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Abstract: The application of AR to explore augmented map representation has become a research
hotspot due to the growing application of AR in maps and geographic information in addition to
the rising demand for automated map interpretation. Taking the AR map as the research object, this
paper focuses on AR map tracking and registration and the virtual–real fusion method based on
element recognition. It strives to establish a new geographic information visualization interface and
application model. AR technology is applied to the augmented representation of 2D planar maps.
A step-by-step identification and extraction method of unmarked map elements are designed and
proposed based on the analysis of the characteristics of planar map elements. This method combines
the spatial and attribute characteristics of point-like elements and line-like elements, extracts the
color, geometric features, and spatial distribution of map elements through computer vision methods,
and completes the identification and automatic extraction of map elements. The multi-target image
recognition and extraction method based on template and contour matching, and the line element
recognition and extraction method based on color space and area growth are introduced in detail.
Then, 3D tracking and registration is used to realize the unmarked tracking and registration of planar
map element images, and the AR map virtual–real fusion algorithm is proposed. The experimental
results and results of an analysis of stepwise identification and extraction of unmarked map elements
and map virtual–real fusion reveal that the stepwise identification of unmarked map elements and
map model virtual–real fusion studied in this paper is effective. Through the analysis of map element
step-by-step recognition efficiency and recognition rate, it is proved that the element step-by-step
method in this paper is fast, its recognition efficiency meets the AR real-time requirements, and its
recognition accuracy is high.

Keywords: AR map; point-like element recognition; line element recognition; tracking and registra-
tion; virtual–real fusion

1. Introduction

Augmented reality (AR) is a human–machine interaction technology that integrates
virtual information with real-world information. It uses terminal devices, intelligent
recognition, real-time tracking and registration, and other technical means to superimpose
various models on computers, text, and other virtual information on the real world for
humans to achieve an experience beyond reality by perceiving and interacting [1–3].

With the continuous development of AR in recent years, AR representation of geo-
graphic information has been made possible [4–6]. The application of AR to map infor-
mation visualization and the generation of AR maps results in maps that transcend the
traditional expression of two-dimensional topographic maps and three-dimensional virtual
models, provide a rich human–machine interaction interface and enhance the intuitive
interpretation of map information and the multidimensional representation of embedded
spatial information [3,7].

ISPRS Int. J. Geo-Inf. 2023, 12, 126. https://doi.org/10.3390/ijgi12030126 https://www.mdpi.com/journal/ijgi

https://doi.org/10.3390/ijgi12030126
https://doi.org/10.3390/ijgi12030126
https://creativecommons.org/
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://www.mdpi.com/journal/ijgi
https://www.mdpi.com
https://doi.org/10.3390/ijgi12030126
https://www.mdpi.com/journal/ijgi
https://www.mdpi.com/article/10.3390/ijgi12030126?type=check_update&version=1


ISPRS Int. J. Geo-Inf. 2023, 12, 126 2 of 22

The application of AR to explore augmented map representation has become a research
hotspot due to the growing application of AR in maps and geographic information [8–10]
in addition to the rising demand for automated map interpretation [7,8].

Based on 2D topographic maps in real scenes, AR maps superimpose virtual aug-
mented information onto topographic maps and display it in real-time. In addition, they
seamlessly integrate map world information with virtual world information and quickly
and intuitively decode information that is difficult to discern and understand on the
map [11,12]. Through the identification of signs, elements, or other special objects, the
parsed model and information are matched to the real scene for map augmentation expres-
sion, featuring rich information, strong interactivity, and realistic images. It can realize
map augmentation information interpretation and description anytime and anywhere in a
new interactive experience. AR maps provide support for the automated interpretation of
traditional 2D planar maps and enhance the interactive perception of spatial information
and the multidimensional dynamic visual description of the real world.

The main contributions of this study are as follows:

(1) This study proves the feasibility of using an automatic identification and extraction
method of unmarked map elements to implement augmented reality map applications.
Most of the previous AR studies focused on tags that replaced virtual models rather
than unmarked map elements, lacking flexibility and automation.

(2) The author designs and proposes a new step-by-step identification and extraction
method for unmarked map elements. This method combines the spatial and attribute
characteristics of point-like elements and line-like elements, extracts the color, geo-
metric features, and spatial distribution of map elements through computer vision
methods, and completes the identification and automatic extraction of map elements.
This method changes marker mode in traditional AR for the point-like and line
elements in planar maps. With the characteristics of being flexible, accurate, and
universal, it can automatically identify and extract multi-type and multi-objective
elements from the maps.

(3) A virtual–real fusion algorithm of augmented reality map and virtual model is pro-
posed. The algorithm with certain universality realizes step-by-step identification
and extraction for unmarked map elements, 3D tracking and registration, and the
seamless integration of the real scene and the virtual model.

(4) Through experiments, such as identification of unmarked map elements and virtual–
real fusion and results analysis, it is shown that the step-by-step identification and
extraction method for unmarked map elements proposed in this paper is effective. The
AR map virtual–real fusion algorithm can extract virtual models corresponding to map
elements and seamlessly integrate them with the real scene. The virtual models are
displayed accurately and stably so as to achieve the effect of expression enhancement.
Through efficiency and recognition rate analysis of step-by-step identification of
unmarked map elements, it is illustrated that the step-by-step identification and
extraction method for unmarked map elements proposed in this paper is effective,
with higher identification efficiency meeting the real-time requirements and a higher
accuracy rate. Compared with classical methods, the proposed method improves the
recognition efficiency and recognition rate of point-like elements and line elements in
the map.

2. Related Research

An AR system determines the position and orientation of the 3D virtual model to be
added in the real scene. This process is called tracking and registration, and it is one of the
core problems that AR technology needs to resolve. AR requires identifying a specific target
in a real scene and then aligning it with the virtual model in 3D space and determining the
mapping relationship of the virtual model in different coordinate spaces [13]. According
to the different registration methods, tracking and registration can be divided into sensor
hardware-based tracking [14] and registration and computer vision-based tracking and
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registration [15]. Computer vision-based tracking and registration can be divided into
markerless tracking and marked tracking, whereby markerless tracking focuses on the
automatic recognition and tracking and registration of specific research targets, which are
difficult to study at present.

In the study of AR maps, markerless tracking and registration involves a combination
of steps such as automatic map object recognition, coordinate space mapping, and virtual–
real fusion. In markerless tracking and registration, cameras in computing devices are
usually used to capture images of specific targets in the real environment and track the
target locations; then, pattern recognition techniques are used to identify the specific targets,
thus enabling the determination of target locations and directions. Finally, virtual models
or information such as 3D landmarks and rivers are overlaid and displayed on paper
maps [7,10,11] and then integrated and displayed together to form augmented maps [4,5,12].
Users can interact with the map in any way they see fit and make queries. While there
have been studies on markerless tracking and registration methods, most of them apply
to a small range of simple scenes. Moreover, these methods can only track and register a
small number of scenes and their features. In addition, they are generally used only for
the recognition, analysis, and tracking and registration of specific objects [8]; they lack
generality and universality. In addition, semantic description and location characteristics
are not tracked and registered. Presently, few studies have been conducted on generic
markerless AR for map spatial elements.

The markerless tracking and registration method usually works on the natural features
of objects in a scene. It mainly uses image-matching algorithms to achieve image segmen-
tation and matching based on natural features such as feature points [16], contours [17],
textures [18], and color boundaries [19] in real scenes or images to be matched. Therefore,
image matching is key to the success and accuracy of tracking and registration. Currently,
the SIFT [20], SURF [21], ORB [22] FREAK [23], and Over-Segmentation [19] algorithm is
the most widely used feature point-based image segmentation and matching algorithm in
AR; however, feature point-based methods are sensitive to tracking disturbances because of
the lack of detailed texture features on an object’s surface. Canny [24], Neural Network [25],
Robert [26], and other algorithms are the most widely used feature contour edge detection
algorithms in AR, but the edge contour-based method is more sensitive to the complex
background and target object occlusion. The above image-matching algorithms are not
suitable for AR applications targeting planar maps with different types of elements.

A real-time device tracks the spatial position and pose of an object on a paper map,
calculates the coordinates of the object in the camera based on this information, and achieves
accurate alignment of position-related information with the paper map screen. The virtual–
real registration method of affine transformation considers the spatial mapping relationship
among real-world coordinates, camera coordinates, and virtual-world coordinates [27].

After realizing the tracking and registration of map targets, in order to be able to
build a natural fusion of virtual and real scenes, an AR system also needs to ensure visual
consistency and rationality in the AR environment, superimpose the virtual model or
augmented information into a real scene, and perform fusion of the virtual and real worlds.
In the AR map virtual–real fusion process [27,28], the occlusion relationship between the
virtual model and the map in the real environment, the position, angle, and size of the
model display need to be clearly described. Using the results of map target tracking and
registration, virtual models and augmented information such as terrain [29], annotation
information [5], map symbols [12], and 3DGIS information [9,10,30] are accurately located
and merged with planar maps for presentation. This ensures that the virtual models
and information appear correctly and naturally on the screen and that the models and
the surrounding environment are coordinated with each other. Most of the existing AR
map studies display augmented information according to artificial marker locations [4,5];
however, an AR map is oriented to map elements with different types, different contents,
and certain generality, which adds difficulty to the virtual–real fusion. Therefore, the types
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of elements, spatial characteristics, element attributes, and the display and adjustment of
virtual models need to be considered in the fusion process.

Taking the AR map as the research object, this paper focuses on AR map tracking and
registration and the virtual–real fusion method based on element recognition. It strives to
establish a new geographic information visualization interface and application model. A
map element tracking and registration method that is suitable for the identification of map
elements such as points and lines and has a certain generality is designed and proposed.
This study also investigates the automatic recognition and tracking and registration method
of map elements and proposes a virtual–real fusion algorithm for unmarked map models.
Based on element recognition, the AR map combines the advantages of electronic maps
and planar maps and provides a new human–machine interaction and a rich semantic
information expression for modern planar map applications.

3. Identification and Extraction of Unmarked Map Elements

According to the spatial morphology and attribute characteristics of various elements
in planar maps, this paper designs and implements a method for identification and ex-
traction of unmarked map elements. The method targets point and line map elements,
combines the spatial and attribute characteristics of elements, and extracts the color, geo-
metric features, and spatial distribution of map elements through computer vision methods.
It also determines the attributes of element types, sizes, and colors, and completes map
element identification, aiding in 3D tracking and registration and virtual reality fusion.

3.1. Characterization of Planar Map Elements

Map symbols, which comprise graphics with different shapes, sizes and colors, and
texts, are the graphic language for expressing map contents [31]. These map symbols not
only show the spatial location, size, quality, and quantity of geographical objects but also
visually show the spatial distribution characteristics and interrelationships of geographical
objects and their overall regional characteristics.

Point elements of a planar map usually represent small areas or points that cannot be
represented on a scale. They are usually significant, representing schools, stations, and so
on [32]. Point elements in a planar map are usually identified by points that must be of
a specific size and shape and must also be characterized by definite points of orientation
and directionality, variations in color, etc. The symbols representing the point elements
of a planar map have relatively regular shapes and colors and are mostly geometric in
composition; however, they usually have only a locational significance.

The line elements of a planar map usually express things that extend in a line or
band, such as roads, rivers, and boundaries [32]. The line elements in a planar map are
usually identified by a spatial line, which can express the type, spatial location, distribution,
extension form, and length of things by shape and color but not their width. Line elements
usually have a tangible or invisible positioning line, which is the skeleton of the underlying
structure forming the map object.

According to the geometric form and distribution status of map objects, 2D map sym-
bols can be divided into point, line, and surface symbols. The identification of unmarked
map elements studied in this paper is precisely for point and line map elements, which
can be targeted for identification and tracking and registration according to the spatial and
attribute characteristics of different types of map elements.

3.2. Step-by-Step Identification and Extraction Method for Unmarked Map Elements

The recognition of planar map elements is a key step in the application of markerless
AR maps. In this study, the automatic recognition of point and line elements of the
planar map is performed by using a multi-target step-by-step recognition method, i.e., the
image captured by the camera is judged in real-time. Given the characteristics of different
categories of map elements, template matching and image feature extraction are used to
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extract the point and line elements of the planar map in a step-by-step manner by using
color pre-classification, image opening and closing operations, and contour detection.

3.2.1. Multi-Target Point-like Element Recognition and Extraction Based on Template and
Contour Matching

Image template matching is a recognition method that retrieves the parts of a complete
image that match well with another template image [33]. During template and source
image matching, the template regularly slides across the source image to be detected from
top to bottom and from left to right. Each time the template slides to a new pixel point,
an image region with the same size as the template is truncated from the source image
using this pixel point as the top left vertex, and a pixel-level comparison operation is
performed with the template. A grayscale image is eventually returned, where each pixel
value reflects how well the neighborhood of that pixel matches the template [34]. The
matching degree calculation can be done by methods such as the sum of squares difference
matching, correlation matching, and correlation coefficient matching. Based on the results
of the matching degree calculation, it is determined whether the template and the source
image match.

In planar maps, point-like elements of the same category have similar morphologies,
and their sizes are relatively small. This study uses a multi-target image recognition and
extraction algorithm based on template and contour matching to identify and extract
several different types of point-like elements from planar map backgrounds. The algorithm
has multi-class and multi-target features, and different effects on the matching degree
calculation method also produce different effects.

The flow of the image multi-target recognition and extraction algorithm based on
template and contour matching in this study is shown in Figure 1.
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Figure 1. The flow of the image multi-target recognition and extraction algorithm based on template
and contour matching.
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(1) Image preprocessing.

First, load the source image and the multi-template image and perform image initial-
ization. Acquire information about the attributes, such as template image and source image
size, and make the image smooth using Gaussian filtering.

(2) Multi-template coarse matching.

Template matching is a method of finding targets in a specific template in a source
image. All possible locations in the image are traversed and compared for similarity to
location in the template. When the similarity reaches a threshold, the initial discovery of the
target is confirmed. Template matching is used in combination with a recursive algorithm
to achieve recognition and extraction oriented to multiple templates and multiple targets.

In template matching, the squared difference matching method is chosen as the
evaluation criterion to evaluate the similarity of two images. The squared difference
matching (TM_SQDIFF) method uses the sum of squares of individual pixel differences
between the image and the template to perform the matching. A match value of 0 is
obtained when the match is the best. The worse the match, the larger the match value. The
squared difference matching method can be expressed by Equation (1):

R(x, y) = ∑
x′ ,y′

(
T
(
x′, y′

)
− I
(
x + x′, y + y′

))2 (1)

where T represents the template image, I represents the image to be matched, and the
matching result is denoted by R.

(3) Contour fine matching.

The contour fine matching in this study is a further application of the Canny edge
detection method based on multi-template coarse matching [35]. The method is based on
the first-order differential operator with two improvements of non-maximal suppression
and double thresholding. The use of non-maximum suppression can not only effectively
suppress multi-response edges but also improve the localization accuracy of edges. The
use of the double-thresholding method can effectively reduce the edge miss detection rate.
Canny edge detection consists of the following steps.

Calculate the gradient intensity and direction of the image. The gradient is usually
used in images to indicate the degree and direction of change in gray values. Two pixel
points with a large difference are judged to be edges, and the change in gray value is
maximum at the edges. The gradient values gx(m, n) and gy(m, n) in different directions can
be obtained by using the Sobel edge detection operator. The gradient value and gradient
direction at a pixel point (m, n) can be calculated by Equation (2):

G(m, n) =
√

gx(m, n)2 + gy(m, n)2 (2)

θ = arctan
gy(m, n)
gx(m, n)

(3)

gx =

−1 0 1
−2 0 2
−1 0 1

 ∗ I (4)

gy =

 1 2 1
0 0 0
−1− 2− 1

 ∗ I (5)

where G(m, n) is the gradient value at pixel point (m, n), gx is the gradient value along the x
axis, and gy is the gradient value along the y-axis. θ is the gradient direction and I is the
image pixel point matrix.

The left and right pixels are tracked along the edge direction using the edge extreme
value suppression method. The calculation process requires determining the left and right
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point positions of the pixel point based on the four directions of the gradient direction of
the pixel point determined by the gradient calculation in the previous step. The gradient
intensity of the current pixel point is compared with the two pixel points along the positive
and negative gradient directions. If the gradient intensity of the current pixel point is
greater than the gradient intensity of the other two pixel points, the pixel point is retained
as an edge point; or else, the pixel point is suppressed to 0. The edges are detected using a
double threshold value. The Max Threshold and the Min Threshold are set, respectively.
Values greater than Max Threshold are regarded as edges, while those below Min Threshold
are non-edges. For the middle pixel point, if it is adjacent to a pixel point belonging to an
edge, it is judged as an edge; otherwise, it is judged as a non-edge.

Calculate the target centroid coordinates. After extraction of the target edges, the X
and Y derivatives of the edges and the coordinate information are recorded. Then, the
target center point coordinates are calculated by Equations (6) and (7):

CenterX =
∑n

i=1 gxi

n
(6)

CenterY =
∑n

i=1 gyi

n
(7)

xnew = x− CenterX (8)

ynew = y− CenterY (9)

where gxi , gyi represents the gradient in the horizontal and vertical directions at the ith
edge point, respectively. CenterX and CenterY represent the coordinates of the center point,
xnew, ynew represent the new coordinates of the edge point after coordinate transformation,
and n represents the number of edge points found.

(4) Multi-target area extraction.

The target region extraction technique is performed by dividing the image content
into different regions based on the difference in pixels between different point-like element
symbols according to the need to acquire different point-like element symbols. In order to
meet the demand for AR tracking and registration and achieve the extraction of visually
focused regions, the multi-target region extraction method segments each target region and
background region of the image to complete the extraction of target regions. The extraction
process performs multi-target region segmentation and extraction for different point-like
element symbols sequentially.

3.2.2. Line Element Identification and Extraction Based on Color Space and Region Growth

Color planar maps contain a large amount of geographic element information, but
there are many element types in planar maps, as well as frequent interspersed coverage of
line elements and backgrounds, which makes extraction of line elements challenging [36].
In this study, the identification and extraction of lineal elements in planar city maps
mainly focused on detecting, matching, and extracting road elements that present lineal
distributions in the map.

According to the analysis of road elements and background features in the planar
city map, different geographic elements have specific colors and large color differences.
Therefore, the line elements and backgrounds in the color map can be separated based on
color information. For the color and spatial distribution changes of road elements in the
planar city map, the lineal elements in the planar map are extracted accurately based on
the principle of the area growth and image feature extraction method. The recognition and
extraction algorithm of line elements in the planar map is shown in Figure 2.
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(1) According to the characteristics of the visual system, the image color space conversion
is performed to convert the RGB image to an HSV image to ensure the effect of target
extraction [37], and the conversion equation is shown in Equation (10):

h =



0◦ i f max = min
60◦ × g−b

max−min + 0◦, i f max = r and g ≥ b
60◦ × g−b

max−min + 360◦, i f max = r and g < b
60◦ × b−r

max−min + 120◦, i f max = g
60◦ × r−g

max−min + 240◦, i f max = b

(10)

s =
{

0, i f max = 0
max−min

max = 1− min
max , otherwise

(11)

v = max (12)

(2) Based on the color characteristics of the line elements-roads, the specified color ranges
in the planar map are determined, and the associated road target areas are extracted.
The color ranges set the corresponding data ranges for hue, saturation, and value,
respectively, which are determined by the line elements in the planar map.

(3) The image is converted into a grayscale map, and the grayscale values of the image are
used as a basis for segmentation of the binarization to obtain the target binary image.

(4) As the converted image still has some rough edges, it is smoothed using the bilat-
eral filtering method, a non-linear filtering method that is more effective than other
methods in preserving the image edges.

(5) Refinement based on the Rosenfeld algorithm [38] for the road target area is performed
to complete the road target skeleton line generation preparation.

(6) The road skeleton line is extracted using the area growth method. The initial seed
point is set, and any pixel point of the road target area is selected as the seed point.

(7) Using the initial seed point as the starting point, we determine whether the non-seed
points in the eight neighborhoods around the seed point meet the growth rule, and if
they do, these non-seed points are inserted into the set of seed points. If they do not meet
the growth rule, growth is stopped. We then proceed to find new initial seed points.

The road seed region is defined as a set of pixel points, which are denoted as {P1,
P2, . . . , Pn}. The pixel of the jth non-seed point in the neighborhood of the ith (i ∈ [1, n])
seed point Pi in the region is denoted as Ni,j and its growth rule is defined as R (Pi, Ni,j).
Assuming that the gray value of the seed point Pi is Gi and the gray value of Ni,j is Gi,j ,
then the distance between Pi and Ni,j is defined as:

Di,j =
∣∣Gi − Gi,j

∣∣ (13)

The regional growth rule R(Pi, Ni,j) is defined as:

R
(

Pi, Ni,j
)
=

{
true Di,j < T
f alse Di,j ≥ T

(14)

where T is the threshold value of the growth rule. When Di,j < T, it is determined that Pi
and Ni,j satisfy the principle of homogeneity and conform to the growth rule. Their values
are set to true. Otherwise, the growth rule sets the judgment result to false.

(1) When there are still initial seed points available in the seed point set, return to step
7. After there are no available initial seed points, seed diffusion is ended. It is then
determined whether the extracted road route length reaches the minimum threshold.
If it does not satisfy this requirement, it is discarded; otherwise, it is retained.

(2) Target extraction is ended.
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4. Three-Dimensional Tracking and Registration of Unmarked Map Elements

Three-dimensional trace registration is essential to realizing the virtual–real fusion of
unmarked AR map models. Based on the identification of point and line elements of the
plane map, the virtual model and attribute information corresponding to the elements are
obtained according to the different map element types and location information that are
automatically identified and extracted. The virtual model is accurately positioned on the
plane map of the real world to complete the 3D registration.

The goal of 3D tracking and registration is to align the real scene with the virtual model
in 3D space, unify the four types of coordinate systems, i.e., plane map coordinate system
(real space coordinate system), virtual space coordinate system, screen coordinate system,
and camera coordinate system, and realize the seamless integration of real scene and virtual
information [39]. To achieve 3D registration, it is necessary to obtain real-time data of the
real space from the current scene, including camera position, angle, and movement data,
and unify four types of coordinate systems. This process is referred to as tracking. The
tracking and positioning include the spatial tracking and positioning of the camera and
the virtual model in real space. The schematic diagram of 3D tracking and registration is
shown in Figure 3.
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The tracking and registration technique requires that the target feature points and
the contours of the target that are to be enhanced are first retrieved before target tracking
is performed. This part of the study is described in Section 3. The following section
focuses on the methods for 3D registration. Commonly used tracking and registration
techniques mainly include hardware tracker-based methods and computer vision-based
methods [15,40]. The latter is chosen in this paper based on the characteristics of AR map
applications, which determines the relative position and orientation of the camera to the
real-world planar map elements by capturing several image frames in a given real-time
video stream and uses a projection transformation to achieve 3D registration.

In order to achieve seamless fusion of the virtual model and the planar map in a real
scene, it is necessary to calculate the 3D registration information corresponding to the
image frames in the real-time capture video stream, perform projection transformation on
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the virtual model according to the registration information, and finally fuse the projection
transformed virtual model with the real scene. The 3D registration based on computer
vision establishes the conversion relationship between a point on the virtual model in
3D space and its corresponding projection point on the plane map in the real scene by
calculating the projection coordinates from the virtual model to the image of the real
scene. Then, we determine the conversion relationship between four types of coordinate
systems: plane map coordinate system, virtual space coordinate system, screen coordinate
system, and camera coordinate system [41–43]. The 3D registration of the virtual model is
performed based on the camera position pose data.

Determining each coordinate system and deriving the transformations therein is the
key to 3D registration. It is assumed that the real space coordinate system is [xw, yw, zw]

T

and the camera space coordinate system is [xc, yc, zc]
T. As the position and pose of the

virtual model in the plane map coordinate system are determined by the corresponding
elements on the map, the conversion relationship between the camera coordinate system
and the real space coordinate system is shown in Equation (15):xc

yc
zc

 = R

xw
yw
zw

+ T (15)

where R is a third-order rotation matrix that is the rotation matrix when rotating the camera
coordinate system so that it coincides with the real coordinate system and can be viewed as
the sum of the results of rotations about the x, y, and z axes, respectively, with the elements
of each column indicating the components to be rotated, as follows:

R =

1 0 0
0 cos θ sin θ
0 − sin θ cos θ

cos θ 0 − sin θ
0 1 0

sin θ 0 cos θ

cos θ − sin θ 0
sin θ cos θ 0

0 0 1

 =

r11 r12 r13
r21 r22 r23
r31 r32 r33

 (16)

The matrix T =

tx
ty
tz

 represents the translation distance of the camera coordinate

system in the world coordinate system along the axis direction. Combining the above
analysis, R and T denote the pose and position of the camera, which are translated into the
flush coordinate system as shown in Equation (17):

xc
yc
zc
1

 =

(
R T
0 1

)
xw
yw
zw
1

 =


r11 r12 r13 tx
r21 r22 r23 ty
r31 r32 r33 tz
0 0 0 1




xw
yw
zw
1

 (17)

Suppose the coordinate system of a point in virtual space is [x, y]T, there is a transfor-
mation relationship between the camera coordinate system and the virtual space coordinate
system in perspective geometry, and the initial value of the virtual space coordinate system
obtained is: {

x = f · xc
zc

y = f · yc
zc

(18)

By converting the camera coordinate system to the flush virtual space coordinate
system, the flush coordinate values of the virtual space become:

zc

x
y
1

 =

 f xc
f yc
zc

 =

 f 0 0 0
0 f 0 0
0 0 1 0




xc
yc
zc
1

 (19)
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where f is the focal length. Combining Equations (17) and (19), the conversion relationship
between the real space coordinate system and the virtual space coordinate system is
obtained as Equation (20):

zc

 x
y
1

 =

 f 0 0 0
0 f 0 0
0 0 1 0




xc
yc
zc
1

 =

 f 0 0 0
0 f 0 0
0 0 1 0




r11 r12 r13 tx
r21 r22 r23 ty
r31 r32 r33 tz
0 0 0 1




xw
yw
zw
1


=

 f 0 0 0
0 f 0 0
0 0 1 0

( R T
0 1

)
xw
yw
zw
1

 = KP


xw
yw
zw
1


(20)

where K and P are the internal and external parameters of the camera. K is determined by
the camera itself and enables the conversion between the camera coordinate system and
the screen coordinate system. P is the conversion between the real space coordinate system
and the camera coordinate system. R is the rotation matrix, which represents the pose of
the camera, and T is the translation matrix, which represents the position of the camera.

The above coordinate transformation does not involve the Scale parameter of the
object. However, in order to achieve the effect of seamless integration, the scale of the
virtual model needs to be changed to overlay the corresponding virtual model in the real
world in the process of virtual–real fusion.

5. AR Map Virtual–Real Fusion Algorithm

It is necessary for virtual reality fusion to determine the correct position, angle, and
size of the virtual model display. This ensures that the virtual model has the correct spatial
coordinates and occlusion relationship in the real scene and that the display of rationality
between them as well as geometry, lighting, and rendering show consistency. It is also
necessary to complete the virtual model rendering and fusion to achieve the augmented
expression effect [44]. AR map virtual–real fusion uses a terminal to interact naturally in
the real environment, superimposes the virtual model and information directly on the real
scene, and realizes the 3D augmented expression of point-like and line-like spatial elements
in the planar map.

After the aforementioned identification, extraction, and 3D tracking and registration
of unmarked map elements, the AR map virtual–real fusion process mainly involves steps
such as augmented information acquisition, virtual model modeling, model correction,
and fusion display. As shown in Figure 4, the AR map virtual–real fusion algorithm can
be divided into three parts. The first part, i.e., unmarked map element identification and
extraction, carries out multi-target stepwise identification for different categories of map
elements in a real-time video data stream and uses methods such as template matching
and image feature extraction to complete the extraction of point elements and line elements
in the planar map. The second part obtains and registers the augmented information,
acquiring the virtual model and augmented information corresponding to the point and
line elements in the background database, and using the real-time position pose line of
sight data of the terminal to carry out 3D tracking and registration to achieve seamless
integration of real scene and virtual information. The third part constructs the virtual model
and fuses the virtual and real information to display. The virtual model is constructed by
a 3D modeling method, and the enhanced information is fused to realize the virtual–real
fusion and enhanced display.
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6. AR Representation Experiments and Analysis of Maps
6.1. Experimental Methods

Based on the foregoing research, an AR map element identification and virtual–real
fusion system called ARMap V2.0 was developed, which realized the functions of AR
map virtual–real fusion based on element identification. ARMap V2.0 system in this
paper uses a ThinkPad P51 workstation as the development platform, with CPU Intel
(R) Core (TM) 7820HQ, 64G memory, and integrates a high-definition external camera
(8 megapixel, resolution 4096 × 2160) to obtain realistic images. Windows 10 is adopted as
the operating system, with Visual C++2017 as the system development tool. Combined
with the computer vision development library OpenCV 2.4 [45], the system realized such
functions as the identification and extraction of unmarked map elements and 3D tracking
and registration of unmarked map elements. The open graphics library OpenGL 4.0 [46] is
used for the construction and rendering of 3D modeling and rendering of the system to
realize virtual–real fusion.

ARMap V2.0 system mainly includes an identification and extraction module of
unmarked map elements, an augmented information acquisition module, a 3D tracking
and registration module, and a 3D modeling and virtual–real fusion display module. The
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identification and extraction module of unmarked map elements can effectively extract
point-like and line map elements and then accurately identify map elements in real-time.
Through the identified map elements, the 3D tracking and registration module is used to
realize the unmarked tracking and registration of planar map element images. The 3D
modeling and virtual–real fusion display module is used to build 3D models and obtain
augmented information so as to achieve a more accurate virtual–real fusion effect.

In this paper, the area near the North Fourth Ring Middle Road in Beijing is selected
as the experimental area. ARMap V2.0 system is used to verify the correctness and effec-
tiveness of the models, methods, and results in the research. The experience of virtual–real
fusion of AR map mainly includes identification and extraction of unmarked map elements,
3D tracking and registration of map elements, and AR map virtual–real fusion.

Calibrating the camera is a significant step in the process of AR virtual–real fusion
for realizing the conversion between the camera coordinate system and screen coordinate
system. For a specific camera, a separate parameter file can be generated by the camera
calibration technique so as to obtain a camera’s intrinsic matrix and to restore one-to-one
congruent relationship between 3D space and 2D screen in the camera model.

6.2. Step-by-Step Identification and Extraction of Unmarked Map Elements
6.2.1. Point-like Element Identification and Extraction

In the point-like element recognition and extraction experiments, a multi-target image
recognition and extraction algorithm with template and contour matching is used to identify
and extract several different types of point-like elements. The algorithm has multi-class and
multi-target features, and different targets also produce different effects in the matching
degree calculation method.

The example planar map in Figure 5 has two types of point elements: one for “commer-
cial buildings” and the other for “educational institutions”. Each point element represents
a type of point of interest and is identified by a specific type of legend. The multi-objective
image recognition and extraction algorithm identifies the different types of point-like el-
ements from the background of the planar map image and uses the recognition results
for image resolution to obtain the point-like element boundary coordinates. As shown in
Figure 6, the red box in the figure is the point-like element of a “commercial building” and
the blue box is the point-like element of an “educational institution” in the planar map.
The algorithm can identify multiple types and targets of point elements at the same time.
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6.2.2. Line Element Identification and Extraction

In the line element recognition and extraction experiments, a region-growth-based
line element recognition and extraction algorithm is used to recognize and extract line
elements at different locations. The algorithm is designed for multi-target line elements
of different thicknesses and can automatically identify, refine, and extract line elements
accurately according to their positions and poses.

The green lines in Figure 7, which represent a specific target road, are extracted from
the road line elements in Figure 5. The line elements in the map are separated from the
background based on the color feature of the line element-road, and the associated road target
area is extracted. The image is transformed into a grayscale map and binarized, the grayscale
image is smoothed using a bilateral filtering method, and the road target area is refined based
on the Rosenfeld algorithm. Finally, the road skeleton lines are extracted using the area growth
method. As shown in Figure 8, for the color and spatial distribution changes of road elements
in the city map, the multi-target line elements in the map are accurately extracted based on
the region growth method and the image feature extraction method.
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6.3. Virtual–Real Fusion in AR Maps

After the point-like features are automatically identified from the planar map image
by using the multi-target recognition method based on template and contour matching,
different point-like elements are extracted through image analysis. The element boundary
coordinates are extracted, and the virtual model data and enhanced information corre-
sponding to the elements are obtained in the background database. Using the element
boundary coordinates, camera line of sight, and view body data, the actual spatial position
of the point-like element corresponding to the virtual model is calculated to complete the
3D registration, realizing the seamless integration of the real scene and the virtual model.
In addition, we completed the construction of the virtual model through the 3D modeling
method and adjusted the position and pose of the virtual model, ensuring that it conforms
to the observation perspective to achieve virtual–real integration.

Figure 9 shows the effect of virtual fusion of point-like elements, in which there are
two types of point-like elements, representing “commercial building” and “educational
institution.” The virtual model is automatically identified and extracted by the ARMap
V2.0 system, and the fusion of virtual model and point-like elements is realized.

Different from the virtual–real fusion process of point-like elements, the virtual–real
fusion process of linear elements uses the multi-objective automatic algorithm based on
color space and region growth to identify linear ground objects from the plane map image
according to their color features. It then carries out image binarization, smoothing, bilateral
filtering, and refining to generate the linear road target skeleton line. The region growth
method was used to extract the road skeleton lines, the end coordinates of different road
skeleton lines were obtained by image analysis, and the virtual model data and enhanced
information corresponding to the road elements were obtained from the background
database. Using the road endpoint coordinates, camera line of sight, and visual data, we
can calculate the actual spatial position of the road model corresponding to the linear
elements to complete the 3D registration, realizing the seamless integration of the real scene
and the road model. On the basis of road model construction, the position and attitude of
the model are adjusted to make it conform to the observation perspective and realize the
virtual–real integration of linear elements.

Figure 10 shows the effect of virtual–real fusion of line elements obtained using the
ARMap V2.0 system. The virtual road model is overlaid on the line elements on the map,
and the road model fits closely with the line elements on the map to achieve the effect of
virtual–real fusion.
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6.4. Experimental Results and Analysis
6.4.1. Validation Analysis of Identification of Unmarked Map Elements and Virtual–Real
Fusion

The above experiments are conducted for the point-like and line map elements of
different positions and types in planar maps. The multi-target image recognition and
extraction algorithm with template and contour matching is used to process map point-like
elements. It can identify different types of point-like elements and extract their spatial
positions. In addition, the region-growth-based line element recognition and extraction
algorithm is used to process map line elements. This algorithm can identify the spatial
positions of line elements and extract their skeleton.

Through the experiments of virtual–real fusion of map elements, it can be seen that
the identification and extraction method for unmarked map elements of different types
can effectively express the features of urban map elements and provide the different map
element types, spatial location, and relevant model information.

The method based on computer vision is used to identify and extract spatial elements
of the plane map. Using the element boundary coordinates, camera line of sight, and
view body data, the actual spatial position of the virtual model corresponding to the map
element is calculated to complete the 3D registration, realizing the seamless integration of
the real scene and the virtual model.

6.4.2. Efficiency and Recognition Rate Analysis of Step-by-Step Identification of Unmarked
Map Elements

To prove the efficiency and recognition rate of step-by-step identification of unmarked
map elements, the experiment was conducted under the same background and conditions
as the previous experiment, taking virtual-reality fusion in AR maps with multi-type and
multi-objective elements as an example.

A total of three groups of experiments were performed, and each group of experiments
was performed three times. The identification times, the single mean time for point-like
element identification and the single mean time for line element identification as well as the
accuracy rate were recorded, respectively. The experimental results are shown in Table 1.
The data in the Table 1 represent the average value of three experiments. Parameters t1 (i.e.,
single mean time for point-like element identification), t2 (i.e., single mean time for line
element identification) are recorded in each group of experiments when N (Identification
times) is from 10 to 100.

Table 1. Table of identification efficiency of point-like element and line element.

Experiment
Content

Identification
Times (N)

Single Mean Time for
Point-like Element

Identification (t1, ms)

Single Mean Time for Line
Element Identification

(t2, ms)

The
Proposed
Method

SIFT
The

Proposed
Method

Region
Extraction +
Fast Parallel

Point-like
element and
line element
identification

10 115.11 501.82 21.21 31.96
20 114.93 498.98 19.97 31.23
30 114.86 498.97 19.88 33.58
40 114.76 504.70 19.85 28.71
50 114.73 502.60 20.95 30.87
60 114.66 502.85 19.79 33.42
70 114.57 506.25 19.73 33.37
80 114.43 508.08 19.81 30.82
90 114.27 503.37 20.97 30.80

100 114.29 502.62 19.87 30.76

It can be drawn from Table 1 that t1, as the single-time mean time for point-like element
identification, is 114.66 ms and t2 is 20.20 ms. The identification speed of different map
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elements is stable. However, with the increase in identification times, the single mean
time for point-like element identification decreases. The single mean time for line element
identification is basically stable.

Through comparative experiments, it is found that the single mean time for point-like
element identification is 77.2% shorter than that of the SIFT algorithm under the same
experimental conditions. Through algorithm analysis, it can be learned that although SIFT
is a classical image feature extraction algorithm with a scale-invariant feature, it consumes
a lot of computer resources and has low time efficiency, which is not suitable for AR
applications with real-time requirements. Compared with the classical region extraction
and fast parallel thinning algorithm [47], the single mean time of line element identification
is shortened by 36.0%. Through algorithm analysis, it can be learned that the proposed line
element identification and extraction method is based on color space conversion, thinning
and region growth, etc. This method comprehensively considers color and morphological
features, which can meet the real-time requirements of AR. Its efficiency is greatly improved
compared with the classical methods.

In the three groups of experiments performed in the experimental area, using the
proposed multi-target point-like element recognition and extraction method, the point-
like elements (including two point-like types, 60 times/group) were all recognized and
extracted, and the algorithm ran smoothly. However, in the comparison experiment of
point-like element recognition using the SIFT algorithm, the overall recognition rate is
only 13.3% due to its poor real-time performance and unstable operation. The line element
identification is affected by the line type and width, and its overall accuracy rate in the three
groups of experiments is about 90%, as shown in Figure 11. It can be drawn from the data
in Table 1 that the proposed method comprehensively considers color and morphological
features and has high accuracy under the condition of ensuring the real-time performance
of AR. Compared with the classical line element identification algorithm, the accuracy of
this method is improved by 19.1%.
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The experiments show that the identification speed of the method of AR map virtual–
real fusion based on element identification is fast, its identification efficiency meets the
real-time requirements of AR, and the identification accuracy can meet the needs of planar
map augmented reality applications. Compared with the classical method, the proposed
method improves the recognition efficiency and recognition rate of point-like elements and
line elements in the map and is effective in multi-type and multi-target detection of AR maps.
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6.4.3. Experiment Summary

With Visual Studio 2017 as a development tool, OpenCV 2.4.11 as a computer vision
library, and OpenGL 4.0 as a graphics library, the MARMapV2.0 system has been developed
to implement the previously proposed identification and extraction of multi-type unmarked
map elements, 3D tracking and registration, and AR map virtual–real fusion. The step-
by-step identification and extraction experiment of unmarked map elements shows that
the proposed method in this paper can effectively identify different types of point-like
elements and line elements in the map step by step and extract the spatial location of the
elements. The template and contour matching method is used for the point-like element
identification and extraction, and the color space and regional growth method is used for
the line element identification and extraction. Furthermore, the AR map virtual–real fusion
experiments have verified that the proposed fusion method in this paper can perform 3D
tracking and registration for point-like elements, line elements and corresponding virtual
models, and achieve seamless integration of the real scene and the virtual model, which
proves that the method in this paper is effective.

Through the efficiency and recognition rate experiments of step-by-step identifica-
tion of unmarked map elements, it is illustrated that the step-by-step identification and
extraction method for unmarked map elements proposed in this paper is effective, with
higher identification efficiency meeting the real-time requirements and higher accuracy
rate. Compared with the classical methods, the proposed method improves the recognition
efficiency and recognition rate of point-like elements and line elements on the map.

From the experimental results, the step-by-step identification and extraction method
of unmarked map elements changes marker mode in traditional AR for the point-like
and line elements in planar maps. This method, with the characteristics of being flexible,
accurate, and universal, can automatically identify and extract multi-type and multi-
objective elements from the maps. The AR map virtual–real fusion algorithm can extract
virtual models corresponding to map elements and seamlessly integrate them with the real
scene. The virtual models are displayed accurately and stably so as to achieve the effect of
expression enhancement.

Other experiments were done on different map media such as paper-printed maps
and electronic maps on tablet PC, all of which achieved good results, indicating that the
method studied in this paper has certain universality.

7. Conclusions

In this study, AR technology is applied to the augmented representation of 2D planar
maps. A step-by-step identification and extraction method of unmarked map elements is
designed and proposed based on the analysis of the characteristics of planar map elements.
This method combines the spatial and attribute characteristics of point-like elements and
line-like elements, extracts the color, geometric features, and spatial distribution of map
elements through computer vision methods, and completes the identification and automatic
extraction of map elements. The multi-target image recognition and extraction method
based on template and contour matching and the line element recognition and extraction
method based on color space and area growth are introduced in detail. Then, 3D tracking
and registration is used to realize the unmarked tracking and registration of planar map
element images, and the AR map virtual–real fusion algorithm is proposed. The experimental
results and results of an analysis of stepwise identification and extraction of unmarked map
elements and map virtual–real fusion reveal that the stepwise identification of unmarked map
elements and map model virtual–real fusion studied in this paper is effective. Through the
analysis of map element step-by-step recognition efficiency and recognition rate, it is proved
that the element step-by-step method in this paper is fast, its recognition efficiency meets the
AR real-time requirements, and its recognition accuracy is high.

Further in-depth research can be conducted on the basis of the results of this study.
The recognition and extraction of faceted elements in the planar map is also a challenge,
as faceted elements have different shapes and types. In the recognition process, it is
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necessary to combine multiple sources of data such as color, contour, and graphic attributes
to achieve intelligent discrimination, extraction of element boundaries, determination of
corresponding models, and attribute information of faceted elements and more accurate
AR maps with virtual–real fusion effects.
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