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Abstract: After stroke, many people substantially reduce use of their impaired hand in daily life, even
if they retain even a moderate level of functional hand ability. Here, we tested whether providing
real-time, wearable feedback on the number of achieved hand movements, along with a daily goal,
can help people increase hand use intensity. Twenty participants with chronic stroke wore the
Manumeter, a novel magnetic wristwatch/ring system that counts finger and wrist movements. We
randomized them to wear the device for three weeks with (feedback group) or without (control
group) real-time hand count feedback and a daily goal. Participants in the control group used
the device as a wristwatch, but it still counted hand movements. We found that the feedback
group wore the Manumeter significantly longer (11.2 = 1.3 h/day) compared to the control group
(10.1 £ 1.1 h/day). The feedback group also significantly increased their hand counts over time
(p = 0.012, slope = 9.0 hand counts/hour per day, which amounted to ~2000 additional counts per
day by study end), while the control group did not (p-value = 0.059; slope = 4.87 hand counts/hour
per day). There were no significant differences between groups in any clinical measures of hand
movement ability that we measured before and after the feedback period, although several of
these measures improved over time. Finally, we confirmed that the previously reported threshold
relationship between hand functional capacity and daily use was stable over three weeks, even in the
presence of feedback, and established the minimal detectable change for hand count intensity, which
is about 30% of average daily intensity. These results suggest that disuse of the hand after stroke is
temporarily modifiable with wearable feedback, but do not support that a 3-week intervention of
wearable hand count feedback provides enduring therapeutic gains.

Keywords: wearable sensing; IMU; hand movement; dexterity; rehabilitation; stroke; feedback

1. Introduction

More than seven million stroke survivors currently live in the United States [1]. Ap-
proximately 50% have long term upper extremity (UE) motor deficits [2,3]. Their movement
impairment is typically more severe for one hand (which we will refer to as the “impaired”
hand), causing them to favor the use of their other hand (the “unimpaired hand”, although
it should be acknowledged that this hand is typically not without some motor deficits [4]).
Disuse of the impaired hand further reduces its movement ability in a “vicious cycle” [5,6].

Wearable technologies have proven useful for increasing walking activity, and thereby,
promoting health of people without disabilities [7,8]. Daily step count feedback, accompa-
nied by goal setting, is an effective way to increase walking activity and thereby improve
difficult to change health outcomes, such as body mass index and blood pressure [9]. Here,
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inspired by the success of pedometers, we sought to determine if daily “hand count” (in-
stead of “step count”) feedback, accompanied by goal setting, could increase the hand
activity of people in the chronic phase following a stroke.

Such a wearable feedback approach for the UE after stroke is not yet well studied (for
review see [10]). Perhaps the most relevant study is a pilot study in chronic stroke that
focused on testing the effect on chronic stroke participants (N = 8) of providing regular and
detailed therapist coaching sessions based on measurements of UE movement quantity
provided by a wrist accelerometer [11]. This strategy significantly increased participants’
perception of paretic UE activity, yet no improvements of actual activity as measured using
the accelerometers was found. Another relevant study [12] designed a wristband that
adjusted the frequency of delivery of a vibration prompt based on the activity level of
the wearer. This study showed the feasibility of this “remind-to-move” approach: the
wristbands were worn for 79% of the recommended time (between 8 a.m. and 8 p.m.).
The participants (N = 33, 0 to 3 months after stroke) also showed a preference for hourly
prompts and not more frequent prompts. However, while clinical outcome measures
were acquired, no statistical comparisons were made with a control group in this pilot
feasibility study.

Our desire to study real-time feedback of hand counts motivated us to develop a novel
sensing approach. Currently, the most common way to measure UE activity outside the
clinic is wrist accelerometry. Two potential limitations of this method are: (1) it may count
non-functional arm movements; and (2) accelerometry “counts” are typically calculated in
a way that summarizes activity over periods, which differs from how pedometers present
discrete “step counts”. To address these issues, we developed the Manumeter [13-16],
which is based on the principle of using changes in the magnetic field caused by movement
of a magnetic ring to identify hand and wrist activity (Figure 1). We also developed and val-
idated an algorithm (Hand Activity based on Nonlinear Detection (HAND)) that accurately
counts discrete hand and wrist movements in a way that is analogous to step counts [16].

Magnetometers Magnetometers
I—. I“ \ .:-i -
Cortex M4
0.01m microprocessor

Figure 1. The Manumeter. The Manumeter with the companion magnetic ring (A), and the Manu-
meter board (B), with four magnetometers positioned at the corners of the board, an IMU with
6 degrees of freedom, and a non-ferromagnetic battery. All components are controlled by a Cortex
M4 microcontroller and the display showing the number 458 is an OLED display.

The primary goal of this study was to investigate the effect of providing real-time
feedback on hand counts using the Manumeter and the HAND algorithm. We hypothesized
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that participants who received hand count feedback would increase their hand counts, and,
consequently, increase the motor ability of their UE through a “virtuous cycle” [6].

2. Materials & Methods
2.1. The Manumeter

The Manumeter (Figure 1) is a jewelry-like device for monitoring wrist and finger
movement. Four magnetometers mounted at the corners of a wristwatch-like device mea-
sure changes in the magnetic field produced by the movements of the magnetic ring worn
on the ipsilateral index finger. Wrist accelerometry, which we used here to determine the
orientation of the forearm with respect to gravity, can also be obtained using the included
6 DOF IMU. The Manumeter also has an OLED display that we used to provide real-time,
visual feedback on amount of hand use. For more details on the design, construction, and
initial testing of the Manumeter, see [13-16].

In this study, we measured “hand counts” using the previously validated HAND
algorithm, where a single hand count could arise from a finger flexion/extension, wrist
flexion/extension, or wrist radial /ulnar deviation movement. The HAND algorithm uses a
thresholding approach based on magnetic field changes to identify discrete movements [16].
In the previous validation study, we evaluated the effects of hand size, movement types,
and movement speed on hand counts. We found that the hand counts assigned using the
HAND algorithm were strongly correlated with, but overestimated by ~20%, the actual
number of hand movements. Overcounting is due, in part, to spontaneous, false positive
counts, due to encountering stray magnetic fields in the environment. These false positive
counts typically happen at a rate of about 100-200 counts/hour. The algorithm also tends
to undercount smaller and slower movements [16].

2.2. Clinical Assessments

Several clinical assessments were performed by a blinded evaluator to evaluate inclu-
sion/exclusion criteria, baseline function and impairment, and improvement over time.
They include:

e  Boxand Blocks test (BBT): participants move 1-inch blocks from one side of the box to
the other over a divider. The score is the number of blocks moved within the 1 min
allotted for the test. For some of our analysis, we use the BBT ratio, which is the ratio
between the participant’s BBT score using their impaired arm and the score using their
unimpaired arm.

e  Fugl-Meyer (Upper Extremity) scale (FMUE): consists of 33 tasks each scored from
0 to 2 points, with 2 corresponding to the successful execution of the task, 1 to partial
execution, and 0 to minimal or no execution. A total of 66 points can be achieved.

e  Action Research Arm Test (ARAT): participants attempt to perform 19 tasks from
four groups, namely grasping, gripping, pinching, and gross arm movement. Each
task requires transport of an object from starting to ending point, receiving a score of
0 to 3 points based on predefined performance criteria, for a total of 57 points.

e  Motor Activity Log (MAL): asks participants to self-assess their performance in
28 daily activity tasks compared to before their stroke. They score, from 0 to 5 points,
each task for two scales on amount of use (MAL-A) and how well (MAL-HW) for a
total of 140 points in each of the scales.

e  NIH Stroke Scale (NIH SS): a 15-item test assessing the severity of symptoms associated
with a stroke for different skills, and not limited to motor impairment. Each item
is scored on a 4-point scale for a total of 42 points, with higher scores meaning
more impairment.

e  Grasp and grip strength: a quantitative assessment of isometric grip strength using a
standard hand dynamometer. The test is repeated three times for each hand.

e  Mini-Mental State Exam (MMSE): a quantitative assessment of cognitive impairment
composed of 11 questions with a maximum possible score of 30 points.
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e  Modified Ashworth Scale (MAS): measures resistance (tone) to passive movements
for different muscles. The final score is an average across the assessed muscles with
values spanning from 0 to 4, with 4 meaning the highest resistance.

2.3. Participants

We recruited 22 chronic stroke survivors for this parallel-group, assessor-blinded, ran-
domized control trial. Participants in the study met the following criteria: (1) 18 to 80 years
of age, (2) experienced one or more strokes at least six months previous, (3) Fugl-Meyer
Upper Extremity Score < 60 (out of 66), (4) absence of substantial upper limb pain (<3 on
the 10-point visual-analog pain scale), and (5) ability to understand the instructions to
operate the device. Participants with implanted pacemakers were not allowed in the study
for safety reasons concerning potential interactions with the magnetic ring. We limited the
number of participants who scored zero on the Box and Blocks Test (BBT) to six at baseline.

Participants were recruited through our stroke survivor database, the outpatient
clinics at U.C. Irvine, and regional hospitals and stroke support groups. All trials were
performed at U.C. Irvine, and all participants provided informed consent according to a
protocol approved by the local Institutional Review Board. The study was pre-registered
on ClinicalTrials.gov (NCT03084705).

2.4. Sample Size

We based the power analysis on data from another study on a wearable hand training
device, the MusicGlove [17], which was used at home by people with chronic stroke to
increase their finger movement activity using a musical computer game. We found an effect
size of 1.2 for within-subject improvement after three weeks. We expected the increase
in activity due to feedback from the Manumeter to at least match the increased activity
from MusicGlove training. Thus, 11 participants in each group gave us an 80% chance
to demonstrate a difference between the feedback and control group with alpha = 0.05
(one-tailed), assuming a <10% dropout rate. Based on our previous work, we expected a
low dropout rate.

2.5. Hand Count Goal Setting

For each participant, we defined a personalized daily goal for hand counts, based on
their BBT score as measured at the beginning of the study, using a new equation proposed
in this study (Equation (1), Figure 2). We did not change the goal across the three-week
intervention. Participants who exhibited at least 50% of the BBT score in their non-paretic
hand were given a goal of achieving 1200 counts/hour for 10 h of Manumeter use per
day (i.e., 12,000 counts). This number was comparable to the hand counts of young,
unimpaired office workers, which we had measured in pilot testing using the Manumeter.
For participants with a BBT score below 50% in the non-paretic hand, we defined a novel
goal function that increased linearly from 540 to 1200 counts/hour.

. . 1320 * BBT ratio + 540, BBT ratio < 0.5
Intensity goal (BBT ratio) = 1900. BET ratio > 0.5 1)
3 ratio > 0.

Here, BBT ratio is the ratio of BBT score in the impaired to the unimpaired hand and
the intensity goal is given in hand counts/hour.

We designed this novel goal function based on a pilot study with 9 chronic stroke
survivors (6 males and 3 females) with an average (£SD) age of 67.9 &+ 8.8 years and BBT
score of 24.7 & 20.3 blocks; five had a stroke affecting their dominant side. Participants
wore the Manumeter for one day during daily activities for an average of 9.21 = 1.75 h
without receiving count feedback. Figure 2 shows their hand use intensity as a function of
their BBT ratio (impaired /unimpaired hand). Note the apparently nonlinear relationship
between their normal hand counts sampled for one day and their hand BBT ratio. Hand
counts did not increase until the BBT ratio reached ~0.4. This relationship is consistent with
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the so-called “Threshold Hypothesis of Hand Use” [18], which we verified recently in a
pilot study with the Manumeter [16]. This Threshold Hypothesis posits that persons with
hemiparesis after stroke use their impaired hand rarely unless the functional capability
of their impaired hand (as we measured in the clinic) exceeds a threshold. Overlaid on
Figure 2 is the daily goal that the algorithm of Equation (1) would have generated for these
participants. One can see that the assigned goal is particularly challenging for individuals
who have moderate functional motor capacity (i.e., BBT ratio between 0.2 and 0.5), but are
not using their hand for daily activities.

14001 —— Goal function
+  Pilot participants

Hand use intensity
[hand counts/hour]
(@)}
o
e

400

2004 ° ot

0.0 0.2 0.4 0.6 0.8 1.0
BBT ratio
[BBT impaired/BBT unimpaired]

Figure 2. Hand count intensity goal function (red line) based on the BBT ratio between the impaired
and unimpaired hands. The function was based on data acquired from pilot participants who wore
the Manumeter during one day (diamonds). After the hand count intensity goal was defined, the
daily goal was obtained by multiplying the intensity goal by the 10 h of expected daily wear time.

2.6. Study Design and Clinical Outcome Measures

The trial was composed of two baseline assessments (three to 10 days apart), a post-
therapy examination after the three weeks of the hand training interventions, and a follow-
up assessment three months after the end of the hand training interventions.

The primary clinical outcome was the BBT score measured three months after comple-
tion of the hand training period of the study. Secondary outcomes were the Fugl-Meyer
(Upper Extremity) Scale (FMUE), Action Research Arm Test (ARAT), Motor Activity Log
(MAL, including the How Well (MAL-HW) and Amount (MAL-A) subscores), and amount
of upper extremity activity measured using the Manumeter. The BBT and FMUE were
performed at the two baselines, post-therapy, and follow up. The remaining secondary
outcomes and other relevant clinical tests were performed at the first baseline, post-training,
and at the three-month follow-up.

The first baseline consisted of acquiring demographic information, stroke details, hand
dominance, and clinical testing: BBT, FMUE, ARAT, MAL, NIH Stroke Scale (NIH SS), grasp
and grip strength, Mini-Mental State Exam (MMSE), Modified Ashworth Scale, and Visual
Analog of Pain scale. All the clinical data were collected by an experienced and blinded
physical therapist. During clinical testing, participants wore Manumeters (with the screens
turned off) on both wrists, and the magnetic ring on the index finger of the impaired hand
(only during BBT scoring of the unimpaired hand was the magnetic ring switched to the
index finger of the unimpaired hand). Before leaving the lab, participants were fitted with
another Manumeter on their unimpaired ankle and asked to keep the Manumeter and ring
on for the remainder of the day during their normal daily activities (other than showering,
bathing, or swimming). Here, we use the data from the impaired hand Manumeter as
the baseline to analyze the increase in the amount of hand use for each participant once
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they started the hand training intervention; we do not, in this paper, analyze the data from
the other sensors they wore at baseline. The first baseline was performed primarily in
the morning to allow more hours of baseline activity. Participants were asked to ship the
Manumeters and the ring back using a prepaid shipping box.

At the second baseline assessment, performed three to 10 days after the first baseline,
participants played a grip strength tracking game [19] and used the FINGER robot to
measure finger proprioception [20]. The results of these two assessments will be presented
in another paper. The BBT and FMUE were performed again. Participants then received a
booklet of tabletop exercises tailored to them by a physical therapist and were instructed to
practice the exercises for a total of three hours per week.

At the end of the second baseline, participants were randomized into feedback and
control (i.e., no feedback) groups with a 1:1 ratio and balanced for BBT with separated
randomizations for participants with impaired hand BBT > 0 and those with BBT = 0.
At this stage, all participants were asked to wear a single Manumeter for the next three
weeks on their paretic arm and the magnetic ring on the index finger of that hand, keeping
the magnet facing upwards. They were also instructed to orient the screen such that
the text was readable from their perspective. The Manumeter is water-resistant, but not
waterproof, so participants were instructed to take the device off when showering, bathing,
or swimming. Even though the Manumeter’s battery lasted for more than two full days
of use, participants were asked to charge the device every night while sleeping. A binder
with this information and instructions on how to charge the device was provided to each
participant. Participants were instructed to remove the magnetic ring when cooking or
when in proximity to sharp ferrous objects or MRI machines.

Participants randomized to the no-feedback group wore Manumeters that still recorded
activity but showed only the time of day on the screen. Participants randomized to the
feedback group were taught to read each of three available screens for the Manumeter: the
counts screen, the goal screen, and the time screen (Figure 3). The counts screen showed
their current number of hand movements (i.e., hand counts) performed during the day,
battery indicator, and an emoji that gave feedback on their progress. The goal screen
showed their daily goal of hand counts, number of “sprints” performed that day, and daily
goal of sprints (for the definition of “sprints”, see the next section). The time screen showed
the current time as well as the emoji feedback. To change screens, participants pushed
the button on the side of the device. We instructed participants with BBT scores of 0 in
the feedback group to increase hand activity by helping move the impaired hand with the
unimpaired hand.

Battery level
indicator

Figure 3. Manumeter screens shown to the participants in the feedback group. The counts screen
(A) showed their current number of hand movement performed during the day, battery indicator, and the
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feedback emoji. The time screen (B) showed the current time as well as the emoji feedback. Partici-
pants in the control (i.e., no feedback) group were shown screen B without the emoji feedback. The
goal screen (C) showed their daily goal of hand counts, number of sprints performed that day, and
daily goal of sprints.

2.7. The Emoji Feedback and “Hand Sprints”

An emoji displayed on the watch screen was used in two different ways during the
study. For the first three participants in the feedback group, the emoji represented their
performance in the last 10 min towards the daily goal. We calculated their current hand
count rate (counts/hour for the last 10 min) and compared it to the goal count rate—the
count rate needed to get to their goal at 8 pm. The goal count rate was limited to two
times their hourly goal. The emoji’s “happiness level” and left-right position on the screen
depended on the goal ratio (ratio between the current count rate to the goal count rate).
Goal ratios between 0 and 1 showed a frowning emoji to the left of the screen (with 0 being
all the way to the left) and goal ratios greater than 1 displayed a smiley emoji to the right
of the screen (with 2 being all the way to the right). We also programmed the LED on the
Manumeter to blink at a rate inversely proportional to the goal ratio if the goal ratio was
below 1; it did not blink when goal ratio was above 1. The LED only blinked if the user
rotated their forearm to view the Manumeter screen, as gauged by the accelerometer. After
the daily goal was achieved, the emoji and LED feedback were turned off.

We altered the nature of the emoji feedback after the first three participants experienced
the initial emoji feedback scheme and provided feedback to us. The initial feedback scheme
required us to estimate a time for the end of the day (we estimated 8 p.m.), but the actual
time that participants stopped wearing the Manumeter varied substantially from day to
day. Thus, the real-time goal count rate was often inaccurate. Second, participants did not
like the blinking light for social reasons. Third, users suggested that the feedback should be
more immediate and engaging. It was difficult for them to see an immediate cause—effect
relationship between increasing hand use intensity and the emoji feedback, as the initial
algorithm considered data over the last 10 min. Therefore, we removed the blinking LED
and changed the emoji component of feedback to a “game-on-the-wrist” concept to make
the Manumeter feedback more engaging.

Specifically, we implemented a “hand sprint” game for the remaining eight partici-
pants, which encouraged intense bursts of hand movement. In this game, participants had
to get 30 hand counts in 30 s while their forearm was oriented such that they were viewing
the Manumeter screen. We instructed them that they could achieve this by repeatedly
opening and closing their hand for 30 s. As they did this, the Manumeter automatically
that detected a “hand sprint” was in progress and moved the emoji in real-time from left
to right and from frowny to smiley. When they “drove” the emoji all the way to the right
(by achieving 30 hand counts in 30 s), a celebration was displayed with a motivating, fun
message. Other motivating messages were shown during the game as the user achieved
the 25%, 50%, and 75% milestones. The emoji was reset to the left of the screen and a frown
if participants substantially changed the orientation of their arm (i.e., which was consistent
with looking away from the screen). We asked them to perform 20 hand sprints per day.
Note that the goal feedback screen stayed the same through the study for all 11 participants
who received feedback; only the emoji feedback varied.

3. Data Analysis

We calculated change in hand use intensity using linear regression on average daily
hand use intensity plotted versus day of use during the intervention part of the study.
We also compared hand use intensity between groups during the baseline and follow-up
assessment periods, when feedback was turned off, using two sample t-tests.

For the BBT and FMUE scores, which were the two assessments we measured at
both baseline assessments, we averaged them to derive a baseline score. We used a linear
mixed-effect model to test significance of time, group (intervention vs. control), and time
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and group interaction on all clinical outcomes. The model allowed random intercept and
slope for each participant. All statistical analyses were performed in R, with the significance
level set to 0.05.

4. Results

A total of 25 stroke survivors were screened for this study; 22 participants met the
inclusion criteria and were successfully recruited. Half of them were randomized into the
control group (no-feedback) and the other half into the feedback group. Two participants
dropped out during the three weeks of intervention—one due to a family emergency and
another due to sickness (Figure 4). Table 1 shows the demographic data and baseline
clinical assessments. Some of the Manumeter data were lost during the intervention period:

e Total data loss (n = 2, feedback group): technical problems when downloading the
data from the device

e  Partial data loss (n = 2, one in each group): technical problems when downloading the
data from the device

e  Partial loss (n = 1, feedback group): device was stolen from car two weeks into the
intervention. Device was promptly replaced

e  Partial data removal (1 = 1, feedback group): lost the magnetic ring. Ring was replaced
after 6 days. Participant kept using the Manumeter without the ring during that period

o Total data removal (n = 1, control group): participant wore the Manumeter on the
unimpaired hand

[ Enroliment J Assessed for eligibility (n= 25)

Excluded (n=3)
+ Not meeting inclusion criteria (n=2)
+ Had a pacemaker (n=1)

Randomized (n=22)

l

& [ Allocation ] ad
Allocated to feedback (n=11) Allocated to control (n=11)
+ Received allocated intervention (n=10) + Received allocated intervention (n=10)
+ Did not receive allocated intervention (family + Did not receive allocated intervention
emergency) (n=1) (sickness) (n=1)
v [ Follow-Up 1
Lost to follow-up (n=0) Lost to follow-up (n=0)
v [ Analysis J v
Analysed (n=10) | ‘ Analysed (n=10)

Figure 4. CONSORT flow diagram.



Sensors 2022, 22, 6938

90f17

Table 1. Demographic data and key baseline clinical outcomes for RCT.

All (n =22) Control (n =11) Feedback (n =11)
Age 57 £ 14 58 £12 56 £ 17
Gender (Male [M]/Female [F]) 18 M/4 F 10M/1F 8M/3F
Time since stroke (months) 40 £ 33 48 £45 32+ 14
Side of hemiparesis (Right [R]/Left [L]) 12R/10L 8R/3L 9R/2L
Type of stroke (Ischemic [I]/Hemorrhagic [H]) 121/10H 61/5H 61/5H
BBT 20£17 18 +18 22 +£17
FMUE 40£13 41+t 16 40 £ 10
ARAT 34 £20 34£21 34 £18

+ standard deviation.

4.1. Wear Time and Effect of Feedback on Hand Activity

Participants in the feedback and control group wore the Manumeter for 17.2 & 4.4 and
16.1 £ 3.9 days, respectively—a nonsignificant difference (t-test, p = 0.66). However, the
feedback group wore the Manumeter significantly longer each day compared to the control
group, with averages of 11.2 &+ 1.3 and 10.1 £ 1.1 h/day (t-test, p = 0.005), respectively.
Comparing the wear time for the two halves of the therapy period (Figure 5), we found no
difference between groups for the first half (t-test, p = 0.238) but a significant difference for
the second half (t-test, p = 0.002).

13

=== Control
-4 Feedback I
I

*%k

=
N

=
=

=
o

Daily wear time
[hours/day]

9

Thera py Thefapy
1st half 2nd half

Figure 5. Average daily wear time of the Manumeter. There was a significant difference be-

tween groups (t-test, p = 0.002) during the second half of the three weeks of therapy. Error bars
show £1 standard deviation.

The feedback group significantly increased their hand count intensity over time during
the intervention period when they received feedback (Figure 6, p = 0.012). The control
group did not significantly increase hand count intensity over time, although they exhibited
an increase that neared significance (p = 0.059) (Figure 6). The slopes of the two regression
lines shown in Figure 6 were not significantly different (p = 0.31). Hand use intensity was
not significantly different between groups on the baseline (p = 0.22) or follow-up days
(p = 0.39), when feedback was removed for all participants. Participants achieved their
customized daily goal for hand counts on an average of 35% of the 21 days (i.e., on a mean
of 7.5 days +/— 7.5 days SD).
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1400 —— Control
—— Feedback

1200

=
o
o
o

800

600

Hand use intensity
[hand counts/hour]
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Time of therapy [days]
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Follow-up

Figure 6. Effect of feedback on hand use intensity. The light lines show data from individuals in order
to show variability within and across participants. The dark lines show the group averages. The feed-
back group significantly increased their hand count intensity over time (dashed line, linear regression,
p =0.012, slope = 9.0 hand counts/hour per day, which amounted to ~2000 additional counts per
day by study end), while the control group did not (p = 0.059; slope = 4.87 hand counts/hour per
day). The diamonds and squares show the hand use intensity measured at baseline and follow-up,
respectively, when the feedback screen was turned off for all participants. Hand use intensity was
not significantly different between groups on the baseline or follow-up days (t-test, p > 0.05).

4.2. Clinical Outcomes

There was no significant effect of group, and no significant groupXtime interac-
tion, for any of the clinical outcomes (Table 2, Figure 6). There was, however, a sig-
nificant effect of time on the FMUE, ARAT, and MAL HW, each of which improved over
time (Table 2, Figure 7).

Table 2. Changes in clinical score in the RCT. Delta PT = change from baseline to post-therapy
evaluation, Delta FU = change from baseline to follow-up evaluation.

Significance (p Value) Delta PT Delta FU

Outcome Group Time GroupXTime  Control Feedback Control Feedback

BBT 0.608 0.116 0.353 12427 2+41 044 +44 32+28

FMUE 0.94 <0.001 *** 0.454 3+£25 44423 37+35 51+32

ARAT 0.83 0.002 ** 0.416 21+34 27+33 1.8+15 38+38
NIHSS 0.259 0.555 0.564 —0.2£0.98 —0.1+£0.54 0+ 0.94 —0.33 +0.47
Gross grasp [kg] 0.717 0.654 0.629 -13+2 —0.4 +£0.92 -11+17 —-0.78 £ 1.5
Lateral pinch [kg] 0.275 0.616 0.334 -1.1+18 —0.35+1.8 —0.89+14 —0.61+24

MAL AS 0.969 0.065 0.917 0.62 £ 0.66 044 +1.4 0.69 +0.73 0.68 = 1.4

MAL HW 0.884 0.017 * 0.788 0.56 £ 0.75 0.35 £ 0.52 0.58 £0.8 044 +£0.7
MMSE 0.065 0.662 0.567 04+17 —-02+11 —0.11+0.74 —0.33+047

N = 10 for each group (note: missing 1 participant in each group for FU evaluation). Significance level: * p < 0.5;
**p <0.01; ** p < 0.001. £ indicates standard deviation.
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Figure 7. Change in clinical scores from baseline. For BBT and FMUE, Bl is the average for the
scores from the two baseline assessments. Bars represent 1 standard deviation. Time points are
BL = baseline, B1 = baseline 1, PT = post-therapy, FU = Follow-up. Clinical assessments are BBT = Box
and Blocks Test, FMUE = Fugl-Meyer Upper Extremity Scale, ARAT = Action Research Arm Test,
MAL-AS = Motor Activity Log—Amount Scale. GroupXtime interactions were not significant.

4.3. Relationship between Hand Performance and Use

Figure 8 uses box and whisker plots to summarize the distribution of daily hand use in-
tensity measurements for each participant, as a function of their BBT score. There was a non-
linear relationship between BBT score and hand use intensity, with hand use intensity rising
from around the nominal, false positive rate mentioned above (~100-200 counts/hour)
only after BBT score exceeded 28, with two exceptions: participants E1 and E3 had
low BBT scores but relatively high hand use. We note that participants E1 and E3 were
significantly younger (18 and 29 years old) than the remaining participants (averaging
60 & 10 years old). In addition, compared to all other people with low hand function
(BBT < 10, mean FMUE = 26.4 +/— 6.1 SD), these two participants had statistically greater
FMUE scores (FMUE = 38 and 31, p < 0.05). That is, they were not only younger, but
they also had more arm movement ability compared to the other individuals with low
hand function.
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Figure 8. Relationship between hand use intensity and Box and Block Test (BBT) score. Each circle
represents the average hourly count for one day. Participants are ordered by BBT. The box and whisker
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plots use bars to show the 25% and 75% percentiles of daily hand use intensity, and lines to show these
quartiles plus and minus the interquartile range. Thus, the plots indicate the individual distribution
of daily hand use intensity across the three weeks of therapy for participants in both groups (control
in gray, feedback in blue). Box and whisker plots do not include baseline and follow-up data, which
are indicated by red and green dots, respectively. Subject numbers are presented on the top, with
Es for participants in the feedback group and Cs for participants in the control group. Note that the
x-axis is equally spaced and not scaled to BBT score.

4.4. Possible Baseline Effect

The use of box and whisker plots in Figure 8 makes it clear that three participants
(E7, C9, and E8) had an unusually high level of hand use intensity during the baseline
monitoring period compared to their other monitoring days. This is because the red
dot indicating the baseline value was an outlier, outside of the Q3 + 1.5 *IQR interval
for the rest of the acquired data. This suggests that the experience of first wearing the
Manumeter produced temporarily greater hand use behavior for these participants. We
thus compared baseline hand use intensity with daily hand use intensity, averaged across
the three-week study using a one sample ¢-test for all participants. We observed a significant
difference for 6 out of 17 subjects (4 greater activity during baseline, 2 lower activity). If
this difference were simply random, the odds that it would occur for 6 out of 17 subjects
is at most ~1 x 1078 (0.05 to the 6th power). This suggests that the experience associated
with a baseline monitoring period changed hand use behavior for a substantial fraction of
participants, an observation we discuss further below.

4.5. Minimal Detectable Change

The data set we acquired allowed us to calculate the minimal detectable change (MDC)
in daily hand use intensity, i.e., how much would hand use intensity have to increase
on a given day, relative to its distribution across days of data acquired in the study, in
order to be statistically significant? To address this, we calculated the MDC using a one
sample t-test with a significance level set to 0.05 for each participant, finding the change in
magnitude that would be deemed statistically different from the daily hand use intensity
values acquired for each participant across the three weeks (Figure 9). A strong, significant
correlation (r = 0.73, p = 0.0015) was found between the MDC and the average of daily hand
use intensity. The slope of this line indicates that a 31% change from the average daily hand
use intensity is necessary to detect the change at the 0.05 significance level.
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Figure 9. Minimal detectable change in hand use intensity that can be detected with respect to average
daily intensity over three weeks of wearing, at a significance level of 0.05, plotted versus average use
intensity across the three weeks of wearing. The shaded area represents the 95% confidence interval
of the regression line.
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5. Discussion

The primary goal of this study was to quantify the effect of real-time wearable feed-
back of hand counts (accompanied by specification of an individualized daily goal and a
conventional home exercise program) on increasing hand activity in chronic stroke. We
found that feedback significantly increased hand use intensity over time while it was
provided, but did not result in a significant increase in hand use intensity, relative to the
control group, that persisted on the follow-up day when the feedback was removed. The
participants receiving feedback also wore the Manumeter significantly longer, by about an
hour, compared to the no-feedback group, suggesting they were interested in the feedback.
There were no significant differences between groups for any clinical measures of hand
movement ability that we measured before and after the feedback period, although several
of these measures (FMUE, ARAT, and MAL-HW) improved modestly over time. Finally,
we confirmed that the previously reported threshold relationship between hand functional
capacity and daily use was stable over three weeks, even in the presence of feedback, and
we established the MDC for hand count intensity. These results suggest that disuse of the
hand after stroke is temporarily modifiable with wearable feedback, but do not support a
therapeutic benefit of a brief period of wearable feedback. We first briefly discuss these
results, and then limitations and directions for future research.

5.1. Resistance to Wearable Feedback after Stroke

We measured a modest increase in hand count intensity of about 20% over time in the
feedback group, on average (based on the regression line in Figure 3); this increase occurred
gradually over the three weeks in the study. We note that the control group also increased
hand count intensity over time at a slower rate, and this change approached significance.
Perhaps their increase was attributable to the home exercise program they received; if so,
part of the increase in the feedback group may also have been due to engagement in the
home exercise program rather than the wearable feedback. The fact that the feedback group
wore the Manumeter significantly longer each day does, however, suggest an interest in,
and awareness of, the wearable feedback. Regardless of its source, the observed increase in
hand count intensity over the time interval examined was modest and did not result in a
significant benefit in clinically measured hand functional ability.

It is instructive to compare our results with results from applying wearable feedback to
walking activity after stroke. A 2018 Cochrane review examined the evidence regarding the
effectiveness of wearable sensors (such as pedometers and smartphone activity monitors)
for increasing physical activity levels for people with stroke, finding four studies that met
its criteria [21]. These studies compared use of a wearable sensor plus another rehabilitative
walking intervention versus the walking intervention alone. The review found no clear
effect of the use of wearable sensors on daily step count.

Subsequent studies published since this review have also shown mixed results. For
example, Mandigout et al. [22] randomly assigned 83 subacute stroke participants to
receive individualized coaching or standard care for six months. The coaches monitored
physical activity with an activity tracker, conducted home visits, and made a weekly
phone call to review activity. The difference between the two groups was again not
significant at any evaluation time point for the primary endpoint, the Six Minute Walk
Test. On the other hand, Grau-Pellicer et al. [23] randomized 41 chronic stroke survivors
to a conventional rehabilitation program or to a multimodal rehabilitation program that
monitored adherence to physical activity. The multimodal program combined an app with
GPS and accelerometer-based sensing to monitor walking distance and speed; a pedometer;
a WhatsApp group; an exercise program with aerobic, task-oriented, balance, and stretching
components; and a progressive daily ambulation program that was monitored by the app
and pedometer. At the end of the intervention, community ambulation increased more
in the intervention group (38.95 min vs. 9.47 min) and sitting time decreased more in the
intervention group (by 3 h/day vs. 0.5 h per day). Thus, in terms of the effectiveness of
wearable feedback for improving walking activity after stroke, the results continue to be
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mixed. However, the Grau-Pellicer et al. study suggests that programs that incorporate
wearable sensors into multimodal therapy programs may be more effective than programs
that focus solely on goal setting with wearable feedback alone after stroke.

If anything, one might expect even more resistance to increasing hand counts than
step counts after stroke. Consider a person who is averaging 400 hand counts per hour,
which corresponds roughly to a BBT score of 30. Based on our MDC calculation (Figure 9),
this person needs to achieve 120 more hand movements per hour to have a statistically
significant increase from baseline. In the context of step counts, taking 120 more steps
in a single bout is fairly easy to achieve for unimpaired and even moderately impaired
people—it requires 1-2 min of moderate intensity walking [24]. In contrast, in the context
of hand counts, it requires a bout of opening and closing the hand 120 times. If the reader
tries this, the sense of fatigue will become palpable midway through, even if the reader
has no hand impairment. This relative sense of fatigue for generating hand counts versus
step counts is attributable to the smaller, more fatigable nature of hand extensor muscles
compared to the major muscles of the legs. For people with stroke, this inherent extensor
muscle fatiguability compounds with extensor muscle paresis, which is one of the most
common consequences of stroke [25]. Perhaps it is then the resulting heightened sense of
effort of hand movement after stroke that contributes to hand disuse and makes it resistant
to feedback or persisting change. This is consistent with our finding that participants who
scored up to ~25 on the BBT rarely used their hand at home, even with feedback. That is,
even having a somewhat dexterous, functional hand is not enough to cause regular use of
that hand, and we hypothesize that this is because of the increased effort cost associated
with using that hand. A possible further confounding factor is the day to day noise in hand
counts, which is partly due to measurement noise and partly due to actual variability in
daily hand use. This noise caused the MDC to be 30% of the average daily hand counts,
which, again, is a difficult target to hit.

If so, expecting wearable feedback to change hand use and improve hand function
after stroke without providing intense coaching (or, perhaps, highly motivating gaming
environments [26,27]) may be unrealistic. That is, a feedback screen on a watch may
be insufficiently motivating in this context. Indeed, participants met daily goals only
on about 35% of the days they wore the device. Thus, the number of extra movements
achieved may have been too small and/or the types of movements practiced may not have
been sufficient to produce a strong therapeutic effect. In contrast, the canonical example
of an intense, coached, movement-diverse rehabilitation program is Constraint-Induced
Movement Therapy (CIMT), which is typically applied with therapist supervision over
several hours per day. The EXCITE trial of CIMT still stands as one of the few successful
large-scale trials of UE stroke rehabilitation [28].

5.2. Limitations and Future Directions

This study had several limitations. The sample size was small, and the participants
had a wide range of impairment levels. It may be that certain subgroups of participants
will respond better to wearable feedback, an important topic for future research. Relatedly,
we recruited two relatively younger participants. These two younger participants (both in
the feedback group and both enrolled in college) had unusually high hand use intensity
counts for their impairment level, and unusually low arm impairment for their level of
hand function. This suggests that age, occupation, or relative impairment of the proximal
versus distal upper extremity can affect hand counts and may need to be controlled for in
future studies of wearable feedback.

Another limitation was our use of a single baseline measurement of hand use intensity,
which resulted in baseline measurements that were inconsistent with what we observed
during the three weeks of intervention. Using as baseline the hours immediately after a
visit to our laboratory produced an unusual number of outlier measurements—6 out of
17 participants—in which 4 of them had unusually high hand activity levels, but 2 had
unusually low hand activity levels. We hypothesize that these anomalies can be attributed
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to the disruption of daily routine needed to enroll in the study, and/or motivational effects
from meeting with the study team or donning a sensor. For accelerometry, it has been
recommended to use at least 3 days of monitoring to estimate habitual physical activity [29].

The Manumeter is sensitive to moderate to large, dynamic changes in hand or wrist
position [16]. If the changes were small, or more static/postural rather than dynamic,
the Manumeter may not have counted these changes, underestimating increases in hand
use intensity.

Another potential limitation was the goal setting strategy. We chose a goal function
based on the idea of scaling the goal to BBT ratio, but the assigned goal may not have been
optimal for each participant. A possible solution is to use an adaptive goal that encourages
a user to move more than their baseline, updated based on average hand use measured
across several days.

Although we did not change the goal setting strategy during the study, we changed
one component of the feedback—the emoji feedback. This may have produced variability
in the results.

A final potential limitation is the form of feedback we used. We relied on participants
to visually check their Manumeter displays without providing reminders. There is some
indication that providing movement reminders through tactile (i.e., vibratory) inputs to the
wrist can increase the amount of UE activity, and that this increase may have at least a small
therapeutic benefit [12,30-32]. Adding voice capability to the watch could also potentially
improve the saliency of the feedback and could be especially valuable for persons with
visual impairments.

For future research, we suggest that optimizing the programmatic context in which
wearable feedback is delivered will be important for realizing the potential of this technol-
ogy. It may be necessary to provide wearable feedback over a longer time window, and/or
to customize the time window based on response. Other key factors to consider are the way
goals are set, the specific form of the performance feedback, the incorporation of reminders,
the availability and nature of therapist coaching, and the integration of diverse therapeutic
activities along with the wearable feedback.

Author Contributions: Author Contributions: Conceptualization, D.S.d.L., ].B.R., D.J.R. and S.C.C,;
methodology, D.S.d.L., D.J.R. and 5.C.C; software, D.S.d.L. and J.B.R,; validation, D.S.d.L., ].B.R,,
V.C. and D.J.R.; formal analysis, D.S.d.L. and 5.0.; investigation, D.S.d.L. and D.J.R.; resources, D.J.R.
and V.C.; data curation, D.S.d.L. and V.C.; writing—original draft preparation, D.S.d.L. and D.J.R.;
writing—review and editing, D.S.d.L., D.J.R,, ].B.R, S.0., S.C.C. and V.C; visualization, D.S.d.L.;
supervision, D.J.R. and S.C.C.; project administration, D.J.R. and S.C.C.; funding acquisition, D.J.R.,
S.C.C. and J.B.R. All authors have read and agreed to the published version of the manuscript.

Funding: This work was supported by National Institutes of Health grants R44HD086953 and
RO1HDO06274, and the National Institute of Disability and Rehabilitation Research Rehabilitation
Engineering Research Center on Rehabilitation Robotics, 9OREGE0005.

Institutional Review Board Statement: The study was conducted according to the guidelines
of the Declaration of Helsinki and approved by the Institutional Review Board of University of
California Irvine.

Informed Consent Statement: Informed consent was obtained from all subjects involved in the study.

Data Availability Statement: The data presented in this study are available on request from the
corresponding author. The data are not publicly available due to privacy.

Conflicts of Interest: David Reinkensmeyer is a co-founder of Flint Rehabilitation Devices, a company
that is commercializing rehabilitation technologies. He holds equity and has received payment for
consulting from Flint. He also has received payment for consulting and holds equity in Hocoma, a
manufacturer of rehabilitation technology. The terms of these arrangements have been reviewed and
approved by the University of California, Irvine in accordance with its conflict of interest policies.
Justin Rowe is an employee of Flint Rehabilitation Devices.



Sensors 2022, 22, 6938 16 of 17

References

1.

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

Benjamin, E.J.; Muntner, P; Alonso, A.; Bittencourt, M.S.; Callaway, C.W.; Carson, A.P.; Chamberlain, A.M.; Chang, A.R.;
Cheng, S.; Das, S.R.; et al. Heart disease and stroke statistics—2019 update: A report from the American heart association.
Circulation 2019, 139, e56—€528. [CrossRef] [PubMed]

Nichols-Larsen, D.S.; Clark, P.; Zeringue, A.; Greenspan, A.; Blanton, S. Factors Influencing Stroke Survivors” Quality of Life
During Subacute Recovery. Stroke 2005, 36, 1480-1484. [CrossRef] [PubMed]

Santisteban, L.; Térémetz, M.; Bleton, J.-P.; Baron, J.-C.; Maier, M.A.; Lindberg, P.G. Upper Limb Outcome Measures Used in
Stroke Rehabilitation Studies: A Systematic Literature Review. PLoS ONE 2016, 11, e0154792. [CrossRef]

Schaefer, S.Y.; Haaland, K.Y.; Sainburg, R.L. Ipsilesional motor deficits following stroke reflect hemispheric specializations for
movement control. Brain 2007, 130, 2146-2158. [CrossRef] [PubMed]

Han, C.E.; Arbib, M.A.; Schweighofer, N. Stroke Rehabilitation Reaches a Threshold. PLoS Comput. Biol. 2008, 4, e1000133.
[CrossRef]

Ballester, B.R.; Winstein, C.; Schweighofer, N. Virtuous and Vicious Cycles of Arm Use and Function Post-stroke. Front. Neurol.
2022, 13, 804211. [CrossRef]

Izmailova, E.S.; Wagner, J.A.; Perakslis, E.D. Wearable Devices in Clinical Trials: Hype and Hypothesis. Clin. Pharmacol. Ther.
2018, 104, 42-52. [CrossRef]

Sidman, C.L.; Corbin, C.B.; Le Masurier, G. Promoting Physical Activity among Sedentary Women Using Pedometers. Res. Q.
Exerc. Sport 2004, 75, 122-129. [CrossRef]

Bravata, D.M.; Smith-Spangler, C.; Sundaram, V.; Gienger, A.L.; Lin, N.; Lewis, R.; Stave, C.D.; Olkin, I.; Sirard, J.R. Using
Pedometers to Increase Physical Activity and Improve Health A Systematic Review. JAMA 2007, 298, 2296-2304. [CrossRef]
Adans-Dester, C.P; Lang, C.E.; Reinkensmeyer, D.].; Bonato, P. Wearable Sensors for Stroke Rehabilitation. In Neurorehabilitation
Technology, 3rd ed.; Springer: Berlin/Heidelberg, Germany, 2022.

Whitford, M.; Schearer, E.; Rowlett, M. Effects of in home high dose accelerometer-based feedback on perceived and actual use in
participants chronic post-stroke. Physiother. Theory Pr. 2018, 36, 799-809. [CrossRef]

Da-Silva, R.H.; A Moore, S.; Rodgers, H.; Shaw, L.; Sutcliffe, L.; Van Wijck, E; Price, C. Wristband Accelerometers to motiVate arm
Exercises after Stroke (WAVES): A pilot randomized controlled trial. Clin. Rehabil. 2019, 33, 1391-1403. [CrossRef] [PubMed]
Rowe, ].B.; Friedman, N.; Bachman, M.; Reinkensmeyer, D.J. The Manumeter: A non-obtrusive wearable device for monitoring
spontaneous use of the wrist and fingers. In Proceedings of the IEEE International Conference on Rehabilitation Robotics, Seattle,
WA, USA, 24-26 June 2013; pp. 1-6.

Friedman, N.; Rowe, ].B.; Reinkensmeyer, D.J.; Bachman, M. The Manumeter: A Wearable Device for Monitoring Daily Use of the
Wrist and Fingers. IEEE ]. Biomed. Health Inform. 2014, 18, 1804-1812. [CrossRef] [PubMed]

Rowe, ].B.; Friedman, N.; Chan, V.; Cramer, S.C.; Bachman, M.; Reinkensmeyer, D.J. The variable relationship between arm and
hand use: A rationale for using finger magnetometry to complement wrist accelerometry when measuring daily use of the upper
extremity. In Proceedings of the 36th Annual International Conference of the IEEE Engineering in Medicine and Biology Society,
Chicago, IL, USA, 26-30 August 2014.

Schwerz de Lucena, D.; Rowe, J.; Chan, V.; Reinkensmeyer, D.J. Magnetically Counting Hand Movements: Validation of a
Calibration-Free Algorithm and Application to Testing the Threshold Hypothesis of Real-World Hand Use after Stroke. Sensors
2021, 21, 1502. [CrossRef]

Friedman, N.; Chan, V.; Reinkensmeyer, A.N.; Beroukhim, A.; Zambrano, G.J.; Bachman, M.; Reinkensmeyer, D.J. Retraining and
assessing hand movement after stroke using the MusicGlove: Comparison with conventional hand therapy and isometric grip
training. |. Neuroeng. Rehabil. 2014, 11, 76. [CrossRef] [PubMed]

Schweighofer, N.; Han, C.E.; Wolf, S.L.; Arbib, M.A.; Winstein, C.J. A Functional Threshold for Long-Term Use of Hand
and Arm Function Can Be Determined: Predictions from a Computational Model and Supporting Data From the Extremity
Constraint-Induced Therapy Evaluation (EXCITE) Trial. Phys. Ther. 2009, 89, 1327-1336. [CrossRef] [PubMed]

Smith, B.W.; Rowe, ].B.; Reinkensmeyer, D.J. Real-time slacking as a default mode of grip force control: Implications for force
minimization and personal grip force variation. J. Neurophysiol. 2018, 120, 2107-2120. [CrossRef]

Taheri, H.; Rowe, ].B.; Gardner, D.; Chan, V.; Gray, K.; Bower, C.; Reinkensmeyer, D.J.; Wolbrecht, E.T. Design and preliminary
evaluation of the FINGER rehabilitation robot: Controlling challenge and quantifying finger individuation during musical
computer game play. J. Neuroeng. Rehabil. 2014, 11, 10. [CrossRef]

Lynch, E.A.; Jones, T.M.; Simpson, D.B.; Fini, N.A.; Kuys, S.S.; Borschmann, K.; Kramer, S.; Johnson, L.; Callisaya, M.L.;
Mahendran, N.; et al. Activity monitors for increasing physical activity in adult stroke survivors. Cochrane Database Syst. Rev.
2018, 7, CD012543. [CrossRef]

Mandigout, S.; Chaparro, D.; Borel, B.; Kammoun, B.; Salle, ].-Y.; Compagnat, M.; Daviet, ].-C. Effect of individualized coaching at
home on walking capacity in subacute stroke patients: A randomized controlled trial (Ticaa’dom). Ann. Phys. Rehabil. Med. 2020,
64,101453. [CrossRef]

Grau-Pellicer, M.; Lalanza, ].; Jovell-Fernandez, E.; Capdevila, L. Impact of mHealth technology on adherence to healthy PA after
stroke: A randomized study. Top. Stroke Rehabil. 2019, 27, 354-368. [CrossRef]


http://doi.org/10.1161/CIR.0000000000000659
http://www.ncbi.nlm.nih.gov/pubmed/30700139
http://doi.org/10.1161/01.STR.0000170706.13595.4f
http://www.ncbi.nlm.nih.gov/pubmed/15947263
http://doi.org/10.1371/journal.pone.0154792
http://doi.org/10.1093/brain/awm145
http://www.ncbi.nlm.nih.gov/pubmed/17626039
http://doi.org/10.1371/journal.pcbi.1000133
http://doi.org/10.3389/fneur.2022.804211
http://doi.org/10.1002/cpt.966
http://doi.org/10.1080/02701367.2004.10609143
http://doi.org/10.1001/jama.298.19.2296
http://doi.org/10.1080/09593985.2018.1493759
http://doi.org/10.1177/0269215519834720
http://www.ncbi.nlm.nih.gov/pubmed/30845829
http://doi.org/10.1109/JBHI.2014.2329841
http://www.ncbi.nlm.nih.gov/pubmed/25014974
http://doi.org/10.3390/s21041502
http://doi.org/10.1186/1743-0003-11-76
http://www.ncbi.nlm.nih.gov/pubmed/24885076
http://doi.org/10.2522/ptj.20080402
http://www.ncbi.nlm.nih.gov/pubmed/19797304
http://doi.org/10.1152/jn.00700.2017
http://doi.org/10.1186/1743-0003-11-10
http://doi.org/10.1002/14651858.CD012543.pub2
http://doi.org/10.1016/j.rehab.2020.11.001
http://doi.org/10.1080/10749357.2019.1691816

Sensors 2022, 22, 6938 17 of 17

24.

25.

26.

27.

28.

29.

30.

31.

32.

Tudor-Locke, C.; Han, H.; Aguiar, E.J.; Barreira, T.V.; Schuna, ] M., Jr.; Kang, M.; Rowe, D.A. How fast is fast enough? Walking
cadence (steps/min) as a practical estimate of intensity in adults: A narrative review. Br. J. Sports Med. 2018, 52, 776-788.
[CrossRef] [PubMed]

Hoffmann, G.; Conrad, M.O.; Qiu, D.; Kamper, D.G. Contributions of voluntary activation deficits to hand weakness after stroke.
Top. Stroke Rehabil. 2016, 23, 384-392. [CrossRef] [PubMed]

Zondervan, D.K,; Friedman, N.; Chang, E.; Zhao, X.; Augsburger, R.; Reinkensmeyer, D.]J.; Cramer, S.C. Home-based hand
rehabilitation after chronic stroke: Randomized, controlled single-blind trial comparing the MusicGlove with a conventional
exercise program. J. Rehabil. Res. Dev. 2016, 53, 457—-472. [CrossRef]

Rutkowski, S.; Kiper, P.; Cacciante, L.; Cieslik, B.; Mazurek, J.; Turolla, A.; Szczepaniska-Gieracha, J. Use of virtual reality-based
training in different fields of rehabilitation: A systematic review and meta-analysis. ]. Rehabil. Med. 2020, 52, jrm00121. [CrossRef]
Wolf, S.L.; Winstein, C.; Miller, ].P.; Taub, E.; Uswatte, G.; Morris, D.; Giuliani, C.; Light, K.E.; Nichols-Larsen, D. Effect of
constraint-induced movement therapy on upper extremity function 3 to 9 months after stroke: The EXCITE randomized clinical
trial. JAMA 2006, 296, 2095-2104. [CrossRef]

Ward, D.S.; Evenson, K.R.; Vaughn, A.; Rodgers, A.B.; Troiano, R.P. Accelerometer Use in Physical Activity: Best Practices and
Research Recommendations. Med. Sci. Sports Exerc. 2005, 37, S582-S588. [CrossRef] [PubMed]

Lee, S.I.; Adans-Dester, C.P,; Grimaldi, M.; Dowling, A.V,; Horak, P.C.; Black-Schaffer, R.M.; Bonato, P.; Gwin, ].T. Enabling Stroke
Rehabilitation in Home and Community Settings: A Wearable Sensor-Based Approach for Upper-Limb Motor Training. IEEE J.
Transl. Eng. Health Med. 2018, 6, 1-11. [CrossRef]

Signal, N.E.].; McLaren, R.; Rashid, U.; Vandal, A.; King, M.; Almesfer, F; Henderson, J.; Taylor, D. Haptic Nudges Increase
Affected Upper Limb Movement During Inpatient Stroke Rehabilitation: Multiple-Period Randomized Crossover Study. IEEE ].
Transl. Eng. Health Med. 2020, 8, e17036. [CrossRef]

Da-Silva, R.H.; van Wijck, F; Shaw, L.; Rodgers, H.; Balaam, M.; Brkic, L.; Ploetz, T.; Jackson, D.; Ladha, K.; I Price, C. Prompting
arm activity after stroke: A clinical proof of concept study of wrist-worn accelerometers with a vibrating alert function. J. Rehabil.
Assist. Technol. Eng. 2018, 5, 2055668318761524. [CrossRef]


http://doi.org/10.1136/bjsports-2017-097628
http://www.ncbi.nlm.nih.gov/pubmed/29858465
http://doi.org/10.1179/1945511915Y.0000000023
http://www.ncbi.nlm.nih.gov/pubmed/26427599
http://doi.org/10.1682/JRRD.2015.04.0057
http://doi.org/10.2340/16501977-2755
http://doi.org/10.1001/jama.296.17.2095
http://doi.org/10.1249/01.mss.0000185292.71933.91
http://www.ncbi.nlm.nih.gov/pubmed/16294121
http://doi.org/10.1109/JTEHM.2018.2829208
http://doi.org/10.2196/17036
http://doi.org/10.1177/2055668318761524

	Introduction 
	Materials & Methods 
	The Manumeter 
	Clinical Assessments 
	Participants 
	Sample Size 
	Hand Count Goal Setting 
	Study Design and Clinical Outcome Measures 
	The Emoji Feedback and “Hand Sprints” 

	Data Analysis 
	Results 
	Wear Time and Effect of Feedback on Hand Activity 
	Clinical Outcomes 
	Relationship between Hand Performance and Use 
	Possible Baseline Effect 
	Minimal Detectable Change 

	Discussion 
	Resistance to Wearable Feedback after Stroke 
	Limitations and Future Directions 

	References

