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Abstract: We have developed algorithms and procedures for calculating daily sea ice thickness (SIT)
and open water-sea ice (OWSI) charts, based on the Moderate Resolution Imaging Spectroradiometer
(MODIS), ice surface temperature (IST) (night-time only), and reflectance (R) swath data, respectively.
The resolution of the SIT chart is 1 km and that of the OWSI chart is 250 m. The charts are targeted
to be used in development and validation of sea ice products from microwave sensor data. We
improve the original MODIS cloud masks for the IST and R data, with a focus on identifying larger
cloud-free areas in the data. The SIT estimation from the MODIS IST swath data follows previous
studies. The daily SIT chart is composed from available swath charts by assigning daily median SIT
to a pixel. The OWSI classification is simply conducted by a fixed threshold for the MODIS band 1
R. This was based on manually selected R data for various ice types in late winter, early melt, and
advanced melt conditions. The composition procedures for the daily SIT and OWSI charts somewhat
compensates for errors due to the undetected clouds. The SIT and OWSI charts were compared
against manual ice charts by Arctic and Antarctic Research Institute in Russia and by Norwegian
Meteorological Institute, respectively, and on average, a good relationship between the charts was
found. Pixel-wise comparison of the SIT and OWSI charts showed very good agreement in open
water vs. sea ice classification, which gives further confidence on the reliability of our algorithms.
We also demonstrate usage of the MODIS OWSI and SIT charts for validation of sea ice concentration
charts based on the SENTINEL-1 SAR and AMSR2 radiometer data and two different algorithms.
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1. Introduction

For operational sea ice monitoring microwave sensors; such as synthetic aperture radar (SAR),
scatterometer, and microwave radiometer, are mainly used as they can image sea ice through clouds
and regardless of daylight conditions. SAR images are typically analysed visually by expert ice analysts
or classified automatically into different ice types and open water, or sea ice parameters, such as sea
ice concentration (SIC), stage of development, degree of ice deformation, etc. [1-3]. The main usage
of the microwave radiometer data has been the mapping of SIC, e.g., [4,5]. It has been also used
for the estimation of snow thickness on sea ice and ice surface temperature, e.g., [6], mapping of
thin ice areas [7-9] or estimation of thin ice thickness, e.g., [10,11]. Scatterometer data has been used
for mapping of sea ice extent and ice edge location, and for sea ice typing [12]. All of the sensors
have been used for estimation of beginnings and endings of different sea ice thermodynamic regimes,
e.g., [12-14], and sea ice drift based on tracking of temporal changes in the imagery, e.g., [12,15-17].

For development and validation of sea ice retrieval algorithms for the microwave sensor data,
independent sources of sea ice data are needed. The most accurate and detailed data are obtained
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by in-situ measurements, but they may be expensive to conduct and have typically limited spatial
and temporal coverages. Airborne measurements with microwave sensors having similar properties
as the satellite sensors and with supporting optical sensors are also very valuable. In recent years,
the most extensive source of the airborne sea ice data in the Arctic has been the NASA’s Operation
Ice Bridge (OIB) [18]. The OIB measurements over sea ice are conducted only in the Western Arctic
(from Greenland to Alaska), and mostly in spring (March-May). Currently, there is very little airborne
data available over the Eastern Arctic, like the Kara Sea. Therefore, we would like to supplement
the available in-situ and airborne sea ice data with an additional dataset having good spatial and
temporal coverage. This can be derived from visible and thermal infrared (TIR) satellite imagery,
although there are limitations due to the cloud coverage, daylight conditions, and quality of the
derived sea ice products. Another option is to use fine resolution (<10 m) spaceborne SAR imagery and
derived products, which show more details about spatial variation of sea ice properties, like degree of
deformation, but these products themselves need validation, and the relationships between measured
radar signatures and sea ice medium properties are equal to those in the coarser resolution radar data.
The sea ice products that are derived from the visible and TIR imagery are largely independent of
those from the microwave sensor data. Ice charts based on multisensor satellite data and manual data
analysis methods can also be utilized, but the spatial resolution of the polygon-wise (containing ice
attributes) charts is rather coarse, and the sea ice information in the form of the World Meteorological
Organization (WMO) ‘egg code’ [19] may require further processing for comparison with other sea
ice products.

Visible and TIR satellite imagery have been used in many studies to aid in the development of
the sea ice products from the microwave sensor data, and/or to evaluate their accuracy, e.g., [9-11,20].
In some studies, the visible and TIR imagery are just visually compared to the sea ice products, and the
results are discussed in a more qualitative way. In more detailed studies, sea ice parameters, like ice
extent or SIC, are retrieved from the visible and/or TIR imagery allowing for statistical comparisons
between different sea ice products. Visible imagery have been used to derive pixel-based open-water
classification, and further SIC estimates over larger areas, or pixel-based SIC, sea ice typing, sea ice
albedo, melt pond fraction or thickness of snow-free thin ice (through relationships between sea ice
reflectance spectra or albedo and thickness), e.g., [20-29]. TIR imagery acquired under cold winter
conditions is first processed to the sea ice surface temperature (IST), and then the IST data are used
to estimate either pixel-based SIC [28-31], detect leads [32], or to estimate sea ice thickness (SIT) for
thin ice (<50 cm; can be also snow covered), together with atmospheric forcing data on the basis
of the surface heat balance equation, e.g., [33,34]. The IST based SIT estimation has many sources
of uncertainty, like accuracy of the forcing data, cloud masking, and snow thickness on sea ice, but
the SIT data has been found to be useful for the development of validation SIT retrieval algorithms
for the microwave radiometer data [10,11], ice typing [28], and for monitoring polynyas; their areas,
SIT distributions, and ice production rates, e.g., [35-37]. The maximum reliable retrieved SIT (set by
some uncertainty level) has varied in different studies, e.g., 20 cm in [37], 35-50 cm in [34], and up to
100 cm in [33].

There are not yet available well validated algorithms for retrieval of all sea ice parameters
from the visible and IST imagery. The estimations of IST and open water—sea ice classification (i.e.,
sea ice extent) have likely the best maturity. However, the quality of all sea ice retrievals from
the visible and IST imagery heavily depends on how well cloud masking has succeeded. In the
case of the Moderate Resolution Imaging Spectroradiometer (MODIS) spectrometer imagery, the
cloud masking typically has a good accuracy for polar daytime conditions when both reflectance
and brightness temperature (Tp) data are available, but the performance is much poorer for polar
night-time (only Tp data available) [38—41]. The detection of clouds in the polar region is inherently
difficult due to poor visible reflectance and Ty contrasts between clouds and the underlying snow /ice
surface. The undetected clouds in the Arctic are typically low-level (top height < 2 km) and high-level
clouds (top height > 6 km), and, especially, those that are geometrically thin (<2 km) [41]. In addition,
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the MODIS cloud detection algorithm severely underestimates cloud cover over sea ice [41]. It is
possible to evaluate the quality of the cloud mask in a sea ice product by its visual inspection against
RGB-images from combinations of suitable reflectance and/or Tp bands. In addition, manual editing
of the cloudmask has been conducted before the SIT estimation from the MODIS IST imagery [34].
However, these methods are laborious and too time consuming for processing large datasets.

Currently, visible and TIR imagery (swath data) from many sensors, like MODIS and Visible Infrared
Imaging Radiometer Suite (VIIRS), are used to generate operational sea ice products. The MODIS
Sea Ice Product (MOD29) (1 km pixel size) contains IST in both daylight and night-time conditions,
and sea ice extent under daylight only [42]. Sea ice detection is achieved through the use of grouped
criteria tests for sea ice reflectance characteristics in the visible and near-infrared (NIR) regions. VIIRS
sea ice products (750 m pixel size) include IST, SIC, and sea ice age class (ice free, new/young ice
(SIT < 30 cm), other ice) Environmental Data Records (EDRs) under both daytime and night-time
conditions [28,43]. SIC is sea ice fraction in a pixel, and it is estimated using tie point signatures for
open water and sea ice. The sea ice class in the night-time is estimated based on the IST and the surface
heat balance equation [33]. During the daytime, the ice age class estimation uses a modelled sea ice
reflectance look-up-table (LUT). The ice age class product does not yet meet the set specification of
70% probability for correct classification [28,44]. These MODIS and VIIRS swath data sea ice products
are also aggregated to daily gridded products, e.g., [42].

Visual analysis of these operational MODIS and VIIRS sea ice products shows that there are many
times cases of unmasked clouds that are classified as a sea ice parameter. Therefore, we think that
these products cannot be used as comparison data for other sea ice products without their manual
quality control and/or further processing.

Recently, new enhanced MODIS and VIIRS sea ice retrieval algorithms have been developed [23,29,35],
but by our estimation the resulting products are not optimal or accurate enough (e.g., due cloud
masking errors) alone for the development and validation of the sea ice products from the microwave
sensors. These new algorithms are reviewed in Section 2.

In this paper, we have developed new algorithms and procedures to process a daily SIT chart
and a daily open water—sea ice (OWSI) classification chart using the MODIS data. The daily SIT
chart can be processed for winter (cold) night-time conditions, and the daily OWSI chart for daylight
conditions. These charts are especially targeted for the development and validation of the sea products
from the microwave sensors. In the development of the chart processing procedures, we targeted to
reduce errors due to the undetected clouds, and to identify only larger cloud-free areas for the SIT
and OWSI chart processing. Areas with tattered cloud mask, i.e., cloudy vs. cloud-free classification
changes between neighbouring pixels, are not very useful for comparison with other sea ice products.
The identification of larger cloud free areas is conducted by processing the original MODIS cloud
mask, with 1 km pixel size to 10 by 10 km block size.

The daily SIT chart is based on all the available SIT swath charts calculated from the Terra and
Aqua MODIS night-time IST data available in the MODIS Sea Ice Product (MOD29) [42]. The SIT
estimation is conducted, as in our previous study in [34]. We enhance the cloud mask in the MOD29
IST imagery by using cloud cover data in the European Centre of Medium-Range Weather Forecast
(ECMWEF) ERA-Interim reanalysis data, and by further post-processing. The ERA-Interim cloud cover
data has been used previously for the MODIS cloud mask improvement in e.g., [35]. For determination
of the algorithm for the additional cloud masking with the ERA-Interim data, we had a large dataset
of manually cloud masked MODIS IST images for comparison.

The daily OWSI chart is processed from all of the available OWSI swath charts, calculated using
only the MODIS 250 m (the best possible MODIS resolution) reflectance (R) data. For determination
of the OWSI classification algorithm we had available MODIS R data manually selected from cloud
masked false-color RGB imagery for open water and various sea ice types in late winter, early melt,
and advanced melt conditions. The cloud mask here is based on the MODIS cloud mask product
(MOD35 [40]), with our new improvement to reduce false cloud detections over leads and polynyas.
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In the following, Section 2 first gives a review of recent developments in the MODIS and VIIRS
sea ice retrieval algorithms. Next, Section 3 describes our study area, the Barents and Kara Seas,
datasets and their processing, and algorithms from our previous studies that are used in this paper.
Our novel algorithms and procedures for calculating the daily SIT and OWSI charts from the MODIS
data are presented in Section 4. We present SIT charts that are calculated for the Barents and Kara
Seas from a time period from November 2015 to April 2016, and OWSI charts for Mar to June 2016 in
Section 5. The accuracies of the SIT and OWSI charts are studied using ice charts that are produced
by Arctic and Antarctic Research Institute (AARI) in Russia and Norwegian Meteorological Institute
(METNO), respectively. We also conduct a comparison in the sea ice extent mapping between the
thickness thresholded SIT chart and the OWSI chart. Both of the charts were processed for March to
April 2016. Next, we demonstrate the usage of our charts for validation of a SAR and radiometer data
based SIC product [45]. In Section 6 (Discussion), we compare our results to previous work, and finally,
we give our conclusions in Section 7.

2. Recent Previous Studies

In the following, recent developments in the MODIS and VIIRS sea ice retrieval algorithms
are reviewed. We also evaluate their shortcomings in light of using the resulting products for the
development and validation of the sea ice products from microwave sensors.

Paul et al. [35] has presented new method for producing daily IST and SIT composites over
polynyas, which includes usage of cloud cover information from the ECMWEF ERA-Interim reanalysis
data to complement the MODIS cloud mask [40], assigning daily medians (from swath data
observations) to IST and SIT, and a correction scheme for cloud-covered data. The IST and SIT
composites are based on the night-time data only, which excludes uncertainties related to the
effect of the solar shortwave radiation and surface albedo. Missing data in the daily IST and SIT
composites due to cloud cover are complemented by a two-step procedure that comprises spatial
feature reconstruction [46] and proportional extrapolation [47]. The spatial feature reconstruction is
based on data acquired +3 days around the day of interest and a SIT persistence index, which is the
ratio of the number of swaths per pixel per day that contain thin ice (SIT < 0.20 m) to the total number
of clear-sky acquisitions. The proportional extrapolation assigns thin ice to cloud-covered areas in the
same proportion as it is detected in the cloud-free area. These correction methods require setting up
boundaries over targeted polynya regions. The resulting SIT charts have been used successfully to
monitoring polynyas; their areas, SIT distributions, and ice production rates, both in the Arctic and
Antarctic [35,36].

We think that these SIT charts are not optimal for monitoring thin ice areas within fast moving drift
ice, or at rapidly changing ice edge, due to the cloud correction scheme that is based on data acquired
within several days. In addition, for comparison with sea ice products based on SAR or radiometer
swath data or their daily composites, we would like to identify automatically larger cloud-free areas
and discard areas where the cloud mask is tattered.

An improved algorithm for mapping the sea ice extent using the MODIS visible and NIR imagery
was recently presented by Gignac et al. [23]. The algorithm denoted as IceMap250 has a decision
tree approach that uses two different cloud masks to generate two intermediate open water—sea ice
(OWSI) maps, both used in the end to create a composite OWSI map. The first cloud mask one is
from the MOD35 cloud mask product [40], and the second one, called the visibility mask, is from the
thresholded normalized ratio between T3’s at 3.7 (MODIS band 20) and 12 um (band 32). The main
goal of the visibility mask is not to detect clouds, but outline areas where open water may be detected,
even though there are semi-transparent or thin clouds. The sea ice detection in based on a different
spectral reflectance ratio and reflectance tests than in the MOD29 sea ice extent chart. The IceMap250
requires downscaling of the MODIS 500-m bands (bands 3-7) to the 250 m resolution of the bands 1
and 2. Validation the IceMap250 chart based on comparison with visually interpreted validation data
showed a high classification accuracy (kappa values over 90%).
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The IceMap250 seems a promising new algorithm for the MODIS based OWSI classification at
250 m resolution, but we think it has some properties that are not optimal for using it as comparison for
the SAR based sea ice products. The downscaling of the MODIS 500 m data to the 250 m resolution may
lead to some classification errors, as noted in [23]. The OWSI classification algorithm was determined
using manually selected MODIS R data samples for open water and sea ice in general (no ice typing).
It would be good to also have R data statistics for various ice types. e.g., thin ice and heavily melt
ponded ice, to study how they could change the thresholds in the IceMap250 OWSI classification.
Identification of large cloud-free areas in the IceMap250 chart requires chart post-processing. Finally,
the IceMap250 requires acquisition all MODIS L1B data files (at 250, 500 and 1000 m resolutions).

A new VIIRS algorithm for sea ice detection and further SIC mapping has been presented by
Liu et al. [29]. Sea detection in daytime is based on a spectral R ratio (0.86 and 1.6 um; VIIRS bands
M7 and M10), a single band R (0.86 um) and IST, and in night-time on IST only. The SIC estimation in
daytime in based on the visible R band at 0.67 pm and tie point reflectances for open water and sea
ice with 100% SIC. For open water, the reflectance tie point has two different fixed values depending
on the solar zenith angle range, but for sea ice the tie point reflectance is dynamic and determined
locally. In night-time SIC is estimated using IST in a similar manner. The IST tie point for open water
has only one fixed value. Daily SIC charts are composed by overlaying older cloud-free data with
newer one. This VIIRS algorithm can also be applied to the MODIS data. The VIIRS SIC estimates were
validated using SIC observations from the Landsat 8 imagery (30 m resolution). The VIIRS SIC had
an overall bias of only —0.3% compared to the Landsat 8 SIC, and a precision of 9.5%. However, for
the medium range SIC the differences were larger (e.g., bias —17% and precision 26% for the 30-50%
SIC range), and they also depended on IST. These errors can be reduced with a tie point adjustment
method applied for areas with leads, but this was concluded to require further studies.

For the pixel-based SIC estimation, the local determination of the sea ice tie point is certainly
needed, but for the resulting tie point to be representative it requires that there are locally enough
cloud-free sea ice pixels with 100% SIC, and that sea ice properties are locally rather homogeneous.
The last requirement is not satisfied if the local area includes several ice types, like snow covered thick
ice and snow-free thin ice, or mixture of melt ponded ice and ice without melt ponds. At the ice edge
there may be no pixels at all with 100% SIC. Therefore, we suggest that currently the pixel-based SIC
charts from the visible and IST data [28-31] are not yet accurate enough, especially in the mid-range
of SIC (30% to 70%). It would be good to complement them with the SIC charts retrieved from the
pixel-based OWSI classification of the visible and/or IST imagery by calculating fraction of sea ice
pixels within radiometer footprints or segments of classified SAR images. The main drawback with
this approach is that if there are a lot of detected sea ice pixels which are not truly 100% sea ice (mixed
pixels), then SIC is overestimated.

The shortcomings of new MODIS and VIIRS sea ice products in a context of using them for
the development and validation of sea ice products from microwave sensor data are summarized in
Table 1.

Table 1. Shortcomings of new Moderate Resolution Imaging Spectroradiometer (MODIS) and Visible
Infrared Imaging Radiometer Suite (VIIRS) sea ice products when using them for the development and
validation of sea ice products from microwave sensor data.

Algorithm or Product Ref. Comments

Cloud correction scheme based on data acquired within several days; not usable for drift

Polynya SIT chart 3] ice. Suitable for monitoring only polynyas, not thin ice leads or thin ice at ice edge.

OWSI classification algorithm was determined using reflectance data samples for open

IceMap250 23] water and sea ice in general (no ice typing). Downscaling of the MODIS 500 m data to the

OWSI chart N 250 m resolution may lead to some classification errors. Identification of large cloud-free
areas requires chart post-processing.
Pixel-based SIC chart where SIC estimates depends how well determination of local tie

VIIRS . .
SIC chart [29]  points succeeds. Rather poor accuracy for medium range SIC. Further development and

validation are needed.
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3. Materials and Methods

In this section, we first describe our study area, the Barents and Kara Sea, followed by the data sets
that were used in our study and their pre-processing methods, and further, data processing methods
and algorithms developed in our previous studies and utilized here. Various MODIS products are
used as input data for the daily SIT and OWSI charts. The ERA-Interim reanalysis data is the external
forcing data for solving SIT from the ice surface heat balance equation [34], and for enhancing the
cloud masking of the MODIS night-time IST data. For development of an algorithm for using the
ERA-Interim cloud cover information in the cloud masking, we have a set of manually cloudmasked
MODIS SIT images that are available from a previous study [48]. Our OWSI classification algorithm is
developed using a R dataset for various sea ice types selected from manually cloud masked MODIS
RGB imagery. Ice charts by METNO and AARI are used for validation. Our experiment for using
the daily OWSI and SIT charts in the validation of other sea ice products involves a SIC chart that is
retrieved from the SENTINEL-1 SAR imagery and AMSR2 radiometer data [45].

3.1. Study Area

Our study area in the Barents and Kara Seas is shown in Figure 1. For the study area, we use
a polar stereographic coordinate system with true scale latitude of 70N and mid-longitude of 55E.
The size of the area is 2200 km (easting) by 1850 km (northing). Seasonal sea ice covers most of the
study area. In the far north, however, multi-year ice (MY]I) is present year-round [49]. The average
dates for the ice formation in the study area varies from 10 September in the far north to mid-November
in the southern Kara Sea and south-eastern Barents Sea (Pechora Sea), and March—April in the central
Barents Sea (west of Novaya Zemlya) [49]. Melting of the sea ice begins in late April in the marginal
ice zone of the Barents Sea. By the end of June, the central Barents Sea and the Pechora Sea are usually
completely ice-free. In August, the ice edge reaches Svalbard and Franz Josef Land. In the Kara Sea,
melting gradually starts in May and continues through July-August. Most of the Kara Sea is ice-free
between mid-July and mid-August. In the Kara Sea, the ice season lasts for 6-9 months depending on
the location and seasonal conditions.
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Figure 1. The Barents and Kara Seas study area for the MODIS based daily sea ice thickness and open
water-sea ice classification charts. The red rectangle shows the area. The Pechora Sea is part of the
Barents Sea.
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3.2. MODIS Datasets and Processing

The MODIS spectrometer measures reflected solar and emitted thermal radiation in 36 spectral
bands ranging from the visible to the TIR (0.415 to 14.235 um) at spatial resolutions of 250 m (bands 1
and 2: 0.659 and 0.865 um), 500 m (bands 3 to 7: 0.470, 0.555, 1.240, 1.640 and 2.130 um), and 1 km
(all others, including bands 31 (11.030 um) and 32 (12.020 pm) that are used in the IST retrieval [42]).
The size of the MODIS L1B imagery is approximately 2030 km along track and 2330 km across track
(swath width). The MODIS instrument is aboard NASA Terra and Aqua satellites. Following Terra
MODIS products are used in the study here:

e  MODO02QKM-MODIS/Terra Calibrated Radiances 5-Min L1B Swath 250 m

e MOD02HKM-MODIS/Terra Calibrated Radiances 5-Min L1B Swath 500 m

e MOD021KM-MODIS/Terra Calibrated Radiances 5-Min L1B Swath 1 km

e  MODO03-MODIS/Terra Geolocation Fields 5-Min L1A Swath 1 km

e  MOD35_L2-MODIS/Terra Cloud Mask and Spectral Test Results 5-Min L2 Swath 250 m and 1 km
e MOD29-MODIS/Terra Sea Ice Extent 5-Min L2 Swath 1 km

The same Aqua MODIS products are also used, but the prefix of the filename is MYD instead of
MOD. In the following these products are only referred with the ‘MOD’ prefix. The MOD29 product
was downloaded from the U.S National Snow and Ice Data Center (NSIDC), and all other products
from the NASA Level 1 and Atmosphere Archive and Distribution System (LAADS), Distributed
Active Archive Center (DAAC). The land mask for our study area was retrieved from the MOD44W
(Land Water Mask Derived L3 Global 250 m) product available at the NASA Land Processes (LP)
DAAC. The MOD29 product contains IST data and an OWSI chart based on reflectance tests. Under
ideal conditions, clear sky with a low amount of water vapour, the MODIS IST accuracy is 1-3 K [42,50].

For calculation of the daily SIT chart, all available MOD29 products (only IST data used) for the
study area shown in Figure 1 were downloaded for 1 November 2015 to 30 April 2016. The daily OWSI
chart is calculated using all available MOD02QKM products for 1 March to 30 June 2016. Both products
are accompanied by the co-incident MODO03 geolocation product, and the MOD02QKM product also
with the MOD35_L2 cloud mask product. The number of daily Terra and Aqua MODIS overpasses
(some only very small spatial coverage) in the study area varied from 21 to 28.

We have previously produced a set of MODIS SIT charts for October 2014 to April 2015 [48],
see details in Section 3.5. The cloud mask of the SIT chart, based on automatic cloud detection tests
and further manual editing, is utilized in this study.

In the determination of the R statistics for open water and various sea ice types, we utilize a R
dataset (MODIS bands 1-7) previously manually selected using cloud masked MODIS RGB imagery,
see Section 3.6. The input MODIS datasets here were MOD02, MODO03, and MOD35 products from
the Terra MODIS. The time period of this data set is May to July 2009, and its coverage is mainly the
Kara Sea.

The MOD02, MOD?29, and MOD35 products were rectified to a polar stereographic (PS) coordinate
system with true-scale latitude of 70 N and mid-longitude of 55 E (63 E for the 2009 data) using MODIS
Swath Reprojection Tool available from the NASA LP DAAC. In the rectification, original pixel sizes
(250, 500, or 1000 m) were kept. For all data, fixed PS grids (250, 500, or 1000 m) were used. The MODIS
sensor and sun zenith (0;5) angles available in the MODO03 product were rectified to the pixel sizes of
other products. The MODIS sensor scan angle (6;) was calculated from the sensor zenith angle, Earth
radius and satellite orbit altitude. Raw data from bands 1 to 7 were converted to top-of-the-atmosphere
(TOA) sun angle corrected reflectances.

RGB-images were generated from different combinations of the R or Tp bands, e.g., RGB-image
from bands 20-31-32 (3.750, 11.030, and 12.020 pm) and another one from bands 3-6-7 (0.470, 1.640, and
2.130 pm) for manual cloud masking of the MODIS night-time (Section 3.5) and daytime (Section 3.6)
data, respectively. These RGB-images typically highlight well cloudy and cloud-free sea ice and open
ocean areas.
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The land mask of the study area for the MODO02 R and Ty data was processed from the MOD44W
product with 250, 500, and 1000 m pixel sizes. Coastline was extracted from the land mask for the
RGB-images. The MOD29 product already has a land mask.

In all MODIS data analyses here and in the retrieval of the daily MODIS SIT and OWSI charts
05 is limited to a maximum of 40° (the overall maximum is 55°). At 05 of 40° the MODIS spatial
resolution in the across track direction decreases by a factor of around two [51], e.g., from 250 m at
nadir to ~500 m.

3.3. ERA-Interim Data

Numerical weather prediction model data over our study area were extracted from the ECMWF
ERA-Interim reanalysis data. In the MODIS IST based SIT retrieval, the following ERA-Interim model
parameters are used: air temperature and dewpoint temperature at 2 m height, wind speed U and
V components at 10 m, mean sea level pressure, and downward longwave radiation. For further
cloud masking of the MODIS IST data (night-time only) the ERA-Interim cloud cover data (total,
high, medium and low cloud cover) are used. The time step of all data is 3 h and grid spacing
is 0.25°. Over our study area the grid size is around 4-12 km along latitude and 28 km along
longitude. The ERA-Interim data for the SIT retrieval were rectified to the same PS coordinate system
as the MODIS data with the 1 km pixel size. The cloud cover data were rectified to a 10 km grid.
All ERA-Interim data were further linearly interpolated to the acquisition times of the MODIS swath
data sets, like in e.g., [35,36].

3.4. Sea Ice Thickness Estimation from MODIS IST Data

SIT from IST can be estimated on the basis of surface heat balance equation [33]. Major assumptions
here are that the heat flux through the ice and snow is equal to the atmospheric flux, and temperature
profiles are linear in ice and snow [33]. Our algorithm for the SIT estimation is described in detail
in [34]. Only night-time MODIS IST data are employed, and, thus, the uncertainties related to the
effects of solar shortwave radiation and surface albedo are excluded. To simplify the SIT retrieval, we
assume bulk of salinity of 9.2 ppt for sea ice, which corresponds to average salinity of sea ice with
thickness of 20 cm [52]. For snow thermal conductivity, we assume a constant climatological value of
0.31 W/m K1 as in [33]. For bulk transfer coefficients for heat and evaporation a constant value of 0.003
is used. Previously in [34], a simple linear parametrization between values for thin ice (0.003) and thick
ice (0.00175) was employed, but according to [37], a constant value of 0.003 is a good approximation
for sea ice with SIT < 50 cm. For the SIT estimation for snow covered sea ice, a typical relationship
between snow thickness and sea ice thickness is needed. It enables the conversion of a so-called
thermal ice thickness (no snow cover assumed) from the heat balance equation to the ice thickness of
snow covered ice. In [34], this relationship was estimated based on that derived by Doronin [53], and
used in [33], and on the Soviet Union’s Sever expeditions sea ice data [54]. The resulting relationship
was slightly discontinued at SIT of 20 cm. Here, we removed this discontinuity by following piecewise
linear relationship:

hs =0cm for h; < 5 cm,
hs =0.05-h; for5cm < h; < 15 cm,
hs =021-h; —24 cm for 15cm < h; < 20 cm,
hs = 0.09 - h; for h; > 20 cm,

)

where h15 is snow thickness and /; is sea ice thickness.

A detailed study of the MODIS based SIT uncertainty was conducted in [34] using data for three
winters in 2008-2011 over the Kara Sea. In this study, the atmospheric forcing data were obtained from
a numerical weather prediction model HIRLAM (HIgh-Resolution Limited Area Model). The typical
maximum reliable SIT (max 50% uncertainty) was estimated to be 35-50 cm under typical weather
conditions (air temperature T, < —20 °C, wind speed u < 5 m/s) that were present for the MODIS
data. The accuracy is the best for the 15-30 cm thickness range, being around 38%. These figures were
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based on the Monte Carlo method, using estimated or guessed standard deviations and covariances
of the input variables to the SIT retrieval. The largest SIT uncertainty came from T, and IST, and
downward longwave radiative flux had somewhat smaller roughly equal contributions.

Undetected thin clouds and fog increase the SIT uncertainty. Undetected high thin clouds result
in a cold bias in IST, making the sea ice appear thicker than it actually is. Ice fog that is generated by
intense vapour flux from leads and polynyas under cold conditions is warmer than surrounding fast
or pack ice IST, and is colder than IST for thin ice [55]. This leads to SIT underestimation for pack ice
and overestimation for thin ice.

The rather coarse resolution of 1 km for the IST data means that a pixel may cover mixture of sea
ice types with variable thicknesses, i.e., so-called mixed-pixel effect. In this case, IST and estimated SIT
are spatial averages for a 1 km pixel.

Our MODIS SIT retrieval algorithm is applied to the cloud masked IST swath data. The pixel size
of the MODI SIT chart is 1 km and it shows SIT from 0 to 1 m and various masks, e.g., land and cloud
masks. Retrieved SIT values over 100 cm are flagged as 100 cm, as for thick ice the SIT estimates have
poor accuracy [34]. The uncertainty of the retrieved SIT increases with increasing 1, and therefore,
the SIT retrieval is not conducted in conditions where T, > —5 °C. This T, limit was based on the
MODIS SIT uncertainty study conducted in [34].

3.5. Manually Cloud Masked MODIS Night-time Data

Previously we have processed a set of 124 MODIS SIT charts for October 2014 to April 2015 [48]
for the study area shown in Figure 1. We utilize here only the cloud mask of the SIT chart. It is
used in development of an algorithm for improving the cloud mask in the MOD29 IST chart with the
ERA-Interim cloud cover information.

The following method was used for the cloud masking of the night-time MODIS data [34,48].
Based on [38-40] and our visual analysis of different cloud tests for the MODIS night-time data,
we selected the following two cloud tests for the automatic cloud detection: (1) 11-3.9 um brightness
temperature difference (BTD) for low clouds; and, (2) 3.9-12 um BTD for high clouds. The cloud tests
are performed using non-overlapping 10 x 10 pixel blocks (10 by 10 km). If 10% (test 1) or 20% (test 2)
of the block pixels are cloudy according to a cloud test, then the block is labelled as cloudy. Next,
a morphological operation is performed to fill isolated small holes (clear sky). The results of the two
cloud tests are then combined. Clear-sky restoration is conducted using 11 pm Tp, by reasoning that
if under cold conditions it is over 272 K it represents cloud-free open water or very thin ice. Next,
the following manual editing procedures can be conducted: filling holes, removing erroneous cloud
mask elements, and masking arbitrary polygonal areas as cloudy or clear. The manual editing is
conducted using two RGB-images (RGB-bands 20-31-32; and, (32-31)-(31-22)-31). Finally, the IST image
is calculated and another round of manual cloudmask editing is conducted using the IST and the two
RGB-images. Using 10 x 10 km blocks for the cloud mask, we can better identify large cloud-free
areas and discard areas where the cloud mask is tattered. An example of the cloud mask is shown in
Figure 2.
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Figure 2. An example of the MODIS night-time data cloud mask processed using automatic cloud
detection tests and manual methods. The Terra MODIS data was acquired on 26 January 2015,
16:50 UTC. (a) MODIS RGB-image from bands 20, 31 and 32; (b) cloud mask in the same RGB-image.
The pixel size of the RGB-images is 1 km, and the cloud mask has 10 km by10 km block size.

3.6. Open Water and Sea Ice Reflectance Spectra from MODIS Data

In this paper, we develop an OWSI classification algorithm for the MODIS 250 m data (bands 1
and 2) using a TOA R dataset for open water and various ice types under late winter, early melt, and
advanced melt conditions. The R dataset was constructed by selecting manually sample windows
(3.5 by 3.5 km or 5.5 by 5.5 km) of different surface types from two MODIS RGB images, one from
bands 3-6-7 and another one from bands 2-1-3. In the first RGB-image, sea ice and snow appear bright
red and open water as black, and they are easily visually discriminated from clouds [56]. The latter
RGB image is suitable for the identification of melt ponded/wet sea ice, which can be identified by the
bluish colour in the image. Melt ponds have relatively much higher R at the MODIS bands 1 and 3
than at the band 2 [25] (Figure 2 and Table 1). The RGB-images were calculated from 34 cloud masked
Terra MODIS swath datasets (L1B) acquired from 1 May to 17 July 2009, and covering mainly the Kara
Sea. The R dataset includes the MODIS bands 1-7 and has 500 m pixel size. The dataset was prepared
within an earlier unpublished study, and, therefore, the MODIS data is from an earlier year (2009) than
the study period here.

Cloud masking of the MODIS datasets was conducted with similar methods as in Section 3.5.
Automatic cloud detection was performed using polar day cloud tests (in total four) from the MOD35
product [40].

Over the RGB images sample windows were manually selected for open water and following
sea ice types: snow covered thick first-year ice (TFYI) (thickness assumed to be over 30 cm), thin
FYI (THFYI) (nilas and young ice, surface snow-free or thin snow cover; or, pancake ice) in winter
(1-21 May 2009), and FYI covered with wet snow or early stage melt ponds (WETFYI) and melt ponded
FYI (MPFY]I) (likely snow mostly melted away) in summer (June—July 2009). The first three weeks of
May 2009 still represented winter conditions, with dry snow pack. Early melting occurred around the
first half of June, and advanced melting conditions (wet and melt ponded sea ice) likely were persistent
after that. The sizes of the windows were 3.5 x 3.5 km for THFYI and MPFYI and 5.5 x 5.5 km for
other surface types. The number of windows for each surface type varied from 86 for MPFYT to 809 for
WETFYI. The maximum sun zenith angle is 67° in the winter data (May), and the average is around 58°.
In the summer melting period data (June-July), the corresponding values are 58° and 51°, respectively.

The R spectra for the open water and winter ice types (TFYI and THFYI) are depicted in Figure 3,
and that for the open water and summer ice types (WETFYI and MPFY]I) in Figure 4. The R data can
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be used to study the discrimination of open water and sea ice, and different ice types using the MODIS
single band R’s, R ratios (band A/band B) or normalized ratios ((band A-band B)/(band A + band B)).
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Figure 3. The MODIS TOA reflectance spectra for open water, thin first-year ice (THFYI) and thick
first-year ice (TFYI) under winter conditions in the Kara Sea in May 2009. THFYI includes nilas, young
ice, and pancake ice, and its surface may be snow-free or covered with thin snow layer. The vertical
lines show 90% variation interval of the measured TOA reflectances. The MODIS bands from left to
rightare3,4,1,2,5,6,and 7.
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Figure 4. The MODIS TOA reflectance spectra for open water, sea ice covered with wet snow or early
stage melt ponds (WETFYI) and melt ponded ice (MPFYT) under summer conditions in the Kara Sea
in June-July 2009. The vertical lines show 90% variation interval of the measured TOA reflectances.
The MODIS bands from left to right are 3,4, 1,2,5, 6, and 7.

Comparison of our average TOA R spectra in Figures 3 and 4 to surface R spectra in [25] (Figure 2
and Table 1) shows that their spectral behaviours follow each other quite closely, but there are
differences in the R levels, especially at the band 2 for MPFYT here and young and mature melt
bonds in [25]. The surface R spectra in [25] are for pure surface types, but our TOA R values, are
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affected by the mixed-pixel effect (a pixel has mixture of melt ponds and bare ice) and spatial variation
of ice surface properties with the sample windows.

3.7. Daily Sea Ice Concentration Chart from AMSR2 Radiometer Data

A daily SIC product (level L3) over the Arctic from the Advanced Microwave Scanning Radiometer
2 (AMSR?2) radiometer data is used to provide open water—sea ice classification (sea ice when SIC > 15%)
for various studies here. The SIC product is freely available from the Japan Aerospace Exploration
Agency (JAXA). The SIC estimation is based on the Bootstrap algorithm [57]. The SIC chart is in the PS
coordinate system with mid-longitude of 45 W and has pixel size of 10 km. The chart was interpolated
to our study area by keeping the original 10-km pixel size.

3.8. METNO Ice Chart

The operational sea ice service at METNO produces a SIC chart that is based on a manual
interpretation of satellite data [58]. The SIC chart is a high resolution regional sea ice real-time product
for the Svalbard and Barents Sea region covering an area from east Greenland to Novaya Zemlya. The
chart does not cover the whole Kara Sea. Main satellite data source for the SIC chart is SAR imagery.
Currently, SENTINEL-1 and RADARSAT SAR imagery are used. In addition to the SAR imagery,
optical and TIR imagery from MODIS and Advanced Very High Resolution Radiometer (AVHRR),
are used. A skilled ice analyst uses the latest available satellite data, and draws the ice chart in an
ArcGIS production system. A new SIC chart is available every weekday at around 1400 GMT. The
chart is in a PS coordinate system with true-scale latitude of 90 N, mid-longitude of 0 E, and spherical
Earth datum. The pixel size of the chart is 1 km. The chart shows following SIC intervals of the WMO
total concentration standard [19]: very close drift ice (9-10/10), close drift ice (7-8/10), open drift ice:
(4-6/10), very open drift ice (1-3/10), open water (<1/10), and ice free. The chart also shows areas of
landfast ice, for which SIC of 10/10 is assigned.

The METNO SIC chart is available from Copernicus Marine Environment Monitoring Service (CMEMS)
(see http:/ /marine.copernicus.eu/; product code: SEAICE_ARC_SEAICE_14 NRT_OBSERVATIONS_
011_002).

The SIC chart has been validated visually against optical imagery from AVHRR and MODIS [59].
In addition, some alternative SAR imagery from COSMO-SkyMed SAR has been used. Generally,
a good agreement was found between the chart and the optical and SAR imagery. The SIC chart
has also been compared against manual ice chart by Danish Meteorological Institute (DMI) [59].
The METNO and DMI charts have an overlapping area in the Greenland Sea. In general, there is in
general a good consistency between the charts for the high SIC above 0.80. There is also, to a lesser
extent, a good consistency between the charts when SIC is below 0.20. The SIC differences (up to
0.19 on the average) and standard deviations (up to 0.28) are highest for the intermediate SIC values.
In general, the manual ice charts that are available through CMEMS are considered as the best available
sea ice information, and are used as reference for other sea ice data sets [59].

The METNO SIC chart is used for the validation of our MODIS based OWSI chart. The SIC charts
were resampled into 250 m pixel size and cropped over our study area, see Figure 5. In the validation,
the SIC chart polygons are represented by a mid-value of the SIC range (except the open water class),
i.e., the numerical SIC values are: 0.95, 0.75, 0.50, 0.20, 0.1, 0.0, and 1.0 for landfast ice.
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Figure 5. METNO ice chart on 12 May 2016. The original ice chart was resampled to the study area

shown in Figure 1 with 250 m pixel size. The original chart does not cover the northeast area of the
Kara Sea.

3.9. AARI Ice Chart

AARI produces weekly ice charts for the Barents and Kara Seas [60]. The charts show total
concentration (code CT in [19]) and partial concentrations of the first, second, and third thickest ice
(codes CA, CB, and CC in [19]), along with their respective stages of development (SA, SB, and SC)
and form of ice (FA, FB, FC) for polygonal areas of variable sizes [19]. The concentrations are shown
with intervals of either 0.1 or 0.2 wide. The stage of development gives ice typing and following
the thickness ranges are used: nilas (<10 cm), young ice (10-30 cm), grey ice (10-15 cm), grey-white
ice (15-30 cm), thin FYI (30-70 cm), medium FYI (70-120 cm), thick FYI (>120 cm), FYI in general
(>30 cm), and old ice (>120 cm) [19]. The form of ice shows e.g., ice floe size or occurrence of landfast
ice. Some polygons only have one or two stage of development classes that are assigned to them
(i.e., polygons are more homogenous). The ice charts are based on the available visible, TIR and SAR
imagery and reports from coastal stations and ships. The polygonalization of images and subsequent
interpretation and mapping of ice conditions are carried out by skilled ice analysts. The main purpose
of the weekly ice chart is to show the spatial distribution and characteristics of sea ice. The AARI
ice charts are in the digital SIGRID-3 vector file format [61]. We have not found any publication that
discusses the accuracy of the AARI weekly ice chart. The AARI ice charts are available through a
web-site [62].

The AARI ice charts are used for the validation of the MODIS SIT chart that is calculated for
November 2015 to April 2016. The total number of the AARI charts for this period is 26 for both the
Barents and Kara Seas. For the validation experiment polygons from an AARI chart were first gridded
with 1 km pixel size to our study area, as shown in Figure 1. Next, for each AARI ice chart polygon a
mid-range SIC and mid-range SIT or upper or lower SIT values of the first, second, and third thickest
ice types were assigned. However, for FYI in general type, a SIT value of 95 cm is used (same as for
thick FYI). An average SIT for each chart polygon was calculated as a sum of the SIT values for the
three ice types weighted with their SICs. Finally, the gridded charts for the Barents and Kara Seas were
combined together, see an example in Figure 6.
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Figure 6. AARI ice chart on 12 January 2016. The original ice chart in the SIGRID-3 shapefile format
was gridded to the study area shown in Figure 1 with 1 km pixel size. The chart shows average ice
thickness in cm-scale for each polygon, see the text for details of its calculation. Land and missing data
are indicate by the dark blue colour (=10 cm).

3.10. Sea Ice Concentration Estimation from SAR and Radiometer Data

We estimated SIC from SENTINEL-1 dual-polarized (HH/HYV polarization combination) SAR
and AMSR?2 radiometer data by applying an algorithm developed in [45]. The SIC estimation is based
on a Multi-Layer Perceptron (MLP) neural network [63] with SAR backscattering coefficients, several
SAR texture features, and spectral gradient and polarization ratios that were computed from the
AMSR?2 multifrequency Ty data as its input (the algorithm is denoted here as AMSR2 + SAR SIC).
The SIC estimates are computed for each SAR segment after a SAR segmentation phase with the
Iterated Conditional Modes (ICM) algorithm [64], i.e., the MLP inputs are segment-wise median values.
The AMSR?2 + SAR SIC algorithm was developed using data over the Baltic Sea for one whole ice
season (2015-2016), and it is applied here over the Barents and Kara Seas without any modifications.
For training the MLP digitized daily Baltic Sea ice charts that are produced at Finnish Meteorological
Institute (FMI) by ice analysts were used. In the FMI ice charting process, an ice analyst identifies and
indicates homogeneous ice areas by polygons and then attaches ice attributes such as SIC, minimum,
average and maximum ice thickness and degree of ice deformation to each polygon. These are then
digitized into a grid form with a 1 km grid cell size.

For comparison, we also estimate SIC based on the AMSR?2 SIC data and SAR image segmentation
(AMSR2 SIC + SAR segm.) [65]. Here, AMSR?2 gradient and polarization ratios alone are first used to
estimate SIC with the MLP at the resolution of the AMSR2 data (around 10 km). Next, the SIC estimates
are updated using the SAR segmentation by giving the SIC estimates as segment-wise medians.
The resulting SIC is then given in the resolution defined by the SAR segmentation. The AMSR2
SIC + SAR segm. algorithm was also used as a reference algorithm in [45].

The performance of these two SIC algorithms were evaluated in [45] against an independent
SIC dataset from the Baltic Sea ice charts. The mean absolute bias (L1 difference) was 6.7% for the
AMSR? + SAR SIC algorithm and 7.8% for AMSR2 SIC + SAR segm. The root-mean-square difference
was 18.3% and 19.1%, respectively.

3.11. SENTINEL-1 SAR Imagery and AMSR2 Microwave Radiometer Data

The SENTINEL-1 SAR and AMSR2 radiometer data based SIC charts over the Barents and Kara
Seas were calculated using 11 SENTINEL-1 Extra Wide (EW) Swath Mode SAR images that were
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covering the same time period as the MODIS SIT and OWSI charts. The SENTINEL-1 EW SAR images
have HH/HV polarization combination and 40 by 40 m pixel spacing. A linear incidence angle
correction [66] was applied to the HH-polarization images, and a SAR noise correction algorithm [67]
to the HV-polarization images. Next, the SAR images were rectified to our PS coordinate system,
with 100 m pixel size. Finally, a land mask for the AMSR-E radiometer data provided by NSIDC was

applied to the SAR images.
The AMSR2 L1R (resampled swath data) T data co-incident with the SENTINEL-1 SAR imagery
was rectified to our PS coordinate system, with 1 km pixel size using bilinear interpolation.

4. MODIS Daily Sea Ice Thickness and Open Water—Sea Ice Charts

Here, we present the developed algorithms and procedures for the calculation of the MODIS daily
SIT and OWSI charts.
4.1. Daily Sea Ice Thickness Chart

The MODIS daily SIT chart is based on the our previous SIT retrieval method for the MODIS IST
swath data and our new automatic procedure for improvement of the cloud mask in the MODIS IST
data and a composition procedure for the daily SIT chart from all available MODIS swath SIT charts.
A general flowchart of the SIT chart processing is shown in Figure 7.

Daily MODIS data
MQOD29 (1ST), MODO03

ERA-Interim Further cloud masking of
high and medium MODISIST
cloud fraction data Processing cloud mask
to 10 km pixel
ERA-Interim )
atmospheric MSIEI Shswalh I MS'II'JIShda“y
forcing data charts chart

Figure 7. A general flowchart for the MODIS daily sea ice thickness chart processing.

4.1.1. Further Cloud Masking of MODIS IST Data

The IST data in the MOD29 product has a cloud mask that is derived from the MOD35 product [40,42].
If the cloud flag (unobstructed field-of-view flag) is set to certain cloud only, then the pixel is set to
cloud. This increases the number of IST retrievals balanced against the clear-sky conservative nature
of the MOD35 cloud mask, and accepts potential cloud contamination in IST [42]. Unfortunately,
undetected clouds can be seen many times in the MOD29 IST charts. The MOD29 IST data has also an
artefact from the MODIS cloud masking algorithm, which uses the Near-real-time Ice and Snow Extent
(NISE) product from NSIDC to initialize the sea ice background flag that is used to direct algorithm
processing flow [42]. The NISE resolution is only 25 km, and therefore sea ice is detected as cloud
in some situations, which results in artefacts of straight line cloud edges and sometimes 90 degrees
corners in the cloud mask.

Recently, Paul et al. [35] combined cloud cover information of the MOD35 cloud mask and
the ERA-Interim medium-level cloud cover (mcc) data for the composition of the daily SIT charts.
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They applied a simple mcc threshold of 0.75 to detect cloud covered areas. The ERA-Interim mcc has
been observed to correspond closely to the satellite-derived cloud patterns over the Arctic in [68].

We utilize the ERA-Interim cloud cover information for enhancing the cloud mask in the MOD29
IST chart. For composition of our daily MODIS SIT chart, we want to identify large cloud-free
areas with high confidence in each single swath SIT chart. We studied first correlation between the
ERA-Interim cloud cover data (total, high, medium, and low cloud cover fractions) and our manually
enhanced cloud masked MODIS night-time data. Only data over sea ice that were determined by the
AMSR?2 daily SIC > 15% limit were used in the comparison. The total of number of datapoints for
the MODIS cloud-free case was 0.43 x 10° and 1.42 x 10° for the cloudy case. It was found that the
ERA-Interim total cloud and low cloud cover fractions did not have significant correlation with the
cloud-free vs. cloudy classification in the MODIS cloud mask, but for the high cloud and medium
cloud fractions (hicc and mcc) correlation existed. Following simple rule was determined for additional
cloud detection over pixels assigned as cloud-free in the MOD35 cloud mask:

cloudy if hce > 0.33 or mcc > 0.51. 2)

Using this rule, on the average 59% of cloudy pixels in the MODIS training data are detected
as cloudy, and only 10% of cloud-free pixels are erroneously flagged as cloudy. Our cloud masking
procedure for the MOD29 IST data is the following;:

e  First, the cloud mask in the rectified MOD29 product (1 km pixel size) is aggregated to 10 by
10 km blocks, and if there are more than 10% cloudy pixels in a block then it is flagged as cloudy.
This removes areas where the MOD29 cloud mask is very tattered (e.g., at cloud edges), and large
cloud free areas are better identified.

e The ERA-Interim cloud test (2) is run over the cloud-free 10 km blocks.

e  Small cloud-free areas (‘holes’ in the cloud mask) that are less than nine blocks in size (e.g., 3 by 3)
are flagged as cloudy.

In the resulting cloud mask the detection of cloudy areas is typically improved based on our visual
assessment. However, there still can be cases of unmasked thin clouds and fog that may have high
effect on the estimated IST. Sometimes cloud-free areas are erroneously flagged as cloudy. Figure 8
shows as an example the IST chart in the MOD29 product, our cloud masked IST chart, and a MODIS
false-colour RGB-image for visual assessment of the cloud masks. Figure 8c shows an example an area
(shown with an ellipse), which by visual analysis is mostly cloudy, but it assigned as mostly cloud-free
in the MOD35 cloud mask.
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Figure 8. Cont.
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Figure 8. (a) Terra MODIS MOD29 ice surface temperature chart on 11 January 12016, 08:55 UTC,
(b) the same chart after further cloud masking using the procedure developed here, and (¢) MODIS
RGB-image from bands 20-31-32. MODIS sensor scan angle was limited to be less than 40° in (a,b).
Dark blue colour in (a,b) shows combined cloud, scan angle and no-data mask (an area outside the
imaging swath). Vertical bar shows the IST scale in Kelvins. Black ellipse in (¢) shows an area which is
cloudy by visual analysis, but mostly assigned as cloud-free in (a).

4.1.2. Sea Ice Thickness Chart from MODIS IST Data

A SIT chart from a cloudmasked MODIS IST chart is calculated, as described in Section 3.4.
The chart shows SIT from 0 to 1 m with 1 cm resolution and has following data masks: land mask (pixel
value of 1.1 m), no MODIS data (ocean area outside the imaging swath MODIS or 65 > 40° (—0.3 m),
cloudmask (—0.2 m), SIT retrieval was unsuccessful (retrieved SIT negative), which indicates thick ice
(—0.1 m), and cloud-free ocean/sea ice areas with T, > —5 °C (—0.15 m), for which SIT retrieval was
not conducted, but if IST minus ocean freezing temperature was larger than —1 °C, then a pixel was
flagged as open water. The uncertainty for the SIT data between 0.5 and 1.0 m is large, over 50% [34],
but the data are kept for the composition of the daily SIT chart. Retrieved SIT values over 1 m are
flagged as 1 m. Figure 9 shows SIT chart calculated from the IST chart that is shown in Figure 8b.

4.1.3. Composition of the Daily Sea Ice Thickness Chart

The composition of the daily SIT chart starts with stacking all available Aqua and Terra MODIS
SIT charts that have at least 1000 pixels showing SIT data from 0 to 1 m or are flagged as thick ice
(—0.1 m mask). Next, for all thick ice pixels (—0.1 m), a SIT value of 1.0 m is assigned. For each pixel,
daily median SIT is assigned if the pixel has at least two SIT samples from 0 to 1 m. In the median value,
the effect of large SIT outliers due to unmasked clouds is less than in the mean value. The pixel-based
daily median SIT was also used in [35,36] for the polynya SIT chart. The requirement for having at
least two valid SIT samples decreases the errors due to the misdetected clouds. Finally, the resulting
SIT chart is processed to show the following SIT information: SIT in the range from 0 to 0.3 m, SIT
class of 0.31-0.5 m with SIT value of 40 cm, this corresponds to thin FYI of the first stage in the WMO
sea ice nomenclature [19], and SIT class >51 cm with SIT value of 50 cm. Only SIT classes for ice that
is thicker than 30 cm are shown due to the large inaccuracy of the retrieved SIT for thicker ice [34].
The SIT chart has also land (0.6 m) and no-data (—0.1 m) masks. The number of samples for each pixel
is also recorded. This can be used as a quality measure of the SIT data.

If sea ice drift is large during one day, then the procedure for the daily SIT chart composition
results in ‘smearing’ of leads. The daily SIT chart can be used to identify sea ice edge, polynyas and
leads with open water or a thin ice surface, and thick ice areas.
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Figure 9. Sea ice thickness chart calculated using the MODIS ice surface temperature chart shown
in Figure 8b. MODIS data was acquired on 11 January 2016, 08:55 UTC. Vertical bar shows sea ice
thickness scale from 0 to 1 m. Other thickness values represent various masks, see Section 4.1.2.

Figure 10 shows a daily SIT chart on 11 January 2016 as an example of charts with a large spatial
SIT data coverage. This chart can be compared to the AARI average SIT chart on 12 January 2016 in
Figure 6. Both of the charts show ice that is thinner than 30 cm in the middle of the southern Kara Sea,
polynyas along the west coast of the Yamal peninsula, but band of thicker ice (>50 cm) along the east
coast of Novaya Zemlya in the MODIS SIT chart is shown as thin ice in the AARI chart. The accuracy
of the daily SIT chart is further discussed in Section 5.
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Figure 10. Daily sea ice thickness chart on 11 January 2016 calculated from Terra and Aqua
MODIS swath data ice thickness charts. Vertical bar shows sea ice thickness scale from 0 to 0.3 m.
Other thickness values represent two thickness classes, 0.31 to 0.5 m with value of 0.4 m and >0.51 m
with 0.5 m, and land (0.6 m) and no-data (—0.1 m) masks. A corresponding AARI ice chart is shown in
Figure 6.



Remote Sens. 2017, 9, 1324 19 of 38

4.2. Daily Open Water—Sea Ice Chart

We present here the OWSI classification chart for the daylight conditions using the MODIS band 1
TOA R (0.659 um) data (250 m pixel size), see Figure 11 for a general processing flowchart. The cloud
mask in the OWSI chart is based on the MOD35 product, together with our improvement to reduce
false cloud detections over leads and polynyas, and further post-processing to better identify large
cloud-free areas.

Daily MODIS data
MOD0O2QKM
MODO03, MOD35

1) Overall cloud mask
from MOD35
2) Clear-sky restoration
over leads and polynyas
3) Processing cloud mask
to 10 km pixel size

MODIS swath
—m OWSI charts with —®
band 1 reflectance

MODIS daily
OWSI chart

Figure 11. A general flowchart for the MODIS daily open water—sea ice classification chart processing.

4.2.1. Open Water-Sea Ice Classification

We have previously conducted OWSI classification in the Bohai Sea using the reflectance ratio
(R;) between bands 1 and 2 [69]. SI was detected with R, < 1.8. The accuracy of the classification,
determined with visually selected training data, was quite good; the OW and SI misclassification
percentages were only 14% and 5%, respectively. The same method for the OWSI classification in the
Bohai Sea was used previously by Su et al. [70]. As discussed in Section 2 the IceMap250 algorithm
by Gignac et al. [23] is a promising new algorithm for the OWSI classification at the 250 m resolution
using the MODIS data, but we think it has some properties that are not optimal for using it for the
development and validation of the SAR based sea ice products, see Table 1. Therefore, we chose
not to develop a similar algorithm here. The R spectra for OW and various ice types under winter
and summer conditions in Figures 3 and 4 suggest that discrimination of OW and SI is possible with
very high accuracy under both seasonal ice conditions, even with single band R, including the 250 m
bands 1 and 2. The discrimination between TFYI from THFYI seems to be possible under winter
condition using the bands 1-4, although the R variation is very large for THFYI. The miss-classification
percentages are below 2% for all three classes. Under summer conditions, WETFYI and MPFYI cannot
be separated with any single MODIS R band or any R ratio. For WETFY], the R variation is large,
which is likely due to the continuous change of ice surface characteristics (i.e., snow melting and
increase of melt pond fraction) as the summer melt season progresses. The OW and SI discrimination
is also possible with R;, but the ice types cannot be discriminated, even under winter conditions.
In addition, the MODIS band 2 reflectance (R;) imagery has a detector striping artefacts, e.g., [71],
which yields sometimes OW R, values that are resembling those of SI, leading to false SI detection.
In the OWSI classification with only Ry, the striping artefact has much less effect on the results.

In summary, the results show that the OWSI classification with the MODIS 250 m R data is
possible. We chose to conduct the classification with the band 1 reflectance (R;) imagery, as it has
insignificant striping artefact (for our application). The threshold for the SI detection under both winter
and summer conditions was determined to be:

Ry > 0.10. 3)
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In the training R; dataset the OW and SI miss-classification percentages were below 0.5%. For the
classified MODIS R; images, the miss-classification percentages are likely somewhat larger as we do
not know how well very thin ice (dark nilas; thickness < 5 cm) is separated from OW, and how the
Rq signatures depend on daylight conditions (time of day and year, latitude) and atmospheric effects
(gaseous and aerosol scattering and absorption). In addition, thin unmasked clouds over OW are
misclassified as SI with Equation (3).

Unfortunately, the mixed-pixel effect affects the output of the OWSI classification. As the R;
threshold for the SI detection was set a rather low value, even a small fraction of sea ice, especially that
of snow covered ice, within the 250-m pixel leads to assigning the SI class for the pixel.

In the MOD29 and MOD35 products daylight data is defined as data collected with 8, less than
85° [40,42]. We use somewhat smaller limit of 80° as at high sun zenith angles the 1/ cos (05) term in
the TOA R calculation is highly variable. We also observed rather high R; values for OW when 0,
was close to 85°. These would lead to SI misclassifications.

Under winter conditions discrimination between THFYI and TFYI seems to possible, but we do not
include it here as we would need some auxiliary data (e.g., ERA-Interim) and a robust way to determine
when winter ends and summer melting starts (thermodynamically grown THFYI quickly melts away).
The development of such an algorithm is left for further studies. In addition, the mixed-pixel effect
would also decrease the accuracy of the THFYT vs. TFYI classification.

4.2.2. Cloud Masking of MODIS Reflectance Data

Cloud masking is started by assigning pixels that have ‘confident clear’, “probably clear’, or
‘probably cloudy’ value in the “‘unobstructed FOV quality flag’ of the MOD35 product as cloud-free [40].
As the cloud mask has a clear-sky, conservative nature also “probably cloudy’ pixels are set to as
cloud-free to increase number of available pixels for the OWSI classification. As in the daytime
conditions the MODIS cloud masking is more accurate than in the night-time, we do not use the
ERA-Interim cloud fraction data here.

Visual analysis of the resulting cloud mask vs. RGB images from bands 2-1-1 and 3-6-7 showed
that sometimes pixels on cloud-free leads and polynyas with open water or thin ice surface are
classified as cloudy. This is due to the NISE product with 25 km resolution being used to initialize the
sea ice background flag for directing the algorithm processing flow [42]. Thus, over polynyas and leads
wrong processing path may be applied, which could lead to false detection of clouds. The 11-3.9 um
BTD cloud test (bit19 in the MOD35 product) seemed to typically work correctly over these cloud-free
leads and polynyas by our visual analysis, but this test alone does not detect all the clouds over sea ice.
We found that R; can be used for clear-sky restoration, but it is difficult to set a proper R; threshold to
do so. For OW and opaque clouds R; distributions are distinct, but for thin ice and thin clouds over
OW, they have overlap. We determine the threshold based on the R; distribution for the NISE sea ice
pixels which are cloudy both in the MOD35 and BTD masks. The lower tail of this Ry distribution
represents thin clouds or thin ice misclassified as clouds. Allowing for some erroneous clear-sky
restoration we set the R threshold to 2.5 percentile of the R; distribution. To be more cautious we
limit maximum value of the threshold to 0.30, three times the R; threshold for the OWSI classification.
In the MODIS R; training data for OW and various ice types, only 10% of the R; values for THFYI
were less than 0.30, and for WETFYI and MPFYI together the corresponding percentage is also 10%.
For MPFY]I, only the percentage is high, 43%. Erroneous clear-sky restoration cases include at least
thin clouds over OW and cloud shadow areas.

The clear-sky restoration is conducted as following. First, the MOD35 cloud mask is processed to
250 m pixel size (4 x 4 250 m pixel blocks have a same mask value as the overlapping original 1 km
pixel), and then the following pixelwise test is run:

If NISE sea ice background flag is set & MOD35 mask shows cloudy & 11 — 3.9 um BTD test
shows cloud-free & R; < statistical threshold’, then cloud-free.

(4)
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Next, the cloud mask is aggregated into 10 km blocks (16 by 16 250 m pixels), and if there are
more than 25% cloudy pixels, then the whole block is flagged as cloudy. A larger fraction of cloudy
pixels is allowed than in the case of the SIT chart (10% fraction) as we assume that the cloud mask be
more reliable in the daytime conditions. Finally, small cloud-free areas (‘holes’ in the mask) less than
nine blocks in size are flagged as cloudy. These small cloud-free areas can be largely contaminated by
cloud shadows. The cloud masking steps are illustrated in Figure 12. Our visual analysis suggests that
the clear-sky restoration works typically correctly over the leads and polynyas.
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Figure 12. (a) MODIS RGB 2-1-1 image with overlaid cloud mask from the MOD35 product (‘cloudy’
of unobstructed FOV confidence flag); (b) cloud mask after clear-sky restoration over open water using
the band 1 TOA reflectance—amount of false cloud detections over the lead has decreased; (c) the final
cloud mask in 10 km block size—blocks with less than 25% cloud fraction have cloudy 250 m pixels;
and, (d) band 1 reflectance image which by visual analysis suggests that there is thin ice in the left edge
of the lead, not clouds (see (a)). The MODIS data was acquired on 12 May 2016 at 07:55 UTC. Coastline
is shown in the RGB-images.

4.2.3. Open Water-Sea Ice Chart from MODIS Data

An OWSI chart is obtained from the land and cloud masked R; imagery using Equation (3).
Figure 13 shows as an example the OWSI charts for the sub-images (a) and (c) in Figure 12. This example
demonstrates the improvement in the OWSI classification with our new cloud mask.

4.2.4. Composition of the Daily Chart

The daily OWSI chart is composed in the following way: all daily Aqua and Terra MODIS swath
data OWSI charts with more 16,000 OW and SI pixels (corresponds to ten 10 by 10 km blocks) are
stacked and for each pixel the OWSI classification is conducted as:

e  First, the number of OW and SI detections for each pixel is counted.
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e  If there was only one OW or SI detection during the whole day then only OW class can be assigned.
One SI detection is not accepted as it may be erroneously over unmasked clouds. On the contrary,
even single OW detection is considered reliable.

e In case of two OW and/or SI detections, the pixel is classified as SI only if there was two SI
detections, otherwise the pixel is classified as OW.

e  With three or more OW and/or SI detections the pixel is classified as SI if the number of SI
detection was larger, otherwise the OW class is assigned.
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Figure 13. MODIS open water—sea ice classification charts for the images (a) and (c) in Figure 12.
(a) Chart with the original MOD35 cloud mask; and (b) chart with the cloud mask developed here.

Detection of OW dominates over that of SI also in the IceMap250 algorithm [23]. False detections
of SI for unmasked thin clouds over OW in the swath charts are partly removed in the composition of
the daily OWSI chart. The resulting daily chart has coded pixel values for land mask, no-data, OW,
and SI. The number of OW /SI samples for each pixel is also recorded. Like in the case of the daily SIT
chart, a large sea ice drift may result ‘smearing” of leads. An example daily OWSI chart is shown in
Figure 14. The chart shows large open water polynyas in the eastern Kara Sea and west of the Yamal
Peninsula. These can be also visually seen in an RGB-image from bands 3-6-7 for the same date in
Figure 15. In the METNO ice chart in Figure 5, also for the same date, these polynyas have low SIC
of 1-3/10.

= Open water
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= No data
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Figure 14. Daily open water—sea ice classification chart on 12 May 2016 calculated from Terra and Aqua
MODIS swath data charts. A METNO ice chart for the same date is shown in Figure 5 and a MODIS
RGB-image from bands 3-6-7 in Figure 15.
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Figure 15. MODIS RGB-image from bands 3-6-7 on 12 May 2016, 09:30 UTC.

5. Results

We present here SIT charts that are calculated for the Barents and Kara Seas from a time period
of November 2015 to April 2016, and OWSI charts for March to June 2016. The accuracies of the SIT
and OWSI charts are studied using the AARI and METNO ice charts, respectively. We also conduct a
comparison in open water vs. sea ice mapping between the thickness thresholded SIT chart and the
OWESI chart. Finally, we demonstrate the usage of the charts for validation of SENTINEL-1 SAR and
AMSR?2 radiometer data based SIC products [45,65].

5.1. Daily Sea Ice Thickness Chart

The number of the daily MODIS data acquisitions over our study area varied from 20 to 26, when
counting also those with very small coverage. With the requirement of having at least 1000 pixels
of SIT data in each SIT swath chart, the number of charts is highly variable, from 5 to 22, due to the
variable degree of cloudiness. The average and modal amount of the charts for each day was 16 and
19, respectively. In March, and more in April, the number of swath charts and their coverage were also
limited by the daylight conditions.

The areal coverage of the SIT data in the daily chart varies a lot from day to day due to the cloudiness.
The average clear-sky fraction over ocean is only 14%, and 3/4 of fractions are below 17.5%. Against
the sea ice area by the daily AMSR2 SIC charts (SIC > 15%), the daily SIT charts have sea ice coverage
fractions from 0.02% to 72.6%, and the mean fraction is 28%. When dividing the fractions to 5% wide
bins then the modal fraction is the 25-30% bin. Half of the fractions are below 27%, and further 3/4 of
them are below 41%. These statistics show that typically the sea ice coverage in a daily SIT chart is
moderate. In addition, sometimes the cloud cover in our study area is so persistent that a daily SIT
chart contains too little SIT data for comparison with any other satellite data based sea ice product.

The number of SIT samples for a pixel varied from two to 14, the mean and modal values were
only four and two, respectively. For 51% of pixels of all SIT charts, the number of samples was only
either two or three, again due to the persistent cloudiness. At least two samples were required in the
chart composition. Increasing the minimum number of required samples would increase the reliability
of the SIT data, but this would significantly the decrease the spatial coverage of the daily chart.

Our visual analysis of the daily SIT charts showed that there are cases where some part of the
chart has cloud contamination, see Figure 16. The SIT chart for 23 January 2016 shows thick ice in
the middle of the southern Kara Sea (between the Novaya Zemlya and the Yamal Peninsula), but on
January 24, the chart shows instead a large area of thin ice (<25 cm) in the same location. This difference
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is very likely due to the undetected thin clouds or fog which have a higher temperature than IST for
thick sea ice. An AARI ice chart (processed to average thickness for each polygon) on 26 January 2016
in Figure 16¢ shows an average SIT of 30-40 cm for this area, and the dominant ice type is thin FYI
(30-70 cm) with SIC of 50% or 70%. This points out the SIT chart on 23 January being more correct one.
We conclude that manual quality control is needed for selecting the good quality charts (or chart areas)
for comparison with other sea ice products.
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Figure 16. Daily sea ice thickness chart (a) on 23 January 2016 and (b) 24 January 2016 over the southern
Kara Sea. (c) AARI ice chart on 26 January 2016 showing average sea ice thickness for each chart
polygon. Thin ice area in the middle of (b) is very likely due to the undetected thin clouds or fog.

As the SIT retrieval has many inaccuracies due to the inaccuracy of the forcing data and various
parametrizations [34], and the chart is showing daily median SIT, it is the best to use the chart for
indication of various ice thickness categories, like 0.01-0.15 m, 0.16-0.30 m, 0.31-0.50 m and >0.50 m,
or just for general open water, and thin (<0.30 m) and thick ice (>0.30 m) classes.

Validation with AARI Ice Chart

MODIS SIT charts for the same date and from the one day before and after were compared to
an AARI ice chart. For the comparison each AARI chart polygon was classified into open water, thin
ice (1-30 cm), thin FYI (30-50 cm), or thick FYI (>50 cm), according to the average SIT. For a AARI
chart polygon that had at least 50% coverage in a MODIS SIT chart, the dominant ice class from the
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MODIS data was determined as following: first fractions of the four ice classes in the SIT data were
calculated, and then the ice class which had the largest fraction, and having a value over 50%, was
assigned. This 50% fraction threshold rejected polygons, which were too heterogeneous in the MODIS
SIT data, which would make the determination of the dominant ice class too vague. The minimum
required size for the AARI polygons used in the comparison was set to 100 pixels. MODIS SIT values
less than 4 cm were assumed to represent open water. A slightly larger threshold than 0 cm was chosen
due to the inaccuracies of the SIT retrieval and the daily SIT chart. Daily average air temperature (Ty)
that was calculated from the ERA-Interim T, was used to study if the MODIS SIT chart accuracy is
different in warm and cold conditions.

The results of the comparison are shown in Table 2 in form of a contingency table. The MODIS
SIT chart identifies correctly all open water polygons in the AARI ice chart. For thin ice the MODIS SIT
chart accuracy against the AARI chart is only 44.5%, and 50.2% AARI thin ice polygons are classified
as thick FYI. The number of pixel-wise SIT samples for the MODIS daily SIT chart is typically slightly
larger in the correctly classified AARI thin ice polygons; the average is 4.8 and 64% of the polygon-wise
averages are below 5, than in the polygons that are classified as thick FYI; the corresponding statistical
figures are 4.0 and 77%. The miss-classification is more probable in warm weather conditions; for the
miss-classified polygons Ty, > —10 °C in 24% of the cases, but only 9% for the correctly classified
ones. Only 12% for the miss-classified polygons have T, < —20 °C, but for the correctly classified
ones, this percentage is 38%. When in the chart comparison only those AARI chart polygons where
the dominant ice type was a thin ice type (stage of development) with SIC > 70% were used then the
classification accuracy was still only 46%, and again, 50% of the polygons were classified as thick FYI.
Thus, the degree of homogeneity of the AARI chart polygons does not have significant effect on the
thin ice classification accuracy.

Table 2. Contingency table for the sea ice typing between the AARI ice chart and the MODIS ice
chart within the AARI chart polygons. The comparison time period is November 2015 to April 2016.
Numbers in brackets show the amount of samples.

AARI MODIS SIT Chart
Ice Chart Open Water Thin Ice Thin FYI Thick FYI Total
open water 100% (5) 0% (0) 0% (0) 0% (0) 5
thin ice <30 cm 4.2% (55) 44.5% (586) 1.1% (14) 50.2% (660) 1315
thin FYI 30-50 cm 0.5% (4) 12.0% (98) 0.2% (2) 87.3% (716) 820
thick FYI >50 cm 0% (0) 2.5% (34) 0.2% (2) 97.3% (1308) 1344
Total 64 718 18 2684 3484

Thin FYI class is not identified at all in the MODIS SIT chart, but is mostly identified as thick FYI
(87.3% of cases). However, the original AARI ice chart itself does not use the thin FYI class, but the
medium FYI category, which has a wider thickness range (30-70 cm). The thin FYI class here in the
AARI chart results from the weighted averaging at maximum three stages of development classes.
Therefore, we do not consider this mismatch as a serious defect. Nearly all (97.3%) thick FYI class
polygons in the AARI chart were identified correctly in the MODIS SIT chart.

In summary, the MODIS daily SIT chart identifies correctly open water and thick FYI polygons
of the AARI chart, but for the thin ice polygons, the classification accuracy is only around 45%, and
the most common error (around 50%) is their classification as thick FYI. This classification error is
slightly more common when the number of pixel-wise SIT samples in the daily SIT chart is small,
and clearly occurs more often in warm weather conditions (T, > —10 °C). Typically, the accuracy
of the retrieved SIT decreases as weather gets warmer, because the IST contrast between different ice
thicknesses decreases [34]. The SIT overestimation can also be due to inaccuracies in the atmospheric
forcing data, e.g., a positive bias in T;: now T,— IST for thin ice may resemble that of thick ice [34].
The SIT overestimation also occurs when there is unmasked fog over thin ice in cold conditions [34,55]
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or snow thickness on sea ice estimated with (1) is too thin when compared to reality. Thus, there are
many issues that can lead to SIT overestimation for thin ice, and which are mostly difficult to resolve.
Finally, it is noted that the accuracy of the AARI ice chart is unknown, and that the chart has only a
coarse ice thickness typing for large polygonal areas. For more accurate validation of the SIT chart
measurements with airborne electromagnetic induction ice thickness instruments would be needed.

We suggest that the MODIS daily chart can be used as comparison data for sea ice products from
the microwave sensor data, but as said previously, manual quality control (e.g., with the help of the
MODIS RGB-images) is needed to select the best charts for comparison.

5.2. Daily Open Water-Sea Ice Chart

For the daily OWSI chart, the number of the MODIS data acquisitions over the study area for
each day varied from 21 to 30. The number of daily OWSI swath charts with more than 16,000 pixels
of OWSI data (ten 10 by 10 km blocks) varies from 6 to 22, and the mean and modal amounts are
16 and 20, respectively. The mean number of the charts for March is ten, but for the first two weeks,
it is only seven. On 1 March, the daily OWSI chart can cover only the southern half of the study
area (up around —1600 km in northing in Figure 1) due to the daylight requirement of 0,5 < 80°.
After around 30 March, the full coverage is possible. In May and June, the amount of the OWSI swath
charts varies from 17 to 22, and the average is 20.

In the daily OWSI charts the average clear-sky fraction over ocean is only 18%, and 3/4 of
fractions are below 23%. These figures are slightly larger than those for the swath SIT charts. The sea
ice coverage fraction of the daily OWSI chart determined by the daily AMSR2 SIC chart (SIC > 15%)
varies from 1.2% to 79.3%. The mean fraction is 31%, and the modal one is the 20-25% bin (with 5%
wide bins). Half and 3/4 of the fractions are below 29% and 44%, respectively. The OWSI chart has
slightly larger sea ice coverage than the SIT chart (mean coverage was 28%). The SIT chart coverage
is not only limited by the cloudiness, but also by too warm conditions (T, > —5 °C), and by the
requirement for having at least two pixelwise samples.

The number of samples for the OW class in the daily chart varied from one to 14. The mean and
modal amounts were only three and one, respectively. For 55% of the OW class pixels, the number
of samples was only either one or two. For the S class, at least two samples were required, and the
modal amount is the same as this minimum number. The mean number of samples was four, and the
maximum was 14. The number of samples was only two or three for 48.5% of the SI class pixels. Like
in the case of the daily SIT chart, there is a trade-off between the OWSI chart reliability and coverage.

Visual analysis of the OWSI charts indicated the need for manual quality control before their
usage in further studies. However, as the OWSI chart derivation is much simpler than that of the SIT
chart, the quality problems are not that severe. Figure 17 shows two OWSI charts, one deemed to have
good quality by visual analysis and by comparison to METNO ice chart in Figure 17c, and one having
an area where undetected clouds are assigned as SI class.

For the validation of the daily OWSI chart there are no in-situ and airborne data available.
The chart accuracy is studied in next Section using the METNO ice chart. A validation study could also
be conducted with fine resolution visible imagery, like with Landsat 8 (has bands with 15 and 30 m
resolutions), as in [29]. However, this study would be hampered by possible cloud masking defects
in the fine resolution imagery, and an automatic or manual OWSI classification procedure would be
needed for the imagery. The best usage of the fine resolution imagery would be to investigate the
degree of the mixed-pixel effect on the OWSI classification.
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Figure 17. Daily open water-sea ice chart (a) on 27 April 2016 and (b) 28 April 2016. (¢) METNO ice
chart on 27 April 2016. An area indicated by ellipsoid in (a) has undetected clouds miss-classified as
sea ice. The chart in (b) has good quality based on the visual analysis of the MODIS RGB imagery and
the METNO ice chart.

Validation with METNO Ice Chart

The OWSI chart was compared against the METNO SIC chart from the same date in the following
way: first SIC chart polygons, which have at least 50% coverage by the OWSI chart and are larger than
1600 pixels (equivalent to 100 1 km pixels), are found. Next, the SIC estimates from the OWSI chart for
these polygons are calculated as fraction of sea ice pixels to the total number of pixels. Comparison
SIC data from all of the chart pairs were combined together, and statistics (e.g., mean) for the MODIS
SIC estimates for each SIC chart value (0.0, 0.1, 0.20, 0.50, 0.75, 0.95, and 1.0 for landfast ice) were
calculated. Typically, many of the SIC chart polygons are very large, and thus, this 50% minimum
coverage by the OWSI chart would rarely be fulfilled. Therefore, we included some fixed lines splitting
the polygons to smaller ones in the SIC chart. The number of samples varies from 111 (SIC value of
0.0) to 1100 (SIC value of 0.20). The polygons for lower SICs are typically smaller than those for larger
SICs, and thus, they often have over 50% coverage in the OWSI charts.

The results of the comparison are presented in Figure 18. The variation of the MODIS SIC
estimates for each METNO SIC chart value is large, e.g., for METNO SIC value of 0.50 the 10% and
90% percentiles are 0.07 and 0.98, respectively. However, the mean and median of the MODIS SIC
estimates have an increasing trend with the increasing METNO SIC. The mean SIC is slightly larger at
low and intermediate METNO SIC values (0.0 to 0.75); e.g., METNO SIC 0.20 vs. MODIS mean SIC
0.34, but at high SICs of 0.95 and 1.0 the relation is vice versa, e.g., METNO SIC 0.95 vs. MODIS mean
SIC 0.89. At low and high METNO SICs, the MODIS median SIC is close to them.
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Figure 18. Comparison between the sea ice concentration estimates from the METNO ice chart and
the MODIS open water—sea ice (OWSI) chart. The comparison period is March—June 2016. Vertical
bars show 10% and 90% percentiles of the MODIS SIC estimates for each METNO chart SIC value.
The METNO SIC of 1.0 is only for landfast ice, see text for explanation for large MODIS SIC variation.

We think that large MODIS SIC variation can be explained by the different properties of the
two charts. The METNO chart shows SIC estimates with a SIC range of only 0.1 or 0.2 for large
polygonal areas. The SIC estimates are based on the visual analysis of mainly SAR imagery, and also
on cloud-free optical and TIR imagery, when available [58]. By our experience visual detection of
small open water leads and polynyas (<few kms) is typically difficult in SAR imagery, and depends
on wave conditions (i.e., wind and fetch). Whereas, the OWSI chart can detect these in the 250-m
scale. Therefore, the METNO chart shows an average SIC for a large area, but locally, SIC can be
larger or smaller, and this can be detected by the OWSI chart. In addition, the sizes of the METNO
chart polygons have an effect on the comparison results, especially for landfast ice. Some landfast ice
polygons are small and next to open water (e.g., in the Pechora Sea, see Figure 1). In this case co-location
errors of the two charts can lead to large differences between the SIC estimates. The landmasks in the
two charts do not coincide exactly. When we increase the minimum acceptable METNO chart polygon
size to tenfold (to an area of 1000 1 km pixels) then the MODIS SIC variation decreases, and the mean
and median SICs are closer to the METNO SICs, e.g., now we have METNO SIC 0.20 (0.95) vs. MODIS
mean SIC 0.24 (0.94), and for landfast ice the mean SIC increases from 0.76 to 0.85. Further tenfold
increase of the minimum polygon size gives the mean MODIS SIC of 0.93 for landfast ice, and only
two SIC samples are below 0.8 (in total 32 samples).

We conclude that the OWSI chart on the average gives SIC estimates following those in the
METNO ice chart. Further studies with a fine resolution (<50 m) OWSI or SIC charts from airborne or
satellite optical imagery would be needed for a more detailed accuracy evaluation.

5.3. Comparison of MODIS SIT and OWSI Charts

The daily SIT and OWSI charts were compared to each other in open water—sea ice classification
during a period of March to April 2016. For the comparison the SIT chart was processed to a pixel
based OWSI classification by assuming that SIT values less than 4 cm represent open water. This chart
is denoted here as the SIT-OWSI chart. The OWSI chart with the 250 m pixel size was processed to
1 km pixel size (denoted as OWSI-1 chart) by assigning OW (or SI) class to a 1 km pixel if its area
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contained at least twelve 250 m OW (or SI) pixels (75% of all pixels). The comparison of the SIT-OWSI
and OWSI-1 charts was conducted over pixels which were either OW or Sl class in both charts. The
total number of these pixels is large, around 13.7 x 10°. Unfortunately, the SIT-OWSI charts do not
often show open water next to the ice edge due to the cloud mask.

Table 3 shows contingency table from the pixel-wise comparison of the charts. The SIT-OWSI and
OWSI-1 charts agree very well in the detection of OW and SI; 99.5% of the pixels are labelled with the
same class. The case where the OWSI-1 charts show SI, but the SIT-OWSI shows OW (percentage of
these pixels is 0.33%) is around two times is more common than the opposite case (0.17%). Within
single chart pairs, the equivalence between the pixels varies from 84.7% to 100%, but it is mostly
above 98%.

Table 3. Contingency table for the open water vs. sea ice classification in the OWSI charts processed
to 1 km pixel size and the sea ice thickness (SIT) charts processed to open water and sea ice classes.
The comparison period is March—-April 2016. Numbers in brackets show the amount of 1 km pixels.

SIT Chart
OWSI Chart
ar Open Water Sea Ice
open water 11.00% (1,503,771) 0.17% (23,157)
sea ice 0.33% (44,947) 88.50% (12,100,530)

This high agreement between the two charts gives further confidence on the reliability of our
algorithms and procedures for the MODIS SIT and OWSI chart processing. It is noted that the
two charts are fully independent in the estimation of the sea ice properties.

5.4. Validation of SAR and Microwave Radiometer Based Sea Ice Concentration Chart

SIC charts were calculated from the SENTINEL-1 SAR and AMSR2 radiometer data, with
two different algorithms: Al is SIC with the MLP having as inputs SAR segment-wise median
AMSR?2 and SAR features [45] (shortly SAR + AMSR2 SIC), and A2 is SIC first with the MLP having
only the AMSR?2 polarization and gradient ratios as inputs, and then the SIC estimates are updated
using the SAR segmentation [65] (AMSR?2 SIC + SAR segm.); for details see Section 3.10. Both of the
algorithms were trained for the Baltic Sea. We use currently Al for operational sea ice monitoring.
The older algorithm A2 was included here for reference and comparison. The total number of the SIC
charts with both algorithms is 11.

The SIC charts based on the SENTINEL-1 and AMSR2 data were compared to the co-incident SIC
data derived from the MODIS daily OWSI and SIT charts. The SIC data from the MODIS OWSI charts
was obtained by counting the number of open water and sea ice pixels for each SAR segment, and
computing SIC as a ratio between the sea ice pixels and the total number of pixels. The MODIS SIT
charts were first classified to open water and sea ice pixels using again the 4 cm thickness threshold,
and then the SIC estimates for the SAR segments were calculated. The agreement between the two SIC
datasets is characterized with the following statistics: mean bias, mean absolute bias (L1 difference;
shortly L1d), root-mean-square difference (RMSD), and coefficient of determination ().

The validation results for the two different SENTINEL-1 and AMSR?2 SIC charts calculated
with the SIC data from the MODIS OWSI charts (March, May and June 2016) are shown in Table 4.
A SAR + AMSR2 SIC chart and corresponding MODIS SIC chart (SAR segment-wise SIC) is shown in
Figure 19. For April 2016 there was no co-incident SIC charts and cloud-free MODIS data. The amount
of co-incident data was the largest for June 2016. The results suggest a good accuracy for the
SAR + AMSR?2 SIC chart, RMSD is only 11.5%, and L1d is only 5.4%, and 2 is high, 0.91. The match
between the SAR + AMSR2 SIC and MODIS SIC charts is good in Figure 19. The L1d and RMSD
statistics are only slightly worse for the AMSR2 SIC + SAR segm. chart. The mean bias is very small
for both SIC charts, below 2%.
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Table 4. Validation statistics for the sea ice concentration estimation using the SENTINEL-1 SAR and
AMSR?2 radiometer data and two different algorithms: AMSR2 + SAR SIC and AMSR2 SIC + SAR
segm. Sea ice concentration validation data were retrieved from the MODIS OWSI charts for March to

June 2016.
Algorithm ? Mean Bias (%) L1 Difference (%) RMSD (%)
AMSR2 + SAR SIC 0.91 1.9 54 11.5
AMSR?2 SIC + SAR segm. 0.86 13 6.5 14.1

b)
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Figure 19. (a) SENTINEL-1 SAR and AMSR?2 radiometer based SIC chart [45], and (b) SIC chart from
the MODIS OWSI chart on 9 June 2016. The charts cover an area in the Kara Sea between the Novaya
Zemlya and the Yamal Peninsula. X- and y-axis show easting and northing in km.

Table 5 shows validation statistics based on the MODIS SIC data calculated from the MODIS SIT
charts. Again, the results indicate good accuracy for the two SIC charts. Here, L1d and RMSD are
slightly smaller for the AMSR2 SIC + SAR segm. chart, but 2 is higher for the SAR + AMSR2 SIC chart.

Table 5. Validation statistics for the sea ice concentration estimation using the SENTINEL-1 SAR and
AMSR?2 radiometer data and two different algorithms: AMSR2 + SAR SIC and AMSR?2 SIC + SAR
segm. Sea ice concentration validation data retrieved from the MODIS SIT charts for November 2015 to

April 2016.
Algorithm 7 Mean Bias (%) L1 Difference (%) RMSD (%)
AMSR?2 + SAR SIC 0.92 —4.1 6.3 12.6
AMSR?2 SIC + SAR segm. 0.84 —-3.1 4.2 8.7

It is notable that the RMSD values in Tables 4 and 5 are lower than those for the Baltic Sea SIC
charts in [45], even though the two SIC algorithms were trained with the Baltic Sea ice data. This may
be due different type of validation data used in [45]; SIC estimates from manually prepared ice charts
in [45] vs. much finer resolution MODIS SIT and OWSI charts in here.

We think that the results of this validation experiment shows the applicability of the SAR + AMSR2
SIC and AMSR2 SIC + SAR segm. algorithms that are trained for the Baltic Sea, also for the Barents and
Kara Seas. It was not possible to determine which algorithm is the best one. Further work is needed for
training of the algorithms for all seasonal ice conditions, from sea ice freeze-up to advanced melting,
and to study dependence of errors on weather and sea ice conditions (e.g., different ice types, melting
ice). The training can be conducted using the MODIS OWSI and SIT charts covering 2-3 ice seasons.
MODIS charts from one ice season alone may not cover all different weather and sea ice conditions as
the chart coverage is significantly restricted by the clouds.
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6. Discussion

The accuracy of the cloud masking was found to be one of the main issues for the usability and
accuracies of the MODIS SIT and OWSI charts. Thus, we concluded that manual quality control is
needed for selecting the good quality charts (or chart areas) for comparison with other sea ice products.
However, this process can be conducted with a little effort, even for a large set of daily charts, like
covering one sea ice season.

Recently, Paul et al. [35] presented a new kind of daily SIT chart, which have been used in studies
of the Arctic and Antarctic polynyas [35,36]. The chart includes the correction of the cloud covered
areas, which is a good feature when you want to detect polynyas and monitor their temporal and spatial
dynamics, but due to this correction, we think that these charts are not optimal for monitoring thin ice
areas within drift ice or at rapidly changing ice edge. Overall, our daily SIT chart processing method
and that by Paul et al. [35] differ in cloud masking, and in the processing of the daily SIT information
from the swath data observations. We suggest that our daily SIT chart and that by Paul et al. [35] can
supplement each other in monitoring of the Arctic sea ice. We found out that the OWSI classification
in daytime can be simply conducted with high accuracy using only the MODIS band 1 reflectance
(R1) thresholding. In the training, MODIS R; data set the OW and SI miss-classification percentages
were below 0.5%. The R; imagery has the best possible MODIS resolution of 250 m. Previously also,
another simple algorithm, the reflectance ratio (R,) between bands 1 and 2 has been used for the OWSI
classification [69,70]. We found that this ratio is sometimes contaminated by a detector striping artefact
(see [71]) in the R, image which leads to false SI detection. Under winter conditions, discrimination
between THFYI and TFYI seems to be possible, but we think further studies are needed to confirm
this, and to study also the mixed-pixel effect in the classification. How well very thin ice (<5 cm) is
discriminated from OW is also currently unknown. A major flaw in the MOD35 cloud mask was found:
false cloud detection over cloud-free leads and polynyas with open water or thin ice surface due to a
coarse resolution sea ice product used to initialize the sea ice background flag for the MODIS cloud
mask algorithm processing flow [42]. We developed a clear-sky restoration algorithm to compensate
this error. It seems that this cloud mask error has not been taken into account in previous MODIS sea
ice classification studies.

Recently introduced IceMap250 algorithm by Gignac et al. [23] also produces the OWSI classification
at the 250 m resolution. This algorithm is more complex than ours and requires the acquisition of
all MODIS L1B data files (at 250, 500, and 1000 m resolutions). The IceMap250 uses a clever way to
detect OW through semi-transparent or thin clouds, which increases both the coverage of the OWSI
chart and its confidence. Unlike our algorithm the IceMap250 has a dynamic threshold in the OWSI
classification adapting to different seasonal sea ice conditions. Analysis of our MODIS R data for OW
and various ice types in different seasonal conditions showed that a fixed R; threshold is enough to
give an accurate OWSI classification. We suggest that a comparison study between the IceMap250 and
our OWSI algorithm should be conducted to see their pros and cons, and for any further developments,
like merging of the two algorithms. Currently, both of the algorithms slightly overestimate the sea ice
extent due to the mixed-pixel effect.

The R (daytime) or IST (night-time) data have also been used for the pixel-based SIC estimation [28-31].
This requires open water and sea ice (100% SIC) tie points. The sea ice tie point is determined from
local R or IST statistics, and for open water, fixed tie point values are used. The resulting sea ice tie
point is representative only when there is enough cloud-free sea ice pixels with 100% SIC, and when
sea ice properties are locally homogeneous. In the [29], the accuracy the SIC estimation with the VIIRS
data (both R and IST) was found to be good by comparison to Landsat 8 SIC retrievals, but the accuracy
was rather poor in the mid-range of SIC, (from 15% to 70%), and it also depended on IST. The SIC
estimation with IST has inherently poor accuracy in warm conditions as the difference between IST
and sea surface temperature is small, and the accuracy of the IST measurement itself starts to have a
large role in the accuracy of the estimated SIC [34,50]. We prefer to use the night-time IST for the SIT
estimation, as data on thin ice thickness is valuable in the development and validation of many sea ice
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products, like thin ice detection and thickness estimation with microwave radiometer data, e.g., [9-11].
In the SIT estimation, we have an air temperature limit (—5 °C), above which the SIT retrieval is not
conducted [34].

We think that the pixel-based SIC chart that is presented in [29] is not yet accurate enough to fully
develop and validate SIC charts from the SAR and microwave radiometer data. Therefore, it would
be good to complement it with our daily OWSI chart in the development and validation of other SIC
charts. We also propose to study if the MODIS 250 m data alone can be used for reliable pixel-based
SIC estimation, following the algorithm in [29].

The accuracies of the MODIS SIT and OWGSI charts were studied using the AARI and METNO ice
charts, respectively. The SIC estimates from the OWSI chart were found to follow on the average those
in the METNO ice chart. We also discussed issues that contribute to a large discrepancy sometimes
found between the SIC estimates from the two charts. Open water and thick ice FYI polygons
were correctly identified by the SIT chart, but for thin ice polygons the classification accuracy was
only around 45%, and the most common error (around 50%) was their classification as thick FYI.
This classification error was found to be more common in warm weather conditions (T,,;,, > —10 °C).
Other issues that lead to SIT overestimation for thin ice were also identified, like assuming too thin
snow cover on thin ice in the SIT retrieval (see (1)). In general, these issues are difficult to resolve and
require further studies.

The pixel-wise cross-comparison of the daily SIT and OWSI charts showed very good agreement
in open water vs. sea ice classification. We think that this gives further confidence on the reliability of
our MODIS algorithms.

For further studies on the accuracy of the charts, we would need fine resolution independent sea
ice data from satellite or airborne measurements.

When analysing our MODIS R data set for OW and various ice types, we observed an unnecessary
element in the sea ice detection algorithm of the MODIS Sea Ice Product (MOD29) [21,22,42]. The sea ice
detection rule there is that NDSI between bands 4 (0.555 um) and 6 (1.6 pm) must be larger than 0.4, and
Ry > 0.11 and R; > 0.10. In our data, NDSI was always larger than 0.4 for all surface types, see Figure 20.
Thus, the sea ice detection is really based only on R, and R;. NDSI was originally developed for
detection of snow over on land, and it separates snow covered and snow-free non-densely forested
regions [72,73]. It is noted that we also use R; > 0.10 for the sea ice detection.

10

Open water
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——THFYI |
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Figure 20. The MODIS normalized difference snow index (NDSI) between band 4 (0.555 um) and 6

(1.6 um) TOA reflectances for open water, thin first-year ice (THFYI) and thick first-year ice (TFYI)

under winter conditions in the Kara Sea in May 2009. THFYT includes nilas, young ice, and pancake

ice, and its surface may be snow-free or covered with thin snow layer. The bin width of the probability

density functions is 0.02.



Remote Sens. 2017, 9, 1324 33 of 38

7. Conclusions

We have developed algorithms and procedures for calculating daily SIT and OWSI charts based
on the MODIS IST (night-time) and reflectance (daytime) swath data, respectively. The target area for
the charts is the Barents and Kara Seas, but the charts can be processed for other Arctic Ocean areas
after some minor modifications in the algorithms. The charts are targeted to be used in development
and validation of sea ice products from swath or daily aggregated microwave sensor data. Therefore,
our cloud masking focus on identifying large cloud-free areas in the MODIS swath data, and no
supplementation of cloud covered areas in the daily charts using data from several days, as in [35],
is conducted. Unfortunately, the cloud masking of the MODIS daytime, and, especially, the night-time
swath data is challenging [38—41], and cases of miss-detected clouds or sea ice classified as cloud
occurs. Thus, manual quality control is needed for selecting the good quality charts (or chart areas) for
comparison with other sea ice products, but this process can be conducted with a little effort.

The SIT estimation from the MODIS IST swath data is based on previous studies [33,34], and we
focused here on enhancing the cloud mask of the MODIS night-time data with the help of the
ERA-Interim cloud fraction data, and further processing of the cloud mask (from 1 to 10 km pixel
size). The daily SIT chart is composed from available swath charts by assigning daily median SIT to a
pixel, if there was at least two SIT samples. This procedure somewhat compensates errors due to the
undetected clouds in the swath SIT charts.

For the development of the OWSI classification algorithm for the MODIS R data at the 250 m
resolution, we utilized MODIS R data manually selected for open water and various sea ice types in
late winter, early melt, and advanced melt conditions. Analysis of the R data showed that very accurate
OWEI classification is possible using only a simple fixed thresholding of the MODIS band 1 reflectance
(R1). The cloud masking of the R data is based on the MOD35 product [40], our new algorithm for
clear-sky restoration over leads and polynyas, and post-processing of the resulting cloud mask to the
10 km pixel size. The daily OWSI chart is calculated from all the available MODIS swath charts with a
set of rules that correct for false detections of SI in the swath charts due to the undetected clouds.

The SIT and OWSI charts were compared against the AARI and METNO ice charts, respectively.
On average, a good relationship between the charts was found, but there was also cases of noticeably
mismatch, especially in the identification of thin ice polygons in the AARI chart succeeded only with
45% accuracy. Plausible reasons for these mismatches were identified, and some of them may be
resolved with further studies. Pixel-wise cross-comparison of the SIT and OWSI charts showed very
good agreement in open water vs. sea ice classification which gives further confidence on the reliability
of our MODIS algorithms.

We suggest that these new daily MODIS OWSI and SIT charts can supplement other MODIS sea
ice products (sea ice extent, SIC, and SIT) [23,28,29,35,42] in the Arctic sea ice monitoring, and especially,
in the validation and development of sea ice products from the microwave sensor data.

There are several topics for further research, including to study whether it is possible to
discriminate thin and thick FYI with R; in late winter, estimate pixel-based SIC with Rj, increase
the accuracy of the SIT retrieval for thin ice, or merge our algorithms with previous ones for better
accuracy in the SIC or SIT retrieval. The mixed-pixel effect in the SIT retrieval and OWSI classification
should also be investigated.

We successfully demonstrated the usage of the MODIS OWSI and SIT charts for the validation
of SIC charts based on the SENTINEL-1 SAR and AMSR2 radiometer data and two different
algorithms [45,65]. The validation experiment showed the applicability of the two SIC algorithms
trained for the Baltic Sea, also for the Barents and Kara Seas. Further work needs to be conducted
for fine tuning the algorithms for the Barents and Kara Seas, and for all possible weather and ice
conditions, i.e., a representative training data set is required.
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Abbreviations

The following abbreviations and symbols and used in this manuscript:

AARI Arctic and Antarctic Research Institute

AMSR2 Advanced Microwave Scanning Radiometer 2
AVHRR Advanced Very High Resolution Radiometer
BTD brightness temperature difference

CMEMS Copernicus Marine Environment Monitoring Service
DAAC Distributed Active Archive Center (of NASA)
DMI Danish Meteorological Institute

ECMWEF European Centre of Medium-Range Weather Forecast
EDR Environmental Data Record

EW SENTINEL-1 Extra Wide Swath Mode SAR

FMI Finnish Meteorological Institute

FYI first-year ice

HIRLAM Hlgh-Resolution Limited Area Model

ICM Iterated Conditional Modes algorithm

IST (sea) ice surface temperature

JAXA Japan Aerospace Exploration Agency

L1d mean absolute bias difference

LAADS NASA Level 1 and Atmosphere Archive and Distribution System
LP NASA Land Processes DAAC

LUT look-up-table

MLP Multi-Layer Perceptron neural network

METNO Norwegian Meteorological Institute

MODIS Moderate Resolution Imaging Spectroradiometer
MOD29 MODIS sea ice product

MOD35 MODIS cloud mask product

MPFYI melt ponded first-year ice

MYI multiyear ice

NASA National Aeronautics and Space Administration
NDSI Normalized Difference Snow and Ice Index

NIR near infrared

NISE Near-real-time Ice and Snow Extent product
NSIDC U.S National Snow and Ice Data Center

OIB Operation Ice Bridge

ow open water

OWSI open water—sea ice

OWSI-1 250 m OWSI chart processed to 1 km pixel size
PS polar stereographic

RGB red-green-blue

RMSD root-mean-square difference

SAR synthetic aperture radar

SI sea ice

SIC sea ice concentration

SIT sea ice thickness

SIT-OWSI sea ice thickness chart processed to open water—sea ice classification chart
TFYI snow covered thick first-year ice

THFYI thin first-year ice
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TIR thermal infrared

TOA top-of-the-atmosphere

VIIRS Visible Infrared Imaging Radiometer Suite

WETFYI first-year ice covered with wet snow or early stage melt ponds

WMO World Meteorological Organization

R reflectance

R, reflectance ratio

Ry MODIS band x reflectance

T, air temperature at 2-m

Tom daily mean air temperature at 2-m

Tp brightness temperature

hs snow thickness

h; sea ice thickness

hee ERA-Interim high-level cloud cover fraction

mcc ERA-Interim medium-level cloud cover fraction

72 coefficient of determination

u wind speed at 10-m

0 MODIS sensor scan angle

0 sun zenith angle

References

1. Ochilov, S.; Clausi, D.A. Operational SAR sea-ice classification. IEEE Trans. Geosci. Remote Sens. 2012, 50,
4397-4408. [CrossRef]

2. Karvonen, J. Baltic Sea ice concentration estimation based on C-band dual-polarized SAR data. IEEE Trans.
Geosci. Remote Sens. 2014, 52, 5558-5566. [CrossRef]

3. Zakhvatkina, N.; Korosov, A.; Muckenhuber, S.; Sandven, S.; Babiker, M. Operational algorithm for ice-water
classification on dual-polarized RADARSAT-2 images. Cryosphere 2017, 11, 33—46. [CrossRef]

4. Ivanova, N.; Pedersen, L.; Tonboe, R.; Kern, S.; Heygster, G.; Lavergne, T.; Sorensen, A.; Saldo, R.; Dybkjar, G.;
Brucker, L. Inter-comparison and evaluation of sea ice algorithms: Towards further identification of
challenges and optimal approach using passive microwave observations. Cryosphere 2015, 9, 1797-1817.
[CrossRef]

5. Tonboe, R.T.; Eastwood, S.; Lavergne, T.; Serensen, A.M.; Rathmann, N.; Dybkjeer, G.; Pedersen, L.T.;
Hoyer, J.L.; Kern, S. The EUMETSAT sea ice concentration climate data record. Cryosphere 2016, 10, 2275-2290.
[CrossRef]

6. Comiso, J.C.; Cavalieri, D.J.; Markus, T. Sea ice concentration, ice temperature, and snow depth using
AMSR-E Data. IEEE Trans. Geosci. Remote Sens. 2003, 41, 243-252. [CrossRef]

7. Kern, S. Polynya area in the Kara Sea, Arctic, obtained with microwave radiometry for 1979-2003. IEEE Geosci.
Remote Sens. Lett. 2008, 5, 171-175. [CrossRef]

8.  Brohan, D.; Kaleschke, L. A nine-year climatology of Arctic sea ice lead orientation and frequency from
AMSR-E. Remote Sens. 2014, 6, 1451-1475. [CrossRef]

9. Maékynen, M.; Simild, M. Thin ice detection in the Barents and Kara Seas with AMSR-E and SSMIS radiometer
data. IEEE Trans. Geosci. Remote Sens. 2015, 53, 5036-5053. [CrossRef]

10. Tian-Kunze, X.; Kaleschke, L.; Maaf}, N.; Médkynen, M.; Serra, N.; Drusch, M.; Krumpen, T. SMOS-derived
thin sea ice thickness: Algorithm baseline, product specifications and initial verification. Cryosphere 2014, 8,
997-1018. [CrossRef]

11.  Iwamoto, K.; Ohshima, K.I.; Tamura, T. Improved mapping of sea ice production in the Arctic Ocean using
AMSR-E thin ice thickness algorithm. J. Geophys. 2014, 119, 3574-3594. [CrossRef]

12.  Long, D. Polar applications of spaceborne scatterometers. IEEE ]. Sel. Top. Appl. Earth Obs. Remote Sens. 2017,
5,2307-2320. [CrossRef] [PubMed]

13. Mahmud, M.S.; Howell, S.E.L.; Geldsetzer, T.; Yackel, ]J. Detection of melt onset over the northern Canadian

Arctic Archipelago sea ice from RADARSAT, 1997-2014. Remote Sens. Environ. 2016, 178, 59-69. [CrossRef]


http://dx.doi.org/10.1109/TGRS.2012.2192278
http://dx.doi.org/10.1109/TGRS.2013.2290331
http://dx.doi.org/10.5194/tc-11-33-2017
http://dx.doi.org/10.5194/tc-9-1797-2015
http://dx.doi.org/10.5194/tc-10-2275-2016
http://dx.doi.org/10.1109/TGRS.2002.808317
http://dx.doi.org/10.1109/LGRS.2008.916831
http://dx.doi.org/10.3390/rs6021451
http://dx.doi.org/10.1109/TGRS.2015.2416393
http://dx.doi.org/10.5194/tc-8-997-2014
http://dx.doi.org/10.1002/2013JC009749
http://dx.doi.org/10.1109/JSTARS.2016.2629418
http://www.ncbi.nlm.nih.gov/pubmed/28919936
http://dx.doi.org/10.1016/j.rse.2016.03.003

Remote Sens. 2017, 9, 1324 36 of 38

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

34.

35.

36.

Bliss, A.C.; Miller, J.A.; Meier, W.N. Comparison of passive microwave-derived early melt onset records on
Arctic sea ice. Remote Sens. 2017, 9, 199. [CrossRef]

Lavergne, T.; Eastwood, S.; Teffah, Z.; Schyberg, H.; Breivik, L.-A. Sea ice motion from low-resolution satellite
sensors: An alternative method and its validation in the Arctic. J. Geophys. 2010, 115, C10032. [CrossRef]
Karvonen, J. Operational SAR-based sea ice drift monitoring over the Baltic Sea. Ocean Sci. 2012, 8, 473-483.
[CrossRef]

Korosov, A.A.; Rampal, P. A Combination of feature tracking and pattern matching with optimal parametrization
for sea ice drift retrieval from SAR Data. Remote Sens. 2017, 9, 258. [CrossRef]

Kurtz, N.T,; Farrell, S.L.; Studinger, M.; Galin, N.; Harbeck, J.P; Lindsay, R.; Onana, V.D.; Panzer, B;
Sonntag, J.G. Sea ice thickness, freeboard, and snow depth products from Operation IceBridge airborne data.
Cryosphere 2013, 7, 1035-1056. [CrossRef]

World Meteorological Organization (WMO). WMO Sea-Ice Nomenclature; WMO/OMM/BMO Report 259;
World Meteorological Organization: Geneva, Switzerland, 2014.

Cavalieri, D.].; Markus, T.; Hall, D.K.; Ivanoff, A.; Glick, E. Assessment of AMSR-E Antarctic winter sea-ice
concentrations using Aqua MODIS. IEEE Trans. Geosci. Remote Sens. 2010, 48, 3331-3339. [CrossRef]

Riggs, G.A.; Hall, DK,; Ackerman, S.A. Sea ice extent and classification mapping with the moderate
resolution imaging spectroradiometer airborne simulator. Remote Sens. Environ. 1999, 68, 152-163. [CrossRef]
Hall, D.K,; Riggs, G.A.; Salomonson, V.V.; Barton, ].; Casey, K.; Chien, ].; DiGirolamo, N.; Klein, A.; Powell, H.;
Tait, A. Algorithm Theoretical Basis Document (ATBD) for the MODIS Snow and Sea Ice-Mapping Algorithms;
NASA GSFC: Greenbelt, MD, USA, 2001.

Gignac, C.; Bernier, M.; Chokmani, K.; Poulin, J. IceMap250—Automatic 250 m sea ice extent mapping using
MODIS data. Remote Sens. 2017, 9, 70. [CrossRef]

Qu, Y,; Liang, S.; Liu, Q.; Li, X,; Feng, Y.; Liu, S. Estimating Arctic sea-ice shortwave albedo from MODIS
data. Remote Sens. Environ. 2016, 186, 32-46. [CrossRef]

Rosel, A.; Kaleschke, L.; Birnbaum, G. Melt ponds on Arctic sea ice determined from MODIS satellite data
using an artificial neural network. Cryosphere 2012, 6, 431-446. [CrossRef]

Zege, E.P,; Malinka, A.V,; Katsev, LL.; Prikhach, A.S.; Heygster, G.; Istomina, L.G.; Birnbaum, G.; Schwarz, P.
Algorithm to retrieve the melt pond fraction and the spectral albedo of Arctic summer ice from satellite data.
Remote Sens. Environ. 2015, 163, 153-164. [CrossRef]

Su, H.; Wang, Y. Using MODIS data to estimate sea ice thickness in the Bohai Sea (China) in the 2009-2010
winter. J. Geophys. Res. 2012, 117, C10018. [CrossRef]

Key, J.R.; Mahoney, R.; Liu, Y.; Romanov, P,; Tschudi, M.; Appel, I.; Maslanik, J.; Baldwin, D.; Wang, X;
Meade, P. Snow and ice products from Suomi NPP VIIRS. ]. Geophys. Res. Atmos. 2013, 118, 12816-12830.
[CrossRef]

Liu, Y.; Key, J.; Mahoney, R. Sea and freshwater ice concentration from VIIRS on Suomi NPP and the future
JPSS satellites. Remote Sens. 2016, 8, 523. [CrossRef]

Drue, C.; Heinemann, G. High-resolution maps of the sea-ice concentration from modis satellite data.
Geophys. Res. Lett. 2004, 31, L20403. [CrossRef]

Drue, C.; Heinemann, G. Accuracy assessment of sea-ice concetrations from MODIS using in-situ measurements.
Remote Sens. Environ. 2005, 95, 139-149. [CrossRef]

Willmes, S.; Heinemann, G. Sea-ice wintertime lead frequencies and regional characteristics in the Arctic,
2003-2015. Remote Sens. 2016, 8, 4. [CrossRef]

Yu, Y; Rothrock, D.A. Thin ice thickness from satellite thermal imagery. J. Geophys. 1996, 101, 25753-25766.
[CrossRef]

Miékynen, M.; Cheng, B.; Simila, M. On the accuracy of thin-ice thickness retrieval using MODIS thermal
imagery over Arctic first-year ice. Ann. Glaciol. 2013, 54, 87-96. [CrossRef]

Paul, S.; Willmes, S.; Heinemann, G. Long-term coastal-polynya dynamics in the southern Weddell Sea from
MODIS thermal-infrared imagery. Cryosphere 2015, 9, 2027-2041. [CrossRef]

Preufler, A.; Heinemann, G.; Willmes, S.; Paul, S. Circumpolar polynya regions and ice production in the
Arctic: Results from MODIS thermal infrared imagery from 2002/2003 to 2014 /2015 with a regional focus on
the Laptev Sea. Cryosphere 2016, 10, 3021-3042. [CrossRef]


http://dx.doi.org/10.3390/rs9030199
http://dx.doi.org/10.1029/2009JC005958
http://dx.doi.org/10.5194/os-8-473-2012
http://dx.doi.org/10.3390/rs9030258
http://dx.doi.org/10.5194/tc-7-1035-2013
http://dx.doi.org/10.1109/TGRS.2010.2046495
http://dx.doi.org/10.1016/S0034-4257(98)00107-2
http://dx.doi.org/10.3390/rs9010070
http://dx.doi.org/10.1016/j.rse.2016.08.015
http://dx.doi.org/10.5194/tc-6-431-2012
http://dx.doi.org/10.1016/j.rse.2015.03.012
http://dx.doi.org/10.1029/2012JC008251
http://dx.doi.org/10.1002/2013JD020459
http://dx.doi.org/10.3390/rs8060523
http://dx.doi.org/10.1029/2004GL020808
http://dx.doi.org/10.1016/j.rse.2004.12.004
http://dx.doi.org/10.3390/rs8010004
http://dx.doi.org/10.1029/96JC02242
http://dx.doi.org/10.3189/2013AoG62A166
http://dx.doi.org/10.5194/tc-9-2027-2015
http://dx.doi.org/10.5194/tc-10-3021-2016

Remote Sens. 2017, 9, 1324 37 of 38

37.

38.

39.

40.

41.

42.
43.

44.

45.

46.

47.

48.

49.

50.

51.

52.

53.

54.

55.

56.

57.

Adams, S.; Willmes, S.; Schroder, D.; Heinemann, G.; Bauer, M.; Krumpen, T. Improvement and sensitivity
analysis of thermal thin-ice thickness retrievals. IEEE Trans. Geosci. Remote Sens. 2013, 51, 3306-3318.
[CrossRef]

Liu, Y;; Key, ].R; Frey, R.A.; Ackerman, S.A.; Menzel, W.P. Nighttime polar cloud detection with MODIS.
Remote Sens. Environ. 2004, 92, 181-194. [CrossRef]

Frey, R.A.; Ackerman, S.A.; Liu, Y;; Strabala, K.I.; Zhang, H.; Key, ].R.; Wang, X. Cloud detection with MODIS.
Part I: Improvements in the MODIS cloud mask for collection 5. J. Atmos. Ocean Technol. 2008, 25, 1057-1072.
[CrossRef]

Ackerman, S.; Frey, R; Strabala, K.; Liu, Y.; Gumley, L.; Baum, B.; Menzel, P. Discriminating Clear-Sky from
Cloud with MODIS Algorithm Theoretical Basis Document (MOD35); Version 6.1; Tech. Rep. for MODIS Cloud
Mask Team; Cooperative Institute for Meteorological Satellite Studies, University of Wisconsin-Madison:
Madison, WI, USA, 2010.

Chan, M.A.; Comiso, J.C. Arctic cloud characteristics as derived from MODIS, CALIPSO, and CloudSat.
J. Clim. 2013, 26, 3285-3306. [CrossRef]

Riggs, G.; Hall, D. MODIS Sea Ice Products User Guide to Collection 6; NSIDC: Boulder, CO, USA, 2015.
STAR Joint Polar Satellite System Website. Available online: https://www.starnesdis.noaa.gov/jpss/index.
php (accessed on 5 December 2017).

NASA VIIRS Land—NOAA Ice Characterzation EDR. Available online: https://viirsland.gsfc.nasa.gov/
Products/NOAA /IceEDR.html (accessed on 5 December 2017).

Karvonen, J. Baltic Sea ice concentration estimation using SENTINEL-1 SAR and AMSR2 microwave
radiometer data. IEEE Trans. Geosci. Remote Sens. 2017, 55, 2871-2883. [CrossRef]

Paul, S.; Willmes, S.; Gutjahr, O.; PreufSer, A.; Heinemann, G. Spatial feature reconstruction of cloud-covered
areas in daily MODIS composites. Remote Sens. 2015, 7, 5042-5056. [CrossRef]

Preufler, A.; Willmes, S.; Heinemann, G.; Paul, S. Thin-ice dynamics and ice production in the Storfjorden
polynya for winter seasons 2002/2003-2013 /2014 using MODIS thermal infrared imagery. Cryosphere 2015,
9, 1063-1073. [CrossRef]

Kaleschke, L.; Tian-Kunze, X.; Heygster, G.; Patilea, C.; Hendricks, S.; Ricker, R.; Tonboe, R.; Midkynen, M.;
Bertino, L.; Xie, J. ESA Support to Science Element (STSE) SMOS + Sea Ice, Final Report; European Space
Agency Study Contract Report, ESTEC Contract No. 400010112022/14/1-AM; European Space Agency:
Paris, France, 2017.

Johannessen, O.M.; Alexandrov, V.Y.; Frolov, 1.Y.; Sandven, S.; Pettersson, L.H.; Bobylev, L.P.; Kloster, K,;
Smirnov, V.G.; Mironov, Y.U.; Babich, N.G. Remote Sensing of Sea Ice in the Northern Sea Route: Studies and
Applications; Springer: Chichester, UK, 2007; pp. 25-64.

Hall, D.; Key, J.; Casey, K.; Riggs, G.; Cavalieri, D. Sea ice surface temperature product from MODIS.
IEEE Trans. Geosci. Remote Sens. 2004, 42, 1076-1087. [CrossRef]

Nishihama, M.; Wolfe, R.; Solomon, D.; Patt, F; Blanchette, J.; Fleig, A.; Masuoka, E. MODIS Level 1a Earth
Location: Algorithm Theoretical Basis Document Version 3.0, SDST-092; MODIS Science Data Support Team,
NASA /Goddard Spaceflight Center: Greenbelt, MD, USA, 1997.

Kovacs, A. Sea Ice Part 1. Bulk Salinity versus Ice Floe Thickness; CRREL Report 96-7; CRREL: Hanover, NH,
USA, 1996.

Doronin, Y.P. Thermal Interaction of the Atmosphere and Hydrosphere in the Arctic; Israel Program for Scientific
Translations: Jerusalem, Israel, 1971.

Romanov, I.P. Morphometric Characteristics of Ice and Snow in the Arctic Basin: Aircraft Landing Observations from
the Former Soviet Union, 1928-1989; NASA National Snow and Ice Data Center: Boulder, CO, USA, 2004.
Martin, S.; Drucker, R.; Kwok, R.; Holt, B. Estimation of the thin ice thickness and heat flux for the Chukchi
Sea Alaskan coast polynya from Special Sensor Microwave/Imager data, 1990-2001. ]. Geophys. Res. 2004,
109, C10012. [CrossRef]

NASA Earthdata Rapid Response FAQ. Available online: https://earthdata.nasa.gov/faq#ed-rapid-
response-faq (accessed on 5 December 2017).

Comiso, J.C.; Cho, K. Description of GCOM-W1 AMSR?2 sea ice concentration algorithm. In Descriptions
of GCOM-W1 AMSR2 Level 1R and Level 2 Algorithms; Report NDX-120015A; Japan Aerospace Exploration
Agency, Earth Observation Research Center: Ibaraki, Japan, 2013.


http://dx.doi.org/10.1109/TGRS.2012.2219539
http://dx.doi.org/10.1016/j.rse.2004.06.004
http://dx.doi.org/10.1175/2008JTECHA1052.1
http://dx.doi.org/10.1175/JCLI-D-12-00204.1
https://www.star.nesdis.noaa.gov/jpss/index.php
https://www.star.nesdis.noaa.gov/jpss/index.php
https://viirsland.gsfc.nasa.gov/Products/NOAA/IceEDR.html
https://viirsland.gsfc.nasa.gov/Products/NOAA/IceEDR.html
http://dx.doi.org/10.1109/TGRS.2017.2655567
http://dx.doi.org/10.3390/rs70505042
http://dx.doi.org/10.5194/tc-9-1063-2015
http://dx.doi.org/10.1109/TGRS.2004.825587
http://dx.doi.org/10.1029/2004JC002428
https://earthdata.nasa.gov/faq#ed-rapid-response-faq
https://earthdata.nasa.gov/faq#ed-rapid-response-faq

Remote Sens. 2017, 9, 1324 38 of 38

58.

59.

60.

61.

62.

63.

64.

65.

66.

67.

68.

69.

70.

71.

72.

73.

Dinessen, F; Hackett, B. Product User Manual for Regional High Resolution Sea Ice Charts Svalbard
Region. Available online: http://cmems-resources.cls.fr/documents/PUM /CMEMS-OSI-PUM-011-002.pdf
(accessed on 15 December 2017).

Eastwood, S.; Karvonen, J.; Dinessen, F.; Fleming, A.; Pedersen, L.T.; Saldo, R.; Buus-Hinkler, J.; Hackett, B.;
Ardhuin, E; Kreiner, M.B. Quality Information Document for OSI TAC Sea Ice Products. Available
online: http://cmems-resources.cls.fr/documents/QUID /CMEMS-OSI-QUID-011-001to007-009to012.pdf
(accessed on 15 December 2017).

Bushuev, A.V,; Loshchilov, V.S. Ice chart composition at AARI. In Remote Sensing of Sea Ice in the Northern Sea
Route: Studies and Applications; Johannessen, O.M., Alexandrov, V.Y., Frolov, LY., Sandven, S., Pettersson, L.H.,
Bobylev, L.P,, Kloster, K., Smirnov, V.G., Mironov, Y.U., Babich, N.G., Eds.; Springer: Chichester, UK, 2007;
Volume 3, pp. 243-252.

JCOMM Expert Team on Sea Ice. SIGRID-3: A Vector Archive Format for Sea Ice Georeferenced Information and
Data; JCOMM Technical Report No. 23; World Meteorological Organization: Geneva, Switzerland, 2014.
Ice charts by Arctic and Antarctic Research Institute. Available online: http:/ /wdc.aari.ru/datasets/d0004 /
(accessed on 5 December 2017).

Haykin, S.S. Neural Networks: A Comprehensive Foundation, 2nd ed.; Prentice Hall: Upper Saddle River, NJ,
USA, 1999; pp. 183-196.

Dempster, A.P,; Laird, N.M.; Rubin, D.B. Maximum likelihood from incomplete data via the EM algorithm.
J. R. Stat. Soc. Ser. 1977, 39, 1-38.

Karvonen, J. A sea ice concentration estimation algorithm utilizing radiometer and SAR data. Cryosphere
2014, 8, 1639-1650. [CrossRef]

Mikynen, M.; Karvonen, J. Incidence angle dependence of first-year sea ice backscattering coefficient in
SENTINEL-1 SAR imagery over the Kara Sea. IEEE Trans. Geosci. Remote Sens. 2017, 55, 6170-6181. [CrossRef]
Park, J.-W.; Korosov, A.; Babiker, M.; Sandven, S.; Won, J.-S. Efficient thermal noise removal for Sentinel-1
TOPSAR cross-polarization channel. IEEE Trans. Geosci. Remote Sens. 2017. [CrossRef]

Liu, Y.; Key, J.R. Less winter cloud aids summer 2013 Arctic sea ice return from 2012 minimum. Environ. Res.
Lett. 2014, 9, 044002. [CrossRef]

Karvonen, J.; Shi, L.; Cheng, B.; Simild, M.; Mdkynen, M.; Vihma, T. Bohai Sea ice parameter estimation based
on thermodynamic ice model and Earth observation data. Remote Sens. 2017, 9, 234. [CrossRef]

Su, H.; Wang, Y.; Yang, ]. Monitoring the spatiotemporal evolution of sea ice in the Bohai Sea in the 2009-2010
winter combining MODIS and meteorological data. Estuar. Coasts 2012, 35, 281-291. [CrossRef]

Bouali, M.; Ladjal, S. Toward optimal destriping of MODIS data using a unidirectional variational model.
IEEE Trans. Geosci. Remote Sens. 2011, 49, 2924-2935. [CrossRef]

Hall, D.K; Riggs, G.A.; Salomonson, V.V. Development of methods for mapping global snow cover using
Moderate Resolution Imaging Spectroradiometer (MODIS) data. Remote Sens. Environ. 1995, 54, 127-140.
[CrossRef]

Hall, D.K;; Riggs, G.A.; Salomonson, V.V.; DiGirolamo, N.E. Klaus; Bayr, K.J. MODIS snow-cover products.
Remote Sens. Environ. 2002, 83, 181-194. [CrossRef]

@ © 2017 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
@ article distributed under the terms and conditions of the Creative Commons Attribution

(CC BY) license (http:/ /creativecommons.org/licenses/by/4.0/).


http://cmems-resources.cls.fr/documents/PUM/CMEMS-OSI-PUM-011-002.pdf
http://cmems-resources.cls.fr/documents/QUID/CMEMS-OSI-QUID-011-001to007-009to012.pdf
http://wdc.aari.ru/datasets/d0004/
http://dx.doi.org/10.5194/tc-8-1639-2014
http://dx.doi.org/10.1109/TGRS.2017.2721981
http://dx.doi.org/10.1109/TGRS.2017.2765248
http://dx.doi.org/10.1088/1748-9326/9/4/044002
http://dx.doi.org/10.3390/rs9030234
http://dx.doi.org/10.1007/s12237-011-9425-3
http://dx.doi.org/10.1109/TGRS.2011.2119399
http://dx.doi.org/10.1016/0034-4257(95)00137-P
http://dx.doi.org/10.1016/S0034-4257(02)00095-0
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Recent Previous Studies 
	Materials and Methods 
	Study Area 
	MODIS Datasets and Processing 
	ERA-Interim Data 
	Sea Ice Thickness Estimation from MODIS IST Data 
	Manually Cloud Masked MODIS Night-time Data 
	Open Water and Sea Ice Reflectance Spectra from MODIS Data 
	Daily Sea Ice Concentration Chart from AMSR2 Radiometer Data 
	METNO Ice Chart 
	AARI Ice Chart 
	Sea Ice Concentration Estimation from SAR and Radiometer Data 
	SENTINEL-1 SAR Imagery and AMSR2 Microwave Radiometer Data 

	MODIS Daily Sea Ice Thickness and Open Water–Sea Ice Charts 
	Daily Sea Ice Thickness Chart 
	Further Cloud Masking of MODIS IST Data 
	Sea Ice Thickness Chart from MODIS IST Data 
	Composition of the Daily Sea Ice Thickness Chart 

	Daily Open Water–Sea Ice Chart 
	Open Water-Sea Ice Classification 
	Cloud Masking of MODIS Reflectance Data 
	Open Water–Sea Ice Chart from MODIS Data 
	Composition of the Daily Chart 


	Results 
	Daily Sea Ice Thickness Chart 
	Daily Open Water-Sea Ice Chart 
	Comparison of MODIS SIT and OWSI Charts 
	Validation of SAR and Microwave Radiometer Based Sea Ice Concentration Chart 

	Discussion 
	Conclusions 

