
Supplementary File S1: 

Statistical results of the PGLS model correlating cancer incidence rate ∼ total number of significant 

microRNAs copies across the 9 species included in the analysis, applied in order to check for potential 

bias due to species phylogeny or population structure. 

 
model <- pgls(cancer_rate ~ CNV, lambda="ML", data = comp.data) 

pgls(formula = cancer_rate ~ CNV, data = comp.data, lambda = "ML") 

 

Coefficients: 

• Residual standard error: 2.235 on 7 degrees of freedom 

• Multiple R-squared: 0.5776,  

• Adjusted R-squared: 0.5173  

• p-value: 0.01746  

 

  



 

Figure S1. “MicroRNAs in cancer” interaction graph. A, the network has been generated through 

miRTargetLink 2.0 [40]. The significant microRNAs included in the KEGG “MicroRNAs in Cancer” 

pathway (hsa05206) are highlighted in blue, whereas their related gene targets are depicted in green. 

Only hits with a minimum of 5 shared validated targets genes are shown. B, enrichment bar plot 

obtained using KEGG and WebGestalt tool [41]. 

 

 

  

6/1/22, 11:23 AM miRTargetLink 2.0

https://ccb-compute.cs.uni-saarland.de/mirtargetlink2/network/4044762e-247c-4dca-a97c-e7b01363ef83 1/3

Interact ion graph

 

 

Addit ional node info

miRNA: hsa-miR-30a-5p

See databases  See literature

Edit selected nodes

Click on a node or hold shift or control pressed while dragging with your mouse to perform lasso selection.

 Filling color  Font color

 Node size  

 Remove selected  Keep selected only

Show/ hide labels

 Toggle labels

Export sect ion

Download network as

Enrichment analysis

Choose a node type to run enrichment analysis using 

either miEAA 2 (miRNAs) or GeneTrail 3 (targets)

Start miRNA over-representation analysis 

Run miEAA 2.0

Start target gene over-representation analysis 

Run GeneTrail 3.0

An enrichment analysis may take up to one minute 

until the results are provided as download.

.JSON .PNG

Edit network

Network layoutmiRNA targets:   weak validated strong validated

.JPG

 Home

 Unidirect ional search

 Bidirect ional search

 Tutorial

 Statistics

 About

This website uses Matomo Analytics and cookies. For more information, please refer to the privacy notice for our websites. Learn more I agree

0 1 2 3 4 5 6 7 8 9 10 11
Enrichm ent rat io

Taste t ransduct ion

MicroRNAs in cancer

Progesterone-m ediated oocyte m aturat ion

Oocyte m eiosis

FDR ≤ 0.05 FDR > 0.05

6/1/22, 11:23 AM miRTargetLink 2.0

https://ccb-compute.cs.uni-saarland.de/mirtargetlink2/network/4044762e-247c-4dca-a97c-e7b01363ef83 1/3

Interaction graph

 

 

Addit ional node info

miRNA: hsa-miR-30a-5p

See databases  See literature

Edit selected nodes

Click on a node or hold shift or control pressed while dragging with your mouse to perform lasso selection.

 Filling color  Font color

 Node size  

 Remove selected  Keep selected only

Show/hide labels

 Toggle labels

Export section

Download network as

Enrichment analysis

Choose a node type to run enrichment analysis using 

either miEAA 2 (miRNAs) or GeneTrail 3 (targets)

Start miRNA over-representation analysis 

Run miEAA 2.0

Start target gene over-representation analysis 

Run GeneTrail 3.0

An enrichment analysis may take up to one minute 

until the results are provided as download.

.JSON .PNG

Edit network

Network layoutmiRNA targets:   weak validated strong validated

.JPG

 Home

 Unidirectional search

 Bidirect ional search

 Tutorial

 Stat ist ics

 About

This website uses Matomo Analytics and cookies. For more information, please refer to the privacy notice for our websites. Learn more I agree

0 1 2 3 4 5 6 7 8 9 10 11
Enrichm ent rat io

Taste t ransduct ion

MicroRNAs in cancer

Progesterone-mediated oocyte m aturat ion

Oocyte m eiosis

FDR ≤ 0.05 FDR > 0.05

0 1 2 3 4 5 6 7 8 9 10 11
Enrichment rat io

Taste t ransduct ion

MicroRNAs in cancer

Progesterone-m ediated oocyte maturat ion

Oocyte meiosis

FDR ≤ 0.05 FDR > 0.05

A

B



The heatmap plots shown below highlight the relationships between individual data points, and the 

corresponding relationships within clusters.  

 

Each group has a distinct set of copy number values, and the main branches representing cancer prone 

and resistant organisms perfectly distinguish the species. No additional information was given to the 

algorithm other than copy numbers.  

The model was able to discriminate between the two groups only using CNVs data. 

Euclidean distances, with both “complete” and “ward” methods have been applied. 

 

 

 

Figure S2. Heatmap of all the significant genes, clustered with Euclidean distance and ward linkage. 

 

  



 

 
Figure S3. Heatmap of all the significant genes, clustered with Euclidean distance and complete 

linkage. 

 

  



 

 
Figure S4. Heatmap of the significant MicroRNAs, clustered with Euclidean distance and ward 

linkage. 

 

 


