forchhammer, M.C.; Grytnes, J.A.;

Guisan, A.; et al. The role of biotic interactions in shaping distributions and realised assemblages of species: Implications for
species distribution modelling. Biol. Rev. 2013, 88, 15–30. [CrossRef] [PubMed]

52. Zhang, K.; Yao, L.; Meng, J.; Tao, J. Maxent modeling for predicting the potential geographical distribution of two peony species
under climate change. Sci. Total Environ. 2018, 634, 1326–1334. [CrossRef]

53. LY/T 1721-2008; Specifications for Assessment of Forest Ecosystem Services in China. Ecology and Nature Conservation Institute:
Beijing, China, 2008.

54. Zhou, Z.-J.; Zhao, Q.-J. Research on Natural Capital Accounting Method—-Based on the Perspective of National Park. China For.
Econ. 2020, 2, 6–10. [CrossRef]

55. Cao, J. Research on Pricing the Value of Ecosystem Products and Services. Ecol. Econ. 2016, 32, 24–28. [CrossRef]
56. Huang, M.; Shao, M.; Zhang, L.; Li, Y. Water use efficiency and sustainability of different long-term crop rotation systems in the

Loess Plateau of China. Soil. Tillage Res. 2003, 72, 95–104. [CrossRef]
57. Rabotyagov, S.S.; Tóth, S.F.; Ettl, G.J. Testing the Design Variables of ECOSEL: A Market Mechanism for Forest Ecosystem Services.

For. Sci. 2013, 59, 303–321. [CrossRef]
58. Wang, S.-m.; Tan, R.; Wu, L.-m. Assessing The Amenity Value of Agricultural Land: A Case Study in Jiangsu Province. Resour.

Environ. Yangtze Basin 2005, 14, 720–724. [CrossRef]
59. Hua, Y.-J.; Zhang, Z.-H.; Yong, S.-H. The Economic Analysis of Ecological Resource in Project Appraisal. Commer. Res. 2006, 10,

27–29+38. [CrossRef]
60. Cong, M.; Li, Y.; Yang, W. Potential Distribution of Bryophyte, Entodon challengeri (Entodontaceae), under Climate Warming in

China. Diversity 2023, 15, 871. [CrossRef]
61. Zhou, X.; Lin, J.; Chen, T.; Yang, Y.; Zhang, M.; Li, X. Ecological suitability analysis of Tinospora sagittata. West. China J. Pharm. Sci.

2021, 36, 709–713. [CrossRef]
62. Harrison, S.; Damschen, E.I.; Grace, J.B. Ecological contingency in the effects of climatic warming on forest herb communities.

Proc. Natl. Acad. Sci. USA 2010, 107, 19362–19367. [CrossRef]
63. Zhang, H.; Wang, X.-P.; Zhang, Y.-F.; Hu, R.; Pan, Y.-X.; Chen, N. Responses of plant growth of different life forms to rainfall

amount changes in an arid desert area. Chin. J. Ecol. 2015, 34, 1847–1853. [CrossRef]
64. Ma, B.; Sun, J. Predicting the distribution of Stipa purpurea across the Tibetan Plateau via the MaxEnt model. BMC Ecol. 2018, 18,

10. [CrossRef] [PubMed]
65. Diamond, S.E.; Frame, A.M.; Martin, R.A.; Buckley, L.B. Species’ traits predict phenological responses to climate change in

butterflies. Ecology 2011, 92, 1005–1012. [CrossRef]
66. Thuiller, W.; Lavorel, S.; Araújo, M.B. Niche properties and geographical extent as predictors of species sensitivity to climate

change. Glob. Ecol. Biogeogr. 2005, 14, 347–357. [CrossRef]
67. Wu, Z.; Zhang, H.; Krause, C.M.; Cobb, N.S. Climate change and human activities: A case study in Xinjiang, China. Clim. Chang.

2010, 99, 457–472. [CrossRef]
68. Xu, C.; Chen, Y.; Yang, Y.; Hao, X.; Shen, Y. Hydrology and water resources variation and its response to regional climate change

in Xinjiang. J. Geogr. Sci. 2010, 20, 599–612. [CrossRef]
69. Guoyan, W.; Baskin, C.C.; Baskin, J.M.; Xuejun, Y.; Guofang, L.; Xuehua, Y.; Xinshi, Z.; Zhenying, H. Effects of climate warming

and prolonged snow cover on phenology of the early life history stages of four alpine herbs on the southeastern Tibetan Plateau.
Am. J. Bot. 2018, 105, 967–976. [CrossRef]

70. Li, Y.C.; Li, M.Y.; Li, C.; Liu, Z.Z. Optimized Maxent Model Predictions of Climate Change Impacts on the Suitable Distribution of
Cunninghamia lanceolata in China. Forests 2020, 11, 302. [CrossRef]

71. Fang, J.; Zhu, J.; Yue, S. The responses of ecosystems to global warming. Chin. Sci. Bull. 2017, 63, 136–140. [CrossRef]
72. Sekercioglu, C.H.; Schneider, S.H.; Fay, J.P.; Loarie, S.R. Climate change, elevational range shifts, and bird extinctions. Conserv.

Biol. 2008, 22, 140–150. [CrossRef]
73. Wang, J.R.; Hawkins, C.D.B.; Letchford, T. Photosynthesis, water and nitrogen use efficiencies of four paper birch (Betula papyrifera)

populations grown under different soil moisture and nutrient regimes. For. Ecol. Manag. 1998, 112, 233–244. [CrossRef]
74. Wu, Z.; Raven, P. Flora of China; Flora of China: Beijing, China, 1994.
75. Dongliang, L.; Xiaolu, C.; Xuan, C.; Jun, Y.; Daojun, Z.; Yong, Y.; Ruikan, F. The survey and application research on lianas in

Hainan Island, China. In Proceedings of the 2016 International Conference on Smart Grid and Electrical Automation (ICSGEA),
Zhangjiajie, China, 11–12 August 2016; pp. 347–350.

https://doi.org/10.3390/plants12233999
https://doi.org/10.3390/f10010062
https://doi.org/10.11829/j.issn.1001-0629.2013-0686
https://doi.org/10.13287/j.1001-9332.201902.040
https://doi.org/10.1111/j.1469-185X.2012.00235.x
https://www.ncbi.nlm.nih.gov/pubmed/22686347
https://doi.org/10.1016/j.scitotenv.2018.04.112
https://doi.org/10.13691/j.cnki.cn23-1539/f.2020.02.002
https://doi.org/10.3969/j.issn.1671-4407.2016.07.006
https://doi.org/10.1016/S0167-1987(03)00065-5
https://doi.org/10.5849/forsci.11-110
https://doi.org/10.1007/s11769-005-0033-7
https://doi.org/10.13902/j.cnki.syyj.2006.10.009
https://doi.org/10.3390/d15070871
https://doi.org/10.13375/j.cnki.wcjps.2021.06.025
https://doi.org/10.1073/pnas.1006823107
https://doi.org/10.5846/stxb201801300253
https://doi.org/10.1186/s12898-018-0165-0
https://www.ncbi.nlm.nih.gov/pubmed/29466976
https://doi.org/10.1890/10-1594.1
https://doi.org/10.1111/j.1466-822X.2005.00162.x
https://doi.org/10.1007/s10584-009-9760-6
https://doi.org/10.1007/s11442-010-0599-6
https://doi.org/10.1002/ajb2.1104
https://doi.org/10.3390/f11030302
https://doi.org/10.1360/N972017-00916
https://doi.org/10.1111/j.1523-1739.2007.00852.x
https://doi.org/10.1016/S0378-1127(98)00407-1


Diversity 2024, 16, 181 18 of 18

76. Liu, S.L.; Dong, Y.H.; Liu, H.; Wang, F.F.; Yu, L. Review of Valuation of Forest Ecosystem Services and Realization Approaches in
China. Land. 2023, 12, 1102. [CrossRef]

77. Xu, K.; Yang, Z.S. Research on the Value of Land Ecological Service in Yunnan Province Based on the Perspective of Spatial
Pattern. Sustainability 2022, 14, 805. [CrossRef]

78. Venegas-González, A.; Brancalion, P.H.S.; Albiero, A.; Chagas, M.P.; Anholetto, C.R.; Chaix, G.; Tomazello, M. What tree rings can
tell us about the competition between trees and lianas? A case study based on growth, anatomy, density, and carbon accumulation.
Dendrochronologia 2017, 42, 1–11. [CrossRef]

79. Pei, S.; Xie, G.; Liu, C.; Zhang, C.; Li, S.; Chen, L. Dynamic Changes of Water Conservation Service of Typical Ecosystems in China
within a Year Based on Data from CERN. Sustainability 2015, 7, 16513–16531. [CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

https://doi.org/10.3390/land12051102
https://doi.org/10.3390/su141710805
https://doi.org/10.1016/j.dendro.2016.11.001
https://doi.org/10.3390/su71215827

	Introduction 
	Materials and Methods 
	Data Collection and Processing 
	Suitable Habitat Prediction and Migration Analysis 
	Ecological Service Value Assessment 

	Results 
	Contemporary Suitable Habitats 
	Dynamics of Suitable Habitats under Global Climate Change 
	Ecological Service Value Assessments 

	Discussion 
	Conclusions 
	References

