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Abstract: Albedo is one of the key parameters in the surface energy balance and it has been altered
due to urban expansion, which has significant impacts on local and regional climate. Many previous
studies have demonstrated that changes in the urban surface albedo are strongly related to the
city’s heterogeneity and have significant spatial-temporal characteristics but fail to address the
albedo of the urban surface as a unique variable in urban thermal environment research. This
study selects Beijing as the experimental area for exploring the spatial-temporal characteristics of the
urban surface albedo and the albedo’s uniqueness in environmental research on urban spaces. Our
results show that the urban surface albedo at high spatial resolution can better represent the urban
spatial heterogeneity, seasonal variation, building canyon, and pixel adjacency effects. Urban surface
albedo is associated with building density and height, land surface temperature (LST), and fractional
vegetation cover (FVC). Furthermore, albedo can reflect livability and environmental rating due to
the variances of building materials and architectural formats in the urban development. Hence, we
argue that the albedo of the urban surface can be considered as a unique variable for improving the
acknowledgment of the urban environment and human livability with wider application in urban
environmental research.

Keywords: urban surface albedo; spatial heterogeneity; seasonal variation; Sentinel-2

1. Introduction

Urban land cover has been expanding rapidly since the middle of the 20th century.
The urban land in Southeast Asia increased six times from 1992 to 2018 [1]. By 2030, the
urban land cover will expand to thrice that in 2010 [2]. Furthermore, another 2.5 billion
people are projected to inhabit urban areas worldwide by 2050 [3]. These changes will
place extreme pressure on the urban environment through various aspects including the
thermal environment and livability. Increasing impervious cover expansion has occurred
universally in cities [4]. The urban heat island (UHI) is one of the most remarkable effects of
urban expansion and has a wide-ranging association with local weather patterns and plant
phenology [5,6]. The amount of solar radiation reflected by the Earth’s surface increases
because of the light building materials introduced during urbanization and the decreased
vegetation coverage. There will be a series of effects, such as increased risks to human
health, reduced livability of the environment [7], unpredictable ecological effects, and
climate disasters [8]. The expansion of urban land and the continuing effects of global
climate change will further expand the UHI region, and the number of people affected by
extreme temperatures [9].

The effect of urbanization on global climate change has two parts: the intensity of
human activities and the modification of the geometry and composition of surface ele-
ments [10–12]. There is no clear separation between these two parts because both increased
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with urbanization. However, urban surface albedo variation (which is the ratio of short-
wave upward radiation from the ground surfaces to the downward radiation of sunshine) is
one of the major effects of urban geometry surface component variation [4,13–17]. The UHI
and other localized climate changes are the direct impacts of local albedo variation of the
urban surface.

Urban surface albedo contributes to the UHI, including the absorption of shortwave
radiation, longwave radiation reduction, and turbulent heat transportation losses [18].
Hence, albedo has been used as a dependent variable to contribute to UHIs and land
surface temperature (LST) in previous urban thermal studies [19–22]. Urban canyons can
absorb solar radiation [23], which is a typical indicator that contributes to UHIs [24]. In fact,
the factors affecting albedo are not the same as those affecting UHI and LST but are more
related to material and geometry. On the one hand, urbanization changes the geometric
composition of urban areas and street areas. Impervious surfaces alter the ground surface
in multiple ways affecting UHIs. The changes in topography associated with urbanization
contribute to changes in the albedo of the urban surface by replacing natural vegetation or
bare ground with man-made materials [10,25–27]. Various studies [19,21,28–32] have stated
that applying light building materials and changing the layout of urban areas increase
the surface albedo of urban areas and human settlements [2,33]. However, urbanization
may have contrasting effects on the albedo of the urban surface. The urban geometry will
influence the thermal environment of urban areas by blocking solar radiation, and the
blocked solar radiation will cross-reflect and be absorbed by the building surfaces [34].
The replacement of vegetation elements by streets, building facades, and roofs can reduce
the albedo of the urban surface [26,35,36]. In this regard, the greater the building density
is, the more radiation is trapped, reducing the overall albedo of the urban surface and the
magnitude of its reflectivity.

Recently, urban surface albedo has been assessed with satellite products [10,16,17,37–39].
Using remote sensing-based albedo to assess the urban energy budget and modifying the
albedo of building surfaces to mitigate near-surface temperatures has become a practical
option [26]. For example, satellite albedo products have been used to estimate the effects of
urban land changes on radiation [16,17,40–42]. Several studies have analyzed the relationship
between albedo and impervious expansion using 500 m resolution data [6,10,43,44]. Other
research applied 30 m resolution satellite data to investigate the albedo changes caused
by urbanization [26,40]. However, these studies did not analyze the albedo heterogeneity
among different urban regions. A deeper understanding of the urban surface albedo with
urban heterogeneity, such as topographic and material effects, requires high-resolution data.
Many other factors, such as latitude, zenith angle, building density and height, and seasonal
variation can affect the urban surface albedo. Previous researchers have focused on studying
the annual variation in albedo [2,17,26,39,40], but the seasonal variation associated with the
albedo of the urban surface has been less studied [26,27].

The urban surface albedo is heavily dependent on the building density and height,
which are related to the urban development process [40]. However, urbanization in China
has been rapid and continuous since the reform and opening-up of China. The synchronous
development of different cities may not be a good case for highlighting the influence of
different development stages on albedo variation because the buildings of cities applied
similar materials, landscapes, and urban layouts. Exploring the relationships between
albedo and urban development stages requires associating albedo in internal and external
urban areas with human livability and the urban environment, which are the central guiding
principles for decision-makers in urban development planning [45]. Livability is an all-
encompassing term that relates to sustainability, biodiversity, and ecosystems [46,47]. Urban
livability and environmental ratings emphasize that urban development should balance
impervious surfaces and green cover [48,49] as a proxy for development stages. Hence,
associating albedo with urban livability and environmental rating is a potential option for
improving the understanding of the relationship between albedo and urban development.
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This study seeks to explore the spatial-temporal characteristics of urban surface albedo,
and whether it can be a unique indicator in thermal environmental research on urban
spaces. The first goal is to detect urban heterogeneity with high-resolution albedo data.
The second goal is to understand the seasonal urban heterogeneity with albedo. The third
task is exploring the association between the albedo and indicators such as fractional
vegetation cover (FVC) and land surface temperature (LST). The last goal is to address the
relationship between albedo and urban development stages using proxies of livability and
environmental rating.

2. Materials and Methods
2.1. Study Area

According to the global livability ranking and environmental rating, Bangkok, Beijing,
Hong Kong, and Tokyo are selected as the study areas. An urban development stage is
usually characterized by pollution, development, and renovation, so the livability rank-
ing, and environmental rating are often highly correlated with the development stages.
The selection of cities with different levels of livability will enable us to study the impact of
different stages of development on albedo.

Bangkok (central coordinates: 13.7◦N, 100.5◦E) is the capital and the largest city
of Thailand. During the 1960s and the 1990s, Bangkok experienced rapid growth and
development. As a result of poor urban planning, the cityscape has become haphazard,
and the infrastructure is insufficient to handle the city’s growth.

Beijing (central coordinates: 39.9◦N, 116.4◦E) is the second largest city in China after
Shanghai and is the capital of the People’s Republic of China. It is one of the oldest cities in
the world, with a history of over three millennia. Over the past 50 years, it has experienced
several stages of development, resulting in a mixed cityscape that combines ancient and
modern elements. In recent decades, Beijing has undergone extensive renovations to
prepare for hosting the 2008 and 2022 Olympics, which have modernized this ancient city.

Hong Kong (central coordinates: 22.3◦N, 114.1◦E) is a city and a special administrative
region of China that lies on the eastern shore of the Pearl River Delta. Hong Kong’s urban
development can be divided into two periods: before and after the Second World War.
During the 1920s, when Hong Kong’s population was limited, its urban development was
concentrated in the nearby areas of Kowloon and Victoria Bay. Intensified immigration
after the Second World War necessitated the planning and development of satellite towns
in Hong Kong after the war. Since the 1950s, various satellite towns have been planned
and developed.

Tokyo (central coordinates: 35.6◦N, 139.6◦E) is Japan’s capital and largest city. The ur-
banization of modern Tokyo began in the 1950s and lasted until the end of Japan’s economic
bubble in the 1990s. Even though the expansion of Tokyo is almost over, its redevelopment
is continuing.

2.2. Data
2.2.1. Satellite Data

The Sentinel-2 mission consists of two identical satellites (Sentinel-2A and Sentinel-2B)
in the same sun-synchronous orbit at a mean altitude of 786 km, with high revisit times
of two to three days at mid-latitudes. Sentinel-2A was launched on 23 June 2015, and
Sentinel-2B was launched on 7 March 2017. The Sentinel-2 series satellites have 13 bands
with spatial resolutions between 10 m and 60 m. This research applied the Sentinel-2 MSI:
Level-2A Surface reflects data product which has atmospherically corrected.

Landsat series images have been widely used for analyzing albedo variations with
urban expansion due to their long-term data availability and similar spectral characteris-
tics [6,10,26,40,43]. Landsat 8 was launched on 11 February 2013. This satellite carries the
Operational Land Imager (OLI) and the thermal infrared sensor (TIRS) instruments collect-
ing multispectral images with a resolution of 30 m (panchromatic band 15 m) and thermal
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infrared images with a resolution of 100 m. This research selected the Landsat 8 OLI Level
2, Collection 2, Tier 1 SR Reflectance Composite, which has been atmospherically corrected.

All the satellite data (Table 1) have been processed for the cloud-removal task, which
cannot remove one hundred percent of all clouds and shadows. Therefore, the datasets
with minor cloud effects are selected.

Table 1. Dates of Sentinel-2 and Landsat-8 data.

Spring Summer Autumn Winter

Sentinel-2 3 March 2020 14 June 2019 19 September 2019 14 December 2018
Landsat-8 4 December 2018

2.2.2. Urban Block Data

The heterogeneity of albedo and canyon effects is related to the urban layout and the
height of buildings. The data contain 141,375 street blocks in 63 Chinese cities in 2017 in
the format of GIS Shapefiles based on the Open Street Map database.

In this research, the floor data are clustered into low, medium, and high floor classes
based on building volume. The People’s Republic of China’s urban and rural planning
laws in 2015 provided a general description of the building volume. However, there is no
specific guidance for further classification concerning the number of floors. We select the
customary description of floor area ratio (FAR), where a FAR smaller than 1 is the ground
floor area, a FAR in the range of 1 to 2 is a low floor of a building, a FAR in the range of 2 to
4 is a medium floor of a building. A FAR over 4 indicates a high floor of a building.

2.2.3. Sampling Data

Setting a linear sampling aims to demonstrate the variation in albedo across urban
areas to understand the heterogeneity of the albedo in the city. To characterize the spatial
heterogeneity of the albedo, the sampling grids are composed of hundreds of 10 m × 10
m rectangular cells over a 0.5 km × 50 km region in the Sentinel-2 Level 2A 10 m data
(Figure 1). The size of this grid is chosen to set a uniform sampling size. The expected output
of the sampling method is that each cell can contain albedo and location heterogeneity. In
addition, this research also applied 1000 points that are random samples throughout the
city for integration analysis with other data to be compatible with LST, FVC, and urban
block data.
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2.2.4. Livability and Environmental Rating

The Global Livability Index is compiled by the Economist Intelligence Unit (EIU) and
the research and analysis division of the Economist Group. More than 30 quantitative and
qualitative factors are considered in the index, covering 173 cities worldwide [50]. All
cities were rated based on livability scores across five broad categories: stability, healthcare,
culture and environment, education, and infrastructure. The livability and environmental
ratings of the Global Livability Index 2018 were used in this research [50].

2.3. Methods
2.3.1. Albedo Estimation and Spatial-Temporal Variation Analysis

Research on the land surface temperature environment requires broadband shortwave
albedo [51]. Both Sentinel-2 MSI and Landsat 8 OLI datasets are provided as multiple
bands with narrow spectral ranges. To calculate the shortwave broadband albedo from
Landsat data, narrow-to-broadband conversion coefficients were derived from laboratory
spectra [38]. Both Wang [52] and Bonafoni [41] followed the strategy of using the conversion
coefficients to derive the laboratory spectral to the broadband shortwave albedo and
developed narrow-to-broadband albedo conversion coefficients for Landsat-8 and Sentinel-
2 separately:

a =
N

∑
B=1

(pb × wb) + C (1)

where pb is the surface reflectance for a specific Sentinel-2 MSI and Landsat 8 OLI bands
b. wb is the conversion coefficient, and C is the constant provided by Bonafoni [41] and
Wang [53] in Table 2:

Table 2. Weighting coefficient (wb) for albedo.

w2 w3 w4 w5 w6 w7 w8 w11 w12 C

Sentinel-2 0.2266 0.1236 0.1573 0.3417 0.117 0.0338 0.0
Landsat-8 0.2453 0.0508 0.1804 0.3081 0.1332 0.0521 0.0011

2.3.2. Spatial Heterogeneity and Entropy, Temporal Variation

Albedo spatial pattern differences can be analyzed by comparing the albedo data
derived from Sentinel-2 and Landsat-8 at different resolutions. The analysis process of
spatial distribution characteristics and differences in albedo requires samples for three
typical urban landscapes of business, height-density, and urban–rural mixed areas, along
a sampling line. Further, the change in albedo with season will be analyzed based on the
comparison of albedo in four seasons along the sampling line and typical urban landscapes.

A rigorous method for measuring spatial heterogeneity in urban sprawl is entropy [54],
which is widely used to integrate remote sensing and GIS [55–57]. Entropy measures
can also be proposed and computed in situations such as remote sensing with limited
information but extensive availability. Shannon’s entropy formula [58]:

Entropy =
I

∑
i=1

p(xi)× log
(

1
p(xi)

)
(2)

where the I is the total pixel and i is the ith pixel. p(xi) is the probability of the ith outcome,
and log

(
1

p(xi)

)
is the measurement of information from xi.

2.3.3. FVC

Fractional vegetation cover (FVC) is defined as the ratio of vegetation cover area to
total land cover area [59,60]. The FVC not only reflects the size of the plant’s photosynthetic
area and the density of vegetation growth but also indicates the growing trend of vegetation
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to a certain degree [61]. Therefore, this parameter is defined as an indicator to evaluate the
status and development of terrestrial ecosystems [62]. FVC has many applications, includ-
ing soil loss [60] and urbanization expansion estimation [63], among others. The Satellite
data on the same date as albedo are used to estimate FVC and investigate the relationship
between FVC and albedo. The FVC formula is shown below:

FVC =
NDVI − NDVIs

NDVIv + NDVIs
(3)

where NDVI is the normalized difference vegetation index; NDVIs is the vegetation index
of bare soil pixel; and NDVIv is the vegetation index of the most vegetated areas.

2.3.4. Land Surface Temperature (LST)

LST is another indicator used to estimate UHIs [44,64,65]. LST retrieval relies on the
thermal sensors of the satellite. The satellite data at the same date as albedo are used to
estimate LST and investigate the relationship between FVC and albedo. For the Landsat
series satellite, the USGS provides a group of formulas for estimating LST. First, it is
necessary to calculate the spectral radiance at the top of the atmosphere (TOA):

TOA = ML × Qcal + AL (4)

where ML is the band-specific multiplicative rescaling factor from the metadata. Qcal
corresponds to band 10, which is the thermal infrared band. AL is a band-specific additive
rescaling factor from the metadata.

Then, the TOA is used to calculate the brightness temperature (BT):

BT = (K2/(ln (K1/TOA) + 1))− 273.15 (5)

where the K1 and K2 are the conversion constants from Landsat-8 band 10.
The next step is calculating the emissivity (ε) from the FVC:

ε = 0.004 × FVC + 0.986 (6)

The last step is calculating the LST:

LST = (BT/(1 + (0.00115 × BT/1.4388)× Ln(ε))) (7)

2.3.5. Statistical Analysis and Graphical Analyses

Linear correlations and box plots were conducted using Microsoft Excel and OriginLab
to assess the association between the albedo and indicators of building heights, urban
densities, LST, FVC, livability and environmental rating. The standard p < 0.01 was used
as the confidence level for statistical significance.

3. Results
3.1. Spatial Heterogeneity of Albedo under Different Resolutions

The overall pattern of albedo distribution in Beijing is low in the city center and high
in the surrounding rural–urban mixed areas (Figure 2). The business area is in the east of
the central city, which is full of skyscrapers and generally has low albedo. The old building
area has an extremely high building density on the north and south sides of the central city
area, showing a relatively higher albedo. The new urban areas have expanded outside of
the old building area in recent decades and the outside of the city area is the rural–urban
mixed area, which shows much higher albedo than that in the city center. The ranges of
spatial entropy values are listed in Table 3, which indicate that the increase in entropy has a
significant association with the resolution of satellite data.
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Table 3. Entropy of albedo derived from Sentinel-2 and Landsat-8 in different seasons.

Spring Summer Autumn Winter

Sentinel Landsat (%) Sentinel Landsat (%) Sentinel Landsat (%) Sentinel Landsat (%)

Business 0.0497 0.0362 37.3 0.0449 0.0408 10.1 0.0476 0.0435 9.6 0.0410 0.0379 8.1
High-density 0.0503 0.0365 38.1 0.0448 0.0397 12.8 0.0473 0.0424 11.6 0.0448 0.0413 8.5

Rural 0.0382 0.0351 8.8 0.0377 0.0342 10.2 0.0376 0.0351 7.2 0.0409 0.0334 22.4

Figure 3 demonstrates the low albedo distribution characteristics of the central busi-
ness area, including the skyscrapers, resident regions, green spaces, main roads, and streets.
The skyscrapers in a small region block the light, decrease the surrounding region albedo
and create a region where albedo is close to 0.02 (e.g., Figure 3 red box area). The dif-
ference in street and the building albedo is clear in the medium-height residential area
(e.g., Figure 3 black box area). The street albedo is significantly lower than that of the
main road and is not affected by the shadow of buildings. In Figure 3B, the low albedo
value area (red box) is smaller than that in (Figure 3A), which benefits from the resolution
of the Sentinel-2 data. The albedo of Sentinel-2 can demonstrate the contrasts of albedo
between buildings and street yards, while Landsat-8 albedo is hard to represent, especially
in the black box region where the canyon effect works on the street surfaces from the
height variation.
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box: business area. (A) Landsat, 4 December 2018; (B) Sentinel-2, 14 December.

The albedo maps of high-density areas, including old urban residential areas, green
covers, main roads, and streets are shown in Figure 4. The main characteristic of this area
is that the albedo is evenly distributed among the blocks of the area. The buildings in
the yellow box area were built over 70 years with narrow streets. The contrast in albedo
between the streets and residential blocks is difficult to identify from the Landsat-derived
albedo map (Figure 4A), because the streets may only be 3 m wide and the distance between
the buildings in the ranges from 0.5 m to 3 m. Figure 4B is the Sentinel-2 albedo of the
high-density area which has more details of albedo variances of buildings.
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Figure 5 displays the albedo characteristics of the urban–rural mixed areas, including
urban residential buildings, rural residential buildings, green spaces, agriculture and bare
land, main roads, and streets. There are various characteristics in this region: the first one is
the area full of urban residential buildings, which shows that the street and building albedo
is between 0.1 and 0.02 (Figure 5 black box). Figure 5 yellow box is residential areas similar
to the yellow box in Figure 4. However, the street albedo is higher than the building albedo
due to the lower building density. This area’s albedos derived from different sensors are
much different; the albedo of Landsat-8 is approximately 0.1 (Figure 5A) and the albedo of
Sentinel-2 is approximately 0.2 (Figure 5B). The purple box contains rural buildings and
the agricultural land has a high albedo (e.g., over 0.2).
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Figure 5. Albedo of mixed area in winter, black box: urban residential area, yellow box: rural
residential area, purple box: agriculture and bare soil area. (A) Landsat, 4 December 2018; (B)
Sentinel-2, 14 December 2018.

Figure 6 displays Landsat-8 and Sentinel-2’s average albedo of four seasons along the
sampling line in Beijing, which covers the three major research regions: business, high
density, and mixed area. Figure 6 shows that Sentinel-2’s mean albedo is higher than
Landsat-8’s mean albedo. The square is an impervious surface but a high albedo region
which suggests that a large impervious surface can also have similar albedo reflection
characteristics as rural areas in both Landsat-8 and Sentinel-2 satellites in a certain spatial
layout. The main contrasts between albedos derived from both Sentinel-2 and Landsat-8
are in the black, red, and yellow boxes which are full of skyscrapers and medium–high
floor buildings. In this area, the albedo of Sentinel-2 has more details in the narrow streets
between buildings than the albedo from Landsat-8.
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Figure 6. Average albedo of four seasons along the sampling line: the black box: the urban residential
area, the red box: business area, yellow box: rural residential area, the purple box: the agriculture
and bare soil area, the blue box: regulatory square.

3.2. Seasonal Variation of Albedo

Beijing has four distinct seasons with distinct albedo values in each. Due to clouds,
precipitation, or other climatic effects, spring and autumn may have different characteristics.
Table 4 displays the albedo of the sampling line across the urban area of Beijing and its
average, max, min, and variance in the business, high-density, and urban–rural mixed
areas. However, the variance of the value is close to 0.002 which means that the maximum
effect of cloud cover and other surfaces did not have much of an effect on the mean albedo.

Table 4. Seasonal albedo variation.

Spring Summer Autumn Winter

Business

Avg 0.0941 0.1659 0.1102 0.0963
Max 0.4698 0.482 0.4662 0.4431
Min 0.002 0.0205 0.0168 0.0312

Variance 0.0025 0.0016 0.0021 0.0012

High-density

Avg 0.0972 0.1605 0.11 0.1075
Max 0.584 0.5378 0.6655 0.4126
Min 0.0048 0.0144 0.013 0.0348

Variance 0.0014 0.0013 0.0013 0.0009

Urban–rural mix

Avg 0.132 0.2004 0.1489 0.3875
Max 0.6629 0.5352 1.3168 0.1525
Min 0.0065 0.0247 0.0256 0.0466

Variance 0.0016 0.0016 0.0018 0.0015

Figure 7 demonstrates the seasonal variation derived from Sentinel-2 in the business
area. The most enormous albedo region in Figure 7 is in the center of the figures and all
the values are nearly the same in spring and autumn. The spring (Figure 7A) and autumn
(Figure 7C) albedo values are highly similar. The red circle’s low albedo is in shadow areas
resulting from the light blocking of the skyscrapers. The shadow area has high similarity in
spring (Figure 7A) and autumn (Figure 7B) but becomes smallest in summer and largest in
winter. The yellow circle is the high albedo region of the business area and winter’s high
albedo region is much smaller than that in the other three seasons.
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Figure 7. Seasonal variation in albedo derived from Sentinel-2 in business areas, Beijing (A) spring, 3
March 2020; (B) summer, 14 June 2019; (C) autumn, 19 September 2019; (D) winter, 14 December 2018.

Figure 8 indicates the seasonal variation derived from Sentinel-2 in the high-density
area, which is very smooth in that all the albedos perform nearly 0.1 in spring, autumn,
and winter. The spring (Figure 8A), autumn (Figure 8C) and winter (Figure 8D) albedo
values are highly similar. Compared with other seasons, the characteristics of street albedo
are not clear in the summer (Figure 8B). The street in the yellow circle represents where
there is a medium-height building area. The red circle’s area is the low-height building
area which has minimal variation in spring, autumn, and winter.
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Figure 9 demonstrates the seasonal variation derived from Sentinel-2 in the urban–
rural mixed area. The highest albedo value region is in the northeast of the region (blue
circle in Figure 9A) with albedo close and over 0.2 in all seasons. The lowest albedo value
region is on the southwest edge, where has large height difference. The yellow circle’s
albedo changed significantly in summer and autumn but was similar in spring and winter
(yellow circle in Figure 9A).
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March 2020; (B) summer, 14 June 2019; (C) autumn, 19 September 2019; (D) winter, 14 December 2018.

Figure 10 shows the seasonal variation in albedo derived from Sentinel-2 along linear
samples (Figure 1). This scatterplot is based on the linear sampling method. The y-axis
(albedo) has a direct association with the change in the x-axis (longitude) due to the change
in land cover and land use. The association between the albedo looks sensitive with the
land cover change because there is unusually albedo in the typical land cover that changed
long in the linear sampling region. The highest albedo of the center is the impervious
surface square. The farmland and vegetation on the edge of eastern and western Beijing
also have high albedos outside the city center (Figures 7–10).
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Figure 11 displays a boxplot of seasonal variation in albedo derived from Sentinel-
2 along linear samples. In the spring, the range of the albedo is larger than in other
seasons. The summer variance of the albedo is the smallest and the 25th percentile to 75th
percentile of albedo in summer is in a minimal range from 0.15 to 0.17. All significant
p value of the samples between every two seasons are less than 0.01 which represents a
significant difference.
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3.3. Relationship between Albedo and Other Indicators

Figure 12 is the boxplot of the Sentinel-2 albedo variation with buildings in summer
and winter. The summer albedo reflection value is generally higher than that in winter.
The low floors have the highest albedo in both summer and winter, and the albedo decreases
slightly with increasing floors. The low floor albedo distribution range is largest in the
summer, and the medium and high floor albedo values are almost the same in the summer.
The median values of the albedos of medium and high floors are almost the same. However,
the high floor range is higher than the medium floor range, which may be affected by the
altitude variances among high buildings. The Sentinel-2 10-m resolution albedo data show
that it can demonstrate the albedo variation with urban height (Figures 7–9). However,
Figure 12 demonstrates no significant relationship between the urban building height and
the albedo even in the winter. Some research [35,40] pointed out that bright materials and
the canyon effect can neutralize one another’s impacts on building heights [28,29,66,67].
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Figure 12. Boxplot of Sentinel-2 albedo variation with building height in Beijing in summer and winter.

Figure 13 displays the regression of segmented building density and albedo of Sentinel-2
sampling among Beijing in winter and summer. Figure 13 indicates a modem, negative,
and linear association between the urban density and the albedo (R2 = 0.5226 in winter and
0.25 in summer, p < 0.001). These significant regression relationships proved that the higher
building density is, the smaller albedo will be in the winter.
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Figure 13. Regression of albedo and segmented building density in Beijing in winter (14 December
2018) and summer (14 June 2019).

Figure 14 shows the albedo variation in FVC sample points in Beijing in winter and
summer. Beijing’s FVC range is 0.01 to 0.63 in winter which is smaller than summer’s FVC
range from 0.01 to 0.92. The scatters of Figure 14 show a linear association between the
albedo and FVC, but it shows a positive FVC–albedo relationship in winter (R2 = 0.241,
p < 0.01), but a very slightly negative relationship in summer (R2 = 0.025, p < 0.01).
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Figure 14. Regression of FVC and albedo in Beijing in winter (14 December 2018) and summer
(14 June 2019).

Figure 15 displays the albedo variation of sample points with LST in Beijing in winter
and summer. Beijing’s winter LST is from 0 to 10 (B) and the summer LST’s range is 27 to 45
(A). The figure proved a slightly positive linear association between the LST and the albedo
and that albedo has a positive association with albedo in winter (R2 = 0.0236, p < 0.01) and
summer (R2 = 0.2367, p < 0.01).

Figure 15. Regression of LST and albedo in Beijing: (A) in summer (14 June 2019) and (B) winter
(14 December 2018).
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3.4. Albedo Association with Livability and Environmental Rating

Table 5 indicates the average albedo, livability, and E-rating values in each of the four
studied cities. Figures 16 and 17 show the variation in albedo among cities with different
livability and environmental ratings (E-ratings). The table and boxplots indicate that the
lower the albedo is, the higher the livability and the E-rating scores in the EIU report.
Compared with the other three cities, Hong Kong and Tokyo have low albedo values and
high livability and E-ratings. Bangkok has the largest albedo but the lowest livability
and E-rating. The albedo effect exhibits a negative (Figures 16 and 17) relationship with
livability and E-rating, but further study with data from more cities is needed.

Table 5. Albedo, LST, FCV, and livability and E-rating for Tokyo, Hong Kong, Beijing, and Bangkok.

City ALB ALB Rank Livability E-Rating

Beijing 0.0951 3 75 69
Hongkong 0.0836 1 91 83

Tokyo 0.0888 2 97 94
Bangkok 0.1151 4 66 63Remote Sens. 2022, 14, x FOR PEER REVIEW 19 of 25 
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4. Discussion

Albedo has been widely used for estimating the variations in UHIs and
glaciers [19–21,30,31]. This research has shown that urban surface albedo has high spatial
heterogeneity (Figures 3–6) and seasonal variation (Figures 7–11), which could be captured
by high-resolution data. In addition, this research demonstrates the association between
albedo and other indicators (Figures 12–15). Thus, albedo can be considered a unique
indicator for representing the attitude of an area’s residents toward the urban environ-
ment as in glacier studies [17,41,52,68–70]. Furthermore, albedo can reflect livability and
environmental rating (Figures 16 and 17) due to the variances in building materials and
architectural styles in urban development [6,26,40].

The resolution has many effects on studies that relate albedo to other urban charac-
teristics. Trlica’s [26] research shows that albedo data at both 500 m and 30 m resolutions
have no clear patterns representing land cover and land use. In this research, the albedo
is not evenly distributed in the urban area due to light blocking caused by the height
variation of buildings. Which was proven by Sugawara and Takamura [71] and Yang [24].
Guo’s research [41] noted that various responses to albedo estimation among different
cities could be explained by heterogeneity among the cities. The research demonstrates
that heterogeneity exists not only among the cities but also in the internal environment of
the city. The high-resolution albedo has a typical advantage in exploring the characteristics
of the heterogeneity inside the different parts of the urban area (Figures 8–10).

This research selects different land cover and land use types for researching the albedo
variation. The first is the mixed rural–urban area outside central Beijing with generally high
albedo. The replacement of farmland and green cover by impervious land will significantly
increase the albedo, a typical characteristic of albedo variation in urbanized areas [6,72].
The second is the high-density region displayed in Figure 4. Most of the high-density areas
were built nearly a century ago in Beijing, and some parts have undergone reconstruction
while other parts of it have not. This area has a significantly higher albedo than the business
area due to its layout and materials, especially in winter. The third area is the business area
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full of skyscrapers in Figure 3. Comparing the high-density urban area, the new layout of
the street, building materials, and design have significantly reduced the albedo. On the
other hand, the canyon effect caused by the altitude variances further reduce the albedo,
which is proven by Jacobson [35] and Trlica [26].

The research contents indicate that the Sentinel-2 (10 m resolution) albedo data have
much higher precision than Landsat 8 (30 m resolution) data in regions with low albedo
values (Figures 3–5). The output indicates that Sentinel-2 albedo data recognized water,
public green spaces, and building canyon effect regions that the Landsat 8 data could not
distinguish as Figure 7. Previous studies [73] also found that the albedo characteristics of
building canyons can affect their surrounding areas and stack the albedo effects. The lower
the resolution of the image data is, the higher the stacking effect of the albedo canyon
effect. This performance might be generated from the adjacency of the remote sensing data.
Multiple studies emphasize that the adjacency effect can affect reflection [74–76]. Although
the data in this research have been atmospherically corrected, the adjacency effects still
occur on the water surface and in green spaces. [74]. The albedo of Sentinel-2 shows that
the adjacency effect should be considered in medium and low-resolution data, and in 30-m
resolution albedo data (Figures 3 and 4). However, high-resolution data (10-m resolution)
can significantly reduce the influence of the adjacency effect and raise the accuracy of
the remote sensing albedo mapping and statistics. Therefore, the higher the resolution of
remote sensing data is, the more accurate the measurement of the canyon effect will be,
emphasizing that each component in the urban landscape displays unique characteristics
of radiant heat, humidity, and aerodynamics [73,77].

On the other hand, there is also a seasonal heterogeneity in the albedo in the urban area.
Previous researchers have focused on the annual variation in albedo [2,17,26,39] instead
of the seasonal variation due to the limited temporal resolution of remote sensing [26,27].
This research proved that seasonal variation mapping of the albedo helps highlight some
city characteristics. In Figure 11, most regions display the characteristics of high albedo
in summer and low albedo in winter. We find that the variance in the albedo value is the
smallest in summer and largest in winter. The albedo distribution in spring and autumn
are relatively different. In addition, the median value of albedo in summer is the largest,
while that in other seasons is almost unchanged and sampling is very dispersed at the
same time. This performance can also be confirmed by the summer albedo performance of
Figures 8–10. It is highly possible that the summer albedo distribution is affected by the
zenith angle when analyzed with the angle data of the sensors Table 6. The albedo values
of areas with no altitude variances, such as squares, are incredibly high and close during
all four seasons. In areas with medium and high urban densities, the canyon effect caused
by building altitude differences will induce a lower albedo value in summer. However,
the albedo is not stable due to the occlusion effect of buildings with seasonal variation
which results in different effects on the albedo value within the same area depending on
the season.

Table 6. Mean sensor angles of the Sentinel-2 Images.

Spring Summer Autumn Winter

MEAN AZIMUTH ANGLE 157.0893 142.9314 163.9391 166.7776
MEAN ZENITH ANGLE 49.48056 21.47778 45.88404 64.49991

The high-resolution albedo variation of seasonal variation and resolution demonstrates
that the urban layout and the building height can affect the surroundings’ albedo value.
Previous research [78] explained that the canyon effect acts on impervious surfaces by the
altitude differences of buildings. This research applied sampling data to verify whether the
urban layout and building height are directly related to the albedo effect. Figures 12 and 13
proved that there are associations between the urban density and floor height in Beijing
and those associations can be modified with the seasons in Figure 11.
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Previous research claimed that albedo has a relationship with FVC [79–81] and
LST [32,82,83]. However, we found weak associations between the albedo and LST and
FVC (Figures 14 and 15). This phenomenon could be caused by the canyon and building ma-
terials to the albedo, while other factors, such as temperature, impervious surface materials,
and human activities can influence the LST. FVC is associated with urban expansion and
seasonal variation. There is no absolute causation between the LST, FVC, and albedo [33],
although they overlap in some dynamics.

The albedo variation displays the heterogeneity inside Beijing where different sample
regions have different heterogeneity. It is difficult to collect livability and environmental
rating data in a specific area of the city. Therefore, this research examines the albedo value in
different cities to examine the albedo’s impacts. Figures 16 and 17 display the relationship
with livability and E-rating. Enete’s research explained that [73] high livability and E-rating
cities have more motivation to regular building materials and layout distributions to
control the effect of albedo on the UHI and urban thermal environment to achieve better
livability and living environment ratings. The variation of albedo and livability, E-rating
ranking (Figures 16 and 17) proved that the albedo might reach a minimum value with the
development stage of an urban area in a certain period of rapid urban development. Albedo
is recognized as a critical parameter for controlling urban temperature [19–21,30,31,35] and
urban decision-makers tend to redevelop urban areas. The redevelopment of urban areas
will release the heat from urban area by expanding street-wide, increasing the number of
parks, and applying new materials to reduce light energy absorption and the canyon effect
for a better livable environment. However, it is difficult to confirm that the albedo and
LST are very related when the samples are used in a correlation analysis (Figure 15) in this
research. Some studies [20,33] stated that the albedo regions have cooler air temperatures
by increasing the albedo. These phenomena are consistent with repairing imperviousness
in urban development in the face of changes in the natural environment, destruction,
and redevelopment for livability. Therefore, albedo can describe not only the spatial
heterogeneity of urban building materials and layouts but also the temporal heterogeneity
that can be used to describe different stages of urban development.

Although albedo in this study has proven that albedo can be an efficient indicator
for representing the spatial heterogeneity and temporal variation in urban areas, there are
some limitations that remain. Current research is mainly focused on the characteristics
of land cover, urban morphology, and urban form’s impact on albedo, while the impact
of urban thermal properties on albedo should also be considered. The complex urban
geometry [84], building materials [24], and absorption and emission rates of different
surface materials also affect albedo. On the other hand, the association between albedo
and urban environment and livability also needs to be explored including urban thermal
comfort [85], and anthropogenic heat [86].

5. Conclusions

Albedo has been altered due to urban expansion, which significantly impacts local
and regional climates. This research demonstrates that albedo is a unique indicator in
urban environment research. The study shows that the albedo contains significant spatial
heterogeneity and seasonal variation on the surface of the urban areas. Urban surface
albedo at high spatial resolution can better represent spatial-temporal variation, building
canyons, and pixel adjacency effects. The albedo of the urban surface is associated with
building density and height, land surface temperature (LST), and fractional vegetation cover
(FVC). Resolution and seasonal variation sampling demonstrate that albedo is associated
with urban land cover and the stage of development of that area. Further analysis confirms
that the development of the urban area can impact the surface albedo, which is indicated
by the EHI livability and environment rating albedo of the urban surface high-resolution
data can improve the acknowledgment of urban environment and human livability with
wider application in the urban environmental research.



Remote Sens. 2022, 14, 6166 20 of 23

Author Contributions: This paper is conceptualized by H.W. and B.H.; H.W. conducted the main
experiment and prepared the original manuscript; B.H., Y.Z., Z.Z. and Z.M. reviewed the manuscript.
All authors have read and agreed to the published version of the manuscript.

Funding: This work was supported by the Open Fund of State Key Laboratory of Remote Sens-
ing Science, Aerospace Information Research Institute, Chinese Academy of Sciences (Grant No.
PFSLRSS202023).

Data Availability Statement: Landsat-8 and Sentinel-2 data are available from GEE. Urban Block
data are available from Beijing City Lab. Livability and Environmental-rating data are available from
Economics Intelligence Unit website.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Zhao, M.; Zhou, Y.; Li, X.; Cheng, W.; Zhou, C.; Ma, T.; Li, M.; Huang, K. Mapping urban dynamics (1992–2018) in Southeast Asia

using consistent nighttime light data from DMSP and VIIRS. Remote Sens. Environ. 2020, 248, 111980. [CrossRef]
2. Akbari, H.; Damon Matthews, H.; Seto, D. The long-term effect of increasing the albedo of urban areas. Environ. Res. Lett. 2012,

7, 024004. [CrossRef]
3. ESPAS. Global Trends to 2030: The Future of Urbanization and Megacities; European Committee of the Region: Bruxelles,

Belgium, 2019.
4. Rizwan, A.M.; Dennis, L.Y.C.; Chunho, L.I.U. A review on the generation, determination and mitigation of Urban Heat Island. J.

Environ. Sci. 2008, 20, 120–128. [CrossRef] [PubMed]
5. Dixon, P.G.; Mote, T.L. Patterns and causes of Atlanta’s urban heat island–initiated precipitation. J. Appl. Meteorol. 2003,

42, 1273–1284. [CrossRef]
6. Hou, M.; Hu, Y.; He, Y. Modifications in vegetation cover and surface albedo during rapid urbanization: A case study from South

China. Environ. Earth Sci. 2014, 72, 1659–1666. [CrossRef]
7. Patz, J.A.; Campbell-Lendrum, D.; Holloway, T.; Foley, J.A. Impact of regional climate change on human health. Nature 2005,

438, 310–317. [CrossRef]
8. Meehl, G.A.; Tebaldi, C. More intense, more frequent, and longer lasting heat waves in the 21st century. Science 2004, 305, 994–997.

[CrossRef]
9. Georgescu, M.; Moustaoui, M.; Mahalov, A.; Dudhia, J. Summer-time climate impacts of projected megapolitan expansion in

Arizona. Nat. Clim. Chang. 2013, 3, 37–41. [CrossRef]
10. Kuang, W.; Liu, A.; Dou, Y.; Li, G.; Lu, D. Examining the impacts of urbanization on surface radiation using Landsat imagery.

GISci. Remote Sens. 2019, 56, 462–484. [CrossRef]
11. Vahmani, P.; Sun, F.; Hall, A.; Ban-Weiss, G. Investigating the climate impacts of urbanization and the potential for cool roofs to

counter future climate change in Southern California. Environ. Res. Lett. 2016, 11, 124027. [CrossRef]
12. McCarthy, M.P.; Best, M.J.; Betts, R.A. Climate change in cities due to global warming and urban effects. Geophys. Res. Lett. 2010,

37, L09705. [CrossRef]
13. Zhou, D.; Xiao, J.; Bonafoni, S.; Berger, C.; Deilami, K.; Zhou, Y.; Frolking, S.; Yao, R.; Qiao, Z.; Sobrino, J.A. Satellite remote

sensing of surface urban heat islands: Progress, challenges, and perspectives. Remote Sens. 2018, 11, 48. [CrossRef]
14. Chapman, S.; Thatcher, M.; Salazar, A.; Watson, J.E.M.; McAlpine, C.A. The impact of climate change and urban growth on urban

climate and heat stress in a subtropical city. Int. J. Climatol. 2019, 39, 3013–3030. [CrossRef]
15. Zhang, Y.; Liang, S. Impacts of land cover transitions on surface temperature in China based on satellite observations. Environ.

Res. Lett. 2018, 13, 24010. [CrossRef]
16. Liang, S.; Strahler, A.H.; Walthall, C. Retrieval of land surface albedo from satellite observations: A simulation study. J. Appl.

Meteorol. 1999, 38, 712–725. [CrossRef]
17. Liang, S.; Shuey, C.J.; Russ, A.L.; Fang, H.; Chen, M.; Walthall, C.L.; Daughtry, C.S.T.; Hunt, R. Narrowband to broadband

conversions of land surface albedo: II. Validation. Remote Sens. Environ. 2003, 84, 25–41. [CrossRef]
18. Oke, T.R. Boundary Layer Climates; Routledge: London, UK, 2002; ISBN 0203407210.
19. Taha, H. Urban climates and heat islands: Albedo, evapotranspiration, and anthropogenic heat. Energy Build. 1997, 25, 99–103.

[CrossRef]
20. Yang, J.; Wang, Z.-H.; Kaloush, K.E. Environmental impacts of reflective materials: Is high albedo a ‘silver bullet’ for mitigating

urban heat island? Renew. Sustain. Energy Rev. 2015, 47, 830–843. [CrossRef]
21. Taha, H.; Akbari, H.; Rosenfeld, A.; Huang, J. Residential cooling loads and the urban heat island—The effects of albedo. Build.

Environ. 1988, 23, 271–283. [CrossRef]
22. Grant, I.F.; Prata, A.J.; Cechet, R.P. The impact of the diurnal variation of albedo on the remote sensing of the daily mean albedo

of grassland. J. Appl. Meteorol. 2000, 39, 231–244. [CrossRef]
23. Hang, J.; Sandberg, M.; Li, Y. Effect of urban morphology on wind condition in idealized city models. Atmos. Environ. 2009,

43, 869–878. [CrossRef]

http://doi.org/10.1016/j.rse.2020.111980
http://doi.org/10.1088/1748-9326/7/2/024004
http://doi.org/10.1016/S1001-0742(08)60019-4
http://www.ncbi.nlm.nih.gov/pubmed/18572534
http://doi.org/10.1175/1520-0450(2003)042&lt;1273:PACOAU&gt;2.0.CO;2
http://doi.org/10.1007/s12665-014-3070-7
http://doi.org/10.1038/nature04188
http://doi.org/10.1126/science.1098704
http://doi.org/10.1038/nclimate1656
http://doi.org/10.1080/15481603.2018.1508931
http://doi.org/10.1088/1748-9326/11/12/124027
http://doi.org/10.1029/2010GL042845
http://doi.org/10.3390/rs11010048
http://doi.org/10.1002/joc.5998
http://doi.org/10.1088/1748-9326/aa9e93
http://doi.org/10.1175/1520-0450(1999)038&lt;0712:ROLSAF&gt;2.0.CO;2
http://doi.org/10.1016/S0034-4257(02)00068-8
http://doi.org/10.1016/S0378-7788(96)00999-1
http://doi.org/10.1016/j.rser.2015.03.092
http://doi.org/10.1016/0360-1323(88)90033-9
http://doi.org/10.1175/1520-0450(2000)039&lt;0231:TIOTDV&gt;2.0.CO;2
http://doi.org/10.1016/j.atmosenv.2008.10.040


Remote Sens. 2022, 14, 6166 21 of 23

24. Yang, X.; Li, Y. The impact of building density and building height heterogeneity on average urban albedo and street surface
temperature. Build. Environ. 2015, 90, 146–156. [CrossRef]

25. Santamouris, M.; Haddad, S.; Saliari, M.; Vasilakopoulou, K.; Synnefa, A.; Paolini, R.; Ulpiani, G.; Garshasbi, S.; Fiorito, F. On
the energy impact of urban heat island in Sydney: Climate and energy potential of mitigation technologies. Energy Build. 2018,
166, 154–164. [CrossRef]

26. Trlica, A.; Hutyra, L.R.; Schaaf, C.L.; Erb, A.; Wang, J.A. Albedo, Land Cover, and Daytime Surface Temperature Variation Across
an Urbanized Landscape. Earth’s Futur. 2017, 5, 1084–1101. [CrossRef]

27. Reinmann, A.B.; Hutyra, L.R.; Trlica, A.; Olofsson, P. Assessing the global warming potential of human settlement expansion in a
mesic temperate landscape from 2005 to 2050. Sci. Total Environ. 2016, 545–546, 512–524. [CrossRef]

28. Aida, M. Urban albedo as a function of the urban structure—A model experiment. Bound.-Layer Meteorol. 1982, 23, 405–413.
[CrossRef]

29. Erell, E.; Pearlmutter, D.; Boneh, D.; Kutiel, P.B. Effect of high-albedo materials on pedestrian heat stress in urban street canyons.
Urban Clim. 2014, 10, 367–386. [CrossRef]

30. Morini, E.; Touchaei, A.G.; Castellani, B.; Rossi, F.; Cotana, F. The impact of albedo increase to mitigate the urban heat island in
Terni (Italy) using the WRF model. Sustainability 2016, 8, 999. [CrossRef]

31. Morini, E.; Touchaei, A.G.; Rossi, F.; Cotana, F.; Akbari, H. Evaluation of albedo enhancement to mitigate impacts of urban heat
island in Rome (Italy) using WRF meteorological model. Urban Clim. 2018, 24, 551–566. [CrossRef]

32. Bonafoni, S.; Baldinelli, G.; Rotili, A.; Verducci, P. Albedo and surface temperature relation in urban areas: Analysis with different
sensors. In Proceedings of the 2017 Joint Urban Remote Sensing Event (JURSE), Dubai, United Arab Emirates, 6–8 March 2017;
IEEE: Piscataway, NJ, USA, 2017; pp. 1–4.

33. Morini, E.; Castellani, B.; De Ciantis, S.; Anderini, E.; Rossi, F. Planning for cooler urban canyons: Comparative analysis of the
influence of façades reflective properties on urban canyon thermal behavior. Sol. Energy 2018, 162, 14–27. [CrossRef]

34. Arnfield, A.J. Canyon geometry, the urban fabric and nocturnal cooling: A simulation approach. Phys. Geogr. 1990, 11, 220–239.
[CrossRef]

35. Jacobson, M.Z.; Nghiem, S.V.; Sorichetta, A.; Whitney, N. Ring of impact from the mega-urbanization of Beijing between 2000 and
2009. J. Geophys. Res. Atmos. 2015, 120, 5740–5756. [CrossRef]

36. Wang, P.; Yu, P.; Lu, J.; Zhang, Y. The mediation effect of land surface temperature in the relationship between land use-cover
change and energy consumption under seasonal variations. J. Clean. Prod. 2022, 340, 130804. [CrossRef]

37. Schaaf, C.B.; Gao, F.; Strahler, A.H.; Lucht, W.; Li, X.; Tsang, T.; Strugnell, N.C.; Zhang, X.; Jin, Y.; Muller, J.-P. First operational
BRDF, albedo nadir reflectance products from MODIS. Remote Sens. Environ. 2002, 83, 135–148. [CrossRef]

38. Liang, S. Narrowband to broadband conversions of land surface albedo I: Algorithms. Remote Sens. Environ. 2001, 76, 213–238.
[CrossRef]

39. He, T.; Liang, S.; Song, D. Analysis of global land surface albedo climatology and spatial-temporal variation during 1981–2010
from multiple satellite products. J. Geophys. Res. Atmos. 2014, 119, 10–281. [CrossRef]

40. Guo, T.; He, T.; Liang, S.; Roujean, J.L.; Zhou, Y.; Huang, X. Multi-decadal analysis of high-resolution albedo changes induced by
urbanization over contrasted Chinese cities based on Landsat data. Remote Sens. Environ. 2022, 269, 112832. [CrossRef]

41. Bonafoni, S.; Sekertekin, A. Albedo Retrieval from Sentinel-2 by New Narrow-to-Broadband Conversion Coefficients. IEEE Geosci.
Remote Sens. Lett. 2020, 17, 1618–1622. [CrossRef]

42. Wang, D.; Liang, S.; He, T.; Yu, Y.; Schaaf, C.; Wang, Z. Estimating daily mean land surface albedo from MODIS data. J. Geophys.
Res. 2015, 120, 4825–4841. [CrossRef]

43. Tasumi, M.; Allen, R.G.; Trezza, R. At-Surface Reflectance and Albedo from Satellite for Operational Calculation of Land Surface
Energy Balance. J. Hydrol. Eng. 2008, 13, 51–63. [CrossRef]

44. Zhou, D.; Zhao, S.; Liu, S.; Zhang, L.; Zhu, C. Surface urban heat island in China’s 32 major cities: Spatial patterns and drivers.
Remote Sens. Environ. 2014, 152, 51–61. [CrossRef]

45. Liang, X.; Liu, Y.; Qiu, T. Livability Assessment of Urban Communities considering the Preferences of Different Age Groups.
Complexity 2020, 2020, 8269274. [CrossRef]

46. Ruth, M.; Franklin, R.S. Livability for all? Conceptual limits and practical implications. Appl. Geogr. 2014, 49, 18–23. [CrossRef]
47. Nassauer, J.I. Care and stewardship: From home to planet. Landsc. Urban Plan. 2011, 100, 321–323. [CrossRef]
48. Platt, R.H.; Rowntree, R.A.; Muick, P.C. The Ecological City: Preserving and Restoring Urban Biodiversity; University of Massachusetts

Press: Amherst, MA, USA, 1994; ISBN 0870238833.
49. Kahn, M.E. Green Cities: Urban Growth and the Environment; Brookings Institution Press: Washington, DC, USA, 2007;

ISBN 0815748140.
50. The Economist Intelligence Unit. Global Liveability Survey; The Economist Intelligence Unit: London, UK, 2018.
51. Roesch, A.; Roeckner, E. Assessment of snow cover and surface albedo in the ECHAM5 general circulation model. J. Clim. 2006,

19, 3828–3843. [CrossRef]
52. Wang, Z.; Erb, A.M.; Schaaf, C.B.; Sun, Q.; Liu, Y.; Yang, Y.; Shuai, Y.; Casey, K.A.; Román, M.O. Early spring post-fire snow

albedo dynamics in high latitude boreal forests using Landsat-8 OLI data. Remote Sens. Environ. 2016, 185, 71–83. [CrossRef]

http://doi.org/10.1016/j.buildenv.2015.03.037
http://doi.org/10.1016/j.enbuild.2018.02.007
http://doi.org/10.1002/2017EF000569
http://doi.org/10.1016/j.scitotenv.2015.12.033
http://doi.org/10.1007/BF00116269
http://doi.org/10.1016/j.uclim.2013.10.005
http://doi.org/10.3390/su8100999
http://doi.org/10.1016/j.uclim.2017.08.001
http://doi.org/10.1016/j.solener.2017.12.064
http://doi.org/10.1080/02723646.1990.10642404
http://doi.org/10.1002/2014JD023008
http://doi.org/10.1016/j.jclepro.2022.130804
http://doi.org/10.1016/S0034-4257(02)00091-3
http://doi.org/10.1016/S0034-4257(00)00205-4
http://doi.org/10.1002/2014JD021667
http://doi.org/10.1016/j.rse.2021.112832
http://doi.org/10.1109/LGRS.2020.2967085
http://doi.org/10.1002/2015JD023178
http://doi.org/10.1061/(ASCE)1084-0699(2008)13:2(51)
http://doi.org/10.1016/j.rse.2014.05.017
http://doi.org/10.1155/2020/8269274
http://doi.org/10.1016/j.apgeog.2013.09.018
http://doi.org/10.1016/j.landurbplan.2011.02.022
http://doi.org/10.1175/JCLI3825.1
http://doi.org/10.1016/j.rse.2016.02.059


Remote Sens. 2022, 14, 6166 22 of 23

53. Wang, Z.; Schaaf, C.B.; Sun, Q.; Kim, J.; Erb, A.M.; Gao, F.; Román, M.O.; Yang, Y.; Petroy, S.; Taylor, J.R.; et al. Monitoring land
surface albedo and vegetation dynamics using high spatial and temporal resolution synthetic time series from Landsat and the
MODIS BRDF/NBAR/albedo product. Int. J. Appl. Earth Obs. Geoinf. 2017, 59, 104–117. [CrossRef] [PubMed]

54. Yeh, A.G.-O.; Li, X. Measurement and monitoring of urban sprawl in a rapidly growing region using entropy. Photogramm. Eng.
Remote Sensing 2001, 67, 83–90.

55. Bhatta, B.; Saraswati, S.; Bandyopadhyay, D. Urban sprawl measurement from remote sensing data. Appl. Geogr. 2010, 30, 731–740.
[CrossRef]

56. Liu, Y.; Chen, K.-S. An information entropy-based sensitivity analysis of radar sensing of rough surface. Remote Sens. 2018, 10, 286.
[CrossRef]

57. Chong, C.H.-S. Comparison of Spatial Data Types for Urban Sprawl Analysis Using Shannon’s Entropy. Doctoral Dissertation,
University of Southern California, Los Angeles, CA, USA, 2017.

58. Shannon, C.E. A mathematical theory of communication. Bell Syst. Tech. J. 1948, 27, 379–423. [CrossRef]
59. Gitelson, A.A.; Kaufman, Y.J.; Stark, R.; Rundquist, D. Novel algorithms for remote estimation of vegetation fraction. Remote Sens.

Environ. 2002, 80, 76–87. [CrossRef]
60. Bingfang, W.; Miaomiao, L.; Changzhen, Y.; Weifeng, Z.; Changzhen, Y. Developing method of vegetation fraction estimation by

remote sensing for soil loss equation: A case in the Upper Basin of Miyun Reservoir. In Proceedings of the IGARSS 2004. 2004
IEEE International Geoscience and Remote Sensing Symposium, Anchorage, AK, USA, 20–24 September 2004; IEEE: Piscataway,
NJ, USA, 2004; Volume 6, pp. 4352–4355.

61. Gao, Y.; Gao, J.; Wang, J.; Wang, S.; Li, Q.; Zhai, S.; Zhou, Y. Estimating the biomass of unevenly distributed aquatic vegetation
in a lake using the normalized water-adjusted vegetation index and scale transformation method. Sci. Total Environ. 2017, 601,
998–1007. [CrossRef] [PubMed]

62. Zhang, S.; Chen, H.; Fu, Y.; Niu, H.; Yang, Y.; Zhang, B. Fractional vegetation cover estimation of different vegetation types in the
Qaidam Basin. Sustainability 2019, 11, 864. [CrossRef]

63. Zhou, Q.; Zhao, X.; Wu, D.; Tang, R.; Du, X.; Wang, H.; Zhao, J.; Xu, P.; Peng, Y. Impact of urbanization and climate on vegetation
coverage in the Beijing–Tianjin–Hebei Region of China. Remote Sens. 2019, 11, 2452. [CrossRef]

64. Bonifacio-Bautista, M.; Ballinas, M.; Jazcilevich, A.; Barradas, V.L. Estimation of anthropogenic heat release in Mexico City. Urban
Clim. 2022, 43, 101158. [CrossRef]

65. Meng, X.; Cheng, J.; Zhao, S.; Liu, S.; Yao, Y. Estimating land surface temperature from Landsat-8 data using the NOAA JPSS
enterprise algorithm. Remote Sens. 2019, 11, 155. [CrossRef]

66. Fortuniak, K. Numerical estimation of the effective albedo of an urban canyon. Theor. Appl. Climatol. 2008, 91, 245–258. [CrossRef]
67. Qin, Y. Urban canyon albedo and its implication on the use of reflective cool pavements. Energy Build. 2015, 96, 86–94. [CrossRef]
68. Dumont, M.; Gardelle, J.; Sirguey, P.; Guillot, A.; Six, D.; Rabatel, A.; Arnaud, Y. Linking glacier annual mass balance and glacier

albedo retrieved from MODIS data. Cryosph. 2012, 6, 1527–1539. [CrossRef]
69. Paul, F.; Machguth, H.; Kääb, A. On the impact of glacier albedo under conditions of extreme glacier melt: The summer of 2003 in

the Alps. EARSeL eProceedings 2005, 4, 139–149.
70. Brock, B.W.; Willis, I.C.; Sharp, M.J. Measurement and parameterization of albedo variations at Haut Glacier d’Arolla, Switzerland.

J. Glaciol. 2000, 46, 675–688. [CrossRef]
71. Sugawara, H.; Takamura, T. Surface albedo in cities: Case study in Sapporo and Tokyo, Japan. Bound.-Layer Meteorol. 2014,

153, 539–553. [CrossRef]
72. Cai, H.; Wang, J.; Feng, Y.; Wang, M.; Qin, Z.; Dunn, J.B. Consideration of land use change-induced surface albedo effects in

life-cycle analysis of biofuels. Energy Environ. Sci. 2016, 9, 2855–2867. [CrossRef]
73. Enete, I.C.; Ijioma, M.A. Analysis of temporal and spatial characteristics of Enugu urban heat island using multiple techniques.

OIDA Int. J. Sustain. Dev. 2011, 2, 29–36.
74. Lyapustin, A.I.; Kaufman, Y.J. Role of adjacency effect in the remote sensing of aerosol. J. Geophys. Res. Atmos. 2001,

106, 11909–11916. [CrossRef]
75. Tanré, D.; Deschamps, P.Y.; Duhaut, P.; Herman, M. Adjacency effect produced by the atmospheric scattering in thematic mapper

data. J. Geophys. Res. Atmos. 1987, 92, 12000–12006. [CrossRef]
76. Richter, R.; Bachmann, M.; Dorigo, W.; Muller, A. Influence of the adjacency effect on ground reflectance measurements. IEEE

Geosci. Remote Sens. Lett. 2006, 3, 565–569. [CrossRef]
77. Zhang, Q.; Ge, L.; Hensley, S.; Isabel Metternicht, G.; Liu, C.; Zhang, R. PolGAN: A deep-learning-based unsupervised forest

height estimation based on the synergy of PolInSAR and LiDAR data. ISPRS J. Photogramm. Remote Sens. 2022, 186, 123–139.
[CrossRef]

78. Sailor, D.J. Simulated urban climate response to modifications in surface albedo and vegetative cover. J. Appl. Meteorol. Climatol.
1995, 34, 1694–1704. [CrossRef]

79. Brovkin, V.; Boysen, L.; Raddatz, T.; Gayler, V.; Loew, A.; Claussen, M. Evaluation of vegetation cover and land-surface albedo in
MPI-ESM CMIP5 simulations. J. Adv. Model. Earth Syst. 2013, 5, 48–57. [CrossRef]

80. Houldcroft, C.J.; Grey, W.M.F.; Barnsley, M.; Taylor, C.M.; Los, S.O.; North, P.R.J. New vegetation albedo parameters and global
fields of soil background albedo derived from MODIS for use in a climate model. J. Hydrometeorol. 2009, 10, 183–198. [CrossRef]

http://doi.org/10.1016/j.jag.2017.03.008
http://www.ncbi.nlm.nih.gov/pubmed/33154713
http://doi.org/10.1016/j.apgeog.2010.02.002
http://doi.org/10.3390/rs10020286
http://doi.org/10.1002/j.1538-7305.1948.tb01338.x
http://doi.org/10.1016/S0034-4257(01)00289-9
http://doi.org/10.1016/j.scitotenv.2017.05.163
http://www.ncbi.nlm.nih.gov/pubmed/28586747
http://doi.org/10.3390/su11030864
http://doi.org/10.3390/rs11202452
http://doi.org/10.1016/j.uclim.2022.101158
http://doi.org/10.3390/rs11020155
http://doi.org/10.1007/s00704-007-0312-6
http://doi.org/10.1016/j.enbuild.2015.03.005
http://doi.org/10.5194/tc-6-1527-2012
http://doi.org/10.3189/172756500781832675
http://doi.org/10.1007/s10546-014-9952-0
http://doi.org/10.1039/C6EE01728B
http://doi.org/10.1029/2000JD900647
http://doi.org/10.1029/JD092iD10p12000
http://doi.org/10.1109/LGRS.2006.882146
http://doi.org/10.1016/j.isprsjprs.2022.02.008
http://doi.org/10.1175/1520-0450-34.7.1694
http://doi.org/10.1029/2012MS000169
http://doi.org/10.1175/2008JHM1021.1


Remote Sens. 2022, 14, 6166 23 of 23

81. Zeng, N.; Yoon, J. Expansion of the world’s deserts due to vegetation-albedo feedback under global warming. Geophys. Res. Lett.
2009, 36, L17401. [CrossRef]

82. Baldinelli, G.; Bonafoni, S.; Rotili, A. Albedo retrieval from multispectral landsat 8 observation in urban environment: Algorithm
validation by in situ measurements. IEEE J. Sel. Top. Appl. Earth Obs. Remote Sens. 2017, 10, 4504–4511. [CrossRef]

83. Odunuga, S.; Badru, G. Landcover change, land surface temperature, surface albedo and topography in the Plateau Region of
North-Central Nigeria. Land 2015, 4, 300–324. [CrossRef]

84. Salvati, A.; Kolokotroni, M.; Kotopouleas, A.; Watkins, R.; Giridharan, R.; Nikolopoulou, M. Impact of reflective materials on
urban canyon albedo, outdoor and indoor microclimates. Build. Environ. 2022, 207, 108459. [CrossRef]

85. Mohammad, P.; Aghlmand, S.; Fadaei, A.; Gachkar, S.; Gachkar, D.; Karimi, A. Evaluating the role of the albedo of material
and vegetation scenarios along the urban street canyon for improving pedestrian thermal comfort outdoors. Urban Clim. 2021,
40, 100993. [CrossRef]

86. Jandaghian, Z.; Berardi, U. Analysis of the cooling effects of higher albedo surfaces during heat waves coupling the Weather
Research and Forecasting model with building energy models. Energy Build. 2020, 207, 109627. [CrossRef]

http://doi.org/10.1029/2009GL039699
http://doi.org/10.1109/JSTARS.2017.2721549
http://doi.org/10.3390/land4020300
http://doi.org/10.1016/j.buildenv.2021.108459
http://doi.org/10.1016/j.uclim.2021.100993
http://doi.org/10.1016/j.enbuild.2019.109627

	Introduction 
	Materials and Methods 
	Study Area 
	Data 
	Satellite Data 
	Urban Block Data 
	Sampling Data 
	Livability and Environmental Rating 

	Methods 
	Albedo Estimation and Spatial-Temporal Variation Analysis 
	Spatial Heterogeneity and Entropy, Temporal Variation 
	FVC 
	Land Surface Temperature (LST) 
	Statistical Analysis and Graphical Analyses 


	Results 
	Spatial Heterogeneity of Albedo under Different Resolutions 
	Seasonal Variation of Albedo 
	Relationship between Albedo and Other Indicators 
	Albedo Association with Livability and Environmental Rating 

	Discussion 
	Conclusions 
	References

